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Amid rising COVID-19 stringency measures, sedentary behavior has been intensified globally, leading to intense chronic diseases. Due to the potential health benefits associated with digital wearables, there is a dire need to explore the crucial determinants for consumers, which could enhance the usage of sports wearables in addressing health challenges. For this purpose, a novel conceptual framework was developed, and Partial Least Square-Structural Equation Modelling (PLS-SEM) was employed on the primary data of 463 consumers from China. The results revealed a positive association of consumer innovativeness, perceived credibility, perceived ease in using sports wearables, perceived usefulness in using sports wearables, social influence for sports wearables, health benefits, and hedonic motivation for sports wearables during COVID-19 with the adoption intention of sports wearables. The study findings offer valuable policy recommendations to minimize COVID-19 health risks by efficiently monitoring consumers’ health status.
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INTRODUCTION
The emergence of COVID-19 as a global pandemic has severely affected individuals’ lifestyles (Huang et al., 2022; Shi et al., 2022), social, fitness (Hussain et al., 2022; Tang et al., 2022), and health well-being (Iqbal et al., 2021; Razzaq et al., 2021b; Wang et al., 2021). For the containment of the virus, numerous measures were taken by the local and international law enforcement agencies and government institutions (Yang et al., 2021; Ahmad et al., 2022; Wen et al., 2022), including placement of lockdown, restraint of social gathering, home confinements, and the complete prohibition on the opening and use of the exercise and sports amenities to contain the virus spread (Curtis et al., 2021; Yu et al., 2021; Irfan et al., 2022a; Khan et al., 2021). Though these measures effectively control the virus spread, it has brought people serious health issues (Shahzad et al., 2021; Wu et al., 2021; Xuefeng et al., 2021).
Moreover, during this situation, technology has played a supportive role through online and remote work and the virtual offices and classrooms (Elavarasan et al., 2021; Irfan and Ahmad 2022; Javed et al., 2022). However, during that period, because of the inactivity of the people, a certain behavior was also intensified across the globe (Irfan and Ahmad 2021; Irfan et al., 2021; Irfan et al., 2022b). It should be noted that an individual is said to be physically inactive if he does not comply with the global recommendations of exercise, which is 150–300 min weekly, whereas a person is said to have a sedentary behavior when he only expenses out a lower level of energy (Irfan et al., 2022a), which is supposed to be any value less than 1.5 METS (Thivel et al., 2018). Those people who possess sedentary behavior are more prone to having a number of chronic cardio-metabolic diseases, including obesity, cancer, ischemic heart diseases, and even early mortality (Booth et al., 2012; González et al., 2017). Furthermore, because of the higher screen time and work-from-home policies and work initiatives, an increase in sedentary behavior and inactivity has been reported in the pandemic period (Hall et al., 2021; Silva et al., 2021). Therefore, there was an intense need to have certain solutions that could reduce the risks and possibilities of having or leading to such chronic diseases (Panicker and Chandrasekaran, 2022).
One of the potential solutions among the alternatives is the wearable sports devices available for health and fitness. The term “wearable” has been explained as “any body-born computer that provides useful services while the user performs other tasks”, whereas this category of the products includes smart wears, smartwatches, activity trackers, pedometers, and so on (Wilde et al., 2018). In addition to this, as there has been a rapid advancement in the products in terms of technological products which are enabled by Internet of Things (IoT), the potential number of users have enhanced the wearables’ market value with the value of USD 32.63 billion, whereas it is also expected that the compound growth between the time frame of 2020–2027 will be 15% annually (Research, 2020). Moreover, there is also an increment in the popularity of these wearables because of the monitoring and evaluating real-time information that also addresses sedentary behavior (Weizman et al., 2020).
Although wearables are being built and powered by the latest technologies and the advancements are regularly being done, the data from the wearables are less valid and inferior, while compared with the accelerometers that are research-based, a major chunk of the research is being documented highlighting and discussing the validity and reliability of the outcome generated through these wearables devices (Byun et al., 2016; Huang et al., 2016), the dynamics of the markets (Wu et al., 2017), and implementation and design issues (Markovic et al., 2013; Zheng et al., 2014). However, during the pandemic, the usage and consumption of these devices have tremendously been increased (Ammar et al., 2021; Ang et al., 2021; Capodilupo and Miller, 2021). Therefore, because of the potential health benefits associated with the usage of these wearables, there is a need to explore the crucial determinants for the consumers, which could play an enhancing role in using the sports wearables. By knowing this, the markets and product developers will be better positioned to incorporate these elements within the product offerings. Hence, the current study attempts to address the following research questions.
