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Choosing not to use generative
Al in higher education: a mixed
methods study of student
reasoning, assessment design,
and Al literacy
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Generative artificial intelligence tools are rapidly becoming embedded in higher
education, yet little is known about students who deliberately choose not to use
such tools, even when permitted. This exploratory study examines how non-
using students’ reason about GAI in relation to learning, assessment, and
academic integrity. Using a mixed-methods design, descriptive data on GAl
use were combined with in-depth qualitative interviews with biomedical
laboratory science students in Sweden who refrained from using GAI during a
take-home examination followed by a viva voce assessment. This assessment
format provided an authentic opportunity for students to engage with Al tools
if they chose to, reflecting real-world educational conditions where digital
assistance is increasingly available. Among students completing the take-
home examination (n=46), most reported using GAIl, while a small group
reported deliberate non-use; two non-users participated in semi-structured
interviews. Thematic analysis identified ethical considerations, perceptions of
learning depth, and assessment design, as key factors shaping non-use. In
particular, the viva voce examination functioned as a regulatory mechanism
that foregrounded responsibility for independent understanding and reduced
the perceived value of GAIl-generated outputs. Non-use was not
accompanied by lower pass rates in the viva voce examination and was
interpreted as a context-sensitive, reflective form of Al literacy rather than
resistance to technology. These findings highlight the importance of
assessment design in shaping meaningful and equitable engagement with GAI
and suggest that institutional policies should support both users and non-
users of Al tools in higher education.

KEYWORDS
Al literacy, assessment design, biomedical laboratory scientist, generative artificial
intelligence, higher education, non-use of Al, student decision-making

Introduction

Generative artificial intelligence (GAI) has rapidly transformed multiple sectors,
including higher education. Among the most influential developments is ChatGPT, a
large language model created by OpenAl and launched in 2022. ChatGPT uses deep
learning to generate human-like text in response to user prompts, enabling the
production of coherent context appropriate responses (Roumeliotis and Tselikas, 2023).
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Due to these capabilities, GAI tools have quickly gained attention
as versatile resources for educational contexts and have begun to
reshape teaching and learning practices in higher education
(Ray, 2023).

In academic settings, ChatGPT and similar tools are
increasingly used to support learning by providing personalized
explanations, enhancing student engagement, and assisting
faculty with tasks such as automated feedback and differentiated
instruction. Previous research has demonstrated that GAI can
generate multiple-choice questions (Ray, 2023), answer both
first- and second-order knowledge questions in microbiology
(Das et al., 2023). and construct detailed intended learning
outcomes, although output quality and clarity depend heavily on
prompt formulation (Hultgren et al., 2023b). Empirical evidence
indicates that student use of GAI in higher education is steadily
increasing across disciplines (Carmi, 2025; Qian, 2025) and is
becoming deeply integrated into students’ learning practices
(Donadel and Zuin, 2026). Students commonly report using
GAI to summarize literature, clarify complex context, and
improve their writing, often perceiving these tools as valuable
sources of personalized feedback and learning support
(Johnston et al., 2025; Sami et al., 2025). Emerging pedagogical
research suggests that were combining problem-based learning
with ChatGPT can enhance student performance, illustrating the
potential of GAI to strengthen interactive and student-centered
learning models (Al Shloul et al., 2024).

Alongside these opportunities, a growing body of research
highlights several pedagogical and ethical risks associated with
GAI use. Concerns include reduced cognitive autonomy, as
uncritical reliance on AI generated output may erode critical
thinking skills (Dempere et al, 2023). A recent systematic
review suggests that sustained reliance on AI dialogue systems
can negatively affect students’ cognitive abilities when such tools
replace, rather than support for active learning processes (Zhai
et al., 2024). Shallow learning may occur when students accept
Al-generated content without verification, undermining source
criticism and deeper cognitive engagement (Zhai et al., 2024).
These risks are compounded by limited understanding of how
GAI systems function, including their training data, limitations
and susceptibility to hallucinations— plausible but fabricated
content (Ciubotaru, 2025; Jose et al., 2025; Sun et al., 2024).

