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Existing therapeutic strategies for gliomas are restricted; hence, exploration for novel
diagnostic indicator and treatment is essential. Here, we performed bioinformatic analyses
for TNFSF13 (also known as APRIL), a proliferation-inducing ligand of the tumor necrosis
factor (TNF) superfamily, aiming to assess its potential for predicting glioma patient’s
prognosis and targeted therapy. TNFSF13 expression was upregulated in the increase of
tumor grades based on Xiangya cohort. In high TNFSF13 gliomas, somatic mutation was
proved to correlate with amplification of EGFR and deletion of CDKN2A; while mutation of
IDH1 was more frequently observed in low TNFSF13 group. We also confirmed the
positive correlation between TNFSF13 and infiltrating immune and stromal cells in glioma
microenvironment. Further, TNFSF13 was found to be involved in immunosuppression via
diverse immunoregulation pathways and was associated with other immune checkpoints
and inflammation. Single-cell sequencing revealed an abundant expression of TNFSF13in
neoplastic cells and M2 macrophages, which TNFSF13 might potentially regulate the cell
communication via IL-8, C3, and CD44. Lastly, TNFSF13 mediated the activities of
transcription factors including FOXO3, MEIS2, and IRF8. Our analyses demonstrated the
relevance between TNFSF13 and glioma progress and indicated the potential of TNFSF13
as a novel diagnostic onco-inflammatory biomarker and immunotherapy target of gliomas.

Keywords: TNFSF13, gliomas, immune infiltration, prognostic marker, inflammation

INTRODUCTION

Gliomas are the most prevalent malignant tumors of the adult’s central nervous system (CNS), in
which glioblastoma (GBM) is the most malignant type. GBM patients experience a short median
survival time about 15 months from primary diagnosis, in spite of the advancement in integrated
therapeutic schedules, such as the classical neurosurgical resection with adjuvant radiotherapy, and
alkylating agent temozolomide chemotherapy (1-4). The poor survival of GBM patients can be
attributed to infiltrative property in the progress of tumor invasion (5), microscopic propagation of
GBM cells (6), resistance to therapeutic drugs, and tumor recurrence (3).
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The significant advancement in revealing the molecular
mechanisms in the progression of GBM has promoted the
exploration of novel directions in the treatment of GBM (7, 8).
Unfortunately, many molecular-targeted therapeutic methods
failed to acquire a favorable clinical outcome, despite the
promising results in preclinical models (9). Relevant researches
have ascribed the dismal clinical outcome to the multiformity of
cells and evolution in GBM microenvironment, blood-brain
barrier (BBB), and resistance to therapeutic drugs (10-13).
Considering the poor outcome of GBM patients under
conventional therapies with surgery and adjuvant
chemoradiotherapy, immunotherapy emerges as a novel
promising therapeutic strategy that activates immune system to
destroy cancer cells (14, 15). During the whole dynamic process
of immune activity, immune checkpoints, defined as a group of
bio-effectual molecules, have been proved to play a dominant
role in the immune response in GBM by modulating T cell
activity and making the immune system self-tolerable (16, 17).
Accumulating evidences have revealed that high expression of
many traditional checkpoints, such as PDCD1LG2, HAVCR2,
and CTLA4, mediated suppression of immune response and
ultimately led to immune evasion in GBM (18-25). Accordingly,
further investigation on immune checkpoint inhibitors would
promote novel and effective treatment strategies in prospect.

TNESF13 (also known as APRIL), a proliferation-inducing
ligand of the tumor necrosis factor (TNF) superfamily, has been
identified as a promising molecular target to overcome
immunosuppression. Notably, TNFSF13 has been demonstrated
to exert a vital role in lymphocyte maturation, physiological
activities, and pathological activities, such as neoplasia (26).
TNEFSF13 was proved to interact with two receptors: B cell
maturation antigen (BCMA), which germanely combined with
TNEFSF13 to induce tumor cell invasion and immunosuppression
(27, 28); the other one is transmembrane activator and calcium
modulator and cyclophilin ligand interactor (TACI), which have
both positive and negative regulation to B cell activity (29).
TNFSF13 expression has been explored in different tumors (30).
In breast cancer, TNFSF13 expression is associated with breast
cancer classification (31). In multiple myeloma (MM), TNFESF13
facilitates MM cell survival by increasing regulatory B cells and T
cells via TACI in bone marrow microenvironment (32). Moreover,
one recent study has demonstrated that TNFSF13 correlated with
human triple negative carcinomas and induced tumor cell
proliferation, which also confirmed the role of TNFSF13 in
tumor aggressiveness (33). The above findings support the
speculation that TNFSF13 might be involved in the regulation of
immune activities and tumor invasion of gliomas.

