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Circulating microRNA (miRNA) Expression Profiling in Plasma of Patients with Gestational Diabetes Mellitus Reveals Upregulation of miRNA miR-330-3p
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Gestational diabetes mellitus (GDM) is characterized by insulin resistance accompanied by low/absent beta-cell compensatory adaptation to the increased insulin demand. Although the molecular mechanisms and factors acting on beta-cell compensatory response during pregnancy have been partially elucidated and reported, those inducing an impaired beta-cell compensation and function, thus evolving in GDM, have yet to be fully addressed. MicroRNAs (miRNAs) are a class of small endogenous non-coding RNAs, which negatively modulate gene expression through their sequence-specific binding to 3′UTR of mRNA target. They have been described as potent modulators of cell survival and proliferation and, furthermore, as orchestrating molecules of beta-cell compensatory response and function in diabetes. Moreover, it has been reported that miRNAs can be actively secreted by cells and found in many biological fluids (e.g., serum/plasma), thus representing both optimal candidate disease biomarkers and mediators of tissues crosstalk(s). Here, we analyzed the expression profiles of circulating miRNAs in plasma samples obtained from n = 21 GDM patients and from n = 10 non-diabetic control pregnant women (24–33 weeks of gestation) using TaqMan array microfluidics cards followed by RT-real-time PCR single assay validation. The results highlighted the upregulation of miR-330-3p in plasma of GDM vs non-diabetics. Furthermore, the analysis of miR-330-3p expression levels revealed a bimodally distributed GDM patients group characterized by high or low circulating miR-330 expression and identified as GDM-miR-330high and GDM-miR-330low. Interestingly, GDM-miR-330high subgroup retained lower levels of insulinemia, inversely correlated to miR-330-3p expression levels, and a significant higher rate of primary cesarean sections. Finally, miR-330-3p target genes analysis revealed major modulators of beta-cell proliferation and of insulin secretion, such as the experimentally validated genes E2F1 and CDC42 as well as AGT2R2, a gene involved in the differentiation of mature beta-cells. In conclusion, we demonstrated that plasma miR-330-3p could be of help in identifying GDM patients with potential worse gestational diabetes outcome; in GDM, miR-330-3p may directly be transferred from plasma to beta-cells thus modulating key target genes involved in proliferation, differentiation, and insulin secretion.
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INTRODUCTION

Gestational diabetes mellitus (GDM) is defined as any degree of carbohydrate intolerance, with onset or first recognition during second or third trimester of pregnancy (1). The prevalence in the world is increasing, and approximately 7% of all pregnancies are complicated by GDM (1), with major risk factors identified in previous history of GDM, history of macrosomia, familiarity for type 2 diabetes (T2D), elevated maternal age, and pre-pregnancy obesity (2, 3).

The pathophysiology of GDM is still not fully characterized. The inadequate β-cell adaptation to peripheral insulin resistance, characterizing second and third trimesters of gestation, is likely to be the main cause of GDM, even though the molecular mechanisms of such failure are mostly unknown (4). During normal pregnancy, glucose homeostasis is maintained by a compensatory increase in insulin secretion, associated with hypertrophy and/or hyperplasia of β-cells (5): it is supposed that several molecules, like placental hormones, play a central role in these adaptive changes (6), thus contributing to gene expression changes necessary to beta-cells in order to fulfill the compensatory request. Moreover, such compensatory phenomenon involves several specific beta-cell factors acting downstream these signaling molecules, such as the transcription factors MAFA and/or PDX1 whose expression strengthen and characterizes beta-cell phenotype maintenance (7, 8).

MicroRNAs (miRNAs) are endogenous ~19–24 nt small non-coding RNAs that play an important role in the modulation of gene expression (9). Indeed, through base pairing to partially complementary sites in the untranslated region of mRNAs, miRNAs can negatively modulate expression and translation of these molecules (10), thus being key factors in gene expression regulation. Each miRNA can potentially modulate multiple genes, whereas a single gene can be targeted by several miRNAs (11). Such complexity justifies the implication of miRNAs in virtually every cellular process, as well as in development or differentiation, regulation of cell cycle (12), and immune system homeostasis (13). Furthermore, miRNAs have been demonstrated to be involved in multiple sides of beta-cell function and differentiation (14), both in normal and diabetic conditions, as well as in beta-cell compensatory process during pregnancy.

Despite their function as regulators of gene expression, recent studies demonstrated that miRNAs are not exclusively intracellular, but also extracellular, being present in a cell-free circulating form in many different biological fluids, including serum or plasma (15). These miRNAs can be associated with proteins (vesicles-free) or held inside membranous vesicles such as shedding vesicles or exosomes. Importantly, extracellular circulating miRNAs have been found aberrantly expressed in the bloodstream during the course of many diseases (16), and some evidences suggested a potential role for miRNAs in cell–cell communication during pathological processes, particularly those packaged onto exosomes (17, 18). Furthermore, a putative use of circulating miRNAs as diagnostic, prognostic, and therapeutic biomarkers of many different diseases, have been strongly suggested, as they can be easily detected and measured from body fluids (19).

Recently, several studies have evaluated the expression of circulating miRNAs (plasma/serum) in diabetes, suggesting their putative use as early biomarkers of this group of chronic metabolic diseases (20). As a matter of fact, circulating miRNAs have been associated with β-cell mass and function and with immune system homeostasis, that certainly represent major players in diabetes pathogenesis (21–23). Regarding GDM, there is a paucity of data defining the expression and the diagnostic utility of circulating miRNAs in this important complication of pregnancy (24). Surely, the understanding of miRNAs function could improve knowledge about etiology and pathophysiology of GDM, while the characterization of circulating miRNAs expression could represent an important tool in order to diagnose GDM earlier than current methods (25). To the time of writing, only two groups have investigated the expression of circulating miRNAs in diabetic and non-diabetic pregnant women using high-throughput technologies. Zhao et al. have evaluated miRNAs profiling in serum collected at 16th–19th gestational weeks: three miRNAs (miR-132, miR-29a, and miR-222) were significantly decreased in GDM pregnant women with respect to the controls (CTR) (26). Similarly, Zhu et al. have evaluated miRNAs expression in plasma collected at 16th–19th gestational weeks: five miRNAs (hsa-miR-16-5p, hsa-miR-17-5p, hsa-miR-19a-3p, hsa-miR-19b-3p, and hsa-miR-20a-5p) were upregulated in diabetic pregnant women with respect to CTR (27). Although informative, the results of these two studies are discordant, probably due to the different samples analyzed (serum vs plasma) and to the different procedures used.

Due to the paucity of data on circulating miRNAs in GDM and to the presence of discordant data, we aimed at evaluating circulating miRNAs expression profiles in plasma of diabetic vs non-diabetic pregnant women during the third trimester of gestation, with the final goal to identify new potential diagnostic/prognostic GDM biomarkers as well as to potentially elucidate part of the complex mechanisms involved in the onset of GDM.

