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Although public hearings have been introduced into Chinese land expropriation as an important democratic supervision and conflict resolution mechanism for more than 15 years, there is a dearth of research into its qualities. Taking the farmers’ satisfaction with the public hearings as the critical quality indicator, this article analyzes the dilemma of this special institution in Chinese land expropriation. Process tracing is employed to analyze the design defect of the public hearing institution. Farmers’ satisfactions with the public hearings are measured by a questionnaire, and the factors are examined by a structural equation model based on the theories of expectancy disconfirmation and procedural fairness. It is concluded that the distorted procedure and the inconsiderate arrangement affect farmers’ perceived procedural fairness and decrease their satisfaction with hearings. In order to solve the dilemma of public participation in land expropriation, the relevant authorities should start from the source of affecting farmers’ satisfaction.
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1 INTRODUCTION
Chinese massive land expropriations have caused numerous social conflicts (Lin et al., 2018; Wang et al., 2019; Xie, 2019; Zhou, 2020; Nanhthavong et al., 2021). Reasons of these conflicts refer to insufficient compensation (Qian, 2015), inequity of the compensation allocation (Tong et al., 2017), illegal expropriation (Wu & Heerink, 2016), corruption of the local cadre (Song et al., 2016), and the absence of democratic supervision and conflict management mechanism (Zhou & Banik, 2014). Public participation is often assumed an effective tool in environmental and natural resources and NIMBY conflict management (Elliott & Kaufman, 2016; Sun et al., 2016; Xie et al., 2017). Public participation has been increasingly promoted in China over the past 3 decades (Gu, 2016). Public hearing, or public meeting, a primary mechanism of public participation, was introduced into China in 1996 (Yang, 2003). Public hearing promoted the political efficacy and deliberative democracy in China (Zhang, 2013; Ergenc, 2014), so it was more appreciated in the construction of the rule-of-law government. The Chinese Ministry of Land and Resources (MLR) enacted the Provision on the Hearings in Respect of Land and Resources (PHRLR) in 2004, which included the Land Expropriation Public Hearing (LEPH). LEPH was designed as an integrated platform of information collection, mutual communication, and down-top supervision at the preliminary stage of land expropriation. Central reformers expected to reduce the illegal expropriation and the social conflicts by improving the procedure transparency and providing farmers a new formal channel to express demands. However, there is a dearth of research into its qualities.
As the symbol of deliberative democracy, public participation is widely employed into contemporary governance (Fung, 2006; Webler et al., 2001). Despite its popularity, most techniques used in participation are inadequate, especially the public hearing, which is always associated with low attendance and low satisfaction (King et al., 1998). Several dilemmas militate against the practice and development of public participation (Rowe & Watermeyer, 2018). There is an urgent need to evaluate the quality of participation (Rowe & Frewer, 2000). In spite of the rapid development in China, the effectiveness of public participation is questioned (Enserink & Koppenjan, 2007). Criteria to evaluate the effectiveness of participation may include comfort, convenience, satisfaction, and deliberation (Halvorsen, 2001; Welch et al., 2004). Satisfaction is an outcome criterion (McComas, 2003). Satisfaction of the participant in natural resource management, project construction, and risk communication is measured (McComas, 2003; Li et al., 2013). A more comprehensive understanding of how the process and outcome criteria relate to participants’ satisfaction is an important next step to a more robust public hearing theory (McComas, 2001).
LEPH is the only formal public participation method in Chinese land expropriation. The mass incidents stemming from land expropriation have declined the political trust in rural China (Cui et al., 2015). Re-strengthening farmers’ trust in the local government is among the purposes of central government’s promotion of participation in land expropriation. The possible relationship between satisfaction and trust in the government (Christensen & Lægreid, 2005) prompts us to evaluate the participation in Chinese land expropriation by farmers’ satisfaction with LEPH and to examine the factors of the satisfaction. The structure of the research is as follows. First, an overview of the procedure of LEPH with the process tracing method to identify the design defect of the hearing institution is presented. Second, the theory framework of participants’ satisfaction is formulated. Then, data and results are analyzed deeply. Last but not the least, the discussion and conclusion are given.