To explore and confirm the role of TNFSF13 in promoting
the progression of gliomas, we performed several analyses via
public available databases, and the corresponding glioma patient
samples with TNESF13 expression data were collected from
TCGA and CGGA datasets. Our results suggested that
TNEFSF13 expression was upregulated in GBM and associated
with immunosuppression, which supported the claim that
TNEFSF13 could be a potential diagnostic marker and treatment
target in the clinical management of glioma patients.

MATERIALS AND METHODS

Data Collection

All transcriptomic data of TNFSF13 in low-grade glioma (LGG)
and GBM cohorts were collected from the Cancer Genome Atlas
(TCGA) and Chinese Glioma Genome Atlas (CGGA) datasets,
among which 672 cases of TCGA were obtained from UCSC
Xena (https://xenabrowser.net/) and 1,013 cases of CGGA were
from CGGA website (http://www.cgga.org.cn/). RNA-seq of
TNFSF13 for diverse intratumor anatomic structures in GBM
was from Ivy Glioblastoma Atlas Project (http://glioblastoma.
alleninstitute.org/). Single-cell expression matrices were obtained
from the Gene Expression Omnibus (GEO; https://www.ncbi.
nlm.nih.gov/) GSE84465, which performed single-cell/nuclei
RNA-sequencing of four GBM samples (34). A total of 3,589
cells (1,246 cells within periphery normal tissue, 2,340 cells
within tumor tissue) were identified in the four scRNA
sequencing samples, and 2,340 tumor cells were used for analysis.

Genomic Alteration

Cases with somatic mutations and somatic copy number
alternations (CNAs) were collected from TCGA datasets.
CNAs correlated with TNESF13 expression, and the threshold
copy number at alteration peaks were analyzed by GISTIC 2.0
(https://gatkforums.broadinstitute.org) (35). In addition, we
employed cBioPortal (36) (http://www.cbioportal.org) to
analyze the mutation frequency of TNFSF13 in TCGA database.

Immune Infiltration

ESTIMATE (Estimation of Stromal and Immune cells in Malignant
Tumor tissues using Expression) algorithm generated three scores,
among which immune score was the reflection of immune cell
infiltration level, stromal score was the reflection of stromal cell
presence level, and estimate score was to evaluate the purity of
tumor. Tumor Immune Estimation Resource 2.0 (TIMER2.0; http://
timer.cistrome.org/) web server (37) was used for comprehensive
analysis of immune infiltrating cells across diverse cancer types.

Functional Annotation

Gene ontology (GO) analysis was performed with gene set variation
analysis (GSVA) using the R package GSVA (38) and revealed the
differential expression of multiple immune-related signaling
pathways in pan-glioma and GBM. Spearman correlation analysis
performed with the expression values of TNFSF13 picked out events
with low p value (<0.05) and high correlation coefficient (>0.4).

Single-Cell RNA Analysis

We processed the single-cell data expression matrix with the R
package Seurat V3.1.2. At first, we used “NormalizeData” to
normalize the gene expression data, then “FindVariableGenes” was
applied to confirm 2,000 highly variable genes (HVGs). Afterwards,
we used “FindIntegrationAnchors” and “Integratedata” to merge four
glioma sample data (39). After performing principal component
analysis (PCA) with “RunPCA,” we built a K-nearest neighbor
graph via the “FindNeighbors” function and combined cells
together in a highest resolution with “FindClusters.” Ultimately,
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“UMAP” was used for visualization, and we performed “Single R” R
package for cell annotation. “FeaturePlot” and “VInPlot” were used to
visualize TNFSF13 expression. Single-cell pseudotime trajectories
were reconstructed and analyzed with package “Monocle” (40). In
short, cells were dimensionality-reduced and arranged into a
trajectory, which was segmented into five states with two branch
points. Additionally, GSEA for TNFSF13 in each state was
constructed. Gene ontology (GO) enrichment analysis and pathway
analysis based on Kyoto Encyclopedia of Genes and Genomes
(KEGG) were also performed. Cell communication patterns in the
tumor microenvironment of GBM were explored using the R package
iTALK. In addition, connection specificity index (CSI) of regulon was
the evaluation index for the correlation among various regulons. High
index of regulon represents a high capability of regulating
downstream genes and influencing biological process of malignant
cells. Regulon modules were distinguished according to CSI of
regulon (41). Then we conducted gene regulatory network analysis
based on DNA motif and co-expression of regulons using the R
package SCENIC (42). Activity scores of all regulons in neoplastic
cells were evaluated using the R package AUCell (43).

