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Idiopathic pulmonary fibrosis (IPF) is a chronic progressive interstitial lung disease
of unknown etiology, characterized by diffuse alveolitis and alveolar structural
damage. Due to the short median survival time and poor prognosis of IPF, it is
particularly urgent to find new IPF biomarkers. Previous studies have shown that
basement membranes (BMs) are associated with the development of IPF and
tumormetastasis. However, there is still a lack of research on BMs-related genes in
IPF. Therefore, we investigated the expression level of BMs genes in IPF and
control groups, and explored their potential as biomarkers for IPF diagnosis. In this
study, the GSE32537 and GSE53845 datasets were used as training sets, while the
GSE24206, GSE10667 and GSE101286 datasets were used as validation sets. In the
training set, seven immune biomarkers related to BMswere selected by differential
expression analysis, machine learning algorithm (LASSO, SVM-RFE, Randomforest)
and ssGSEA analysis. Further ROC analysis confirmed that seven BMs-related
genes played an important role in IPF. Finally, four immune-related Hub genes
(COL14A1, COL17A1, ITGA10, MMP7) were screened out. Then we created a
logistic regression model of immune-related hub genes (IHGs) and used a
nomogram to predict IPF risk. The nomogram model was evaluated to have
good reliability and validity, and ROC analysis showed that the AUC value of IHGs
was 0.941 in the training set and 0.917 in the validation set. Pan-cancer analysis
showed that IHGs were associated with prognosis, immune cell infiltration, TME,
and drug sensitivity in 33 cancers, suggesting that IHGs may be potential targets
for intervention in human diseases including IPF and cancer.

KEYWORDS

idiopathic pulmonary fibrosis, basement membrane, immune, pan-cancer, interstitial
lung disease

1 Introduction

Idiopathic pulmonary fibrosis (IPF) is a chronic progressive interstitial lung disease of
unknown etiology (Richeldi et al., 2017). Its pathological features are diffuse alveolitis and alveolar
structural damage, eventually forming honeycomb lung (Wolters et al., 2014). The clinical
symptoms of IPF include dry cough, fatigue, and progressive exertional dyspnea. IPF is a rare
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disease, but its incidence is increasing and is more common in elderly
male patients (Maher et al., 2021; Kondoh et al., 2022). Although disease
progression varies greatly among individuals, the median survival after
diagnosis is less than 3–5 years. Currently, treatment options for
patients with IPF remain limited. Anti-fibrotic drugs (Pirfenidone
and Nintedanib) have been approved to treat IPF, but they only
slow the decline in lung function in IPF patients and do not
improve survival (King et al., 2014; Richeldi et al., 2014). These
drugs can also cause gastrointestinal adverse reactions, which limits
their widespread use to some extent (Bargagli et al., 2019). At present,
lung transplantation remains the only effective treatment.
Unfortunately, not all patients are suitable for transplant, and
complications following the transplant place a huge burden on patients.

Basement membranes (BMs) are a specialized form of extracellular
matrix found in various organs of the human body, providing structural
support for epithelium, endothelium, muscle, adipocytes, schwann cells,
and axons (Mak and Mei, 2017). BMs are mainly composed of laminin
and type IV collagen, which are linked together by nicolysaccharide and
heparan sulfate proteoglycans to form different BMs in various tissues
(Kruegel and Miosge, 2010). BMs can direct cell polarity, differentiation,
migration and survival. For example, BMs can control epithelial growth
and differentiation during embryonic development (Kyprianou et al.,
2020). In cancer, the breakdown of the basement membrane promotes
metastasis (Banerjee et al., 2022). Variations in the BMs gene are closely
associatedwithmany human diseases (Horton andBarrett, 2021;Wilson,
2022). BMs can mark the pathway of cell migration and epithelialization
during tissue repair (Vracko, 1974; Rousselle et al., 2019). Changes in
BMs homeostasis can lead to abnormal ECM aggregation and fibrosis
(Wilson, 2020). Alveolar BMs promote gas exchange between alveoli and
capillaries and regulate the function of cytokines and growth factors
(West and Mathieu-Costello, 1999). The integrity of BMs maintains the
normal lung structure and is critical for restoring alveolar epithelial
homeostasis after lung injury (Strieter and Mehrad, 2009). However, a
loss of alveolar and capillary BMs integrity was observed in IPF,
suggesting that BMs are involved in IPF genesis (Chen et al., 2016).

Increasing evidence supports the important role of immune
response in IPF. On the one hand, damage to lung epithelial cells
leads to the production of pro-inflammatory cytokines such as
IL-1 and IL-6 in M1 alveolar macrophages (Huang et al., 2018).
These cytokines play an important role in host resistance to
pathogen invasion. Inhibition of TNF-α secretion can alleviate
bleomycin-induced pulmonary fibrosis and collagen deposition
(Matsuhira et al., 2020). On the other hand, under chronic
inflammatory conditions, Th2 cells secrete cytokines to
gradually transform pro-inflammatory M1 macrophages into
pro-fibrotic M2 macrophages (Shapouri-Moghaddam et al.,
2018). M2 macrophages secrete multiple chemokines and
activate Wnt/β-catenin signaling pathways leading to
fibroblast activation, myofibroblast differentiation and
extracellular matrix remodeling (Wynn and Vannella, 2016).
Inhibition of Wnt/β-catenin signaling attenuates
M2 macrophage-induced myofibroblast differentiation and
bleomycin-induced pulmonary fibrosis (Hou et al., 2018).
Another study found that vaccination inhibited
M2 macrophage production and fibrocyte recruitment in
bleomycin-induced pulmonary fibrosis (Collins et al., 2012).
Moreover, the importance of immune responses in IPF has
been confirmed by genetic studies, such as DEP domain

containing MTOR interacting protein (DEPTOR) increase the
risk or susceptibility of IPF(Allen et al., 2020).

In this article, we aim to explore the immune markers associated
with BMs in IPF and construct a nomogram model to predict the
risk of IPF in patients. Increased evidence suggests that IPF is closely
linked to cancer (Ballester et al., 2019; Tzouvelekis et al., 2019).
However, little is known about the relationship between IPF and
cancer. Therefore, we conducted an in-depth analysis of the role of
BMs-related immune biomarkers in pan-cancer to explore the
common pathogenesis of IPF and cancer, and to find potential
therapeutic targets for patients with IPF and cancer. In Figure 1, you
can see the workflow chart.

2 Materials and methods

2.1 Data download and processing

We obtained 222 BMs related genes from previous studies (Jayadev
et al., 2022). We obtained datasets numbered GSE32537, GSE53845,
GSE24206, GSE10667 andGSE101286 from the GEO database (https://
www.ncbi.nlm.nih.gov/geo/). The GSE32537, GSE53845 datasets were
used as training set. Datasets GSE24206, GSE10667 and
GSE101286 were used as validation sets for independent external
validation. The main features of the five datasets were shown in
Table 1. Datasets were merged after identity document
transformation. The original data was normalized through R
software “sva” package, followed by classification of the datasets into
two categories: IPF and control groups. Finally, we evaluated the quality
of the dataset using principal component analysis and plotted the PCA
plot via R software “ggplot2” package.

2.2 Identification of differentially expressed
genes in BMs

We screened differentially expressed genes (DEGs) through R
software “limma” package, filter condition for p < 0.05 and | log2FC
| > 1. A volcano map was drawn through the “ggplot2” package of R
software to show DEGs. The “VennDiagram” package in R was used
to obtain the intersection of BMs-related genes and DEGs, and the
differentially expressed genes of basement membranes (BMDEGs)
were obtained.

2.3 Protein–protein interaction (PPI) and
enrichment analysis of BMDEGs

We visualized the PPI network of BMDEGs via the STRING
database and performed GO, KEGG, and DO enrichment analyses of
BMDEGs via the “ClusterProfiler” and “DOSE” packages of R software.

2.4 Three machine learning algorithms for
screening disease candidate genes

We used LASSO, SVM-RFE and RandomForest machine
learning algorithms to screen disease candidate genes. LASSO
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analysis was performed using 10-fold cross-validated penalty
parameters via the “glmnet” package of R software. The minimal
bimomial deviation was used to determine the optimal penalty
parameter lambda. SVM-RFE algorithm detects the points with
the minimum cross-validation error through the “e1071”, “kernlab”
and “caret” packages in R software to screen disease candidate genes.
The RandomForest algorithm uses the “randomforest” package of R
software to screen disease candidate genes. The Venn diagram
visualizes disease candidate genes obtained from the results of
three machine learning algorithms.

2.5 Validation of disease candidate genes

To understand the specificity and sensitivity of disease candidate
genes for IPF diagnosis, we draw the receiver operating characteristic
(ROC) curve through the “pROC” package of R software. Results were
presented in the form of area under the curve (AUC). If the AUC of
candidate genes was greater than 0.6, we believed that it had diagnostic
significance for IPF. Disease candidate gene expression in the IPF and
control groups was shown in the box plot.

2.6 Analysis of immune infiltration

We performed correlation analysis of immunity through the
“corrplot” package of R software and plotted the correlation
heatmap. R software “ggpubr” and “reshape2” packages were
used to analyze the differential expression of immune cells and
immune functions in IPF and control groups. Spearman
correlation analysis was conducted through the “psych” and
“ggcorrplot” packages of the R software to analyze the
correlation between disease candidate genes and immunity. The
screening criteria for IPF immune-related hub genes (IHGs) were
more than 1/2 immune infiltration and the correlation coefficient
was greater than 0.2.

2.7 Establishment and validation of IHGs risk
model

We constructed the nomogram of IHGs and plotted the
calibration curve to determine the reliability of the nomogram
through the “rms” package of R software. ROC curves were

FIGURE 1
The workflow chart of our study.
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plotted to assess the accuracy of IHGs in diagnosing IPF via the
“ROCR” package of R software.

2.8 Differential analysis of IHGs in human
cancer

We downloaded tumor transcriptome data, clinical data,
immune subtype data, mutation data and stemness score
(RNAss and DNAss) from the UCSC Xena database (https://
xenabrowser.net/). The expression levels of IHGs in 33 tumor
and adjacent samples were extracted using the “limma” package of
R software. Then, we retained tumor types with more than
5 paracancer tissues, and analyzed the expression of IHGs in
tumors and paracancer tissues through the “ggpubr” package of
R software.

2.9 Survival analysis of IHGs in pan-cancer

COX regression analysis was conducted through the
“survival” package of R software to determine whether IHGs
expression was correlated with the survival time and survival
status of cancer patients, and the results were presented in forest
plots. Survival analysis was performed through the “survival”
and “surminer” packages of R software to determine whether
IHGs expression was linked with the prognosis of tumor
patients.

2.10Mutation analysis of IHGs in pan-cancer

Tumor mutation burden (TMB) and microsatellite instability
(MSI) is specific indicators for predicting immunotherapy in cancer
patients. Therefore, we used the “fmsb” package of R software to plot
radar maps of TMB and MSI to determine the correlation between
IHGs expression and 33 types of tumors.

2.11 Tumor microenvironment (TME) and
tumor stemness analysis

We calculated the immune score, stromal score, and estimated
score for each sample in the tumor using the “estimate” package of R
software. The correlation between IHGs expression and purity in

33 tumors was analyzed by Spearman correlation analysis. The
relationship between IHGs expression and tumor stemness was
determined by the “corrplot” package of R software.

