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This study investigates gamers’ learning styles and knowledge acquisition 

behavioural patterns. It argues that gamers usually have different 

characteristics transforming themselves to gain distinctive competencies. 

In other words, this study mitigates gamers’ mechanistically distinctive 

attitudes and behaviours, enhancing their cognitive combat readiness, 

that they are on convergent learning style, tacit-latent, and kinetic-active 

knowledge acquisitions. Methodologically, it uses a field-experimental 

design using the “Clash Royale” game. Then, this research measures 

playing performances by average decks’ score, card collection, battle 

deck combinations, and the usage of gold and gems. Moreover, it collects 

gamer respondents using a purposive sampling method by identifying 

them on social media and then challenging them to play. This research 

finds that gamers acquire new knowledge to enhance their capabilities with 

convergent learning styles and familiarity with the tacit-latent and kinetic-

active knowledge types. Thus, it demonstrates its attitude and behavioural 

validities because their inner motives construct themselves always to win 

the game matches genuinely. Hence, it explains that gamers generally 

are brilliant young individuals whose impact is to create their tactically 

contemporary style due to the learning cycle ending in that convergent 

style. Likewise, these gamers simultaneously seek flexibility to enhance 

the game kinetically or elastically. The authors reveal that gamers’ mental 

models show their learning styles and knowledge acquisition behaviours 

explained by their strong personalities, such as curious, workaholic, 

prestigious, and hedonic emotions.
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Introduction

This study investigates gamers’ learning styles by comparing 
the convergent type to accommodative, divergent, and assimilative 
types. In addition, the authors simultaneously investigate gamers’ 
knowledge acquisition focused on kinetic-active and tacit-latent 
models compared to actor-active and material-latent ones. 
Furthermore, the study connects gamers’ learning styles and 
knowledge acquisition, constructing their specific behaviours 
(McCrow et  al., 2014; Yousef, 2016; Hamdaoui et  al., 2018). 
Developing this study’s goal, the authors argue that gamers’ 
personalities, like being curious, workaholics, and gaining prestige 
by dominating and winning matches, shape their cognition. 
Moreover, naturally dominant awareness, such as military 
troopers, affects their attitudes and behaviours in combat 
readiness (Yurechko, 1988; Griffith, 2002; Herspring, 2006). 
Meanwhile, this study proposes using cognitive combat readiness 
for gamer attitudes and behavioural characteristics. In brief, it 
argues that gamers emerge from all concepts or theories in their 
cognition, transforming to practical methods in finishing a match. 
On the other hand, gamers should always react and explore 
problem-solving efficiently with their cumulative knowledge. 
Thus, this study demonstrates that gamers’ cognitive demands 
require them to be definite in their convergent learning styles and 
kinetic knowledge acquisition.

This study presents its novelties to answer the critical need of 
its investigation, arguing constructive contexts of gamers’ attitudes 
and behavioural learning styles associated with their knowledge 
acquisition. Starting from the authors’ explorative proposition, 
we captured that gamers’ cognitive combat readiness is more likely 
equivalent to soldiers’ combat readiness. However, we noted that 
gamers focus on their cognition only, and then we innovate the 
gamers’ cognitive combat readiness. First, it argues that gamers’ 
personality traits, such as military perspectives, are specific to 
combat readiness (Griffith, 2002; Strandenes et al., 2013; McCrow 
et  al., 2014). It transforms this term into cognitive combat 
readiness for these gamers, meaning that gaming cognition is 
based on technical practises (Yurechko, 1988; Herspring, 2006; 
Tsarouhas and Makrygianni, 2017). Moreover, these gamers 
swiftly transform theories and concepts into technical practises 
implemented in problem-solving (Sánchez and Olivares, 2011; 
Sahasrabudhe and Kanungo, 2014; Dantas and Cunha, 2020). 
Thus, gamers internalise learning styles and knowledge 
acquisition, gaining distinctive attitudes and behaviours in 
convergent, kinetic-active, and tacit-latent contexts. Moreover, 
this study demonstrates that other people cannot adopt these 
gamers’ learning styles and knowledge acquisition due to a lack of 
curiosity, a workaholic, and a sense of prestigious pressure. It also 
explains that cognitive combat readiness gamers gain highly 
coordinated communication and reduce asymmetric information 
amongst their partners.

This second novelty is this study’s gamer-focused 
argumentation regarding convergent learning styles and 
concentrated on kinetic-knowledge acquisition. This research 

explains that gamers unconsciously adopt convergent learning 
styles due to no long durations when executing their decisions. In 
other words, gamers should condition their cognition on decisive 
punctuality (Manolis et al., 2013; Sahasrabudhe and Kanungo, 
2014; García-Campos et al., 2020). With this loose timeliness in 
decision-making, the gamers will not win the matches. Then, they 
should emerge with their unique concepts and theories in 
technical and practical problem-solving. On the other side, this 
study explains that gamers face a multi-dimensional environment, 
affecting their proper response. The authors argue that gamers 
should consider three dimensions in thinking-feeling, judging-
perceiving, and intuitive-sensing (Nacke et al., 2014; Dale and 
Green, 2017; Kamal and Radhakrishnan, 2019). The environment 
stimulates gamers to organise and adapt their cognition (Sadler-
Smith and Riding, 1999; Goulding and Syed-Khuzzan, 2014; Seo 
et al., 2021) matches. This research explains that gamers consider 
multi-dimensional inputs processed in their comprehension to 
emerge a unique decision, formulating convergent learning styles. 
Furthermore, gamers’ endowment concepts and theories, 
including previous experiential learning, made them flexible in 
switching their reactive, and newly explorative cognition (Dodd 
et al., 2005; Fox et al., 2018; Van der Lingen et al., 2020). When 
gamers do not have concepts, theories, and experiential values, 
they swiftly search for referential decision-making. Thus, they 
absorb in an elastically cognitive way, fashioned in tacit-latent, and 
kinetic-active knowledge acquisition.

Third, this research presents a novel argument in its 
methodology, elaborating on these gamers’ attitudes and 
behaviours. Furthermore, it places gamers in convergent learning 
styles as the dominant one (Müller-Wienbergen et  al., 2011; 
Hamdaoui et al., 2018; Hong et al., 2021) and simultaneously in 
kinetic-active and tacit-latent knowledge acquisitions (Linde, 
2001; Zebal et al., 2019; Johannessen, 2021). Firstly, this research 
examines the cognitively dominant roles of gamers’ convergent 
learning styles. Next, it investigates gamers’ dominance in kinetic-
active and tacit-latent knowledge acquisitions. Then, this research 
associates the gamers’ learning styles and knowledge acquisition 
(Banner and Rayner, 2000; Strayer and Beitz, 2010; Hamdaoui 
et al., 2018); this relationship has the highest value compared to 
the others amongst those combining those styles and acquisitions. 
Secondly, this research examines the dominantly causal 
association higher than other combining ones. Finally, when the 
first and second stepped tests are valid, it shows the robustness of 
gamers’ learning styles and knowledge acquisition and whether 
they have distinctive behaviours.

