
Frontiers in Cellular and Infection Microbiolo

Edited by:
Laura K. Sycuro,

University of Calgary, Canada

Reviewed by:
Irene Yang,

Emory University, United States
Jonathon L. Baker,

J. Craig Venter Institute (La Jolla),
United States

*Correspondence:
Sisun Liu

3087362122@qq.com
Yi-E Huang

46513958@qq.com

†These authors have contributed
equally to this work and

share first authorship

Specialty section:
This article was submitted to

Microbiome in Health and Disease,
a section of the journal
Frontiers in Cellular and
Infection Microbiology

Received: 03 July 2020
Accepted: 31 May 2021
Published: 17 June 2021

Citation:
Yin C, Chen J, Wu X, Liu Y, He Q,

Cao Y, Huang Y-E and Liu S (2021)
Preterm Birth Is Correlated With

Increased Oral Originated
Microbiome in the Gut.

Front. Cell. Infect. Microbiol. 11:579766.
doi: 10.3389/fcimb.2021.579766

ORIGINAL RESEARCH
published: 17 June 2021

doi: 10.3389/fcimb.2021.579766
Preterm Birth Is Correlated With
Increased Oral Originated
Microbiome in the Gut
Chunhua Yin1†, Jingrui Chen1†, Xuena Wu1†, Yeling Liu2, Quan He1, Ying Cao3,
Yi-E Huang4* and Sisun Liu1*

1 Department of Obstetrics and Gynecology, The First Affiliated Hospital of Nanchang University, Nanchang, China,
2 Anatomy and Pathology Department, Jiangxi Health Vocational College, Nanchang, China, 3 Nursing Department, The First
Affiliated Hospital of Nanchang University, Nanchang, China, 4 Shenzhen Baoan Women’s and Children’s Hospital, Jinan
University, Shenzhen, China

Background: Preterm birth is one of the leading causes of perinatal morbidity and
mortality. Gut microbiome dysbiosis is closely related to adverse pregnancy outcomes.
However, the role of the gut microbiome in the pathogenesis of preterm birth remains
poorly studied.

Method: We collected fecal samples from 41 women (cases presenting with threatened
preterm labor =19, 11 of which delivered preterm; gestational age-matched no-labor
controls, all of which delivered at term = 22) were recruited for the study. We performed
16S rRNA amplicon sequencing to compare the composition of the gut microbiome in
threatened preterm labor cases and controls and among women who delivered preterm
and at term. By annotating taxonomic biomarkers with the Human Oral Microbiome
Database, we observed an increased abundance of potential oral-to-gut bacteria in
preterm patients.

Results: Patients with preterm birth showed a distinct gut microbiome dysbiosis
compared with those who delivered at term. Opportunistic pathogens, particularly
Porphyromonas, Streptococcus, Fusobacterium, and Veillonella, were enriched,
whereas Coprococcus and Gemmiger were markedly depleted in the preterm group.
Most of the enriched bacteria were annotated oral bacteria using the Human Oral
Microbiome Database. These potential oral-to-gut bacteria were correlated with clinical
parameters that reflected maternal and fetal status.

Conclusions: This study suggests that patients who deliver preterm demonstrate altered
gut microbiome that may contain higher common oral bacteria.
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INTRODUCTION

Preterm birth, defined as birth before 37 weeks, is one of the
leading causes of global neonatal morbidity. An estimated 15
million infants are born preterm every year (Blencowe et al.,
2012; Liu et al., 2016). Preterm birth complications can increase
the risk of metabolic abnormalities, respiratory distress, and poor
neurobehavioral development in mothers and newborns
(Mwaniki et al., 2012; Platt, 2014). Although infectious and
sterile inflammation, oxidative stress and maternal hormone
imbalance are recognized as important factors for preterm
birth (Romero et al., 2005; Keelan, 2018), the etiology
remains controversial.

In the recent decade, growing evidence has shown that the
human microbiome plays a critical role in the development of
many diseases. While the changes in the maternal vaginal
microbiome and the development of the infant microbiome
across different body sites have been well studied, the
relationship between the maternal gut microbiome and
preterm birth is rarely reported (Mychaliska, 2014). The
dysbiosis of the maternal gut microbiome could result in
severe gestational disease, including preeclampsia, gestational
diabetes mellitus and metabolic syndrome (Koren et al., 2012;
Wang et al., 2018; Chen et al., 2020). The gut microbiome may
deliver new insights into understanding mechanisms and
potential clinical strategies to detect the risk of preterm
delivery and prevent preterm birth.

In the present study, we recruited patients experiencing
threatened preterm labor and healthy pregnant women not in
labor to provide fecal samples at similar gestational age to
investigate the association of intestinal microbes with the
outcome of preterm birth. We performed 16S rRNA gene
amplicon sequencing to identify gut bacteria exhibiting altered
abundance in women who experienced early/late preterm birth.
METHODS

Research Participants and
Sample Collection
Healthy pregnant women and those with threatened preterm
labor were recruited in the Department of Obstetrics, The First
Affiliated Hospital of Nanchang University, Jiangxi Province,
China. Ethical approval of the study was granted by the Ethics
Committee of the First Affiliated Hospital of Nanchang
University (2019-061). All participants have been informed of
the purpose, background, process, risks, and benefits of the
study, and signed the informed consent to participate in this
study. The Department of Gynecology and Obstetrics, the First
affiliated Hospital of Nanchang University was responsible for
the study.

The inclusion criteria of patients: (1) The patients delivered
between 28 weeks and 37 weeks of gestation, which were
classified into preterm group. (2) The patients at 28 weeks and
less than 37 weeks gestation suffered regular or irregular
contractions accompanied by progressive dilation or
Frontiers in Cellular and Infection Microbiology | www.frontiersin.org 2
shortening of the cervical canal, which were classified into
Sym.preterm group in this study.