2.12 Immune analysis of IHGs in pan-cancer

Immune subtypes including C1(Wound Healing), C2(IFN γ
Dominant), C3(Inflammatory), C4 (lymphocyte Depleted), C5
(M2 macrophages Dominant), C6 (TGF-β Dominant) subtypes.
Previous studies have shown that among the six immune
subtypes, C4 and C6 are associated with lower survival rates,
while C3 and C5 are the opposite (Tamborero et al., 2018). The
relationship between IHGs expression and immune subtypes was
analyzed by the “limma”, “ggplot2” and “reshape2” packages of R
software. The correlation between IHGs expression and immune
checkpoints was completed by Pearson correlation analysis. Finally,
we investigated the correlation between IHGs expression in tumors
and 21 types of immune cells using TIMER2.0 database (http://
timer.cistrome.org/).

2.13 Enrichment analysis

We used the GeneMANIA database (http://genemania.org/) to
predict and visualize genes that function similar to IHGs. The
Metascape website (https://metascape.org/) was used to analyze
the functions in which genes may be involved.

2.14 Drug sensitivity analysis of IHGs in pan-
cancer

We downloaded drug sensitivity data for 60 human cancers
from the CellMiner websites (https://discover.nci.nih.gov/cellminer/
) and screened 263 FDA-approved or clinical trial drugs for this
study. The relationship between IHGs expression and drugs was
analyzed by Pearson correlation analysis.

2.15 Statistical analysis

Statistical tests were performed using R software (version 4.1.3).
For all statistical analyses, p < 0.05 was considered statistically
significant (“***”, “**”, “*”, “ns” are “p < 0.001” “p < 0.01” “p <

TABLE 1 An overview of the main features of the dataset used in this study.

Dataset Platform IPF Normal Publication years Used for

GSE32537 GPL6244 167 50 2013 DEGs analysis

GSE53845 GPL6480 40 8 2014 DEGs analysis

GSE24206 GPL570 17 6 2011 Model validation

GSE10667 GPL4133 31 15 2009 Model validation

GSE101286 GPL6947 12 3 2017 Model validation
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0.05” “no significance”). Relevant scripts and supported data can be
seen on the Github website (https://github.com/fuchenkun/
Basement-membranes).

3 Results

3.1 Screening for BMDEGs of IPF

We combined GSE32537, GSE53845 datasets and corrected the
batch effects for subsequent analyses (Figures 2A, B). 253 DEGs were
screened, of which 158 genes were over-expressed and 95 genes were
under-expressed. The results of the DEGs were presented as a
volcano map (Figure 2C). A Venn diagram was also created,
which showed that 13 BMDEGs, of which 12 were upregulated
and 1 downregulated (Figure 2D).

3.2 Protein interaction network and
enrichment analyses of BMDEGs

We constructed a protein interaction network for BMDEGs
(Figure 2E). Then we performed enrichment analyses to better
understand the functions, pathways, and diseases that BMDGEs
might be involved in. As shown in Figure 2F, our results indicated
that biological processes were mainly related to the structure of
extracellular matrix, collagen catabolic processes, and responses to
mechanical stimulus. The cellular components mainly involved
extracellular matrix, basement membrane and endoplasmic
reticulum. Extracellular matrix structural constituent, heparin
binding, glycosaminoglycan binding, sulfur compound binding
and extracellular matrix structural constituent conferring tensile
strength were significantly enriched in molecular functions. The
KEGG analysis revealed that BMDEGs tended to be enriched in the

FIGURE 2
Differential expression analysis and enrichment analysis. (A) PCA plot shows training set before batch effect. (B) PCA plot shows the training set after
batch effect. (C) A volcanic map of DEGs. (D) The Venn diagram of BMs related genes and DEGs. (E) Protein interaction network of BMDEGs. GO
function(F), KEGG pathway(G) and Disease enrichment analysis(H) of BMDEGs.
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following terms: extracellular matrix organization, extracellular
structure organization, external encapsulating structure
organization, cell−substrate adhesion and response to mechanical
stimulus (Figure 2G). Moreover, DO analysis found that BMDEGs
were specifically enriched in IPF and were also associated with
endocrine disorders, reproductive system diseases, and cancer
(Figure 2H).

3.3 Screening and validation for IPF
diagnostic markers

We further used machine learning algorithms to screen disease
candidate genes from BMDEGs. LASSO regression analysis selected

11 genes (Figure 3A), the SVM-RFE algorithm identified eight genes
(Figure 3B), and RandomForest screened 11 genes (Figure 3C).
Finally, through the gene intersection obtained by the three
algorithms, seven disease candidate genes (COL14A1, COL17A1,
HMCN1, ITGA10, MMP7, OGN and ROBO2) were identified
(Figure 3D). Then we analyzed the expression of seven disease
candidate genes in the training group and validated them using
external datasets. Validation group dataset eliminates batch effect
for subsequent analysis (Supplementary Figure S1). As presented in
Figure 3E, the boxplot showed that seven disease candidate genes
were significantly upregulated in IPF groups and 1 candidate gene
was significantly downregulated in IPF groups. We saw the same
results in the validation dataset, but ROBO2 was not statistically
significant (Figure 3F). We further performed ROC analysis to

FIGURE 3
Machine learning algorithms identify disease candidate genes. (A) LASSO model for screening candidate genes for disease. (B) SVM-RFE algorithm
for screening disease candidate genes. (C) Random forest model to screen candidate genes for disease. (D) The Venn diagram shows the common
disease candidate genes of LASSO, RandomForest and SVM-RFE algorithms. (E) Boxplot representing expression of disease candidate genes in training
set. (F) Boxplot representing expression of disease candidate genes in the validation set.
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FIGURE 4
Immune infiltration analysis and establishment of IPF riskmodel. (A)Correlation heatmap of immune cells. (B) Immune function related heatmap. (C)
Difference of immune cell expression between IPF and control groups. (D)Difference of immune function expression between IPF and control group. (E)
Heatmap of correlation between IHGs expression and immune infiltration. (F) IHGs predicts the occurrence of IPF in training set. (G) IHGs predicts the
occurrence of IPF the validation set.
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examine the diagnostic efficacy of seven disease candidate genes for
IPF. The results suggest that the seven disease candidate genes have
diagnostic value in distinguishing IPF groups from control groups:
COL14A1 (AUC = 0.964), COL17A1 (AUC = 0.915), HMCN1
(AUC = 0.961), ITGA10 (AUC = 0.946), MMP7 (AUC = 0.937),
OGN (AUC = 0.894) and ROBO2(AUC = 0.856) (Supplementary
Table S1). Similarly, we evaluated the diagnostic efficacy of seven
disease candidate genes for IPF in the validation group dataset using
ROC analysis. The results indicated that AUCs of the disease
candidate genes were COL14A1 (AUC = 0.881), COL17A1
(AUC = 0.949), HMCN1(AUC = 0.813), ITGA10 (AUC = 0.707),
MMP7 (AUC = 0.910), OGN (AUC = 0.719) and ROBO2 (AUC =
0.600) (Supplementary Table S2). In conclusion, the AUC values of
COL14A1, COL17A1, HMCN1, ITGA10, OGN and MMP7 in the
training dataset and validation dataset were all greater than 0.7.
These results suggest that the candidate genes are closely related to
IPF and have the potential to be used as biomarkers of IPF and
indicators to evaluate the efficacy of patients.

3.4 Immune infiltration analysis and IHGs
screening

We used the ssGSEA algorithm to evaluate immune infiltration
in 265 samples (Supplementary Figure S2). In the correlation
analysis of immune cells, the positive correlation between Tfh
cells and B-cell was the strongest, and the correlation coefficient
was 0.8. The negative correlation between Tfh cells and NK cells was
the strongest, and the correlation coefficient was −0.3 (Figure 4A).
Interestingly, we did not observe a negative correlation for immune
function, whereas there was a positive correlation (r = 0.8) between
T-cell co inhibition and APC co inhibition (Figure 4B). For immune
cells, the expression of aDCs, B-cell, DCs, iDCs, Mast cells, T helper
cells, Tfh and Th1 cells were increased in IPF, while the expression of
neutrophils, NK cells, pDCs, Th2 cells and Treg cells were decreased
(Figure 4C). For immune function, Check point, HLA,
Inflammation promoting, T-cell co stimulation and
Parainflamation were over-expressed in IPF, while T-cell co
inhibition and APC co inhibition were underexpressed in IPF
(Figure 4D). Finally, four IHGs were screened by correlation
analysis, including COL14A1, COL17A1, ITGA10 and MMP7
(Figure 4E). These results suggest that the activation of multiple
immune cells and the coordination of immune functions are
important in the pathogenesis of IPF.

3.5 Construction and validation of IPF risk
model

We created a logistic regression model of IHGs and used a
nomogram to predict IPF risk (Figure 4F). The calibration curve
used to evaluate the risk nomogram of IPF patients showed good
consistency in this study. The results showed that the AUC of the
training data set was 0.941, indicating that our model had good
predictive ability. In order to further verify the prediction effect of
our model, we used independent external validation dataset to verify
(Figure 4G). The results showed that the calibration curve also
showed good consistency in the training dataset. The AUC value in

the validation dataset was 0.917, which also shows that our model
had good predictive ability. Moreover, The C index also shows that
our model had good predictive power. The C index was 0.941 (95%
CI: 0.917–0.965) in the training dataset and 0.917 (95% CI:
0.840–0.994) in the validation dataset.

3.6 The expression level of IHGs in pan-
cancer

To determine whether there are differences in the expression of
IHGs in tumors, mRNA expression levels of IHGs in normal and
tumor tissues were analyzed. As shown in Figure 5A, the expression
of MMP7 in IHGs was relatively high, while the expression of
ITGA10 was the lowest. The expression of IHGs in different
cancer types is also quite different (Figure 5B). Overall,
COL14A1, COL17A1, and ITGA10 tended to be downregulated in
most tumors, whileMMP7 tended to be upregulated in most tumors.
Correlation analysis showed that ITGA10 was weakly positively
correlated with COL14A1, and weakly negatively correlated with
MMP7 and COL17A1 (Figure 5C). Although there is a correlation
between IHGs, the correlation coefficient value is between −0.15 and
0.23, which proves that the correlation is weak or negligible.
COL14A1 was highly expressed in 1 tumor and lowly expressed
in 15 tumors (Figure 5D). COL17A1 was significantly upregulated in
seven tumors, while significantly downregulated in eight tumors
(Figure 5E). ITGA10 expression was increased in six tumors and
decreased in eight tumors (Figure 5F).MMP7 expression was higher
in 12 tumors and lower in four tumors (Figure 5G).

