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Technologies based on artificial intelligence are transforming teaching practices in higher education. However, many university faculty members still face difficulties in incorporating these tools in a critical, ethical, and pedagogically meaningful way. This review addresses the issue of limited artificial intelligence literacy among educators and the main obstacles to its adoption. The objective was to analyze the perceptions, resistance, and training needs of faculty members in the face of the growing presence of artificial intelligence in educational contexts. To this end, a narrative review was conducted, drawing on recent articles from Scopus and other academic sources, prioritizing empirical studies and reviews that explore the relationship between intelligent systems, university teaching, and the transformation of academic work. Out of 757 records initially retrieved, nine empirical studies met the inclusion criteria. The most frequently examined tools were generative artificial intelligence systems (e.g., ChatGPT), chatbots, and recommendation algorithms. Methodologically, most studies employed survey-based designs and thematic qualitative analysis. The main findings reveal a persistent ambivalence: faculty members acknowledge the usefulness of such technologies, but also express ethical concerns, technical insecurity, and fear of professional displacement. The most common barriers include lack of training, limited institutional support, and the absence of clear policies. A shift in the teaching role is observed, with greater emphasis on mediation, supervision, and critical analysis of output generated by artificial intelligence applications. Additionally, ethical debates are emerging around algorithmic transparency, data privacy, and institutional responsibility. Effective integration in higher education demands not only technical proficiency but also ethical grounding, regulatory support, and critical pedagogical development. This review was registered in Open Science Framework (OSF): 10.17605/OSF.IO/H53TC.
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1 Introduction

In recent years, artificial intelligence (AI) has experienced unprecedented growth, expanding into various sectors, including labor, healthcare, social dynamics, and education (Ayala-Chauvin and Avilés-Castillo, 2024). In the educational domain, it has emerged as a key driver of pedagogical innovation (Su et al., 2023). Particularly, Generative AI (GenAI) has gained prominence. This type of AI can create new content such as text, images, or code, based on patterns learned from large datasets. Its applications include process automation, personalized learning support, and assistance in assessment and academic monitoring (Zhang and Aslan, 2021; Wang et al., 2024).

Historically, the integration of digital technologies into education has been gradual, punctuated by moments of disruption, such as the rise of virtual learning environments and the proliferation of open educational resources (Yildirim et al., 2018). However, AI marks a qualitative leap by enabling algorithms to process large volumes of data and tailor educational content to individual learners’ needs (Özer, 2024).

Particularly since the COVID-19 pandemic, the surge in emerging technologies has significantly transformed teaching practices in higher education (Schön et al., 2023). AI-based tools, including GenAI platforms such as ChatGPT, Deepseek, Copilot, and MetaAI now support students and faculty by generating content, providing answers, and enabling personalized learning pathways (Schön et al., 2023). Intelligent platforms enhanced with AI have also optimized instruction through automated tutoring, assisted assessment, and adaptive interactive resources (Xia et al., 2024). Nevertheless, the integration of AI into teaching presents significant challenges. One of the most pressing issues is the need for faculty training to ensure the effective pedagogical use of these tools (Sperling et al., 2024). Many educators lack the skills required to engage with these tools.

In this rapidly evolving context, AI literacy has emerged as an essential competency. Commonly defined as the ability to understand, critically evaluate, and effectively interact with artificial intelligence systems, AI literacy is part of a broader framework of multiple literacies (Tuominen et al., 2005; Ilomäki et al., 2023). Its democratic function lies in enabling individuals from diverse fields, such as health, computing, mathematics, education, or engineering to comprehend how these technologies work and what their implications are. This emphasis places formal education at the center of the debate, highlighting the role of educators and their professional expertise in guiding responsible integration.

