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Background: Cuproptosis, a newly defined regulated form of cell death, is mediated
by the accumulation of copper ions in cells and related to protein lipoacylation.
Seven genes have been reported as key genes of cuproptosis phenotype.
Cuproptosis may be developed by subsequent research as a target to treat
cancer, such as breast cancer. Long-noncoding RNA (lncRNA) has been proved
to play a vital role in regulating the biological process of breast cancer. However, the
role of lncRNAs in cuproptosis is poorly studied.

Methods: Based on TCGA (The Cancer Genome Atlas) database and integrated
several R packages, we screened out 153 cuproptosis-related lncRNAs and
constructed a novel cuproptosis-related prognostic 2-lncRNAs signature (BCCuS)
in breast cancer and then verified. By using pRRophetic package and machine
learning, 72 anticancer drugs, significantly related to the model, were screened
out. qPCRwas used to detect the differentially expression of twomodel lncRNAs and
seven cuproptosis genes between 10 pairs of breast cancer tissue samples and
adjacent samples.

Results: We constructed a novel cuproptosis-related prognostic 2-lncRNAs (USP2-
AS1, NIFK-AS1) signature (BCCuS) in breast cancer. Univariate COX analysis (p < .001)
and multivariate COX analysis (p < .001) validated that BCCuS was an independent
prognostic factor for breast cancer. Overall survival Kaplan Meier-plotter, ROC curve
and Risk Plot validated the prognostic value of BCCuS both in test set and verification
set. Nomogram and C-index proved that BCCuS has strong correlation with clinical
decision-making. BCCuS still maintain inspection efficiency when patients were
splitting into Stage I−II (p = .024) and Stage III−IV (p = .003) breast cancer. BCCuS-
high group and BCCuS-low group showed significant differences in gene mutation
frequency, immune function, TIDE (tumor immune dysfunction and exclusion) score
and other phenotypes. TMB (tumor mutation burden)-high along with BCCuS-high
group had the lowest Survival probability (p = .005). 36 anticancer drugs whose
sensitivity (IC50) was significantly related to the model were screened out using
pRRophetic package. qPCR results showed that two model lncRNAs (USP2-AS1,
NIFK-AS1) and three Cuproptosis genes (FDX1, PDHA1, DLAT) expressed differently
between 10 pairs of breast cancer tissue samples and adjacent samples.
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Conclusion: The current study reveals that cuproptosis-related prognostic 2-lncRNAs
signature (BCCuS) may be useful in predicting the prognosis, biological characteristics,
and appropriate treatment of breast cancer patients.
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bioinformatics, machine learning

Introduction

Breast cancer has become the most common malignant tumor in
women worldwide, with the incidence rate continuing to increase
(Harbeck and Gnant, 2017; Bray et al., 2018; DeSantis et al., 2019). It is
classified into luminal type A, Luminal type B, HER-2 overexpression,
basal like type and other special types (Sotiriou and Pusztai, 2009;
Goldhirsch et al., 2011; Prat and Perou, 2011). The prognosis and
treatments mainly depend on the stage and subtype of breast cancer.
Among them, triple negative breast cancer lacks effective therapeutic
targets, which often shows a relatively inferior prognosis (Rakha et al.,
2008; Waks and Winer, 2019). A prognostic factor can independently
predict the outcome of cancer (disease recurrence, disease progression
or death), but do not have significant correlation with the treatment
received, so it can help to make a clinical decision (Yu et al., 2019). For
example, CLEOPATRA (Clinical Evaluation of Pertuzumab and
Trastuzumab) test proved that the mutate of PIK3CA was a
prognostic factor for patients with advanced HER2 positive breast
cancer. In both the control group and the treatment group, the PFS
(progression free survival) of patients with PIK3CA mutate is
significantly worse than patients with PIK3CA wild type (Giordano
et al., 2014; Swain et al., 2020). However, the complexity of breast
cancer determines that even in its early stage, it is difficult to diagnose
and predict the prognosis through a single protein or gene like the
standard clinicopathological predictors (Fumagalli and Sotiriou,
2010). At present, there is no reliable single marker that can detect
the prognosis of breast cancer and predict the effect of drug therapy
(Paoletti and Hayes, 2014). Several multiple molecules signature to
predict the prognosis of breast cancer and assisting clinical decision,
such as BCI (breast cancer index), Oncotype DX and MammaPrint
(Mathieu et al., 2012). Breast cancer 21 gene detection (Oncotype DX)
includes 16 breast cancer related genes (proliferation group, invasion
group, estrogen group, etc.,) and five reference genes, and calculate the
recurrence score (RS) according to the expression level of 21 genes and
provide chemotherapy effect prediction and 10-year recurrence risk
assessment (Cronin et al., 2007; Gyanchandani et al., 2016). Breast
cancer 70 gene detection (MammaPrint) is a detection product mainly
used to assess the risk of distant metastasis of patients within 5 years
(Mook et al., 2010; Tsai et al., 2018). Although there exist mature
multi-gene prognostic targets for breast cancer, simpler models based
on new phenotypes still need to be developed.

Cuproptosis is a newly defined form of cell death that is mediated
by the accumulation of copper ions in cells, which is obviously
different from the already known cell apoptosis, pyrosis,
necroptosis and ferroptosis (Tsvetkov et al., 2022). It occurs
through the direct combination of copper and the fatty acylated
components of the tricarboxylic acid cycle (TCA) (Tsvetkov et al.,
2022). It leads to the aggregation of fatty acylated proteins and the loss
of iron sulfur cluster proteins, which in turn triggers proteotoxic stress
and ultimately leads to cell death. By the genome-wide CRISPR-cas9

screening, seven genes (FDX1, LIPT1, LIAS, DLD, DLAT, PDHA1,
PDHB) were found to be related to cuproptosis (Tsvetkov et al., 2022).
The abundance of FDX1 and lipoacylated proteins are highly
correlated with a variety of human tumors. Breast cancer cell lines
with high levels of lipoacylated proteins were shown to be more
sensitive to accumulation of copper ions (Manikandamathavan et al.,
2017; Shanbhag et al., 2019). In case of mutation, LIAS can convert
HIF1-α stable in non-hydroxylated form, HIFI-α activation is the basis
of the abnormal functional switch of EZH2/PRC2 in breast cancer
(Burr et al., 2016; Mahara et al., 2016). KIAA1735 gene and DLAT
gene are linked in a tail to head manner, and KIAA1735 gene is deleted
in breast cancer (Katoh and Katoh, 2003). Oncoprotein HBXIP
enhances glucose metabolism reprogramming by inhibiting
PDHA1 in breast cancer (Liu et al., 2015). PDHB has been
reported to be associated with high PRA: PRB in mammary gland
of transgenic mice in breast cancer, which indicates breast cancer
malignant progression (Carlini et al., 2018). These results suggests that
copper ionophore may be a potential “silver bullet” for breast cancer
cells.

Long-noncoding RNA (lncRNA) are closely related to copper ion
accumulation, short term inhalation of copper welding fume can lead to
the increase of levels of four lncRNAs: CoroMarker, MALAT1, CDR1as
and LINC00460 (Scheurer et al., 2022). Cuproptosis-related lncRNA
can predict prognosis of sarcoma, gastric cancer, and renal cell
carcinoma (Xu et al., 2022a; Feng et al., 2022; Yang et al., 2022).
Long-noncoding RNA (lncRNA) also has been proved to play a key
role in regulating the biological process of breast cancer. LncRNA-
BCRT1 can competitively bind withmir-1303 to reduce the degradation
of its downstream gene PTBP3, which plays a cancer promoting role in
breast cancer (Liang et al., 2020). LncRNA-H19 induces autophagy
activation through the H19/SAHH/DNMT3b pathway, which may
affect the resistance of breast cancer to tamoxifen (Wang et al.,
2019). Other researchers found that LncRNA-SCRIT can inhibit the
transcriptional activity of EZH2 through direct interaction with
EZH2 and regulate the proliferation and invasion of breast cancer
cells (Pardini and Dragomir, 2021).

