Supplementary Materials
IFL/Climate Sensitivity Methods

We regenerated the four layers of climate sensitivity using the R code and MODIS data
layers from Seddon et al (2016). In order to extract only forest pixels from these layers, we
used Landsat-derived 2000 forest cover produced by Hansen et al (2013) with loss estimates
removed and gain estimates added to create a forest cover mask for 2013. This forest mask
was resampled to 5 km to match the resolution of the vegetation sensitivity layers and all
pixels with a mask value greater than 0.5 were assigned a “1” and exported from Google
Earth Engine (Gorelick et al., 2017) to create an inclusive layer of forest cover. Using a
combination of QGIS (QGIS Development Team, 2018) and the raster package in R (R
Development Core Team, 2014), non-forest pixels in the climate sensitivity layers were
masked and separate layers of intact and non-intact forest were generated using published
shapefiles by Potapov et al (2017) (Figure 1). Finally, intact and non-intact forest pixels were
separated into tropical, temperate and boreal biomes using the Olson classifications 1-3, 4
& 5 and 6 respectively derived from the published Anthrome shapefiles (Ellis et al., 2010).
To assess differences in sensitivity between intact and non-intact forest pixels by biome,
Tukey Honest Statistical Difference values were calculated for all climate metrics. To
calculate Tukey HSD values for each region, biome pixels were grouped by longitude ranges.
For calculating Tukey HSD values for climate sensitivity of intact forests between regions,
regional assignments were extracted from the 2000-2013 IFL shapefile. All statistical
analyses were performed in R (R Development Core Team, 2014).
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Figure S1 TukeyHSD values, with confidence intervals, comparing climate sensitivity of intact forests,
between biome sub-regions in (left) the tropics and (right) boreal forest, for overall sensitivity and
temperature, cloud and water sensitivity. Comparison between sub-regions for each biome are
reported for Africa (AFR), South America (SAM), Southeast Asia (SEA), North America (NAM) and
Northern Europe and Asia (NEA). Negative values indicate intact forest pixels of the first reported
sub-region in the legend comparison exhibited lower sensitivity for each variable and positive values
indicate the second reported sub-region in the legend comparison exhibited lower sensitivity.
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Figure S2 (top row) Distribution of intact and non-intact pixels for each analyzed continent across
the temperate biome. (middle row) Histograms of four climate sensitivity metrics for intact (solid)
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and non-intact (dashed) forests for each continent. (bottom row) TukeyHSD values, with confidence

intervals, comparing climate sensitivity of intact and non-intact forests for each climate sensitivity

metric for all (“All”) forest pixels across the tropics and for each continent (“Region”). Negative

values indicate intact forest pixels exhibited lower sensitivity for each variable and positive values

indicate non-intact forest pixels exhibited lower sensitivity.
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Figure S3 TukeyHSD values, with confidence intervals, comparing climate sensitivity of intact forests,
between sub-regions in the temperate zone, for overall sensitivity and temperature, cloud and
water sensitivity. Comparison between sub-regions for each biome are reported for South America
(SAM), North America (NAM), Oceania (OCE) and Northern Europe and Asia (NEA), separated for
clarity. Negative values indicate intact forest pixels of the first reported sub-region in the legend
comparison exhibited lower sensitivity for each variable and positive values indicate the second
reported sub-region in the legend comparison exhibited lower sensitivity.
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