Immunohistochemistry

Written informed consent was obtained from all patients, and
the study methodologies were approved by the Ethics Committee
of Xiangya Hospital, Central South University. The IHC tissue
samples are provided in Supplementary Table S1. The detailed
protocol for the IHC experiment was as previously described
(44). Slides were blocked with 5% BSA and incubated with
primary antibody (rabbit polyclonal anti-TNFSF13 antibody,
1:500; Proteintech; Wuhan, China) at 4°C overnight.

Statistical Analysis

The Kaplan-Meier survival curve was generated to evaluate survival
distributions, and the log-rank test was to detect the statistical
significance. We used the Student’s t-test for normally distributed
variables and the Wilcoxon test for nonnormally distributed
variables to compare the expression levels of TNFSF13 between
two groups regarding different pathological factors. For multiple
groups, one-way analysis of variance (ANOVA) was used to
compare the expression levels of TNFSF13 among groups.
Pearson correlation and spearman correlation were used to
evaluate the linear relevance between continuous variables, and
the gene expression was visualized by taking advantage of
“RaincloudPlot”, “VInPlot” and “FeaturePlot.” The R package
Survival was used in Cox regression analysis. All statistical
analyses were accomplished with R project (version 3.6.3, https://
www.r-project.org/). P-value <0.05 was regarded as statistically
significant, and all tests were two-sided.

RESULTS

Correlations of TNFSF13 Expression With
Clinical and Molecular Traits in Gliomas

We found a relatively high correlation between TNFSF13 and
U-251 MG cell lineage (Supplementary Figure S1A) according to

the data from TCGA and CGGA datasets, and TNFSF13
expression was highly associated with various tumors, such as
GBM, although there was no significant enhanced expression of
TNESF13 in low-grade glioma (LGG) (Supplementary Figure
S1B). Then we evaluated TNFSF13 expression based on World
Health Organization (WHO) classification and histology, which
showed the expression of TNFSF13 was enhanced in GBM (WHO
grade IV) compared with LGG (WHO grade II and III) cases
(Figure 1A), and TNFSF13 level was upregulated in higher
histopathologic malignancies (Supplementary Figure S1C).
Meanwhile, some genetic alterations correlated with
heterogeneous tumor histology were detected, including 1p/19q
codeletion and IDH mutation (45), TNESF13 expression was
found amplified in 1p/19q non-codeletion glioma samples
(Figure 1B), and compared to IDH mutation cases, the
expression of TNFSF13 enhanced in IDH wild-type gliomas of
all WHO grades (Figure 1C). Moreover, Receiver operating
characteristic (ROC) curve was used to assess the sensitivity and
specificity of TNFSF13 expression to distinguish IDH wild-type
gliomas from normal tissue. Expectedly, the area under the curve
(AUC) were 79.8% in TCGA dataset and 69.2% in CGGA dataset
(Figure 1D), which suggested that TNFSF13 might be a potential
biomarker in the developing progress of glioma (46). Epigenetic
alterations such as DNA methylation would also promote
carcinogenesis (47). Seventeen methylation probes were
identified for TNFSF13 from TCGA, which all of them exhibited
remarkable negative association with expression of TNFSF13,
and most of the association was statistically significant
(Supplementary Figures S2, S3). We subsequently investigated
TNEFSF13 expression in specific tumor anatomic structure based
on Ivy Glioblastoma Atlas Project, and found high expression of
TNESF13 was enriched in hyperplastic blood vessels, leading edge
and peri-necrotic zone (Supplementary Figure S1D), which play a
crucial role in the development of tumors.