Ethical and social implications also demand attention. A study by Ayanwale et al. (2024), involving 529 prospective teachers, underscores the need to prepare educators for responsible use. It warns of potential errors and biases from poor implementation and highlights the dual function of AI ethics: positively predicting emotional regulation and shaping perceptions of persuasive AI, often without aligning with actual competencies. Complementing these findings, (Buele et al., 2025) note that many faculty members lack the epistemic resources to critically assess algorithmic processes, which limits their ability to mentor students on responsible use.

The large-scale collection and analysis of data raise concerns about the privacy and security of information belonging to both faculty and students (Ismail, 2025). Data ownership is often unclear, potentially falling under the control of educational institutions, AI providers, or even third parties. This lack of clarity introduces risks concerning how data is used, stored, and shared. In parallel, limited training opportunities and resistance to change remain key barriers to adoption. Notably, higher levels of anxiety have been associated with greater difficulty in adapting to intelligent tools, particularly among less digitally fluent educators (Shahid et al., 2024).

Given the accelerated emergence of these technologies and the ambivalence they generate among faculty, it becomes necessary to synthesize current evidence on how they are reshaping academic work. This narrative review explores recent literature on faculty perceptions, adoption barriers, ethical considerations, and the evolving roles of university instructors. By identifying key patterns and research gaps, the study contributes to a broader understanding of how higher education is adapting to artificial intelligence.



2 Materials and methods


2.1 Design and search strategy

This review was conducted using a systematic approach for the selection and analysis of scientific literature, focusing on the perceptions, attitudes, and barriers faced by faculty in the adoption of artificial intelligence in higher education. The literature search was carried out using scientific databases recognized for their relevance in the educational and technological fields, including Scopus, Web of Science, IEEE Xplore, ERIC, EBSCOhost, and ProQuest.

Search terms were defined to align closely with the objective of this review. The selection of keywords: “faculty attitudes,” “teacher perceptions,” “teacher barriers,” “artificial intelligence,” “AI in education,” and “higher education” was based on their recurrence in previous studies and relevance to the intersection of AI and academic work in higher education. Boolean operators were applied to structure the search queries. No publication year limits were set in the search strategy.



2.2 Inclusion and exclusion criteria

To ensure the relevance of the selected studies, the following inclusion criteria were applied: (i) studies addressing the relationship between artificial intelligence and the transformation of academic work in higher education; (ii) empirical research with a solid methodological foundation; (iii) studies analyzing changes in work structure, decision-making processes, or regulation of artificial intelligence use in teaching; (iv) publications written in English.

Exclusion criteria included: (i) studies focused exclusively on students or on pedagogical uses of artificial intelligence without considering its impact on faculty; (ii) use of artificial intelligence without evaluating its effects on teaching practices; (iii) research conducted at educational levels other than higher education.



2.3 Study selection process

The article selection was carried out in two phases. The first phase involved reviewing the titles and abstracts of the studies retrieved from the databases. During this phase, duplicates were removed, and studies that did not meet the inclusion criteria were discarded. This was followed by a full-text review, in which the preselected articles were thoroughly analyzed to confirm their relevance to the objectives of this study.



2.4 Data analysis

The selected articles were organized into a synthesis table that included the following information: authors, study objectives, methodology used, type of artificial intelligence examined, educational level, main findings, limitations, and implications for teaching work. Although no formal quality appraisal tools were applied (as this is a narrative review), studies were selected based on their empirical rigor and relevance to the objectives of the review.



2.5 Ethical considerations

As this review is based on previously published studies and does not involve the collection of primary data, ethical approval was not required. Nevertheless, scientific integrity was ensured through the selection of articles from reputable sources and proper acknowledgment of the original authors.




3 Results

The search process yielded a total of 757 records from six databases. After removing duplicates and screening titles and abstracts based on predefined inclusion and exclusion criteria, 104 full-text articles were assessed for eligibility. Of these, 95 were excluded for reasons such as focus on other education levels, lack of assessment of impact on faculty, methodological issues, or inaccessibility of the full text. Ultimately, 9 studies were included in the review. The selection process is summarized in Figure 1.
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FIGURE 1
Preferred reporting items for systematic reviews and meta-analyses (PRISMA) flow chart.