RQ1: What are the important determinants of usage and adoption of sports wearables, especially for health and fitness purposes?
RQ2: To what extent are the determinants capable of affecting the usage and adoption of sports wearables, especially for health and fitness purposes?
The remaining study’s arrangement is that the next section discusses the important determinants and their relationships in the light of the literature, followed by the methodology and statistical estimations upon which lastly, the conclusions and recommendations have been drawn.
LITERATURE REVIEW
Consumer Innovativeness, Perceived Credibility (PCR), and Adoption Intention
Consumer innovativeness (CIN) refers to the aptitude and attitude of the individuals willing to try or check any newer product or technology to be used for their utility (Agarwal and Prasad, 1997). It is among the few determinants upon which researchers agree on its importance and essentiality, especially in technologically innovative products (Ali et al., 2021; Tanveer et al., 2021). Because of the presence of this phenomenon within individuals, consumers are found to be more inclined and willing in terms of seeking knowledge, adopting, accepting, and eventually using a particular product faster, while comparing with the other individuals that have lower levels of CIN (Ahmad et al., 2021). In addition to this, CIN is also termed as differentiating factor in characterizing the lifestyle of the individuals, as though this marketers can segregate their desired target groups and devise advertisement that is more focused and target-oriented (Yi et al., 2006; Cheung et al., 2021). In addition to this, consumers must rely on it for accepting any sort of technology and find it credible and trustworthy to be used (Cheung et al., 2021). Moreover, it becomes crucial to have a high level of CIN because for the newer technology and certain aspects being new and innovative. Therefore, when consumers have an aptitude for CIN, they will develop their level of PCR towards that technology (Aldas-Manzano et al., 2009; Cheung et al., 2021). Furthermore, through this PCR, there will be an improvement in the level of adoption intention also (Chouk and Mani, 2019). Therefore, it is assumed that when consumers are high on their level of innovativeness, it will also enhance the PCR and the level of adoption (Cheung et al., 2021). Hence, it is proposed that:
H1: Consumer innovativeness leads to enhance the level of perceived credibility.
H2: Consumer innovativeness leads to enhance the level of adoption intention.
H3: Perceived credibility leads to enhance the level of adoption intention.
Consumer Innovativeness, Perceived Ease of Using Sports Wearables and Adoption Intention
Perceived Ease of Use (PEU) is one of the two constructs proposed in Technology Acceptance Model (TAM) by Davis (1989). This theory revolves around exploring the individual factors that are essential to have the adoption of any technology (Mehrad and Mohammadi, 2017; Kim and Chiu, 2019; Talukder et al., 2019). As per the theoretical foundations of TAM, PEU has been explained as the level of easiness and comfort that an individual perceives while dealing with and adopting newer technology (Tan and Lau, 2016). Moreover, PEU has been evaluated in different technological contexts like mobile banking (Tan and Lau, 2016) and retailing technologies (Ng et al., 2019), whereas the most relevant application is being reported in healthcare wearable devices (Cheung et al., 2021; Hao et al., 2021). In relation to CIN, PEU has been studied by the researchers who confirmed the presence of its positive association in the context of artificial intelligence (Kuo and Yen, 2009; Abbasi et al., 2022). In contrast, according to Natarajan et al. (2017), CIN can strengthen the level of PEU in the context of artificial intelligence. Similarly, in the context of the current study, it is assumed that when consumers are high on innovativeness, it will also enhance the PEU and the level of adoption (An et al., 2021; Cheung et al., 2021). Hence, it is proposed that:
H4: Consumer innovativeness leads to enhance the level of Perceived Ease of Use.
H5: Perceived ease of use leads to enhance the level of Adoption Intention.