According to transcriptomic and genomic dimensions,
molecular classification was made to predict diverse patient
outcomes (48). Consequently, we evaluated the expression of
TNESF13 in different molecular subtypes, including classical (CL),
mesenchymal (ME), pro-neural (PN), and neural (NE), in which CL
and ME subtypes behave more aggressively compared with PN or
NE subtypes (49). As shown from TCGA dataset, TNFSF13 was
surprisingly upregulated in CL and ME subtypes contrasted with
other subtypes among pan-glioma cases, as well as GBM cases.
Furthermore, the area under the curve (AUC) of TNFSF13
was 84.1% in pan-glioma cohort and 69.0% in GBM cohort
(Figures 1E, F). These results indicated that TNFSF13 might
serve as an effective biomarker for CL and ME subtypes.

Moreover, to identify the upregulation of TNFSF13
expression at the protein level, we conducted the THC staining
for TNESF13 based on the 40 samples from Xiangya cohort
(Figure 1G). The images revealed an enhanced expression of
TNFSF13 in the increase of pathological grades of glioma
samples. In conclusion, these results demonstrated that
TNEFSF13 might be a predictive biomarker for more aggressive
tumor subtypes and play a crucial part in the progression
of glioma.
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FIGURE 1 | The clinical and molecular characteristics in associations with TNFSF13 expression. (A) The expression levels of TNFSF13 in different WHO grades from
TCGA and CGGA datasets. (B) TNFSF13 expression increased in 1p/19q non-codeletion glioma cases. (C) TNFSF13 expression levels in different IDH states from
TCGA and CGGA datasets. (D) Receiver operating characteristic (ROC) curve showed 79.8 and 69.2% sensitivity and specificity of TNFSF13 to predict IDH wild-
type gliomas from TCGA and CGGA, respectively. (E) The TNFSF13 expression levels in pan-gliomas of different molecular subtypes from TCGA dataset. ROC
curves to assess sensitivity and specificity of TNFSF13 expression to predict more invasive subtype gliomas. (F) The TNFSF13 expression levels in GBM of different
molecular subtypes from TCGA dataset. ROC curve showed 80.4% sensitivity and specificity of TNFSF13 expression to predict more invasive subtype gliomas.

(G) Typical images of IHC staining for TNFSF13 in different pathological grades of glioma samples from Xiangya cohort. NS, not statistically significant, *P <.05,
P <.01, P <.001, ***P <.0001.
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TNFSF13 Expression Associates With Poor
Survival in Glioma Patients

Subsequently, we evaluated the prognostic value of TNFSF13
expression in human gliomas by Kaplan-Meier analysis. Based
on TCGA and CGGA datasets, analysis of pan-glioma cohorts
revealed that patients with higher expression of TNFSF13
exhibited dramatically poorer overall survival (OS) than patients
with lower expression of TNFSF13, and similar correlations were
noticed in LGG and GBM cohorts (Supplementary Figures S4A,
B). Additionally, higher TNESF13 expression was relevant to
worse progression-free survival (PFS) and disease-specific
survival (DSS) in pan-gliomas, LGG, and GBM cohorts
(Supplementary Figure S5). Subgroup analyses were made to
evaluate the prognostic value of TNFSF13 in different tumors, and
these results revealed that TNFSF13 was a hazardous prognostic
indicator in 15 independent tumor cohorts including LGG and
GBM, and TNFSF13 was also a favorable prognostic indicator in
18 independent tumor cohorts according to OS (Supplementary
Figure S4C). Analysis in regard to DSS showed similar results
about the prognostic value of TNFSF13 (Supplementary
Figure $4D). Consequently, the expression of TNFSF13 was
relevant to worse prognosis in glioma patients.

In addition, we investigated the prognostic value of TNFSF13
in other cancers according to OS and DDS. Then diverse
correlations were revealed between TNEFSF13 and various
tumors including adrenocortical carcinoma (ACC),
cholangiocarcinoma (CHOL), kidney renal clear cell carcinoma
(KIRC), kidney renal papillary cell carcinoma (KIRP), lung
adenocarcinoma (LUAD), lung squamous cell carcinoma
(LUSC), mesothelioma (MESO), pancreatic adenocarcinoma
(PAAD), sarcoma (SARC), skin cutaneous melanoma (SKCM),
uterine carcinosarcoma (UCS), uveal melanoma (UVM)
(Supplementary Figures S6, S7).