3.7 Pan-cancer survival analysis of IHGs

Based on the results of differential analysis, we used forest maps
and survival curves to further understand whether IHGs expression
was linked with tumor prognosis (Figure 5H). Cox regression
analysis revealed that increased COL14A1 expression was a
negative factor affecting KIRP, LGG, BLCA, STAD and OV,
while a positive factor affecting ACC. Increased expression of
COL14A1 was related to shorter overall survival (OS) in BLCA,
KIRP, LGG and UVM, whereas decreased expression of COL14A1
was related to shorter OS in ACC and LAML (Figures 6A–F). As
shown as Figures 6G–I, Cox regression analysis revealed that
COL17A1 over-expression was an adverse factor for PAAD and
SKCM, but a favourable factor for BRCA. Overexpression of
COL17A1 was linked with poorer OS in PAAD and SKCM,
whereas increased COL17A1 expression predicted favorable OS in
LGG. As seen as Figures 6J–R, Cox regression analysis found that the
increased expression of ITGA10 was a negative factor for LGG,
SARC and KICH, and a positive factor for SKCM and BRCA. High
ITGA10 expression was related to shorter OS for KIRP, LGG,
MESO, OV, SARC, STAD, THCA, and longer OS for BRCA and
SKCM. According to Figures 6S–Y, Cox regression analysis revealed
that high expression of MMP7 was an adverse factor for PAAD,
ACC, LAML, KIRC, LIHC and SKCM, while high expression of
MMP7 was a beneficial factor for BRCA. Survival analysis showed
that patients with increased MMP7 expression in ACC, KIRC,
LAML, LGG, LIHC, MESO, PAAD had shorter OS.
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FIGURE 5
Expression of IHGs in Human Cancer. (A) Boxplots of IHGs expression levels in cancer. (B) Heatmap of IHGs expression levels in different cancer
types and adjacent tissues. (C) Positive (blue) and negative (red) correlations between IHGs. Expression of COL14A1(D), COL17A1(E), ITGA10(F) and
MMP7(G) in different tumor types and adjacent tissues. (H) Forest plot shows the relationship between IHGs expression and OS in 33 tumors.
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3.8 Correlation of IHGs expression with TME
and tumor stemness

TME is closely related to tumorigenesis and tumor cells escaping
the immune system. The therapeutic effect and clinical prognosis of
tumor are also correlated with TME. Therefore, the correlation between
IHGs expression and tumor purity was assessed to understand whether
IHGs are involved in tumor immunity. Overall, IHGs expression was
positively related to stromal scores, with COL14A1 having the strongest
correlation with stromal score (Figure 7A). In terms of immune score,
IHGs expression was positively correlated with CHOL, KICH, LIHC,
and PCPG, etc., (Figure 7B). This suggests that IHGs have similar effects
in the TME. Furthermore, we also evaluated the correlation between
IHGs expression and tumor stemness score to understand the effect of
IHGs expression on tumor differentiation. We found that IHGs were
negatively related to RNAss in most tumors (Figure 7C). In contrast, it

was positively related to DNAss in KIRC, KIRP, THYM and UVM
(Figure 7D). These results suggest that the higher the expression of
IHGs, the weaker the stemness score and the higher the degree of tumor
differentiation.

3.9 Correlation of IHGs expression with
immune subtype and immune checkpoints

Our results showed that COL14A1, COL17A1, and MMP7 were
over-expressed in the C1, C2, and C6 subtypes, and ITGA10 was
over-expressed in the C5 and C6 subtypes (Figure 7E). The high
expression of COL14A1, COL17A1 andMMP7 was closely related to
C1, C2 and C6 subtypes, indicating that these three genes may have
carcinogenic effects. Moreover, we observed a significant correlation
between IHGs expression and immune checkpoint genes in different

FIGURE 6
Relationship between IHGs expression and prognosis of different tumors. OS survival curves for COL14A1 in six tumors: (A) ACC, (B) BLCA, (C) KIRP,
(D) LAML, (E) LGG, (F) UVM. OS survival curves for COL17A1 in 3 tumors:(G) LGG, (H) PAAD, (I) SKCM. OS survival curves for ITGA10 in 9 tumors: (J) BRCA,
(K) KIRP, (L) LGG, (M) MESO, (N) OV, (O) SARC, (P) SKCM, (Q) STAD,(R) THCA. OS survival curves for MMP7 in 7 tumors: (S) ACC, (T) KIRC, (U) LAML, (V)
LGG, (W) LIHC, (X) MESO, (Y) PAAD.
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tumor types. Specifically, the results revealed that COL14A1 was
positively related to immune checkpoints in most tumors except
MESO, OV, SARC, TGCT, THCA, THYM, UCEC, UCS, and UVM
(Figure 7F). COL17A1 was significantly related to immune
checkpoints in most tumors except ACC, CHOL, DLBC, UCS,
and UVM (Figure 7G). ITGA10 was positively related to more
than 30 immune checkpoint genes in COAD, ESCA, KICH,
HNSC and LUSC (Figure 7H). In addition to CESC, CHOL,
COAD, SARC, SKCM, and UVM, MMP7 was closely related to
immune checkpoint genes (Figure 7I). These results indicate that
IHGs expression is closely related to immune checkpoint genes,
suggesting that IHGs may play a vital role in mediating tumor
immune patterns.

3.10 Immune cell infiltration analysis of IHGs
in pan-cancer

We analyzed the correlation between tumor infiltrating immune
cells and IHGs expression by TIMER2.0 to understand whether
IHGs participated in tumor immune infiltration. We found that
COL14A1 was positively related to CAF, DCs, Endo, HSC,
Macrophage, Monocyte and Tregs (Figure 8A). COL17A1 was
negatively related to most immune cells in HNSC, LUSC and
ESCA (Figure 8B). ITGA10 was positively related to CAF, Endo,
HSC, neutrophils and Tregs in most tumors (Figure 8C).MMP7was
positively related to CAF, DCs, Macrophage and Monocyte in most
tumors (Figure 8D). Compared with COL17A1, ITGA10 andMMP7,
COL14A1 had a higher correlation coefficient with infiltrating cells.

These results suggest a potential mechanism by which IHGs have
different prognostic value in different tumors.

3.11 TMB and MSI analysis of IHGs in human
cancers

The more frequent the mutation of tumor cells, the more new
antigens produced, making them more susceptible to
immunotherapy (Gryfe et al., 2000; Samstein et al., 2019).
Herein, we investigated the correlation between IHGs expression
with TMB, MSI. We found that COL14A1/ITGA10/MMP7 was
positively related to TMB in LGG, and negatively related to TMB
in STAD, LUSC, LUAD, LIHC, HNSC and BLCA (Figures 8E–H).
As for MSI, COL14A1/ITGA10/MMP7 expression was negatively
correlated with STAD (Figures 8I–L). Although these correlations
are important to guide immunotherapy in cancer patients, the
correlation coefficients between IHGs expression and TMB and
MSI did not exceed 0.6 in all tumor types, suggesting that IHGs are
unlikely to affect tumorigenesis by participating in gene
modification processes and are insufficient to independently
predict patient response to immunotherapy.

3.12 Functional enrichiment analysis of IHGs
in pan-cancer

We utilized GeneMANIA to screen genes associated with IHGs
for comprehensive functional and pathway analysis of IHGs. Finally,

FIGURE 7
Correlation of IHGs expression with TME, stemness score, immune subtypes and immune checkpoints. (A,B) IHGs expression was related to
immune and stromal scores in 33 tumors. (C,D) IHGs expression was related to stemness score in 33 cancers. (E) IHGs expression was associated with
immune subtypes. The correlation between COL14A1 (F), COL17A1 (G), ITGA10 (H) and MMP7 (I) and immune checkpoints in 33 cancers.
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we constructed an IHGs-centric PPI network consisting of 24 genes
(Figure 9A). Metascape significantly enriched items include
Extracellular matrix organization, ECM-receptor interaction,
Degradation of the extracellular matrix, Integrin cell surface
intercations, epidermis development, PID AJDISS 2PATHWAY,
ECMproteoglycans, response to wounding, Proteoglycans in cancer,
Wnt signaling pathway and pluripotency, Type I hemidesmosome
assembly, Immunoregulatory interactions between a Lymphoid,
appendage development and response to growth factor (Figure 9B).

3.13 Drug response analysis of IHGs

We further explored whether the expression of IHGs has guiding
significance for clinical medication. Among 263 drugs (FDA
approved or clinical trials), we found that the sensitivity of
55 drugs was significantly correlated with IHGs expression levels.

As presented in Figure 9C, we show the top 20 drugs most
significantly associated with IHGs. The upregulated expression of
IHGs was associated with increased sensitivity to Afatinib,
Pentostatin, Gefitinib, kahalide f, Lapatinib, Vandetanib,
Ibrutinib, Erlotinib, and okadaic acid, and decreased sensitivity to
Pyrazoloacridine, AT−13387, Pazopanib, Vincristine, Lapachone,
Etoposide, Lomustine, Paclitaxel, Epothilone B, and Pipamperone.
Overall, we found that IHGs expression was associated with
treatment response, suggesting that IHGs may be involved in
tumor drug resistance.

4 Discussion

In this study, we screened 13 BMDEGs using bioinformatics
methods, among which 12 genes were over-expressed and 1 gene
was lowly expressed. Subsequent GO enrichment analysis showed

FIGURE 8
Correlation of IHGs expression with immune cell infiltration, TMB and MSI. The correlation between COL14A1 (A), COL17A1 (B), ITGA10 (C) and
MMP7 (D) and 21 immune cells in 33 cancers. The correlation between COL14A1 (E), COL17A1 (F), ITGA10 (G) andMMP7 (H) and TMB in 33 cancers. The
correlation between COL14A1 (I), COL17A1 (J), ITGA10 (K) and MMP7 (L) and MSI in 33 cancers.
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that all BMDEGs were mainly related to extracellular matrix tissue
and collagen catabolic process, while KEGG enrichment analysis
showed a certain correlation with Notch signaling pathway. Based
on three machine learning algorithms, we screened seven disease
candidate genes. Using external datasets, it was confirmed that

COL14A1, COL17A1, HMCN1, MMP7, OGN and ROBO2 were
highly expressed in IPF, while ITGA10 was lowly expressed in
IPF. ROC curve analysis further confirmed that all disease
candidate genes have diagnostic value in IPF, suggesting that
they may have potential application prospects in the treatment of

FIGURE 9
Functional enrichment analysis and drug sensitivity analysis of IHGs. (A) Construction of a PPI network with 24 genes centered on IHGs. (B)
Enrichment analysis using Matescape. (C) Correlation analysis between IHGs and drug sensitivity of anticancer drugs in CellMiner.
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IPF. The findings suggest their potential usage for diagnostic value in
IPF since they are highly expressed in IPF. The findings will
eventually lead to future studies about the potential role of their
involvement in IPF, and if their roles are confirmed, the potential
application prospects in the treatment of IPF are likely to evaluated.
Finally, four IHGs (COL14A1, COL17A1, ITGA10, MMP7) were
screened out. We then construct a logistic regression model of IHGs
and use a nomogram to predict IPF risk. The AUC of the training set
was 0.941, and that of the verification set was 0.917. It shows that our
model has good predictive ability, and these four genes are potential
biomarkers of IPF. Our study provides a theoretical basis for
studying the role of BMs-associated immune biomarkers in the
pathogenesis of IPF, and provides promising research suggestions
for subsequent studies.

In pan-cancer, the expression of IHGs was significantly different
across cancers compared to comparable normal tissues. COL14A1
was significantly downregulated in almost all cancer types.
COL17A1, ITGA10 and MMP7 showed high intertumoral
heterogeneity between tumor tissues and adjacent tissues. These
results suggest that IHGs are a potential cancer biomarker.