Consumer Innovativeness, Perceived Usefulness in Using Sports Wearables, and Adoption Intention
Perceived Usefulness in Using (PUU) is the second of the two constructs proposed in TAM by Davis (1989). As per the theoretical foundations of TAM, PUU has been explained as the level of enhancement that technology brings in the performance of an individual while using or consuming it (Mehrad and Mohammadi, 2017; Kim and Chiu, 2019; Talukder et al., 2019). Similar to PEU, PUU, being the other important determinant of adoption has been equally explored by the researchers in different technological contexts including mobile banking (Tan and Lau’s, 2016), retailing technologies (Ng et al., 2019), online purchasing. and most importantly in healthcare wearable devices (Cheung et al., 2021). Additionally, its relevancy within the context of artificial intelligence-based technology is endorsed by multiple researchers, including Kuo and Yen (2009) and Natarajan et al. (2017). Similarly, in the context of the current study, it is assumed that when consumers are high on innovativeness, it will also enhance the PUU and the level of adoption (Cheung et al., 2021). Hence, it is proposed that:
H6: Consumer innovativeness leads to enhance the level of Perceived Usefulness.
H7: Perceived Usefulness leads to enhance the level of Adoption Intention.
Social Influence and Adoption Intention
Social influence (SIN) has been explained as the level of impact that an individual perceives, which changes and alters his attitudes, thoughts, and decisions regarding any aspect of an act as an outcome of communicating with any other individual from the social systems (Rashotte, 2007). In this category, the individuals who belong to the social system include family, friends, peers, and acquaintances tend to influence an individual’s decision (Irani et al., 2007). Especially at the initial stage of any technology, SIN has reported to have a higher level of influence on any individual (Teo and Pok, 2003; Chandio et al., 2021). In the context of wearable technologies for health and fitness, SIN has been reported as an enhancer that significantly influences the adoption intention of an individual (Miltgen et al., 2013; Gao et al., 2015). In addition to this, in the context of wearable technologies, individuals take a decision regarding the purchase and select the most appropriate device after having a discussion with the fellow people, as that individual is newly exposed to those products and want to reduce the possibilities of risks associated (Talukder et al., 2019). Hence, it is proposed that:
H8: Social influence leads to enhance the level of Adoption Intention.
Health Benefits and Adoption Intention
Sports wearables technological products come with features that are related to monitoring and checking different parameters that improve the health well-being, including steps taken, quality of sleep, distance traveled, and so on, whereas it also assists in estimating and comparing the future outcome with the history (Canhoto and Arp, 2017). In addition to this, it also helps reduce the destructive activities to human health, such as smoking and obesity. In contrast, it also assists in motivating the help of certain metrics and performance index readings (Lee and Lee, 2018). Moreover, it can also provide data sharing to the service providers through which the data is gathered on a real-time basis by which there will be a reduction in the health costs and increment in the health benefits (HBN). Hence, because of the HBN associated with the usage of such devices, they are more likely to enhance the adoption intention (Lee and Lee, 2018; Chuah, 2019). Hence, it is proposed that:
H9: Health benefits lead to enhance the level of Adoption Intention.
Hedonic Motivation and Adoption Intention
Hedonic motivation (MOT) has been explained as the level of enjoyment, fun, and pleasure extracted from the consumption and usage of any technological product or service (Venkatesh et al., 2012; Chuah, 2019; Xiang et al., 2022). It has been interchangeably used with perceived enjoyment as both have similar operational definitions (Talukder et al., 2019; Khan et al., 2021; Islam et al., 2022). Despite its proposition in the theoretical framework of “Unified Theory of Acceptance and Use of Technology” by Venkatesh et al. (2012), its relationship with usage has been reported as crucial and important by numerous researchers (Bruner and Kumar, 2007; Alnawas and Aburub, 2016; Rauf et al., 2021). In the context of sports wearables, individuals are more likely to have a higher level of MOT as it is quite related to a healthy lifestyle and is assumed to enhance adoption and usage (Gao et al., 2015; Talukder et al., 2019; Razzaq et al., 2021a). This is because during the consumption and usage of such devices, since the user is getting real-time outcomes regarding their fitness and health, they are found to be using it more frequently (Wei, 2014). Hence, it is proposed that:
H10: Hedonic motivation leads to enhance the level of Adoption Intention.
METHODOLOGY
For operationalizing any research, there are multiple options available to the researcher in terms of research approaches, including qualitative, quantitative, and mixed approaches. The researcher has to choose among the available alternative approaches based on the nature and objectives of the study. Therefore, for the current study, the most relevant and relatable approach is the quantitative research approach. This approach facilitates the researchers to collect quantitative data through which the outcome is generated, which is more objective than the findings generated from the qualitative research. Additionally, with the help of this research, the research findings can be scalable and generalizable over the larger population based on the sharing attributes and features with the collected sample (Cooper et al., 2006).
