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How generative artificial
intelligence transforms teaching
and influences student wellbeing
in future education

Marcin Jukiewicz*

Department of Logic and Cognitive Science, Faculty of Psychology and Cognitive Science, Adam

Mickiewicz University, Poznan, Poland

Artificial intelligence (AI), particularly generative technologies, and large language

models are transforming modern education. On the one hand, these tools can

automate certain aspects of teaching, personalize educational materials, and

improve learning e�ciency. However, concerns are emerging regarding the

impact of AI on the quality of education, the mental health of students, and

fundamental academic values. This article reviews the scientific literature on

the applications of artificial intelligence in education, with a special emphasis

on its impact on student mental health. Based on an analysis of 120 scientific

articles, the study automatically extracted data on AI implementation’s potential

opportunities and threats. A novel aspect of this work is identifying factors

that can be considered both opportunities and threats depending on context.

In addition, a frequency analysis of keywords and phrases uncovered many

opportunities and challenges. All identified aspects are characterized in the

article. The article also highlights key barriers to using large language models

(LLMs) for detecting student mental health issues, such as underestimating

suicide risk, di�culties with interpreting subtle language, biases in training data,

lack of cultural sensitivity, and unresolved ethical concerns. These challenges

illustrate why generative AI is not yet reliable for supporting student mental

health, especially in high-risk situations. One of the key conclusions is that the

use of generative AI to support student mental health is seldom addressed in

existing review articles, likely due to the current unreliability of this technology.

KEYWORDS

generative artificial intelligence, future education, personalized learning, teaching

e�ciency, student wellbeing, mental health, ethical integration

1 Introduction

Contemporary education is undergoing a dynamic transformation driven by artificial

intelligence (AI) development, particularly generative technologies such as ChatGPT,

Gemini, Claude, and DeepSeek. AI is increasingly transforming how students acquire

knowledge, process information, and participate in the educational process. Automating

certain teaching aspects, personalizing educational materials, and providing easy access

to AI tools can improve learning efficiency. However, alongside numerous benefits, some

significant challenges and risks may affect the quality of education, student mental health,

and fundamental academic values.

One of the key aspects related to the use of generative artificial intelligence

(GAI) in education is its impact on academic integrity. As generative AI tools gain

popularity, concerns arise regarding student autonomy in completing assignments

(such as homework, essays, and exams) and the potential for AI to be used to
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circumvent traditional methods of knowledge assessment. Another

primary concern is the influence of AI on critical thinking

and creativity, as readily available responses generated by

language models may lead to superficial knowledge acquisition

and limit students’ ability to analyze and interpret information

independently.

At the same time, there is growing interest in the effects of AI

on studentmental health. On the one hand, Large LanguageModels

(LLMs) and tools such as ChatGPT can serve as psychoeducational

support, facilitating access to mental health information and

providing initial coping strategies for stress and anxiety. On the

other hand, excessive reliance on AI may reduce social interactions,

deepen isolation, and lead to dependency on AI as the primary

source of answers.

This study aims to analyze the opportunities and risks

associated with using generative artificial intelligence in education

and its impact on student mental health. This article examines the

most commonly occurring opportunities and threats based on an

extensive collection of review articles. This review also identifies

the contexts in which student mental health issues are framed as

opportunities or threats and how frequently they appear compared

to other key challenges and benefits in the analyzed literature.

2 Materials and methods

This review utilized a dataset of 120 PDF files containing

scientific articles manually retrieved from three sources: Scopus,

Web of Science, and Google Scholar. For all sources, publications

were identified using relevant keywords and sorted in descending

order by the number of citations. Only highly cited articles

were selected for further analysis; specifically, in the case of

Google Scholar, only articles with at least 50 citations were

included. For Scopus and Web of Science, publications were

identified using relevant keywords and then sorted in descending

order by the number of citations. The most frequently cited

articles were selected for further analysis. Descriptive statistics

of the selected articles from the three databases are presented

in Table 1. The selection process focused on publications whose

titles or abstracts included the following phrases: “ChatGPT and

education”, “Generative Artificial Intelligence and education” and

“Large Language Models and education”. A key qualification

criterion was classifying the selected articles as review papers or

empirical research studies. To avoid author-related duplication

bias, publications authored by the same individual were reviewed,

and in cases where an author appeared in multiple articles, only

the most cited publication was retained. In contrast, the others

were excluded from the dataset. After collecting all documents,

the GPTmodel’s application programming interface (API) (version

gpt-4o-mini) was employed to automatically extract data regarding

opportunities and threats associated with implementing these

technologies in education and teaching. The prompt used for this

process is presented in the Box 1. As a result of this procedure,

a dataset was developed comprising approximately 986 positive

aspects (opportunities) and about 887 negative aspects (threats).

The designed prompt enabled the export of not only the file

name and the opportunities or threats identified by the language

model to the resulting CSV file, but also the textual context from

BOX 1 A structured prompt was provided to the language model

to identify and expand upon opportunities and threats within a

given text. The model was instructed to ignore previous context

and return results in JSON format.

Forget previous analyses. Now analyze this new text thoroughly:

{text}

Your task is:

1. Identify all possible opportunities and threats present in the text.

2. Be as comprehensive and detailed as possible, extracting every relevant

opportunity and threat without omitting any.

3. Avoid unnecessary repetition or irrelevant information.

4. Provide answers strictly in English.

5. Ensure consistent, repeatable, and objective results.

IMPORTANT: For each opportunity and threat, create a short, descriptive

label based on the content and use it as the key in the JSON object.This label

should be a natural phrase or short sentence summarizing the opportunity or

threat – not a slug, camelCase, or one-word identifier.

Each value must be an object with two fields:

- “file”: the exact filename from which this information comes, e.g. “filename”,

- “context”: a fragment of text from the source that supports the identified

opportunity or threat.

IMPORTANT: Respond ONLY with valid JSON. Do NOT include any

explanation, commentary, or extra text outside the JSON structure.

Respond with JSON enclosed strictly in triple backticks like this:

“‘json

{{

“opportunities”: {{

/* your generated labels and values here */ }},

“threats”: {{

/* your generated labels and values here */}}

}}

TABLE 1 Descriptive statistics of the selected articles from three

databases: average number of citations, standard deviation, and number

of articles.

Web of
science

Scopus Google
Scholar

Average numberof

citations

176 259 495

Standard deviation

of the number of

citations

257 361 706

Number of articles

from the database

83 99 120

which the model inferred the presence of a given opportunity or

threat related to the use of generative AI in education. This made

it possible to manually verify whether each identified opportunity

or threat had been correctly recognized within the article. The

following analysis stage involved reviewing the collected data

regarding the frequency of individual words. Examples of the most

frequently occurring words and phrases are presented in Figure 1.

