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Preliminary Analyses
Measurement invariance across countries was tested for thriving and OBSE within the framework of multiple-group confirmatory factor analyses (MGCFA). In both analyses, in addition to the chi-square difference test (Δχ²; Anderson and Gerbing, 1988), we evaluated measurement invariance by examining changes in model fit indices, following the guidelines by Chen (2007). We assumed measurement invariance when models differed by no more than 0.010 in CFI, supplemented by 0.015 in RMSEA or 0.030 in SRMR (ibid.). These cutoffs were applied when comparing increasingly constrained models – that is, metric vs. configural and scalar vs. metric (see also Goretzko et al., 2023). 
Analysis 1 (Germany and Indonesia)
The configural invariance model for thriving showed excellent fit (χ2 = 0.000; df = 0; p ≤ 0.001; CFI = 1.000; RMSEA = 0.000 (90% CI = 0.000/0.000); SRMR = 0.000). The fit of the metric invariance model was also good (χ2 = 5.357; df = 2; p = 0.069; CFI = 0.994; RMSEA = 0.062 (90% CI = 0.000/0.129); SRMR = 0.047), and imposing constraints on the factor loadings did not diminish model fit (Δχ2 = 5.357; df = 2; p = 0.069). Although changes in RMSEA and SRMR slightly exceeded the recommended cutoffs by Chen (2007), we considered metric invariance for thriving to be sufficiently supported based on the non-significant chi-square test. This decision is consistent with the notion that such cutoffs should be applied more flexibly rather than rigidly – particularly in models with low degrees of freedom and in cross-cultural comparisons, where slight changes in fit indices may reflect sampling variation rather than true non-invariance (e.g., Barrett, 2007; Byrne and van de Vijver, 2010; Davidov et al, 2018; Fischer et al., 2025; Groskurth et al., 2023; Kenny et al., 2015; Milfont and Fischer, 2010; Putnick and Bornstein, 2017; Zhao et al., 2024). Moreover, the CFI and its changes – which, in this case, remained within the recommended cutoff (Chen, 2007) – has been proposed as one of the most effective indicators of true non-invariance (e.g., Meade et al., 2008; see also Neufeld et al., 2023). After adding constraints on item intercepts across countries, model fit was still good (χ2 = 6.172; df = 4; p = 0.187; CFI = 0.996; RMSEA = 0.035 (90% CI = 0.000/0.087); SRMR = 0.052), and showed no reduction in model fit compared to the metric one (Δχ2 = 0.815; df = 2; p = 0.665). Thus, scalar invariance was supported.
For organization-based self-esteem (OBSE), the fits of the configural invariance model (χ2 = 0.000; df = 0; p ≤ 0.001; CFI = 1.000; RMSEA = 0.000 (90% CI = 0.000/0.000); SRMR = 0.000) and of the metric invariance model (χ2 = 0.688; df = 2; p = 0.709; CFI = 1.000; RMSEA = 0.000 (90% CI = 0.000/0.069); SRMR = 0.015) were good. The metric invariance model showed no significant reduction compared to the configural one (Δχ2 = 0.688; df = 2; p = 0.709), supporting metric invariance. After adding constraints on item intercepts across countries, model fit was still good (χ2 = 3.475; df = 4; p = 0.482; CFI = 1.000; RMSEA = 0.000 (90% CI = 0.000/0.068); SRMR = 0.012), and showed no reduction in model fit compared to the metric one (Δχ2 = 3.00; df = 2; p = 0.223), thereby supporting scalar invariance.
Analysis 1 (Germany and UAE)
[bookmark: _Hlk180178698]The configural invariance model for thriving was a good fit to the data (χ2 = 0.000; df = 0; p ≤ 0.001; CFI = 1.000; RMSEA = 0.000 (90% CI = 0.000/0.000); SRMR = 0.000). The fit of the metric invariance model was also good (χ2 = 1.067; df = 2; p = 0.587; CFI = 1.000; RMSEA = 0.000 (90% CI = 0.000 /0.114); SRMR = 0.023), and imposing constraints on the factor loadings did not diminish model fit (Δχ2 = 1.067; df = 2; p = 0.587). Thus, metric invariance was supported. After adding constraints on the intercepts of item 1 and 4, model fit was still good (χ2 = 3.998; df = 4; p = 0.406; CFI = 1.000; RMSEA = 0.000 (90% CI = 0.000 /0.105); SRMR = 0.044), and showed no reduction in model fit compared to the metric one (Δχ2 = 3.115; df = 2; p = 0.211). Thus, partial scalar invariance was supported.
For organization-based self-esteem (OBSE), the fits of the configural invariance model (χ2 = 0.000; df = 0; p ≤ 0.001; CFI = 1.000; RMSEA = 0.000 (90% CI = 0.000/0.000); SRMR = 0.000) and of the metric invariance model (χ2 = 0.104; df = 2; p = 0.949; CFI = 1.000; RMSEA = 0.000 (90% CI = .000/.008); SRMR = 0.008) were good. The metric invariance model showed no significant reduction compared to the configural one (Δχ2 = 0.104; df = 2; p = 0.949), supporting metric invariance. After adding constraints on item intercepts across countries, model fit was still good (χ2 = 5.006; df = 4; p = 0.287; CFI = 0.996; RMSEA = 0.035 (90% CI = 0.000/0.114); SRMR = 0.027), and showed no reduction in model fit compared to the metric one (Δχ2 = 5.169; df = 2; p = 0.075). Thus, scalar invariance was supported. 