2 OVERVIEW OF LAND EXPROPRIATION PUBLIC HEARING
Responding to the intense criticism on the transparency of the decision-making and the political demands of the rule-of-law government, MLR introduced several public hearings into land management, including price hearing, legislation hearing, administrative penalization hearing, administrative licensing hearing, and LEPH. Most of these hearings had a relatively successful pilot, except LEPH. All these hearings were divided into categories, hearings organized in accordance with the power of the competent authority (HOP), and hearings organized at the application by a party concerned (HOA). LEPH belongs to the HOA, which means it will be organized at the application by land-expropriated farmers before the county land management department submits the expropriation compensation and relocation plan to a higher authority for approval. There are significant differences among these hearings, including the interests related, the scale and heterogeneity of the stakeholders, and the relationship among the public and authorities. All these hearings were hastily packed into the PHRLR, without careful consideration of the differences. This article argues there is a distortion in LEPH’s procedure design, which leads to the disconfirmation of farmers’ expectancy and decreases their satisfaction with LEPH. Process tracing, a within-case method aiming at the discovery and validation of a causal mechanism, is employed here to analyze the procedure distortion (Kay & Baker, 2015).
Land expropriation provides large-scale new construction land to Chinese urbanization each year. The County Land Bureau is the only executor of land expropriation. MLR has employed a complicated approval system to monitor and restrain local land expropriation by a strict control of the new construction land quota. The quotas are extremely scarce, and the priority of quota allocation is a sophisticated political issue. In order to make full use of the scarce quota, the land expropriation is project-oriented. Several important pre-work should be finished before the bureau makes an expropriation plan, including project investment confirmation, feasibility study, environmental impact assessment, and location. After an expropriation investigation and result confirmation, the bureau publicizes the plan of land expropriation compensation and relocation, which always includes two parts: 1) the area, location, and type of the lands which are planned to be expropriated and 2) the compensation standard of the land and the relocation standard of the land-lost farmers. This plan is the start point of the LEPH (shown in Figure 1), and part 2 is the main content heard in the LEPH.
[image: Figure 1]FIGURE 1 | Procedure of LEPH.
At the end of the publicity, stakeholders are informed that they have the right to apply for an LEPH in maybe 5–7 days after the publicity date; otherwise, they are asked to confirm a renounce statement. If an LEPH is applied, the bureau will organize the hearing at an appropriate time and place. Participants always include the president, hearing officers, the clerk, the applicants (land-lost farmers), and the respondents (land expropriation officers). The hearing shall proceed in accordance with five steps: president’s starting announcement, applicants’ inquiries and opinion presentation, respondents’ reasons and proof presentation, final statements, and president’s ending announcement. All the presentations of farmers and officers, content and discontent, are recorded into the documents. Hearing documents, or renounce statements, are packed into the approval volume, submitting to the higher department. These procedures of LEPH are illustrated by the solid lines in Figure 1. However, there are some important lines missed in the procedure design.
According to Rowe and Frewer (2000), public participation encompasses a group of procedures designed to consult, involve, and inform the public of allowing those affected by a decision to have an input into that decision. The input and output procedures are critical to the success of the participation. Many researchers criticize those participations without substantial impact on decision-making as rhetoric (Conrad et al., 2011; Bawole, 2013). It is suggested factors of an authentic participation include constructive feedback on proposal and follow-up communication (King et al., 1998; Manowong & Ogunlana, 2008); meanwhile, participants may reciprocate negatively if they are consulted but ignored (Corgnet & Hernán-González, 2013).
