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Physical activity (PA) promotes neurogenesis and has neuroprotective effects on the brain, bolstering the structural and functional resources necessary for improved cognitive functioning. Intraindividual variability (IIV) in cognitive performance is linked to neuropsychological structure and functional ability. Despite evidence of the neurogenerative and neuroprotective effects of PA, limited investigation into the link between PA and IIV has been conducted. Across three studies we investigate the effect of PA on IIV in reaction time (RT) on three modified Flanker Tasks. The International PA Questionnaire was used to evaluate PA while the Attention Network Test (ANT) and two additional modified Flanker Tasks were used to assess executive control and attentional performance. RT coefficients of variation (RTCV) were calculated for each participant by dividing the standard deviation by the mean RT for each stimuli condition. Analysis revealed that basic RT was not associated with PA nor was PA predictive of IIV on the modified Flanker Tasks. However, three consistent findings emerged from analysis of the ANT. First, RTCV and moderate PA were positively related, such that more self-reported moderate PA was associated with greater IIV. Conversely, RTCV and vigorous PA were negatively related. Finally, when controlling for the effects of PA on IIV in young adults, variability decreases as age increases. In sum, PA is predictive of IIV on attentional and executive control tasks in young adults, though only at particular intensities and on certain tasks, indicating that task type and cognitive load are important determinants of the relationship between PA and cognitive performance. These findings are consistent with prior literature that suggests that the role of PA in young adults is reliant on specific interventions and measures in order to detect effects more readily found in adolescent and aging populations.
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INTRODUCTION

The enhancement of cognitive performance resulting from increased physical activity (PA) has been recognized for nearly five decades (Spirduso, 1975), and speculated for even longer (e.g., Burpee and Stroll, 1936; Pierson and Montoye, 1958). It is generally understood that physically active individuals, relative to their sedentary peers, demonstrate improved cognitive functioning on a multitude of cognitive tasks. However, research in young adult populations has been more equivocal. Combined evidence from studies investigating PA effects on cognitive functioning across the human lifespan suggests that these positive effects become stronger and more pronounced in the developing and aging brain, while those same effects are diminished or less robust in young adult populations (Voss et al., 2011; Hötting and Röder, 2013). Commonly utilized measures of executive control may not be sensitive enough to the neurological structural and functional alterations resulting from PA in young adult brains, which in turn may be contributing to the ambiguous findings. In this study we investigate whether within-subject reaction time (RT) variability in executive control, a relatively novel measure of cognitive performance within the PA-cognition literature, is responsive to PA levels in young adults and whether it may therefore provide evidence for the benefits of PA on cognitive function in this population.

Intense research effort has been placed on understanding the relationship between PA and cognitive function. Meta-analyses have demonstrated that a general positive association between increased PA and improved cognitive performance emerges in adult populations. For example, researchers have shown that PA habits that persist for longer than 12 months are related to improved executive control, memory, and processing speed in young to middle aged adults (Cox et al., 2016), while aerobic PA interventions of greater than 1 month have been associated with improved attentional and processing RT, executive control, and working memory in adult populations (Smith et al., 2010). Additionally, acute PA interventions, those occurring immediately preceding cognitive assessment, have been shown to benefit choice RT, executive control, and memory in young adults (Chang et al., 2012). Nevertheless, research has not universally endorsed PA as an effective intervention for enhancing cognitive performance, particularly for young adults (Etnier et al., 2006; Voss et al., 2011; Verburgh et al., 2014; Cox et al., 2016; Erickson et al., 2019).

Difficulties associated with eliciting and detecting effects of PA on cognition in young adults have led some to conclude that, while there are still positive effects, these effects are smaller and more sensitive to experimental characteristics (Guiney and Machado, 2013; Loprinzi and Kane, 2015). Others have gone further, suggesting that, because cognitive health is at its peak during young adulthood, it is unsurprising that PA has no discernable effect (Gourgouvelis et al., 2018). The foundational principle of these approaches is that if the brain is at maximum structural and functional integrity, then PA, an intervention that targets at least the neurological structure by way of neurochemical change in the brain that underlies the functional ability (Gomez-Pinilla and Hillman, 2013), should be ineffective.

A growing literature suggests that PA has profound effects on neuropsychological structure. Neuroimaging studies have shown that improved cognitive performance resulting from PA is linked to neurophysiological changes in hippocampal volume (Erickson et al., 2011), gray and white matter volume (Colcombe et al., 2006), and functional connectivity between brain regions (Voelcker-Rehage and Niemann, 2013). Additionally, researchers have identified the ways in which PA is a potent agent for inducing neurogenesis, neurotransmission, synaptogenesis, and angiogenesis (Vivar et al., 2012; Berchicci et al., 2013). PA has profound positive effects on neuroplasticity and thus brain health and cognitive performance (Colcombe et al., 2004; Hötting and Röder, 2013).

Variability is one indicator of neurological structural and functional integrity that is found embedded within nearly all measures of cognitive performance. However, most studies condense an individual’s performance into a single mean measure. Unfortunately, doing so discards a valuable indicator of performance, the variability. That is to say, summarizing performance as a mean value does not wholly capture performance on a task and discounts the uncertainty of that value as representative of the volatility in performance. The alternative is to capture the variability as its own measure that can then be compared across individuals or groups. Intraindividual variability (IIV) is a measure of a participant’s variability across trials and can be calculated from a single testing session or across multiple sessions. IIV is sensitive to structural and functional changes to neuroanatomy (MacDonald et al., 2006, 2009) and, recently, has been recognized as a measure of cognitive functioning that could therefore be responsive to PA. For example, researchers have shown that, while moderate and vigorous PA was not directly predictive of IIV on Stroop task RT, it was associated with increased rostral anterior cingulate cortex thickness which was related to RT IIV (Bento-Torres et al., 2019).

Our analysis seeks to replicate that conducted in the original study with IIV rather than basic RT as the variable of interest. We aim to determine whether IIV on an executive control task is responsive to self-reported PA levels in young adults and whether it provides a novel source of evidence for the benefits of PA on cognitive function. Two relationships inform our hypotheses. First, is the association between higher PA levels and better neurophysiological outcomes; and two, is the relationship between healthy neurophysiology and diminished IIV on cognitive tasks. Generally, we expect that as self-reported PA levels increase, IIV on executive control tasks will decline. Particularly, considering the volume of literature suggesting that the greatest benefits to cognitive performance emerge from moderate to vigorous intensity PA (Erickson et al., 2019), we expect that larger values of moderate to vigorous intensity PA will be associated with smaller IIV levels and, we do not expect low intensity PA to be related to IIV. Further, we anticipate that total METs and RTCV would be negatively related, such that as total METs increased, RTCV would lessen. Finally, given the positive relationship between individuals categorized as either active vs. sedentary according to the American College of Sports Medicine and cognitive control (Kamijo and Takeda, 2013), we expect that active rather than inactive participants will have smaller IIV. In order to test these hypotheses, we analyzed three data sets that were used to assess the relationship between PA and executive control in young adults (Ho et al., 2018).