The exclusion criteria of patients: (1) Administration of any
antibiotic or probiotic treatment one month before sample
collection. (2) Diseases that may affect microbiome
composition such as thyroid disorders, asthma, lipid metabolic
disorders, inflammatory bowel disease, irritable bowel syndrome,
and celiac disease. (3) Other obstetric conditions complicating
pregnancy, such as gestational hypertension, gestational diabetes,
twin or multiple pregnancies, placenta previa. (4) Other chronic
diseases, such as chronic hypertension, chronic kidney disease.
(5) Termination of pregnancy due to fetal or maternal factors.
Fecal samples were collected from all enrolled subjects at the
hospital, while samples from patients with threatened preterm
labor were taken at symptom initiation. The fecal samples were
collected at admission and the average sampling time of preterm
group was 25.9 gestational weeks and 26.5 gestational weeks for
the control group. All fecal samples were stored at −80°C until
further processing.

Bacterial Genomic DNA Extraction,
Sample Processing, and Sequencing
Bacterial genomic DNA was extracted using a MinkaGene Stool
DNA kit (Magigene, Guangdong, China) according to the
manufacturer’s instructions. After extraction, the 16S rRNA V4
region was amplified by quantitative real-time PCR with the
following barcoded primers (shown from 5′ to 3′): V4F,
GTGYCAGCMGCCGCGGTAA and V4R, GGACTAC
NVGGGTWTCTAAT. Sun and colleagues (Sun et al., 2013)
showed that the V4 and V5 regions of bacteria 16S rRNA
concentrate the least intragenomic heterogeneity. Further
works verified its efficiency by revision to the region primer
and avoided its bias to particular taxa like Proteobacteria
(Caporaso et al., 2011; Caporaso et al., 2012; Parada et al.,
2016; Walters et al., 2016). Therefore, in this study, 16S rRNA
V4 region was selected for sequencing. Briefly, amplifications
were performed using a step cycling protocol consisting of 98°C
for 30 s, 35 cycles at 98°C for 10 s, 54°C for 30 s, and 72°C for
45 s, ending with the final elongation at 72°C for 10 min. PCR
products were purified using an AxyPrep PCR Cleanup Kit
(Axygen, California, U.S.A.). Sequencing libraries were
generated using TruSeq DNA PCR-Free Sample Preparation
Kit ( I l lumina, USA) fol lowing the manufacturer ’s
recommendations, and index codes were added. The library
quality was assessed on the Qubit@ 2.0 Fluorometer (Thermo
Scientific) and Agilent Bioanalyzer 2100 system. The MiSeq
platform (Illumina, 2 × 250 bp paired-end, CA, USA) was
employed for the 16S rRNA sequencing.

Bioinformatics Processing
QIIME2 was used for controlling the sequencing data quality and
clustering the 16S rRNA gene reads into Amplicon Sequence
Variants [ASVs, based on DADA2 pipeline (Bolyen et al., 2019)],
taxonomic assignment (based on the Greengenes Database
V.13_8), and performing alpha diversity (Observed ASVs,
Shannon Index and Phylogenetic Diversity Whole Tree Index),
June 2021 | Volume 11 | Article 579766
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beta diversity, and PCoA analyses. All samples were rarefied to
3,000 sequences, and three samples were filtered. Permutational
multivariate analysis of variance (PERMANOVA) was
performed to determine if the microbiota composition differed
between groups and generate the explained variation based on
distance metrics. Linear discriminant analysis effect size (LEfSe)
was performed to identify the bacterial biomarkers between
groups (Segata et al., 2011). Distance-based redundancy
analysis and variance projection were employed to show the
tendency of variables. Oral bacteria were annotated according to
the Human Oral Microbiome Database (HOMD, www.homd.
org) (Chen et al., 2010). Sequencing reads had been uploaded on
European Nucleotide Archive (access number: PRJEB39133).

Statistical Analysis
The significance of differences between the two groups was
determined by the Wilcoxon rank-sum test. The Kruskal–
Wallis test was used for multi-groups. P values less than or
equal to 0.05 were considered significant. The Benjamini and
Hochberg method was used to adjust the P-value for multiple
hypotheses (Benjamini and Yekutieli, 2001). Correlation analyses
were performed based on the Pearson’s product–moment
correlation. Statistical analyses and data visualization were
performed using R V.3.5.0 (under RStudio V.1.1.453), with the
vegan, ggplot2, pheatmap and corrplot packages.
RESULTS

Gut Microbiome Profiles Differ in
Preterm Patients
After rarefied to 3,000 sequences, a total of 19 women with
threatened preterm labor and 22 healthy pregnant women were
included in the present study. In the threatened preterm group,
eight patients with preterm symptoms delivered (Sym.PTB) at
term, and 11 patients delivered preterm. The preterm-delivered
group was further divided into an early week preterm group
(seven women, Early PTB) and a late-week preterm group (four
women, Late-PTB), depending on whether the condition was
detected before 34 weeks of gestation. The clinical parameters are
summarized in Table 1.

The fecal samples of these participants were collected for
DNA extraction and 16S rRNA sequencing. By employing
QIIME2 bioinformatic software, we showed that alpha-
diversity indices, including observed ASVs, Shannon Index,
and PD Whole Tree Index, were increased in the preterm
Frontiers in Cellular and Infection Microbiology | www.frontiersin.org 3
group, indicating a higher richness and evenness in preterm
patients than in healthy controls. We did not observe significant
differences in alpha diversity within the preterm subgroups
(Figure 1A, Supplementary Figures S1A, B).

Beta diversity was calculated using the Bray–Curtis distance
metrics to measure the extent of similarity in fecal microbial
communities. According to the principal co-ordinate analysis,
the gut microbiome of the preterm group significantly differed
from that of the healthy group (PERMANOVA, P = 0.004, R2 =
0.051, Figure 1B), indicating that the structure of the microbiota
of preterm patients differed from that of healthy controls.
Interestingly, we observed that the preterm subgroups showed
a gradually drifting tendency away from the healthy groups with
increasing severity (PERMANOVA, P = 0.019, R2 = 0.107,
Figures 1C, D), which suggests there are distinct gut
microbiome profiles among laboring women who experience
term birth, late preterm birth, or early preterm birth.

