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Subclinical mastitis (SCM) in buffalo is one of the most challenging paradoxes for the dairy
sector with very significant milk production losses and poses an imminent danger to milch
animal’s milk-producing ability. We present here the genome-wide methylation specific to
SCM in water buffalo and its consequential effect on the gene expression landscape for the
first time. Whole-genome DNA methylation profiles from peripheral blood lymphocytes and
gene expression profiles from milk somatic cells of healthy and SCM cases were
catalogued from the MeDIP-Seq and RNA-Seq data. The average methylation in
healthy buffaloes was found to be higher than that in the SCM-infected buffaloes. DNA
methylation was abundant in the intergenic region followed by the intronic region in both
healthy control and SCM groups. A total of 3,950 differentially methylated regions (DMRs)
were identified and annotated to 370 differentially methylated genes (DMGs), most of
which were enriched in the promoter region. Several important pathways were activated
due to hypomethylation and belonged to the Staphylococcus aureus infection, Th17 cell
differentiation, and antigen processing and presentation pathways along with others of
defense responses. DNA methylome was compared with transcriptome to understand the
regulatory role of DNA methylation on gene expression specific to SCM in buffaloes. A total
of 4,778 significant differentially expressed genes (DEGs) were extracted in response to
SCM, out of which 67 DMGs were also found to be differentially expressed, suggesting
that during SCM, DNA methylation could be one of the epigenetic regulatory mechanisms
of gene expression. Genes like CSF2RB, LOC102408349, C3 and PZP like, and CPAMDS8
were found to be downregulated in our study, which are known to be involved in the
immune response to SCM. Association of DNA methylation with transposable elements,
miBNAs, and IncRNAs was also studied. The present study reports a buffalo SCM web
resource (BSCM2TDb) available at http://webtom.cabgrid.res.in/BSCM2TDb that
catalogues all the mastitis-related information of the analyses results of this study in a
single place. This will be of immense use to buffalo researchers to understand the
host—pathogen interaction involving SCM, which is required in endeavors of mastitis
control and management.
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INTRODUCTION

Water buffalo (Bubalus bubalis) has proven to be the “bank on
hooves” by reshaping the landscape of agrarian livelihood in
South and Southeast Asian Countries. In India, buffaloes
contributed 49% (35% indigenous buffaloes and 14%
nondescriptive buffaloes) towards the total milk pool
amounting to a massive 91.817 million tonnes of milk. A
whopping 44.76 million buffaloes were in milk with an
average yield of 5.62kg/day pan-India in the vyear
2018-2019 (Basic Animal Husbandry Statistics, 2019).
However, mastitis remained a major constraint with huge
production and economic losses. Mastitis is considered to
be one of the expensive diseases affecting dairy -cattle
worldwide in terms of production losses (Sinha et al., 2014;
Ruegg and Erskine, 2015; Beniz et al., 2018). Mastitis is caused
by varied pathogens leading to the development of subclinical/
chronic (25%-65%) or clinical (~5%) infections (Dufour et al.,
2012; AHDB, 2016; Wang et al., 2020) worldwide. The
economic loss caused by subclinical mastitis (SCM) is often
greater than that caused by clinical mastitis (Kirkpatrick and
Olson, 2015). SCM is the inflammation of the mammary gland
that does not create visible changes in the milk or the udder. It
affects the dairy industry by reducing milk production,
decreasing milk quality, and suppressing reproductive
performance (Khan and Khan, 2006; Ahmad et al,, 2011).
An estimated loss of more than $1billion per year was
reported by the United States dairy industry in 1999 (Ott,
1999), increasing to $2 billion per year by 2006. The loss was
estimated to be 48€/1,000 L in Ireland (Geary et al., 2013). In
India, the annual loss due to mastitis has been estimated to the
tune of Rs. 71,651.5 million per year (Sudhan and Sharma,
2010; Rao et al., 2017). Apart from economic losses, SCM has
distinct importance in public health due to the risk of
antibiotic resistance by consumption of milk with antibiotic
residues accumulated due to the indiscriminate use of
antibiotics (De Vliegher et al., 2012) for SCM treatment.

Staphylococcus aureus is the major cause of SCM in dairy
cattle, which causes asymptomatic, persistent, antibiotic-
resistant, and reoccurring infections (Song et al., 2016). SCM
is caused by a variety of pathogens that can establish chronic
infections and include Escherichia coli, Pseudomonas aeruginosa,
P. mendocina, S. chromogenes, S. epidermidis, Bacillus cereus,
Klebsiella pneumoniae, and Shigella flexneri (Hoque et al,
2015; Hoque et al., 2020). Similar causal organisms were also
reported in buffalo mastitis (Fagiolo and Lai, 2007).

Previous studies showed the role of epigenetics in influencing
traits related to health, growth, production, and development in
cattle (Ibeagha-Awemu and Zhao, 2015; Reynolds et al., 2017;
Sun et al, 2019). The potential contribution of epigenetic
regulation in mechanisms of mastitis infection development,
especially the role of DNA methylation in the regulation of
mammary gland health, has been reported in the case of cattle
(Song et al., 2016; Ju et al,, 2020; Wang et al., 2020; Zhou et al.,
2020). No such study has been reported in water buffalo. There is
no web genomic resource for water buffalo mastitis disease with a
list of differentially expressed genes (DEGs) and differentially
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methylated genes (DMGs) to help in understanding the
molecular events.

DNA methylation is an important epigenetic regulator of gene
expression and chromatin structure (Niazi et al, 2016) that
provides stability to the genome by methylation of
transposable elements (TEs). DNA methylation is catalyzed by
a family of DNA methyltransferases (Dnmts) that forms 5-
methylcytosine (5-mC) (Ruzov et al, 2011). Current genome-
scale approaches for the determination of DNA methylation are
largely based on the detection of 5-mC. MeDIP-Seq is a popular
enrichment technique for the methylation status of cytosines
captured by noncovalent bonding of 5-mC and antibodies (Taiwo
etal, 2012; Liet al., 2015a). It has been used in numerous studies
including the first mammalian methylome (Down et al., 2008)
and the first cancer methylome (Feber et al., 2011).

Owing to the importance of water buffalo and losses caused by
SCM, the present study focuses on the extraction of DMGs from
whole-genome methylome (MeDIP-Seq) analysis and DEGs
from transcriptome (RNA-Seq) analysis to understand the
molecular mechanism of epigenetic regulation of gene
expression involving DNA methylation specific to SCM in
water buffalo. The present study also explores the association
of DNA methylation with TEs, miRNAs, and IncRNAs. All the
findings of the study are provided in the form of a user-friendly
web resource, Buffalo Subclinical Mastitis
Methylome-Transcriptome database (BSCM2TDb), available at
http://webtom.cabgrid.res.in/BSCM2TDb. The present study is
the first whole-genome methylome study specific to SCM in water
buffalo of Murrah breed. The findings of this study can be used to
understand the molecular regulation of mastitis disease as well as
to identify candidate epigenetic markers related to the disease. It
will help buffalo breeders in breed improvement and disease
management programs.

MATERIALS AND METHODS

Ethics Statement

This study was approved by the Institute Animal Ethics
Committee of the ICAR-Central Institute for Research on
Buffaloes (ICAR-CIRB), Hisar.

Determination of SCM in Buffaloes

A total of 138 lactating Indian Murrah breed water buffaloes from
the ICAR-CIRB animal farm (coordinates: 29010'49.40"N,
75042'24.87"E) were screened for the incidence of SCM. The
milk samples were collected aseptically, noninvasively, and
during the normal milking process. Milk was collected under
clean and sterile conditions. After the initial milk from the teats
was ignored, milk was aseptically collected in sterile containers
without touching the container. The sample containers were
clearly labeled as fore right (FR), fore left (FL), rear left (RL),
and rear right (RR), bearing the animal numbers.

For ascertaining the cases of SCM, the criteria provided by the
International Dairy Federation were adopted, and milk samples
were subjected to somatic cell count (SCC), bacteriological
examination, and antimicrobial sensitivity testing. The milk
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samples were tested by the cow-side test of the California Mastitis
Test (CMT). A total of eight CMT-positive cases for SCM were
found. The milk samples found positive with CMT were subjected
to SCCs, bacteriological culture, and sensitivity tests for
ascertaining the confirmed SCM cases. SCCs were done for
the CMT-positive samples and the healthy controls as well,
using Newman’s stain by adopting the method given by
Schalm et al. (1971). SCC of positive cases found was done by
making slides and counting manually. Cases with SCCs of
>5 x 10° cells/ml were designated as subclinical. For all positive
cases with CMT, 10 ml milk samples were immediately sent for
microbiological culture at the Department of Veterinary
Microbiology, LUVAS, Hisar, India, for confirmation of
mastitis, identification of microorganisms, and susceptibility to
different antibiotics. For bacteriological studies, the milk samples
were streaked on both 5% sheep blood agar and MacConkey’s
lactose agar plates and kept for incubation at 37°C for 24-48 h.
The bacterial colonies were further subcultured on blood agar
plates and identified by Gram’s staining based on bacterial
morphology and colony characteristics. Furthermore, the disc
diffusion method (Bauer et al., 1966) was used for antimicrobial
sensitivity test based on the zone-size interpretation chart and
categorized as sensitive, intermediate, and resistant. The results
were recorded for the antimicrobials, namely, enrofloxacin,
penicillin G, streptomycin, amoxicillin, oxytetracycline,
chloramphenicol, moxifloxacin, levofloxacin, ampicillin,
gentamicin, neomycin, amikacin, cloxacillin, and cefoperazone.