MATERIALS AND METHODS

This article utilizes a dataset previously analyzed and reported (Ho et al., 2018). For further information regarding the purpose of the studies, their findings, and the implications consult Ho et al. (2018).


Ethics and Participants

Ethical approval for the three experiments was provided by the University of British Columbia Behavioural Research Ethics Board. Participants were recruited from the University of British Columbia Department of Psychology’s Human Subject Pool and were remunerated with course credit. Individuals were considered eligible to participate in the studies if they were between the ages of 17 and 45 years, and were not physically disabled. Written informed consent was provided by each participant prior to the beginning of the experiments.


Experiment 1

A total of 267 participants were recruited as described above. Five participants were excluded from analysis due to computer malfunction or technical error and a further 14 were removed due to outlier rejection in accordance with the International PA Questionnaire (IPAQ) scoring protocol (The IPAQ Group, 2005). The final sample consisted of 248 participants (mean age = 20.49, SD = 2.70, 132 male).



Experiment 2

A total of 220 participants were recruited as described above. Two participants were excluded from analysis due to computer malfunction or technical error and a further 19 were removed due to outlier rejection in accordance with the IPAQ scoring protocol (The IPAQ Group, 2005). The final sample consisted of 199 participants (mean age = 20.04, SD = 1.76, 46 male).



Experiment 3

A total of 210 participants were recruited as described above. Four participants were excluded from analysis due to computer malfunction or technical error and a further 11 were removed due to outlier rejection in accordance with the IPAQ scoring protocol (The IPAQ Group, 2005). The final sample consisted of 195 participants (mean age = 20.32, SD = 2.72, 47 male).



Procedure

Prior to the start of the experimental procedure participants provided written informed consent. Participants completed the IPAQ followed immediately by the cognitive testing.



Apparatus

The cognitive tasks and questionnaires were displayed on 19″ LCD monitors at a display resolution of 1280 × 1024 using the Windows 7 operating system. The open-source Cognitive Battery 3.2 software package (Ho, 2015), which utilizes Python 3.6.4 and Pygame 1.9.3 for stimulus display, was employed for data collection.



Measures


International Physical Activity Questionnaire

The long-form IPAQ is a self-administered PA survey that measures free-living PA over the antecedent 7 days (International Physical Activity Questionnaire, n.d.). The IPAQ has high validity and reliability (Craig et al., 2003; Hagströmer et al., 2006), and has been demonstrated to be stable and accurate in young adult populations (Dinger et al., 2006) as well as being robust to differences in age, sex, and language (Craig et al., 2003; Bauman et al., 2009; Wanner et al., 2016). Further, the IPAQ has been used as a measure of PA in numerous studies comparing the efficacy of PA on cognitive performance, including task switching (Kamijo and Takeda, 2010), spatial priming (Kamijo and Takeda, 2009), RT (Kamijo et al., 2009), response monitoring (Kamijo and Takeda, 2013), response inhibition (Wiedemann et al., 2014), and structural and functional neurophysiological connectivity (Kamijo et al., 2011).

The IPAQ measures across several domains of daily living, including PA related to an individual’s job, transportation, housework, house maintenance, caring for family, and recreation, sport, and leisure time. Participants report the daily totals of each activity and the number of days per week that they engage in that activity. Those values are then multiplied to produce a weekly total. Activities are categorized by type and intensity before being multiplied by metabolic equivalent of task (MET) values corresponding to the exertion required to complete the task (Ainsworth et al., 2000). METs are calculated as 1.0 (4.184 kJ) × kg–1 × h–1, and are used to assess the metabolic expenditure required to complete a task at a particular intensity, enabling for the comparison of energy consumption across PA types, durations, and intensities (Ainsworth et al., 2000). The scoring protocol provides for the calculation of total vigorous, moderate, and low intensity METs, along with total sitting time (The IPAQ Group, 2005). See Table 1 for PA METs for each experiment.


TABLE 1. Physical activity levels.
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Attention Network Test

The Attention Network Test (ANT) is a modified version of the Eriksen flanker task and assesses three aspects of attentional functioning (Fan et al., 2002). Executive control, alerting, and orienting of the attentional network are measured by calculating the difference in mean RT for four cue conditions and three flanker conditions. The stimuli presented are typical of the flanker task, where one central target arrow is flanked on either side by two distractor arrows, with the addition of a neutral condition where the flanking arrows are replaced by lines. The result is a row of five arrows. In the congruent condition the target arrow is either left or rightward facing and the flanking arrows share the same orientation. The incongruent condition differs in that the flanking arrows are oppositely oriented to the target arrow. The cues differ in the information that they provide to the participant in advance of the stimuli onset. In the no-cue condition a fixation cross is provided but no cue is given to warn of the imminent onset of the stimuli. The further three conditions alert the participant of the upcoming presentation of the stimuli. The central-cue replaces the fixation cross with a central asterisk, the double-cue places an asterisk both above and below the central fixation point, and the spatial-cue orients the participant to the location of the stimuli by providing an asterisk at the stimuli location. Unlike the typical implementation of the ANT, which involves calculating the difference between different cue and flanker conditions to determine executive control, alerting, and orienting scores, we calculated coefficients of variation values for each cue and flanker condition in order to directly measure IIV. A single trial began with the presentation of a fixation cross for 400–1600 ms, followed by the display of the cue for 100 ms. This was then followed by another fixation cross, displayed for 400 ms, after which the stimulus was presented for up to 1700 ms or until a response was recorded. Participants indicated the direction of the target arrow using the arrow keys on a keyboard. The RT was recorded in milliseconds as the time between the onset of the flanker stimulus and the response. Participants completed three sets of 96 trials, totaling 288 trials. Prior to testing, participants completed one practice block consisting of 24 trials.



Experiment 2 Eriksen Flanker Task

In Experiment 2, the Eriksen flanker task was used to determine executive control performance while limiting the length and complexity of the experiment to reduce fatigue effects for participants. Each trial opened with the presentation of a centered fixation cross for 1000 ms, which was subsequently replaced by the flanker arrowhead cue for 200 ms. The same four arrowhead configurations, leftward-congruent, leftward-incongruent, rightward-congruent, or rightward-incongruent, were used as stimuli in Experiment 2 as in Experiment 1. Participants were given 1500 ms to record a response. Next, feedback regarding the accuracy of performance on the trial was provided as either “correct,” “incorrect,” or “too slow.” Participants indicated the direction of the target arrow using the arrow keys on a keyboard. The RT was recorded in milliseconds as the time between the onset of the flanker stimulus and the response. The task began with 12 practice trials followed by 100 randomized and equiprobable stimuli presentations.



Experiment 3 Eriksen Flanker Task

Experiment 3 used an identical paradigm to Experiment 2 except for the addition of an incompatible condition. In the incompatible condition, participants were instructed to respond in the opposite direction to the central arrow via keyboard keypress. The introduction of the incompatible condition results in four measures: compatible-congruent, compatible-incongruent, incompatible-congruent, or incompatible- incongruent trials. The task began with 12 practice trials followed by 100 randomized trials with equiprobable congruency presentations. Compatible and incompatible trials were blocked and counterbalanced between participants.