The national provision PHRLR requires hearing documents as an attachment of land expropriation approval volume, without any details about the effect of discontents on the expropriation plan. Several training documents on the construction land approval procedure are released by prefectural land management bureaus, and there is neither any requirement on plan adjustment. Higher authorities approve the plan on the completeness and legality of these documents. The LEPH is designed by authorities as an informative hearing (Heberlein, 1976) or the hearing to satisfy legal requirements for public participation (Checkoway, 1981). However, the participants are trying to be heard, not to do hearing (Conrad et al., 2011; Bawole, 2013; Corgnet & Hernán-González, 2013). So from the perspective of the participants, there are some missing procedures in the institutional design of the LEPH, represented by the dashed lines in Figure 1. Land expropriation compensation and relocation involve many authorities, including the bureaus of land management, social security, urban planning, forest management, environmental protection, and the village committee and groups. Numerous disagreement and differences of opinion on the compensation and relocation plan will emerge. Respondents of the LEPH are always limited to the expropriation officers in the bureau of land management. They cannot respond farmers’ inquiries constructively, considering the null effect of the hearing details on the expropriation approval. Prevarication is adopted as the strategy to respond to the farmers’ concern, which will aggravate the farmers and degrade their experience of the participation. The immanence limitation to the procedure, the complexity of land expropriation compensation and relocation, and the unamiable responses of the authorities crash the system and dissatisfy participants together.
3 THEORY FRAMEWORK
Research studies examining the participants’ attitudes toward public participation and their factors are notably absent (McComas, 2003). Ogunlana et al. (2001) examined the public hearing on a construction project in Thailand and identified several factors dissatisfying participants. Based on group communication, McComas (2003) identified expectations, informational communication perception, interest perception, and agency credibility as the underlying factors of participants’ satisfaction. In another work, McComas et al. (2007) examined the relationship among perception of procedural fairness, participant’s stake in outcome, satisfaction with meetings, and the outcome acceptance. Based on these rare explorations and the referable research results in communication satisfaction, we tried to model the satisfaction with the LEPH on two important theories including expectancy disconfirmation and perceived procedural fairness.
Originating in the study of consumer satisfaction (Oliver et al., 1994), expectancy disconfirmation (EDM) has emerged as the predominant model of satisfaction with public services (Van Ryzin, 2013; Petrovsky et al., 2017). The theory assumes that citizen satisfaction is the result of the comparison between expectancy and perception of performance or expectancy disconfirmation. There are three important links in EDM, which are illustrated in Figure 2: direct impact of performance perception on satisfaction, direct impact of expectancy on satisfaction, and impact of the interaction between performance perception and expectancy, named disconfirmation, on satisfaction (Figure 2).
[image: Figure 2]FIGURE 2 | Expectancy disconfirmation model (Van Ryzin, 2013)
We extended the EDM at three points. First, we used the perceived procedural fairness as the perceived performance. Based on the works of Thibaut & Walker (1975) and Tyler (1989), McComas et al. (2007) examined the impact of perceived procedural fairness on participants’ satisfaction and outcome acceptance with advisory committee meetings, another important participation method. They argued that people cared much about the fairness of the decision-making procedure because it symbolized whether they are respected. Other research studies prove similar impacts of procedural fairness on citizens’ satisfaction with the government (Herian et al., 2012).
Second, we added in the link from farmers’ satisfaction to their trust in local cadres. Many researchers argued that Chinese people had more trust in the central government than in local cadres (Zhong, 2014). Tense relationships between farmers and local cadres exacerbate the rural unrest in China. The Chinese central government has launched a series of reformation to rebuild the local political trust, such as the village election and rule-of-law government. This purpose is also embedded into the introduction of public participation in China.
Third, considering the frequent emphasis on the critical function of good preparation to a successful public hearing (Manowong & Ogunlana, 2008), we included the perceived preparation kindness into the model. A considerate preparation, such as a suitable time and location, will improve the relationship between the authority and farmers (Figure 3).
[image: Figure 3]FIGURE 3 | Extended EDM for the LEPH
Some hypotheses are presented as follows based on the aforementioned facts:
Hypothesis 1. Perceived preparation kindness of the hearing will directly predict farmers’ satisfaction with the LEPH.
Hypothesis 2. Perceived preparation kindness will predict the farmers’ expectancy on the hearing.