MATERIALS AND METHODS

Patients and Blood Samples

The patients were recruited in the Diabetes out-patient Unit in Siena University Hospital. All the patients performed a 75-g oral glucose tolerance test at 16–19 weeks or 24–28 weeks of pregnancy, and GDM was diagnosed if one of the three glucose concentrations measured was above the cutoff values (fasting plasma glucose ≥5.1 mmol/l; 1-h plasma glucose ≥10 mmol/l; 2-h plasma glucose ≥8.5 mmol/l), according to Italian guidelines. Peripheral blood samples were collected from 21 women with GDM and 10 pregnant non-diabetic CTR at 24–33 weeks of pregnancy to evaluate miRNAs expression and laboratory parameters (glycemia, cholesterol, triglycerides, insulin levels, HbA1c, creatinine, urinary albumin, osteocalcin, 25-OH vitamin D, calcitonin, and serum calcium). Moreover, during the third trimester of pregnancy, all the 31 participants performed an obstetric echography to evaluate fetal parameters (biparietal diameter, cranial circumference, abdominal circumference, femur length, and fetal weight). Patients’ main clinical parameters are reported and summarized in Table 1. This study was carried out in accordance with the required local ethical recommendations. All procedures followed were in accordance with the ethical standards of the responsible committee on human experimentation (institutional and national) and with the Helsinki Declaration of 1975, as revised in 2013. Informed consent was obtained from all patients for being included in the study.

TABLE 1 | Clinical characteristics (maternal and fetal) of the study population.
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Blood Samples Processing

The blood samples were processed according to a standardized operating procedure to collect plasma for miRNAs analysis. The blood was drawn in BD Vacutainer K2-EDTA tubes and processed within 2 h from collection.

The whole blood was separated into plasma and cellular fractions by centrifugation at 1,800g for 10 min at room temperature; plasma was collected in RNAse-free tubes and further centrifuged at 1,200g for 20 min at 10°C to completely remove contaminant cells. Finally, plasma samples were aliquoted to avoid freeze–thaw cycles and finally stored at −80°C up to the RNA extraction.

RNA Extraction

Plasma samples were thawed on ice and then further centrifuged 3,000g for 5 min at 4°C in order to completely remove cell debris. MiRNeasy miRNA extraction kit (Qiagen, Hilden, Germany) was used to extract RNA from 50 µl of plasma from each patient, by adding 1,200 µl of Trizol LS (Lifetechnologies, CA, USA) and finally eluted in 30 µl of nuclease-free water. Moreover, 25 pmol of the spike-in control ath-miR-159a were added to each sample, in order to control variations in RNA extraction procedures.

TaqMan miRNA Array Profiling Analysis

TaqMan miRNA Human Array Panel A platform (Lifetechnologies, CA, USA) was adopted to profile the expression the expression of 384 miRNAs in as low as 50 µl of plasma, following manufacturer’s instructions. RNA was reverse-transcribed using “Megaplex RT primers Pool-A” (Lifetechnologies, CA, USA); briefly, 3 µl of extracted RNA from 50 µl of each plasma sample were added to 0.80 µl of 10× Megaplex RT Primers, 0.20 µl of 100 mM dNTPs, 1.50 µl of 50 U/μl Multiscribe RT, 0.80 µl of 10× RT Buffer, 0.90 µl of 25 mM MgCl2, 0.10 µl of 20 U/μl RNAse Inhibitor, and 0.20 µl of H2O. The product of this reaction was incubated for 40 cycles at 16°C for 2 min, 42°C for 1 min, and 50°C for 1 s, and then at 85°C for 5 min. Afterward, the synthesized cDNA was preamplified using “Megaplex Preamp primers Pool-A”: 2.5 µl of cDNA from each sample were added to 12.5 µl of 2× TaqMan Preamp Master Mix, 2.5 µl of 10× Preamp Primers A V.2.1, and 7.5 µl of H2O. The product of this reaction was incubated at 95°C for 10 min, at 55°C for 2 min, and at 72°C for 2 min, then for 12 cycles at 95°C for 15 s and 60°C for 4 min and, finally, at 99°C for 10 min. Finally, preamplified cDNA was diluted 1:4 in 0.1× Tris-EDTA pH8.0 to obtain a final volume of 100 µl.

The reaction mix for each microfluidic card was prepared adding 360 µl of H2O and 450 µl of TaqMan Universal PCR Master Mix 2× to 90 µl of diluted and preamplified cDNA. The product of this reaction was incubated at 95°C for 10 min, followed by 40 cycles of 95°C for 15 s and 60°C for 1 min. The real-time PCR instrument ViiA7 (Lifetechnologies, CA, USA) was used to perform the reactions.

Resulting data were analyzed and exported using Expression Suite 1.2.1 software (Lifetechnologies, CA, USA). Analysis was performed by using 2−ΔΔCt method following normalization with both Global Mean Normalization method and NormFinder search for most stable endogenous miRNAs (miR-374, miR-320).

Hierarchical clustering analysis plot was computed in order to obtain a global view of miRNAs expression levels among eight plasma samples analyzed and to identify clustered group of miRNAs. Differentially expressed miRNAs were identified by performing a volcano plot analysis by applying a cutoff fold change of 2.0 and a statistical cutoff of p < 0.05 using Student’s t test and Mann–Whitney statistical non-parametrical U test. Hierarchical Clustering analysis plot and Volcano Plot were elaborated using Spotfire 5.0 (Tibco) and GraphPad 6.0, respectively.

Single Assay qRT Real-time PCR

The expression of miRNAs miR-330-3p and miR-548c was analyzed in all the 31 plasma samples through single assay qRT real-time PCR using TaqMan miRNA assay primers (Lifetechnologies, CA, USA). RNA was reverse-transcribed using “Megaplex RT primers Pool-A” protocol and preamplified using “Megaplex Preamp primers Pool-A” (see above). In each well, 5 µl of preamplified cDNA (diluted 1:40) were added to 15 µl of reaction mix composed of 10 µl TaqMan Universal Master Mix, 1 µl of TaqMan miRNA expression assay, 4 µl of H2O. The reaction was incubated at 95°C for 10 min, followed by 40 cycles of 95°C for 15 s and 60°C for 1 min. Data analysis was performed by using 2−ΔCt method; samples with resulting raw cycle-threshold (Ct) >35.0 were considered as not detected/expressed. miRNAs miR-320 and miR-374a were adopted to normalize the values of detected miRNAs of interest.

Statistical Analysis

Differences in expression levels of miRNAs, in clinical characteristics (age, BMI), in laboratory parameters and in obstetric parameters were evaluated by Student’s t test, non-parametric Mann–Whitney U test or Fisher’s Exact test. The correlation between expression levels of hsa-miR-330-3p and insulin levels was evaluated by Spearman non-parametric test. A p-value < 0.05 was considered as statistically significant. GraphPad 5.1 was adopted for statistical analysis of the data.

Target Genes Identification and Bioinformatic Analysis

In order to retrieve predicted or previously experimentally validated miRNAs target genes, we used Targetscan Human 7.01 (28) and miRTarbase2 (29), respectively.