Sample Collection, DNA Isolation, and
Preparation of MeDIP-Seq Libraries

The blood samples were collected by jugular venipuncture from the
same five SCM-infected lactating Murrah buffaloes (SCM 1-5) and
six healthy Murrah buffaloes (C1-C6) as control in EDTA containing
blood collection tubes. Furthermore, DNA isolation and purification
were performed using the QIAamp blood DNA mini kit (Qiagen) in
all samples from DNA Xperts Private Limited, Noida, India, utilizing
the protocol adapted by Li et al. (2010) with few modifications and
followed for preparing MeD‘gP—Seq libraries. Library preparation was
done by using the NEBNext Enzymatic Methyl-Seq Kit, followed by
immunoprecipitation enriched for methylated DNA fragments using
MeDIP buffer and 5-mC-specific monoclonal antibody. It was
followed by a quality check by loading 1ul of sample on an
Agilent Technologies 2100 Bioanalyzer using a DNA-specific chip.
Finally, 11 MeDIP-Seq libraries were obtained using the Illumina
HiSeq 2500 instrument (Illumina Inc., United States) with 2x 50 bp
paired-end (PE) sequencing,

Sample Collection, RNA Isolation, and
Preparation of RNA-Seq Libraries

For RNA-Seq libraries, the milk samples were collected from six
SCM-infected (SCM 1-6) udder quarters of five SCM-infected
Murrah buffaloes and six healthy (C1-C6) udder quarters from
six healthy Murrah buffaloes. These samples were centrifuged in
50 ml tubes at 1,500 x g for 20 min at 4°C for total somatic cell
isolation and later preserved. RNA was isolated by DNA Xperts
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Private Limited, Noida, India, using the QITAamp RNA blood mini kit
(Qiagen) from suspended somatic cells. Furthermore, quality was
checked using the Agilent 2100 Bioanalyzer, and electrophoresis was
performed on formaldehyde with 1% agarose gel. The polyA-
containing mRNA molecules were purified using oligo-dT
attached magnetic beads. Finally, cDNA libraries were prepared as
per the Illumina TruSeq RNA library preparation protocol (Illumina
Inc., United States) and sequenced using the Illumina HiSeq 2500
instrument to obtain 12 RNA-Seq libraries (2x 100 bp PE).

MeDIP-Seq Data Analysis

Raw PE reads of MeDIP-Seq libraries were passed through a
quality check using a FASTQC at Phred score >30 and GC
distribution >40% and adapter trimming. The processed PE
reads were aligned with the buffalo reference genome
(GCF_003121395.1 available at https://www.ncbi.nlm.nih.gov/
assembly/GCF_003121395.1/) using Bowtie 2 (Langmead and
Salzberg, 2012). These aligned reads were used for the correlation
analysis using deepTools (Ramirez et al., 2014) and identification
of methylated peaks using MACS2 (Zhang et al., 2008) with a
p-value of 0.01 in all the libraries. The extracted methylated peaks
were used for genomic annotation of methylated peaks into
genomic regions such as intron, exon, promoter (-1kb to
+100 bp), transcription termination sites (TTS) (-100 bp to
+1kb), and intergenic regions using HOMER (Heinz et al,
2010) utilizing a buffalo RefSeq annotation file. The DMRs in
the SCM group were compared to those of the control
group using diffReps (Shen et al, 2013) at a p-value of 0.001
and |Log2FC| >2. Later, DMGs were extracted from DMRs utilizing
the buffalo RefSeq annotation file by the Perl script. Functional
annotation of DMGs was performed by gene ontology (GO) analysis
using BLAST2GO (Conesa and Gotz, 2008), and KEGG pathway
analysis was performed using the clusterProfiler package (Yu et al,
2012) of Bioconductor for DMGs at a p-value <0.1.

RNA-Seq Data Analysis
For RNA-Seq data analysis, all 12 RNA-Seq data libraries were
passed through quality check by FASTQC v0.11.5 (Andrews, 2010)
using the parameters of a Phred score >20 and GC distribution
>40%. The bases with a <20 Phred score were trimmed using
FASTX-Toolkit v0.0.14 (https://github.com/agordon/fastx_toolkit).
This was followed by transcriptome assembly using Trinity v2.2.0
(Grabherr et al., 2011). The differentially expressed regions (DERs)
were extracted using DESeq2 of the R package v1.26.0 (Love et al.,
2014). For the extraction of DEGs, open reading frames (ORFs) were
predicted using TransDecoder v5.5.0 (Haas and Papanicolaou,
2019), and annotation was performed using Trinotate v3.2.0 at |
log,FC| >03 and FDR <0.05 (Bryant et al, 2017). Alignment of
DMGs with the buffalo reference genome was performed to extract
the coordinate information using BLAST with a parameter e-value of
1e-30 using the Perl script. Finally, the in-house Perl scripts were
used to get buffalo gene IDs to compare with DMGs with the help of
the coordinate information within the buffalo RefSeq annotation file.
To understand the effect of DNA methylation on gene
regulation during SCM in buffalo, the results of DNA
methylation analysis (MeDIP-Seq) were compared with the
results of transcriptome analysis (RNA-Seq). The DMGs and
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[ MeDIP-Seq data analysis ]

FIGURE 1 | Schematic workflow towards understanding the genome-wide DNA methylation and its effect on gene expression during SCM in water buffalo.

=Relationship between DNA
methylation and miRNAs and
IncRNAs

DEGs were compared to find the genes repressed by
hypermethylation and expressed by hypomethylation, ie., a
negative relationship as reported by Lou et al. (2014) in the
promoter and TTS regions, while a positive relationship in case of
exon and intron as reported by Suzuki and Bird (2008), Ball et al.
(2009), and Lev Maor et al. (2015). Figure 1 represents the
pipeline for understanding genome-wide DNA methylation
and its effect on gene expression during SCM in buffalo.

Association of Methylation with TEs,

IncRNAs, and miRNAs

In order to study the role of DNA methylation in genome
stability, TEs were searched, which were found to overlap with
DMRs using Censor (Huda and Jordan, 2009). The probable TE-
associated genes (TAGs) were also extracted by comparing TEs
with the buffalo RefSeq annotation file using the Perl script.
Furthermore, pre-miRNA sequences of known buffalo miRNAs
were mapped with DMRs using BLAST (Altschul et al., 1990) to
see the methylation in putative miRNA genes, which were termed
as methylation-regulated miRNA genes. Methylation-regulated
miRNAs were used to study their target mRNAs from DEGs
specific to SCM by using psRNATarget (Dai et al., 2018) to see the
consequent indirect effect of DNA methylation through the
regulation of miRNA expression. The psRNATarget also
predicts the mode of action of miRNAs on their target such as
cleavage or binding, which disables their targets for further
action. Moreover, functional annotation showed that a few
DMGs were encoding IncRNAs, which were considered
methylated IncRNA genes, and their respective IncRNAs were
termed as methylation-regulated IncRNAs. Targets of
methylation-regulated IncRNAs were identified using LncTar
(Li et al., 2015b) to see the consequent indirect effect to DNA
methylation through regulation of IncRNA expression.

Development of the Web Resource,
BSCM2TDb

BSCM2TDb is a three-tier architecture-based relational database,
freely accessible at http://webtom.cabgrid.res.in/BSCM2TDDb/.
All the analyses results like DMRs, DMGs, DM-IncRNAs
(methylation-regulated IncRNAs), DM-miRNAs (methylation-
regulated miRNAs), DM-TEs, and DM-TAGs from MeDIP-Seq
data analysis along with DEGs and DM-DEGs from RNA-Seq
data analysis were catalogued and stored in the backend in a
MySQL database. The web interface was developed in PHP and
launched by the Apache 2 server. BSCM2TDb contains tabs,
namely, Home, Statistics, Data, Tutorial, and Team.

RESULTS

MeDIP-Seq Data Analysis

A total of ~745 million reads were found in the MeDIP-Seq libraries
with an average of ~67.7 million reads in each library. A total of 33.8
million PE reads passed through quality check with an average of
47% GC content (Supplementary Table S1). An average of ~71%
alignment was attained for all libraries with the buffalo RefSeq
genome. Pearson’s correlation coefficients among all the libraries
were in the range of 0.71-0.99 (Supplementary Figure S1).

Peak Calling and their Genomic Annotation
A total of 189,474 peaks were extracted from the control group
with an average of 31,579 peaks, while 154,803 peaks were
extracted from the SCM group with an average of 30,960
peaks (Supplementary Table S2). The result of genomic
annotation of these peaks showed that the maximum number
of peaks belonged to the intergenic region (75%-76%), followed
by the intron (~14%), promoter (~5%), TTS (~4%), and exon
(<1%) (Supplementary Figure S2).
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Identification of DMRs and DMGs
A total of 3,950 DMRs were extracted from the peaks of the SCM

group with respect to peaks of the control group, out of which
2,451 DMRs were hypomethylated while the remaining 1,449
were hypermethylated. The distribution of methylation counts in
the form of histograms is shown in a Circos diagram
(Supplementary Figure S3) found within DMRs for the
control and SCM groups in all 25 chromosomes. Out of 3,950
DMRs, 71, 1,132, 2,043, 251, and 453 DMRs belonged to exon,
intron, intergenic regions, TTS, and promoter regions,
respectively.  Figure 2A  shows hypomethylated and
hypermethylated DMRs within various genomic regions.

A total of 370 DMGs were extracted from 3,950 DMRs, out
of which 169 DMGs were hypermethylated and 201 DMGs
were hypomethylated. Genomic distribution of 370 DMGs
showed that 66, 132, 96, and 76 DMGs belonged to exons,
promoters, introns, and TTS regions, respectively
(Figure 2B). Functionally, it was found that out of these

370 DMGs, 140, 217, and 1 DMGs were encoding for
IncRNAs, proteins, and snRNA, respectively, along with
the remaining 12 pseudogenes.

GO and KEGG Pathway Enrichment

Analyses of DMGs

The GO analysis of DMGs showed that the biological process was
the largest class in both hypomethylated and hypermethylated
DMGs. Molecular function was the least abundant in
hypermethylated DMGs, while cellular component was the
least abundant in hypomethylated DMGs (Figures 3A,B).
More biological processes were enriched with hypomethylated
DMGs than with hypermethylated DMGs. The most enriched
GO terms in hypermethylated DMGs in decreasing order were
biosynthetic process, ion binding, signal transduction, cellular
nitrogen compound, plasma membrane, and protein-containing
complex. The most enriched GO terms in hypomethylated DMGs
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FIGURE 4 | Dot plot of KEGG pathways enriched by hypermethylated and hypomethylated DMGs.

in decreasing order were signal transduction, ion binding,
biosynthetic process, plasma membrane, cellular protein
modification process, enzyme binding, catalytic process,
cellular nitrogen compound, cellular function, and transferase
activity.