3.1 Types of artificial intelligence used in higher education

The selected studies analyzed various applications of artificial intelligence in higher education (Table 1), with a particular focus on generative tools, chatbots, and recommendation algorithms. Generative artificial intelligence was used in n = 4 studies, focusing on academic writing and teaching support (Alcántar et al., 2024; Gustilo et al., 2024; Kurtz et al., 2024; Gârdan et al., 2025). Conversational and generative chatbots were examined in n = 3 studies, with an emphasis on automated tutoring and academic assessment (Farazouli et al., 2024; Mamo et al., 2024; Merelo et al., 2024). Recommendation algorithms and data analysis were used in n = 2 studies to explore personalized learning and the optimization of teaching (Fernández-Miranda et al., 2024). Automation tools for research and teaching were evaluated in n = 1 study, exploring their impact on human resource management and academic output (Omar et al., 2024).


TABLE 1 Characteristics of the included studies.


	References
	Study objective
	Methodology
	Type of AI used
	Key findings
	Limitations
	Implications for academic work





	Gustilo et al., 2024
	To explore faculty perceptions and practices regarding algorithmic writing tools and their impact on academic integrity.
	Faculty survey and analysis using the TAM model.
	Generative AI for academic writing
	Identified barriers such as limited access and concerns about academic integrity.
	Does not analyze cultural or disciplinary differences.
	Changes in the evaluation of written work and possible redefinition of originality.



	Fernández-Miranda et al., 2024
	To identify ethical challenges of AI in Latin American universities.
	Survey of 665 faculty members.
	Chatbots and recommendation algorithms
	Concerns about privacy, AI bias, and lack of regulation.
	Does not include data on effective AI implementation in universities.
	The need to establish clear regulatory frameworks for AI in education.



	Merelo et al., 2024
	To analyze faculty perceptions of chatbots and messaging platforms in education.
	Surveys of faculty in Spain and other Spanish-speaking countries.
	Conversational chatbots
	Faculty see benefits in automated tutoring but need more training.
	Shows limited adoption and lack of teacher training.
	Possible displacement of the human tutor role in distance education.



	Farazouli et al., 2024
	To analyze how AI chatbots impact faculty assessment practices in universities.
	Turing test with faculty evaluating AI-generated responses.
	Generative chatbots
	Faculty were more suspicious of human-generated texts than AI-generated ones.
	Did not analyze whether students can identify the differences.
	Potential changes in assessment strategies and authenticity of online exams.



	Mamo et al., 2024
	To analyze faculty perceptions of ChatGPT through sentiment analysis on Twitter.
	Text analysis using AI tools.
	ChatGPT and similar tools
	40% of faculty expressed positive opinions, 9% negative.
	Based solely on Twitter data, with no empirical validation.
	May influence institutional policies on AI use in education.



	Alcántar et al., 2024
	To examine knowledge and use of generative AI among university faculty in Mexico.
	Survey of 105 faculty members.
	ChatGPT and generative AI tools.
	Faculty expressed concerns about plagiarism and ethics.
	Does not explore practical applications in the classroom.
	Need for ongoing training in generative AI for faculty.



	Kurtz et al., 2024
	To propose strategies for AI adoption in higher education.
	Literature review and trend analysis.
	ChatGPT, Midjourney, Gemini
	Identified barriers such as lack of teacher training and resistance to change.
	Does not include empirical data on strategy implementation.
	Potential models for gradual AI adoption in education.



	Omar et al., 2024
	To identify Palestinian faculty attitudes toward AI in education.
	Survey of 130 faculty members.
	Educational AI tools
	Positive attitudes toward AI, but concerns about reliability and updates.
	Does not address practical implementation of AI in university courses.
	Potential need for faculty upskilling in AI.



