
{ 

 "cells": [ 

  { 

   "cell_type": "code", 

   "execution_count": 3, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [], 

   "source": [ 

    "import pandas as pd\n", 

    "import os \n", 

    "import numpy as np\n", 

    "from numpy import mean\n", 

    "from numpy import var\n", 

    "from math import sqrt\n", 

    "from scipy import stats, linalg\n", 

    "import warnings\n", 

    "import statsmodels.api as sm\n", 

    "from statsmodels.stats.power import TTestIndPower\n", 

    "from statsmodels.stats.multitest import multipletests, 

fdrcorrection\n", 

    "from statsmodels.formula.api import ols\n", 

    "import matplotlib.pyplot as plt\n", 

    "import seaborn as sns\n", 

    "import plotly.express as px\n", 

    "\n", 

    "# import pingouin as pg\n", 

    "\n", 

    "%matplotlib inline\n", 

    "\n", 

    "\n", 

    "# Suppress FutureWarning messages\n", 

    "warnings.simplefilter(action='ignore', category=FutureWarning)\n", 

    "warnings.simplefilter(action='ignore', 

category=DeprecationWarning)\n", 

    "\n", 

    "idx = pd.IndexSlice\n", 

    "\n", 

    "mydir = '/Users/rye/Documents/Documents - Mac/BrainBalance'\n", 

    "myfile = 'Creyos-BrainBalance-2023-11-30.csv'\n", 

    "\n", 

    "crm_file = 'Adult Pre Vs Post Paperwork_November 2023_De-

identified.xlsx'\n", 

    "\n", 

    "nonenroll_file = 'Non_Enrollment 

Type_Multiple_Tests_Identifier_Only_2.xlsx'\n", 

    "creyos_file_new = 'Creyos-BrainBalance- Enrollment Type-2023-12-

05.xlsx'\n", 

    "#creyos_file_new = 'SCI-92-Creyos-BrainBalance-2023-12-20.xlsx'\n", 

    "\n", 

    "mycols = ['user_id', 'client_id', 'report', 'test_date', 

'batch_name',\n", 

    "        'trial_name', 'birthdate',  'enroll type','gender',\n", 



    "       'age_at_test', 'SS_avg_score', 'DT_final_score', 

'ML_max_score', 'RT_final_score', 'FM_final_score', 'TS_max_score']" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 4, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [ 

    { 

     "name": "stdout", 

     "output_type": "stream", 

     "text": [ 

      "<class 'pandas.core.frame.DataFrame'>\n", 

      "Int64Index: 2389 entries, 0 to 2390\n", 

      "Data columns (total 9 columns):\n", 

      " #   Column                        Non-Null Count  Dtype         

\n", 

      "---  ------                        --------------  -----         

\n", 

      " 0   user_id                       2389 non-null   string        

\n", 

      " 1   client_id                     2389 non-null   object        

\n", 

      " 2   email                         2389 non-null   object        

\n", 

      " 3   birthdate                     2388 non-null   

datetime64[ns]\n", 

      " 4   Status                        2048 non-null   object        

\n", 

      " 5   Program Fit, No Intervention  159 non-null    object        

\n", 

      " 6   Hours                         170 non-null    object        

\n", 

      " 7   Center                        1523 non-null   object        

\n", 

      " 8   Unnamed: 8                    2 non-null      object        

\n", 

      "dtypes: datetime64[ns](1), object(7), string(1)\n", 

      "memory usage: 186.6+ KB\n" 

     ] 

    } 

   ], 

   "source": [ 

    "#df_crm = pd.read_excel(os.path.join(mydir, crm_file))\n", 

    "\n", 

    "# RJ notes indicate hours completed differ from sessions completed. 

\n", 

    "# In all cases, sessions completed shows 0 whereas hours are greater 

than zero.\n", 

    "df_NoEnroll = pd.read_excel(os.path.join(mydir, nonenroll_file), 

skiprows=11)\n", 



    "df_NoEnroll['user_id'] = df_NoEnroll['user_id'].astype('string')\n", 

    "df_NoEnroll['Status'] = 

df_NoEnroll['Status'].str.strip().str.capitalize()\n", 

    "df_NoEnroll['Status'] = df_NoEnroll['Status'].replace({'Could not 

identify':'Can not identify' ,'Unable to identify':'Can not identify', 

'Vitual':'Virtual', 'Hyrbid':'Hybrid', 'In center - control':'In center 

did not enroll'})\n", 

    "df_NoEnroll['Status'] = 

df_NoEnroll['Status'].replace({'Virtual':'Virtual New'})\n", 

    "df_NoEnroll = df_NoEnroll[(df_NoEnroll['Program Fit, No 

Intervention']!='Not a program fit') | (df_NoEnroll['Status']=='Can not 

identify')]\n", 

    "##########\n", 

    "#df_NoEnroll = df_NoEnroll[~df_NoEnroll['Status'].isin(['In center 

did not enroll', 'Virtual did not enroll', 'Adult did not enroll', 'Did 

not enroll'])]\n", 

    "############\n", 

    "\n", 

    "\n", 

    "## load new Creyos data with SS max score\n", 

    "df_SSmax = pd.read_excel(os.path.join(mydir, 'SCI-92-Creyos-

BrainBalance-2024-01-31.xlsx'))\n", 

    "df_SSmax['user_id'] = df_SSmax['user_id'].astype('string')\n", 

    "\n", 

    "###########\n", 

    "# load old Creyos data with enroll type\n", 

    "###########\n", 

    "#df_SSmax['test_date'] = pd.to_datetime(df_SSmax['test_date'])\n", 

    "df = pd.read_excel(os.path.join(mydir, creyos_file_new))\n", 

    "df = df[mycols]\n", 

    "df['user_id'] = df['user_id'].astype('string')\n", 

    "#df['birthdate'] = pd.to_datetime(df['birthdate'], 

errors='coerce')\n", 

    "#df['test_date'] = pd.to_datetime(df['test_date'])\n", 

    "df = df.sort_values(by=['user_id', 

'test_date']).reset_index().drop(columns='index')\n", 

    "\n", 

    "##########\n", 

    "df_NoEnroll.info()" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 5, 

   "metadata": {}, 

   "outputs": [ 

    { 

     "name": "stdout", 

     "output_type": "stream", 

     "text": [ 

      "<class 'pandas.core.frame.DataFrame'>\n", 

      "Int64Index: 2389 entries, 0 to 2390\n", 

      "Data columns (total 9 columns):\n", 



      " #   Column                        Non-Null Count  Dtype         

\n", 

      "---  ------                        --------------  -----         

\n", 

      " 0   user_id                       2389 non-null   string        

\n", 

      " 1   client_id                     2389 non-null   object        

\n", 

      " 2   email                         2389 non-null   object        

\n", 

      " 3   birthdate                     2388 non-null   

datetime64[ns]\n", 

      " 4   Status                        2048 non-null   object        

\n", 

      " 5   Program Fit, No Intervention  159 non-null    object        

\n", 

      " 6   Hours                         170 non-null    object        

\n", 

      " 7   Center                        1523 non-null   object        

\n", 

      " 8   Unnamed: 8                    2 non-null      object        

\n", 

      "dtypes: datetime64[ns](1), object(7), string(1)\n", 

      "memory usage: 186.6+ KB\n" 

     ] 

    }, 

    { 

     "data": { 

      "text/html": [ 

       "<div>\n", 

       "<style scoped>\n", 

       "    .dataframe tbody tr th:only-of-type {\n", 

       "        vertical-align: middle;\n", 

       "    }\n", 

       "\n", 

       "    .dataframe tbody tr th {\n", 

       "        vertical-align: top;\n", 

       "    }\n", 

       "\n", 

       "    .dataframe thead th {\n", 

       "        text-align: right;\n", 

       "    }\n", 

       "</style>\n", 

       "<table border=\"1\" class=\"dataframe\">\n", 

       "  <thead>\n", 

       "    <tr style=\"text-align: right;\">\n", 

       "      <th></th>\n", 

       "      <th>user_id</th>\n", 

       "      <th>client_id</th>\n", 

       "      <th>report</th>\n", 

       "      <th>test_date</th>\n", 

       "      <th>batch_name</th>\n", 

       "      <th>trial_name</th>\n", 

       "      <th>birthdate</th>\n", 



       "      <th>enroll type</th>\n", 

       "      <th>gender</th>\n", 

       "      <th>age_at_test</th>\n", 

       "      <th>SS_avg_score</th>\n", 

       "      <th>DT_final_score</th>\n", 

       "      <th>ML_max_score</th>\n", 

       "      <th>RT_final_score</th>\n", 

       "      <th>FM_final_score</th>\n", 

       "      <th>TS_max_score</th>\n", 

       "    </tr>\n", 

       "  </thead>\n", 

       "  <tbody>\n", 

       "    <tr>\n", 

       "      <th>0</th>\n", 

       "      <td>118799</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>152164334</td>\n", 

       "      <td>2023-02-17</td>\n", 

       "      <td>bbassessment71</td>\n", 

       "      <td>brain balance foxvalley</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>Male</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>8.0</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>10.0</td>\n", 

       "      <td>NaN</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>1</th>\n", 

       "      <td>165444</td>\n", 

       "      <td>petereggers</td>\n", 

       "      <td>23530730</td>\n", 

       "      <td>2019-03-12</td>\n", 

       "      <td>assessment3</td>\n", 

       "      <td>brain balance of overland park</td>\n", 

       "      <td>2011-05-06 00:00:00</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>Male</td>\n", 

       "      <td>7.0</td>\n", 

       "      <td>4.5</td>\n", 

       "      <td>16.0</td>\n", 

       "      <td>6.0</td>\n", 

       "      <td>30.0</td>\n", 

       "      <td>64.0</td>\n", 

       "      <td>7.0</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>2</th>\n", 

       "      <td>165446</td>\n", 

       "      <td>sallysample</td>\n", 



       "      <td>23528820</td>\n", 

       "      <td>2019-03-12</td>\n", 

       "      <td>assessment3</td>\n", 

       "      <td>brain balance of overland park</td>\n", 

       "      <td>2006-03-08 00:00:00</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>Female</td>\n", 

       "      <td>13.0</td>\n", 

       "      <td>4.4</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>7.0</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>NaN</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>3</th>\n", 

       "      <td>165446</td>\n", 

       "      <td>sallysample</td>\n", 

       "      <td>23539134</td>\n", 

       "      <td>2019-03-12</td>\n", 

       "      <td>my bbassessment91 4336</td>\n", 

       "      <td>brain balance of overland park</td>\n", 

       "      <td>2006-03-08 00:00:00</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>Female</td>\n", 

       "      <td>13.0</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>NaN</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>4</th>\n", 

       "      <td>165446</td>\n", 

       "      <td>sallysample</td>\n", 

       "      <td>23583737</td>\n", 

       "      <td>2019-03-13</td>\n", 

       "      <td>my bbassessment91 4336</td>\n", 

       "      <td>brain balance of overland park</td>\n", 

       "      <td>2006-03-08 00:00:00</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>Female</td>\n", 

       "      <td>13.0</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>8.0</td>\n", 

       "      <td>12.0</td>\n", 

       "      <td>132.0</td>\n", 

       "      <td>NaN</td>\n", 

       "    </tr>\n", 

       "  </tbody>\n", 



       "</table>\n", 

       "</div>" 

      ], 

      "text/plain": [ 

       "  user_id    client_id     report  test_date              

batch_name  \\\n", 

       "0  118799          NaN  152164334 2023-02-17          

bbassessment71   \n", 

       "1  165444  petereggers   23530730 2019-03-12             

assessment3   \n", 

       "2  165446  sallysample   23528820 2019-03-12             

assessment3   \n", 

       "3  165446  sallysample   23539134 2019-03-12  my bbassessment91 

4336   \n", 

       "4  165446  sallysample   23583737 2019-03-13  my bbassessment91 

4336   \n", 

       "\n", 

       "                       trial_name            birthdate enroll 

type  gender  \\\n", 

       "0         brain balance foxvalley                  NaN         

NaN    Male   \n", 

       "1  brain balance of overland park  2011-05-06 00:00:00         

NaN    Male   \n", 

       "2  brain balance of overland park  2006-03-08 00:00:00         

NaN  Female   \n", 

       "3  brain balance of overland park  2006-03-08 00:00:00         

NaN  Female   \n", 

       "4  brain balance of overland park  2006-03-08 00:00:00         

NaN  Female   \n", 

       "\n", 

       "   age_at_test  SS_avg_score  DT_final_score  ML_max_score  

RT_final_score  \\\n", 

       "0          NaN           8.0             NaN           NaN             

NaN   \n", 

       "1          7.0           4.5            16.0           6.0            

30.0   \n", 

       "2         13.0           4.4             NaN           7.0             

NaN   \n", 

       "3         13.0           NaN             NaN           NaN             

NaN   \n", 

       "4         13.0           NaN             NaN           8.0            

12.0   \n", 

       "\n", 

       "   FM_final_score  TS_max_score  \n", 

       "0            10.0           NaN  \n", 

       "1            64.0           7.0  \n", 

       "2             NaN           NaN  \n", 

       "3             NaN           NaN  \n", 

       "4           132.0           NaN  " 

      ] 

     }, 

     "execution_count": 5, 

     "metadata": {}, 

     "output_type": "execute_result" 



    } 

   ], 

   "source": [ 

    "df_NoEnroll.info()\n", 

    "df_SSmax.head()\n", 

    "df.head()" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 6, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [ 

    { 

     "data": { 

      "text/plain": [ 

       "(63646, 18)" 

      ] 

     }, 

     "execution_count": 6, 

     "metadata": {}, 

     "output_type": "execute_result" 

    } 

   ], 

   "source": [ 

    "# df1 = df_SSmax[['user_id', 'test_date', 'gender', 

'report','SS_max_score', 'DT_final_score', 'ML_max_score', 

'RT_final_score',\n", 

    "#        'FM_final_score', 

'TS_max_score']].drop_duplicates().dropna(subset=['SS_max_score', 

'DT_final_score', 'ML_max_score', 'RT_final_score',\n", 

    "#        'FM_final_score', 'TS_max_score'])\n", 

    "\n", 

    "# df2 = df.drop_duplicates().dropna(subset = ['SS_avg_score', 

'DT_final_score', 'ML_max_score', 'RT_final_score',\n", 

    "#        'FM_final_score', 'TS_max_score'])\n", 

    "\n", 

    "df1 = df_SSmax[['user_id', 'test_date', 'gender', 'report', 

'SS_max_score', 'DT_final_score', 'ML_max_score', 'RT_final_score',\n", 

    "       'FM_final_score', 'TS_max_score']].drop_duplicates()\n", 

    "\n", 

    "df2 = df.drop_duplicates()\n", 

    "\n", 

    "df_new = pd.merge(df1, df2, how='inner', left_on=['user_id', 

'test_date', 'gender', 'report','DT_final_score', 'ML_max_score', 

'RT_final_score',\n", 

    "       'FM_final_score', 'TS_max_score'], right_on=['user_id', 

'test_date', 'gender', 'report', 'DT_final_score', 'ML_max_score', 

'RT_final_score',\n", 

    "       'FM_final_score', 'TS_max_score'], indicator=True)\n", 

    "\n", 

    "df_new.shape" 



   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 7, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [ 

    { 

     "data": { 

      "text/plain": [ 

       "enroll type\n", 

       "Adult                 347\n", 

       "Adult CTRL              9\n", 

       "Can not identify        8\n", 

       "Child CTRL            124\n", 

       "Hybrid                860\n", 

       "Initial             15499\n", 

       "Test                    8\n", 

       "Virtual               640\n", 

       "Virtual New           768\n", 

       "Name: user_id, dtype: int64" 

      ] 

     }, 

     "execution_count": 7, 

     "metadata": {}, 

     "output_type": "execute_result" 

    } 

   ], 

   "source": [ 

    "df_comb = pd.merge(df_new.drop(columns='_merge'), 

df_NoEnroll[['user_id', 'client_id', 'Status', 'Hours', 'Center']], 

how='left', left_on=['user_id', 'client_id'], right_on=['user_id', 

'client_id'])\n", 

    "df_comb['enroll type'] = df_comb['enroll type'].mask(df_comb['enroll 

type'].isna(), df_comb['Status'])\n", 

    "df_comb['enroll type'].replace({'In center':'Initial', 'In center 

did not enroll':'Child CTRL', 'Virtual did not enroll':'Child CTRL', 

'Adult did not enroll':'Adult CTRL'}, inplace=True)\n", 

    "df_comb.groupby('enroll type')['user_id'].nunique()" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 8, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [], 

   "source": [ 

    "# get df_comb for adults\n", 



    "adult_wrong_age = df_comb.loc[(df_comb['age_at_test']<18 ) & 

df_comb['enroll type'].isin(['Adult', 'Adult CTRL']), 

'user_id'].values\n", 

    "df_comb = df_comb[~df_comb['user_id'].isin(adult_wrong_age)]" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 9, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [], 

   "source": [ 

    "adult_wrong_age = df_comb.loc[(df_comb['age_at_test']<18 ) & 

(df_comb['enroll type']=='Adult'), 'user_id'].values\n", 

    "df_comb = df_comb[~df_comb['user_id'].isin(adult_wrong_age)]\n", 

    "\n", 

    "children_adult_age = df_comb.loc[(df_comb['age_at_test']>=18 ) & 

(df_comb['enroll type']!='Adult'), 'user_id'].values\n", 

    "df_comb = df_comb[~df_comb['user_id'].isin(children_adult_age)]\n", 

    "\n", 

    "children_wrong_age = df_comb.loc[(df_comb['age_at_test']<4 ) & 

(df_comb['enroll type']!='Adult'), 'user_id'].values\n", 

    "df_comb = df_comb[~df_comb['user_id'].isin(children_wrong_age)]" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 10, 

   "metadata": {}, 

   "outputs": [ 

    { 

     "data": { 

      "text/plain": [ 

       "enroll type\n", 

       "Adult                 331\n", 

       "Can not identify        5\n", 

       "Child CTRL            118\n", 

       "Hybrid                834\n", 

       "Initial             14976\n", 

       "Test                    3\n", 

       "Virtual               609\n", 

       "Virtual New           745\n", 

       "Name: user_id, dtype: int64" 

      ] 

     }, 

     "execution_count": 10, 

     "metadata": {}, 

     "output_type": "execute_result" 

    } 

   ], 

   "source": [ 

    "df_comb.groupby('enroll type')['user_id'].nunique()" 



   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 11, 

   "metadata": {}, 

   "outputs": [ 

    { 

     "data": { 

      "text/plain": [ 

       "count    25441.000000\n", 

       "mean         9.639794\n", 

       "std          3.183889\n", 

       "min          4.000000\n", 

       "25%          7.000000\n", 

       "50%          9.000000\n", 

       "75%         12.000000\n", 

       "max         17.000000\n", 

       "Name: age_at_test, dtype: float64" 

      ] 

     }, 

     "execution_count": 11, 

     "metadata": {}, 

     "output_type": "execute_result" 

    } 

   ], 

   "source": [ 

    "df_comb.loc[df_comb['enroll type'].isin(['Initial', 'Virtual New', 

'Virtual']),'age_at_test'].describe()" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 12, 

   "metadata": {}, 

   "outputs": [ 

    { 

     "data": { 

      "text/plain": [ 

       "gender\n", 

       "Female     5250\n", 

       "Male      11071\n", 

       "Other         9\n", 

       "Name: user_id, dtype: int64" 

      ] 

     }, 

     "execution_count": 12, 

     "metadata": {}, 

     "output_type": "execute_result" 

    } 

   ], 

   "source": [ 

    "df_comb[df_comb['enroll type'].isin(['Initial', 'Virtual New', 

'Virtual'])].groupby('gender')['user_id'].nunique()" 



   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 14, 

   "metadata": {}, 

   "outputs": [ 

    { 

     "name": "stderr", 

     "output_type": "stream", 

     "text": [ 

      

"/var/folders/qn/v0jt4xsj1y92jrmwls18h_600000gn/T/ipykernel_4753/40801938

60.py:2: SettingWithCopyWarning: \n", 

      "A value is trying to be set on a copy of a slice from a 

DataFrame.\n", 

      "Try using .loc[row_indexer,col_indexer] = value instead\n", 

      "\n", 

      "See the caveats in the documentation: 

https://pandas.pydata.org/pandas-

docs/stable/user_guide/indexing.html#returning-a-view-versus-a-copy\n", 

      "  demo_df['enroll type'] = demo_df['enroll 

type'].replace({'Virtual New':'Virtual'})\n" 

     ] 

    } 

   ], 

   "source": [ 

    "demo_df = df_comb.loc[df_comb['enroll type'].isin(['Initial', 

'Virtual New', 'Virtual', 'Child CTRL']),:]\n", 

    "demo_df['enroll type'] = demo_df['enroll type'].replace({'Virtual 

New':'Virtual'})" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 15, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [], 

   "source": [ 

    "def get_interval(df):\n", 

    "    df_sorted = df.sort_values(['user_id', 

'test_date']).copy(deep=True)\n", 

    "    df_sorted['interval'] = df_sorted['test_date'] - 

df_sorted['test_date'].shift(1) \n", 

    "    

df_sorted.loc[df_sorted.groupby('user_id')['test_date'].idxmin().values,'

interval'] = pd.Timedelta(days=0)\n", 

    "    df_sorted['interval'] = 

df_sorted['interval'].fillna(pd.Timedelta(days=0))\n", 

    "    df_sorted['interval_int'] =  df_sorted['interval'].dt.days\n", 

    "    cum_interval = 

df_sorted.groupby('user_id')['interval_int'].cumsum()\n", 



    "    df_interval = pd.merge(left=df_sorted, right=cum_interval, 

how='left', left_index=True, right_index=True).rename(columns = 

{'interval_int_x':'interval_int', 

'interval_int_y':'cum_interval_int'})\n", 

    "    df_interval['cum_interval_int'] = 

df_interval['cum_interval_int'].astype('Int64')\n", 

    "    df_interval['rank_interval'] = 

df_interval.groupby('user_id')['cum_interval_int'].transform('rank', 

method='first')\n", 

    "    trt_idx = 

df_interval.groupby('user_id')['cum_interval_int'].max()\n", 

    "    \n", 

    "    return df_interval\n", 

    "\n", 

    "####################\n", 

    "\n", 

    "my_ctrl = ['<=30 days apart', '<=60 days apart', '61-89 days apart',  

'>=90 days']\n", 

    "\n", 

    "####################\n", 

    "\n", 

    "# add an argument for choosing whether to use the max() or min() on 

cum_interval_int\n", 

    "def get_grps(df):\n", 

    "\n", 

    "    test_dates = get_interval(df)\n", 

    "    test_idx = 

test_dates[test_dates['cum_interval_int']>0].groupby('user_id')['cum_inte

rval_int'].min()\n", 

    "    test_dates['trt_grp'] = 'only once'\n", 

    "    

test_dates.loc[test_dates['user_id'].isin(test_idx[test_idx>=90].index), 

'trt_grp'] = '>=90 days apart'\n", 

    "    

test_dates.loc[test_dates['user_id'].isin(test_idx[test_idx<90].index), 

'trt_grp'] = '61-89 days apart'\n", 

    "\n", 

    "\n", 

    "    

test_dates.loc[test_dates['user_id'].isin(test_idx[test_idx<=60].index), 

'trt_grp'] = '<=60 days apart'\n", 

    "    

test_dates.loc[test_dates['user_id'].isin(test_idx[test_idx<=30].index), 

'trt_grp'] = '<=30 days apart'\n", 

    "\n", 

    "\n", 

    "    test_dates['trt_grp'] = pd.Categorical(test_dates['trt_grp'], 

\n", 

    "                        categories=['only once', '<=30 days apart', 

'<=60 days apart', '61-89 days apart', '>=90 days apart'],\n", 

    "                        ordered=True)\n", 

    "\n", 

    "    return test_dates\n", 

    "\n", 



    "# problem here is that one user_id can belong to multiple program 

(enroll) types\n", 

    "\n", 

    "def get_one_enroll_type(df, program_type, my_trt_dur):\n", 

    "    df_grps = get_grps(df)\n", 

    "    my_sub = df_grps.loc[df_grps['trt_grp'].isin(my_trt_dur) & 

(df_grps['enroll type'].isin(program_type)),'user_id']\n", 

    "    my_enroll_data = 

df_grps[df_grps['user_id'].isin(my_sub)].sort_values(['user_id', 

'test_date'])\n", 

    "    \n", 

    "    return my_enroll_data\n", 

    "\n", 

    "def get_one_enroll_type_all_interval(df, program_type):\n", 

    "    my_sub = df.loc[df['enroll type'] == program_type,'user_id']\n", 

    "    my_enroll_data = 

df[df['user_id'].isin(my_sub)].sort_values(['user_id', 'test_date'])\n", 

    "    df_type = get_interval(my_enroll_data)\n", 

    "    return df_type\n", 

    "\n", 

    "def get_2_time_points(df, interval_length):\n", 

    "    df_2_time_points = df.copy(deep=True)\n", 

    "    df_2_time_points.loc[:,'rank_interval'] = 

df_2_time_points.groupby('user_id')['cum_interval_int'].transform('rank', 

method='first')\n", 

    "    df_2_time_points.loc[:,'rank_interval'] = 

df_2_time_points['rank_interval'].where(df_2_time_points['cum_interval_in

t']>= interval_length, pd.NA)\n", 

    "    df_2_time_points = 

df_2_time_points[df_2_time_points['rank_interval'].isna() | 

df_2_time_points.index.isin(df_2_time_points[df_2_time_points['rank_inter

val'].notnull()].groupby('user_id')['rank_interval'].idxmin().values) 

]\n", 

    "    df_2_time_points.loc[:,'rank_interval'] = 

df_2_time_points.groupby('user_id')['cum_interval_int'].transform('rank', 

method='first')\n", 

    "    df_2_time_points.loc[:,'rank_interval'] = 

df_2_time_points['rank_interval'].where(df_2_time_points['cum_interval_in

t']< interval_length, pd.NA)\n", 

    "    df_2_time_points = 

df_2_time_points[df_2_time_points['rank_interval'].isna() | 

df_2_time_points.index.isin(df_2_time_points[df_2_time_points['rank_inter

val'].notnull()].groupby('user_id')['rank_interval'].idxmin().values) 

]\n", 

    "\n", 

    "    return df_2_time_points\n", 

    "\n", 

    "def make_df_2_time_points(df, enroll_type1, enroll_type2, interval1, 

interval2):\n", 

    "\n", 

    "    df_grp1_2_time_points = get_2_time_points(df[df['enroll 

type'].isin(enroll_type1)], interval1)\n", 

    "\n", 



    "    df_grp2_2_time_points = get_2_time_points(df[df['enroll 

type'].isin(enroll_type2) & 

(~df['user_id'].isin(df_grp1_2_time_points['user_id'].unique()))], 

interval2)\n", 

    "    df_2 = pd.concat([df_grp1_2_time_points, 

df_grp2_2_time_points])\n", 

    "    df_2['time_point'] = 

df_2['cum_interval_int'].mask(df_2['cum_interval_int'] != 0, 1)\n", 

    "    df_2 = df_2.drop(columns=['interval', 'interval_int', 

'rank_interval', 'batch_name', 'report','client_id', 'trial_name', 

'age_at_test'])\n", 

    "    return df_2\n", 

    "\n", 

    "def make_jitterplot(df, program_type):\n", 

    "    zscore = lambda x: (x - np.nanmean(x)) / np.nanstd(x)\n", 

    "    df_sns = df.copy(deep=True)\n", 

    "    df_sns[['RT_final_score', 'SS_avg_score', 

'DT_final_score','FM_final_score', 'TS_max_score', 'ML_max_score']] = 

df_sns[['RT_final_score', 'SS_avg_score', 

'DT_final_score','FM_final_score', 'TS_max_score', 

'ML_max_score']].apply(zscore)\n", 

    "    df_sns = df_sns.drop(columns = ['birthdate', 'gender', 

'opp_num', 'cum_interval_int']).melt(id_vars =['user_id', 'time_point', 

'trt_grp'],var_name='test_name', value_name='score')\n", 

    "    df_sns['time_point'] = 

df_sns['time_point'].astype('string').replace({'0':'pre','1':'post'})\n", 

    "    g = sns.catplot(data=df_sns, x='time_point', y='score', 

hue=\"trt_grp\", col=\"test_name\", aspect=.5, alpha=.20)\n", 

    "    g.set_titles(\"{col_name}\")\n", 

    "    g.set_axis_labels('', '')\n", 

    "    num_ctrl = df_sns.loc[df_sns['trt_grp']== '30-90 days', 

'user_id'].nunique()\n", 

    "    num_BB = df_sns.loc[df_sns['trt_grp']== '90 days or more', 

'user_id'].nunique()\n", 

    "    g.fig.suptitle(f'{program_type} Program, {num_ctrl} in CTRL, 

{num_BB} in BB', y=1.06)\n", 

    "    g.legend.remove()\n", 

    "    g.fig.legend(handles=g.legend.legendHandles, loc=7)\n", 

    "\n", 

    "# remove outliers that are 4 standard deviations and beyond for the 

first time point \n", 

    "def outlier_removal(df, my_score_names):\n", 

    "  \n", 

    "    my_stats = df[my_score_names].describe()\n", 

    "    outliers = (\n", 

    "        abs(df[my_score_names] - my_stats.loc[\"mean\", :]) > 4 * 

my_stats.loc[\"std\", :]\n", 

    "    )\n", 

    "    return df[my_score_names].mask(outliers,np.nan)\n", 

    "\n", 

    "def get_test_df(df, score_name):\n", 

    "    df_one_test = df[['user_id', score_name, 'trt_grp', 

'time_point', 'cum_interval_int']].copy(deep=True)\n", 



    "    df_one_test = df_one_test.pivot(index=['user_id',  'trt_grp'], 

columns=['time_point'], values=['cum_interval_int', score_name]) 

#.dropna()\n", 

    "    df_one_test = df_one_test.astype('float')\n", 

    "    df_one_test['diff_score'] = 

df_one_test.xs((score_name,1),axis=1) - 

df_one_test.xs((score_name,0),axis=1)\n", 

    "    df_one_test['baseline_score'] = 

df_one_test.xs((score_name,0),axis=1)\n", 

    "    df_one_test = df_one_test.reset_index()\n", 

    "    #drop(columns=['cum_interval_int', score_name, 'user_id'])\n", 

    "    return df_one_test\n", 

    "\n", 

    "zscore = lambda x: (x - np.nanmean(x)) / np.nanstd(x)\n", 

    "test_score_names = ['SS_max_score', 'SS_avg_score','DT_final_score', 

'ML_max_score', 'RT_final_score', 'FM_final_score', 'TS_max_score']\n" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 8, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [], 

   "source": [ 

    "def get_test_df(df, score_name):\n", 

    "    df_one_test = df[['user_id', score_name, 'trt_grp', 

'time_point', 'cum_interval_int']].copy(deep=True)\n", 

    "    df_one_test = df_one_test.pivot(index=['user_id',  'trt_grp'], 

columns=['time_point'], values=['cum_interval_int', score_name]) 

#.dropna()\n", 

    "    df_one_test = df_one_test.astype('float')\n", 

    "    df_one_test['diff_score'] = 

df_one_test.xs((score_name,1),axis=1) - 

df_one_test.xs((score_name,0),axis=1)\n", 

    "    df_one_test['baseline_score'] = 

df_one_test.xs((score_name,0),axis=1)\n", 

    "    df_one_test = df_one_test.reset_index()\n", 

    "    #drop(columns=['cum_interval_int', score_name, 'user_id'])\n", 

    "    return df_one_test\n", 

    "\n", 

    "def run_ancova(test_df):\n", 

    "    model = ols('diff_score ~ trt_grp + baseline_score', 

data=test_df).fit()\n", 

    "    return model\n", 

    "\n", 

    "def run_ind_ttest(df_ttest, score_name, ctrl_grp, trt_grp):\n", 

    "    res = stats.ttest_ind(\n", 

    "        df_ttest.loc[df_ttest['trt_grp'] == ctrl_grp, score_name], 

df_ttest.loc[df_ttest['trt_grp']==trt_grp, score_name], equal_var=False, 

nan_policy='omit'\n", 

    "    )\n", 

    "    return res\n", 



    "\n", 

    "def run_ind_ttest_two_tail(df_ttest, score_name, ctrl_grp, 

trt_grp):\n", 

    "    res = stats.ttest_ind(\n", 

    "        df_ttest.loc[df_ttest['trt_grp'] == ctrl_grp, score_name], 

df_ttest.loc[df_ttest['trt_grp']==trt_grp, score_name], equal_var=False, 

nan_policy='omit', alternative='two-sided'\n", 

    "    )\n", 

    "    return res\n", 

    "    \n", 

    "def run_paired_ttest(df_ttest, score_name, ctrl_grp, trt_grp):\n", 

    "    res_trt = stats.ttest_rel(\n", 

    "                df_ttest.loc[df_ttest['trt_grp'] ==trt_grp, 

(score_name,0)], df_ttest.loc[df_ttest['trt_grp'] ==trt_grp, 

(score_name,1)], nan_policy=\"omit\", alternative='less'\n", 

    "            )\n", 

    "    res_ctrl = stats.ttest_rel(\n", 

    "                df_ttest.loc[df_ttest['trt_grp'] == ctrl_grp, 

(score_name,0)], df_ttest.loc[df_ttest['trt_grp'] == ctrl_grp, 

(score_name,1)], nan_policy=\"omit\", alternative='less'\n", 

    "            )\n", 

    "    return res_ctrl, res_trt\n", 

    "\n", 

    "def cohend(d1, d2):\n", 

    " # calculate the size of samples\n", 

    " n1, n2 = len(d1), len(d2)\n", 

    " # calculate the variance of the samples\n", 

    " s1, s2 = var(d1, ddof=1), var(d2, ddof=1)\n", 

    " # calculate the pooled standard deviation\n", 

    " s = sqrt(((n1 - 1) * s1 + (n2 - 1) * s2) / (n1 + n2 - 2))\n", 

    " # calculate the means of the samples\n", 

    " u1, u2 = mean(d1), mean(d2)\n", 

    " # calculate the effect size\n", 

    " return (u1 - u2) / s" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 16, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [], 

   "source": [ 

    "df_comb[test_score_names] = 

outlier_removal(df_comb[test_score_names], test_score_names)" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 17, 

   "metadata": { 

    "metadata": {} 

   }, 



   "outputs": [ 

    { 

     "data": { 

      "text/plain": [ 

       "enroll type  trt_grp          time_point\n", 

       "Child CTRL   only once        0               0\n", 

       "                              1               0\n", 

       "             <=30 days apart  0             118\n", 

       "                              1             118\n", 

       "             >=90 days apart  0               0\n", 

       "                              1               0\n", 

       "Virtual      only once        0               0\n", 

       "                              1               0\n", 

       "             <=30 days apart  0              10\n", 

       "                              1              10\n", 

       "             >=90 days apart  0             141\n", 

       "                              1             141\n", 

       "Virtual New  only once        0               0\n", 

       "                              1               0\n", 

       "             <=30 days apart  0              65\n", 

       "                              1              65\n", 

       "             >=90 days apart  0             169\n", 

       "                              1             169\n", 

       "Name: user_id, dtype: int64" 

      ] 

     }, 

     "execution_count": 17, 

     "metadata": {}, 

     "output_type": "execute_result" 

    } 

   ], 

   "source": [ 

    "my_ctrl = ['<=30 days apart', '<=60 days apart', '61-89 days apart', 

'>=90 days apart']\n", 

    "bb_virtual = get_one_enroll_type(df_comb, ['Virtual New', 

'Virtual'], ['<=30 days apart', '>=90 days apart'])\n", 

    "ctrl_virtual = get_one_enroll_type(df_comb, ['Child CTRL'], 

my_ctrl)\n", 

    "df_virtual = pd.concat([bb_virtual, ctrl_virtual])\n", 

    "df_virtual_2_time_points = make_df_2_time_points(df_virtual, 

['Virtual New', 'Child CTRL', 'Virtual'], ['Virtual New', 'Virtual'], 1, 

90).drop_duplicates()\n", 

    "#df_virtual_2_time_points.groupby(['enroll type', 'trt_grp', 

'time_point'])['user_id'].nunique()\n", 

    "df_virtual_2_time_points['trt_grp'].replace({'<=60 days apart':'<=30 

days apart', '61-89 days apart':'<=30 days apart'}, inplace=True)\n", 

    "df_virtual_2_time_points.loc[(df_virtual_2_time_points['enroll 

type']=='Child CTRL') & (df_virtual_2_time_points['trt_grp']=='>=90 days 

apart'), 'trt_grp'] = '<=30 days apart'\n", 

    "df_virtual_2_time_points.groupby(['enroll type', 'trt_grp', 

'time_point'])['user_id'].nunique()" 

   ] 

  }, 

  { 



   "cell_type": "code", 

   "execution_count": 18, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [ 

    { 

     "data": { 

      "text/plain": [ 

       "TtestResult(statistic=-0.6521801779063109, 

pvalue=0.514653166038064, df=406.91554534658695)" 

      ] 

     }, 

     "execution_count": 18, 

     "metadata": {}, 

     "output_type": "execute_result" 

    } 

   ], 

   "source": [ 

    "def demo_ttest(df_ttest, score_name, ctrl_grp, trt_grp):\n", 

    "\n", 

    "    res = stats.ttest_ind(\n", 

    "                df_ttest.loc[df_ttest['trt_grp'] == ctrl_grp, 

score_name], df_ttest.loc[df_ttest['trt_grp'] == trt_grp, score_name], 

nan_policy=\"omit\", equal_var=False,\n", 

    "            )\n", 

    "    return res\n", 

    "\n", 

    "\n", 

    "df_virtual_2_time_points['age_at'] = 

pd.to_datetime(df_virtual_2_time_points['test_date']) - 

pd.to_datetime(df_virtual_2_time_points['birthdate'])\n", 

    "df_virtual_2_time_points['age_at'] = 

df_virtual_2_time_points['age_at'].dt.days\n", 

    "\n", 

    "demo_virtual = 

df_virtual_2_time_points[df_virtual_2_time_points['time_point']==0]\n", 

    "\n", 

    "demo_ttest(demo_virtual, 'age_at', '<=30 days apart', '>=90 days 

apart')" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 19, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [ 

    { 

     "data": { 

      "text/plain": [ 

       "Text(0.5, 1.06, 'At-home program')" 

      ] 



     }, 

     "execution_count": 19, 

     "metadata": {}, 

     "output_type": "execute_result" 

    }, 

    { 

     "data": { 

      "image/png": 