Interaction network analysis was performed by using BioGRID 3.4 tool3 (30) in order to verify all the potential interactions of identified target genes and potentially function mediators.

RESULTS

Plasma miRNAs Expression Profiles in GDM Patients

In an attempt to verify the potential altered expression of circulating miRNAs in plasma of GDM patients, we performed an unbiased TaqMan Array profiling by analyzing 384 miRNAs in a discovery cohort composed of plasma samples derived from n = 4 non-diabetic pregnant women (24–33 weeks of gestation; age 35.25 ± 3.86 years; BMI 20.40 ± 0.77 kg/m2) and n = 4 GDM patients (24–28 weeks of gestation; age 35.00 ± 3.9 years; BMI 21.5 ± 1.11 kg/m2) (Table 1—profiling cohort). A total of 202 miRNAs were detected (raw Ct cutoff < 35.0) in at least one sample/group, with a global mean miRNAs detection rate between 40 and 50% (Figure S1A in Supplementary Material). Since global mean normalization strategy for miRNAs expression data analysis has been indicated as the most reliable method to detect changes in circulating miRNA expression levels, we adopted such strategy to analyze resulting raw data; indeed such approach showed a good degree of stability across samples. However, in order to detect single miRNAs which can be reliably used as plasma miRNA normalization factors for subsequent single assay validation stage, we looked for two most stable plasma miRNAs among 202 detected across the eight samples analyzed; using the algorithm NormFinder, we identified miR-320 and miR-374a as the most stably expressed miRNAs (Figure S1C in Supplementary Material) and with comparable stability respect to the global mean normalization.

Overall, resulting data are reported in the hierarchical clustering heatmap analysis showing the expression levels of detected miRNAs analyzed using global mean normalization (Figure 1A). Since our aim was to identify potential miRNAs expression alterations in plasma of GDM patients respect to non-diabetic CTR, adopting a specific fold change (2.0-fold change upregulated/downregulated vs non-diabetics) and p-value cutoffs (p < 0.05 Student’s t-test on normally distributed ΔCt), we detected the differential expression of four miRNAs, as demonstrated by Volcano Plot analysis (Figure 1B). Namely, we identified miR-330-3p and miR-483-5p (upregulated in GDM vs non-diabetic subjects) and miR-548c-3p and miR-532-3p (downregulated in GDM vs non-diabetic subjects) (Figures 1B,C). As shown in Volcano plot, miR-330-3p and miR-548c-3p resulted the most differentially expressed miRNAs in GDM vs non-diabetic pregnant women (miR-330-3p: 11.1-fold increase; miR-548c-3p: 25.3-fold decrease; miR-483-5p: 2.01-fold increase; miR-532-3p: 2.1-fold decrease) and then taken into consideration for further analyses involving a second patients cohort.
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FIGURE 1 | Taqman microRNAs (miRNAs) Array profiling in plasma of gestational diabetes mellitus (GDM) patients. (A) Hierarchical Clustering Heatmap analysis of miRNAs detected in at least one sample/group. n = 4 non-diabetic controls (CTR) and n = 4 GDM patients are reported. miRNAs expression levels are reported as scale colors based on dCT expression [blue (high expression): dCT = −13.7; red (low expression): dCT = 13.6; grey (not detected)]. (B) Volcano plot analysis showing differentially expressed miRNAs; single black dot represents miRNAs positioned based on the relative fold change and p-values. Fold change cutoff (red lines) was set at 2.0-fold while p-values cutoff (blue line) was set at 0.05 based on Student’s t-test on normally distributed dCT. (C) Results reported as dot plot graph showing miRNAs differentially expressed; extrapolated values from Taqman array profiling are reported as normalized 2−dCT together with mean ± SEM and p-values further elaborated using non-parametric Mann–Whitney U test (p < 0.05).



Stem-loop RT-real-time PCR was adopted to perform single assay validation analysis of miRNAs miR-330-3p and miR-548c-3p. Such validation analysis was performed by including a second cohort of patients, composed of additional samples from non-diabetic and GDM patients (Table 1—validation cohort). Therefore, the expression of such miRNAs were finally evaluated in a total of n = 10 non-diabetic pregnant women and n = 21 GDM patients. The results highlighted a significant increased expression of miR-330-3p (p = 0.01, Mann–Whitney U test) in plasma of GDM vs non-diabetic subjects (Figure 2A) while no significant differences were observed in miR-548c-3p expression levels (Figure 2B).
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FIGURE 2 | RT-PCR Single assay validation of miR-330-3p and miR-548c-3p. Single assay RT-real-time PCR validation of (A) miR-330-3p and (B) miR-548c-3p on n = 10 non-diabetic controls (CTR) and n = 21 gestational diabetes mellitus (GDM) patients. Red dots represent the discovery cohort analyzed in the miRNA profiling stage while the black dots represent the validation cohort. Data are reported as normalized 2−dCT values together with mean ± SEM. Mann–Whitney U test, p < 0.05.



Plasma Levels of miR-330-3p Define Two GDM Patient Subgroups

Interestingly, by analyzing miR-330-3p expression data, we detected a clear-cut separation within GDM patients group, characterized by n = 11 patients with high miR-330-3p expression (GDM miR-330high) and n = 10 GDM patients with low/null miR-330-3p expression (GDM miR-330low) (Figure 3A); miR-330-3p levels significantly differed between the two subgroups and respect to non-diabetic subjects as well (Figure 3B). Based on miR-330-3p expression, GDM patients group resulted bimodally distributed, thus clearly distinguishing two GDM subgroups.
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FIGURE 3 | Plasma miR-330-3p identifies two subpopulations of gestational diabetes mellitus (GDM) patients. (A) Dot plot graphs depicting the expression of miR-330-3p, which identifies two different GDM subpopulations: miR-330high (blue rectangle), miR-330low (yellow rectangle). (B) Expression of plasma miR-330-3p in non-diabetic controls (CTR) (n = 10), GDM-miR-330high (n = 11), and GDM-miR-330low (n = 10). Data are reported as normalized 2−dCT values together with mean ± SEM. Mann–Whitney U test, p < 0.05.



Such peculiar bimodal distribution within GDM patients led us to verify whether potential differences in clinical parameters, maternal diabetic outcomes, and/or fetal outcomes may occur between miR-330high and miR-330low GDM patients. First, no differences were detected between the two subgroups in terms of age and BMI (Table 2). Interestingly, we observed that insulinemia (measured at onset) was lower in miR-330high respect to miR-330low GDM patients (Table 2), while, as expected, both GDM subgroups retained higher levels of insulinemia respect to non-diabetic subjects. More importantly, we observed that the expression of circulating miR-330-3p in GDM patients, but not in non-diabetics, was significantly inversely correlated to insulinaemia (Figure 4A), as an increased expression of circulating miR-330-3p resulted in lower insulinemia (p = 0.042) (Figure 4B). Correlation analysis of miR-548c-3p expression levels and insulinemia both in GDM and in non-diabetic subjects did not retrieve any significant results (Figures 4C,D).