	Gârdan et al., 2025
	To analyze how faculty perceptions influence AI adoption in education, with emphasis on human resource management.
	Survey based on TAM and UTAUT models with 130 faculty members.
	Generative and adaptive AI in education
	Key factors identified: familiarity with AI, resistance to change, and perceived usefulness.
	Does not consider cultural or regulatory differences in AI adoption.
	Faculty training and organizational change strategies are required for effective implementation.








3.2 Faculty perceptions and barriers regarding artificial intelligence

The reviewed literature highlights a range of attitudes that faculty hold toward artificial intelligence in higher education. Positive perceptions: (n = 4) studies found that faculty recognize the potential of artificial intelligence to enhance personalized learning and administrative efficiency (Gustilo et al., 2024; Kurtz et al., 2024; Omar et al., 2024; Gârdan et al., 2025). (n = 3) studies reported that faculty view artificial intelligence as a useful tool for academic writing and assisted teaching (Alcántar et al., 2024; Mamo et al., 2024; Merelo et al., 2024).

Identified barriers: (n = 6) studies reported concerns regarding ethics and academic integrity, specifically related to plagiarism and the lack of regulatory frameworks (Alcántar et al., 2024; Farazouli et al., 2024; Fernández-Miranda et al., 2024; Gustilo et al., 2024; Mamo et al., 2024; Omar et al., 2024). (n = 3) studies noted that the lack of faculty training constitutes a significant obstacle to adoption (Kurtz et al., 2024; Merelo et al., 2024; Gârdan et al., 2025). (n = 3) studies identified resistance to change among faculty, based on the perception that artificial intelligence could replace certain teaching functions (Farazouli et al., 2024; Mamo et al., 2024; Omar et al., 2024).



3.3 Organizational impact and changes in teaching work

The reviewed literature suggests that the implementation of artificial intelligence in higher education is reshaping the structure of academic work in several ways: academic assessment and authenticity of student work: (n = 3) studies addressed how artificial intelligence is transforming the way instructors design and evaluate exams and academic assignments (Farazouli et al., 2024; Gustilo et al., 2024; Mamo et al., 2024). One study in particular (Farazouli et al., 2024) found that faculty had more difficulty identifying texts written by humans than those generated by artificial intelligence, highlighting challenges in assessing academic authenticity.

Shifts in teaching roles and task automation: (n = 3) studies emphasized that artificial intelligence can take on functions such as automated tutoring, student performance analysis, and instructional material generation (Kurtz et al., 2024; Merelo et al., 2024; Gârdan et al., 2025). (Kurtz et al., 2024; Gârdan et al., 2025) examined how instructors may reconfigure their roles, transitioning from knowledge transmitters to facilitators of learning in AI-enhanced environments. These findings suggest that artificial intelligence is not only influencing teaching methodologies but also altering how educators allocate their time and define their professional responsibilities.



3.4 Ethical and regulatory considerations

The impact of artificial intelligence in higher education extends beyond operational and methodological changes, raising important ethical and regulatory issues. (n = 5) studies addressed concerns related to data privacy and algorithmic bias in artificial intelligence tools (Alcántar et al., 2024; Fernández-Miranda et al., 2024; Gustilo et al., 2024; Mamo et al., 2024; Omar et al., 2024). (n = 3) studies noted the lack of clear regulations governing the use of artificial intelligence in teaching, which contributes to uncertainty among faculty members (Farazouli et al., 2024; Fernández-Miranda et al., 2024; Omar et al., 2024). (n = 1) study identified a gap in equitable access to artificial intelligence tools between institutions with differing levels of resources (Kurtz et al., 2024).