Our study found that COL14A1 was an adverse factor for KIRP,
LGG, BLCA, STAD and OV, and a favourable factor for ACC.
However, there is a lack of relevant studies to support the effect of
COL14A1 on the prognosis of these cancers, and more studies are
needed to prove this. COL14A1 encodes the alpha chain of type XIV
collagen, which is linked with mature collagen fibers (Schuppan
et al., 1990). It has been reported that COL14A1 can affect arterial
remodeling and participate in the occurrence of cardiovascular
diseases (Weis-Müller et al., 2006; Guay et al., 2015). To our
knowledge, there is a lack of literature on the role of COL14A1
in IPF. When compared cancer with or without metastasis, it seems
that further decrease of COL14A1 has better outcome, but, this has
to be tested in a larger scale to validate (Goto et al., 2015; Jiang et al.,
2022). COL14A1methylation is an unfavorable prognostic factor for
renal cell carcinoma, and low COL14A1 expression seems to
promote tumorigenesis of renal cell carcinoma (Morris et al.,
2010). It seems that COL14A1 is increased in IPF, while it is
decreased in cancer. The differential expression of COL14A1 may
indicate the critical signaling that differentiates IPF - a disease with
non-stopping fibroblast growth, from cancer-a disease with non-
stopping malignant cell growth. Therefore, our studies suggest the
critical and differentiating signaling may involve COL14A1, its
function or signaling, and hopefully, that can be investigated by
future studies.

COL17A1 is one of the triple-helix collagen genes encoding collagen
XVII, a type II transmembrane protein found in basal epithelial cells
that can affect cell growth and migration (Natsuga et al., 2019; Kozawa
et al., 2021). COL17A1 also lacks relevant research in the field of IPF.
Currently, research on COL17A1 has focused on cancer and skin
diseases (Nishie, 2020). Our study found that COL17A1 over-
expression was related to poor prognosis of SKCM and PAAD.
Studies have shown that COL17A1 is over-expressed in a variety of
cancers (Thangavelu et al., 2016; Huang et al., 2022). In contrast,
another study found that upregulation of COL17A1 expression was
related to better prognosis in breast cancer (Yodsurang et al., 2017).
COL17A1 inhibits cancer cell migration and invasion by inactivating
AKT/mTOR pathway, and its over-expression is linked with longer
survival in patients with invasive breast cancer (Lothong et al., 2021).

ITGA10 is a type II collagen-binding integrin first isolated from
chondrocytes (Camper et al., 1998). ITGA10 has the highest content
in cartilage tissue and plays a crucial part in the formation of growth
plates during bone development (Bengtsson et al., 2005). From the
current overall research situation, the research on ITGA10 mainly
focuses on cancer. Our study suggested that increased ITGA10
expression was linked with poor prognosis of SARC and longer
survival of BRCA and SKCM. Previous studies have reported that
ITGA10 promotes drug resistance and proliferation of osteosarcoma
cells by the activation of PI3K/AKT signaling pathway (Li et al.,
2021). Similarly, ITGA10 promotes myxfibrosarcoma survival and
metastasis by activating TRIO/RAC and RICTOR signaling
pathways, and antitumor effects were observed in mouse
xenografts after ITGA10 inhibition (Okada et al., 2016). In
addition, dysregulation and carcinogenic effects of ITGA10 had
been observed in lung cancer, prostate cancer, and thyroid cancer
(Mertens-Walker et al., 2015; Su et al., 2015; Saftencu et al., 2019).
These findings suggest that ITGA10 acts as an oncogene. According
to our knowledge, ITGA10 has not been reported on IPF, and more
attention should be paid to IPF.

Different from COL14A1, COL17A1 and ITGA10, MMP7 had
been supported by numerous literatures in the research field of IPF.
MMP7 is the smallest member of the matrix metalloproteinase family.
MMP7 plays a crucial part in the pathogenesis of fibrosis by degrading
extracellular matrix proteins and activating multiple signaling
molecules (Niu et al., 2019; Mahalanobish et al., 2020). MMP7 is a
target gene of Wnt/β-catenin and highly expressed in proliferative
epithelial cells of IPF (Zuo et al., 2002; Fujishima et al., 2010). Previous
studies have identified MMP7 as a potential biomarker for IPF. For
instance, MMP-7 was identified as a predictor of survival in a
combined model incorporating clinical parameters and MUC5B
genotype (Peljto et al., 2013; Biondini et al., 2021). Consistent with
previous studies, we found increased MMP7 expression in IPF and
negatively correlated with decreased FVC (Bauer et al., 2017). Some
studies have shown thatMMP7 combined with other biomarkers may
improve the survival prediction of IPF patients (Song et al., 2013;
Hamai et al., 2016). In addition, a phase II clinical study showed that
MMP7 protein levels decreased in a dose-dependent manner after
using JNK inhibitors, indicating that the use of MMP7 to track IPF
progression has potential clinical benefits (van der Velden et al., 2016).
However, a recent study found that there was no difference in the
baseline concentration ofMMP7 between IPF patients with or without
disease progression, and short-term changes in its concentration
could not reflect disease progression (Raghu et al., 2018; Khan
et al., 2022). Another study indicated that MMP7 was over-
expressed in patients with subclinical interstitial lung disease and
under-expressed in patients with mature IPF compared to healthy
controls (Drakopanagiotakis et al., 2018). It is suggested that MMP7
can be used as a potential marker for early detection of IPF. Besides,
more and more evidences supportMMP7 as an oncogene involved in
tumor cell proliferation, migration and apoptosis (Sun et al., 2021;
Van Doren, 2022).MMP7 is highly expressed inmany cancers, and its
expression is related to survival time and tumor stage (Lee et al., 2006;
Liao et al., 2021). Knockdown of MMP7 gene can inhibit tumor
proliferation, migration and reduce drug resistance (Sanli et al., 2013;
Yuan et al., 2020). Therefore,MMP7 is expected to become a potential
biomarker for evaluating tumor prognosis and a new target for tumor
therapy.
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GO enrichment analysis showed that BMDEGs were involved in
the composition of basement membrane, extracellular matrix and
endoplasmic reticulum cavity, and were related to extracellular
matrix tissue, collagen metabolism and metallopeptidase activity.
Alveolar epithelial damage and abnormal tissue repair are
considered to be key factors in the development of IPF, which
ultimately leads to the recruitment and activation of myofibroblasts
to produce collagen-rich extracellular matrix. The deposition of
extracellular matrix in IPF mainly involves matrix
metalloproteinases (MMPs) and tissue inhibitors of
metalloproteinases (TIMPs). More and more studies support the
key role of MMPs in the pathogenesis of pulmonary fibrosis.
Interestingly, some MMPs have pro-fibrotic effects, while others
seem to play a protective role. In our study, we found that MMP7
was over-expressed in IPF patients, and previous studies have shown
that it contributes to the progression and adverse consequences of
IPF, while MMP19 seems to have a protective effect (Jara et al.,
2015). Changes in the extracellular matrix of IPF can also affect the
transcription of lung fibroblasts, resulting in abnormal translation of
ECM proteins (Zolak and de Andrade, 2012). In addition, the
degradation product of ECM (matrikines) also acts as a signal
molecule and plays a central role in the fibrosis of IPF. Existing
evidence suggests that ECM plays an important role in driving the
circulation of pathogenic disease signals mediated by integrins,
growth factors, matrikines, and MMPs (Hewlett et al., 2018). It is
worth noting that the increased stiffness of ECM tissue is also a key
driver of the fibrosis process. Compared with healthy lung scaffolds,
collagen, proteoglycan and ECM glycoprotein in IPF scaffolds
increased, but specific BMs proteins (such as laminin and
collagen IV) decreased (Elowsson Rendin et al., 2019). New
treatments for these ECM-driven processes are expected to bring
benefits to IPF patients. Moreover, KEGG enrichment analysis
showed that BMDEGs were related to Notch signaling pathway.
It is reported that Notch signaling pathway plays a key role in the
development, balance and regeneration of the respiratory system
(Kiyokawa and Morimoto, 2020). The disorder of Notch signaling
pathway is related to the occurrence of IPF, and the activation of
Notch signaling can accelerate pulmonary fibrosis (Yang et al.,
2022). Therefore, regulating the activation of Notch signaling
pathway may be a new anti-fibrosis treatment strategy.

Although the pathogenesis of IPF remains unclear, a growing
number of studies have implicated immune activation in its
pathogenesis. Therefore, we used ssGSEA to further dissect the
immune infiltration of the disease. In our results, we found that
the expression of IHGs was correlated with different degrees of
immune cell infiltration. The role of neutrophils in IPF remains
unclear. On the one hand, inhibition of neutrophil chemokine
CXCL8 or lack of neutrophil elastase can reduce bleomycin-
induced pulmonary fibrosis (Gregory et al., 2015; Gschwandtner
et al., 2017). Similarly, increased neutrophils are associated with
decreased FVC and all-cause mortality in IPF patients (Achaiah
et al., 2022). It has been reported that deletion of exon 18 of
COL17A1 in mice leads to IL-17-related inflammatory responses in
the skin and infiltration of eosinophils, neutrophils, T-cell and mast
cells (Lindgren et al., 2023). XIV collagen is a neutrophil chemotactic
factor that plays a role in neutrophil recruitment in rat inflammation
(Nakagawa et al., 1999). On the other hand, the increase of neutrophils
in BALF was not significantly related to the survival rate of IPF

patients (Tabuena et al., 2005). Fibrosis caused mice infected with
bacteria to show a higher mortality rate through the destruction of
neutrophils (Warheit-Niemi et al., 2022). However, whether
neutrophils have prognostic value in IPF is unclear, and further
studies are needed to confirm the role of neutrophils in IPF. B-cell
were increased in patients with IPF, which is consistent with our
current findings. Activation of immune responses and increased
infiltration of B-cell and macrophages are associated with IPF
development (Xu et al., 2021). Previous studies have shown that
B-cell and BLyS are elevated in patients with IPF and are inversely
associated with patient outcome (Heukels et al., 2019). Consistent
with increased B-cell activation, plasma IgA was elevated in IPF
patients and inversely correlated with FVC (Heukels et al., 2019).
These findings suggest that inhibition of B-cell activation has potential
therapeutic value for IPF. In addition, our study showed a decrease in
Tregs in IPF patients, which is consistent with previous findings.
There is conflicting evidence supporting the role of Tregs in IPF. Tregs
were originally thought to have anti-fibrotic effects. Tregs in
peripheral blood and BALF were significantly reduced in IPF
patients and were associated with decreased FVC (Kotsianidis
et al., 2009). Subsequent studies have shown that tregs can
promote fibrosis. The decrease of Tregs in peripheral blood and
BALF of IPF patients is related to the degree of fibrosis (Peng et al.,
2014) In the bleomycin-induced PFmodel, depletion of Tregs resulted
in reduction of fibrosis, while induction or metastasis of Tregs resulted
in worsening of fibrosis (Birjandi et al., 2016). Tregsmay play different
roles in different stages of fibrosis. Tregs play a pro-fibrotic role in the
early stage of PF and a protective role in the late stage (Boveda-Ruiz
et al., 2013). Tregs can promote collagen deposition and release of
TGF-β in the early stage of PF (Lo Re et al., 2011). Tregs depletion
attenuates PF by promoting Th17 response and regulating the shift of
disturbed Th1/Th2 balance to Th1 dominance in lung tissue (Xiong
et al., 2015). Consequently, we speculate that Tregs regulate different
T-cell subsets at different stages of pulmonary fibrosis, which may
explain the different roles of Tregs in pulmonary fibrosis. Existing
studies have shown that inhibition of macrophage migration
inhibitory factor (MIF) can downregulate the expression level of
ITGA10 and reduce bleomycin-induced pulmonary inflammation
and fibrosis in rats (Luo et al., 2021). The relationship between
ITGA10 and MIF is still lacking relevant evidence and the future
development of inhibitors targeting MIF may contribute to the
treatment of pulmonary fibrosis. It has been reported that
activated MMP7 is located on alveolar macrophages and
proliferative epithelial cells (Fujishima et al., 2010). Future studies
are needed to further confirm how IHGs participate in the
pathological process of IPF by affecting immunity.