TABLE 2 | Clinical characteristics (maternal and fetal) of the study population subgrouped based on plasma miR-330-3p expression.
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FIGURE 4 | miR-330-3p expression correlates with insulinemia in gestational diabetes mellitus (GDM) patients. Correlation analysis between miR-330-3p and miR-548c-3p expression levels, reported as normalized 2−dCT values, and insulinemia, reported as mUI/ml, in (A,C) non-diabetic controls (n = 8) and in (B,D) GDM patients (n = 21). Spearman R test was performed to evaluate r-values and p-values (p < 0.05).



Additionally, although not statistically significant, patients within GDM-miR-330high subgroup retained an higher rate of predisposing T2D genetic background, having at least one first-degree relative affected by T2D and, furthermore, were more likely to require future insulin therapy respect to patients with low miR-330-3p expression (Table 3). Moreover, by measuring pregnancy outcomes, we observed a significant increased rate of cesarean sections in pregnant women within GDM-miR-330high subgroup respect to GDM-miR-330low, due to advanced maternal age, previous cesarean sections and complications of pregnancy (e.g., maternal hydronephrosis, polyhydramnios, fetal macrosomia). This suggests a worse pregnancy outcome possibly due to a more aggressive diabetic phenotype characterized by increased circulating expression of miR-330-3p.

TABLE 3 | Comparison between gestational diabetes mellitus (GDM) subgroups based on selected diabetic and pregnancy/pre-pregnancy outcomes.
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miR-330-3p Targets Several Genes Involved in Beta-Cell Compensatory Process and in Glucose Homeostasis

An in depth analysis of the potential functions of miR-330-3p through the evaluation of its previously experimentally validated target genes, revealed that miR-330-3p targets two components of beta-cell function and proliferation machinery: E2F1 and CDC42 (Table 4) (31, 32). Both identified genes are involved in beta-cell growth and proliferation being activators of a series of proteins involved in cell cycle activation and cellular growth; interaction network analysis (Figures 5 and 6) shows all the previously dema consistent and significant number of interactions are toward factors highly involved in proliferation. However, the interaction network analysis revealed that several other interacting genes have been demonstrated to control beta-cell phenotype maintenance, such as KAT2B, CDH1, SIRT1, and PAK1 (Figures 5 and 6, highlighted in red). Furthermore, beside their role in cellular growth and proliferation, both E2F1 and CDC42 have been also demonstrated to be involved in glucose-stimulated insulin secretion, being prevalently involved in first- and second-phase insulin release, respectively (33–36).

TABLE 4 | MicroRNA miR-330-3p validated and predicted target genes.
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FIGURE 5 | E2F1 Interaction networks analysis graph performed using Biogrid software tool. Interaction networks analysis between E2F1 and its reported protein interactors, show several factors involved in the control of proliferation. Yellow connection lines represent a physical interaction evidence while purple connection lines reports both a genetic and physical interaction. Only those interactions with three or more reported and published evidences are shown. Greater node size represents increased connectivity while thicker edges represent increased evidences. Red rectangles highlight interactors with a previously described role in beta-cell function.
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FIGURE 6 | CDC42 Interaction networks analysis graph performed using Biogrid software tool. Interaction networks analysis between CDC42 and its reported protein interactors, show several factors involved in the control of proliferation. Yellow connection lines represent a physical interaction evidence while purple connection lines reports both a genetic and physical interaction. Only those interactions with three or more reported and published evidences are shown. Greater node size represents increased connectivity while thicker edges represent increased evidences. Red rectangles highlight interactors with a previously described role in beta-cell function.



Finally, among predicted target genes, we identified other key factors, which could be involved in beta-cell proliferation and differentiation, thus potentially being negatively modulated by increased expression of miR-330-3p (Table 4).

DISCUSSION

Circulating miRNAs have been suggested as potential biomarkers of several diseases being potentially secreted in biological fluids by virtually all cell types (44). Furthermore, they have been observed as mediators of tissue crosstalk, acting both in physiological conditions as well as in diseases, thus being suggested as new “hormones” (45). Consequently, investigating circulating miRNAs expression may potentially reveal both new biomarkers of disease as well as suggest new pathogenic mechanisms.

Regarding GDM, two previous studies analyzed circulating miRNAs expression profiles in plasma and serum, adopting high-throughput techniques. However, the results between the two studies were discordant, possibly due to different types of biological samples analyzed (serum vs plasma) as well as potential differences in pre-analytical sample processing (46). Indeed, miRNAs expression in serum or plasma is strongly influenced by small changes in pre-analytical steps and several strict guidelines need to be followed in order to reduce variability across samples and to finally identify reliable biomarkers (47). In the present study, we analyzed the expression profile of 384 miRNAs in plasma samples derived from non-diabetic pregnant women and GDM pregnant patients with the aim: (i) to detect new biomarkers of gestational diabetes; (ii) to suggest new pathogenic mechanisms leading to gestational diabetes onset. Importantly, samples were collected using a standardized protocol specifically following all the necessary procedures to reliably identify potentially altered miRNA expression. A two-step analysis was adopted in order to identify differentially expressed miRNAs: (1) a high-throughput approach involving a selected subpopulation of GDM patients and CTR (age and BMI matched), followed by (2) an extended validation stage in an additional cohort aimed at characterizing the expression of single miRNAs previously detected in the first profiling step. Adopting such approach we finally confirmed the differential expression of miR-330-3p, which resulted significantly upregulated in GDM plasma samples vs non-diabetic CTR. MiR-330-3p expression levels were inversely correlated to insulinemia and such correlation was restricted to GDM patient. These results may suggest a new potential connection between miR-330-3p expression and diabetic state. More interestingly, we identified two subpopulations of GDM patients characterized by different levels of miR-330-3p: GDM-miR-330high and GDM-miR-330low. The GDM patients group retaining higher plasmatic levels of miR-330-3p showed signs of a more aggressive diabetic phenotype; indeed they were more likely to require future insulin therapy respect to GDM-miR-330low whose glycemic control was guaranteed by diet indications only; moreover, the rate of those GDM patients having one or more T2D relatives was higher in GDM-miR-330high (Table 3). Although such results were not statistically significant, a secondary indication of a worse diabetic outcome in GDM-miR-330high with respect to GDM-miR-330low was indirectly measured by cesarean section rate [a gestational diabetic complication, strongly related to hyperglycemia and glycemic control during pregnancy (48)], which was significantly higher in GDM-miR-330high thus further confirm a correlation between miR-330-3p plasmatic levels and GDM outcome during pregnancy and reinforcing a potential view of miR-330-3p as an indicator of an aggressive diabetic phenotype. Overall, such results pointed out a potential role for miR-330-3p as a new biomarker of GDM outcome. One potential limit of this study is the small number of patients; however, the use of a specific and stringent procedure for blood drawn, plasma collection, and miRNAs analysis (previously reported as critical for low variance maintenance among samples), provided enough accuracy to obtain statistically significant results, at least for miRNA miR-330-3p. Therefore, although further studies are needed in order to deepen these results, the measurement of circulating levels of miR-330-3p may help in advance to guide the choice of a personalized therapy in GDM, being miR-330-3p circulating levels able to potentially predict diabetic outcome and/or severity.

