Supplementary Materials

1.Figures: 3

2. R programming language code

Figure S1. Correlation heatmap of correlations among CSF3, IL6, MMPS, and S100AS.
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Figure S2. The visualization of some important enrichment hallmark terms by Gene Set Enrichment
Analysis (GSEA).
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Figure S3. Hub genes were identified by LASSO regression analysis. (A) LASSO coefficient graph of
ANGPTL4, ATP6V0OA4, CPZ, CSF3, DMBT1, DPT, FOLR1, FRMD7, MYO1G, OTOL1, PLA1A and
SLURPI. (B) The error rate curve.
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R programming language code

1.Correlation

library(corrplot)  #5| £
inputFile="diffGeneExp.txt"  #7 73& K {15 A
setwd("D:\5 [\ 2 S\ cor")  #E TAEH

HEE U A LA



data=read.table(inputFile, header=T, sep="\t", check.names=F, row.names=1)

A 5% 75 i
group=gsub("(.*)\\_(.*)", "\2", colnames(data))
rt=data[,group=="treat",drop=F]

G 2 HH S IR

rt=t(rt)

M=cor(rt)

#IEAT AR 6, 45 31 22K pvalue

resl=cor.mtest(rt, conf.level = .95)

#Z I HH AL T
pdf(file="corpot.pdf", width=7, height=7)
corrplot(M,
type = "upper",  #EIEERESL L
method = "circle", #&IF LLIE Bl A g~
col=colorRampPalette(c('blue', 'white', 'red"),alpha = TRUE)(100), tl.pos="1t", #EU{ 115 &
p.mat=res1$p, insig="label sig", sig.level = ¢(.001, .01, .05), pch.cex = 0.85) #_L & ZEMHrid
corrplot(M, type="lower", add=TRUE, method="number",col=colorRampPalette(c('blue’, 'white', 'red’),
alpha = TRUE)(100), tl.pos = "n", cl.pos="n", diag=FALSE, number.cex = 0.6)
dev.off()

2.GSEA

#5951 A
library(limma)
library(org.Hs.eg.db)
library(clusterProfiler)
library(enrichplot)

inputFile="diff.txt" HIE NS A
gmtFile="c5.g0.v7.4.symbols.gmt"  #3E[REE 1
setwd("D:\&E\HT 2 S JENGSEA")  #EE TAEH S

HERIUCAE I g NSO AT B P
rt=read.table(inputFile, header=T, sep="\t", check.names=F)
logFC=as.vector(rt[,2])

names(logFC)=as.vector(rt[,1])

logFC=sort(logFC, decreasing=T)



# N FE RIS
gmt=read.gmt(gmtFile)

#e

kk=GSEA(logFC, TERM2GENE=gmt, pvalueCutoff = 1)
kkTab=as.data.frame(kk)

kkTab=kkTab[kkTab$p.adjust<0.05,]
write.table(kkTab,file="GSEA.result.txt",sep="\t",quote=F,row.names = F)

#h H S A s AR I Y
termNum=5  #f@/~# %2 H
kkUp=kkTab[kkTab$NES>0,]
if(nrow(kkUp)>=termNum) {
showTerm=row.names(kkUp)[ 1 :termNum]
gseaplot=gseaplot2(kk, showTerm, base size=8, title="Enriched in Treat")
pdf(file="GSEA .treat.pdf", width=7, height=5.5)
print(gseaplot)
dev.off()
H

#1534 s R Y
termNum=5  #f@/~HE %2 H
kkDown=kkTab[kkTab$NES<O0,]
if(nrow(kkDown)>=termNum) {
showTerm=row.names(kkDown)[ 1:termNum]
gseaplot=gseaplot2(kk, showTerm, base_size=8, title="Enriched in Control")
pdf(file="GSEA.con.pdf", width=7, height=5.5)
print(gseaplot)
dev.off()

3.LASSO analysis

set.seed(12345)

library(glmnet)  #5| H £l
inputFile="diffGeneExp.txt"  #% A\ (1
setwd("C:\\biowolf\geo\\lasso")  #¥5 & L1F H>

#IE B A S
rt=read.table(inputFile, header=T, sep="\t", check.names=F, row.names=1)
rt=t(rt)



#IL AR Y

x=as.matrix(rt)

y=gsub("(.*)\\_(.¥)", "\2", row.names(rt))
fit=glmnet(x, y, family = "binomial", alpha=1)
cvfit=cv.glmnet(x, y, family="binomial", alpha=1,type.measure='deviance',nfolds = 10)
#2221 Lasso [ (1) &
pdf(file="lasso.pdf", width=6, height=5.5)
plot(fit)

dev.off()

#2158 XIGIE Y D E
pdf(file="cvfit.pdf",width=6,height=5.5)
plot(cvfit)

dev.off()

#h L G 126 PRV RF I S A

coef=coef(fit, s=cvfit$lambda.min)

index=which(coef !=0)

lassoGene=row.names(coef)[index]

lassoGene=lassoGene[-1]

write.table(lassoGene, file="LASSO.gene.txt", sep="\t", quote=F, row.names=F, col.names=F)