4 Discussion


4.1 Ambivalent perceptions and artificial intelligence literacy

One of the most consistent findings across the reviewed literature is the ambivalence in faculty perceptions of artificial intelligence. On one hand, many university instructors acknowledge the potential of these technologies to automate repetitive tasks, provide personalized feedback, and facilitate access to new educational resources. On the other hand, they express uncertainty, fear, and rejection particularly when they do not understand how artificial intelligence works or its ethical and pedagogical implications. Gustilo et al. (2024) found that many faculty members hold contradictory opinions: they value artificial intelligence for content generation but question its reliability and fear it may undermine students’ critical thinking.

To move beyond a descriptive account and toward a more robust interpretation, this ambivalence can be examined through established models of technology adoption. The Technology Acceptance Model (TAM) explains user behavior based on perceived usefulness and perceived ease of use (Davis, 1989). While faculty members may find these tools useful for instructional efficiency, they often struggle with ease of use due to limited training, which reduces their intention to adopt. Similarly, the Unified Theory of Acceptance and Use of Technology (UTAUT) highlights the influence of social expectations and the availability of institutional support (Venkatesh et al., 2003). Across the reviewed studies, the lack of peer collaboration, administrative backing, and pedagogical guidelines emerge as a critical barrier to adoption.

In this context, the concept of AI literacy becomes especially relevant. Artificial intelligence literacy should not be limited to the technical operation of tools but should also include a critical understanding of their foundations, potential, limitations, risks, and ethical frameworks. As Lin et al. (2022), note, the lack of specific didactic and technical knowledge about artificial intelligence hinders the design of sustainable learning experiences and limits educators’ ability to meaningfully integrate these tools. Furthermore, (Heyder and Posegga, 2021) propose a typology that includes three dimensions of literacy: technical, cognitive, and socio-emotional. The literature suggests that many faculty members score low across all three, limiting their engagement in institutional or curricular decisions about AI implementation.

Institutional environments also play a decisive role. The absence of structured training programs and clear experimentation spaces deepens uncertainty and stagnation. Although the literature on faculty professional development increasingly acknowledges these challenges, specific evidence targeting the higher education sector and intelligent technologies remains scarce (Chan, 2023; Kurtz et al., 2024; Walter, 2024).

Beyond institutional dynamics, contextual and demographic variables also shape the adoption of AI tools. Factors such as academic discipline, age, digital fluency, and organizational culture influence both perceived usefulness and actual use. However, most of the reviewed studies lack detailed characterization of these dimensions (Celik, 2023; Zhang, 2023; Ding et al., 2024). Adds that faculty adoption patterns are also mediated by demographic traits: younger instructors and those with prior experience in digital tools are more open to integration, whereas older faculty or those less digitally literate often exhibit skepticism or anxiety.

Recent studies have found that younger faculty members, or those with more prior experience in digital technologies, tend to adopt AI tools with greater ease and perceive them as pedagogically valuable. In contrast, older instructors or those with limited digital exposure often exhibit skepticism or require more intensive support (Chen et al., 2020). Academic rank also plays a role, with early-career faculty showing more willingness to experiment (Heyder and Posegga, 2021).



4.2 Institutional barriers and faculty resistance

National policy frameworks and institutional governance play a critical role in shaping faculty engagement with AI. Countries that have implemented clear AI strategies and ethical guidelines tend to foster more structured institutional responses, which positively affect faculty confidence and adoption (Fernández-Miranda et al., 2024; Mah and Groß, 2024). In contrast, where such frameworks are absent or poorly implemented, faculty often encounter ambiguity and lack of institutional support.

Institutional digital maturity also influences faculty attitudes. Universities with robust infrastructures and ongoing digital transformation efforts offer more consistent training opportunities, which reduce uncertainty and facilitate AI adoption (Qadhi et al., 2024). Conversely, in low-resource environments, the lack of coordination and continuity may amplify resistance.