"iVBORw0KGgoAAAANSUhEUgAAAjMAAAJ+CAYAAABGlIFwAAAAOXRFWHRTb2Z0d2FyZQBNYXRw

bG90bGliIHZlcnNpb24zLjQuMywgaHR0cHM6Ly9tYXRwbG90bGliLm9yZy/MnkTPAAAACXBIW

XMAAA9hAAAPYQGoP6dpAABo7ElEQVR4nO3deVxVdeL/8fddBERFkQDTLAlDcyE3irRxN9NyJq

Kmcfspo41lbpNGljVJpdZUpmVmCTbWVJppln4ry9bJaBQtzS2z1EpHMUQJZYl7z+8P4+ZNVM6

9l+XA6/l4+FDOOZ/lfLgffHNWm2EYhgAAACzKXtUdAAAA8AdhBgAAWBphBgAAWBphBgAAWBph

BgAAWBphBgAAWBphBgAAWBphBgAAWBphBgAAWBphBjiL0aNHq1WrVrrtttvOuE1+fr5eeeWVc

tX3448/qlWrVho7dmyguggAtR5hBjiDw4cP67PPPlNoaKg++eQTZWdnl7ndNddcoyVLllRy7w

AApQgzwBmsWrVKLpdLo0aNUklJiV5//fUytzt8+HAl9wwAcCrCDHAGK1euVMOGDTVq1CjVr19

fr732mngvKwBUP4QZoAw7d+7U119/rcTERNWtW1e9e/fW999/r//+97+ebf773/+qVatWnu1b

tWqlp556qtxtfPzxx/rzn/+s+Ph4XXnllZo6dapycnJO2+6LL77QrbfeqoSEBLVv316DBg3So

kWLVFJS4rVd7969NXLkSG3fvl0jR45Ux44ddcUVV+gf//iHCgoKdOjQIU2aNEmdO3fWlVdeqS

lTpujIkSOntZeZmamUlBR17txZHTp00M0336x33nmnXPv01FNPqVWrVtq5c6ceeOABJSYmqnP

nzho5cqQ2btxY5rbr1q3TDTfcoHbt2ql///46fvy4JGn37t36+9//riuvvNKzbs6cOTpx4sRp

7W7btk1jxozRFVdcoc6dO+vvf/+7Dh06pDZt2mjq1Kme7YYPH67evXvrgw8+UI8ePXTZZZdp4

sSJnvWvv/66hg8froSEBLVr105XXXWVJk+erO+//75CxhpAYBBmgDKsXLlSkjRw4EBJ0nXXXS

dJWrZsmWebZs2aady4cZKk8847T+PGjdPll19ervo3bdqksWPH6rzzztPQoUN1/vnn6/XXX9f

o0aO9jv689dZbGjp0qDIzM9W9e3fdfPPNKikp0SOPPKKxY8fK5XJ51fvjjz9q6NChstvt+stf

/qLIyEgtXbpUd911lwYPHqwDBw7oz3/+sy666CKtWrVK9913n1f5ZcuWKSUlRbt27dLAgQP1l

7/8RTk5OZo4caIWLFhQ7vG75557tGrVKg0cOFB9+/bVF198oREjRujTTz89bds777xT9erV0/

Dhw3X55ZerXr16ysrKUnJystasWaPOnTtryJAhqlevnp555hkNGzbMK9Bs2rRJQ4cO1Weffaa

rrrpKN954ozZt2qTBgweXeSQtNzdXkydP1uWXX66kpCR16dJFkvTwww9r6tSpysvLU1JSkoYO

HaqoqCitXr1aw4YNU2FhYUDHGkAAGQC8lJSUGN26dTM6depkFBYWGoZhGL/88ouRmJhotG/f3

jh69KjX9nFxccYf//jHctX9ww8/GHFxcUZcXJyxcuVKrzaTkpKMuLg4Y+vWrYZhGMaxY8eMzp

07G126dDF27Njh2baoqMi49dZbjbi4OOOFF17wLO/Vq5cRFxdnPPTQQ55lx44dMy677DIjLi7

OmDBhguF2uz37069fPyMuLs44ceKEYRiG8b///c9o166dMXDgQCM3N9dTR2FhoTF48GCjdevW

xq5du866f08++aQRFxdndOrUydi3b59n+ebNm422bdsaffr0MUpKSry2veGGGwyXy+XZ9pdff

jH69u1rtG3b1li3bp1nucvlMu6//34jLi7OmDVrlmEYhuF2u43rrrvOuPTSS42NGzd6tj169K

hx9dVXG3FxccZdd93lWT5s2DCv8qUOHjxotG7d2hg6dKinf6XGjBljxMXFGZ988knAxhpAYHF

kBviddevW6fDhw7r66qsVHBwsSXI6nRowYICKior05ptv+t1G8+bN9ac//cnztcPhUK9evSSd

/I1fkj744AP9/PPP+n//7/+pdevWnm2DgoJ07733yuFw6LXXXjut7pEjR3r+HRYWptjYWElSS

kqKbDabZ3/atm0rSTpw4IAk6c0331RxcbEmTJigRo0aeeoIDg7WuHHj5Ha7tWLFinLt37Bhw3

ThhRd6vo6Pj9egQYP0ww8/6Msvv/Tatl+/frLbf/tR9MUXX+j777/Xddddp65du3qW2+12TZk

yRQ0bNtSKFStkGIa2bdumXbt26dprr1WnTp082zZs2NBz1KwsV199tdfXQUFB+uc//6lp06bJ

4XB4rbviiiskqczTRL6ONYDAclZ1B4Dq5o033pD026mlUoMGDdJLL72kZcuWafjw4X61cdFFF

522LDw8XJI8p1B27twpSZ7TIKdq1qyZmjRpol27dsntdnvCQJ06ddSsWTOvbUNDQyVJF1xwgd

fy0qBWXFwsSdq6dask6bPPPtOuXbu8tv19n86lrNNt7du314oVK7Rz50517tzZs/z3/Spt49R

tStWvX1+tWrXS+vXrdeDAAU+fO3TocNq2p4ab3/t9m+Hh4Ro0aJDcbrd27dqlb7/9Vj/88IN2

7typzz//XJLkdru9yvgz1gACizADnCI/P19r166VJP31r38tc5uvv/5aW7ZsUXx8fJnr//vf/

2r9+vVeyxo0aOD1W3zpf25lMX69ziM/P1+SVK9evTK3i4qK0v79+1VcXKyQkBBJ8vxdlqCgoD

Ouk6Sff/5Zks76zJxjx46dtY5S0dHRpy2LjIyU9Nt+lfp9n0vX169fv8y6o6KiJEmFhYXKzc2

VJEVERJxxu7KUNU7vvvuuHn/8ce3du1fSyXFv27atLr30Un366aenXX/jz1gDCCzCDHCKd955

R4WFhYqPj9ell1562vo9e/Zo/fr1eu21184YZtavX6958+Z5LWvWrJlXmCmP0hBzpof15eXlK

SQk5Kz/qZpRelRh7dq1at68uV91/f5iWem3sHTqKayylGe/S+spDTy/D0hnWnYmmzdv1sSJEx

UdHa1HH31UHTt21AUXXCCbzaaMjIwyL1wGUH0QZoBTlJ5iuueee9SxY8fT1v/www/q16+fVq9

eralTp3oCwKnGjx+v8ePH+92X0jC1adMm9e3b12vd4cOHtXfv3jIDl69at26ttWvXauvWraeF

mb1792rp0qVKSEhQ7969z1nXli1b1K5dO69lX3zxhSSdMQSWOnW/R4wY4bWuuLhYW7ZsUUREh



MLDwz3XomzZskU33njjaX0or9WrV8vtdmv69Onq2bOn17rdu3dLEs8YAqoxLgAGfrV//35t2L

BBzZs3LzPISCcv3E1ISNDx48f19ttvSzp5gefvn/kSCH369FH9+vX1yiuveF2rUlxcrAcffFA

ul0vXX399wNr74x//KIfDoTlz5uinn37yLC8pKdGDDz6oRYsWlftZKYsWLfI6srJ582a98cYb

at269TkDWKdOndS8eXOtWbPG64iI2+3WP//5Tx09elR//OMfZbfb1bFjR1188cV68803tW3bN

s+2eXl5mjt3bnl33XN069T9lk4+c2fVqlWSVCHfYwCBwZEZ4FdvvPGGDMM47cLf30tOTtb69e

u1bNkyJScnKzo6Wt99953S0tL0hz/8oVxHLsqjQYMGeuihhzR58mTdfPPN6tu3r8LDw7Vu3Tp

999136t69u4YMGRKQtqSTFyWnpqZq1qxZuvbaa9WnTx+FhYXpk08+0bfffqvu3bt73YF1Nj//

/LOSkpLUr18/5efna82aNQoODtZDDz10zrIOh0MPP/ywRo8erb/97W/q3bu3mjVrpg0bNmjbt

m1q06aNJkyYIEmy2Wx64IEHlJKSoiFDhujqq69WgwYN9OGHH6qgoECSvO6UOpOBAwfq+eefV1

pamjZs2KDIyEh9/fXX+vTTTxUeHq6cnBwdPXq0XPsOoPJxZAb4Vekt14MGDTrrdv3791e9evX

0xRdfaPfu3frHP/6hZs2aadmyZXr//fcD2qcBAwbo3//+t6644gp9/PHHWrZsmYKDgzVt2jQt

WLDgtNuI/TVy5Eg999xzat26tdasWaOlS5fK4XDorrvu0rx581SnTp1y1fOPf/xDffv21f/93

//pP//5j3r16qWlS5eqffv25SrfpUsXLVu2TFdffbWysrL08ssvq6CgQOPHj9crr7zidXovIS

FBL7zwgjp06KC1a9fqjTfeUOfOnT1HZurWrXvO9i699FI999xzateundauXatXX31VP/30kyZ

MmKA33nhDdrtdH3/8cbn6DqDy2QxOBAMIkKeeekrz5s3T008/fdp1PhWhqKhIhw8f1vnnn39a

sPv88881YsQITZkyRbfcckuF9wVA1eHIDADLOn78uPr06aOUlBSvC3RdLpf+9a9/SfrtoXcAa

i6umQFgWY0bN1b//v21Zs0aJScn64orrpDL5dJnn32mb775RjfffPM5754CYH2EGQCW9thjj6

ljx45auXKlli5dKkm6+OKL9cADD+jPf/5zFfcOQGXgmhkAAGBpXDMDAAAsjTADAAAsjTADAAA

sjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAs

jTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsj

TADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjT

ADAAAsjTADAAAszVnVHYA1fPjhh1qxYoW2bdum7Oxs1atXT+3bt9eQIUPUu3dvz3ZPPfWU5s2

bV646x40bp/Hjx2vq1Kl6/fXXT1tvs9lUv359NWvWTP3799fo0aMVFBTkWT98+HCtX79e77//

vi644AL/dxKAz8qaxzabTQ0bNlSrVq00fPhw9evXz7OudP6eyuFwKCwsTPHx8brllluUkJBQK

X2H9RFmcFb5+fm65557tGbNGrVt21Y33HCDoqKidPDgQa1cuVK33Xab/vrXv+quu+6SJPXr10

8XXnihVx2zZs1Sbm6u/vnPf3otb9WqldfXt956qy6++GLP14Zh6H//+5/eeOMNzZ07V99++60

ef/zxCtpTAIFw6jwuKSnRkSNH9Pbbb2vcuHGaOXOmkpOTvba/++67FR4eLkkqLi7WTz/9pNdf

f10jRoxQenq6unbtWun7AAsygLOYOHGiERcXZ6Snp5+2rqioyBg2bJgRFxdnvPrqq2eso1evX

kZcXNwZ1991111GXFyc8fnnn5e5vrCw0BgwYIARFxdn7Nixw7O8tO0ffvjBxB4BqAhnm8cnTp

wwunfvbnTt2tVwu92GYZx9/mZnZxvx8fHGjTfeWOH9Rs3ANTM4o08//VRvv/22+vfvr1GjRp2

2PigoSDNnzpTD4dALL7xQYf0IDg7Wn/70J0nShg0bKqwdABWjbt266tSpk3766ScdOXLknNtH

RkaqVatW2rVrVyX0DjUBp5lwRitXrpR08tz2mTRv3lyrVq3SRRddVKF9CQ0NrdD6AVSsH3/8U

Y0aNVKjRo3Oua3L5dL//vc/xcTEVHzHUCMQZnBGW7ZskdPp1GWXXXbW7WJjYyu8L2vXrpUktW

vXrsLbAuC7n3/+2XP0xe12Kzc3V6+99pq2bNmiBx54QA6Hw2v7vLw8z/Yul0s//fST0tPTlZO

To4ceeqjS+w9rIszgjLKzs9WoUSOvO4gq0qk/BKWTFw8ePHhQL7/8sj7//HP17dtXHTt2rJS+

APDN7bffXubyfv36eU4XnyopKanM7YcNG6Zu3boFtG+ouQgzOCOHw6GSkpJKa+9MPwQbNWqkU

aNGacKECZXWFwC+ueuuu9S6dWtJJ4/M5OXlaePGjVq6dKluuukmLV68WI0bN/Zs/+ijj+q888

6TdPLIzNGjR7Vu3Tq99NJL2rVrl9LT0xUcHFwl+wLrIMzgjKKjo7Vnzx4VFxdXytGZ0h+ChmH

owIEDWrRokbKzszVt2jT98Y9/rPD2Afivbdu2uuKKK7yWDRw4UBdffLEeeOABPfPMM5o2bZpn

XadOnU57TtSgQYMUHh6uRYsW6ZVXXtHIkSMro+uwMO5mwhklJCTI7XZr06ZNZ93u7rvv1pQpU

5Sdne1Xe23btlXXrl3VrVs33XTTTVq2bJmaNWumO++8Uy+99JJfdQOoWqW/kPz+QXlnUnpKqr

zbo3YjzOCMrrvuOknSyy+/fMZt/ve//+nNN9/UunXrynWXghn169fXvHnzVK9ePc2cOVNZWVk

BrR9A5XG73ZJ02gXAgdoetRthBmeUkJCgfv36ac2aNXr++edPW//zzz9r4sSJKikp0bhx4yrk

VNSFF16o++67TyUlJbrrrrt0/PjxgLcBoOKVvuqgvE/0Nbs9ajeumcFZzZw5U8eOHdPDDz+sV

atW6eqrr1bjxo21d+9evf766zpy5IiGDh2qoUOHVlgfkpKStHbtWq1du1azZs067XbNJ554Qv

Xq1TutXN26dXX33XdXWL8AnO6zzz7TwYMHPV8XFxfr888/19tvv62mTZue9gDOtWvXel5nIEk

FBQX68MMP9dFHH6lNmzanvf4AKAthBmcVFhamjIwMvfXWW1qxYoVefvllHTlyRPXr19dll12m

oUOHqnv37hXejwceeECbNm3SsmXL1KdPH/Xq1cuzbvXq1WWWadCgAWEGqGQLFizw+rpu3bpq2

rSphg0bpltuucUruEgn391WymazqW7durrwwgs1duxYjRo1qtIeDQFrsxmGYVR1JwAAAHzFNT

MAAMDSCDMAAMDSCDMAAMDSCDMAAMDSCDMAAMDSCDMAAMDSCDMAAMDSqv1D81wut44cqdhH2Nv

tNjVuXE9HjhyX281jd8qLcTOvtoxZZGSDgNTD/K+eGDPf1JZxC9T8N4MjMzr5AbPZbLLbbVXd

FUth3MxjzKofvifmMWa+YdwqDmEGAABYGmEGAABYGmEGAABYGmEGAABYGmEGAABYGmEGAABYG

mEGAABYGmEGAABYGmEGAABYWrV/nQEA4Mzsdt+fKOt2GzX6sfqoPQgzAGBRdrtNjcJD5bD7dp

Dd5XbraO4JAg0sjzADABZlt9vksNv18js7lH3khKmyUY1DNeSaS2W32wgzsDzCDABYXPaRE9p



/OL+quwFUGS4ABgAAlkaYAQAAlkaYAQAAlkaYAQAAlkaYAQAAluZTmFm5cqUGDhyo9u3b69pr

r9Xbb7/tWbdjxw4NGzZMHTp0UM+ePZWRkRGwzgIAAPye6TDzxhtv6J577tHNN9+s1atXa+DAg

brjjjv0xRdfKDc3VykpKWrRooWWL1+u8ePHa+7cuVq+fHlF9B0AAMDcc2YMw9DcuXM1YsQIjR

gxQpJ0++23a9OmTVq/fr3Wr1+voKAgTZ8+XU6nU7Gxsdq3b58WLlyo5OTkCtkBAABQu5k6MvP

dd99p//79GjRokNfyjIwMjRkzRllZWUpISJDT+VtGSkxM1J49e5STkxOYHgMAAJzCVJjZu3ev

JOnEiRMaNWqUrrzySt1000364IMPJEkHDx5UkyZNvMpERUVJkg4cOBCA7gIAAHgzdZopP//k4

7LvuusujRs3TlOmTNGaNWs0duxYPf/88yosLFRQUJBXmeDgYElSUVGR7510VuxNVw6H3etvlA

/jZh5jZh7z/8xK+2yz2WSzmXtzdun2vuy3lcesKjFuFcdUmKlTp44kadSoUUpKSpIkXXrppdq

+fbuef/55hYSEqLi42KtMaYgJDQ31qYN2u03h4fV8KmtWWFjdSmmnpmHczGPMyof5Xz4Oh11O

p8N0Gcm//bbymFUlxi3wTIWZ0lNIcXFxXstbtmypjz76SM2aNVN2drbXutKvo6Ojfeqg220oL

8/c22DNcjjsCgurq7y8Arlc7gptqyZh3MyrLWMWqADC/D+70r67XG6VlLhMlS3dV1/228pjVp

Vqy7hV1i8gpzIVZtq0aaN69epp8+bN6tKli2f5rl27dOGFF6pTp05asmSJXC6XHI6TvyVkZmY

qJiZGERERPneypKRyvuknfyDU3A9YRWHczGPMyo/5f26GYcgwDNNlJP/228pjVpUYt8AzdeIu

JCREo0eP1tNPP63Vq1fr+++/1zPPPKN169YpJSVFycnJys/P17Rp07R7926tWLFCixcv1pgxY

yqq/wAAoJYzdWRGksaOHau6devqiSee0KFDhxQbG6unnnpKV1xxhSQpPT1dM2bMUFJSkiIjI5

Wamuq5vgYAACDQTIcZSUpJSVFKSkqZ6+Lj47V06VK/OgUAAFBe3B8GAAAsjTADAAAsjTADAAA

sjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAs

jTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsj

TADAAAsjTADAAAszXSY2b9/v1q1anXan2XLlkmSduzYoWHDhqlDhw7q2bOnMjIyAt5pAACAUk

6zBb7++msFBwdr7dq1stlsnuUNGjRQbm6uUlJS1LdvX6WlpenLL79UWlqaGjVqpOTk5IB2HAA

AQPIhzOzatUsxMTGKioo6bd3ixYsVFBSk6dOny+l0KjY2Vvv27dPChQsJMwAAoEKYPs309ddf

q2XLlmWuy8rKUkJCgpzO3zJSYmKi9uzZo5ycHN97CQAAcAY+HZmJjIzUkCFDtHfvXl100UUaO

3as/vCHP+jgwYOKi4vz2r70CM6BAwcUERHhWyedFXudssNh9/ob5cO4mceYmcf8P7PSPttsNq

/T/uVRur0v+11apk4dh8/j5nYbMgzDp7JWZeXPWnVnKswUFxdr7969qlu3rlJTUxUaGqo333x

Tt9xyi55//nkVFhYqKCjIq0xwcLAkqaioyKcO2u02hYfX86msWWFhdSulnZqGcTOPMSsf5n/5

OBx2OZ0O02Uk3/fb7TZUv36IT2VLy9vt5gJYTWHlz1p1ZSrMBAUFacOGDXI6nZ7Q0q5dO3377

bfKyMhQSEiIiouLvcqUhpjQ0FCfOuh2G8rLO+FT2fJyOOwKC6urvLwCuVzuCm2rJmHczKstYx

aoAML8P7vSvrtcbpWUuEyVLd1XX/a7Th2H6tcP0Strdir7iPnvT1TjUA3u39qSY+4PK3/WzKi

sX0BOZfo0U1mhJC4uTp9++qmaNGmi7Oxsr3WlX0dHR/vYRamkpHK+6Sd/INTcD1hFYdzMY8zK

j/l/boZh/pRN6fa+7HfpUZ3sIyf0Y/bPpsr623ZNUFv3uyKZOnG3c+dOdezYUVlZWV7Lt27dq

pYtWyohIUEbN26Uy/XbbwiZmZmKiYnx+XoZAACAszEVZuLi4nTJJZcoLS1NWVlZ+vbbbzVr1i

x9+eWXuvXWW5WcnKz8/HxNmzZNu3fv1ooVK7R48WKNGTOmovoPAABqOVOnmex2uxYsWKDHHnt

MkyZNUl5entq0aaPnn39erVq1kiSlp6drxowZSkpKUmRkpFJTU5WUlFQhnQcAANZRXFysgoIC

NWzYUJL0ww8/aNOmTTp06JDCw8OVmJio5s2bm67X9DUzjRs31syZM8+4Pj4+XkuXLjXdEQAAU

HPt3LlTI0aM0L333qv+/fvroYce0vLly+V2e18/dP311+vBBx/0embduZgOMwAAAGbNmTNHbd

q0Uffu3fXEE09o1apVmjp1qq6++mo1btxYR44c0TvvvKPZs2crIiJCU6ZMKXfdPLkHAABUuM2

bN2vEiBFq2LChVq1apXHjxmn48OGKjo5WnTp1FB0drREjRmjChAlatWqVqboJMwAAoMIVFBR4

Hu+Sn5+v1q1bl7ld69atdfToUVN1E2YAAECFa968uTZu3Cjp5Hsb33333TK3W716tS6//HJTd

XPNDAAAqHCDBw/WrFmzlJeXp3bt2mn+/Pk6fPiw+vfvr4iICP30009avXq11q9frwceeMBU3Y

QZAABQ4YYMGaKjR4/qhRde0LFjxyRJH374oT788MPTtp06daquv/76ctdNmAEAAJVi7NixGjt

2rPLy8nTixInTbsv2FWEGAABUqrCwMIWFhUmSjh8/rvz8fDVs2FAhIb69iZ0wAwAAKt26des0

e/Zsbd++XYZhyG63Kz4+XpMnT1ZCQoKpuribCQAAVKrPP/9cY8aMUWRkpEaOHCmbzabRo0ero

KBAKSkpp73Q+lwIMwAAoFI9/fTTuuaaa7RgwQJdd911MgxDEydO1BtvvKFu3bpp7ty5puojzA

AAgEq1detWDRo0qMx1Q4YM0VdffWWqPsIMAACoVHXq1JHL5Spz3dGjRxUcHGyqPsIMAACoVG3

bttWiRYtUVFTkWWYYhvbt26e5c+eqV69epuojzAAAgEo1YcIEffXVV5o4caIkyWazKSkpSQMH

DlS9evWUmppqqj5uzQYAAJWqY8eOevHFF7Vt2zaFhIQoPj5ekZGRGjx4sG688UYFBQWZqo8wA

wAAKl18fLzi4+MlSUuXLvWrLsIMANRiDof5qw3sdlsF9AS1yeuvv37ObZKSkspdH2EGAGqhBq

F15HYbCgurW9VdQS10zz33lLncMAzZbDbZ7XbCDADg7EKCnbLbbXplzU4dyjluqmzrFo11Tdc

YiQM08NH7779/2rKCggJt3rxZ8+bN05w5c0zVR5gBgFos+8gJ7T+cb6pMVOPQgLTtyykuSXK7

DbndRkD6gKrRtGnTMpfHxsbqxIkTmjlzppYsWVLu+ggzAIBK5e8pLpfbraO5Jwg0NdQll1yi7

du3mypDmAEAVCp/TnFFNQ7VkGsuld1uI8zUQMXFxXrttdcUERFhqpzPYWbPnj264YYbdN999+

mGG26QJO3YsUMzZszQ1q1b1ahRIw0fPlyjRo3ytQkAQA3myyku1Ax9+vSRYXiHUcMwdOTIERU

VFWnKlCmm6vMpzPzyyy+aMmWKTpw44VmWm5urlJQU9e3bV2lpafryyy+VlpamRo0aKTk52Zdm

AABADXTFFVecFmbsdrvq1q2rXr16qVu3bqbq8ynMPPXUU6pXr57XsldffVVBQUGaPn26nE6nY



mNjtW/fPi1cuJAwAwAAPGbOnBnQ+kyHmQ0bNmjp0qVauXKlevbs6VmelZWlhIQEOZ2/VZmYmK

hnn31WOTk5ps9/AQCAmi0zM1Off/65cnNzFRYWpi5duqhHjx6y2czd928qzOTl5Sk1NVX33nu

vzj//fK91Bw8eVFxcnNeyqKgoSdKBAwf8CjNOZ8W+D7P09kBfbxOsrRg38xgz85j/Z1baZ5vN

ZvqHv2d7m0yXPfX5MqbL+tl26fZ16jj8urX796c4KoOVP2uBVlRUpNtvv13r1q2Tw+FQeHi4j

h49qvT0dLVv314ZGRkKCwsrd32mwsz06dPVoUMHDRo06LR1hYWFp70YKjg42NNpX9ntNoWH1z

v3hgHAkzB9w7iZx5iVD/O/fBwOu5xOh7kydrvnb9Nlbb6X9bfthg2C5XYbql8/xHS7pdxuo0p

fyWDlz1qgPProo/rqq6/05JNPqm/fvp6Q+sknn+juu+/WrFmzNGvWrHLXV+4ws3LlSmVlZWnV

qlVlrg8JCVFxcbHXstIQExrq+wOW3G5DeXknzr2hHxwOu8LC6iovr0Aul7tC26pJGDfzasuYB

SqAMP/PrrTvLpdbJSUuU2Vdbrfnb9NlDd/L+tt2kNPuua07+4j5z0ZU41AN7t+6Sr7fVv6smV

Ge+f/WW29p0qRJ6tevn9fy7t27a/LkyXrkkUdMtVnuMLN8+XLl5OR4XScjSffff78yMjLUtGl

TZWdne60r/To6OtpUp36vpKRyvuknfyDU3A9YRWHczGPMyo/5f26GYf60iWd7Q+ZPuZyyuS+n

a/xpu3T77CMn9GP2zz63XZXfbyt/1gKlqKjojE8Bbty4sen6yh1mHnvsMRUWFnotu/rqqzVhw

gQNHDhQ//d//6clS5bI5XLJ4Th52DAzM1MxMTFc/FvB7Habz4dMeSw4AKCyDRw4UC+++KK6du

2qOnXqeJYXFBRo4cKFuummm0zVV+4wc6ajKxEREWrWrJmSk5OVnp6uadOmafTo0dqyZYsWL16

stLQ0Ux2COXa7TY3CQz3noM3iseAAgMoWGhqqrKws9e/fX926dVOjRo10+PBhffzxx/r55591

wQUX6O6775Z08mjaww8/fNb6AvY6g4iICKWnp2vGjBlKSkpSZGSkUlNTTb3CG+bZ7TY57Ha9/

M4O0+ePeSw4AKAqrF271nPW5rPPPvMsDw0N9QSdUuU5FelXmPn666+9vo6Pj9fSpUv9qRI+4r

HgAACreP/99wNaHy+aBAAAVcLtduu7775TXl6eGjVqpIsvvtineggzAACg0i1btkxz5sxRTk6

OZ1mTJk00efLkMp9ndzY8hhAAAFSqd955R9OnT9c111yjqVOnymazafr06WrVqpXuvPNOrV27

1lR9hBkAqEJ2u01Op92nPzwWH1aVnp6uwYMH67777lNCQoIMw9BNN92kZ599Vn/605/0zDPPm

KqP00wAUEX8fbQCYFXffPON7rjjjjLXDRo0SGPHjjVVH2EGAKqIP49WkKRWLRprQNcYn172CF

Sl0NBQHTt2rMx1+/fvN/WSSYkwAwBVztdHK0SG88JCX/nzxm2ey+W/zp0765lnnlGXLl08ywz

D0Oeff67Zs2frj3/8o6n6CDMAgFqjQWgdud2Gz2+u5qnpgTFx4kQNGzZMqampmjJlimw2mxIT

E5Wfn6+uXbue8RTUmRBmAAC1Rkiw0/PW7UM5x02V5anpgXPJJZdoxYoV2rZtm8LCwjRgwABFR

kaqa9eu6tGjh+n6CDMAgFqHp6ZXvWbNmqlZs2aSpNmzZ/tVF2EGAABUqnnz5p1zm3HjxpW7Ps

IMAACoVPPnzz/jCyQdDoeaNm1KmAEAANXX9u3bT1t25MgR7dq1S4888oj69u1rqj6e1AQAAKp

c48aNlZiYqNTUVL3wwgumyhJmAABAtZGbm6uGDRuaKsNpJgAAUG0MHDhQ3bp1M1WGIzMAAKBa

4cgMAFQyu90mu938+5F46zUQGIQZAPADb74Gqh5hBgD84M+br3nrNRAYhBkACABfHo/PW68B6

fDhw1q6dKluv/122Ww2HTp0SMuWLTP10DyOiwIAgCqTnZ2tefPmye12S5IOHTpUrtcdnIowAw

AALM10mMnJydGdd96pxMREdezYUX/729+0e/duz/odO3Zo2LBh6tChg3r27KmMjIyAdhgAAOB

UpsPMbbfdph9++EELFy7Ua6+9ppCQEI0cOVIFBQXKzc1VSkqKWrRooeXLl2v8+PGaO3euli9f

XhF9BwAAMHcBcG5uri644ALddtttuuSSSyRJY8eO1Z/+9Cd98803yszMVFBQkKZPny6n06nY2

Fjt27dPCxcuVHJycoXsAAAAqN1MHZkJDw/X7NmzPUHmp59+UkZGhpo0aaKWLVsqKytLCQkJcj

p/y0iJiYnas2ePcnJyAttzAAAA+XFr9n333adXX31VQUFBeuaZZxQaGqqDBw8qLi7Oa7uoqCh

J0oEDBxQREeFbJ50Ve51y6VM4rfg0ztI+22w208+qKN3e1/228rjZbL49sVWS3G5DhmH4VNbK

Y1ZVqvv8D8QclE0+PWvGn/J+tX3K5pbqd4Daro0/Myva778XZr83PoeZESNG6Oabb9Yrr7yi2

2+/XS+//LIKCwsVFBTktV1wcLAkqaioyKd27HabwsPr+dpNU8LCrPvMB4fDLqfTYbqM5P9+W3

Hc3G7DrzDja9lSVhyzqmCl+e/THPz1qcEOu/my/pb3q6zNmv32u+1a/DOzIl1wwQWaNWuWHI6

T34/mzZtr1qxZpurwOcy0bNlSkvTggw/qyy+/1L///W+FhISouLjYa7vSEBMaGupTO263obw8

c0/VNMvhsCssrK7y8grkcrkrtK1AK+27y+VWSYnLVNnSffV1v606bqX9fmXNTtNPbI1qHKrB/

VvXujEzK1ABxArz3685+OtzNVxu82X9Le9XWcOa/fa77Vr6M9Mss/O/YcOGuv76608pH+71dX

mYCjM5OTnKzMzUgAEDPAnKbrcrNjZW2dnZatKkibKzs73KlH4dHR1tqmOnKimpnG/6yR9G1vy

AGYb5Ux+l2/u731Ydt0M5x00/sbW2j1lVsMr892cOypBPpy79Ke9X26dsbql+B6ht5n/1Y+rE

XXZ2tiZPnqz169d7lv3yyy/avn27YmNjlZCQoI0bN8rl+i3tZmZmKiYmxufrZVD9nTy8bv6Pv

6dqAACQTB6Zad26ta666iqlpaXpoYceUlhYmBYsWKC8vDyNHDlSwcHBSk9P17Rp0zR69Ght2b

JFixcvVlpaWkX1H1XIZrPJ7TZ8Pv/rcrt1NPeE3G7fLqYFAEAyGWZsNpvmzJmjxx9/XJMmTdL

PP/+sLl266KWXXlLTpk0lSenp6ZoxY4aSkpIUGRmp1NRUJSUlVUjnUbXs9pN3BL2yZqcO5Rw3

VTaqcaiGXHOp7HYbYQYA4BfTFwA3aNBA06dP1/Tp08tcHx8fr6VLl/rbL1iIL28LDoTSMGUWt

0UCQM3i891MQFWy221qFB7quc0SAGAdffr0MXUB9gcffHDW9YQZWJLdbpPDbtfL7+wwfXt1qx

aNNaBrjE8P3AIA+O+KK644Z5j58ccftWnTJq+bis6EMANL8+UUV2Q4D6wCgKo0c+bMMpf/73/

/09tvv623335bW7duVWhoqHr16nXO+ggzqFL+PhYcAGBt2dnZeuedd/TWW29p8+bNqlu3rnr1

6qUxY8aoe/fup71ZoCyEGVSJBqF1/LqtGwBgXUeOHNE777yjt99+W5s2bVJwcLB69uypUaNGq

UePHuUKMKcizKBKhAQ7fb6tW+K6FwCwsu7du0uS+vfvryeeeEI9evTwvMvRF4QZVClfb+vmuh

cAsK5evXrpk08+0datW3XBBRfowgsvVOvWrX2ujzADAAAq1VNPPaX8/Hy99957Wr16tTIyMnT



RRRdpwIABGjhwoC6++GJT9RFmAABApatfv76SkpKUlJSk3NxcvfPOO1q9erXmz5+vVq1aacCA

Abr22mvVrFmzc9bFLSEAAKBKhYeHa/DgwXrppZf0/vvv67rrrtPbb7+tPn366M9//vM5y3NkB

gAAVKpLL730nA/Ns9lsstls2rJlyznrI8wAAIBKNW7cOFOvMzgXwgwAAKhUt99+e0Dr45oZAA

BQ6V5//XWlpaVp1apVnmU7d+5UYWGh6bo4MgMAACrVvHnz9PTTT6tBgwZ65ZVX9NNPPyklJUU

PPfSQDhw4oBdffLFcdzGV4sgMAACoVMuXL9fIkSO1fv163XnnnXruuedkGIYefvhhRUREaO7c

uabqI8wAAIBKlZub63kb9g033KCjR4/qxx9/1AUXXKBbb71VmZmZpuojzAAAgEoVHR2tQ4cOS

Tr5jJmIiAjt27dPktSgQQPl5uaaqo8wAwAAKlXPnj21aNEiHT9+8kXD7dq10zfffCNJ2rhxo8

LCwkzVxwXAAACgUrVs2VIvvviirrnmGnXu3FkHDx7UkiVLtH79en3yySe67rrrTNVHmAEAAJX

qH//4hxo2bKg6deroq6++knTyib979+5VcnKy7rjjDlP1EWYAAEClWr16tWJjYwNWH9fMAACA

ShXIICOZPDJz9OhRzZ49Wx999JHy8/PVqlUrTZ48WV26dJEk7dixQzNmzNDWrVvVqFEjDR8+X

KNGjQpohwEAgLX16dPH1LuZPvjgg7OuNxVm7rjjDuXk5Gj27Nlq3LixXn75ZY0aNUorVqxQ48

aNlZKSor59+yotLU1ffvml0tLS1KhRIyUnJ5tpptax222y220+lXU4/D+45msdvva5JvB1zAL

x/QIAq7viiiuq5kWT+/bt07p16/TKK6+oU6dOkqRp06bpk08+0erVqxUSEqKgoCBNnz5dTqdT

sbGx2rdvnxYuXEiYOQu73aZG4aFy2Cv/P7kGoXXkdhsKC6tb6W1bVSDGzO02ZLPV3iAIADNnz

gxofeUOM+Hh4XruuefUrl07zzKbzSbDMHTs2DFt3bpVCQkJcjp/qzIxMVHPPvuscnJyFBEREd

CO1xR2u00Ou10vv7ND2UdOmC7fqkVjDega49N/jiHBTtntNr2yZqcO5Rw3Xb51i8a6pmuMVIv

+X/Z3zKIj6mlw/9a1+qgWAEiSYRj6+OOPtX79ev38889q2LChrrzySnXr1s10XeUOM2FhYerR

o4fXsrffflvff/+9rrrqKj3xxBOKi4vzWh8VFSVJOnDggF9hxums2KMWpYf+q+IUQGmbh3MLd

OAn8/85RjUOPfkPm0wHmtLts3NP+NZ2ROhpdZlt25d++1s+EGV9HTPbryHGbrdV+Oe6pqju87

+0nM1mqzXz4NRfYCzV7wC17e9nhdPNUmFhoW655RZlZWUpNDRUx48fl91uV3p6uq666irNnz9

fQUFB5a7P51uzN27cqHvuuUd9+vRR7969NWvWrNMaDg4OliQVFRX52ozsdpvCw+v5XN6Mqjzd

4nDY5XQ6zJf79fSUw26+vD9lJclhq8K2q2i/A9Xv+vVDTJetjaw0/32Zw5adB37Mfb/brsox+

zWE+PtZ4dS+NHfuXO3du1fLli2T3W7XDTfcoI0bN+rjjz/Wvffeqzlz5ig1NbXc9fkUZtauXa

spU6bosssu0+zZsyVJISEhKi4u9tquNMSEhoaeVkd5ud2G8vLMn34xw+GwKyysrvLyCuRyuSu

0rTO17XK5VVLiMl3e5XZ7/jZb3p+ykuQyqrDtKtrvQPU7P79Qv/xivrxVBCqAWGH++zOHLTsP

/Jj7frddlWP26+fD389KVfxfU5nKM//feecdjR07Vu3atdO2bdskSUFBQbrmmmuUnZ2tRYsWV

WyY+fe//60ZM2aoX79+euyxxzxHY5o0aaLs7GyvbUu/jo6ONtuMl5KSyvmmn/xhVDUfMMMwfL

qy21PGkOny/pQtLXdaXZXUdlXtd6DGzO02quyzZjVWmf++zGGrzgN/5r6/bVeHMfP3s1KV/9d

UFzk5OWd81kxsbKxycnJM1WfqxN3LL7+sBx98UEOHDtWcOXO8TislJCRo48aNcrl+S7qZmZmK

iYnh4l8AAOARHR2tzZs3l7nuvffeU0xMjKn6yh1m9uzZo5kzZ6pfv34aM2aMcnJydPjwYR0+f

Fg///yzkpOTlZ+fr2nTpmn37t1asWKFFi9erDFjxpjqEAAAqNmuvfZazZs3TytWrPAse/fdd5

WamqolS5bo1ltvNVVfuU8zrVmzRr/88ovee+89vffee17rkpKS9PDDDys9PV0zZsxQUlKSIiM

jlZqaqqSkJFMdAgAANdvYsWP17bff6t1331WrVq1kt9v197//XVFRUXrkkUc0cOBAU/WVO8zc

euut50xK8fHxWrp0qakOVCf+3C7ndhtyuwP3NEMAQPXEE8D9FxQUpKeeekpHjx6V0+nUggULF

BUVpbi4ONl9eIgsb83WyWcH+PtUV5fbraO5Jwg0AFBD8QTwwGvUqJEkqXv37n7VQ5jRb+9G8v

WprlGNQzXkmktlt9sIMwBQQ/EE8OqLMHOK7CMntP9wflV3AwBQjfn6fwVHZCoOYSaAfDkfyjl

UAAD8Q5gJAN4+DQBA1SHMBIA/51H9ees1AAAgzASUL+dRI8M5mgMAgD+4YAMAAFgaYQYAAFga

YQYAAFgaYQYAAFgaYQYAAFgaYQYAAFgaYQYAAFgaYQYAAFgaYQYAAFgaYQYAAFgaYQYAAFgaY

QYAAFgaYQYAAFgab80GAEkOh2+/2/laDkDgEGYA1Go2m01ut6GwsLpV3RUAPiLMAKjV7Hab7H

abXlmzU4dyjpsu36pFYw3oGiObzVYBvQNQHn6Fmfnz5yszM1MvvviiZ9mOHTs0Y8YMbd26VY0

aNdLw4cM1atQovzsKABUp+8gJ7T+cb7pcZDhHdICq5vPJ3n/961968sknvZbl5uYqJSVFLVq0

0PLlyzV+/HjNnTtXy5cv97ujAADUBHa7TU6n3fQfu52jf2di+sjMoUOHNG3aNG3cuFExMTFe6

1599VUFBQVp+vTpcjqdio2N1b59+7Rw4UIlJycHrNMAAFhNg9A6crsN1a8f4lN5l9uto7kn5H

YbAe6Z9ZkOM9u2bVPDhg315ptv6umnn9b+/fs967KyspSQkCCn87dqExMT9eyzzyonJ0cRERG

B6TUAABYTEuz0+fqsqMahGnLNpbLbbYSZMpgOM71791bv3r3LXHfw4EHFxcV5LYuKipIkHThw

wOcw43RW7K2PnkN3Nvl0EZ+njA/l/Slb1W3rlCK1Zb8DNWalh5lxbsz/ati2H3Pf37YtO2a/l

pOk7NwTOvCTuTBT2l6dOg6fHwfgdhsyjJoZhAJ6N1NhYaGCgoK8lgUHB0uSioqKfKrTbrcpPL

ye330rD4fdLqfT4VM5X8v7U7bK27bVvv0OVL99Pcxc2zD/q2fb/sx9v9u26JhJ/o1bwwbBfp2

ikk6GmZp63U1Aw0xISIiKi4u9lpWGmNDQUJ/qdLsN5eWd8LtvZ1OnjkP164fI5XarpMRlurzL

7fb8bba8P2WrvG2j9u13oPqdn1+oX34xX94qAhVAmP/Vs21/5r7fbVt0zCT/xi3o1wuAX1mzU

9lHzM+JqMahGty/tfLyCuRyuU2XN6OyfgE5VUDDTJMmTZSdne21rPTr6Ohon+stKanYgfccsj

Pk0yE4TxkfyvtTtqrb1ilFast+B2rM3G6jwj/XNQXzvxq27cfc97dty47Zr+VOq8tk29lHTuj

H7J/NN/1reZfLXSN/9gT0ZHRCQoI2btwol+u3xJmZmamYmBgu/gVOwa2ZABA4AT0yk5ycrPT0

dE2bNk2jR4/Wli1btHjxYqWlpQWyGcCyuDUTAAIvoGEmIiJC6enpmjFjhpKSkhQZGanU1FQlJ



SUFshnAsrg1EwACz68w8/DDD5+2LD4+XkuXLvWnWqDGy8717dH5AIDT8aALAABgaYQZAABgaY

QZAABgaQG9ALiq2e02n25d5XZXAEBt4M+rEKrzjQc1JszY7TY1Cg/1PG4aAACcVPpYiLCwuj6

Vr+6PhahRYcZht+vld3aYftRz6xaNdU3XGK+XpwEAUFPU9MdC1JgwUyr7iPlbXqMa+/beKMBq

fD0VK1X/w8wAzs2X/yOtoMaFGQBl8/dUbHU/zAyg9iLMALWEP6dirXCYGUDtRZgBapmaepgZQ

O1FmAEsxtdbK30tZxU8mgGovQgzgEX4e2tlTcajGYDajTADWIQ/t1ZKUqsWjTWga4xstpp3JI

JHMwC1G2EGsBhfr3mJDK/5R3R4NANQO3FMFgAAWBphBgAAWBphBgAAWBphBgAAWBphBgAAWBp

hBgAAWBphBgAAWBphBgAAWBphBgAAWFrAw4zb7daTTz6pP/zhD7rsssv017/+Vfv27Qt0MwAA

AJIqIMzMnz9fS5Ys0UMPPaSlS5fKZrPplltuUXFxcaCbAgAACGyYKS4u1qJFizR+/Hj16NFDr

Vu31hNPPKFDhw7pvffeC2RTAAAAkgIcZnbu3Knjx48rMTHRsywsLExt2rTRhg0bAtkUAACAJM

lmGIYRqMreffddjR8/Xps3b1ZISIhn+cSJE1VYWKhnn33WdJ2GYcjtPncXbTbJbrcr/0SxXOX

Y/lR1nHaFhtTxqay/5WnbWm1btd/+lnfYbaofGiS3263y/MRwOALzexLzv3q2bdV+07a15r8Z

zkBWVlBQIEkKCgryWh4cHKxjx475VKfNZpPDYSv39vVDg869UQWUpe3a1bZV++1vebu9cn9IM

f+rd9tW7Tdt+6ay578ZAe1Z6dGY31/sW1RUpLp16wayKQAAAEkBDjPnn3++JCk7O9treXZ2tp

o0aRLIpgAAACQFOMy0bt1a9evX13//+1/Psry8PG3fvl1dunQJZFMAAACSAnzNTFBQkIYNG6b

HHntMjRs3VrNmzfToo4+qSZMm6tevXyCbAgAAkBTgMCNJEyZMUElJie69914VFhYqISFBGRkZ

p10UDAAAEAgBvTUbAACgslXf+6wAAADKgTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsj

TADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjT

ADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAszVnVHTgXl8utI0eOV2gbdrtNjRvX05Ejx+V

2GxXaVk3CuJlXW8YsMrJBQOph/ldPjJlvasu4BWr+m8GRGZ38gNlsNtnttqruiqUwbuYxZtUP

3xPzGDPfMG4VhzADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADA

AAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAAAsjTADAA

Aszacws3LlSg0cOFDt27fXtddeq7ffftuzbseOHRo2bJg6dOignj17KiMjI2CdBQAA+D3TYea

NN97QPffco5tvvlmrV6/WwIEDdccdd+iLL75Qbm6uUlJS1KJFCy1fvlzjx4/X3LlztXz58oro

OwAAgJxmNjYMQ3PnztWIESM0YsQISdLtt9+uTZs2af369Vq/fr2CgoI0ffp0OZ1OxcbGat++f

Vq4cKGSk5MrZAcAAEDtZurIzHfffaf9+/dr0KBBXsszMjI0ZswYZWVlKSEhQU7nbxkpMTFRe/

bsUU5OTmB6DAAAcApTYWbv3r2SpBMnTmjUqFG68sorddNNN+mDDz6QJB08eFBNmjTxKhMVFSV

JOnDgQAC6CwAA4M3Uaab8/HxJ0l133aVx48ZpypQpWrNmjcaOHavnn39ehYWFCgoK8ioTHBws

SSoqKvK9k86KvenK4bB7/Y3yYdzMY8zMY/5XP4yZbxi3imMqzNSpU0eSNGrUKCUlJUmSLr30U

m3fvl3PP/+8QkJCVFxc7FWmNMSEhob61EG73abw8Ho+lTUrLKxupbRT0zBu5jFm5cP8r94YM9

8wboFnKsyUnkKKi4vzWt6yZUt99NFHatasmbKzs73WlX4dHR3tUwfdbkN5eSd8KlteDoddYWF

1lZdXIJfLXaFt1SSMm3m1ZcwCFUCY/9UTY+ab2jJulfULyKlMhZk2bdqoXr162rx5s7p06eJZ

vmvXLl144YXq1KmTlixZIpfLJYfDIUnKzMxUTEyMIiIifO5kSUnlfNNdLneltVWTMG7mMWblx

/yvvhgz3zBugWfqxF1ISIhGjx6tp59+WqtXr9b333+vZ555RuvWrVNKSoqSk5OVn5+vadOmaf

fu3VqxYoUWL16sMWPGVFT/AQBALWfqyIwkjR07VnXr1tUTTzyhQ4cOKTY2Vk899ZSuuOIKSVJ

6erpmzJihpKQkRUZGKjU11XN9DQAAQKDZDMMwqroTZ+NyuXXkyPEKbcPptCs8vJ5yc49z6M8E

xs282jJmkZENAlIP8796Ysx8U1vGLVDz3wzuDwMAAJZGmAEAAJZGmAEAAJZGmAEAAJZGmAEAA

JZGmAEAAJZGmAEAAJZGmAEAAJZGmAEAAJZGmAEAAJZGmAEAAJZGmAEAAJZGmAEAAJZGmAEAAJ

ZGmAEAAJZGmAEAAJZGmAEAAJZGmAEAAJZGmAEAAJZGmAEAAJZGmAEAAJZGmAEAAJZGmAEAAJZ

mOszs379frVq1Ou3PsmXLJEk7duzQsGHD1KFDB/Xs2VMZGRkB7zQAAEApp9kCX3/9tYKDg7V2

7VrZbDbP8gYNGig3N1cpKSnq27ev0tLS9OWXXyotLU2NGjVScnJyQDsOAACspbi4WAUFBWrYs

KEk6YcfftCmTZt06NAhhYeHKzExUc2bNzddr+kws2vXLsXExCgqKuq0dYsXL1ZQUJCmT58up9

Op2NhY7du3TwsXLiTMAABQi+3cuVMjRozQvffeq/79++uhhx7S8uXL5Xa7vba7/vrr9eCDD8r

pLH9EMX2a6euvv1bLli3LXJeVlaWEhASvDiQmJmrPnj3Kyckx2xQAAKgh5syZozZt2qh79+56

4okntGrVKk2dOlUfffSRtmzZoo8++khTp07VW2+9pTlz5piq23SY2bVrl3JycjRkyBB17dpVg

wcP1n/+8x9J0sGDB9WkSROv7UuP4Bw4cMBsUwAAoIbYvHmzRowYoYYNG2rVqlUaN26chg8fru

joaNWpU0fR0dEaMWKEJkyYoFWrVpmq29RppuLiYu3du1d169ZVamqqQkND9eabb+qWW27R888

/r8LCQgUFBXmVCQ4OliQVFRWZ6phXJ50Ve9OVw2H3+hvlw7iZx5iZx/yvfhgz39T2cSsoKFBo

aKgkKT8/X61bty5zu9atW+vo0aOm6jYVZoKCgrRhwwY5nU5PaGnXrp2+/fZbZWRkKCQkRMXFx

V5lSkNM6Q6YZbfbFB5ez6eyZoWF1a2Udmoaxs08xqx8mP/VG2Pmm9o6bs2bN9fGjRt1+eWXKz

ExUe+++666det22narV6/W5Zdfbqpu0xcAlxVK4uLi9Omnn6pJkybKzs72Wlf6dXR0tNmmJEl

ut6G8vBM+lS0vh8OusLC6yssrkMvlPncBSGLcfFFbxixQAYT5Xz0xZr6pLeN2pvk/ePBgzZo1

S3l5eWrXrp3mz5+vw4cPq3///oqIiNBPP/2k1atXa/369XrggQdMtWkqzOzcuVODBw/WwoUL1

aVLF8/yrVu3qmXLlrr00ku1ZMkSuVwuORwOSVJmZqZiYmIUERFhqmOnKimpnG+6y+WutLZqEs

bNPMas/Jj/1Rdj5pvaOm5DhgzR0aNH9cILL+jYsWOSpA8//FAffvjhadtOnTpV119/fbnrNhV



m4uLidMkllygtLU3333+/wsPD9eqrr+rLL7/Ua6+9pvPOO0/p6emaNm2aRo8erS1btmjx4sVK

S0sz0wwAAKiBxo4dq7FjxyovL08nTpw47bZsX5kKM3a7XQsWLNBjjz2mSZMmKS8vT23atNHzz

z+vVq1aSZLS09M1Y8YMJSUlKTIyUqmpqUpKSgpIZwEAgPWFhYUpLCxMknT8+HHl5+erYcOGCg

kJ8ak+09fMNG7cWDNnzjzj+vj4eC1dutSnzgAAgNph3bp1mj17trZv3y7DMGS32xUfH6/Jkyc

rISHBVF218/4wAABQZT7//HONGTNGkZGRGjlypGw2m0aPHq2CggKlpKQoKyvLVH2EGQAAUKme

fvppXXPNNVqwYIGuu+46GYahiRMn6o033lC3bt00d+5cU/URZgAAQKXaunWrBg0aVOa6IUOG6

KuvvjJVH2EGAABUqjp16sjlcpW57ujRo563B5QXYQYAAFSqtm3batGiRV6vOjIMQ/v27dPcuX

PVq1cvU/URZgAAQKWaMGGCvvrqK02cOFGSZLPZlJSUpIEDB6pevXpKTU01VZ/pW7MBAAD80bF

jR7344ovatm2bQkJCFB8fr8jISA0ePFg33njjaS+tPhfCDAAAqHTx8fGKj4+XJL+fT0eYAQAA

ler1118/5zZm3h5AmAEAAJXqnnvuKXO5YRiy2Wyy2+2EGQAAUH29//77py0rKCjQ5s2bNW/eP

M2ZM8dUfYQZAABQqZo2bVrm8tjYWJ04cUIzZ87UkiVLyl0ft2YDAIBq45JLLtH27dtNlSHMAA

CAaqG4uFivvfaaIiIiTJXjNBMAAKhUffr0kWEYXssMw9CRI0dUVFSkKVOmmKqPMAMAACrVFVd

ccVqYsdvtqlu3rnr16qVu3bqZqo8wAwAAKtXMmTMDWh9hBgAAVInMzEx9/vnnys3NVVhYmLp0

6aIePXrIZrOZqocwAwAAKlVRUZFuv/12rVu3Tg6HQ+Hh4Tp69KjS09PVvn17ZWRkKCwsrNz1c

TcTAACoVI8++qi++uorPfnkk/rqq6/0n//8R1999ZWee+45HThwQLNmzTJVH2EGAABUqrfeek

uTJk1Sv379vE4pde/eXZMnT9YHH3xgqj7CDAAAqFRFRUVnfApw48aNTddHmAEAAJVq4MCBevH

FF/XLL794LS8oKNDChQt10003marP5wuA9+zZoxtuuEH33XefbrjhBknSjh07NGPGDG3dulWN

GjXS8OHDNWrUKF+bAAAANVBoaKiysrLUv39/devWTY0aNdLhw4f18ccf6+eff9YFF1ygu+++W

9LJh+k9/PDDZ63PpzDzyy+/aMqUKTpx4oRnWW5urlJSUtS3b1+lpaXpyy+/VFpamho1aqTk5G

RfmgEAADXQ2rVrPa8s+OyzzzzLQ0NDPUGn1O8frlcWn8LMU089pXr16nkte/XVVxUUFKTp06f

L6XQqNjZW+/bt08KFCwkzAADA4/333w9ofaavmdmwYYOWLl2qRx55xGt5VlaWEhIS5HT+lo8S

ExO1Z88e5eTk+N9TAABQo7jdbu3evVubNm3Sd99953M9po7M5OXlKTU1Vffee6/OP/98r3UHD

x5UXFyc17KoqChJ0oEDB0y/ARMAANRcy5Yt05w5c7wOeDRp0kSTJ0/WoEGDTNVlKsxMnz5dHT

p0KLORwsJCBQUFeS0LDg6WdPIWLH84nRV705XDYff6G+XDuJnHmJnH/K9+GDPfMG6/eeeddzR

9+nT95S9/UfPmzfXII4/o/vvv14cffqg777xTdevWVd++fctdX7nDzMqVK5WVlaVVq1aVuT4k

JETFxcVey0pDTGhoaLk79Ht2u03h4fXOvWEAhIXVrZR2ahrGzTzGrHyY/9UbY+Ybxk1KT0/X4

MGDde+992rbtm0yDEM33XST/vKXv+iuu+7SM888UzFhZvny5crJyVHPnj29lt9///3KyMhQ06

ZNlZ2d7bWu9Ovo6Ohyd+j33G5DeXknzr2hHxwOu8LC6iovr0Aul7tC26pJGDfzasuYBSqAMP+

rJ8bMN7Vl3Moz/7/55hvdcccdZa4bNGiQxo4da6rNcoeZxx57TIWFhV7Lrr76ak2YMEEDBw7U

//3f/2nJkiVyuVxyOBySTr4NMyYmxu/rZUpKKueb7nK5K62tmoRxM48xKz/mf/XFmPmGcTt5x

ubYsWNlrtu/f7+pl0xKJu5mio6O1kUXXeT1R5IiIiLUrFkzJScnKz8/X9OmTdPu3bu1YsUKLV

68WGPGjDHVIQAAULN17txZzzzzjA4fPuxZZhiGPv/8c82ePVsDBgwwVV/ArkKKiIhQenq69uz

Zo6SkJM2bN0+pqalKSkoKVBMAAKAGmDhxog4dOqTU1FRJks1mU2JiokaOHKm2bdue8RTUmfj8

OgNJ+vrrr72+jo+P19KlS/2pEgAA1HCXXHKJVqxYoW3btiksLEwDBgxQZGSkunbtqh49epiuz

68wAwAA4ItmzZqpWbNmkqTZs2f7VRdhBgAAVKp58+adc5tx48aVuz7CDAAAqFTz588/4wskHQ

6HmjZtSpgBAADV1/bt209bduTIEe3atUuPPPKIqQfmSQG8mwkAAMBXjRs3VmJiolJTU/XCCy+

YKkuYAQAA1UZubq4aNmxoqgynmQAAQLUxcOBAdevWzVQZjswAAIBqxeyRGcIMAACwNMIMAACw

NMIMAACwNMIMAACoMocPH9a8efM8D9E7dOhQuZ4QfCrCDAAAqDLZ2dmaN2+e3G63JMIMAACoh

QgzAADA0ggzAADA0ggzAADA0ggzAADA0ggzAACgStlstrN+fS6EGQAAUGUuuOACzZo1Sw6HQ5

LUvHlzzZo1y1QdhBkAAFBlGjZsqOuvv97zdXh4uNfX5UGYAQAAlkaYAQAAlmY6zOTk5OjOO+9

UYmKiOnbsqL/97W/avXu3Z/2OHTs0bNgwdejQQT179lRGRkZAOwwAAHAq02Hmtttu0w8//KCF

CxfqtddeU0hIiEaOHKmCggLl5uYqJSVFLVq00PLlyzV+/HjNnTtXy5cvr4i+AwAAyGlm49zcX

F1wwQW67bbbdMkll0iSxo4dqz/96U/65ptvlJmZqaCgIE2fPl1Op1OxsbHat2+fFi5cqOTk5A

rZAQAAULuZCjPh4eGaPXu25+uffvpJGRkZatKkiVq2bKmnnnpKCQkJcjp/qzYxMVHPPvuscnJ

yFBEREbieAwAASxo+fLip7V988cWzrjcVZk5133336dVXX1VQUJCeeeYZhYaG6uDBg4qLi/Pa

LioqSpJ04MABn8OM01mx1yk7HHavv1E+jJt5jJl5zP+KY7PZZLebeziZJE+Z2jhm/qjNn7Xfs

9vtMgzDa9nx48e1bds2JSQkeB6al5+fr+3bt5+zPp/DzIgRI3TzzTfrlVde0e23366XX35ZhY

WFCgoK8touODhYklRUVORTO3a7TeHh9XztpilhYXUrpZ2ahnEzjzErH+Z/xXK7DZ/CTGnZ2jh

mgcC4SYsXLz5t2fbt23XDDTfoX//6l+cBelu2bNGf//znc9bnc5hp2bKlJOnBBx/Ul19+qX//

+98KCQlRcXGx13alISY0NNSndtxuQ3l5J3ztZrk4HHaFhdVVXl6BXC53hbZVkzBu5tWWMQtUA

GH+V5zS/X5lzU5lHzE3xlGNQzW4f2vl5xfql19cFdTDmqe2fNZ8nf+/P1Jjhqkwk5OTo8zMTA

0YMMCTmux2u2JjY5Wdna0mTZooOzvbq0zp19HR0T53sqSkcr7pLpe70tqqSRg38xiz8mP+V6x

DOce1/3C+T2XdbqNWjpm/autnrSKZOnGXnZ2tyZMna/369Z5lv/zyi7Zv367Y2FglJCRo48aN

crl+S+qZmZmKiYnh4l8AAFAhTIWZ1q1b66qrrlJaWpqysrK0a9cu3XXXXcrLy9PIkSOVnJys/



Px8TZs2Tbt379aKFSu0ePFijRkzpqL6DwAAagizb8suZSrM2Gw2zZkzR4mJiZo0aZJuuukmHT

t2TC+99JKaNm2qiIgIpaena8+ePUpKStK8efOUmpqqpKQknzoHAABqh+bNm+uf//yn5zKWUuU

JODbDnytuKoHL5daRI8crtA2n067w8HrKzT3OeUwTGDfzasuYRUY2CEg9zP+KU7rfc17eaPqa

mQuiGmji4E7KyytQUVFJBfWw5qktn7VAzX9JOnHihHbu3KlOnTqddTuf72YCAADwx9GjR7V58

2bl5eWpUaNG6tixo+rXr+9ZHxoaes4gIxFmAABAFZg7d67S09P1yy+/SDp5OikkJES33nqr6W

tteQwhAACoVK+88ooWLVqkv//975o9e7ZsNpuee+45JSUlac6cOVq2bJmp+jgyAwAAKtXLL7+

sv/71r/rrX/+qbdu2yTAMde3aVX/4wx9Up04dLV68WDfddFO56+PIDAAAqFT79u3T5ZdfXua6

Hj16aN++fabqI8wAAIBKFRYWpkOHDpW5bseOHTrvvPNM1cdpJgAAUKm6deumJ598Uq1bt/YsO

3r0qD766CM9+eSTuuWWW0zVx5EZAABQqf7+97/LbrfrkUcekXTyTqZu3brp3nvv1aBBg3Tbbb

eZqo8jMwAAoFI1adJEK1eu1M6dO3Xeeedp1KhRioqKUrdu3RQbG2u6PsIMAACodPXr11eXLl0

kSVOmTPGrLsIMAMAndrtNTqdvVyu43Ybc7mr9Nh1UoLvvvvuc28yaNavc9RFmAACmNAitI7fb

UP36IT7X4XK7dTT3BIGmltqwYYN+/2rI/Px85eXlqV69eurQoYOp+ggzAABTQoKdstttemXNT

h3KMf8i0KjGoRpyzaWy222EmVpq7dq1ZS7fu3evJk6cqP79+5uqjzADAPBJdu4J02/cBs6mRY

sWmjRpkmbOnMkTgAEAgDUVFBQoOzvbVBmOzAAAgEo1b968MpcfPnxYb731ltq0aWOqPsIMAAC

oVPPnzz/tAuBSzZs3N3Unk0SYAQAAlWz79u2nLSsqKtLmzZt13333ac+ePWrRokW56+OaGQAA

UOWCg4N1+eWXa+LEiZo9e7apsoQZAABQbdjtdv3www+mynCaCQAAVKrXX3+9zOVHjx5VRkaG4

uLiTNVHmAEAAJXqnnvuOeO6li1b6oEHHjBVH2EGAABUqvfff7/M5WFhYapfv77p+kxdM3P06F

H94x//UPfu3dWpUycNHjxYWVlZnvU7duzQsGHD1KFDB/Xs2VMZGRmmOwQAAGq2pk2bqmnTpgo

JCdH555/v+dqXICOZDDN33HGHNm/erNmzZ+u1115T27ZtNWrUKH377bfKzc1VSkqKWrRooeXL

l2v8+PGaO3euli9f7lPHAABAzfT111+rT58+6tq1qwYMGKDvv/9ekvTII4/opZdeMl1fucPMv

n37tG7dOt1///3q0qWLLr74Yk2bNk3R0dFavXq1Xn31VQUFBWn69OmKjY1VcnKyRo4cqYULF5

ruFAAAqLlmzJghp9OpadOmKTg4WP/4xz8kSXXq1NGMGTO0bNkyU/WVO8yEh4frueeeU7t27Tz

LbDabDMPQsWPHlJWVpYSEBDmdv12Gk5iYqD179ignJ8dUpwAAQM21bds2TZ48WcOHD9fMmTP1

3//+V/n5+brjjjs0YcIELVmyxFR95b4AOCwsTD169PBa9vbbb+v777/XVVddpSeeeOK0W6mio

qIkSQcOHFBERISpjnl10lmxj8NxOOxef6N8GDfzGDPzmP8Vo3R/bTabbDabucKnbG667Cllau

uY17b9LktQUJDCwsIkSZdeeqnq1KmjvXv3ql27durcubOeffZZU/X5fDfTxo0bdc8996hPnz7

q3bu3Zs2apaCgIK9tgoODJZ18RLGv7HabwsPr+VzejLCwupXSTk3DuJnHmJUP87/iORx2OZ0O

c2Vsv/6nbDdftrRNqfaOeW3d71O1bNlS//nPf5SYmCi73a6LL77YE2aOHj0qt9ttqj6fwszat

Ws1ZcoUXXbZZZ5HDoeEhKi4uNhru9IQExoa6kszkiS321Be3gmfy5eHw2FXWFhd5eUVyOUyN4

C1GeNmXm0Zs0AFEOZ/xSndb5fLrZISl6myLuPkOLnc5stK8oxzbR3zmr7f5Zn/t956q2699VZ

FRESoR48eatWqlTIzM3XxxRdr4cKFiomJMdWm6TDz73//WzNmzFC/fv302GOPeY7GNGnSRNnZ

2V7bln4dHR1tthkvJSWV800/Oalr7gesojBu5jFm5cf8r1iGYZzx7cVnLuRd3pc2pdo75rV1v

081c+ZMlZSU6NFHH9U///lPz6nH5cuXy+l06tFHHzVVn6kw8/LLL+vBBx/U8OHDdc8998hu/+

28X0JCgpYsWSKXyyWH4+Rhx8zMTMXExPh1vQwAAKey222y281fq1PK7TbkdpsPYQicuLg4DRk

yRHXr1vXKEkFBQerUqZOaNGliqr5yh5k9e/Zo5syZ6tevn8aMGeN1h1JISIiSk5OVnp6uadOm

afTo0dqyZYsWL16stLQ0Ux0CAOBM7HabGoWHymH3/SJal9uto7knCDRV6IknnghofeUOM2vWr

NEvv/yi9957T++9957XuqSkJD388MNKT0/XjBkzlJSUpMjISKWmpiopKSmgHQYA1F52u00Ou1

0vv7ND2UfMX08V1ThUQ665VHa7jTBThc70osmyGIahG2644azblDvMlF6sczbx8fFaunRpeas

EAMAn2UdOaP/h/KruhqX4c3ou0Kfmzvaiyd8LaJgBAADW5O/puUCfmjvTiyZ9RZgBAKCG8+f0

XEWcmmvatKnn38ePH1d+fr4aNmyokJAQn+ojzAAAUEtUp9Nz69at0+zZs7V9+3YZhiG73a74+

HhNnjxZCQkJpurimcoAgCpx8unD5v7wKoCa4fPPP9eYMWMUGRmpkSNHymazafTo0SooKFBKSo

qysrJM1cenAgBQqRqE1pHbbSgsrK7Cw+uZ+sOrAGqGp59+Wtdcc40WLFig6667ToZhaOLEiXr

jjTfUrVs3zZ0711R9nGYCAFSqkGCn7HabXlmzU4dyjpsq26pFYw3oGuPTCy5RfWzdulWjR48u

c92QIUM0ceJEU/URZmqA6nS7HQCUly/Xb0SGc2SmJqhTp45crrLf63X06FHPi6rLizBjcdXtd

jsAAM6lbdu2WrRokbp16+ZZZhiG9u3bp7lz56pXr16m6iPMWFx1u90OAIBzmTBhgkaOHKmJEy

dq/PjxstlsSkpK0nfffaeLL75YqamppuojzNQQ1el2OwAAzqZjx4568cUXtW3bNoWEhCg+Pl6

RkZEaPHiwbrzxRgUFBZmqjzADABbm6zVztf0WZ1/3n+sMAyc+Pl7x8fGS5PerkAgzAGBRgXiD

dG1z6m3hvuA6w+qJMAMAFuXPNXO19RZnf24L5zrD6oswUw34c2t1bT9UDIBbnH3hz3WGvv7cL

S3HKa7AI8xUMQ4TA4A1+HuKShKnuCoIYaaK+XOYWKq9h4oBoLL5c4pKklq3aKxrusZwiqsCEG

aqCV8Pedb2Q8UAUNl8/Xkd1Tj0ZPlcHqURaIQZAPATrxQBqhZhBgD8wCtFgKpHmAEAP/BKEaD

qEWbg922GAKr2Vl/UHnxWykaYqcUCdZshd1IBvgnEHETtwGfl7AgztZi/txlGR9TT4P6tfb7w

Eajt/J2DPJqh9uCzcnZ+hZn58+crMzNTL774omfZjh07NGPGDG3dulWNGjXS8OHDNWrUKL87i

orj6+HxmjopgMrGoxlQXnxWyubzSbR//etfevLJJ72W5ebmKiUlRS1atNDy5cs1fvx4zZ07V8

uXL/e7o0B1Ybfb5HTaffpT089bA0BVMH1k5tChQ5o2bZo2btyomJgYr3WvvvqqgoKCNH36dDm



dTsXGxmrfvn1auHChkpOTA9ZpoKoE4vUTXGcEAIFlOsxs27ZNDRs21Jtvvqmnn35a+/fv96zL

yspSQkKCnM7fqk1MTNSzzz6rnJwcRUREBKbXQBXx9/UTXGcEAIFnOsz07t1bvXv3LnPdwYMHF

RcX57UsKipKknTgwAGfw4zTWbGH5v19k2kg2rbZbD79tu4pYzN/DYs/ZUvLSb+ddjFd3Ob7U1

Olk0c4DMO3Z3P42nZpmcO5BTrwk/mL8Gy/lvd1zGqj6j7//ZnD/s7BKpv/p2xuqX5Xcdv+jFt

12O/qfJo8oHczFRYWKigoyGtZcHCwJKmoqMinOu12m8LD6/ndt/KoylveHA67nE6H+XK/nu5w

2M2X96fsqeXr1w8xXVY6GUb8DTP+PELen7b9/X75Oma1jZXmvy+fiUDNwcqe/w6bNftd5W37M

W5Vut+/hpjqfFt4QMNMSEiIiouLvZaVhpjQ0FCf6nS7DeXlmT+cb4bDYVdYWF3l5RXI5XJXaF

tnatvlcqukxGW6vMvt9vxttrw/ZU8tn59fqF9+MVe+dL9fWbPTp9M1UY1DNbh/a5++Z/603eq

icF3TNaZKxsxKAhVArDD//ZnDgZqDlT3/XYY1+13lbfsxblW637/Oi/LOkcr6BeRUAQ0zTZo0

UXZ2ttey0q+jo6N9rrekpHICxskfRpUbZkoZhm+nTDxlDJku70/Z0nLSyf9wfB23QznHfbrNs

LS//nzPfGn7vEa/HlGpwjGrbawy/32Zw/7OwSqb/6dsbql+V3Hb/oxbddjvqvw/8lwCegIsIS

FBGzdulMv1W+rLzMxUTEwMF//WYL7cqlydz70CAKwloEdmkpOTlZ6ermnTpmn06NHasmWLFi9

erLS0tEA2g2qi9PHaXP8BAKhKAQ0zERERSk9P14wZM5SUlKTIyEilpqYqKSkpkM2gmvDn8do1

/dHaAIDK41eYefjhh09bFh8fr6VLl/pTLSwmO9f847Vr+qO1AQCVhwsXAACApRFmAACApRFmA

ACApQX0AuDazG737fH43KLsH1/GjzFHWfx9nQGAqkOYCYBAvEkZ5pTeFl6dH68Na7DZbHyWAI

sjzASAP29S5hZl33BbOAKl9KiqL58lic8TUB0QZk7h72Hm7CPcolzZGHMEii+fJYnPE1AdEGb

EYWYAAKyMMCMOMwMAYGWEmVNwmBkAAOvh9hsAAGBphBkAAGBphBkAAGBphBkAAGBphBkAAGBp

hBkAAGBphBkAAGBphBkAAGBphBkAAGBphBkAAGBpvM4AqAJ2u01Op7V+l3C7DbndRlV3AwBOQ

5gBKlGD0Dpyuw3Vrx/iU3m325Dd7vsLTf0p73K7dTT3BIEGQLVDmAEqUUiw0+c3tJe+nd3ft7

v7Uj6qcaiGXHOp7HYbYQZAtRPwMON2uzVv3jwtW7ZMeXl56ty5s+6//35ddNFFgW4KsKzsXPN

vaC99O7u/b3f3tTwAVFcBP2k/f/58LVmyRA899JCWLl0qm82mW265RcXFxYFuCgA8Sq9DMvvH

n9N2AKqHgB6ZKS4u1qJFi3TnnXeqR48ekqQnnnhCf/jDH/Tee+/p2muvDWRzACDpZJBpFB4qh

91aF1UDCIyAhpmdO3fq+PHjSkxM9CwLCwtTmzZttGHDBsIMgApht9vksNv18js7lH3khKmyrV

s01jVdYyQO0ACWZTMMI2BX87377rsaP368Nm/erJCQ3+7WmDhxogoLC/Xss8+artMwzN0OavP

pB5JNdrtN+SeK5fLh4sY6TrtCQ+r4VN6fsrRd+W1btd/+lnfYbaofGiS3263y/MRwOAJzhKS8

899mk+x2u+XG1aptW7XftG2t+W9GQI/MFBQUSJKCgoK8lgcHB+vYsWM+1Wmz2eRwVM6vTPVDg

869UQWVp21rtW3Vfvtb3l7Jp3HMzn+rjqtV27Zqv2nbN5U9/80IaM9Kj8b8/mLfoqIi1a1bN5

BNAQAASApwmDn//PMlSdnZ2V7Ls7Oz1aRJk0A2BQAAICnAYaZ169aqX7++/vvf/3qW5eXlafv

27erSpUsgmwIAAJAU4GtmgoKCNGzYMD322GNq3LixmjVrpkcffVRNmjRRv379AtkUAACApAp4

AvCECRNUUlKie++9V4WFhUpISFBGRsZpFwUDAAAEQkBvzQYAAKhs1fc+KwAAgHIgzAAAAEsjz

AAAAEsjzAAAAEsjzAAAAEsjzAAAAEur9WFm//79atWq1Wl/li1bVtVdq5bmz5+v4cOHey3bsW

OHhg0bpg4dOqhnz57KyMioot5VT2WN2d13333aZ6579+5V1MPai/lvDvPfPOZ/5Qj4Q/Os5uu

vv1ZwcLDWrl0rm+23t/M2aNCgCntVPf3rX//Sk08+qYSEBM+y3NxcpaSkqG/fvkpLS9OXX36p

tLQ0NWrUSMnJyVXY2+qhrDGTTn7ubr31Vg0bNsyzzOFwVHb3aj3mf/kx/81j/leeWh9mdu3ap

ZiYGEVFRVV1V6qtQ4cOadq0adq4caNiYmK81r366qsKCgrS9OnT5XQ6FRsbq3379mnhwoW1+o

fZ2cbM5XJp9+7dGjt2rCIjI6uoh5CY/+XB/DeP+V/5av1ppq+//lotW7as6m5Ua9u2bVPDhg3

15ptv6rLLLvNal5WVpYSEBDmdv+XixMRE7dmzRzk5OZXd1WrjbGO2d+9eFRUVKTY2top6h1LM

/3Nj/pvH/K98HJnZtUuRkZEaMmSI9u7dq4suukhjx47VH/7wh6ruWrXRu3dv9e7du8x1Bw8eV

FxcnNey0t9yDxw4oIiIiArvX3V0tjHbtWuXbDabFi9erE8++UR2u109evTQpEmTOL1RyZj/58

b8N4/5X/lq9ZGZ4uJi7d27V/n5+Zo0aZKee+45tW/fXrfccosyMzOrunuWUFhYeNpLRIODgyV

JRUVFVdGlau+bb76R3W5Xs2bNtGDBAt111136+OOPNXbsWLnd7qruXq3B/Pcf89885n/FqNVH

ZoKCgrRhwwY5nU7PhGzXrp2+/fZbZWRk6Morr6ziHlZ/ISEhKi4u9lpW+kMsNDS0KrpU7Y0fP

14jR45UWFiYJCkuLk6RkZG6+eab9dVXX512WBoVg/nvP+a/ecz/ilGrj8xIJyfc73+ziIuL06

FDh6qoR9bSpEkTZWdney0r/To6OroqulTt2Ww2zw+yUqWH6g8ePFgVXaq1mP/+Yf6bx/yvGLU

6zOzcuVMdO3ZUVlaW1/KtW7dyUWA5JSQkaOPGjXK5XJ5lmZmZiomJqbXny89l8uTJGjVqlNey

r776SpL43FUi5r//mP/mMf8rRq0OM3FxcbrkkkuUlpamrKwsffvtt5o1a5a+/PJL3XrrrVXdP

UtITk5Wfn6+pk2bpt27d2vFihVavHixxowZU9Vdq7auu+46rVu3Ts8884y+//57ffzxx7rnnn

t03XXXcYdDJWL++4/5bx7zv2LU6mtm7Ha7FixYoMcee0yTJk1SXl6e2rRpo+eff16tWrWq6u5

ZQkREhNLT0zVjxgwlJSUpMjJSqampSkpKququVVu9evXS3LlztWDBAi1YsEANGjTQoEGDNGnS

pKruWq3C/Pcf89885n/FsBmGYVR1JwAAAHxVq08zAQAA6yPMAAAASyPMAAAASyPMAAAASyPMA

AAASyPMAAAASyPMAAAASyPMAAAASyPMAAAASyPMAAAASyPMAAAASyPMIGAKCwv1+OOP6+qrr1

a7du3UqVMnpaSkaMeOHZ5tXn/9dQ0cOFDt27fXH//4R2VmZqpNmzZasWKFZ5sDBw7ojjvu0OW

XX67LLrtMI0aM0Pbt26tilwCUE/MfVYkwg4BJTU3Va6+9pr/97W9atGiRpk6dql27dunvf/+7

DMPQypUrNXXqVHXq1Enz589X//79NXbsWLlcLk8dR44c0V/+8hdt27ZN9913nx5//HG53W4NH



TpU3377bRXuHYCzYf6jShlAABQVFRl//etfjf/7v//zWr5o0SIjLi7OOHTokNGzZ09jzJgxXu

ufffZZIy4uzli+fLlhGIYxe/Zso3379saPP/7oVXefPn2M8ePHV/yOADCN+Y+qxpEZBERQUJA

yMjI0cOBAZWdna8OGDVq6dKk+/PBDSdLevXt14MABXXPNNV7lrr32Wq+vMzMzdemllyo6Olol

JSUqKSmR3W5X9+7d9dlnn1Xa/gAoP+Y/qpqzqjuAmuM///mPZs6cqe+++0716tVTq1atVK9eP

UlSnTp1JEkRERFeZSIjI72+Pnr0qPbt26e2bduW2UZBQYHq1q1bAb0H4A/mP6oSYQYB8f333+

v2229Xnz599Oyzz+rCCy+UJL300kv6z3/+4zkvnpOT41Xu9183aNBAl19+uVJTU8tsJygoqAJ

6D8AfzH9UNU4zISC2bt2qoqIijRkzxvODTDr525okRUVF6cILL9R7773nVW7NmjVeX19++eXa

s2ePYmJi1L59e8+fN998U8uWLZPD4aj4nQFgCvMfVY0wg4Bo27atnE6nHn30Ua1bt04ffvihx

o8fr48++kjSycPDEyZM0Nq1a3X//ffr008/VXp6uubOnStJsttPfhRHjhwpt9utkSNH6q233l

JmZqbuu+8+vfDCC7r44ouravcAnAXzH1XNZhiGUdWdQM3wzjvvaN68efr+++/VsGFDdejQQf/

v//0/DR8+XPfdd5+GDh2qpUuXKiMjQwcOHNAll1yioUOHatq0aXrqqad09dVXSzp5yPrxxx9X

ZmamioqK1KJFCw0fPlw33nhjFe8hgDNh/qMqEWZQaVavXq02bdp4/Yb10UcfacyYMXrjjTfUu

nXrKuwdgIrE/EdFIsyg0vztb3/Tt99+q0mTJun888/X3r179eSTT+qiiy7Siy++WNXdA1CBmP

+oSIQZVJrc3Fw9/vjj+uSTT3TkyBGdd9556t+/vyZMmOC5hRNAzcT8R0UizAAAAEvjbiYAAGB

phBkAAGBphBkAAGBphBkAAGBphBkAAGBphBkAAGBphBkAAGBphBkAAGBphBkAAGBp/x+XaKFw

0n+TYgAAAABJRU5ErkJggg==", 

      "text/plain": [ 

       "<Figure size 600x600 with 4 Axes>" 

      ] 

     }, 

     "metadata": {}, 

     "output_type": "display_data" 

    } 

   ], 

   "source": [ 

    "df_virtual_2_time_points['trt_grp'] = 

pd.Categorical(df_virtual_2_time_points['trt_grp'], \n", 

    "                        categories=['<=30 days apart',  '>=90 days 

apart'],\n", 

    "                        ordered=True)\n", 

    "df_virtual_2_time_points['age_years'] = 

round(df_virtual_2_time_points['age_at']/365.25)\n", 

    "\n", 

    "\n", 

    "sns.set_theme(style=\"darkgrid\")\n", 

    "\n", 

    "g = sns.displot(\n", 

    "    df_virtual_2_time_points, x=\"age_years\", col=\"trt_grp\", 

row=\"gender\",\n", 

    "    binwidth=1, height=3, facet_kws=dict(margin_titles=True),\n", 

    ")\n", 

    "\n", 

    "\n", 

    "custom_colnames = [\"CTRL\", \"BB\"]\n", 

    "for i, ax in enumerate(g.axes[0]):\n", 

    "    ax.set_title(custom_colnames[i], fontsize=14)  # Adjust the 

fontsize\n", 

    "\n", 

    "\n", 

    "g.set(ylabel='')\n", 

    "g.set(xlabel='age')\n", 

    "g.fig.suptitle(f'At-home program', y=1.06)\n" 

   ] 

  }, 



  { 

   "cell_type": "code", 

   "execution_count": 20, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [], 

   "source": [ 

    "my_ctrl = ['<=30 days apart', '<=60 days apart', '61-89 days apart', 

'>=90 days apart']\n", 

    "bb_init= get_one_enroll_type(df_comb, ['Initial', 'Initial New'], 

['<=30 days apart', '>=90 days apart'])\n", 

    "ctrl_init = get_one_enroll_type(df_comb, ['Child CTRL'], 

my_ctrl)\n", 

    "df_init= pd.concat([bb_init, ctrl_init])\n", 

    "df_init_2_time_points = make_df_2_time_points(df_init, ['Initial', 

'Initial New', 'Child CTRL'], ['Initial', 'Initial New'], 1, 90)\n", 

    "\n", 

    "df_init_2_time_points['trt_grp'].replace({'<=60 days apart':'<=30 

days apart', '61-89 days apart':'<=30 days apart'}, inplace=True)\n", 

    "df_init_2_time_points.loc[(df_init_2_time_points['enroll 

type']=='Child CTRL') & (df_init_2_time_points['trt_grp']=='>=90 days 

apart'), 'trt_grp'] = '<=30 days apart'\n", 

    "df_init_2_time_points.groupby(['enroll type', 'trt_grp', 

'time_point'])['user_id'].nunique()\n", 

    "\n", 

    "df_init_2_time_points['age_at'] = 

pd.to_datetime(df_init_2_time_points['test_date'], errors='coerce') - 

pd.to_datetime(df_init_2_time_points['birthdate'], errors='coerce')\n", 

    "df_init_2_time_points['age_at'] = 

df_init_2_time_points['age_at'].dt.days" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 21, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [ 

    { 

     "name": "stdout", 

     "output_type": "stream", 

     "text": [ 

      "Chi2ContingencyResult(statistic=1.8408452811848117, 

pvalue=0.17485190743884685, dof=1, expected_freq=array([[ 61.3916501,  

98.6083499],\n", 

      "       [131.6083499, 211.3916501]])) \n", 

      " Chi2ContingencyResult(statistic=0.29060083476050125, 

pvalue=0.589835758308618, dof=1, expected_freq=array([[ 118.13996033,  

254.86003967],\n", 

      "       [1318.86003967, 2845.13996033]]))\n" 

     ] 

    } 



   ], 

   "source": [ 

    "print( stats.chi2_contingency([[54,106], [139, 204]])\n", 

    "      , '\\n'\n", 

    "      , stats.chi2_contingency([[113,260], [1324, 2840]])\n", 

    ")" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 22, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [ 

    { 

     "data": { 

      "text/plain": [ 

       "gender  trt_grp        \n", 

       "Female  <=30 days apart     54\n", 

       "        >=90 days apart    106\n", 

       "Male    <=30 days apart    139\n", 

       "        >=90 days apart    204\n", 

       "Name: user_id, dtype: int64" 

      ] 

     }, 

     "execution_count": 22, 

     "metadata": {}, 

     "output_type": "execute_result" 

    } 

   ], 

   "source": [ 

    "df_virtual_2_time_points.groupby(['gender', 

'trt_grp'])['user_id'].nunique()" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 23, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [ 

    { 

     "data": { 

      "text/plain": [ 

       "gender  trt_grp        \n", 

       "Female  only once             0\n", 

       "        <=30 days apart     113\n", 

       "        >=90 days apart    1324\n", 

       "Male    only once             0\n", 

       "        <=30 days apart     260\n", 

       "        >=90 days apart    2840\n", 

       "Other   only once             0\n", 



       "        <=30 days apart       0\n", 

       "        >=90 days apart       2\n", 

       "Name: user_id, dtype: int64" 

      ] 

     }, 

     "execution_count": 23, 

     "metadata": {}, 

     "output_type": "execute_result" 

    } 

   ], 

   "source": [ 

    "df_init_2_time_points.groupby(['gender', 

'trt_grp'])['user_id'].nunique()" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 24, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [ 

    { 

     "data": { 

      "text/plain": [ 

       "Text(0.5, 1.06, 'In-center program')" 

      ] 

     }, 

     "execution_count": 24, 

     "metadata": {}, 

     "output_type": "execute_result" 

    }, 

    { 

     "data": { 

      "image/png": 