Subsequently, we analyzed the phylum-level profiles for the
gut microbiota between preterm patients and healthy controls,
which were fairly similar. The dominant phyla of both healthy
and preterm groups were Firmicutes, Proteobacteria,
Actinobacteria, Bacteroidetes, Verrucomicrobia, and
Fusobacteria (Figure 1E).

Taken together, these results demonstrated the presence of
gut microbiota dysbiosis in preterm patients compared with
healthy controls.

Clinical Parameters Associated With Gut
Microbiota Dysbiosis
Given that the gut microbiota was significantly different between
preterm patients and healthy controls, we next investigated
whether the gut microbiota was associated with the clinical
parameters of patients.

To measure the extent of clinical parameters associated with
the gut microbiome between preterm patients and healthy
controls, we employed permutational multivariate analysis of
variance to calculate the explained variation in host parameters
based on the Bray–Curtis distance metric. Among 28 parameters
with less than 20%missing data, five were significantly associated
with gut microbial variations between preterm patients and
healthy controls, namely, gestational age (recorded in weeks),
neonatal weight, and Apgar scores (at 1, 5, and 10 min)
(Supplementary Figure S2A). For the preterm subgroups,
eight parameters were significantly associated with the
subgroup microbiome variation, namely, C-reactive protein
(CRP), tocolytic therapy, BMI at delivery, maternal age,
TABLE 1 | Characteristics of the study cohort.

Health (N = 22) Preterm (N = 19) Preterm subgroups

P.sym (N = 8) P.late (N = 4) P.early (N = 7)

Age 34.0 (5.30) 32.6 (4.54) 30.5 (3.63) 33.8 (5.50) 34.4 (4.54)
Gestational weeks 38.7 (1.19) 32.9 (7.45) 39.1 (1.37) 34.9 (0.443) 24.6 (5.43)
Weight 71.5 (7.32) 59.6 (8.91) 52.4 (7.14) 62.8 (1.89) 65.0 (8.47)
BMI at delivery 28.6 (2.25) 24.4 (3.98) 21.4 (3.21) 25.8 (1.49) 26.6 (3.97)
Neonatal weight 3,140 (368) 1,860 (1120) 3,000 (418) 2,360 (218) 756 (558)
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gestational age, and Apgar scores (at 1, 5, and 10 min)
(Supplementary Figure S2B). CRP is an inflammatory marker,
while other parameters correlate with maternal–fetus prenatal
and postpartum status, indicating that gut microbiome profiles
are distinguished by gestational age at delivery and other clinical
characteristics, many of which are expected to vary with
gestational age at delivery.

We used distance-based redundancy analysis (db-RDA) to
show the relationship of continuous parameters across samples
by using R package vegan based on the Bray–Curtis distance
metric. The projection of parameters demonstrated that
gestational age (in weeks) and Apgar scores extended along
axis-1, which distinguished between preterm patients and
healthy controls (Figures 2A–C). While in the projection of
preterm subgroup samples, CRP, BMI at delivery and maternal
age were almost in the opposite direction to gestational age,
neonatal weight, and Apgar scores, reflecting disease severity
(Figures 2D–J). In the subgroup analysis, we included 13
preterm patients without missing value of all the included host
parameters to avoid the projection change. Thus, the limited
sample size could only provide us suggested indications, and
further study on larger population is required. Altogether, these
Frontiers in Cellular and Infection Microbiology | www.frontiersin.org 4
results again indicated that the gut microbiome profiles of
preterm patients may be linked with other host parameters
known to correlate with gestational age at birth.

Potential Oral–Gut Bacterial
Translocation in Preterm Patients
To further identify the unique bacterial biomarkers between
preterm and healthy groups, we performed LEfSe analysis
based on the genus level and identified fifteen genera showing
significant differences. Preterm patients exhibited a significant
increase in the relative abundance of the genus Fusobacterium,
Streptococcus, Neisseria, Haemophilus, Lautropia, Porphyromonas,
Clostridium, Prevotella, Rothia, Oscillospira, Granuliccatella,
Actinomyces, and Bilophila. On the contrary, genus Coprococcus
and Gemmiger were depleted in preterm patients compared to
those in healthy controls (Figure 3A).

Of note, several genera enriched in preterm groups were
commonly considered oral pathogens, for example,
Porphyromonas, Streptococcus, and Fusobacterium. As oral
symptoms are common during pregnancy, we further
examined the changes in the common resident oral bacteria in
feces. We clustered and annotated bacteria to resident oral
A B

D E

C

FIGURE 1 | The diversity and composition of the gut microbiome. (A) Observed ASVs of all groups. Observed ASVs between the healthy group and the preterm
group (Wilcoxon rank-sum test), along with the preterm symptoms delivered group (Sym PTB), late-week preterm group (Late PTB) and early week preterm group
(Early PTB). (Subgroups are compared with healthy group using Wilcoxon rank-sum test and adjusted by the Benjamini and Hochberg method). (B, C) Bray–Curtis
distances PCoA of all groups. PCoA of Bray–Curtis distances for the bacterial community structure of the gut microbiome between the healthy group and the
preterm group (B), the healthy group and the Sym PTB group and the late PTB group and the early PTB group. (C) The eigenvalues of axe PC1 and PC2 were 0.29
(17.781%) and 0.46 (11.029%), respectively. The eigenvalues of axe PC1 and PC2 were 0.60 (17.781%) and 0.97 (11.029%), respectively. PERMANOVA was
employed. (D) Preterm subgroup distances to healthy group. The distance of the preterm birth subgroups to the healthy group, based on Bray–Curtis distances.
(E) Relative abundance of all groups. Comparison of the relative abundance of the dominant phylum in the healthy group, the preterm group, and the preterm birth
subgroups.
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microbes according to the HOMD database. The relative
abundance of common oral bacteria was markedly higher in
the preterm group than in the healthy group (P < 0.001), as in the
three subgroups (Figure 3B). We clustered the identified oral
bacteria to examine their distribution among all individuals.
Based on the heatmap, there was one cluster with thirteen genera
enriched in preterm patients. Of these, nine were identified by
LEfSe, and three were reported potential pathogens, indicating
the possible higher intensity of bacterial oral–gut-translocation
in preterm patients (Figure 3C). Among those enriched bacteria,
Fusobacterium, Porphyromonas, and Streptococcus were
common oral opportunistic pathogens.