GAl-related risks are further shaped by differences in Al
literacy, defined as a combination of technical understanding,
critical evaluation skills, ethical awareness, and the capacity to
responsibly use Al-generated content (Long and Magerko, 2020;
Ng et al,, 2021; Ou et al,, 2024). Low levels of such literacy may
amplify several of the risks related to hallucinations, epistemic
opacity, and overreliance (Ciubotaru, 2025). Equity concerns
have also been raised, as access to and effective use of GAI tools

vary based on students’ digital competence, language
background, and financial resources potentially widening
existing educational inequalities (Brandsen et al., 2024;

Ciubotaru, 2025; Liang et al., 2023). In addition, the substantial
computational resources required to train and operate GAI
systems raise sustainability concerns, prompting debate about
how these technologies align with long-term environmental
goals (Rillig et al., 2023).

Despite the rapid expansion of research on GAI in higher
education, most has focused on pedagogical applications among
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adopters. In contrast, perspectives of students who deliberately
refrain from using GAI - even its use is permitted - remain
largely unexplored (Batista et al., 2024).

This group is analytically significant; as little is known about
how non-users conceptualize GAI in relation to learning,
assessment, and academic integrity. Understanding non-users is
particularly important in  assessment contexts where
responsibility, preparedness and independent understanding are
emphasized, such as viva voce examinations (Hultgren et al,
2023a). Examining the perspectives of non-users therefore
addresses an important knowledge gap and provides insights
relevant for pedagogic design, fair assessment practices, and
institutional policy development in an increasingly Al-integrated

educational landscape.

Purpose/objective

The purpose of this mixed-methods study is to explore why
students who are permitted to use GAI, choose not to, how they
reason about these decisions, and how they perceive AIs
implications  for feedback, and

learning,  assessment,

academic integrity.

Research questions

The study is guided by the following research questions:

RQ1: Why do some students choose not to use GAI when its
use is permitted, and how do they reason about this decision in
relation to learning and academic integrity?

RQ2: How does the assessment design—particularly the take-
home examination followed by a viva voce—shape students’
perceptions of what constitutes legitimate learning, feedback,
and academic integrity?

Methods
Study design

This exploratory mixed-methods study involved second-year
biomedical laboratory science students at Karolinska Institutet,
Stockholm, Sweden during 2025. A mixed-methods approach
was chosen to combine descriptive quantitative data on students’
use of GAI at the cohort level with qualitative insights into their
on AL The
component was designed to provide analytical depth rather than

motivations and general views qualitative
breadth, focusing on participants’ reasoning processes and
meaning making in relation to non-use of Al, rather than
aiming for saturation or representativeness. The quantitative
component served a contextualizing function by situating non-
use within the full cohort, while the qualitative interviews
provided the primary analytic insight into students’ reasoning.
The study is reported in accordance with the STROBE
guidelines for observational studies (von Elm et al., 2007) and
the Consolidated Criteria for Reporting Qualitative Research

(COREQ) checklist (Tong et al., 2007).
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Setting

The microbiology course was delivered primarily in a

distance-based format and included a take home written
examination followed by an online viva voce examination
(Curbo et al, 2025). In this study, viva voce refers to an
individual, synchronous oral examination in which students
discuss and defend their prior written work through follow-up
questions posed by an examiner. The assessment focuses on
understanding, and the ability to
rather than recall of factual

knowledge. As part of the course design, students were

reasoning, conceptual

articulate one’s own work,

permitted to use GAI tools during the take-home examination,
provided they explicitly reported whether such tools had been
used and, if so, which tools and for what purpose.

Students were assigned to small teams, and the course
included pre-recorded lectures, the course included voluntary
seminars and a formative reassurance test designed to identify
potential misconceptions. An overview of the study design is
provided in Figure 1.