This study uses three clustered theories to explain the gamers’ 
learning styles and knowledge acquisition. The first clustered 
theory pertains to accommodative, convergent, divergent, and 
assimilative learning styles (Papa et al., 2017; Hamdaoui et al., 
2018; Hong et al., 2021). Moreover, this study focuses on gamers’ 
divergent learning styles due to their personalities. The second 
cluster is knowledge acquisition explaining methodological 
choices of gamers’ behaviours in enhancing their capabilities and 
competencies (Hung and Lin, 2015; Kamal and Radhakrishnan, 
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2019; Chung and Jung, 2020). In comprehending gamers’ 
characteristics, this study argues that gamers probably engage in 
kinetic-active and tacit-latent learning because of their cognitive-
behavioural suitability for the technological environment. Finally, 
the remaining cluster pertains to combat readiness viewed from 
the military approach (Yurechko, 1988; Rosen and Martin, 1998; 
Hanson, 2003; Erden et al., 2008). However, this study transforms 
this theory, embedding the cognitive combat readiness for gamers’ 
attitudes and behaviours. As a result, it comprehends how gamers 
exhibit convergent learning styles, and kinetic-active and tacit-
latent knowledge acquisitions due to the emergence of cognitive 
combat readiness. Moreover, it demonstrates that, cognitively, 
gamers should be  combat-ready when they genuinely play a 
match to win.

This study contributes to the literature on practical and 
theoretical learning styles and knowledge acquisition, probably 
impacting academic performance. The first contribution is that 
combined convergent learning styles and kinetic-active knowledge 
acquisition present unique learning systems. It is also valid for the 
combined convergent learning styles and tacit-latent knowledge 
acquisition. Consequently, this study argues that learning systems 
assist students with convergent and kinetic-active or tacit-latent 
learning. Moreover, this combination will support academic and 
vocational learning emphasising practical jobs (Zebal et al., 2019; 
Jayalath and Esichaikul, 2020; Lei et al., 2021). Finally, this study 
comprehends that learning supremacy leads to this combination 
due to students’ emerging reactive and explorative cognition 
(Jurado and Meza, 2017; Ewell et al., 2018; Khanmurzina et al., 
2020). Hence, students can also enhance their competencies in 
decision-making when they face problematic situations and short-
time pressures.

The second contribution relates to constructive behaviours for 
educator awareness to create students’ cognitive combat readiness. 
Other perspectives are the enhancement of their cognitive combat 
readiness, making students always masculine and eager to 
accomplish their tasks (Johnson, 2010; Sanjamsai and Phukao, 
2018; Khanmurzina et  al., 2020). Then, educators have the 
responsibility to increase students’ cognitive combat readiness. 
Moreover, they accentuate dimensions of combat readiness 
internalised to students’ cognition, such as knowledge 
accumulation, practical transformation, problem-solving, etc. 
Conversely, this signals the need for resilient methods for students 
to engage their cognitive readiness and achieve a student-centred 
learning system (Strandenes et  al., 2013; Tsarouhas and 
Makrygianni, 2017; Dantas and Cunha, 2020). Finally, this study 
demonstrates students’ achievement of an efficient learning system 
due to their signified engagement. Hence, this cognitive combat 
readiness aligns with the conditionalism of student cognition in 
gaining competitive performances.

The remaining sections will discuss the theoretical framework 
to explain gamers learning styles and knowledge acquisition. The 
third section deals with research methods for learning style 
measurements and experimental games to acquire gamers’ 
knowledge. Statistical results and findings are presented in section 

four. Finally, the study ends with conclusions and future 
research suggestions.

Literature review and hypotheses 
development

Learning styles

This study posits Keefe (1979) to explain that learning styles 
are individual cognitive and affective behaviours in interacting 
and reacting to environments. Griggs and Dunn (1984) 
differentiate between unique visual, auditory, and kinesthetic 
learning styles. Meanwhile, Allinson and Hayes (1996), 
Willingham et al. (2015) explain that learning styles based on 
individuals’ preferences involve cognitive processes to differentiate 
between their intuitive and analytical thinking. Additionally, Abel 
et al. (2018), Alexander (2020), Olanipekun et al. (2020), Van der 
Lingen et  al. (2020) categorise learning styles into; (1) 
accommodative; (2) convergent; (3) divergent; (4) assimilative. 
Most extant studies explain that accommodative learning styles 
acquire knowledge through deepened experiences from others. 
The individual with accommodative learning prefers to use 
intuitive techniques than critical logic. Convergent learning styles 
acquire knowledge using their endowed concepts and theories in 
their cognition. These convergent styles are also highlighted with 
their swifted transformation from concepts and theories to 
practical and technical methods. Divergent learning styles search 
knowledge visually, auditory and kinetically. The last is assimilative 
learning styles that acquire knowledge only through practising 
directly. Furthermore, this study considers to these extant 
research, concerning individuals’ learning styles. However, those 
extant research did not relate these styles with gamers’ cognitive 
behaviours, characterised by genuine combat readiness.

With four typological methods from previous research, this 
study argues that individuals search for the most suitable methods 
to achieve their performances. Then, it considers literature gaps in 
most extant research, specifically not discussing gamers’ learning 
styles. Moreover, it investigates the relationship between the 
gamers’ learning styles with specific behaviours and their effortful 
combat readiness. It explains that gamers receive knowledge, 
becoming a practical and technical tool to win a match. It infers 
that gamers simultaneously use visual, auditory and kinesthetic 
senses (Jurado and Meza, 2017; Hamdaoui et al., 2018; Hilvert-
Bruce and Neill, 2020) to simulate all menus, features, elements 
and movements as if they are in the real world. On the other hand, 
this study uses extended learning styles and highlights that gamers 
lead to a convergent one (Manolis et al., 2013; Jurado and Meza, 
2017; Hong et al., 2021) due to expertise in actualising concepts 
and theories transforming to be technical and practical.