Coefficient of Variation

The RT coefficient of variation (RTCV) was selected as the primary measure of individual variability and was the dependent variable in data analysis. The RTCV is calculated by dividing the standard deviation of a participant’s RT by their mean RT for each measure. For example, in Experiment 3, the standard deviation of the RT for all of one participant’s incompatible-congruent trials would be divided by the mean RT of the corresponding trials. The resulting value is a standardized score that can be compared across measures. A RTCV was calculated for each participant for each cognitive measurement.



Data Analysis

Three different coding methodologies were implemented to enable comparison with other literature as well as to demonstrate how the coding of PA may be determinate in evaluating the efficacy of the PA–cognition relationship. Model 1 utilized the IPAQ’s continuous scoring protocol, with total vigorous, moderate, and low intensity METs as the predictor variables (IPAQ Scoring Protocol - International Physical Activity Questionnaire, 2005). In Model 2, we calculated total weekly METs independent of intensity level. Finally, Model 3 used a scoring protocol that categorizes participants as either sedentary or active according to recommendations by the American College of Sports Medicine (Riebe et al., 2018). Participants are categorized as active if they report either ≥5 days/week of moderate intensity or ≥3 days/week of vigorous intensity PA, while inactive participants report ≤2 days/week of moderate or vigorous intensity PA.

Multiple regression was used to determine the relationship between PA, as measured by the IPAQ, and the coefficients of variation under each experimental condition. The covariates of participant age and sex were included in each regression model. Age, IPAQ METs, and RTCV scores were standardized prior to data analysis.



RESULTS

Original analysis of these data sets found no evidence to support that PA over the previous 7 days impacts basic RT on executive control tasks (Ho et al., 2018).

Correlational analysis was conducted to determine the relationships between low, moderate, and vigorous PA METs in each experiment. Significant positive correlations were observed between low and moderate PA METs in Experiments 2 and 3 as well as between moderate and vigorous PA METs in Experiments 1 and 3 (Table 1). Variance inflation factors were calculated for each model due to the potential for collinearity between predictors within the regression models. All variance inflation factors were within the acceptable range (<1.5).

Two between-subjects ANOVAs were conducted to determine the effect of experimental flanker task design on compatible-congruent and compatible-incongruent unstandardized RTs. There was a significant effect of flanker task design on compatible-congruent RT, F(2,639) = 208.3, p < 0.001, η2 = 0.40. A post hoc Tukey test indicated that compatible-congruent RT on the ANT was significantly greater than either other modified flanker task, ps < 0.001. However, the compatible-congruent RTs of Experiments 2 and 3 did not significantly differ, p = 1.00. Compatible-incongruent RT differed significantly by flanker task, F(2,639) = 332, p < 0.001, η2 = 0.51. Similarly, the compatible-incongruent ANT trials were significantly slower than those of Experiment 2 or 3, ps < 0.001, and RT was not significantly different between Experiments 2 and 3, p = 0.79.

Additional analysis was conducted on the differences between RTCV across Experiments 1–3. As with basic RTs, two between-subjects ANOVAs were conducted to analyze the effects of experimental flanker task on compatible-congruent and compatible-incongruent RTCV. There was a significant effect of flanker task on compatible-congruent RTCV, F(2,639) = 44.59, p < 0.001, η2 = 0.12. Compatible-congruent RTCV was significantly larger in the ANT than either other modified flanker task, ps < 0.001. In addition, RTCV was greater in Experiment 3 than Experiment 2, p = 0.004. On compatible-incongruent trials, we observed a significant effect of flanker task, F(2,639) = 49.33, p < 0.001, η2 = 0.13. Again, a post hoc Tukey test determined that compatible-incongruent RTCV was greater in the ANT than either other modified flanker task, ps < 0.001, while Experiment 3 RTCV was also larger than Experiment 2’s RTCV, p < 0.001. See Table 2 for the unstandardized RT as well as the RTCV values.


TABLE 2. Unstandardized reaction time in milliseconds and trial accuracy.

[image: Table 2]Trial accuracy was submitted to two between-subjects ANOVAs to determine if they differed by flanker task. Compatible-congruent accuracy did not vary by flanker task, F(2,639) = 0.09, p = 0.92, η2 = 0.00. However, there was a significant effect of flanker task on compatible-incongruent trial accuracy, F(2,639) = 14.13, p < 0.001, η2 = 0.04. Tukey’s post hoc comparison revealed that compatible-incongruent trial accuracy was significantly lower on the ANT than either other flanker task, ps < 0.001. Flanker task accuracy in Experiments 2 and 3 did not significantly differ, p = 0.50. Accuracy is reported in Table 2.


Experiment 1

Seven measures of attentional and executive control function were created by isolating each flanker presentation of the ANT. Larger moderate intensity MET scores were predictive of increased RTCV on neutral, congruent, no cue, and double cue conditions. However, larger vigorous intensity MET values was predictive of decreased RTCV on neutral cue conditions. Participant age was associated with RTCV, such that as age increased, IIV decreased (Table 3).


TABLE 3. Physical activity intensity as predictors of RTCV on the Attention Network Test.

[image: Table 3]Attention Network Test RTCV was not predicted by total METs. Similarly, the categorization of participants according to the ACSM guide for weekly PA was not predictive of RTCV on any measures captured by the ANT. In both Models 2 and 3, participant’s age was predictive of neutral RTCV, spatial RTCV, and double RTCV while being marginally predictive of congruent RTCV, incongruent RTCV, and central RTCV (Table 4).


TABLE 4. Total physical activity METs and ACSM categorization as predictor of RTCV on the Attention Network Test.
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Experiment 2

A paired samples t-test demonstrated no effect of congruent versus incongruent conditions on RTCV, t(198) = 0.70, p = 0.49.

Physical activity was not predictive of congruent or incongruent RTCV in the Eriksen flanker task according to any of the scoring protocols employed. However, sex was a significant predictor of congruent RTCV in all three models and was either a significant or a marginally significant predictor of incongruent RTCV in all three models (Table 5).


TABLE 5. Physical activity as predictors of RTCV on the Experiment 2 Eriksen flanker task.
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Experiment 3

A 2 (congruency: congruent RTCV, incongruent RTCV) × 2 (compatibility: compatible RTCV, incompatible RTCV) within-subjects ANOVA was used to confirm the manipulation of the congruency and compatibility conditions on the unstandardized RTCV scores. Following outlier rejection, described above, there was a significant interaction between compatibility and congruency, F(1,194) = 4.13, p = 0.043. Given the significant interaction, we conducted a Bonferroni corrected analysis of the simple main effects. On the compatible trials, there was no significant effect of congruency on RTCV (p = 0.67). However, for incompatible trials, there is a significant simple main effect of congruency (p = 0.18) such that RTCV was greater for incongruent trials in the incompatible condition. We observed no significant main effects of either the compatibility condition, F(1,194) = 2.69, p = 0.10, or the congruency condition, F(1,194) = 1.76, p = 0.19.

Neither PA METs by intensity nor total METs were predictive of RTCV of any of the four conditions. In Model 3, ACSM category was predictive of incompatible-congruent RTCV, β = −0.35, 95% CI [−0.65, −0.05], t(191) = 2.31, p = 0.022.