The viva voce examination followed a standardized protocol
with predefined questions and was limited to 25 min per

10.3389/feduc.2026.1813306

student. The time constraint was intended to minimize
opportunities for students to search for or verify answers using
external sources. The microbiology course corresponds to 5
ECTS (European Credit Transfer and Accumulation System;
equivalent to 150h of study), was delivered over a 5-week

period, and was mandatory for all BLS students.

Participants

All students enrolled in the second-year BLS program cohort
in 2025 (N =47) were eligible to participate. Inclusion criteria
were enrolment in the course and completion of the required
disclosure form indicating whether GAI had been used in the
take-home examination. One student was excluded due to
missing disclosure data. Students who reported not using GAI
(N=6) were invited via email to participate in in-depth
qualitative interviews. Two students agreed to participate. The
median age of the cohort was 24 years (range 21-58), and 89%
were female. Among the interviewed participants the median
age was 25,5 years, and both participants were female.
Although the qualitative sample was small, participants were

Course delivery (Weeks 1-5)

*  Team-based work

. Reassurance test

*  Pre-recorded lectures
*  Voluntary workshops

*  Take-home examination
*  Viva Voce examination

¥

Classification by Al use

Users: n=40
Non-users: n=6

\ 4

Disclosure recieved: n=46
Excluded: n=1 (missing disclosure)

Interview recruitment (Non-users)

n=2
(33%)

Analysis

Quantitative: Excel + Prism
Qualitative: Coding Thematic Analysis

\ 4

Outcomes

FIGURE 1
Study design and data collection.

Patterns of Al use (selfreported)
Themes on views of Al and reasons for non-use
Quantitative summaries and qualitative themes
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purposefully selected due to their alignment with the study’s
focus on non-use of AI and their ability to reflect in depth on
The
structured and analytically rich, enabling detailed exploration
of participants’ perceptions, and meaning-

the assessment experience. interviews were semi-
reasoning,

making processes.

Data collection quantitative data

Self-reported data on AI use were collected through the take-
home examination submission form. Students were classified as
“users” if they reported using GAI and as “non-users” if they
reported not using GAL

Qualitative data

Semi-structured, in-depth interviews were conducted after
course completion to explore students’ general views on Al and
their reasons for not using GAI during the take home
examination. Interviews lasted approximately 50 min and were
conducted onsite. All interviews were conducted by a researcher
with a PhD, who had previously taught the participants in the
microbiology course. No prior personal relationships existed
beyond this teacher-student interaction. Reflexive discussions
were held within the research team to acknowledge and mitigate
related to the
relationship. Participants were informed that participation was
voluntary, would not affect their course results, and that the

potential power dynamics teacher-student

interviewer was not involved in assessing their performance
during the study period. All interviews were audio-recorded
with participants’ consent, and transcribed verbatim prior
to analysis.

Data analysis quantitative analysis

Categorical data were summarized descriptively using Excel
(version 2016, Microsoft Corp., Redmond, WA, USA) and Prism
(version 9.5.0, GraphPad Software, San Diego, CA, USA).

Descriptive patterns were used to summarize patterns of GAI-
use. Missing data were handled via listwise exclusion.

Qualitative analysis

Interview transcripts were analyzed using coding thematic
analysis following Braun & Clarke’s six-phase approach (Braun
and Clarke, 2006). Coding was conducted systematically to
identify patterns across the data, which were subsequently
organized into themes reflecting students’ views on GAI and
their reasons for non-use. Coding was conducted by two
researchers, and codes were discussed to reach agreement
prior to theme development. Although each participant was
interviewed once, the interviews were conducted as in-depth,
semi-structured conversations lasting approximately 50 min.
The analytic aim was not saturation or breadth, but conceptual
insight into students’ reasoning processes regarding deliberate
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non-use of GAI The interviews allowed participants to
elaborate on experiences, values, and decision-making in
depth, which was aligned with the exploratory purpose of
the study.