Although circulating miRNAs could be used as new disease biomarkers, a potential role as mediators of tissue crosstalk has been assigned to their function. Indeed, several authors started to link circulating miRNAs alterations as a putative disruption of a communication track among tissues/cells. Therefore, we hypothesized that the alteration of miR-330-3p expression levels in plasma of GDM patients may be involved in the loss of compensatory potential by beta-cells during pregnancy, thus contributing to GDM onset. miR-330-3p has been previously demonstrated to be active as a cell cycle suppressor during cancer; indeed, the alteration of its expression may cause changes in proliferation and growth thus rendering it a pivotal regulator of cell cycle homeostasis. It is conceivable that miR-330-3p upregulation in plasma of GDM patients, if transferred to beta-cells, may partly contribute to beta-cell dysfunction thus causing defects in proliferation and growth. Indeed, miR-330-3p target genes search using both algorithms for previously experimentally validated targets and those for the prediction revealed that E2F1 and CDC42 are miR-330-3p target genes. Both have been previously demonstrated to be involved in beta-cell proliferation and growth and, moreover, strong evidences indicated them as involved in the control of insulin secretion. Therefore, the reduction of E2F1 and CDC42, potentially caused by increased levels of miR-330-3p, may lead to an impairment of beta-cell proliferation and insulin secretion. In support of this hypothesis, it has been previously demonstrated that cell cycle genes are necessary to beta-cell compensatory adaptation during pregnancy, being 67 those genes involved in proliferation control and upregulated in pregnant mouse islets (49, 50), and that the disruption of their network may cause massive defects in beta-cell adaptation mechanisms. Additionally, beside the control of beta-cell proliferation, Targetscan7.0 miR-330-3p predicted targets, revealed several other genes potentially involved in beta-cell function such as AGTR2 (Angiotensin II receptor Type 2) [which partially CTR beta-cell differentiation (37, 38)] or EIF4EBP2 [involved in beta-cell proliferation and differentiation (40)]. Of particular interest, AGTR2 has been previously demonstrated to be an active factor which exploits its function during pancreas development at embryonic stage, but also addressed as potential mediator of beta-cell regeneration in adult pancreas; it is possible to hypothesize that high plasma levels of miR-330-3p may inhibit pancreatic endocrine/beta-cell neogenesis through the downregulation of AGTR2 expression, thus determining a defect in the regenerative capacity of endocrine pancreas during high metabolic requirements.

Finally, one potential open question remains about determination of circulating miR-330-3p tissue/cells of origin; such information could be of fundamental importance in order to address whether a specific “mirroring” plasma-tissue may be identified. By interrogating several miRNAs expression databases reporting their high-throughput expression in several human tissues, we found that miR-330-3p resulted enriched in breast tissue respect to the other tissues analyzed. Although such data need to be confirmed by other independent observations, a potential indication about its primary derivation sites has been raised, thus opening to the possibility of a miRNA-mediated crosstalk between breast tissue and endocrine pancreas during normal and diabetes-complicated pregnancy.

In conclusion, we demonstrated that miRNA miR-330-3p is upregulated in plasma of GDM patients and identifies a subgroup of those patients with a more adverse course of gestational diabetes. Finally, we suggest that miR-330-3p could be potentially used both as a biomarker of GDM outcome as well as a therapeutic target. However, additional studies are needed to finally confirm the potential use of circulating miRNAs as biomarkers and to uncover their role as dysfunction mediators in GDM.

ETHICS STATEMENT

This study was carried out in accordance with the required local ethical recommendations (University of Siena). All procedures followed were in accordance with the ethical standards of the responsible committee on human experimentation (institutional and national) and with the Helsinki Declaration of 1975, as revised in 2013. Informed consent was obtained from all patients for being included in the study.

AUTHOR CONTRIBUTIONS

GS performed the experiments, collected, analyzed, and discussed data, and contributed to write the manuscript. EG recruited patients, collected blood, clinical data, and parameters, and contributed to writing the manuscript. GG performed the experiments and collected and analyzed data. CF recruited patients and collected blood and clinical data parameters. CDP assisted with sample processing and experiments and contributed to scientific discussion. EC collected clinical data parameters and contributed to scientific discussion. FD designed and supervised the study and wrote the manuscript.

FUNDING

This study was supported by grants from the Italian Ministry of Research (no. 2015373Z39_007) and from Fondazione Roma to FD.

SUPPLEMENTARY MATERIAL

The Supplementary Material for this article can be found online at http://www.frontiersin.org/article/10.3389/fendo.2017.00345/full#supplementary-material.

REFERENCES

1. American Diabetes Association. Gestational diabetes mellitus. Diabetes Care (2004) 27(Suppl 1):S88–90. doi:10.2337/diacare.27.2007.S88

2. Yuen L, Wong VW. Gestational diabetes mellitus: challenges for different ethnic groups. World J Diabetes (2015) 6:1024–32. doi:10.4239/wjd.v6.i8.1024

3. Schiavone M, Putoto G, Laterza F, Pizzol D. Gestational diabetes: an overview with attention for developing countries. Endocr Regul (2016) 50:62–71. doi:10.1515/enr-2016-0010

4. Di Cianni G, Miccoli R, Volpe L, Lencioni C, Del Prato S. Intermediate metabolism in normal pregnancy and in gestational diabetes. Diabetes Metab Res Rev (2003) 19:259–70. doi:10.1002/dmrr.390

5. Bowes SB, Hennessy TR, Umpleby AM, Benn JJ, Jackson NC, Boroujerdi MA, et al. Measurement of glucose metabolism and insulin secretion during normal pregnancy and pregnancy complicated by gestational diabetes. Diabetologia (1996) 39:976–83. doi:10.1007/BF00403918

6. Metzger BE, Buchanan TA, Coustan DR, de Leiva A, Dunger DB, Hadden DR, et al. Summary and recommendations of the Fifth International Workshop-Conference on Gestational Diabetes Mellitus. Diabetes Care (2007) 30(Suppl 2):S251–60. doi:10.2337/dc07-s225

7. Kaneto H, Miyatsuka T, Kawamori D, Yamamoto K, Kato K, Shiraiwa T, et al. PDX-1 and MafA play a crucial role in pancreatic beta-cell differentiation and maintenance of mature beta-cell function. Endocr J (2008) 55:235–52. doi:10.1507/endocrj.K07E-041

8. Arcidiacono B, Iiritano S, Chiefari E, Brunetti FS, Gu G, Foti DP, et al. Cooperation between HMGA1, PDX-1, and MafA is essential for glucose-induced insulin transcription in pancreatic beta cells. Front Endocrinol (2014) 5:237. doi:10.3389/fendo.2014.00237

9. Bartel DP. MicroRNAs: genomics, biogenesis, mechanism, and function. Cell (2004) 116:281–97. doi:10.1016/S0092-8674(04)00045-5