In the KEGG pathway enrichment analysis, 142 pathways
were found for 367 DMGs at a p-value <0.1, out of which 40
most enriched pathways were represented by hypomethylated
and hypermethylated DMGs (20 each) as shown in the form
of a dot plot (Figure 4). The network of pathways showed the
14 most enriched DMGs involved in 20 enriched pathways
(Figure 5). Phospholipase C beta 3 (PLCB3):102413748 was
found to be connected to 13 pathways, cAMP-responsive
element-binding protein 3 like 1 (CREB3L1):102406078
and (CREB3):102395032 both connected to 12 pathways,
frizzled-1-like (LOC102414897):102414897 connected to
eight pathways, Wnt family member 5A (WNT5A):
102403744 connected to eight pathways, and growth arrest
and DNA damage-inducible alpha (GADD45A):102401934
connected to four pathways, which were the most enriched
DMGs in the top networks (Figure 5).

RNA-Seq Data Analysis and Identified DEGs
In all 12 RNA-Seq libraries, a total of ~358 million PE reads were

found with an average of ~15 million PE reads, which were aligned
with an average of 75.65% (Supplementary Table S1). Furthermore,
a total of 21,028 DERs were extracted from the SCM group with
respect to the control group, out of which 8,408 and 12,620 DERs
were downregulated and upregulated, respectively. While annotating
these DERs with the buffalo RefSeq annotation file, 4,778 DEGs were
extracted, out of which 2,908 and 1,870 DEGs were downregulated
and upregulated, respectively.

Association of DNA Methylation with Gene

Expression

A comparative study of DMGs from MeDIP-Seq analysis and DEGs
from RNA-Seq analysis showed a total of 67 DMGs to have
differential methylation along with differential expression. Their
level of methylation along with the level of expression is shown
in Supplementary Figure $4. Out of 67 DMGs, 33 (49.25%) were
found to have gene expression as per methylation; ie., 25 DMGs
were negatively correlated with gene expression having methylation
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TABLE 1 | Hypomethylated and hypermethylated DMGs and their expression due
to methylation in different genomic regions.

DNA methylation/gene expression Exon Promoter Intron TTS
Hypomethylated/downregulated 2 9 0 4
Hypermethylated/upregulated 2 2 4 8
Hypomethylated/upregulated 3 9 3 1
Hypermethylated/downregulated 5 10 0 5

in promoter and TTS regions and the remaining eight DMGs were
positively correlated with gene expression having methylation in
genic regions (exon and intron) (Tables 1 and 2).

Association of DNA Methylation with TEs

and TAGs

A total of 3,377 TEs were found within DMRs, out of which
949 TEs belonged to introns, 52 (44 hypomethylated and 8
hypermethylated) to exons, 336 (241 hypomethylated and 95
hypermethylated) to promoters, 155 (109 hypomethylated
and 46 hypermethylated) to TTS, and 1,896 to intergenic
regions. These TEs belonged to eight major classes and their

included subclasses along with their frequencies (Table 3)
such as (1) DNA 1,022; (2) ERV 445; (3) integrated virus 39;
(4) interspersed repeat 35; (5) LTR 570; (6) multicopy genes 6;
(7) non-LTR 2,204; and (8) simple 5. The largest class found
was non-LTR, and the largest subclass found was SINE,
followed by LTR, Gypsy, hAT, RTE, and ERV3.

A total of 132 TAGs were extracted, out of which 100 and 32
TAGs were hypomethylated and hypermethylated, respectively
(Table 4). SINE TEs were the most frequent, followed by Gypsy in
hypomethylated TAGs. L1 and Gypsy TEs were more frequent in
hypermethylated TAGs. In case of some TAGs, more than one
and different type of TEs were found associated with a
single TAG.

Association of DNA Methylation with

miRNAs and their Target mRNAs
A total of eight methylation-regulated miRNAs were

identified (Supplementary Table S3), out of which six
miRNAs were targeting 44 mRNAs (transcribed from
DEGs). The mode of action of miRNAs showed that 29
mRNAs were targeted by cleaving and 16 mRNAs were
targeted by binding (Table 5). A total of five
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TABLE 2 | Coordinated relation of DMGs with DNA methylation and gene expression according to genomic regions.
DNA methylation/gene expression

Gene IDs and their protein product

Hypo/Down in exon
Hypo/Up in promoter

espin-like (ESPNL), probable phospholipid-transporting ATPase 1A-like (LOC102398473)

MAF bZIP transcription factor K (MAFK), selectin E (SELE), cryptochrome circadian clock 1 (CRY1), plastin 3 (PLS3), StAR-
related lipid transfer domain containing 10 (STARD10), zinc finger protein 684 (ZNF684), calcium voltage-gated channel
auxiliary subunit beta 2 (CACNB2), AT-rich interaction domain 5A (ARID5A), proline rich 15 like (PRR15L)
phosphatidylinositol-4-phosphate 5-kinase type 1 beta (PIP5K1B)

mediator complex subunit 25 (MED25), biogenesis of lysosomal organelles complex 1 subunit 6 (BLOC1S6), cAMP
responsive element binding protein 3 like 1 (CREB3L1), FRY microtubule binding protein (FRY), protein kinase C-binding
protein 1-like (LOC102401961), VPS11, CORVET/HOPS core subunit (VPS11), colony stimulating factor 2 receptor beta
common subunit (CSF2RB), granulocyte-macrophage colony-stimulating factor receptor subunit alpha-like
(LOC102408349), C3 and PZP like, alpha-2-macroglobulin domain containing 8 (CPAMDS), Myb like, SWIRM and MPN
domains 1 (MYSM1)

TBC1 domain family member 9B (TBC1D9B), uncharacterized (LOC102390914), ARP8 actin-related protein 8 homolog
(ACTRS8), zinc finger and BTB domain containing 20 (ZBTB20), DDB1 and CUL4 associated factor 6 (DCAF6)
Glycosyltransferase 1 domain containing 1 (GLT1D1)

Uncharacterized (LOC102400551), uncharacterized (LOC102406144)

Hypo/Up in TTS
Hyper/Down in promoter

Hyper/Down in TTS

Hyper/Up in exon
Hyper/Up in intron

TABLE 3 | TEs in DMRs categorized into classes and their subclasses along with their frequencies.

S. No Class and number of TEs Subclasses of TEs and their frequencies

1 DNA: 1,022 DNA-68, Academ-11, Crypton-17, Dada-8, Enspm/CACTA-91, Ginger-7, Harbinger-64, hAT-306, Helitron-87, IS3EU-4,
ISL2EU-14, Kolok-16, Mariner-129, Merlin-4, MuDR-82, P-11, Novosib-4, PiggyBac-19, Polinton-44, Sola-24, Transib-7,
Zator-2, Zisupton-3

2 ERV: 445 ERV-17, ERV1-152, ERV2-29, ERV3-246, ERV4-1

3 Integrated virus: 39 Caulimovirus-29, DNAV-10

4 Interspersed repeat: 35 -

5 LTR: 570 LTR-13, BEL-24, Copia-160, DIRS-19, Gypsy-354

6 Multicopy gene: 6 Multicopy_gene-4, rRNA-2

7 Non-LTR: 2,204 Non-LTR-33, L1-517, L2-30, R1-13, R2-1, R4-5, Rex1-4, Loa-6, NeSL-1, CR1-198, Crack-5, CRE-4, Daphne-20, Hero-5,

I-6, Ingi-1, Jockey-14, Kiri-6, Nimb-11, Outcast-3, Penelope-28, RTE-249, RETX-10, SINE-994, Tad1-8, Tx1-29, Vingi-3
8 Simple: 5 Sat-5

hypomethylation-regulated miRNAs were found positively
correlated with 28 downregulated target DEGs (due to
upregulation of miRNA) and one hypermethylation-
regulated miRNA was positively correlated with one
upregulated target DEG (due to downregulation of
miRNA). The remaining 15 target DEGs did not show a
positive correlation with methylation in miRNA genes.

Development of the Web Resource,

BSCM2TDb

The BSCM2TDb web resource has four main tabs, namely,
Home, Statistics, Data, and Team (Figure 6). The Home page
has a brief introduction about the database. The navigation key
Statistics included a pie chart, showing the proportion of all
included data, ie., 7,900 DMRs, 370 DMGs, 208 DMG-KEGG
pathways, 8 DM-miRNAs, 138 DM-IncRNAs, 3,377 DM-TEs,
131 DM-TAGs, 4,638 DEGs, and 64 DM-DEGs. The Data page is
the main analyses result page that provides the options in the
drop-down menu to navigate to the complete table of selected
option. The Team page included the team member’s name and
link to the profile page of each member.

Association of DNA Methylation with

IncRNA Genes and their Target mRNAs

A total 140 methylated IncRNA genes were found
transcribing 284 IncRNAs, out of which nine IncRNAs
from seven IncRNA genes were found targeting 209
mRNAs (transcribed from DEGs) encoding 126 proteins, 2
tRNAs, and 2 snRNAs (Table 6). While analyzing targets of
methylation-regulated miRNAs in methylation-regulated
IncRNAs, it was found that only one methylated miRNA

DISCUSSION

SCM is an inflammatory disease in water buffaloes that causes

(bta-miR-12022) was sequestering the activity of six other
methylated IncRNAs by binding with them (Supplementary
Table S4). These IncRNAs were found to have methylation in
the genic regions (exon and intron).

major losses to the dairy industry. The present study is the first
genome-wide DNA methylation (MeDIP-Seq) study to compare
an SCM group with a healthy group to understand the regulation
of genes involving DNA methylation during host-pathogen
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TABLE 4 | Hypomethylated and hypermethylated TAGs along with the frequencies of TE subclasses.