Collectively, these results demonstrated that the gut
microbiota of preterm patients differed from that of healthy
individuals. Furthermore, a high proportion of genera enriched
in preterm patients coincided with oral opportunistic pathogens.

Potential Oral–Gut Translocated Bacteria
for Distinguishing Women in Preterm
From Healthy Control
Given that the gut microbiome profile was associated with the
status of preterm patients and potential oral–gut translocated
Frontiers in Cellular and Infection Microbiology | www.frontiersin.org 5
bacteria were enriched in preterm patients, we next investigated
the association between potential oral–gut translocated bacteria
and host parameters. We used Pearson’s product–moment
correlation to evaluate the link between the relative abundance
of oral-to-gut bacteria and host parameters. Results showed that
oral-to-gut bacteria were negatively correlated with gestational
age (in weeks), neonatal weight and Apgar scores (Figure 4).
Altogether, the oral bacteria were correlated with clinical
parameters reflecting the maternal and fetal status.
DISCUSSION

In the last few decades, a lack of effective methods for the prediction
and prevention of preterm birth has placed a burden on the medical
system and millions of families (Blencowe et al., 2012; Liu et al.,
2016). The present study aimed to seek results from the
microbiome. We found that maternal gut microbiome profiles
were distinct in women with early vs. late preterm birth. The
profile of the gut microbiome in preterm patients revealed that a
group of common resident oral bacteria was enriched and
associated with clinical parameters that reflected gestational and
A B

D E F G

IH J

C

FIGURE 2 | The association of the gut microbiome and host parameters. (A–C) Clinical features’ projection on all samples. The projection of continuous parameters
in the healthy group and the preterm group samples, based on the Bray–Curtis distance metric, gestational weeks (A), Apgar score at 5 min (B) and Apgar score at
1 min (C), respectively. (D–J) Clinical features projection on preterm birth subgroups. The projection of continuous parameters in the preterm subgroup samples,
based on the Bray–Curtis distance metric, BMI at delivery (D), CRP (E), age (F); Apgar score at 1 min (G) gestational weeks (H); Apgar score at 5 min (I) and
neonatal weight (J), respectively.
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infantile status. These potential oral-to-gut bacteria, evaluated by the
random forest model, would provide us another aspect to
understand the relationship of gut bacteria and preterm birth.

The gut dysbiosis in preterm patients observed in our study
echoed the findings of previous reports. Shiozaki et al. found
compositional changes in the gut microbiome using terminal
restriction fragment length polymorphism (Shiozaki et al., 2014).
Interestingly, the gut dysbiosis pattern showed the enrichment of
Porphyromonas, Fusobacterium,Veillonella, Streptococcus, Bilophila,
and Haemophilus in preterm patients. Similar to the gut bacterial
profile of pregnancy adverse outcome patients, Fusobacterium,
Streptococcus, and Veillonella are associated with chronic
inflammatory conditions, gut barrier damage, upregulate
inflammation and led to adverse pregnancy outcomes (Chen
et al., 2020). While in the present study, we found that alpha
Frontiers in Cellular and Infection Microbiology | www.frontiersin.org 6
diversity increased in the preterm group. Although alpha diversity
had been linked with gut health, it has also been reported to increase
in different kinds of diseases, including gynecology and obstetrics
disease (Prehn-Kristensen et al., 2018; Riquelme et al., 2019; Heshiki
et al., 2020; Mrozinska et al., 2021). Thus, the dysbiosis pattern
reported in this study is reliable.

Periodontitis is reported as a potential risk factor for preterm
labor (Cobb et al., 2017; Chopra et al., 2020). Porphyromonas,
commonly associated with periodontitis, can induce systemic
inflammation, tissue damage, and possible maternal and fetal gut
dysbiosis (Chopra et al., 2020). Fusobacterium, one of the
opportunistic pathogens identified in the oral cavity and gut, can
disrupt epithelial integrity and lead to tissue breakdown (Han, 2015;
Yan et al., 2017). Recent studies showed that Fusobacterium was
enriched in patients with adverse pregnancy outcomes and played a
A B