We further explored the correlation between IHGs expression and
TME, immune subtypes and immune cell infiltration. Our study found
that IHGs expression was linked with different levels of immune and
stromal cell infiltration. Further analysis revealed that COL14A1 was
positively correlated with CAF, DCs, Endo, HSC, Macrophage,
Monocyte and Tregs. ITGA10 was positively correlated with CAF,
Endo, HSC, Neutrophil and Tregs. MMP7 was positively correlated
with CAF, DCs, Macrophage and Monocyte. The correlation between
COL17A1 and immune cells was not prominent. In addition, we also
found thatCOL14A1,COL17A1, andMMP7were associated withmore
invasive immune subtypes, including C1, C2, and C6 subtypes. These
results suggest that changes in immune and stromal cell composition

Frontiers in Genetics frontiersin.org15

Fu et al. 10.3389/fgene.2023.1114601

https://www.frontiersin.org/journals/genetics
https://www.frontiersin.org
https://doi.org/10.3389/fgene.2023.1114601


make IHGs have different clinical features and immunotherapy
responses. The relationship between IHGs expression and TME
needs to be further studied at cellular and molecular levels.

We also explored the relationship between IHGs expression and
immune checkpoint, tumor stemness score, TMB, and MSI. The
results showed that IHGs expression was significantly related to
RNAss and DNAss in most tumors. Previous studies have
reported that higher stemness scores are linked with stronger
tumor stem cell dedifferentiation and active biological processes,
suggesting potential targets for chemotherapy drug development in
cancer patients (Malta et al., 2018). IHGs expression level and
immune checkpoint analysis showed that there was significant
correlation between IHGs expression level and immune checkpoint
in different tumors. Previous studies have shown that TMB is a good
biomarker for predicting immunotherapy response in tumor patients
(Goodman et al., 2017; Chan et al., 2019). MSI is also associated with
prognosis, and high MSI indicates better prognosis (Ganesh et al.,
2019). Our study suggested that IHGs expression was significantly
related to TMB and MSI. These results reveal that immunotherapy
may have potential benefits for cancer patients and may also help
clinicians quickly identify patients who respond to immunotherapy.
However, more studies at the molecular level are needed to fully
explain the relationship between IHGs and immune response.

However, our research also has some shortcomings. Firstly, the
biological mechanisms of COL14A1, COL17A1, ITGA10 andMMP7
in IPF and cancer are still unclear. Second, the results of this study
need to be confirmed by relevant animals and human experiments.
In the future research, we will continue to pay attention to the role of
COL14A1, COL17A1, ITGA10 and MMP7 in IPF.

5 Conclusion

In summary, our study shows that BMs and immune disorders
are closely associated with IPF. The IPF risk model based on IHGs
showed that the high expression of COL14A1, COL17A1, ITGA10
and MMP7 was positively related to the risk of IPF. It was further
confirmed that the AUC of the training set was 0.941 and that of the
verification set was 0.917, indicating that COL14A1, COL17A1,
ITGA10 and MMP7 were potential biomarkers for predicting the
risk of IPF. Pan-cancer analysis showed that IHGs were related to
prognosis, immune infiltration and drug sensitivity of cancer
patients, and were expected to become new biomarkers for
cancer patients. However, multicenter, large-scale and prospective
studies are needed to confirm our results before COL14A1,
COL17A1, ITGA10 and MMP7 are applied clinically.

Data availability statement

Publicly available datasets were analyzed in this study. This data
can be found here: The row data included in this study are available
in GEO (https://www.ncbi.nlm.nih.gov/geo/, (accessed on
16 August 2022)) and UCSC Xena (https://xena.ucsc.edu/,
(accessed on 24 June 2022)).

Author contributions

YC designed the study, WY performed the analysis procedures,
BC contributed to the revision of this article, HZ and XW
contributed analysis tools, LC analyzed the results, and CF
contributed to the writing of the manuscript. All authors have
read and agreed to the published version of the manuscript.

Acknowledgments

The author would like to thank Pudan for his valuable advice on
data analysis.

Conflict of interest

The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could be
construed as a potential conflict of interest.

Publisher’s note

All claims expressed in this article are solely those of the authors
and do not necessarily represent those of their affiliated
organizations, or those of the publisher, the editors and the
reviewers. Any product that may be evaluated in this article, or
claim that may be made by its manufacturer, is not guaranteed or
endorsed by the publisher.

Supplementary material

The Supplementary Material for this article can be found online
at: https://www.frontiersin.org/articles/10.3389/fgene.2023.1114601/
full#supplementary-material

References

Achaiah, A., Rathnapala, A., Pereira, A., Bothwell, H., Dwivedi, K., Barker, R., et al.
(2022). Neutrophil lymphocyte ratio as an indicator for disease progression in
Idiopathic Pulmonary Fibrosis. BMJ Open Respir. Res. 9 (1), e001202. doi:10.1136/
bmjresp-2022-001202

Allen, R. J., Guillen-Guio, B., Oldham, J. M., Ma, S. F., Dressen, A., Paynton, M. L.,
et al. (2020). Genome-wide association study of susceptibility to idiopathic pulmonary
fibrosis. Am. J. Respir. Crit. Care Med. 201 (5), 564–574. doi:10.1164/rccm.201905-
1017OC

Ballester, B., Milara, J., and Cortijo, J. (2019). Idiopathic pulmonary fibrosis and lung
cancer: Mechanisms and molecular targets. Int. J. Mol. Sci. 20 (3), 593. doi:10.3390/
ijms20030593

Banerjee, S., Lo, W. C., Majumder, P., Roy, D., Ghorai, M., Shaikh, N. K., et al. (2022).
Multiple roles for basement membrane proteins in cancer progression and EMT. Eur.
J. Cell Biol. 101 (2), 151220. doi:10.1016/j.ejcb.2022.151220

Bargagli, E., Piccioli, C., Rosi, E., Torricelli, E., Turi, L., Piccioli, E., et al. (2019).
Pirfenidone and Nintedanib in idiopathic pulmonary fibrosis: Real-life experience in
an Italian referral centre. Pulmonology 25 (3), 149–153. doi:10.1016/j.pulmoe.2018.
06.003

Bauer, Y., White, E. S., de Bernard, S., Cornelisse, P., Leconte, I., Morganti, A., et al.
(2017). MMP-7 is a predictive biomarker of disease progression in patients with
idiopathic pulmonary fibrosis. ERJ Open Res. 3 (1), 00074. doi:10.1183/23120541.
00074-2016

Frontiers in Genetics frontiersin.org16

Fu et al. 10.3389/fgene.2023.1114601

https://www.ncbi.nlm.nih.gov/geo/
https://xena.ucsc.edu/
https://www.frontiersin.org/articles/10.3389/fgene.2023.1114601/full#supplementary-material
https://www.frontiersin.org/articles/10.3389/fgene.2023.1114601/full#supplementary-material
https://doi.org/10.1136/bmjresp-2022-001202
https://doi.org/10.1136/bmjresp-2022-001202
https://doi.org/10.1164/rccm.201905-1017OC
https://doi.org/10.1164/rccm.201905-1017OC
https://doi.org/10.3390/ijms20030593
https://doi.org/10.3390/ijms20030593
https://doi.org/10.1016/j.ejcb.2022.151220
https://doi.org/10.1016/j.pulmoe.2018.06.003
https://doi.org/10.1016/j.pulmoe.2018.06.003
https://doi.org/10.1183/23120541.00074-2016
https://doi.org/10.1183/23120541.00074-2016
https://www.frontiersin.org/journals/genetics
https://www.frontiersin.org
https://doi.org/10.3389/fgene.2023.1114601


Bengtsson, T., Aszodi, A., Nicolae, C., Hunziker, E. B., Lundgren-Akerlund, E., and
Fässler, R. (2005). Loss of alpha10beta1 integrin expression leads to moderate
dysfunction of growth plate chondrocytes. J. Cell Sci. 118 (5), 929–936. doi:10.1242/
jcs.01678

Biondini, D., Cocconcelli, E., Bernardinello, N., Lorenzoni, G., Rigobello, C., Lococo,
S., et al. (2021). Prognostic role of MUC5B rs35705950 genotype in patients with
idiopathic pulmonary fibrosis (IPF) on antifibrotic treatment. Respir. Res. 22 (1), 98.
doi:10.1186/s12931-021-01694-z

Birjandi, S. Z., Palchevskiy, V., Xue, Y. Y., Nunez, S., Kern, R., Weigt, S. S., et al.
(2016). CD4(+)CD25(hi)Foxp3(+) cells exacerbate bleomycin-induced pulmonary
fibrosis. Am. J. Pathol. 186 (8), 2008–2020. doi:10.1016/j.ajpath.2016.03.020

Boveda-Ruiz, D., D’Alessandro-Gabazza, C. N., Toda, M., Takagi, T., Naito, M.,
Matsushima, Y., et al. (2013). Differential role of regulatory T cells in early and late
stages of pulmonary fibrosis. Immunobiology 218 (2), 245–254. doi:10.1016/j.imbio.
2012.05.020

Camper, L., Hellman, U., and Lundgren-Akerlund, E. (1998). Isolation, cloning, and
sequence analysis of the integrin subunit alph a10, a beta1-associated collagen binding
integrin expressed on chondro cytes. J. Biol. Chem. 273 (32), 20383–20389. doi:10.1074/
jbc.273.32.20383

Chan, T. A., Yarchoan, M., Jaffee, E., Swanton, C., Quezada, S. A., Stenzinger, A., et al.
(2019). Development of tumor mutation burden as an immunotherapy biomarker:
Utility for the oncology clinic. Ann. Oncol. 30 (1), 44–56. doi:10.1093/annonc/mdy495

Chen, H., Qu, J., Huang, X., Kurundkar, A., Zhu, L., Yang, N., et al. (2016).
Mechanosensing by the α6-integrin confers an invasive fibroblast phenotype and
mediates lung fibrosis. Nat. Commun. 7, 12564. doi:10.1038/ncomms12564

Collins, S. L., Chan-Li, Y., Hallowell, R. W., Powell, J. D., and Horton, M. R. (2012).
Pulmonary vaccination as a novel treatment for lung fibrosis. PLoS One 7 (2), e31299.
doi:10.1371/journal.pone.0031299

Drakopanagiotakis, F., Wujak, L., Wygrecka, M., and Markart, P. (2018). Biomarkers
in idiopathic pulmonary fibrosis. Matrix Biol. 68-69, 404–421. doi:10.1016/j.matbio.
2018.01.023

Elowsson Rendin, L., Löfdahl, A., Åhrman, E., Müller, C., Notermans, T.,
Michaliková, B., et al. (2019). Matrisome properties of scaffolds direct fibroblasts in
idiopathic pulmonary fibrosis. Int. J. Mol. Sci. 20 (16), 4013. doi:10.3390/ijms20164013