Postionality and reflexivity

within the Biomedical
Laboratory Science programme under study. This positionality

may shape both data collection and interpretation, particularly

The researchers are educators

given the teacher- student relationship. To mitigate potential
power imbalances and bias, participation was voluntary,
interviews were conducted after course completion, and the
interviewer was not involved in assessing students’ performance.
Reflexive discussions were held within the research team
analytic  process to

assumptions related to assessment, Al use, and academic integrity.

throughout the critically ~ examine

Ethics statement

All participants received written and verbal information about
the study aims prior to participation and provided informed
consent. Participation was voluntary, and students could
withdraw at any time without consequence. Ethical approval for
the interview component of the study was obtained from the
Swedish Ethical Review Authority (2024-05170-01). All data
were anonymized and stored securely, accessible only to the

research team.

Results sample characteristics and
qualitative dataset

Among the students completing the take home examination
(n=46), 40 reported using GAI and 6 reported non-use. Of the
Al-users, 28 passed the subsequent viva voce examination (28/
40; 70%), 7 failed and 5 did not participate. Among the non-
users, 5 passed (5/6; 83%) and 1 did not participate, none failed
(Table 1). These descriptive data provide contextual background
but were not used analytically in the qualitative phase. Two of
the six self-identified non-users participated in semi-structured,
face-to-face interviews lasting approximately 50 min each. These
interviews constitute the qualitative dataset for the present
thematic analysis. Six themes were developed from the data: (1)
Motivations for (Non)Use, (2) Assessment Design as a
Regulatory Mechanism, (3) Learning Depth vs. Efficiency, (4)

TABLE 1 Outcome of the viva voce examination stratified by self-reported use of GAl.

Self-reported Passed Failed Did not

Al use (n) (@) participate (n)
User 28 7 5
Non-user 5 0 1

Total 33 7 6

The table displays the number (1) of students who passed, failed or did not participate in the
viva voce examination.
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Feedback and Academic Relationships, (5) Reliability and Source
Criticism and (6) Institutional Needs: Guiding, Training, and
Ethics (see Table 2; Figure 2).

Motivations for (Non)Use of GAI

Participants expressed both principled and pragmatic reasons
for refraining from GAI use. For one student, non-use stemmed
from ethical and environmental concerns, alongside a belief that
Al undermines deep learning, stating that “AI has negative
environmental effects... it feels like ‘cheating’ and hinders deep
learning” (I1).

The second participant framed non-use as a functional
decision shaped mainly by assessment demands particularly the
requirement to demonstrate independent reasoning during the
viva voce examination: “Not a statement... the oral exam means
I must know it myself; Al felt unnecessary” (12).

TABLE 2 Themes and analytical definitions from the coded interview data.

Theme Analytical definition

1. Motivations for (Non)Use of | This theme captures how participants

AL construct non-use of Al as a deliberate and
value-driven choice, grounded in concerns
about responsibility, learning, and
professional integrity rather than in a lack of

technical competence.

2. Assessment Design as a This theme illustrates how assessment design

Regulatory Mechanism is understood as a central mechanism through
which acceptable and unacceptable uses of Al
are regulated, shaping both teaching practices

and student behavior.

3. Learning Depth vs. Efficiency | This theme reflects a tension in which
efficiency gains associated with Al are
weighed against perceived risks to learning
depth, with participants prioritizing deep

understanding over speed or convenience.

4. Feedback and Academic This theme reflects feedback processes and

Relationships academic relationships, including perceptions
of responsibility, authenticity, and the quality
of dialogic engagement between students and

teachers.

5. Reliability and Source This theme captures participants’ skepticism

Criticism towards Al-generated content, particularly
regarding issues of reliability, transparency,
and the challenges AI poses to established

practices of source criticism.

6. Institutional Needs: This theme identifies a perceived lack of

Guidance, Training, and Ethics | institutional support, with participants
emphasizing the need for clear guidance,
targeted training, and ethical frameworks to
navigate Al use in education.