This research identifies gamers’ learning styles to capture their 
cognitive and affective behaviours. It posits Al Shaikh et al. (2019), 
García-Campos et al. (2020), and Kolb and Kolb (2005) to explain 
gamers’ learning styles associating knowledge, capabilities and 
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attitudes. On the other hand, it posits Andreou et  al. (2014), 
Dantas and Cunha (2020), and Garner (2000) argue that 
individuals’ learning styles do not only restrict gaining answers 
but also identifying processes. Therefore, this research infers that 
learning style is a method for individuals to interact with others 
through their cognitions, affections, physics and environments (Li 
and Wang, 2013; Alexander, 2020; Olanipekun et al., 2020). Thus, 
it considers that gamers’ learning styles focus on innovativeness 
to create and develop critical reasoning and problem-solving. 
Finally, the authors believe that gamers’ learning styles will 
be convergent due to motives of expertise enhancement to win the 
match. In other words, gamers learn new concepts and theories 
that make them cognitively flexible. Therefore, gamers enhance 
their capabilities and competencies from constitutive dexterity 
skills, memory, mental strength, collective knowledge, and 
mechanical flows.

Knowledge acquisition

This study posits Cegarra-Navarro et al. (2019), Jayalath and 
Esichaikul (2020), and Olanipekun et al. (2020) to explain that 
individuals acquire knowledge through latent knowledge: tacit or 
material, or active: actor or kinetic, and cross-cutting catalyst 
epiphany (CCCE). Tacit-latent acquisition refers to acquiring 
knowledge through repetitive and directive practises. Material-
latent acquisition acquires knowledge through media attributing 
with referential contents of structures, procedures, systems, etc. 
On the other hand, individuals who collect knowledge actively use 
their roles as actors, understanding through interfaces and rules. 
Thus, actor-active knowledge acquisitions refer to traditional 
teaching-studying methods. Kinetic-active explains that an 
individual pursues knowledge in reactive and explorative 
approaches through methodological flexibilities. The last is CCCE 
acquisition, in which individuals collect knowledge as it emerges 
unpredictably and immediately at random. The authors note that 
this CCCE is not involved in this study due to rare individual 
usage (Dufwenberg et al., 2010; Gneezy et al., 2010; Alexander, 
2020). Therefore, considering all these extant research, this study 
infers that individuals acquire knowledge through two clustered 
acquisition types (Breen and Lindsay, 1999; McCrow et al., 2014; 
Alberti and Pizzurno, 2015; Visser-Wijnveen et  al., 2016; 
Hamdaoui et al., 2018): latent or active. Hence, individuals search 
for knowledge through these possibilities aforementioned by these 
extant research, except for gamers with an unidentified acquisition. 
In addition, we believe that gamers acquire knowledge differently, 
fitting with their cognitive characteristics of combat eagerness. 
Thus, it arranges gamers’ acquisition of knowledge that could 
be four possibilities: tacit-latent and actor-active; tacit-latent and 
kinetic-active; material-latent and actor-active; material-latent and 
kinetic-active.

This study argues that gamers’ attitudes and behaviours are 
distinctive compared to others. Therefore, the authors believe that 
gamers have unique personalities in acquiring knowledge in 

tacit-latent (Howells, 1996; Erden et al., 2008; Lei et al., 2021) and 
kinetic-active types (Linde, 2001; Arthurs, 2007; Liew et al., 2021). 
The authors support this focused knowledge acquisition for 
gamers, a natural characteristic. Moreover, they pursue tacit-latent 
knowledge internalised into their cognition, indicating reflective 
behaviours (Hung and Lin, 2015; Seo et al., 2021; Thomas and 
Gupta, 2021). Comprehensively, gamers concentrating on kinetic-
active knowledge acquisitions always enhance their expert skills 
to master their capabilities and competencies (Hung et al., 2015; 
Giampaoli et al., 2017; Jung J., 2020; Thongmak, 2020). Moreover, 
they improve their gamification mastery because of the need for 
repetitive requirements and dynamic flexibility for problem-
solving. Finally, this study demonstrates gamers’ strong personality 
traits of being curious, workaholic, prestigious, and hedonic to 
win the game, constructing themselves to focus on tacit-latent and 
kinetic-active knowledge acquisition.

Gamer behaviours and cognitively 
combat readiness

Gamers’ behaviours are always associated with addictive 
enjoyment and hedonic personalities. This study also explains that 
people’s stigma for being addicted to internet gamers and e-sport 
players does not exhibit a social distance from gamblers (Griffith, 
2002; Johnson, 2010; Peter et  al., 2019). The authors consider 
gamers’ changing social behaviours and practises as an integral 
part of lifestyles in communication in their environments (Silva 
et al., 2015; Zimmermann et al., 2018; Bustamante et al., 2020; 
Khanmurzina et al., 2020). On the other hand, game types impact 
behavioural aspects due to conditional pressures, fatigue, 
endurance, etc. This study considers Chen et al. (2016), Drachen 
et al. (2014), Fox et al. (2018), Garcia-Manero et al. (2016) and 
clusters game types affecting gamers’ behaviours, such as full game 
(highly frequent touches), hardcore game (acting as shooters and 
sports players), casual game (music, social aspects, and moderately 
thinking), and others (no preferences). Therefore, the authors 
infer that behavioural characteristics imply gamers’ cognition 
because of frequent repetitions, intensive broadening of 
knowledge, proper communication without asymmetry, etc. For 
example, this study posits Ewell et  al. (2018), Kamal and 
Radhakrishnan (2019), Li and Wang (2013), and Sanjamsai and 
Phukao (2018) to explain how gamers play for long durations to 
signify their imaginary thoughts, preparing multiple strategies 
for competitions.

This study posits Bustamante et al. (2020), Garcia-Manero 
et  al. (2016), Jung C. W. (2020), Sumiyana et  al. (2022), Teng 
(2008), who find that gamers’ social communities affect their 
social awareness of always existing professionally. Furthermore, 
this study considers gamers’ behaviours characterised by social 
aspects, such as communicating, collaborating, coordinating, 
competing, etc. It also highlights that gamers develop relational 
cohesiveness, building team loyalty (Sumino and Harada, 2004; 
Mandryk and Birk, 2017; Huang et al., 2021). This extant research 
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investigated the effectiveness of gamers’ social communities, 
improving sound mentality or depressing it (Silva et al., 2015; 
Király and Demetrovics, 2017; Hilvert-Bruce and Neill, 2020; 
Rozgonjuk et al., 2021). Therefore, this study infers that game 
types and social communities construct gamers’ behaviours, 
especially cyber aggressors and distractor characters.