Within the quantitative research approach, there are different research designs among them. The most followed and used in social and management sciences is the survey research design. In this research design, the data collection is made through the survey questionnaire, which can either be structured or unstructured, whereas it can also be self-administered or guided. However, in this research design, there is a higher possibility of capturing unwanted variance. Hence, the propositions and guidelines by Hulland et al. (2018) were thoroughly followed while designing the survey methodology.
On the other hand, quantitative researchers in general and survey methodology, in particular, is not assumed to be immune to any of the unwanted variances as identified by Podsakoff et al. (2003), who termed it as “Common Method Variance (CMV)”. The absorption and occurrence of CMV cannot be restricted; however, it can be minimized. Therefore, Podsakoff et al. (2012) have listed numerous procedural operations to reduce the occurrence. These include using easy-to-understand expressions in the questions, giving the respondents the least mental stress, while answering the questions. Additionally, the placement of a temporal gap enables the respondents to have a break, while responding to the questions. Therefore, based on these guidelines, the few demographics questions were placed in between the questions gauging the predictors and criterion variables. For easy comprehension, the experts’ help was sought to identify the removal of certain jargon. After incorporation, the questionnaire was found easy to go. However, this step is unnecessary since the study utilizes the adapted scales identified from the literature. However, because of the geographical and contextual change of these questions and to minimize the CMV, this content and face validity was ensured by the panel of 10 experts, including both subject experts and linguistics. Moreover, in terms of scale, all of the questions seeking responses for the studied phenomena mentioned in Figure 1 were measured on the level of agreement of 5-point Likert scales, where “1 represents strongly disagree”, “2 represents disagree”, “3 represents neither disagree nor agree”, “4 represents agree”, and “5 represents strongly agree”. The details of the sources from where the adaptation was made is listed in Table 1.
[image: Figure 1]FIGURE 1 | Framework of the study.
TABLE 1 | Source of measures.
[image: Table 1]Initially, 1000 questionnaires were circulated among the people who wear and prefer to wear sports wearables to improve their. However, only 553 were returned from them. On those 550, the data screening was done following the guidelines and procedures thoroughly discussed by Hair et al. (2010). The operations of data screening procedures include the identification of univariate and multivariate outliers. Hence, during this process, 90 responses were discarded. This led to the final sample of 463 respondents.
Additionally, for countering CMV, Podsakoff et al. (2012) have also proposed the application of certain statistical remedies. The idea was if the maximum variance is being explained by only one or a couple of variables, then the dataset is said to have an inflated presence of variances, findings from which could lead to biased and inferior illogical conclusions. Hence, one of the most widely used statistical remedies to ascertain the level of CMV is test proposed by Harman’s (1967), which is being applied in multiple studies in social and management sciences. The findings from the application of this test lead to the conclusion that CMV is not found to be present in the dataset.
Considering the demographics of the final data (463 questionnaires), 201 responses were female, whereas 57% of the data (262responses) were male. In terms of age, 28% of the data (129 responses) were found to have an age of less than 20 years, 38% of the data (174 responses) were found to have an age between 21 and 30 years, 24% of the data (109 responses) were found to have an age between 31 and 40 years, and 11% of the data (51 responses) were found to have an age more than 41 years. The last demographic question seeks the answer of the educational background. For this, 22% of the data (101 responses) were found to have an education of undergraduate level, 42% of the data (195 responses) were found to have an education of graduate level, 28% of the data (29 responses) were found to have an education of postgraduate level, and 8% of the data (38 responses) were found to have an education other than the mentioned level. The details of the demographics of the final data are listed in Table 2.
TABLE 2 | Descriptive statistics.
[image: Table 2]ANALYSIS AND RESULTS
Following the framework, the current study comprised of multiple criterion variables at different levels. Such models and their operationalization are relatively difficult and complex to handle by the conventional first-generation techniques like regression analysis. Therefore, the techniques belonging to the second-generation category are preferable and recommendable in such complex modelling where there is an involvement of multiple predictors and criteria and the aim of the model is to explain the variance. In addition to this, within the second-generation category, the technique which has the capability to explain more variation of the model which is, at the same time complex as well the most recommended approach is considered to be Partial Least Square-Structural Equation Modelling (PLS-SEM) (Hair et al., 2019). Among the alternate software application available in the market, the application with the most user-friendly interface is developed, which is named SmartPLS.
