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1 SUPPLEMENTARY FIGURES

1.1 Number of datasets for each learning condition and each subject (Tab. S1)

Table S1. Number of datasets for each subject and each learning condition

warm-start learning | cold-start learning
2 subjects 3 datasets 3 datasets
2 subjects 3 datasets 2 datasets
3 subjects 2 datasets 2 datasets
1 subject 2 datasets 1 dataset
total 20 datasets 17 datasets

1.2 A descriptive visualization of correlation between robot’s learning performance (mapping errors) and
ErrP-detection performance (FN, FP, TP, TN) for both perspectives (Fig.|S_T[)

1.3 A descriptive visualization of correlation between ErrP-detection performance (FN, FP, TP, TN) and
gesture errors for both perspectives (Fig.[S2)




Supplementary Material

100 number of records 100 number of records
90 I 6 90
— i — i 10
9 80 5 X 80
70 <70 o 8
S 60- € 4 S 60- °
 50- o ® 50 o 6
o] 3 o))
£ 40- £40- ° 4
S 30- 2 8 30-
© © o o
€ 15 ’ E15] 08 %o 2
10 10 ' B
Ob 10 20 30 40 50 60 70 Sb O no pre-training Ob 10 20 30 40 50 60 70 80 O no pre-training
ErrP misclassification [%] pre-training ErrP misclassification [%] pre-training
100 number of records 1007 number of records
90 10 90
7 80 80" 15
= 707 o 8 =70 =
9 60 o S g0 o
= 6 =
S s0- ° S 50 . 10
£401 o° 4 £ 40- °
§30 0 g 30 5
£ 15 s’ 2 £ 15 %
08 ﬁ)
10 g 10 a
0 O no pre-training o0& O no pre-training
0 10 20 30 40 50 60 70 80 . 0 10 20 30 40 50 60 70 80 ..
FN [%] pre-training FN [%] pre-training
100 number of records 100 number of records
90 o 6 90 o I
80 5 7 80 5
=701 4 =701 o
2 60 4 2 60
e 50 ° 3 2 50 S 4
£ 40 OO £ 40 o
g 30 ° il E g 30 5
E150% g ; E15) o 5o ° oo °
0 . - O no pre-training © s O no pre-training
0 5 10 15 20 25 30 - 0 5 10 15 20 25 30 ..
FP [%] pre-training FP [%] pre-training
100 o number of records 100 number of records
90" 6 90 - °
. i . i 10
9 807 5 9 80
=70 ° =707 = ° 8
2 60° ° 4 2 60
® 50 ° s © 50- ° 6
£ 40 °o £ 40 ° 4
% 807 o o 2 § 807 )
o is
g 157 '->° 9 £ 15 o 26‘0 2
10'3 10':_.
0 5 10 15 20 25 30 35 4o 45|C O Pre-raining 005 10 15 20 25 g0 35 do 45 O MO Pre-training
pre-training pre-training
TP [%] TP [%]
1007 number of records 100 number of records
901° I 5 90 ©
. 8
— 80 80
o o
% 70 - 6 4 %‘ 70 o
S 60 3 S 60 o 6
o 50 o 3 o 50 o
240 8 2 40 ° 4
230 o I 2 230
© i o © o o
g 15 » ; g 15 & O 2
10 - 10 %
0 0 10 26 30 40 50 60 70 80 90160 O no pre-training 0 0 10 20 30 40 50 60 70 80 90100 O o pre-training
N [%] pre-training N [%] pre-training

(A) human's perspective

(B) robot's perspective

Figure S1. A descriptive visualization of correlation between mapping errors and ErrP-detection
performance (FN, FP, TP, TN) for both perspectives: (A) human’s perspective and (B) robot’s perspective.
For each perspective, the comparison between both learning conditions is depicted in different colors:
pre-training (yellow) vs. no pre-training (blue). Each dot represents each dataset (details, see text).
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(A) human's perspective

Figure S2.

(B) robot's perspective

A descriptive visualization of correlation between gesture errors and ErrP-detection

performance (FN, FP, TP, TN) for both perspectives: (A) human’s perspective and (B) robot’s perspective.
For each perspective, the comparison between both learning conditions is depicted in different colors:
pre-training (yellow) vs. no pre-training (blue). Each dot represents each dataset (details, see text).
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