Inferencing gamers as aggressors and distractors, this study 
associates gamers’ learning styles and knowledge acquisition with 
combat readiness, such as military troopers. Combat readiness 
measures an army soldier preparing for combat (Rosen and 
Martin, 1998; Hanson, 2003; Tyler et al., 2012; Laanepere and 
Kasearu, 2021). Moreover, the authors highlight combat readiness 
equipped with mentality, weapons, technology, radio 
communication, etc. This study borrows the combat readiness 
measurement from the military, transforming it into gamers’ 
behaviours. However, this measurement changed to cognitive 
combat readiness because gamers did not require physical fitness 
like soldiers. This study argues that gamers’ cognitive combat 
readiness captures their learning styles and knowledge acquisition 
from various perspectives (Cegarra-Navarro et  al., 2019; 
Alexander, 2020; Toth et  al., 2020). It explains gamers’ multi-
dimensional conditions when they play a match against others. 
They should always utilise their conceptual and theoretical 
endowments to win the matches (Nacke et al., 2014; Dale and 
Green, 2017; Sumiyana et al., 2022).

On the other hand, this study supports the constructive 
measurement of cognitive combat readiness because gamers 
situate themselves in curiosity, excitement, anxiety, etc. Moreover, 
gamers should control their cognition to be innovative to win the 
game match. Gamers use innovativeness to actualise their 
cumulative concepts swiftly, theories and experiential values to 
challenge and attack their enemies in the gams (Hartman et al., 
2006; Ladeira et  al., 2016; Thongmak, 2020). In other words, 
gamers always search for the subsequent knowledge needed to 
master their cognitive combat readiness and win competitions 
(Yurechko, 1988; McAllister et  al., 2013; Alexander, 2020). 
Furthermore, the study summarises that gamers’ behaviours 
require them to accumulate knowledge, enhance innovativeness 
and solicit mastery. Finally, gamers should align their learning 
styles and knowledge acquisitions to control their talent to succeed 
in winning matches.

Hypotheses development

This study argues that gamers’ convergent learning styles 
generally use concepts, theories and experiential learning 
values to be  more adaptive and innovative due to game 
competitions. Elements are abstract conceptualisation and 
active experimentation, and gamers can accumulate theoretical 
and practical knowledge, actualising the match (Manolis et al., 
2013; Goulding and Syed-Khuzzan, 2014; Hamdaoui et  al., 
2018). Moreover, gamers having both elements could enhance 
their cognitive combat readiness due to fundamentally 

acquiring that knowledge to be practised in the matches to win 
the competition (Herspring, 2006; Tyler et al., 2012; Khenissi 
et  al., 2016). On the other hand, gamers facing various 
challenges in every match must be  innovative to win the 
competition (Ladeira et al., 2016; Alexander, 2020; Thongmak, 
2020). Furthermore, the authors demonstrate that these 
elements of abstract conceptualisation and active 
experimentation direct gamers’ convergent learning styles to 
mastering their cognitive combat readiness. Thus, gamers are 
always charged with personal innovativeness to win the match 
over other gamers. In other words, they cope with avoiding 
match losses with their learning styles convergently. Then, they 
can shorten the time needed to rotate their experiential learning 
values compared to other techniques. Therefore, this study 
formulates hypothesis H1 below.

H1: Gamers’ convergent learning styles gaining their cognitive 
combat readiness are higher than others.

Naturally, gamers always accumulate tacit-latent knowledge 
aligning with their long-run capacities and demands. When 
gamers have gained tacit-latent knowledge, they can actualise 
their expertise, skill and competencies to win each game match. 
The same applies to kinetic-active knowledge acquisition (Gray, 
2001; Kamal and Radhakrishnan, 2019; Wang et al., 2020; Lei 
et  al., 2021). In other words, gamers’ tacit-latent knowledge 
enhances their cognitive combat readiness (Griffith, 2006; 
Herspring, 2006; Tsarouhas and Makrygianni, 2017). Moreover, 
gamers always face various situations ending with the requirement 
to conduct problem-solving swiftly and innovatively. This study 
explains that gamers’ tacit-latent knowledge could expose their 
reflective skills to higher combat readiness than material-latent 
ones (Park and Moon, 2003; Dodd et al., 2005; Strandenes et al., 
2013; Toth et  al., 2020; Seo et  al., 2021). On the other hand, 
gamers’ kinetic-active knowledge can adapt to challenging 
competitions. Moreover, gamers with highly accumulated tacit-
latent and kinetic-active knowledge acquisitions can easily 
comprehend their cognitive combat readiness in each match 
because of enhanced adaptive behaviours (Griffith, 2006; 
Goulding and Syed-Khuzzan, 2014; Jayalath and Esichaikul, 
2020). Therefore, this study explains that gamers orienting on the 
accumulated tacit-latent and kinetic-active knowledge acquisitions 
gain their cognitive combat readiness compared to the material 
and actor-active ones. In addition, the authors argue that these 
knowledge acquisitions are the most efficient approaches for 
gamers because of constructing their cognitive flexibilities. 
Moreover, these acquisitions structuralise gamers achieving more 
adaptive cognition facing dynamic situations with skill and 
expertise endowments. Thus, it constructs hypotheses H2 and 
H3 below.

H2: Gamers’ tacit-latent knowledge acquisitions gaining their 
cognitive combat readiness are higher than material-
latent ones.
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H3: Gamers’ kinetic-active knowledge acquisitions gaining 
their cognitive combat readiness are higher than actor-
active ones.

This study proposes that formal learning styles and knowledge 
acquisition will quickly lead to mastery of capabilities and 
competencies. Therefore, gamers’ convergent learning styles 
develop their endowed concepts, theories and experiential values 
to repetitively practise in the next game in a competition (Jurado 
and Meza, 2017; Papa et  al., 2017; Hong et  al., 2021). 
Simultaneously, gamers with convergent styles train themselves to 
improve their combat readiness Johnson (2010), Rosen and 
Martin (1998), Tsarouhas and Makrygianni (2017) through heavy 
preparation and calculation of dynamic situations to stabilise the 
match-winning in the game. Gamers are naturally interested in 
technical and methodological practises, mastering their 
cumulative knowledge implemented in subsequent competitions. 
Furthermore, this study acknowledges that gamers’ convergent 
learning styles continue to acquire tacit-latent knowledge 
(Howells, 1996; Zebal et al., 2019; Lei et al., 2021) and kinetic-
active ones (Griffith, 2002; Hamdaoui et al., 2018; Jayalath and 
Esichaikul, 2020). For example, they would no longer look at the 
keyboard to run the game competition. Then, gamers’ knowledge 
acquisition enhances their cognitive combat readiness, practising 
in the tournaments. In brief, this study explains that compounds 
of convergent learning styles and tacit-latent or kinetic-active 
knowledge acquisitions could lift gamers’ expertise skills and 
competencies. Moreover, the authors argue that gamers always 
enhance their situational competition fits, inducing multi-features, 
multi-tools, and timeliness execution into their cognition. Finally, 
gamers always search for exceptional skills and expertise that can 
be delayed any longer. Therefore, it formulates hypotheses H4 and 
H5 below.