In terms of PLS-SEM application, the current research follows the statistical guidelines discussed by Hair et al. (2016). The application of PLS-SEM should be made after getting quality clearance through the assessment at two levels. These include the assessment at the level of the measurement model, which reflects the outer model, and at the level of the structural model, reflecting the outer model. After meeting the requirements for the quality clearance, the conclusions drawn from the findings can be considered legitimate and valid.
Assessment of Measurement Model
As suggested by Hair et al. (2016), the first level involves the assessment of the measurement model, in which three are two parameters that need to be evaluated further. These include convergent validity, which is the reflection of the level of inter-connectedness that the measurement items of a construct possess, which integrates it to form a construct, and the discriminant validity, which is the reflection of the level of inter-disconnectedness that the measurement items of a construct possess with the measurement items of another construct which enables them to form different constructs. In convergent validity, the present study considers three parameters: internal consistency, factor loadings, and “Average Variance Extracted” (AVE). For internal consistency, Hair et al. (2016) stated that the acceptable value is more than 0.7 for both Cronbach’s Alpha and Composite Reliability, which is found in the present study as listed in Table 3. For factor loadings, Hair et al. (2016) stated that the acceptable value is also more than 0.7 as presented in Table 3. For AVE, stated that the acceptable value is more than 0.5, also found in the present study as listed in Table 3.
TABLE 3 | Measurement model results.
[image: Table 3]For discriminant validity, the current study has the assessment through three criteria. First, through the cross-loadings. This is the loadings of a particular factor against other factors, that is why it is called cross-loadings. Though a factor should be highly loaded within its own construct, the loadings against other constructs should be minimal. However, Gefen and Straub (2005) have suggested that the acceptable value of the difference between loadings and cross-loadings is 0.1. The details of the cross-loadings of the data are listed in Table 4.
TABLE 4 | Results of loadings and cross loadings.
[image: Table 4]The second criteria used for assessing discriminant validity are the most frequently and vastly used criteria: Fornell and Larcker (1981) criterion. As per these criteria, the correlation values among the construct should be less in drawing a comparison with the square root of AVE. Through this, there is a reflection of the discrepancy of the constructs from the other constructs. Referring to table 5, the values which are highlighted and are placed at the diagonal positions are the square root of AVE, whereas the values other than these are the inter-construct correlations among the constructs. The listed values clearly indicate the meeting of the criteria.
TABLE 5 | Discriminant validity Fornell–Larcker criterion.
[image: Table 5]Lastly, the discriminant validity was also assessed and validated by newly proposed criteria by Henseler et al. (2015), which is named as “Heterotrait-Monotrait ratio of correlations” (HTMT). For this criterion, the proposition where the data complies to the presence of discriminant validity by Henseler et al. (2015) is 0.85. The listed values of HTMT in Table 6 indicate the criteria’s meeting.
TABLE 6 | Results of HTMT ratio of correlations.
[image: Table 6]Assessment of Structural Model
This level involves assessing the inner model in which the capability of predictability and predictive relevancy of the model is evaluated by two parameters. These are known as “coefficient of determination” and “Cross-Validated Redundancy”. For the coefficient of determination which is indicated by R-Square , Cohen (1988) is of the opinion that if the generated value is greater than 0.26, then it should be considered as substantial, and if it is less than 0.02, then it should be considered as weak, whereas any value in between should be considered as moderate. On the other hand, “Cross-Validated Redundancy” is indicated by Q-Square and is computed by following the Stone Geisser’s methodology. For this parameter, Hair et al. (2016) suggested accepting any value greater than zero. The listed values of Q-Square and R-Square in Table 7 indicate the assessment of both the parameters.
TABLE 7 | Predictive power of construct.