Considering the significance of lncRNA and cuproptosis in breast
cancer, we constructed a novel cuproptosis-related prognostic 2-
lncRNAs signature (BCCuS) to predict the prognosis, biological
characteristics, and appropriate treatment of breast cancer patients.

Materials and methods

Process summary and data sources

The workflow of our analysis was shown in Figure 1. The gene
expression RNAseq (HTSeq-FPKM), clinicopathological data,
survival data, mutation data, breast cancer were downloaded from
the online database TCGA(https://cancergenome.nih.gov). The data
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of TCGA breast cancer patients were randomly divided into training
set and internal verification set at a ratio of 1:1. Chi square test verified
the fairness of grouping.

Identification of cuproptosis-related lncRNAs

According to gencode (https://www.gencodegenes.org),
lncRNAs was extracted. Seven cuproptosis-related genes
including FDX1, LIPT1, LIAS, DLD, DLAT, PDHA1 and PDHB
(Tsvetkov et al., 2022). Pearson method was used to analyze the
correlation between lncRNAs and cuproptosis-related genes in
breast cancer. 153 LncRNAs with correlation coefficient R2 >
.3 and p < .05 were considered as cuproptosis-related lncRNAs.
The expression data of these 153 lncRNAs were extracted from the
breast cancer data of TCGA. Then the data were equally divided
into training set (n = 555) and internal verification set (n = 554). All
RNA sequencing data were normalized by log2 conversion.

lncRNAs model constructed

Univariate Cox regression analysis was used to obtain lncRNAs
associated with prognosis from the training dataset. LncRNAs with p <
.05 were then included inmultivariate Cox riskmodel analysis to generate
cuproptosis-related lncRNA model. To avoid the model being too
complicated, Akaike information criterion (AIC) was used to evaluate
the complexity of the model, and model with lowest AIC value (AIC =
695.15) and no reduction in prediction efficiency was evaluated as best.
The risk score of each breast cancer patient was calculated according to

FIGURE 1
Flow chart for identification and verification of cuproptosis-related prognostic 2-lncRNAs signature (BCCuS) in TCGA breast cancer patients. qPCR was
used to detect the differentially expression of twomodel lncRNAs and seven cuproptosis genes between 10 pairs of breast cancer tissue samples and adjacent
samples.

TABLE 1 All PCR primers.

Primer name Primer sequence (5′—3′)

PDHBF agaggacacgaccaagatgg

PDHBR ttccacagccctcgactaac

PDHA1F gactgtacgccgaatggagt

PDHA1R gggtgaaagtaaagccgtga

LIASF cgagatgatatgcctgatgg

LIASR cgaagtgctttcattgttgc

FDX1F ctgtcctgagctggagaagg

FDX1R tggtaatctgtggtgcttgc

DLDF agatggcatggtgaagatcc

DLDR ccaaatgacgcagcaagatt

DLATF gaccaaagggaagggtgttt

DLATR cggagcaggagcaactttac

NIFK-AS1F tggtcggagaggctaagcta

NIFK-AS1R aggttgcatgtgctttcgtt

USP2-AS1F gtggactggaatgtcacacg

USP2-AS1R acagtcttgaatcgctgacg

LIPT1F gttgatcccgaacacaggag

LIPT1R ctcattacggtcgtgtgcat

TOTAL 18 Primer sequences (9 genes)
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the following formula: BCCuS (risk score) = γ1 × expression (lncRNA1)+
γ2 × expression (lncRNA2) + . . . + γn × expression (lncRNAn). γn is the
regression coefficient of the corresponding lncRNA, expression
(lncRNAn) is the expression level of lncRNA, and the unit is FPKM.
According to the median of risk score, 555 breast cancer patients in the
training data set were divided into two groups: high-risk group and low-
risk group. To compare OS differences between high-risk and low-risk
groups, Kaplan Meier plotter analysis was implemented. In addition, the
predictive ability of the model was evaluated by performing ROC curves
using the survivalROC R package. The diagnostic value of BCCuS was
further validated by Risk Plot analysis by using pheatmap package.
Finally, the expression and prognostic data of 554 patients in the test
set were used to test the efficacy of the model.

Model test and mechanism exploration

Nomogram and C-index was used to prove that BCCuS has strong
correlation with clinical outcomes and can tutor decision-making. Then

patients were splitting into Stage I-II and Stage III-IV; Age < 60 and
Age > 60, BCCuS still maintain inspection efficiency. TMB (tumor
mutation burden) data and base mutation data of breast cancer samples
were downloaded from TCGA database. Breast cancer samples were
divided into high and low groups according to the median risk scores,
and the frequency of gene mutations and TMB in the two groups was
calculated by using maftools package. GSVA and limma package was
used to analyze the differences in immune function between BCCuS-
high and BCCuS-low risk groups. We also evaluated the relationship
between BCCuS and tumor immune dysfunction and exclusion (TIDE)
score (https://tide.dfci.harvard.edu/).

Screening of anticancer drugs

By using pRRophetic package andmachine learning, 36 anticancer
drugs whose sensitivity (IC50) was significantly related to the model
were screened out. The threshold of p-value was .001, and the
anticancer drug sensitivity database used was CPG 2016, which was
included in pRRophetic package.

Acquisition of breast tissue samples

We used the primary breast cancer tissues and normal tissues
adjacent to the cancer from 10 patients with breast cancer diagnosed
in the breast center of Jiangsu Province, China. The deadline for follow-
up was April 2022. All patients provided written informed consent. This

FIGURE 2
Screening of cuproptosis related lncRNAs and Prognostic value preparation (A) The corresponding relationship between Cuproptosis related seven
genes and 153 cuproptosis related lncRNAs, the wiring indicates the corresponding relationship between mRNAs and lncRNAs, and different colors represent
different cuproptosis genes (B) five lncRNAs (GLIDR, USP2-AS1, AC006942.1, NIFK-AS1, AC093726.1) passed Univariate COX analysis of OS (p < .05) (C) Lasso
(Least absolute shrinkage and selection operator) analysis of the five lncRNAs, and two lncRNAs (USP2-AS1, NIFK-AS1) was recognized. Two lncRNAs
(USP2-AS1, NIFK-AS1) were further put into model construction (D) Partial Likelihood Deviance of Lasso analysis.

TABLE 2 The formula of prognostic risk score (BCCuS) fitted by multi-COX.

Model lncRNA Multi-COX coeff

USP2-AS1 1.117,558

NIFK-AS1 −1.05486

BCCuS = (1.117,558 × USP2-AS1)+(−1.05486 × NIFK-AS1)
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FIGURE 3
(A) The correlation heatmap shows the expression correlation between two lncRNA used to build the model and seven cuproptosis genes (B) Train set
OS Kaplan Meier survival analysis between high-risk group and low-risk group (C) Test set OS KaplanMeier survival analysis between high-risk group and low-
risk group (D) TCGA-BRCA 1109 samples OS Kaplan Meier survival analysis between high-risk group and low-risk group (E) Train set PFS Kaplan Meier survival
analysis between high-risk group and low-risk group (F) Test set PFS Kaplan Meier survival analysis between high-risk group and low-risk group (G)
TCGA-BRCA 1109 samples PFS KaplanMeier survival analysis between high-risk group and low-risk group (H,I)Univariate andmultivariate Cox regression was
constructed to assess whether the prognostic characteristics were independent of Age, Sex, Clinical Stage, and TNM stage.