To examine the consistency of results generated by the GPT4

(gpt-4o-mini) model, an analysis was conducted to verify whether
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FIGURE 1

A word cloud depicting the most frequently occurring terms in the analyzed dataset.

TABLE 2 Pearson correlation coe�cients for the lists of opportunities

and threats obtained in three independent runs of GPT4 (gpt-4o-mini),

along with p-values adjusted using Holm’s correction.

Extraction 1 Extraction 2 Extraction 3

Extraction 1 X r: 0.997

p (org): 0.000

p (Holm): 0.000

r: 0.996

p (org): 0.000

p (Holm): 0.000

Extraction 2 r: 0.997

p (org): 0.000

p (Holm): 0.000

X r: 0.998

p (org): 0.000

p (Holm): 0.000

Extraction 3 r: 0.996

p (org): 0.000

p (Holm): 0.000

r: 0.998

p (org): 0.000

p (Holm): 0.000

X

the list of opportunities and threats obtained for a given article

remains similar across multiple runs. While the lists are not

expected to be identical due to the model’s inherent paraphrasing

variability, they should contain the same key terms. To assess

this, the keyword extraction procedure was executed three times.

Subsequently, to evaluate the consistency of the generated results,

correlation analysis was performed using Pearson’s correlation

coefficient. Additionally, due to multiple comparisons, p-value

adjustment was applied using Holm’s correction to control for Type

I error. The results of the analysis are presented in Table 2. Based on

the given data, the results obtained in successive runs exhibit very

high consistency, indicating that the GPT model generates nearly

identical sets of opportunities and threats in each script execution.

Based on a word frequency analysis, including consideration of

synonyms and closely related concepts, Tables 3, 4 were developed.

In the first column of these tables, a general description of each

opportunity or threat is provided; the second column lists the

keywords used to search for the corresponding concept or issue in

the database; and the third column presents the percentage result,

illustrating the frequency with which the given opportunity or

threat appeared in the analyzed dataset.

Subsequent sections of this work are divided into three

main chapters corresponding to the categories of the analyzed

phenomena: Opportunities, Opportunities and Threats, and

Threats. The Opportunities chapter focuses on the positive

aspects of the issues under discussion, presenting solutions and

technologies that may support the development of education and

enhance teaching quality. Although the title of the Opportunities

and Threats chapter might appear counterintuitive, its structure

is dictated by the specificity of the analyzed data. All elements

from the second and third tables that appeared in both positive

and negative contexts have been compiled in this chapter. This

indicates that some aspects, depending on the researchers’ approach

and the context of their analysis, were characterized as both

opportunities and threats. An attempt is made to systematize and

interpret these discrepancies, highlighting the conditions under

which a given phenomenon may benefit education and when it

may represent a challenge or risk. The final chapter, Threats,

concentrates on the risks and potential negative consequences of

the discussed phenomena. It contains an analysis of the difficulties

associated with implementing new technologies, the impact of AI

on education, and possible issues that may result from improper or

excessive use.

3 Opportunities

This chapter will discuss Table 3 elements. The first thematic

area concerns personalization in education and creating new

learning environments, including “personalization of learning”
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TABLE 3 Compilation of identified opportunities based on word frequency analysis including their synonyms and closely related concepts.

Opportunity in education Keywords Occurrence Occurrence
[%]

Increased teaching efficiency save, saving, exam preparation,

automated scoring, automated

grading, enhancing, workload,

increased, efficiency, enhance,

enhancement, enhanced, effective,

improved, improvement, improving,

better, efficient

115 96

Personalized learning autonomy, assist, tutoring,

self-regulated learning,

personalization, personalized,

personalized, individualized

98 82

Support in teaching support, facilitation, facilitating,

streamlining, facilitated, streamlined

93 78

Immediate feedback feedback, assessment, real-time,

peer review, rapid, 24/7, guidance

70 58

Creation of new

learning environments

interdisciplinary, integration,

environments, environment,

interactive, simulations,

remote learning, experiences

68 57

Support for teachers

in creating educational

content

innovative, innovation, lesson

planning, educational content,

quizzes, development, learning

materials, creating, creation,

designing

67 56

Improvement

of language skills

language, writing, multilingual 60 50

Engagement engagement, motivation, encouraging,

encouragement, engaging

50 42

Enhancement of digital

competencies for both

students and teachers

digital, ai literacy, transforming,

transformative, evolution, tool

45 38

Collaboration collaboration, collaborative,

communication

43 36

Democratization of

access to educational

materials

equity, democratization, access 36 30

Enhancement of students’

creativity

and creative thinking

critical, creativity, creative 33 28

Support for students

with disabilities

educational barriers, disabilities,

accessibility, anxiety

28 23

Support in administrative

tasks

administrative, curriculum,

enrollment, automation

25 21

Diversity diverse 20 17

Ethical regulating, transparency, ethics,

legal, ethical, policies, responsible,

privacy, regulation, academic integrity

14 12

Mental health mental health, wellbeing, emotional 6 5

and “creation of new learning environments”. The second

key issue is the effective teaching and administrative process

management. This section comprises “support in the creation

of educational content”, “immediate feedback”, and “support in

administrative tasks”. The third area focuses on language support,

including technologies that assist in learning foreign languages,

improving language accuracy, and working with the native

language. Another part addresses support for individuals with

disabilities, i.e., accessibility and assistance for people with diverse

needs. The final subsection concerns mental health. Moreover,

in the first subsection related to positive educational changes, all

phrases generally referring to improving teaching quality—such

as efficiency, diversity, collaboration, engagement, and support in

teaching—have been included.
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TABLE 4 Compilation of identified threats based on word frequency analysis including their synonyms and closely related concepts.

Threat in education Keywords Occurrence Occurrence
[%]

Lack of student

independence

in preparing

assignments

assessment, integrity, misuse, honesty,

unfair, academic standards, fairness,

ethical, unethical, academic integrity,

dishonesty, plagiarism, cheating,

originality, authenticity

113 94

Creation of content

containing erroneous

information

limitations, inaccurate, limited,

inadequate, incorrect, up-to-date,

inaccuracies, outdated, reliability,

manipulation, accuracy,

disinformation, quality, inaccuracy,

inaccurate information, misleading,

misrepresentation, misinformation

94 78

Over-reliance on AI

and AI-generated content

reliance, responses, information,

inconsistent, confusion, fabrication,

hallucination, dependency,

overconfidence, overdependence,

dependence on ai, over-reliance,

dependency on ai tools, overreliance

93 78

Bias bias, training data, stereotypes 73 61

Trust and comprehension

of AI-generated content

trust, understanding, ai-generated,

outputs, transparency

65 54

Privacy and ownership

rights

privacy, security, intellectual

property, copyright

55 46

Unequal access

to AI resources

discrimination, inequalities,

disparities, equity, disparity,

inequities, inequity, equitable,

digital divide

29 24

Reduced social

interactions

social, communication, collaboration,

collaborative, interactions, interaction,

communication

27 22

Decline in students’

critical thinking

critical thinking, critical thinking,

thinking

23 19

Accountability accountability, regulation, legal,

policies

22 18

Destruction and

replacement of traditional

teaching methods

traditional, displacement, resistance 21 18

Erosion erosion, dilution, devaluation 10 8

3.1 Positive transformation of education

To better understand the issues discussed in this subsection,

Table 5 provides additional information regarding the most

frequently occurring bigrams and trigrams–that is, pairs and

triplets of words–that appeared in the context of the analyzed

phrases. This facilitates a better capture of word co-occurrence in

the dataset under study.