[image: Table 7]Hypotheses Testing
To assess the relationships among the studied phenomena proposed in Literature Review and its respective significance, PLS-SEM follows the bootstrapping methodology. This methodology computes the significance by drawing multiple subsamples from the data. After reaching the desired number of subsamples, Hair et al. (2016) proposed 5000 subsamples. The significance is computed. This is also one advantage of using PLS-SEM over other types of SEM techniques. Nevertheless, the relationships and the generated outcome are discussed as follows, listed in Table 8.
TABLE 8 | Results of path coefficients (direct effects).
[image: Table 8]For the relationship between consumer innovativeness and perceived credibility, a significant and positive relationship is reported with the beta coefficient of 0.187, at a 1% level of significance [image: image]. This means that consumer innovativeness will play a role in improving the perceived credibility by 18.7%. This is the reflection of the aptitude of the consumers that when they have the willingness, capability, and understanding of being innovative, it will improve their level of reliance overusing the sports wearables in order to monitor, assess, improve, and control their level of fitness and healthy well-being. For the relationship between consumer innovativeness and perceived ease of using sports wearables, a significant and positive relationship is reported with the beta coefficient of 0.202, at a 1% level of significance [image: image]. This means that consumer innovativeness will improve the perceived ease of using sports wearables by 20.2%. This is the reflection of the aptitude of the consumers that when they have the willingness, capability, and understanding of being innovative, it will reduce the possibility of hardships and anxiety of using the sports wearable and will improve their inner competency that resulted in providing easiness of using the sports wearables in order to monitor, assess, improve, and control their level of fitness and healthy well-being. For the relationship between consumer innovativeness and perceived usefulness of using sports wearables, a significant and positive relationship is reported with the beta coefficient of 0.151, at a 1% level of significance [image: image]. This means that consumer innovativeness will improve the perceived usefulness of using sports wearables by 15.1%. This is the reflection of the aptitude of the consumers that when they have the willingness, capability, and understanding of being innovative, it will reduce the negatives associated with using the sports wearable and will improve their inner competency that resulted in providing usefulness of using the sports wearables to monitor, assess, improve, and control their level of fitness and healthy well-being. For the relationship between consumer innovativeness and intention of using sports wearables, a significant and positive relationship is reported with the beta coefficient of 0.134, at 1% level of significance [image: image]. This means that consumer innovativeness will improve the perceived usefulness of using sports wearables by 13.4%. This is the reflection of the aptitude of the consumers that when they have the willingness, capability, and understanding of being innovative, it will reduce the adversities associated with using the sports wearable and will improve their inner competency that resulted in improving their willingness and intention of using the sports wearables to monitor, assess, improve, and control their level of fitness and healthy well-being.
For the relationship between perceived credibility and intention of using sports wearables, a significant and positive relationship is reported with the beta coefficient of 0.196, at a 1% level of significance [image: image]. This means that consumers’ perceived credibility will play a role in improving the level of intention of using sports wearables by 19.6%. This is the reflection of the aptitude of the consumers that when they perceive the usage of sports wearables reliable, credible, and have a certain level of reliance and confidence of using it, it will reduce the hardships associated with using the sports wearable and will improve their inner competency that resulted in improving their willingness and intention of using the sports wearables to monitor, assess, improve, and control their level of fitness and healthy well-being. For the relationship between perceived ease of using sports wearables and intention of using sports wearables, a significant and positive relationship is reported with the beta coefficient of 0.187, at a 1% level of significance [image: image]. This means that consumers’ perceived ease of using sports wearables will play a role in improving the level of intention of using sports wearables by 18.7%. This is the reflection of the aptitude of the consumers that when they perceive the usage of sports wearables easy, simple, and free from any complexity while using it, it will reduce the adversities associated with using the sports wearable and will improve their inner competency that resulted in improving their willingness and intention of using the sports wearables in order to monitor, assess, improve, and control their level of fitness and health well-being. For the relationship between perceived usefulness of using sports wearables and intention of using sports wearables, a significant and positive relationship is reported with the beta coefficient of 0.119, at 1% level of significance [image: image]. This means that consumers’ perceived usefulness of using sports wearables will play a role in improving the level of intention of using sports wearables by 11.9%. This is the reflection of the aptitude of the consumers that when they perceive the usage of sports wearables beneficial, helpful, and worthy for using it, it will reduce the hardships associated with using the sports wearable and will improve their inner competency that resulted in improving their willingness and intention of using the sports wearables to monitor, assess, improve, and control their level of fitness and health well-being.