FIGURE 4
Risk plot was mapped using R package “heatmap” (A) Risk plot of train set (555 patients) (B) Risk plot of test set (554 patients) (C) Risk plot of TCGA-BRCA
set (1,109 patients).
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was done in accordance with the declaration of Helsinki. All samples
were obtained with the approval of the hospital ethics committee.

Quantitative real-time PCR (qRT-PCR)

Total RNA was isolated from tissues and cells using Trizol reagent
(Invitrogen, United States) according to the manufacturer’s protocol.
CDNA was synthesized using hiscript II (vazyme, China). Then, qRT-

PCR of mRNA and lncRNA was performed on a stepone plus real-
time PCR system (Applied Biosystems, United States). U6 and β-
Actin was used as a standard control for lncRNA and mRNA
detection, respectively. The gene expression in PCR was obtained
by logarithmic conversion of CT value. All PCR primers (lifetech,
China) are listed in Table 1.

Statistical analysis

All statistical analysis and visualization were performed using R
software (version 4.1.3). The R packages “ggplot2”, “ggalluvial” and
“limma” were used to analyze cuproptosis related lncRNAs in TCGA
breast cancer patients. Use Kaplan Meier plotter to evaluate the OS
difference between the BCCuS-high and BCCuS-low risk groups.
Univariate and multivariate Cox regression were constructed to
assess whether the prognostic characteristics were independent of
Age, Sex, Clinical Stage, and TNM stage. The above analysis is
implemented using the R package “Survival”. The lasso (Least
absolute shrinkage and selection operator) analysis was operated
using R package “caret” and “glmnet”. The Nomogram is
implemented using the “rms” R package to predict the OS. All
p-value<.05 were considered statistically significant. The qPCR data
were analyzed and mapped with GraphPad Prism8 software.

Results

Screening of cuproptosis related lncRNAs

We obtained the expression of 1,109 breast cancer samples and
103 adjacent samples from TCGA dataset. A total of 13,493 lncRNAs
were screened out. The lncRNAs, which differentially expressed in
breast cancer and adjacent samples obtained by Wilcox test were
included in the follow-up analysis (p < .05). We determined the
cuproptosis related lncRNAs by correlation test. Pearson
correlation analysis showed that 153 lncRNAs were associated with
cuproptosis related genes in breast cancer (Cor <.3, p-value <.05).
Sankey map was used to show the corresponding relationship between
Cuproptosis related seven genes and 153 Cuproptosis related lncRNAs
(Figure 2A).

Grouping fairness proof

The data of TCGA breast cancer patients were randomly divided
into training set and internal verification set at a ratio of 1:1. Chi
square test verified the fairness of grouping. The p values of chi-square
test for all indicators between Test and Train were >.05, indicating the
fairness of grouping.

Establishment of cuproptosis associated
lncRNA model

By using univariate cox regression analysis (p < .05), we identified
five lncRNAs highly correlated with patients’OS from 153 cuproptosis
related lncRNAs in the training data set (Figure 2B). Then Lasso
analysis screened out two genes (USP2-AS1, NIFK-AS1) with the

FIGURE 5
Further validation of risk model and clinical decision-making
analysis (A) ROC curve of the risk model predicting efficiency (AUC 1-
year: .730, 3-year: .677, 5-year: .610) (B) ROC curve contains BCCuS and
other clinical factors (C) Concordance index of BCCuS and other
clinical information (D) Nomogram was constructed for clinical
convenient predicting of single-patient prognosis (E,F) Survival curve
after grouping according to clinical stages (stage 1-2, stage 3-4) (G,H)
Survival curve after grouping according to age (≤60, >60).
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largest relative weight for subsequent model construction (Figure 2C).
Partial Likelihood deviance of Lasso analysis was also provided
(Figure 2D). Next, we used the multivariate COX regression to fit
cuproptosis related lncRNAs risk model (BCCuS) of breast cancer
patients. The formula of prognostic risk score: BCCuS = (1.117,558 ×
USP2-AS1)+(−1.05486 × NIFK-AS1) (Table 2). According to the
median BCCuS score, 1,109 breast cancer patients in the training
data set were divided into two groups: high- BCCuS group and low-
BCCuS group. In Figures 2B, C and Table 2, we can know that lncRNA
USP2-AS1 is a favorable prognostic factor and lncRNA NIFK-AS1 is
an unfavorable prognostic factor for breast cancer patients.

Validation of BCCuS in breast cancer

According to the expression data of TCGA samples, the
correlation heatmap shows the expression correlation between two
lncRNA used to build the model and seven cuproptosis genes
(Figure 3A). USP2-AS1 was positively correlated with four genes
(DLAT, PDHA1, FDX1, DLD) and negatively correlated with two
genes (LIAS, PDHB). NIFK-AS1 was positively correlated with three
genes (LIAS, LIPT1, PDHB) and negatively correlated with two genes
(DLD, DLAT) (Figure 3A). To further evaluate the predicting ability of

BCCuS in breast cancer, KaplanMeier survival analysis was conducted
in the training cohort and internal validation set from TCGA data set,
based on the patient OS (overall survival) data obtained from TCGA
website and the patient PFS (prognosis free survival) data obtained
from XENA website (https://xena.ucsc.edu/). In train set, the results
showed that the OS of breast cancer patients in the high-risk group
was worse than that in the low-risk group (p = .026) (Figure 3B), and
the PFS was also worse than that in the low-risk group (p < .001)
(Figure 3E). In internal validation set, the OS of breast cancer patients
in the high-risk group was worse than that in the low-risk group (p =
.033) (Figure 3C), as well as PFS (p = .012) (Figure 3F). In all TCGA-
BRCA 1109 samples, the OS of breast cancer patients in the high-risk
group was worse than that in the low-risk group (p = .001) (Figure 3D),
as well as PFS (p = .024) (Figure 3G). Univariate and multivariate Cox
regression were constructed to assess whether the prognostic
characteristics were independent of age, sex, clinical Stage, and
TNM stage (Figures 3H,I). Results show that BCCuS might be an
independent prognostic factor and could partially eliminate the
interference of clinical factors. Risk plot was mapped using R
package “heatmap” and in both sets, USP2-AS1 was appeared to
express higher in BCCuS-high group, NIFK-AS1 express higher in
BCCuS-low group, which shows the reliability of the model gene
(Figures 4A–C). Further validation of risk model was conducted using

FIGURE 6
Correlation between risk score and biological mechanism (A) Volcano plot displays significantly expressed genes between high-risk and low-risk groups
(p < .001, |log2Foldchange|>1) (B) GO analysis shows Enriched terms (C) KEGG analysis shows Enriched pathways.
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c to check the predicting efficiency, with AUC (Area Under Curve): 1-
year: .730, 3-year: .677, 5-year: .610 (Figure 5A). ROC curve contains
BCCuS, and other clinical factors shows BCCuS was a better predicting
signature than clinical stage (BCCuS AUC = .730, stage AUC = .717)
(Figure 5B). Concordance index of BCCuS and other clinical
information indicated that BCCuS could be a reliable clinical
reference index (Figure 5C). The nomogram was constructed based
on the score for clinical convenient predicting of single-patient
prognosis (Figure 5D). Further, KM-plot was mapped after
grouping of overall samples according to clinical stages (stage 1-2:
p = .024; stage 3-4: p = .003), and according to age (≤60: p = .005; >60:
p = .011) (Figures 5E–H).