To better predict clinical prognosis for patients, we further built
a prognostic nomogram model with OS and five independent risk
factors (the expression level of TNFSF13, age, grades of gliomas,
mutation of IDH, and 1pl9q codeletion) based on previous
investigation, in which high score represented worse survival
overcome (Supplementary Figure S8A). Based on clinical 1-
year OS, 3-year OS, 4-year OS, and 5-year OS in TCGA
(Supplementary Figure S8B) and 4-year OS in CGGA
(Supplementary Figure S8E), calibration plots revealed that the
nomograms were favorable to predict patient survival according to
a conceptual model. We next assessed the statistical significance of
diverse survival overcome with high-risk and low-risk patients
from TCGA and CGGA datasets (Supplementary Figures S8C,
F). ROC curve (AUC>=0.872 in TCGA, AUC>=0.771 in CGGA)
further revealed that expression of TNFSF13 might be an idea
predictor for the survival outcome of glioma patients
(Supplementary Figures S8D, G).

TNFSF13 Expression Is Relevant to
Distinct Genomic Alterations

To estimate the correlations between expression of TNFSF13 and
genomic characteristics in gliomas, somatic mutations and copy
number alternations (CNA) analysis were performed using

TCGA database. An overall CNA profile was generated
according to the comparison of high TNFSF13 expression
cluster (n=158) vs low TNFSF13 expression cluster (n=158)
(Figures 2A, B). In the high TNFSF13 expression cohort,
typical genomic alterations in GBM-like amplification of chr7
and deletion of chr10 were observed (Figure 2A); while in the
low TNFSF13 expression cohort, deletion of 1p and 19q, a
distinguishing genomic feature of oligodendroglioma (50), was
exhibited more frequently (Figure 2B). In high TNFSF13
expression cases, we observed amplification of genomic peaks,
containing specific driver oncogenes including EGFR (7p11.2),
PDGFRA (4q12), and CDK4 (12q14.1), accompanied by deleted
peaks including tumor suppressor genes like CDKN2A and
CDKN2B (9p21.3). Moreover, somatic mutation analysis based
on TNFSF13 expression revealed high mutation frequency
profiles including TP53 (37%), IDHI1 (30%), PTEN (22%),
TTN (21%), ATRX (20%), and EGFR (20%) in high TNFSF13
expression group (n=158), while mutation of IDH1 (82%), TP53
(42%), CIC (31%), and ATRX (25%) were more frequently
noticed in low TNFSF13 expression group (n=158)
(Figure 2C). Then we explored the mutation frequency of
TNFSF13 in pan cancer from TCGA database based on
cBioPortal, and prostate adenocarcinoma showed a relatively
high mutation level with the TNFSF13 alteration frequency (4%
approximately) (Figures 2D, E).

TNFSF13 Is Correlated With Infiltrating
Immune and Stromal Cells in Glioma
Microenvironment

Previous molecular research reminded us that considerable
cellular components forming tumors play a crucial part in
tumor signal and cancer biology, such as infiltrated immune and
stromal cells (51). Hence, an analysis to estimate the correlation
between TNFSF13 and ESTIMATE scores was arranged. The
results indicated that TNFSF13 expression was positively
relevant to immune score, stromal score, and ESTIMATE score
in pan-glioma group (Supplementary Figure S9A) with
noticeable trends, and similar conclusion was observed in GBM
group (Supplementary Figure S9B), which suggested a positive
correlation between TNFSF13 expression level and infiltration of
immune and stromal cells. To further explore particular cell
categories related to TNFSF13 expression in tumor
microenvironment, we performed a cell enrichment analysis to
evaluate the correlation between TNFSF13 and 28 specific
infiltrating cell types based on TCGA and CGGA pan-glioma
datasets (52). In result, TNFSF13 expression was observed
positively associated with various categories of infiltrating
immune cell, including NK cells, monocytes, macrophages, CD8+
T effector memory cells (TEM), CD4+ TEM, MDSC, and
regulatory T cells (Treg); however, negative correlation was
found between TNFSF13 and type 2 T helper cell and memory
B cells (Supplementary Figures S9C, D). In addition, we
established a 10-immune cell lineage analysis to assess the
enrichment of different immune cell lineages (53) based on pan-
gliomas and GBM cohorts in TCGA and CGGA databases, and
revealed the tight positive correlation between TNFSF13
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expression and presence of multiple stromal cells, including
neutrophils, monocytic lineage, and fibroblasts (Supplementary
Figures S10A, B). In general, these data indicated high TNFSF13
expression might possess recruitment function for infiltrating
immune and stromal cells into tumor microenvironment.