Several studies indicate that educators perceive the introduction of artificial intelligence as a top-down technological imposition rather than a pedagogical tool (Mah and Groß, 2024). This perception leads to defensive or indifferent attitudes, especially in the absence of institutional spaces for critical reflection or continuous professional development related to artificial intelligence. In addition, (Farazouli et al., 2024) identified that implementing intelligent technologies without clear usage policies or shared ethical criteria creates an environment of ambiguity and insecurity, prompting instructors to avoid using artificial intelligence in order to protect their professional autonomy.

A critical factor is the absence of inclusive organizational models that involve faculty in techno-pedagogical decision-making. As shown by Omar et al. (2024), when artificial intelligence adoption processes exclude faculty input, feelings of exclusion, surveillance, and loss of agency are intensified. This situation is also linked to what (Bernhardt et al., 2023) describe as conflicts over symbolic and practical control in the workplace. To counter these barriers, institutions should implement bottom-up policy models that involve faculty in decision-making processes related to AI adoption. For instance, participatory workshops, co-designed pilot programs, and interdisciplinary advisory boards can help align the implementation of artificial intelligence with pedagogical goals. International examples, such as the The University of Edinburgh, 2024, Stanford University (2024) institutional initiatives (2024) provide valuable reference models for such alignment.

Resistance is not always expressed as open opposition but also as passive resistance such as non-use, minimal use, or avoidance of the more powerful features of intelligent technologies (Karataş et al., 2025). This resistance becomes more pronounced when instructors do not perceive a clear benefit to their teaching practices or feel that the learning effort required is not sufficiently rewarded (Ayanwale et al., 2022; Jatileni et al., 2024)

Another key point is the perception of replacement. Many instructors fear that extensive use of artificial intelligence may lead to a diminished value of their professional roles, particularly in assessment, feedback, or content development (Chan and Tsi, 2023). This perception has been cited as a factor contributing to technological anxiety or even professional disidentification (McGrath et al., 2023). Disciplinary cultures also shape the extent and manner in which AI is adopted. Faculty in STEM and technology-driven fields tend to exhibit greater enthusiasm and openness, whereas those in humanities or critical pedagogy domains express more skepticism, often due to concerns over epistemic integrity or automation of reflective practice (Holmes and Porayska-Pomsta, 2022).

Finally, it is essential to highlight that institutional barriers also include lack of infrastructure, insufficient technical training, and unstable or absent policies regarding the ethical use of artificial intelligence in university contexts (Gkrimpizi et al., 2023). These organizational gaps hinder informed and critical adoption and perpetuate a superficial or purely instrumental view of artificial intelligence (Zhai, 2022; Michel-Villarreal et al., 2023).



4.3 Reconfiguration of academic work

The integration of intelligent technologies in higher education not only transforms instructional tools but also brings about a structural reconfiguration of academic work. This transformation is reflected in the redefinition of roles, the displacement of traditional tasks toward automated processes, and the emergence of new professional competencies.

Recent studies, such as Kurtz et al. (2024) suggest that educators are transitioning from the role of knowledge transmitters to that of mediators, supervisors, resource curators, and providers of emotional support especially in environments where artificial intelligence systems generate content, assess assignments, or propose personalized learning pathways.

This professional shift is not without friction. The review indicates that many educators do not feel prepared to take on these new roles, as they were not part of their initial training and there are few institutional programs to support this transition (Ng et al., 2023). This creates a tension between the expectations of digital environments and faculty members’ perceived capabilities (Celik et al., 2022).

Moreover, as noted by Machado et al. (2025), faculty perceptions of workload associated with artificial intelligence vary depending on the level of automation in educational platforms. In their experiment with automated, manual, and semi-automated scenarios, instructors reported greater cognitive effort and frustration in contexts with higher levels of human control especially when technical support was lacking. This finding reveals a paradox: while artificial intelligence is promoted as a tool to ease workload, its implementation without clear support strategies may have the opposite effect, generating overload, stress, and a sense of lost control.