Fujishima, S., Shiomi, T., Yamashita, S., Yogo, Y., Nakano, Y., Inoue, T., et al. (2010).
Production and activation of matrix metalloproteinase 7 (matrilysin 1) in the lungs of
patients with idiopathic pulmonary fibrosis.Arch. Pathol. Lab. Med. 134 (8), 1136–1142.
doi:10.5858/2009-0144-OA.1

Ganesh, K., Stadler, Z. K., Cercek, A., Mendelsohn, R. B., Shia, J., Segal, N. H., et al.
(2019). Immunotherapy in colorectal cancer: Rationale, challenges and potential. Nat.
Rev. Gastroenterol. Hepatol. 16 (6), 361–375. doi:10.1038/s41575-019-0126-x

Goodman, A. M., Kato, S., Bazhenova, L., Patel, S. P., Frampton, G. M., Miller, V.,
et al. (2017). Tumor mutational burden as an independent predictor of response to
immunotherapy in diverse cancers.Mol. Cancer Ther. 16 (11), 2598–2608. doi:10.1158/
1535-7163.MCT-17-0386

Goto, R., Nakamura, Y., Takami, T., Sanke, T., and Tozuka, Z. (2015). Quantitative
LC-MS/MS analysis of proteins involved in metastasis of B reast cancer. PloS one 10 (7),
e0130760. doi:10.1371/journal.pone.0130760

Gregory, A. D., Kliment, C. R., Metz, H. E., Kim, K. H., Kargl, J., Agostini, B. A., et al.
(2015). Neutrophil elastase promotes myofibroblast differentiation in lung fibrosis.
J. Leukoc. Biol. 98 (2), 143–152. doi:10.1189/jlb.3HI1014-493R

Gryfe, R., Kim, H., Hsieh, E. T., Aronson, M. D., Holowaty, E. J., Bull, S. B., et al.
(2000). Tumor microsatellite instability and clinical outcome in young patients with
colorectal cancer. N. Engl. J. Med. 342 (2), 69–77. doi:10.1056/NEJM200001133420201

Gschwandtner, M., Strutzmann, E., Teixeira, M. M., Anders, H. J., Diedrichs-
Möhring, M., Gerlza, T., et al. (2017). Glycosaminoglycans are important mediators
of neutrophilic inflammation in vivo. Cytokine 91, 65–73. doi:10.1016/j.cyto.2016.
12.008

Guay, S. P., Brisson, D., Mathieu, P., Bossé, Y., Gaudet, D., and Bouchard, L.
(2015). A study in familial hypercholesterolemia suggests reduced methylomic
plasticity in men with coronary artery disease. Epigenomics 7 (1), 17–34. doi:10.
2217/epi.14.64

Hamai, K., Iwamoto, H., Ishikawa, N., Horimasu, Y., Masuda, T., Miyamoto, S., et al.
(2016). Comparative study of circulating MMP-7, CCL18, KL-6, SP-A, and SP-D as
disease markers of idiopathic pulmonary fibrosis. Dis. Markers 2016, 4759040. doi:10.
1155/2016/4759040

Heukels, P., van Hulst, J. A. C., van Nimwegen, M., Boorsma, C. E., Melgert, B. N., von
der Thusen, J. H., et al. (2019). Enhanced Bruton’s tyrosine kinase in B-cells and
autoreactive IgA in patients with idiopathic pulmonary fibrosis. Respir. Res. 20 (1), 232.
doi:10.1186/s12931-019-1195-7

Hewlett, J. C., Kropski, J. A., and Blackwell, T. S. (2018). Idiopathic pulmonary
fibrosis: Epithelial-mesenchymal interactions and emerging therapeutic targets. Matrix
Biol. 71-72, 112–127. doi:10.1016/j.matbio.2018.03.021

Horton, W. B., and Barrett, E. J. (2021). Microvascular dysfunction in diabetes
mellitus and cardiometabolic disease. Endocr. Rev. 42 (1), 29–55. doi:10.1210/endrev/
bnaa025

Hou, J., Shi, J., Chen, L., Lv, Z., Chen, X., Cao, H., et al. (2018). M2 macrophages
promote myofibroblast differentiation of LR-MSCs and are associated with pulmonary
fibrogenesis. Cell Commun. Signal 16 (1), 89. doi:10.1186/s12964-018-0300-8

Huang, W. L., Wu, S. F., Huang, X., and Zhou, S. (2022). Integrated analysis of
ECT2 and COL17A1 as potential biomarkers for pancreatic cancer. Dis. Markers 2022,
9453549. doi:10.1155/2022/9453549

Huang, X., Xiu, H., Zhang, S., and Zhang, G. (2018). The role of macrophages in the
pathogenesis of ALI/ARDS. Mediat. Inflamm. 2018, 1264913. doi:10.1155/2018/
1264913

Jara, P., Calyeca, J., Romero, Y., Plácido, L., Yu, G., Kaminski, N., et al. (2015). Matrix
metalloproteinase (MMP)-19-deficient fibroblasts display a profibrotic phenotype. Am.
J. Physiol. Lung Cell Mol. Physiol. 308 (6), L511–L522. doi:10.1152/ajplung.00043.2014

Jayadev, R., Morais, M., Ellingford, J. M., Srinivasan, S., Naylor, R. W., Lawless, C.,
et al. (2022). A basement membrane discovery pipeline uncovers network complexity,
regulators, and human disease associations. Sci. Adv. 8 (20), eabn2265. doi:10.1126/
sciadv.abn2265

Jiang, Y., Chen, F., Ren, X., Yang, Y., Luo, J., Yuan, J., et al. (2022). RNA-binding
protein COL14A1, TNS1, NUSAP1 and YWHAE are valid biomarkers to predict
peritoneal metastasis in gastric cancer. Front. Oncol. 12, 830688. doi:10.3389/fonc.2022.
830688

Khan, F. A., Stewart, I., Saini, G., Robinson, K. A., and Jenkins, R. G. (2022). A
systematic review of blood biomarkers with individual participant data meta-analysis of
matrix metalloproteinase-7 in idiopathic pulmonary fibrosis. Eur. Respir. J. 59 (4),
2101612. doi:10.1183/13993003.01612-2021

King, T. E., Jr., Bradford, W. Z., Castro-Bernardini, S., Fagan, E. A., Glaspole, I.,
Glassberg, M. K., et al. (2014). A phase 3 trial of pirfenidone in patients with idiopathic
pulmonary fibrosis. N. Engl. J. Med. 370 (22), 2083–2092. doi:10.1056/NEJMoa1402582

Kiyokawa, H., and Morimoto, M. (2020). Notch signaling in the mammalian
respiratory system, specifically the trachea and lungs, in development, homeostasis,
regeneration, and disease. Dev. Growth Differ. 62 (1), 67–79. doi:10.1111/dgd.12628

Kondoh, Y., Suda, T., Hongo, Y., Yoshida, M., Hiroi, S., Iwasaki, K., et al. (2022).
Prevalence of idiopathic pulmonary fibrosis in Japan based on a claims database
analysis. Respir. Res. 23 (1), 24. doi:10.1186/s12931-022-01938-6

Kotsianidis, I., Nakou, E., Bouchliou, I., Tzouvelekis, A., Spanoudakis, E.,
Steiropoulos, P., et al. (2009). Global impairment of CD4+CD25+FOXP3+
regulatory T cells in idiopathic pulmonary fibrosis. Am. J. Respir. Crit. Care Med.
179 (12), 1121–1130. doi:10.1164/rccm.200812-1936OC

Kozawa, K., Sekai, M., Ohba, K., Ito, S., Sako, H., Maruyama, T., et al. (2021). The
CD44/COL17A1 pathway promotes the formation of multilayered, transformed
epithelia. Curr. Biol. 31 (14), 3086–3097.e7. doi:10.1016/j.cub.2021.04.078

Kruegel, J., and Miosge, N. (2010). Basement membrane components are key players
in specialized extracellular matrices. Cell Mol. Life Sci. 67 (17), 2879–2895. doi:10.1007/
s00018-010-0367-x

Kyprianou, C., Christodoulou, N., Hamilton, R. S., Nahaboo, W., Boomgaard, D. S.,
Amadei, G., et al. (2020). Basement membrane remodelling regulates mouse
embryogenesis. Nature 582 (7811), 253–258. doi:10.1038/s41586-020-2264-2

Lee, K. H., Shin, S. J., Kim, K. O., Kim, M. K., Hyun, M. S., Kim, T. N., et al. (2006).
Relationship between E-cadherin, matrix metalloproteinase-7 gene expression and
clinicopathological features in gastric carcinoma. Oncol. Rep. 16 (4), 823–830.
doi:10.3892/or.16.4.823

Li, H., Shen, X., Ma, M., Liu, W., Yang, W., Wang, P., et al. (2021). ZIP10 drives
osteosarcoma proliferation and chemoresistance through ITGA10-mediated activation
of the PI3K/AKT pathway. J. Exp. Clin. Cancer Res. 40 (1), 340. doi:10.1186/s13046-021-
02146-8

Liao, H. Y., Da, C. M., Liao, B., and Zhang, H. H. (2021). Roles of matrix
metalloproteinase-7 (MMP-7) in cancer. Clin. Biochem. 92, 9–18. doi:10.1016/j.
clinbiochem.2021.03.003

Lindgren, O., Le Menn, G., Tuusa, J., Chen, Z. J., Tasanen, K., and Kokkonen, N.
(2023). Absence of NC14A domain of COLXVII/BP180 in mice results in IL-17‒
associated skin inflammation. J. Invest. Dermatol 143 (1), 48–56.e7. doi:10.1016/j.jid.
2022.07.019

Lo Re, S., Lecocq, M., Uwambayinema, F., Yakoub, Y., Delos, M., Demoulin, J. B., et al.
(2011). Platelet-derived growth factor-producing CD4+ Foxp3+ regulatory T
lymphocytes promote lung fibrosis. Am. J. Respir. Crit. Care Med. 184 (11),
1270–1281. doi:10.1164/rccm.201103-0516OC

Lothong, M., Sakares, W., Rojsitthisak, P., Tanikawa, C., Matsuda, K., and Yodsurang,
V. (2021). Collagen XVII inhibits breast cancer cell proliferation and growth through
deactivation of the AKT/mTOR signaling pathway. PLoS One 16 (7), e0255179. doi:10.
1371/journal.pone.0255179

Luo, Y., Yi, H., Huang, X., Lin, G., Kuang, Y., Guo, Y., et al. (2021). Inhibition of
macrophage migration inhibitory factor (MIF) as a therapeutic target in bleomycin-
induced pulmonary fibrosis rats. Am. J. Physiol. Lung Cell Mol. Physiol. 321 (1), L6–l16.
doi:10.1152/ajplung.00288.2020

Mahalanobish, S., Saha, S., Dutta, S., and Sil, P. C. (2020). Matrix metalloproteinase:
An upcoming therapeutic approach for idiopathic pulmonary fibrosis. Pharmacol. Res.
152, 104591. doi:10.1016/j.phrs.2019.104591