Hypothesis 3. Perceived procedural fairness will directly predict satisfaction.
Hypothesis 4. Farmers’ expectancy will directly predict satisfaction.
Hypothesis 5. Higher perceived procedural fairness will increase disconfirmation.
Hypothesis 6. Higher expectancy on hearing will decrease disconfirmation.
Hypothesis 7. Farmers’ expectancy disconfirmation will directly predict satisfaction.
Hypothesis 8. Farmers’ satisfaction will directly predict their trust in local cadres.
Hypothesis 9. There is a positive correlation between expectancy and the perceived performance in such an observational study, the causal direction is typically not specified (Van Ryzin, 2013).
4 DATA AND RESULTS
4.1 Data
4.1.1 Study Area
We purposely chose Tongcheng city in Anqing Prefecture, Anhui Province as the study area (Shown in Figure 4). Significant heterogeneities are widely recognized in Chinese economic, social, and administrative issues, so the main principle for us to choose the study area is avoiding the extreme sample. First, according to the post-evaluation of PHRLR sponsored by MLR in 2012, Anhui province was in the medium position at the development and implementation of LEPH. Second, Anhui is also in the medium position at the frequency of the land-expropriation conflict (Lin et al., 2018). Third, the total GDP of Anhui is ranked the middle level in China, 13th out of 31 provinces in 2017. Tongcheng is an ordinary county-level city in Anhui at economic development, social stability, and administrative performance in the Anhui land management system (Figure 4).
[image: Figure 4]FIGURE 4 | Study area location.
4.1.2 Questionnaires
Land-expropriated farmers who did and did not attend the hearing were all interviewed for two reasons. The low application and attendance rate of LEPH is a national problem, according to the post-evaluation of PHRLR, so the cost to find enough attendees is too high. More importantly, McComas (2003) had testified in her research that irrespective of whether respondents had ever attended a public meeting, their satisfactions can be predicted. Twenty-six questions are asked to get to know the basic information of the respondents, such as the sexual status, age, education level, employment status, family populations, family monthly income, and proportion of land expropriated. Farmers’ perceived preparation kindness is involved which contains whether they are informed sufficiently before the hearing and whether the time and location of the hearing are suitable for them. Then, farmers’ expectancy on the process atmosphere, outcome of interest conflict resolution, performance of the president, and performance of other expect attendees are questioned. Later, it refers to farmers’ perceived hearing performance of hearing. Farmers are asked to evaluate the normativity of the process, the performance and neutrality of the president and other expect attendees, the openness of the outcome, and whether they have got the information they wonder. Farmers are also asked to evaluate whether their discontents on the hearing will be appreciated by relative authorities.
Farmers’ expectancy disconfirmations are measured as subjective. Disconfirmation can be measured either as subtractive or subjective (Petrovsky et al., 2017). Farmers are asked how well the hearing is performed relative to what they expect. Farmers’ satisfactions with the LEPH are measured by satisfaction with the process and satisfaction with the outcome, according to the evaluation criteria classification suggested by McComas (2003). At the end of the questionnaire, farmers are asked whether they trust in local cadres and LEPH. All variables, except the first seven questions on basic information, were measured with a 5-point Likert-type scale (1 = strongly disagree/dissatisfy and 5 = strongly agree/satisfy). With the help of the Bureau of Land Management of Tongcheng city, we located 14 villages with land-expropriation in recent 5 years. A total of 447 of 600 questionnaires distributed to farmer families were returned.
4.2 Results
4.2.1 Descriptive Analysis of Main Variables
The mean value and standard deviation of main variables are shown in Table 1. Farmers’ satisfaction with the process of the LEPH is 3.30 (SD = 0.894), slightly higher than the satisfaction with the outcome of the LEPH, 3.28 (SD = 0.903). These mediocre evaluations show that respondents tended not to be overly satisfied with public hearings as a way of involving themselves into the land expropriation procedures.
TABLE 1 | Descriptive analysis of main variables.