In the context of “efficiency”, the presented possibilities for

applying large language models in education can be classified

into several key categories. First, these technologies significantly

increase the accessibility of educational resources for both students

and teachers (Samala et al., 2024), thereby contributing to enhanced

inclusiveness and support for disadvantaged groups (Rudolph et al.,

2024). Second, LLMs support the development of personalized

learning (Gill et al., 2024; Al Murshidi et al., 2024), enabling

the adaptation of educational materials and the pace of learning

to the individual needs of students, which in turn enhances the

overall efficiency of the educational process. Another aspect is the

intensification of collaboration among students and teaching staff

(Gill et al., 2024), which promotes improving teaching methods

and exchanging interdisciplinary knowledge. Finally, immediate

feedback—which appears to be the cornerstone of self-regulated

learning (Mao et al., 2024; Chang et al., 2023)—is also emphasized.

In terms of developing the competencies of students and teaching

staff, these technologies support, among others, the enhancement

of critical thinking skills (Gill et al., 2024; Al Murshidi et al., 2024),

creativity (Samala et al., 2024), and communication (Gill et al.,

2024).

The application of artificial intelligence contributes to

an increased diversity of teaching methods. It enables the

customization of educational content to the individual needs

of learners, taking into account their diverse cognitive styles,

learning paces, and specific needs arising from linguistic,
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TABLE 5 Most frequent bigrams and trigrams in the context of analyzed

phrases classified as opportunities.

Feature Most frequent bigrams and trigrams

Increased teaching

efficiency

enhancing personalized learning, personalized

learning experiences, learning experiences improving

Support in teaching

(for both students

and teachers)

ai tools, ai literacy, digital literacy, educational tool

Collaboration collaborative learning, communication skills,

improving communication, facilitation collaborative

learning, collaboration among students

Engagement enhancing student engagement, engagement

motivation, increased student engagement, student

engagement encouraging

Diversity diverse learning needs, support diverse learning

cultural, or mental factors (Sok and Heng, 2023; Castro et al.,

2024).

These technologies also offer mechanisms that support

language learning (Limna et al., 2023), including translation,

interactive language assistance, and real-time support (Michel-

Villarreal et al., 2023), which can be particularly significant in the

context of multilingual education.

Another crucial aspect is the support provided to teaching

and administrative staff (Dempere et al., 2023). LLMs contribute

to improving lesson planning, creating educational content, and

designing interactive curricula (Mao et al., 2024; Michel-Villarreal

et al., 2023; García-ópez et al., 2025).

Collaboration encompasses interactions among teachers,

students, and researchers, which can facilitate knowledge

exchange, develop joint educational projects, and enhance

communication skills. In the academic context, AI-based tools can

support cooperative processes by encouraging communication and

access to information, as well as by streamlining the organization

of group work (Michel-Villarreal et al., 2023; AlAfnan et al.,

2023; Silva et al., 2024). One of the key aspects of collaboration

is its impact on developing interpersonal skills, such as the

ability to argue effectively, communicate efficiently, and work

collaboratively in teams (Xu et al., 2024b). Joint activities

among students and their interactions with instructors foster

an academic community conducive to exchanging ideas and

developing innovative solutions. Moreover, international and

interdisciplinary collaboration significantly broadens participants’

educational horizons and enhances their ability to adapt to the

dynamically changing academic and professional environment

(Michel-Villarreal et al., 2023; Xu et al., 2024a; Abujaber et al.,

2023).

The increase in student engagement results from the

interactivity and customization of content to their needs.

Immediate feedback, personalized suggestions, and automatic

progress assessment boost motivation for learning. Artificial

intelligence fosters student activation through gamification,

personalized educational pathways, and dynamic evaluation

systems (Vargas-Murillo et al., 2023; Xiao and Zhi, 2023).

3.2 Personalization of education and
interactive learning environments

Personalization of instruction is an issue that appears in

nearly all the analyzed articles. Unlike concepts such as “increased

teaching efficiency” or “support in teaching”, which are presented

in general terms, personalization of learning is typically detailed

with specific proposals for implementation. While increasing

efficiency or supporting the educational process refers to broad,

imprecise concepts, issues related to personalization are more

frequently addressed practically, highlighting particular methods

and tools that enable its implementation.

Generative artificial intelligence enables adapting educational

materials to the individual needs of students (Diab Idris et al., 2024).

In every group, some individuals quickly master new concepts,

and others require more detailed explanations. GAI can assist the

latter by providing more precise explanations and emphasizing or

highlighting key segments of the material that have not been fully

assimilated (Castillo et al., 2023).

Additionally, artificial intelligence can serve as a virtual

assistant that explains misunderstood topics and conducts quizzes

or exercises to reinforce learning. For example, after class, a student

may request a chatbot to prepare a personalized set of questions

to assess the extent of their comprehension (Castillo et al., 2023;

Jeyaraman et al., 2023; Limo et al., 2023; Hung and Chen, 2023).

In particular, generative artificial intelligence can provide

significant support in programming. A student working from home

might submit a programming assignment for review, and the

chatbot would offer immediate feedback, indicating which aspects

are correct and which require improvement. It could also explain

the errors made, propose specific ways to correct them, and suggest

topics that should be revisited for further practice (Tian et al., 2023;

Tayan et al., 2024).

Such a solution could enhance learning efficiency by allowing

the student to receive real-time support without requiring direct

involvement from a human instructor. Immediate assistance in the

form of explanations and suggestions is critical, as it facilitates

the prompt resolution of issues and the reinforcement of new

information.

3.3 E�ective management of the teaching
and administrative process

Interactive artificial intelligence can prove extremely useful

for tasks that teachers, regardless of the level of education,

often dislike—for example, preparing documentation such as

lesson plans or syllabus (Davis and Lee, 2024). In the case of

these documents, it is sufficient to provide generative artificial

intelligence with a general lesson plan, a conceptual outline, or even

a syllabus template. The GAI can populate all required tables and

sections based on the provided information, producing a complete

document.