Sex predicted compatible-congruent CV in each model, Model 1: β = 0.35, 95% CI [0.01, 0.68], t(189) = 2.03, p = 0.044; Model 2: β = 0.34, 95% CI [0.01, 0.67], t(191) = 2.05, p = 0.042; Model 3: β = 0.35, 95% CI [0.02, 0.68], t(191) = 2.07, p = 0.039. Age did not predict RTCV in the compatible-congruent condition. Neither age nor sex was predictive of compatible-incongruent, incompatible-congruent, or incompatible-incongruent RTCV in Models 1–3.



DISCUSSION

The purpose of this secondary analysis was to investigate the link between PA levels in healthy, young adults, and IIV on attentional and executive control tasks. We hypothesized that, as PA levels increased, IIV would decline. Generally, our findings did not support our hypotheses. IIV on the flanker and the modified flanker task was not predicted by PA. Despite this, three consistent findings emerged from analysis of the ANT. First, RTCV and moderate PA were positively related, such that more self-reported moderate PA was associated with greater IIV. Conversely, RTCV and vigorous PA were negatively related. Finally, when controlling for the effects of PA on IIV in young adults, variability decreases as age increases. These results support three conclusions about the role of PA on IIV in cognitive functioning. First, the intensity of PA is predictive of IIV in attentional and executive control performance. Second, when controlling for the levels of PA in young adults, IIV decreased with increasing participant age. Lastly, task type and cognitive load are important determinants of the relationship between PA and cognitive performance, with IIV offering a novel measure of cognitive functioning.

Our findings confirm the predictive effect of PA intensity over the preceding 7 days on IIV in executive control tasks and attentional tasks. The intensity of PA interventions and their resultant outcome on cognitive function is a well-documented effect in acute PA literature. Moderate intensity activity seemingly optimally affects cognitive function (Brisswalter et al., 2002; Kashihara et al., 2009; Soga et al., 2015). Others report that intensity variably and selectively impacts cognitive function with low intensity activity providing the most immediate benefit but little long-term gain while vigorous intensity activity has the opposite effect (Chang et al., 2012). However, with adult populations, the PA intensity of aerobic training interventions that were greater than 1-month was not found to be predictive of attention or executive control (Smith et al., 2010). Our data suggest that PA intensity has differential effects on IIV in cognitive performance, at least during the 7 days preceding testing.

The positive association between moderate intensity PA levels and IIV is surprising and offers two diverging interpretations depending on how IIV is construed. The first is that moderate intensity PA negatively impacts cognitive performance by increasing variability. As mentioned previously, greater dispersion of RTs across task trials or types is attributed to diminished cognitive capacity while tighter clustering around the mean RT is indicative of cognitive stability. This interpretation is aligned with much of the literature on PA and IIV in which IIV is perceived as a negative consequence of poor physical fitness, health, or inactivity on cognitive performance. For example, investigations on the effect of obesity (Bauer and Houston, 2017; Chojnacki et al., 2018), aerobic fitness (Wu et al., 2011; Labelle et al., 2013; Moore et al., 2013; Bauermeister and Bunce, 2016), and PA (Gajewski and Falkenstein, 2015; Phillips et al., 2016; Fagot et al., 2019; Mehren et al., 2019; Wang et al., 2019) on IIV interpret decreased variability as the negative consequence of obesity, inactivity, and limited PA. However, cognitive functioning in the developing and aging process does not strictly adhere to this relationship. In developing brains, IIV suggests the pursuit of diverse exploratory strategies in solving complex tasks and is therefore an advantageous characteristic (MacDonald et al., 2009). Functional diversity and functional adaptability are two mechanisms by which an increase in IIV would demonstrate more robust cognitive performance, as an individual’s RT variability fluctuates according to strategy employment in the high cognitive demand tasks (Li et al., 2004). With this as our theoretical basis, we should not expect to see a relationship in low cognitive load conditions because the young adult brain is operating close to maximal function. Instead, only when under higher load, should we expect to see fluctuations in cognitive performance as a result of PA, with IIV signaling greater strategy exploration. The association between PA and IIV on the ANT but not on the flanker tasks may be supportive of this interpretation. While certainly no definitive claims can be made here with regards to either interpretation of IIV, our findings are, at minimum, cause for further investigation.

The type of cognitive task, and its cognitive load, are determinants of the relationship between PA and cognitive performance. The findings presented here further contribute to a significant body of evidence that suggests that PA differentially effects cognitive functions (e.g., Pérez et al., 2014; Swagerman et al., 2015; for a review, see Smith et al., 2010). However, our findings are distinct in that we demonstrate that variability in performance may be associated with the cognitive load of each trial, even within executive control tasks. Because IIV on congruent and incongruent flanker trials was not predicted by PA on either version of the modified Erikson flanker task, but congruent trial RTCV was predicted by PA intensity in the ANT, these findings are suggestive of the role of cognitive load on IIV. This interpretation is supported by the significantly larger mean basic RT, and mean RTCV of the ANT relative to either other modified flanker task. Furthermore, mean basic RT SD and RTCV SD were also generally higher for the ANT than for either version of the flanker task. These data suggest that the interaction between cue presentation and flanker congruency in the ANT elicits an effect not present in either version of the flanker task. Furthermore, the interspersion of task rules within blocks of trials on the ANT should increase cognitive load relative to the singular rule set in the blocked trials of the congruency or compatibility conditions on the modified flanker tasks. This interaction could be the increase in cognitive load due to orienting attention on trials where the flanker is not presented centrally.

Finally, we report that IIV decreased with increasing participant age when controlling for the levels of PA in young adults. This finding is surprising for three reasons. First, PA has, as described previously, more significant effects on the developing and aging brain (Hötting and Röder, 2013). Due the sample population in this study being rather unaffected by PA relative to younger and older populations investigated elsewhere, we would not anticipate age to emerge as a predictive factor. Second, the human brain is at its most developed in young adulthood (Craik and Bialystok, 2006) and therefore should be maximally structurally developed and functionally operating. Finally, is that IIV decreases through adolescence before stabilizing through young adulthood and then increasing again with advancing age (Hultsch et al., 2002; Williams et al., 2005, 2007; MacDonald et al., 2006). Because IIV plateaus in young adulthood, age is a surprising predictor in our models. Nonetheless, our data provide evidence for the role of increasing age in predicting less IIV in executive control when controlling for PA levels. These results could indicate that, even in young adulthood, age predicts IIV, and that PA levels mask the effect of age-related changes in IIV. However, given that the age of the participant population is relatively homogenous and centered around 20 years of age, we did not expect age to be predictive of IIV. In fact, we suspect the observed pattern may be a case of Simpson’s Paradox, wherein our data show this association but, in a general population this trend may disappear. Therefore, we are cautious in our interpretation and recognize the need to further investigate this finding in a larger, more age-diverse sample, before confirming this finding.