Simultaneously, the transformation of academic work introduces new demands for advanced digital literacy not only in technical terms, but also in interpreting and validating algorithm-generated outputs, managing adaptive systems, and making decisions in artificial intelligence-mediated environments. These tasks have become increasingly complex as current systems do not possess human-like awareness. As noted by Bouschery et al. (2023), Dwivedi et al. (2023), generative models are often specialized in specific tasks and struggle with adaptability in more complex scenarios (Lee et al., 2024).

Nonetheless, the reviewed literature suggests that this reconfiguration also presents an opportunity to redefine the purpose of academic work highlighting human interaction, pedagogical creativity, and professional judgment in contrast to the standardization of educational processes. However, for this potential to be realized, institutional spaces for dialog and policies that acknowledge and support the emerging profile of faculty are essential (Ng et al., 2023; Adzkia and Refdinal, 2024).



4.4 Ethical dimensions and institutional responsibility

The incorporation of artificial intelligence in higher education raises a series of ethical challenges that have yet to be clearly or consistently addressed by university institutions. Among the most common concerns are data privacy, algorithmic bias, lack of system transparency, and the unclear attribution of responsibility when errors or unintended consequences arise. Additionally, overreliance on AI could undermine teacher autonomy and creativity, raising concerns about the standardization of instruction and the diminishing of the human role in education (Sperling et al., 2024).

Building on these concerns, the concept of algorithmic accountability deserves further attention. This principle refers to the obligation of developers, institutions, and users to ensure that AI systems are explainable, auditable, and aligned with ethical standards, especially in environments like education where algorithmic outputs can affect learning trajectories and evaluations (Memarian and Doleck, 2023; Pawlicki et al., 2024). Equally important is faculty agency: instructors are not merely passive users of AI tools but can act as critical mediators who validate, contextualize, or even challenge algorithmic recommendations. As Buele et al. (2025) emphasize, when educators exercise intentional control over the use of generative AI, they contribute to fostering a culture of responsible innovation in academic environments.

Many instructors report feeling unprepared to deal with these ethical dilemmas, not only due to limited digital literacy but also because of the absence of clear institutional guidelines. Lin et al. (2022) show that the ethical dimension of artificial intelligence education often takes a backseat to the technical or instrumental approach that dominates many faculty training programs.

Likewise, (Alcántar et al., 2024) point to a disconnect between the rapid development of intelligent technologies in education and the normative and governance capacities of universities, leaving instructors in an ambiguous position regarding what they can or cannot do with artificial intelligence tools.

A recurring issue in the literature is algorithmic responsibility: who is accountable when an automated system makes an erroneous or discriminatory decision? How can it be ensured that these systems uphold principles of equity, inclusion, and educational justice? These questions often go unanswered in current university policies (Baker and Hawn, 2022; Salleh, 2023; Salvagno et al., 2023).

The lack of transparency in how artificial intelligence systems are designed and operate also contributes to faculty distrust. Many instructors are unaware of how models used by students, such as automated grading systems or recommendation engines—are trained or what data they process (Halaweh, 2023). His “algorithmic black box” limits the capacity to audit or question system outputs, weakening pedagogical agency (Felzmann et al., 2020; von Eschenbach, 2021; Chowdhury and Oredo, 2023).

Moreover, the ethical digital divide becomes more pronounced when only certain faculty groups, typically those with stronger technological backgrounds, possess the competencies to critically assess these systems. Others, lacking such preparation, are excluded from decision-making and pedagogical innovation (Chiu et al., 2023). This epistemic inequality has emerged as a new source of professional exclusion, yet remains underexplored in current research (Kasinidou et al., 2025; Liu, 2025).

Beyond concerns about algorithmic opacity and data governance, the implications of generative AI for academic integrity are gaining urgency. As Lo et al. (2025) observe, AI tools may enhance student engagement and improve writing quality during revisions. However, they also challenge conventional notions of authorship and originality, blurring the line between acceptable assistance and academic misconduct. These dilemmas extend to faculty as well, particularly in relation to the use of AI in preparing teaching materials, scholarly writing, or providing feedback. Addressing this ambiguity demands clear institutional policies on AI use in academic settings, including guidelines for disclosure, authorship attribution, and acceptable practices.