Class and number of TEs Hypomethylated TAGs Hypermethylated TAGs

in TAGs

DNA: 52 DNA-5, P-1, Crypton-1, Dada-1, CACTA-6, Harbinger-3, hAT-15, Helitron-5, CACTA-2, Harbinger-4, hAT-4, Helitron-1, ISL2EU-1,
ISL2EU-2, Mariner-3, MuDR-4, PiggyBac-1, Novosib-1, Polinton-3, Sola-1 Mariner-1, MuDR-1

ERV: 23 ERV-1, ERV1-6, ERV2-4, ERV3-9 ERV1-4

Integrated virus: 1 Caulimovirus-1 0

Interspersed repeat: 2 2 0

LTR: 37 LTR-1, BEL-1, Copia-5, DIRS-2, Gypsy-20 Copia-2, Gypsy-6

Multicopy gene: 2 Multicopy_gene-2 0

Non-LTR: 82 Non-LTR-1, L1-16, L2-1, R1-1, R2-1, RTE-7, CR1-3, Jockey-1, Kiri-1, Nimb-1, CR1-5, Rex1-1, I-2, L1-6, L2-2, Outcast-1, Penelope-
SINE-44, Tx1-3 1, RTE-2, SINE-2

TABLE 5 | Target DEGs of miRNAs transcribed from DMRs along with their encoded proteins.

miRNAs Log-FC of DMRs Target DEGs Log-FC of DEGs Product of DEGs
bta-mir-2285cq -2.16 ACTR3 -22.82 ARPS3, actin related protein 3 homolog
bta-mir-12022 -2.37 ALG2 -6.53 ALG2, alpha-1,3/1,6-mannosyltransferase
bta-mir-2285cq -2.16 ATP8A1 -6.45 ATPase phospholipid transporting 8A1
bta-mir-12022 -2.37 ATXN1 -6.18 ataxin 1

bta-mir-12022 -2.37 c7 -4.72 complement C7

bta-mir-12022 -2.37 DIS3L2 -4.41 DIS3 like 3'-5" exoribonuclease 2

bta-mir-12022 -2.37 DLGAP4 -4.14 DLG-associated protein 4

bta-mir-12063 -2.61 DPY19L3 -4.05 dpy-19 like C-mannosyltransferase 3

bta-mir-12022 -2.37 ECM1 -4.017 extracellular matrix protein 1

bta-mir-2285cq -2.16 El24 -3.97 El24, autophagy-associated transmembrane protein
bta-mir-12022 -2.37 EIFAE3 -3.93 eukaryotic translation initiation factor 4E family member 3
bta-mir-12063 -2.61 EPAS1 -3.8 endothelial PAS domain protein 1

bta-mir-2285cq -2.16 ERAP1 -3.61 endoplasmic reticulum aminopeptidase 1
bta-mir-12063 -2.61 FAM227B -3.58 family with sequence similarity 227 member B
bta-mir-12022 -2.37 FBXW7 -3.49 F-box and WD repeat domain containing 7
bta-mir-2285cq -2.16 FOXK1 -3.35 forkhead box K1

bta-mir-2285cq -2.16 GIMAP1 -3.22 GTPase, IMAP family member 1

bta-mir-12022 -2.37 GLYR1 -3.15 glyoxylate reductase 1 homolog

bta-mir-12063 -2.61 IKBKB -3.05 inhibitor of nuclear factor kappa B kinase subunit beta
bta-miR-10161-5p 2.35 ITPR2 -2.85 inositol 1,4,5-trisphosphate receptor type 2
bta-mir-2285cq -2.16 KIAA0232 -2.84 KIAA0232 ortholog

bta-miR-10161-5p 2.35 LOC102412044 -2.82 L-lactate dehydrogenase A chain

bta-mir-2285cq -2.16 LOC102415248 -2.79 killer cell lectin-like receptor subfamily | member 1
bta-mir-2285cq -2.16 LRP11 -2.58 LDL receptor related protein 11

bta-mir-11986 -2.76 LSMEM1 -2.37 leucine rich single-pass membrane protein 1
bta-miR-126-5p -2.08 MAPKAP1 -2.28 mitogen-activated protein kinase associated protein 1
bta-mir-12063 -2.61 NAP1LA -1.63 nucleosome assembly protein 1 like 1
bta-mir-12063 -2.61 NEXN -1.43 nexilin F-actin binding protein

bta-mir-2285cq -2.16 PLXNA2 1.54 plexin A2

bta-mir-12022 -2.37 PON1 1.75 paraoxonase 1

bta-mir-12063 -2.61 PPHLN1 1.9 periphilin 1

bta-mir-12022 -2.37 PPIL4 2.23 peptidylprolyl isomerase like 4

bta-mir-12022 -2.37 RCN?1 2.56 reticulocalbin 1

bta-mir-12063 -2.61 RMC1 2.9 regulator of MON1-CCZ1

bta-mir-12063 -2.61 RRP1B 2.9 ribosomal RNA processing 1B

bta-mir-11986 -2.76 SCARBH1 2.97 scavenger receptor class B member 1
bta-mir-12063 -2.61 SENP3 3.32 SUMO specific peptidase 3

bta-mir-2285cq -2.16 SIN3A 3.68 SINS transcription regulator family member A
bta-mir-12063 -2.61 SYNES 4.05 spectrin repeat containing nuclear envelope family member 3
bta-mir-12063 -2.61 TFEC 4.76 transcription factor EC

bta-mir-12022 -2.37 TNRC6A 5.31 trinucleotide repeat containing 6A

bta-mir-12063 -2.61 TNRC6B 5.64 trinucleotide repeat containing 6B
bta-miR-10161-5p 2.35 USP34 6.06 ubiquitin specific peptidase 34

bta-mir-12022 -2.37 ZRANB1 7.31 zinc finger RANBP2-type containing 1
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TABLE 6 | Target DEGs of IncRNAs transcribed from methylated genes.

Methylated IncRNA genes

LOC112583939, LOC112584670, LOC112585162, LOC112585197, Proteins
LOC102413993, LOC112585597, LOC102408241
snRNAs
tRNAs

"https.//github.com/agordon/fastx_toolkit.
2https://www.ncbi.nim.nih.gov/assembly/GCF_003121395.1/.

interaction specific to SCM in buffaloes. MeDIP-Seq is a popular
technique for the extraction of genome-wide DNA methylation,
which has been used in numerous SCM studies on mammals
including bovine (Song et al., 2016; Chen et al,, 2019). A high
correlation was found among MeDIP-Seq libraries, which is due
to the sample taken from the buffaloes of the same genotype. The
average methylation in healthy buffaloes was higher than that in
SCM-infected buffaloes, which suggests that the upregulation and
activation of certain genes may be required for the development
of SCM. DNA methylation was found mostly in the intergenic
region followed by intronic region in both healthy control and
SCM groups, which is in agreement with other studies as well
(Song et al., 2016; Fang et al., 2017; Wang et al., 2020). The DNA
methylation level was significantly higher in the gene body than
in upstream and downstream regions of genes; similar results
were found by Wang et al. (2020).

We observed more hypomethylation in the SCM group than in
the control group, which is in concordance with the results found
in neutrophils of E. coli mastitis cows (Ju et al., 2020) and further
suggests that the upregulation of certain genes may be required
for the development of SCM during host-pathogen interaction.
The 3,950 DMRs identified were annotated to 370 DMGs, and
most of the DMGs were enriched in the promoter region, which is
in concordance with earlier reports (Irizarry et al., 2009; Song
et al.,, 2016). Some DMGs were found related to the immune
system like colony-stimulating factor 2 receptor beta common
subunit (CSF2RB) and granulocyte-macrophage colony-
stimulating factor receptor subunit alpha-like
(LOC102408349), which are cytokines considered essential for
the survival, proliferation, and differentiation of blood cells such
as granulocyte and macrophages as reported by Jeong et al.
(2014). Additionally, antigen WCI.1-like (LOC102391350)
expresses on subsets of CD4 CD8 gamma delta T
lymphocytes (Wijngaard et al, 1994), and V-set domain-

DNA Methylation and Buffalo Mastitis

Target DEGs

PRELID3B, MICU3, LOC112577670, CABCOCO1, SENP6, RBM38, FAM219B,
GXYLT2, DNAJC13, RIF1, BBS10, LOC112584770, LOC102415513, THNSL1,
LOC102405919, CDK19, PTHLH, LOC102399155, FKBP3, STRN3, SEC11C,
CENPU, PAXBP1, ATP5PF, BTG3, PFN2, UBE2G2, NCKAP1, CD302, EPC2,
SUz12, PPM1D, SAP30, HPGD, PLGRKT, PLEKHAS, AMN1, LOC102406990,
PTGESS, SLC25A16, PCBD1, LOC102399263, CNIH4, TMEM262, TIPRL,
HSD17B7, ZNF644, NEXN, SRSF11, SPATAG, ATPAF1, RRAGC, PI4K2B,
ZNRF2, SRI, SLC25A46, FAM174A, RNF130, MPC1, QKI, CD24, SLIRP,
FAM214A, PIGB, TPM1, AP3S1, RPS27A, VRK2, GEN1, GPR180, NDFIP2,
PAN3, WFDC2, SYS1, COMMD7, HACD1, TRDMT1, IMPAD1, NSMCE2, FDX1,
FAM76B, AASDHPPT, ISCU, FGF2, CBFB, EIF5, FAM177A1, RCN2, BTBD1,
CMC1, LOC102402381, TXNL1, C22H180rf54, MBD2, RNF138, UBE2D1,
KDELR2, NTAN1, DEXI, TTC14, KPNA4, SLC35B3, AGPS, RHOT1, ETNKT,
FAM118B, RIIAD1, PTGR2, RPL31, PCSK7, STX2, KLC1, G2E3, PXK, FAM210A,
DMD, RABSA, ERP44, IVNS1ABP, SH2D1B, CCDC18, MKLN1, MAPKAP1,
ZNF26, PPP1R37, GDNF

LOC112578276, LOC112581316

TRNAN-GUU, TRNAY-AUA

containing T-cell activation inhibitor 1 (VITCN1) negatively
regulates T-cell-mediated immune response. The DLA class II
histocompatibility =~ antigen DR-1 beta chain-like
(LOC102389065) involves in the adaptive immune response.
From results of the KEGG pathway analysis, interestingly, it
was found that the S.aureus infection pathway was found
significantly activated due to hypomethylation, suggesting that
a major causal pathogen for SCM in this study could also be
S. aureus and that there is a possible regulatory role of DMGs in
the host response to S.aureus-induced mastitis, which is in
agreement with the previous study involving SCM in cows
(Wang et al, 2020). Additionally, important pathways
activated due to hypomethylation related to immunity were
Th17 cell differentiation and antigen processing and
presentation, along with activation of pathways related to
defense response such as Fc gamma R-mediated phagocytosis,
phagosome, and leukocyte transendothelial migration. There is
an important role of Th17 cell differentiation in the immune
regulation of T cells (Sordillo, 2011) and S. aureus mastitis (Zhao
et al,, 2015; Wang et al.,, 2020). In the present study, Th17 cell
differentiation pathway activation in response to SCM is further
confirmation of the significance of Th17 cells in host immune
response and regulation mediated by DNA methylation during
SCM. The activated KEGG pathway related to cell adhesion
molecules confirms previous studies involving the role of
methylation in cell adhesion, which influences immune cell
function during host-pathogen interaction (Li et al, 2018;
Wang et al., 2020).