Moreover, generative artificial intelligence can assist in the

preparation of tests. For this purpose, one can input an entire

chapter from a textbook and then request the GAI to generate

questions that assess comprehension of the material (Onal and
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Kulavuz-Onal, 2024). Such a solution can benefit teachers–students

can also use GAI to create questions to prepare for exams or tests

independently (Li, 2025; Lucas et al., 2024). Kusuma et al. (2024)

and Jeon and Lee (2023) describe that this tool generates a general

test or assignment template for an entire class in one step, followed

by the rapid creation of specific versions for individual students.

This approach ensures that each student receives individualized

tasks, thereby minimizing the risk of adjacent students solving

identical tests. Similarly, the GAI allows the generation of multiple

versions of the same test. By paraphrasing content, altering test

questions, or modifying answers, the tool creates tests that differ

while maintaining the same structure and difficulty level. It can also

modify incorrect answers, paraphrase correct ones, or generate new

questions, ensuring the tests remain unique.

Generative artificial intelligence also facilitates the creation of

various test formats. For example, a teacher can provide an open-

ended question, and the GAI can modify it by expanding the

content or transforming it into a single-choice or multiple-choice

question. Such functionality significantly saves time for teachers

and lecturers while streamlining the preparation of educational

materials (Kıyak and Emekli, 2024).

Additionally, generative artificial intelligence can generate true

or false questions and fill-in-the-blank exercises on a given topic–in

quantities approaching “bulk” production. It is sufficient to provide

the tool with a topic or a specific issue, and the LLM will generate

the appropriate questions or exercises. One can also supply several

problems simultaneously, and the tool will create questions or

exercises for each of them (Kusuma et al., 2024; Jeon and Lee, 2023).

Another practical application of LLMs is the creation of

dialogues for conversational exercises. It can generate entire

segments or parts of dialogues, which students can then complete

during class. Moreover, the generated materials can be adapted to

the level of the group or even to individual students. A properly

formulated prompt indicating the desired difficulty level of the

tasks is all that is required (Kusuma et al., 2024; Jeon and Lee, 2023).

This versatility makes GAI an extremely valuable tool that relieves

teachers and enables more effective and personalized instruction.

Another practical application of GAI is the automatic grading

of assignments. In Jukiewicz (2024), the potential use of ChatGPT

as a tool to support the automatic grading of student programming

assignments was examined. The research demonstrated that

ChatGPT exhibits high consistency in grading, meaning that

the scores generated by the tool for the same assignment were

largely coherent and stable. Moreover, these results aligned with

the grades awarded by teachers, indicating a similar assessment

trend. The study’s findings suggest that ChatGPT can be a

valuable tool for evaluating student work, particularly in generating

feedback and identifying coding errors. Exceptional value was

attributed to using this tool as an application supporting teachers.

Manually grading hundreds of assignments and preparing detailed

feedback is time-consuming and often requires many work

hours. In such cases, ChatGPT can significantly reduce the

time needed to perform these tasks by delivering results quickly

and efficiently.

In another study (Qureshi, 2023) the differences between two

groups of students participating in algorithms and data structures

classes were investigated. One group used only traditional

educational materials, while the other group had access to these

conventional materials and the opportunity to use ChatGPT,

particularly during programming tasks or when preparing code.

The study results showed that the group with access to ChatGPT

achieved higher scores and required less time to solve the tasks

than those without access to the tool. However, the authors noted

a critical aspect: students using ChatGPT committed more (albeit

minor) errors in their solutions. The analysis of these errors

revealed that ChatGPT is particularly useful in generating the

structure and basic framework of the code. Still, it encounters

difficulties with more advanced programming tasks that require

deeper analysis or a specific approach.

3.4 Technologies supporting linguistic
accuracy: correction, translation, and
mistakes analysis

Language support provided by generative artificial intelligence

can be understood in two ways, depending on whether it pertains to

the native language or a foreign language (Imran and Almusharraf,

2023).

In the case of the native language, generative AI can assist in

correcting grammatical, orthographic, and stylistic errors in written

texts. It can also suggest improved (more precise, more expressive,

and clarifying) formulations that enhance the readability and

comprehensibility of the text. Moreover, GAI can adapt the

language level to suit the audience’s needs, for example, by

simplifying complex scientific texts into accessible popular science

articles (Imran and Almusharraf, 2023) or by employing a more

colloquial style, depending on the context and user requirements.

Additionally, GAI can enrich texts by generating synonyms,

metaphors, and other stylistic devices that enhance content quality.

These capabilities benefit students and educators who aim to

produce more professional, explicit, and refined materials (Imran

and Almusharraf, 2023; Kohnke et al., 2023).

Concerning supporting the learning or use of a foreign

language, generative AI offers a range of advantages. Primarily, GAI

facilitates the translation of texts into multiple languages, handling

both literal translations and those that consider the cultural

nuances of the target language while also providing explanations

for more challenging passages (Kohnke et al., 2023).

Similarly to its application in native language support, GAI

can correct grammatical, orthographic, and stylistic errors in

texts written in a foreign language, enabling users to produce

more accurate, professional, and coherent writing (Imran and

Almusharraf, 2023).

Furthermore, generative AI can be utilized in language

learning by creating interactive exercises that assist in practicing

grammar, vocabulary, and communication skills. GAI can simulate

conversations in a foreign language, allowing users to practice

fluency, intonation, and pronunciation. It also aids in learning

grammatical rules and the correct usage of words or expressions

in specific contexts, thus fostering a deeper understanding of the

structure and logic of the language (Kohnke et al., 2023; Xiao and

Zhi, 2023; Ma et al., 2024; Klimova et al., 2024).
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3.5 Accessibility and support for individuals
with diverse needs

The literature identifies support for individuals with disabilities

as one of the positive opportunities for using generative artificial

intelligence in higher education. In particular, it is emphasized

that such technologies can assist students with ADHD, dyslexia,

dyspraxia, or autism (Ayala, 2023; Bhuvan Botchu and Botchu,

2024; Zhao et al., 2024; Rakap and Balikci, 2024). These individuals

often struggle with constructing a coherent text structure,

organizing their thoughts, and applying appropriate grammatical

and stylistic rules. In such cases, GAI-based tools, such as ChatGPT,

can help edit texts and eliminate errors. Additionally, they can

facilitate information synthesis, making the text more accessible

and comprehensible (Zhao et al., 2024).