10. Lai EC. microRNAs: runts of the genome assert themselves. Curr Biol (2003) 13:R925–36. doi:10.1016/j.cub.2003.11.017

11. Lewis BP, Shih I, Jones-Rhoades MW, Bartel DP, Burge CB. Prediction of mammalian microRNA targets. Cell (2003) 115:787–98. doi:10.1016/S0092-8674(03)01018-3

12. Wilczynska A, Bushell M. The complexity of miRNA-mediated repression. Cell Death Differ (2015) 22:22–33. doi:10.1038/cdd.2014.112

13. Sebastiani G, Ventriglia G, Stabilini A, Socci C, Morsiani C, Laurenzi A, et al. Regulatory T-cells from pancreatic lymphnodes of patients with type-1 diabetes express increased levels of microRNA miR-125a-5p that limits CCR2 expression. Sci Rep (2017) 7:6897. doi:10.1038/s41598-017-07172-1

14. Sebastiani G, Valentini M, Grieco GE, Ventriglia G, Nigi L, Mancarella F, et al. MicroRNA expression profiles of human iPSCs differentiation into insulin-producing cells. Acta Diabetol (2017) 54:265–81. doi:10.1007/s00592-016-0955-9

15. Fehlmann T, Ludwig N, Backes C, Meese E, Keller A. Distribution of microRNA biomarker candidates in solid tissues and body fluids. RNA Biol (2016) 13:1084–8. doi:10.1080/15476286.2016.1234658

16. Turchinovich A, Weiz L, Burwinkel B. Extracellular miRNAs: the mystery of their origin and function. Trends Biochem Sci (2012) 37:460–5. doi:10.1016/j.tibs.2012.08.003

17. Chen X, Liang H, Zhang J, Zen K, Zhang C-Y. Secreted microRNAs: a new form of intercellular communication. Trends Cell Biol (2012) 22:125–32. doi:10.1016/j.tcb.2011.12.001

18. Valadi H, Ekström K, Bossios A, Sjöstrand M, Lee JJ, Lötvall JO. Exosome-mediated transfer of mRNAs and microRNAs is a novel mechanism of genetic exchange between cells. Nat Cell Biol (2007) 9:654–9. doi:10.1038/ncb1596

19. Faruq O, Vecchione A. microRNA: diagnostic perspective. Front Med (2015) 2:51. doi:10.3389/fmed.2015.00051

20. Sebastiani G, Nigi L, Grieco GE, Mancarella F, Ventriglia G, Dotta F. Circulating microRNAs and diabetes mellitus: a novel tool for disease prediction, diagnosis, and staging? J Endocrinol Invest (2017) 40:591–610. doi:10.1007/s40618-017-0611-4

21. Ventriglia G, Nigi L, Sebastiani G, Dotta F. MicroRNAs: novel players in the dialogue between pancreatic islets and immune system in autoimmune diabetes. Biomed Res Int (2015) 2015:749734. doi:10.1155/2015/749734

22. Sebastiani G, Po A, Miele E, Ventriglia G, Ceccarelli E, Bugliani M, et al. MicroRNA-124a is hyperexpressed in type 2 diabetic human pancreatic islets and negatively regulates insulin secretion. Acta Diabetol (2015) 52:523–30. doi:10.1007/s00592-014-0675-y

23. Guay C, Regazzi R. New emerging tasks for microRNAs in the control of β-cell activities. Biochim Biophys Acta (2016) 1861:2121–9. doi:10.1016/j.bbalip.2016.05.003

24. Poirier C, Desgagné V, Guérin R, Bouchard L. Micrornas in pregnancy and gestational diabetes mellitus: emerging role in maternal metabolic regulation. Curr Diab Rep (2017) 17:35. doi:10.1007/s11892-017-0856-5

25. Iljas JD, Guanzon D, Elfeky O, Rice GE, Salomon C. Review: bio-compartmentalization of microRNAs in exosomes during gestational diabetes mellitus. Placenta (2017) 54:76–82. doi:10.1016/j.placenta.2016.12.002

26. Zhao C, Dong J, Jiang T, Shi Z, Yu B, Zhu Y, et al. Early second-trimester serum miRNA profiling predicts gestational diabetes mellitus. PLoS One (2011) 6:e23925. doi:10.1371/journal.pone.0023925

27. Zhu Y, Tian F, Li H, Zhou Y, Lu J, Ge Q. Profiling maternal plasma microRNA expression in early pregnancy to predict gestational diabetes mellitus. Int J Gynaecol Obstet (2015) 130:49–53. doi:10.1016/j.ijgo.2015.01.010

28. Agarwal V, Bell GW, Nam J-W, Bartel DP. Predicting effective microRNA target sites in mammalian mRNAs. Elife (2015) 4. doi:10.7554/eLife.05005

29. Chou C-H, Chang N-W, Shrestha S, Hsu S-D, Lin Y-L, Lee W-H, et al. miRTarBase 2016: updates to the experimentally validated miRNA-target interactions database. Nucleic Acids Res (2016) 44:D239–47. doi:10.1093/nar/gkv1258

30. Chatr-Aryamontri A, Oughtred R, Boucher L, Rust J, Chang C, Kolas NK, et al. The BioGRID interaction database: 2017 update. Nucleic Acids Res (2017) 45:D369–79. doi:10.1093/nar/gkw1102

31. Lee KH, Chen YL, Yeh SD, Hsiao M, Lin JT, Goan YG, et al. MicroRNA-330 acts as tumor suppressor and induces apoptosis of prostate cancer cells through E2F1-mediated suppression of Akt phosphorylation. Oncogene (2009) 28:3360–70. doi:10.1038/onc.2009.192

32. Li Y, Zhu X, Xu W, Wang D, Yan J. miR-330 regulates the proliferation of colorectal cancer cells by targeting Cdc42. Biochem Biophys Res Commun (2013) 431:560–5. doi:10.1016/j.bbrc.2013.01.016

33. Yoder SM, Dineen SL, Wang Z, Thurmond DC. YES, a Src family kinase, is a proximal glucose-specific activator of cell division cycle control protein 42 (Cdc42) in pancreatic islet β cells. J Biol Chem (2014) 289:11476–87. doi:10.1074/jbc.M114.559328

34. Kalwat MA, Yoder SM, Wang Z, Thurmond DC. A p21-activated kinase (PAK1) signaling cascade coordinately regulates F-actin remodeling and insulin granule exocytosis in pancreatic β cells. Biochem Pharmacol (2013) 85:808–16. doi:10.1016/j.bcp.2012.12.003

35. Wang Z, Oh E, Thurmond DC. Glucose-stimulated Cdc42 signaling is essential for the second phase of insulin secretion. J Biol Chem (2007) 282:9536–46. doi:10.1074/jbc.M610553200

36. Annicotte J-S, Blanchet E, Chavey C, Iankova I, Costes S, Assou S, et al. The CDK4-pRB-E2F1 pathway controls insulin secretion. Nat Cell Biol (2009) 11:1017–23. doi:10.1038/ncb1915

37. Sadik NA-H, Metwally NS, Shaker OG, Soliman MS, Mohamed AA, Abdelmoaty MM. Local renin-angiotensin system regulates the differentiation of mesenchymal stem cells into insulin-producing cells through angiotensin type 2 receptor. Biochimie (2017) 137:132–8. doi:10.1016/j.biochi.2017.03.002

38. Leung KK, Liang J, Zhao S, Chan WY, Leung PS. Angiotensin II type 2 receptor regulates the development of pancreatic endocrine cells in mouse embryos. Dev Dyn (2014) 243:415–27. doi:10.1002/dvdy.24084

39. Steingrímsson E, Tessarollo L, Reid SW, Jenkins NA, Copeland NG. The bHLH-Zip transcription factor Tfeb is essential for placental vascularization. Development (1998) 125:4607–16.