Additional Analyses
Table 1
Sociodemographic characteristics of participants separated by country
	Characteristic
	Germany
	Indonesia
	UAE

	
	n
	%
	n
	%
	n
	%

	Gender
	
	
	 

	Female
	132
	51%
	508
	60.6%
	152
	66.1%

	Male
	46
	17.8%
	126
	15%
	74
	32.2%

	Degree
	
	
	
	
	
	

	Bachelor
	90
	34.8%
	564
	67.2%
	219
	95.2%

	Master
	96
	37.1%
	68
	8.1%
	3
	1.3%

	Teacher Training
	
	
	
	
	
	

	Yes
	120
	46.3%
	595
	70.9%
	28
	12.2%

	No
	64
	24.7%
	36
	4.3%
	190
	82.6%

	Academic Discipline
	
	
	
	
	
	

	Humanities and Social Sciences
	259
	100%
	583
	69.4%
	101
	43.9%

	Business and Law
	0
	0%
	30
	3.6%
	57
	24.8%

	STEM
	0
	0%
	12
	1.4%
	51
	22.2%


Note. Germany: n = 259; Indonesia: n = 839; UAE: n = 230. Participants in Germany were on average 24.49 (SD = 4.69), in Indonesia, 21.15 (SD = 4.01), and in the UAE, 19.77 (SD = 1.78) years old. In Germany, 81 (31.2%), in Indonesia, 205 (24.4%), and in the UAE, 4 (1.7%) of the students did not indicate their gender. In Germany, 73 (28.1%), in Indonesia, 207 (24.7%), and in the UAE, 8 (3.5%) of the students did not indicate their degree. In Germany, 75 (29%), in Indonesia, 208 (24.8%), and in the UAE, 12 (5.2%) of the students did not indicate if they were studying as part of a teacher training program. In Indonesia, 214 (25.6%) of the students did not indicate their academic discipline. In the UAE, 21 (9.1%) of the students did not indicate their academic discipline. The category “Humanities and Social Sciences” in Germany primarily included subjects in the fields of educational sciences, teacher training programs, psychology, and languages. The category “Humanities and Social Sciences” in Indonesia primarily included subjects in the fields of teacher training programs and early childhood education. The category “Humanities and Social Sciences” in the UAE primarily included subjects in the fields of psychology, visual communication, public speaking, and languages. 
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