This table presents the six themes generated through a structured coding process, with each

theme accompanied by an analytical definition that summarizes the core meaning across the
coded data segments.
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Assessment design as a regulatory
mechanism

Participants perceived little value in relying on AI-
generated material when understanding would later need to
be demonstrated orally. One participant suggested that
increased GAI likely if the
examination indicating assessment

increase oral
that

structure, rather than fixed attitudes, played a key role in

use would
was removed,

their engagement with GAL

Learning depth vs. efficiency

Participants described GAI as simultaneously helpful and
potentially counterproductive, highlighting a tension between
the efficiency AI provides and the deeper learning processes
required for long-term learning. At the same time,
participants expressed concern that relying on AlI-generated
summaries or explanations could create an illusion of
understanding. They noted that reading AI generated text can
feel like genuine learning, even when it bypasses the active
cognitive processes such as writing, paraphrasing, explaining
ideas in one’s own words, or drawing diagrams that support
memory consolidation. One participant described how AI-
produced text can falsely signal comprehension: “Reading
once makes me think I know it; then I forget when I must

write it” (12).

Feedback and academic relationships

Peer feedback was framed as a relational practice that depends
on personal engagement and contextual understanding. Al-
generated feedback was perceived as impersonal or insufficiently
attuned to the nuances of the local learning environment. “AI
feedback is less personal,” (I1) Participants emphasized that
on Al
independent understanding particularly in oral assessments

reliance entails responsibility for demonstrating

where personal reasoning must be articulated without

external support.

Reliability and source criticism

Participants expressed concerns were about the accuracy,
transparency, and potential source biases of Al-generated
outputs. They noted that GAI could produce inaccurate or
based on the
necessitating

incomplete answers opaque selection

mechanisms, verification against primary
literature or course materials. Beyond accuracy concerns, both
students reflected on how frequent use of AI might gradually
erode their own critical scrutiny. They feared that habitual
reliance on Al-generated summaries could weaken established
academic practices such as source criticism, independent
evaluation of evidence, and close reading of original texts. As
one participant summarized: “Source criticism may decrease

with AL” (11).
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Students’ reasoning about
non-use of generative Al in
higher education

FIGURE 2
Thematic tree illustrating students’ reasoning for non-use of GAl.

Institutional needs: guidance, training, and
ethics

Participants expressed a clear desire for more explicit
institutional guidance on appropriate GAI use and structured
training in responsible practices, including source verification
and ethical considerations. They emphasized that explicit
instructions about when GAI use is permissible - and when it is
not — would support rather than constrain learning.

Frontiers in Education

Discussion

Although non-users showed a numerically higher pass rate in
the viva voce examination, these differences are reported
descriptively and were not analyzed inferentially. Rather than
performance per se, this discussion focuses on how students
reasoned about GAI use and nonuse within the assessment
context. The qualitative analysis identified two main, partly
overlapping reasons for refraining from GAI use. First, some
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participants articulated ethical concerns, including perceived risks
of undermining genuine learning processes and in one case,
environmental considerations. Second, GAI was rejected on
pragmatic grounds, as it was perceived as unnecessary or
misaligned with what was required to succeed in the viva voce
examination. This interpretation is consistent with findings from
Johnston et al., who report that students with higher confidence
in their academic writing are less inclined to use GAI for
academic purposes (Johnston et al., 2025).

A key contribution of this study is the identification of assessment
design—specifically the viva voce examination—as a central
mechanism shaping students’ decisions regarding GAI use. The
viva voce was perceived as a built-in safeguard against overreliance
on GAI as students anticipated that any understanding derived
from GAI-produced text would subsequently need to be
articulated, justified, and applied independently.

Even among cautious or selective users, GAI was described as
potentially useful for orientation and initial concept clarification.
This aligns with previous indicating a greater
acceptance for GAI for low-stakes or surface-level tasks, such as

research

language correction or preliminary structuring (Johnston et al.,
2025). At the same time, participants expressed concern that
reliance on GAI-generated summaries or explanations could
create an illusion of understanding, particularly if outputs were
accepted uncritically.