CONCLUSION

In conclusion, self-reported PA is predictive of IIV on attentional and executive control tasks in young adults, though only at particular intensities and on subtypes of the assessments employed. These findings are consistent with prior literature which suggests that the role of PA in young adults is reliant on specific interventions and measures in order to detect effects more readily found in adolescent and aging populations. We provide evidence that variability in cognitive performance is responsive to PA in young adults and may prove to be a useful measure of cognitive functioning that to this point has been under-reported in the PA-cognition literature. Given the findings presented here, two research questions emerge. First, and of the utmost importance, is determining whether increased IIV as a result of PA in young adults serves an adaptive goal, and is therefore desired, or if it is indicative of declines in cognitive functional capacity. An evolutionary approach that emphasizes which cognitive domains would serve the greatest adaptive function as a result of increased aerobic fitness may prove fruitful. Finally, and related, is the necessity to establish if the findings presented here are generalizable across other cognitive domains. A greater understanding of which cognitive functions demonstrate changes to IIV as a result of PA may help inform how the cumulative short-term cognitive benefits of acute PA translate into long-term gains. Additional studies using randomized control trial paradigms will aid in better understanding the effects of PA on IIV.



DATA AVAILABILITY STATEMENT

The datasets analyzed for this study can be found at PLoS One: https://doi.org/10.1371/journal.pone.0209616.s001.



ETHICS STATEMENT

The studies involving human participants were reviewed and approved by the University of British Columbia Behavioural Research Ethics Board. The patients/participants provided their written informed consent to participate in this study.



AUTHOR CONTRIBUTIONS

SH performed the study conceptualization and conducted the study. GG and TH came up with the idea for secondary analysis of variability within the original dataset. GG conducted the analysis of the data presented in this study and prepared the initial draft of the manuscript. SH and TH provided the editorial and intellectual contributions to the final manuscript.



FUNDING

The primary investigation was funded by an NSERC Discovery Grant awarded to TH (http://www.nserc-crsng.gc.ca), and graduate fellowships from the Kitty Heller Alter Ego Foundation awarded to SH and GG. The funding agencies had no role in study design, data collection and analysis, the decision to publish, nor in the preparation of the manuscript.



ACKNOWLEDGMENTS

The authors thank the Natural Sciences and Engineering Research Council of Canada and the Kitty Heller Alter Ego Foundation for their support.


REFERENCES

Ainsworth, B. E., Haskell, W. L., Whitt, M. C., Irwin, M. L., Swartz, A. M., Strath, S. J., et al. (2000). Compendium of physical activities: an update of activity codes and met intensities. Med. Sci. Sports Exerc. 32(9 Suppl.1), S498–S504.

Bauer, L. O., and Houston, R. J. (2017). The value of instability: an investigation of intrasubject variability in brain activity among obese adolescent girls. Int. J. Obes. 41, 1489–1495. doi: 10.1038/ijo.2017.144

Bauermeister, S., and Bunce, D. (2016). Aerobic fitness and intraindividual reaction time variability in middle and old age. J. Gerontol. Ser. B 71, 431–438. doi: 10.1093/geronb/gbu152

Bauman, A., Bull, F., Chey, T., Craig, C. L., Ainsworth, B. E., Sallis, J. F., et al. (2009). The international prevalence study on physical activity: results from 20 countries. Int. J. Behav. Nutr. Phys. Act. 6:21. doi: 10.1186/1479-5868-6-21

Bento-Torres, J., Bento-Torres, N. V. O., Stillman, C. M., Grove, G. A., Huang, H., Uyar, F., et al. (2019). Associations between cardiorespiratory fitness, physical activity, intraindividual variability in behavior, and cingulate cortex in younger adults. J. Sport Health Sci. 8, 315–324. doi: 10.1016/j.jshs.2019.03.004

Berchicci, M., Lucci, G., and Di Russo, F. (2013). Benefits of physical exercise on the aging brain: the role of the prefrontal cortex. J. Gerontol. 68, 1337–1341. doi: 10.1093/gerona/glt094

Brisswalter, J., Collardeau, M., and René, A. (2002). Effects of acute physical exercise characteristics on cognitive performance. Sports Med. 32, 555–566. doi: 10.2165/00007256-200232090-00002

Burpee, R. H., and Stroll, W. (1936). Measuring reaction time of athletes. Research quarterly. Am. Phys. Educ. Assoc. 7, 110–118. doi: 10.1080/23267402.1936.10761762

Chang, Y.-K., Labban, J. D., Gapin, J. I., and Etnier, J. L. (2012). The effects of acute exercise on cognitive performance: a meta-analysis. Brain Res. 1453, 87–101. doi: 10.1016/j.brainres.2012.02.068

Chojnacki, M. R., Raine, L. B., Drollette, E. S., Scudder, M. R., Kramer, A. F., Hillman, C. H., et al. (2018). The negative influence of adiposity extends to intraindividual variability in cognitive control among preadolescent children: relationship between adiposity and cognition. Obesity 26, 405–411. doi: 10.1002/oby.22053

Colcombe, S. J., Erickson, K. I., Scalf, P. E., Kim, J. S., Prakash, R., McAuley, E., et al. (2006). Aerobic exercise training increases brain volume in aging humans. J. Gerontol. Ser. A 61, 1166–1170. doi: 10.1093/gerona/61.11.1166

Colcombe, S. J., Kramer, A. F., Erickson, K. I., Scalf, P., McAuley, E., Cohen, N. J., et al. (2004). Cardiovascular fitness, cortical plasticity, and aging. Proc. Natl. Acad. Sci. U.S.A. 101, 3316–3321. doi: 10.1073/pnas.0400266101

Cox, E. P., O’Dwyer, N., Cook, R., Vetter, M., Cheng, H. L., Rooney, K., et al. (2016). Relationship between physical activity and cognitive function in apparently healthy young to middle-aged adults: a systematic review. J. Sci. Med. Sport 19, 616–628. doi: 10.1016/j.jsams.2015.09.003

Craig, C. L., Marshall, A. L., Sjöström, M., Bauman, A. E., Booth, M. L., Ainsworth, B. E., et al. (2003). International physical activity questionnaire: 12-country reliability and validity. Med. Sci. Sports Exerc. 35, 1381–1395. doi: 10.1249/01.MSS.0000078924.61453.FB

Craik, F. I. M., and Bialystok, E. (2006). Cognition through the lifespan: mechanisms of change. Trends Cogn. Sci. 10, 131–138. doi: 10.1016/j.tics.2006.01.007

Dinger, M. K., Behrens, T. K., and Han, J. L. (2006). Validity and reliability of the international physical activity questionnaire in college students. Am. J. Health Educ. 37, 337–343. doi: 10.1080/19325037.2006.10598924

Erickson, K. I., Hillman, C., Stillman, C. M., Ballard, R. M., Bloodgood, B., Conroy, D. E., et al. (2019). Physical activity, cognition, and brain outcomes: a review of the 2018 physical activity guidelines. Med. Sci. Sports Exerc. 51, 1242–1251. doi: 10.1249/MSS.0000000000001936

Erickson, K. I., Voss, M. W., Prakash, R. S., Basak, C., Szabo, A., Chaddock, L., et al. (2011). Exercise training increases size of hippocampus and improves memory. Proc. Natl. Acad. Sci. U.S.A. 108, 3017–3022. doi: 10.1073/pnas.1015950108