"iVBORw0KGgoAAAANSUhEUgAAAjMAAAJ+CAYAAABGlIFwAAAAOXRFWHRTb2Z0d2FyZQBNYXRw

bG90bGliIHZlcnNpb24zLjQuMywgaHR0cHM6Ly9tYXRwbG90bGliLm9yZy/MnkTPAAAACXBIW

XMAAA9hAAAPYQGoP6dpAABfXklEQVR4nO3deXQUVcLG4be7swOBhAlBEWTRELawaDCCbCKyiW

NER8EwgsCAKItKEAU/QVlUEAQRRQmKjAIiiCOyCIqOgyDbDCKLuAAqW5AkBMhm0vX9waSHNgF

S3Uk3RX7POR7pqrq3bt/uSt7culVlMwzDEAAAgEXZ/d0AAAAAbxBmAACApRFmAACApRFmAACA

pRFmAACApRFmAACApRFmAACApRFmAACApRFmAACApRFmUO79+uuvql+/vvr06ePvppSJvLw8v

fXWW/5uBgCUGcIMcJnr06ePZs2a5e9mAECZIcwAl7njx4/7uwkAUKYIMwAAwNIIM0AxCufRvP

zyy/r000911113KS4uTjfeeKPGjh2rtLS0EteVn5+vN998U7fffruaNWumdu3aKTk5Wb/88ov

bdoZhaOHChUpMTFRcXJzi4+M1ePBg7d692227r7/+WvXr19eyZcv0/vvvq0ePHmrSpInatm2r

559/XtnZ2W7v4dChQzp16pTq16+v0aNHu+o5ffq0pk6dqltuuUWNGzdWmzZt9PTTT+vEiRNu+

xs9erTq16+vHTt2qHPnzmrSpInuvfdeGYZR7PtdtmyZ6tevry+//FIzZsxQmzZt1Lx5c91zzz

1av359sduuXLlSf/3rX9W4cWN16NDB1TdHjhzR2LFj1aZNG9e6CRMmFNv/P//8sx599FG1atV

KzZs318CBA/Xjjz+qU6dObvOhLvZ+PvvsMw0YMEAJCQlq1KiREhIS9OCDD2rXrl1u++vTp486

deqkX375RQ899JCuu+46XX/99Ro+fLjS0tKUmZmpp556SjfccINatmypwYMH69dffy22zwB4J

8DfDQAuZevXr9fs2bPVvn173XDDDdqwYYOWLFmiQ4cO6c0337xoeafTqUGDBulf//qXrr32Wt

11111KT0/Xxx9/rI0bN2rp0qWKjo6WJD3++OP68MMPFRMTo3vvvVfZ2dlatWqV7r33Xs2ZM0c

33nijW91///vftW/fPt16661q06aN1q5dq3nz5unUqVOaMGGCwsPD9fDDD2v+/PnKzc3V3/72

NzVo0ECSdOrUKfXu3Vv79u1Tq1at1LlzZ/3yyy9asmSJvvzySy1atEjVqlVz29+DDz6opk2bq

m3btgoLC5PNZrvge58+fbp++OEH9ejRQw6HQ2vWrNGDDz6oiRMnqmfPnm7bTpgwQdHR0frrX/



+qX3/9VTVr1tRPP/2k3r17Kz09XTfddJOuvfZa7dq1SwsWLNBnn33m1sYDBw6oV69eysjIUMe

OHVWzZk2tX79evXv3ltPpVPXq1Yu0r7j3s2DBAk2YMEG1atXSbbfdpsDAQO3cuVOfffaZNm3a

pNWrV7s+L+lsIOzdu7euuOIK3XPPPdq2bZtWr16ttLQ0ZWVlKTc3V4mJifr++++1fv16paam6

v3335fdzt+RQKkygHLul19+MWJiYoykpKQiy2JiYoyVK1e6lufl5Rndu3c3YmJijIMHD1607v

fee8+IiYkxRowYYeTl5bmWL1++3IiJiTEmTJhgGIZhrFy50oiJiTFGjhxp5Ofnu7WjZcuWRtu

2bV3lN23aZMTExBgNGjQwtm/f7to2MzPTSEhIMOLi4owzZ864lnfo0MG47rrr3No1btw4IyYm

xli4cKHb8s8++8yIiYkxhg8f7lr2+OOPGzExMcbDDz980fdrGIaxdOlSV/v+/e9/u5b//PPPR

suWLY3rr7/eOHnypNu2bdu2NbKystzqSUpKMmJiYoylS5e6LZ8zZ06R9gwcONCIiYkxPv74Y9

ey3Nxco1evXkU+2/O9n9zcXKNFixbGrbfe6tZ/hmEY48ePL9Jfhe176KGHDKfTaRiGYfz+++9

G+/btjZiYGOOee+4xcnNzi2z//fffl6gfAZQcfx4AF1CzZk117drV9TowMNA1QnLgwIGLlv/4

449ls9k0evRoBQYGupbffvvtGjx4sFq0aCFJev/99yVJTzzxhBwOh2u7q666Svfee6+OHj2qD

Rs2uNUdHx+v5s2bu15XqlRJzZs3V05Ojo4cOXLeNuXn52v58uWuEaBzdejQQS1atNAnn3yi06

dPu6279dZbL/p+z9WtWzc1a9bM9bpmzZrq06ePMjMz9fnnn7tt27ZtW4WGhrpeHz58WJs3b1b

Lli115513um07YMAA1alTR2vXrlVGRobS0tL05ZdfqkWLFurWrZtru6CgII0cOfK87fvj+yko

KNCzzz6riRMnKiwszG1dQkKCJBV7euuvf/2ra5QqICBATZo0kXT2NFRQUJBru6ZNm0qSDh06d

N42AfAMp5mAC6hdu3aRZZUqVZJ09v4tF/Pdd9/piiuucDs1IUk2m02PPPKI6/WuXbsUHBysd9

55p0gd+/fvlyTt2bNH7du3L1Hbfv/99/O2af/+/crKylJ+fr5efvnlIutzc3NVUFCg7777Ttd

dd51r+VVXXXXeOovTsmXLIssKf9Hv3btXt99++3nr3rt3ryS57b+Q3W5X8+bNtX//fu3bt0+5

ublyOp1uwalQ06ZNFRBQ/I+5P+4zNDTUFYb279+vH3/8UT///LP27dunr7/+WtLZ04Z/dPXVV

7u9LgxCf6w/ODhY0oU/GwCeIcwAF3DuX9aF/jhXZNmyZUX+2m7QoIFuueUWZWZm6k9/+tNF93

Pq1Cnl5+df8H4wJ0+eLHHbjPNMzpWkzMxMSdJPP/1kan8hISHn3bY4fwxwkhQVFSVJRUZ9Cn/

RFypcX7FixWLrLpwrk52d7Wpncf3scDgUGRlZbB3FvZ8tW7Zo8uTJrsm+ISEhql+/vho3bqzD

hw8X26/njiidq7jPB0DZIMwAXvrggw+0efNmt2WJiYm65ZZbFBYWpjNnzhRbLisry/VXfFhYm

CpUqFDk9EtZqFChgiTpz3/+s1544YUy209OTk6RZadOnZIkValS5YJlC9uYmppa7PrCABMREa

GCggJJRQNSofP1/x8dOnRIAwcOVFBQkMaPH6+WLVuqdu3astvtWr16tT755JMS1QPA9wgzgJc

WLFhw3nUxMTHatm2bjh8/7hqVKNSjRw8FBARozZo1io2N1ZYtW/Tbb78VGWFYv369/vOf/6hr

166KjY31ur1169ZVUFCQdu/eLcMwiow0vfXWW8rKylKvXr0UERHh8X6++eYbde7c2W3Zv//9b

0lSXFzcBcsWvs/t27cXu37r1q0KDAxU7dq1FR0dLZvNpm+++abIdj/88EOJw8zatWuVnZ2t5O

TkInOJfvjhB0kXHvEC4D9MAAbK0O233y7DMDR16lTXCIIkrVy5Ur/++qtrMnFiYqIMw9Czzz7

rNhcnNTVV48aN05w5c857OuNiAgIClJ+f73odFBSk7t276/vvv9f8+fPdtv3666/1wgsv6P33

31flypU92l+h9957Tz/++KPr9cGDBzV//nxFRUWpdevWFyxbo0YNtWzZUjt37tSSJUvc1qWkp

Oj7779Xhw4dFB4erujoaLVu3VpfffWVvvjiC9d2eXl5mjJlSonbW3ja6bfffnNbvnfvXlc/nd

uPAC4djMwAZeiuu+7SJ598ouXLl+u7777TDTfcoGPHjmnNmjWqUaOGaxJwYmKiPv30U61evVr

fffedbrrpJuXn52vVqlXKyMjQiBEjikw0Lano6GgdPHhQo0aNUqtWrXTHHXdo1KhR2r59uyZP

nqx169apSZMmOnbsmD755BM5HA5NnDjR63uh2O12/eUvf1GXLl1kGIY++eQT5eTkaNasWSUKZ

s8884x69+6tsWPHavXq1a77zGzevFk1atTQ2LFjXduOGTNG99xzjx588EHdcsstio6O1r/+9S

+lp6e72nIxHTp00Isvvqg5c+bop59+Uq1atXTw4EGtX7/eNbE6IyPDs84AUKYYmQHKkMPh0Ku

vvqoRI0YoJydH77zzjjZt2qTbb79dCxcudI1+2Gw2zZw5U2PGjFFISIiWLFmiVatW6ZprrtHL

L7+sBx980OM2JCcn69prr9XKlSv14YcfSpIiIyP13nvv6YEHHtDRo0e1YMECbd26VR06dNDix

YuL3KDPE4MHD1afPn20fv16rVmzRk2bNtXf//53tyuyLqROnTpaunSpevbsqe+++05///vfdf

jwYT3wwANatmyZ2wTjunXrauHChWrXrp2++uorLVmyRFdffbVrRKUk4Sk6OlpvvvmmbrzxRm3

atEnvvPOO9u/frz59+mjVqlWqUqWKvvzyS041AZcgm8GRCaAULVu2TE888YSeeOIJ9e3bt8z3

53Q69csvv+jKK690u5ePJP3yyy+65ZZb1KtXL40bN67M2wLAPxiZAWBpNptNd9xxh3r06FHk3

j8pKSmSpBtuuMEfTQPgI8yZAWBpNptN9957r+bNm6fbb79dbdu2lcPh0Pbt2/Wf//xHN910k7

p06eLvZgIoQ4QZAJaXnJysunXrasmSJfrggw+Un5+vq666So899pj69et30YdiArA25swAAAB

LY84MAACwNMIMAACwNMIMAACwNMIMAACwNMIMAACwNMIMAACwNMIMAACwNMIMAACwNMIMAACw

NMIMAACwNMIMAACwNMIMAACwNMIMAACwNMIMAACwNMIMAACwNMIMAACwNMIMAACwNMIMAACwN

MIMAACwNMIMAACwNMIMAACwNMIMAACwNMIMAACwNMIMAACwNMIMAACwNMIMAACwNMIMAACwNM

IMAACwNMIMAACwNMIMAACwNMIMAACwNMIMAACwtAB/NwDWtn79ei1btky7du1SamqqKlSooCZ

Nmqh37966+eabXdu9/PLLmjVrVonqfPjhhzV06FCNHj1aH3zwQZH1NptNFStWVI0aNdS5c2cN

GDBAQUFBrvV9+vTR5s2b9emnn+qqq67y/k0CMKW4Y9dms6ly5cqqX7+++vTpo06dOrnWFR6z5

3I4HAoPD1dcXJwGDhyo+Ph4n7Qd1kSYgUdOnz6tJ598UmvWrFGjRo105513qlq1ajp69KiWL1

+uBx98UA888IAef/xxSVKnTp1Uq1YttzomT56s9PR0vfDCC27L69ev7/Z68ODBqlu3ruu1YRg

6cuSIPvzwQ82YMUM//vijXnzxxTJ6pwA8de6xm5+fr7S0NK1atUoPP/ywJk2apJ49e7pt/8QT



TygiIkKSlJeXp99++00ffPCB7r//fs2dO1etWrXy+XuARRiAB4YPH27ExMQYc+fOLbIuNzfXS

EpKMmJiYoz33nvvvHV06NDBiImJOe/6xx9/3IiJiTE2bdpU7PqcnByja9euRkxMjLFnzx7X8s

J9//LLLybeEYDScqFjNysry2jbtq3RqlUrw+l0GoZx4WM2NTXViIuLM+66664ybzesizkzMO1

f//qXVq1apc6dO6t///5F1gcFBWnSpElyOBx6++23y6wdwcHB+vOf/yxJ2rJlS5ntB0DpCQ0N

VYsWLfTbb78pLS3tottHRUWpfv362rdvnw9aB6viNBNMW758uaSz57nPp2bNmvroo4909dVXl

2lbwsLCyrR+AKXv119/VZUqVVSlSpWLbltQUKAjR46oTp06Zd8wWBZhBqZ98803CggIUNOmTS

+4Xb169cq8LevWrZMkNW7cuMz3BcCcU6dOuUZfnE6n0tPT9f777+ubb77RM888I4fD4bZ9Zma

ma/uCggL99ttvmjt3rk6cOKEJEyb4vP2wDsIMTEtNTVWVKlXcriAqS+f+QJTOTiQ8evSo3n33

XW3atEm33HKLmjdv7pO2ACi5hx56qNjlnTp1cp0iPldiYmKx2yclJal169al2jZcXggzMM3hc

Cg/P99n+zvfD8QqVaqof//+GjZsmM/aAqDkHn/8ccXGxko6OzKTmZmpbdu2afHixbr77rs1f/

58RUZGurafMmWK/vSnP0k6OzKTkZGhDRs26J133tG+ffs0d+5cBQcH++W94NJGmIFp0dHR2r9

/v/Ly8nwyOlP4A9EwDB0+fFjz5s1TamqqxowZo9tvv73M9w/AM40aNdINN9zgtqxbt26qW7eu

nnnmGb366qsaM2aMa12LFi2K3BuqR48eioiI0Lx587Rw4UL17dvXF02HxXA1E0yLj4+X0+nU9

u3bL7jdE088oZEjRyo1NdWr/TVq1EitWrVS69atdffdd2vJkiWqUaOGkpOT9c4773hVNwDfK/

wj5I83yjufwlNSJd0e5Q9hBqbddtttkqR33333vNscOXJE//jHP7Rhw4YSXbFgRsWKFTVr1ix

VqFBBkyZN0tatW0u1fgBly+l0SlKRCcCltT3KH8IMTIuPj1enTp20Zs0avfnmm0XWnzp1SsOH

D1d+fr4efvjhMjkVVatWLT311FPKz8/X448/rjNnzpT6PgCUjcJHHZT0jr5mt0f5w5wZeGTSp

Ek6efKknnvuOX300Ue69dZbFRkZqQMHDuiDDz5QWlqa7rvvPt13331l1obExEStW7dO69at0+

TJk4tcujl9+nRVqFChSLnQ0FA98cQTZdYuAGd99dVXOnr0qOt1Xl6eNm3apFWrVunKK68sctP

NdevWuR5nIEnZ2dlav369Pv/8czVs2LDI4w+AQoQZeCQ8PFwpKSlauXKlli1bpnfffVdpaWmq

WLGimjZtqvvuu09t27Yt83Y888wz2r59u5YsWaKOHTuqQ4cOrnUrVqwotkylSpUIM4APvPbaa

26vQ0NDdeWVVyopKUkDBw50Cy7S2ee1FbLZbAoNDVWtWrU0ZMgQ9e/f32e3g4D12AzDMPzdCA

AAAE8xZwYAAFgaYQYAAFgaYQYAAFgaYQYAAFgaYQYAAFgaYQYAAFgaYQYAAFjaZXHTvIICp9L

Syu529na7TZGRFZSWdkZOJ7fluRj6y5zy0F9RUZVKpZ6yPtal8vF5lCb6y5zy0F+ldbybwchM

CdjtNtlsNtntNn83xRLoL3Por0sLn4c59Jc59FfZIMwAAABLI8wAAABLI8wAAABLI8wAAABLI

8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8

wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8w

AAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wA

AABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAA

ABLI8wAAABLI8wAAABLI8wAAABLI8wAAABL8yjMLF++XN26dVOTJk3UvXt3rVq1yrVuz549Sk

pKUrNmzdS+fXulpKS4lXU6nZo5c6batGmjpk2b6oEHHtDBgwe9excAAKDcMh1mPvzwQz355JO

65557tGLFCnXr1k2PPvqo/v3vfys9PV39+vVT7dq1tXTpUg0dOlQzZszQ0qVLXeVnz56tRYsW

acKECVq8eLFsNpsGDhyovLy8Un1jAACgfAgws7FhGJoxY4buv/9+3X///ZKkhx56SNu3b9fmz

Zu1efNmBQUFady4cQoICFC9evV08OBBvfHGG+rZs6fy8vI0b948JScnq127dpKk6dOnq02bNl

q7dq26d+9e+u8QAABc1kyNzPz00086dOiQevTo4bY8JSVFgwYN0tatWxUfH6+AgP9lpISEBO3

fv18nTpzQ3r17debMGSUkJLjWh4eHq2HDhtqyZYuXbwUAAJRHpsLMgQMHJElZWVnq37+/brzx

Rt1999367LPPJElHjx5V9erV3cpUq1ZNknT48GEdPXpUknTFFVcU2ebIkSMevQEAAFC+mTrNd

Pr0aUnS448/rocfflgjR47UmjVrNGTIEL355pvKyclRUFCQW5ng4GBJUm5urrKzsyWp2G1Onj

zp8ZuQpICAsrswy+Gwu/0fF0Z/mUN/mVOWx7rE52EW/WUO/VU2TIWZwMBASVL//v2VmJgoSWr

QoIF2796tN998UyEhIUUm8ubm5kqSwsLCFBISIknKy8tz/btwm9DQUI/fhN1uU0REBY/Ll1R4

uOdtLI/oL3Por4vz1bEu8XmYRX+ZQ3+VLlNhpvAUUkxMjNvya665Rp9//rlq1Kih1NRUt3WFr

6Ojo5Wfn+9aVqtWLbdtYmNjzbf+v5xOQ5mZWR6XvxiHw67w8FBlZmaroMBZZvu5XNBf5pSH/i

qtAFLWx7pUPj6P0kR/mVMe+stXf3Ccy1SYadiwoSpUqKAdO3bo+uuvdy3ft2+fatWqpRYtWmj

RokUqKCiQw+GQJG3cuFF16tRR1apVValSJVWsWFFff/21K8xkZmZq9+7dSkpK8uqN5OeX/Zei

oMDpk/1cLugvc+ivkvFVH/F5mEN/mVMe+ysvL0/Z2dmqXLmyJOmXX37R9u3bdezYMUVERCghI

UE1a9b0qG5TYSYkJEQDBgzQK6+8oujoaMXFxenjjz/Whg0b9NZbb+maa67R3LlzNWbMGA0YME

DffPON5s+fr/Hjx0s6O1cmKSlJU6dOVWRkpGrUqKEpU6aoevXq6tSpk0dvAAAAXNr27t2r+++

/X2PHjlXnzp01YcIELV26VE6ne6C744479Oyzz7pdFV0S5raWNGTIEIWGhmr69Ok6duyY6tWr

p5dfflk33HCDJGnu3LmaOHGiEhMTFRUVpVGjRrnm10jSsGHDlJ+fr7FjxyonJ0fx8fFKSUkpM

ikYAABcHl566SU1bNhQbdu21fTp0/XRRx9p9OjRuvXWWxUZGam0tDStXr1a06ZNU9WqVTVy5E

hT9dsMwzDKqO0+U1DgVFramTKrPyDAroiICkpPP1PuhgU9QX+ZUx76KyqqUqnUU9bHulQ+Po/

SRH+ZUx76q7jj/cYbb9TkyZPVvn173XTTTerXr5/69+9fZLuUlBS9/fbb+uKLL0ztk2vDAABA

mcrOzlZYWJiks7d5Od9FP7GxscrIyDBdP2EGAACUqZo1a2rbtm2Szj4Z4JNPPil2uxUrVqhly

5am6zc9ZwYAAMCMXr16afLkycrMzFTjxo01e/ZsHT9+XJ07d1bVqlX122+/acWKFdq8ebOeee



YZ0/UTZgAAQJnq3bu3MjIy9Pbbb7vu+L9+/XqtX7++yLajR4/WHXfcYap+wgwAAChzQ4YM0ZA

hQ5SZmamsrKwil2V7gzADAAB8Jjw8XOHh4ZKkM2fO6PTp06pcubLbY47MIswAAACf2rBhg6ZN

m6bdu3fLMAzZ7XbFxcXpscceU3x8vOn6uJoJAAD4zKZNmzRo0CBFRUWpb9++stlsGjBggLKzs

9WvXz9t3brVdJ2EGQAA4DOvvPKKunTpotdee0233XabDMPQ8OHD9eGHH6p169aaMWOG6ToJMw

AAwGe+/fZb9ejRo9h1vXv31s6dO03XSZgBAAA+ExgYqIKCgmLXZWRkKDg42HSdhBkAAOAzjRo

10rx585Sbm+taZhiGDh48qBkzZqhDhw6m6yTMAAAAnxk2bJh27typ4cOHS5JsNpsSExPVrVs3

VahQQaNGjTJdJ5dmAwAAn2nevLkWLFigXbt2KSQkRHFxcYqKilKvXr101113KSgoyHSdhBkAA

OBTcXFxiouLkyQtXrzY6/oIMwAAwGc++OCDi26TmJhoqk7CDAAA8Jknn3yy2OWGYchms8lutx

NmAADApevTTz8tsiw7O1s7duzQrFmz9NJLL5mukzADAAB85sorryx2eb169ZSVlaVJkyZp0aJ

Fpurk0mwAAHBJuPbaa7V7927T5QgzAADA7/Ly8vT++++ratWqpstymgkAAPhMx44dZRiG2zLD

MJSWlqbc3FyNHDnSdJ2EGQAA4DM33HBDkTBjt9sVGhqqDh06qHXr1qbrJMwAAACfmTRpUqnXS

ZgBAAA+t3HjRm3atEnp6ekKDw/X9ddfr3bt2slms5muizADAAB8Jjc3Vw899JA2bNggh8OhiI

gIZWRkaO7cuWrSpIlSUlIUHh5uqk6uZgIAAD4zZcoU7dy5UzNnztTOnTv15ZdfaufOnXr99dd

1+PBhTZ482XSdhBkAAOAzK1eu1IgRI9SpUye3U0pt27bVY489ps8++8x0nYQZAADgM7m5uee9

C3BkZKRHdRJmAACAz3Tr1k0LFizQ77//7rY8Oztbb7zxhu6++27TdTIBGAAA+ExYWJi2bt2qz

p07q3Xr1qpSpYqOHz+uL774QqdOndJVV12lJ554QtLZm+k999xzF62TMAMAAHxm3bp1rkcWfP

XVV67lYWFhrqBT6I831zsfwgwAAPCZTz/9tNTrJMwAAACfczqd+umnn5SZmakqVaqobt26Htd

FmAEAAD61ZMkSvfTSSzpx4oRrWfXq1fXYY4+pR48epuvjaiYAAOAzq1ev1rhx49SlSxeNHj1a

NptN48aNU/369ZWcnKx169aZrpMwAwAAfGbu3Lnq1auXnnrqKcXHx8swDN19992aM2eO/vznP

+vVV181XSdhBgAA+Mz333+vm2++udh1PXr00Pfff2+6TsIMAADwmbCwMJ08ebLYdYcOHTL9kE

mJMAMAAHzouuuu06uvvqrjx4+7lhmGoU2bNmnatGnq2rWr6ToJMwAAwGeGDx+uY8eOadSoUZI

km82mhIQE9e3bV40aNdKjjz5quk4uzQYAAD5z7bXXatmyZdq1a5fCw8PVtWtXRUVFqVWrVmrX

rp1HdRJmAACAT9WoUUM1atSQJE2bNs3r+ggzAADAZ2bNmnXRbR5++GFTdRJmAACAz8yePfu8D

5B0OBy68sorCTMAAODStXv37iLL0tLStG/fPj3//PO65ZZbTNfJ1UwAAMCvIiMjlZCQoFGjRu

ntt982XZ4wAwAALgnp6emqXLmy6XKcZgIAAJeEbt26qXXr1qbLeTwys3//fjVv3lzLli1zLdu

zZ4+SkpLUrFkztW/fXikpKW5lnE6nZs6cqTZt2qhp06Z64IEHdPDgQU+bAAAALjOejMx4FGZ+

//13jRw5UllZWa5l6enp6tevn2rXrq2lS5dq6NChmjFjhpYuXeraZvbs2Vq0aJEmTJigxYsXy

2azaeDAgcrLy/OkGQAAAJ6FmZdfflkVKlRwW/bee+8pKChI48aNU7169dSzZ0/17dtXb7zxhi

QpLy9P8+bN09ChQ9WuXTvFxsZq+vTpOnbsmNauXev9OwEAAOWS6TCzZcsWLV68WM8//7zb8q1

btyo+Pl4BAf+bhpOQkKD9+/frxIkT2rt3r86cOaOEhATX+vDwcDVs2FBbtmzx4i0AAIDyzNQE

4MzMTI0aNUpjx47VFVdc4bbu6NGjiomJcVtWrVo1SdLhw4d19OhRSSpSrlq1ajpy5Ijphv9RQ

EDZXZjlcNjd/o8Lo7/Mob/MKctjXeLzMIv+Mof+cnf8+HEtXrxYDz30kGw2m44dO6YlS5aU7U

3zxo0bp2bNmqlHjx5F1uXk5CgoKMhtWXBwsCQpNzdX2dnZklTsNidPnjTV6D+y222KiKhw8Q2

9FB4eWub7uJzQX+bQXxfnq2Nd4vMwi/4yh/46KzU1VbNmzdKDDz4oh8OhY8eOadasWWUXZpYv

X66tW7fqo48+KnZ9SEhIkYm8ubm5kqSwsDCFhIRIOjt3pvDfhduEhnr3oTqdhjIzsy6+oYccD

rvCw0OVmZmtggJnme3nckF/mVMe+qu0AkhZH+tS+fg8ShP9ZU556C9f/cFxrhKHmaVLl+rEiR

Nq37692/Knn35aKSkpuvLKK5Wamuq2rvB1dHS08vPzXctq1arltk1sbKyn7XfJzy/7L0VBgdM

n+7lc0F/m0F8l46s+4vMwh/4yh/4qXSUOM1OnTlVOTo7bsltvvVXDhg1Tt27d9PHHH2vRokUq

KCiQw+GQJG3cuFF16tRR1apVValSJVWsWFFff/21K8xkZmZq9+7dSkpKKsW3BAAAypMSh5no6

Ohil1etWlU1atRQz549NXfuXI0ZM0YDBgzQN998o/nz52v8+PGSzs6VSUpK0tSpUxUZGakaNW

poypQpql69ujp16lQ67wYAAJQ7pfY4g6pVq2ru3LmaOHGiEhMTFRUVpVGjRikxMdG1zbBhw5S

fn6+xY8cqJydH8fHxSklJKTIpGAAAoKS8CjPfffed2+u4uDgtXrz4vNs7HA4lJycrOTnZm90C

AIDLhM1mu+DrkuBCdwAA4BdXXXWVJk+e7JprW7NmTU2ePNl0PYQZAADgF5UrV9Ydd9zheh0RE

eH2uqQIMwAAwNIIMwAAwNIIMwAAwNIIMwAAwNIIMwAAwNJK7aZ5AAAAF9OnTx9T2y9YsOCi2z

AyAwAAfMZut8tms7n9l5WVpS1btkiSa9mZM2dcyy6GkRkAAOAz8+fPL7Js9+7duvPOO/XWW2+

5bqD3zTff6C9/+UuJ6mRkBgAA+JVhGF6VJ8wAAABLI8wAAABLI8wAAAC/8+Rp2YUIMwAAwK9q

1qypF154wTX5t1BJAw5hBgAA+FV4eLh69Ojhtuyaa67RO++8U6LyXJoNAAB8LiMjQzt27FBmZ

qaqVKmi5s2bq2LFiq71YWFhatGiRYnqIswAAACfmjFjhubOnavff/9d0tnTSSEhIRo8eLAGDR

pkuj7CDADAaw6HZ7MWnE5DTqd39xiBtSxcuFDz5s3TI488ourVq+uxxx7T66+/rvXr1+ull15

SZGSk7r77blN1EmYAAB6z2WxyOg2Fh4d6VL7A6VRGehaBphx599139cADD+iBBx7Qrl27ZBiG

WrVqpTZt2igwMFDz588nzABAeWW322S3e3Z5q6cjJIX7XLhmr46dOGOqbLXIMPXu0kB2u40wU

44cPHhQLVu2LHZdu3bt9O6775qukzADAJcBu92mKhFhctg9O93j7QhJalqWDh0/7VFZlC/h4e

E6duxYsev27NmjP/3pT6brJMwAwGXAbrfJYbfr3dV7lJqWZaps4QhJYKBDBQVO0/sFzGjdurV

mzpyp2NhY17KMjAx9/vnnmjlzpgYOHGi6TsIMAFxGPBkhqRQW6NW8F8CMRx55RElJSXr++ec1



cuRI2Ww2tW7dWjabTT179tSDDz5ouk7CDACUcyHBAR7Pe4mtHakurepIDNCghKpXr67ly5dr7

969+tOf/qT+/furWrVqat26terVq+dRnYQZAIAkz0Z1qkWGlVFrcDmrWLGirr/+eknSyJEjva

6PMAMAAHzmiSeeuOg2kydPNlUnYQYAAPjMli1bZBjuV82dPn1amZmZqlChgpo1a2a6TsIMAAD

wmXXr1hW7/MCBAxo+fLg6d+5suk6emg0AAPyudu3aGjFihF5//XXTZQkzAADgkpCdna3U1FTT

5TjNBAAAfGbWrFnFLj9+/LhWrlyphg0bmq6TMAMA8CueuF2+zJ49u8gE4EI1a9Y0fSWTRJgBg

EuGNw+K9DQQ+JO3dx7midvWtHv37iLLcnNztWPHDj311FPav3+/ateubapOwgwAXAK8fVCkFX

lz52GeuH15CQ4OVsuWLTV8+HBNmzZNHTp0MFWeMAMAlwBvHhQpSfVrR6prqzqy2az3XAGeuI1

Cdrtdv/zyi+lyhBkAuIR4+os9KoKHRMIaPvjgg2KXZ2RkKCUlRTExMabrJMwAAACfefLJJ8+7

7pprrtEzzzxjuk7CDAAA8JlPP/202OXh4eGqWLGiR3USZgAAgM9ceeWVkqS0tDRFRESUyjyv8

jNtHgAA+N13332njh07qlWrVuratat+/vlnSdLzzz+vd955x6M6CTMAAMBnJk6cqICAAI0ZM0

bBwcH6v//7P0lSYGCgJk6cqCVLlpiuk9NMAADAZ3bt2qXJkyfr1ltvVYsWLXTXXXfp9OnTevT

RRxUWFqZFixbp7rvvNlUnIzMAAMBngoKCFB4eLklq0KCBAgMDdeDAAUnSddddp59++sl0nYQZ

AADgM9dcc42+/PJLSWdvkle3bl1XmMnIyJDT6TRdJ6eZAACAzwwePFiDBw9W1apV1a5dO9WvX

18bN25U3bp19cYbb6hOnTqm6yTMAAAAn5k0aZLy8/M1ZcoUvfDCC65Ls5cuXaqAgABNmTLFdJ

2EGQCAZXn6tHCn0+ABlX4SExOj3r17KzQ0VPZzHqwaFBSkFi1aqHr16qbrJMwAACynUlignE5

D4eGePZOqwOlURnoWgcYPpk+fXup1mgozGRkZmjZtmj7//HOdPn1a9evX12OPPabrr79ekrRn

zx5NnDhR3377rapUqaI+ffqof//+rvJOp1OzZs3SkiVLlJmZqeuuu05PP/20rr766tJ9VwCAy

1pIcIDsdpsWrtmrYyfOmCpbLTJMvbs0kN1uI8z4wfkeNFkcwzB05513XnQ7U2Hm0Ucf1YkTJz

Rt2jRFRkbq3XffVf/+/bVs2TJFRkaqX79+uuWWWzR+/Hj95z//0fjx41WlShX17NlTkjR79mw

tWrRIkydPVnR0tKZMmaKBAwdqxYoVCgoKMtMUAAA8fso4/OdCD5r8o1IPMwcPHtSGDRu0cOFC

tWjRQpI0ZswY/fOf/9SKFSsUEhKioKAgjRs3TgEBAapXr54OHjyoN954Qz179lReXp7mzZun5

ORktWvXTtLZoaY2bdpo7dq16t69e4nfHAAAsKbzPWjSGyUOMxEREXr99dfVuHFj1zKbzSbDMH

Ty5El9++23io+PV0DA/6pMSEjQnDlzdOLECR06dEhnzpxRQkKCa314eLgaNmyoLVu2EGYAACg

HCh80KUlnzpzR6dOnVblyZYWEhHhcZ4nDTHh4uGtEpdCqVav0888/66abbtL06dMVExPjtr5a

tWqSpMOHD+vo0aOSpCuuuKLINkeOHPGo8ecKCCi7+/8Vzpb3dNZ8eUN/mUN/mVOWx7rkv8+jc

H82m82jpwi7ythkurw3ZXXO5r7cb2mU9ccxx/F+1oYNGzRt2jTt3r1bhmHIbrcrLi5Ojz32mO

Lj403X5/HVTNu2bdOTTz6pjh076uabb9bkyZOLzHsJDg6WJOXm5io7O1uSit3m5MmTnjZDkmS

32xQRUcGrOkrC01nz5RX9ZQ79dXG+OtYl/30eDoddAQEO8+X+e4mrw26+vFdlbX7arzdl/xsk

/HnMlefjfdOmTRo0aJBuuukm9e3bV2+99ZYGDBigL774Qv369dNbb73lurCopDwKM+vWrdPIk

SPVtGlTTZs2TZIUEhKivLw8t+1yc3MlSWFhYa7ho7y8PLehpNzcXIWGevehOp2GMjOzvKrjQh

wOu8LDQ5WZma2CAvO3WS5v6C9zykN/lVYAKetjXfLf51G434ICp/LzC0yXL/jvLeALnObLe1X

W8NN+vSn738/VH8ccx7v0yiuvqEuXLpo6dap27dqlN998U8OHD9ejjz6qQYMGacaMGVqwYIGp

fZoOM3//+981ceJEderUSVOnTnWNtFSvXl2pqalu2xa+jo6OVn5+vmtZrVq13LaJjY0124wi8

vPL/ktx9ofM5fnlKwv0lzn0V8n4qo/89XkYhiHDMH+5sKuMIdPlvSmrczb35X5Lo6w/j7nyfL

x/++23GjBgQLHrevfureHDh5uu09RJu3fffVfPPvus7rvvPr300ktup4zi4+O1bds2FRT8LyF

v3LhRderUUdWqVRUbG6uKFSvq66+/dq3PzMzU7t27TQ8nAQAAawoMDHTLCufKyMhwTVExo8Rh

Zv/+/Zo0aZI6deqkQYMG6cSJEzp+/LiOHz+uU6dOqWfPnjp9+rTGjBmjH374QcuWLdP8+fM1a

NAgSWfnyiQlJWnq1Kn69NNPtXfvXj3yyCOqXr26OnXqZLrhAAD4i91uU0CA3fR/5X3iryQ1at

RI8+bNc01Fkc6Olh08eFAzZsxQhw4dTNdZ4tNMa9as0e+//661a9dq7dq1busSExP13HPPae7

cuZo4caISExMVFRWlUaNGKTEx0bXdsGHDlJ+fr7FjxyonJ0fx8fFKSUnhhnkAAJ/zNFjYbDZV

Cg9xTUI2y+k0PLpi7XIxbNgw9e3bV8OHD9fQoUNls9mUmJion376SXXr1tWoUaNM11niMFP4y

O4LiYuL0+LFi8+73uFwKDk5WcnJySVvIQAApcjb5zoVenf1HqWmmZuQHl21gnp1jpXdXn7DTP

PmzbVgwQLt2rVLISEhiouLU1RUlHr16qW77rrLowEOHjQJAChXvHmukyTVrx2prq3q6Hh6tul

HKZTnEZlzxcXFKS4uTpIuOAhSUoQZAEC55OlznaIiyu89Yi5VzEQCAACWRpgBAACWxmkmAChF

drvNo8mdXLILeI4wAwClxG63qUpEmMeX7ALwDGEGAEqJ3W6Tw2736JLdwitkuNoFMI8wAwClz

JOrZLhCBvAcY6EAAMDSCDMAAMDSCDMAAMDSCDMAAMDSCDMAAMDSCDMAAMDSCDMAAMDSuM8MAA

A+ZrfbFBBgfjzB6TTkdBpl0CJrI8wAAOAjlcIC5XQaqlgxxKPyBU6nMtKzCDR/QJgBAMBHQoI

DZLfbtHDNXh07ccZU2WqRYerdpYHsdhth5g8IMwAA+FhquvlHXuD8mAAMAAAsjTADAAAsjdNM

AFAMh8P833qelAHgPcIMAJzDZjs7uTI8PNTfTQFQQoQZADiH3W7z+GqT+rUj1bVVHdlstjJqH

YDiEGYAoBipaeavNomKYDQH8AfCDAAAFuLp3KzL+e7BhBkAACyg8O7Bns7nKnA6dSozR4ZhPt

Bc6kGIMAMAgAV4c/fg2leG6/a216hKlTCP9n2pP0aBMAMAgIV4Op/rcn6MAmEGAIBywpMgZAX

c4QkAAFgaYQYAAFgaYQYAAFgaYQYAAFgaYQYAAFgaYQYAAFgaYQYAAFgaYQYAAFgaYQYAAFga

YQYAAFgaYQYAAFgaYQYAAFgaYQYAAFgaT822ALvdJrvd5lFZp9O4ZB/ZDgBAaSDMXOLsdpuqR

ITJYfdsEK3A6VRGepZfAo3D4VmbCWAAADMIM5c4u90mh92ud1fvUWpalqmy1SLD1LtLA9ntNp



+GA5vt7P7Cw0M9Ku/PAAYAsB7CjEWkpmXp0PHTPt2np6e3AgLsstttWrhmr46dOGOqrL8CWCF

O6QGA9RBmygFPTvfYbDZVCg/x+PSW5J8A5o3SOKV3KjNHhmEu0Hh6Og4X5mkw9TTMAvAfwsxl

rFJYoFeneyR5dHortnakurSqI1nsd4I3p/RqXxmu29teoypVwjzat9NpKCCAOUalxdtgCsBa/

BJmnE6nZs2apSVLligzM1PXXXednn76aV199dX+aM5lKyQ4wOPTPfVrR6prqzo6np5tenSlWq

Rnv9DP5Y/RisJ9ejKiFBUR6nFf16lRWT3a1FOlSswxKi3eBFOrhnGgPPNLmJk9e7YWLVqkyZM

nKzo6WlOmTNHAgQO1YsUKBQUF+aNJlzVPfzn7Q2mMJjmdht9OFXjS19Uiw7yeYxQY6FBBgdNU

2dJwqY8Kefp5ALAWn4eZvLw8zZs3T8nJyWrXrp0kafr06WrTpo3Wrl2r7t27+7pJJebNaMGl/

kP/UuHNaJL0vxElb0ajbDY/BaF08794vQ1/3gY/RoUAXAp8Hmb27t2rM2fOKCEhwbUsPDxcDR

s21JYtW8o0zHh+dY7D69ECJoea4+nk4cIRJSuNRnmjNE4lehoc/X3lGQAUshlmf7t66ZNPPtH

QoUO1Y8cOhYSEuJYPHz5cOTk5mjNnjuk6DaNkox52u82rv7qzc35XgQfd5bDbFRLk8Grfp7Py

VGDyF0ZggF1hIYHlpqw/913eykqSw25TxbAgOZ1OXeywKK1QXtJj3WaT7Ha7pfqU7741yvpz3

/4qa+ZYl/zzR7jPR2ays7MlqcjcmODgYJ08edKjOm02mxyOsj81EBoSWOb7OJ+KYZ7PJSpvZf

257/JWVjobGnzF7LFuxT7lu2+Nsv7ct7/K+vJYN8vnLSscjcnLy3Nbnpubq9BQ6w3zAwAA//J

5mLniiiskSampqW7LU1NTVb16dV83BwAAWJzPw0xsbKwqVqyor7/+2rUsMzNTu3fv1vXXX+/r

5gAAAIvz+ZyZoKAgJSUlaerUqYqMjFSNGjU0ZcoUVa9eXZ06dfJ1cwAAgMX55aZ5w4YNU35+v

saOHaucnBzFx8crJSWFG+YBAADTfH5pNgAAQGm6dK+zAgAAKAHCDAAAsDTCDAAAsDTCDAAAsD

TCDAAAsDTCDAAAsDTCDAAAsDTCDAAAsDTCDAAAsDTCDAAAsDTCDAAAsDTCDAAAsDTCDAAAsDT

CDAAAsDTCDAAAsDTCDAAAsDTCDAAAsDTCDAAAsDTCDAAAsDTCDAAAsLQAfzegNBQUOJWWdqbM

6rfbbYqMrKC0tDNyOo0y28/lgv4ypzz0V1RUpVKpp6yPdal8fB6lif4ypzz0V2kd72YwMlMCd

rtNNptNdrvN302xBPrLHPrr0sLnYQ79ZQ79VTYIMwAAwNIIMwAAwNIIMwAAwNIIMwAAwNIIMw

AAwNIIMwAAwNIIMwAAwNIIMwAAwNIuizsAAwC8Y7d7diM3h4O/ieF/hBkAKOfsdpuqRITJYfc

smDidhmw27mgL/yHMAEA5Z7fb5LDb9e7qPUpNyzJVNrpqBfXqHMvt+eFXhBkAgCQpNS1Lh46f

NlWGERlcCjjZCQAALI0wAwAALI0wAwAALI0wAwAALI0wAwAALI0wAwAALI0wAwAALI0wAwAAL

I0wAwAALI0wAwAALI0wAwAALI1nMwHAZcJut3n0wEeHw/u/a+12mwICzNfjdBpyOg2v94/yjT

ADAJcBu92mKhFhcth9O+BeKSxQTqehihVDPCpf4HQqIz2LQAOvEGYA4DJgt9vksNv17uo9Sk3

LMlW2fu1IdW1Vx6MnYIcEB8hut2nhmr06duKMqbLVIsPUu0sD2e02wgy8QpgBgMtIalqWDh0/

bapMVESo9/tNN79foLQwARgAAFgaYQYAAFgaYQYAAFgaYQYAAFgaYQYAAFgaYQYAAFgaYQYAA

FgaYQYAAFgaN80DgEuEp89Wkkrn+UqAVRFmAOAS4K9nKwGXA8IMAFwCvHm2kuTd85UAqyPMAM

AlxJNnK0ml83wlwKoYzwQAAJZGmAEAAJZGmAEAAJZGmAEAAJZGmAEAAJbmUZhZvny5unXrpiZ

Nmqh79+5atWqVa92ePXuUlJSkZs2aqX379kpJSXEr63Q6NXPmTLVp00ZNmzbVAw88oIMHD3r3

LgAAQLllOsx8+OGHevLJJ3XPPfdoxYoV6tatmx599FH9+9//Vnp6uvr166fatWtr6dKlGjp0q

GbMmKGlS5e6ys+ePVuLFi3ShAkTtHjxYtlsNg0cOFB5eXml+sYAAED5YOo+M4ZhaMaMGbr//v

t1//33S5Ieeughbd++XZs3b9bmzZsVFBSkcePGKSAgQPXq1dPBgwf1xhtvqGfPnsrLy9O8efO

UnJysdu3aSZKmT5+uNm3aaO3aterevXvpv0MAAHBZMzUy89NPP+nQoUPq0aOH2/KUlBQNGjRI

W7duVXx8vAIC/peREhIStH//fp04cUJ79+7VmTNnlJCQ4FofHh6uhg0basuWLV6+FQAAUB6ZC

jMHDhyQJGVlZal///668cYbdffdd+uzzz6TJB09elTVq1d3K1OtWjVJ0uHDh3X06FFJ0hVXXF

FkmyNHjnj0BgAAQPlm6jTT6dNnb7H9+OOP6+GHH9bIkSO1Zs0aDRkyRG+++aZycnIUFBTkViY

4OFiSlJubq+zsbEkqdpuTJ096/CYkKSCg7C7MKnwaLU+lLRn6yxz6y5yyPNYl/30ehfuz2Wwe

PV/JVcYm0+W9KatzNvd0v+Xpu8/xXjZMhZnAwEBJUv/+/ZWYmChJatCggXbv3q0333xTISEhR

Sby5ubmSpLCwsIUEhIiScrLy3P9u3Cb0FDPnytit9sUEVHB4/IlFR7Os0/MoL/Mob8uzlfHuu

S/z8PhsCsgwGG+3H+ftu2wmy/vVVmbF2X/+wu9PH73y+N7LkumwkzhKaSYmBi35ddcc40+//x

z1ahRQ6mpqW7rCl9HR0crPz/ftaxWrVpu28TGxppv/X85nYYyM80/ZbakHA67wsNDlZmZrYIC

Z5nt53JBf5lTHvqrtAJIWR/rkv8+j8L9FhQ4lZ9fYLp8gdPp+r/Z8l6VNbwo+9/+vZy/+3/E8

V42TIWZhg0bqkKFCtqxY4euv/561/J9+/apVq1aatGihRYtWqSCggI5HGcT+saNG1WnTh1VrV

pVlSpVUsWKFfX111+7wkxmZqZ2796tpKQkr95Ifn7ZfynO/pC5PL98ZYH+Mof+Khlf9ZG/Pg/

DMGQYhkflzv5Dpst7U1bnbO7pfsvjd788vueyZCrMhISEaMCAAXrllVcUHR2tuLg4ffzxx9qw

YYPeeustXXPNNZo7d67GjBmjAQMG6JtvvtH8+fM1fvx4SWfnyiQlJWnq1KmKjIxUjRo1NGXKF

FWvXl2dOnUqkzcIAAAub6bCjCQNGTJEoaGhmj59uo4dO6Z69erp5Zdf1g033CBJmjt3riZOnK

jExERFRUVp1KhRrvk1kjRs2DDl5+dr7NixysnJUXx8vFJSUopMCgYAACgJ02FGkvr166d+/fo

Vuy4uLk6LFy8+b1mHw6Hk5GQlJyd7smsAAAA3XBsGAAAsjTADAAAsjTADAAAsjTADAAAsjTAD

AAAsjTADAAAszaNLswEAAMzIy8tTdna2KleuLEn65ZdftH37dh07dkwRERFKSEhQzZo1PaqbM

AMAAMrU3r17df/992vs2LHq3LmzJkyYoKVLl8rpdH+kwx133KFnn31WAQHm4glhBgAAlKmXXn

pJDRs2VNu2bTV9+nR99NFHGj16tG699VZFRkYqLS1Nq1ev1rRp01S1alWNHDnSVP3MmQEAAGV

qx44duv/++1W5cmV99NFHevjhh9WnTx9FR0crMDBQ0dHRuv/++zVs2DB99NFHpusnzAAAgDKV



nZ2tsLAwSdLp06cVGxtb7HaxsbHKyMgwXT9hBgAAlKmaNWtq27ZtkqSEhAR98sknxW63YsUKt

WzZ0nT9zJkBAABlqlevXpo8ebIyMzPVuHFjzZ49W8ePH1fnzp1VtWpV/fbbb1qxYoU2b96sZ5

55xnT9hBkAgF85HJ6dJHA6DTmdRim3BmWhd+/eysjI0Ntvv62TJ09KktavX6/169cX2Xb06NG

64447TNVPmAEA+EWlsEA5nYbCw0M9Kl/gdCojPYtAYxFDhgzRkCFDlJmZqaysrCKXZXuDMAMA

8IuQ4ADZ7TYtXLNXx06cMVW2WmSYendpILvdRpixmPDwcIWHh0uSzpw5o9OnT6ty5coKCQnxu

E7CDADAr1LTsnTo+Gl/NwM+tGHDBk2bNk27d++WYRiy2+2Ki4vTY489pvj4eNP1cTUTAADwmU

2bNmnQoEGKiopS3759ZbPZNGDAAGVnZ6tfv37aunWr6ToJMwAAwGdeeeUVdenSRa+99ppuu+0

2GYah4cOH68MPP1Tr1q01Y8YM03USZgAAgM98++236tGjR7HrevfurZ07d5qukzADAAB8JjAw

UAUFBcWuy8jIUHBwsOk6CTMAAMBnGjVqpHnz5ik3N9e1zDAMHTx4UDNmzFCHDh1M10mYAQAAP

jNs2DDt3LlTw4cPlyTZbDYlJiaqW7duqlChgkaNGmW6Ti7NBgAAPtO8eXMtWLBAu3btUkhIiO

Li4hQVFaVevXrprrvuUlBQkOk6CTMAUIrsdpvsdpvpcp7e0h+wori4OMXFxUmSFi9e7HV9hBk

AKCV2u01VIsLksBNMgPP54IMPLrpNYmKiqToJMwBQSux2mxx2u95dvUepaVmmytavHamurerI

ZjM/qgNYyZNPPlnscsMwZLPZZLfbCTMA4G+e3J4/KsKzhy0CVvPpp58WWZadna0dO3Zo1qxZe

umll0zXSZgBAAA+c+WVVxa7vF69esrKytKkSZO0aNEiU3VyYhcAAFwSrr32Wu3evdt0OcIMAA

Dwu7y8PL3//vuqWrWq6bKcZgIAAD7TsWNHGYbhtswwDKWlpSk3N1cjR440XSdhBgAA+MwNN9x

QJMzY7XaFhoaqQ4cOat26tek6CTMAAMBnJk2aVOp1EmYAAIDPbdy4UZs2bVJ6errCw8N1/fXX

q127dh7da4kwAwAAfCY3N1cPPfSQNmzYIIfDoYiICGVkZGju3Llq0qSJUlJSFB4ebqpOrmYCA

AA+M2XKFO3cuVMzZ87Uzp079eWXX2rnzp16/fXXdfjwYU2ePNl0nYQZAADgMytXrtSIESPUqV

Mnt1NKbdu21WOPPabPPvvMdJ2cZgIAWJanTxt3Og05ncbFN0Spy83NPe9dgCMjIz2qkzADALC

cSmGBcjoNhYd79kyrAqdTGelZBBo/6NatmxYsWKBWrVopMDDQtTw7O1tvvPGG7r77btN1EmYA

AJYTEhwgu92mhWv26tiJM6bKVosMU+8uDWS32wgzfhAWFqatW7eqc+fOat26tapUqaLjx4/ri

y++0KlTp3TVVVfpiSeekHT2ZnrPPffcReskzAAALMuTJ5TDv9atW+d6ZMFXX33lWh4WFuYKOo

X+eHO98yHMAAAAn/n0009LvU7CDAAA8Dmn06mffvpJmZmZqlKliurWretxXYQZAADgU0uWLNF

LL72kEydOuJZVr15djz32mHr06GG6Pu4zAwAAfGb16tUaN26cunTpotGjR8tms2ncuHGqX7++

kpOTtW7dOtN1EmYAAIDPzJ07V7169dJTTz2l+Ph4GYahu+++W3PmzNGf//xnvfrqq6brJMwAA

ACf+f7773XzzTcXu65Hjx76/vvvTddJmAEAAD4TFhamkydPFrvu0KFDph8yKXkRZvbv36/mzZ

tr2bJlrmV79uxRUlKSmjVrpvbt2yslJcWtjNPp1MyZM9WmTRs1bdpUDzzwgA4ePOhpEwAAgMV

cd911evXVV3X8+HHXMsMwtGnTJk2bNk1du3Y1XadHYeb333/XyJEjlZWV5VqWnp6ufv36qXbt

2lq6dKmGDh2qGTNmaOnSpa5tZs+erUWLFmnChAlavHixbDabBg4cqLy8PE+aAQAALGb48OE6d

uyYRo0aJUmy2WxKSEhQ37591ahRIz366KOm6/To0uyXX35ZFSpUcFv23nvvKSgoSOPGjVNAQI

Dq1aungwcP6o033lDPnj2Vl5enefPmKTk5We3atZMkTZ8+XW3atNHatWvVvXt3T5oCAAAs5Np

rr9WyZcu0a9cuhYeHq2vXroqKilKrVq1c+cAs02Fmy5YtWrx4sZYvX6727du7lm/dulXx8fEK

CPhflQkJCZozZ45OnDihQ4cO6cyZM0pISHCtDw8PV8OGDbVlyxbCDAAA5USNGjVUo0YNSdK0a

dO8rs9UmMnMzNSoUaM0duxYXXHFFW7rjh49qpiYGLdl1apVkyQdPnxYR48elaQi5apVq6YjR4

6YbjgAALCeWbNmXXSbhx9+2FSdpsLMuHHj1KxZs2LvzpeTk6OgoCC3ZcHBwZKk3NxcZWdnS1K

x25xvVrMZAQFld2GWw2F3+z8ujP4yh/4ypyyPdcm7z6OwjM1mk81mM1XWtb1Npst6W96rfZ+z

uS/3Wxpl/XHMcbyfnT97vgdIOhwOXXnllWUXZpYvX66tW7fqo48+KnZ9SEhIkYm8ubm5ks5eh

hUSEiJJysvLc/27cJvQ0FBTjf4ju92miIgKF9/QS+Hh3rWzvKG/zKG/Ls5Xx7rk3efhcNgVEO

AwV8Zud/3fbFlvy3tV1uan/XpT9r9Bwp/HXHk+3nfv3l1kWVpamvbt26fnn39et9xyi+k6Sxx

mli5dqhMnTrjNk5Gkp59+WikpKbryyiuVmprqtq7wdXR0tPLz813LatWq5bZNbGys6Yafy+k0

lJmZdfENPeRw2BUeHqrMzGwVFDjLbD+XC/rLnPLQX6UVQMr6WJe8+zwKyxYUOJWfX2CqbIHT6

fq/2bLelveqrOGn/XpT9r+fqz+OOY734kVGRiohIUGjRo3SiBEj9NBDD5kqX+IwM3XqVOXk5L

gtu/XWWzVs2DB169ZNH3/8sRYtWqSCggI5HGdT8saNG1WnTh1VrVpVlSpVUsWKFfX111+7wkx

mZqZ2796tpKQkU40uTn5+2X8pzv6Aujy/fGWB/jKH/ioZX/WRN5+HYRjnHUa/UJmz/5Dpst6W

92rf52zuy/2WRll/HnMc78VLT09X5cqVTZcrcZiJjo4udnnVqlVVo0YN9ezZU3PnztWYMWM0Y

MAAffPNN5o/f77Gjx8v6excmaSkJE2dOlWRkZGqUaOGpkyZourVq6tTp06mGw4AAC4v3bp1U+

vWrU2X8+g+M8WpWrWq5s6dq4kTJyoxMVFRUVEaNWqUEhMTXdsMGzZM+fn5Gjt2rHJychQfH6+

UlJQik4IBAED5VKYjM8X57rvv3F7HxcVp8eLF593e4XAoOTlZycnJ3uwWAADApfxeGwYAAC4L

hBkAAGBphBkAAOAXx48f16xZs1xXmB07dqxEdwj+I8IMAADwi9TUVM2aNUvO/943iDADAADKJ

cIMAACwNMIMAACwNMIMAACwNMIMAACwtFJ7nAEAAFbicHj+97zTacjpNP9AUBRls9ku+LokCD

MAgHKlUlignE5D4eGhHtdR4HQqIz2LQOOlq666SpMnT5bD4ZAk1axZU5MnTzZdD2EGAFCuhAQ

HyG63aeGavTp24ozp8tUiw9S7SwPZ7TbCjJcqV66sO+64w/U6IiLC7XVJEWYAAOVSalqWDh0/

7e9moBQwARgAAFgaYQYAAFgaYQYAAFgaYQYAAFgaE4ABAIDPdOzYUYZR8qvAPvvss4tuQ5gBA

AA+c8MNN1w0zPz666/avn27CgoKSlQnYQYAAPjMpEmTil1+5MgRrVq1SqtWrdK3336rsLAwde



jQoUR1EmYAAIBfpKamavXq1Vq5cqV27Nih0NBQdejQQYMGDVLbtm0VFBRUonoIMwAAwGfS0tK

0evVqrVq1Stu3b1dwcLDat2+v/v37q127diUOMOcizAAAAJ9p27atJKlz586aPn262rVrp+Dg

YK/q5NJsAADgMx06dJDD4dC3336rXbt2af/+/V7XycgMAADwmZdfflmnT5/W2rVrtWLFCqWkp

Ojqq69W165d1a1bN9WtW9d0nYQZAADgUxUrVlRiYqISExOVnp6u1atXa8WKFZo9e7bq16+vrl

27qnv37qpRo0aJ6uM0EwAA8JuIiAj16tVL77zzjj799FPddtttWrVqlTp27Ki//OUvJaqDkRk

AAOAzDRo0uOhN82w2m2w2m7755psS1UmYAQAAPvPwww+bepxBSRBmAACAzzz00EOlXidhBgAA

Dzgc5qedelLmcvTBBx/om2++UYsWLdSjRw9J0t69e1W7dm2FhISYro8wAwCACZXCAuV0GgoPD

/WovNNpyGazlXKrrGPWrFl65ZVXVKlSJS1cuFC//fab+vXrpwkTJujw4cNasGBBia9iKkSYAQ

DAhJDgANntNi1cs1fHTpwxVTa6agX16hwru738hpmlS5eqb9++evzxx5WSkqLXX39dffv21XP

PPadHHnlEM2bM0AsvvGCqTsIMAAAeSE3L0qHjp02VKc8jMoXS09NdT8O+8847NXXqVP3666+q

WbOmBg8erHHjxpmuk5N3AADAZ6Kjo3Xs2DFJZ+8xU7VqVR08eFCSVKlSJaWnp5uukzADAAB8p

n379po3b57OnDl7iq5x48b6/vvvJUnbtm1TeHi46To5zQQAAHzmmmuu0YIFC9SlSxddd911On

r0qBYtWqTNmzfrn//8p2677TbTdRJmAACAz/zf//2fKleurMDAQO3cuVPS2blEBw4cUM+ePfX

oo4+arpMwAwAAfGbFihWqV69eqdZJmAGAYnBDNKBslHaQkQgzAODGZrN5dUM0ABfWsWNHU89m

+uyzzy66DWEGAM5ht9s8viFa/dqR6tqqDvcSAS7ghhtu4EGTAOALntwQLSqC0RyUjN1uU0CA+

dOSTqchp7N0g4CvTZo0qdTrJMwAAOAjhc91qljR/MMUJanA6VRGepblA41hGPriiy+0efNmnT

p1SpUrV9aNN96o1q1be1QfYQYAAB/x5rlO1SLD1LtLA9ntNkuHmZycHA0cOFBbt25VWFiYzpw

5I7vdrrlz5+qmm27S7NmzFRQUZKpOwgwAAD6Wmm7+NOblYsaMGTpw4ICWLFkiu92uO++8U9u2

bdMXX3yhsWPH6qWXXtKoUaNM1cl1hAAAwGdWr16tIUOGqHHjxq6JwEFBQerSpYuGDRumlStXm

q6TMAMAAHzmxIkT573XTL169XTixAnTdRJmAACAz0RHR2vHjh3Frlu7dq3q1Kljuk5TYSYjI0

P/93//p7Zt26pFixbq1auXtm7d6lq/Z88eJSUlqVmzZmrfvr1SUlLcyjudTs2cOVNt2rRR06Z

N9cADD7ge+w0AAC5/3bt316xZs7Rs2TLXsk8++USjRo3SokWLNHjwYNN1mgozjz76qHbs2KFp

06bp/fffV6NGjdS/f3/9+OOPSk9PV79+/VS7dm0tXbpUQ4cO1YwZM7R06VJX+dmzZ2vRokWaM

GGCFi9eLJvNpoEDByovL890wwEAgPUMGTJEbdu21SeffCJJstvteuSRR7Rp0yY9//zz6tatm+

k6S3w108GDB7VhwwYtXLhQLVq0kCSNGTNG//znP7VixQqFhIQoKChI48aNU0BAgOrVq6eDBw/

qjTfeUM+ePZWXl6d58+YpOTlZ7dq1kyRNnz5dbdq00dq1a9W9e3fTjQcAANYSFBSkl19+WRkZ

GQoICNBrr72matWqKSYmRna7Z7NfSlwqIiJCr7/+uho3buxaZrPZZBiGTp48qa1btyo+Pl4BA

f/LRwkJCdq/f79OnDihvXv36syZM0pISHCtDw8PV8OGDbVlyxaPGg8AAKypSpUqqlixotq2ba

vY2FiPg4xkYmQmPDzcNaJSaNWqVfr555910003afr06YqJiXFbX61aNUnS4cOHdfToUUnSFVd

cUWSbI0eOeNT4c3lyW+iSKnwSLk/ELRn6yxz6y5yyPNals7eZlyTZZPoZS67tfVzWr/s+Z3Or

9Jc/+7o0+oufFUV5fNO8bdu26cknn1THjh118803a/LkyUXu2BccHCxJys3NVXZ2tiQVu83Jk

yc9bYaksz98IiIqeFVHSfAUXXPoL3Por4vz1bEuSQ67XQEBDtNl/FHWn/t22Py0X6v2tTf99d

8Qw8+KojwKM+vWrdPIkSPVtGlTTZs2TZIUEhJSZCJvbm6uJCksLEwhIWefQ5GXl+f6d+E2oaH

efTBOp6HMzCyv6rgQh8Ou8PBQZWZmq6DAWWb7uVzQX+aUh/4qrQBS1se6JAUGOlSxYogKnE7l

5xeYKlvgdLr+78uy/tx3geGn/Vq1r73pr//+fLjUf1b46g+Oc5kOM3//+981ceJEderUSVOnT

nWNtFSvXl2pqalu2xa+jo6OVn5+vmtZrVq13LaJjY31+A0Uys8v+w+2oMDpk/1cLugvc+ivki

nrPnIN4Rty3Z20pFzb+7isX/d9zuZW6S9/9nVp9Bc/K4oydeLt3Xff1bPPPqv77rtPL730kts

po/j4eG3btk0FBf9Lmhs3blSdOnVUtWpVxcbGqmLFivr6669d6zMzM7V7925df/31pfBWAABA

eVTiMLN//35NmjRJnTp10qBBg3TixAkdP35cx48f16lTp9SzZ0+dPn1aY8aM0Q8//KBly5Zp/

vz5GjRokKSzc2WSkpI0depUffrpp9q7d68eeeQRVa9eXZ06dSqzNwgAAC5vJT7NtGbNGv3+++

9au3at1q5d67YuMTFRzz33nObOnauJEycqMTFRUVFRGjVqlBITE13bDRs2TPn5+Ro7dqxycnI

UHx+vlJQU04/6BgAAKFTiMDN48OCL3mI4Li5OixcvPu96h8Oh5ORkJScnl7yFAAAAF8DF6gAA

wNIIMwAAwNIIMwAAwNIIMwAAwNI8fpwBAADwPU+fzeR0GnI6zd8k0AoIMwAAWEClsEA5nYbHz

2YqcDqVkZ51WQYawgwAABYQEhwgu92mhWv26tiJM6bKVosMU+8uDWS32wgzAADAv1LTsnTo+G

l/N+OSwgRgAABgaYQZAABgaYQZAABgaYQZAABgaYQZAABgaYQZAABgaVyaDQBAOXG53j2YMAM

AwGXucr97MGEGAIDL3OV+92DCDAAA5cTlevdgJgADAABLI8wAAABLI8wAAABLI8wAAABLI8wA

AABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8wAA

ABLI8wAAABLC/B3A3D5cjg8y8pOpyGn0yjl1gAALleEGZQ6m80mp9NQeHioR+ULnE5lpGcRaA

AAJUKYuczZ7TbZ7TaPyno6QlK4z4Vr9urYiTOmylaLDFPvLg1kt9sIMwCAEiHMXMbsdpuqRIT

JYffsdI+3IySpaVk6dPy0R2UBACgpwsxlzG63yWG3693Ve5SalmWqbOEISWCgQwUFTtP7tSp/

jGQBALxDmLEAT3/BFk7A9WSEpFJYoFfzXqzI3yNZAADPEGYucd7+gvVUSHCAx/NeYmtHqkurO

pKfBmi8CX/ejmQx1+fS4en3wMoji0B5RZi5xHlzqqh+7Uh1bVVHNpvnP5w9GdWpFhnm8f4KeX

pZt81mU6XwEK/CH3N9rM9ffwQA8A/CjEV48gs2KsJ6p4hK6/SWv8IfLg3e/BHg75FFAOYRZnB

J8eb0lvS/QHI8PbtchD9cmL9GFgH4FmEGlyRPT/UQSACg/OGEMgAAsDRGZkzwdFKqxD1IAAAo



K4SZEvD2WUPS2XuQnMrMkWGYCzTeBChYiz8+a0I2gMsBYaYEvHnWkCTVvjJct7e9RlWqMLHwc

udJIAkIcHgVlp1Ow+N7o3gass/dN2EIgL8RZkzwZlKqp2GIy4WtoTQuKffm++FJ2dII2dz1GM

ClwC9hxul0atasWVqyZIkyMzN13XXX6emnn9bVV1/tj+b4THm5V0x5VBp3TE5N9/z74el3y5s

RR+56DOBS4ZcwM3v2bC1atEiTJ09WdHS0pkyZooEDB2rFihUKCgryR5OAUmHF+5pwx2MAVufz

GYd5eXmaN2+ehg4dqnbt2ik2NlbTp0/XsWPHtHbtWl83BwAAWJzPw8zevXt15swZJSQkuJaFh

4erYcOG2rJlS5nu2263KSDAbvo/HjwHAMCly2Z4ehmDhz755BMNHTpUO3bsUEhIiGv58OHDlZ

OTozlz5piu0zBKdkWF3W7zaiLt6aw8FXgwNyAwwK6wkECPylPWHCu224plJclht6liWJCcTqc

u9lOktC47L+mxbrNJdrvdUn3Kd98aZf25b3+VNXOsS/65zYTP58xkZ2dLUpG5McHBwTp58qRH

ddpsNjkcZT96UjHMu/k83pSnrDX2Xd7KSmdDg6+YPdat2Kd8961R1p/79ldZXx7rZvm8ZYWjM

Xl5eW7Lc3NzFRrKlTsAAMAcn4eZK664QpKUmprqtjw1NVXVq1f3dXMAAIDF+TzMxMbGqmLFiv

r6669dyzIzM7V7925df/31vm4OAACwOJ/PmQkKClJSUpKmTp2qyMhI1ahRQ1OmTFH16tXVqVM

nXzcHAABYnF9umjds2DDl5+dr7NixysnJUXx8vFJSUrhhHgAAMM3nl2YDAACUpkv3OisAAIAS

IMwAAABLI8wAAABLI8wAAABLI8wAAABLI8wAAABLI8xcxKFDh1S/fv0i/y1ZssTfTbukzJ49W

3369HFbtmfPHiUlJalZs2Zq3769UlJS/NS6S09x/fXEE08U+Z61bdvWTy0sfzjWS47j3RyO97

Lnl5vmWcl3332n4OBgrVu3Tjbb/57WW6lSJT+26tLy1ltvaebMmYqPj3ctS09PV79+/XTLLbd

o/Pjx+s9//qPx48erSpUq6tmzpx9b63/F9Zd09rs2ePBgJSUluZY5HA5fN6/c4lgvGY53czje

fYMwcxH79u1TnTp1VK1aNX835ZJz7NgxjRkzRtu2bVOdOnXc1r333nsKCgrSuHHjFBAQoHr16

ungwYN64403yu0Ptwv1V0FBgX744QcNGTJEUVFRfmph+caxfmEc7+ZwvPsWp5ku4rvvvtM111

zj72Zcknbt2qXKlSvrH//4h5o2beq2buvWrYqPj1dAwP/yckJCgvbv368TJ074uqmXhAv114E

DB5Sbm6t69er5qXXgWL8wjndzON59i5GZi9i3b5+ioqLUu3dvHThwQFdffbWGDBmiNm3a+Ltp

fnfzzTfr5ptvLnbd0aNHFRMT47as8C/ew4cPq2rVqmXevkvNhfpr3759stlsmj9/vv75z3/Kb

rerXbt2GjFiBKc5fIRj/cI43s3hePctRmYuIC8vTwcOHNDp06c1YsQIvf7662rSpIkGDhyojR

s3+rt5l7ScnJwiDw4NDg6WJOXm5vqjSZe077//Xna7XTVq1NBrr72mxx9/XF988YWGDBkip9P

p7+Zd9jjWvcPxbg7He+ljZOYCgoKCtGXLFgUEBLgO1MaNG+vHH39USkqKbrzxRj+38NIVEhKi

vLw8t2WFP9TCwsL80aRL2tChQ9W3b1+Fh4dLkmJiYhQVFaV77rlHO3fuLDJMjdLFse4djndzO

N5LHyMzFxEWFlbkL46YmBgdO3bMTy2yhurVqys1NdVtWeHr6OhofzTpkmaz2Vw/2AoVDtsfPX

rUH00qdzjWPcfxbg7He+kjzFzA3r171bx5c23dutVt+bfffstEwYuIj4/Xtm3bVFBQ4Fq2ceN

G1alTp1yeP7+Yxx57TP3793dbtnPnTkniu+YDHOve4Xg3h+O99BFmLiAmJkbXXnutxo8fr61b

t+rHH3/U5MmT9Z///EeDBw/2d/MuaT179tTp06c1ZswY/fDDD1q2bJnmz5+vQYMG+btpl6Tbb

rtNGzZs0Kuvvqqff/5ZX3zxhZ588knddtttXPHgAxzr3uF4N4fjvfQxZ+YC7Ha7XnvtNU2dOl

UjRoxQZmamGjZsqDfffFP169f3d/MuaVWrVtXcuXM1ceJEJSYmKioqSqNGjVJiYqK/m3ZJ6tC

hg2bMmKHXXntNr732mipVqqQePXpoxIgR/m5aucCx7h2Od3M43kufzTAMw9+NAAAA8BSnmQAA

gKURZgAAgKURZgAAgKURZgAAgKURZgAAgKURZgAAgKURZgAAgKURZgAAgKURZgAAgKURZgAAg

KURZgAAgKURZlDmcnJy9OKLL+rWW29V48aN1aJFC/Xr10979uxxbfPBBx+oW7duatKkiW6//X

Zt3LhRDRs21LJly1zbHD58WI8++qhatmyppk2b6v7779fu3bv98ZYAnAfHO/yBMIMyN2rUKL3

//vv629/+pnnz5mn06NHat2+fHnnkERmGoeXLl2v06NFq0aKFZs+erc6dO2vIkCEqKChw1ZGW

lqZ7771Xu3bt0lNPPaUXX3xRTqdT9913n3788Uc/vjsA5+J4h18YQBnKzc01HnjgAePjjz92W

z5v3jwjJibGOHbsmNG+fXtj0KBBbuvnzJljxMTEGEuXLjUMwzCmTZtmNGnSxPj111/d6u7Ysa

MxdOjQsn8jAC6K4x3+wsgMylRQUJBSUlLUrVs3paamasuWLVq8eLHWr18vSTpw4IAOHz6sLl2

6uJXr3r272+uNGzeqQYMGio6OVn5+vvLz82W329W2bVt99dVXPns/AM6P4x3+EuDvBuDy9+WX

X2rSpEn66aefVKFCBdWvX18VKlSQJAUGBkqSqlat6lYmKirK7XVGRoYOHjyoRo0aFbuP7Oxsh

YaGlkHrAZjB8Q5/IMygTP3888966KGH1LFjR82ZM0e1atWSJL3zzjv68ssvXefJT5w44Vbuj6

8rVaqkli1batSoUcXuJygoqAxaD8AMjnf4C6eZUKa+/fZb5ebmatCgQa4fbNLZv94kqVq1aqp

Vq5bWrl3rVm7NmjVur1u2bKn9+/erTp06atKkieu/f/zjH1qyZIkcDkfZvxkAF8TxDn8hzKBM

NWrUSAEBAZoyZYo2bNig9evXa+jQofr8888lnR0uHjZsmNatW6enn35a//rXvzR37lzNmDFDk

mS3n/2K9u3bV06nU3379tXKlSu1ceNGPfXUU3r77bdVt25df709AOfgeIe/2AzDMPzdCFzeVq

9erVmzZunnn39W5cqV1axZM/31r39Vnz599NRTT+m+++7T4sWLlZKSosOHD+vaa6/VfffdpzF

jxujll1/WrbfeKunsEPaLL76ojRs3Kjc3V7Vr11afPn101113+fkdAijE8Q5/IMzA71asWKGG

DRu6/cX1+eefa9CgQfrwww8VGxvrx9YBKE0c7ygLhBn43d/+9jf9+OOPGjFihK644godOHBAM

2fO1NVXX60FCxb4u3kAShHHO8oCYQZ+l56erhdffFH//Oc/lZaWpj/96U/q3Lmzhg0b5rqkE8

DlgeMdZYEwAwAALI2rmQAAgKURZgAAgKURZgAAgKURZgAAgKURZgAAgKURZgAAgKURZgAAgKU

RZgAAgKURZgAAgKX9P/o6M65RLXv1AAAAAElFTkSuQmCC", 

      "text/plain": [ 

       "<Figure size 600x600 with 4 Axes>" 



      ] 

     }, 

     "metadata": {}, 

     "output_type": "display_data" 

    } 

   ], 

   "source": [ 

    "df_init_2_time_points['trt_grp'] = 

pd.Categorical(df_init_2_time_points['trt_grp'], \n", 

    "                        categories=['<=30 days apart',  '>=90 days 

apart'],\n", 

    "                        ordered=True)\n", 

    "df_init_2_time_points['age_years'] = 

round(df_init_2_time_points['age_at']/365.25)\n", 

    "df_init_2_time_points['gender'] = 

pd.Categorical(df_init_2_time_points['gender'], \n", 

    "                        categories=['Female',  'Male'],\n", 

    "                        ordered=False)\n", 

    "sns.set_theme(style=\"darkgrid\")\n", 

    "\n", 

    "g = sns.displot(\n", 

    "    df_init_2_time_points, x=\"age_years\", col=\"trt_grp\", 

row=\"gender\",\n", 

    "    binwidth=1, height=3, facet_kws=dict(margin_titles=True),\n", 

    ")\n", 

    "custom_colnames = [\"CTRL\", \"BB\"]\n", 

    "for i, ax in enumerate(g.axes[0]):\n", 

    "    ax.set_title(custom_colnames[i], fontsize=14)  # Adjust the 

fontsize\n", 

    "\n", 

    "g.set(ylabel='')\n", 

    "g.set(xlabel='age')\n", 

    "g.fig.suptitle(f'In-center program', y=1.06)" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 25, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [ 

    { 

     "data": { 

      "text/plain": [ 

       "TtestResult(statistic=4.024969228864507, 

pvalue=6.724888995398134e-05, df=433.498231695994)" 

      ] 

     }, 

     "execution_count": 25, 

     "metadata": {}, 

     "output_type": "execute_result" 

    } 

   ], 



   "source": [ 

    "demo_init = 

df_init_2_time_points[df_init_2_time_points['time_point']==0]\n", 

    "demo_ttest(demo_init, 'age_at', '<=30 days apart', '>=90 days 

apart')" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 26, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [ 

    { 

     "name": "stdout", 

     "output_type": "stream", 

     "text": [ 

      "count    8326.000000\n", 

      "mean        9.996774\n", 

      "std         3.094034\n", 

      "min         4.010951\n", 

      "25%         7.600274\n", 

      "50%         9.629021\n", 

      "75%        12.119781\n", 

      "max        17.987680\n", 

      "Name: age_at, dtype: float64 \n", 

      " count    746.000000\n", 

      "mean      10.436555\n", 

      "std        3.243900\n", 

      "min        4.087611\n", 

      "25%        7.911020\n", 

      "50%       10.087611\n", 

      "75%       12.800821\n", 

      "max       17.911020\n", 

      "Name: age_at, dtype: float64\n", 

      "count    620.000000\n", 

      "mean      10.327182\n", 

      "std        3.147210\n", 

      "min        4.030116\n", 

      "25%        8.035592\n", 

      "50%        9.980835\n", 

      "75%       12.496235\n", 

      "max       17.549624\n", 

      "Name: age_at, dtype: float64 \n", 

      " count    386.000000\n", 

      "mean       9.991552\n", 

      "std        3.120711\n", 

      "min        4.191650\n", 

      "25%        7.563313\n", 

      "50%        9.824778\n", 

      "75%       12.566735\n", 

      "max       17.911020\n", 

      "Name: age_at, dtype: float64\n" 