Furthermore, DNA methylation was compared with
transcriptome data in the present study to understand the
effect of DNA methylation on gene expression in response to
SCM in buffaloes. A total of 4,778 significant DEGs were
extracted specific to SCM, out of which 67 genes were also
found differentially methylated along with differentially
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FIGURE 6 | Layout of the web resource BSCM2TDb.

expressed, suggesting that DNA methylation could be one of the
epigenetic regulatory mechanisms of gene expression during
SCM development. Among these genes, 73% DMGs were
negatively correlated with gene expression in the promoter
region while the rest were positively correlated with gene
expression, which is in agreement with the previous studies
(Selamat et al., 2012; Song et al, 2016), suggesting dynamic
regulation due to DNA methylation in response to SCM.
Some of the important DMGs with correlated differential gene
expression were MED25, BLOC1S6, CREB3L1, FRY, protein
kinase C-binding protein 1-like, VPS11, CSF2RB, granulocyte-
macrophage colony-stimulating factor receptor subunit alpha-
like (LOC102408349), C3 and PZP like, alpha-2-macroglobulin
domain containing 8 (CPAMDS), and MYSM1, which could be
involved in the development of SCM during host-pathogen
interaction in buffaloes. Out of these genes, CSF2RB,
LOC102408349, C3 and PZP like, and CPAMD8 were found
to be downregulated due to hypermethylation in the promoter
region during the development of SCM by suppressing immune
response in buffaloes, which are known to be involved in immune
response.

Additionally, a large number of TEs were found in DMRs in
response to SCM in the present study. Apart from TEs in
intergenic and intronic regions, there were higher
hypomethylated TEs in the promoter region too, which is in
agreement with the previous studies involving DNA methylation

in cattle tissues (Zhou et al., 2020). The most common class of
TEs in DMRs and TAGs was of the SINE family. A large number
of TEs in differentially methylated intergenic and intronic regions
suggests a role of DNA methylation in the stability of the genome
(Adelson et al., 2009; Iwasaki et al., 2015; Czech and Hannon,
2016) and more hypomethylated TEs in response to SCM
suggests more activation of TEs during the host-pathogen
interaction during SCM. Similarly, probable differentially
methylated TAGs were also found more hypomethylated in
response to SCM.

Interestingly, we also studied the DNA methylation within
miRNA and IncRNA transcribing genes to understand the
indirect regulation of gene expression through DNA
methylation at the posttranscriptional level.  These
methylation-regulated IncRNAs and miRNAs were found to
target mRNAs transcribed through DEGs specific to SCM,
suggesting that the DNA methylation is affecting the
expression of genes not only directly at the transcription level
but also indirectly at the posttranscriptional level during
host-pathogen interaction specific to SCM in buffaloes, which
is in agreement of with the findings of Lim et al. (2017) and
Saripalli et al. (2020) that the correlation between DNA
methylation and gene expression is nonlinear and complex.
Similar findings were found by Ju et al. (2020) in the case of
E. coli-infected mastitis cows. It is also reported that miRNA plays
an important regulatory role in immune and inflammatory
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responses to mastitis in cows (Ju et al, 2019) and DNA
methylation plays a role in the regulation of around 10%
miRNAs (Han et al., 2007).

All the results obtained from the present study were compiled
and catalogued in the form of a web resource, BSCM2TDb. The
present finding can not only be used for understanding the
molecular regulation of mastitis disease but can also be used
to identify candidate epigenetic markers related to the disease
(Zheng et al., 2018). Such combined analysis of DNA methylome
and transcriptome map has already been successfully used to
identify candidate genes of mastitis disease susceptibility in cattle
(Song et al., 2016). The unavailability of web resources related to
mastitis disease obviates the development of BSCM2TDb, which
catalogues the results obtained from this study at a single place for
easy access. This will be useful to the bovine scientific community
to be utilized in further studies and research.

CONCLUSION

The study is based on lactating Indian Murrah water buffaloes from
the ICAR-CIRB, India, farm for the incidence of SCM. Here, DNA
methylation was compared with transcriptome data to understand its
effect on gene expression in response to SCM. The genomic
annotation of obtained peaks is abundant in the intergenic region.
On comparison of methylation in the SCM group vs control group,
out of the total 3,950 DMRs, 2,451 were hypomethylated, while 1,449
were hypermethylated. Out of these 3,950 DMRs, 370 DMGs (169
hypermethylated and 201 and hypomethylated) were extracted. While
annotating the 21,028 DERs with buffalo RefSeq annotation data,
4,778 DEGs (2,908 downregulated and 1,870 upregulated) were
obtained. The KEGG pathway enrichment analysis revealed 142
pathways for 367 DMGs. A comparison of DMGs from MeDIP-
Seq analysis and DEGs from RNA-Seq analysis shows that 67 DMGs
have differential expression as well. Furthermore, 33 DMGs had gene
expression as per methylation. Analyses also resulted in 3,377 TEs
within DMRs and 132 TAGs. The CSF2RB, LOC102408349, C3 and
PZP like, and CPAMDS genes, which are known to involved in
immune response, were found to be downregulated due to
hypermethylation in the promoter region in our study. The
present study is the first genome-wide DNA methylation study
specific to SCM in buffaloes of the Murrah breed, aiming to
understand the role of epigenetic regulation involving DNA
methylation of genes involved in host-pathogen interaction during
SCM in buffaloes. Interestingly, the present study also sheds a brief
light to the role of DNA methylation in indirect regulation of SCM-
specific mRNAs at the posttranscriptional level by methylation-
regulated miRNAs and IncRNAs. All this information has been
catalogued at one place in the BSCM2TDb, which may be of
immense use to buffalo researchers in the endeavor of mastitis
control and management for higher milk production.

DATA AVAILABILITY STATEMENT

The following data of whole-genome DNA methylation and
transcriptome data of buffalo are submitted in the NCBI

DNA Methylation and Buffalo Mastitis

repository with BioProject ID PRJNA739886; MeDIP-Seq SRA
IDs SRR14879252, SRR14879253, SRR14879254, SRR14879255,
SRR14879256, SRR14879257, SRR14879258, SRR14879262,
SRR14879272, SRR14879273, SRR14879274; RAN-Seq SRA
IDs SRR14879259, SRR14879260, SRR14879261, SRR14879263,
SRR14879264, SRR14879265, SRR14879266, SRR14879267,
SRR14879268, SRR14879269, SRR14879270, SRR14879271.

ETHICS STATEMENT

The animal study was reviewed and approved by the Institute
Animal Ethics Committee of the ICAR-Central Institute for
Research on Buffaloes (ICAR-CIRB), Hisar.

AUTHOR CONTRIBUTIONS

Conceived and designed the experiments: VN, DK, MI, S], AaB,
AR, AgB, and TD. Performed the experiments: VN, MI, SJ, DK,
AgB, CS, SK, RS, MS, SP, and RK. Analyzed the data: VN, KS, MI,
SJ, AaB, and AgB. Contributed reagents/materials/analysis tools:
VN, KS, M1, §J, DK, and AaB. Drafted the manuscript: VN, KS,
MJ, §J, DK, and AaB. Edited the manuscript: DK, AR, VN, and
TD. All authors read and approved the manuscript.

FUNDING

This work was supported by the Indian Council of Agricultural
Research, Ministry of Agriculture and Farmers’ Welfare, Govt. of
India, who provided financial assistance in the form of a CABin
grant (F. no. Agril. Edn.4-1/2013-A&P), as well as Advanced
Super Computing Hub for Omics Knowledge in Agriculture
(ASHOKA) facility at ICAR-IASRI, New Delhi, India.

ACKNOWLEDGMENTS

Authors are thankful to the Indian Council of Agricultural
Research, Ministry of Agriculture and Farmers” Welfare, Govt.
of India, for providing financial assistance in the form of a CABin
grant (F. no. Agril. Edn.4-1/2013-A&P) as well as to the
Advanced Super Computing Hub for Omics Knowledge in
Agriculture (ASHOKA) facility at ICAR-IASRI, New Delhi,
India. The authors are very grateful to the Director ICAR-
CIRB, Hisar; the Director ICAR-IASRI, New Delhi; and the
Director ICAR-NRCE, Hisar, for providing the necessary
facilities for this study. The authors also thankfully
acknowledge LUVAS, Hisar.

SUPPLEMENTARY MATERIAL

The Supplementary Material for this article can be found online at:
https://www.frontiersin.org/articles/10.3389/fgene.2022.828292/
full#supplementary-material

Frontiers in Genetics | www.frontiersin.org

March 2022 | Volume 13 | Article 828292


https://www.frontiersin.org/articles/10.3389/fgene.2022.828292/full#supplementary-material
https://www.frontiersin.org/articles/10.3389/fgene.2022.828292/full#supplementary-material
https://www.frontiersin.org/journals/genetics
www.frontiersin.org
https://www.frontiersin.org/journals/genetics#articles

Nayan et al.

REFERENCES

Adelson, D. L., Raison, J. M., and Edgar, R. C. (2009). Characterization and
Distribution of Retrotransposons and Simple Sequence Repeats in the Bovine
Genome. Proc. Natl. Acad. Sci. 106 (31), 12855-12860. doi:10.1073/pnas.
0901282106

AHDB (2016). Agriculture and Horticulture Development Board Annual Report
and Accounts 2016/17. United Kingdom: APS Group. HC 193, SG/2017/99.