[image: Table 1]The highest result in Table 1 is the perceived possibility of discontents appreciated by authorities (3.37), which means farmers take LEPH as a formal channel to express discontents and attract authorities’ attention. However, the authorities introduced the LEPH as an informative technology, as mentioned earlier at the end of part 2. So, a mismatch appeared.
The lowest results include the three criteria of perceived preparation kindness, the expectancy of the atmosphere, and the disconfirmation. Farmers argued they were not well pre-informed by the authorities on the plan, the documents, and other information on the land-expropriation. Time and location of the LEPH were decided for the authorities’ convenience. Low expectancy on the process atmosphere means that a considerable proportion of respondents predicted conflictive arguments during the hearing. Twenty-four respondents (5.4%) firmly predicted there would be a quarrel during the hearing, and 67 (15%) predicted less firmly. Disconfirmation also had a lower value, illustrating farmers’ disappointment on LEPH.
4.2.2 Reliability Analysis
The purpose of reliability analysis is to evaluate the stability and internal consistency of the overall questionnaire and the measurement items of each latest variable. As shown in Table 1, we chose 19 observable variables to measure the six latest variables. Cronbach α coefficient and split half reliability are commonly used to test reliability in the Likert-type scale, and α coefficient is better than the half method. The higher the reliability of a scale, the more stable it is (Crocker & Algina, 1986). In multiple item scales, intrinsic reliability is particularly important. It not only measures whether each scale measures a single construct but also evaluates the internal consistency of the items in the scale. Cronbach α coefficient is one of the internal consistency coefficients. If Cronbach α is above 0.80, it indicates that the scale has a high reliability. Nunnally and Bernstein (1994) think that the criteria of reliability are different between exploratory research and confirmatory research. The lowest standard of the value of the credit coefficient in exploratory research is above 0.50, and it is better to be above 0.6. The best value of the credit coefficient in confirmatory research is above 0.80, and it is better to be above 0.9. Different scholars have different opinions on the minimum reliability coefficient. Some scholars think that it is acceptable to be above 0.80 (Gay et al., 2009). Some think that it is acceptable to be above 0.7 (Nunnally & Bernstein, 1994). When the reliability is not good, the item will be deleted. The criteria of item deletion or retention are the size of corrected item total correlation (CITC) and whether deletion of item improves Cronbach α (Parasuraman et al., 1988). The higher the CITC, the higher is the internal consistency between the item and other items in the same construct. Generally, items with CITC less than 0.30 should be deleted. We used SPSS 19.0 to test the reliability of the overall questionnaire and each late variable, and the results are shown in Table 2.
TABLE 2 | Reliability analysis of sample data.
[image: Table 2]The Cronbach α coefficient of the overall questionnaire and all dimensions were greater than 0.80, which exceeded the minimum standard of each scholar and showed high reliability. Deleting any item will lead to the decrease in the corresponding Cronbach α, indicating that each construct item represents the same late variable uniformly, and no item is deleted.