Model related biological mechanism

First, we used limma package to analyze the differentially expressed
genes between BCCuS-high and BCCuS-low group (p < .001, |
log2Foldchange|>1) (Figure 6A). 26 differential genes are screened
out and displayed using volcano plot. Among these 26 genes,

18 genes down-regulated, and eight genes up-regulated, including
calcium binding proteins S100A8 and S100A9. S100A8/A9 expresses
in both the tumor microenvironment and the external environment and
can be classified as a signal during the tumorigenesis (Moon et al., 2008;
Woo et al., 2021). GO enrichment analysis reveals that differentially
expressed genes enriched in Metabolic metabolism related molecular
function and immune response (Ashburner et al., 2000), such as
sequestering of metal ion and leukocyte migration (Figure 6B).
KEGG results shows that BCCuS-high and BCCuS-low group
enriched differentially in pathways related to immune response and
energy metabolism, for example, serotonergic synapse and viral protein
interaction with cytokine receptor (Figure 6C) (Kanehisa et al., 2017).

Relationship between BCCuS and immune
function

We use R package “GSVA” to calculate the significant difference
enrichment of immunological function between high and low risk
groups. Only type II IFN response was significantly inhibited in

FIGURE 7
Relationship between score and immunity (A) Using R package “GSVA” to calculate the significant difference enrichment of immunological function
between high and low risk groups (p-value < .001: “***”, p-value < .01: “**”, p-value < .05: “*”) (B) BCCuS-high and BCCuS-low group show significant
difference in tumor immune dysfunction and exclusion (TIDE) score (https://tide.dfci.harvard.edu/).
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BCCuS-high group. HLA, T cell co-inhibition, check point, APC co-
stimulation, CCR, APC co-inhibition, Para inflammation,MHC class I
and Type I IFN response all significantly promoted in BCCuS-high
group (p < .05) (Figure 7A). Tumor immune dysfunction score (TIDE)
is consistent with tumor immune escape characteristics and can
predict the effect of immunosuppression therapy (Jiang et al.,
2018). BCCuS-high group shows significantly lower TIDE score,
which may reveal the immune escape of tumor cells and may lead
to poor prognosis (Figure 7B).

Relationship between model score and
mutation

1,109 Breast cancer samples were divided into high and low groups
according to themedian risk scores. Frequency of mutations and TMB in

both groups were calculated by using “maftools” R package. In BCCuS-
low group, the mutation frequency of PIK3CA, CDH1, MAP3K1 up-
regulated, these genes have been reported as tumor suppressor in breast
cancer (Figure 8A) (Jiang et al., 2014; Couch et al., 2017; Ge et al., 2017;
Zacksenhaus et al., 2017; Xue et al., 2018; Wijshake et al., 2021). While
TP53 and TTN, were upregulated in BCCuS-high group, functioning as a
promoter in breast cancer (Figure 8B) (Zhang et al., 2018a; Mao et al.,
2018; Badve and Gökmen-Polar, 2019; Zheng et al., 2021). TMB (tumor
mutation burden) data and base mutation data of breast cancer samples
were downloaded from TCGA database. KM plot was mapped between
TMB-high and TMB-low groups and TMB-high shows lower survival
probability (p = .023) (Figure 8C). Then according to BCCuS and TMB,
TCGA samples were divided into four groups, and survival curve was
fitted. BCCuS-high and TMB-high group shows the highest risk (p =
.005) (Figure 8D). Violin plot reveals that high-risk group has close ties
with higher TMB (Figure 8E).

FIGURE 8
Relationship between model score and mutation (A,B) 1,109 Breast cancer samples were divided into high and low groups according to the median risk
scores, and the frequency of genemutations and TMB in the two groups was calculated by using “maftools” R package (C) TMB (tumor mutation burden) data
and base mutation data of breast cancer samples were downloaded from TCGA database. KM plot was mapped between TMB-high and TMB-low groups (D)
According to BCCuS and TMB, TCGA samples were divided into four groups, and survival curve was fitted (E) Low-risk and high-risk group show
significant differences in TMB.
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Machine learning screening of BCCuS-
sensitive anticancer drugs

By using pRRophetic package and machine learning (Geeleher
et al., 2014), 36 anticancer drugs whose sensitivity (IC50) was
significantly related to the model were screened out. The threshold
of p-value was set to .001. It is worth noting that several kinds of tumor
chemotherapy drugs and targeted drugs have higher sensitivity in
high-risk group, for example, Cisplatin, Masitinib, Gefitinib, and
Tivozanib (Figure 9). Among 36 anticancer drugs, 31 had higher
sensitivity in high BCCuS group, while five had lower sensitivity in
high BCCuS group.

Experimental validation by qPCR

qPCR of primary breast cancer tissues and normal tissues adjacent
to the cancer from 10 patients with breast cancer were operated.
Results illustrated that two model lncRNAs both differentially
expressed in cancer and Para cancerous samples, USP2-AS1 and
NIFK-AS1 both had lower expression in cancer samples. FDX1,
PDHA1 and DLAT also significantly down regulated in breast
cancer. Correlation heatmap of seven cuproptosis-related genes and
two model lncRNAs was constructed using experimental expression.
The result shows the experimental expression of USP2-AS1 was
positively correlated with PDHA1, NIFK-AS1 was positively

FIGURE 9
By using pRRophetic package and machine learning, 36 anticancer drugs whose sensitivity (IC50) was significantly related to the model were screened
out. The threshold of p-value was set to .001, and the anticancer drug sensitivity database used was CPG 2016.
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correlated with LIPT1, this is consistent with the previous
bioinformatic prediction.

Discussion

Cuproptosis is a newly defined regulated form of cell death that is
mediated by the accumulation of copper ions in cells. Dozens of enzymes
in the human body contain copper ions or use copper ions. Copper ions
can provide or receive electrons, thus catalyzing key biochemical
reactions. Tumor is particularly dependent on copper ions (Zhang
et al., 2018b; Xu et al., 2022b; Zheng et al., 2022). Enzyme containing
copper ions, such as lysyl oxidase like two proteins (LOXL2), can produce
collagen scaffold structures and help cancer cells migrate (Shanbhag et al.,
2019). In the clinical trial of treating breast cancer patients with copper
ion chelators, the level of LOXL2 was reduced. It has been confirmed that
there is a relationship between copper metabolism and metastasis of
breast cancer. For example, the copper binding protein Atox1 drives cell
movement by stimulating the transport chain composed of another
copper transporter, ATP7A, and lysyl oxidase (LOX). However, the
combined effect of lncRNA and copper ion in breast cancer has not
been reported.

Therefore, our work identified 153 lncRNAs related to cuproptosis
in breast cancer and screened two lncRNAs (USP2-AS1, NIFK-AS1)
to construct risk model, abbreviated as BCCuS. This model has been
validated by internal validation set and could be an independent
prognostic factor for breast cancer patients. We further constructed a
nomogram to predict the OS of clinical patients. Subsequently, the
patients were divided into two groups according to the median risk
score as the cutoff value. Through KEGG and GO analysis, we found

that the model was significantly related to immune and metabolic
pathways. At the same time, the two groups showed significant
differences in the mutation frequency of high-frequency mutation
genes. The mutation frequency of oncogenes in breast cancer such as
TP53 and TTN was higher in the high-risk group, while the mutation
frequency of tumor suppressor factors in breast cancer such as
PIK3CA, CDH1, MAP3K1 was low in the high-risk group.