Overall, participants positioned GAI as a tool that may support
initial guidance but is insufficient for deeper learning. Importantly,
non-use of GAI should not be interpreted as low Al literacy. Rather,
when viewed through the conceptualization of GAI literacy as
outlined in the introduction, non-use can be understood as a
form of situated and critical AI literacy, where decisions to
refrain are grounded in ethical considerations, assessment
demands, and perceptions of learning quality. This interpretation
corroborates previous findings showing that GAI use in education
is shaped not only by technical access, but also by educational
design, ethical considerations and institutional policies. In line
with Wu et al, our findings suggest that perceived assessment
requirements and expectations for self-regulated learning
influence when, and to what extent, GAI is perceived as
meaningful or legitimate to use (Wu et al,, 2025). Prior studies
also indicate that high levels of AI literacy may manifest
differently among both users and non-users, ranging from
selective and confident use to deliberate restraint or normative
regarding Within  this
framework, non-use should not be equated with lack of

uncertainty academic  boundaries.
understanding but rather interpreted as a context sensitive
judgement informed by responsibility for long-term learning
rather than technical incapability (Adamakis and Rachiotis, 2025).
This interpretation is consistent with prior research showing that
voluntary engagement with educational support activities is
associated with both academic performance and student
satisfaction, and that opting out of optional resources does not
necessarily reflect disengagement but may represent deliberate
self-regulated learning choices (Curbo and Hultgren, 2025).

Taken together, these reflections suggest that feedback practices
and academic relationships were experienced by participants as
inherently relational processes that could not be fully delegated to
GAI without a perceived loss of pedagogical value. Participants

emphasized that students who choose to rely on GAI remain

Frontiers in Education

10.3389/feduc.2026.1813306

accountable for demonstrating their own understanding,
underscoring a strong emphasis on ownership of learning
outcomes. GAI was consistently framed as an assistance

technology requiring active critical engagement rather than passive
acceptance. While Al-generated outputs could offer convenience,
meaningful academic work was described as dependent on
verifying sources, maintaining skepticism, and sustaining practices
of scrutiny central to higher-education learning. These concerns
mirror previous reports regarding reliability, privacy, ethical
implications, and uncertainty surrounding institutional policies for
GALI use (Chan and Hu, 2023).

One participant explicitly refrained from using GAI due to
environmental related to

concerns energy and

consumption. Although raised by a single participant, this

resource

perspective introduces sustainability as a potentially emerging
ethical dimension in students’ reasoning about GAI use. This
perspective should not be generalized but may inform future
research on how environmental considerations intersect with
digital ethics and professional responsibility in higher education.

Participants framed institutional responsibility as twofold: to
articulate clear, contextually grounded guidelines for GAI use,
and to equip students with the skills and ethical frameworks
needed to engage with AI thoughtfully. Importantly, policy
clarity was not perceived as restrictive, but as supportive of
learning, academic integrity, and professional development. The
present study suggests that institutions should not only
communicate expectations regarding acceptable GAI use, but
also explicitly acknowledge legitimate non-use. Supporting both
users and non-users may help reduce normative uncertainty and
reinforce the view of GAI literacy as critical judgement rather
than tool adoption. Clear norms concerning ethics, transparency
and proportionate use are therefore central to the responsible
integration of GAI in education.

Implications for learning, assessment,
feedback, and academic integrity

Although this study is exploratory, the findings point to
several implications for higher education practice. In particular,
the viva voce assessment, implemented under a non-use of GAI
policy, appears to shape students’ experiences of learning,
assessment, feedback, and academic integrity.

Learning

Participants’ reasoning suggests that non-use of GAI can
reflect a deliberate learning strategy aimed at preserving depth
of understanding. Anticipation of oral articulation appeared to
reinforce responsibility for independent comprehension and
reduced the perceived value of unverified Al-generated content.

Assessment
The findings highlight assessment design—specifically the

combination of a take-home examination with a structured viva
voce—as a mechanism that regulates engagement with GAIL
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Such formats may support alignment between assessment
demands and expectations for independent reasoning without
relying on surveillance or detection tools.