Generative AI technologies can also support individuals

with sensory disabilities, including the visually impaired and

those with low vision. In this context, speech recognition and

synthesis systems play a crucial role by enabling natural voice

interactions. These systems allow visually impaired individuals

to easily “converse” with a chatbot that converts text to speech,

thereby assisting in reading notes and accessing textual educational

resources (Kuzdeuov et al., 2024). Moreover, such technologies

can be integrated with existing communication platforms, enabling

visually impaired or low-vision users to access educational

materials.

Such solutions enhance the autonomy of individuals with

disabilities and actively support their participation in educational,

academic, and professional environments. Generative AI in these

areas can be a significant step toward greater inclusivity and

equality in educational access for people with disabilities.

3.6 Mental health

GAI offers a range of opportunities to support mental health

in education. It can provide emotional support, facilitate access to

educational materials, and reduce barriers to seeking psychological

assistance. At the same time, its implementation requires a

conscious approach—understanding the potential limitations of

these tools and the necessity of supervising content generated in

the mental health domain is essential. This is also emphasized by

research findings: as noted in Dergaa et al. (2024), ChatGPT is not

yet ready to be used independently as a diagnostic or therapeutic

tool, as its responses may be inadequate or even dangerous.

The model shows significant shortcomings in understanding and

interpreting patients’ issues, especially in complex clinical cases.

Nevertheless, the literature suggests that in the future, GAI may

partially support such processes.

3.6.1 The use of large language models in mental
health care

One of the main reasons for the growing interest in GAI in

mental health is its wide accessibility and low barriers to entry.

For many individuals, ChatGPT has become an easily accessible

source of knowledge and preliminary support—users can quickly

obtain information about symptoms, therapies, or self-help options

at any time. Moreover, conversation with a chatbot often provides

a “safe space” to share one’s concerns and thoughts. For this reason,

ChatGPT is often used as a free and widely available tool to

supplement psychotherapy, frequently by those who have not yet

decided to contact a professional (Raile, 2024). At the same time,

it is important to acknowledge significant limitations: ChatGPT

cannot replace a therapist, as it lacks access to the full context of

an individual’s situation and may reinforce simplifications or biases

(Raile, 2024).

An increasing number of publications confirm the potential of

generative artificial intelligence in the field of mental health and

psychiatry (Sai et al., 2024; Xu et al., 2024c; Cheng et al., 2023).

Particular hopes are associated with the use of natural language

processing, which enables the analysis of vast text corpora and the

identification of patterns indicative of mental disorders–oftenmore

quickly and efficiently than traditional methods (Cheng et al., 2023;

Sai et al., 2024).

However, this promising perspective is tempered by the specific

limitations of AI models, which become clearly evident when

compared to actual therapeutic practice. For example, the study by

De Duro et al. (2025) showed that while ChatGPT, Claude-3, and

LLaMAntino can mimic the structure of therapeutic conversations

and language use, they are unable to replicate the emotional

complexity of human interactions–highlighting crucial boundaries

for the use of artificial intelligence in psychotherapy.

Other research focuses on the potential of ChatGPT and

similar models in mental health analysis through natural language

processing. Lamichhane (2023) demonstrated that ChatGPT is

fairly effective at identifying symptoms of depression and anxiety

based on social media content analysis, although its effectiveness in

recognizing suicidal ideation remains limited. Similar observations

were reported in a practical study by Shin et al. (2024), where

the GPT-3.5 model analyzed emotional diaries and identified

individuals with depression with very high accuracy (about 90%),

surpassing previously used tools.

Large language models also prove effective in the analysis of

extended narratives–both in psychological tests and spontaneous

statements. A notable example is the study by Lho et al. (2025),

where GPT-4 and other LLMs were successfully used to detect

depression and suicide risk among psychiatric patients, based on

Sentence Completion Test results. However, the authors emphasize

the need for extensive validation and further refinement of methods

before their implementation in clinical practice.

Interestingly, in some studies, ChatGPT-3.5 outperformed

humans in assessing emotional awareness based on text, which

demonstrates the potential of these tools for new forms of mental

health support (Elyoseph et al., 2024). Additionally, including

paralinguistic features in prompts (such as speech rate or rhythm)

significantly improved the classification of depression and anxiety

by language models (Tao et al., 2023).

Simultaneously, the literature indicates that ChatGPT can

serve as a tool supporting psychoeducation. Maurya et al. (2025)

found that the model’s responses are precise, clear, and consistent

with ethical standards, though further studies on its long-term

effectiveness are needed. Similarly, Qiu et al. (2023) presented

the SMILECHAT system, which enables more complex patient

dialogues, but also emphasize that AI should only supplement, not
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replace, professional therapy. According to Spallek et al. (2023),

ChatGPT can also support the creation of educational materials on

mental health and addictions, as well as promote healthy habits and

assist in the development of educational content aligned with well-

being guidelines. Moreover, Singh (2023) suggest that AI chatbots

can act as companions, providing support to people with limited

access to specialized help. Ultimately, however, the use of AI in

psychiatry should be subject to regulation and oversight to ensure

the safety and effectiveness of these tools.

3.6.2 Key challenges for the use of LLMs in
detecting mental health problems

At this point, it is worth gathering and summarizing the

main reasons why using large language models for detecting

mental health problems–especially among students–is not an ideal

solution. Although generative artificial intelligence theoretically

holds potential in suicide prevention, its clinical effectiveness in this

area remains unproven (Elyoseph and Levkovich, 2023; Levkovich

and Elyoseph, 2023). A review of the literature highlights several

key challenges that make this task particularly difficult:

1. Underestimation of suicide risk by LLMs

Studies comparing assessments made by ChatGPT and mental

health professionals have shown that ChatGPT consistently

underestimates the likelihood of suicide attempts in the analyzed

scenarios. The model is also less sensitive to important factors

such as perceived burden and lack of belonging, and its

evaluation of psychological resilience is typically lower than

expert norms. As a result, users relying on ChatGPT may

receive an overly optimistic and inaccurate risk assessment,

potentially overlooking actual danger (Elyoseph and Levkovich,

2023; Levkovich and Elyoseph, 2023).

2. Ambiguity and subtlety of suicidal language

Individuals with suicidal thoughts often do not communicate

their intentions directly; they may use metaphors, allusions, and

sarcasm or indirectly express psychological pain. Even advanced

GAI models may struggle to recognize these subtle signals,

which can be apparent to an experienced human professional

(Ghanadian et al., 2024).

3. Limitations of training data and generalization issues

The reliability of ChatGPT’s assessments depends heavily on the

quality and representativeness of its training data. Demographic

imbalances, biases, or insufficient inclusivity in the data can

result in incorrect predictions and exacerbate existing health

disparities (Levkovich and Elyoseph, 2023).