C

FIGURE 3 | Identification of the gut microbial biomarkers between the healthy and preterm groups. (A) LEfSe analyses of healthy and preterm groups. Linear
discriminant analysis effect size identified the genus between the healthy and preterm groups. Preterm-enriched taxa are indicated with a positive LDA score, and
taxa enriched in healthy controls have a negative score. Only taxa meeting an LDA significant threshold of >3 are shown. (B) Total relative abundance of the
common oral bacteria. The relative abundance of the common oral bacteria in the healthy group, the preterm group, and the preterm birth subgroups (healthy group
and preterm group are compared using Wilcoxon rank-sum test; subgroups are compared with healthy group using Wilcoxon rank-sum test and adjusted by the
Benjamini and Hochberg method). (C) Genus comparison between healthy and preterm group. Bacteria identified by the Wilcoxon rank-sum test with p < 0.05 are
shown in the heatmap. The bar on the top indicates the group information of each sample. Red genus represents the common oral bacteria that overlapped with
LEfSe results. Yellow genera represent the common oral bacteria but not overlapped with LEfSe results. *p < 0.05; ***p < 0.001.
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potential causal role in preeclampsia (Lv et al., 2019; Wang et al.,
2019; Chen et al., 2020). In our study, Porphyromonas and
Fusobacterium, which were common oral opportunistic
pathogens, were significantly increased in the fecal samples of
preterm patients. Though in the present study, we could not
confirm whether these bacteria were originated in gut or
translocated from oral cavity, the increase in relative abundance
of these bacteria could lead to impairment of gut barrier (Chen et al.,
2020)or oral epithelial barrier dysfunction (Fardini et al., 2011;
Mahtout et al., 2011; Takeuchi et al., 2019). Yet the bacterial
translocation from oral niche to the intestine is considered rare
and aberrant. By studying salivary and fecal microbiome from
several nations, researchers from Bork lab suggested that oral
cavity could be an endogenous reservoir for gut microbiome, and
oral–fecal transmission could play an important role in shaping the
gut microbiome in health and disease (Schmidt et al., 2019). In our
study, the enrichment of resident oral bacteria in the fecal samples
of preterm patients could be the result of bacterial migration by
swallowing through the digestive tract. Moreover, multiple studies
indicated that dysbiotic gut bacteria could translocate to the
placenta through impaired gut barrier (Chen et al., 2020).
Although the existence of a placental microbiome is still
debatable, there is a possibility that translocated pathogens could
deteriorate placental structure and eventually lead to adverse
outcomes (Aagaard et al., 2014; Seferovic et al., 2019). Our
findings provide some evidence for the oral cavity being an
endogenous reservoir for gut microbiome, potentially seeding it
with oral microbes linked to preterm birth.
Frontiers in Cellular and Infection Microbiology | www.frontiersin.org 7
We also observed correlations between the oral bacteria and
clinical parameters, such as gestational age, neonatal weight, and
Apgar scores, indicating that the bacteria might reflect the
disease status and outcomes. Our results suggested that the gut
microbiota might have a potential to becoming a biomarker for
distinguished preterm birth with further research on a larger
population with rigorous control on variates like region and
ethnicity (Deschasaux et al., 2018; He et al., 2018). The sample
size in our study was relatively small and a larger population
from multiple countries and races are required in future studies.

The present study has several limitations. First, for the sample
and metadata collection, we only collected human fecal samples
but missed oral sample like saliva or gem swab and the oral status
of participants. Therefore, without clinical metadata on oral
health and the oral microbiome sequencing data, we were
unable to compare the similarity of gut and oral microbiome.
As oral bacteria colonized in the gut are an unavoidable
consequence and periodontitis is known etiologically linked to
preterm birth through gut independent mechanisms, there are
two ways to solve this problem in the future studies. One is
employing meta-transcriptomics and shotgun metagenomics to
evaluate the active transcription and cellular replication of oral
strains in the fecal sample (Franzosa et al., 2014; Brown et al.,
2016). And the second is performing animal experiment by
constructing fluorescent opportunistic pathogen. Second, as the
sample size was relatively small, our findings should be tested on
repeated and larger population studies. Third, in the present
study, the fecal samples from two out of nineteen patients in the
preterm group were collected in labor. We could not rule out the
effect of labor itself as a co-factor in this study. In future studies,
collecting samples before labor or including a term labor control
group would alleviate the effect of labor.

In summary, increased maternal oral bacteria in the guts of
women experiencing preterm birth provided clues to further
understanding the relationship between gut microbiome and
preterm birth. However, the key role of microbiota in preterm birth
pathogenesis and prospectivemechanistic studies needs to be further
investigated. Cohort studies that follow up from early pregnancy to
postpartum and observe maternal gut microbiome dynamics along
with fetal development will provide more comprehensive views on
the effect of the gutmicrobiome on preterm birth. In conclusion, our
study indicates that the gutmicrobiome in pretermbirthwomenwas
significantly shifted compared with term women, which contained
higher common oral bacteria.
DATA AVAILABILITY STATEMENT

The datasets presented in this study can be found in online repositories.
The data presented in the study are deposited in the EBI repository
(https://www.ebi.ac.uk/), accession number PRJEB39133.
ETHICS STATEMENT

The studies involving human participants were reviewed and
approved by the Committee of the First Affiliated Hospital of
FIGURE 4 | Correlations of parameters and abundance of oral-to-gut
bacteria. Coefficient of correlation between clinical features and total potential
oral bacteria. The relationship between the relative abundance of oral and
non-oral bacteria and host parameters (gestational weeks; neonatal weight;
Apgar scores in 1, 5, and 10 min; BMI at delivery).
June 2021 | Volume 11 | Article 579766

https://www.ebi.ac.uk/
https://www.frontiersin.org/journals/cellular-and-infection-microbiology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/cellular-and-infection-microbiology#articles


Yin et al. Preterm Birth and Gut Microbiome
Nanchang University (2019-061). The patients/participants
provided their written informed consent to participate in
this study.
AUTHOR CONTRIBUTIONS

CY, JC and Y-EH designed the ideas and methods of this study;
XW, JC and QH collected the data and processed the samples;
JC, YL and YC analyzed the data; SL guided, supervised and
supported the study. CY, JC and SL drafted and revised the
manuscript. All authors contributed to the article and approved
the submitted version.
Frontiers in Cellular and Infection Microbiology | www.frontiersin.org 8
FUNDING

The study was financially supported by Science and technology
research project of Jiangxi Education (No. GJJ170077 and No.
GJJ181326) and Science and technology project of Health
Commission of Jiangxi Province (No. 20201023).
SUPPLEMENTARY MATERIAL

The Supplementary Material for this article can be found online
at: https://www.frontiersin.org/articles/10.3389/fcimb.2021.
579766/full#supplementary-material
REFERENCES

Aagaard, K., Ma, J., Antony, K. M., Ganu, R., Petrosino, J., Versalovic, J., et al.
(2014). The Placenta Harbors a Unique Microbiome. Sci. Transl. Med. 6, 237r–
265r. doi: 10.1126/scitranslmed.3008599