     ] 

    } 

   ], 

   "source": [ 

    "age_ctrl = 

df_init_2_time_points.loc[df_init_2_time_points['trt_grp']=='<=30 days 

apart', 'age_at']/365.25\n", 

    "age_bb = 

df_init_2_time_points.loc[df_init_2_time_points['trt_grp']=='>=90 days 

apart', 'age_at']/365.25\n", 

    "print(age_bb.describe(), \n", 

    "      '\\n',\n", 

    "    age_ctrl.describe()\n", 

    ")\n", 

    "\n", 

    "age_ctrl = 

df_virtual_2_time_points.loc[df_virtual_2_time_points['trt_grp']=='<=30 

days apart', 'age_at']/365.25\n", 

    "age_bb = 

df_virtual_2_time_points.loc[df_virtual_2_time_points['trt_grp']=='>=90 

days apart', 'age_at']/365.25\n", 

    "print(age_bb.describe(), \n", 

    "      '\\n',\n", 

    "    age_ctrl.describe()\n", 

    ")" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 27, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [ 

    { 

     "data": { 

      "text/plain": [ 

       "trt_grp\n", 

       "Initial    4166\n", 

       "Virtual     310\n", 

       "Name: user_id, dtype: int64" 

      ] 

     }, 

     "execution_count": 27, 

     "metadata": {}, 

     "output_type": "execute_result" 

    } 

   ], 

   "source": [ 

    "# compare the virtual program to the in-center program (initial)\n", 

    "# only keeping subjects who stayed for >= 90 days\n", 

    "# note the difference between df_comb and df_comp\n", 

    "\n", 

    "cols2drop = ['birthdate', 'gender', 'Status', 'Hours', 'Center']\n", 



    "df_1 = df_init_2_time_points[df_init_2_time_points['trt_grp'] == 

'>=90 days apart'].drop(columns=cols2drop)\n", 

    "df_1['enroll type'] = 'Initial'\n", 

    "df_2 = df_virtual_2_time_points[df_virtual_2_time_points['trt_grp'] 

== '>=90 days apart'].drop(columns=cols2drop)\n", 

    "df_2['enroll type'] = 'Virtual'\n", 

    "df_2programs = pd.concat([df_1, 

df_2]).drop(columns='trt_grp').rename(columns={'enroll 

type':'trt_grp'})\n", 

    "df_2programs.groupby('trt_grp')['user_id'].nunique()" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 29, 

   "metadata": { 

    "metadata": {} 

   }, 

   "outputs": [ 

    { 

     "data": { 

      "text/html": [ 

       "<div>\n", 

       "<style scoped>\n", 

       "    .dataframe tbody tr th:only-of-type {\n", 

       "        vertical-align: middle;\n", 

       "    }\n", 

       "\n", 

       "    .dataframe tbody tr th {\n", 

       "        vertical-align: top;\n", 

       "    }\n", 

       "\n", 

       "    .dataframe thead th {\n", 

       "        text-align: right;\n", 

       "    }\n", 

       "</style>\n", 

       "<table border=\"1\" class=\"dataframe\">\n", 

       "  <thead>\n", 

       "    <tr style=\"text-align: right;\">\n", 

       "      <th></th>\n", 

       "      <th>user_id</th>\n", 

       "      <th>trt_grp</th>\n", 

       "      <th>test_name</th>\n", 

       "      <th>pre_score</th>\n", 

       "      <th>post_score</th>\n", 

       "    </tr>\n", 

       "  </thead>\n", 

       "  <tbody>\n", 

       "    <tr>\n", 

       "      <th>2462</th>\n", 

       "      <td>708978</td>\n", 

       "      <td>&gt;=90 days apart</td>\n", 

       "      <td>ML_max_score</td>\n", 

       "      <td>NaN</td>\n", 



       "      <td>NaN</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>2069</th>\n", 

       "      <td>614364</td>\n", 

       "      <td>&lt;=30 days apart</td>\n", 

       "      <td>TS_max_score</td>\n", 

       "      <td>5.0</td>\n", 

       "      <td>7.0</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>2108</th>\n", 

       "      <td>619539</td>\n", 

       "      <td>&lt;=30 days apart</td>\n", 

       "      <td>ML_max_score</td>\n", 

       "      <td>6.0</td>\n", 

       "      <td>8.0</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>2646</th>\n", 

       "      <td>753667</td>\n", 

       "      <td>&lt;=30 days apart</td>\n", 

       "      <td>DT_final_score</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>NaN</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>2686</th>\n", 

       "      <td>764189</td>\n", 

       "      <td>&lt;=30 days apart</td>\n", 

       "      <td>SS_max_score</td>\n", 

       "      <td>0.0</td>\n", 

       "      <td>2.0</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>2977</th>\n", 

       "      <td>846125</td>\n", 

       "      <td>&gt;=90 days apart</td>\n", 

       "      <td>FM_final_score</td>\n", 

       "      <td>81.0</td>\n", 

       "      <td>64.0</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>280</th>\n", 

       "      <td>261518</td>\n", 

       "      <td>&gt;=90 days apart</td>\n", 

       "      <td>SS_max_score</td>\n", 

       "      <td>3.0</td>\n", 

       "      <td>4.0</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>2749</th>\n", 

       "      <td>773417</td>\n", 

       "      <td>&gt;=90 days apart</td>\n", 



       "      <td>FM_final_score</td>\n", 

       "      <td>132.0</td>\n", 

       "      <td>132.0</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>1414</th>\n", 

       "      <td>491731</td>\n", 

       "      <td>&gt;=90 days apart</td>\n", 

       "      <td>SS_max_score</td>\n", 

       "      <td>6.0</td>\n", 

       "      <td>6.0</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>2526</th>\n", 

       "      <td>720536</td>\n", 

       "      <td>&lt;=30 days apart</td>\n", 

       "      <td>DT_final_score</td>\n", 

       "      <td>0.0</td>\n", 

       "      <td>10.0</td>\n", 

       "    </tr>\n", 

       "  </tbody>\n", 

       "</table>\n", 

       "</div>" 

      ], 

      "text/plain": [ 

       "     user_id          trt_grp       test_name  pre_score  

post_score\n", 

       "2462  708978  >=90 days apart    ML_max_score        NaN         

NaN\n", 

       "2069  614364  <=30 days apart    TS_max_score        5.0         

7.0\n", 

       "2108  619539  <=30 days apart    ML_max_score        6.0         

8.0\n", 

       "2646  753667  <=30 days apart  DT_final_score        NaN         

NaN\n", 

       "2686  764189  <=30 days apart    SS_max_score        0.0         

2.0\n", 

       "2977  846125  >=90 days apart  FM_final_score       81.0        

64.0\n", 

       "280   261518  >=90 days apart    SS_max_score        3.0         

4.0\n", 

       "2749  773417  >=90 days apart  FM_final_score      132.0       

132.0\n", 

       "1414  491731  >=90 days apart    SS_max_score        6.0         

6.0\n", 

       "2526  720536  <=30 days apart  DT_final_score        0.0        

10.0" 

      ] 

     }, 

     "execution_count": 29, 

     "metadata": {}, 

     "output_type": "execute_result" 

    } 

   ], 



   "source": [ 

    "df_rmANOVA_virtual = 

df_virtual_2_time_points[['user_id','DT_final_score', 'ML_max_score', 

'RT_final_score', 'FM_final_score', 'TS_max_score', 

'SS_max_score','time_point', 'trt_grp']].melt(id_vars 

=['user_id','time_point', 'trt_grp'],var_name='test_name', 

value_name='score')\n", 

    "df_rmANOVA_virtual = 

df_rmANOVA_virtual.pivot(index=['user_id','trt_grp', 

'test_name'],columns=['time_point'], values=['score']).reset_index()\n", 

    "df_rmANOVA_virtual.columns = ['user_id', 

'trt_grp','test_name','pre_score', 'post_score']\n", 

    "df_rmANOVA_virtual.to_csv('/Users/rye/Documents/Documents - 

Mac/BrainBalance/data/df_rmANOVA_virtual.csv', index=False) \n", 

    "df_rmANOVA_virtual.sample(10)" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 31, 

   "metadata": {}, 

   "outputs": [ 

    { 

     "data": { 

      "text/html": [ 

       "<div>\n", 

       "<style scoped>\n", 

       "    .dataframe tbody tr th:only-of-type {\n", 

       "        vertical-align: middle;\n", 

       "    }\n", 

       "\n", 

       "    .dataframe tbody tr th {\n", 

       "        vertical-align: top;\n", 

       "    }\n", 

       "\n", 

       "    .dataframe thead th {\n", 

       "        text-align: right;\n", 

       "    }\n", 

       "</style>\n", 

       "<table border=\"1\" class=\"dataframe\">\n", 

       "  <thead>\n", 

       "    <tr style=\"text-align: right;\">\n", 

       "      <th></th>\n", 

       "      <th>user_id</th>\n", 

       "      <th>trt_grp</th>\n", 

       "      <th>test_name</th>\n", 

       "      <th>pre_score</th>\n", 

       "      <th>post_score</th>\n", 

       "    </tr>\n", 

       "  </thead>\n", 

       "  <tbody>\n", 

       "    <tr>\n", 

       "      <th>4070</th>\n", 

       "      <td>209574</td>\n", 



       "      <td>&gt;=90 days apart</td>\n", 

       "      <td>ML_max_score</td>\n", 

       "      <td>5.0</td>\n", 

       "      <td>7.0</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>7169</th>\n", 

       "      <td>249406</td>\n", 

       "      <td>&gt;=90 days apart</td>\n", 

       "      <td>TS_max_score</td>\n", 

       "      <td>4.0</td>\n", 

       "      <td>3.0</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>15623</th>\n", 

       "      <td>418060</td>\n", 

       "      <td>&gt;=90 days apart</td>\n", 

       "      <td>TS_max_score</td>\n", 

       "      <td>4.0</td>\n", 

       "      <td>7.0</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>20468</th>\n", 

       "      <td>555349</td>\n", 

       "      <td>&gt;=90 days apart</td>\n", 

       "      <td>ML_max_score</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>NaN</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>3013</th>\n", 

       "      <td>197521</td>\n", 

       "      <td>&gt;=90 days apart</td>\n", 

       "      <td>FM_final_score</td>\n", 

       "      <td>51.0</td>\n", 

       "      <td>70.0</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>17591</th>\n", 

       "      <td>474405</td>\n", 

       "      <td>&gt;=90 days apart</td>\n", 

       "      <td>TS_max_score</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>NaN</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>304</th>\n", 

       "      <td>174070</td>\n", 

       "      <td>&lt;=30 days apart</td>\n", 

       "      <td>SS_max_score</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>4.0</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 



       "      <th>16411</th>\n", 

       "      <td>445744</td>\n", 

       "      <td>&gt;=90 days apart</td>\n", 

       "      <td>FM_final_score</td>\n", 

       "      <td>100.0</td>\n", 

       "      <td>90.0</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>22362</th>\n", 

       "      <td>617945</td>\n", 

       "      <td>&gt;=90 days apart</td>\n", 

       "      <td>DT_final_score</td>\n", 

       "      <td>4.0</td>\n", 

       "      <td>6.0</td>\n", 

       "    </tr>\n", 

       "    <tr>\n", 

       "      <th>1593</th>\n", 

       "      <td>183211</td>\n", 

       "      <td>&gt;=90 days apart</td>\n", 

       "      <td>RT_final_score</td>\n", 

       "      <td>NaN</td>\n", 

       "      <td>86.0</td>\n", 

       "    </tr>\n", 

       "  </tbody>\n", 

       "</table>\n", 

       "</div>" 

      ], 

      "text/plain": [ 

       "      user_id          trt_grp       test_name  pre_score  

post_score\n", 

       "4070   209574  >=90 days apart    ML_max_score        5.0         

7.0\n", 

       "7169   249406  >=90 days apart    TS_max_score        4.0         

3.0\n", 

       "15623  418060  >=90 days apart    TS_max_score        4.0         

7.0\n", 

       "20468  555349  >=90 days apart    ML_max_score        NaN         

NaN\n", 

       "3013   197521  >=90 days apart  FM_final_score       51.0        

70.0\n", 

       "17591  474405  >=90 days apart    TS_max_score        NaN         

NaN\n", 

       "304    174070  <=30 days apart    SS_max_score        NaN         

4.0\n", 

       "16411  445744  >=90 days apart  FM_final_score      100.0        

90.0\n", 

       "22362  617945  >=90 days apart  DT_final_score        4.0         

6.0\n", 

       "1593   183211  >=90 days apart  RT_final_score        NaN        

86.0" 

      ] 

     }, 

     "execution_count": 31, 

     "metadata": {}, 



     "output_type": "execute_result" 

    } 

   ], 

   "source": [ 

    "df_rmANOVA_init = df_init_2_time_points[['user_id','DT_final_score', 

'ML_max_score', 'RT_final_score', 'FM_final_score', 'TS_max_score', 

'SS_max_score', 'time_point', 'trt_grp']].melt(id_vars 

=['user_id','time_point', 'trt_grp'],var_name='test_name', 

value_name='score')\n", 

    "df_rmANOVA_init = df_rmANOVA_init.pivot(index=['user_id','trt_grp', 

'test_name'],columns=['time_point'], values=['score']).reset_index()\n", 

    "df_rmANOVA_init.columns = ['user_id', 

'trt_grp','test_name','pre_score', 'post_score']\n", 

    "df_rmANOVA_init.to_csv('/Users/rye/Documents/Documents - 

Mac/BrainBalance/data/df_rmANOVA_init.csv', index=False)\n", 

    "df_rmANOVA_init.sample(10)" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 34, 

   "metadata": {}, 

   "outputs": [], 

   "source": [ 

    "df_2programs_RM = df_2programs.drop(columns=['SS_avg_score', 

'test_date', 'age_at', 'age_years', 

'cum_interval_int']).set_index(['user_id', 'trt_grp', 

'time_point']).stack().reset_index().rename(columns={'level_3':'test_name

', 0:'score'})\n", 

    "df_2programs_RM.to_csv('2programs_rmANOVA.csv')" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 37, 

   "metadata": {}, 

   "outputs": [], 

   "source": [ 

    "n_times = 10_000\n", 

    "change_score_dict = {}\n", 

    "res_dict = {}\n", 

    "i = 0\n", 

    "creyos_tasks = {'SS':'SS_avg_score', 'DT':'DT_final_score', 

'ML':'ML_max_score', 'RT':'RT_final_score', 'FM':'FM_final_score', 

'TS':'TS_max_score'}\n", 

    "for t, score_name in creyos_tasks.items():\n", 

    "    diff_score_1test = get_test_df(df_2programs, score_name)\n", 

    "    res_init = 

stats.bootstrap((diff_score_1test.loc[(diff_score_1test['trt_grp']=='Init

ial'), 'diff_score'].dropna(), ), \n", 

    "                np.nanmean, confidence_level=0.95, \n", 

    "                n_resamples=n_times, method='BCa')\n", 

    "    \n", 



    "    res_virtual = 

stats.bootstrap((diff_score_1test.loc[(diff_score_1test['trt_grp']=='Virt

ual'), 'diff_score'].dropna(), ), \n", 

    "            np.nanmean, confidence_level=0.95, \n", 

    "            n_resamples=n_times, method='BCa')\n", 

    "\n", 

    "\n", 

    "    change_score_dict[t] = 

res_init.bootstrap_distribution/res_virtual.bootstrap_distribution\n", 

    "    res_dict[i] = {'task name':t, 'program type':'at-home', 

'ci':'low', 'value':res_virtual.confidence_interval[0]}\n", 

    "    res_dict[i+1] = {'task name':t, 'program type':'at-home', 

'ci':'high', 'value':res_virtual.confidence_interval[1]}\n", 

    "    res_dict[i+2] = {'task name':t, 'program type':'in-center', 

'ci':'low', 'value':res_init.confidence_interval[0]}\n", 

    "    res_dict[i+3] = {'task name':t, 'program type':'in-center', 

'ci':'high', 'value':res_init.confidence_interval[1]}\n", 

    "    i += 4" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 40, 

   "metadata": {}, 

   "outputs": [], 

   "source": [ 

    "## bootstrap for testing treatment effect of the at-home program and 

the in-center program\n", 

    "creyos_tasks = {'SS':'SS_max_score', 'DT':'DT_final_score', 

'ML':'ML_max_score', 'RT':'RT_final_score', 'FM':'FM_final_score', 

'TS':'TS_max_score'}\n", 

    "res_dict = {}\n", 

    "dist_dict = {}\n", 

    "n_times = 10_000\n", 

    "i = 0\n", 

    "for t, score_name in creyos_tasks.items():\n", 

    "    res_init_1 = 

stats.bootstrap((df_init_2_time_points.loc[(df_init_2_time_points['time_p

oint']==1) & (df_init_2_time_points['trt_grp']=='>=90 days apart') , 

score_name], ), \n", 

    "                np.nanmean, confidence_level=0.95, \n", 

    "                n_resamples=n_times, method='BCa')\n", 

    "    \n", 

    "    res_virtual_1 = 

stats.bootstrap((df_virtual_2_time_points.loc[(df_virtual_2_time_points['

time_point']==1) & (df_virtual_2_time_points['trt_grp']=='>=90 days 

apart'), score_name], ), \n", 

    "                np.nanmean, confidence_level=0.95, \n", 

    "                n_resamples=n_times, method='BCa')\n", 

    "    \n", 

    "    res_init_0 = 

stats.bootstrap((df_init_2_time_points.loc[(df_init_2_time_points['time_p

oint']==0) & (df_init_2_time_points['trt_grp']=='>=90 days apart'), 

score_name], ), \n", 



    "                np.nanmean, confidence_level=0.95, \n", 

    "                n_resamples=n_times, method='BCa')\n", 

    "    \n", 

    "    res_virtual_0 = 

stats.bootstrap((df_virtual_2_time_points.loc[(df_virtual_2_time_points['

time_point']==0) & (df_virtual_2_time_points['trt_grp']=='>=90 days 

apart'), score_name], ), \n", 

    "                np.nanmean, confidence_level=0.95, \n", 

    "                n_resamples=n_times, method='BCa')\n", 

    "    \n", 

    "    dist_dict[t] = 

{'pre_test':res_init_0.bootstrap_distribution/res_virtual_0.bootstrap_dis

tribution, 

'post_test':res_init_1.bootstrap_distribution/res_virtual_1.bootstrap_dis

tribution}\n", 

    "    #res_dict[t] = {'init_0':res_init_0.confidence_interval, 

'init_1':res_init_1.confidence_interval, 

'virtual_0':res_virtual_0.confidence_interval, 

'virtual_1':res_virtual_1.confidence_interval}\n", 

    "    #res_dict[t] = {'init':{'pre':res_init_0.confidence_interval, 

'post':res_init_1.confidence_interval}, 

'virtual':{'pre':res_virtual_0.confidence_interval, 

'post':res_virtual_1.confidence_interval}}\n", 

    "    res_dict[i] = {'task name':t, 'program type':'init', 'time 

point':'pre', 'ci_low':res_init_0.confidence_interval[0], 

'ci_high':res_init_0.confidence_interval[1]}\n", 

    "    res_dict[i+1] = {'task name':t, 'program type':'init', 'time 

point':'post', 'ci_low':res_init_1.confidence_interval[0], 

'ci_high':res_init_1.confidence_interval[1]}\n", 

    "    res_dict[i+2] = {'task name':t, 'program type':'virtual', 'time 

point':'pre', 'ci_low':res_virtual_0.confidence_interval[0], 

'ci_high':res_virtual_0.confidence_interval[1]}\n", 

    "    res_dict[i+3] = {'task name':t, 'program type':'virtual', 'time 

point':'post', 'ci_low':res_virtual_1.confidence_interval[0], 

'ci_high':res_virtual_1.confidence_interval[1]}\n", 

    "    i += 4" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 41, 

   "metadata": {}, 

   "outputs": [ 

    { 

     "name": "stdout", 

     "output_type": "stream", 

     "text": [ 

      "SS 0.935 0.9555\n", 

      "DT 0.7745 0.5913\n", 

      "ML 0.3312 0.372\n", 

      "RT 0.8317 0.4935\n", 

      "FM 0.8626 0.8282\n", 

      "TS 0.7793 0.9023\n" 

     ] 



    } 

   ], 

   "source": [ 

    "def find_nearest(array, value):\n", 

    "    array = np.asarray(array)\n", 

    "    idx = (np.abs(array - value)).argmin()\n", 

    "    return idx\n", 

    "\n", 

    "for t, score_name in creyos_tasks.items():\n", 

    "    pre_hist = np.sort(dist_dict[t]['pre_test'])\n", 

    "    post_hist = np.sort(dist_dict[t]['post_test'])\n", 

    "    pre_idx = find_nearest(pre_hist, 1)/len(pre_hist)\n", 

    "    post_idx = find_nearest(post_hist, 1)/len(post_hist)\n", 

    "    print(t, pre_idx, post_idx)" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 42, 

   "metadata": {}, 

   "outputs": [ 

    { 

     "name": "stdout", 

     "output_type": "stream", 

     "text": [ 

      "SS 0.9119\n", 

      "DT 0.201\n", 

      "ML 0.365\n", 

      "RT 0.042\n", 

      "FM 0.2744\n", 

      "TS 0.4721\n" 

     ] 

    } 

   ], 

   "source": [ 

    "for t, score_name in creyos_tasks.items():\n", 

    "    hist = np.sort(change_score_dict[t])\n", 

    "\n", 

    "    idx = find_nearest(hist, 1)/n_times\n", 

    "\n", 

    "    print(t, idx)\n", 

    "    " 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 43, 

   "metadata": {}, 

   "outputs": [], 

   "source": [ 

    "df_ci = pd.DataFrame.from_dict(res_dict, orient='index')\n", 

    "df_ci_plot = df_ci.set_index(['task name', 'program type', 'time 

point']).stack().reset_index().rename(columns={'level_3':'ci', 

0:'value'})\n", 



    "df_ci_plot['program type'].replace({'init':'in-center', 

'virtual':'at-home'}, inplace=True)" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 44, 

   "metadata": {}, 

   "outputs": [ 

    { 

     "name": "stderr", 

     "output_type": "stream", 

     "text": [ 

      "/Users/rye/opt/miniconda3/lib/python3.9/site-

packages/seaborn/axisgrid.py:718: UserWarning: Using the pointplot 

function without specifying `order` is likely to produce an incorrect 

plot.\n", 

      "  warnings.warn(warning)\n" 

     ] 

    }, 

    { 

     "data": { 

      "text/plain": [ 

       "<seaborn.axisgrid.FacetGrid at 0x167ddc550>" 

      ] 

     }, 

     "execution_count": 44, 

     "metadata": {}, 

     "output_type": "execute_result" 

    }, 

    { 

     "data": { 

      "image/png": 