4. Lack of understanding of cultural and demographic nuances

Language models are trained on large, often generic datasets

and do not account for the specifics of certain groups–

such as adolescents in a particular cultural context, autistic

individuals, or patients with schizophrenia. Suicide risk is

complex and influenced by many factors: personal history,

current circumstances, social support, mental and physical

health, access to means, etc. GAI analyzes only the provided

text and lacks access to broader context such as body

language, tone of voice, history of previous interactions, or real-

world data. Unless this has been specially implemented while

maintaining privacy (Elyoseph and Levkovich, 2023; Levkovich

and Elyoseph, 2023).

5. Tendency to generate plausible but superficial responses

Large language models can produce professional and supportive

answers but, upon closer examination, are too general or

diagnostically inaccurate. These responses are often based on

general language patterns rather than a genuine assessment of

the user’s mental state. There is also a risk of “hallucinations”—

fabricated information that maymislead the user. It is important

to remember that GAI does not “understand” concepts in the

human sense and lacks empathy; its responses solely reflect

its training data. In crisis situations, where authentic and

empathetic responses are crucial, GAI is unlikely to provide fully

individualized support (Kalam et al., 2024; Cheng et al., 2023).

6. Ethical and accountability issues

A significant challenge remains the question of responsibility–

who is accountable if GAI fails to detect suicide risk or responds

inappropriately? Excessive reliance on technology in such a

sensitive domain can foster a false sense of security or delay

seeking professional help.

4 Opportunities and threats

The researchers classified specific terms as opportunities and

threats during the analysis. This duality does not arise from the

inherent nature of the term. Still, from the adopted perspective,

I analyze the factors determining its duality in the following

paragraphs and present the consequences stemming from both

interpretations.

This chapter is organized into three subsections, each

addressing significant aspects of contemporary education. The

first subsection concerns the role of creative and critical thinking.

It discusses both the “enhancement of students’ creativity and

creative thinking” (as shown in Table 3), which appeared as an

opportunity in 33% of the analyzed articles, and the issue of the

“decline in students’ critical thinking” (Table 4), mentioned as a

threat in 19% of the publications. The second subsection focuses

on developing digital competencies and the lack of understanding

of the technology in use. This section draws on data concerning

the “enhancement of digital competencies for both students and

teachers” (Table 3), identified as an opportunity in 38% of the

articles, as well as issues related to “trust and comprehension of

AI-generated content” and “the destruction and replacement of

traditional teaching methods” (Table 4), which were recognized

as threats in 54% and 18% of the articles, respectively. The final

subsection addresses access to educational materials. Here, two

key aspects are considered: the “democratization of access to

educational materials” (Table 3), identified as an opportunity in

30% of the articles, and the “inequality of access to AI resources”

(Table 4), reported as a threat in 24% of the cases.

4.1 Development of critical and creative
thinking

Critical and creative thinking are best discussed in education

because they complement each other and are essential for effective

learning, problem-solving, and preparing students for the future.

Critical thinking allows for the analysis of information, the
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evaluation of its credibility, and the detection of logical fallacies.

In contrast, creativity facilitates the generation of new ideas and the

ability to break away from established patterns.

Reimer (2024) emphasizes in their article that appropriately

designed AI tools can support the critical thinking process

by simulating complex problem situations that require analysis

and decision-making. AI can ask guiding questions to provoke

students to think more deeply and reflect on the presented data.

Similar conclusions are drawn by Ahmed (2025), who notes that

personalizing educational materials via AI allows content to be

tailored to the student’s level, thereby supporting active knowledge

acquisition and a deeper understanding of the issues.

In addition to fostering analytical thinking, generative AI

also significantly impacts creativity in the educational process.

Ali et al. (2024) indicate that AI tools can inspire users by

proposing unconventional solutions and generating innovative

ideas, encouraging students to explore new concepts and creatively

seek alternative ways of thinking.

In the context of “threats”, mechanical information processing

may result in a decline in analytical abilities. Instead of

independently analyzing data, students might more frequently

accept AI-generated answers as ready-made solutions, leading to a

“superficial” approach to learning where they rely on AI analyses

without engaging in more profound reflection on the problem.

Moreover, AI may contribute to the homogenization of thought

processes. Algorithms based on repetitive patterns might generate

content that students accept uncritically, thus losing their ability

to evaluate and challenge the presented results independently.

Consequently, this could limit cognitive diversity and hinder

the development of intellectual autonomy (Ahmed et al., 2024;

Mohammadreza Farrokhnia and Wals, 2024). Since these systems

provide instant responses, students may not feel compelled to

engage in independent research and analysis, weakening their

ability to solve complex problems and seek new, innovative

approaches.

4.2 Development of digital competencies
and (lack of) understanding of technology

Developing digital competencies in education is undoubtedly

an added value that better prepares students for functioning

in the digital world. In the context of using generative

artificial intelligence, it is a significant advantage, providing

a deep and conscious understanding of the underlying

technology that accompanies it. Merely possessing the

skills to operate AI tools is insufficient if users do not

understand their application’s mechanisms, limitations, and

potential consequences.

Some argue that generative AI, similar to the Industrial

Revolution in the 19th century, may lead to the obsolescence of

certain professions or a significant reduction in the number of

workers needed for specific tasks (AbuMusab, 2024). However,

this is not solely a negative phenomenon, as many experts believe

that generative AI will also create new professions and job

opportunities. To prepare society for these changes, it is necessary

to develop modern digital competencies.

In this context, it is also essential to consider the challenges

associated with ensuring equal access to the discussed technologies.

An example can be drawn from the COVID-19 pandemic, when

the rapid implementation of new software for remote education,

which enabled the transfer of classes online, exacerbated digital

inequalities. Difficulties in accessing appropriate hardware and

software and the lack of teacher training significantly impacted part

of the educational community, limiting their ability to participate

in the educational process. Similarly, in the case of generative AI,

ensuring effective global development of digital competencies will

depend on providing real access to this technology. It should be

emphasized that such access should not be limited to theoretical

availability that requires specialized knowledge from the user.

A key element is a comprehensive understanding of the

technology behind generative AI, which allows for its responsible

and effective use. The full potential of this technology can only be

exploited when its workings are clearly understood. In education

and in parallel, emphasis must be placed on the ethical aspects of

using AI to promote responsible usage and avoid issues such as

plagiarism or the misuse of its capabilities. Only such an approach

will enable the harmonious implementation of generative AI in

society and the economy.

Currently, generative AI is often limited to posing questions

and awaiting answers, reducing it to a substitute for a web

browser (Shibani et al., 2024). This approach involves quickly

obtaining ready-made solutions to various problems, yet it does

not utilize the full potential of this technology. Unfortunately,

in most cases, users—including students and educators—are

neither aware of nor employ the more advanced features offered

by GAI tools. Some lecturers may be reluctant to introduce

GAI due to a lack of knowledge or fears of losing their role

(Zhai, 2024).