Ahmad, M. D., Muhammad, K., and Anjum, A. A. (2011). Prevalence of Sub
Clinical Mastitis in Dairy Buffaloes of Punjab, Pakistan M. A. Ali. J. Anim. Plant
Sci. 21 (3), 477-480. Available at: https://www.researchgate.net/publication/
267785662_Prevalence_of_sub_clinical_mastitis_in_dairy_buffaloes_of_
Punjab_Pakistan#Ztext=Six%20hundred%20lactating%20dairy%20buffaloes%
20from%20four%20districts,Overall%20prevalence%200f%20subclinical %
20mastitis%20was%2044%25%20%28264%2F600%29

Altschul, S. F., Gish, W., Miller, W., Myers, E. W., and Lipman, D. J. (1990). Basic
Local Alignment Search Tool. J. Mol. Biol. 215, 403-410.

Andrews, S. (2010). FastQC: A Quality Control Tool for High Throughput Sequence
Data. Available at: http://www.bioinformatics.babraham.ac.uk/projects/fastqc

Ball, M. P,, Billy Li, J., Gao, Y., Lee, ].-H., LeProust, E. M., Park, I.-H., et al. (2009).
Erratum: Corrigendum: Targeted and Genome-Scale Strategies Reveal Gene-
Body Methylation Signatures in Human Cells. Nat. Biotechnol. 27, 485. doi:10.
1038/nbt0509-485b

Bauer, A. W., Kirby, W. M,, Sherris, J. C., and Turck, M. (1966). Antibiotic
Susceptibility Testing by a Standardized Single Disk Method. Am. J. Clin.
Pathol. 45 (4), 493-496. doi:10.1093/ajcp/45.4_ts.493

Basic Animal Husbandry Statistics (2019). Department of Animal Husbandry and
Dairying, Govt of India, Krishi Bhawan, New Delhi, India. Available at: https://
dahd.nic.in/circulars/basic-animal-husbandry-statistics-2019

Benié, M., Mazesiz, N., Macesi¢, N., Cvetnié, L., Habrun, B., Cvetni¢, Z., et al. (2018).
Bovine Mastitis: a Persistent and Evolving Problem Requiring Novel Approaches for
its Control - a Review. Vet. Arhiv 88, 535-557. doi:10.24099/vet.arhiv.0116

Bryant, D. M., Johnson, K., DiTommaso, T., Tickle, T., Couger, M. B., Payzin-
Dogru, D, et al. (2017). A Tissue-Mapped Axolotl De Novo Transcriptome
Enables Identification of Limb Regeneration Factors. Cel Rep. 18 (3), 762-776.
doi:10.1016/j.celrep.2016.12.063

Chen, J., Wu, Y., Sun, Y., Dong, X., Wang, Z., Zhang, Z., et al. (2019). Bacterial
Lipopolysaccharide Induced Alterations of Genome-wide DNA Methylation
and Promoter Methylation of Lactation-Related Genes in Bovine Mammary
Epithelial Cells. Toxins 11, 298. doi:10.3390/toxins11050298

Conesa, A., and Gotz, S. (2008). Blast2GO: a Comprehensive Suite for Functional
Analysis in Plant Genomics. Int. J. Plant Genom 2008 (3), 1°C12. doi:10.1155/
2008/619832

Czech, B., and Hannon, G. J. (2016). One Loop to Rule Them All: the Ping-Pong
Cycle and piRNA-Guided Silencing. Trends Biochem. Sci. 41 (4), 324-337.
doi:10.1016/j.tibs.2015.12.008

Dai, X., Zhuang, Z., and Zhao, P. X. (2018). psRNATarget: a Plant Small RNA
Target Analysis Server (2017 Release). Nucleic Acids Res. 46 (W1), W49-W54.
doi:10.1093/nar/gky316

De Vliegher, S., Fox, L. K,, Piepers, S., McDougall, S., and Barkema, H. W. (2012).
Invited Review: Mastitis in Dairy Heifers: Nature of the Disease, Potential
Impact, Prevention, and Control. J. Dairy Sci. 95, 1025-1040. doi:10.3168/jds.
2010-4074

Down, T. A., Rakyan, V. K, Turner, D. ., Flicek, P., Li, H., Kulesha, E., et al. (2008).
A Bayesian Deconvolution Strategy for Immunoprecipitation-Based DNA
Methylome Analysis. Nat. Biotechnol. 26 (7), 779-785. d0i:10.1038/nbt1414

Dufour, S., Dohoo, I. R., Barkema, H. W., DesCoteaux, L., Devries, T. J., Reyher, K.
K., .Roy, J.-P., and Scholl, D. T. (2012). Epidemiology of Coagulase-Negative
Staphylococci Intramammary Infection in Dairy Cattle and the Effect of
Bacteriological Culture Misclassification. J. Dairy Sci. 95 (6), 3110-3124.
doi:10.3168/jds.2011-5164

Fagiolo, A., and Lai, O. (2007). Mastitis in buffalo. Ital. J. Anim. Sci. 6, 200-206.
doi:10.4081/ijas.2007.52.200

Fang, X., Zhao, Z., Yu, H,, Li, G, Jiang, P., Yang, Y., et al. (2017). Comparative
Genome-wide Methylation Analysis of Longissimus Dorsi Muscles between
Japanese Black (Wagyu) and Chinese Red Steppes Cattle. PLoS One 12,
€0182492. doi:10.1371/journal.pone.0182492

DNA Methylation and Buffalo Mastitis

Feber, A., Wilson, G. A., Zhang, L., Presneau, N., Idowu, B., Down, T. A,, et al.
(2011). Comparative Methylome Analysis of Benign and Malignant Peripheral
Nerve Sheath Tumors. Genome Res. 21 (4), 515-524. d0i:10.1101/gr.109678.110

Geary, U., Lopez-Villalobos, N., O’Brien, B., Garrick, D. J., and Shalloo, L. (2013).
Examining the Impact of Mastitis on the Profitability of the Irish Dairy
Industry. Irish J. Agric. Food Res. 52, 135-149.

Grabherr, M. G., Haas, B. J., Yassour, M., Levin, J. Z., Thompson, D. A.,
Amit, I, et al. (2011). Full-length Transcriptome Assembly from RNA-
Seq Data without a Reference Genome. Nat. Biotechnol. 29 (7), 644-652.
do0i:10.1038/nbt.1883

Haas, B. ]., and Papanicolaou, A. (2019). TransDecoder 5.5.0. Available at: https://
github.com/TransDecoder/TransDecoder/wiki (Accessed July 21, 2021).

Han, L., Witmer, P. D. W,, Casey, E., Valle, D., and Sukumar, S. (2007). DNA
Methylation Regulates microRNA Expression. Cancer Biol. Ther. 6, 1290-1294.
doi:10.4161/cbt.6.8.4486

Heinz, S., Benner, C., Spann, N, Bertolino, E., Lin, Y. C, Laslo, P., et al. (2010).
Simple Combinations of Lineage-Determining Transcription Factors Prime
Cis-Regulatory Elements Required for Macrophage and B Cell Identities. Mol.
Cel 38, 576-589. doi:10.1016/j.molcel.2010.05.004

Hoque, M. N,, Das, Z. C., Talukder, A. K., Alam, M. S., and Rahman, A. N. M. A.
(2015). Different Screening Tests and Milk Somatic Cell Count for the
Prevalence of Subclinical Bovine Mastitis in Bangladesh. Trop. Anim. Health
Prod. 47, 79-86. doi:10.1007/s11250-014-0688-0

Hoque, M. N, Istiaq, A., Rahman, M. S., Islam, M. R, Anwar, A., Siddiki, A.
M. A. M. Z, et al. (2020). Microbiome Dynamics and Genomic
Determinants of Bovine Mastitis. 112 (6), 5188-5203.
doi:10.1016/j.ygeno.2020.09.039

Huda, A, and Jordan, I. K. (2009). Analysis of Transposable Element Sequences
Using CENSOR and RepeatMasker. Methods Mol. Biol. 537, 323-336. doi:10.
1007/978-1-59745-251-9_16

Ibeagha-Awemu, E. M., and Zhao, X. (2015). Epigenetic marks: Regulators of
Livestock Phenotypes and Conceivable Sources of Missing Variation in
Livestock Improvement Programs. Front. Genet. 6, 302. doi:10.3389/fgene.
2015.00302

Irizarry, R. A., Ladd-Acosta, C., Wen, B., Wu, Z., Montano, C., Onyango, P, et al.
(2009). The Human colon Cancer Methylome Shows Similar Hypo- and
Hypermethylation at Conserved Tissue-specific CpG Island Shores. Nat.
Genet. 41, 178-186. doi:10.1038/ng.298

Iwasaki, Y. W., Siomi, M. C., and Siomi, H. (2015). PIWI-interacting RNA: its
Biogenesis and Functions. Annu. Rev. Biochem. 84, 405-433. doi:10.1146/
annurev-biochem-060614-034258

Jeong, W., Kim, J., Bazer, F. W., and Song, G. (2014). Proliferation-stimulating
Effect of colony Stimulating Factor 2 on Porcine Trophectoderm Cells Is
Mediated by Activation of Phosphatidylinositol 3-kinase and Extracellular
Signal-Regulated Kinase 1/2 Mitogen-Activated Protein Kinase. PLoS One 9
(2), €88731. doi:10.1371/journal.pone.0088731

Ju, Z., Jiang, Q., Liu, G., Wang, X,, Luo, G., Zhang, Y., et al. (2019). Solexa
Sequencing and Custom microRNA Chip Reveal Repertoire of microRNAs in
Mammary Gland of Bovine Suffering from Natural Infectious Mastitis. Anim.
Genet. 49, 3-18. doi:10.1111/age.12628

Ju, Z., Jiang, Q., Wang, J., Wang, X,, Yang, C,, Sun, Y., et al. (2020). Genome-wide
Methylation and Transcriptome of Blood Neutrophils Reveal the Roles of DNA
Methylation in Affecting Transcription of Protein-Coding Genes and miRNAs
in E. Coli-Infected Mastitis Cows. BMC Genomics 21, 102. doi:10.1186/s12864-
020-6526-2

Khan, M. Z,, and Khan, A. (2006). Basic Facts of Mastitis in Dairy Animals: A
Review Pakistan. Vet. J. 26 (4), 204-208. Available at: https://www.
semanticscholar.org/paper/BASIC-FACTS-OF-MASTITIS-IN-DAIRY-
ANIMALS%3A-A-REVIEW-Khan-Khan/
7299286f3ad2bf3a4c3704e14cdd7b9744fbdb96.