"iVBORw0KGgoAAAANSUhEUgAAA8wAAAIzCAYAAADVm5AWAAAAOXRFWHRTb2Z0d2FyZQBNYXRw

bG90bGliIHZlcnNpb24zLjQuMywgaHR0cHM6Ly9tYXRwbG90bGliLm9yZy/MnkTPAAAACXBIW

XMAAA9hAAAPYQGoP6dpAADBPUlEQVR4nOzdeVxU1fsH8M/MsAwgICCbIqCgiAuKIagtopYmaq

UtlmZG4oZoZiQulVaalpop4k6imWXu5fLVn5pWhuK+byCoIALKvjMz9/cHODoy7DADw+f9evn

ycufcO8/IeGaee859jkgQBAFEREREREREpEKs7QCIiIiIiIiI6iMmzERERERERERqMGEmIiIi

IiIiUoMJMxEREREREZEaTJiJiIiIiIiI1GDCTERERERERKQGE2YiIiIiIiIiNZgwExERERERE

anBhLmREgRB2yEQUSPEvoeItIF9DxFVFxPmRujw4cMICQmp9fOOHDkSI0eOrPXz6qIjR45g1K

hR8PLyQqdOnfDKK69g7ty5ePjwYam2Z86cwfjx4+Hj44OOHTvC19cXM2bMwN27d7UQOVH1se/

RLjc3N5U/7du3h4+PD/z9/XHs2DGVtn369CnV/tk/06dP19IrIaoa9j3a9bjP+OGHH9Q+rlAo

8OKLL8LNzQ07duwAAMTHx6v8TKRNetoOgDQvIiJC2yE0ajt37sT06dMxbNgwfPjhhzAyMkJ0d

DTWrFmDv/76C9u3b0fTpk0BAJGRkQgICEDfvn0xd+5cmJmZ4e7du/jpp5/w9ttvY+vWrXB0dN

TuCyKqJPY92vfWW2/h7bffBgAUFRUhJSUF27Ztw9ixY/HFF1/g/fffBwAsX74chYWFyuOCgoL

Qvn17BAYGKvdZWlpqNniiamLfo31isRj/+9//MHXq1FKPnTp1CsnJyVqIiqhymDATaVhYWBgG

DRqEr7/+Wrmve/fu8PLywuuvv45t27YhICAAALBq1Sp06tQJy5YtU7b18fFBr1698Morr2D9+

vWYPXu2xl8DETVMdnZ26NKli8q+AQMGYOLEiViwYAF8fX3h4OCA9u3bq7QxMDCApaVlqWOJiC

qja9euOH36NK5cuYIOHTqoPLZ37164u7vj2rVrWoqOqHyckt3IjBw5ElFRUYiKioKbmxtOnjw

JALh+/TqCgoLQvXt3dOjQAS+++CLmzp2L/Px85bH//fcfhg0bBk9PT3Tr1g2BgYG4fft2mc/1

zz//oGPHjpgxY0aZ9w6NHDkSs2bNwpo1a+Dr64tOnTrh3XffxYULF1TaHTp0CMOHD4enpyc6d

uyIV199FZs2bVI+fvLkSbi5uSEyMhIjR46Eh4cHfH19sXXrViQnJyMoKAienp7o1atXqSvN6e

np+PLLL9GzZ0906tQJ77zzDiIjI8v9d5w+fXq5UxUf/7uq8/DhQ7X/Hu3atcOMGTPQsWNHlbb

q2NjY4PPPP8fzzz9fbpxE9QX7Hu33PWURiUT49NNPUVRUhG3btlX5eKL6jH1P/eh7vL290axZ



M+zfv19lv0wmw8GDBzFw4MByjyfSJpHAKgiNSnR0ND777DMAwOzZs+Hq6orc3FwMGDAAXbp0w

ciRI2FgYICjR49iw4YN+OSTTzB+/Hjcu3cPgwYNwptvvol+/fohIyMDS5YsUXZ0YrFYeR/Pzz

//jFOnTiEgIACvvvoq5s+fD7FY/bWZkSNH4tq1a3BxccGYMWMgCAK+++47FBUV4ciRI5BIJDh

69CjGjRuHDz74AH369EF+fj42bdqEf//9F7/++iu6du2KkydP4oMPPoClpSXGjh0LNzc3rFmz

BlFRUXB0dISfnx88PT3x66+/4vDhw9i6dSs8PDxQUFCAd955Bw8fPsSUKVNgY2OD7du34/Dhw

1i3bh169OihNu67d+8iNTW1zH9nV1dXNGnSRO1jU6ZMwf79+/Hyyy9jwIAB6NatG2xtbdW2Xb

hwIdatWwdvb2+8/vrr8PHxQcuWLct8XqL6in2P9vseNzc3BAUFYdKkSWof9/X1RcuWLfHzzz+

XeqxPnz7w9vbGggULynxuovqIfU/96XvS0tLw999/49ChQ8rH/vnnH0yePBlbt27FwIEDMX/+

fAwdOhTx8fHo27ev8mcibeKU7Ebm6Q7t8dS68+fPw93dHUuXLlU+1rNnT0RGRuLUqVMYP348L

l68iPz8fIwbN06Z3Nnb2+Pw4cPIzc1V6SQvXryIcePGoV+/fuV+aDwmk8kQHh6uPEdOTg5CQk

Jw7do1dOzYEdHR0XjjjTcwa9Ys5TGenp7w8fHBqVOn0LVrV+X+N998E/7+/gAAY2NjDBs2DB4

eHpg8eTIAoGPHjjh8+DDOnj0LDw8P7N69G9evX8fvv/+Ozp07AwBeeukljBw5EosWLcL27dvV

xuzo6Fjte4e/+eYbKBQKHDx4UPmh4ejoiD59+sDf3x92dnbKth9//DGysrKwfft2REVFAQBsb

W3h6+uLUaNGwcXFpVoxEGka+x7t9z0VadasWZmzWogaKvY99afv8fPzwy+//ILLly8rZ9Pt27

cPffv2hVQqrdG5ieoSE2bCCy+8gBdeeAFFRUWIjY1FXFwcbty4gdTUVGXxqc6dO8PQ0BBvvfU

W/Pz80KtXL3h5ecHDw0PlXPfv31deMZ09e3aFHxpA6auSjz+Y8vLyAEB5P29ubi7u3r2L2NhY

XLp0CUBx0ZqneXp6KrebNWumjP0xCwsLAEBWVhaA4qJa1tbW6NChA2QymbJd79698f333yMjI

wPm5ualYlYoFFAoFGW+JolEApFIpPYxU1NTLFu2DPHx8Th27BhOnjyJkydPIiIiAr///jvCw8

OVH4YGBgb4+uuvMWnSJBw7dgwnTpzAyZMnsWXLFuzYsQOLFy9G//79y4yDqD5j36PZvqcyanI

sUUPBvkc7fc9zzz0HW1tb7N+/Hx07dkRhYSEOHTqEhQsXlnsckbYxYSYoFAr88MMP+OWXX5Cb

mwt7e3t4eHjA0NBQ2cbBwQGbNm3CmjVr8PvvvyMiIgJmZmYYPnw4Pv74Y+UHRHx8PF544QWcP

HkSoaGhmDFjRoXPb2RkpPLz43M97phTU1Mxe/ZsHDp0CCKRCE5OTnjuuecAlF5XUd10oGfP/7

T09HSkpKSUKkDxWEpKitoPjpkzZ2Lnzp1lnnfjxo3w8fEp83Gg+N90xIgRGDFiBBQKBQ4dOoQ

ZM2Zg7ty5pZZRsLa2xltvvYW33noLQPG9S8HBwfjqq6/wyiuvVOoDmqi+Yd+jnb6nLElJSWjT

pk21jiVqSNj3aKfvEYlEePXVV/G///0Pn332Gf755x+IxWI8//zzSEpKKvdYIm1iwkxYs2YNI

iIiMGfOHPTv3x+mpqYAoEzOHvPw8FAuNXLmzBls2bIFq1atgpubG/z8/AAAbdq0werVqxEaGo

q1a9di4MCBpa7GVlVwcDBiYmKwfv16dO3aFQYGBsjLy8PWrVtrdF6geLTX2dkZixYtUvu4g4O

D2v1BQUEYMWJEmedt1aqV2v0HDhzA7Nmz8euvv6q0EYvF6NevH06dOoXff/8dAHDhwgVMmDAB

CxcuLFXcy8fHB6NHj8b8+fORlpYGKyurcl8nUX3EvkdzfU9FYmJikJycjOHDh1freKKGhH2P9

voePz8/bNiwAZcuXcK+ffvQr18/6OvrV+pYIm3hsFQj9Oxo5JkzZ+Dq6oq33npL+aGRlJSEmz

dvKq92RkREoE+fPigsLISBgQF69OiBb775BgCQmJioPJeFhQX09PQwYcIENG/eHLNmzSo1fai

qzpw5g/79+6N79+4wMDAAAPz9998AUO70oMrw9vZGYmIirKys0KlTJ+WfyMhIrFu3DhKJRO1x

Dg4OKu2f/VNW4Ys2bdogPT0dGzZsUPt4XFwc2rZtCwBwdnZGXl4eNm7cqPZ1xsbGwtrammuhU

oPBvucJTfc9FVm2bBmkUimGDBlSk5dFVC+x73lC231Ply5d0KJFC/z55584cuQIq2NTg8AR5k

bIzMwM586dQ2RkJNq3bw8PDw+sWLECa9asQZcuXXDnzh2sXr0ahYWFyvtpunfvjkWLFmHixIl

4//33IZFI8Ntvv8HAwAC9e/cu9RxSqRRffPEFxo4di7Vr1yIwMLDa8Xp4eODPP/9Ehw4dYGdn

h3PnzmH16tUQiUTK+Kpr6NCh2LRpE/z9/TF+/HjY29vjv//+w9q1a/H+++/X+lXP1q1bY+zYs

Vi9ejXu37+P1157DXZ2dnj06BF2796NyMhIrF+/HgBgbm6OkJAQzJ49G8OHD8c777yDli1bIi

srC//3f/+HnTt3YtGiRbznkBoM9j1PaLrveezBgwc4f/48gOLCQ0lJSdi5cyf+/fdffP311yp

FB4l0BfueJ7TV9zzt1VdfxcaNG9G0aVN4e3uX2/b48ePIzMxUew72V6QpTJgboREjRuDy5csY

M2YM5s+fj3HjxiEtLQ0bN25EWFgY7O3t8frrr0MkEmH16tXIyMhAu3btsGrVKoSFhWHq1KmQy

+Xo2LEjfvrpJ7Ru3Vrt8/Tq1Qv9+/fHypUr0b9//2pXdF6wYAG++eYb5ZVdZ2dnfPXVV/jjjz

9w+vTpav87AMUVJX/55RcsXrwYCxcuRFZWFlq0aIFPP/0UH330UY3OXZapU6fC3d0dW7duxdy

5c5GdnQ0zMzN4eXlh27ZtaNeunbLtu+++CycnJ2zcuBE//PAD0tPTYWJiAg8PD2zYsKHa9yoS

aQP7nie00fcAwLZt25RrLevr68PGxgYdO3bEpk2b4OXlVWfPS6RN7Hue0Fbf8zQ/Pz+Eh4djw

IABFdZg2bNnD/bs2VNqv7u7OxNm0hiuw0xERERERESkBu9hJiIiIiIiIlKDCTMRERERERGRGk

yYiYiIiIiIiNRgwkxERERERESkBhNmIiIiIg3btWsX/Pz80KlTJwwcOBD79+8vs21RUREWL16

MF198EV26dMH777+Pa9euaTBaIqLGiwkzERERkQbt3r0bM2fOxLBhw7Bnzx74+flh6tSpOHfu

nNr2c+bMwbZt2/DNN99g+/btaNq0KcaMGYOsrCwNR05E1PhwWSkiIiIiDREEAX379kX//v0RE

hKi3D969Gh4e3tj3LhxKu3v3buHl19+GatXr4avry8AIDMzE2+88QbmzZuHHj16aDJ8IqJGR0

/bAdQHcrkCqak52g6DiCpgbW2q7RBqHfsfooahtvqf27dvIyEhAYMHD1bZHx4errb9v//+CzM

zM7z00kvKfWZmZjhy5EiN4mDfQ9Qw6OJ3n4aGU7KJiIiINCQuLg4AkJubi9GjR6NHjx54++23

y0yA4+Li0LJlSxw8eBBDhw7F888/jzFjxiAmJkaDURMRNV4cYSYiIiLSkOzsbABASEgIgoKCE

BwcjAMHDiAwMBDr168vNcU6Ozsbd+/exYoVKzBt2jSYmZlh5cqVGD58OPbt2wcrK6tqx6Knx3



ETIqKKMGEmIiIi0hB9fX0AxfcsDxkyBADg7u6Oq1evqk2Y9fX1kZWVhSVLlsDFxQUAsGTJEvT

q1Qs7d+5EQEBAteIQi0WwsDCpwSshImocmDATERERaYidnR0AoG3btir7XV1dcfToUbXt9fT0

lMkyAEilUrRs2RLx8fHVjkOhEJCZmVvt44lIM3hhS/vqVcIcGxuLoUOH4osvvsDQoUPVtklJS

cH8+fNx/PhxAED37t0xY8YM5QcQERERUX3Vvn17mJiY4MKFC/Dy8lLuv3nzJhwdHUu19/Lygk

wmw6VLl9CpUycAQH5+Pu7du4eBAwfWKBaZTFGj44mIGoN6c/NKUVERgoODkZtb/tXOTz75BIm

JiVi/fj3Wr1+PBw8eIDAwUENREhEREVWfVCpFQEAAwsLCsGfPHty9excrV67E8ePH4e/vD7lc

jpSUFOTn5wMoTph79uyJkJAQnD59GtHR0Zg2bRokEglef/11Lb8aIiLdV28S5tDQUJiYlD/lI

DMzE6dOncKYMWPQvn17tG/fHmPHjsWVK1eQlpamoUiJiIiIqi8wMBCTJk3CkiVL4Ofnh//973

8IDQ2Fj48PEhMT8cILL2Dfvn3K9qGhofD29kZQUBDeeustZGdnY+PGjbC0tNTiqyAiahzqxZT

sU6dOYcuWLdi1axd8fX3LbGdoaAhjY2Ps2rUL3t7eAIDdu3fD2dkZ5ubmGoqWqH5QpCci/79f

AADSniMgbmqv5YiIqLFg/1Nz/v7+8Pf3L7XfwcEBN27cUNnXpEkTzJkzB3PmzNFQdET1F/sf0

jStJ8yZmZmYNm0aPv/8c9jbl/+GNzQ0xLx58/D111/Dy8sLIpEI1tbW2LRpE8Timg2Wc2kFam

iyTvwKefxlAEDBiV9hOihYyxERUWORH7lZ2f/kR/4K4wFTtRwRETUW7H9I07SeMM+ZMwddunT

B4MGDK2wrCAJu3LgBT09PBAQEQC6XY8mSJZg4cSJ+/fVXNGnSpFoxcGkFaoiyMhKf/JCRyPcw

EWmMIu3+U9sJWoyEiBob9j+kaVpNmHft2oXTp0/jzz//rFT7vXv3YvPmzfjrr7+UyfGqVavQu

3dvbN++HaNGjapWHFxagRoihUJQ2U5Ly9FiNJrBiwJEREREpElaTZi3b9+OR48elbpvefbs2Q

gPD8fevXtV9p85cwatWrVSGUk2NzdHq1atEBcXV6NYuLQCNTSCIKhs8z1MRERERFS7tJowL1q

0SLlswmP9+vXD5MmT4efnV6q9vb099u3bh4KCAhgaGgIA8vLyEB8fX6kp3URERERERESVpdVK

V7a2tnByclL5AwBWVlZo0aJFqbUI33jjDQDAlClTcP36dVy/fh2ffPIJDAwMMHToUG29DCIiI

iIiItJB9bo09LNrEdrY2GDz5s0QBAGjRo2Cv78/9PX18euvv8LMzEzL0RIREREREZEu0XqV7G

c9vfagurUIXVxcsGrVKk2HRURERERERI1MvR5hJiIiIiIiItIWJsxEREREREREajBhJiJSY8W

KFRg5cmSZj3/++efo06ePBiMiIiIiIk1jwkxE9IyIiAgsW7aszMcPHTqErVu3ajAiIiIiItKG

elf0i4hIW5KSkjBr1iycOXMGrVq1UtsmOTkZX3zxBby9vZGQkKDhCImIiIhIkzjCTERU4sqVK

zA3N8cff/yBzp07l3pcEARMnz4dr7/+Ory9vbUQIRERERFpEkeYiYhK9OnTp9z7kiMiIpCSko

JVq1Zh9erVtfa8enq8dkkNi0gkgvDUNt/DRESkq5gwExFVwvXr17F8+XL88ssvMDAwqLXzisU

iWFiY1Nr5iDQhSyyComSb72EiItJlTJiJiCpQUFCA4OBgTJgwAe3atavVcysUAjIzc2v1nER1

TaEQVLbT0nK0GI1m8KIAEVHjxISZiKgCFy5cwK1bt7B8+XKEhYUBAIqKiiCTyeDp6YmvvvoKr

732WrXPL5MpKm5EVI8IgqCyzfcwERHpKibMREQV8PDwwMGDB1X2/fzzzzh48CB+/vlnWFlZaS

kyIiIiIqpLTJiJiCoglUrh5OSkss/c3Bx6enql9hMRERGR7mBZSyIiIiIiIiI1OMJMRKTGggU

Lyn180qRJmDRpkoaiISIiIiJt4AgzERERkYbt2rULfn5+6NSpEwYOHIj9+/eX2Xbnzp1wc3Mr

9efOnTsajJiIqHHiCDMRERGRBu3evRszZ85ESEgIfH19sWfPHkydOhV2dnbw9PQs1f7GjRvw9

vbGDz/8oLLf0tJSUyETETVaTJiJiIiINEQQBCxduhSjRo3CqFGjAAATJ07E2bNnERUVpTZhvn

nzJtq1awdra2tNh9ugKdITkf/fLwAAac8REDe113JERNQQMWEmIiIi0pDbt28jISEBgwcPVtk

fHh5e5jE3btxA//796zo0nZMfuRny+Msl27/CeMBULUdERA0RE2YiIiIiDYmLiwMA5ObmYvTo

0bh69SocHBwwYcIE9OnTp1T71NRUPHz4EKdOncLPP/+M9PR0dO7cGcHBwWjVqlWNYtHT0+1SN

kJ64lPb93X+9TYWIpEIwlPb/L1SXWPCTERERKQh2dnZAICQkBAEBQUhODgYBw4cQGBgINavX4

8ePXqotL958yYAQCKR4LvvvkNubi5WrFiB4cOH488//0SzZs2qFYdYLIKFhUnNXkw9lyUWQVG

y3Rheb2PB3ytpGhNmIiIiIg3R19cHAIwePRpDhgwBALi7u+Pq1atqE+bu3bsjKioK5ubmyn1h

YWHo3bs3duzYgbFjx1YrDoVCQGZmbjVfRcOgUAgq22lpOVqMhmpLY/u98oKA9jFhJiIiItIQO

zs7AEDbtm1V9ru6uuLo0aNqj3k6WQYAY2NjODg4ICkpqUaxyGSKihs1YIIgqGzr+uttLPh7JU

3jpH8iIiIiDWnfvj1MTExw4cIFlf03b96Eo6NjqfabN2+Gj48P8vPzlfuys7MRFxcHV1fXOo+

XiKixY8JMREREpCFSqRQBAQEICwvDnj17cPfuXaxcuRLHjx+Hv78/5HI5UlJSlAly7969IQgC

pk2bhlu3buHSpUuYNGkSLC0tlVO6iYio7jBhJiIiItKgwMBATJo0CUuWLIGfnx/+97//ITQ0F

D4+PkhMTMQLL7yAffv2AQDs7e2xYcMG5OTk4L333sOHH34IU1NTbNy4EVKpVMuvhIhI9/EeZi

IiIiIN8/f3h7+/f6n9Dg4OuHHjhso+d3f3ctdpJiKiusMRZiIiIiIiIiI1mDATERERERERqcG

EmYiIiIh0iiAIgFz25OeCXMiTolWWJCIiqgzew0xEREREOkOemoD8Y+sg5GU82VmUh9zdcyG2

bgVprwBILFtoL0AialA4wkxEREREOkGemoDcP+ZBkRKr9nFFSixy/5gHeWqChiMjooaKCTMRE

RERNXiCICD/2DqgMLf8hoW5xSPQnJ5NRJXAhJmIiIiIGjxFckyZI8ul2qbEouh2FBR5mRAU8j

qOjIgaMt7DTEREREQNnuzOuSq1Lzi8EgWPfzAwhkjaBCLDJiV/mxT//Xjfsz9LmwB6hhCJRLX

+OoiofmHCTEREREQNnlCQU/2DC3MhFOZCQHLljxHrPZVAmzxJtlUS7yaA9KnHDU0gEkuqHycR

aRwTZqIGqKzlMsQ2LrzaTUREjZLI0ESzT6iQQchNh5CbXrXjyhrNLifx5mg2kfYwYSZqYLhcB

hERUWl6Tp4oPL+30u0ljl0gEosh5GdDKMgu/js/BxDq+J5mjmYTNShMmIkakMfLZZRVAfTxch

nGr81i0kxERI2K2MYFYutWlSr8JbZuBaP+H5catRUEASjKV02ilcn04+2c4r8LcpT7UZRXVy+

rWLVHs43KTK4b4mg2Z9iRNjBhJmogqrpchvEbX/LDg7ROkZ6I/P9+AQBIe46AuKm9liMiIl0l



Eokg7RVQ7oVlAICBMaS9AtR+RopEouIk08AIgHWln1tQyJ4k0s+OWD+7T6Oj2XkQCvMgZKVU/

piKRrMNTUpGsp+ZVl7Ho9mcYUfawoSZqIGo6nIZipTbkNi41HFUROXLj9wMefzlku1fYTxgqp

YjIiJdJrFsAePXZiH/2Dq1n5l1lViJxHoQGZsDxuaVPqbc0ezHo9fP/txIR7M5w460iQkzUQN

R1eUyZHFnmTCT1inS7j+1naDFSKi2cEok1XcSyxYwfuNL5Gya8mQ0Ut8IxgODIbZuXW/epxzN

Rhmj2SYqybZgaILCU9s4w460hgkzUQMgT0uA7N7lKh1To+U1iIjU4JRIaihEIhEgefI1V2Ror

DMXkWs0mv30Pdj5ZSTXDWE0u6zTcYYd1QEmzET1lCL7EWQxJ1EUfQKKR3erfLzGl9cgIp3GKZ

FEDZfKaLZpHYxmP5VkCwXZgKKOR7PLwRl2VNuYMBPVI0J+NopiT0MWHQl54k0AQrXPpefctfY

CI6JGTSGXI/+v1ZwSSdTINMTRbM6wo9rGhJlIywRZAWR3zqPoViTk8Zdq5aqs2LoVxNatayE6

ItIVT77E5hT/Kcwt/qJamFs8WlSYU/zltjDnSZuSPyis/BdZTokkatxqczQb+TkouvUf5InXK

//8nGFHtYwJM5EWCAoZ5PFXURQdCVncWUBWUG57sWVL6Ll2h6SZE/IOraj2chlE1PAJ8iLVZL

YgB0JBbsm0yKf/Lt2mzov+lOCUSCKqqrJGs8UWzZG7e26lz8MZdlTbmDATaYggCFAkRaMo+gR

kt6Mg5GeV217UxAr6rj2KE2VLB+V+bSyXQUS1S1AogMLcUiO5qn9yi+8RLBkBFkpGgCEv1Hb4

FeKUSCKqLWIbF4itW1VqaU3OsKO6wISZqI7JUxMgi45EUcwJCFkPy20rkppCr3U36Ln2gMTWV

e0ocUNZLoNI1ymnOKtMbS5rirPqCHBVpjhrjZ5B8dIuhsbFceekVvpQTokkotoiEokg7RVQbt

FBAJxhR3WmXiXMsbGxGDp0KL744gsMHTpUbZuioiIsW7YMu3btQlZWFjp27IhZs2bB3d1dw9E

SlU2R/QhF0Schi46EIvVe+Y31DKHn3BX6rj0gcWgPkbji/5a6vFwG6Y6Gsl6v6hTnklHdejbF

udpEkuI1TQ2MAWkTiAyMITI0UfsHyu2SNhJ95WnkSdGcElnLdu3ahTVr1uDevXtwdHREUFAQB

gwYUOFxf/75J4KDg3H48GE4ODhU2J5IF0gsW3CGHWlNvUmYi4qKEBwcjNzc8itwzpkzB0eOHM

H8+fPRsmVLLFmyBGPGjMH+/fthamqqoWiJShPys1F0Owqy6BOQP7hZfmORBJKWnaDv2h16Tp4

Q6RtqJkgiDdH0er26PsUZahNdY+UIMMpKgvUMa+XiBKdE1q7du3dj5syZCAkJga+vL/bs2YOp

U6fCzs4Onp6eZR6XkJCAr776SoOREtUfnGFH2lJvEubQ0FCYmJQ/hevevXvYtm0bVq9eDV9fX

wDAt99+izfeeAOXL19Gjx49NBAp0RNCUQFkd86hKDoS8nuXKxxtkti7Qc+lO/Rbd4NI2kRDUR

JpVnXX663UFOenkt+GOcX5mYTWwEQ5Aix6PAL8zEgwDIwhEou1GjqnRNYeQRCwdOlSjBo1CqN

GjQIATJw4EWfPnkVUVFSZCbNCocBnn32GDh064MSJE5oMmaje4Aw70oZ6kTCfOnUKW7Zswa5d

u5SJsDr//vsvzMzM8NJLLyn3mZmZ4ciRIxqIkqhYcYXrK8XFuypT4dqqZXHxLhcfiJtYaShKI

u0QBAH5x9ZVar3e3D/mQmRuD5FyZLiBTXEuY1S3MlOcGyJOiawdt2/fRkJCAgYPHqyyPzw8vN

zjVq1ahaKiIgQFBTFhriSxRXPIsx+VbPN9SUTVo/WEOTMzE9OmTcPnn38Oe3v7ctvGxcWhZcu

WOHjwINasWYOkpCS0b98e06dPh4tLza4u6elp9+o91W+CoID8QTQKb0WiMLriCtdiM2sYtOkB

gzaqFa5rk0gkgvDUNt/DVB8okmMqNW0XAFCYByHltvJ9rFGlpjgbl5Hs1s0U54aKUyJrLi4uD

gCQm5uL0aNH4+rVq3BwcMCECRPQp08ftcdcvHgRP/30E7Zt24akpKRai0XXPzdMXngfuf/+DA

AwfmEEJDr+ehsLfv8hTdN6wjxnzhx06dKl1JVWdbKzs3H37l2sWLEC06ZNg5mZGVauXInhw4d

j3759sLKq3uidWCyChQUrelJphcl3kX3lb2Rf+ReyjJRy24qNzdCk/fNo0uFFGLZoW+dfHLPE

IigePzffw1RPyO6c09yTVTTFuayktx5McW7IOCWyZrKzswEAISEhCAoKQnBwMA4cOIDAwECsX

7++1O1lubm5CA4ORnBwMJydnWstYW4UnxsWrkBr3vOta/j9hzRNqwnzrl27cPr0afz555+Vaq

+vr4+srCwsWbJEOaK8ZMkS9OrVCzt37kRAQEC14lAoBGRmVjB9kBoNedZDFN2KROHNE5BXVOF

aXwqDVs/BoG0P6Dl0gEgsQR6AvPS6fz8pFILKdlqa7q97yg/F+q/q6++Kiu/ZLWdUV3XU96lE

uIFPcabGSV+/+H07evRoDBkyBADg7u6Oq1evqk2Y586dC2dnZ7z77ru1Gge/+1BD1di+//C7j

/ZpNWHevn07Hj16VOq+5dmzZyM8PBx79+5V2W9nZwc9PT2V6ddSqRQtW7ZEfHx8jWKRyRQVNy

KdpcjPguz2qcpVuBZLoNfSA3quPaDn1BkiveIK13IFAIXm3keCIKhs8z1M9UFV19/V7zwAUp9

36igaovrHzs4OANC2bVuV/a6urjh69Gip9tu3b4eBgYGyGJhcXnyf/6BBg/Daa6/h66+/rnYs

/Nyghojff0jTtJowL1q0CPn5+Sr7+vXrh8mTJ8PPz69Uey8vL8hkMly6dAmdOnUCAOTn5+Pev

XsYOHCgRmIm3SEU5UMWdxZF0Scgj79SQbEhUXGFa9fu0G/lxQrXRGXQc/JE4fm9FTcsod/quT

qMhqj+ad++PUxMTHDhwgV4eXkp99+8eROOjo6l2h88eFDl5wsXLuCzzz7DmjVraly/hYiIKqb

VhNnW1lbtfisrK7Ro0QJyuRypqakwNTWFVCqFl5cXevbsiZCQEHz99ddo2rQpli1bBolEgtdf

f13D0VNDJChkkN+7XFzh+s5ZQFb++qtiK6fitZJdvFnhmqgSuF4vUfmkUikCAgIQFhYGW1tbe

Hh4YO/evTh+/DgiIiJKffdxcnJSOf7BgwcAgObNm1e7dgsREVWe1ot+lScxMRF9+/bF/PnzMX

ToUADF6zUvWrQIQUFByM/PR9euXbFx40ZYWlpqOVqqr4orXN+CLPoEZLdPFa/ZWg6RqXVxkuz

aAxKL5hqKkkg3cL1eoooFBgbCyMgIS5YsQVJSElxcXBAaGgofHx/Ex8eX+u5DRETaIxKevhGg

kZLLFUhN1e2CAY2NIAhQpMZDFh2JopiTEErWYSyLyMgMeq29od+mR4NZGiV786fK1yVqYoUmw

xdrOaK6Z21tqu0Qap2u9j/y1ASu16vD2P80fLra95Dua2z9j671PQ1RvR5hJqoqRVZK8XTr6B

NQpCWU31hfCr1Wz0HftQckzd0hEks0EyRRI8D1eomIiEgXMGGmBk+RlwnZ7SgURZ+AIim6/MZ

iPeg5ekDPtTv0HLtApGegmSCJGiGu10tEREQNHRNmapCEwjzI7pwrqXB9GRDKW1JABEnzdk8q

XFdx2RtqnFasWIHIyEj8/PPPyn1HjhxBWFgYbt++DQsLC/Tv3x8ff/wxpFKpFiMlIiIiorrCh

JkaDEEugzz+UvGU67hzgLyCCtfNnKDv2gN6Lj4Qm1hoKErSBREREVi2bBm6deum3Hf69GkEBQ



VhypQp6N+/P+7cuYMvv/wS6enpmD9/vhajJSIiIqK6woSZ6jVlhetbkSiKPQUUlF+gRGRmU5w

ku/pA0pQVrqlqkpKSMGvWLJw5cwatWrVSeey3335D9+7dMXbsWACAk5MTPvnkE8ycORNfffUV

DAw4vZ+IiIhI1zBhpnpHEAQoHt0tHkmOOQkhJ7Xc9iIjM+i5+EDftQfE1q1YTIiq7cqVKzA3N

8cff/yBsLAwJCQ8KRz30UcfQSwWlzpGJpMhOzubS9sRERER6SAmzFRvKDKTS5LkE1Ck3S+/sb

4Ueq28Sipct2OFa6oVffr0QZ8+fdQ+1r59e5WfCwsLsX79enTo0IHJMhEREZGOYsJMWqXIy4Q

sJgpFMZWtcN25pMJ1Z1a4Jq2RyWSYNm0aoqOj8csvv9T4fHp6pUeudYXEsgVkJetlSixb6PRr

bUxEIhGEp7b5eyUiIl3FhLmRUKQnIv+/4i/20p4jIG5qr7VYhMI8yOLOoig6EvKEqxVXuG7hD

n2X7tBr9RwrXJPWZWdnY8qUKTh58iSWLVuGzp071+h8YrEIFha6+7428QvAo4PhAACrfqNhoM

OvtTHJEovwuOfW9fcwERE1bkyYG4n8yM3Fyy8ByI/8FcYDpmr0+QW5DLJ7FyGLPgHZnXOAvKj

c9mLrVsVJsos3K1xTvZGcnIwxY8YgPj4ea9euRffu3Wt8ToVCQGZmbi1EV0+Jm0L66qcAgBwA

OWnlF+6jhkGhEFS20xrB75UXBYiIGicmzI3E0/cEK9ISymlZewRBAXniDciiT6Ao9nTFFa7Nb

aHv0r24eFdTO43ESFRZGRkZGDVqFLKzs7F582a4ubnV2rllsvJmWRDVP4IgqGzzPUxERLqKCT

PVqicVriNLKlynldteZNy0pMJ1d4ibObPCNdVb8+fPx71797Bu3TpYWloiJSVF+ZilpSUkEha

eIyIiItI1TJipVigrXEdHQpGeWH5jfSPot/aCnmsPSOzbQaRmqR6i+kShUGDfvn0oKirCqFGj

Sj1++PBhODg4aCEyIiIiIqpLTJip2hS5GZDdjkJRdCQUybfLbyzRg55jl+IK1y09WOGa6r0FC

xYot8ViMS5evKjFaIiIiIhIG5gwU5UUV7g+g6LoE5AnXAGeuo+tFJEIkubtoe9aUuHawFhzgR

IREREREdUQE2aqkCAveqrC9flKVLhuXZwku3hDbNxUIzESERERERHVNibMpJagUED+4AZk0ZE

oun0aKCx/2RuRuR30XXtA39UHYnNWuCYiIiIiooaPCXMjIAgCIJc9+bkgF/KkaIhtXFSqUhdX

uL6DolslFa5z08s9r7LCdZseEFs5scI1EREREdUpuUKA+KltorrGhFnHyVMTkH9sHYS8jCc7i

/KQu3suxNatIO0VAJFE70mF64wH5Z/QwPhJhWs7N1a4JiIiIiKNyckrgqlyWwZzrUZDjQETZh

0mT01A7h/zypxOrUiJRe72LwBBUf6JJPrQc3qqwrVEvw6iJSIiIiIqn1whAKLH2xV8hyWqBdV

KmFNTUxEeHo7//vsPKSkpWLduHQ4dOoR27drh5Zdfru0YqRoEQUD+sXUV3ntcZrIsEkHSokNx

8S7n5yAyMKr9IImIiIiIiOqxKifM9+7dw3vvvYeCggI899xzuH79OuRyOWJjY7FixQqsWLECv

r6+dRAqVYUiOQaKlNgqHye2aQ191x7Qa+0NsTEnuRARERERUeNV5YT5u+++g5WVFX7++WcYGx

ujY8eOAIDFixejoKAAq1atYsJcD8junKtSe7FdWxj5BkBsZlNHEREREdFju3btwpo1a3Dv3j0

4OjoiKCgIAwYMUNv28uXLWLhwIS5evAhDQ0P069cPwcHBMDMz03DURESNT5UrNkVGRiIwMBBm

ZmalqiIPGzYMt27dqrXgqPqEgpwqtZdYNGeyTEREpAG7d+/GzJkzMWzYMOzZswd+fn6YOnUqz

p0rfbE7OTkZ/v7+cHR0xM6dO7FixQqcPXsWISEhWoiciKjxqVaJY4lEonZ/YWEhlxaqJ0SGJn

XanoiIiKpOEAQsXboUo0aNwqhRo+Dk5ISJEyeiZ8+eiIqKKtU+ISEBL774ImbPng1nZ2d07do

Vb7/9NiIjI7UQPRFR41PlKdleXl5Ys2YNevbsCUNDQwCASCSCQqHAr7/+iq5du9Z6kFR1ek6e

KDy/t/Ltnfl7IyIiqmu3b99GQkICBg8erLI/PDxcbXtPT094enoqf46OjsbOnTvx/PPP12mcR

ERUrMoJ86effor33nsP/fr1g4+PD0QiEcLDwxETE4M7d+5g8+bNdREnVZHYxgVi61aVKvwltm

4FsXVrDURFRETUuMXFxQEAcnNzMXr0aFy9ehUODg6YMGEC+vTpU+6x/fv3R1xcHFq0aIEVK1b

UOBY9vWpNNCSqV/g+prpW5YS5bdu22L59O0JDQ3Hy5ElIJBL8999/6NatG7777ju4ubnVRZxU

RSKRCNJeAeWuwwwAMDCGtFcAp9ITERFpQHZ2NgAgJCQEQUFBCA4OxoEDBxAYGIj169ejR48eZ

R67aNEi5OfnY9GiRfjggw+we/dumJhU75YqsVgECwvejkUNz7NDQXwfU12rcsK8a9cudO/eHY

sXL66LeKgWSSxbwPi1Wcg/tk7tSLPYuhWkvQIgsWyhheiIiIgaH319fQDA6NGjMWTIEACAu7s

7rl69WmHC3KlTJwBAaGgoevXqhf/7v//DG2+8Ua04FAoBmZnlXFAnaiDS0qpW6Lah4QUB7aty

wjx//nzMmzcPdnZ2dREP1TKJZQsYv/ElcjZNgZCXUbxT3wjGA4Mhtm7NkeUGTGzRHPLsRyXbv

OhBRNQQPP7+1LZtW5X9rq6uOHr0aKn2MTExiI+PR69evZT7bGxsYG5ujqSkpBrFIpMpanQ8UX

3A9zHVtSpP+reyskJmZmZdxEJ1RCQSAZIn10ZEhsaQ2LgwWW7gpD2GQ+LQERKHjpD2eE/b4RA

RUSW0b98eJiYmuHDhgsr+mzdvwtHRsVT7f/75Bx9//LFyKjcA3L17F2lpaXBxcanzeImIGrsq

jzC/8847+Prrr3Hy5Em0adMGzZo1K9WmutODiKjyxE3tYewXrO0wiIioCqRSKQICAhAWFgZbW

1t4eHhg7969OH78OCIiIiCXy5GamgpTU1NIpVK8/vrrCA8Px2effYapU6ciIyMDc+fOhYeHB3

r37q3tl0NEpPOqnDAvWLAAALB79261j4tEIibMRERERGUIDAyEkZERlixZgqSkJLi4uCA0NBQ

+Pj6Ij49H3759MX/+fAwdOhQWFhbYuHEjFixYgPfeew8SiQR9+/bF9OnTIZFItP1SiIh0XpUT

5sOHD9dFHERERESNhr+/P/z9/Uvtd3BwwI0bN1T2tWrVCqtXr9ZUaET12kPBAk1FxbcopAgWa

KnleEj3VTlhbtHiSXGhvLw8ZGdno2nTpsqqj0SkGYmPcrD50C0AwPCX28DeilUUiYiISLcdUP

RAkVwGADgi6oGuWo6HdF+VE2YAOH36NBYuXIhLly5BEAQAgIeHBz755BN07969VgMkIvV+PXw

LV2JTAQC/HY7GJ+901nJERERERHXrEZpiVdYrAAArM6mWo6HGoMoJ89mzZ/Hhhx+iZcuWCAwM

RLNmzZCcnIy9e/ciICAAP//8Mzw9PesiVqoBLkGkexIfPlk/8/5D3V6DkIiIiIhIG6qcMP/44

4/w8vJCeHi4SrGJoKAgjB49GqGhofjpp59qNUiqOWmP4cgXfinZ5hJEREREREREFanyOsyXLl

3CBx98UKoyo1gsxvvvv4+LFy/WWnBUex4vQWTsFwxxU3tth0NERA2Y2KL5U9uctURERLqryiP

MJiYmkMlkah8rKipS3tNMREREuomzloiIqLGocsLctWtXrFq1Cs8//zxMTJ5U5c3OzsaaNWvg



5eVVqwESERFR/fJ41hIREZGuq3LC/Omnn2Lo0KF4+eWX4evrC2tra6SkpODo0aMoKCjAt99+W

xdxEhEREREREWlUlRNmJycnbNmyBcuXL8fff/+NjIwMmJubw8fHB0FBQXB1da2LOImIiIiIiI

g0qlrrMLu6umLWrFmwtrYGAKSnp+PBgwdMlomIiIiIiEhnVLlKdmZmJvz9/TFy5EjlvosXL+K

NN95AYGAg8vLyajVAIiIiIiIiIm2ocsK8aNEi3Lp1C1OnTlXu6969O1asWIHLly9j2bJltRog

ERERERERkTZUOWE+cuQIQkJC0K9fP+U+AwMD9OnTB1OnTsX+/ftrNUAiIiIiIiIibajyPcw5O

TkwMzNT+5iVlRXS0tJqHBQRERERUU0kPsrB5kO3AADDX24DeyuTCo4gIiqtyiPMHTp0wPbt29

U+tmPHDri5uVU7mNjYWHh6emLHjh2Vav/nn3/Czc0N8fHx1X5OIiIiItI9vx6+hSuxqbgSm4r

fDkdrOxwiaqCqPMI8YcIEjBkzBkOHDsUrr7wCKysrpKam4vDhw7hy5QpWrVpVrUCKiooQHByM

3NzcSrVPSEjAV199Va3nIiIiIiLdlvjwyXfK+w9ztBgJETVkVU6Yn3/+eaxcuRLLli3DsmXLI

AgCRCIR3N3dsWLFCrz00kvVCiQ0NBQmJpWbKqNQKPDZZ5+hQ4cOOHHiRLWej4iIiIiIiKg81V

qH+bnnnkNYWBgsLCyQnp6OrVu3Ij09HcbGxtUK4tSpU9iyZQt27doFX1/fCtuvWrUKRUVFCAo

KYsJMREREREREdaLKCfPFixcREBCAd955B8HBwVixYgV+//13mJqaYvPmzQgNDUXfvn0rfb7M

zExMmzYNn3/+Oezt7Sv1/D/99BO2bduGpKSkqoZfJj29Kt/OTaRVIpHqNt/DRERERES1q8oJ8

5IlS9C6dWsMGzYM+fn5+OOPP/Dee+/hyy+/xJdffolVq1ZVKWGeM2cOunTpgsGDB1fYNjc3F8

HBwQgODoazs3OtJcxisQgWFqycSA2LWCxS2eZ7mIiIiIiodlU5Yb5w4QKWLFmCli1b4q+//kJ

+fj5ef/11AICfnx/++OOPSp9r165dOH36NP78889KtZ87dy6cnZ3x7rvvVjXscikUAjIzK1ds

jKi+UCgEle20NN0vaMKLAkT1A5frISKixqLKCbNYLIaBgQEA4NixYzAzM4OHhwcAIDs7G1Kpt

NLn2r59Ox49elTqvuXZs2cjPDwce/fuLdXewMAAnp6eAAC5XA4AGDRoEF577TV8/fXXVX05Sj

KZotrHEmmDIKhu8z1MRJryeLkeAPjtcDQ+eaezliMiIiKqG1VOmDt27Iht27ZBKpVi//798PX

1hUgkwqNHj7B27Vp07Nix0udatGgR8vPzVfb169cPkydPhp+fX6n2Bw8eVPn5woUL+Oyzz7Bm

zRq4uLhU9aUQERFRNXC5nprbtWsX1qxZg3v37sHR0RFBQUEYMGCA2ra3bt3CwoULceHCBYjFY

nTr1g3Tp09H8+bNNRw1EVHjU+WEedq0aQgICMDevXthaWmJCRMmACge5VUoFAgPD6/0uWxtbd

Xut7KyQosWLSCXy5GamgpTU1NIpVI4OTmptHvw4AEAoHnz5rCysqrqSyEiIiLSuN27d2PmzJk

ICQmBr68v9uzZg6lTp8LOzk45i+6xtLQ0+Pv7o1u3bti0aRMKCgrw3XffISAgADt37oShoaGW

XgURUeNQ5bK67du3x8GDB7FlyxYcOnQIzs7OAIqLd+3Zs6dKI8wVSUxMxAsvvIB9+/bV2jmJi

IiItEUQBCxduhSjRo3CqFGj4OTkhIkTJ6Jnz56Iiooq1f7QoUPIy8vDggUL0KZNG3Ts2BELFy

5ETEwMzp49q4VXQETUuFRrHeYmTZqgc2fV+5X69+9fKwHduHFDue3g4KDy87N8fHzKfZyIiIi

oPrl9+zYSEhJKrQ5S1gy9Hj16ICwsTO1IckZGRp3ESERET1QrYSYiIiKiqouLiwNQvFTm6NGj

cfXqVTg4OGDChAno06dPqfYODg5wcHBQ2bd69WoYGhqiW7duNYpFT6/KEw0bDEEQIJM/KYaZW

1CEuAdZcGlhBpFIVM6RVN89/esTiXT7fUz1AxNmIiIiIg3Jzs4GAISEhCAoKAjBwcE4cOAAAg

MDsX79evTo0aPc4zdu3IjNmzdjxowZNarfIhaLdHapvjsPMvHjb+eQkVOo3JdXIMfXEafg2rI

pprzrCSc7My1GSDUhFotUtnX1fUz1BxNmIiIiIg3R19cHAIwePRpDhgwBALi7u+Pq1avlJsyP

731euXIlxo0bhw8//LBGcSgUAjIzcytu2MDEp2Rj7obTyM2XqX08+l46poX+g89HecHBuomGo

6PaoFAIKttpabpdqZ8XBLSPCTMRkRorVqxAZGQkfv75Z+W+a9euYd68ebh8+TKaNm2KkSNHYv

To0VqMkogaGjs7OwBA27ZtVfa7urri6NGjao8pKirCjBkzsGfPHkybNq3W+h2ZTFFxowZEEAS

s2X2lzGT5sdx8Gdb+cQWff+DF6dkNkCCobuva+5jqH076JyJ6RkREBJYtW6ay7/HSLs7Ozti+

fTsmTZqEpUuXYvv27VqKkogaovbt28PExAQXLlxQ2X/z5k04OjqqPWbatGn43//+h8WLF/MiX

Tlu389E3IOsSrWNTczC7cTMOo6IiHQBR5iJiEokJSVh1qxZOHPmDFq1aqXy2O+//w4DAwPMmT

MHenp6cHFxwZ07d7B27Vq8+eabWoqYiBoaqVSKgIAAhIWFwdbWFh4eHti7dy+OHz+OiIgIyOV

ypKamwtTUFFKpFDt27MC+ffswbdo0eHt7IyUlRXmux22o2LlbD6vUfu0fV9GxtSUszaSwNDOE

pWnx302bGEJPwjElIirGhJmIqMSVK1dgbm6OP/74A2FhYUhISFA+dvr0aXTr1g16ek+6ze7du

2P16tV49OhRjYrvEFHjEhgYCCMjIyxZsgRJSUlwcXFBaGgofHx8EB8fj759+2L+/PkYOnQo9u

zZAwD4/vvv8f3336uc53EbKpabX1Sl9snpeThyNqHUfpEIaNrEUCWJtjSTwtJUCivz4n2mxvq

czk3USDBhJiIq0adPH7XLugDAgwcPSt1zaGNjAwC4f/9+jRJmLolBDQ2Xdak5f39/+Pv7l9rv

4OCAGzduKH/+6aefNBlWg2Ys1a+V8wgCkJZVgLSsAsRA/bRtPYm4JKEuSaZLRqmtzKTKfUaG/

JpNpAv4P5mIqBLy8/NhYGCgss/Q0BAAUFBQUO3zckkMaoi4rAvVR55tmmHfiTsaeS6ZXIHktD

wkp+WV2cbIUE8libYwk8LqqVFrC1Mp9HmxiajeY8JMRFQJUqkUhYWFKvseJ8rGxsbVPq+uLu1

Cuq2xLesCcGmXhqB1czM425lWqvBXK3tTTH7TA2nZBUjNLMCjzHykZRYgNSsfjzLzkZpZgPTs

ApWKzFWVVyBDQooMCSll//8wMzFQJtEWj5Prp+6pNm9iADGnfhNpFRNmIqJKsLOzQ3Jyssq+x

z/b2trW6NxcEoMaGi7rQvWRSCTC6IHumL/pLHILyl5aythQDx/5ucO8iSHMmxjC2U59O7lCgf

SsQmUSnZb5JLlOzSpOqrPzqnbf9LMycwqRmVOI2ET1Sb5ELIKFaemp35ZPTf02kerxfmqiOsS

EmYioErp164bffvsNcrkcEokEABAZGYlWrVqx4BcRUT3RwroJZrzfFeF7r6kdaW5lb4qP/NzR

wrpJheeSiMWwMpfCylyKNmW0KSiSIy2rJIkuSaqLE+oCpJaMVBcUyav9euQKAQ8z8vEwIx9Ah

to2hvqSUkn0sz8b6kuqHQNRY8eEmYioEt58802sW7cOs2bNQkBAAC5evIgNGzbgq6++0nZoRE



T0lBbWTfDFKC9MXX4cGTnFt9IYGUgw9d0uaG1vVqujsYb6EthZGsPOUv2tOYIgILdAhkcZqkl

0alY+Ukv2pWUVQK6o/tzvgiI5Eh/lIvFR2bf3NDHSV6n6bWX21BRwUymamhpAIub91ETqMGEm

IqoEKysrrFu3DvPmzcOQIUNgbW2NadOmYciQIdoOjYiIniESiVTWUjaW6sOlublW4jCR6sNEq

g9HW1O1bRQKARk5hcpp3sqk+qmp348T/+rKzitCdl4R7iZllxGn6lJaKgm1GZfSosaNCTMRkR

oLFiwotc/DwwNbtmzRQjRERKSrxCX3KVuYGsKlufo2RTJFcYGyjHzVxLpk1PpRZgHyyrlvuyK

VWUpLX08MC1M1Vb81uJSWIAiQyZ/UTMjNL0JMQgZaN6/dmQNET2PCTERERERUj+nriWHT1Ag2

TY3KbJNXICuVRKeV/Py48vfTyWZVFckqt5TWs0n0kyngUlg0Maz2UloJKdkI33tNZbQ9r1COe

T+fgbOdKUYPrNy96URVxYSZiIiIiKiBMzLUQwvrJmUmjYIgICu3SDlCXVdLacWnyBBfzlJa5i

YGT91PrXpPdVlLaSWkZJdb/TzuQRbmbzqLGe93ZdJMtY4JMxERERGRjhOJRDAzMYCZiYFWl9L

KyClERmWW0ipJpi2aGCLqWlK5S4UBQG6BDD/tu4bPP/Di9GyqVUyYiYiIiIioWktpPXs/de0u

pVU1sYlZuJ2YqZUCb6S7mDATEREREVGl1IeltMpz7uZDJsxUq5gwEzVArBJJRERE9ZG2l9LKz

a/ZlHGiZzFhJmpgWCWSiIiIGrKqLKW189htnLyWVOlzG0v1aylKomLVq+tORFrxuEpk3AP1hT

IeV4lMSMnWcGREREREtefxUlovezlU6TjPts3qKCJqrJgwEzUQgiAgfO+1SleJFGqyLgQRERF

RPdC6uRmc7dRP7X5WK3tTtLY3q+OIqLFhwkzUQNy+n1nmyPKzHleJJCIiaqzsmz0pStW8mYkW

I6GaEIlEGD3QHcaG5d9Jamyoh4/83FnLhWodE2aiBuLElQdVan/u5sM6ioSIiKj+e69vG3RoZ

YkOrSzxbl9XbYdDNdDCuglmvN+1zJHmVvammPF+V9ZwoTrBol9E9VhWbiHO3ExB1NUkXL+bXq

VjWSWSiIgaM3srE3w6rIu2w6Ba0sK6Cb4Y5YWpy48rC58aGUgw9d0uaG3PVUKo7jBhJqpncvO

LcPbmQ0RdT8LV2DQoqnkvMqtEEhERkS4RiUTQkzyZIGss1eeay1TnmDAT1QP5hTKcj36IqKvJ

uBz7CDJ5zQt2sUokEREREVHNMGEm0pLCIjku3X6Ek9eScTH6IQplinLbW5oaQK6AyvrLZWGVS

CKi+m3Xrl1Ys2YN7t27B0dHRwQFBWHAgAHlHqNQKDBmzBh06dIFkyZN0lCkRESNGxNmIg2SyR

W4HJuKU9eScPbWQxQUysttb97EAN3a2cDb3RYuzc1w/2EO5m86W+7SUqwSSURUv+3evRszZ85

ESEgIfH19sWfPHkydOhV2dnbw9PRUe0x+fj5mzZqFf//9F126dNFswEREjRgTZqI6JlcocP1O

Ok5eS8K5mynIyS9/HeUmRvrwamcDH3cbtHFoCrH4SeL7uEpk+N5rapeYamVvio/83Fklkoion

hIEAUuXLsWoUaMwatQoAMDEiRNx9uxZREVFqU2Yz549i1mzZqGoqAhmZpw9RESkSUyYieqAQh

Bw6146oq4l4/SNZGTlll+x2thQD13drOHtbgN3JwtIxGWv+MYqkUREDdft27eRkJCAwYMHq+w

PDw8v85h//vkHr7zyCsaOHYvXXnutrkMkIqKnMGEmqiWCIOD2/UxEXUvGqetJSM8u/15jQwMJ

PNs0g3c7W3RoZQl9vcovi84qkUSkLYIgQCZ/UnMhN78IMQkZaN2cF+wqIy4uDgCQm5uL0aNH4

+rVq3BwcMCECRPQp08ftcd8/PHHdRKLXhU+d4jqi6e7GZGI72Oqe0yYiWpAEATcTcpG1LUknL

qejIcZ+eW219cTo7OLFbzdbeHhYgUDfYmGIiUiqrmElGyE772mUnwwr1COeT+fgbOdKUYP5C0

hFcnOzgYAhISEICgoCMHBwThw4AACAwOxfv169OjRQyNxiMUiWFiYaOS5iGrT07eq8X1MmsCE

magaEh7mIOpqEqKuJSEpLa/cthKxCJ1aW8Hb3QadXZvByJD/7Yio4UlIyS636GDcgyzM33QWM

97vyqS5HPr6+gCA0aNHY8iQIQAAd3d3XL16VaMJs0IhIDMzVyPPRVSbFApBZTstLUeL0dQ9Xh

DQPn5zJ6qkpLRcRF1LRtS1JCSklN85i0UitHe2gLe7Lbq2bQZjqb6GoiQiqn2CICB877VyK/Q

DQG6BDD/tu4bPP/Di9Owy2NnZAQDatm2rst/V1RVHjx7VaCyyCpYzJKqPBEF1m+9jqmtMmInK

8TAjD6euJyPqWjLuqKlK/TQRADfHpsVJsps1zIwNNBMkEVEdys4rwunryWor86sTm5iF24mZr

KtQhvbt28PExAQXLlyAl5eXcv/Nmzfh6OioxciIiEgdJsxEz0jPLihJkpMQk5BZYXvXFubo5m

4DLzcbWJgaaiBCIqLaJQgCUjMLkPgoB4mPcpH4KAf3S/6uqMq/OuduPmTCXAapVIqAgACEhYX

B1tYWHh4e2Lt3L44fP46IiAjI5XKkpqbC1NQUUqlU2+ESETV6TJiJAGTmFuLMjRScupaEG3fT

IVTQ3snOFD7utujWzgZW5vxCQ0QNg0yuQHJankpCnPgoFw8e5aKgSF5rz5ObX/UkuzEJDAyEk

ZERlixZgqSkJLi4uCA0NBQ+Pj6Ij49H3759MX/+fAwdOlTboRIRNXpMmKnRys0vwpmbKTh1LR

lX49KgEMpPk1tYm8Db3Rbe7jawtTDWUJRERFWXVyDDg9Rc3H+Yo/w78VEuUtLzIFdUdEmw5li

3oWL+/v7w9/cvtd/BwQE3btwo87gjR47UZVhERPQMJszUqOQVyHAh+iGiriXjcuwjyOTlf3G0

tTSGdzsbeLvbsOorEdUrgiAgM7cIiQ9zSo0Yp2UV1MpzWJgaormVMYwM9XD6Rkqlj/Ns26xWn

p+IiEjbmDCTzisskuNizCNEXUvChZhHKKqgmqKVmRTe7W3g3c4WjrZNWOmViLRKoRDwMCMP90

umTt9/VJwgJz7MrbBqdWWIRSLYWBjB3soYzZuZwN7KGPZWJrCzNFYugycIAr7ZcLpShb9a2Zu

itb1ZjeMiIiKqD5gwk04qkilwJTYVUdeScC76IQoKy783r2kTA3RrZwvv9jZobW/GJJmINK5I

JseD1JL7ix8+Lr6Vi6S03Aov9FWGob4EdlbGaG5lDDsrEzQvSYxtLIygJxGXe6xIJMLoge7lr

sMMAMaGevjIz519KBER6QwmzKQz5AoFrt1JQ9TVZJy9mVLhyIupsT682tnAu50N2rRsCjG/4B

HVusRHOdh86BYAYPjLbWBvZaLliLQvJ78IiQ+fTJ9+PGL8MD2/woKDlWFqrA/7pxLixyPGFma

GNernWlg3wYz3uyJ87zW1I82t7E3xkZ87b18hIiKdwoSZGjSFQsDNe+mIup6M09eTkZ1XfmVW

Y0M9POdmDe/2tmjn2BQScfmjKkRUM78evoUrsakAgN8OR+OTdzprOSLNEAQBaVkFTyXEuXhQc

p9xZk5hjc8vAmBlLkXzZsVTp5+eSt3EqO4KbrWwboIvRnlh6vLjyCh5HUYGEkx9twtn5xARkU

5iwkwNjiAIiLmfiairSTh1IxkZ2eV/+ZQaSODZphm83W3RoZVlhVMPiaj2JD7MVW7ff5ijxUj

qhkyuQEp6Hu4/zMWD1BzcfzxynJpb4a0glaEnEcHW0rjUiLGtpTEM9SW18AqqTiQSqfSjxlJ9



rrlMREQ6iwkzNQiCIOBOUhairiXj1LUkPMosvwKsgZ4YnV2bwdvdBp1aW8FAS18siUg35BcWL

9OU+PDJiHHioxwkp9XOMk1GhnqlplDbNzOGtbkRxGKO2hIREWlLvUqYY2NjMXToUHzxxRcYOn

So2ja3bt3CwoULceHCBYjFYnTr1g3Tp09H8+bNNRwtaUJ8SjairiUj6loSktPyym2rJxGhU2s

rdHO3QRfXZpAa1Ku3NxHVc4IgICu36Jl7i4sT49QKLtJVVtMmBiWjxcUJsb2lMeybmcDcxIDT

mYmIiOqhepNRFBUVITg4GLm5uWW2SUtLg7+/P7p164ZNmzahoKAA3333HQICArBz504YGhpqM

OKGpSEV3nmQmouoa0k4dS0ZCRVM4ZSIRXB3toCPuy082zSDsbTu7t0jIt2gEAQ8ysgvqUb9ZA

p14sMc5OTXzjJN1hZGJdWojYuT45KR48fLNBEREVHDUG8+uUNDQ2FiUn4Sd+jQIeTl5WHBggX

K5HjhwoXo1asXzp49ix49emgi1AapvhfeeZieh1PXk3HyWhLuJmWX21YEoJ2TBbq52+C5ttYw

NTbQTJBE1KAUyRRISi0eKX7wdPGt1NpZpslAT/xUQvxkOrWNhTH09VgrgYiISBfUi4T51KlT2

LJlC3bt2gVfX98y2/Xo0QNhYWFqR5IzMjLqMMKGrz4W3knLKsDp68XTrWPuZ1bY3tXBHD7utv

Bys4Z5E84mIKJiuflFqlOoHxaPGKek50GohXWamhjpq65dXFKR2tJMyuXoiIiIdJzWE+bMzEx

MmzYNn3/+Oezt7ctt6+DgAAcHB5V9q1evhqGhIbp161ajOPR0fDTg6e90IpH2Xm9mTmHxSPKV

B7hxN73CNUdb2ZuhewdbeLvbwspcqpEYG4r68jslKosgCJDJn4zk5uYXISYhA62bV335IUEQk

J5dqDpa/LA4Qc6ohWWaAMDKTAr7ZqVHjDmLhYiIqPHSesI8Z84cdOnSBYMHD67ysRs3bsTmzZ

sxY8YMWFlZVTsGsVgEC4v6e09vbXi6yqqmX292biEiLyXi7/MJuBj9EIoKKso625vhxS4t8GK

XFrBvptu/l5rQ5u+UqCIJKdkI33tNJZnNK5Rj3s9n4GxnitED3dHCukmp4+QKBVLS85H4MOep

olvFSzblFdR8mSaJWAQ7S2PYPz1ibGUCOyvtLdNERERE9ZdWE+Zdu3bh9OnT+PPPP6t0nCAIW

Lp0KVauXIlx48bhww8/rFEcCoWAzMyyi43pgqeTVIVCQFpa3U7LziuQ4ezNFJy8moRLMY8qXH

bF3soYPu1t4dPBDi2eSpLrOs6GTNO/0/qAFwUahoSUbMzfdBa5BeoLaMU9yMK3m87iw1fbQaZ

QKCtRJz7KRVJqbq0s0yQ1kDxZu7iZibIatXVTKSRizsYgIiKiytFqwrx9+3Y8evSo1H3Ls2fP

Rnh4OPbu3VvqmKKiIsyYMQN79uzBtGnTMHr06FqJRVYLBWDqs6fv4xOEunm9BUVyXIx5hKhrS

bgY86jCojrNzKXwdreFt7sNWto0UU7R1PXfRW3RxO+UqKoEQUD43mtlJsuP5RXIsHL35Ro/n3

kTAzQvGSF+eip10yZcpomIiIhqTqsJ86JFi5Cfn6+yr1+/fpg8eTL8/PzUHjNt2jT83//9HxY

vXoyBAwdqIkwqR5FMgcuxjxB1LRnnbz1EQVH5UyYtTA3RrZ0NvN1t0crelF9oiXTM7fuZiHuQ

VavnFIkA66ZGpe4ttrcy5lJyREREVKe0mjDb2tqq3W9lZYUWLVpALpcjNTUVpqamkEql2LFjB

/bt24dp06bB29sbKSkpymMet6G6J5MrcO1OGqKuJeHszYfIq2AkycxYH14lSbKrgzmryhLpsH

O3Hlb7WAM9cfH9xU9Noba3MoYtl2kiIiIiLdF60a/yJCYmom/fvpg/fz6GDh2KPXv2AAC+//5

7fP/99yptH7ehuqFQCLhxLx1R15Jw5kYKsvOKym1vItXDc27W8Ha3hZtjU94zSNRI5OaX3zc8

y6W5GQY/3wr2VsawMucyTURERFS/1LuE+caNG8ptBwcHlZ9/+uknbYTUaCkEATEJGYi6lozT1

5MrXLpFaiCBZxtr+LS3QXtnS+hJmCQTNTZVnSLt5mgBD5fqr3JAREREVJfqXcJMta8qa6EKgo

C4B1k4dS0ZUdeTkJpZUO65DfTF6OLaDN3a2cLDxRL6elyWhagx82zTDPtO3Kl8+7bN6jAaIiI

iopphwqzjKrMWavNmJkhIycHJa0k4dS0Zyel55Z5TTyJGp9aW8Glvi84uzWBowCSZiIq1bm4G

ZzvTShX+amVvitb2ZhqIioiIiKh6mDDrsMqshfp1xGmYNzHAw4x8tW0ek4hF6NDKEt3a2cCzj

TWMpXzrEFFpIpEIowe6l9v3AICxoR4+8nNnpXwiIiKq15j16KjKroVaJFeUmSyLREA7Rwt4u9

vgOTcbNDHi8i1EVLEW1k0w4/2uCN97Te1Icyt7U3zk544W1k20EB1R/bBr1y6sWbMG9+7dg6O

jI4KCgjBgwAC1bdPS0jB37lz8/fffAIBXX30VM2bMgLGxsSZDJiJqlJgw66iarIXaxsEc3u62

8GpnA3MTg1qOjKhhKyoqwvLly7F7925kZGTA3d0dwcHB6Nq1q7ZDq1daWDfBF6O8MHX5ceUtI

UYGEkx9twta25eun0DUmOzevRszZ85ESEgIfH19sWfPHkydOhV2dnbw9PQs1X7y5MkoKChARE

QEMjMzMWvWLHz11Vf47rvvtBA9EVHjwoRZR1V1LVRzEwO86uOIbu1sYGnG9ayJyrJy5Ups374

dCxYsQMuWLbF27VqMGTMG+/btK3Nt+cZKJBKpVMs3lurDpbm5FiMi0j5BELB06VKMGjUKo0aN

AgBMnDgRZ8+eRVRUVKmE+dy5c4iKisK+ffvg4uICAPj6668REBCAqVOnst8hIqpjXPdHR1V1L

VTPNs3Q39uRyTJRBQ4fPoxBgwbhhRdegJOTE6ZPn47s7GycP39e26ERUQNw+/ZtJCQkYPDgwS

r7w8PDMW7cuFLtT58+DWtra2WyDADe3t4QiUQ4c+ZMncdLRNTYcYRZR1V1LdSqtidqrJo2bYq

//voL77//Puzt7bFlyxYYGBjA3d1d26ERUQMQFxcHAMjNzcXo0aNx9epVODg4YMKECejTp0+p

9klJSbC3t1fZZ2BggKZNmyIxMbFGsejpcdyEGp6n7+gRifg+prrHhFlHcS1Uoroxa9YsfPLJJ

+jbty8kEgnEYjGWLl0KR0fHap9Tlz/s+cVGN/H3Wn3Z2dkAgJCQEAQFBSE4OBgHDhxAYGAg1q

9fjx49eqi0z8vLg4FB6XoihoaGKCgoqHYcYrEIFhYm1T6eSFvEYpHKNt/HVNeYMOsoroVKVDd

iYmJgZmaGsLAw2NraYuvWrQgJCcGmTZvQrl27Kp9P1z/sHe3NlJX4nezNdPq1Nib8wlp9+vrF

M7pGjx6NIUOGAADc3d1x9epVtQmzVCpFYWFhqfMUFBTUqEq2QiEgMzO32scTaYtCIahsp6Xla

DGausf+VfuYMOsoroVKVPsSEhLw2WefISIiAl5eXgCATp06ITo6GqGhoQgLC6vyOXX9S+uw3i

4oLCzug97p7aLzX2wai8b2hRWovS+tdnZ2AIC2bduq7Hd1dcXRo0fVtj906JDKvsLCQqSnp9e

44JdMpqjR8UTaIAiq23wfU11jwqzDuBYqUe26ePEiioqK0KlTJ5X9nTt3Vq6PWh26/GFvbW6E

qe90Uf6sy6+1MeEX1upr3749TExMcOHCBeWFNwC4efOm2ls7unXrhkWLFuHOnTtwcnICAJw8e

RIAuJwdEZEG8KYjHfd4LdSn11M2MpBg1gfP4fMPvJgsE1XB48I7N27cUNl/8+ZN5RdZIqLySK



VSBAQEICwsDHv27MHdu3excuVKHD9+HP7+/pDL5UhJSUF+fvGtDJ07d0bXrl3xySef4OLFizh

x4gRmz56NN954g0tKERFpAEeYGwGuhUpUOzw8PODl5YWQkBDMnj0bdnZ22LVrFyIjI7F582Zt

h0dEDURgYCCMjIywZMkSJCUlwcXFBaGhofDx8UF8fDz69u2L+fPnY+jQoRCJRFi+fDm++uorj

Bo1CoaGhnj11VcxY8YMbb8MIqJGgQkzEVElicVirFixAj/++CNmzJiBjIwMtG3bFhEREejSpY

u2wyOiBsTf3x/+/v6l9js4OJSaxWJlZYVly5ZpKjQiInoKE2YioiowNzfH7NmzMXv2bG2HQkR

ERER1jPcwEzVQ9s2eLCfSvBmXHCAiIiIiqm0cYSZqoN7r2wabhVsAgHf7umo5GiIiIiIi3cOE

maiBsrcywafDumg7DCIiIiIincUp2URERERERERqMGEmIiIiIiIiUoMJcyPBAlFERFRb+JlCR

NrC/oc0jfcwNxIsEEVERLWFnylEpC3sf0jTRIIgCNoOQtvkcgVSU3O0HQYRVcDa2lTbIdQ69j

9EDYOu9T/se4gaBl3rexoiTskmIiIiIiIiUoMJMxERERERkY7gBGJVNf33YMJMRERERESkAw4

fPoyQkBDlzydPnoSbmxtOnjypxahqLj4+Hm5ubtixY0eVjlu5ciXCw8Nr9NxMmImIiIiIiHRA

REQEEhMTlT936NABW7ZsQYcOHbQYVc3Z2Nhgy5Yt8PX1rdJxP/74I/Ly8mr03KySTUREREREp

IOaNGmCLl26aDuMGjMwMNDa6+AIMxERERERUQM3cuRIREVFISoqSjkN+9kp2aGhoXj11Vdx6N

AhDBo0CJ06dcLrr7+Oc+fO4fz583j77bfh4eGBQYMGITIyUuX8N2/exLhx49C1a1d07doVEyd

OxL1798qNafr06Rg5ciS2bduG3r17w9PTEx988AGuXr2q0i4uLg6TJ0/G888/jy5dumDkyJE4

c+aM8vFnp2Tv2LED7du3x4ULFzBs2DB06tQJvr6+WLt2rfIYNzc3AMDy5cuV29XBhJmIiIiIi

KiBmz17Ntq3b4/27duXOw37wYMHmD9/PsaPH48ff/wRGRkZmDx5MqZOnYp33nkHP/zwAxQKBT

755BPk5+cDAGJjY/Huu+/i0aNHWLBgAebNm4d79+7hvffew6NHj8qN69q1a1iyZAmCgoKwcOF

CpKenY+TIkUhKSgIAREdHY+jQobh37x4+//xzLFq0CCKRCKNGjUJUVFSZ51UoFJgyZQr8/Pyw

Zs0aPPfcc1i0aBH++ecfAMCWLVsAAG+99ZZyuzo4JRuAWCyCpaWJtsMgokaI/Q8RaQP7HiLd4

+rqiiZNmgBAudOX8/LyMHv2bLz00ksAgJiYGCxevBjz5s3DW2+9BQCQy+WYPHkyYmNj4e7uju

XLl0MqlSIiIkL5HD169MDLL7+MdevWqRQae1ZWVhZWrlyJbt26AQA8PDzw8ssvIyIiAiEhIVi

+fDn09fWxceNGmJoWrzvt6+uLQYMGYeHChdi6dava8wqCgMDAQLz99tsAgOeeew7/93//h6NH

j+LFF19U/hvY2dnVaDo3E2YAIpEIEolI22EQUSPE/oeItIF9D1Hj1rVrV+V2s2bNAKgm2U2bN

gUAZGZmAgBOnDgBHx8fSKVSyGQyAMX3R3t5eeG///4r97maN2+uTJaB4gJenp6eyinXUVFR6N

27tzJZBgA9PT0MHDgQYWFhyMnJKfPcnp6eym0DAwNYWloiNze33HiqigkzERERERFRI/J4lPh

pUqm0zPbp6enYt28f9u3bV+oxS0vLcp/Lxsam1D4rKytcuXIFAJCRkaFM2p/WrFkzCIKA7Ozs

Ms/9bMxisbjW16FmwkxERERERERlMjU1Rc+ePeHv71/qMT298lPK9PT0UvsePnwIKysrAIC5u

TkePnxYqk1KSgoAwMLCAsnJydWIunYwYSYiIiIiItIBYrEYCoWi1s/r7e2N6OhouLu7KxNkQR

AQHBwMJycnuLu7l3ns3bt3ER0dDVdXVwBAUlISzp8/jzFjxgAAunXrhr/++gtZWVnKadlyuRx

79+5Fp06dYGBgUO24xeKa17hmlWwiIiIiIiIdYGZmhtjYWERGRiIjI6PWzhsYGIi7d+9i3Lhx

OHToEP755x9MmjQJe/fuRbt27co99nFxrn379uHAgQMICAiAmZkZRo4cCQAICgpCYWEhPvjgA

+zfvx+HDx9GQEAA7t27h6lTp9YobjMzM5w7dw6nTp2q9lRtJsxEREREREQ6YMSIEdDX18eYMW

Pw999/19p527Vrh19++QUikQjTpk3D5MmTkZKSgrCwMPTr16/cY5s3bw5/f398++23mDlzJpy

dnfHbb78pC4u1adMGmzdvRrNmzTBz5kx89tlnEAQBGzduRM+ePWsU9/jx43Hp0iWMGTMGiYmJ

1TqHSKjtu6KJiIiIiIio0Zs+fTqioqJw5MgRbYdSbRxhJiIiIiIiIlKDCTMRERERERGRGpyST

URERERERKQGR5iJiIiIiIiI1GDCTERERERERKQGE2YiIiIiIiIiNZgwExEREREREanBhJmIiI

iIiIhIDSbMRERERERERGroaTsAIiIiIiIi0jxBEHDjbhpOXn6A7LwiNDHSh09HO7g5WkAkEmk

7vHqB6zA3UoIg8D8BEWkU+x0i0ib2QUSq7jzIxI+/nUP0vfRSj7m2bIop73rCyc5M84HVM0yY

G6HDhw/jwIED+P7772v1vCNHjgQA/Pzzz7V6Xl3j5uZWap+enh5MTU3RqVMnfPzxx+jYsSPi4

+PRt2/fCs83f/58DB06tC5CJao17He0q0+fPkhISCjz8WPHjsHOzk7ZbtCgQVi8eLHatu+88w

4uXLiAoKAgTJo0qa5CJqpV7IO0ozrfZY4cOYINGzbgypUrKCgogJ2dHXr16oXx48ejWbNmdR1

yo3HnQSZClv+LnLyiMtuYGOnju6AXGn3SzCnZjVBERIS2Q2j03nrrLbz99tvKnwsLC3Hr1i2s

WrUK/v7+2L9/P2xsbLBlyxZlm5SUFAQFBWHChAnw9fVV7nd0dNRk6ETVwn5H+3r16oXAwEC1j

1laWiq3xWIxjhw5goKCAhgaGqq0i4+Px4ULF+o0TqK6wD5IO6r6XWbnzp2YPn06hg0bhg8//B

BGRkaIjo7GmjVr8Ndff2H79u1o2rSphl+F7hEEAT/+dq7cZBkAcvKKsPS3c1j88Ut1MjvDzc0

Nc+bMwR9//IErV67AyckJU6ZMUV5kCQ0NxfHjx9G8eXMcPXoUr7/+OmbPno2zZ89i8eLFuHTp

EiwtLdG7d298+umnaNKkSa3HCDBhJtIKOzs7dOnSRWWft7c3HB0dERAQgAMHDmDEiBEqbeLj4

wEUf6g8eywRUUUsLS0r1Xd07doVp0+fxrFjx9CvXz+Vx/bt2wd3d3dcu3atjqIkIl1iYGBQpe

8yYWFhGDRoEL7++mvlvu7du8PLywuvv/46tm3bhoCAgLoOu8GJT87C2t2XEZ+UVan2RTIF0rI

KKtX21r10jPrqAPT1yq8V7WBrijGvd4SDjWmlzvvY999/j+DgYMybNw87duxAUFAQfvnlF3Tt

2hUAcO7cOXTq1Am7d++GXC7H9evX8eGHH2L8+PGYN28eHj58iO+//x4fffQRtmzZUieJPatkN

zIjR45EVFQUoqKi4ObmhpMnTwIArl+/jqCgIHTv3h0dOnTAiy++iLlz5yI/P1957H///Ydhw4

bB09MT3bp1Q2BgIG7fvl3mc/3zzz/o2LEjZsyYgbJm/o8cORKzZs3CmjVr4Ovri06dOuHdd98

tNYJx6NAhDB8+HJ6enujYsSNeffVVbNq0Sfn4yZMn4ebmhsjISIwcORIeHh7w9fXF1q1bkZyc



jKCgIHh6eqJXr16lrjKnp6fjyy+/RM+ePdGpUye88847iIyMLPffcfr06XBzcyvzz+N/16oyN

a1aJ0PUELDfqd/9zrNatmyJjh07Yv/+/aUe27dvHwYOHFgrz0OkKeyDGk4f9PDhQ7X/bu3atc

OMGTPQsWPHGj+HLlqz8xLOXk9Gclpepf5UNll+LC2roMJznr2ejDU7L1U59jfffBMjRoxA69a

tERwcDA8PD5X3OQBMnjwZLVu2hLOzM8LDw9GjRw8EBgbC2dkZXl5eWLx4MS5cuICoqKgqP39l

cIS5kZk9ezY+++wz5barqyuSk5OVo5kLFiyAgYEBjh49ig0bNqBZs2YYP3487t27hwkTJuDNN

9/EJ598goyMDCxZsgRjx47FwYMHIRarXns5deoUgoKCMHDgQMybN6/cqz0HDhyAi4sLPv/8cw

iCgO+++w6TJ0/GkSNHIJFIcPToUUycOBEffPABJk2ahPz8fGzatAnffPMN2rdvr7wCBQBTp07

F2LFjMWHCBKxZswazZ8+Go6Mj/Pz8MGzYMPz666+YP38+unbtCg8PDxQUFGDUqFF4+PAhPvnk

E9jY2GD79u0ICAjAunXr0KNHD7UxBwYG4t133y3zNbm6upb7e1AoFJDJZMqfCwsLER0djW+++

QampqaVut+HqKFgv1M/+h1BEFT6ncf09Ep/FfDz88Py5cuRn58PqVQKALh9+zauX7+OsLAwLF

q0qNznIqpP2AfVjz6oMnx9fbF3714UFBRgwIAB6NatG2xtbQEAH374YY3PT/WPt7e3ys+dO3f

Gf//9p/zZyspKZUDp6tWruHPnDjw9PUudKyYmBj4+PrUeIxPmRsbV1VU5v//xVJjz58/D3d0d

S5cuVT7Ws2dPREZG4tSpUxg/fjwuXryI/Px8jBs3Ttlx2dvb4/Dhw8jNzVW5Z+DixYsYN24c+

vXrh/nz55f6QHmWTCZDeHi48hw5OTkICQnBtWvX0LFjR0RHR+ONN97ArFmzlMd4enrCx8cHp0

6dUvnQePPNN+Hv7w8AMDY2xrBhw+Dh4YHJkycDADp27IjDhw/j7Nmz8PDwwO7du3H9+nX8/vv

v6Ny5MwDgpZdewsiRI7Fo0SJs375dbcyOjo41und4xYoVWLFihco+AwMDeHl54eeff4adnV21

z01U37DfqR/9zq5du7Br165S+3/55Rd4eXmp7BswYAAWLlyIY8eOoX///gCKR5c9PT3RokWLa

sdApA3sg+pHH1QZ33zzDRQKBQ4ePIhDhw4pn7dPnz7w9/fn96MyjB3SCet2X8a9Sk7Jzs4rQm

5+6QuoZTGW6qGJkX65bVramiLg9arPAHj2oq1CoVD5//P4ou3Tjw8ePBjjx48vda6n63HUJib

MhBdeeAEvvPACioqKEBsbi7i4ONy4cQOpqanKwgqdO3eGoaEh3nrrLfj5+aFXr17w8vKCh4eH

yrnu37+PMWPGQBAEzJ49u8IPDED1gwyA8kMpLy8PAJT3quTm5uLu3buIjY3FpUvFUz6KilSLF

Tx9telxJcXHHwYAYGFhAQDIyiruUCIjI2FtbY0OHTqojLz07t0b33//PTIyMmBubl4qZoVCAY

VCUeZrkkgk5V5Zfuedd/DOO+9AEARcvXoVP/zwA7p27YpFixbVWcECovqE/Y7m+53evXtj4sS

Jpfa3bt261L7mzZujS5cu2L9/v0rCPGLEiDLPT9SQsA/SfB9UGaampli2bBni4+Nx7NgxnDx5

EidPnkRERAR+//13hIeHq1wsoGIONqaYM0b9zAB1rt9JxWfL/ql0+6/H9oCbU90ko5cuXUKfP

n2UP58/fx4dOnQos32bNm1w69YtODk5Kffdvn0b33//PaZOnVontzcyYSYoFAr88MMP+OWXX5

Cbmwt7e3t4eHioVEd1cHDApk2bsGbNGvz++++IiIiAmZkZhg8fjo8//lj54RAfH48XXngBJ0+

eRGhoKGbMmFHh8xsZGan8/Phcjzvl1NRUzJ49G4cOHYJIJIKTkxOee+45ACh1n4u6ZPPZ8z8t

PT0dKSkpZf7HTElJUfuhMXPmTOzcubPM827cuLHcKSE2Njbo1KkTAMDDwwOtWrXChx9+iClTp

mDt2rVcJ5J0Hvsdzfc7TZs2VfY7lTFgwAD8+OOPyMvLw507dxAXF4dXX3210scT1WfsgzTfB1

WFg4MDRowYgREjRkChUODQoUOYMWMG5s6dix07dtTKczRmbo4WcG3ZVO36y89q07Ip2jpa1Fk

sGzZsQOvWrdGxY0f8/vvvuH79OubOnVtm+48++ggjRozAl19+iQ8++AA5OTn46quvkJOTA2dn

5zqJkQkzYc2aNYiIiMCcOXPQv39/5ZWZt956S6Wdh4cHli9fjsLCQpw5cwZbtmzBqlWr4ObmB

j8/PwDFV31Wr16N0NBQrF27FgMHDix1JbaqgoODERMTg/Xr16Nr164wMDBAXl4etm7dWqPzAs

VXMp2dncu8H8/BwUHt/qCgoHJHWlq1alWlOHx8fDBixAj8/PPP+P333zFs2LAqHU/U0LDf0X6

/U5FXX30VCxYswLFjx3Dt2jV0794dVlZWtfocRNrCPqj+9UEHDhzA7Nmz8euvv6qcSywWo1+/

fjh16hR+//33Gj0HFROJRJjyrmel1mH++F3POh3IGTZsGNavX49bt26hXbt2CA8PR7t27cps3

6VLF6xbtw5Lly7F0KFDYWRkhO7duyMkJAQGBgZ1EiMT5kZILBarTKk5c+YMXF1dVT4kkpKScP

PmTeVoREREBDZu3Ij//e9/MDAwQI8ePZRVVBMTE5XHWVhYQE9PDxMmTMDevXsxa9Ys7NixA/r

65d/3UJ4zZ85g2LBh6N69u3Lf33//DQDlTg2qDG9vbxw9ehRWVlZo3ry5cv+aNWtw5cqVcj9M

yvpAqa4pU6Zg//79+OGHH9CvXz/lFCoiXcB+54n61O+Ux9bWFs899xwOHjyIy5cvY9y4cRp7b

qLaxj7oifraB7Vp0wbp6enYsGED5syZU+rxuLg4tG3bts6ev7FxsjPDd0Ev4MffzqkdaW7Tsi

k+ftcTTnZmdRpHmzZtEBISovaxSZMmYdKkSaX29+jRo8zidHWBy0o1QmZmZoiNjUVkZCQyMjL

g4eGBGzduYM2aNYiKisLWrVsxYsQIFBYWKu+l6d69O5KTkzFx4kQcO3YM//77L2bMmAEDAwP0

7t271HNIpVJ88cUXuHnzJtauXVujeD08PPDnn39i9+7dOHnyJFatWoXp06dDJBIp46uuoUOHo

nnz5vD398fOnTtx4sQJ/PDDD1iyZAlsbGxq9GFXVU2aNMEnn3yC9PR0LFmyRGPPS6QJ7HeeqE

/9TkUGDBiAgwcPIjExEa+88oq2wyGqNvZBT9TXPqh169YYO3Ysfv31V4wdOxZ79uzB6dOnceD

AAQQGBiIyMhLTpk3TSmy6ysnODD98/BIWTX4Rb/Vpg1d7OOOtPm2waPKLWPzxS3WeLDcUHGFu

hEaMGIHLly9jzJgxmD9/PsaNG4e0tDRs3LgRYWFhsLe3x+uvvw6RSITVq1cjIyMD7dq1w6pVq

xAWFoapU6dCLpejY8eO+Omnn9QWjAGAXr16oX///li5ciX69+8PFxeXasW7YMECfPPNN/jmm2

8AAM7Ozvjqq6/wxx9/4PTp09X+dwCKq0n+8ssvWLx4MRYuXIisrCy0aNECn376KT766KManbs

63nzzTWzZsgVbt27FsGHDyi16QNSQsN95or71O+V59dVXMW/ePPj6+sLMjF+cqOFiH/REfe6D

pk6dCnd3d2zduhVz585FdnY2zMzM4OXlhW3btpU7VZeqRyQSwc3Jss6KeukCkVDWqupERERER

EREjRinZBMRERERERGpwYSZiIiIiIiISA0mzERERERERERqMGEmIiIiIiIiUoMJMxEREREREZ



EaTJiJiIiIiIiI1OA6zERERERERI2QIAgouH8LuTejIM/LgcTIBMZtvWHYvA1EIpG2w6sXuA4

zALlcgdTUHG2HQUQVsLY21XYItY79D1HDoGv9D/seooahLvuewpS7SPlzOQoSY0o9ZmjvAuvB

QTCwdqyz59eEM2fOQBAEeHl5VfscnJJNRERERETUiBSm3MX9jZ+rTZYBoCAxBvc3fo7ClLsaj

qx2DR8+HHfv1uw1MGEmIiIiIiJqJARBQMqfy6HIL3+WiSI/Byl/hqGxT0jmlGxwWhJRQ6FrUy

IB9j9EDYWu9T/se4gahsr0PYWPEvDo4HoUPYqv1DkFWRHkOemVjkFi0hQiPf1y2+hbOcCqnz8

MrFpU+rxubm6YM2cO/vjjD1y5cgVOTk6YMmUK+vbtq2xz9OhRrFixArdu3YKJiQkGDRqETz75

BIaGhgCAY8eOYenSpYiJiYGxsTF69eqFGTNmwNzcHG5ubsrzDBkyBAsWLKh0bE9jwgx+aBA1F

Lr2hRVg/0PUUOha/8O+h6hhqEzfk/jr18i7fUED0ZTPqHVn2L/3ZaXbu7m5wdjYGMHBwejRow

d27NiB8PBw/PLLL+jatSsOHTqESZMmISgoCAMGDMCdO3cwZ84ceHh4IDQ0FKmpqejVqxemT58

OX19fPHjwANOmTUP37t0xb948pKSk4IUXXsDMmTMxdOhQmJpWrx9nlWwiIiIiIiLSuDfffBMj

RowAAAQHB+PUqVPYtGkTunbtitWrV+OVV17BxIkTAQCtW7eGIAiYMGECYmJiUFhYiMLCQjRv3

hwtWrRAixYtsGrVKsjlcgCAtbU1AMDU1LTayTLAhJmIiIiIiKjBsuo3Go/+bz2KHlZuSrY8Px

tCQV6lzy8yNIJE2qTcNvrNHGD1in+lz/mYt7e3ys+dO3fGf//9BwC4efMmBg4cqPJ4t27dAAA

3btyAn58fBg0ahPHjx8Pe3h49e/aEr68v+vTpU+U4ysOEmYiIiIiIqIEysGoB+3c/r3T7/ISb

uB8xo9Lt7d/7EtIWbasTWoX09FTTUYVCAbG4uC61IAil1oJ+PHr8+LjFixdj4sSJ+Pvvv/Hff

/9h6tSp6Nq1KzZu3FhrMbJKNlEDpUhPRO6+RcjdtwiK9ERth0NEjQj7HyLSFvY/NWfYvA0M7V

0q19beFYbN29RZLJcuXVL5+fz58+jQoQMAoG3btjhz5ozK46dPnwYAuLi44Pz58/j222/RunV

rfPjhh1izZg2+/fZbnDx5Eo8ePaq1GJkwEzVQ+ZGbIY+/DHn8ZeRH/qrtcIioEWH/U3O7du2C

n58fOnXqhIEDB2L//v1lti0qKsLixYvx4osvokuXLnj//fdx7do1DUZLVH+w/6k5kUgE68FBE

EtNym0nlprAevDEUqO8tWnDhg34888/ERsbi++++w7Xr1/HqFGjAACjR4/GwYMHERYWhtjYWP

z111/45ptv0Lt3b7i4uKBJkybYvHkzFi5ciDt37uDGjRvYu3cvnJ2dYWFhAQAwNjZGTEwM0tL

Sqh0jE2aiBkqRdv+p7QQtRkJEjQ37n5rZvXs3Zs6ciWHDhmHPnj3w8/PD1KlTce7cObXt58yZ

g23btuGbb77B9u3b0bRpU4wZMwZZWVkajpxI+9j/1A4Da0c0/2BumSPNhvauaP7BXBhYO9ZpH

MOGDcP69evx2muv4fTp0wgPD0e7du0AAAMGDMCiRYvwv//9D4MHD8bs2bMxcOBA/PjjjwAAV1

dXhIaG4sSJE3jjjTcwfPhw6OnpYe3atcpp3R999BE2bdqEmTNnVjtG3sNMREREpCGCIGDp0qU

YNWqUchRl4sSJOHv2LKKiouDp6anS/t69e9i2bRtWr14NX19fAMC3336LN954A5cvX0aPHj00

/RKISEcYWDuiuf93KLh/C7k3oyDPy4HEyATGbb1h2LxNnY4sP9amTRuEhISU+figQYMwaNCgM

h/v3bs3evfuXebjkyZNwqRJk2oUIxNmIiIiIg25ffs2EhISMHjwYJX94eHhatv/+++/MDMzw0

svvaTcZ2ZmhiNHjtRpnETUOIhEIkhbtK2zol66gAkzERERkYbExcUBAHJzczF69GhcvXoVDg4

OmDBhgtqlUOLi4tCyZUscPHgQa9asQVJSEtq3b4/p06fDxaVyRXvKoqfHO/Oo4RGJRBCe2ub7

mOoaE2YiIiIiDcnOzgYAhISEICgoCMHBwThw4AACAwOxfv36UlOss7OzcffuXaxYsQLTpk2Dm

ZkZVq5cieHDh2Pfvn2wsrKqVhxisQgWFuUX/CGqj7LEIihKtvk+bthu3Lih7RAqhQkzERERkY

bo6+sDKK7+OmTIEACAu7s7rl69qjZh1tfXR1ZWFpYsWaIcUV6yZAl69eqFnTt3IiAgoFpxKBQ

CMjNza/BKiLRDoRBUttPScrQYTd3jBQHtY8JMREREpCF2dnYAitcXfZqrqyuOHj2qtr2enp7K

9GupVIqWLVsiPj6+RrHIZIqKGxHVM4IgqGzzfUx1jZP+iYiIiDSkffv2MDExwYULF1T237x5E

46OpZdv8fLygkwmw6VLl5T78vPzce/ePTg5OdV5vEREjR1HmImIiIg0RCqVIiAgAGFhYbC1tY

WHhwf27t2L48ePIyIiAnK5HKmpqTA1NYVUKoWXlxd69uyJkJAQfP3112jatCmWLVsGiUSC119

/Xdsvh4hI5zFhJiIiItKgwMBAGBkZYcmSJUhKSoKLiwtCQ0Ph4+OD+Ph49O3bF/Pnz8fQoUMB

AKGhoVi0aBGCgoKQn5+Prl27YuPGjbC0tNTyKyEi0n1MmImIShQVFWH58uXYvXs3MjIy4O7uj

uDgYHTt2hUAcO3aNcybNw+XL19G06ZNMXLkSIwePVrLURNRQ+Tv7w9/f/9S+x0cHEpVjm3SpA

nmzJmDOXPmaCg6IiJ6jPcwExGVWLlyJbZv3465c+di165daN26NcaMGYOkpCSkpaXB398fzs7

O2L59OyZNmoSlS5di+/bt2g6biIiIiOoIR5iJiEocPnwYgwYNwgsvvAAAmD59OrZu3Yrz588j

Li4OBgYGmDNnjrJi7Z07d7B27Vq8+eabWo6ciIiIiOoCR5iJiEo0bdoUf/31F+Lj4yGXy7Fly

xYYGBjA3d0dp0+fRrdu3aCn9+Q6Y/fu3REbG4tHjx5pMWoiIiIiqiscYSYiKjFr1ix88skn6N

u3LyQSCcRiMZYuXQpHR0c8ePCg1LqpNjY2AID79+/Dysqq2s+rp8drl9SwiEQiCE9t8z1MRES

6igkzEVGJmJgYmJmZKZd72bp1K0JCQrBp0ybk5+fDwMBApb2hoSEAoKCgoNrPKRaLYGFhUqO4

iTQtSyyComSb72EiItJlTJiJiAAkJCTgs88+Q0REBLy8vAAAnTp1QnR0NEJDQyGVSlFYWKhyz

ONE2djYuNrPq1AIyMzMrX7gRFqgUAgq22lpOVqMRjN4UYCIqHFiwkxEBODixYsoKipCp06dVP

Z37twZf//9N5o3b47k5GSVxx7/bGtrW6PnlskUFTciqkcEQVDZ5nuYiIh0FW86IiICYG9vDwC

l1j+9efMmnJyc0K1bN5w5cwZyuVz5WGRkJFq1alWj+5eJiIiIqP5iwkxEBMDDwwNeXl4ICQnB

iRMnEBcXhx9//BGRkZEYO3Ys3nzzTWRnZ2PWrFmIjo7Gjh07sGHDBowbN07boRMRERFRHeGUb

CIiAGKxGCtWrMCPP/6IGTNmICMjA23btkVERAS6dOkCAFi3bh3mzZuHIUOGwNraGtOmTcOQIU

O0GzgRERER1RkmzEREJczNzTF79mzMnj1b7eMeHh7YsmWLhqMiIiIiIm3hlGwiIiIiIiIiNZg

wExEREREREanBhJmIiIiIiIhIDSbMRERERERERGowYSYiIiIiIiJSgwkzERERERERkRpMmImI



iIiIiIjUYMJMREREREREpIaetgN4VkJCAvr06VNq/9y5c/H2229jxowZ2LFjh8pjtra2+Pvvv

zUVIhERERERETUC9S5hvnHjBgwNDXHo0CGIRCLlflNTU+Xj48ePx/vvv698TCKRaDxOIiIiIi

Ii0m31LmG+efMmWrVqBRsbm1KPyeVyREdHIzAwENbW1lqIjoiIiIiIiBqLencP840bN+Dq6qr

2sbi4OBQUFMDFxUXDUREREREREVFjUy9HmK2trTF8+HDExcXByckJgYGBePHFF3Hz5k2IRCJs

2LABf//9N8RiMXr16oUpU6Yop2xXl55evbt2QFQukUgE4altvoeJiIiIiGpXvUqYCwsLERcXB

yMjI0ybNg3Gxsb4448/MGbMGKxfvx63bt2CWCxGixYtsGrVKty5cwffffcdbt68iQ0bNkAsrl

7CIBaLYGFhUsuvhqhuZYlFUJRs8z1MRERERFT76lXCbGBggFOnTkFPTw8GBgYAgI4dOyImJgb

h4eFYu3YtPvzwQ5iZmQEA2rZtC2trawwbNgyXLl1C586dq/W8CoWAzMzcWnsdRJqgUAgq22lp

OVqMRjN4UYCIiIiINKleJcwAYGxsXGpf27Zt8e+//0IkEimT5acfA4AHDx5UO2EGAJlMUXEjo

npEEASVbb6HiYiIiIhqV7266fH69evw9PTE6dOnVfZfvnwZrq6u+PTTTzF69GiVxy5dugQAZR

YKIyIiIiIiIqqOepUwt23bFm3atMFXX32F06dPIyYmBvPnz8f58+cxfvx4DBo0CMePH8fKlSt

x9+5dHDt2DDNnzsSgQYNYOZuIiIiIiIhqVb2aki0Wi7Fq1SosWrQIU6ZMQWZmJtq3b4/169fD

zc0Nbm5uWLp0KVatWoVVq1bB1NQUgwcPxpQpU7QdOhEREREREemYepUwA4ClpSW+/fbbMh/v3

78/+vfvr8GIiIiIiIiIqDGqV1OyiYiIiIiIiOoLJsxEREREREREajBhJiIiokoTBAGQy578XJ

ALeVK0ylJ3REREuqLe3cNMRERE9ZM8NQH5x9ZByMt4srMoD7m750Js3QrSXgGQWLbQXoBERES

1jCPMREREVCF5agJy/5gHRUqs2scVKbHI/WMe5KkJGo6MiIio7jBhJiIionIJgoD8Y+uAwtzy

GxbmFo9Ac3o2ERHpCE7JbiQU6YnI/+8XAIC05wiIm9prOSIiImooFMkxZY4sl2qbEgtFym1Ib

FzqOCoiIqK6xxHmRiI/cjPk8Zchj7+M/MhftR0OERHVc4JCAXnqPRReO4r8fzZU6VhZ3Nk6ik

p37Nq1C35+fujUqRMGDhyI/fv3V+q4P//8E25uboiPj6/jCInqHxYdJG3gCHMjoUi7/9Q27y8

jIiJVirxMKJJjIE+KgTw5BvKUWKAov1rnEgpyajk63bJ7927MnDkTISEh8PX1xZ49ezB16lTY

2dnB09OzzOMSEhLw1VdfaTBSovqDRQdJW5gwExERNTKCXAbFo7vFiXFJgixkpdTa+UWGJrV2L

l0jCAKWLl2KUaNGYdSoUQCAiRMn4uzZs4iKiiozYVYoFPjss8/QoUMHnDhxQpMhE2nd46KDZd

VReFx00Pi1WUyaqdYxYSYiItJhgiBAyEl9MnKcHAPFwziVaY21Tc+5a52du6G7ffs2EhISMHj

wYJX94eHh5R63atUqFBUVISgoiAkzNSpVLTpo/MaXEIlEmgmOGgUmzERERDpEKCqAPCW2ODFO

joE8+TaE3PQqn0dkYgmJrQskNi4QW7dGQeQvUDy8U+FxYutWEFu3rkbkjUNcXBwAIDc3F6NHj

8bVq1fh4OCACRMmoE+fPmqPuXjxIn766Sds27YNSUlJGoyWSPtYdJC0jQkzERFRAyUICggZSS

pTqxWp8YCgqNqJJAaQWDtDbOPyJEk2sVBpIvIdW+6USACAgTGkvQI4ulOO7OxsAEBISAiCgoI

QHByMAwcOIDAwEOvXr0ePHj1U2ufm5iI4OBjBwcFwdnau1YRZT4+1X6l+E4oKkH+xcgXxHlPc

OQfD5m3qKCJqjJgwExERNRBCfjbkKbefml59u+JpimqIzO0geTo5tmwBkbj8rwQSyxYwfm0W8

o+tUzvaw6I7laOvrw8AGD16NIYMGQIAcHd3x9WrV9UmzHPnzoWzszPefffdWo1DLBbBwoL3ml

P9I8/LRm70aeTciEJezDkIssIqHa+PQr63qVYxYSYiIqqHBIUcitT4J/cdJ8VAkfGg6icyMCp

OjpV/WkMkbVKtmCSWLWD8xpfI2TTlSaVafSMYDwyG2Lo1R5Yrwc7ODgDQtm1blf2urq44evRo

qfbbt2+HgYGBshiYXC4HAAwaNAivvfYavv7662rFoVAIyMys+sUWorqgyElHUexZFN4+Ddn9a

4BCXu1zFcEAaWm6U6mfyb/2MWEmIiKqBxS56ZAnPb7vuGRZpyqOrEAkgtjSQZkci21dIDa3g0

hUe1NvRSIRIHny9UFkaMz7Baugffv2MDExwYULF+Dl5aXcf/PmTTg6OpZqf/DgQZWfL1y4gM8

++wxr1qyBi0vN/t1lsipO3SeqRYrMZMhiz6Ao7gwUSTEAamctZbGTJ9/bVKuYMBMREWmYICuE

4uEdyJNvK0eQhexHVT6PyMgMEltXiG1aFyfJ1q0g0pfWQcRUW6RSKQICAhAWFgZbW1t4eHhg7

969OH78OCIiIiCXy5GamgpTU1NIpVI4OTmpHP/gQfEsg+bNm8PKykobL4GoWgRBgCI1HrLY05

DFnYUi9V7FBxmaQOLYBYqkWxAykytszqKDVBeYMBM1QIIgqCwJIxTkQp4UDbGNC6dEEtUzgiB

AyEpRLcz16G7VpxyK9SBu5qRy77GoiRX/zzdAgYGBMDIywpIlS5CUlAQXFxeEhobCx8cH8fHx

6Nu3L+bPn4+hQ4dqO1SiGhEEBRRJMSiKOwNZ7JlKrfcuMrGAnnNX6Dk/B4m9G0RiSYXrMANg0

UGqMyJBEGpn/kMDJpcrkJqqO/c6qJO9+VPl6IWoiRWaDF+s5YiouuSpCY226I61tam2Q6h1ut

7/KNITkf/fLwAAac8REDe113JEdU8ozCte1ikpGvLk21Akx0DIz6ryeUSm1k8lx60htnKESKJ

fBxFXXWP8TNG1/kfX+x7SHkEhg/z+dchiz0B251yllrUTmdtC3/k56LXygtjaWe1tJI31+4+u

9T0NEUeYiRqQiq6wKlJikfvHPBi/NksnPzSo4cmP3Ax5/OWS7V9hPGCqliOqXYKggCItEfLk6

OJ7j5NuQ5GWgCrfi6dnCMnjadU2LhDbtIbY2LxOYiYiqm2CrACye5chizsD2Z3zlareL7Zygl

6r56Dn/BzEFs0rHBlm0UHSFibMjQCn7+oGQRCQf2xdxR9ChbnIP7YOxm98yd8vaZ0i7f5T2wl

ajKR2KPIyoXjqvmN5cixQlFfl84gtmpckxiUJskULiMRcE5eIGg6hIAeyO+chizsL2b1LgLyi

IoUiSOzalCTJXSE2ta7yc7LoIGkDE2Yd93j6ivJKHAAU5SF391ydnr5SHwiCAChkgFwGQV5Uf

L+ivAiCXKa6v+RnQS4D5EVPbcsARZFyW5GVonYakjqKlFgoUm7zQ4SoBgS5DIrUe0+teRxTqa

IzpRiaqNx3LLFuBZEhlwkhooZHkZtenCDHnoH8/nVAqKAWg1gCSYsOxfckO3ly5gw1SEyYdVh

jmb6rkpiW/F2TxLTsNk/tf/a5lNuP9xfVaA3B2iCLO8uEmaiSBEGAkJOqWpjr4Z3i/8tVIZJA

bNVStTCXmQ1nexBRg1Xl5Z/0DKHXshP0WnlBz9EDIgNjjcRJVFeYMOuoupi+W3uJqbzyCWsDS

EzrK6GAxVyIyiLICiBPiSu577hk9LgShWmeJTKxVN57LLZ1gaSZE0R6hrUfMBGRhiiXfyqpbF



3Z5Z/0nDyh7/wcJA4dINIzqPtAiTSECbOOUiTHVGn6bu72L4vvCSkzMS1JiqnB4JRPomKCIED

ISHpy33FSTPEXQEFRtRNJ9CGxbvVkzWMbF4ibWNZN0EREGlRbyz8R6SImzDpKdudcldpX6uoh

PSESAWJ9QCIpXuZFrAdI9CGSSEr260Ek0SvZr1fcpuRnkaS47ZNtPUCsr9wWlRwDif5T23pQZ

CSh4J+ISoeo59y17l4/UT0mFORAnny75E9xkoxqzLgQmduWJMatIbFxhdjKofj/JBGRDqir5Z

+IdA0/+XWU7kzHFSkTxieJ6eNktIzE9Ok2En1ALHkqYS1Jap9JRkUl53qSsOo/k7w+c24tXEU

V7Nuh6PqxSs0cEFu3gti6tQaiItIuQSGHIi3hyX3HyTFQpCdW/UT6RsWJse1TyzpJufYlEekW

TSz/RKRrmDDrqGpNx1VJEitIRiuTVKpJWEUlo7JPEtaSUdoyE1ZO73lMJBJB2iug3EJuAAADY

0h7BfADrYpOnjyJDz74QO1jDg4OOHz4MGbMmIEdO3aoPGZra4u///5bEyESiiu0FifGt4uT5J
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+PHjAQA3btzA+PHj8f777yvbSCS8qFOWmq4BL8iLoHh4R6VytZD9qMpxiIzMnqx5bOsCSTNni

AyMqnweIqKGonrLP7UvTpK5/BORCibMOkps4wKxdatKT9/l8kMNh8SyBYzf+BI5m6Y8WV9b3w

jGA4Mhtm7NkeVqMjAwgLX1k6voRUVFmD9/Pvr164e3334bcrkc0dHRCAwMVGlH6lV1DXhBECB

kPXxSmCs5BoqHd6tebFAsgbiZk7Iol8TGBSLTZvx/QUQ6j8s/EdUNJsw6itN3dZvo/9u797io

63x/4K8ZcLhfhnG4CILcxjuG4a12V9PSzcvZ1GMeTVPDLpLbkroa2Za0mmvlz8xMvJCxmW2dz
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Nh68l8VSY1DyWKkJZzoSIegWWfyLqGUyYHRiH7xJ1jk6nQ0pKChYtWgR/f38ATcOzJRIJ0tLS

cOzYMUilUowfPx6JiYnw8ura4lDOzo4zd1YIAa1ZNeBrofv6nY6d3NkFzv4RcA6IhFNgJJwDI

iF19+10rNR5EonE2HclkUgc6j1MZMuEMMBwIw8N6lNozD8DobnR7nMkHnI4h42EczjLPxF1Bh

NmB8fhu0Qdd+jQIeh0OixcuNC4LTs7G1KpFMHBwUhJSUFBQQE2bdqErKwspKWlQSrtXMIglUo

glztOzey6oixUmlkDvj19FMFwCVbBNVgFl2AVZMr+/KJnI6qkEjRXsXa09zCRrela+ae7IVWG

c1FDoi5gwtwLcPguUcccPHgQkydPhlwuN277/e9/j8WLF8Pb2xsAoFKpoFQqMXfuXKSnp2PEi

BGdupbBIKDRtF/Ww17Unvu2U8+TuHjAKSASzgFRTT3I/hGQujYlYXoAWgDam3WWC5S6xGAQJo

8rKhyllOHt8aaA/TFUXkPdd+8DAFzveQRS3yArR2Q+ln8ish1MmImIWigvL8fZs2fx5JNPmmy

XSCTGZLmZSqUCABQXF3c6YQaAxkZD+wfZCX1ddYeOdwoaBNdfL4bEJ8Dky50BgMGBfi+ORghh

8tiR3sPkOOqO74e+8MKtxx/A/cEVVo7ozlj+icg2MWEmImrhzJkzkEgkGD16tMn2lStXorKyE

qmpqcZt6enpAICoKJZka9bRGvBOAZGQ+gZ2UzRE1JsZKq62eFxkxUhuz1j+Kf8M9EUZLP9EZI

OYMBMRtZCZmYn+/fvDzc20Tu/06dOxbNky7NixA9OmTYNarcbLL7+M6dOnc+XsFjpaA955wMh

ujIaIyPZ0vPyTDM79Y5qGW4eOYPknoh7GhJmIqIXS0lL4+vq22n7fffdh69atSElJQUpKCry8

vDBjxgwkJib2eIy2rKM14KXKiB6IiojIelj+ici+MWEmImph3bp1t903ZcoUTJkypeeCsUOsA

U9ExPJPRI6ECTMREVkUa8ATUW9kLP90a04yyz8ROQYmzEREZHGsAU9EvUHnyz+NhPOAOJZ/Ir

IDTJiJiKhbsAY8ETmiLpV/GjASUm+WfyKyJ0yYiYiIiIjugOWfiHovJsxEdkpvEJC2eExERES

WY9DcQGP+aTSoWf6JqDdjwtxLSOX9oK8uu/WYC+04gpraBngZHzeC966JiIiaCCEAfePPP+u0

0F/PgdQ/8rZzhoUQMFQUNg21zj8NQ5m55Z/uQp8BcSz/ROSgLJYwl5eXIzU1Fd999x1KSkqwZ

88efPnllxg0aBDuv/9+S12GOsl13HzUifdvPZ5n5WjIEvQGAUiaHxusGwwREZGN0JcXoe7rPT

8vOAgADbXQHlrfapX+n8s/NSXJHS//pIJEyv4nIkdmkf/Dr1y5gnnz5kGn0+Huu+9GZmYm9Ho

91Go13n77bbz99tuYMGGCJS5FnST1DYL71FXWDoOIiIio2+jLi+5YB95Qoob28Aa4jHkYhrLL

LP9ERO2ySMK8adMmKBQKvPfee3B3d8ewYcMAAJs3b4ZOp0NKSorZCXNRUREmTpzYavv69esxZ

84cZGRkYMOGDbhw4QJ8fX2xcOFCxMfHW+JlEBGRhXE6CBH1FCEE6r7e035pp3otdP/3brvnY/

knIgIslDAfP34cr7zyCry9vaHXm64aOHfuXCQmJpp9rkuXLsHFxQVffvmlScPk5eWFiooKLFm

yBPfffz+Sk5Px448/Ijk5Gb6+vpg9e7YlXgoREVkQp4MQUU8x3MiFoUTdhTOw/BMRtWaxSRdO

Tk5tbq+vr+/QHbmsrCyEh4fD39+/1b60tDTIZDKsW7cOzs7OiIyMREFBAXbv3s2EmYjIBnE6C

BH1lMaCsx1/Ess/EVE7LDIBIy4uDrt27YJW+/MQGIlEAoPBgA8++AAjR440+1yXLl1CVFRUm/

tOnTqFUaNGwdn55zx/7NixUKvVKCsr6/wLICIiIiK7JnQ1HTreqd9geD66De4ProRs8AQmy0T

UJov0MK9cuRLz5s3D5MmTMWbMGEgkEqSmpiI3NxcFBQXYv3+/2efKysqCUqnE/PnzkZ+fj7Cw

MCQkJODXv/41iouLoVKpTI5v7om+evUqFApFp1+DszMXbyD7xvcwERH1ZhIXjw4d7+QfwVrJR

NQuiyTMKpUKH3/8MbZt24YTJ07AyckJ3333HUaNGoVNmzZh4MCBZp2nvr4e+fn5cHNzw+rVq+

Hu7o7Dhw/j8ccfx969e1FXVweZzLS+nYuLCwBAp9N1On6pVAK5vGONLJG1/XKWFt/DRETUmzm

HxaL+xyPmHz/A/BGQRNR7WSRhPnjwIMaOHYvNmzd36TwymQwnT56Es7OzMTEeNmwYcnNzkZqa

CldXV9TX15s8pzlRdnfv/B1Cg0FAo2lnRUUiG1dR0bGhaPaINwWIiOh2pP6RkCrDzVr4S6oMh

1QZ0QNREZG9s0jCvHHjRmzYsAGBgYFdPldbia9KpcI333yDwMBA3LhhWlC++eeAgIAuXbex0d

Cl5xNZG9/DRETUm0kkEriOX3rHOswAAJk7XMcvZZkoIjKLRSY9KhQKaDSaLp8nMzMTsbGxOHX

qlMn2CxcuICoqCqNGjcLp06dNSlcdP34c4eHhXZq/TERERET2z8kvGO7/sRZSZXib+6XKcLj/
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luPObS1Mw4ePIhdu3bhypUrCA0NxfLly/Hggw+2eWx2djZee+01nDt3DlKpFKNGjcJzzz2Hfv