Therefore, it seems extremely important to organize training

sessions that enhance the digital competencies of both teachers

and students, acquainting them with the possibilities of generative

AI and teaching them how to use these technologies effectively.

Such training could help the academic staff develop new teaching

methods and integrate GAI to support the educational process. At

the same time, students could learn how to use GAI effectively–

for instance, to deepen their knowledge, develop analytical skills, or

create their projects.

It is crucial to understand that generative AI can significantly

support the educational process, but this requires proper

preparation and familiarity with the specific functions of these

systems. Only then will it be possible to exploit GAI’s potential in

teaching and independent learning fully.

4.3 Democratization of access to AI
systems and resources

Democratization of access to knowledge has been classified as

both an opportunity and a threat. The opportunity arises from

the possibility of providing students with continuous, unrestricted

access to educational content and academic support. Reducing

dependence on traditional forms of education–which require the
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constant presence of a teacher and access to physical materials–

enables a more egalitarian approach to teaching, particularly in

regions with limited academic infrastructure or among groups with

restricted access to high-quality educational resources. On the other

hand, the threat is that students (e.g., in some areas of the world)

may become even more digitally and educationally excluded if they

do not have access to generative AI systems (Memarian andDoleck,

2023; Diab Idris et al., 2024; Hadi Mogavi et al., 2024).

5 Threats

The elements discussed in this chapter were prepared based on

Table 4, excluding those already described in the previous chapter

entitled “Opportunities and Threats”. In this section, two key

issues also reflected in Table 4 are presented in detail. The first of

these is the unethical use of generative artificial intelligence. The

second concerns “the creation of content containing erroneous

information”, “over-reliance on AI and AI-generated content”,

and “bias”. As in the chapter on opportunities, the first issue

discussed here pertains to the potentially harmful effects of

transformation in education. This section examines aspects such

as the erosion of accountability, a decline in engagement, reduced

social interactions, and the deterioration of communication quality.

5.1 Negative transformation of education

As in the subsection on positive transformation of education,

Table 6 provides additional information on the most frequently

occurring bigrams and trigrams, this time related to the discussed

threats.

In the context of negative transformations in education,

“erosion” is most frequently mentioned. The analyzed articles

usually refer to the degradation of skills acquired by students,

as discussed earlier in this work. The second key aspect is the

erosion of academic integrity. Academic integrity, understood

as the fundamental principle regulating the process of learning,

research, and educational work, is based on ethics, reliability, and

transparency. It requires fair practices in writing assignments,

conducting research, and grading, necessitating the avoidance of

plagiarism, accurate citation of sources, and independent content

creation. It also demands transparency in conducting research,

avoiding data manipulation or result falsification, and adhering

to the principles of fair assessment. Academic integrity is crucial

for ensuring the quality of education and scientific research and

protecting the value and credibility of degrees and scholarly

publications. It fosters responsibility and ethical behavior in

academia and future professional work, preventing misinformation

and unsound research practices (Debby et al., 2024; Currie, 2023;

Bin-Nashwan et al., 2023). This threat is directly connected to the

content of the following subsection.

In the context of the negative impact on social interactions,

students increasingly use AI instead of consulting with peers,

lecturers, or mentors as their first source of information and

problem-solving. As a result, the need to engage in academic

discussions, collaborative problem-solving, or idea exchange

diminishes. Additionally, generative AI can reduce the number

TABLE 6 Most frequent bigrams and trigrams in the context of analyzed

phrases classified as threats.

Feature Most frequent bigrams and trigrams

Erosion erosion critical thinking, thinking skills

erosion, erosion academic integrity, thinking

skills dilution

Reduced social

interactions

and

communication

lack human interaction, reduced human

interaction, decreased human interaction

Accountability lack accountability, accountability ai,

accountability issues, legal ethical

accountability, legal accountability challenges

Engagement accountability issues, accountability

issues legal, policies legal ethical

of interactions during group work. Students must collaborate,

brainstorm, and negotiate joint solutions in traditional projects.

However, GAI allows for the rapid generation of ready-made

content, which can lead to situations where individual group

members stop actively participating in the creative process. Instead

of engaging in dialogue, they may rely on AI to automate most

tasks, thereby limiting the number of interpersonal interactions

(Kim et al., 2024; Lai et al., 2023).

Table 6 also refers to the issue of “responsibility”, understood as

legal accountability for any breaches of academic integrity and for

false data or responses generated by generative artificial intelligence

systems. This threat is directly linked to the content of the following

two subsections.

The decline in student engagement may stem from the

excessive automation of the teaching process and the reduction

of interpersonal interactions. Using instant feedback, automatic

hints, and AI-based assessment systems may lead to the passive

consumption of content instead of active participation in the

learning process. Rather than motivating independent work, they

might weaken students’ initiative by limiting the need for critical

thinking and active engagement (Vargas-Murillo et al., 2023; Xiao

and Zhi, 2023).

5.2 Unethical use of generative artificial
intelligence

The unethical use of artificial intelligence is one of the

most prominent and intuitive problems that may arise when

working with GAI in education at all levels and in everyday

work. This issue affects not only students but also various

professional and educational applications. The problem primarily

stems from generative AI’s intended purpose and proficiency in

generating texts and communicating using sentences and words.

This functionality enables the automatic writing of essays, solving

tasks from various fields, or preparing complete documents such as

theses.

Why is this problematic? First and foremost, such an

application of GAI makes it challenging to assess students’

actual skills, thereby fostering academic dishonesty. As a
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result, individuals submitting work generated by GAI attribute

competencies to themselves that they do not possess. Moreover,

detecting work that lacks originality becomes challenging for

traditional plagiarism detection tools, which are not designed to

analyze content generated by GAI (Perkins et al., 2024; Uzun, 2023;

Weber-Wulff et al., 2023).

Another significant problem is the potential for dependency

on the technology. Excessive use of generative AI may lead

to a deterioration in critical thinking abilities and the capacity

for independent problem-solving (Darwin et al., 2024). This, in

turn, may negatively impact its users’ intellectual and academic

development.

It is also important to mention the automation of grading and

the automated creation of educational materials, which, although

increasing efficiency, may lead to a decline in the quality control

of these processes (Farazouli, 2024). In the long term, this may

negatively affect the level of education, diminishing the value of

education and its ability to develop key competencies in students.

5.3 Over-reliance on generative artificial
intelligence and erroneous information

However, like any advanced technology, generative AI also

carries certain limitations and threats that may negatively affect the

educational process. Understanding the challenges associated with

implementing AI is essential to harness its potential responsibly and

thoughtfully.