We subsequently assessed the macrophage infiltration in 40
solid cancers based on eight algorithms from TIMER 2.0 web
server, and revealed a relatively high infiltration level of
macrophages in several solid cancer types including GBM and
LGG, while the correlation coefficients calculated by Spearman’s
correlation analysis were relatively higher in GBM than LGG
(Figure 3A). Besides, TNFSF13 was highly associated with T cells
in pan-cancer samples (Figure S10C). Furthermore, we evaluated
10 immunogram scores for gliomas with different TNFSF13
expression level (Figure 3B), and the results indicated that
high TNFSF13 cohort appeared higher scores in nine
immunogram terms than low TNFSF13 cohort, and nine terms
included glycolysis, innate immunity, priming activation, T cells,
interferon Y (IFNG) response, inhibitory molecules, inhibitory
cells Tregs (regulatory T cells), inhibitory cells MDSCs (myeloid-
derived suppressor cells), and recognition of tumor cells. These
were further evidence that TNFSF13 expression associated with
immune response in gliomas, probably in a negative way.

In addition, previous several researches have reported that
TNESF13 might efficiently facilitate the immunotherapies
depended on T cells (32, 54, 55). In order to verify whether
TNFSF13 was relevant to T cell immunity, we performed GSVA
analysis based on TCGA cohort, and the result indicated that
TNEFSF13 was negatively associated with T cell proliferation,
CD4 positive alpha beta T cell activation, and CD4 positive alpha
beta T cell differentiation. In contrast, TNFSF13 was positively
relevant to regulatory T cell differentiation, regulation of T helper
1 cell differentiation, T helper 1 type immune response, and
regulation of fibroblast proliferation (Figure 3C). Similar results
were demonstrated in CGGA cohort (Figure 3D). Accordingly,
TNFSF13 might contribute to the inhibition of T-cell based
antitumor immune processes in gliomas.

TNFSF13 Associated With Other Immune
Checkpoint Molecules and Inflammatory
Activities in Gliomas

Given recent studies that showed a vital function of combination
therapy with inhibiting immune checkpoints (56, 57), we
performed a correlation analysis of several well-known
immune checkpoint molecules to assess the relationship
between TNFSF13 and them in gliomas. Based on TCGA and
CGGA datasets, we observed a high and positive correlation
between TNFSF13 and PDCD1LG2, HAVCR2, CTLA4, and
other checkpoint molecules in pan-gliomas, LGG and GBM
analysis, and TNFSF13 expression is tightly correlated with
HAVCR?2 in glioblastomas (Supplementary Figures S11A, B).
These results demonstrated that the combination of TNFSF13
and other immune checkpoint molecules might serve as potential
signaling pathways to contribute to the immunosuppression in
gliomas. Besides, the pan-cancer correlations between TNFSF13
and immune checkpoints were shown in Figure 4A, which

TNESF13 positively correlated with the majority of the
immune checkpoint molecules in most cancers.

Mismatch repair (MMR) has been critical in tumor
progression during DNA replication and genetic recombination
(58). DNA mismatch repair deficiency was closely linked to
microsatellite instability (MSI) (59) that could contribute to the
accumulation of tumor mutation burden (TMB) (60). Mismatch
repair, MSI, TMB have all been proposed to be responsible for
tumor growth and could efficiently predict immunotherapy
responses (61). In our findings, TNFSF13 was positively
associated with signature genes for MMR in most cancers
(Figure 4B). In addition, the overall correlation between
TNESF13 and TMB, MSI in 32 cancers was remarkable
(Figures 4C, D). Taken together, TNESF13 could be a robust
marker in predicting immunotherapy response.