369XDURES9j0XmMAcHBxv/+fn5QSaTwd/f32Q7EREROQbXcfPhFDIMTiHD4DpunrXDsTuHDh3

C888/j7lz5+Kzzz7D1KlTsWLFCpw9e7bVsRUVFViyZAk8PDywb98+7N69GxUVFVi6dGmXSmoS

EZF5LNLDDACnTp3Ca6+9hvT0dAghADT1Bj/77LMYO3aspS5DREREVib1DYL71FXWDsMuCSGwd

etWLFq0CIsWLQIAPP300zhz5gx++OEHxMbGmhz/5Zdfora2Fn/5y1/g4uICAHjttdcwfvx4nD

lzBuPGjevx10BkTXqDMPb46Q3CqrFQ72CRhPnMmTNYvHgx+vfvj4SEBPTt2xc3btzAkSNHsHT

pUrz33nutPgCIiIiIepu8vDwUFRVhxowZJttTU1PbPH7cuHHYvn27MVlu6ebNm90SI5Etq6lt

gJfxcSN8rBoN9QYWSZjfeOMNxMXFITU1FU5OTsbty5cvR3x8PLZt24Z33nnHEpciIiIislv5+

fkAAK1Wi/j4eFy8eBEhISFYtmwZJk6c2Or4kJAQhISEmGzbuXMnXFxcMGrUqC7F4uxskZl5Nk

sikUC0eOzor7e30BsEIGl+bODflbqdRRLm9PR0bN682SRZBppWvV6wYAHWrFljicsQERER2bX

q6moAwJo1a7B8+XKsWrUKX3zxBRISErB37952h1j/9a9/xf79+5GUlASFQtHpOKRSCeRyj04/

3x5USSUw3HrcG15vb6H+xc/8u1J3s0jC7OHhgcbGxjb3NTQ0GOc0ExEREfVmffr0AQDEx8cby

2IOHjwYFy9evGPC3Dz3eceOHXjyySexePHiLsVhMAhoNNouncPWGVrMbzUYBCoqaqwYDXUXR/

+78oaA9VkkYR45ciRSUlJw7733wsPj5z9qdXU1du3ahbi4OEtchoiIiGzAtbIa7P8yGwAw//5

oBCn4hc5cgYGBAACVSmWyPSoqCl999VWbz2loaEBSUhI+++wzrF69GvHx8RaJpbHR0P5Bdqxl

h40QwuFfb2/Fvyt1N4skzCtXrsSsWbNw//33Y8KECVAqlSgpKcFXX30FnU53x7rKREREZF8+O

JqNn9TlAIC/Hc3Bsw+PsHJE9mPIkCHw8PDAuXPnTDoUsrKyEBoa2uZzVq9ejf/93//F5s2bMW

3atJ4K1e6xXjgRWYJFEuawsDB8+OGHeOutt3Ds2DHcvHkTPj4+GDNmDJYvX46oqChLXIaIiIh

swLXSn4fyXi117OGQlubq6oqlS5di+/btCAgIQExMDI4cOYJvv/0W7777LvR6PcrLy+Hl5QVX

V1ccOHAAn3/+OVavXo3Ro0ejpKTEeK7mY6htruPmo068f+sx64UTUedYrA5zVFQU1q5dC6VSC

QCorKxEcXExk2UiIiKiFhISEuDm5oYtW7bg+vXriIyMxLZt2zBmzBgUFhZi0qRJ2LhxI2bNmo

XPPvsMAPDqq6/i1VdfNTlP8zHUNtYLd0ylQg5fSdPieSVCjv5Wjoccn0USZo1Ggz/84Q+4du0

a/ud//gcAcP78eTzxxBOYOHEiNm/eDDc3N0tcioiIiMjuLVmyBEuWLGm1PSQkBJcuXTL+zLKc

RKa+MIxDg75pseF/ScZhpJXjIcdnkcJlr7/+OrKzs7FixQrjtrFjx+Ltt9/GhQsX8Oabb1riM

kRERERE1IuVwRcpVQ8gpeoBlMHX2uFQL2CRhPlf//oX1qxZg8mTJxu3yWQyTJw4EStWrMA//v

EPS1yGiIiIiIiIqMdYJGGuqamBt7d3m/sUCgUqKioscRkiIiIiIiKiHmORhHno0KH4+OOP29x

34MABDBw40BKXISIiIiIiIuoxFln0a9myZXj88ccxa9YsPPDAA1AoFCgvL8fRo0fx008/ISUl

xRKXISIiIiIiIuoxFkmY7733XuzYsQNvvvkm3nzzTQghIJFIMHjwYLz99tv4zW9+Y4nLEBERE

REREfUYi9Vhvvvuu7F9+3bI5XJUVlbiv//7v1FZWQl3d3dLXYKIiIiIiIiox1hkDvP58+cxce

JE7Nu3Dy4uLnj77bexfft2HD58GIsXL8bRo0ctcRkiIiIiIiKiHmORhHnLli2IiIjA3LlzUVd

Xh8OHD2PevHn44Ycf8J//+Z+cw0xERERERER2xyIJ87lz57Bs2TL0798fx48fR11dHX73u98B

AKZOnYrs7GxLXIaIiIiIiIiox1gkYZZKpZDJZACAr7/+Gt7e3oiJiQEAVFdXw9XV1RKXISIiI

iIiIuoxFln0a9iwYfj73/8OV1dX/OMf/8CECRMgkUhQVlaG3bt3Y9iwYZa4DBEREREREVGPsU

gP8+rVq3H8+HHMmzcPTk5OWLZsGQBg+vTpyM/PR2JioiUuQ0RERERERNRjLNLDPGTIEPzzn/9

Ebm4uoqOjjaWk1q1bh5EjR0KpVFriMkREREREREQ9xmJ1mD09PTFixAiTbVOmTLHU6YmIiIiI

iIh6lEWGZBMRERERERE5Gov1MBMR2bMTJ07g0UcfbXNfSEgIjh49ioyMDGzYsAEXLlyAr68vF

i5ciPj4+B6OlIiIiIh6ChNmIiIAsbGx+Oabb0y2ZWVl4YknnsBTTz2FiooKLFmyBPfffz+Sk5

Px448/Ijk5Gb6+vpg9e7aVoiYiIiKi7sSEmchOlQo5fCXVAIASIUd/K8dj72QymckChQ0NDdi

4cSMmT56MOXPmYOfOnZDJZFi3bh2cnZ0RGRmJgoIC7N69mwkzERERkYPiHGYiO/WFYRwyGoKQ

0RCEfxrGWTsch/P+++/j2rVrSEpKAgCcOnUKo0aNgrPzz/cZx44dC7VajbKyMmuFSURERETdi

D3MRHaqDL5IqXoAAKDwdrVyNI5Fp9MhJSUFixYtgr+/PwCguLgYKpXK5LjmfVevXoVCoej09Z

ydee+S7ItEYvqY72EiInJUTJiJiH7h0KFD0Ol0WLhwoXFbXV0dZDKZyXEuLi4AmhLszpJKJZD

LPTr9fCJrkEolJo/5HiYiIkfFhJmI6BcOHjyIyZMnQy6XG7e5urqivr7e5LjmRNnd3b3T1zIY

BDQabaefT2QNBoMweVxRUWPFaHoGbwoQEfVOTJiJiFooLy/H2bNn8eSTT5psDwwMxI0bN0y2N

f8cEBDQpWs2Nhq69HyiniaE6WO+h4mIyFFx0hERUQtnzpyBRCLB6NGjTbaPGjUKp0+fhl6vN2

47fvw4wsPDuzR/mYiIiIhsFxNmIqIWMjMz0b9/f7i5uZlsnz17Nqqrq7F27Vrk5OTgwIEDSEt

La9UTTURERESOgwkzEVELpaWl8PX1bbVdoVBgz549UKvVmDlzJt566y2sXr0aM2fO7PkgiYiI

iKhHcA4zEVEL69atu+2+mJgYfPjhhz0XDBERERFZFXuYiYiIiIiIiNrAhJmIiIiIiIioDUyYi
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XnBEFmIQAgXFVUjPLcP5vDKor2o63It8J7GqvhY8GxERWdLBgwexa9cuXLlyBaGhoVi+fDkef

PDBNo+tqKjA+vXrcezYMQDAb3/7WyQlJcHd3b0nQyayOiEEGvUG48/augbkFt1ERD9vSCQSK0

ZGjszmEmaNRoPVq1fjhRdeQFBQkMm+rKwsSCQSpKWl4dixY5BKpRg/fjwSExPh5eXVpes6O9v

0dG5yENW1DbiQV4ZzOU1DrTUtainfSYjSA8MjFTibVYricm27x0f084aqvy8/PIiIbNChQ4fw

/PPPY82aNZgwYQI+++wzrFixAoGBgYiNjW11/DPPPAOdTod3330XGo0Ga9euRXJyMjZt2mSF6

Imso6ikGqlHMnCzxXen2no9Nrx3GgMCvRA/bTCClZ5WjJAclc0lzOvWrcNdd92FGTNmtNqXnZ

0NqVSK4OBgpKSkoKCgAJs2bUJWVhbS0tIglXYu6ZVKJZDLPdo/kKiDDAaBvKs3cTrzOk5n3MC

lgnIYzOhGdpU5YUS0EncPDsDdg/zhL2/qRSgo1mDNW9+g5g7DtT3c+mDFI3fDz48fGkREtkYI

ga1bt2LRokVYtGgRAODpp5/GmTNn8MMPP7RKmM+ePYsffvgBn3/+uXGE3csvv4ylS5dixYoVC

AgI6PHXQNTTikqqsXHfmduW1swvrsLGfWeQtGAkk2ayOJtKmA8ePIhTp07h008/bXP/73//ey

xevBje3t4AAJVKBaVSiblz5yI9PR0jRozo1HUNBgGNpv1eOyJz1NQ14Ke8cpzLLcX53DLcrDa

vF7lfXw/ERCowIqovVP190cc46kGgoqIGAODt4oS1j96N3YcvQt1G2aiIft5YOmMIvF2cjM9x

JLyxRWR9HBLZNXl5eSgqKmrVMZCamtrm8adOnYJSqTSZjjZ69GhIJBKcPn0aU6dO7dZ4iaxNC

IHUIxm3TZabaXWNeOfzDLzwaBzbIrIom0qYP/74Y5SVlZnMWwaAl156CampqThy5IgxWW6mUq

kAAMXFxZ1OmAGgsdHQ/kFEbRBC4MqNaqTnlSE9tww5RRoYRPvdyDJnKQaHyRETqcDwCAX6+rq

Z7L/dezJQ7o4XHr0bK9761jgsyU3mhBX/dRcigpq+sPL9TETdgUMiuy4/Px8AoNVqER8fj4sX

LyIkJATLli3DxIkTWx1//fr1VlPUZDIZfH19ce3atZ4ImciqcotuIr+4yqxj1deqkHdNg8h+P

t0cFfUmNpUwv/7666irqzPZNnnyZDzzzDOYOnUqVq5cicrKSpO7sOnp6QCAqKioHo2VerdaXS

Mu5pfjfG4ZLqjLUVGlM+t5AX7uGB7hh5hIBQb290Uf586VRJNIJHB2+nkKgrtrH344EFG34pB

Iy6iurgYArFmzBsuXL8eqVavwxRdfICEhAXv37sW4ceNMjq+trYVMJmt1HhcXF+h05n323A7X

byFbU1ffiMIbNbh8vQpXblTj8vUq5F1tPaLuTs7llGFgqLybIqTeyKYS5tvNw1EoFAgODsb06

dOxbNky7NixA9OmTYNarcbLL7+M6dOnc+Vs6lZCCBSV1hh7kbMLb0JvxmTkPs5SDApt7kX2M8

5FJiKyJxwSaTl9+jSV/IuPj8fMmTMBAIMHD8bFixfbTJhdXV1RX996ao9Op+vSKtlcv4WsSQi

B6+Va5F/TQH1Vg/xrN6G+qkFxWQ3MGKR3R42CU7jIsmwqYW7Pfffdh61btyIlJQUpKSnw8vLC

jBkzkJiYaO3QyAHV1TciI78C5/OaVrQu15h3J1/p64qYiL4YHqnAoFBfyPp0rheZiMhWcEik5

QQGBgL4eUpZs6ioKHz11VdtHv/ll1+abKuvr0dlZWWXFvzi+i3UU3T1ely5UY0rN6pw+Xq18X

GtTt8t13OWwKHWcWHyb302nzBfunTJ5OcpU6ZgypQpVoqGHJkQAtfKtDif25QgZ12pNKsX2dl

JioGhvoiJUGB4pAIBcjf2rBCR3SutrEXG5QpkFlTgbHZph557NquUCfNtDBkyBB4eHjh37hzi

4uKM27OyshAaGtrq+FGjRuH1119HQUEBwsLCAAAnTpwAAIwcObJLsXC9C7IkIQTKbtY1JcQlz

YlxNUoqatGVTmMfD5nJugntGRGl4HubLMrmE2ai7qSr1yPjcgXSbyXJpTfr2n8SgL4+rhh+a7

GuwaFyuMjYi0xE9q2iSofMyxXIKGhKks1tD9uirbt96bveztXVFUuXLsX27dsREBCAmJgYHDl

yBN9++y3effdd6PV6lJeXw8vLC66urhgxYgRGjhyJZ599FuvWrYNWq8VLL72Ehx56iCWlyGp0

9XoUljYlxIW3EuPCkuou9Rq79HFCiNIDIf6e6O/viRBl0z83Fyf8Oe2UWaNcwoO8EBHk3e5xR

B3BhJl6FSEErlfUGnuRL12uNCmPcjtOUglU/X2NK1oHKdzZi0xEdk2jrcely5XILGhKkovLLT

c81921j8XO5YgSEhLg5uaGLVu24Pr164iMjMS2bdswZswYFBYWYtKkSdi4cSNmzZoFiUSCt95

6C8nJyVi0aBFcXFzw29/+FklJSdZ+GTbvWlkN9n+ZDQCYf380ghQc2tpRxl7jEtPk+EYXe437

+rgak+L+txJkpdwN0tt8t4qfNviOiw4CgLuLMx6bOpjfz8jiJEJ0dWq9/dPrDSgvd5y5DmSqv

kGPzMuVSM8tw/m8UpRUmtdr4uft0jTMOkKBQWFyuLnY1v2lP779Hco0Ta9F4e2K1xLusXJE3U

+p9LJ2CBbH9od6irauAZcuVxqHWReWmP++c3aSoFFv/teFtY/e7XBDsh2t/ekNbc//++hHXMg

rBwAMj1Dg2Yc7X360N2juNW5Oii3RayzrIzUmxS3/6+7a8e9UzWXt2uppDg/ywmNTHbOsnaO1

PfbItjIA6ja97S7rjYrmucjlyLxcgQYz5rI4SSWIDvHB8EgFYiIU6NfXg3cpichu1dU3Irvwp

nGIdcH1KrNXn3V2kiCynw8Gh8kxKEyOAYFe+Mv7ZzgkkuzKtdKfR01cLXXsmwMdIYRAmabOpM

f4SkkNbpRru9xr3LLHuL1e444KVnriT4visOKtb41zmt1kTljxX3chIsib39mo2zBh7iU+OJq

Nn9RNd1n/djTH4e6yNjTqcelKZVOSnFuG6xW1Zj3P11NmHGY9ZICfzfUiExGZq75Bj9yim7d6

kCuhvqYxa+FCAJBKJAjv54VBoXIMDpMjKtin1Qr/HBJJZH909XoUldbgyo0qFN5o+u+VkhrUt

lMi7k6ae41bJsed7TXuKIlEAmenn+uHu7v2cbjRLGR7mB30Eo54l7W0srap5FNuGTIuV6C+of

1eZKlEgqgQHwyP8ENMZF+EKNmLTET2qVFvQN5VDTILKpB5uQI5RRqz1mQAAAmA0EAvDA5t6kG

ODvFp94ZhsNITSQtG9sohkUS2rrnX2JgUW6jXWOF9a66xvydCm3uNfd0glfK7E/UeTJjJbjQ0



GpBdWGlcsOtamXkL1Ph4yDA8QoGYSAWGDJBzMRoiskt6gwEFxdXGlayzCyvNulHYLETpYexBV

oX6wqMTbSGHRBJZn65Bj6KSGhSWVOPK9aYSToU3qu84+qM9Mmcpgn8xnDpE6cHvTERgwkw2ru

xmHdLzmhLki/kV0DW0v/CERAJEBvs0JckRCvQP8LTY/Bkiop5iEAKFN6qNq1hnFVZ2aPGdAD/

3pjnIob4YFCqHt4fMInFxSCRRzxBCoFyja1XX2JK9xs3JsT97jYluiwkz2ZRGvQHZhTebkuTc

MhSZOXzc270Phhl7kf3g6cY7okRkX4QQuFamNS7SdelKJaprza9n3NfHFYPC5MZh1nIvl26Ml

ogsSdegx9XSGmNS3Lwgl2V6jT3Q39+LvcZEncSEmayuokpnTJB/yi9HXb0ZvcgAIvp5Y3iEAs

MjFQgL9GIvMhHZFSEESiprmxLkW/WQm4c5m8PXU2aSICt93boxWiKyBGOv8S/qGl+v0Jq9in1

bFN4u6O/vhZAWyTF7jYksgwkz9bhGvQG5RTeRnleO87llKCypNut5nm59MCzCDzERCgwN94OX

u2WGFxIR9ZRyTZ2xBznjcgXKNTqzn+vp1qcpQb41zDrQz51zholsWH1D8wrVlu419jCpa9zf3

5O9xkTdiAkz9YjK6pa9yBVmlzMID/Iy9iKHB3rzTikR2ZWbNfXGOciZlytww8ySd0BTiaaBob

7GXuR+Sg+OpCGyQUIIVFTpcPmG5XuNQ5Se6B/g2dR7rPRAgNyd34WIehgTZuoWekNTuZP0vDK

czy3D5evm9SJ7uDpjaLgfYiIVGBausNgiNUREPaG6tgGXLlcYh1l3pIyfSx8nqPr7YlCYLwaH

yRHq78UvxkSdJIQwKbOmrWtAbtFNRPTr2mruv+w1LrxRjcKSatTUdb3X2KSusb9np1ayJyLLY

8JMFqOpqTeuaP2TutzsD4+wAC8Mj2xasCsiiL3IRGQ/anWNuHSlaf5xZkEFrtyoNnv12j7OUk

QF+xiHWQ8I9DJZfZqIOqeopBqpRzJM1gSorddjw3unMSDQC/HT2q8X3txrbDKcuqQaxeVd6zX

283ZBf6XpCtXsNSaybUyYqdMMBgH1tZ97kfOLq8x6npuLM4aF+zUNtY7wg48nV3IlclTXymqw

/8tsAMD8+6MRpPCwckRdo6vXI7uoEpkFlcgoqEBBcRUMZn57dpJKENHPG4NvJcgR/bzRx9mpm

yMm6l2KSqqxcd+Z284Tzi+uwsZ9Z5C0YKQxaW7uNS78RXLclV7jPs5SBPf1MPYWh7LXmMhuMW

GmDqnS1uOCuhzpuWW4oC43u+RJqL8nhkcqMDxCgchgbzhJ2YtC1Bt8cDQbP6nLAQB/O5qDZx8

eYeWIOqah0YC8qzeRcWsect5VDfQG8xJkiQQYENiUIA8K80V0sC9cZEyQibqLEAKpRzLaXVRL

q2vE//voHKKCvVFYUmORXuOWw6nZa0zkWJgw0x0ZhEBBcRXO5zYNtVZf1Zg13NBV5oShxl5kB

euBEvVS10q1xscdmc9rLY16A/KLq4wrWecU3URDo6H9J6Kp3F1/f08MCmsq86QK8YW7Kz9miX

pK3lWN2aPdKqp0OJlZ0qHzN/caNw+nDvX3RLDSE55u7DUmcmT8JO8FOrrwRXVtA35SN5V8uqA

uQ5XWvF7kEKUHhkc0zUWODPbhXDwisnkGg8DlG80JciWyCiuhM6MWfLN+fT0wKLRpka6BoXJ+

cSayorPZpRY7l9zLxaTHuL+/J/zlbhwhR9QLMWF2cOYsfBHU1wNXrlfjfG4p0vPKkXv1pllDk

1xkThgSJkfMraHWft6u3fhKiIi6ziAErpbUIONyUw/ypcuVHaqJ6i93w6DQn2shcw0GItuhrT

PvBn9LfZyl6HdrrnF/f0/jgly8+UVEzZgwOzBzFr5Yt/ckXF2cUFNr3hfGfn09MDzCDzERCkT

392UvMhHZNCEEisu1yLzctEjXpcsVZo+aAZrmJg4OlRtXsuaNQSLb5d7BBbV+MyIIC6cMZK8x

Ed0RE2YHZe7CF3qDuGOyLOsjxZAwv1sLdvmhr4+bpUMlIrKo0srapkW6bvUiV1bXt/+kW7w9Z

Mbe48Fhcih93bpUs5WIek5sdF98/n2B2cf/ekQ/JstE1C4mzA6qIwtf/FKgn7txLrKqvw/Lnh

CRTauo0iGzRYJcerPO7Od6uDo3LdJ1a5h1kMKdCTKRnYro540BgV5mff8JD/JCRJB3D0RFRPa

OCbOD6ujCF0pfV0weFYrhkQr4+7IXmYhsl6amHpmXK4zDrK+Xa9t/0i1uLk5QhfjeKvUkR4i/

J6RMkIkcgkQiQfy0wXecjgYA7i7OeGzqYN4cIyKzMGF2UB1d+GLoAD9Mujukm6IhIuq8mroGZ

N1KjjMvV6CwxPzyVLI+UkQ3J8ihcoQFenIIJpEDC1Z6ImnBSKQeyWizpzk8yAuPTR2MYKWnFa

IjInvEhNlBdXThi44eT0TUno6WtGtWq2tEduFN4zDry8VVZtV/BwBnJwmign2Mw6wj+nlzcUK

iXiZY6Yk/LYrDire+NVYJcZM5YcV/3YWIoDu3P0REv8SE2UF1dOGLWFXfboyGiHobc0raNffw

1DfokVN009iDrL5aBYM5te0AOEklCA/yxqAwXwwOlSMy2AeyPlx3gai3k0gkJjfL3F37ILKfj

xUjIiJ7xYTZQXHhCyKyFnNK2q1/7zTuHRqIotIa5F69iUa9eQmyBEBYoJexzFN0iA9cZfwoIy

Iiou7BbxkOigtfEJE1mFvSTlevx7/OFpl1zhClR1OCHCqHKtQXHpxCQkRERD2ECbMD48IXRB1

38OBB7Nq1C1euXEFoaCiWL1+OBx98EACQlJSEAwcOmBwfEBCAY8eOWSNUm9SVknbNAv3cjatY

Dwz1hbe7zELREREREXUME2YHx4UviMx36NAhPP/881izZg0mTJiAzz77DCtWrEBgYCBiY2Nx6

dIlPPXUU1iwYIHxOU5OnC/bUkdL2gFAXx9XY4I8KFQOuZdLN0RGRERE1HFMmHsBLnxB1D4hBL

Zu3YpFixZh0aJFAICnn34aZ86cwQ8//ICYmBjk5OQgISEBSqXSytHaro6WtBszJABP/sfQboq

GiIiIqGuYMBMRAcjLy0NRURFmzJhhsj01NRUAkJubC51Oh8jISGuEZzc6WqJO4e3aTZEQERER

dR0TZiIiAPn5+QAArVaL+Ph4XLx4ESEhIVi2bBkmTpyIrKwsSCQSpKWl4dixY5BKpRg/fjwSE

xPh5eXVpWs7OztOneC4Qf4dKmk3arC/Q73+3qLlbB6JxLHew0RERC0xYSYiAlBdXQ0AWLNmDZ

YvX45Vq1bhiy++QEJCAvbu3Yvs7GxIpVIEBwcjJSUFBQUF2LRpE7KyspCWlgaptHMJg1QqgVz

uYcmXYlVxvu6I6u+LnCuV7R4b3d8Xdw8N4loKdkgqlZg8dqT3MBERUUtMmImIAPTp0zSUOD4+

HjNnzgQADB48GBcvXsTevXuxc+dOLF68GN7eTTXLVSoVlEol5s6di/T0dIwYMaJT1zUYBDQar

WVehI14bOogrE87BW3dHUrauTpjydRBqKx0rNfeWxgMwuRxRUWNFaPpGbwpYH+C+rqjTFMHAO

jXl38/IuocJsxERAACAwMBNCXCLUVFReGrr76CRCIxJsvNmo8tLi7udMIMAI2Nhk4/1xYFyt2

R9Ej7Je0C5e4O99p7CyFMH/PvSLZo3qRo7BfZAID/mhRl5WiIyF4xYSYiAjBkyBB4eHjg3Llz

iIuLM27PyspCaGgoVq5cicrKSuMiYACQnp4OoCmpJlMsaUdE1hak8MDKuXdZOwwisnNMmImIA

Li6umLp0qXYvn07AgICEBMTgyNHjuDbb7/Fu+++C61Wi2XLlmHHjh2YNm0a1Go1Xn75ZUyfPp



0rZ98GS9oRERGRvWPCTER0S0JCAtzc3LBlyxZcv34dkZGR2LZtG8aMGQMA2Lp1K1JSUpCSkgI

vLy/MmDEDiYmJ1g2aiIiIiLoNE2YiohaWLFmCJUuWtLlvypQpmDJlSg9HRERERETWwsKJvURQ

X3fjY64USURERERE1D72MPcSXCmSiIiIiIioY5gw9xJcKZKIiMg2FBUVYeLEia22r1+/HnPmz

Gm1vaSkBBs3bsS3334LABg7diySkpKM5fCIiKj7MGEmIqJuE9TXHWWaOgCcDkLU7NKlS3Bxcc

GXX35pUmLNy8urzeOfffZZ6PV67N27FwCQnJyMhIQEHDhwoEfiJSLqzZgwExFRt+F0EKLWsrK

yEB4eDn9//3aP1Wg0OHnyJHbs2IEhQ4YAAJ544gkkJCSgoqICcrm8u8MlIurVmDATEVG34XQQ

otYuXbqEqCjzbiC5uLjA3d0dBw8exOjRowEAhw4dwoABA+Djw7rmRETdzaYTZrVajVmzZuFPf

/oTZs2aBQDIyMjAhg0bcOHCBfj6+mLhwoWIj4+3cqRERERE5snKyoJSqcT8+fORn5+PsLAwJC

Qk4Ne//nWrY11cXLBhwwa8/PLLiIuLg0QigVKpxL59+yCVdq3YibMzi6WQ/WkxiwESCd/H1P1

sNmFuaGjAqlWroNVqjdsqKiqwZMkS3H///UhOTsaPP/6I5ORk+Pr6Yvbs2VaMloiIiKh99fX1

yM/Ph5ubG1avXg13d3ccPnwYjz/+OPbu3Ytx48aZHC+EwKVLlxAbG4ulS5dCr9djy5YtePrpp

/HBBx/A09OzU3FIpRLI5VxXgOyPVCoxecz3MXU3m02Yt23bBg8P0/8BPvroI8hkMqxbtw7Ozs

6IjIxEQUEBdu/ezYSZiIiIbJ5MJsPJkyfh7OwMmUwGABg2bBhyc3ORmpraKmE+cuQI9u/fj3/

/+9/G5DglJQX33XcfPv74YyxatKhTcRgMAhqNtv0DiWyMwSBMHldU1Fgxmu7HGwLWZ5MJ88mT

J/Hhhx/i4MGDmDBhgnH7qVOnMGrUKDg7/xz22LFjsXPnTpSVlUGhUFghWiLr4OrDRGQtbH+6x

t3dvdU2lUqFb775ptX206dPIzw83KQn2cfHB+Hh4cjPz+9SHI2Nhi49n8gaAhXuKL3Z1P4EKT

z4PqZuZ3OD/jUaDVavXo0XXngBQUFBJvuKi4tb1RxsXmHy6tWrPRYjkS2YNykaQ8P9MDTcj6s

PE1GPYvvTeZmZmYiNjcWpU6dMtl+4cKHNhcCCgoJQUFAAnU5n3FZbW4vCwkKEhYV1e7xEtobt

D/U0m+thXrduHe666y7MmDGj1b66ujrj8KVmLi4uAGDyQdIZXDCA7E3/AC+seWSktcMgol6Iq

593nkqlQnR0NJKTk/HSSy9BLpfjo48+wo8//oi///3v0Ov1KC8vh5eXF1xdXfHQQw8hNTUViY

mJ+MMf/gAAeOONNyCTyYwLohL1Jmx/qKfZVMJ88OBBnDp1Cp9++mmb+11dXVFfX2+yrTlRbmt

4k7m4YAARERH1BKlUipSUFLz++utITEyERqPBkCFDsHfvXgwcOBCFhYWYNGkSNm7ciFmzZsHf

3x/79+/Ha6+9hkWLFkEqlSIuLg4ffPABvL29rf1yiIgcnkQIIdo/rGcsXLgQZ86cMelF1mq1k

MlkCA0NRb9+/eDr64vXXnvNuP+7777DkiVL8N1333V6DrNeb4BGU9vl+ImoeznijS293oDycs

desITIESiVXtYOwaLY9hDZB0dre+yRTfUwv/7666irqzPZNnnyZDzzzDOYOnUqjhw5gr/97W/

Q6/VwcnICABw/fhzh4eFdXvCLCwYQERERERFRSzY1cTcgIABhYWEm/wBAoVAgODgYs2fPRnV1

NdauXYucnBwcOHAAaWlpePLJJ60cORERERERETkam0qY26NQKLBnzx6o1WrMnDkTb731FlavX

o2ZM2daOzQiIiIiIiJyMDY1h9laOI+HyD444jwetj9E9sHR2h+2PUT2wdHaHntkVz3MRERERE

RERD2FPcwAhBAwGHr9r4HI5jk5Od49PrY/RPbB0doftj1E9sHR2h57xISZiIiIiIiIqA28ZUF

ERERERETUBibMRERERERERG1gwkxERERERETUBibMRERERERERG1gwkxERERERETUBibMRERE

RERERG1gwkxERERERETUBibMRERERERERG1gwkxERERERETUBibMRERERERERG1gwkxERERER

ETUBibMRERERERERG1gwmxFAwcOxIEDB6wdRrv+/e9/Iycnx9phOBQhBD755BOUlZXd9pgTJ0

5g4MCBKCws7MHIqLdg+9M7se0ha2Pb03ux/SF7xYTZir755htMnTrV2mHcUVFREZ566qk7Nm7

UcSdPnsRzzz2H2tpaa4dCvRTbn96JbQ9ZG9ue3ovtD9krZ2sH0JsplUprh9AuIYS1Q3BI/L2S

tbH96Z34OyVrY9vTe/H3SvaKPcxW1HJY0nPPPYc//vGP2LRpE8aNG4cRI0YgISEBJSUldzyHV

qvF+vXr8atf/QqxsbF45JFHcP78eeP+M2fO4JFHHkFMTAwmTJiA5ORkVFdXG/dPnDgRu3btwu

9//3vExsZizJgxeOWVV9DY2IjCwkJMmjQJAPDoo49i27ZtAIDc3Fw8/vjjiI2Nxa9+9SusXLn

SJM6FCxfi+eefx5w5cxAXF4eDBw9a6ldmV7Kzs5GQkIAxY8Zg2LBheOCBB5CWloYTJ07g0Ucf

BQBMmjSp3aFpX3/9NWbMmIFhw4Zh2rRp+Oqrr4z79Ho93n33XUyZMgXDhw/HlClT8NFHHxn3n

zhxAkOGDMH333+PqVOnYvjw4Zg7dy7UajV27NiBe+65B6NHj8af//xnkw+yf//735g1axZiYm

LwwAMP4I033kB9fb1lf0FkVWx/HBfbHrJlbHscG9sfckiCrEalUomPP/5YCCHEmjVrxNChQ8V

zzz0ncnJyxLFjx8To0aNFUlLSHc/xxBNPiIkTJ4qvv/5a5Ofni7Vr14q4uDhRVlYmMjIyxPDh

w8X27duFWq0WJ0+eFHPmzBFz5swRBoNBCCHEfffdJ4YNGybS0tKEWq0W7733nhg4cKD45JNPR

GNjozh37pxQqVTiiy++ENXV1aK4uFiMHj1aJCcni5ycHJGenm6MoaamRgghxIIFC8TAgQPF4c

OHRVZWligvL+/eX6QN0mq14t577xUrV64UOTk5Ij8/X2zevFmoVCpx7tw58cUXXxgf19bWtnm

O77//XqhUKjF58mTx/fffi7y8PJGQkCBGjBghqqurhRBCrF+/XowaNUocPnxYqNVqsW/fPjF0

6FDx17/+1eQcv/vd78TZs2fFxYsXxaRJk8To0aONsX3wwQdCpVKJf/3rX0IIIb7++msxfPhws

X//flFQUCD+7//+T0yePFk888wzPfPLox7B9scxse0hW8e2x3Gx/SFHxYTZin75oTFmzBhRX1

9v3L9hwwYxefLk2z4/Ly9PqFQqcezYMeM2nU4nXnnlFZGbmytWrVolnnjiCZPnXL58WahUKvH

9998LIZo+NJYtW2ZyzO9+9zvxpz/9SQghxJUrV0yO37Jli5g+fbrJ8VqtVsTExBhfy4IFC8RD

Dz3Uod+FoykrKxM7d+4UVVVVxm06nU6oVCrxySefGBvzK1eu3PYczcd89dVXxm0//fST8cOmq

qpKDB06VLz33nsmz9u4caO45557hMFgMJ6j+QNBCCE2bdokhg4dKrRarXHbPffcI3bu3CmEEG

LevHkiOTnZ5JzHjx9vN16yL2x/HBPbHrJ1bHscF9sfclScw2xDwsLC0KdPH+PPXl5eaGhoAAC

8+OKL+PTTT437nnzySQwYMAAAcNdddxm3y2QyJCUlAQAuXryIgoICxMbGtrpWbm4uxowZAwCI



jIw02dfyur908eJF5ObmtjqnTqdDbm6uyWvpzfz8/DB//nx8/vnnyMzMREFBATIyMgAABoOh1

fHTpk3D1atXjT/v3r3b+Dg8PNz42NvbGwBQV1eHvLw8NDQ04O677zY5V1xcHPbu3WuyWEnLc7

i5uaFv375wc3MzbnNxcYFOpwPQ9Dc+f/48PvnkE+N+cWvIUm5uLkJCQjrwmyB7wfbHMbDtIXv

DtsdxsP0hR8WE2YbIZLLb7vvDH/6A+Ph4488+Pj44deoUAEAikbT5HIPBgBkzZuCpp55qtc/P

z++O1xW3WZjBYDBg7NixeOmll1rt8/LyMj52dXW9zSvpHUpLS/Hwww9DLpdj0qRJGDduHIYPH

47x48e3efyuXbvQ2Nho/DkgIADnzp0DAEilrZcaEE2jQwC0/vs3fyg5O//8v3fLx7c7Z8vnL1

26FDNnzmy1zx4Wa6HOYfvjGNj2kL1h2+M42P6Qo+KiX3ZCoVAgLCzM+M/X19d4dzQ9Pd14XGN

jIyZMmIAjR44gOjoa2dnZJs/T6/XYuHEjrl27ZtZ1f9kgRUdHIzc3F0FBQcZz+vj44JVXXkFW

VpblXrCd+/TTT1FZWYm//e1vSEhIwAMPPICbN28CaGrwf/l7DQ4ONvk7mfOhGxERAWdnZ+OXh

2anTp2CUqmEj49Pp2KPjo5GXl6eSTzXr1/Hq6++ipqamk6dk+wb2x/7wbaHHAnbHvvC9occFR

NmOxYeHo7JkycjOTkZx48fh1qtxosvvoj6+nqMGzcOjz32GDIyMvDiiy8iJycH586dw6pVq6B

Wq41Dmtrj7u4OAMjKykJVVRXmz5+PqqoqrFixAhkZGcjMzMTKlStx/vx5REdHd+OrtS+BgYGo

ra3FP/7xD1y9ehXffPMNVqxYAQCor683/l4zMzM73RB7eXnh4YcfxptvvolPP/0UBQUFeP/99

7F//3489thjt7373p7HH38c//znP7Ft2zao1WocP34cSUlJ0Gg0vMtKRmx/bBPbHnJ0bHtsF9

sfclQckm3nNm7ciFdffRXPPvssdDodRowYgXfeeQd+fn7w8/PDnj17sHXrVsyaNQtubm4YO3Y

s1qxZc8chUC3J5XLMnj0br776KgoKCvDCCy9g37592Lx5M+bPnw8nJyfcddddSEtLg0Kh6OZX

az9++9vf4qeffsKmTZtQXV2N4OBgzJkzB0ePHsX58+cxe/ZsjB8/HomJiVixYgUee+yxTl1n7

dq1kMvl2Lx5M0pLSxEWFoYXX3wRDz/8cJdi37JlC3bu3ImdO3fCx8cH9913H/74xz92+pzkmN

j+2B62PdQbsO2xTWx/yFFJxO0mbBARERERERH1YhySTURERERERNQGJsxEREREREREbWDCTER

ERERERNQGJsxEREREREREbWDCTERERERERNQGJsxEREREREREbWDCTERERERERNQGJsxERERE

REREbWDCTERERERERNQGJsxEREREREREbWDCTERERERERNQGJsxEREREREREbfj/CeFDEnEDD

8kAAAAASUVORK5CYII=", 

      "text/plain": [ 

       "<Figure size 984.597x600 with 6 Axes>" 

      ] 

     }, 

     "metadata": {}, 

     "output_type": "display_data" 

    } 

   ], 

   "source": [ 

    "#sns.pointplot(data=df_ci_plot, x=\"program type\", y=\"value\", 

hue=\"program type\")\n", 

    "g = sns.FacetGrid(df_ci_plot, col='task name',  hue='time 

point',col_wrap=3, sharey=False, margin_titles=True)\n", 

    "g = g.map(sns.pointplot,'program type','value', dodge=True)\n", 

    "g.set_axis_labels('', 'score')\n", 

    "g.add_legend()" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 45, 

   "metadata": {}, 

   "outputs": [], 

   "source": [ 

    "n_times = 10_000\n", 

    "change_score_dict = {}\n", 

    "res_dict = {}\n", 

    "i = 0\n", 

    "creyos_tasks = {'SS':'SS_avg_score', 'DT':'DT_final_score', 

'ML':'ML_max_score', 'RT':'RT_final_score', 'FM':'FM_final_score', 

'TS':'TS_max_score'}\n", 

    "for t, score_name in creyos_tasks.items():\n", 



    "    diff_score_1test = get_test_df(df_2programs, score_name)\n", 

    "    res_init = 

stats.bootstrap((diff_score_1test.loc[(diff_score_1test['trt_grp']=='Init

ial'), 'diff_score'].dropna(), ), \n", 

    "                np.nanmean, confidence_level=0.95, \n", 

    "                n_resamples=n_times, method='BCa')\n", 

    "    \n", 

    "    res_virtual = 

stats.bootstrap((diff_score_1test.loc[(diff_score_1test['trt_grp']=='Virt

ual'), 'diff_score'].dropna(), ), \n", 

    "            np.nanmean, confidence_level=0.95, \n", 

    "            n_resamples=n_times, method='BCa')\n", 

    "\n", 

    "\n", 

    "    change_score_dict[t] = 

res_init.bootstrap_distribution/res_virtual.bootstrap_distribution\n", 

    "    res_dict[i] = {'task name':t, 'program type':'at-home', 

'ci':'low', 'value':res_virtual.confidence_interval[0]}\n", 

    "    res_dict[i+1] = {'task name':t, 'program type':'at-home', 

'ci':'high', 'value':res_virtual.confidence_interval[1]}\n", 

    "    res_dict[i+2] = {'task name':t, 'program type':'in-center', 

'ci':'low', 'value':res_init.confidence_interval[0]}\n", 

    "    res_dict[i+3] = {'task name':t, 'program type':'in-center', 

'ci':'high', 'value':res_init.confidence_interval[1]}\n", 

    "    i += 4" 

   ] 

  }, 

  { 

   "cell_type": "code", 

   "execution_count": 46, 

   "metadata": {}, 

   "outputs": [ 

    { 

     "name": "stdout", 

     "output_type": "stream", 

     "text": [ 

      "SS 0.9074\n", 

      "DT 0.203\n", 

      "ML 0.3582\n", 

      "RT 0.0472\n", 

      "FM 0.2717\n", 

      "TS 0.4751\n" 

     ] 

    } 

   ], 

   "source": [ 

    "for t, score_name in creyos_tasks.items():\n", 

    "    hist = np.sort(change_score_dict[t])\n", 

    "\n", 

    "    idx = find_nearest(hist, 1)/n_times\n", 

    "\n", 

    "    print(t, idx)" 

   ] 

  }, 



  { 

   "cell_type": "code", 

   "execution_count": 47, 

   "metadata": {}, 

   "outputs": [ 

    { 

     "name": "stderr", 

     "output_type": "stream", 

     "text": [ 

      "/Users/rye/opt/miniconda3/lib/python3.9/site-

packages/seaborn/axisgrid.py:718: UserWarning: Using the pointplot 

function without specifying `order` is likely to produce an incorrect 

plot.\n", 

      "  warnings.warn(warning)\n" 

     ] 

    }, 

    { 

     "data": { 

      "text/plain": [ 

       "<seaborn.axisgrid.FacetGrid at 0x167df7fd0>" 

      ] 

     }, 

     "execution_count": 47, 

     "metadata": {}, 

     "output_type": "execute_result" 

    }, 

    { 

     "data": { 

      "image/png": 