By using pRRophetic package andmachine learning, 36 anticancer
drugs whose sensitivity (IC50) was significantly related to the model
were screened out. 31 anticancer drugs had lower IC50 and higher
sensitivity to high BCCuS group, such as Cisplatin, Masitinib,
Gefitinib. Cisplatin has been widely used in chemotherapy of breast
cancer (Ezzat et al., 1997; Qin et al., 2018; Wang et al., 2021). Gefitinib
was proved to be effective in the treatment of hormone resistant and
hormone receptor negative advanced breast cancer in the phase II
clinical trial (Polychronis et al., 2005; Green et al., 2009). Masitinib has
not been reported in treating breast cancer, further cell line drug
sensitivity experiments can be conducted. Five anticancer drugs had
higher and lower sensitivity to high BCCuS group, such as
Phenformin, which can improve insulin sensitivity of breast cancer
tissue, consuming nucleotide triphosphate and may hinder nucleotide
synthesis, thus playing a role in inhibiting cancer (Janzer et al., 2014).

Our current research only uses TCGA data, and data validation
from other sources needs to be supplemented in subsequent work. In
qPCR expression of 10 pairs of breast cancer and adjacent samples,
FDX1, key upstream gene of cuproptosis pathway, downregulated in
cancer samples. Cuproptosis could act as a protective factor in normal
body cells, for initiating programmed cell death in cells with abnormal
accumulation of copper ions. In breast cancer cell, lack of FDX1 may
lead to the failure in startup of this “suicide”mechanism, leading to the

FIGURE 10
qPCR of primary breast cancer tissues and normal tissues adjacent to the cancer from 10 patients with breast cancer diagnosed in the breast center of
Jiangsu Province, China (A,B) qPCR relative expression data of twomodel lncRNAs (C–I) qPCR relative expression data of seven cuproptosis-related genes (J)
Correlation heat map of nine Cuproptosis-related genes and twomodel lncRNAs’ experimental expression (p-value < .001: “***”, p-value < .01: “**”, p-value <
.05: “*”).
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escape of breast cancer cells from cuproptosis. Two model lncRNAs,
USP2-AS1 and NIFK-AS1 both downregulated in breast cancer
samples, while USP2-AS1 is a risk factor in uniCox regression.
USP2-AS1 is reported to be a direct transcriptional target of the
oncoprotein c-Myc, and the expression levels of c-Myc and USP2-AS1
are positively correlated in different types of cancer, including colon
adenocarcinoma (COAD), rectal adenocarcinoma (READ), breast
cancer invasive carcinoma (BRCA), prostate adenocarcinoma
(PRAD) and gastric adenocarcinoma (STAD), therefore we can
determine USP2-AS1 as the cancer promoting factor of breast
cancer (Li et al., 2021). Different from other cancers, c-Myc is up-
regulated in only one-third of breast cancer, so the lower expression of
USP2-AS1 in breast cancer can be explained, insufficient sample size
may also increase bias (Beroukhim et al., 2010). In univariate Cox
analysis, one-third of patients with up-regulated expression of USP2-
AS1 may contribute to a particularly short survival time, which
ultimately leads to a statistically determined risk factor. Subsequent
research will focus on distinguishing the subtypes with up regulation
and down regulation of c-Myc in breast cancer, and studying the
prognostic role of USP2-AS1 in subtype samples.

Overall, our study constructed a novel cuproptosis-related lncRNA
signature (BCCuS) in breast cancer. And we experimentally verified the
cuproptosis gene set and model lncRNAs were.

Conclusion

Taken together, our study defined a novel cuproptosis-related
lncRNA signature (BCCuS) in breast cancer. The cuproptosis-related
lncRNA signature may provide new insights into predicting the
prognosis of patients with breast cancer. The related pathways and
immunological functions of BCCuS may help to develop new
therapeutic targets for breast cancer. The screening of anti-cancer
drugs sensitive in both high and low BCCuS groups may be able to
improve the benefit rate of patients.

Statistical analysis

Statistical analyses were performed using the R v.4.1.3 (https://www.
r-project.org/). The linear mixed-effects model was used to analyze the
differences in gene expression between tumor and normal tissues.
Univariate and multivariate Cox regression analyses or the Log-
ranch test were used to investigate the relationship between gene
expression and the patients’ overall survival and to construct the risk
model. The association between riskmodel and the immune function, as

well as drug sensitivity, was given via the calculation of Spearman’s or
Pearson’s correlation coefficients. In addition, linear regression was used
to investigate the relationship between gene expression and the patients’
clinical characteristics, immune components, TIDE score, and TMB.
Statistical significance is defined as p < .05. The relative gene expression
in PCR was obtained by logarithmic conversion of CT value.

Data availability statement

The original contributions presented in the study are included in
the article/supplementary material, further inquiries can be directed to
the corresponding authors.

Ethics statement

The studies involving human participants were reviewed and
approved by Ethics Committee of Nanjing Medical University;
Ethics Committee of Jiangsu Cancer Hospital. The patients/
participants provided their written informed consent to participate
in this study.

Author contributions

Q-TX, Z-WW and M-YC did the analysis and experiments. Q-TX
prepared Figures 1–10 and Tables 1, 2; Q-TX wrote the main
manuscript text; QD and J-FW provided guidance for the subject;
All authors reviewed the manuscript.

Conflict of interest

The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could be
construed as a potential conflict of interest.

Publisher’s note

All claims expressed in this article are solely those of the authors
and do not necessarily represent those of their affiliated organizations,
or those of the publisher, the editors and the reviewers. Any product
that may be evaluated in this article, or claim that may be made by its
manufacturer, is not guaranteed or endorsed by the publisher.

References

Ashburner, M., Ball, C. A., Blake, J. A., Botstein, D., Butler, H., Cherry, J. M., et al. (2000).
Gene ontology: Tool for the unification of biology. The gene ontology consortium. Nat.
Genet. 25, 25–29. doi:10.1038/75556

Badve, S. S., and Gökmen-Polar, Y. (2019). TP53 status and estrogen receptor-beta in
triple-negative breast cancer: Company matters. J. Natl. Cancer Inst. 111, 1118–1119.
doi:10.1093/jnci/djz052

Beroukhim, R., Mermel, C. H., Porter, D., Wei, G., Raychaudhuri, S., Donovan, J., et al.
(2010). The landscape of somatic copy-number alteration across human cancers. Nature
463, 899–905. doi:10.1038/nature08822

Bray, F., Ferlay, J., Soerjomataram, I., Siegel, R. L., Torre, L. A., and Jemal, A. (2018).
Global cancer statistics 2018: GLOBOCAN estimates of incidence and mortality

worldwide for 36 cancers in 185 countries. CA a cancer J. Clin. 68, 394–424. doi:10.
3322/caac.21492

Burr, S. P., Costa, A. S., Grice, G. L., Timms, R. T., Lobb, I. T., Freisinger, P., et al. (2016).
Mitochondrial protein lipoylation and the 2-oxoglutarate dehydrogenase complex controls
HIF1α stability in aerobic conditions. Cell metab. 24, 740–752. doi:10.1016/j.cmet.2016.09.015

Carlini,M. J., Recouvreux,M. S., Simian,M., andNagai,M. A. (2018). Gene expression profile
and cancer-associated pathways linked to progesterone receptor isoform a (PRA) predominance
in transgenic mouse mammary glands. BMC cancer 18, 682. doi:10.1186/s12885-018-4550-z

Couch, F. J., Shimelis, H., Hu, C., Hart, S. N., Polley, E. C., Na, J., et al. (2017).
Associations between cancer predisposition testing panel genes and breast cancer. JAMA
Oncol. 3, 1190–1196. doi:10.1001/jamaoncol.2017.0424