Frontiers in Genetics frontiersin.org17

Fu et al. 10.3389/fgene.2023.1114601

https://doi.org/10.1242/jcs.01678
https://doi.org/10.1242/jcs.01678
https://doi.org/10.1186/s12931-021-01694-z
https://doi.org/10.1016/j.ajpath.2016.03.020
https://doi.org/10.1016/j.imbio.2012.05.020
https://doi.org/10.1016/j.imbio.2012.05.020
https://doi.org/10.1074/jbc.273.32.20383
https://doi.org/10.1074/jbc.273.32.20383
https://doi.org/10.1093/annonc/mdy495
https://doi.org/10.1038/ncomms12564
https://doi.org/10.1371/journal.pone.0031299
https://doi.org/10.1016/j.matbio.2018.01.023
https://doi.org/10.1016/j.matbio.2018.01.023
https://doi.org/10.3390/ijms20164013
https://doi.org/10.5858/2009-0144-OA.1
https://doi.org/10.1038/s41575-019-0126-x
https://doi.org/10.1158/1535-7163.MCT-17-0386
https://doi.org/10.1158/1535-7163.MCT-17-0386
https://doi.org/10.1371/journal.pone.0130760
https://doi.org/10.1189/jlb.3HI1014-493R
https://doi.org/10.1056/NEJM200001133420201
https://doi.org/10.1016/j.cyto.2016.12.008
https://doi.org/10.1016/j.cyto.2016.12.008
https://doi.org/10.2217/epi.14.64
https://doi.org/10.2217/epi.14.64
https://doi.org/10.1155/2016/4759040
https://doi.org/10.1155/2016/4759040
https://doi.org/10.1186/s12931-019-1195-7
https://doi.org/10.1016/j.matbio.2018.03.021
https://doi.org/10.1210/endrev/bnaa025
https://doi.org/10.1210/endrev/bnaa025
https://doi.org/10.1186/s12964-018-0300-8
https://doi.org/10.1155/2022/9453549
https://doi.org/10.1155/2018/1264913
https://doi.org/10.1155/2018/1264913
https://doi.org/10.1152/ajplung.00043.2014
https://doi.org/10.1126/sciadv.abn2265
https://doi.org/10.1126/sciadv.abn2265
https://doi.org/10.3389/fonc.2022.830688
https://doi.org/10.3389/fonc.2022.830688
https://doi.org/10.1183/13993003.01612-2021
https://doi.org/10.1056/NEJMoa1402582
https://doi.org/10.1111/dgd.12628
https://doi.org/10.1186/s12931-022-01938-6
https://doi.org/10.1164/rccm.200812-1936OC
https://doi.org/10.1016/j.cub.2021.04.078
https://doi.org/10.1007/s00018-010-0367-x
https://doi.org/10.1007/s00018-010-0367-x
https://doi.org/10.1038/s41586-020-2264-2
https://doi.org/10.3892/or.16.4.823
https://doi.org/10.1186/s13046-021-02146-8
https://doi.org/10.1186/s13046-021-02146-8
https://doi.org/10.1016/j.clinbiochem.2021.03.003
https://doi.org/10.1016/j.clinbiochem.2021.03.003
https://doi.org/10.1016/j.jid.2022.07.019
https://doi.org/10.1016/j.jid.2022.07.019
https://doi.org/10.1164/rccm.201103-0516OC
https://doi.org/10.1371/journal.pone.0255179
https://doi.org/10.1371/journal.pone.0255179
https://doi.org/10.1152/ajplung.00288.2020
https://doi.org/10.1016/j.phrs.2019.104591
https://www.frontiersin.org/journals/genetics
https://www.frontiersin.org
https://doi.org/10.3389/fgene.2023.1114601


Maher, T.M., Bendstrup, E., Dron, L., Langley, J., Smith, G., Khalid, J. M., et al. (2021).
Global incidence and prevalence of idiopathic pulmonary fibrosis. Respir. Res. 22 (1),
197. doi:10.1186/s12931-021-01791-z

Mak, K. M., and Mei, R. (2017). Basement membrane type IV collagen and laminin:
An overview of their biology and value as fibrosis biomarkers of liver disease. Anat. Rec.
Hob. 300 (8), 1371–1390. doi:10.1002/ar.23567

Malta, T. M., Sokolov, A., Gentles, A. J., Burzykowski, T., Poisson, L., Weinstein, J. N.,
et al. (2018). Machine learning identifies stemness features associated with oncogenic
dedifferentiation. Cell 173 (2), 338–354.e15. doi:10.1016/j.cell.2018.03.034

Matsuhira, T., Nishiyama, O., Tabata, Y., Kaji, C., Kubota-Ishida, N., Chiba, Y., et al.
(2020). A novel phosphodiesterase 4 inhibitor, AA6216, reduces macrophage activity
and fibrosis in the lung. Eur. J. Pharmacol. 885, 173508. doi:10.1016/j.ejphar.2020.
173508

Mertens-Walker, I., Fernandini, B. C., Maharaj, M. S. N., Rockstroh, A., Nelson, C. C.,
Herington, A. C., et al. (2015). The tumour-promoting receptor tyrosine kinase, EphB4,
regulates expres sion of integrin-β8 in prostate cancer cells. BMC cancer 15, 164. doi:10.
1186/s12885-015-1164-6

Morris, M. R., Ricketts, C., Gentle, D., Abdulrahman, M., Clarke, N., Brown, M., et al.
(2010). Identification of candidate tumour suppressor genes frequently methylated in
renal cell carcinoma. Oncogene 29 (14), 2104–2117. doi:10.1038/onc.2009.493

Nakagawa, H., Takano, K., and Kuzumaki, H. (1999). A 16-kDa fragment of collagen
type XIV is a novel neutrophil chemotactic factor purified from rat granulation tissue.
Biochem. Biophys. Res. Commun. 256 (3), 642–645. doi:10.1006/bbrc.1999.0393

Natsuga, K., Watanabe, M., Nishie, W., and Shimizu, H. (2019). Life before and
beyond blistering: The role of collagen XVII in epidermal physiology. Exp. Dermatol 28
(10), 1135–1141. doi:10.1111/exd.13550

Nishie, W. (2020). Collagen XVII processing and blistering skin diseases. Acta Derm.
Venereol. 100 (5), adv00054. doi:10.2340/00015555-3399

Niu, J., Li, X.M.,Wang, X., Liang, C., Zhang, Y. D., Li, H. Y., et al. (2019). DKK1 inhibits
breast cancer cell migration and invasion through suppression of β-catenin/
MMP7 signaling pathway. Cancer Cell Int. 19, 168. doi:10.1186/s12935-019-0883-1

Okada, T., Lee, A. Y., Qin, L. X., Agaram, N., Mimae, T., Shen, Y., et al. (2016).
Integrin-α10 dependency identifies RAC and RICTOR as therapeutic targets in high-
grade myxofibrosarcoma. Cancer Discov. 6 (10), 1148–1165. doi:10.1158/2159-8290.
CD-15-1481

Peljto, A. L., Zhang, Y., Fingerlin, T. E., Ma, S. F., Garcia, J. G., Richards, T. J., et al.
(2013). Association between the MUC5B promoter polymorphism and survival in
patients with idiopathic pulmonary fibrosis. Jama 309 (21), 2232–2239. doi:10.1001/
jama.2013.5827

Peng, X., Moore, M. W., Peng, H., Sun, H., Gan, Y., Homer, R. J., et al. (2014).
CD4+CD25+FoxP3+ Regulatory Tregs inhibit fibrocyte recruitment and fibrosis via
suppression of FGF-9 production in the TGF-β1 exposed murine lung. Front.
Pharmacol. 5, 80. doi:10.3389/fphar.2014.00080

Raghu, G., Richeldi, L., Jagerschmidt, A., Martin, V., Subramaniam, A., Ozoux, M. L.,
et al. (2018). Idiopathic pulmonary fibrosis: Prospective, case-controlled study of
natural history and circulating biomarkers. Chest 154 (6), 1359–1370. doi:10.1016/j.
chest.2018.08.1083

Richeldi, L., Collard, H. R., and Jones, M. G. (2017). Idiopathic pulmonary fibrosis.
Lancet 389 (10082), 1941–1952. doi:10.1016/S0140-6736(17)30866-8

Richeldi, L., du Bois, R. M., Raghu, G., Azuma, A., Brown, K. K., Costabel, U., et al.
(2014). Efficacy and safety of nintedanib in idiopathic pulmonary fibrosis. N. Engl.
J. Med. 370 (22), 2071–2082. doi:10.1056/NEJMoa1402584

Rousselle, P., Montmasson, M., and Garnier, C. (2019). Extracellular matrix
contribution to skin wound re-epithelialization. Matrix Biol. 75-76, 12–26. doi:10.
1016/j.matbio.2018.01.002

Saftencu, M., Braicu, C., Cojocneanu, R., Buse, M., Irimie, A., Piciu, D., et al. (2019).
Gene expression patterns unveil new insights in papillary thyroid cancer.Med. Kaunas.
55 (8), 500. doi:10.3390/medicina55080500

Samstein, R. M., Lee, C. H., Shoushtari, A. N., Hellmann, M. D., Shen, R., Janjigian, Y.
Y., et al. (2019). Tumor mutational load predicts survival after immunotherapy across
multiple cancer types. Nat. Genet. 51 (2), 202–206. doi:10.1038/s41588-018-0312-8

Sanli, M., Akar, E., Pehlivan, S., Bakır, K., Tuncozgur, B., Isik, A. F., et al. (2013). The
relationship of metalloproteinase gene polymorphisms and lung cancer. J. Surg. Res. 183
(2), 517–523. doi:10.1016/j.jss.2013.01.045

Schuppan, D., Cantaluppi, M. C., Becker, J., Veit, A., Bunte, T., Troyer, D., et al.
(1990). Undulin, an extracellular matrix glycoprotein associated with collagen fibrils.
J. Biol. Chem. 265 (15), 8823–8832. doi:10.1016/s0021-9258(19)38962-8

Shapouri-Moghaddam, A., Mohammadian, S., Vazini, H., Taghadosi, M., Esmaeili, S.
A., Mardani, F., et al. (2018). Macrophage plasticity, polarization, and function in health
and disease. J. Cell Physiol. 233 (9), 6425–6440. doi:10.1002/jcp.26429

Song, J. W., Do, K. H., Jang, S. J., Colby, T. V., Han, S., and Kim, D. S. (2013). Blood
biomarkers MMP-7 and SP-A: Predictors of outcome in idiopathic pulmonary fibrosis.
Chest 143 (5), 1422–1429. doi:10.1378/chest.11-2735

Strieter, R. M., and Mehrad, B. (2009). New mechanisms of pulmonary fibrosis. Chest
136 (5), 1364–1370. doi:10.1378/chest.09-0510

Su, Y.-J., Lin, W.-H., Chang, Y.-W., Wei, K.-C., Liang, C.-L., Chen, S.-C., et al. (2015).
Polarized cell migration induces cancer type-specific CD133/integrin/S rc/Akt/GSK3β/
β-catenin signaling required for maintenance of cancer st em cell properties. Oncotarget
6 (35), 38029–38045. doi:10.18632/oncotarget.5703

Sun, M., Chen, Y., Liu, X., and Cui, Y. (2021). LncRNACASC9 promotes proliferation,
metastasis, and cell cycle inovarian carcinoma cells through cyclinG1/TP53/
MMP7 signaling. Bioengineered 12 (1), 8006–8019. doi:10.1080/21655979.2021.
1981795

Tabuena, R. P., Nagai, S., Tsutsumi, T., Handa, T., Minoru, T., Mikuniya, T., et al.
(2005). Cell profiles of bronchoalveolar lavage fluid as prognosticators of idiopathic
pulmonary fibrosis/usual interstitial pneumonia among Japanese Patients. Respiration
72 (5), 490–498. doi:10.1159/000087673