"iVBORw0KGgoAAAANSUhEUgAAA4kAAAIzCAYAAACtCFzyAAAAOXRFWHRTb2Z0d2FyZQBNYXRw

bG90bGliIHZlcnNpb24zLjQuMywgaHR0cHM6Ly9tYXRwbG90bGliLm9yZy/MnkTPAAAACXBIW

XMAAA9hAAAPYQGoP6dpAADJsUlEQVR4nOzdeVyU1f4H8M+wDIuAgoIghCgqCIKCIJgQLuGCWW

YuqbjgminYIio/vdFi6RXUmwtqCq6lZm430wqt1ApRxDUBkdxYBwUZ9m3m9wfx6FwWGQSH5fN

+vXw1nI3vI3Sc7zznOUckl8vlICIiIiIiIgKgpuoAiIiIiIiIqOlgkkhEREREREQCJolERERE

REQkYJJIREREREREAiaJREREREREJGCSSERERERERAImiURERERERCRgkkhEREREREQCJokkk

Mvlqg6BiFo5zkNEpEqcg4gqMEkkAMDp06exZMmSBh93ypQpmDJlSoOP2xL98ssvmDZtGlxcXO

Dg4ABvb2+sWLECDx8+rNL20qVLeOedd+Dm5oZevXph4MCBCAoKwv3791UQOVHD4DykWjY2Ngp

/7Ozs4ObmBj8/P5w5c0ah7eDBg6u0/98/S5cuVdGVENUP5yDVqpw71q5dW229TCaDp6cnbGxs

cPjwYQBAcnKywtfUcDRUHQA1DTt37lR1CK3akSNHsHTpUkyYMAHTp0+Hjo4Obt++ja+++gq//

vorDh06hHbt2gEAoqKiMGvWLAwZMgQrVqyAgYEB7t+/j4iICIwbNw4HDx6EpaWlai+IqB44D6

ne2LFjMW7cOABAaWkpMjMz8d1332HOnDn417/+BV9fXwDAxo0bUVJSIvRbsGAB7Ozs8O677wp

lRkZGLzZ4oufEOUj11NTU8OOPP+KDDz6oUnfx4kVIJBIVRNU6MUkkagI2bdqE1157DZ9++qlQ

5u7uDhcXF7zxxhv47rvvMGvWLADAli1b4ODggPXr1wtt3dzc4OXlBW9vb+zYsQPBwcEv/BqIq

PkzNTVFnz59FMpGjBiB+fPnY9WqVRg4cCAsLCxgZ2en0EYsFsPIyKhKXyIiZTg7OyMmJgZ//f

UX7O3tFep++OEH9OzZE3FxcSqKrnXhclPClClTcOHCBVy4cAE2NjaIjo4GAMTHx2PBggVwd3e

Hvb09PD09sWLFChQVFQl9//zzT0yYMAFOTk5wdXXFu+++i7///rvG73Xu3Dn06tULQUFBNa77

nzJlCpYtW4avvvoKAwcOhIODA95++21cvXpVod2pU6cwadIkODk5oVevXhg+fDj27t0r1EdHR

8PGxgZRUVGYMmUKHB0dMXDgQBw8eBASiQQLFiyAk5MTvLy8qnx6+PjxY3z00Ud4+eWX4eDggP

HjxyMqKqrWv8elS5fWuvSq8u+1Og8fPqz278PW1hZBQUHo1auXQtvqmJiYYPny5RgwYECtcRI

1RZyHVD8P1UQkEuHDDz9EaWkpvvvuO6X7EzUHnIOaxhzUr18/dOjQASdPnlQoLysrw88//4yR

I0fW2p8ajkjOJ3Rbvdu3byMwMBAAEBwcjG7duqGgoAAjRoxAnz59MGXKFIjFYvz222/YtWsX3

n//fbzzzjt48OABXnvtNbz11lsYOnQocnJysG7dOuF/ZDU1NWEN/p49e3Dx4kXMmjULw4cPx8

qVK6GmVv1nFFOmTEFcXBysra0xe/ZsyOVy/Pvf/0ZpaSl++eUXqKur47fffsPcuXMxdepUDB4

8GEVFRdi7dy9+//137Nu3D87OzoiOjsbUqVNhZGSEOXPmwMbGBl999RUuXLgAS0tL+Pj4wMnJ



Cfv27cPp06dx8OBBODo6ori4GOPHj8fDhw/x3nvvwcTEBIcOHcLp06exfft29O/fv9q479+/j

6ysrBr/nrt16wY9Pb1q69577z2cPHkSr776KkaMGAFXV1d07Nix2rYhISHYvn07+vXrhzfeeA

Nubm546aWXavy+RM0B5yHVz0M2NjZYsGAB/P39q60fOHAgXnrpJezZs6dK3eDBg9GvXz+sWrW

qxu9N1JRxDmo6c1B2djbOnj2LU6dOCXXnzp1DQEAADh48iJEjR2LlypUYM2YMkpOTMWTIEOFr

ajhcbkoK/8NWLhW6cuUKevbsiS+//FKoe/nllxEVFYWLFy/inXfewbVr11BUVIS5c+cKCY2Zm

RlOnz6NgoIChUng2rVrmDt3LoYOHVrrpFiprKwM4eHhwhj5+flYsmQJ4uLi0KtXL9y+fRujR4

/GsmXLhD5OTk5wc3PDxYsX4ezsLJS/9dZb8PPzAwDo6upiwoQJcHR0REBAAACgV69eOH36NGJ

jY+Ho6Ihjx44hPj4e3377LXr37g0AeOWVVzBlyhSEhobi0KFD1cZsaWlZ72cBP/vsM8hkMvz8

88/CpGhpaYnBgwfDz88PpqamQtuFCxciNzcXhw4dwoULFwAAHTt2xMCBAzFt2jRYW1vXKwYiV

eI8pPp56Fk6dOhQ40oGouaOc1DTmYN8fHzw9ddf48aNG8JKqhMnTmDIkCHQ1tZ+rrGp7pgkUr

U8PDzg4eGB0tJS3LlzB3fv3kVCQgKysrKEDVR69+4NLS0tjB07Fj4+PvDy8oKLiwscHR0Vxkp

NTRU+BQsODn7mpAhU/aSpcuItLCwEAOH5vIKCAty/fx937tzB9evXAVRstvA0Jycn4XWHDh2E

2CsZGhoCAHJzcwFUbAxjbGwMe3t7lJWVCe0GDRqE1atXIycnB23btq0Ss0wmg0wmq/Ga1NXVI

RKJqq3T19fH+vXrkZycjDNnziA6OhrR0dHYuXMnvv32W4SHhwuTvVgsxqeffgp/f3+cOXMG58

+fR3R0NA4cOIDDhw9jzZo1GDZsWI1xEDUXnIde7DxUF8/Tl6i54Rykmjmob9++6NixI06ePIl

evXqhpKQEp06dQkhISK39qGExSaRqyWQyrF27Fl9//TUKCgpgZmYGR0dHaGlpCW0sLCywd+9e

fPXVV/j222+xc+dOGBgYYNKkSVi4cKEwASYnJ8PDwwPR0dHYsGEDgoKCnvn9dXR0FL6uHKty4

snKykJwcDBOnToFkUiEzp07o2/fvgCqnnFU3bKG/x3/aY8fP0ZmZmaVB6YrZWZmVjsx/t///R

+OHDlS47i7d++Gm5tbjfVAxd/p5MmTMXnyZMhkMpw6dQpBQUFYsWJFle2djY2NMXbsWIwdOxZ

AxXMHixYtwieffAJvb+86/QNE1JRxHlLNPFSTjIwMdO/evV59iZojzkGqmYNEIhGGDx+OH3/8

EYGBgTh37hzU1NQwYMAAZGRk1NqXGg6TRKrWV199hZ07d+Ljjz/GsGHDoK+vDwBCQlLJ0dFR2

Ar90qVLOHDgALZs2QIbGxv4+PgAALp3746tW7diw4YN2LZtG0aOHFnlEzZlLVq0CElJSdixYw

ecnZ0hFotRWFiIgwcPPte4QMVdPSsrK4SGhlZbb2FhUW35ggULMHny5BrH7dKlS7XlP/30E4K

Dg7Fv3z6FNmpqahg6dCguXryIb7/9FgBw9epVzJs3DyEhIVU2qHFzc8PMmTOxcuVKZGdno337

9rVeJ1FTx3noxc1Dz5KUlASJRIJJkybVqz9Rc8Q5SHVzkI+PD3bt2oXr16/jxIkTGDp0KDQ1N

evUlxoGbzUQAFS563Tp0iV069YNY8eOFSbFjIwM3Lp1S/gEa+fOnRg8eDBKSkogFovRv39/fP

bZZwCAtLQ0YSxDQ0NoaGhg3rx56NSpE5YtW1ZlGYSyLl26hGHDhsHd3R1isRgAcPbsWQCodZl

DXfTr1w9paWlo3749HBwchD9RUVHYvn071NXVq+1nYWGh0P5//9T0oHb37t3x+PFj7Nq1q9r6

u3fvokePHgAAKysrFBYWYvfu3dVe5507d2BsbMzzyahZ4jz0xIueh55l/fr10NbWxptvvvk8l

0XUpHEOekLVc1CfPn1gbm6O77//Hr/88gt3NVUB3kkkAICBgQEuX76MqKgo2NnZwdHREWFhYf

jqq6/Qp08f3Lt3D1u3bkVJSYmwFt7d3R2hoaGYP38+fH19oa6ujv3790MsFmPQoEFVvoe2tjb

+9a9/Yc6cOdi2bZvCocvKcnR0xPfffw97e3uYmpri8uXL2Lp1K0QikRBffY0ZMwZ79+6Fn58f

3nnnHZiZmeHPP//Etm3b4Ovr2+CfZHXt2hVz5szB1q1bkZqaitdffx2mpqZ49OgRjh07hqioK

OzYsQMA0LZtWyxZsgTBwcGYNGkSxo8fj5deegm5ubmIjIzEkSNHEBoayueGqFniPPTEi56HKq

Wnp+PKlSsAKjbNyMjIwJEjR/D777/j008/VdhEi6il4Rz0hKrmoKcNHz4cu3fvRrt27dCvX79

a2/7xxx+QSqXVjsF5q36YJBIAYPLkybhx4wZmz56NlStXYu7cucjOzsbu3buxadMmmJmZ4Y03

3oBIJMLWrVuRk5MDW1tbbNmyBZs2bcIHH3yA8vJy9OrVCxEREejatWu138fLywvDhg3D5s2bM

WzYsHrvxLlq1Sp89tlnwqd1VlZW+OSTT/Df//4XMTEx9f57ACp2/fr666+xZs0ahISEIDc3F+

bm5vjwww8xY8aM5xq7Jh988AF69uyJgwcPYsWKFcjLy4OBgQFcXFzw3XffwdbWVmj79ttvo3P

nzti9ezfWrl2Lx48fo02bNnB0dMSuXbvq/bwRkapxHnpCFfMQAHz33XfCWYiampowMTFBr169

sHfvXri4uDTa9yVqCjgHPaGqOehpPj4+CA8Px4gRI565z8Lx48dx/PjxKuU9e/ZkklhPPCeRi

IiIiIiIBHwmkYiIiIiIiARMEomIiIiIiEjAJJGIiIiIiIgETBKJiIiIiIhIwCSRiIiIiIiIBE

wSiYiIiIiISMAkkYiIiIiIiAQaqg6guSgvlyErK1/VYRARAGNj/QYdTyaTYePGjTh48CCkUin

69u2L4OBgdO7c+Zl9v//+eyxatAinT5+GhYWFUD548GCkpKQotB01ahRCQ0PrFSPnIKKmpaHn

oeaA8xBR09KY8xCTRCJq9cLCwrB//36sXLkSHTt2REhICGbPno3jx49DLBbX2C8lJQWffPJJl

fK8vDykpqZi69atsLe3F8q1tbUbJX4iIiKihsTlpkTUqpWUlCAiIgL+/v7w8vKCra0t1q1bh4

yMDERGRtbYTyaTITAwUCEJrHTr1i3I5XI4OzvD2NhY+KOv3/ruPBAREVHzwySRiFq1+Ph45Of

nw93dXSgzMDCAnZ0dLl68WGO/LVu2oLS0FHPnzq1Sl5CQAGNjYxgYGDRKzERERESNictNiahV

S09PBwCYmZkplJuYmCAtLa3aPteuXUNERAS+++47ZGRkVKm/desWdHV14e/vj8uXL8PIyAhjx

ozB1KlToabGz+aIiIioaWOSSEStWmFhIQBUefZQS0sLOTk5VdoXFBRg0aJFWLRoEaysrKpNEh

MTE5GbmwsfHx8sWLAAMTExCA0NRU5ODhYuXFjvWDU0mGASERFR42OSSEStWuVmMiUlJQobyxQ

XF0NHR6dK+xUrVsDKygpvv/12jWPu2LEDxcXF0NPTAwDY2NggPz8fmzdvhr+/f73uJqqpiWBo

2EbpfkRERETKYpJIRK1a5TJTiUQCS0tLoVwikcDW1rZK+0OHDkEsFsPJyQkAUF5eDgB47bXX8

Prrr+PTTz+FpqYmNDU1Ffr16NEDBQUFyMnJgaGhodJxymRySKUFSvcjosbBD22IqCVjkkhIe5



SPb04lAgAmvdodZu35Dx+1Hra2ttDT00N0dLSQJEqlUty8eRO+vr5V2v/8888KX1+9ehWBgYH

46quvYG1tDZlMhldffRXjxo3DvHnzhHbXr19Hhw4d6pUgViork9W7b1PHeYiIVIlzEJEiJomE

facT8dedLADA/tO38f743iqOiOjFEYvF8PX1RWhoKIyMjGBubo6QkBCYmprC29sb5eXlyMrKg

r6+PrS1tdG5c2eF/pUb33Tq1Ant27cHAAwbNgzbt2+HlZUV7O3tERUVhe3bt2PZsmUv/PqaC8

5DRKRKnIOIFDFJJKQ9fLKELfVhvgojIVKNgIAAlJWVYfny5SgqKoKrqyvCw8MhFouRnJyMIUO

GYOXKlRgzZkydxvvwww9hYGCANWvWID09HRYWFli2bBnGjx/fyFfSfHEeIiJV4hxEpIhJIhG1

eurq6ggMDERgYGCVOgsLCyQkJNTY183NrUq9hoYG5s2bp7DclIiIiKi54H7qREREREREJGCSS

ERERERERAImiURERERERCRgkkhEREREREQCJolEREREREQkYJJIREREREREAiaJREREREREJG

CSSERERERERAImiURERERERCRgkkhEREREREQCJolEREREREQkYJJIREREREREAiaJRERERER

EJGCSSERERERERAImiURERERERCRgkkhEREREREQCJolEREREREQkYJJIREREREREAiaJRERE

RComk8mwfv16eHp6onfv3pgxYwbu3btXY/sbN25g2rRpcHJygru7Oz766CNIpVKFNidPnoSPj

w8cHBwwatQonD17trEvg4haCCaJRERERCoWFhaG/fv3Y8WKFThw4ABEIhFmz56NkpKSKm0lEg

n8/PxgaWmJI0eOICwsDLGxsViyZInQ5vz58wgMDMSkSZNw9OhReHh4YP78+UhKSnqRl0VEzRS

TRCIiIiIVKikpQUREBPz9/eHl5QVbW1usW7cOGRkZiIyMrNI+JSUFnp6eCA4OhpWVFZydnTFu

3DhERUUJbbZt2wZvb2/4+vrC2toaS5Ysgb29PXbt2vUiL42ImikmiUREREQqFB8fj/z8fLi7u

wtlBgYGsLOzw8WLF6u0d3Jywtq1a6GhoQEAuH37No4cOYIBAwYAqFi6GhsbqzAeALi5uSEmJq

YRr4SIWgoNVQdARERE1Jqlp6cDAMzMzBTKTUxMkJaWVmvfYcOG4e7duzA3N0dYWBgAQCqVoqC

gAKampkqP9ywaGi3z/oJIpPi6pV4nUV0xSSQiIqIGkfYoH9+cSgQATHq1O8zat1FxRM1DYWEh

AEAsFiuUa2lpIScnp9a+oaGhKCoqQmhoKKZOnYpjx46hqKioxvGKi4vrHaeamgiGhi3zZ6qmJ

lJ43VKvk6iumCQSERFRg9h3OhF/3ckCAOw/fRvvj++t4oiaB21tbQAVzyZWvgaA4uJi6Ojo1N

rXwcEBALBhwwZ4eXkhMjISXl5ewnhPq8t4tZHJ5JBKC+rdvymTyeQKr7Oz81UYDVHdNOaHGSp

PEmUyGTZu3IiDBw9CKpWib9++CA4ORufOnattf+PGDYSEhODatWvQ0tLC0KFDsWjRIhgYGAht

Tp48iQ0bNuDBgwewsrJCYGAgXnnllRd1SURERK1S2sMnCUTqQ77JrqvKZaYSiQSWlpZCuUQig

a2tbZX2SUlJSE5OFpJBoGIpadu2bZGRkYF27dpBV1cXEolEoZ9EIqmyBFVZZWWy5+rfVMnliq

9b6nUS1ZXKF1xzy2ciIiJqzWxtbaGnp4fo6GihTCqV4ubNm3BxcanS/ty5c1i4cCHy8vKEsvv

37yM7OxvW1tYQiURwdnbGhQsXFPpFR0ejb9++jXchRNRiqDRJ5JbPRERE1NqJxWL4+voiNDQU

p0+fRnx8PN5//32YmprC29sb5eXlyMzMFJ41fOONN6Cvr4/AwEAkJiYiJiYGAQEBcHR0xKBBg

wAAfn5++OGHH7Bjxw4kJSVh9erViIuLw7Rp01R5qUTUTKg0SeSWz0RERERAQEAAxo4di+XLl2

PixIlQV1dHeHg4xGIx0tLS4OHhgRMnTgAADA0NsXv3bshkMkycOBHz58+HnZ0dwsPDoa6uDgD

w8PDAF198gX379uHNN9/E+fPnsWXLFlhbW6vyMomomVDpM4nNactnoOVuh8xtn4mIiFRLXV0d

gYGBCAwMrFJnYWGBhIQEhbIuXbpg69attY45evRojB49uiHDJKJWQqVJYnPZ8hlo2dshc9tnI

iIiIiKqpNIksbls+Qxw22eipoQfZBARERE1HpUmic1py2eg5W6HzG2fiYiIiIiokkofPuOWz0

TUFMhkMqxfvx6enp7o3bs3ZsyYgXv37tWp7/fffw8bGxskJycrlJ88eRI+Pj5wcHDAqFGjcPb

s2cYInYiIiKjBqTRJ5JbPRNQUKHNe69NSUlLwySefVCnnea1ERETUnKl8G0tu+UxEqqTsea2V

ZDIZAgMDYW9vX6WO57USERFRc6bSZxIBbvlMRKr1rPNaR44cWW2/LVu2oLS0FAsWLMD58+eF8

srzWpcuXarQ3s3Nrdakk4iIiKipqHeSmJSUhD/++AMSiQRTpkzBgwcPhGcMiYiai/qc13rt2j

VERETgu+++Q0ZGhkJdY57X2pLPMOV5rS0Df45ERC2D0klieXk5goODcejQIcjlcohEIowYMQK

bNm3CgwcPsHfv3gbZSZSI6EVQ9rzWgoICLFq0CIsWLYKVlVWVJLGxzmtt6WeY8rzWloE/RyKi

lkHpJHHz5s34/vvvsWLFCgwcOBADBgwAACxZsgTvvvsu1q1bh3//+98NHigRUWNQ9rzWFStWw

MrKCm+//Xa142lpaQnjPe15z2ttyWe1AjyvtaVoTT9HJsBE1JIpnSQeOnQIAQEBeOutt1BeXi

6U29raIiAgAKGhoQ0aIBFRY1L2vNZDhw5BLBbDyckJAIR58LXXXsPrr7+OTz75pNHOa23JZ5j

yvNaWgT9HIqKWQekk8eHDh+jZs2e1dR07doRUKn3uoIiIXpSnz2utTBIrz2v19fWt0v7nn39W

+Prq1asIDAzEV199VeW81nHjxgnteF4rERERNRdKJ4mdO3fGmTNn8PLLL1epu3DhAjp37twgg

RERvQhPn9dqZGQEc3NzhISEKJzXmpWVBX19fWhra1eZ4yo3vunUqRPat28PoOK81jlz5sDOzg

6vvPIKDh06hLi4OHz++ecv/PqIiIiIlKV0kjht2jR89NFHKC0txaBBgyASiXDv3j1ER0cjIiK

iyrbvRERNXUBAAMrKyrB8+XIUFRXB1dVVOK81OTkZQ4YMwcqVKzFmzJg6jVd5XmtYWBjWrVuH

bt268bxWIiIiajaUThLHjRuHrKwsbNmyBfv27YNcLscHH3wATU1NzJo1CxMnTmyMOImIGo2y5

7U+zc3Nrdp6ntdKREREzZXSSWJOTg7mzp2LyZMn4/Lly3j8+DEMDAzQu3dvtGvXrhFCJCIiIi

IiohelXncS33vvPfj4+MDT07MxYiIiIiIiIiIVUVO2Q05ODgwNDRsjFiIiIiIiIlIxpZPEqVO

nYvXq1Th//jyysrIaIyYiIiIiIiJSEaWXmx47dgypqanw8/Ortl4kEuHmzZvPHRgRERE1H3K5

HGXlMuHrgqJSJKXkoGsnA4hEIhVGRkREylI6SXz99dcbIw4iIiJqplIy8xD+Qxxy8kuEssKSc

ny+5xKsTPUxc2RPmBvrqTBCIiJShtJJ4oIFCxojDiIiImqGUjLzsHJvLAqKy6qtv5uei5V7Yx

Hk68xEkYgaXdqjfHxzKhEAMOnV7jBr30bFETVPSieJAFBSUoLDhw8jOjoaUqkUhoaGcHFxwZt

vvgktLa2GjpGIiIiaILlcjvAf4mpMECsVFJch4kQclk914dJTImpU+04n4q87Ffum7D99G++P



763iiJonpZNEqVSKqVOnIj4+Hp06dYKxsTHu3LmD48eP4+uvv8Y333wDfX39xoiViIiImpC/U

6W4m55bp7Z30nLxd5oU1p3aNnJURNSapT0sEF6nPsxXYSTNm9K7m65Zswbp6enYu3cvfvnlFx

w4cAC//PIL9u7di0ePHuHLL79sjDiJiIioiYm9lalU+8u3HjZSJERE1JCUThJPnz6N9957Dy4

uLgrlLi4uCAgIwM8//9xgwREREVHTk51bjP/+cQe/xCYr1a+gqLSRIiIiooak9HLT/Px8vPTS

S9XWvfTSS3j8+PHzxkRERERNjEwux807WfjtSiquJD6ETC5Xegxdbc1GiIyIiBqa0kli165d8

euvv2LAgAFV6k6fPo3OnTs3SGBERESkejn5Jfj9WirOXk1F5uOi5xrLqUeHBoqKiIgak9JJ4s

yZM/HBBx+gpKQEo0aNQocOHfDw4UN8//33OHjwID7++ONGCJOIiIheFLlcjvj7j3HmSgouJWS

iXFbzXUNtTXUUlZY/c8wuZvroambQkGESEVEjUTpJ9PHxwd27d7FlyxYcPHgQQMU/JmKxGPPn

z8eECRMaPEgiIiJqfHmFpfjjehrOXElFelZBje3aaGvg5V5m8OrTCXK5vNZzEgFAV0sDM3x68

vgLIqJmol7nJL777rvw9fXFlStXkJOTg7Zt26JPnz4wMOAnhERERM2JXC7H7ZQc/HY5BRfjM1

FWLquxbTfztvDq0wmutiYQa6oL5UG+zgj/Ia7a4zC6mOljhk9PmBvrNUr8RETU8OqVJP73v/9

FdHQ0Pv/8cwBATEwMpk2bhnfffRfe3t4NGiARERE1vIKiMkT9lY7frqQgJbPms8S0xero38sU

A/uY4yWT6hM9c2M9/GuaCz7Y+Ady8ksAADpidXzwdh90NTPgHUQiomZG6STx8OHD+L//+z/4+

PgIZe3bt4eFhQUWLlyIL7/8kokiERFREySXy3E3PRe/Xk7BhbgMlJTWfNfQylQfA53M0a+nCb

TFz367IBKJoKH+5GQtXW1NWHdq2yBxExHRi6V0khgREYFZs2Zh0aJFQlmXLl2wYcMGhISEICw

sjEkiERFRE1JYXIbouAz8djkF9zPyamynpakON7uOGOjUCVamfISEiKi1UjpJfPDgATw8PKqt

8/DwwNdff/3cQREREdHzu5+Ri9+upCLqr3QUl9S8A6mFsR4GOXWCu70pdLTq9SQKPSeZTIaNG

zfi4MGDkEql6Nu3L4KDg2s8WiwxMREhISG4evUq1NTU4OrqiqVLl6JTp05Cm8GDByMlJUWh36

hRoxAaGtqo10JEzZ/S/xKYmJjg2rVrcHd3r1J38+ZNGBoaNkhgREREpLzi0nJciMvAmSup+Dt

VWmM7TQ019LM1wUAnc3TtxOcGVS0sLAz79+/HypUr0bFjR4SEhGD27Nk4fvw4xGKxQtvs7Gz4

+fnB1dUVe/fuRXFxMf79739j1qxZOHLkCLS0tJCXl4fU1FRs3boV9vb2Ql9tbe0XfWlE1Awpn

SSOHj0amzdvRps2bfDqq6/CyMgIWVlZOHXqFDZu3IipU6c2RpxERERUi5TMPPx2JRV/3khHYS

3HUZi118XAPubo38sUejqaLzBCqklJSQkiIiIQGBgILy8vAMC6devg6emJyMhIjBw5UqH9qVO

nUFhYiFWrVkFLSwsAEBISAi8vL8TGxqJ///64desW5HI5nJ2dufs8ESlN6SRx7ty5SEpKwmef

fYYVK1YI5XK5HMOHD4e/v3+DBkhERETVKy0rR0xCJs5cTsGt5Jwa22moi9DXxgQD+3RCj5fa8

a5hExMfH4/8/HyFVVoGBgaws7PDxYsXqySJ/fv3x6ZNm4QE8Wk5ORW/BwkJCTA2NmaCSET1on

SSqKGhgbVr12LevHm4dOkSHj9+DH19ffTt2xe2traNESMRERE9JT2rAGeupOCP6+nIKyytsZ1

JOx14OXXCAAczGOiKa2xHqpWeng4AMDMzUyg3MTFBWlpalfYWFhawsLBQKNu6dSu0tLTg6uoK

ALh16xZ0dXXh7++Py5cvw8jICGPGjMHUqVOhpqZWZcy60tCof9+m7OnPTUSilnudrQF/lg2j3

k+nd+/eHd27dwcAZGZmQiKRoLy8HOrq6s/oSURERMoqK5fhcuJD/HY5BXH3smtsp64mQp/uHT

DQyRw9OxtCjXcNm7zCwkIAqPLsoZaWlnBnsDa7d+/GN998g6CgILRv3x5AxcY2ubm58PHxwYI

FCxATE4PQ0FDk5ORg4cKF9YpTTU0EQ8M29erb1KmpiRRet9TrbA34s2wYSieJ+fn5WLFiBezs

7DBlyhScOHECixcvRnl5OaysrBAREVHlkzAiIiKqn8zHhTh7NRXnrqVB+s9B9dVpb6CNV/p0g

qejGdrpVV2GSE1X5WYyJSUlChvLFBcXQ0dHp8Z+crkcX375JTZv3oy5c+di+vTpQt2OHTtQXF

wMPT09AICNjQ3y8/OxefNm+Pv71+tuokwmh1RaoHS/5kAmkyu8zs7OV2E09Dxa08+yMRNgpZP

E0NBQ/PTTTxgwYAAAYM2aNbC1tcW8efPwn//8B6GhoVizZk2DB0pERNRalMtkuHb7EX69koK/

/s6CvIZ2IhHQ27oDBjp1Qq8u7RU+Qafmo/LDdYlEAktLS6FcIpHU+ChPaWkpgoKCcPz4cSxev

BgzZ85UqNfU1ISmpuLGRD169EBBQQFycnLqvRt9WZmsXv2aOrlc8XVLvc7WgD/LhqF0knj69G

ksXboUr732GuLi4pCSkoLFixdjyJAhKCsrQ3BwcGPESURE1OJlSYuEu4bZucU1tmunJ8YrvTv

hld6dYGTAIw2aO1tbW+jp6SE6OlpIEqVSKW7evAlfX99q+yxevBiRkZFYs2ZNlY1tZDIZXn31

VYwbNw7z5s0Tyq9fv44OHTrwuDIieialk8THjx+ja9euAIDffvsNGhoawl3Ftm3bori45n/Ui

IiISJFMJseNO4/w2+VUXE16qPAp+NNEAOy7GmFQH3M4dmsP9efYfISaFrFYDF9fX4SGhsLIyA

jm5uYICQmBqakpvL29UV5ejqysLOjr60NbWxuHDx8WHvfp168fMjMzhbEq2wwbNgzbt2+HlZU

V7O3tERUVhe3bt2PZsmUqvFIiai6UThLNzc2RkJAAFxcX/Pzzz+jTp4+w3v3MmTNVdtsiIiKi

qnLyinHuWhrOXEnFI2lRje0MdDXh+c9dQ+N2NT+fRs1bQEAAysrKsHz5chQVFcHV1RXh4eEQi

8VITk7GkCFDsHLlSowZMwbHjx8HAKxevRqrV69WGKeyzYcffggDAwOsWbMG6enpsLCwwLJlyz

B+/HhVXB4RNTNKJ4mTJk3CqlWrsHfvXty5cwdr164FAPj7++PUqVNYvnx5gwdJRETUEsjkcsT

dy8aZyym4nPgQ5bKanjYEenY2xEAnczh17wANdd41bOnU1dURGBiIwMDAKnUWFhZISEgQvo6I

iHjmeBoaGpg3b57CclMiorpSOkmcMmUKjIyMcOHCBfj7+8PHx6diIA0NfPzxx5gwYUKDB0lER

NScSQtK8Mf1iruGkuzCGtu10daAh6MZvPqYw9RI9wVGSERE9ES9zkkcOXJklYek161b1yABER

ERtQRyuRy3HjzGb1dScSlBgrLymu8adrdoi4FO5nCxMYamBs8bJiIi1apXkkhE1JLIZDJs3Lg

RBw8ehFQqRd++fREcHIzOnTtX2/7GjRsICQnBtWvXoKWlhaFDh2LRokUwMDAQ2gwePBgpKSkK

/UaNGoXQ0NBGvRZSvfyiUvx5PR2/XUlB2qOaz5TT0dLAy71MMbBPJ5gb673ACImIiGrHJJGIW

r2wsDDs378fK1euRMeOHRESEoLZs2fj+PHjEIvFCm0lEgn8/PwwfPhwfPLJJ8jKysJHH32EJU



uWYPPmzQCAvLw8pKamYuvWrbC3txf6Pn1INrUscrkcSalSnLmcggvxEpTWci5X104G8OrTCf1

6doSWJu8aEhE1FLlcjrLyJ/NvQVEpklJy0LWTAUQiniOrDCaJRNSqlZSUICIiAoGBgfDy8gJQ

sXze09MTkZGRVZbWp6SkwNPTE8HBwdDQ0ICVlRXGjRunsOT+1q1bkMvlcHZ2Vri7SC1PYXEZz

v+Vjl8vpyI5M6/GdlpidfS3r7hraNlR/wVGSETUOqRk5iH8hzjk5JcIZYUl5fh8zyVYmepj5s

ieXLWhBCaJRNSqxcfHIz8/H+7u7kKZgYEB7OzscPHixSpJopOTE5ycnISvb9++jSNHjgjnxQJ

AQkICjI2NmSC2YHfTpfjtciqib2aguLS8xnaWHfUw0Mkcbj07QkeL/+QSETWGlMw8rNwbi4Li

smrr76bnYuXeWAT5OjNRrKN6/4slk8lw69YtSCQSODs7o6ysDO3atWvA0IiIGl96ejoAwMzMT

KHcxMQEaWlptfYdNmwY7t69C3Nzc4SFhQnlt27dgq6uLvz9/XH58mUYGRlhzJgxmDp1KtSe4w

B0DY2WewzC06uARKKmea3FJeU4/1c6folNwZ00aY3txBpqcLc3xSBn81a3xKk5/ByJqGWRy+U

I/yGuxgSxUkFxGSJOxGH5VJdWNS/XV72SxGPHjmHNmjWQSCRQU1PDwYMHsWHDBmhqamLNmjVV

nuEhImqqCgsrjiP433lLS0sLOTk5tfYNDQ1FUVERQkNDMXXqVBw7dgxt2rRBYmIicnNz4ePjg

wULFiAmJgahoaHIycnBwoUL6xWnmpoIhoZt6tW3OVBTEym8bkrXejdNih+j7uLXSw9QUFTzmx

BLU32M6G+FgX1fgp6O5guMsOloyj9HImoZZDI5HkqLkJFVgIysAtx68Bh303Pr1PdOWi7+TpP

CulPbRo6y+VM6STxx4gSWLFmC119/HYMGDcL7778PABg6dCg++eQThIWF4b333mvoOImIGkXl

ZjIlJSUKG8sUFxdDR0en1r4ODg4AgA0bNsDLywuRkZEYPXo0duzYgeLiYujpVSxpsbGxQX5+P

jZv3gx/f/963U2UyeSQSmveKbO5kz11qLxMJkd2dr4KowFKSstxIS4Dv8amIDG55g8LNNXV4N

rTBIP7WqC7RVuIRCKUFpUgu6ikxj4tWVP7OTYmJsBEjUcml+NxbjHSswqQkV2IjKwCSLILkZ5

VgMzHhSiX1Xyk0LNcvvWQSWIdKJ0kbtmyBW+//TY+/vhjlJc/eQ5jzJgxePToEb799lulkkRl

t55PTExESEgIrl69CjU1Nbi6umLp0qXo1KmT0IZbzxNRXVUuM5VIJLC0tBTKJRIJbG1tq7RPS

kpCcnKysMkNULE0tW3btsjIyAAAaGpqQlNT8U5Sjx49UFBQgJycHBgaGtYr1rJadsxs7uRyxd

equta0R/n47XIq/ryRhvxa7hp2NNLFwD6dMMDBTLhrWF4uB1D/Ny4tgWl7XTzMKQIAmLVv06J

/Z4no+cjlckjzS54kgtkFkGQVIj27IiGsbZfo51FQVNoo47Y0SieJd+7cwZIlS6qt6927NzZs

2KDUeMpsPZ+dnQ0/Pz+4urpi7969KC4uxr///W/MmjULR44cgZaWFreeJyKl2NraQk9PD9HR0

UKSKJVKcfPmTfj6+lZpf+7cOfznP//B77//LtwpvH//PrKzs2FtbQ2ZTIZXX30V48aNw7x584

R+169fR4cOHeqdIFLjKS2TIfZWJn67nIKEB49rbKeuJkJfG2N49TGHrWU7PtNSjYlDuuMbeSI

A4O0h3VQcDRE1BXmFpRWJ4D/JoCS7QEgMi0tq3virsehqt87HAZSldJLYvn17JCUlKezkVykp

KQnt27ev81jKbj1/6tQpFBYWYtWqVdDS0gIAhISEwMvLC7Gxsejfvz+3nicipYjFYvj6+iI0N

BRGRkYwNzdHSEgITE1N4e3tjfLycmRlZUFfXx/a2tp44403EB4ejsDAQHzwwQfIycnBihUr4O

joiEGDBkFNTQ3Dhg3D9u3bYWVlBXt7e0RFRWH79u1YtmyZqi+XniLJLsCZK6k4dy0NeYU1f7L

coa02vPp0godjJ7Rtw2fua2PWvg0+nNBH1WEQ0QtWUFSGjOwChbuBGVkVCWFtqzKUpSVWR0dD

HZga6cLEUBcdDXVQVi7Drh8T6jyGU48ODRZPS6Z0kujj44P169fDxMRESOxEIhFu3LiBsLAwv

Pbaa3UeS9mt5/v3749NmzYJCeLTKjeY4NbzRKSsgIAAlJWVYfny5SgqKoKrqyvCw8MhFouRnJ

yMIUOGYOXKlRgzZgwMDQ2xe/durFq1ChMnToS6ujqGDBmCpUuXQl294mD0Dz/8EAYGBlizZg3

S09NhYWGBZcuWYfz48Sq+Uiorl+Hq7Yf47XIK/rqbXWM7NZEIfbp3wMA+nWDXxQhqvGtIRK1c

cUl5RRL4z9LQyruBkqwCSAsabgmnpoYaTAx10NFQFx2N/vnvP4mhQRtxlVUccrkcZ66k1mnzm

i5m+uhqxhyhLpROEt977z3cunUL7733nrD5wpQpU1BQUAAXFxeldu5Tdut5CwsLWFhYKJRt3b

oVWlpacHV1BdB4W88DLXcrb25ZTq2duro6AgMDERgYWKXOwsICCQmKn1B26dIFW7durXE8DQ0

NzJs3T2G5KanWw5xCnL2ahnNXUxUOWv5fhvpa8OrdCZ69O8FQv+oHkkRELVlpmQySxxWJX+Vz

gpXLRLNzixvs+6iriWDcTgcdDXXQ0Ui34s8/iWA7fS2lPpgTiUSYObJnreckAoCulgZm+PTko

wJ1pHSSKBaLsX37dvzxxx+IiopCTk4O9PX10a9fP3h5eSn1F/88W88DwO7du/HNN98gKChIWO

baGFvPAy17K29uWU5ELZFMJse1pEf47UoKric9qnFLGREAB+v2GNjHHA7WRlB/zg8UiYiasrJ

yGR7lFP2TAP6zUcw/ieAjaZHCRmLPQySqWK5fkQDqKiSE7Q20GnSuNTfWQ5CvM8J/iKv2jmIX

M33M8OkJc2O9BvueLV29zkkEgAEDBlT7XKIy6rv1vFwux5dffonNmzdj7ty5mD59ulDXGFvPA

y17+/nWtGU5tQz8IINqk51bjHPXUnH2aiqypDV/8t22jRievTvhld5m6NC29uNOiIiaE5lMji

xp0VN3A5/cFXyYU/RcR0j8LyMDrX+Whv6TCP6zTNS4nQ401F/ch27mxnr41zQXfLDxD2HFiI5

YHR+83QddzQx4B1FJSieJQUFBNdapqalBV1cXVlZW8PHxeeYufspuPQ8ApaWlCAoKwvHjx7F4

8WLMnDlTob6xtp4HWu72801l63kiovqSyeW4eScLv11JxZXEh5DV8lG4vZUhBjqZo3e3Di/0D

QwRUUOSy+V4nFfyz3LQJ+cJVuwgWoiy8oZ7P9e2jbjK0tCORrowaacDsaZ6g32f5yUSiRTmdV

1tTZ6JWE9KJ4np6emIjY1FcXExzM3NYWxsjEePHiE5ORlqamro0KEDHj16hM2bN2Pfvn146aW

XahxL2a3nAWDx4sWIjIzEmjVrqmxsw63niYhal5z8Evz+z13DzMdFNbbT19WEh4MZXunTCR0N

dV9ghERE9SeXy5FbUFrlbmBlIlhc2nBHSOjpaCpsFFO5TNTEUAc6WvVefEjNlNI/8UGDBiExM

RG7du1Cnz59hPK4uDjMnz8fc+fOxfDhwzF37lysXbsW69atq3EsZbeeP3z4ME6cOIHFixejX7

9+yMzMFMaqbMOt54mIWja5XI74+4/x2+UUxN7KrHXZlK1lO3j1MYdzD2NoclMuImqi8otKqyS

Blf8trGUzFmXpaKnDxFAXpgpLQyuWh7bh+YH0FKWTxJ07d+LDDz9USBABoGfPnli4cCG+/PJL



TJgwATNmzMDHH3/8zPGU2Xr++PHjAIDVq1dj9erVCuNUtuHW88qRy+UKyxEKikqRlJKDrp24d

puIXoy6zkN5haX443oafruSioysmp8Rb6OtgQEOZvDq0wlm7fn8KhHV7kW9FyoqKauaCP5zh7

C2s1qVJdZUg0k7XZga/bMk9J9dQzsa6kJfV5Pv76hOlE4Ss7OzYWRkVG1d27Zt8ejRIwCAkZE

RCgqevdGLMlvPR0REPHM8bj1fdymZeQj/IU5hO/jCknJ8vucSrEz1MXMkd4Eiosb1rHlohk9P

FJaU4bfLKbgYn1nrMzbdzNvCq08nuNqaNKlnZIio6Wro90IlpeWQPC6sNhnMyav5+B1laaiLh

MPkOxrqwsRIB6b/3BVsp1f1LEEiZSmdJNrZ2WH79u3o37+/wtEVJSUliIiIQM+ePQEAf/31V5

XzD6npSMnMq/U8mbvpuVi5NxZBvs5MFImoUdRlHgrecaHW7dh1tNTR394UA/uYw8KEcxUR1V1

93wuVlcuQ+bhQYUloRlYBJNkFyJIW13jcjrLURCJ0aKcN03/uBnZ8apmokYG2whFmRA1N6SRx

0aJF8PPzw+DBgzFw4EC0b98ejx49wpkzZ5CXl4ft27cjJiYGa9eu5d28JkoulyP8h7haDxwFg

ILiMkSciMPyqS78RIqIGlRd56GaEkQrU30MdDKHW8+O0BLzriERKUeZ90LrDl5Fn24d/jlkvh

APc4pq3UFZGSIARgbaMDXSgck/S0JN/9k8pn1bbe7ATCqjdJLo5OSEw4cPY8uWLTh37hyysrJ

gamoKT09PvPPOO7C0tERUVBQCAgKqHE9BTcPfqdJqDxqtzp20XPydJuX2wUTUoJSZhyppaarD

za4jBjp1gpWpQSNFRkStgTJzUJa0GL/EpjzX9zPU10JHQ52KJaL/LA01MdKFSTttaGrwgy5qe

uq1n23Xrl2rbBzztP79+6N///71Dooa1+XEh8q1v/WQSSIRNShl5yH7LoZ4d7QDt2Enogah7B

xUF/q6mgoHyj+9TJQrHqi5qde/trm5uTh//jwKCgogr+Z2++jRo583LmpEBUXK7aClbHsiomd

Rdl4xbstzuoio4dT3vY2uloZwZERHw6f+a6gLXW3OUdRyKP3bfObMGbz33nsoLCystl4kEjFJ

bOJ0lTwHh7sEElFDU3YeUrY9EVFtlJ1T+tub4u0h3aCnwyMkqHVQOklcu3YtunbtiqCgIHTs2

BFqanygtrlx6t4BJ87fq3P7qL/S0bOzIXp369CIURFRa6LsPOTUg/MPETUcZeegwX3Noa8rfn

ZDohZC6STx77//RlhYGFxcXBojHnoBunYygJWpfp0f2M4tKMWX312Du11HvP1qdxhwkiSi56T

MPNTFTB9dzbhRDRE1HM5BRLVT+jZgp06dkJeX1xix0AsiEokwc2RP6Cr5fM/5mxlYvi0a52+m

V/ssKhFRXdV1HtLV0sAMn55c3kVEDYpzEFHtlE4S586di02bNiE5Obkx4qEXxNxYD0G+zrAy1

a+2vouZPmb42KKjoY5CeV5hKb76702s/+4asqRFLyJUImqh6jIP/e8h1kREDYVzEFHNRHIlbw

n5+fnhxo0byMvLg5GREbS1tRUHFIlw6tSpBg2yKSgvlyErK1/VYTQ4uVyODzb+gZz8EgCAjlg

dH7zdB13NDCASiVBSWo5jf9zBT9EPqhwcq6OljnGDuuGV3p2gxk/Y6AUyNq7+H/SWrKXOQcCz

5yGipojzUMvBOahlCQz7E4/+uZHR3kAbIe++rOKIGk9jzkNKP5NoamoKU1PTxoiFVEAkEkFD/

ckNZV1tTYUzEcWa6hg3sBtcbU2w40Q8HkieLDUuLC7H7h8TcOFmBqaNsEVHQ90XGjsRtQzPmo

eIiBoT5yCiqpROEleuXNkYcVATZ2VqgH9Nc8GP0ffx3z/uoKz8yV3F+PuP8VH4BYz27IKhri9

BnTveEhERERE1W/V+N//w4UOkpaUhNTUVqampSE5ORmJiIvbt29eQ8VEToqGuhtdetsInM/qh

m7niJ2ylZTIc/DUJK3Zfwv2Muu2aSkRERBVkMhnWr18PT09P9O7dGzNmzMC9ezUf0ZCYmIg5c

+bAzc0N/fv3R0BAAFJTUxXanDx5Ej4+PnBwcMCoUaNw9uzZxr4MImohlE4S4+Pj4ePjA09PTw

wePBhDhgzBkCFD4O3tjddffx2fffZZY8RJTYhZ+zZY6uuMyd49oKWprlB3Lz0Xn+2KweGzf6O

0TKaiCImIiJqXsLAw7N+/HytWrMCBAwcgEokwe/ZslJSUVGmbnZ0NPz8/tGnTBnv37sW2bduQ

nZ2NWbNmobi4GABw/vx5BAYGYtKkSTh69Cg8PDwwf/58JCUlvehLI6JmSOkkcfXq1ZBKpViyZ

An69esHDw8P/Otf/4KXlxdEIhF2797dGHFSE6MmEmFIXwt8NqsfenUxUqgrl8lx/M+7+HjHBd

xOyVFRhERERM1DSUkJIiIi4O/vDy8vL9ja2mLdunXIyMhAZGRklfanTp1CYWEhVq1ahe7du6N

Xr14ICQlBUlISYmNjAQDbtm2Dt7c3fH19YW1tjSVLlsDe3h67du160ZdHRM2Q0kni1atXsXDh

QkyfPh0jR45EQUEBJk2ahC1btuDVV1/Fnj17GiNOaqI6tNXB++N7Y+bInmijrfiIa9qjAqzcc

wnfnLqFopIyFUVIRETUtMXHxyM/Px/u7u5CmYGBAezs7HDx4sUq7fv3749NmzZBS0urSl1OTg

5kMhliY2MVxgMANzc3xMTENPwFEFGLo/TGNSUlJejSpQsAoGvXrkhISBDqxowZg+Dg4IaLjpo

FkUiEAQ5m6NW1Pb6OvIWYeIlQJwdwKiYZl289xLQRNujVpb3qAiUiImqC0tPTAQBmZmYK5SYm

JkhLS6vS3sLCAhYWFgplW7duhZaWFlxdXSGVSlFQUFBlN/qaxlOGhkbL3Jzu6ZMuRKKWe52tA

X+WDUPpJLFTp0548OABXFxc0LlzZ+Tl5SE5ORkWFhYQi8XIyeHywtaqbRsx3h3dC5cSMrH35w

ThvCEAeCQtwtoDVzHAwRQTBneHno6mCiMlIiJqOgoLCwEAYrFYoVxLS6tO76t2796Nb775BkF

BQWjfvr2QdFY3XuUzi/WhpiaCoWGbevdvytTURAqvW+p1tgb8WTYMpZPEoUOHIjQ0FDo6Ohg+

fDi6du2KdevWYc6cOYiIiMBLL73UGHFSM9LXxhi2ndvh219u49w1xU8s/7iejut/Z8HXuwdcb

E1UFCEREVHToa2tDaBitVblawAoLi6Gjo5Ojf3kcjm+/PJLbN68GXPnzsX06dMBQFiG+r+b3j

xrvGeRyeSQSgvq3b8pk8nkCq+zs/NVGA09D1MjXUiyC4XXLfln2ZgJsNJJ4oIFC3Dv3j0cOnQ

Iw4cPR1BQEBYsWIATJ05AXV0da9eubYw4qZlpo60JP5+ecLPriJ0n4/Ewp0iok+aXIOzoDfTt

YYzJQ3ugnV7VZyqIiIhai8plphKJBJaWlkK5RCKBra1ttX1KS0sRFBSE48ePY/HixZg5c6ZQ1

65dO+jq6kIikSj0kUgkVZagKqushe5cLpcrvm6p19kaTBjcDeX/JP0TBnfjz7KelE4StbS0sH

79epSWlgIAPD098f333+Ovv/6Cvb29wuRGZGdlhM9muuHIub8RGfNAYRK+dCsTcfey8faQ7hj

gYArR04vIiYiIWglbW1vo6ekhOjpaeB8llUpx8+ZN+Pr6Vttn8eLFiIyMxJo1azBy5EiFOpFI

BGdnZ1y4cAHjxo0TyqOjo9G3b9/GuxCiJsCsfRt8OKGPqsNo9pROEitpaj55pszS0pLJIdVIS

6yOt4d0h2tPE+w4EY/Uh09u+xcUlyHiRByib6Zj6nBbGLer/zIYIiKi5kgsFsPX1xehoaEwMj



KCubk5QkJCYGpqCm9vb5SXlyMrKwv6+vrQ1tbG4cOHceLECSxevBj9+vVDZmamMFZlGz8/P8y

ZMwd2dnZ45ZVXcOjQIcTFxeHzzz9X4ZUSUXOhdJJYVFSE9evX4/z588jNzYVMpngLVyQS4dSp

Uw0WILUc1p3aIni6K36Iuosfou4JSwEA4K+72fhXeDTeesUaQ/paKDx0TERE1NIFBASgrKwMy

5cvR1FREVxdXREeHg6xWIzk5GQMGTIEK1euxJgxY3D8+HEAFWdXr169WmGcyjYeHh744osvEB

YWhnXr1qFbt27YsmULrK2tVXF5RNTMKJ0kfvHFF/j222/h7OyM7t27Q02N28pS3WlqqGG0Z1e

42Jhgx8k43EnLFepKSmXYdzoRF+IyMN2nJ8w7cDcqIiJqHdTV1REYGIjAwMAqdRYWFgpHjkVE

RNRpzNGjR2P06NENFSIRtSJKJ4k//fQT/P39MX/+/MaIh1oJCxM9LJvigsiYBzhy9m+UPPVQc

VKqFJ/suIDXXraCj3tnaKjzgwgiIiIiohdF6XffpaWlcHFxaYxYqJVRUxNhWD9LfDqzH3p2Nl

SoKyuX4+i5O/h0ZwzupElVFCG1FjKZDOvXr4enpyd69+6NGTNm4N69ezW2v3HjBqZNmwYnJye

4u7vjo48+glSq+Ht68uRJ+Pj4wMHBAaNGjcLZs2cb+zKIiIiIGoTSSaKnpyd+++23RgiFWisT

Q10sersPpo+whY6WukJdcmYeVuyOwbe/3EZxabmKIqSWLiwsDPv378eKFStw4MABiEQizJ49u

8oZY0DFFvJ+fn6wtLTEkSNHEBYWhtjYWCxZskRoc/78eQQGBmLSpEk4evQoPDw8MH/+fCQlJb

3IyyIiIiKqlzotNz169Kjw2t7eHuvXr4dEIkHfvn2hq6tbpT3Xv5OyRCIRXundCQ5d22PPTwm

4cvuhUCeXAz9euI/YW5mYPsIWtv9z15HoeZSUlCAiIgKBgYHw8vICAKxbtw6enp6IjIyssrV8

SkoKPD09ERwcDA0NDVhZWWHcuHFYt26d0Gbbtm3w9vYWtq5fsmQJLl++jF27duHTTz99cRdHR

EREVA91ShKXLl1apeyHH37ADz/8UKVcJBIxSaR6M9TXgv9bDrgYL8HXkbeQW1Aq1EkeF2L1vs

vw6tMJ4wZ2g652vU9wIRLEx8cjPz8f7u7uQpmBgQHs7Oxw8eLFKkmik5MTnJychK9v376NI0e

OYMCAAQAqlq7GxsZWmTfd3NwQGRnZiFdCRERE1DDq9C779OnTjR0HkUAkEqFfz46wszLCvlOJ

iPorXaH+zJVUXL39EFOH2aJP9w4qipJaivT0it8vMzMzhXITExOkpaXV2nfYsGG4e/cuzM3NE

RYWBqDiAOyCggKYmpoqPd6zaGi03E2cRCLF1y35WomIiJq6OiWJ5ubmCl8/fvwYV65cwcCBAw

EADx48wK+//orRo0fDwMCgwYOk1klPRxOzR9nB3b4jdv8Yj0fSYqHucV4J1h+6hn49TTDJuwc

MdMUqjJSas8LCQgAVh1k/TUtLCzk5ObX2DQ0NRVFREUJDQzF16lQcO3YMRUVFNY5XXFxc3TB1

oqYmgqFhyz0W5umzUVv6tRIRETV1Sq/Xu337NqZPnw6xWCwkiSkpKQgJCcHu3buxc+dOWFhYN

HSc1Io5dG2PT2e64dCZJPwSm6JQdyFOgpt3szHx1e5wt+sI0dO3I4jqQFtbG0DFs4mVrwGguL

gYOjo6tfZ1cHAAAGzYsAFeXl6IjIwUnmv8301v6jJebWQyOaTSgnr3b+pkMrnC6+zsfBVGQ/R

s/CCDiFoypZPE1atXw9zcHBs3bhTK3N3dcebMGbz77rsICQnBl19+2aBBEuloacB3qA369eyI

HSfjkZH15M1yXmEptn1/E9E3MzB1mA2MDLRrGYlIUeUyU4lEAktLS6FcIpHA1ta2SvukpCQkJ

ycLySBQsZS0bdu2yMjIQLt27aCrqwuJRKLQTyKRVFmCqqyyp84TbWnkcsXXLflaiYiImjqlH/

q4cuUK5s+fD2NjY4VyIyMjzJ07F9HR0Q0WHNH/6vFSO3w6wxUj+3eG2v/cNbyW9AjLt0fj19h

kyJ5+x0lUC1tbW+jp6SnMXVKpFDdv3qz2TNhz585h4cKFyMvLE8ru37+P7OxsWFtbQyQSwdnZ

GRcuXFDoFx0djb59+zbehRARERE1EKWTRJFIhPz86pcBlZSUoLS0tNo6ooaiqaGOt7ys8a9pL

rDsqKdQV1RSjj0/38Lqr2ORntVyl+ZRwxGLxfD19UVoaChOnz6N+Ph4vP/++zA1NYW3tzfKy8

uRmZkpPGv4xhtvQF9fH4GBgUhMTERMTAwCAgLg6OiIQYMGAQD8/Pzwww8/YMeOHUhKSsLq1as

RFxeHadOmqfJSiYiIiOpE6STRzc0NYWFhyMrKUijPysrCli1b4Obm1mDBEdWms6k+lk91wdiB

1tBQV/xVvpWcg4/CL+DE+Xsol3HZGtUuICAAY8eOxfLlyzFx4kSoq6sjPDwcYrEYaWlp8PDww

IkTJwAAhoaG2L17N2QyGSZOnIj58+fDzs4O4eHhUFdXBwB4eHjgiy++wL59+/Dmm2/i/Pnz2L

JlC6ytrVV5mURERER1IpLLlVuX9+DBA4wdOxYlJSXo06cPjIyMkJ2djcuXL0NLSwv79u1Dly5

dGitelSkvlyErq2VupBAY9iceSSvukrQ30EbIuy+rOCLlpT3Kx86T8UhMrrobZeeO+vDzsYVl

R30VREaNwdi49f0sW/IcBLSMeYhaF85DLQvnIGqOGnMeUvpO4ksvvYTjx4/j7bffRkFBAW7cu

AGpVIoJEybg6NGjLTJBpKbPrH0bLJnsDN+hPaAlVleou5eRi093xuDQmSSUlpWrKEIiIiIiou

ZB6d1NAcDY2BhLlixp6FiInouaSITBzhbobd0Bu39KwPW/Hwl1MrkcP0Tdw6WETPj52KK7RTv

VBUpERERE1IQpfSeRqKlr31Yb741zxOzX7KCno6lQl55VgFV7Y/H1z7dQWFymogiJiIiIiJou

JonUIolEIvTvZYoVs9zQr6eJQp0cwOnYZHwUHo0bT91tJCIiIiIiJonUwhm0EeOdN3rB/y0Ht

NMTK9Q9khZj7bdXsf34TeQV8ugWIiIiIiKASSK1Ek7djbFiljte6d2pSt2fN9KxfNt5XIyXQM

nNfomIiIiIWhylk8SgoCBERkaioIAHlVPzoqutgekjbBH4dh8Yt9NWqJMWlGLz0RvYePg6snO

LVRQhEREREZHqKb276e3bt3Hs2DFoaGjA1dUVgwcPxsCBA2Fubt4Y8RE1uJ5WRvh0phuOnvsb

P198gKdvHl5OfIj4+48xYXA3eDqaQSQSqS5QIiIiIiIVUPpO4sGDB/HHH39gxYoVMDQ0xMaNG

/Hqq6/i9ddfx7p163DlypVGCJOoYWlpqmPC4O5YPtUFFsZtFOoKi8uw82Q8QvdfgeRxoYoiJC

IiIiJSjXo9k2hoaIjXX38doaGh+PPPP7Fz507o6elh69atmDhxYkPHSNRoupgZ4KPprhjt2QX

qaop3DePuZeOj7dH4+cJ9yGRN/1nFtEf5WHPgCtYcuIK0R/mqDoeIiIiImql6JYlFRUX4888/

8Z///AeTJ0/GrFmzcPnyZfTo0QO+vr5KjSWTybB+/Xp4enqid+/emDFjBu7du1dj+8TERMyZM

wdubm7o378/AgICkJqaqtDm5MmT8PHxgYODA0aNGoWzZ8/W5zKpldBQV8PrA7rgYz9XdO1koF

BXUibD/l9u44u9l5CcmaeiCOtm3+lE/HUnC3/dycL+07dVHQ4RERERNVNKJ4lvv/02XFxcMGv

WLJw6dQo2NjYICQnBn3/+if/+979YtmyZUuOFhYVh//79WLFiBQ4cOACRSITZs2ejpKSkStvs



7Gz4+fmhTZs22Lt3L7Zt24bs7GzMmjULxcUVm42cP38egYGBmDRpEo4ePQoPDw/Mnz8fSUlJy

l4qtTLmxnr4P9++eHtId4g1Ff/X+DtVik92XMSx3++grFymoghrl/bwyWZSqQ95J5GIiIiI6k

fpJDEhIQFlZWWwtbXFqFGj8MYbb8Db2xuGhoZKf/OSkhJERETA398fXl5esLW1xbp165CRkYH

IyMgq7U+dOoXCwkKsWrUK3bt3R69evRASEoKkpCTExsYCALZt2wZvb2/4+vrC2toaS5Ysgb29

PXbt2qV0fNT6qKmJMNT1JXw20w12Voq/0+UyOY79fgef7LyIv1OlKoqQiIiIiKhxKZ0kXrx4E

V9//TUGDx6Mc+fOYcqUKXB1dcWsWbOwbds2XLt2rc5jxcfHIz8/H+7u7kKZgYEB7OzscPHixS

rt+/fvj02bNkFLS6tKXU5ODmQyGWJjYxXGAwA3NzfExMQocZXU2hm308GHE/rAz8cWulqKmwC

nZObj8z0x2H86EcUl5SqKkIiIiIiocSh9BIaGhgb69u2Lvn37YsGCBSgsLMSlS5dw4MABrFmz

BiKRCHFxcXUaKz09HQBgZmamUG5iYoK0tLQq7S0sLGBhYaFQtnXrVmhpacHV1RVSqRQFBQUwN

TWt03jK0tCo1yOcTd7TpzyIRC33OutjkLMFnLobY9eP8biUkCmUy+XAzxcf4EriQ8wY2RN2XY

xUGGUF/hyJiIiIqCEonSRWevjwIf78809ERUUhKioK6enp6NSpE7y8vOo8RmFhxfECYrFYoVx

LSws5OTnP7L9792588803CAoKQvv27YWks7rxKp9ZrC81NREMDds8u2EzpPbUrp4t+Trry9Cw

DT6e8zL+uJaKLYev4XHuk98lyeNCrPo6FkPdOsNvlD30dDRVFid/jkRERETUEJROEr/44gtER

UXh9u3bUFNTg5OTEyZPnoyBAweie/fuSo2lra0NoOLZxMrXAFBcXAwdHZ0a+8nlcnz55ZfYvH

kz5s6di+nTpwOAsAz1fze9edZ4dSGTySGVFjy7YTP09PEOMpkc2dnc9KQ6di+1xRdz3PFN5C3

8fk3xzvTP0fdw4a80TBthi742JiqJrzX9HJkAExERETUepZPE77//Hp6enpg3bx48PDxgYGDw

7E41qFxmKpFIYGlpKZRLJBLY2tpW26e0tBRBQUE4fvw4Fi9ejJkzZwp17dq1g66uLiQSiUIfi

URSZQlqfZSVNc1dLZ+XXK74uqVeZ0PQ1lTHDJ+e6Gdrgl0/JuCRtEioe5xXgi8PXoOrrQkmef

dA2zbiWkZqePw5EhEREVFDUDpJ/PPPPyESiWqsz83Nhb6+fp3GsrW1hZ6eHqKjo4UkUSqV4ub

NmzWet7h48WJERkZizZo1GDlypEKdSCSCs7MzLly4gHHjxgnl0dHR6Nu3b51iIqqLXl3b47NZ

/XD4zN84fSkZT+VnuBgvwc27WZj4anf0tzet9f8XIiIiIqKmRukksbS0FDt37sSFCxdQWloK+

T+3L+RyOQoKCnD79m1cvXq1TmOJxWL4+voiNDQURkZGMDc3R0hICExNTeHt7Y3y8nJkZWVBX1

8f2traOHz4ME6cOIHFixejX79+yMx8spFIZRs/Pz/MmTMHdnZ2eOWVV3Do0CHExcXh888/V/Z

SiWqlLdbAJO8e6NezI3acjEPaoyfLkfOLyrD9eBzO38zA1GE26ND2+ZY7ExERERG9KEpvf7h6

9WqsXbsWEokESUlJSElJQWFhIa5du4a4uDjMnTtXqfECAgIwduxYLF++HBMnToS6ujrCw8MhF

ouRlpYGDw8PnDhxAgBw/PhxIQYPDw+FP5VtPDw88MUXX2Dfvn148803cf78eWzZsgXW1tbKXi

pRnXSzaIuP/Vzx2sudoa6meNfwxt9Z+Ff4BZy+lAzZ0+tBiYiIiIiaKKXvJP7888+YPn06li5

diq1bt+LmzZv48ssvkZGRAV9fX8hkyj0Hpa6ujsDAQAQGBlaps7CwQEJCgvB1REREncYcPXo0

Ro8erVQcRM9DU0MdY16xhouNCXaciMe9jFyhrrikHF9H3sKFuAxMH2ELs/bcdIWIiBTJZDJs3

LgRBw8ehFQqRd++fREcHIzOnTs/s9/s2bPRp08f+Pv7K9QNHjwYKSkpCmWjRo1CaGhog8dPRC

2L0ncSs7KyhGMubGxscP36dQBAx44dMWfOHOGOHlFrZNlRH8un9cW4QdbQ/J9zChOTcxAccRE

/RN1FWTk3lSEioifCwsKwf/9+rFixAgcOHIBIJMLs2bOr7Nj+tKKiIgQGBuL333+vUpeXl4fU

1FRs3boVv//+u/AnODi4MS+DiFoIpZNEfX19YcKysrJCWloa8vLyFL4mas3U1dQwwq0zPp3RD

z1eaqdQV1Yuw6Ezf2PFrhjcS8+tfgAiImpVSkpKEBERAX9/f3h5ecHW1hbr1q1DRkYGIiMjq+

0TGxuLN998E1evXq12p/lbt25BLpfD2dkZxsbGwp+6bi5IRK2b0kmii4sL9uzZg4KCAlhYWEB

HR0eYwC5fvgw9Pb0GD5KoOepopIvFk5wwdZgNtMXqCnX3JXn4bFcMvvstCSWl5SqKkIiImoL4

+Hjk5+fD3d1dKDMwMICdnR0uXrxYbZ9z587B29sbR48erTbxS0hIgLGx8XMdVUZErZfSzyTOn

z8fvr6+mDt3Lvbs2YNJkybho48+wp49e5CQkICJEyc2RpxEzZKaSISBTuZwtG6P3T8l4FrSI6

FOJpfjxPl7uHQrE34jbKvcdSQiotYhPT0dwJPzoyuZmJjUuEJr4cKFtY5569Yt6Orqwt/fH5c

vX4aRkRHGjBmDqVOnQk1N6XsEAg2N+vdtyp4+rUokarnXSVRXSieJtra2OHnyJG7dugUA+PDD

D6Gnp4fY2FgMHjwYc+bMafAgiZo7IwNtLBzriOi4DHwTmYi8wlKhLiOrAKu+jsUgZ3OM9bKGj

pbS/1sSEVEzVlhYCKDiaLCnaWlpIScnp15jJiYmIjc3Fz4+PliwYAFiYmIQGhqKnJycZyaYNV

FTE8HQsGVuvqb21O7kLfk6iepK6XejH3/8Md544w0MGDAAQMUB9u+8806DB0bU0ohEIrjbmcL

Oygj7TyXi/M0MhfpfY1Nw9fZDTB1mA0frDiqKkoiIXjRtbW0AFc8mVr4GgOLiYujo1O+c3R07

dqC4uFh4DMjGxgb5+fnYvHkz/P3963U3USaTQyoteHbDZkgmkyu8zs7OV2E0RHXTmB9mKJ0kf

v/99xg2bFhjxELUKhjoijHndXv0s+uIPT8lIDu3WKjLkhbjPwevob99R7w9pDv0dcW1jERERC

1B5TJTiUQCS0tLoVwikcDW1rZeY2pqakJTU1OhrEePHigoKEBOTg4MDQ3rNW5ZWcvcnfvpo4z

l8pZ7nUR1pfTHSA4ODjh79mxjxELUqvTp1gGfzXTDQCfzKnVRf2Vg+fZoXIjLgPzpf7mIiKjF

sbW1hZ6eHqKjo4UyqVSKmzdvwsXFRenxZDIZBg8ejM2bNyuUX79+HR06dKh3gkhErYfSdxJtb

GywZ88e/PTTT+jWrRvat2+vUC8SifDFF180WIBELZmutgamDrOBW08T7DgZD0l2oVCXW1CKLc

f+wvm/MjBlmA0M9bVUGCkRETUWsVgMX19fhIaGwsjICObm5ggJCYGpqSm8vb1RXl6OrKws6Ov

rKyxHrYmamhqGDRuG7du3w8rKCvb29oiKisL27duxbNmyF3BFRNTcKZ0kRkZGwsTEBABw+/Zt

3L59W6Fe9PT2UERUJzaWhvh0Rj8c+/0OfrxwX2HZy5XbD5HwIBvjB3XDK7078f8xIqIWKCAgA

GVlZVi+fDmKiorg6uqK8PBwiMViJCcnY8iQIVi5ciXGjBlTp/E+/PBDGBgYYM2aNUhPT4eFhQ



WWLVuG8ePHN/KVEFFLoHSS+MsvvzRGHEStnlhTHeMGdYOLrQl2nIhHcmaeUFdYXI5dPyYg+mY

Gpo2wRUdDXRVGSkREDU1dXR2BgYEIDAysUmdhYYGEhIQa+1b33kxDQwPz5s3DvHnzGjROImod

eAgMURPTxcwAH013wZuvdIWGuuJdw/j7jxEcfgE/Rt9HuYwP1TcUmUyG9evXw9PTE71798aMG

TNw7969GtsnJiZizpw5cHNzQ//+/REQEIDU1FSFNoMHD4aNjY3Cn0WLFjX2pRARERE9NyaJRE

2QhroaRr1shY/9+sHa3EChrqRMhm9/vY0v9lxCsqTibqNcLkdZ+ZOksaCoFEkpOdz0po7CwsK

wf/9+rFixAgcOHIBIJMLs2bNRUlJSpW12djb8/PzQpk0b7N27F9u2bUN2djZmzZqF4uKKnWrz

8vKQmpqKrVu34vfffxf+BAcHv+hLIyIiIlIaT+0masI6dWiDoMl98UtsMg6d+RvFpeVC3Z20X

Hyy8yI8Hc1wJy0XOflPEprCknJ8vucSrEz1MXNkT5gb66ki/GahpKQEERERCAwMhJeXFwBg3b

p18PT0RGRkJEaOHKnQ/tSpUygsLMSqVaugpVWxmVBISAi8vLwQGxuL/v3749atW5DL5XB2doa

BgUGV70lERETUlPFOIlETp6YmwqsuL+Gzmf1gb6W4bXm5TI7frqTiXkZutX3vpudi5d5YpDz1

fCMpio+PR35+Ptzd3YUyAwMD2NnZ4eLFi1Xa9+/fH5s2bRISxKfl5OQAABISEmBsbMwEkYiIi

Jol3kkkaiY6tNPBBxP64M8b6dh/OhH5RWV16ldQXIaIE3FYPtWFO6NWIz09HcCTw6wrmZiYIC

0trUp7CwsLWFhYKJRt3boVWlpacHV1BQDcunULurq68Pf3x+XLl2FkZIQxY8Zg6tSpUFOr/2d

zGhot93O9p381RaKWfa1ERERNHZNEomZEJBJhgIMZenUxwtb//oX4+4/r1O9OWi7+TpPCulPb

xg2wGSosrDibUiwWK5RraWkJdwZrs3v3bnzzzTcICgoSzo1NTExEbm4ufHx8sGDBAsTExCA0N

BQ5OTlYuHBhveJUUxPB0LBNvfo2B2pqIoXXLflaiYiImjomiUTNUFs9LXTt1LbOSSIAXL71kE

liNSoPpi4pKVE4pLq4uBg6Ojo19pPL5fjyyy+xefNmzJ07F9OnTxfqduzYgeLiYujpVTwLamN

jg/z8fGzevBn+/v71upsok8khlRYo3a+5kMnkCq+zs/NVGA3Rs/GDDCJqyZgkEjVTBUWljdq+

tahcZiqRSGBpaSmUSyQS2NraVtuntLQUQUFBOH78OBYvXoyZM2cq1GtqakJTU1OhrEePHigoK

EBOTg4MDRWfLa2rsrKWe+zJ0xvxyuUt+1qJiIiaOj70QdRM6WprPrvRc7RvLWxtbaGnp4fo6G

ihTCqV4ubNm3Bxcam2z+LFi/Hjjz9izZo1VRJEmUyGwYMHY/PmzQrl169fR4cOHeqdIBIRERG

9KLyTSNRMOXXvgBPnaz7wvUr7Hh0aMZrmSywWw9fXF6GhoTAyMoK5uTlCQkJgamoKb29vlJeX

IysrC/r6+tDW1sbhw4dx4sQJLF68GP369UNmZqYwVmWbYcOGYfv27bCysoK9vT2ioqKwfft2L

Fu2TIVXSkRERFQ3TBKJmqmunQxgZaqPu+nVH3/xtC5m+uhqxuMYahIQEICysjIsX74cRUVFcH

V1RXh4OMRiMZKTkzFkyBCsXLkSY8aMwfHjxwEAq1evxurVqxXGqWzz4YcfwsDAAGvWrEF6ejo

sLCywbNkyjB8/XhWXR0RERKQUJolEzZRIJMLMkT2xcm8sCoprPg5DV0sDM3x68viLWqirqyMw

MBCBgYFV6iwsLJCQkCB8HRER8czxNDQ0MG/ePMybN69B4yQiIiJ6EfhMIlEzZm6shyBfZ1iZ6

ldb38VMH0G+zjA31nvBkRERERFRc8UkkaiZMzfWw7+muaBtmyfn/OmI1bFsal8sn+rCBJGIiI

iIlMLlpkQtgEgkgob6k898dLU1eSYiEREREdUL7yQSERERERGRgEkiERERERERCZgkEhERERE

RkYBJIhEREREREQmYJBIREREREZGASSIREREREREJmCQSERERERGRgEkiERERERERCZgkEhER

ERERkYBJIhEREREREQmYJBIREREREZGASSIREREREREJmCQSERERERGRgEkiERERERERCZgkE

hERERERkYBJIhEREREREQmYJBIREREREZGASSIREREREREJmCQSERERERGRgEkiERERkYrJZD

KsX78enp6e6N27N2bMmIF79+7Vqd/MmTOxYcOGKnUnT56Ej48PHBwcMGrUKJw9e7YxQieiFoh

JIsGsg67wulOHNiqMhIiIqHUKCwvD/v37sWLFChw4cAAikQizZ89GSUlJjX2KiooQGBiI33//

vUrd+fPnERgYiEmTJuHo0aPw8PDA/PnzkZSU1JiXQUQtBJNEwsQh3WHfxQj2XYzw9pBuqg6H6

onJPjVn/P2l1qykpAQRERHw9/eHl5cXbG1tsW7dOmRkZCAyMrLaPrGxsXjzzTdx9epVGBgYVK

nftm0bvL294evrC2trayxZsgT29vbYtWtXY19Os8Q5iEiRypPExlheMXjwYNjY2Cj8WbRoUWO

E3yKYtW+DDyf0wYcT+sCsPSfG5orJPjVn/P2l1iw+Ph75+flwd3cXygwMDGBnZ4eLFy9W2+fc

uXPw9vbG0aNHoa+vr1Ank8kQGxurMB4AuLm5ISYmpuEvoAXgHESkSEPVAVQur1i5ciU6duyIk

JAQzJ49G8ePH4dYLK62T1FREZYtW4bff/8dffr0UajLy8tDamoqtm7dCnt7e6FcW1u7MS+DSO

Uqk32i5oi/v9SapaenAwDMzMwUyk1MTJCWllZtn4ULF9Y4nlQqRUFBAUxNTes8Xl1paKj8/kK

jeKmjPpZMdlZ1GERNhkqTxMrlFYGBgfDy8gIArFu3Dp6enoiMjMTIkSOr9ImNjcWyZctQWlpa

7fKKW7duQS6Xw9nZudp6IiIioqaksLAQAKp8OK6lpYWcnBylxysqKqpxvOLi4npGCaipiWBoy

BVHRK2BSpPEZy2vqC5JrFxeMWfOHLz++utV6hMSEmBsbMwEkYiIiJqFytVOJSUlCiufiouLoa

Ojo/R4WlpawnhPq+94lWQyOaTSgnr3J6KG1Zgf2qg0SWzo5RVAxZ1EXV1d+Pv74/LlyzAyMsK

YMWMwdepUqKk93xKJlrrEgoiIiFSn8n2QRCKBpaWlUC6RSGBra6v0eO3atYOuri4kEolCuUQi

qbIEVVllZbLn6k9EzYNKk8SGXl4BAImJicjNzYWPjw8WLFiAmJgYhIaGIicn55kJZm24xIKIi

Igag62tLfT09BAdHS0kiVKpFDdv3oSvr6/S44lEIjg7O+PChQsYN26cUB4dHY2+ffs2WNxE1H

KpNEls6OUVALBjxw4UFxdDT08PAGBjY4P8/Hxs3rwZ/v7+9b6byCUWRE0HP7AhopZELBbD19c

XoaGhMDIygrm5OUJCQmBqagpvb2+Ul5cjKysL+vr6dd6Iz8/PD3PmzIGdnR1eeeUVHDp0CHFx

cfj8888b+WqIqCVQaZLY0MsrAEBTUxOampoKZT169EBBQQFycnJgaGhY73i5xIKIiIgaQ0BAA

MrKyrB8+XIUFRXB1dUV4eHhEIvFSE5OxpAhQ7By5UqMGTOmTuN5eHjgiy++QFhYGNatW4du3b

phy5YtsLa2buQrIaKWQKVJYkMvr5DJZHj11Vcxbtw4zJs3Tyi/fv06OnTo8FwJopqaCEZGvHt

BRKrBOYioZVNXV0dgYCACAwOr1FlYWCAhIaHGvr/88ku15aNHj8bo0aMbKkTOQ0StiEqTxIZe



XqGmpoZhw4Zh+/btsLKygr29PaKiorB9+3YsW7bsuWIViURQVxc91xhERPXFOYiIVI3zEFHro

dIkEWj45RUffvghDAwMsGbNGqSnp8PCwgLLli3D+PHjG/lKiIiIiIiImj+RXC6XqzoIIiIiIi

Iiahp48B8REREREREJmCQSERERERGRgEkiERERERERCZgkEhERERERkYBJIhEREREREQmYJBI

REREREZGASSIREREREREJmCQSERERERGRgEkiERERERERCZgkEhERERERkYBJIhEREREREQmY

JBIREREREZGASSIREREREREJmCQSERERERGRgEkiERERERERCZgkEhERERERkYBJIhERERERE

QmYJBIREREREZGASSIREREREREJmCSSQC6XqzoEImrFOAcRUVPAuYgI0FB1ANQ0nD59Gj/99B

NWr17doONOmTIFALBnz54GHbelsbGxqVKmoaEBfX19ODg4YOHChejVqxeSk5MxZMiQZ463cuV

KjBkzpjFCJWoUnINUa/DgwUhJSamx/syZMzA1NRXavfbaa1izZk21bcePH4+rV69iwYIF8Pf3

b6yQiRoF5yLVqM/7m19++QW7du3CX3/9heLiYpiamsLLywvvvPMOOnTo0Nght3hMEgkAsHPnT

lWH0OqNHTsW48aNE74uKSlBYmIitmzZAj8/P5w8eRImJiY4cOCA0CYzMxMLFizAvHnzMHDgQK

Hc0tLyRYZO9Nw4B6mel5cX3n333WrrjIyMhNdqamr45ZdfUFxcDC0tLYV2ycnJuHr1aqPGSdS

YOBephrLvb44cOYKlS5diwoQJmD59OnR0dHD79m189dVX+PXXX3Ho0CG0a9fuBV9Fy8IkkaiJ

MDU1RZ8+fRTK+vXrB0tLS8yaNQs//fQTJk+erNAmOTkZQMWk+b99iYiUYWRkVKd5xNnZGTExM

Thz5gyGDh2qUHfixAn07NkTcXFxjRQlEbVEYrFYqfc3mzZtwmuvvYZPP/1UKHN3d4eLiwveeO

MNfPfdd5g1a1Zjh92i8ZlEwpQpU3DhwgVcuHABNjY2iI6OBgDEx8djwYIFcHd3h729PTw9PbF

ixQoUFRUJff/8809MmDABTk5OcHV1xbvvvou///67xu917tw59OrVC0FBQTWu+Z8yZQqWLVuG

r776CgMHDoSDgwPefvvtKp9Onzp1CpMmTYKTkxN69eqF4cOHY+/evUJ9dHQ0bGxsEBUVhSlTp

sDR0REDBw7EwYMHIZFIsGDBAjg5OcHLy6vKJ4ePHz/GRx99hJdffhkODg4YP348oqKiav17XL

p0KWxsbGr8U/n3qix9ff169SNqLjgHNe056H+99NJL6NWrF06ePFml7sSJExg5cmSDfB+iF41

zUfOZix4+fFjt35utrS2CgoLQq1ev5/4erZ1IzqdzW73bt28jMDAQABAcHIxu3bqhoKAAI0aM

QJ8+fTBlyhSIxWL89ttv2LVrF95//3288847ePDgAV577TW89dZbGDp0KHJycrBu3TqUlZXh5

59/hpqamsIa/IsXL2LWrFkYPnw4Vq5cCTW16j+jmDJlCuLi4mBtbY3Zs2dDLpfj3//+N0pLS/

HLL79AXV0dv/32G+bOnYupU6di8ODBKCoqwt69e/H7779j3759cHZ2RnR0NKZOnQojIyPMmTM