Etnier, J. L., Nowell, P. M., Landers, D. M., and Sibley, B. A. (2006). A meta-regression to examine the relationship between aerobic fitness and cognitive performance. Brain Res. Rev. 52, 119–130. doi: 10.1016/j.brainresrev.2006.01.002

Fagot, D., Chicherio, C., Albinet, C. T., André, N., and Audiffren, M. (2019). The impact of physical activity and sex differences on intraindividual variability in inhibitory performance in older adults. Aging Neuropsychol. Cogn. 26, 1–23. doi: 10.1080/13825585.2017.1372357

Fan, J., McCandliss, B. D., Sommer, T., Raz, A., and Posner, M. I. (2002). Testing the efficiency and independence of attentional networks. J. Cogn. Neurosci. 14, 340–347. doi: 10.1162/089892902317361886

Gajewski, P. D., and Falkenstein, M. (2015). Long-term habitual physical activity is associated with lower distractibility in a stroop interference task in aging: behavioral and ERP evidence. Brain Cogn. 98, 87–101. doi: 10.1016/j.bandc.2015.06.004

Gomez-Pinilla, F., and Hillman, C. (2013). The influence of exercise on cognitive abilities. Compr. Physiol. 3, 403–428. doi: 10.1002/cphy.c110063

Gourgouvelis, J., Yielder, P., Clarke, S. T., Behbahani, H., and Murphy, B. (2018). You can’t fix what isn’t broken: eight weeks of exercise do not substantially change cognitive function and biochemical markers in young and healthy adults. PeerJ 6:e4675. doi: 10.7717/peerj.4675

Guiney, H., and Machado, L. (2013). Benefits of regular aerobic exercise for executive functioning in healthy populations. Psychonomic Bull. Rev. 20, 73–86. doi: 10.3758/s13423-012-0345-4

Hagströmer, M., Oja, P., and Sjöström, M. (2006). The international physical activity questionnaire (IPAQ): a study of concurrent and construct validity. Public Health Nutr. 9, 755–762. doi: 10.1079/PHN2005898

Ho, S. (2015). 2018. Cognitive Battery (Version 3.2). Python. Available at: https://github.com/sho-87/cognitive-battery (accessed January 1, 2017).

Ho, S., Gooderham, G. K., and Handy, T. C. (2018). Self-reported free-living physical activity and executive control in young adults. PLoS One 13:e0209616. doi: 10.1371/journal.pone.0209616

Hötting, K., and Röder, B. (2013). Beneficial effects of physical exercise on neuroplasticity and cognition. Neurosci. Biobehav. Rev. 37, 2243–2257. doi: 10.1016/j.neubiorev.2013.04.005

Hultsch, D. F., MacDonald, S. W., and Dixon, R. A. (2002). Variability in reaction time performance of younger and older adults. J. Gerontol. Ser. B 57, 101–115. doi: 10.1093/geronb/57.2.P101

International Physical Activity Questionnaire (n.d.). Available at: https://sites.google.com/site/theipaq/ (accessed July 30, 2019).

IPAQ Scoring Protocol - International Physical Activity Questionnaire (2005). 2005. Available at: https://sites.google.com/site/theipaq/scoring-protocol (accessed February 28, 2017).

Kamijo, K., Hayashi, Y., Sakai, T., Yahiro, T., Tanaka, K., and Nishihira, Y. (2009). Acute effects of aerobic exercise on cognitive function in older adults. J. Gerontol. Ser. B 64B, 356–363. doi: 10.1093/geronb/gbp030

Kamijo, K., and Takeda, Y. (2009). General physical activity levels influence positive and negative priming effects in young adults. Clin. Neurophysiol. 120, 511–519. doi: 10.1016/j.clinph.2008.11.022

Kamijo, K., and Takeda, Y. (2010). Regular physical activity improves executive function during task switching in young adults. Int. J. Psychophysiol. 75, 304–311. doi: 10.1016/j.ijpsycho.2010.01.002

Kamijo, K., and Takeda, Y. (2013). Physical activity and trial-by-trial adjustments of response conflict. J. Sport Exerc. Psychol. 35, 398–407. doi: 10.1123/jsep.35.4.398

Kamijo, K., Takeda, Y., and Hillman, C. H. (2011). The relation of physical activity to functional connectivity between brain regions. Clin. Neurophysiol. 122, 81–89. doi: 10.1016/j.clinph.2010.06.007

Kashihara, K., Maruyama, T., Murota, M., and Nakahara, Y. (2009). Positive effects of acute and moderate physical exercise on cognitive function. J. Physiol. Anthropol. 28, 155–164. doi: 10.2114/jpa2.28.155

Labelle, V., Bosquet, L., Mekary, S., and Bherer, L. (2013). Decline in executive control during acute bouts of exercise as a function of exercise intensity and fitness level. Brain Cogn. 81, 10–17. doi: 10.1016/j.bandc.2012.10.001

Li, S. C., Huxhold, O., and Schmiedek, F. (2004). Aging and attenuated processing robustness. Gerontology 50, 28–34. doi: 10.1159/000074386

Loprinzi, P. D., and Kane, C. J. (2015). Exercise and cognitive function. Mayo Clin. Proc. 90, 450–460. doi: 10.1016/j.mayocp.2014.12.023

MacDonald, S. W., Li, S. C., and Bäckman, L. (2009). Neural underpinnings of within-person variability in cognitive functioning. Psychol. Aging 24, 792–808. doi: 10.1037/a0017798

MacDonald, S. W., Nyberg, L., and Bäckman, L. (2006). Intra-individual variability in behavior: links to brain structure, neurotransmission and neuronal activity. Trends Neurosci. 29, 474–480. doi: 10.1016/j.tins.2006.06.011

Mehren, A., Özyurt, J., Lam, A. P., Brandes, M., Müller, H. H. O., Thiel, C. M., et al. (2019). Acute effects of aerobic exercise on executive function and attention in adult patients with ADHD. Front. Psychiatry 10:132. doi: 10.3389/fpsyt.2019.00132

Moore, R. D., Wu, C. T., Pontifex, M. B., O’Leary, K. C., Scudder, M. R., Raine, L. B., et al. (2013). Aerobic fitness and intra-individual variability of neurocognition in preadolescent children. Brain Cogn. 82, 43–57. doi: 10.1016/j.bandc.2013.02.006

Pérez, L., Padilla, C., Parmentier, F. B., and Andrés, P. (2014). The effects of chronic exercise on attentional networks. edited by giuseppe di pellegrino. PLoS One 9:e101478. doi: 10.1371/journal.pone.0101478

Phillips, C. B., Edwards, J. D., Andel, R., and Kilpatrick, M. (2016). Daily physical activity and cognitive function variability in older adults. J. Aging Phys. Act. 24, 256–267. doi: 10.1123/japa.2014-0222

Pierson, W. R., and Montoye, H. J. (1958). Movement Time. Reaction Time and Age. J. Gerontol. 13, 418–421. doi: 10.1093/geronj/13.4.418

Riebe, D., Ehrman, J. K., Liguori, G., and Magal, M., and American College of Sports Medicine, (2018). ACSM’s Guidelines for Exercise Testing and Prescription. Tenth. Book, Whole. Philadelphia: Wolters Kluwer.