Frontiers in Pharmacology frontiersin.org12

Xu et al. 10.3389/fphar.2022.1115608

https://www.r-project.org/
https://www.r-project.org/
https://doi.org/10.1038/75556
https://doi.org/10.1093/jnci/djz052
https://doi.org/10.1038/nature08822
https://doi.org/10.3322/caac.21492
https://doi.org/10.3322/caac.21492
https://doi.org/10.1016/j.cmet.2016.09.015
https://doi.org/10.1186/s12885-018-4550-z
https://doi.org/10.1001/jamaoncol.2017.0424
https://www.frontiersin.org/journals/pharmacology
https://www.frontiersin.org
https://doi.org/10.3389/fphar.2022.1115608


Cronin, M., Sangli, C., Liu, M. L., Pho, M., Dutta, D., Nguyen, A., et al. (2007). Analytical
validation of the Oncotype DX genomic diagnostic test for recurrence prognosis and
therapeutic response prediction in node-negative, estrogen receptor-positive breast cancer.
Clin. Chem. 53, 1084–1091. doi:10.1373/clinchem.2006.076497

DeSantis, C. E., Ma, J., Gaudet, M. M., Newman, L. A., Miller, K. D., Goding Sauer, A.,
et al. (2019). Breast cancer statistics. CA a cancer J. Clin. 69, 438–451. doi:10.3322/caac.
21583

Ezzat, A., Raja, M. A., Berry, J., Bazarbashi, S., Zwaan, F., Rahal, M., et al. (1997). A phase
II trial of circadian-timed paclitaxel and cisplatin therapy in metastatic breast cancer. Ann.
Oncol. 8, 663–667. official journal of the European Society for Medical Oncology. doi:10.
1023/a:1008228121390

Feng, A., He, L., Chen, T., and Xu, M. (2022). A novel cuproptosis-related lncRNA
nomogram to improve the prognosis prediction of gastric cancer. Front. Oncol. 12, 957966.
doi:10.3389/fonc.2022.957966

Fumagalli, D., and Sotiriou, C. (2010). Treatment of pT1N0 breast cancer: Multigene
predictors to assess risk of relapse. Ann. Oncol. 21 (7), vii103–6. official journal of the
European Society for Medical Oncology. doi:10.1093/annonc/mdq423

Ge, S., Wang, D., Kong, Q., Gao, W., and Sun, J. (2017). Function of miR-152 as a tumor
suppressor in human breast cancer by targeting PIK3CA. Oncol. Res. 25, 1363–1371.
doi:10.3727/096504017X14878536973557

Geeleher, P., Cox, N., and Huang, R. S. (2014). pRRophetic: an R package for prediction
of clinical chemotherapeutic response from tumor gene expression levels. PloS one 9,
e107468. doi:10.1371/journal.pone.0107468

Giordano, S. H., Temin, S., Kirshner, J. J., Chandarlapaty, S., Crews, J. R., Davidson, N.
E., et al. (2014). Systemic therapy for patients with advanced human epidermal growth
factor receptor 2-positive breast cancer: American society of clinical oncology clinical
practice guideline. J. Clin. Oncol. 32, 2078–2099. official journal of the American Society of
Clinical Oncology. doi:10.1200/JCO.2013.54.0948

Goldhirsch, A., Wood,W. C., Coates, A. S., Gelber, R. D., Thürlimann, B., and Senn, H. J.
(2011). Strategies for subtypes-dealing with the diversity of breast cancer: Highlights of the
st. Gallen international expert consensus on the primary therapy of early breast cancer
2011. Ann. Oncol. 22, 1736. official journal of the European Society for Medical Oncology.
doi:10.1093/annonc/mdr304

Green, M. D., Francis, P. A., Gebski, V., Harvey, V., Karapetis, C., Chan, A., et al. (2009).
Gefitinib treatment in hormone-resistant and hormone receptor-negative advanced breast
cancer. Ann. Oncol. 20, 1813–1817. official journal of the European Society for Medical
Oncology. doi:10.1093/annonc/mdp202

Gyanchandani, R., Lin, Y., Lin, H. M., Cooper, K., Normolle, D. P., Brufsky, A., et al.
(2016). Intratumor heterogeneity affects gene expression profile test prognostic risk
stratification in early breast cancer. Clin. cancer Res. 22, 5362–5369. an official journal
of the American Association for Cancer Research. doi:10.1158/1078-0432.CCR-15-2889

Harbeck, N., and Gnant, M. (2017). Breast cancer. Lancet (London, Engl. 389,
1134–1150. doi:10.1016/S0140-6736(16)31891-8

Janzer, A., German, N. J., Gonzalez-Herrera, K. N., Asara, J. M., Haigis, M. C., and
Struhl, K. (2014). Metformin and phenformin deplete tricarboxylic acid cycle and
glycolytic intermediates during cell transformation and NTPs in cancer stem cells.
Proc. Natl. Acad. Sci. U. S. A. 111, 10574–10579. doi:10.1073/pnas.1409844111

Jiang, P., Gu, S., Pan, D., Fu, J., Sahu, A., Hu, X., et al. (2018). Signatures of T cell
dysfunction and exclusion predict cancer immunotherapy response. Nat. Med. 24,
1550–1558. doi:10.1038/s41591-018-0136-1

Jiang, Y. Z., Yu, K. D., Bao, J., Peng, W. T., and Shao, Z. M. (2014). Favorable prognostic
impact in loss of TP53 and PIK3CA mutations after neoadjuvant chemotherapy in breast
cancer. Cancer Res. 74, 3399–3407. doi:10.1158/0008-5472.CAN-14-0092

Kanehisa, M., Furumichi, M., Tanabe, M., Sato, Y., and Morishima, K. (2017). Kegg:
New perspectives on genomes, pathways, diseases and drugs. Nucleic acids Res. 45,
D353–d361. doi:10.1093/nar/gkw1092

Katoh, M., and Katoh, M. (2003). KIAA1735 gene on human chromosome
11q23.1 encodes a novel protein with myosine-tail homologous domain and
C-terminal DIX domain. Int. J. Oncol. 23, 145–150. doi:10.3892/ijo.23.1.145

Li, B., Zhang, G., Wang, Z., Yang, Y., Wang, C., Fang, D., et al. (2021). c-Myc-activated
USP2-AS1 suppresses senescence and promotes tumor progression via stabilization of
E2F1 mRNA. Cell death Dis. 12, 1006. doi:10.1038/s41419-021-04330-2

Liang, Y., Song, X., Li, Y., Chen, B., Zhao, W., Wang, L., et al. (2020). LncRNA
BCRT1 promotes breast cancer progression by targeting miR-1303/PTBP3 axis. Mol.
Cancer 19, 85. doi:10.1186/s12943-020-01206-5

Liu, F., Zhang, W., You, X., Liu, Y., Li, Y., Wang, Z., et al. (2015). The oncoprotein
HBXIP promotes glucose metabolism reprogramming via downregulating SCO2 and
PDHA1 in breast cancer. Oncotarget 6, 27199–27213. doi:10.18632/oncotarget.4508

Mahara, S., Lee, P. L., Feng, M., Tergaonkar, V., Chng, W. J., and Yu, Q. (2016). HIFI-α
activation underlies a functional switch in the paradoxical role of Ezh2/PRC2 in breast
cancer. Proc. Natl. Acad. Sci. U. S. A. 113, E3735–E3744. doi:10.1073/pnas.1602079113

Manikandamathavan, V. M., Thangaraj, M., Weyhermuller, T., Parameswari, R. P.,
Punitha, V., Murthy, N. N., et al. (2017). Novel mononuclear Cu (II) terpyridine
complexes: Impact of fused ring thiophene and thiazole head groups towards DNA/
BSA interaction, cleavage and antiproliferative activity onHepG2 and triple negative CAL-
51 cell line. Eur. J. Med. Chem. 135, 434–446. doi:10.1016/j.ejmech.2017.04.030