H4: Gamers’ convergent learning styles and tacit knowledge 
acquisitions gaining their cognitive combat readiness are 
higher than other and material-latent ones.

H5: Gamers’ convergent learning styles and kinetic-active 
knowledge acquisitions gaining their cognitive combat 
readiness are higher than other styles and actor-active ones.

Research method

Research design and respondent 
collections

This research design uses respondents who are gamers 
categorised into each learning style. In addition, they are also 
either engaged in active knowledge acquisitions, such as active 
(actor or kinetic) or latent ones (tacit or material). In other words, 
a respondent has a single learning style and an active knowledge 
acquisition of actor or kinetic, or a latent one that is tacit or 

material. Furthermore, this study collects respondents for each cell 
numbering about 30 gamers. Thus, it manages all the respondents, 
who number about 240 gamers, because they have acquired active 
and latent types of knowledge. On the other hand, this study has 
a field-experimental research design with the matrices of 4 × 2 for 
learning styles and active knowledge acquisitions and 4 × 2 for 
latent ones. In addition, this research uses two sequential data 
collections in the field experiment. The first sequence is that the 
authors identify gamers by social media. Furthermore, the second 
one is that we ascertain these gamers with the year of experience. 
Moreover, we challenge these gamers to match with us with Clash 
Royale (Table 1).

This research collects the data using random purposive 
sampling. It frames collected homogeneous respondents with 
these criteria: (1) having played games for more than a year; (2) 
having competed in at least one tournament; and (3) playing for 
more than 3 h daily. The criteria intend to minimise confounding 
bias, used to keep causality. This study identifies gamers on social 
media, and the researchers challenge them to play this 
experimental game. In addition, questionnaires are sent to these 
gamers to fill in. Furthermore, this study uses these questionnaires 
to measure gamers’ learning styles and knowledge acquisition. 
Finally, the research treats gamers with specific manipulated 
measurements for their cognitive combat readiness developed and 
conducted by the researchers. Additionally, the authors challenge 
the participants to be  reactive, innovative, aggressive, and 
explorative in these matches. In addition, the researchers score 
gamers’ cognitive combat readiness using an ideal score depending 
on the game’s itemising.

Variable measurements and recorded 
manipulation

This study used extant research on learning styles, knowledge 
acquisition and combat readiness. The researchers first sent a 
questionnaire to measure gamers’ learning styles and knowledge 
acquisition in the data collection process presented in 
Appendix A. Moreover, in this data collection process, the 
researchers manually record an ideal deck’s average score achieved 
by the gamers to measure their cognitive combat readiness. This 
study uses the specified “Clash Royale” game in this context. Thus, 

TABLE 1 Research design.

Knowledge acquisitions

Active Latent

Actor Kinetic Tacit Material

Learning 

Styles

Accommodative Cell-A Cell-E Cell-1 Cell-5
Convergent Cell-B Cell-F Cell-2 Cell-6

Divergent Cell-C Cell-G Cell-3 Cell-7

Assimilative Cell-D Cell-H Cell-4 Cell-8
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the authors chose this game for its relevancy to gamers’ confidence 
in the complex featured measures, the many options to implement 
strategies, game-match readiness in the short duration, personal 
innovativeness, and multiple flows of cognitive states. Moreover, 
this study fits this game type by using various decks to measure 
cognitive combat readiness. This recording is the manipulative 
treatments conducted by researchers. This average score form that 
measures gamers’ mental combat readiness is in Appendix B.

Statistical tests

This study examines all hypotheses by comparing cells 
according to the hypothetical contents. It uses mean comparison 
tests of ANOVA independent sample t-test. For example, testing 
hypothesis H1 identifies gamers’ convergent learning styles 
gaining a cognitive combat readiness higher than other learning 
styles. It compares the Cell-B and F higher than other cells in 
active knowledge acquisitions. In latent knowledge acquisitions, it 
reaches Cell-2 and Cell-6 higher than other cells. This study 
presents these closed-comparative equations in Models (1)-(5) for 
shortage statements of all hypotheses. Finally, it supports the ease 
of readability for these hypotheses tests by presenting comparative 
equations below. Meanwhile, this study uses the ANOVA 
independent t-test, and when it fails to diagnose these 
comparisons, it transforms into a statistical comparative-
contrast analysis.

 

H1 : ; ; ; ; ; & ,
; ; ; ; ; &

Cell B F Cell A E C G D H and 
Cell Cell

- > -
- > -2 6 1 5 3 7 4 8  (1)

 H2 : ; ; ;& ; ; &Cell Cell- > -1 2 3 4 5 6 7 8  (2)

 H3 : ; ; ;& ; ; ;&Cell E F G H Cell A B C D- > -  (3)

 

H4 : ; ;
;

Cell Cell Cell Cell
Cell Cell Cell Cell

- > - - > -
- > - - > -

2 5 2 7
2 8 2 5;; ;&7 8  (4)

 

H5 : ; ;
;

Cell F Cell A Cell F Cell C
Cell F Cell D Cell F Cell A

- > - - > -
- > - - > - ;; ;&C D  (5)

Statistical results

This study collects participants in two steps. The first step 
identifies gamers through social media, marking them as real 
players. Then, the authors ask these identified gamers to answer a 
questionnaire using Google Forms. In the second step, the authors 

challenge these participants to a match in “Clash Royale” with 
others or the authors in an appointed public area. Moreover, this 
research took 7 months to collect data samples, resulting in 132 
gamers. It also deleted nine participants who did not complete the 
gaming stages, meaning there were 123 in the final sample. Then, 
overall data show that 79 participants are male (64.22%), with 
game expertise, 78 have more than 1 year of experience (63.41%), 
and 90 have been involved in at least one tournament (73.17%). 
Thus, this study infers that the data collected are from experienced 
gamers presented in Table 2.