Smith, P. J., Blumenthal, J. A., Hoffman, B. M., Cooper, H., Strauman, T. A., Welsh-Bohmer, K., et al. (2010). Aerobic exercise and neurocognitive performance: a meta-analytic review of randomized controlled trials. Psychosom. Med. 72, 239–252. doi: 10.1097/PSY.0b013e3181d14633

Soga, K., Shishido, T., and Nagatomi, R. (2015). Executive function during and after acute moderate aerobic exercise in adolescents. Psychol. Sport Exerc. 16, 7–17. doi: 10.1016/j.psychsport.2014.08.010

Spirduso, W. W. (1975). Reaction and movement time as a function of age and physical activity level. J. Gerontol. 30, 435–440. doi: 10.1093/geronj/30.4.435

Swagerman, S. C., de Geus, E. J., Koenis, M. M., Hulshoff Pol, H. E., Boomsma, D. I., and Kan, K. J. (2015). Domain dependent associations between cognitive functioning and regular voluntary exercise behavior. Brain Cogn. 97, 32–39. doi: 10.1016/j.bandc.2015.04.001

The IPAQ Group, (2005). Guidelines for Data Processing and Analysis of the International Physical Activity Questionnaire (IPAQ) – Short and Long Forms. Available: http://www.ipaq.ki.se/scoring.pdf (accessed March 15, 2010)

Verburgh, L., Königs, M., Scherder, E. J., and Oosterlaan, J. (2014). Physical exercise and executive functions in preadolescent children, adolescents and young adults: a meta-analysis. Br. J. Sports Med. 48, 973–979. doi: 10.1136/bjsports-2012-091441

Vivar, C., Potter, M. C., and van Praag, H. (2012). “All about running: synaptic plasticity, growth factors and adult hippocampal neurogenesis,” in Neurogenesis and Neural Plasticity, Vol. 15, eds C. Belzung, and P. Wigmore, (Berlin: Springer), 189–210. doi: 10.1007/7854_2012_220

Voelcker-Rehage, C., and Niemann, C. (2013). Structural and functional brain changes related to different types of physical activity across the life span. Neurosci. Biobehav. Rev. 37, 2268–2295. doi: 10.1016/j.neubiorev.2013.01.028

Voss, M. W., Nagamatsu, L. S., Liu-Ambrose, T., and Kramer, A. F. (2011). Exercise, brain, and cognition across the life span. J. Appl. Physiol. 111, 1505–1513. doi: 10.1152/japplphysiol.00210.2011

Wang, C. H., Moreau, D., Yang, C. T., Lin, J. T., Tsai, Y. Y., and Tsai, C. L. (2019). The influence of aerobic fitness on top-down and bottom-up mechanisms of interference control. Neuropsychology 33, 245–255. doi: 10.1037/neu0000507

Wanner, M., Probst-Hensch, N., Kriemler, S., Meier, F., Autenrieth, C., and Martin, B. W. (2016). Validation of the long international physical activity questionnaire: influence of age and language region. Prevent. Med. Rep. 3, 250–256. doi: 10.1016/j.pmedr.2016.03.003

Wiedemann, R. G., Calvo, D., Meister, J., and Spitznagel, M. B. (2014). Self-reported physical activity is associated with cognitive function in lean, but not obese individuals. Clin. Obes. 4, 309–315. doi: 10.1111/cob.12071

Williams, B. R., Hultsch, D. F., Strauss, E. H., Hunter, M. A., and Tannock, R. (2005). Inconsistency in reaction time across the life span. Neuropsychology 19, 88–96. doi: 10.1037/0894-4105.19.1.88

Williams, B. R., Strauss, E. H., Hultsch, D. F., and Hunter, M. A. (2007). Reaction time inconsistency in a spatial stroop task: age-related differences through childhood and adulthood. Aging Neuropsychol. Cogn. 14, 417–439. doi: 10.1080/13825580600584590

Wu, C. T., Pontifex, M. B., Raine, L. B., Chaddock, L., Voss, M. W., Kramer, A. F., et al. (2011). Aerobic fitness and response variability in preadolescent children performing a cognitive control task. Neuropsychology 25, 333–341. doi: 10.1037/a0022167


Conflict of Interest: The authors declare that the research was conducted in the absence of any commercial or financial relationships that could be construed as a potential conflict of interest.

Copyright © 2020 Gooderham, Ho and Handy. This is an open-access article distributed under the terms of the Creative Commons Attribution License (CC BY). The use, distribution or reproduction in other forums is permitted, provided the original author(s) and the copyright owner(s) are credited and that the original publication in this journal is cited, in accordance with accepted academic practice. No use, distribution or reproduction is permitted which does not comply with these terms.


OPS/images/fnhum-13-00463-t003.jpg
Neutral cue Congruent Incongruent No cue Central cue Spatial cue Double cue

Predictor B B B B B B B B B B B B B B

95% CI 95% CI 95% CI 95% CI 95% CI 95% Cl 95% CI

[LL, UL] [LL, UL] [LL, UL] [LL, UL] [LL, UL] [LL, UL] [LL, UL]
Age 0.14**  [-0.27, —0.02] —-0.12** [-0.25, —0.00] 0.11* [-0.24,0.01] -0.10 [-0.22,0.03] —0.12* [-0.25, 0.00] —0.14** [-0.26, —0.01] —0.13** [-0.26, —0.01]
Sex 0.03 [-0.22,0.28] —0.01 [-0.26,0.24] -0.02 [-0.28,0.23] -0.08 [-0.33,0.18] 0.05 [-0.20,0.31] 0.07 [-0.18,0.32] 0.02 [-0.23, 0.28]
Low intensity METs 0.00 [-0.12,0.13] 0.09 [-0.04, 0.22] 0.06 [-0.07,0.18] 0.04 [-0.08,0.17] 0.05 [-0.08,0.17] 0.08 [-0.10, 0.16]  0.08 [-0.05, 0.20]
Moderate intensity METs 0.18%x* [0.05, 0.30] 0.17** [0.04, 0.29] 0.10  [-0.04,0.23] 0.17** [0.04,0.30] 0.09 [-0.04,0.23] 0.12* [-0.01,0.25] 0.15** [0.02, 0.28]
Vigorous intensity METs 0.13**  [-0.26, —0.01] 0.09 [-0.22, 0.04] 0.07 [-0.20,0.06) -0.12* [-0.25,0.01] —0.07 [-0.20, 0.06] —0.13* [-0.26, 0.00] —0.05 [-0.18, 0.08]
R? 0.06** 0.05** 0.03 0.05** 0.03 0.04* 0.04*

A significant B-weight indicates the semi-partial correlation is also significant. LL and UL indicate the lower and upper limits of a confidence interval, respectively. *p < 0.10; **p < 0.05; ***p < 0.01.