Mao, C., Wang, X., Liu, Y., Wang, M., Yan, B., Jiang, Y., et al. (2018). A G3BP1-
interacting lncRNA promotes ferroptosis and apoptosis in cancer via nuclear sequestration
of p53. Cancer Res. 78, 3484–3496. doi:10.1158/0008-5472.CAN-17-3454

Mathieu, M. C., Mazouni, C., Kesty, N. C., Zhang, Y., Scott, V., Passeron, J., et al. (2012).
Breast Cancer Index predicts pathological complete response and eligibility for breast
conserving surgery in breast cancer patients treated with neoadjuvant chemotherapy. Ann.
Oncol. 23, 2046–2052. official journal of the European Society for Medical Oncology.
doi:10.1093/annonc/mdr550

Mook, S., Schmidt, M. K., Weigelt, B., Kreike, B., Eekhout, I., van de Vijver, M. J., et al.
(2010). The 70-gene prognosis signature predicts early metastasis in breast cancer patients
between 55 and 70 years of age. Ann. Oncol. 21, 717–722. official journal of the European
Society for Medical Oncology. doi:10.1093/annonc/mdp388

Moon, A., Yong, H. Y., Song, J. I., Cukovic, D., Salagrama, S., Kaplan, D., et al. (2008).
Global gene expression profiling unveils S100A8/A9 as candidate markers in H-ras-
mediated human breast epithelial cell invasion. Mol. cancer Res. MCR 6, 1544–1553.
doi:10.1158/1541-7786.MCR-08-0189

Paoletti, C., and Hayes, D. F. (2014). Molecular testing in breast cancer. Annu. Rev. Med.
65, 95–110. doi:10.1146/annurev-med-070912-143853

Pardini, B. A.-O., and Dragomir, M. P. (2021). SCIRT lncRNA blocks the shot of breast
cancer cells self-renewal mechanism. Cancer Res. 81, 535. doi:10.1158/0008-5472.CAN-
20-3903

Polychronis, A., Sinnett, H. D., Hadjiminas, D., Singhal, H., Mansi, J. L., Shivapatham,
D., et al. (2005). Preoperative gefitinib versus gefitinib and anastrozole in postmenopausal
patients with oestrogen-receptor positive and epidermal-growth-factor-receptor-positive
primary breast cancer: A double-blind placebo-controlled phase II randomised trial.
Lancet. Oncol. 6, 383–391. doi:10.1016/S1470-2045(05)70176-5

Prat, A., and Perou, C. M. (2011). Deconstructing the molecular portraits of breast
cancer. Mol. Oncol. 5, 5–23. doi:10.1016/j.molonc.2010.11.003

Qin, T., Li, B., Feng, X., Fan, S., Liu, L., Liu, D., et al. (2018). Abnormally elevated
USP37 expression in breast cancer stem cells regulates stemness, epithelial-mesenchymal
transition and cisplatin sensitivity. J. Exp. Clin. cancer Res. CR 37, 287. doi:10.1186/s13046-
018-0934-9

Rakha, E. A., Reis-Filho, J. S., and Ellis, I. O. (2008). Impact of basal-like breast
carcinoma determination for a more specific therapy. Pathobiology J. Immunopathol.
Mol. Cell. Biol. 75, 95–103. doi:10.1159/000123847

Scheurer, T., Steffens, J., Markert, A., Du Marchie Sarvaas, M., Roderburg, C., Rink, L.,
et al. (2022). The human long noncoding RNAs CoroMarker, MALAT1, CDR1as, and
LINC00460 in whole blood of individuals after controlled short-term exposure with
ultrafine metal fume particles at workplace conditions, and in human macrophages
in vitro. J. Occup. Med. Toxicol. Lond. Engl. 17, 15. doi:10.1186/s12995-022-00356-0

Shanbhag, V., Jasmer-McDonald, K., Zhu, S., Martin, A. L., Gudekar, N., Khan, A., et al.
(2019). ATP7A delivers copper to the lysyl oxidase family of enzymes and promotes
tumorigenesis and metastasis. Proc. Natl. Acad. Sci. U. S. A. 116, 6836–6841. doi:10.1073/
pnas.1817473116

Sotiriou, C., and Pusztai, L. (2009). Gene-expression signatures in breast cancer. N. Engl.
J. Med. 360, 790–800. doi:10.1056/NEJMra0801289

Swain, S. M., Miles, D., Kim, S. B., Im, Y. H., Im, S. A., Semiglazov, V., et al. (2020).
Pertuzumab, trastuzumab, and docetaxel for HER2-positive metastatic breast cancer
(CLEOPATRA): End-of-study results from a double-blind, randomised, placebo-
controlled, phase 3 study. Lancet. Oncol. 21, 519–530. doi:10.1016/S1470-2045(19)
30863-0

Tsai, M., Lo, S., Audeh, W., Qamar, R., Budway, R., Levine, E., et al. (2018). Association
of 70-gene signature assay findings with physicians’ treatment guidance for patients with
early breast cancer classified as intermediate risk by the 21-gene assay. JAMA Oncol. 4,
e173470. doi:10.1001/jamaoncol.2017.3470

Tsvetkov, P., Coy, S., Petrova, B., Dreishpoon, M., Verma, A., Abdusamad, M., et al.
(2022). Copper induces cell death by targeting lipoylated TCA cycle proteins. Sci. (New
York, N.Y.) 375, 1254–1261. doi:10.1126/science.abf0529

Waks, A. G., and Winer, E. P. (2019). Breast cancer treatment: A review. Jama 321,
288–300. doi:10.1001/jama.2018.19323

Wang, H., Guo, S., Kim, S. J., Shao, F., Ho, J. W. K., Wong, K. U., et al. (2021). Cisplatin
prevents breast cancer metastasis through blocking early EMT and retards cancer growth
together with paclitaxel. Theranostics 11, 2442–2459. doi:10.7150/thno.46460

Wang, J., Xie, S., Yang, J., Xiong, H., Jia, Y., Zhou, Y., et al. (2019). The long noncoding
RNA H19 promotes tamoxifen resistance in breast cancer via autophagy. J. Hematol.
Oncol. 12, 81. doi:10.1186/s13045-019-0747-0

Wijshake, T., Zou, Z., Chen, B., Zhong, L., Xiao, G., Xie, Y., et al. (2021). Tumor-
suppressor function of Beclin 1 in breast cancer cells requires E-cadherin. Proc. Natl. Acad.
Sci. U. S. A. 118, e2020478118. doi:10.1073/pnas.2020478118

Woo, J. W., Chung, Y. R., Kim, M., Choi, H. Y., Ahn, S., and Park, S. Y. (2021).
Prognostic significance of S100A8-positive immune cells in relation to other immune cell
infiltration in pre-invasive and invasive breast cancers. CII 70, 1365–1378. doi:10.1007/
s00262-020-02776-5

Xu, S., Liu, D., Chang, T., Wen, X., Ma, S., Sun, G., et al. (2022). Cuproptosis-associated
lncRNA establishes new prognostic profile and predicts immunotherapy response in clear
cell renal cell carcinoma. Front. Genet. 13, 938259. doi:10.3389/fgene.2022.938259