Benjamini, Y., and Yekutieli, D. (2001). The Control of the False Discovery Rate in
Multiple Testing Under Dependency. Ann. Stat. 29.4, 1165–1188. doi: 10.1214/
aos/101369998

Blencowe, H., Cousens, S., Oestergaard, M. Z., Chou, D., Moller, A. B., Narwal, R.,
et al. (2012). National, Regional, and Worldwide Estimates of Preterm Birth
Rates in the Year 2010 With Time Trends Since 1990 for Selected Countries: A
Systematic Analysis and Implications. Lancet 379, 2162–2172. doi: 10.1016/
S0140-6736(12)60820-4

Bolyen, E., Rideout, J. R., Dillon, M. R., Bokulich, N. A., Abnet, C. C., Al-Ghalith,
G. A., et al. (2019). Reproducible, Interactive, Scalable and Extensible
Microbiome Data Science Using QIIME 2. Nat. Biotechnol. 37, 852–857. doi:
10.1038/s41587-019-0209-9

Brown, C. T., Olm, M. R., Thomas, B. C., and Banfield, J. F. (2016). Measurement
of Bacterial Replication Rates in Microbial Communities. Nat. Biotechnol. 34,
1256–1263. doi: 10.1038/nbt.3704

Caporaso, J. G., Lauber, C. L., Walters, W. A., Berg-Lyons, D., Lozupone, C. A.,
Turnbaugh, P. J., et al. (2011). Global Patterns of 16S rRNA Diversity at a
Depth of Millions of Sequences Per Sample. Proc. Natl. Acad. Sci. U.S.A. 108
Suppl 1, 4516–4522. doi: 10.1073/pnas.1000080107

Caporaso, J. G., Lauber, C. L., Walters, W. A., Berg-Lyons, D., Huntley, J., Fierer, N.,
et al. (2012). Ultra-High-Throughput Microbial Community Analysis on the
Illumina HiSeq and MiSeq Platforms. ISME J. 6, 1621–1624. doi: 10.1038/
ismej.2012.8

Chen, T., Yu, W. H., Izard, J., Baranova, O. V., Lakshmanan, A., Dewhirst, F. E.,
et al. (2010). The Human Oral Microbiome Database: A Web Accessible
Resource for Investigating Oral Microbe Taxonomic and Genomic
Information. Database (Oxford) 2010, q13. doi: 10.1093/database/baq013

Chen, X., Li, P., Liu, M., Zheng, H., He, Y., Chen, M. X., et al. (2020). Gut Dysbiosis
Induces the Development of Pre-Eclampsia Through Bacterial Translocation.
Gut 69, 513–522. doi: 10.1136/gutjnl-2019-319101

Chopra, A., Radhakrishnan, R., and Sharma, M. (2020). Porphyromonas
Gingivalis and Adverse Pregnancy Outcomes: A Review on its Intricate
Pathogenic Mechanisms. Crit. Rev. Microbiol. 46, 213–236. doi: 10.1080/
1040841X.2020.1747392

Cobb, C. M., Kelly, P. J., Williams, K. B., Babbar, S., Angolkar, M., and Derman, R.
(2017). The Oral Microbiome and Adverse Pregnancy Outcomes (New Zealand:
Dove Medical Press Limited), 551–559.

Deschasaux, M., Bouter, K. E., Prodan, A., Levin, E., Groen, A. K., Herrema, H,
et al. (2018). Depicting the Composition of Gut Microbiota in a Population
With Varied Ethnic Origins But Shared Geography. Nat. Med. 24, 1526–1531.
doi: 10.1038/s41591-018-0160-1

Fardini, Y., Wang, X., Temoin, S., Nithianantham, S., Lee, D., Shoham, M., et al.
(2011). Fusobacterium Nucleatum Adhesin FadA Binds Vascular Endothelial
Cadherin and Alters Endothelial Integrity. Mol. Microbiol. 82, 1468–1480. doi:
10.1111/j.1365-2958.2011.07905.x
Franzosa, E. A., Morgan, X. C., Segata, N., Waldron, L., Reyes, J., Earl, A. M., et al.
(2014). Relating the Metatranscriptome and Metagenome of the Human Gut.
Proc. Natl. Acad. Sci. U.S.A. 111, E2329–E2338. doi: 10.1073/pnas.1319284111

Han, Y. W. (2015). Fusobacterium Nucleatum: A Commensal-Turned Pathogen.
Curr. Opin. Microbiol. 23, 141–147. doi: 10.1016/j.mib.2014.11.013

Heshiki, Y., Vazquez-Uribe, R., Li, J., Ni, Y., Quainoo, S., Imamovic, L., et al.
(2020). Predictable Modulation of Cancer Treatment Outcomes by the Gut
Microbiota. Microbiome 8, 28. doi: 10.1186/s40168-020-00811-2

He, Y., Wu, W., Zheng, H. M., Li, P., McDonald, D., Sheng, H. F., et al. (2018).
Regional Variation Limits Applications of Healthy Gut Microbiome Reference
Ranges and Disease Models. Nat. Med. 24, 1532–1535. doi: 10.1038/s41591-
018-0164-x

Keelan, J. A. (2018). Intrauterine Inflammatory Activation, Functional
Progesterone Withdrawal, and the Timing of Term and Preterm Birth.
J. Reprod. Immunol. 125, 89–99. doi: 10.1016/j.jri.2017.12.004

Koren, O., Goodrich, J. K., Cullender, T. C., Spor, A., Laitinen, K., Backhed, H. K.,
et al. (2012). Host Remodeling of the Gut Microbiome and Metabolic Changes
During Pregnancy. Cell 150, 470–480. doi: 10.1016/j.cell.2012.07.008