4.2.3 Confirmatory Factor Analysis
Compared with exploration factor analysis (EFA), confirmation factor analysis (CFA) focuses more on the relationship between observable variables and latent variables (Everitt & Dunn, 2001). CFA is a pre-step or infrastructure for integrating structural equation modeling (SEM) analysis (Kline, 2015. We used the structural equation modeling method to study the factors that affect the satisfaction of landless farmers to LEPH. SEM is a kind of statistical modeling technology. It uses the measured model and structural model to test the hypothesis relationship between the observable variable and late variable and finds out the potential and interactive causal variables. The most commonly used parameter estimation method in SEM is maximum likelihood (ML). ML estimation has two basic assumptions: 1) the data conform to multivariate normal distribution and 2) the data are large sample data. Under this premise, the parameter estimation of ML will be asymptotically efficient unbiased, consistent, and effective (Schumacker & Lomax, 2004). Amos 21.0 is used to test the multivariate normality of the sample data in this study, as shown in Table 3. Under normal distribution, the skew coefficient and kurtosis coefficient should be close to 0. If the absolute value of skew coefficient is greater than 3 and kurtosis coefficient is greater than 8, it indicates that the data distribution may not be normal. If the absolute value of kurtosis coefficient is greater than 20, it indicates extreme kurtosis. If the multivariable kurtosis critical ratio (CR) is greater than 1.96, it indicates that the multivariable is non-normal. In Table 3, the skew coefficients of 19 observable variables are between −0.599 and −0.344, the kurtosis coefficients are between −0.156 and 0.808, and the absolute values of skew coefficients and kurtosis coefficients are less than 1, indicating that the single variable is in normal distribution. However, the multivariate kurtosis criticality ratio is far greater than 1.96, and multivariate distribution is typical non-normal distribution. Non-normal distribution of sample data will lead to overestimation of overall model fitting and underestimate of the standard error (SE) of partial parameter estimation. The bootstrap method can effectively deal with non-normal data and solve the estimation deviation caused by non-normal data (Bollen and Stine, 1992). This article will take this method for further research.
TABLE 3 | Normality test of sample data.
[image: Table 3]The measurement models of six constructs and 19 explicit variables were constructed by using the confirmation factor analysis. The bootstrap method is used to improve the accuracy of ML estimation of the chi-square value and standard error of the measurement model. Three kinds of goodness-of-fit indexes are used to measure the whole model. Table 4 shows the goodness-of-fit results of the CFA measurement model and the goodness-of-fit evaluation criteria proposed by scholars (Hair et al., 2010). The results showed that the CFA measurement model achieves the ideal goodness of fit.
TABLE 4 | Goodness-of-fit indices for the measured model.
[image: Table 4]After the overall evaluation of the measurement model, the validity between the observable variables and the latest variables measured is tested by the confirmation factor analysis. The validity of academic research can be divided into the content validity, criterion related validity, and construct validity. In practical operation, the content validity and criterion-related validity often require qualitative research by experts or recognized criterion measurement. In the past, few scholars have measured them, while the construction validity can be measured by confirmation factor analysis. Construction validity consists of conversion validity and discriminative validity. Convergent validity reflects the degree to which observable variables evaluate their latent variables, that is, the problem of measuring circumference. Discriminative validity reflects the degree to which one latent variable differs from the other, that is, the problem of measuring exclusivity (Hair et al., 2013). Conversion validity can be measured from factor loading, average variance extracted (AVE), and construct reliability (CR). The standardized factor loadings of observable variables should be higher than 0.50, and the ideal state should be higher than 0.70. AVE should be greater than 0.50. CR should be greater than 0.7, which indicates that the model has good conversion validity (Hair et al., 2010). The standardized factor loading of observable variables and the AVE and CR indexes of late variables are shown in Table 5. It is obvious that factor loading, AVE, and CR all meet the standards, and the conversion validity of the model is good.
TABLE 5 | Convergent validity of sample data.
[image: Table 5]In AMOS operation, the chi-square difference test is generally used to identify the significance of chi-square difference (Bagozzi and Phillips, 1982). Further supplementary evaluation of discriminative validity is made by confirming that the confidence interval of two construct correlation coefficients does not contain 1 (Torkzadeh et al., 2003). The chi-squared difference test is carried out for two combinations of six latent variables. The chi-squared difference between the restricted model and the unrestricted model is listed in Table 6. Obviously, all the unrestricted models are significantly smaller. Using Bootstrap to calculate the confidence interval of the correlation coefficient between latent variables, we further proved the discriminative validity. From Table 6, we can see that the confidence intervals of percentile corrected and bias corrected do not contain 1. The two tests fully show that the discriminative validity of each construct is high.
TABLE 6 | Discriminant validity of sample data.