HNjY2+Oqrr3DhwgVYWlrCx8cHTk5O2LdvH06fPo2DBw/C0dERxcXFGD9+PB4+fIj33nsPJiYm

OHToEE6fPo3t27ejf//+1cZ9//59ZGVl1fj33K1bN+jp6VVbZ2Njg3fffRfz588XykpKSnD79

m188sknuHfvHo4fPw5TU1OFfpVr+PkMIjVnnINUPwcNHjwYrq6u+Pzzz6vUaWhoKLTr168fun

fvjo0bNyIqKgra2toAgL///hs+Pj44ffo0Bg8ezGcSqdnhXKT6uajSs97fvPfeezh58iReffV

VjBgxAq6urujYsWOtY5JyuNyUFP5nrbylf+XKFfTs2RNffvmlUPfyyy8jKioKFy9exDvvvINr

166hqKgIc+fOFf7HNDMzw+nTp1FQUKAwAVy7dg1z587F0KFDa50QK5WVlSE8PFwYIz8/H0uWL

EFcXBx69eqF27dvY/To0Vi2bJnQx8nJCW5ubrh48SKcnZ2F8rfeegt+fn4AAF1dXUyYMAGOjo

4ICAgAAPTq1QunT59GbGwsHB0dcezYMcTHx+Pbb79F7969AQCvvPIKpkyZgtDQUBw6dKjamC0

tLZ/rWcCwsDCEhYUplInFYri4uGDPnj1VEkSiloJzUNOYg44ePYqjR49WKf/666/h4uKiUDZi

xAiEhITgzJkzGDZsGICKu4hOTk4wNzevdwxEqsS5qGnMRXXx2WefQSaT4eeff8apU6eE7zt48

GD4+fnxPVMDYJJI1fLw8ICHhwdKS0tx584d3L17FwkJCcjKyhIeBO7duze0tLQwduxY+Pj4wM

vLCy4uLnB0dFQYKzU1VfgELDg4+JkTIlD1U6bKSbewsBAAhHXmBQUFuH//Pu7cuYPr168DAEp

LSxXGcnJyEl5X7nZVOdkBgKGhIQAgNzcXABAVFQVjY2PY29ujrKxMaDdo0CCsXr0aOTk5aNu2

bZWYZTIZZDJZjdekrq4OkUhUY/348eMxfvx4yOVy3Lx5E2vXroWzszNCQ0Of+YkbUUvDOejFz

0GDBg1SWM1QqWvXrlXKOnXqhD59+uDkyZMKSeLkyZNrHJ+oOeJc9OLnorrQ19fH+vXrkZycjD

NnziA6OhrR0dHYuXMnvv32W4SHhyskyKQ8JolULZlMhrVr1+Lrr79GQUEBzMzM4OjoqLCTnYW

FBfbu3YuvvvoK3377LXbu3AkDAwNMmjQJCxcuFCa/5ORkeHh4IDo6Ghs2bEBQUNAzv7+Ojo7C

15VjVU46WVlZCA4OxqlTpyASidC5c2f07dsXQNXzjapLsP53/Kc9fvwYmZmZsLe3r7Y+MzOz2

knx//7v/3DkyJEax929ezfc3NxqrDcxMYGDgwMAwNHREV26dMH06dPx3nvvYdu2bc89oRI1J5

yDXvwc1K5dO2EOqosRI0bgP//5DwoLC3Hv3j3cvXsXw4cPr3N/ouaAc9GLn4uUYWFhgcmTJ2P

y5MmQyWQ4deoUgoKCsGLFChw+fLhBvkdrxSSRqvXVV19h586d+PjjjzFs2DBh85SxY8cqtHN0

dMTGjRtRUlKCS5cu4cCBA9iyZQtsbGzg4+MDAOjevTu2bt2KDRs2YNu2bRg5cmSVT9eUtWjRI

iQlJWHHjh1wdnaGWCxGYWEhDh48+FzjAhWfTllZWSE0NLTaegsLi2rLFyxYUOun6F26dFEqDj

c3N0yePBl79uzBt99+iwkTJijVn6g54xyk+jnoWYYPH45Vq1bhzJkziIuLg7u7O9q3b9+g34N

I1TgXNb256KeffkJwcDD27dunMJaamhqGDh2Kixcv4ttvv32u70Hc3ZT+8b9LHi5duoRu3bph

7NixwoSYkZGBW7duCZ9e7dy5E4MHD0ZJSQnEYjH69++Pzz77DACQlpYmjGVoaAgNDQ3MmzcPn

Tp1wrJly6osgVDWpUuXMGzYMLi7u0MsFgMAzp49CwC1LnGoi379+iEtLQ3t27eHg4OD8CcqKg

rbt2+Hurp6tf0sLCwU2v/vn/osGX3vvffQoUMHrF27FtnZ2c91XURNGeegJ5rSHFSbjh07om/

fvvj5559x8uRJ7mpKLQLnoiea6lzUvXt3PH78GLt27aq2/u7du+jRo8dzfQ9ikkj/MDAwwJ07

dxAVFYWcnBw4OjoiISFB2P3q4MGDmDx5MkpKSoR18O7u7pBIJJg/fz7OnDmD33//HUFBQRCLx

Rg0aFCV76GtrY1//etfuHXrFrZt2/Zc8To6OuL777/HsWPHEB0djS1btmDp0qUQiURCfPU1Zs



wYdOrUCX5+fjhy5AjOnz+PtWvXYt26dTAxMYGmpuZzja8MPT09vP/++3j8+DHWrVv3wr4v0Yv

GOeiJpjQHPcuIESPw888/Iy0tDd7e3qoOh+i5cS56oqnORV27dsWcOXOwb98+zJkzB8ePH0dM

TAx++uknvPvuu4iKisLixYtVEltLwuWmBACYPHkybty4gdmzZ2PlypWYO3cusrOzsXv3bmzat

AlmZmZ44403IBKJsHXrVuTk5MDW1hZbtmzBpk2b8MEHH6C8vBy9evVCREREtRsdAICXlxeGDR

uGzZs3Y9iwYbC2tq5XvKtWrcJnn30mfFJnZWWFTz75BP/9738RExNT778HoGLHr6+//hpr1qx

BSEgIcnNzYW5ujg8//BAzZsx4rrHr46233sKBAwdw8OBBTJgwocZnA4iaM85BTzS1Oag2w4cP

x+eff46BAwfCwMBA1eEQPTfORU805bnogw8+QM+ePXHw4EGsWLECeXl5MDAwgIuLC7777jvY2

tqqNL6WgOckEhERERERkYDLTYmIiIiIiEjAJJGIiIiIiIgETBKJiIiIiIhIwCSRiIiIiIiIBE

wSiYiIiIiISMAkkYiIiIiIiARMEomIiIiIiEigoeoAmovychmysvJVHQYRATA21ld1CC8c5yC

ipoXzEBGpWmPOQ7yTSERERERERAImiURERERERCRgkkhEREREREQCJolEREREREQkYJJIRERE

REREAiaJREREREREJGCSSERERERERAImiURERERERCTQUHUARNQw0h7l45tTiQCASa92h1n7N

iqOiKju+PtLRKrEOYhIEe8kErUQ+04n4q87WfjrThb2n76t6nCIlMLfXyJSJc5BRIqYJBK1EG

kPC4TXqQ/zVRgJkfL4+0tEqsQ5iEgRk0QiIiIiIiISMEkkIiIiIiIiAZNEIiIiIiIiEqg8SZT

JZFi/fj08PT3Ru3dvzJgxA/fu3aux/Y0bNzBt2jQ4OTnB3d0dH330EaRSqUKbkydPwsfHBw4O

Dhg1ahTOnj3b2JdBRERERETUIqg8SQwLC8P+/fuxYsUKHDhwACKRCLNnz0ZJSUmVthKJBH5+f

rC0tMSRI0cQFhaG2NhYLFmyRGhz/vx5BAYGYtKkSTh69Cg8PDwwf/58JCUlvcjLIiIiIiIiap

ZUmiSWlJQgIiIC/v7+8PLygq2tLdatW4eMjAxERkZWaZ+SkgJPT08EBwfDysoKzs7OGDduHKK

iooQ227Ztg7e3N3x9fWFtbY0lS5bA3t4eu3btepGXRkRERERE1CypNEmMj49Hfn4+3N3dhTID

AwPY2dnh4sWLVdo7OTlh7dq10NDQAADcvn0bR44cwYABAwBULF2NjY1VGA8A3NzcEBMT04hXQ

kRERERE1DJoqPKbp6enAwDMzMwUyk1MTJCWllZr32HDhuHu3bswNzdHWFgYAEAqlaKgoACmpq

ZKj1cXGhoqX51LVCORSPE1f1+JiIiIqD5UmiQWFhYCAMRisUK5lpYWcnJyau0bGhqKoqIihIa

GYurUqTh27BiKiopqHK+4uPi5YlVTE8HQsM1zjUHUmNTURAqv+ftKRERERPWh0iRRW1sbQMWz

iZWvAaC4uBg6Ojq19nVwcAAAbNiwAV5eXoiMjISXl5cw3tPqMt6zyGRySKUFzzUGUWOSyeQKr

7Oz81UYTeNiAkxERETUeFSaJFYuM5VIJLC0tBTKJRIJbG1tq7RPSkpCcnKykAwCFUtJ27Zti4

yMDLRr1w66urqQSCQK/SQSSZUlqPVRViZ77jGIGotcrviav69EREREVB8qfWjJ1tYWenp6iI6

OFsqkUilu3rwJFxeXKu3PnTuHhQsXIi8vTyi7f/8+srOzYW1tDZFIBGdnZ1y4cEGhX3R0NPr2

7dt4F0JERERERNRCqDRJFIvF8PX1RWhoKE6fPo34+Hi8//77MDU1hbe3N8rLy5GZmSk8a/jGG

29AX18fgYGBSExMRExMDAICAuDo6IhBgwYBAPz8/PDDDz9gx44dSEpKwurVqxEXF4dp06ap8l

KJiIiIiIiaBZVvfxgQEICxY8di+fLlmDhxItTV1REeHg6xWIy0tDR4eHjgxIkTAABDQ0Ps3r0

bMpkMEydOxPz582FnZ4fw8HCoq6sDADw8PPDFF19g3759ePPNN3H+/Hls2bIF1tbWqrxMIiIi

IiKiZkGlzyQCgLq6OgIDAxEYGFilzsLCAgkJCQplXbp0wdatW2sdc/To0Rg9enRDhklELZhMJ

sPGjRtx8OBBSKVS9O3bF8HBwejcuXO17W/cuIGQkBBcu3YNWlpaGDp0KBYtWgQDAwOhzcmTJ7

FhwwY8ePAAVlZWCAwMxCuvvPKiLomIiIio3lR+J5GISNXCwsKwf/9+rFixAgcOHIBIJMLs2bO

r7JQMVGyE5efnB0tLSxw5cgRhYWGIjY3FkiVLhDbnz59HYGAgJk2ahKNHj8LDwwPz589HUlLS

i7wsIiIionphkkhErVpJSQkiIiLg7+8PLy8v2NraYt26dcjIyEBkZGSV9ikpKfD09ERwcDCsr

Kzg7OyMcePGISoqSmizbds2eHt7w9fXF9bW1liyZAns7e2xa9euF3lpRERERPXCJJGIWrX4+H

jk5+fD3d1dKDMwMICdnR0uXrxYpb2TkxPWrl0LDY2K1fq3b9/GkSNHMGDAAAAVS1djY2MVxgM

ANzc3xMTENOKVEBERETUMlT+TSESkSunp6QCenNtaycTEBGlpabX2HTZsGO7evQtzc3OEhYUB

qDjGp6CgoMrZrHUZ71k0NFru53oikeLrlnytRERETR2TRKIWQC6Xo6xcJnxdUFSKpJQcdO1kA

NHT776pisLCQgAVR/I8TUtLCzk5ObX2DQ0NRVFREUJDQzF16lQcO3ZMOLKnuvGKi4vrHaeamg

iGhm3q3b+pU1MTKbxuyddKRETU1DFJJGrmUjLzEP5DHHLyn2yyUlhSjs/3XIKVqT5mjuwJc2M

9FUbYtGlrawOoeDax8jUAFBcXQ0dHp9a+Dg4OAIANGzbAy8sLkZGR8PLyEsZ7Wl3Gq41MJodU

WlDv/k2dTCZXeJ2dna/CaIiejR9kEFFLxiSRqBlLyczDyr2xKCguq7b+bnouVu6NRZCvMxPFG

lQuM5VIJLC0tBTKJRIJbG1tq7RPSkpCcnKykAwCFUtJ27Zti4yMDLRr1w66urqQSCQK/SQSSZ

UlqMoqK5M9u1EzJZcrvm7J10pERNTU8aEPomZKLpcj/Ie4GhPESgXFZYg4EQf50+/CSWBraws

9PT1ER0cLZVKpFDdv3oSLi0uV9ufOncPChQuRl5cnlN2/fx/Z2dmwtraGSCSCs7MzLly4oNAv

Ojoaffv2bbwLISIiImogTBKJmqm/U6W4m55bp7Z30nLxd5q0kSNqnsRiMXx9fREaGorTp08jP

j4e77//PkxNTeHt7Y3y8nJkZmYKzxq+8cYb0NfXR2BgIBITExETE4OAgAA4Ojpi0KBBAAA/Pz

/88MMP2LFjB5KSkrB69WrExcVh2rRpqrxUIiIiojphkkhIe5SPNQeuYM2BK0h7xOeAmovLiQ+

Va39LufatSUBAAMaOHYvly5dj4sSJUFdXR3h4OMRiMdLS0uDh4YETJ04AAAwNDbF7927IZDJM

nDgR8+fPh52dHcLDw6Gurg4A8PDwwBdffIF9+/bhzTffxPnz57FlyxZYW1ur8jKJiIiI6oTPJ

BL2nU7EX3eyAAD7T9/G++N7qzgiqouCotJGbd+aqKurIzAwEIGBgVXqLCwskJCQoFDWpUsXbN

26tdYxR48ejdGjRzdkmEREREQvBO8kEtIePtkxMfUh7yQ2F+pqyh1toaut2UiREBHR85LJZFi

/fj08PT3Ru3dvzJgxA/fu3aux/Y0bNzBt2jQ4OTnB3d0dH330EaRSxccKTp48CR8fHzg4OGDU



qFE4e/ZsY18GEbUQTBKJmqHbKTk4H5ehVB+nHh0aKRoiInpeYWFh2L9/P1asWIEDBw5AJBJh9

uzZVY7TASp2S/bz84OlpSWOHDmCsLAwxMbGYsmSJUKb8+fPIzAwEJMmTcLRo0fh4eGB+fPnIy

kp6UVeFhE1U0wSiZoRuVyOX2OT8e+vY5FfWPuupk/rYqaPrmYGjRgZERHVV0lJCSIiIuDv7w8

vLy/Y2tpi3bp1yMjIQGRkZJX2KSkp8PT0RHBwMKysrODs7Ixx48YhKipKaLNt2zZ4e3vD19cX

1tbWWLJkCezt7bFr164XeWlE1EwxSSRqJkpKyxHxQxz2/HwL5bK6H2ehq6WBGT49IRIptzyVi

IhejPj4eOTn58Pd3V0oMzAwgJ2dHS5evFilvZOTE9auXQsNjYqtJW7fvo0jR45gwIABACqWrs

bGxiqMBwBubm6IiYlpxCshopaCG9cQNQMPHxdi45HruJ+Rp1Deto0Y4wZZ41RMcrXHYXQx08c

Mn54wN9Z7UaESEZGS0tPTAQBmZmYK5SYmJkhLS6u177Bhw3D37l2Ym5sjLCwMQMVZrwUFBTA1

NVV6vGfR0GiZ9xee/hxVJGq510lUV0wSiZq4v+5kYcuxG8gvUlxe2s2iLd4d3Qvt9LTQ394UH

2z8Azn5Fc+u6IjV8cHbfdDVzIB3EImImrjCwkIAFee2Pk1LSws5OTm19g0NDUVRURFCQ0Mxde

pUHDt2TDjXtbrxiouL6x2nmpoIhoZt6t2/KVN7ajO4lnydRHXFJJGoiZLL5Thx/h4On/0b8v9

ZXTqkrwUmDO4GDfWKTzpFIpHwGqjYydS6U9sXGS4REdWTtrY2gIpnEytfA0BxcTF0dHRq7evg

4AAA2LBhA7y8vBAZGQkvLy9hvKfVZbzayGRySKUFz27YDMmeeoxDJpMjO5u7vVPT15gfZjBJJ

GqCCovLEP5DHGJvZSqUa2qoYdpwG7zcy6yGnkRE1NxULjOVSCSwtLQUyiUSCWxtbau0T0pKQn

JyspAMAhVLSdu2bYuMjAy0a9cOurq6kEgkCv0kEkmVJajKKiuTPVf/purpD2Pl8pZ7nUR1xQX

XRE1M2qN8rNgdUyVB7NBWG//n25cJIhE1WWmP8rHmwBWsOXAFaY94J6aubG1toaenh+joaKFM

KpXi5s2bcHFxqdL+3LlzWLhwIfLynjynfv/+fWRnZ8Pa2hoikQjOzs64cOGCQr/o6Gj07du38

S6EiFoMJolETcilBAk+3RWDtEeKy3l6dTHCR9Nd0dlUX0WRERE9277TifjrThb+upOF/advqz

qcZkMsFsPX1xehoaE4ffo04uPj8f7778PU1BTe3t4oLy9HZmam8KzhG2+8AX19fQQGBiIxMRE

xMTEICAiAo6MjBg0aBADw8/PDDz/8gB07diApKQmrV69GXFwcpk2bpspLJaJmgkkiURMgk8nx

3W9J2HTkBopLyhXqXnu5M94b1xt6Opoqio6IqG7SHj75gCv1Ie8kKiMgIABjx47F8uXLMXHiR

KirqyM8PBxisRhpaWnw8PDAiRMnAACGhobYvXs3ZDIZJk6ciPnz58POzg7h4eFQV1cHAHh4eO

CLL77Avn378Oabb+L8+fPYsmULrK2tVXmZRNRMqPyZRJlMho0bN+LgwYOQSqXo27cvgoOD0bl

z52rbJyYmIiQkBFevXoWamhpcXV2xdOlSdOrUSWgzePBgpKSkKPQbNWoUQkNDG/VaiOojt6AE

X/33L/x1N1uhXFusjtmv2cGph7GKIiMiohdFXV0dgYGBCAwMrFJnYWGBhIQEhbIuXbpg69att

Y45evRojB49uiHDJKJWot5JYlJSEv744w9IJBJMmTIFDx48ENbUKyMsLAz79+/HypUr0bFjR4

SEhGD27Nk4fvx4la2bs7Oz4efnB1dXV+zduxfFxcX497//jVmzZuHIkSPQ0tJCXl4eUlNTsXX

rVtjb2wt9n94tjKipuJeei42Hr+ORtEih3Ky9LhaMcYBZe27BTUREREQvltJJYnl5OYKDg3Ho

0CHI5XKIRCKMGDECmzZtwoMHD7B3794675xVUlKCiIgIBAYGCjt0rVu3Dp6enoiMjMTIkSMV2

p86dQqFhYVYtWoVtLS0AAAhISHw8vJCbGws+vfvj1u3bkEul8PZ2RkGBgbKXh7RC/PH9TTs+j

EBZeWKO6i52BjDz6cndLRUfqOfiIiIiFohpZ9J3Lx5M77//nusWLECf/zxB+T/7Bm8ZMkSyGQ

yrFu3rs5jxcfHIz8/H+7u7kKZgYEB7OzscPHixSrt+/fvj02bNgkJ4tMqD5tNSEiAsbExE0Rq

ssrKZdjzUwLCf4hTSBBFImDcIGvMG92LCSIRERERqYzS70QPHTqEgIAAvPXWWygvf7LBhq2tL

QICApR67i89PR3Ak/OBKpmYmCAtLa1KewsLC1hYWCiUbd26FVpaWnB1dQUA3Lp1C7q6uvD398

fly5dhZGSEMWPGYOrUqVBT4z49pFrZucUIO3odSSlShXI9HU2884Y97KyMVBQZEREREVEFpZP

Ehw8fomfPntXWdezYEVKptNq66hQWFgJAlWcPtbS0hDuDtdm9eze++eYbBAUFoX379gAqNrbJ

zc2Fj48PFixYgJiYGISGhiInJwcLFy6sc2zV0dBomUmmSKT4uqVep6rF38vGpsPXkZNfolBuZ

aaPgLcc0aGdznONz58jERERETUEpZPEzp0748yZM3j55Zer1F24cKHGXUmrU7mZTElJicLGMs

XFxdDRqfkNs1wux5dffonNmzdj7ty5mD59ulC3Y8cOFBcXCxvo2NjYID8/H5s3b4a/v3+97ya

qqYlgaNgyNxFRUxMpvG6p16kqcrkc3//+NyL++xfKZXKFOu9+lnhnjCPEmurP/X34cyQiIiKi

hqB0kjht2jR89NFHKC0txaBBgyASiXDv3j1ER0cjIiICS5curfNYlctMJRIJLC0thXKJRAJbW

9tq+5SWliIoKAjHjx/H4sWLMXPmTIV6TU1NaGoqnifXo0cPFBQUICcnB4aGhnWO72kymRxSac

GzGzZDsqcSF5lMjuxsnm3VUIpLyxFxPA5Rf6UrlKuriTB1uA0GOpkjP68IDfE33pp+jkyAiYi

IiBqP0kniuHHjkJWVhS1btmDfvn2Qy+X44IMPoKmpiVmzZmHixIl1HqvyyIzo6GghSZRKpbh5

8yZ8fX2r7bN48WJERkZizZo1VXY/lclkePXVVzFu3DjMmzdPKL9+/To6dOhQ7wSxUlmZ7NmNm

iG5XPF1S73OF02SXYCNh28gOTNPodxQXwvvju4Fa/O2KC+XA5BXP4CS+HMkIiIiooagdJKYk5

ODuXPnYvLkybh8+TIeP34MAwMD9O7dG+3atVNqLLFYDF9fX4SGhsLIyAjm5uYICQmBqakpvL2

9UV5ejqysLOjr60NbWxuHDx/GiRMnsHjxYvTr1w+ZmZnCWJVthg0bhu3bt8PKygr29vaIiorC

9u3bsWzZMmUvlajeriU9wlf//QsFxWUK5TYvtcM7o3uhbRtxDT2JiIiIiFSrXncS33vvvf9v7

97DoirX/oF/Z4AZQEA5KQgqigKCJiqobE8lkb6YpuxXKzdZamqkaGV4+OHOapcUB9mpoaZipr

lrW2pJ+pZame6tqKF44iyZqIgcZICBGYZZvz+MiREUZgSHGb6f6/JyeNZaD/di8HHutZ51Pwg

NDcXo0aMfOoBFixZBpVJh5cqVqKmpQWBgILZu3QqJRIKCggIEBwcjJiYGYWFhSElJAQDExsYi

NjZWq5/6fZYsWQI7OzskJCSgsLAQ7u7uiI6OxvTp0x86VqLmqAUBKf/9Dd8cy290f/CpwB743

8c9YW7GgjJERERE1H7pdSfxYadtNmRmZoaoqChERUU12ubu7o6srCzN18nJyc32Z25ujoiICK



3ppkSPgrymFltSMnAut1irXWIhxkv/44MRvi4GioyIiIiIqOV0vqUxc+ZMxMbG4uTJkygtLW2

LmIiMTsHtSvxj+5lGCWLXLlZY+UIAE0QiIiIiMho630n85ptvcOPGDcyaNavJ7SKRCJcvX37o

wIiMxamMW9h2IBOK2jqt9sc8HTFvki+sLS3ucyQRERERUfujc5I4efLktoiDyOjUqdX46uc8f

H/qWqNtz4zqjUkjPSBuuMI9EREREZER0DlJXLhwYVvEQWRUZFVKbPzmIjJ/v6PVbiU1x9xJvv

Dv6/TIY3J1skaJrAYA0N2J6wgSERERkX50ThIBQKlUYs+ePUhNTYVMJoO9vT0CAgIwdepUSKX

S1o6RqF25ckOGj/deQFmFQqvdzbkTFoYNRDd7a4PE9XxwP+wScgAAzwX3NUgMRERERGT8dE4S

ZTIZZs6ciczMTHTv3h3Ozs7Iz89HSkoKPv/8c+zatQu2trZtESuRwR09dx2fH8qGqk57gYth/

bti1v/0h1RiZqDIAFfHTljyrL/Bvj8RERERmQadk8T69Qd37tyJgIAATfuZM2ewaNEifPTRR1

i5cmWrBklkaLUqNT4/lIVf0m9qtYtFIkwf1xchAe4Q8flDIiIiIjIBOi+BceTIEbz22mtaCSI

ABAQEYNGiRfjhhx9aLTii9qBUVoMPPv+1UYJoZ22BqOf98VRgDyaIRERERGQydL6TWFVVhR49

ejS5rUePHrhz587DxkTUbmRcLcPGby6iQl6r1d6nux1enTIADnaWBoqMiIiIiKht6Jwk9unTB

z/99BNGjhzZaNuRI0fQq1evVgmMyJAEQcD3p65h98+5ELQfP8Tj/t3x/JNesDDX+UY8EREREV

G7p3OSOGfOHLzxxhtQKpWYNGkSnJycUFxcjP3792P37t14++232yBMokenRqnCtgOZOJ1ZpNV

ubiZG+FNeGDOou4EiIyIiIiJqezoniaGhofjtt9+wceNG7N69G8Dduy4SiQQLFizAs88+2+pB

Ej0qhaVyfLznAq4XV2m1O9hJsWDqQPR2tTNQZEREREREj4Ze6yS++uqrCA8Px7lz51BeXo7On

TvD398fdnb8AE3G62zObWxJuYxqRZ1We/9e9pj/jB/srCUGioyIqP0TBAGqOrXma3lNLfKul6

NPdzsW9yIiMjJ6JYnffvstUlNT8f777wO4u/zFiy++iFdffRUhISGtGiBRW1OrBXxzPB/7//t

bo20ThvfEX8f2gZmYzx8SEd3P9duV2PpdBsqrlJq2amUd3t/xKzxcbDFnYn+4OdsYMEIi6ihu

llRh1+EcAMCMJ/vB1bGTgSMyTjp/8t2zZw+WLl2K6upqTZujoyPc3d2xePFiHDp0qFUDJGpLl

dW1+Oir840SRKmFGSKmDMD0J/oyQSQieoDrtysRszMNvxVWNLn9t8IKxOxMw/XblY84MiLqiP

51JAeX8ktxKb8UXxzJNXQ4RkvnT7/Jycl4+eWXsWbNGk1b7969sW7dOsyaNQtJSUmtGiBRW/n

9VgX+sf00Llwp0Wrv5mCNlS8GINCnq4EiIyIyDoIgYOt3GZArVA/cT65QIflABoR7y0UTEbWy

m8Vyzesb99SYoJbTOUm8du0aRo0a1eS2UaNGIT8//6GDImprJy4VYvWOX3H7To1W++B+Tvj7z

AC4OXFqAhFRc67ckN33DuK98m9W4MpNWRtHRERErUHnJLFr1644f/58k9suX74Me3v7hw6KqK

2o6tTYdSgbm/dfhlL1Z4EFEYCpY/pgQdhAWFvq9aguEVGHIggCjqbf0OmYs9nFbRQNERG1Jp0

/DU+ZMgUbNmxAp06d8OSTT8LBwQGlpaU4fPgw1q9fj5kzZ7ZFnEQPrbxSgQ37LiK7oFyrvZOl

OeZP9sOAPo4GioyIyDjUqtTI+r0M53KLkZ5bjBKZQqfj5TW1bRQZERG1Jp2TxPnz5yMvLw//+

Mc/8N5772naBUHAhAkTEBkZ2aoBErWG3OvlSNp7AXcqlVrtPbva4NWwgejaxcpAkRERtW+yKi

XO55UgPbcYF38rhUJZ1/xB92FtadGKkZkWtVqN9evXY/fu3ZDJZBg6dChWrVqFXr16Nbl/Tk4

O4uLikJ6eDrFYjMDAQCxfvhzdu3fX7DNu3Dhcv35d67hJkyYhPj6+Tc+FiIyfzkmiubk51qxZ

g4iICPz666+4c+cObG1tMXToUPj4+LRFjER6EwQBP5+9jl2Hc1Cn1i6YEOTngpkTvCG1MDNQd

ERE7Y8gCLheXIX03GKcyy3GlesytFa5mcFeTq3Uk+lJSkrCF198gZiYGHTr1g1xcXGYO3cuUl

JSIJFor9NbVlaGWbNmITAwEDt37oRCocCHH36Il19+GXv37oVUKkVlZSVu3LiBTZs2wc/PT3O

spaXloz41IjJCej981a9fP/Tr1w8AcPv2bRQVFaGurg5mZvzATe2DsrYOO37Iwn8uFGq1m4lF

eC64H8YNceMCz0REuPu8dtbvdzTTSIvLa5o9xkwsQj/3zigqq0ZpRfPTTnu72qKPq11rhGtyl

EolkpOTERUVhbFjxwIAEhMTMXr0aBw6dAgTJ07U2v/w4cOorq7GBx98AKlUCgCIi4vD2LFjkZ

aWhqCgIGRnZ0MQBAwZMgR2dvy5E5FudE4Sq6qq8N5778HX1xcvvPACDhw4gKVLl6Kurg4eHh5

ITk6Gq6trW8RK1GLFd6rx8d6LuHpLu+pe504SREwZAK8eXQwTGBFRO1EhbzCNNL8UNS2YRtrJ

0hwDPR3h39cJA3o7wNrSQrNO4oOWwbCWmmN2aH9emLuPzMxMVFVVYcSIEZo2Ozs7+Pr64vTp0

42SxKCgIHz88ceaBLGh8vK7z91nZWXB2dmZCSIR6UXnJDE+Ph7ff/89Ro4cCQBISEiAj48PIi

Ii8M9//hPx8fFISEhocX9tMQf/4MGDWLduHa5duwYPDw9ERUVhzJgxup4qGalL+aXY+M1FVNV

of2Dp694Zr04ZgC42jf9TJSIydYIg4EaJXDONNO96OVqybKGLgzX8+zphUF9H9HXvDDOxdmF0

N2cbrAgfgq3fZTS5HEZvV1vMDu0PN2eb1joVk1NYeHfGy70X2bt27YqbN2822t/d3R3u7u5ab

Zs2bYJUKkVgYCAAIDs7G9bW1oiMjMTZs2fh4OCAsLAwzJw5E2KxzsXtNczN9T+2PWt4/UIkMt

3z7Aj4XrYOnZPEI0eOYPny5Xj66aeRkZGB69evY+nSpQgODoZKpcKqVat06q+15+CfPHkSUVF

RWL58OYKCgvDVV19hwYIF2LdvHzw9PXU9XTIigiDgwMmr2PPLlUYffIKHuOPZ4L4wN+NAQUQd

h6pOjexrf04jvXdt2KaIRSJ49eiMQX2d4N/XCd0crJs9xs3ZBn9/MQBvrP8PyqvuFgizkpjhj

ef80cfVjncQm1FdXQ0AjT73SKVSzZ3BB/nss8+wa9curFixAo6Odyt15+TkoKKiAqGhoVi4cC

HOnDmD+Ph4lJeXY/HixXrFKRaLYG9vmusIi8Uirdemep4dAd/L1qFzknjnzh306dMHAPDzzz/

D3Nxcc1exc+fOUChaXg67Lebgb968GSEhIQgPDwcALFu2DGfPnsX27dvx7rvv6nq6ZCSqFSok

f5eBX7Nva7VbmIsxc7w3Rg7kFGi6P1YVJFNSWV2LC3klOJdbjIv5JahWND+N1Fp6dxrpoL6OG

NjHEZ30qEIqEom0LsRZW1rAs3tnnfvpiOqLySiVSq3CMgqFAlZW96++LQgCPvroI2zYsAHz58

/HSy+9pNm2bds2KBQK2NjcvYPr7e2NqqoqbNiwAZGRkXrdTVSrBchkcp2PMwbqBsXt1GoBZWV

VBoyGHkZHei/bMgHWOUl0c3NDVlYWAgIC8MMPP8Df318zAB09erTR9IcHae05+Gq1GmlpaVi+



fLnWtuHDh+PQoUO6nCYZkZslVVi/5wJulmj/x+XU2RILpg5ELxdbA0VGxoJVBcmYCYKAwlL53

buFOcXIaeE00m72Vpq7hX3dO3OmhQHVTzMtKipCz549Ne1FRUX3rRxfW1uLFStWICUlBUuXLs

WcOXO0tltYWMDCQjvZ9/LyglwuR3l5Oezt7fWKVaVS63Vce9fw34wgmO55dgR8L1uHzknijBk

z8MEHH2Dnzp3Iz8/HmjVrAACRkZE4fPgwVq5c2eK+WnsOvkwmg1wuh4uLS4v605Wpzmk25rnb

ZzKL8Mm3lxoVXBjQxwERUwbA1lpynyOJ7mJVQTJGqjo1cgrKNc8XFpVVN3uMSAT0c++ieb7Q1

ZFTsNoLHx8f2NjYIDU1VZMkymQyXL58WTMz6l5Lly7FoUOHkJCQ0GicUqvVePLJJzFt2jRERE

Ro2i9cuAAnJye9E0Qi6jh0ThJfeOEFODg44NSpU4iMjERoaOjdjszN8fbbb+PZZ59tcV+tPQe

/Pulsqj9dpsE2xZTnNBvj3O06tYCdBzPw1Y85jbZNC+6Hv03oDzMxn4Gh5rGqIBmLqpoG00iv

lD6wmmg9K6kZBvZxxKC+ThjYxxE2VlzMvj2SSCQIDw9HfHw8HBwc4Obmhri4OLi4uCAkJAR1d

XUoLS2Fra0tLC0tsWfPHk11+WHDhuH27T8ftajfZ/z48diyZQs8PDzg5+eHEydOYMuWLYiOjj

bgmRKRsdBrncSJEyc2+uCUmJiocz+tPQe//kObUqnU2r+5/lqC8/Dbjwq5Ehv2XsTF/FKtdku

JGeZN9kOAT1fIyk3zvaK7WvNCBqsKtg/GPKOhLd0sqcK5nGKczb6N7GvlULdgHmlXeysM7ueE

wf2c4dWzyyOdRsr3UX+LFi2CSqXCypUrUVNTg8DAQGzduhUSiQQFBQUIDg5GTEwMwsLCkJKSA

gCIjY1FbGysVj/1+yxZsgR2dnZISEhAYWEh3N3dER0djenTpxvi9IjIyOiVJLaW1p6D36VLF1

hbW6OoqEjrmKKiokZTUPVhqnOajWnu9tXCCqzfcwElMu0Kfa6O1lgYNhCujp3adfzU/rCqYPt

gjDMa2kJdnRoZv5Xi1OVbOHXpJq7fbv6inVgEePdywDA/Fwzz7YYe3WwNVk2U76P+zMzMEBUV

haioqEbb3N3dkZWVpfk6OTm52f7Mzc0RERGhNd2UiKilDJoktvYcfJFIhCFDhuDUqVOYNm2ap

j01NRVDhw5tuxOhR+I/F27is++zUHtPEjjU2xmzQ/vDSmrQX2cyUqwq2D4Y24yG1iSvUeF8Xj

HO5dxdpuLeNV6bYikxw0BPRwzu54RBfZ20nr++c8dwvycd6X1kAkxEpsygn6rbYg7+rFmzMG/

ePPj6+mLMmDH4+uuvkZGRgffff9+AZ0oPQ1Wnxr8O5+Cns9rLCYhEwP+O9cSE4T25BhfpjVUF

2wdjmtHQGorK5DiXW4L03GJkX7uDOnXz00idOltqqpF63zONtL38vDra+0hEZKoMfuultefgj

xo1CqtXr0ZSUhISExPRt29fbNy4EZ6enoY4PXpIZRUKJO27gLzrMq12GysLzH/GD34eDgaKjE

wFqwrSo6BWC8i9/mc10nuX7GmKCEAfN7s/qpE6wc2pEy+IERHRI6F3kqhWq5GdnY2ioiIMGTI

EKpUKXbp00bmf1p6DDwBTpkzBlClTdI6F2pfsa3eQtO8iZFXahYh6udhiwdQBcOr8cMWIiABW

FaS2U61Q4WJ+Kc7lFOPClRJUVtc2e4xUYoYBHg4Y1NcJj3k6wq4Tl/EhIqJHT68k8ZtvvkFCQ

gKKioogFouxe/durFu3DhYWFkhISGhUAIJIF4Ig4PCvBfj3j7mNpmCNGuiKF8Z7wcLczEDRkS

liVUFqLbfvVN9d1D63GFm/t2waqaOdtME0UntYsCIoEREZmM5J4oEDB7Bs2TJMnjwZTzzxBF5

//XUAwFNPPYV33nkHSUlJeO2111o7TuogFLV12H4wEycv39JqNxOLMCPEC4/7d+d0K2p1rCpI

+lKrBVy5IdMkhteLmy/UIgLQu7udJjF0d+Y0UiIial90ThI3btyI5557Dm+//Tbq6uo07WFhY

SgpKcG///1vJomkl6I71Vj/9QUU3K7Uau9iI8GCqQPh6dbZQJEREf2pWqHCpfxSpOcWIz2vZd

NIJRZi+Hk4wL+vEx7r64TOnEZKRETtmM5JYn5+PpYtW9bktkGDBmHdunUPHRR1POfzSvDJt5c

gV2iXfvfq0QURUwbwAxURGVRxeTXSc0twLrcYWb+XQVXX/DRSe1uppuhM/15dOE2eiIiMhs5J

oqOjI/Ly8jBy5MhG2/Ly8jSLSRO1hFoQkPLf3/DNsXzc+5ErJKAHpj3hqVXmnYjoUVALAvIbT

CMtaMGi9gDQ29VWM420R1cbTiMlIiKjpHOSGBoairVr16Jr164YO3YsgLuL2F+8eBFJSUl4+u

mnWz1IMk3yGhW2pFzGudxirXaJuRgvhfpghK+LgSIjoo6oRqnCpfwypOcW43xeMWTyFkwjNRf

D18MB/v3uViPtYiN9BJESERG1LZ2TxNdeew3Z2dl47bXXIBbfvcPzwgsvQC6XIyAgAIsXL271

IMn0FNyuxMd7LuBWWbVWu3MXSywMeww9utoYKDIi6khKZTU498fahZlX70BV1/zi711sJA2mk

dpDYsFppERE7YEgCFrjuLymFnnXy9Gnux1nduhI5yRRIpFgy5Yt+M9//oMTJ06gvLwctra2GD

ZsGMaOHcs3gJp1KuMWth3IhKK2Tqv9MU9HzJ3ki06WFgaKjIhMnVoQ8NvNCs000mtFlc0fhLv

rs/r/MY20ZzdOIyUiam+u367E1u8yUN5gfe1qZR3e3/ErPFxsMWdif7g58yZES+m1TiIAjBw5

ssnnEonup06txlc/5+H7U9cabZs80gOTR/WGmB+8iKiVKZR1uPxbKc7lFuN8XonWB4j7sTAXw

7eXPQb1c8IgTyfY23IaKRFRe3X9diVidqY1KoBY77fCCsTsTMOK8CFMFFtI5yRxxYoV990mFo

thbW0NDw8PhIaGwt7e/qGCI9Mhq1Ji4zcXkfn7Ha12K6k55k7yhX9fJ8MERkQmqaxCgfQ/ppF

mXC1Drar5aaSdbSQY5Hn3bmF/D3tIOY2UiKjdqp9aKleosKmJCvn3kitUSD6QgZUzAzgbpAV0

ThILCwuRlpYGhUIBNzc3ODs7o6SkBAUFBRCLxXByckJJSQk2bNiAf/3rX+jRo0dbxE1G5MoNG

T7eewFlFQqtdjfnTlg4dSC6OVgbKDIiMhWCIODqrQqcyylGem4Jrt6qaNFxPbvZaJ4v7OViy9

kMRERtTFWnRrVChRplnebvGqUK1Qrtv7Xb61CtVKGmwbZqhQp16uaXI2oo/2YFrtyUwbM7195

ujs5J4hNPPIGcnBxs374d/v7+mvaMjAwsWLAA8+fPx4QJEzB//nysWbMGiYmJrRkvGZlf0m9g

5w9ZjdYUG9a/K2b9T39IJbxST0T6UdbW4fLVu9VI03OLcaey+Wmk5mZi9O9lD/9+Thjk6QgHO

8tHECkRkXFT1anvJm0KFaqVTSRz92lvKhlsyTqzbelsdjGTxBbQOUn89NNPsWTJEq0EEQD69+

+PxYsX46OPPsKzzz6L2bNn4+23326lMMnY1KrU+PxQNn5Jv6HVLhaJMP0JT4QE9uCtfiICoFs

1ujuVij+SwhJc/q0UyhZMI7XrJMFjno7w7+sEPw8HXpwiIi2mWhGzTq3+M0FreDeuYdJWn8Q1

0f5nW12LKj8bC3lN88sbkR5JYllZGRwcHJrc1rlzZ5SUlAAAHBwcIJfLHy46Mkqlshp8vPcC8

m9qT/eytbZAxDMD4NOLz6oS0V3NVaObHdofdWpB83zhb4Utm0bq7mwD/36OGNTXCb1d7TiNlI



ia1N4qYqrVgvbUyz/uvtUo/pxuWa28J8G7J9Grb2/JRTRjIgJgKTWDpcQclhIzWEnv/l1aXoP

Ce5ZUexBrVtFvEZ2TRF9fX2zZsgVBQUGQSCSadqVSieTkZPTv3x8AcOnSJbi6urZepGQUMq6W

YeM3F1FxzyLUvV3tsGDqAE7tIiKNllSjW5V8Ci2ZmGRuJoJPT3sM6uuEQX0d4dTZqnWDpRZxd

bJGiawGANDdqZOBoyF6sNaqiHk3sWuQ1DWTvDV8tu7eZFBZa3qJnbRBQndvgmclMf8j8bu7zU

r6R5vEDJZS7X2lFmZN3tnNu16O93f82uKYBnuxWGJL6Jwkvvnmm5g1axbGjRuHxx9/HI6Ojig

pKcHRo0dRWVmJLVu24MyZM1izZg0iIiLaImZqhwRBwPenruGrn/OgFrQ/0o31744ZT3rBwlxs

oOiIqL0RBAFbv8tothrdgxJEW2sLzTRSXw8HWEn1XtWJWsnzwf2wS8gBADwX3NfA0RDdX0vHI

LlChdh/nYWfhz0UtQ0KrjS4w3fvus+mQCox+zOJuyfJs5Jq//2gdqnErM1ncvTpbgcPF9sWzT

Tp7WqLPq52bRqPqdD5f9TBgwdjz5492LhxI44dO4bS0lK4uLhg9OjReOWVV9CzZ0+cOHECixY

twpw5c9oiZmpnapQqbDuQidOZRVrt5mYihD/ljTGDuhsoMiJqr67ckLV46mhDbs6dNNVI+7ja

QSzmNNL2xNWxE5Y862/oMIiapcsYVCGvxcnLRc3vaGBSCzPtO3D3JG/1UzWtGiZ9De/o/dH+K

BK71iQSiTBnYv8H3hUGAGupOWaH9jfq50wfJb0uu/bp0wexsbH33R4UFISgoCC9gyLjcatUjv

V7LuB6cZVWu72tFAvDBqI3r9YQURPO5hTrtL+vhz1emuADpy6cRkpED0/XMaitSMzFWolaUwl

do2ROeu8dvruvO/JFMzdnG6wIH4Kt32U0mfz3dr37jPujfL7U2OmVJFZUVODkyZOQy+UQhMaT

gaZMmfKwcZEROJdTjM0pl1Ct0J5m4dOzC155ZgDsOknucyQRdXS6Vpfr2sWKCSIRtZqHqXBpY

S7W3KXTSuakf/7d5FTNJp7DMxPzUZzW4uZsg7+/GIA31v9HU4jISmKGN57zRx9X465Uawg6J4

lHjx7Fa6+9hurqpqsIiUQiJokmTq0W8M3xfOz/72+Ntk0Y3hN/HduHgx4RPZCu1eVYjY6IWpO

uY8oTg7tj6hhPWErMYG7GzzjtlUgk0np/rC0tuCainnROEtesWYM+ffpgxYoV6NatG8RMBjqU

qppafPLtZVy4UqLVLrUww+yJ/RHo09VAkRGRMRnczwkHTl5t+f6sRkdErUjXMegvA11hY8WLV

dRx6JwkXrlyBUlJSQgICGiLeKgd+/1WBT7eewG379RotXezt8LCsIGc501ELcZqdERkSByDiB

5M59uA3bt3R2VlZVvEQu3YiUuFWL3j10YJon9fJ/z9xUAmiESkk/pqdNbNLFvBanRE1BY4BhE

9mM5J4vz58/Hxxx+joKCgVQJQq9VYu3YtRo8ejUGDBmH27Nm4erX52/9qtRpz5szBunXrGm0b

N24cvL29tf68+eabrRJvR6OqU2PX4Wxs3n8ZStWfC7yKAEwd3RsL/zoQ1pZcm4yIdFdfjc7Dx

bbJ7b1dbZtdxJqISF8cg4juT+dP9/v378etW7cQEhICBwcHWFpaam0XiUQ4fPhwi/tLSkrCF1

98gZiYGHTr1g1xcXGYO3cuUlJSIJE0XR2zpqYG0dHROH78OPz9/bW2VVZW4saNG9i0aRP8/Pw

07ffGSc0rr1Rgw76LyC4o12rvZGmOuZP88Jino4EiIyJTwWp0RGRIHIOImqZzkuji4gIXF5dW

+eZKpRLJycmIiorC2LFjAQCJiYkYPXo0Dh06hIkTJzY6Ji0tDdHR0aitrYWdXeP54dnZ2RAEA

UOGDGlyO2kTBAGquj/vEMprapF3vRxqQcCGfRdxp1KptX+PrjZYEDYQXVmKnohaCavREZEhcQ

wiakznJDEmJqbVvnlmZiaqqqowYsQITZudnR18fX1x+vTpJpPEY8eOISQkBPPmzcPkyZMbbc/

KyoKzszMTxBa4frsSW7/L0Fw5A4BqZR3e3/Frk/uP8OuGFyf4QGph9qhCJCIiIiKiR0zvh8mK

i4tRW1sLQRAA3H1GsLq6GmfOnMHzzz/foj4KCwsBAK6urlrtXbt2xc2bN5s8ZvHixQ/sMzs7G

9bW1oiMjMTZs2fh4OCAsLAwzJw586GX6zA3N53lPgpuVyLm8zTIa1TN7msmFuH5kH4ICejBaR

dERERtQK1WY/369di9ezdkMhmGDh2KVatWoVevXk3un5OTg7i4OKSnp0MsFiMwMBDLly9H9+7

dNfscPHgQ69atw7Vr1+Dh4YGoqCiMGTPmUZ0SERkxnZPEzMxMvPHGG8jPz29yu0gkanGSWF1d

DQCNnj2USqUoLy9v6pBm5eTkoKKiAqGhoVi4cCHOnDmD+Ph4lJeXN5tgPohYLIK9fSe9j29PB

EHAu9vPtDhBfO+Vv2CAJ9coIyIiaiu61GgoKyvDrFmzEBgYiJ07d0KhUODDDz/Eyy+/jL1790

IqleLkyZOIiorC8uXLERQUhK+++goLFizAvn374OnpaaCzJCJjoXOSGBsbC5lMhmXLluGnn36

CRCLBE088gV9++QW//PILPvvssxb3VV9MRqlUahWWUSgUsLLS75m3bdu2QaFQwMbmbiUqb29v

VFVVYcOGDYiMjNT7bqJaLUAmk+t1bHuTW1CO3Gt3WrRvnVpATbUSZWVVbRsUkQ5M5YINERGge

42Gw4cPo7q6Gh988AGkUikAIC4uDmPHjkVaWhqCgoKwefNmhISEIDw8HACwbNkynD17Ftu3b8

e77777aE+QiIyOzklieno6li9fjmnTpsHa2hrffPMNZsyYgRkzZmDRokXYsWMHAgICWtRX/TT

ToqIi9OzZU9NeVFQEHx8fXUMDAFhYWMDCwkKrzcvLC3K5HOXl5bC3t9erXwBQNVgCwpidySzS

af/TGUXo1a3p8tBERET0cHSt0RAUFISPP/5YkyA2VF5eDrVajbS0NCxfvlxr2/Dhw3Ho0KG2O

QkiMik6J4lKpRK9e/cGAPTp0wdZWVmabWFhYVi1alWL+/Lx8YGNjQ1SU1M1SaJMJsPly5c1V7

50oVar8eSTT2LatGmIiIjQtF+4cAFOTk4PlSCaEnlNbZvuT0RERC2na40Gd3d3uLu7a7Vt2rQ

JUqkUgYGBkMlkkMvljarRP6jmQ0uZUn2GhhqWXBCJTPc8OwK+l61D5ySxe/fuuHbtGgICAtCr

Vy9UVlaioKAA7u7ukEgkOj1LKJFIEB4ejvj4eDg4OMDNzQ1xcXFwcXFBSEgI6urqUFpaCltb2

xatcygWizF+/Hhs2bIFHh4e8PPzw4kTJ7BlyxZER0freqomy9rSovmdHmJ/IiIiarmHrdHw2W

efYdeuXVixYgUcHR01SWdT/SkUCr3jNKX6DPcSi0Var031PDsCvpetQ+ck8amnnkJ8fDysrKw

wYcIE9OnTB4mJiZg3bx6Sk5PRo0cPnfpbtGgRVCoVVq5ciZqaGgQGBmLr1q2QSCQoKChAcHAw

YmJiEBYW1qL+lixZAjs7OyQkJKCwsBDu7u6Ijo7G9OnTdT1VkzW4nxMOnLza8v29WLSGiIior

ehbo0EQBHz00UfYsGED5s+fj5deegkANNNQlUrttY4fpuYDYFr1Ge6lVgtar1mLwXh1pPeyLR

NgnZPEhQsX4urVq/j6668xYcIErFixAgsXLsSBAwdgZmaGNWvW6NSfmZkZoqKiEBUV1Wibu7u

71nTWe/3444+N2szNzREREaE13ZS09eluBw8XW/xWWNHsvr1dbdHHlWtOEhERtRV9ajTU1tZi



xYoVSElJwdKlSzFnzhzNti5dusDa2hpFRdo1CIqKihpNQdWVqdRnuJcgaL821fPsCPhetg6dk

0SpVIq1a9eitvbuc2qjR4/G/v37cenSJfj5+WkNbtQ+iUQizJnYHzE70yBX3H8ZDGupOWaH9u

faiERERG1InxoNS5cuxaFDh5CQkNCosI1IJMKQIUNw6tQpTJs2TdOempqKoUOHtt2JEJHJ0Dl

JrNewgmjPnj2ZHBoZN2cbrAgfgq3fZTR5R7G3qy1mh/aHm7ONAaIjIiLqOHSt0bBnzx4cOHAA

S5cuxbBhw3D79m1NX/X7zJo1C/PmzYOvry/GjBmDr7/+GhkZGXj//fcNeKZEZCx0ThJramqwd

u1anDx5EhUVFVCrtW/hikQiHD58uNUCpLbj5myDv78YgDfW/wflVXefW7CSmOGN5/zRx9WOdx

CJiIgeEV1qNKSkpAC4u3Z1bGysVj/1+4waNQqrV69GUlISEhMT0bdvX2zcuBGenp6GOD0iMjI

6J4mrV6/Gv//9bwwZMgT9+vXTe3F6ah9EIhHMzf58D60tLeDZvbMBIyIiIup4dKnRkJyc3KI+

p0yZgilTprRWiETUgeicJH7//feIjIzEggUL2iIeIiIiIiIiMiCdbwPW1tYiICCgLWIhIiIiI

iIiA9M5SRw9ejR+/vnnNgiFiIiIiIiIDK1F00337dunee3n54e1a9eiqKgIQ4cOhbW1daP9Of

+diIiIiIjIOLUoSVy+fHmjtu+++w7fffddo3aRSMQkkYiIiIiIHjlXJ2uUyGoAAN2dOhk4GuP

VoiTxyJEjbR0HERERERHRQ3k+uB92CTkAgOeC+xo4GuPVoiTRzc1N6+s7d+7g3LlzePzxxwEA

165dw08//YQpU6bAzs6u1YMkIiIiIiJqjqtjJyx51t/QYRg9nQvX5Obm4umnn8a7776rabt+/

Tri4uIQFhaGgoKCVg2QiIiIiIiIHh2dk8TY2Fi4ubnhyy+/1LSNGDECR48ehZOTE+Li4lo1QC

IiIiIiInp0dE4Sz507hwULFsDZ2Vmr3cHBAfPnz0dqamqrBUdERERERESPls5JokgkQlVVVZP

blEolamtrHzooIiIiIiIiMgydk8Thw4cjKSkJpaWlWu2lpaXYuHEjhg8f3mrBERERERER0aPV

ouqmDUVFReF///d/ERwcDH9/fzg4OKCsrAxnz56FVCrFmjVr2iJOIqI2o1arsX79euzevRsym

QxDhw7FqlWr0KtXryb3z8nJQVxcHNLT0yEWixEYGIjly5eje/fumn0OHjyIdevW4dq1a/Dw8E

BUVBTGjBnzqE6JiIiISG8630ns0aMHUlJS8Nxzz0Eul+PixYuQyWR49tlnsW/fPvTu3bst4iQ

iajNJSUn44osv8N577+HLL7+ESCTC3LlzoVQqG+1bVlaGWbNmoVOnTti5cyc2b96MsrIyvPzy

y1AoFACAkydPIioqCjNmzMC+ffswatQoLFiwAHl5eY/61IiIiIh0pvOdRABwdnbGsmXLWjsWI

qJHTqlUIjk5GVFRURg7diwAIDExEaNHj8ahQ4cwceJErf0PHz6M6upqfPDBB5BKpQCAuLg4jB

07FmlpaQgKCsLmzZsREhKC8PBwAMCyZctw9uxZbN++XWv5ICIiIqL2SOc7iUREpiQzMxNVVVU

YMWKEps3Ozg6+vr44ffp0o/2DgoLw8ccfaxLEhsrLy6FWq5GWlqbVH3D3ee4zZ860/gkQERER

tTK97iQSEZmKwsJCAICrq6tWe9euXXHz5s1G+7u7u8Pd3V2rbdOmTZBKpQgMDIRMJoNcLoeLi

0uL+tOFubnpXtcTibRfm/K5EhERtXdMEomoQ6uurgYASCQSrXapVIry8vJmj//ss8+wa9curF

ixAo6Ojpqks6n+6p9Z1IdYLIK9fSe9j2/vxGKR1mtTPlciIqL2zuBJoq5VBRseN3fuXPj7+yM

yMlJrG6sKElFLWVpaArj7bGL9awBQKBSwsrK673GCIOCjjz7Chg0bMH/+fLz00ksAoJmGem/R

m+b6a45aLUAmk+t9fHunVgtar8vKml6Pl6i94IUMIjJlOieJK1aswLhx4zBy5EhYW1s/dAD1V

QVjYmLQrVs3xMXFYe7cuUhJSWl0Jb5eTU0NoqOjcfz4cfj7+2ttq68quHz5cgQFBeGrr77Cgg

ULsG/fPnh6ej50vERkWuqnmRYVFaFnz56a9qKiIvj4+DR5TG1tLVasWIGUlBQsXboUc+bM0Wz

r0qULrK2tUVRUpHVMUVFRoymoulKp1A91fHsmCNqvTflciYiI2judH/rIzc3F4sWLMWLECMyZ

Mweff/45rl+/rtc3r68qGBkZibFjx8LHxweJiYm4desWDh061OQxaWlpmDp1KtLT02FnZ9doe

8Oqgp6enli2bBn8/Pywfft2vWIkItPm4+MDGxsbpKamatpkMhkuX76MgICAJo9ZunQp/u///g

8JCQlaCSIAiEQiDBkyBKdOndJqT01NxdChQ1v/BIiIiIhamc5J4u7du/Gf//wH7733Huzt7bF

+/Xo8+eSTmDx5MhITE3Hu3LkW96VrVUEAOHbsGEJCQrBv3z7Y2tpqbWNVQSLSlUQiQXh4OOLj

43HkyBFkZmbi9ddfh4uLC0JCQlBXV4fbt2+jpqYGALBnzx4cOHAAr7/+OoYNG4bbt29r/tTvM

2vWLHz33XfYtm0b8vLyEBsbi4yMDLz44ouGPFUiIiKiFtHrmUR7e3tMnjwZkydPhiAIOHXqFD

766CNs2rQJn3zyCTIyMlrUj65VBQFg8eLF9+2vLasKAqZbbY9VBamjW7RoEVQqFVauXImamho

EBgZi69atkEgkKCgoQHBwMGJiYhAWFoaUlBQAQGxsLGJjY7X6qd9n1KhRWL16NZKSkpCYmIi+

ffti48aNnPJORERERkGvJLGmpgZpaWk4deoUTp06hQsXLkClUsHLywvDhw9vcT8PW1Wwqbju1

9/DVBUETLvaHqsKUkdnZmaGqKgoREVFNdrm7u6OrKwszdfJyckt6nPKlCmYMmVKa4VIRERE9M

jonCQ+99xzuHjxItRqNfr06YPAwEDMnDkTw4cPh729vU596VtV8H7aqqogYNqVBVlVkIwNL2Q

QERERtR2dk8SsrCyoVCr4+vpi/PjxGD58OAYOHAgzMzOdv7k+VQUfpC2rCgKmW22PVQWJiIiI

iKiezg+fnT59Gp9//jnGjRuHY8eO4YUXXkBgYCBefvllbN68GefPn29xX/pUFXwQVhUkIiIiI

iJ6ODrfSTQ3N8fQoUMxdOhQLFy4ENXV1fj111/x5ZdfIiEhASKRqMWFaxpWFXRwcICbmxvi4u

K0qgqWlpbC1tZWazrqg8yaNQvz5s2Dr68vxowZg6+//hoZGRl4//33dT1VIiIiIiKiDkevwjU

AUFxcjP/+9784ceIETpw4gcLCQnTv3h1jx47VqR9dqgq2BKsKEhERERER6U/nJHH16tU4ceIE

cnNzIRaLMXjwYPztb3/D448/jn79+ukcgC5VBe/1448/NtnOqoJERERERET60TlJ3L9/P0aPH

o2IiAiMGjUKdnZ2bREXERERERERGYDOSeJ///tfiBquvn6PiooK2NraPlRQRERERB2JWq3G+v

XrsXv3bshkMgwdOhSrVq1Cr169mj1u7ty58Pf3R2RkpNa2cePG4fr161ptkyZNQnx8fKvHT0S

mRecksba2Fp9++ilOnTqF2tpaCH+snyAIAuRyOXJzc5Gent7qgRIRERGZqqSkJHzxxReIiYlB

t27dEBcXh7lz5yIlJQUSiaTJY2pqahAdHY3jx4/D399fa1tlZSVu3LiBTZs2wc/PT9Pe0kKAR

NSx6ZwkxsbGYufOnfDy8kJpaSmkUikcHByQnZ2N2tpaLFy4sC3iJCIiIjJJSqUSycnJiIqK0h



QATExMxOjRo3Ho0CFMnDix0TFpaWmIjo5GbW1tk4/+ZGdnQxAEDBkyhI8GEZHOdF4n8YcffsB

LL72Eb7/9Fi+88AIGDBiA3bt344cffoCbmxvUai7ETkRERNRSmZmZqKqqwogRIzRtdnZ28PX1

xenTp5s85tixYwgJCcG+ffuafMwnKysLzs7OTBCJSC8630ksLS3VXOXy9vbGl19+CQDo1q0b5

s2bh23btvFuIhEREVELFRYWAgBcXV212rt27YqbN282eczixYsf2Gd2djasra0RGRmJs2fPws

HBAWFhYZg5cybEYp3vEWiYm+t/bHvWsNyGSGS650nUUjoniba2tlAqlQAADw8P3Lx5E5WVlbC

xsdF8TUREREQtU11dDQCNnj2USqUoLy/Xq8+cnBxUVFQgNDQUCxcuxJkzZxAfH4/y8vJmE8z7

EYtFsLfvpNex7Z1YLNJ6barnSdRSOieJAQEB2LFjBwIDA+Hu7g4rKyscOnQIU6dOxdmzZ2FjY

9MWcRIRERGZpPpiMkqlUquwjEKhgJWVlV59btu2DQqFQvO5zNvbG1VVVdiwYQMiIyP1upuoVg

uQyeR6xdPeqdWC1uuysioDRkPUMm15MUPnJHHBggUIDw/H/PnzsWPHDsyYMQNvvfUWduzYgay

sLDz//PNtEScRERGRSaqfZlpUVISePXtq2ouKiuDj46NXnxYWFrCwsNBq8/LyglwuR3l5Oezt

7fXqV6UyzdoTgqD92lTPk6ildE4SfXx8cPDgQWRnZwMAlixZAhsbG6SlpWHcuHGYN29eqwdJR

EREZKp8fHxgY2OD1NRUTZIok8lw+fJlhIeH69yfWq3Gk08+iWnTpiEiIkLTfuHCBTg5OemdIB

JRx6Fzkvj222/jmWeewciRIwEAIpEIr7zySqsHRkRERNQRSCQShIeHIz4+Hg4ODnBzc0NcXBx

cXFwQEhKCuro6lJaWwtbWtkXrHIrFYowfPx5btmyBh4cH/Pz8cOLECWzZsgXR0dGP4IyIyNjp

nCTu378f48ePb4tYiIiIiDqkRYsWQaVSYeXKlaipqUFgYCC2bt0KiUSCgoICBAcHIyYmBmFhY

S3qb8mSJbCzs0NCQgIKCwvh7u6O6OhoTJ8+vY3PhIhMgc5J4sCBA/HLL78gKCioLeIhIiIi6n

DMzMwQFRWFqKioRtvc3d2RlZV132N//PHHRm3m5uaIiIjQmm5KRNRSOieJ3t7e2LFjB77//nv

07dsXjo6OWttFIhFWr17dagESERERERHRo6Nzknjo0CF07doVAJCbm4vc3Fyt7aKGq5ESERER

ERGRUdE5SWxqSgMRERERERGZBt1XUiUiIiIiIiKTxSSRiIiIiIiINJgkEhERERERkQaTRCIiI

iIiItJgkkhEREREREQaTBKJiIiIiIhIg0kiERERERERaRg8SVSr1Vi7di1Gjx6NQYMGYfbs2b

h69ep99y8rK8OSJUsQGBiIwMBA/P3vf4dcLtfaZ9y4cfD29tb68+abb7b1qRARERERERk9c0M

HkJSUhC+++AIxMTHo1q0b4uLiMHfuXKSkpEAikTTaf9GiRVAoFPj0008hk8kQHR2Nd955Bx9+

+CEAoLKyEjdu3MCmTZvg5+enOc7S0vKRnRMREREREZGxMuidRKVSieTkZERGRmLs2LHw8fFBY

mIibt26hUOHDjXa/+zZszh16hRiYmLg5+eHoKAgvPvuu/jmm29w69YtAEB2djYEQcCQIUPg7O

ys+WNra/uoT4+IiIiIiMjoGDRJzMzMRFVVFUaMGKFps7Ozg6+vL06fPt1o/zNnzsDZ2Rmenp6

atmHDhkEkEuHXX38FAGRlZcHZ2Rl2dnZtfwJEREREREQmxqDTTQsLCwEArq6uWu1du3bFzZs3

G+1/69atRvtKJBJ06dJFs392djasra0RGRmJs2fPwsHBAWFhYZg5cybE4ofLic3NDf4IZ5sQi

bRfm+p5EhERERFR8wyaJFZXVwNAo2cPpVIpysvLm9y/qecUpVIpFAoFACAnJwcVFRUIDQ3Fwo

ULcebMGcTHx6O8vByLFy/WO1axWAR7+056H9+eicUirdemep5ERERERNQ8gyaJ9cVklEqlVmE

ZhUIBKyurJvdXKpWN2hUKBaytrQEA27Ztg0KhgI2NDQDA29sbVVVV2LBhAyIjI/W+m6hWC5DJ

5M3vaITUakHrdVlZlQGjIWoeL2QQERERtR2DJon1U0eLiorQs2dPTXtRURF8fHwa7e/i4oLDh

w9rtSmVSty5cwfdunUDAFhYWMDCwkJrHy8vL8jlcpSXl8Pe3l7veFUqtd7HtmeCoP3aVM+TiI

iIiIiaZ9CHz3x8fGBjY4PU1FRNm0wmw+XLlxEQENBo/8DAQBQWFmqto1h/7JAhQ6BWqzFu3Dh

s2LBB67gLFy7AycnpoRJEIiIiIiKijsCgdxIlEgnCw8MRHx8PBwcHuLm5IS4uDi4uLggJCUFd

XR1KS0tha2sLS0tLDBo0CEOGDMHrr7+Ot99+G3K5HKtWrcKUKVM0dxLHjx+PLVu2wMPDA35+f

jhx4gS2bNmC6OhoQ54qERERERGRUTBokggAixYtgkqlwsqVK1FTU4PAwEBs3boVEokEBQUFCA

4ORkxMDMLCwiASibB+/Xq88847ePHFFyGVSjFhwgSsWLFC09+SJUtgZ2eHhIQEFBYWwt3dHdH

R0Zg+fboBz5KIiIiIiMg4GDxJNDMzQ1RUFKKiohptc3d3R1ZWllabo6Mj1q5de9/+zM3NERER

gYiIiFaPlYiIiIiIyNRxQTwiIiIiIiLSYJJIREREREREGkwSiYiIiIiISINJIhEREREREWkwS

SQiIiIiIiINJolERERERESkwSSRiIiIiIiINJgkElGHp1arsXbtWowePRqDBg3C7NmzcfXq1R

YdN2fOHKxbt67RtnHjxsHb21vrz5tvvtkW4RMRERG1KiaJRNThJSUl4YsvvsB7772HL7/8EiK

RCHPnzoVSqbzvMTU1NYiKisLx48cbbausrMSNGzewadMmHD9+XPNn1apVbXkaRGTE2uJi1cGD

BxEaGoqBAwdi0qRJ+OWXX9oidCIyQUwSiahDUyqVSE5ORmRkJMaOHQsfHx8kJibi1q1bOHToU

JPHpKWlYerUqUhPT4ednV2j7dnZ2RAEAUOGDIGzs7Pmj62tbVufDhEZqda+WHXy5ElERUVhxo

wZ2LdvH0aNGoUFCxYgLy+vLU+DiEwEk0Qi6tAyMzNRVVWFESNGaNrs7Ozg6+uL06dPN3nMsWP

HEBISgn379jWZ+GVlZcHZ2bnJBJKI6F5tcbFq8+bNCAkJQXh4ODw9PbFs2TL4+flh+/btbX06

RGQCzA0dABGRIRUWFgIAXF1dtdq7du2KmzdvNnnM4sWLH9hndnY2rK2tERkZibNnz8LBwQFhY

WGYOXMmxGL9r82Zm5vudT2RSPu1KZ8r0b2au1g1ceLERsfUX6yaN28eJk+erLVNrVYjLS0Ny5

cv12ofPnz4fZNOIqKGmCQSUYdWXV0NAJBIJFrtUqkU5eXlevWZk5ODiooKhIaGYuHChThz5gz

i4+NRXl7ebIJ5P2KxCPb2nfQ61hiIxSKt16Z8rkT3au2LVTKZDHK5HC4uLi3ur6VM9QIOL1QR

aWOSSEQdmqWlJYC7073qXwOAQqGAlZWVXn1u27YNCoUCNjY2AABvb29UVVVhw4YNiIyM1Otuo

lotQCaT6xWPMVCrBa3XZWVVBoyGqHmteSGjtS9W1dTU3Lc/hUKhZ5SmfQGHF6qItDFJJKIOrf

7KfVFREXr27KlpLyoqgo+Pj159WlhYwMLCQqvNy8sLcrkc5eXlsLe316tflUqt13HGQBC0X5v

yuRLdq7UvVkmlUk1/DT3MxS/AtC9W8UIVGaO2vJjBJJGIOjQfHx/Y2NggNTVVkyTKZDJcvnwZ



4eHhOvenVqvx5JNPYtq0aYiIiNC0X7hwAU5OTnoniERkulr7YlWXLl1gbW2NoqIirfaioqJGU

1B1ZaoXcHihikgbJ1wTUYcmkUgQHh6O+Ph4HDlyBJmZmXj99dfh4uKCkJAQ1NXV4fbt25rpW8

0Ri8UYP348tmzZgoMHD+L333/Hl19+iS1btuj9PCIRmbaGF6vq1V+sCggI0Lk/kUiEIUOG4NS

pU1rtqampGDp06EPHS0Smj3cSCa5O1iiR3f0A3N2Jc/Cp41m0aBFUKhVWrlyJmpoaBAYGYuvW

rZBIJCgoKEBwcDBiYmIQFhbWov6WLFkCOzs7JCQkoLCwEO7u7oiOjsb06dPb+EyMF8ch6sgaX

qxycHCAm5sb4uLitC5WlZaWwtbWVms66oPMmjUL8+bNg6+vL8aMGYOvv/4aGRkZeP/999v4bI

wTxyAibSJBaHiDne6nrk6N0lLTnJ9+s6QKuw7nAABmPNkPro4cHKl9c3bueIvSm/IYBHAcIuP

T2uNQXV0d1qxZgz179mguVr311ltwd3dv9mLVuHHjMHXqVERGRmq179u3D0lJSSgsLETfvn0R

FRWFoKCgh4jRdMchjkFkjNry8xCTxBYy5YGRyNgwSSQiQ+M4RESG1pbjEJ9JJCIiIiIiIg0mi

URERERERKTBJJGIiIiIiIg0mCQSERERERGRBpNEIiIiIiIi0mCSSERERERERBpcAqOFBEGAWs

0fFVF7YGbW8a5vcQwial84DhGRobXlOMQkkYiIiIiIiDQ63mUwIiIiIiIiui8miURERERERKT

BJJGIiIiIiIg0mCQSERERERGRBpNEIiIiIiIi0mCSSERERERERBpMEomIiIiIiEiDSSIRERER

ERFpMEkkIiIiIiIiDSaJREREREREpMEkkYiIiIiIiDSYJBIREREREZEGk0QjJggC9u7di5KSk

vvuk5qaCm9vbxQUFDzCyKiet7c39uzZY+gwmvXTTz8hNzfX0GGQEeI41P5xHCJTx3Go/eM4ZH

yYJBqx06dPY/ny5aiurjZ0KHQfx48fR2hoqKHDeKDr16/jlVdeeeB/rkT3w3Go/eM4RKaO41D

7x3HI+JgbOgDSnyAIhg6BmuHs7GzoEJrF3yN6GPz9af84DpGp4+9P+8dxyPjwTmI7l5OTg1df

fRXDhw/HgAEDEBISgu3btyM1NRUzZ84EAAQHBzd7C//o0aOYNGkSBgwYgIkTJ+Lnn3/WbKurq

8Onn36K8ePHY+DAgRg/fjz+/e9/a7anpqbC19cXJ0+eRGhoKAYOHIhnn30W+fn52LBhA/7yl7

9g2LBh+Mc//qH1D+ynn35CWFgYHnvsMYSEhOCf//wnlEpl6/6A2rmG0yuWL1+OqKgofPjhhwg

KCsKgQYPw6quv4vbt2w/sQy6X47333sOoUaMwePBg/O1vf8P58+c129PS0vC3v/0Njz32GB5/

/HG88847qKys1GwfN24cPvnkE0RGRmLw4MEYPnw4Vq9eDZVKhYKCAgQHBwMAZs6ciXXr1gEA8

vLyMHfuXAwePBijRo3CkiVLtOJ84YUX8P/+3//DtGnTEBAQgH379rXWj4zaIY5Dxo3jEJkCjk

PGjeOQERKo3ZLL5cLIkSOFJUuWCLm5ucJvv/0mJCQkCF5eXkJ6errw/fffa15XV1c32cfJkyc

FLy8v4amnnhJOnjwpXLlyRXj11VeFQYMGCZWVlYIgCMJ7770nBAYGCt9++62Qn58v7Ny5U/Dz

8xM+++wzrT6eeeYZ4ezZs8Lly5eF4OBgYdiwYZrY/vWvfwleXl7Cjz/+KAiCIBw9elQYOHCgs

GvXLuHq1avCsWPHhKeeekpYtGjRo/nhtRNeXl7C119/LQiCICxbtkzw8/MTli9fLuTm5gq//P

KLMGzYMGHFihUP7GPevHnCuHHjhKNHjwq//fabEB0dLQQEBAglJSVCRkaGMHDgQOHjjz8W8vP

zhdOnTwvTpk0Tpk2bJqjVakEQBOGJJ54QBgwYIGzfvl3Iz88XduzYIXh7ewt79+4VVCqVkJ6e

Lnh5eQnff/+9UFlZKRQWFgrDhg0T3nnnHSE3N1e4cOGCJoaqqipBEAQhPDxc8Pb2Fr799lshO

ztbKC0tbdsfJBkMxyHjx3GIjB3HIePHccj4MElsx0pKSoRNmzYJFRUVmjaFQiF4eXkJe/fu1Q

xW165du28f9fv8/PPPmrZLly5pBtOKigrBz89P2LFjh9ZxMTExwl/+8hdBrVZr+qgf8ARBED7

88EPBz89PkMvlmra//OUvwqZNmwRBEITnn39eeOedd7T6PHHiRLPxmpp7B8Xhw4cLSqVSs/39

998Xnnrqqfsef+XKFcHLy0v45ZdfNG0KhUJYvXq1kJeXJ7z55pvCvHnztI75/fffBS8vL+Hky

ZOCINwdFCMiIrT2eeaZZ4S///3vgiAIwrVr17T2T0xMFJ5++mmt/eVyufDYY49pziU8PFyYMm

WKTj8LMk4ch4wfxyEydhyHjB/HIePDZxLbMQcHB8yYMQMHDhxAZmYmrl69ioyMDACAWq1utP/

EiRNx48YNzdebN2/WvO7du7fmtZ2dHQCgpqYGV65cQW1tLYYOHarVV0BAALZt26b18G7DPqys

rODk5AQrKytNm1QqhUKhAABcvnwZ58+fx969ezXbhT+mXuTl5cHd3V2Hn4Tp6NWrFywsLDRf2

9raora2FgDw1ltvYf/+/Zpt8+fPh4eHBwDA399f0y6RSLBixQoAd3/OV69exeDBgxt9r7y8PA

wfPhwA4OnpqbWt4fe91+XLl5GXl9eoT4VCgby8PK1zIdPHccj0cBwiY8NxyPRwHGr/mCS2Y8X

FxZg+fTrs7e0RHByMoKAgDBw4EGPHjm1y/08++QQqlUrzdbdu3ZCeng4AEIsbP34q3L2TDAAQ

iURa2+oHXXPzP39FGr6+X58Nj3/55ZcxderURtuM4eHltiKRSO67bfHixZgzZ47m686dO+PMm

TMAGr8/9dRqNSZNmoRXXnml0TYHB4cHfl/hPg9oq9VqjBgxAqtWrWq0zdbWVvPa0tLyPmdCpo

TjkOnhOETGhuOQ6eE41P6xcE07tn//fty5cwdffPEFXn31VYSEhKC8vBzA3V/oe/+huLm5oVe

vXpo/Lfml7dOnD8zNzTX/+OqdOXMGzs7O6Ny5s16x9+vXD1euXNGK59atW4iNjUVVVZVefZo6

R0dHrZ9Xly5dNFe8Lly4oNlPpVLh8ccfx3fffYd+/fohJydH67i6ujrExMTg5s2bLfq+9/4e9

evXD3l5eXB1ddX02blzZ6xevRrZ2dmtd8JkFDgOdSwch6g94jjUsXAcah+YJLZjLi4uqK6uxs

GDB3Hjxg0cP34cb7zxBgBAqVTC2toaAJCZman3QGNra4vp06dj7dq12L9/P65evYrPP/8cu3b

twuzZs+97xaY5c+fOxQ8//IB169YhPz8fJ06cwIoVKyCTyTr0lTNd9e7dG0899RTeeecdnDhx

Avn5+XjrrbegVCoRFBSE2bNnIyMjA2+99RZyc3ORnp6ON998E/n5+ZqpGc2p/z3Kzs5GRUUFZ

syYgYqKCrzxxhvIyMhAZmYmlixZgvPnz6Nfv35teLbUHnEcIo5DZGgch4jj0KPH6abt2IQJE3

Dp0iV8+OGHqKyshJubG6ZNm4YjR47g/Pnz+Otf/4qxY8fitddewxtvvIHZs2fr9X2io6Nhb2+

PhIQEFBcXo1evXnjrrbcwffr0h4o9MTERmzZtwqZNm9C5c2c88cQTiIqK0rvPjiomJgaxsbF4

/fXXoVAoMGjQICQnJ8PBwQEODg7YsmULPvroI4SFhcHKygojRozAsmXLHjiVoyF7e3v89a9/R

WxsLK5evYqVK1di586dSEhIwIwZM2BmZgZ/f39s374djo6ObXy21N5wHCKA4xAZFschAjgOPW



oi4X4TcYmIiIiIiKjD4XRTIiIiIiIi0mCSSERERERERBpMEomIiIiIiEiDSSIRERERERFpMEk

kIiIiIiIiDSaJREREREREpMEkkYiIiIiIiDSYJBIREREREZEGk0QiIiIiIiLSYJJIRERERERE

GkwSiYiIiIiISINJIhEREREREWn8fygGGuzYsZ9CAAAAAElFTkSuQmCC", 

      "text/plain": [ 

       "<Figure size 912.222x600 with 6 Axes>" 

      ] 

     }, 

     "metadata": {}, 

     "output_type": "display_data" 

    } 

   ], 

   "source": [ 

    "df_ci = pd.DataFrame.from_dict(res_dict, orient='index')\n", 

    "df_ci.to_csv('ci_change_score.csv')\n", 

    "\n", 

    "g = sns.FacetGrid(df_ci, col='task name',  col_wrap=3, sharey=False, 

margin_titles=True)\n", 

    "g = g.map(sns.pointplot,'program type','value', dodge=True)\n", 

    "g.set_axis_labels('', 'raw change score')\n", 

    "g.add_legend()" 

   ] 

  } 

 ], 

 "metadata": { 

  "kernelspec": { 

   "display_name": "base", 

   "language": "python", 

   "name": "python3" 

  }, 

  "language_info": { 

   "codemirror_mode": { 

    "name": "ipython", 

    "version": 3 

   }, 

   "file_extension": ".py", 

   "mimetype": "text/x-python", 

   "name": "python", 

   "nbconvert_exporter": "python", 

   "pygments_lexer": "ipython3", 

   "version": "3.9.7" 

  } 

 }, 

 "nbformat": 4, 

 "nbformat_minor": 2 

} 

 