Frontiers in Pharmacology frontiersin.org13

Xu et al. 10.3389/fphar.2022.1115608

https://doi.org/10.1373/clinchem.2006.076497
https://doi.org/10.3322/caac.21583
https://doi.org/10.3322/caac.21583
https://doi.org/10.1023/a:1008228121390
https://doi.org/10.1023/a:1008228121390
https://doi.org/10.3389/fonc.2022.957966
https://doi.org/10.1093/annonc/mdq423
https://doi.org/10.3727/096504017X14878536973557
https://doi.org/10.1371/journal.pone.0107468
https://doi.org/10.1200/JCO.2013.54.0948
https://doi.org/10.1093/annonc/mdr304
https://doi.org/10.1093/annonc/mdp202
https://doi.org/10.1158/1078-0432.CCR-15-2889
https://doi.org/10.1016/S0140-6736(16)31891-8
https://doi.org/10.1073/pnas.1409844111
https://doi.org/10.1038/s41591-018-0136-1
https://doi.org/10.1158/0008-5472.CAN-14-0092
https://doi.org/10.1093/nar/gkw1092
https://doi.org/10.3892/ijo.23.1.145
https://doi.org/10.1038/s41419-021-04330-2
https://doi.org/10.1186/s12943-020-01206-5
https://doi.org/10.18632/oncotarget.4508
https://doi.org/10.1073/pnas.1602079113
https://doi.org/10.1016/j.ejmech.2017.04.030
https://doi.org/10.1158/0008-5472.CAN-17-3454
https://doi.org/10.1093/annonc/mdr550
https://doi.org/10.1093/annonc/mdp388
https://doi.org/10.1158/1541-7786.MCR-08-0189
https://doi.org/10.1146/annurev-med-070912-143853
https://doi.org/10.1158/0008-5472.CAN-20-3903
https://doi.org/10.1158/0008-5472.CAN-20-3903
https://doi.org/10.1016/S1470-2045(05)70176-5
https://doi.org/10.1016/j.molonc.2010.11.003
https://doi.org/10.1186/s13046-018-0934-9
https://doi.org/10.1186/s13046-018-0934-9
https://doi.org/10.1159/000123847
https://doi.org/10.1186/s12995-022-00356-0
https://doi.org/10.1073/pnas.1817473116
https://doi.org/10.1073/pnas.1817473116
https://doi.org/10.1056/NEJMra0801289
https://doi.org/10.1016/S1470-2045(19)30863-0
https://doi.org/10.1016/S1470-2045(19)30863-0
https://doi.org/10.1001/jamaoncol.2017.3470
https://doi.org/10.1126/science.abf0529
https://doi.org/10.1001/jama.2018.19323
https://doi.org/10.7150/thno.46460
https://doi.org/10.1186/s13045-019-0747-0
https://doi.org/10.1073/pnas.2020478118
https://doi.org/10.1007/s00262-020-02776-5
https://doi.org/10.1007/s00262-020-02776-5
https://doi.org/10.3389/fgene.2022.938259
https://www.frontiersin.org/journals/pharmacology
https://www.frontiersin.org
https://doi.org/10.3389/fphar.2022.1115608


Xu, Y., Liu, S. Y., Zeng, L., Ma, H., Zhang, Y., Yang, H., et al. (2022). An enzyme-
engineered nonporous copper(I) coordination polymer nanoplatform for cuproptosis-
based synergistic cancer therapy. Adv. Mater. Deerf. Beach, Fla.) 34, e2204733. doi:10.
1002/adma.202204733

Xue, Z., Vis, D. J., Bruna, A., Sustic, T., van Wageningen, S., Batra, A. S., et al. (2018).
MAP3K1 and MAP2K4 mutations are associated with sensitivity to MEK inhibitors in
multiple cancer models. Cell Res. 28, 719–729. doi:10.1038/s41422-018-0044-4

Yang, M., Zheng, H., Xu, K., Yuan, Q., Aihaiti, Y., Cai, Y., et al. (2022). A novel signature
to guide osteosarcoma prognosis and immune microenvironment: Cuproptosis-related
lncRNA. Front. Immunol. 13, 919231. doi:10.3389/fimmu.2022.919231

Yu, F., Quan, F., Xu, J., Zhang, Y., Xie, Y., Zhang, J., et al. (2019). Breast cancer prognosis
signature: Linking risk stratification to disease subtypes. Briefings Bioinforma. 20,
2130–2140. doi:10.1093/bib/bby073

Zacksenhaus, E., Shrestha, M., Liu, J. C., Vorobieva, I., Chung, P. E. D., Ju, Y., et al.
(2017). Mitochondrial OXPHOS induced by RB1 deficiency in breast cancer: Implications

for anabolic metabolism, stemness, and metastasis. Trends cancer 3, 768–779. doi:10.1016/
j.trecan.2017.09.002

Zhang, J., Duan, D., Xu, J., and Fang, J. (2018). Redox-dependent copper carrier
promotes cellular copper uptake and oxidative stress-mediated apoptosis of cancer
cells. ACS Appl. Mater. interfaces 10, 33010–33021. doi:10.1021/acsami.8b11061

Zhang, Y., Xiong, S., Liu, B., Pant, V., Celii, F., Chau, G., et al. (2018). Somatic
Trp53 mutations differentially drive breast cancer and evolution of metastases. Nat.
Commun. 9, 3953. doi:10.1038/s41467-018-06146-9

Zheng, P., Zhou, C., Lu, L., Liu, B., and Ding, Y. (2022). Elesclomol: A copper ionophore
targeting mitochondrial metabolism for cancer therapy. J. Exp. Clin. cancer Res. CR 41,
271. doi:10.1186/s13046-022-02485-0

Zheng, Q. X., Wang, J., Gu, X. Y., Huang, C. H., Chen, C., Hong, M., et al. (2021). TTN-
AS1 as a potential diagnostic and prognostic biomarker for multiple cancers. Biomed.
Pharmacother. = Biomedecine Pharmacother. 135, 111169. doi:10.1016/j.biopha.2020.
111169

Frontiers in Pharmacology frontiersin.org14

Xu et al. 10.3389/fphar.2022.1115608

https://doi.org/10.1002/adma.202204733
https://doi.org/10.1002/adma.202204733
https://doi.org/10.1038/s41422-018-0044-4
https://doi.org/10.3389/fimmu.2022.919231
https://doi.org/10.1093/bib/bby073
https://doi.org/10.1016/j.trecan.2017.09.002
https://doi.org/10.1016/j.trecan.2017.09.002
https://doi.org/10.1021/acsami.8b11061
https://doi.org/10.1038/s41467-018-06146-9
https://doi.org/10.1186/s13046-022-02485-0
https://doi.org/10.1016/j.biopha.2020.111169
https://doi.org/10.1016/j.biopha.2020.111169
https://www.frontiersin.org/journals/pharmacology
https://www.frontiersin.org
https://doi.org/10.3389/fphar.2022.1115608

	A novel cuproptosis-related prognostic 2-lncRNAs signature in breast cancer
	Introduction
	Materials and methods
	Process summary and data sources
	Identification of cuproptosis-related lncRNAs
	lncRNAs model constructed
	Model test and mechanism exploration
	Screening of anticancer drugs
	Acquisition of breast tissue samples
	Quantitative real-time PCR (qRT-PCR)
	Statistical analysis

	Results
	Screening of cuproptosis related lncRNAs
	Grouping fairness proof
	Establishment of cuproptosis associated lncRNA model
	Validation of BCCuS in breast cancer
	Model related biological mechanism
	Relationship between BCCuS and immune function
	Relationship between model score and mutation
	Machine learning screening of BCCuS-sensitive anticancer drugs
	Experimental validation by qPCR

	Discussion
	Conclusion
	Statistical analysis
	Data availability statement
	Ethics statement
	Author contributions
	Conflict of interest
	Publisher’s note
	References