[image: Table 6]4.2.4 Structural Equation Modeling Results
After confirmatory factor analysis, the structural equation modeling is constructed according to Figure 3, which assumes that there are significant causal relationships among the six latent variables, namely, preparation kindness, public expectation, performed procedural fairness, farmers’ expectation unconformity, farmers’ satisfaction, and trust in local cadres. SEM can deal with the complex hypotheses among multiple latent variables easily and intuitively and verifies the hypotheses by calculating path coefficients to test the causal relationship of latent variables. With the help of Amos 21.0, bootstrap is applied to improve the accuracy of ML estimation, and the standardized structural equation model of Figure 5 is obtained, in which the sampling number of bootstrap is 2000 times (Figure 5).
[image: Figure 5]FIGURE 5 | Final structural equation model showing relationships among variables.
When the structural equation model is fitted, [image: image] is easy to be affected by the sample size. When the model is complex and large, it will get a significant p value (Rigdon, 1995; Hair et al., 2010). Hair et al. (2010) found that when the sample size is greater than 250, and manifest variables are greater than 12, the p-value of [image: image] is significant. Therefore, we combined other goodness-of-fit indexes to evaluate the model, and the specific results are shown in Table 7. [image: image] is the chi-squared mean of bootstrap 2000 samples, not the ML estimated value. Although the p-value is significant, normed [image: image] and other fitting methods are up to the standard. The evaluation of goodness-of-fit indexes supports the structural equation model.
TABLE 7 | Goodness-of-fit indices for the structural equation model.
[image: Table 7]Table 8 shows the validation results of causality between underlying variables of bootstrap ML estimation. In the case of non-normal distribution of data, using ML estimation may lead to the statistical significance of the estimated value of the parameter. Taking the path “expectation” to “unconfirmation” as an example, under ML estimation, p = 0.028 < 0.05. In other words, the path is significant at p = 0.05. However, under bootstrap percentage correction, p = 0.055 > 0.05. This path is not significant. It can be seen that the research proves the ability of the bootstrap to correct the ML estimation of non-normal data. According to Table 8, the p-values of H1, H4, and H6 standardized estimates are 0.399, 0.366, and 0.055 (>0.05), respectively, indicating that H1, H4, and H6 are not significant at the significance level of 0.05 and above. In Figure 5, the empirical results are represented by full lines and dashed lines, respectively. The solid line indicates that the path is significant at the level of 0.001, while the dotted line indicates that the path is not significant. In other words, except H1, H4, and H6, all assumptions are significant.
TABLE 8 | Standard error and the standardization coefficient estimate of Bootstrap.
[image: Table 8]5 DISCUSSION AND CONCLUSION
By expanding the theory of expectation failure, this article puts forward a theoretical model based on the hearing satisfaction of the farmers whose land is expropriated and determines the influencing factors of the satisfaction, in order to solve the dilemma of public participation in land expropriation. The results showed that those hypotheses presented are not all significant. The findings of the study will be discussed as follows.
First, perceived preparation kindness can effectively predict farmers’ expectations for hearings (H2). Public expectancy is “willing expectation,” but not “real expectation.” It is affected by the public’s own needs, the information in various aspects learned in the early stage and the public’s experience of word-of-mouth. In other words, if the perceived preparation kindness of farmers is low, then the public with learning ability will reduce their expectations rationally. Public expectancy has a positive effect on perceived procedural fairness (H9). This result also fits well with the conceptual basis of the American Customer Satisfaction Index (ACSI) (Fornell et al., 1996). Expectancy has an assimilation effect on perceived procedural fairness. Furthermore, perceived procedural fairness can directly predict satisfaction (H3). If there are standardized hearing procedure design, neutral and professional host and experts, the landless farmers with required information, open and transparent hearing results, and the dissatisfaction and opinions expressed by the farmers at the hearing can be valued by the government authorities; then, the farmers will have perceived procedural fairness, resulting in a high degree of satisfactory.