For the relationship between perceived social influence of using sports wearables and intention of using sports wearables, a significant and positive relationship is reported with the beta coefficient of 0.195, at a 1% level of significance [image: image]. This means that consumers’ perceived social influence for using sports wearables will play a role in improving the level of intention of using sports wearables by 19.5%. This is the reflection of the aptitude of the consumers that when they perceive a social pressure from their friends, family, social circle, and acquaintances for using the sports wearables, it will reduce the adversities associated with using the sports wearable and will improve their inner competency that resulted in enhancing their willingness and intention of using the sports wearables to monitor, assess, improve, and control their level of fitness and healthy well-being. For the relationship between perceived health benefits of using sports wearables and intention of using sports wearables, a significant and positive relationship is reported with the beta coefficient of 0.106, at 1% level of significance [image: image]. This means that consumers’ perceived health benefits for using sports wearables will play its role in improving the level of intention of using sports wearables by 10.6%. This is the reflection of the aptitude of the consumers that when they perceive the benefits of using the sports wearables in their health, including physical, psychological, and mental well-being for using the sports wearables, it will reduce the hardships associated with using the sports wearable and will improve their inner competency that resulted in improving their willingness and intention of using the sports wearables to monitor, assess, improve, and control their level of fitness and healthy well-being. Lastly, for the relationship between perceived hedonic motivation of using sports wearables and intention of using sports wearables, a significant and positive relationship is reported with the beta coefficient of 0.152, at a 1% level of significance [image: image]. This means that consumers’ perceived hedonic motivation for using sports wearables will play its role in improving the level of intention of using sports wearables by 10.6%. This is the reflection of the aptitude of the consumers that when they perceive the benefits of using sports wearables are enjoyable, fun, pleasurable, and exciting, it will reduce the adversities associated with using the sports wearable and will improve their inner competency that resulted in improving their willingness and intention of using the sports wearables in order to monitor, assess, improve, and control their level of fitness and healthy well-being (Razzaq et al., 2021a, b).
CONCLUSION AND RECOMMENDATION
During the worldwide spread of COVID19, technology has played a supportive role through online and remote work and the virtual offices and classrooms. However, the inactivity of people led to sedentary behavior. People who possess sedentary behavior are more prone to chronic cardiometabolic diseases, including obesity, cancer, ischemic heart diseases, and even early mortality. Therefore, there was an intense need to have specific solutions that could reduce the risks and possibilities of having or leading to such chronic diseases. One of the potential solutions among the alternatives is the wearable sports devices available for health and fitness. Because of the potential health benefits associated with the usage of these wearables, there is a need to explore the crucial determinants for the consumers, which could play an enhancing role in using the sports wearables.
Hence, the current study attempts to identify the important determinants of usage and adoption of sports wearables, especially for health and fitness purposes. Based on the thorough literature review, a conceptual framework was developed. For the empirical analysis, Partial Least Square-Structural Equation Modelling (PLS-SEM) was applied on the data set of 463 consumers. The results reported the positive association of consumer innovativeness; perceived credibility; perceived ease in using sports wearables; perceived usefulness in using sports wearables; social influence for sports wearables; health benefits; Hedonic motivation for sports wearables with the adoption intention of sports wearables.
Based on the findings, the present study proposes multiple recommendations. First, markets and development of the wearables should identify and target the group with a higher level of innovativeness, as this group is more inclined to purchase and use sports wearables. Additionally, more focused advertisements need to be done to cater to the needs of the people from the same target group. Second, there is a need to improve the calculated estimations from these variables despite being powered by artificial intelligence and the internet of things. These wearables are still producing the least reliable and inferior results. With the help of this, the credibility of the consumers will eventually be increased, which will also be benefitted for the consumers. Last, manufacturers, developers, and marketers need to work on the interface of these wearables, as when it becomes more user-friendly, it will eventually have more acceptance among users.
Considering the limitations, future researchers are recommended to explore other determinants like trust, price value, and users’ habits. For this purpose, exploring through theoretical models like theory of planned behavior and UTAUT will expand the literature of wearables. Additionally, more research is required, especially on the built-in technology and the minimized advancements through discrepancies and invalidity. Last, there is a need to explore asymmetric relationships among the studied variables. This can be done through the estimation techniques built on the framework of machine learning and artificial intelligence.
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