Liu, L., Oza, S., Hogan, D., Chu, Y., Perin, J., Zhu, J., et al. (2016). Global, Regional,
and National Causes of Under-5 Mortality in 2000-15: An Updated Systematic
Analysis With Implications for the Sustainable Development Goals. Lancet
388, 3027–3035. doi: 10.1016/S0140-6736(16)31593-8

Lv, L. J., Li, S. H., Li, S. C., Zhong, Z. C., Duan, H. L., Tian, C., et al. (2019). Early-
Onset Preeclampsia Is Associated With Gut Microbial Alterations in
Antepartum and Postpartum Women. Front. Cell Infect. Microbiol. 9, 224.
doi: 10.3389/fcimb.2019.00224

Mahtout, H., Chandad, F., Rojo, J. M., and Grenier, D. (2011). Fusobacterium
Nucleatum Binding to Complement Regulatory Protein CD46 Modulates the
Expression and Secretion of Cytokines and Matrix Metalloproteinases by Oral
Epithelial Cells. J. Periodontol. 82, 311–319. doi: 10.1902/jop.2010.100458

Mrozinska, S., Kapusta, P., Gosiewski, T., Sroka-Oleksiak, A., Ludwig-Slomczynska, A.
H., Matejko, B., et al. (2021). The Gut Microbiota Profile According to Glycemic
Control in Type 1 Diabetes Patients Treated With Personal Insulin Pumps.
Microorganisms 9. doi: 10.3390/microorganisms9010155

Mwaniki, M. K., Atieno, M., Lawn, J. E., and Newton, C. R. (2012). Long-Term
Neurodevelopmental Outcomes After Intrauterine and Neonatal Insults: A
Systematic Review. Lancet 379, 445–452. doi: 10.1016/S0140-6736(11)61577-8

Mychaliska, G. (2014). Seminars in Fetal & Neonatal Medicine. Update on
Congenital Diaphragmatic Hernia. Introduction. Semin. Fetal Neonatal Med.
19, 323. doi: 10.1016/j.siny.2014.10.002

Parada, A. E., Needham, D. M., and Fuhrman, J. A. (2016). Every Base Matters:
Assessing Small Subunit rRNA Primers for Marine Microbiomes With Mock
Communities, Time Series and Global Field Samples. Environ. Microbiol. 18,
1403–1414. doi: 10.1111/1462-2920.13023

Platt, M. J. (2014). Outcomes in Preterm Infants. Public Health 128, 399–403. doi:
10.1016/j.puhe.2014.03.010

Prehn-Kristensen, A., Zimmermann, A., Tittmann, L., Lieb, W., Schreiber, S.,
Baving, L., et al. (2018). Reduced Microbiome Alpha Diversity in Young
Patients With ADHD. PloS One 13, e200728. doi: 10.1371/journal.
pone.0200728
June 2021 | Volume 11 | Article 579766

https://www.frontiersin.org/articles/10.3389/fcimb.2021.579766/full#supplementary-material
https://www.frontiersin.org/articles/10.3389/fcimb.2021.579766/full#supplementary-material
https://doi.org/10.1126/scitranslmed.3008599
https://doi.org/10.1214/aos/101369998
https://doi.org/10.1214/aos/101369998
https://doi.org/10.1016/S0140-6736(12)60820-4
https://doi.org/10.1016/S0140-6736(12)60820-4
https://doi.org/10.1038/s41587-019-0209-9
https://doi.org/10.1038/nbt.3704
https://doi.org/10.1073/pnas.1000080107
https://doi.org/10.1038/ismej.2012.8
https://doi.org/10.1038/ismej.2012.8
https://doi.org/10.1093/database/baq013
https://doi.org/10.1136/gutjnl-2019-319101
https://doi.org/10.1080/1040841X.2020.1747392
https://doi.org/10.1080/1040841X.2020.1747392
https://doi.org/10.1038/s41591-018-0160-1
https://doi.org/10.1111/j.1365-2958.2011.07905.x
https://doi.org/10.1073/pnas.1319284111
https://doi.org/10.1016/j.mib.2014.11.013
https://doi.org/10.1186/s40168-020-00811-2
https://doi.org/10.1038/s41591-018-0164-x
https://doi.org/10.1038/s41591-018-0164-x
https://doi.org/10.1016/j.jri.2017.12.004
https://doi.org/10.1016/j.cell.2012.07.008
https://doi.org/10.1016/S0140-6736(16)31593-8
https://doi.org/10.3389/fcimb.2019.00224
https://doi.org/10.1902/jop.2010.100458
https://doi.org/10.3390/microorganisms9010155
https://doi.org/10.1016/S0140-6736(11)61577-8
https://doi.org/10.1016/j.siny.2014.10.002
https://doi.org/10.1111/1462-2920.13023
https://doi.org/10.1016/j.puhe.2014.03.010
https://doi.org/10.1371/journal.pone.0200728
https://doi.org/10.1371/journal.pone.0200728
https://www.frontiersin.org/journals/cellular-and-infection-microbiology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/cellular-and-infection-microbiology#articles


Yin et al. Preterm Birth and Gut Microbiome
Riquelme, E., Zhang, Y., Zhang, L., Montiel, M., Zoltan, M., Dong, W., et al.
(2019). Tumor Microbiome Diversity and Composition Influence Pancreatic
Cancer Outcomes. Cell 178, 795–806. doi: 10.1016/j.cell.2019.07.008

Romero, R., Erez, O., and Espinoza, J. (2005). Intrauterine Infection, Preterm
Labor, and Cytokines. J. Soc. Gynecol. Investig. 12, 463–465. doi: 10.1016/
j.jsgi.2005.09.001

Schmidt, T. S., Hayward, M. R., Coelho, L. P., Li, S. S., Costea, P. I., Voigt, A. Y.,
et al. (2019). Extensive Transmission of Microbes Along the Gastrointestinal
Tract. Elife 8. doi: 10.7554/eLife.42693