One of the fundamental problems associated with generative AI

is its inherent biases (Bolukbasi et al., 2016; Caliskan et al., 2017;

Nosek et al., 2002, 2009; Bender et al., 2021; Zhao et al., 2018;

Kotek et al., 2023). This issue has already been described earlier

in this work. The problem is that GAI’s knowledge is based on

training data, often containing hidden inequalities or stereotypes.

For example, suppose the training data predominantly features tall,

white males with blue eyes as protagonists. In that case, there is a

high probability that GAI, when generating a character (for a story,

for instance), will produce a character with such features. Similar

biases may include race, gender, language, or stereotypes associated

with social groups, nationalities, or professions. GAI, learning from

data predominantly in English, may also transfer specific cultural

characteristics inherent to English to content generated in other

languages.

A second significant problem, although less common, is the

occurrence of factual errors in the generated texts. Generative AI

produces answers even when “does not know” the correct response.

Instead of admitting a lack of knowledge, it often creates content

regardless of accuracy, leading to the dissemination of erroneous

information. These errors are usually called AI hallucinations

(Siontis et al., 2023; Barassi, 2024).

Another difficulty associated with GAI is its lack of creativity.

The generated texts are usually correct and well-structured, but

they are often devoid of originality and creative depth (Davis

et al., 2024; de Vicente-Yagüe-Jara et al., 2023). This is due to

the inherent nature of GAI, which, when processing text, predicts

subsequent words based on patterns from the training data. As a

result, it cannot go beyond the information contained in its training

set, making its responses competent but uninspired and lacking

creative expression.

The final problem is the risk of diminishing creative thinking

among students—and possibly even among teachers (Guo and

Lee, 2023). GAI may negatively impact students’ ability to think

critically and solve problems independently. Excessive reliance on

this technology can gradually erode analytical skills, creativity,

and reflective thinking—the foundations of academic education

(Guo and Lee, 2023). Suppose students begin to use GAI to create

assignment texts or other works. In that case, there is a risk that

they will not acquire the key competencies necessary for their future

professional and intellectual lives.

6 Discussion

The analysis results indicate a broad spectrum of opportunities

and threats to applying generative artificial intelligence in

education. The presented data confirm that these tools can

significantly support the educational process by offering

personalized instruction, democratizing knowledge access,

and fostering digital competencies development. At the same

time, studies point to significant challenges, such as the erosion of

academic integrity, reduced social interactions, and an overreliance

on AI in cognitive processes.

An analysis of the content of the collected articles revealed

that generative AI can positively impact various aspects of

education. The personalization of educational content enables

adapting instructional materials to students’ needs, enhancing

their engagement and learning effectiveness. Research findings

suggest that immediate feedback and dynamic assessment systems

facilitate self-regulation in the learning process. At the same time,

interactive educational environments based on GAI promote the

development of critical thinking and creativity. Furthermore, the

availability of AI as a supportive learning tool allows students

easier access to educational resources, particularly in regions

where traditional methods of instruction may be limited. In this

context, an important aspect is the support provided to students

with disabilities, for whom generative AI can serve as a valuable

compensatory tool.

However, despite the numerous benefits, the threat analysis

revealed that using ChatGPT and similar systems is also associated

with various challenges. One of the primary issues is academic

integrity. Studies indicate that students often use generative AI

to automatically produce content, which can lead to plagiarism

and breaches of scholarly rigor. AI tools enable the rapid creation

of academic work, rendering traditional methods of assessing

student competencies less effective. Consequently, universities and

educational institutions must seek new methods of evaluating

knowledge that account for both the potential of AI and the

necessity of maintaining academic standards.

Another significant threat is the reduction of social interactions

among students. Generative AI, due to its accessibility and

efficiency, may lead to a decrease in direct interpersonal contact—

both among students and between students and instructors.

Research shows that students increasingly regard ChatGPT

as their primary source of information, forgoing traditional

learning methods such as academic discussions, consultations with
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instructors, or group work. This phenomenon may result in a

decline in interpersonal and argumentative skills, crucial for higher

education and later professional life.

Overreliance on AI may also contribute to erasing critical

thinking and creativity. Because GAI offers ready-made solutions,

there is a risk that students will be less engaged in independent

analysis and problem-solving. The learning process may become

superficial, and users might lose the ability to question information

and develop their original ideas critically. Moreover, frequent AI-

generated answers may lead to a homogenization of thought, with

studentsmore inclined to accept generated content as definitive and

objective—potentially limiting cognitive diversity and creativity in

the learning process.

An interesting aspect that emerged in the analyzed articles is

the issue of access to AI tools. Although generative AI has the

potential to democratize education, there is a risk that it may also

exacerbate educational inequalities. Not all students have equal

access to modern technologies, which can lead to further digital

exclusion. This problem is particularly evident in countries with

limited technological infrastructure, where a lack of access to AI

may pose a significant barrier to education.

Based on the analyses presented in this article, issues related

to students’ mental health and the use of generative artificial

intelligence and large language models to support students with

their mental health challenges rarely appear in review articles. They

can even be considered sporadic compared to other opportunities

and threats discussed in the literature. This article presents possible

reasons for this phenomenon. A key reason for this may be

the current unreliability of this technology for mental health

improvement. However, this doesn’t preclude its future potential.

In terms of future research directions, it seems crucial to

develop a strategy for integrating generative AI in education

in a controlled and responsible manner. The potential benefits–

from personalized teaching and improved access to knowledge–

and the risks associated with the erosion of critical thinking,

reduced social interactions, and breaches of academic integrity

must be considered. It will be essential to implement appropriate

regulations and develop assessment methods that enable the

effective use of AI without negative consequences for the quality

of education.

7 Conclusion

This study analyzed the impact of generative artificial

intelligence–particularly on ChatGPT—on education and students’

mental health. A literature review indicates that AI-based tools can

potentially transform the teaching process by offering personalized

content, immediate feedback, and enhanced access to educational

resources. They may also serve as valuable psychoeducational

tools by supporting access to mental health information and

preliminary diagnostics. At the same time, this technology

poses significant challenges that could negatively affect academic

integrity, social interactions, and the development of critical

thinking and creativity.

Concerning future research and the evolution of academic

policy, it will be essential to develop regulations and evaluation

methodologies that enable the effective use of AI in education while

minimizing its negative impacts. Further investigation is warranted

into the long-term consequences of employing generative AI in the

context of students’ mental health and its influence on their capacity

for independent and creative thinking.

In summary, generative AI offers substantial educational

benefits, but its implementation requires a conscious and

responsible approach. Appropriate regulations, education on the

ethical use of AI, and the development of alternative methods

of knowledge assessment can help harness the potential of this

technology without compromising the quality of education and

students’ mental health and, in the future, achieving a balance

between the integration of modern AI tools and preserving

traditional academic values–such as critical thinking, creativity, and

academic integrity.
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