Tamborero, D., Rubio-Perez, C., Muiños, F., Sabarinathan, R., Piulats, J. M.,
Muntasell, A., et al. (2018). A pan-cancer landscape of interactions between solid
tumors and infiltrating immune cell populations. Clin. Cancer Res. 24 (15), 3717–3728.
doi:10.1158/1078-0432.CCR-17-3509

Thangavelu, P. U., Krenács, T., Dray, E., and Duijf, P. H. (2016). In epithelial cancers,
aberrant COL17A1 promoter methylation predicts its misexpression and increased
invasion. Clin. Epigenetics 8, 120. doi:10.1186/s13148-016-0290-6

Tzouvelekis, A., Gomatou, G., Bouros, E., Trigidou, R., Tzilas, V., and Bouros, D.
(2019). Common pathogenic mechanisms between idiopathic pulmonary fibrosis and
lung cancer. Chest 156 (2), 383–391. doi:10.1016/j.chest.2019.04.114

van der Velden, J. L., Ye, Y., Nolin, J. D., Hoffman, S. M., Chapman, D. G., Lahue, K.
G., et al. (2016). JNK inhibition reduces lung remodeling and pulmonary fibrotic
systemic markers. Clin. Transl. Med. 5 (1), 36. doi:10.1186/s40169-016-0117-2

Van Doren, S. R. (2022). MMP-7 marks severe pancreatic cancer and alters tumor cell
signaling by proteolytic release of ectodomains. Biochem. Soc. Trans. 50 (2), 839–851.
doi:10.1042/BST20210640

Vracko, R. (1974). Basal lamina scaffold-anatomy and significance for maintenance of
orderly tissue structure. Am. J. Pathol. 77 (2), 314–346.

Warheit-Niemi, H. I., Edwards, S. J., SenGupta, S., Parent, C. A., Zhou, X., O’Dwyer,
D. N., et al. (2022). Fibrotic lung disease inhibits immune responses to staphylococcal
pneumonia via impaired neutrophil and macrophage function. JCI Insight 7 (4),
e152690. doi:10.1172/jci.insight.152690

Weis-Müller, B. T., Modlich, O., Drobinskaya, I., Unay, D., Huber, R., Bojar, H., et al.
(2006). Gene expression in acute stanford type A dissection: A comparative microarray
study. J. Transl. Med. 4, 29. doi:10.1186/1479-5876-4-29

West, J. B., and Mathieu-Costello, O. (1999). Structure, strength, failure, and
remodeling of the pulmonary blood-gas barrier. Annu. Rev. Physiol. 61, 543–572.
doi:10.1146/annurev.physiol.61.1.543

Wilson, S. E. (2020). Corneal wound healing. Exp. Eye Res. 197, 108089. doi:10.1016/j.
exer.2020.108089

Wilson, S. E. (2022). Fibrosis is a basement membrane-related disease in the cornea:
Injury and defective regeneration of basement membranes may underlie fibrosis in
other organs. Cells 11 (2), 309. doi:10.3390/cells11020309

Wolters, P. J., Collard, H. R., and Jones, K. D. (2014). Pathogenesis of idiopathic
pulmonary fibrosis. Annu. Rev. Pathol. 9, 157–179. doi:10.1146/annurev-pathol-
012513-104706

Wynn, T. A., and Vannella, K. M. (2016). Macrophages in tissue repair, regeneration,
and fibrosis. Immunity 44 (3), 450–462. doi:10.1016/j.immuni.2016.02.015

Xiong, S., Guo, R., Yang, Z., Xu, L., Du, L., Li, R., et al. (2015). Treg depletion
attenuates irradiation-induced pulmonary fibrosis by reducing fibrocyte accumulation,
inducing Th17 response, and shifting IFN-γ, IL-12/IL-4, IL-5 balance. Immunobiology
220 (11), 1284–1291. doi:10.1016/j.imbio.2015.07.001

Xu, F., Tanabe, N., Vasilescu, D.M., McDonough, J. E., Coxson, H. O., Ikezoe, K., et al.
(2021). The transition from normal lung anatomy to minimal and established fibrosis in
idiopathic pulmonary fibrosis (IPF). EBioMedicine 66, 103325. doi:10.1016/j.ebiom.
2021.103325

Yang, D., Xu, P., Su, H., Zhong, W., Xu, J., Su, Z., et al. (2022). The histone
methyltransferase DOT1L is a new epigenetic regulator of pulmonary fibrosis. Cell
Death Dis. 13 (1), 60. doi:10.1038/s41419-021-04365-5

Yodsurang, V., Tanikawa, C., Miyamoto, T., Lo, P. H. Y., Hirata, M., and Matsuda, K.
(2017). Identification of a novel p53 target, COL17A1, that inhibits breast cancer cell
migration and invasion. Oncotarget 8 (34), 55790–55803. doi:10.18632/oncotarget.
18433

Yuan, S., Lin, L. S., Gan, R. H., Huang, L., Wu, X. T., Zhao, Y., et al. (2020). Elevated
matrix metalloproteinase 7 expression promotes the proliferation, motility and
metastasis of tongue squamous cell carcinoma. BMC Cancer 20 (1), 33. doi:10.1186/
s12885-020-6521-4

Zolak, J. S., and de Andrade, J. A. (2012). Idiopathic pulmonary fibrosis. Immunol.
Allergy Clin. North Am. 32 (4), 473–485. doi:10.1016/j.iac.2012.08.006

Zuo, F., Kaminski, N., Eugui, E., Allard, J., Yakhini, Z., Ben-Dor, A., et al. (2002). Gene
expression analysis reveals matrilysin as a key regulator of pulmonary fibrosis in mice
and humans. Proc. Natl. Acad. Sci. U. S. A. 99 (9), 6292–6297. doi:10.1073/pnas.
092134099

Frontiers in Genetics frontiersin.org18

Fu et al. 10.3389/fgene.2023.1114601

https://doi.org/10.1186/s12931-021-01791-z
https://doi.org/10.1002/ar.23567
https://doi.org/10.1016/j.cell.2018.03.034
https://doi.org/10.1016/j.ejphar.2020.173508
https://doi.org/10.1016/j.ejphar.2020.173508
https://doi.org/10.1186/s12885-015-1164-6
https://doi.org/10.1186/s12885-015-1164-6
https://doi.org/10.1038/onc.2009.493
https://doi.org/10.1006/bbrc.1999.0393
https://doi.org/10.1111/exd.13550
https://doi.org/10.2340/00015555-3399
https://doi.org/10.1186/s12935-019-0883-1
https://doi.org/10.1158/2159-8290.CD-15-1481
https://doi.org/10.1158/2159-8290.CD-15-1481
https://doi.org/10.1001/jama.2013.5827
https://doi.org/10.1001/jama.2013.5827
https://doi.org/10.3389/fphar.2014.00080
https://doi.org/10.1016/j.chest.2018.08.1083
https://doi.org/10.1016/j.chest.2018.08.1083
https://doi.org/10.1016/S0140-6736(17)30866-8
https://doi.org/10.1056/NEJMoa1402584
https://doi.org/10.1016/j.matbio.2018.01.002
https://doi.org/10.1016/j.matbio.2018.01.002
https://doi.org/10.3390/medicina55080500
https://doi.org/10.1038/s41588-018-0312-8
https://doi.org/10.1016/j.jss.2013.01.045
https://doi.org/10.1016/s0021-9258(19)38962-8
https://doi.org/10.1002/jcp.26429
https://doi.org/10.1378/chest.11-2735
https://doi.org/10.1378/chest.09-0510
https://doi.org/10.18632/oncotarget.5703
https://doi.org/10.1080/21655979.2021.1981795
https://doi.org/10.1080/21655979.2021.1981795
https://doi.org/10.1159/000087673
https://doi.org/10.1158/1078-0432.CCR-17-3509
https://doi.org/10.1186/s13148-016-0290-6
https://doi.org/10.1016/j.chest.2019.04.114
https://doi.org/10.1186/s40169-016-0117-2
https://doi.org/10.1042/BST20210640
https://doi.org/10.1172/jci.insight.152690
https://doi.org/10.1186/1479-5876-4-29
https://doi.org/10.1146/annurev.physiol.61.1.543
https://doi.org/10.1016/j.exer.2020.108089
https://doi.org/10.1016/j.exer.2020.108089
https://doi.org/10.3390/cells11020309
https://doi.org/10.1146/annurev-pathol-012513-104706
https://doi.org/10.1146/annurev-pathol-012513-104706
https://doi.org/10.1016/j.immuni.2016.02.015
https://doi.org/10.1016/j.imbio.2015.07.001
https://doi.org/10.1016/j.ebiom.2021.103325
https://doi.org/10.1016/j.ebiom.2021.103325
https://doi.org/10.1038/s41419-021-04365-5
https://doi.org/10.18632/oncotarget.18433
https://doi.org/10.18632/oncotarget.18433
https://doi.org/10.1186/s12885-020-6521-4
https://doi.org/10.1186/s12885-020-6521-4
https://doi.org/10.1016/j.iac.2012.08.006
https://doi.org/10.1073/pnas.092134099
https://doi.org/10.1073/pnas.092134099
https://www.frontiersin.org/journals/genetics
https://www.frontiersin.org
https://doi.org/10.3389/fgene.2023.1114601

	Identification of immune biomarkers associated with basement membranes in idiopathic pulmonary fibrosis and their pan-cance ...
	1 Introduction
	2 Materials and methods
	2.1 Data download and processing
	2.2 Identification of differentially expressed genes in BMs
	2.3 Protein–protein interaction (PPI) and enrichment analysis of BMDEGs
	2.4 Three machine learning algorithms for screening disease candidate genes
	2.5 Validation of disease candidate genes
	2.6 Analysis of immune infiltration
	2.7 Establishment and validation of IHGs risk model
	2.8 Differential analysis of IHGs in human cancer
	2.9 Survival analysis of IHGs in pan-cancer
	2.10 Mutation analysis of IHGs in pan-cancer
	2.11 Tumor microenvironment (TME) and tumor stemness analysis
	2.12 Immune analysis of IHGs in pan-cancer
	2.13 Enrichment analysis
	2.14 Drug sensitivity analysis of IHGs in pan-cancer
	2.15 Statistical analysis

	3 Results
	3.1 Screening for BMDEGs of IPF
	3.2 Protein interaction network and enrichment analyses of BMDEGs
	3.3 Screening and validation for IPF diagnostic markers
	3.4 Immune infiltration analysis and IHGs screening
	3.5 Construction and validation of IPF risk model
	3.6 The expression level of IHGs in pan-cancer
	3.7 Pan-cancer survival analysis of IHGs
	3.8 Correlation of IHGs expression with TME and tumor stemness
	3.9 Correlation of IHGs expression with immune subtype and immune checkpoints
	3.10 Immune cell infiltration analysis of IHGs in pan-cancer
	3.11 TMB and MSI analysis of IHGs in human cancers
	3.12 Functional enrichiment analysis of IHGs in pan-cancer
	3.13 Drug response analysis of IHGs

	4 Discussion
	5 Conclusion
	Data availability statement
	Author contributions
	Acknowledgments
	Conflict of interest
	Publisher’s note
	Supplementary material
	References