40. Blandino-Rosano M, Scheys JO, Jimenez-Palomares M, Barbaresso R, Bender AS, Yanagiya A, et al. 4E-BP2/SH2B1//IRS2 are part of a novel feedback loop that controls β-cell mass. Diabetes (2016) 65:2235–48. doi:10.2337/db15-1443

41. Dowling RJO, Topisirovic I, Alain T, Bidinosti M, Fonseca BD, Petroulakis E, et al. mTORC1-mediated cell proliferation, but not cell growth, controlled by the 4E-BPs. Science (2010) 328:1172–6. doi:10.1126/science.1187532

42. Lingohr MK, Dickson LM, Wrede CE, Briaud I, McCuaig JF, Myers MG, et al. Decreasing IRS-2 expression in pancreatic beta-cells (INS-1) promotes apoptosis, which can be compensated for by introduction of IRS-4 expression. Mol Cell Endocrinol (2003) 209:17–31. doi:10.1016/j.mce.2003.08.003

43. Burks DJ, White MF. IRS proteins and beta-cell function. Diabetes (2001) 50(Suppl 1):S140–5. doi:10.2337/diabetes.50.2007.S140

44. Ludwig N, Leidinger P, Becker K, Backes C, Fehlmann T, Pallasch C, et al. Distribution of miRNA expression across human tissues. Nucleic Acids Res (2016) 44:3865–77. doi:10.1093/nar/gkw116

45. Thomou T, Mori MA, Dreyfuss JM, Konishi M, Sakaguchi M, Wolfrum C, et al. Adipose-derived circulating miRNAs regulate gene expression in other tissues. Nature (2017) 542:450–5. doi:10.1038/nature21365

46. Farina NH, Wood ME, Perrapato SD, Francklyn CS, Stein GS, Stein JL, et al. Standardizing analysis of circulating microRNA: clinical and biological relevance. J Cell Biochem (2014) 115:805–11. doi:10.1002/jcb.24745

47. Kroh EM, Parkin RK, Mitchell PS, Tewari M. Analysis of circulating microRNA biomarkers in plasma and serum using quantitative reverse transcription-PCR (qRT-PCR). Methods (2010) 50:298–301. doi:10.1016/j.ymeth.2010.01.032

48. HAPO Study Cooperative Research Group, Metzger BE, Lowe LP, Dyer AR, Trimble ER, Chaovarindr U, et al. Hyperglycemia and adverse pregnancy outcomes. N Engl J Med (2008) 358:1991–2002. doi:10.1056/NEJMoa0707943

49. Schraenen A, de Faudeur G, Thorrez L, Lemaire K, Van Wichelen G, Granvik M, et al. mRNA expression analysis of cell cycle genes in islets of pregnant mice. Diabetologia (2010) 53:2579–88. doi:10.1007/s00125-010-1912-8

50. Singh H. Islet compensation in metabolic stress: lessons from animal models. Curr Diabetes Rev (2016) 12:315–21. doi:10.2174/1573399811666150617161915

Conflict of Interest Statement: The authors declare that the research was conducted in the absence of any commercial or financial relationships that could be construed as a potential conflict of interest.

The reviewer RI and handling Editor declared their shared affiliation.

Copyright © 2017 Sebastiani, Guarino, Grieco, Formichi, Delli Poggi, Ceccarelli and Dotta. This is an open-access article distributed under the terms of the Creative Commons Attribution License (CC BY). The use, distribution or reproduction in other forums is permitted, provided the original author(s) or licensor are credited and that the original publication in this journal is cited, in accordance with accepted academic practice. No use, distribution or reproduction is permitted which does not comply with these terms.



1http://www.targetscan.org/vert_71/.

2http://mirtarbase.mbc.nctu.edu.tw/.

3http://thebiogrid.org.

OPS/images/fendo-08-00345-g005.jpg





OPS/images/fendo-08-00345-g006.jpg





OPS/images/fendo-08-00345-g003.jpg
Relative Expression 24T >

0.015:

0.010

0.005:

miR-330-3p

CTR

=001

GDM

Relative Expression 24T

miR-330-3p

p=0.0002 p<0.0001

CTR

GDM  GDM
miR-330 miR-330
High Low

GDM miR-330 High|

GDM miR-330 Low.

® CTR Discovery cohort
@ CTR Validation cohort
W GDM Discovery cohort
W GDM Validation cohort





OPS/images/fendo-08-00345-g004.jpg
Insulin (mUl/ml)

Insulin (mUl/ml)

miR-330-3p B miR-330-3p
Non-Diabetic GDM
15. 30
r=-0.1 = r=-0,46
p=0.3 £ p=0,042
2 20
10 E
£
5 S 10
7]
£
0.000 0.001 0.002 0.003 0.004 0.000 0,0’05 0,0’10 0.015
miR-330 (2+¢€T) miR-330 (2-4¢T)
miR-5:_18c-3'p D miR-548¢-3p
Non-Diabetic % GDM
£
5
E
£
S
3
£

T T T ™ 1 0 T
0.00 0.01 0.02 0.03 0.04 0.05 0.00 0.02 0.04 0.06 0.08

miR-548¢-3p (2-4T) miR-548¢-3p (24T)





OPS/images/fendo-08-00345-t003.jpg
GDM GDM p-Value
miR-330"" (%) miR-330°" (%)

insuiin therapy 5/11(55) 2/10(20) 036
2D first-degree relatives 6/11(66) 2/10(20) 0.18
Cesarean sections 8/11(88) 1/10(10) 00075
Non spontaneous 411 (44) 0/10(0) 0092
conception

The following paramefer are reported: requirement of insuiin therapy during third
trimester of gestation; ifferences in familertty for type 2 diabetes (T2D) (evaluated in
frst-degree relatives); delivery through Cesarean section; conception through medicaly
assisted procreation techniques (e.g., ICSI, IVF). The results are expressed both in
umber of the total and in percentage.

italic font highlights significant p-values using Fisher’s exact test.