To translate ethical principles into practice, higher education institutions must adopt clear and adaptable policy frameworks. Recent analyses show that universities such as MIT, University College London, and the University of Edinburgh have developed institutional guidelines for the responsible use of generative AI in teaching and learning contexts (Ullah et al., 2024). These documents typically address transparency, academic integrity, authorship, and appropriate use of AI in assessment and course design. Implementing similar policies can reduce ambiguity and foster consistency in ethical standards across departments. In parallel, faculty development should be sustained and multidimensional, integrating technical, ethical, and pedagogical training. Programs focused on prompt design, bias detection, and case-based ethical reasoning are essential to promote responsible AI use in classrooms. Frameworks like the AI Literacy for Educators model (Chiu, 2024) can support faculty confidence and critical engagement.

Additionally, peer mentoring, interdisciplinary collaboration, and reflective teaching communities contribute to a culture of experimentation and pedagogical renewal. To further support innovation, institutions might consider incentives such as pilot project grants, teaching relief, or support for research dissemination. Latin American universities, in particular, could adapt these international frameworks to fit their specific socio-educational contexts, drawing on references such as the UNESCO (2021) and broader standards from International Organization for Standardization (2023), National Institute of Standards and Technology (2024), OECD (2024).



4.5 Methodological reflections and limitations

This review was conducted using a narrative approach to synthesize emerging insights on faculty perceptions of AI in higher education. While this design allows for thematic flexibility and conceptual depth, several methodological limitations must be acknowledged. First, there is a risk of publication bias, as studies reporting positive attitudes or successful implementations may be more likely to be published and indexed, while critical or null findings remain underreported (Boell and Cecez-Kecmanovic, 2015). This can skew the thematic balance and over represent adoption-oriented perspectives.

Second, the rapid evolution of generative AI tools poses a challenge for literature reviews. Tools like ChatGPT, Copilot, or Bard are being updated continuously, meaning that the perceptions captured in current research may soon become outdated or incomplete (Michel-Villarreal et al., 2023). As new capabilities and ethical concerns emerge, longitudinal and iterative research designs will be needed to track these shifts over time. Finally, the exclusion of gray literature and non-English sources may have limited the scope of this review. Reports, policy briefs, and institutional case studies, often found outside academic databases could provide valuable insights into real-world implementation processes, particularly in underrepresented regions. Future reviews should consider broader inclusion criteria and adopt dynamic frameworks that respond to the evolving nature of AI in education.




5 Conclusion

This narrative review synthesized recent empirical literature to examine how artificial intelligence is reshaping academic work in higher education, with a focus on faculty perceptions, adoption barriers, ethical concerns, and evolving teaching roles. The findings reveal persistent ambivalence among instructors: while many recognize the potential of intelligent tools to enhance pedagogical efficiency, concerns remain regarding ethical use, professional displacement, and the erosion of academic autonomy. Adoption appears to be shaped by more than just technical familiarity. Organizational culture, the presence of clear institutional policies, and disciplinary traditions strongly influence faculty engagement with AI. Moreover, the absence of robust training opportunities and ethical guidance continues to limit meaningful integration into academic practices.

By framing the findings through models such as TAM and UTAUT, this review moves beyond description to offer explanatory insight into the mechanisms driving resistance or acceptance. It also underscores the need to foster AI literacy through multidimensional strategies that include pedagogical, ethical, and institutional dimensions. There is a strong emphasis on adapting faculty development and policy frameworks to specific regional contexts, particularly in underrepresented areas such as Latin America. Institutions are also encouraged to take a proactive role in fostering responsible, equitable, and critically informed uses of AI in education.
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