Seferovic, M. D., Pace, R. M., Carroll, M., Belfort, B., Major, A. M., Chu, D. M.,
et al. (2019). Visualization of Microbes by 16S in Situ Hybridization in Term
and Preterm Placentas Without Intraamniotic Infection. Am. J. Obstet.
Gynecol. 221, 141–146. doi: 10.1016/j.ajog.2019.04.036

Segata, N., Izard, J., Waldron, L., Li, S. S., Costea, P. I., Voigt, A. Y., et al. (2011).
Metagenomic Biomarker Discovery and Explanation. Genome Biol. 12, R60.
doi: 10.1186/gb-2011-12-6-r60

Shiozaki, A., Yoneda, S., Yoneda, N., Yonezawa, R., Matsubayashi, T., Seo, G., et al.
(2014). Intestinal Microbiota Is Different in Women With Preterm Birth:
Results From Terminal Restriction Fragment Length Polymorphism Analysis.
PloS One 9, e111374. doi: 10.1371/journal.pone.0111374

Sun, D. L., Jiang, X., Wu, Q. L., and Zhou, N. Y. (2013). Intragenomic
Heterogeneity of 16S rRNA Genes Causes Overestimation of Prokaryotic
Diversity. Appl. Environ. Microbiol. 79, 5962–5969. doi: 10.1128/AEM.
01282-13

Takeuchi, H., Sasaki, N., Yamaga, S., Kuboniwa, M., Matsusaki, M., Amano, A.,
et al. (2019). Porphyromonas Gingivalis Induces Penetration of
Lipopolysaccharide and Peptidoglycan Through the Gingival Epithelium Via
Frontiers in Cellular and Infection Microbiology | www.frontiersin.org 9
Degradation of Junctional Adhesion Molecule 1. PloS Pathog. 15, e1008124.
doi: 10.1371/journal.ppat.1008124

Walters, W., Hyde, E. R., Berg-Lyons, D., Ackermann, G., Humphrey, G., Parada,
A., et al. (2016). Improved Bacterial 16S rRNAGene (V4 and V4-5) and Fungal
Internal Transcribed Spacer Marker Gene Primers for Microbial Community
Surveys. Msystems 1. doi: 10.1128/mSystems.00009-15

Wang, J., Gu, X., Yang, J., Wei, Y., and Zhao, Y. (2019). Gut Microbiota Dysbiosis
and Increased Plasma LPS and TMAO Levels in Patients With Preeclampsia.
Front. Cell Infect. Microbiol. 9, 409. doi: 10.3389/fcimb.2019.00409

Wang, J., Zheng, J., Shi, W., Du, N., Xu, X., Zhang, Y., et al. (2018). Dysbiosis of
Maternal and Neonatal Microbiota Associated With Gestational Diabetes
Mellitus. Gut 67, 1614–1625. doi: 10.1136/gutjnl-2018-315988

Yan, Q., Gu, Y., Li, X., Yang, W., Jia, L., Chen, C., et al. (2017). Alterations of the
Gut Microbiome in Hypertension. Front. Cell Infect. Microbiol. 7, 381. doi:
10.3389/fcimb.2017.00381

Conflict of Interest: The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could be construed as a
potential conflict of interest.

Copyright © 2021 Yin, Chen, Wu, Liu, He, Cao, Huang and Liu. This is an open-
access article distributed under the terms of the Creative Commons Attribution
License (CC BY). The use, distribution or reproduction in other forums is permitted,
provided the original author(s) and the copyright owner(s) are credited and that the
original publication in this journal is cited, in accordance with accepted academic
practice. No use, distribution or reproduction is permitted which does not comply with
these terms.
June 2021 | Volume 11 | Article 579766

https://doi.org/10.1016/j.cell.2019.07.008
https://doi.org/10.1016/j.jsgi.2005.09.001
https://doi.org/10.1016/j.jsgi.2005.09.001
https://doi.org/10.7554/eLife.42693
https://doi.org/10.1016/j.ajog.2019.04.036
https://doi.org/10.1186/gb-2011-12-6-r60
https://doi.org/10.1371/journal.pone.0111374
https://doi.org/10.1128/AEM.01282-13
https://doi.org/10.1128/AEM.01282-13
https://doi.org/10.1371/journal.ppat.1008124
https://doi.org/10.1128/mSystems.00009-15
https://doi.org/10.3389/fcimb.2019.00409
https://doi.org/10.1136/gutjnl-2018-315988
https://doi.org/10.3389/fcimb.2017.00381
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
https://www.frontiersin.org/journals/cellular-and-infection-microbiology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/cellular-and-infection-microbiology#articles

	Preterm Birth Is Correlated With Increased Oral Originated Microbiome in the Gut
	Introduction
	Methods
	Research Participants and Sample Collection
	Bacterial Genomic DNA Extraction, Sample Processing, and Sequencing
	Bioinformatics Processing
	Statistical Analysis

	Results
	Gut Microbiome Profiles Differ in Preterm Patients
	Clinical Parameters Associated With Gut Microbiota Dysbiosis
	Potential Oral–Gut Bacterial Translocation in Preterm Patients
	Potential Oral–Gut Translocated Bacteria for Distinguishing Women in Preterm From Healthy Control

	Discussion
	Data Availability Statement
	Ethics Statement
	Author Contributions
	Funding
	Supplementary Material
	References



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /PageByPage
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages false
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 1
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages false
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages false
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages false
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /Description <<
    /ENU (T&F settings for black and white printer PDFs 20081208)
  >>
  /ExportLayers /ExportVisibleLayers
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /BleedOffset [
        0
        0
        0
        0
      ]
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /ClipComplexRegions true
        /ConvertStrokesToOutlines false
        /ConvertTextToOutlines false
        /GradientResolution 300
        /LineArtTextResolution 1200
        /PresetName ([High Resolution])
        /PresetSelector /HighResolution
        /RasterVectorBalance 1
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks true
      /IncludeHyperlinks true
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MarksOffset 6
      /MarksWeight 0.250000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