OPS/images/fendo-08-00345-t001.jpg
Clinical parameter microRNAS profiling cohort Validation cohort

Non-diabetic pregnant patients (n =4) GDM patients (n = 4) Non-diabetic pregnant patients (n = 10) GDM patients (n = 21)

Maternal characteristics

Age (years) 35.25+386 35.00+391 32.80+5.16 3557 £5.63
BMI (kg/m?) 2040+ 0.7 2175+ 111 2285+ 3.46 25.25 + 4.00
Glycemia (mg/di) 67.00+0.00 8000 +2.16" 6033835 8032 +7.64"
insulinaermia (mUL/m) 430069 10.85 £ 4.05" 7.36.£3.29 11.84 £ 6.08"
HOA1G (%) 476032 5175£0.15 494+026 519+0.32
Total cholesterol (mg/di) 267.00 + 58.50 276.75 + 79.81 250.75 + 39.47 271.84 + 53.65
Triglycerides (mg/d) 187.33 + 63.32 160.75 + 18.12 173,87 £50.75 21821 +57.42
Urinary Albumin (mg/) 440294 267065 7.378 10334 16.60 £ 54.97
Creatinine (mg/d) 052011 055008 056 0,07 053+0.07
Osteocalcin (ng/m) 2127 £282 15.07 £4.26 18.86 £ 3.93 14,53 £ 3.50
25-(OH)D3 (ng/m) 16.20.£3.16 2077 £6.70 17.76 £ 8.38 17.54+7.82
Calcitonin (pg/mi) 157 +152 367499 1.78+1.92 302307
Car* (mg/d) 874018 935046 8.72+021 9012087
Fetal characteristics

FW () 2,274.00 £ 311.19 2,167.08 +302.23 2,126.50  406.12 2,050.37 + 238.29
FBD (mm) 86.40 +2.71 79.20 £ 2.45 84.16:£ 3.98 8234 +297
FHC (mm) 31052 + 16.66 30422 £ 1675 304.87 + 16.08 30082 +8.49
FAC (mm) 29697 +11.00 285,65+ 19.13 288.27 £ 17.26 284.63 + 13.42
FFL (mm) 65.25+2.18 61.77 564 6357 +3.77 6353 +3.36

FW, fetal weight; FBD, fetal bioarietel diameter; FHC, fetal head circumference; FAC, fetal abdominal circumference; FFL, fetel femur length; GOM, gestational diabetes melitus. Data
are reported as mean + SD.

'P < 0.05 GDM vs non-diabelic pregnant patients (orofiing cohort).

< 0.05 GDM vs non-diabetic pregnant patients (validation cohort).






OPS/images/fendo-08-00345-t002.jpg
Clinical parameters Non-diabetic pregnant patients (1 = 10)  miR-330"" GDM patients (n = 11)  miR-330"" GDM patients (1 = 10)

Maternal characteristics

Age (years) 32.80£5.16 36.55+5.48 3450587
BMI (kg/m?) 2285346 2490455 2564 +3.49
Glycemia (mg/di) 69.33:835 81.18+6.89 79.13£8.90
insulinaeria (mUY/mi) 736329 1071609 13.40 £ 5.96
HbA1C (%) 4.94+0.26 5.24 035 5.13+0.27
Total cholesterol (mg/di) 259.75 + 39.47 266.55 + 56.89 279.13  48.39
Triglycerides (mg/d) 173,87 £59.75 207.91 + 66.11 232.37 1 42.89
Urinary albumin (mg/) 7.378 £ 10334 321189 3501 +8425
Creatinine (mg/dl) 056 +0.07 054006 052+0.08
Osteocalcin (ng/mi) 18.86 +3.93 13.97 +3.89 14.96.+3.34
25-(OH)D3 (ng/mi) 17.76 £8.38 17.63+7.24 17.44 £8.82
Calcitonin (pg/mi) 173192 267+3.28 337299
Ca* (mg/di) 872£0.21 914037 887£0.34
Week of gestation at delivery (weeks) 3080+ 148 3870+ 141 39.50 £ 1.37
Fetal characteristics

FW () 212650 x 406.12 2,096.36 + 279.25 1,987.13 + 163.46
FBD (mm) 8416+ 398 82.79 + 3.85 8171084
FHC (mm) 304.87 + 16.08 30120 + 10.15 30029 + 6.13
FAC (mm) 288.27 £ 17.26 287.94 + 15.42 280.09 +9.09
FFL (mm) 6357 £3.77 63.64£384 63.39 £2.80

FW, fetal weight; FBD, fetal biparietal diameter; FHC: fetal head circumference; FAC, fetel abdominal circumference; FFL, fetal femur length; GDM, gestational diabetes mellitus. Data
are reported as mean + SD.





OPS/images/cover.jpg
frontiers
in Endocrinology

Circulating microRNA (miRNA)
Expression Profiling in Plasma of
Patients with Gestational
Diabetes Mellitus Reveals
Upregulation of miRNA miR-
330-3p





OPS/images/fendo-08-00345-g001.jpg
A . Non-Diabetic GDM B
1 2 3 4"1 2 3 4°

’§ 2
9
o]
I
o
e 2 |-
g
i
jorenrre 2 S
: FC (LOG,)
s c
miR-330-3p miR-483-5p miR-548¢-3p miR-532-3p
pisc
5;:: samm is.u S E: JEET ‘im °
H . o 3 .
i i - bl g § e
Wocesms  § e N : -
s 15005 So=136 3 oo " 3 . e H
Notdetected o L g &

om.
CTR GDM CTR GDM CTR GDM CTR GDM





OPS/images/fendo-08-00345-g002.jpg
A miR-330-3p B miR-548¢-3p @ CTR Discovery cohort
0015 0.08 @ CTR Validation cohort
. W GDM Discovery cohort
5 W GDM Validation cohort
=001 W g0
0.010 ] s
@
L 2 .
. g 0
I
0.005 H
. E 0.02- .
]
14

0,000 L s— 0.00 % ﬁ

CTR GDM CTR GDM






OPS/images/logo.jpg
Ghesk for

i@





OPS/images/fendo-08-00345-t004.jpg
Official symbol

Official full name

Sequence accession ID  Predicted/validated ~ Function

E2F1 E2F transcription factor 1 NM_005225.2 Validated Overexpression of E2F1 can stimulate beta-cell proliferation
actiity. E2F1-~ mice have a reduced pancreatic size and are
glucose intolerant due to impaired beta-cell prolferation
Involved in insulin secretion (36)

cocaz Cell division cycle 42 NM_001039802.1 Validated Regulates signaling pathways that control several cellular functions
including cell morphology, migration, endocytosis, and cell cycle
progression. Depletion of Cdc42 from mouse isolated slets restits
in the selective loss of second-phase insuiin release (35)

AGTR2 Angiotensin Il receptor  NM_000686.4 Predicted G-protein coupled receptor 1 family that functions as a receptor

type 2 for angiotensin Il. AGTR2 receptor is involved in beta-cell
differentiation (37, 38)

TFEB Transcription Factor EB NM_001167827.2 Predicted Plays a central role in the signal transduction processes required
for normal vascularization of placenta (39)

EIFAEBP2 Eukariotic Translation ~ NM_004096.4 Predicted Regulation of protein production through these gene products

Initiation Factor 4E have been implicated in beta-cell proliferation (40, 41)
binding protein

IRS-4 Insulin receptor NM_003604.2 Predicted Involved in cell growth and glucose homeostasis (42, 43)

substrate 4