Kirkpatrick, M. A., and Olson, J. D. (2015). “Somatic Cell Counts at First Test:
More Than a Number,” in Proceedings NMC Annual Meeting, Memphis,
Tennessee, February 2015, 53-56.

Langmead, B., and Salzberg, S. L. (2012). Fast Gapped-Read Alignment with Bowtie
2. Nat. Methods 9 (4), 357-359. doi:10.1038/nmeth.1923

Lev Maor, G., Yearim, A., and Ast, G. (2015). The Alternative Role of DNA
Methylation in Splicing Regulation. Trends Genet. 31, 274-280. doi:10.1016/j.
tig.2015.03.002

Genomics

Frontiers in Genetics | www.frontiersin.org

13

March 2022 | Volume 13 | Article 828292


https://doi.org/10.1073/pnas.0901282106
https://doi.org/10.1073/pnas.0901282106
https://www.researchgate.net/publication/267785662_Prevalence_of_sub_clinical_mastitis_in_dairy_buffaloes_of_Punjab_Pakistan#:~:text=Six%20hundred%20lactating%20dairy%20buffaloes%20from%20four%20districts,Overall%20prevalence%20of%20subclinical%20mastitis%20was%2044%%20(264%2F600)
https://www.researchgate.net/publication/267785662_Prevalence_of_sub_clinical_mastitis_in_dairy_buffaloes_of_Punjab_Pakistan#:~:text=Six%20hundred%20lactating%20dairy%20buffaloes%20from%20four%20districts,Overall%20prevalence%20of%20subclinical%20mastitis%20was%2044%%20(264%2F600)
https://www.researchgate.net/publication/267785662_Prevalence_of_sub_clinical_mastitis_in_dairy_buffaloes_of_Punjab_Pakistan#:~:text=Six%20hundred%20lactating%20dairy%20buffaloes%20from%20four%20districts,Overall%20prevalence%20of%20subclinical%20mastitis%20was%2044%%20(264%2F600)
https://www.researchgate.net/publication/267785662_Prevalence_of_sub_clinical_mastitis_in_dairy_buffaloes_of_Punjab_Pakistan#:~:text=Six%20hundred%20lactating%20dairy%20buffaloes%20from%20four%20districts,Overall%20prevalence%20of%20subclinical%20mastitis%20was%2044%%20(264%2F600)
https://www.researchgate.net/publication/267785662_Prevalence_of_sub_clinical_mastitis_in_dairy_buffaloes_of_Punjab_Pakistan#:~:text=Six%20hundred%20lactating%20dairy%20buffaloes%20from%20four%20districts,Overall%20prevalence%20of%20subclinical%20mastitis%20was%2044%%20(264%2F600)
https://www.researchgate.net/publication/267785662_Prevalence_of_sub_clinical_mastitis_in_dairy_buffaloes_of_Punjab_Pakistan#:~:text=Six%20hundred%20lactating%20dairy%20buffaloes%20from%20four%20districts,Overall%20prevalence%20of%20subclinical%20mastitis%20was%2044%%20(264%2F600)
http://www.bioinformatics.babraham.ac.uk/projects/fastqc
https://doi.org/10.1038/nbt0509-485b
https://doi.org/10.1038/nbt0509-485b
https://doi.org/10.1093/ajcp/45.4_ts.493
https://dahd.nic.in/circulars/basic-animal-husbandry-statistics-2019
https://dahd.nic.in/circulars/basic-animal-husbandry-statistics-2019
https://doi.org/10.24099/vet.arhiv.0116
https://doi.org/10.1016/j.celrep.2016.12.063
https://doi.org/10.3390/toxins11050298
https://doi.org/10.1155/2008/619832
https://doi.org/10.1155/2008/619832
https://doi.org/10.1016/j.tibs.2015.12.008
https://doi.org/10.1093/nar/gky316
https://doi.org/10.3168/jds.2010-4074
https://doi.org/10.3168/jds.2010-4074
https://doi.org/10.1038/nbt1414
https://doi.org/10.3168/jds.2011-5164
https://doi.org/10.4081/ijas.2007.s2.200
https://doi.org/10.1371/journal.pone.0182492
https://doi.org/10.1101/gr.109678.110
https://doi.org/10.1038/nbt.1883
https://github.com/TransDecoder/TransDecoder/wiki
https://github.com/TransDecoder/TransDecoder/wiki
https://doi.org/10.4161/cbt.6.8.4486
https://doi.org/10.1016/j.molcel.2010.05.004
https://doi.org/10.1007/s11250-014-0688-0
https://doi.org/10.1016/j.ygeno.2020.09.039
https://doi.org/10.1007/978-1-59745-251-9_16
https://doi.org/10.1007/978-1-59745-251-9_16
https://doi.org/10.3389/fgene.2015.00302
https://doi.org/10.3389/fgene.2015.00302
https://doi.org/10.1038/ng.298
https://doi.org/10.1146/annurev-biochem-060614-034258
https://doi.org/10.1146/annurev-biochem-060614-034258
https://doi.org/10.1371/journal.pone.0088731
https://doi.org/10.1111/age.12628
https://doi.org/10.1186/s12864-020-6526-z
https://doi.org/10.1186/s12864-020-6526-z
https://www.semanticscholar.org/paper/BASIC-FACTS-OF-MASTITIS-IN-DAIRY-ANIMALS%3A-A-REVIEW-Khan-Khan/7299286f3ad2bf3a4c3704e14cdd7b9744fbdb96
https://www.semanticscholar.org/paper/BASIC-FACTS-OF-MASTITIS-IN-DAIRY-ANIMALS%3A-A-REVIEW-Khan-Khan/7299286f3ad2bf3a4c3704e14cdd7b9744fbdb96
https://www.semanticscholar.org/paper/BASIC-FACTS-OF-MASTITIS-IN-DAIRY-ANIMALS%3A-A-REVIEW-Khan-Khan/7299286f3ad2bf3a4c3704e14cdd7b9744fbdb96
https://www.semanticscholar.org/paper/BASIC-FACTS-OF-MASTITIS-IN-DAIRY-ANIMALS%3A-A-REVIEW-Khan-Khan/7299286f3ad2bf3a4c3704e14cdd7b9744fbdb96
https://doi.org/10.1038/nmeth.1923
https://doi.org/10.1016/j.tig.2015.03.002
https://doi.org/10.1016/j.tig.2015.03.002
https://www.frontiersin.org/journals/genetics
www.frontiersin.org
https://www.frontiersin.org/journals/genetics#articles

Nayan et al.

Li, N,, Ye, M, Li, Y., Yan, Z., Butcher, L. M., Sun, J., et al. (2010). Whole Genome
DNA Methylation Analysis Based on High Throughput Sequencing
Technology. Methods 52, 203-212. doi:10.1016/j.ymeth.2010.04.009

Li, D., Zhang, B., Xing, X., and Wang, T. (2015a). Combining MeDIP-Seq and
MRE-Seq to Investigate Genome-wide CpG Methylation. Methods 72, 29-40.
doi:10.1016/j.ymeth.2014.10.032

Li, J., Ma, W., Zeng, P., Wang, J., Geng, B., Yang, J., et al. (2015b). LncTar: a Tool for
Predicting the RNA Targets of Long Noncoding RNAs. Brief Bioinform 16 (5),
806-812. doi:10.1093/bib/bbu048

Li, J., Hsu, H.-C., Mountz, J. D, and Allen, J. G. (2018). Unmasking Fucosylation:
from Cell Adhesion to Immune System Regulation and Diseases. Cel Chem.
Biol. 25, 499-512. doi:10.1016/j.chembiol.2018.02.005

Lim, Y. C, Li, J, Ni, Y., Liang, Q., Zhang, J., Yeo, G. S. H,, et al. (2017). A Complex
Association between DNA Methylation and Gene Expression in Human
Placenta at First and Third Trimesters. PLoS One 12 (7), e0181155. doi:10.
1371/journal.pone.0181155

Lou, S., Lee, H.-M., Qin, H,, Li, J.-W., Gao, Z., Liu, X,, et al. (2014). Whole-genome
Bisulfite Sequencing of Multiple Individuals Reveals Complementary Roles of
Promoter and Gene Body Methylation in Transcriptional Regulation. Genome
Biol. 15, 408. doi:10.1186/s13059-014-0408-0

Love, M. 1., Huber, W., and Anders, S. (2014). Moderated Estimation of Fold
Change and Dispersion for RNA-Seq Data with DESeq2. Genome Biol. 15, 550.
doi:10.1186/s13059-014-0550-8

Niazi, U., Geyer, K. K., Vickers, M. J., Hoffmann, K. F.,, and Swain, M. T. (2016).
DISMISS: Detection of Stranded Methylation in MeDIP-Seq Data. BMC
Bioinformatics 17 (1), 295. doi:10.1186/s12859-016-1158-7

Ott, S. L. (1999). Cost of Herd Level Production Losses Associated with Subclinical
Mastitis in U.S. Dairy Cows. NMC Annu. Meet. Proc. 199, 152.

Ramirez, F., Diindar, F., Diehl, S., Griining, B. A., and Manke, T. (2014).
deepTools: a Flexible Platform for Exploring Deep-Sequencing Data.
Nucleic Acids Res. 42 (Web Server issue), W187-W191. doi:10.1093/nar/
gku365

Rao, D. B. K, Reddy, N. K., Rangaswamy, A., Gangiah, M., Raghavan, S. K,,
Srinivas, M., et al. (2017). Comparative Evaluation of Oral Supplementation of
Uncoated and Coated Trisodium Citrate in Subclinical Mastitis in Cows.
J.Bio.Innov 6 (4), 616-623. Available at: https://www.jbino.com/docs/
Issue04_13_2017.pdf

Reynolds, L. P., Ward, A. K., and Caton, J. S. (2017). Epigenetics and Developmental
Programming in Ruminants: Long-Term Impacts on Growth and Development,
Biology of Domestic Animals. Boca: CRC Press, 85-121. doi:10.1201/
9781315152080-5

Ruegg, P. L., and Erskine, R. J. (2015). “Mammary Gland Health,” in Large Animal
Internal Medicine. Editor BP Smith. 5th Edition (St. Louis: Elsevier).