Table  3 presents the number of participants, mean, and 
standard deviation of respondents’ cognitive combat readiness 
occupying each cell. This research formerly conducted a pilot test 
to validate the questionary. After collecting the first eight 
participants, we  believed no material doubts, and then 
we continued to collect the following participants. Furthermore, 
participants with accommodative-actor have the lowest mean 
value of 3.139. Conversely, the highest mean value of 4.586 is 
participants concentrating on the convergent-kinetic. 
Furthermore, the authors infer that each data item typically 
deviates from the mean values, reflecting central homogeneity. 
Thus, this study concludes that each data cell is typically 
distributed, which could be compared parametrically.

This study has designed validity and reliability tests for the 123 
respondents. Table 4 shows the test results for each cell. First, 
Panel-A shows that the factor loading value of each item is more 
than 0.5, gaining convergent validity. In addition, the Corrected-
Item-Total Correlation value for each item question is more than 
0.5 and never higher than these factor loading values, indicating 
the discriminant validity. Then, Cronbach’s alpha value shows that 
each item value is more than 0.8 and is not higher than the 
compounded value. Thus, this study infers that each variable 
achieves high reliability. In addition, the study develops specific 
measurements for material knowledge acquisition employing 
scoring systems equivalent to a 5-points Likert scale. Specifically, 
Panel-B shows that the 10-item questions are material-latent 
types. Each correct answer is valued at 0.50, and 0.00 for the 
wrong answer, reaching a maximum score of 5.00. Therefore, the 
authors conclude that each item score gained a fixed point.

TABLE 2 Demographic data.

Learning 
styles

Frequency

  n Gender Gamer’s 
experiences

Tournament

Male Female <1-
year

>1-
year

Yes No

Accommodative 31 21 10 14 17 20 11

Convergent 37 25 12 5 32 34 3

Divergent 25 17 8 11 14 17 8

Assimilative 30 16 14 15 15 19 11

Total 123 79 44 45 78 90 33
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Table  5 is the continued process of comparing the mean 
values of the collected data from participants in Table 3. Then, 
we compare amongst cells resulting mean differences, t-values 
and significances with asterisk signs. Furthermore, Table  5 
exhibits the statistical results for all mean comparison 
hypotheses, revealing the overall supported views in Models (1)–
(5). Specifically, hypothesis H1 proposed that active and latent 
knowledge acquisition mastered by convergent gamers’ learning 
styles have the highest combat readiness compared to others. The 
statistical results support hypothesis H1 with a mean difference 
of 0.7991 and a t-value of 7.449, which is a significant 1.00%. 
Likewise, hypothesis H2 is supported, meaning that gamers’ 
combat readiness dominated the knowledge acquisition of tacit-
latent and kinetic-active learning compared to others, with a 
mean difference of 0.3672 and a t-value of 3.924. This hypothesis 
was statistically significant at 1.00%. Finally, supporting 
hypothesis H3, statistical results at a significance level of 1.00% 
confirmed that kinetic-active gamers have higher combat 
readiness than kinetic-actor with a 0.4587 mean different value 
and 7.356 t-value.

The statistical results show a mean value of 4.477 and a standard 
deviation of 0.596 from the testing of hypothesis H4. Overall, the 
mean difference, t-value and significance were 0.4587, 7.356, and 
1.00%, respectively. Therefore, this statistical result supports 
hypothesis H4, arguing that convergent-tacit gamers demonstrate 
the highest combat readiness compared to those material-others. 

TABLE 3 Descriptive statistics.

x: cognitively combat readiness Knowledge acquisitions

Active Latent

n: 246 246

x : 3.857 3.928

SD: 0.8673 0.9070

Actor Kinetic Tacit Material

123 123 123 123

3.628 4.087 4.111 3.744

0.9635 0.6901 0.7922 0.9780

Learning 

Styles

Accommodative

n: 124; 31 31 31 31

x : 3.841; 3.139 4.054 3.849 3.613

SD: 0.9089 0.8147 0.5715 1.0322 0.9102

Convergent

148 37 37 37 37

4.462 4.488 4.586 4.477 4,297

0.5296 0.4695 0.5048 0.5960 0.5199

Divergent

100 25 25 25 25

3.563 3.460 3.887 3.907 3.000

0.9701 0.9660 0.6955 0.6420 1.2162

Assimilative

120 30 30 30 30

3.700 3.213 3.806 3.967 3.817

0.8268 0.8776 0.7156 0.6800 0.8457

TABLE 4 Validity and reliability.

Panel-A

Variables Item Factor 
loading

Corrected-
item-total 

correlation

Cronbach’s 
alpha

Accommodative

Actor Act1 0.801 0.760 0.928 0.934

Act2 0.627 0.599 0.933

Act3 0.822 0.768 0.928

Act4 0.632 0.587 0.932

Act5 0.906 0.875 0.924

Act6 0.580 0.436 0.935

Act7 0.838 0.814 0.926

Act8 0.679 0.623 0.933

Act9 0.757 0.730 0.929

Act10 0.680 0.650 0.931

Act11 0.667 0.599 0.932

Act12 0.782 0.715 0.929

Act13 0.615 0.559 0.933

Act14 0.863 0.829 0.926

Act15 0.657 0.636 0.932

Act16 0.566 0.487 0.934

Kinetic Kin1 0.943 0.926 0.958 0.964

Kin2 0.788 0.754 0.963

Kin3 0.836 0.799 0.962

Kin4 0.880 0.847 0.960

Kin5 0.826 0.791 0.962

Kin6 0.850 0.813 0.961

Kin7 0.958 0.945 0.958

Kin8 0.806 0.769 0.963

Kin9 0.903 0.880 0.960

Kin10 0.873 0.850 0.960

Kin11 0.783 0.739 0.964

Kin12 0.764 0.730 0.963

Convergent

Actor Act1 0.897 0.875 0.966 0.969

Act2 0.884 0.861 0.967

Act3 0.910 0.893 0.966

Act4 0.883 0.856 0.967

Act5 0.896 0.877 0.966

Act6 0.913 0.891 0.966

Act7 0.894 0.882 0.966

Act8 0.861 0.835 0.967

Act9 0.766 0.733 0.969

Act10 0.781 0.752 0.968

Act11 0.850 0.824 0.967

Act12 0.876 0.849 0.967

Act13 0.763 0.730 0.969

Act14 0.902 0.879 0.966

Act15 0.886 0.869 0.966

Act16 0.478 0.444 0.975

(Continued)
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Furthermore, hypothesis H5 in convergent-kinetic learning shows 
a mean value of 4.622 and a standard deviation of 0.285. This mean 
difference value is 1.3276, and the t-value of 8.558 with a 1.00% 
significance level, demonstrating that convergent-kinetic is higher 
than those actor-others. In the participants’ field experiment, this 
study presents statistically robust results. It powerfully demonstrates 
that convergent-kinetic gamers have the highest combat readiness 
amongst those actor-others in mastering their knowledge 
acquisition. Thus, hypothesis H5 is supported twice.