OPS/images/fnhum-13-00463-t002.jpg
Mean RT SD RT Mean RTCV SD RTCV Mean accuracy (%) SD accuracy (%)

Experiment 1

Neutral 559.12 81.06 0.205 0.094 98.59 4.32
Congruent 592.31 90.27 0.218 0.087 98.92 4.37
Incongruent 694.83 103.58 0.205 0.071 91.45 9.54
No cue 662.46 96.05 0.228 0.079 96.16 5.85
Center 612.26 89.37 0.227 0.083 95.75 572
Spatial 575.94 92.21 0.223 0.085 97.30 5.46
Double 611.02 87.42 0.224 0.075 96.07 5:52
Experiment 2

Compatible-congruent 470.43 56.64 0.143 0.069 99.05 4.35
Compatible-incongruent 525.76 62.82 0.140 0.055 95.44 7.93
Experiment 3

Compatible-congruent 470.20 65.23 0.171 0.095 98.89 2.81
Compatible-incongruent 520.29 67.88 0.169 0.079 94.49 7.07
Incompatible-congruent 505.01 70.38 0.173 0.075 97.62 3.48
Incompatible-incongruent 530.05 82.93 0.185 0.071 96.30 5.06





OPS/images/fnhum-13-00463-t005.jpg
Model 1

Model 2

Model 3

Compatible-congruent Compatible-incongruent

Compatible-congruent Compatible-incongruent

Compatible-congruent Compatible-incongruent

Predictor B B B B B B B B B B B B
95% ClI 95% CI 95% CI 95% CI 95% CI 95% CI
[LL, UL] [LL, UL] [LL, UL] [LL, UL] [LL, UL] [LL, UL]
Age —0.03 [-0.18,0.11] —0.11 [—0.25, 0.03] —0.03 [-0.17, 0.11] —0.11 [-0.25, 0.02] —0.03 [-0.17, 0.11] —0.11 [-0.25, 0.03]
Sex 0.4** [0.07, 0.74] 0.34** [0.01, 0.67] 0.41** [0.08, 0.74] 0.34** [0.01, 0.67] 0.41** [0.08, 0.75] 0.32* [-0.01, 0.65]
Low intensity METs —0.03 [-0.18, 0.11] 0.08 [-0.07, 0.22]
Moderate intensity METs ~ 0.03 [-0.12,0.17] —0.04 [-0.18, 0.10]
Vigorous intensity METs  —0.02 [-0.16,0.12] 0.08 [-0.06, 0.22]
Total METs —0.02 [-0.16, 0.12] 0.09 [-0.05, 0.22]
ACSM 0.03 [-0.25, 0.32] —0.05 [-0.34, 0.24]
R? 0.03 0.04 0.03 0.04* 0.03 0.03

A significant B-weight indicates the semi-partial correlation is also significant. LL and UL indicate the lower and upper limits of a confidence interval, respectively. *p < 0.10. **p < 0.05.





OPS/images/fnhum-13-00463-t004.jpg
Neutral cue Congruent Incongruent No cue Central cue Spatial cue Double cue
Predictor B B B B B B B B B B B B B B
95% Cl 95% CI 95% ClI 95% ClI 95% ClI 95% Cl 95% CI
[LL, UL] [LL, UL] [LL, UL] [LL, UL] [LL, UL] [LL, UL] [LL, UL]
Model 2
Age 0.14**  [-0.27, —0.02] —0.12* 0.24,0.01] -0.11* [-0.23,0.02] —0.09 —0.22,0.03] —0.12* [-0.25, 0.01 0.13* [-0.26, —0.01] —0.13* [-0.25, —0.00]
Sex 0.03 [-0.22,0.28] -0.03 —0.28,0.22] —0.04 —0.29,0.21] —0.09 —0.34,0.16 0.04 —0.21, 0.29 0.06 [-0.20, 0.31] 0.01 [-0.24, 0.26]
Total MET ~ 0.02 [-0.10, 0.15] 0.10 —0.03, 0.22 0.04 —0.08, 0.17 0.05 —0.07,0.18 0.04 —0.09, 0.16 0.00 [-0.12,0.13] 0.11 [-0.02, 0.23]
R? 0.02 0.02 0.01 0.01 0.02 0.02 0.08.
Model 3
Age 0.14** [-0.27, —0.02] —0.12* 0.24,0.01] -0.11* [-0.23,0.02] —0.09 —0.22,0.03] -0.12* [-0.25,0.00 0.13* [-0.26, —0.01] —0.13** [-0.25, —0.00]
Sex 0.02 [-0.23,0.27] -0.03 —0.28,0.22] -0.04 —0.29,0.22] —0.09 —0.34,0.17 0.04 —0.22,0.29 0.05 [-0.20, 0.31] 0.01 [-0.24, 0.26]
ACSM 0.10 [-0.17, 0.38] 0.08 —0.19,0.36] —0.01 —0.29, 0.26 0.02 —0.26, 0.29 0.07 —0.21, 0.34 0.01 [-0.26, 0.29] 0.04 [-0.23, 0.31]
R? 0.02 0.02 0.01 0.01 0.02 0.02 0.02

A significant B-weight indicates the semi-partial correlation is also significant. LL and UL indicate the lower and upper limits of a confidence interval, respectively. *p < 0.10. **p < 0.05.





OPS/images/cross.jpg
3,

i





OPS/xhtml/Nav.xhtml




Contents





		Cover



		Variability in Executive Control Performance Is Predicted by Physical Activity



		INTRODUCTION



		MATERIALS AND METHODS



		Ethics and Participants



		Experiment 1



		Experiment 2



		Experiment 3







		Procedure



		Apparatus



		Measures



		International Physical Activity Questionnaire



		Attention Network Test



		Experiment 2 Eriksen Flanker Task



		Experiment 3 Eriksen Flanker Task







		Coefficient of Variation



		Data Analysis







		RESULTS



		Experiment 1



		Experiment 2



		Experiment 3







		DISCUSSION



		CONCLUSION



		DATA AVAILABILITY STATEMENT



		ETHICS STATEMENT



		AUTHOR CONTRIBUTIONS



		FUNDING



		ACKNOWLEDGMENTS



		REFERENCES

















OPS/images/cover.jpg
’ frontiers
In Human Neuroscience

Variability in Executive Control
Performance Is Predicted by
Physical Activity









OPS/images/logo.jpg
, frontiers .
in Human Neuroscience





OPS/images/fnhum-13-00463-t001.jpg
Correlation

coefficients
Mean SD 1 2
Experiment 1
1. Low intensity METs 1282.78  1365.87 -

2. Moderate intensity METs 1072.53 1411.67 Q.12 -
3. Vigorous intensity METs 1373.87  1782.20 0.07 0.28"*
Total METs 3728.70  3045.97 - -

Experiment 2

1. Low intensity METs 2037.83 1776.44 =

2. Moderate intensity METs 1104.16 1456.33 0.21** -

3. Vigorous intensity METs 13569.24  2058.08 0.11 0.06
Total METs 4501.22  3437.42 - -

Experiment 3

1. Low intensity METs 2076.12  2000.06 -

2. Moderate intensity METs 1243.81 1551.68 0.24** -

3. Vigorous intensity METs 1623.80 2733.12 0.04 0.42**
Total METs 4943.73  4399.06 - =

**p < 0.01.