Feedback

Feedback was experienced as a relational and contextual
process that could not be fully delegated to GAI without loss of
pedagogical value. Dialogue-based feedback opportunities,
including oral clarification, may therefore remain central even in

Al-rich learning environments.

Academic integrity

Students framed academic

accountability, source criticism, and ownership of understanding

integrity as grounded in
rather than compliance alone. These findings suggest that
integrity-oriented approaches may be strengthened through
that
justification, and explicit recognition of both responsible use and

transparent expectations, assessment designs require

legitimate non-use of GAIL

Limitations

The study has several limitations. The qualitative sample was
small and consisted of only two interviews with self-identified
non-users, which limits transferability. Findings are also shaped
by context-specific factors, including the institutional setting
(Karolinska Institutet), the
program, and a single data-collection time point. The absence of

Biomedical Laboratory Science
qualitative data from AI users means that differences in
reasoning patterns or decision-making strategies between users
and non-users cannot be directly examined. These limitations
necessitate cautious interpretation; however, the study provides
in-depth insights into students’ reasoning that may guide future
hypothesis-generating research.

Rather than aiming for representativeness, the study prioritized
depth of reasoning and conceptual insight. Analyst triangulation
was employed during coding, with two researchers independently
coding and discussing themes to enhance analytic rigor and
credibility. However, the study did not include triangulation
across multiple data sources, methods, or participant groups,
which limits the breadth of interpretive validation. This reflects a
deliberate methodological choice aligned with the exploratory
purpose of the qualitative component.

Future research

Future studies should compare reasoning and learning
strategies among GAI users and nonusers across different
assessment formats and disciplinary contexts. Further research is
also needed to explore how GAI literacy can be developed
without mandating tool use, and how institutional policy design
influences students’ decisions to engage with or refrain from

GAI Longitudinal and cross-institutional studies may be
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particularly valuable in examining how norms and practices
around GAI evolve over time.

Conclusion

This exploratory study examined why some students choose
not to use GAI, even when such tools are explicitly permitted.
The findings indicate that non-use is not primarily driven by
but by
judgements grounded in ethical considerations, perceptions of

lack of competence or access, context-sensitive
learning quality, and assessment design. In particular, the viva
voce examination functioned as a regulatory mechanism shaping
students’ engagement with GAI by foregrounding the need for
independent understanding and articulation.

By focusing on students who deliberately refrained from GAI
use, this study contributes a complementary perspective to existing
research that predominantly examines adopters. The findings
suggest that non-use may, in some contexts, represent a form of
situated and critical Al literacy, in which restraint reflects reflective
decision-making rather than resistance to technology. Recognizing
such practices is important for developing equitable pedagogical
strategies, assessment designs, and institutional policies that
support both users and non-users of GAL

Overview of the microbiology course and study design. The
course included a take-home examination with permitted use of
GAI, provided that students disclosed whether such tools were
used, followed by an online viva voce examination. Self-reported
Al use was collected from the full cohort and used to classify
students as users or non-users. Students reporting non-use of GAI
were invited to participate in in-depth interviews. Quantitative
data were analyzed descriptively, and qualitative interview data
were analyzed using coding-based thematic analysis.

Thematic tree illustrating students’ reasoning for choosing not
to use GAI when its use was permitted. The tree visualizes six
themes identified through thematic analysis: (1) Motivations for
(Non)Use, (2) Assessment Design as a Regulatory Mechanism,
(3) Learning Depth vs. Efficiency, (4) Feedback and Academic
Relationships, (5) Reliability and Source Criticism, and (6)
Institutional Needs: Guiding, Training, and Ethics. Each theme
is illustrated by representative student quotations (leaves)
derived from semi-structured interviews. The figure highlights
how pedagogical design, assessment practices, perceptions of
learning quality, trust in Al-generated content, and institutional
responsibilities collectively shaped students’ decisions to refrain
from using GAI in higher education.
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