Discussion and findings

This research investigates gamer behaviours in acquiring 
knowledge through convergent and tacit-latent or kinetic-active 
learning styles. It demonstrates the specified gamer behaviours in 
this style and acquisition measuring using cognitive combat 
readiness. This study’s statistical tests show high validity that 
gamers improve their knowledge through convergent techniques. 
Moreover, this research recognises that gamer behaviours are laid 
on the convergent type because they are people with excellent 

intellectualism. Therefore, it highlights the gamer’s reliance on 
personal innovativeness completed by cognitively dynamic 
flexibilities (Griggs and Dunn, 1984; Jurado and Meza, 2017; 
Hamdaoui et  al., 2018). Thus, it explains that gamers always 
simulate all the menus, features, elements and movements they 
face in the real world. Gamers actualise their gamification 
expertise based on cumulative concepts and theories (Manolis 
et al., 2013; Ladeira et al., 2016; Jurado and Meza, 2017). As a 
result, gamers always internalise technical and practical 
approaches to executing highly complex decision-making. On the 
other hand, this study argues that gamers confront the situation of 
narrowed periods and uninterrupted rests (Alexander, 2020; 
Olanipekun et al., 2020; Huang et al., 2021), resulting in dexterous 
memory and mental strength. Finally, the authors find no other 
choices for these gamers to choose learning styles of the 
convergent type.

This study finds that gamers acquire incremental knowledge 
with tacit-latent and kinetic-active learning. Furthermore, it 
explains that gamers should use these knowledge acquisitions to 
complete their loaded cognitions. This research also 
demonstrates that gamers comprehend their expertise through 
tacit-latent learning due to the need to engage in reflective 
practise (Howells, 1996; Erden et al., 2008; Wang et al., 2020). 
Furthermore, it demonstrates that gamers should permanently 
eliminate their curiosities, mental inferiorities and attitudinal 
anxieties. On the other hand, gamers could probably be engaged 
in kinetic-active knowledge acquisitions because they must 
update their high-skill capabilities (Strayer and Beitz, 2010; Jung 
J., 2020; Thongmak, 2020). Thus, the authors demonstrate that 
gamers always upgrade their capability to master gamification 
(Zebal et al., 2019; Chung and Jung, 2020; Thomas and Gupta, 
2021) to win competitions. On the other hand, a gamer should 
arrange various procedures to practise them efficiently. 
Moreover, the gamer should direct procedurally decisive flows 
into a shortened mechanism due to the need for punctual 
decision-making (Linde, 2001; Arthurs, 2007; Liew et al., 2021). 
Finally, this study demonstrates that gamer behaviours improve 
their knowledge with conditionally elastic-active acquisitions. 
Hence, gamers maintain their kinetic-active ability to protect 
inferiority and maintain prestigious intellectuality.

The authors explicitly provide robust conclusive evidence that 
gamers’ learning styles and knowledge acquisition end in 
measuring their cognitive combat readiness. We demonstrated 
that those approaches are superior to gamer behaviours with 
convergent types comprehended by tacit-latent and kinetic-active 
learning styles (Rosen and Martin, 1998; Tyler et  al., 2012; 
Laanepere and Kasearu, 2021). Furthermore, this study infers that 
gamers shape their cognition to be innovative to challenge and 
attack their enemies in games (Hartman et al., 2006; Ladeira et al., 
2016; Thongmak, 2020), such as army troopers. In addition, 
gamers’ behavioural characteristics consistently improve their 
cognitive combat readiness because of future complex challenges. 
Moreover, gaining knowledge through tacit-latent and kinetic-
active constructs of gamers’ strong mentality (Silva et al., 2015; 

TABLE 4 (Continued)

Panel-A

Variables Item Factor 
loading

Corrected-
item-total 

correlation

Cronbach’s 
alpha

Kinetic Kin1 0.763 0.698 0.913 0.920

Kin2 0.764 0.715 0.912

Kin3 0.821 0.773 0.910

Kin4 0.800 0.747 0.911

Kin5 0.766 0.707 0.912

Kin6 0.571 0.507 0.922

Kin7 0.539 0.467 0.924

Kin8 0.816 0.768 0.909

Kin9 0.790 0.732 0.911

Kin10 0.545 0.480 0.922

Kin11 0.881 0.830 0.906

Kin12 0.808 0.747 0.911

Divergent

Tacit Tac1 0.832 0.655 0.896 0.856

Tac2 0.932 0.816 0.727

Tac3 0.904 0.752 0.783

Assimilative

Tacit Tac1 0.897 0.766 0.882 0.898

Tac2 0.880 0.741 0.905

Tac3 0.959 0.895 0.769

Panel-B

n Item Scoring Total

Material-

divergent and 

assimilative

55 10 0.5 5
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Király and Demetrovics, 2017; Rozgonjuk et al., 2021) uses the 
attitudinal and behavioural improvements as aggressors. This 
elastic-active knowledge acquisition also supports the gamers’ 
cognitive combat readiness in building team loyalty (Hanson, 
2003; Sumino and Harada, 2004; Mandryk and Birk, 2017). 
Moreover, the authors explain that gamers use cognitive combat 
readiness to win the pressured matches, execute punctual 
decisions (Tyler et al., 2012; Tsarouhas and Makrygianni, 2017; 
Laanepere and Kasearu, 2021) and compete in a chaotically 
pressured environment (McAllister et al., 2013; Alexander, 2020; 
Sumiyana et al., 2022). Finally, this study suggests that gamers 
have an alternative option to learn convergently and acquire 
knowledge with a tacit-latent and elastic-active style due to 
achieving superiority in cognitive combat readiness and reaching 
strong-mental combat readiness.