Second, perceived procedural fairness has a positive effect on disconfirmation (H5). This shows that higher perceived procedural fairness will increase the positive test failure. However, the direct effect of public expectation on disconfirmation is not significant (H6), and the direction is positive ( [image: image]; p = 0.055). According to the theory of expectation failure, under the same expectation, high performance will produce more positive failure. Under the same performance, high expectation will produce more negative failure (Oliver, 1980; Oliver et al., 1994). This is slightly different from our research results. The reason is that the measurement method is different. Van Ryzin (2006) empirically compared the differences between subtractive measure and subjective measure. The results of adopting subjective measure are consistent with the theory of expectation failure, but the modeling results of adopting subjective measure are quite different. The relationship between expectation and disconfirmation is zero or even no significant difference, and the direction is wrong. Then, Van Ryzin (2006) brought the perceived disconfirmation into the model as a mediation variable of the subtractive disconfirmation. It was found that expectancy had a significantly positive effect on perceived disconfirmation. However, the positive direct effect is offset by the significant negative effect of expectancy on the passive subtractive disconfirmation. Finally, the total effect of expectancy on the perceived disconfirmation is 0. Perceived disconfirmation leads to over statement of expected variables in the model. However, in our study, disconfirmation is subjective. This explains why the direct effect of public expectation on disconfirmation is not significant in our study. Disconfirmation is positively correlated with satisfaction (H7). This shows that when farmers participate in a lower-than-expected land acquisition hearing, the landless farmers will have lower satisfaction. In other words, more expectation leads to more disappointment. Public participation at this time has no effect. Then, “poor” participation may be worse than no participation at all (McComas et al., 2007).
Third, the direct impact perceived preparation kindness and public expectancy on satisfaction are not significant (H1 and H4). This may be related to the distortion of the hearing procedure design and information asymmetry. Although the hearing on land acquisition is proposed to the land and resources department by the peasants who have been expropriated, the peasants seem to be the initiator of the hearing. Because the peasants are in a weak position of lacking information, the government is still the leader of the hearing on land acquisition. The compensation and resettlement of land acquisition involves many departments, and the information interaction between them is not smooth. In addition, the government officials with limited rationality have self-interest in policy formulation and implementation (Linping, 2010). In order to protect the interests of their own departments, they will selectively disclose information and conceal information that is not good for them. These factors directly lead to the information asymmetry of the hearing subjects. Therefore, although the government has made good preparation for the hearing of land acquisition, the farmers get sufficient information before the hearing. Due to the asymmetry of information, the farmers cannot identify the effectiveness of information in the hearing process and cannot predict the specific policy behavior of policy makers and executors effectively in advance. Farmers’ perceived preparation kindness and expectancy will only directly increase the possibility of farmers’ public participation. Because of the unknown implementation of the land acquisition hearing process, farmers are not sure that good perception and expectations before the meeting can directly lead to a satisfactory outcome.
Fourth, in order to explore the total impact of each antecedent of satisfaction on satisfaction, we also used Bootstrap to analyze the mediating effect of the model. The results showed that each intermediate variable in the model is significant at the level of 0.01. The direct effect of perceived procedural fairness on satisfaction was 0.602. The indirect effect is 0.177, and the total effect is 0.779. Perceived procedural fairness plays a completely mediating role in expectancy and disconfirmation. The effect value is 0.570. The direct effect of expectancy on satisfaction is not significant. But perceived procedural fairness can indirectly affect text failure so as to affect satisfaction. The total indirect effect is 0.148. Perceived preparation kindness has no significant direct impact on satisfaction. Satisfaction can be indirectly affected by expectancy, perceived procedural fairness, and text failure.
Finally, results mentioned previously show that the four antecedents of satisfaction can directly or indirectly significantly affect satisfaction, and farmers’ satisfaction directly determines their trust in the local government (H8). Therefore, in order to solve the dilemma of public participation in land expropriation, the relevant authorities should start from the source of affecting farmers’ satisfaction and effectively manage conflicts. For example, the relevant authorities could communicate fully with those farmers to get to know their real needs and inform them in advance about some relevant policies. At the same time, more participation of the farmers also could facilitate the land expropriation (Webler et al., 2001; Welch et al., 2004; Kline, 2015; Xie et al., 2017).
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