Ruzov, A., Tsenkina, Y., Serio, A., Dudnakova, T., Fletcher, J., Bai, Y., et al. (2011).
Lineage-specific Distribution of High Levels of Genomic. Cell Res 21,
1332-1342. doi:10.1038/cr.2011.113

Saripalli, G., Sharma, C., Gautam, T., Singh, K., Jain, N., Prasad, P., et al. (2020).
Complex Relationship between DNA Methylation and Gene Expression Due to
Lr28 in Wheat-Leaf Rust Pathosystem. Mol. Biol. Rep. 47, 1339-1360. doi:10.
1007/s11033-019-05236-1

Schalm, O. W., Carroll, E. J., and Jain, N. C. (1971). Bovine Mastitis. 1971.
Philadelphia: Lea & Febiger.

Selamat, S. A,, Chung, B. S, Girard, L., Zhang, W., Zhang, Y., Campan, M., et al.
(2012). Genome-scale Analysis of DNA Methylation in Lung Adenocarcinoma
and Integration with mRNA Expression. Genome Res. 22, 1197-1211. doi:10.
1101/gr.132662.111

Shen, L., Shao, N.-Y., Liu, X., Maze, I, Feng, J., and Nestler, E. J. (2013). diffReps:
Detecting Differential Chromatin Modification Sites from ChIP-Seq Data with
Biological Replicates. PLoS One 8 (6), €65598. doi:10.1371/journal.pone.
0065598

Sinha, M. K., Thombare, N. N., and Mondal, B. (2014). Subclinical Mastitis in
Dairy Animals: Incidence, Economics, and Predisposing Factors. Scientific
World J. 2014, 1-4. doi:10.1155/2014/523984

DNA Methylation and Buffalo Mastitis

Song, M., He, Y., Zhou, H., Zhang, Y., Li, X,, and Yu, Y. (2016). Combined Analysis
of DNA Methylome and Transcriptome Reveal Novel Candidate Genes with
Susceptibility to Bovine Staphylococcus aureus Subclinical Mastitis. Sci. Rep. 6,
29390. doi:10.1038/srep29390

Sordillo, L. M. (2011). New Concepts in the Causes and Control of Mastitis.
J. Mammary Gland Biol. Neoplasia 16, 271-273. doi:10.1007/s10911-011-9239-8

Sudhan, N. A., and Sharma, N. (2010). Mastitis-An Important Production Disease
of Dairy Animals. SMVS Dairy Year Book, 72-88.

Sun, X, Li, J., Fu, L, Jiang, J., Zhao, J., and Wang, G. (2019). The Epigenetic
Modification in Mammals under Heat Stress. World J. Vet. Sci. 1, 1005Available
at: http://www.medtextpublications.com/open-access/the-epigenetic-
modification-in-mammals-undernbspheat-stress-236.pdf

Suzuki, M. M., and Bird, A. (2008). DNA Methylation Landscapes:
Provocative Insights from Epigenomics. Nat. Rev. Genet. 9, 465-476.
doi:10.1038/nrg2341

Taiwo, O., Wilson, G. A., Morris, T., Seisenberger, S., Reik, W., Pearce, D, et al.
(2012). Methylome Analysis Using MeDIP-Seq with Low DNA Concentrations.
Nat. Protoc. 7 (4), 617-636. doi:10.1038/nprot.2012.012

Wang, M., Liang, Y., Ibeagha-Awemu, E. M., Li, M., Zhang, H., Chen, Z., et al.
(2020). Genome-Wide DNA Methylation Analysis of Mammary Gland Tissues
from Chinese Holstein Cows with Staphylococcus aureus Induced Mastitis.
Front. Genet. 11, 550515. doi:10.3389/fgene.2020.550515

Wijngaard, P. L, MacHugh, N. D., Metzelaar, M. J., Romberg, S., Bensaid, A.,
Pepin, L., et al. (1994). Members of the Novel WC1 Gene Family Are
Differentially Expressed on Subsets of Bovine CD4-CD8- Gamma delta T
Lymphocytes. J. Immunol. 152 (7), 3476-3482.

Yu, G, Wang, L.-G., Han, Y., and He, Q.-Y. (2012). clusterProfiler: an R Package
for Comparing Biological Themes Among Gene Clusters. OMICS: A J. Integr.
Biol. 16 (5), 284-287. doi:10.1089/0mi.2011.0118

Zhang, Y., Liu, T., Meyer, C. A., Eeckhoute, ]., Johnson, D. S., Bernstein, B. E., et al.
(2008). Model-based Analysis of ChIP-Seq (MACS). Genome Biol. 9, R137.
doi:10.1186/gb-2008-9-9-r137

Zhao, Y., Zhou, M., Gao, Y., Liu, H., Yang, W, Yue, J, et al. (2015). Shifted T
Helper Cell Polarization in a Murine Staphylococcus aureus Mastitis Model.
PLoS One 10, €0134797. doi:10.1371/journal.pone.0134797

Zheng, Y., Huang, Q., Ding, Z., Liu, T., Xue, C,, Sang, X,, et al. (2018). Genome-
wide DNA Methylation Analysis Identifies Candidate Epigenetic Markers and
Drivers of Hepatocellular Carcinoma. Brief Bioinform 19 (1), bbw094. doi:10.
1093/bib/bbw094

Zhou, Y., Liu, S, Hu, Y,, Fang, L, Gao, Y., Xia, H,, et al. (2020). Comparative Whole
Genome DNA Methylation Profiling across Cattle Tissues Reveals Global and Tissue-
specific Methylation Patterns. BMC Biol. 18, 85. doi:10.1186/s12915-020-00793-5

Conflict of Interest: The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could be construed as a
potential conflict of interest.

The handling editor declared a past collaboration with the authors.

Publisher’s Note: All claims expressed in this article are solely those of the authors
and do not necessarily represent those of their affiliated organizations, or those of
the publisher, the editors, and the reviewers. Any product that may be evaluated in
this article, or claim that may be made by its manufacturer, is not guaranteed or
endorsed by the publisher.

Copyright © 2022 Nayan, Singh, Iquebal, Jaiswal, Bhardwaj, Singh, Bhatia, Kumar,
Singh, Swaroop, Kumar, Phulia, Bharadwaj, Datta, Rai and Kumar. This is an
open-access article distributed under the terms of the Creative Commons Attribution
License (CC BY). The use, distribution or reproduction in other forums is permitted,
provided the original author(s) and the copyright owner(s) are credited and that the
original publication in this journal is cited, in accordance with accepted academic
practice. No use, distribution or reproduction is permitted which does not comply
with these terms.

Frontiers in Genetics | www.frontiersin.org

March 2022 | Volume 13 | Article 828292


https://doi.org/10.1016/j.ymeth.2010.04.009
https://doi.org/10.1016/j.ymeth.2014.10.032
https://doi.org/10.1093/bib/bbu048
https://doi.org/10.1016/j.chembiol.2018.02.005
https://doi.org/10.1371/journal.pone.0181155
https://doi.org/10.1371/journal.pone.0181155
https://doi.org/10.1186/s13059-014-0408-0
https://doi.org/10.1186/s13059-014-0550-8
https://doi.org/10.1186/s12859-016-1158-7
https://doi.org/10.1093/nar/gku365
https://doi.org/10.1093/nar/gku365
https://www.jbino.com/docs/Issue04_13_2017.pdf
https://www.jbino.com/docs/Issue04_13_2017.pdf
https://doi.org/10.1201/9781315152080-5
https://doi.org/10.1201/9781315152080-5
https://doi.org/10.1038/cr.2011.113
https://doi.org/10.1007/s11033-019-05236-1
https://doi.org/10.1007/s11033-019-05236-1
https://doi.org/10.1101/gr.132662.111
https://doi.org/10.1101/gr.132662.111
https://doi.org/10.1371/journal.pone.0065598
https://doi.org/10.1371/journal.pone.0065598
https://doi.org/10.1155/2014/523984
https://doi.org/10.1038/srep29390
https://doi.org/10.1007/s10911-011-9239-8
http://www.medtextpublications.com/open-access/the-epigenetic-modification-in-mammals-undernbspheat-stress-236.pdf
http://www.medtextpublications.com/open-access/the-epigenetic-modification-in-mammals-undernbspheat-stress-236.pdf
https://doi.org/10.1038/nrg2341
https://doi.org/10.1038/nprot.2012.012
https://doi.org/10.3389/fgene.2020.550515
https://doi.org/10.1089/omi.2011.0118
https://doi.org/10.1186/gb-2008-9-9-r137
https://doi.org/10.1371/journal.pone.0134797
https://doi.org/10.1093/bib/bbw094
https://doi.org/10.1093/bib/bbw094
https://doi.org/10.1186/s12915-020-00793-5
https://creativecommons.org/licenses/by/4.0/
https://creativecommons.org/licenses/by/4.0/
https://www.frontiersin.org/journals/genetics
www.frontiersin.org
https://www.frontiersin.org/journals/genetics#articles

	Genome-Wide DNA Methylation and Its Effect on Gene Expression During Subclinical Mastitis in Water Buffalo
	Introduction
	Materials and Methods
	Ethics Statement
	Determination of SCM in Buffaloes
	Sample Collection, DNA Isolation, and Preparation of MeDIP-Seq Libraries
	Sample Collection, RNA Isolation, and Preparation of RNA-Seq Libraries
	MeDIP-Seq Data Analysis
	RNA-Seq Data Analysis
	Association of Methylation with TEs, lncRNAs, and miRNAs
	Development of the Web Resource, BSCM2TDb

	Results
	MeDIP-Seq Data Analysis
	Peak Calling and their Genomic Annotation
	Identification of DMRs and DMGs
	GO and KEGG Pathway Enrichment Analyses of DMGs
	RNA-Seq Data Analysis and Identified DEGs
	Association of DNA Methylation with Gene Expression
	Association of DNA Methylation with TEs and TAGs
	Association of DNA Methylation with miRNAs and their Target mRNAs
	Association of DNA Methylation with lncRNA Genes and their Target mRNAs
	Development of the Web Resource, BSCM2TDb

	Discussion
	Conclusion
	Data Availability Statement
	Ethics Statement
	Author Contributions
	Funding
	Acknowledgments
	Supplementary Material
	References