This study has implications for vocational learning systems 
and procedures concentrating on appropriate learning styles and 
knowledge acquisition. As with gamer behaviours, vocational 
students should train and educate themselves to achieve high 
cognitive work readiness (Strandenes et al., 2013; Zebal et al., 
2019; Lei et al., 2021). This study demonstrates that achieving 
mental work readiness frames different learning systems and 
procedures: convergent learning styles and knowledge acquisitions 
with tacit-latent or kinetic-active styles. Furthermore, this study 
explains that vocational students get their capabilities and 
competencies according to an industry’s needs. In other words, 
academic and vocational learning must arrange its learning system 

to create human resources ready to practise work (Barlett et al., 
2009; Manolis et al., 2013; Hamdaoui et al., 2018) supported by 
student-centred learning systems. Thus, academic and vocational 
learning or training institutions treat students according to 
convergent learning styles. Likewise, this study argues for the need 
to treat vocational students with learning methods and a 
curriculum to lead them to focus on tacit-latent and kinetic-active 
learning. Finally, this study believes that curriculum designs in 
learning methods and knowledge mastery, like the behaviour of 
these gamers, have the lowest production cost in creating cognitive 
work readiness.

This study emphasises the supremacy of cognitive combat 
readiness as the final embodiment of learning styles and 
knowledge acquisition. Therefore, conceptually, it demonstrates 
the crucial uses of cognitive work readiness for academic and 
vocational learning and skills training systems. The superiority 
of this cognitive work readiness refers to the inference of mental 
combat readiness with the specification of beliefs, attitudes, and 
behaviours that concentrate on reactive and explorative abilities 
(Herspring, 2006; Strandenes et  al., 2013; Tsarouhas and 
Makrygianni, 2017). Furthermore, this study demonstrates the 
power of young human resources with a signified engagement 
that, environmentally speaking, aligns with the conditionalism 
of student cognition in achieving competitive performances 
(Chen et al., 2016; Bustamante et al., 2020; Dantas and Cunha, 
2020). Thus, the high-cognitive readiness of students would gain 
incremental capabilities and competencies (Tsarouhas and 

TABLE 5 Hypothesis results.

Hyp. Mean (SD) Cells Mean (SD) Cells Mean diff. (t-value)

H1 4.537 (0.487) Active-Convergent 3.139 (0.8147) Accommodative 1.3978 (10.872)***

4.054 (0.5715) Divergent 0.4831 (4.404)***

3.460 (0.9660) Assimilative 1.0769 (7.278)***

3.588 (0.8452) All above 0.7991 (7.449)***

4.387 (0.563) Latent-Convergent 3.849 (1.0322) Accommodative 0.5379 (3.438)**

3.613 (0.9102) Divergent 0.7745 (5.304)***

3.907 (0.6420) Assimilative 0.4807 (3.562)**

3.706 (0.9464) All above 0.6810 (5.763)***

H2 4.111 (0.792) Tacit 3.744 (0.9780) Material 0.3672 (3.924)***

H3 4.087 (0.690) Kinetic 3.628 (0.9635) Actor 0.4587 (7.356)***

H4 4.477 (0.596) Convergent-Tacit 3.613 (0.9102) Accommodative-Material 0.8646 (4.702)***

3.000 (1.2162) Divergent-Material 1.4775 (6.361)***

3.817 (0.8457) Assimilative-Material 0.6608 (3.745)***

3.506 (1.0333) All above 0.9717 (5.343)**

H5 4.586 (0.505) Convergent-Kinetic 3.139 (0.8147) Accommodative-Actor 1.4465 (8.949)***

3.460 (0.9660) Divergent-Actor 1.1256 (5.994)***

3.213 (0.8776) Assimilative-Actor 1.3731 (8.027)***

3.258 (0.8823) All above 1.3276 (8.558)***

Robustness: Field-experiment score

H5 4.622 (0.285) Convergent-Kinetic 4.430 (0.2748) Accommodative-Actor 0.1915 (2.805)*

4.280 (0.4780) Divergent-Actor 0.3416 (3.525)**

4.389 (0.2914) Assimilative-Actor 0.2327 (3.290)**

4.372 (0.3521) All above 0.2495 (3.805)***
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Makrygianni, 2017; Sanjamsai and Phukao, 2018; Khanmurzina 
et al., 2020). On the other hand, they can work with a high level 
of team loyalty and a strong mentality in the face of complex 
challenges, pressured matches, and chaotic environments. The 
authors demonstrate that vocational students and trainees 
should be permanently within a state of cognitive work readiness 
when they enter the workforce to be genuinely competent.

Conclusion, limitation, and future 
research

This study concludes that gamers exhibit convergent learning 
styles and acquire knowledge by tacit-latent and kinetic-active. 
Furthermore, it measures gamers’ cognitive combat readiness, 
learning styles and knowledge acquisition consequences. 
Moreover, this study suggests that with high intellectuality 
markers, gamer behaviour focuses on learning style models and 
knowledge acquisition to improve capabilities and competencies, 
primarily cognitive combat readiness. Likewise, gamers are always 
consistent in their learning styles and knowledge acquisition, 
giving them adaptive power for problem-solving, high reasoning 
power, responsibility to act, etc. Furthermore, this study explains 
that academic and vocational learning and training systems must 
be designed to bring students high cognitive work readiness. Thus, 
they will have solid skills and expertise to enter the workforce with 
adequate capabilities and competencies.

Limitations and future research

Having completed this research, the authors acknowledge 
weaknesses affecting the robustness of the validity of the 
conclusions. First, this study does not include the gamers’ 
personalities, resulting in different learning styles and 
knowledge acquisition patterns. Then, it explains that gamers’ 
characteristics, such as confront- and transform-proactive 
personalities, could affect other knowledge acquisitions 
resulting in high cognitive combat readiness. Finally, excluding 
gamers’ personalities has consequences regarding the weakness 
of future research generalisation because character influences 
teammate loyalty, integrity, and patience. Second, this study’s 
results deserve attention because they do not measure gamers’ 
intelligence quotient. On the other hand, this study 
acknowledges that the intelligence quotient influences learning 
styles and knowledge acquisition. Likewise, the intelligence 
quotient constructs a different cognitive combat readiness, 
leading to more excellence. Therefore, future studies could 
complement this by establishing how the intelligence quotient 
determines gamers’ learning styles and knowledge patterns.

Third, the authors recognise that this research method 
classifies gamers with a questionary design, impacting that 
we inferred the analysis results in affirmative biases. Meanwhile, 
we  compared mean values of gamers’ cognitive combat 

readiness as the consequenced measurements. Thus, it opens 
opportunities for future research to ascertain no affirmative 
biases using comparisons of gamers versus non-gamers, gamers 
versus other gamers, and non-gamers versus others. Finally, 
this study recommends setting gamers’ self-control levels to 
make this future research more attractive. In essence, gamers’ 
self-control indicates their maturity level in social life, which 
affects cognitive combat readiness. However, this research 
underlines that gamers’ life-maturity levels result from their 
knowledge acquisition from past experiential values that will 
strongly dominate their attitudes and behaviours in the future.
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