In consideration of the relevance between TNFSF13 and the
inflammatory response in gliomas revealed by our analysis, we
subsequently investigated seven inflammatory activity signatures
to clarify the function of TNFSF13 in the inflammatory response
(62). Consequently, TNFSF13 expression was identified
positively correlated with interferon, STAT1, MHC-I, MHC-II,
HCK, and LCK, while negatively relevant to IgG metagene in
pan-glioma analysis (Supplementary Figures S11C, D) and
GBM alone (Supplementary Figures S12A, B) analysis in both
TCGA and CGGA databases. These results demonstrated that
TNFSF13 expression was upregulated in macrophage activation,
T-cell-related signaling transduction, and antigen-presenting
cells, while negatively associated with B-lymphocyte-related
metagenes during immunosuppression in the progression
of gliomas.

Single-Cell Sequencing Investigated the
Correlation Between TNFSF13 and

Cell Clusters

To further evaluate the relevance between TNFSF13 and
immune infiltrating, we performed scRNA-seq analysis to
investigate the TNFSF13 expression level in different cell
clusters in gliomas. Firstly, we performed “copykat” R package
to identify tumor cells with aneuploid expression, and normal
cells with diploid based on four glioma samples (Figure 5A).
Afterwards, four cell clusters including cancer cells (also called
neoplastic cells), M2 macrophages, astrocytes, and T cells were
annotated and visualized; meanwhile, we showed the TNFSF13
expression in all clusters (Figure 5B). We further contrasted the
expression level of TNFSF13 in each cluster and confirmed
TNESF13 was notably upregulated in M2 macrophages, T cells,
and cancer cells (Figure 5C). Subsequently, we explored the
Single-cell pseudotime trajectory analysis of neoplastic cells
(Figure 5D) and M2 macrophages (Figure 5E). Aimed at
neoplastic cells and M2 macrophages, we performed
“Monocle” R package to reconstruct the pseudotime trajectory.
In neoplastic cells, five main branches and four branch points
were identified, and cells were separated into nine states. In M2
macrophages, three main branches and one branch point were
identified, and cells were separated into three states. Then we
observed relatively high TNFSF13 expression in state eight and
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FIGURE 3 | Correlation between TNFSF13 and immunologic functions in gliomas. (A) Immune infiltration assessment for pan-cancer samples regarding
macrophage based on TIMER 2.0. Red represents high expression of macrophage; purple represents low expression of macrophage. (B) Ten immunogram scores
to analyze the correlation between TNFSF13 expression and tumor-infiltrating immune cells in gliomas from TCGA cohort and CGGA cohort. Red represents high
TNFSF13 expression; yellow represents low TNFSF13 expression. The relationship between TNFSF13 and T cell immunity in pan-gliomas from (C) TCGA and
(D) CGGA datasets.

state nine of neoplastic cells, while TNFSF13 slightly upregulated
in state two and three of M2 macrophages.

Afterwards, we confirmed top 100 differentially expressed
genes (DEGs) before and after branch point two in neoplastic

cells (Figure 6B), among which top 12 genes were exhibited in
Supplementary Figure S14B, and top six DEGs among five states
in pseudotime trajectories of neoplastic cells were visualized in
Supplementary Figure S14A. Additionally, we performed
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FIGURE 4 | Correlations between TNFSF13 and immunogenic factors as well as tumorigenic factors. (A) The correlations between TNFSF13 and immune
checkpoints in different cancers (*P < 0.05, **P < 0.01, **P < 0.001). (B) The correlations between TNFSF13 and signature genes for MMR in different cancers
(*P < 0.05, **P < 0.01, **P < 0.001). (C) The correlations of TNFSF13 expression and TMB in different cancers. (D) The correlations of TNFSF13 expression and
MSI in different cancers.

functional annotations including GO enrichment analysis and
KEGG pathway analysis based on these DEGs (Figure 6A). In the
same way, we identified top 100 DEGs with branch-dependent
expression for branch point one in M2 macrophages
(Supplementary Figure S13B), and functional annotations for
these genes were performed (Supplementary Figure S13A). Top
12 genes were exhibited in Supplementary Figure S14D, and top
six DEGs among five states in pseudotime trajectories of M2
macrophages were visualized in Supplementary Figure S14C.
These still further testified that TNFSF13 expression was positively
related to M2 macrophages and the progression of glioma.
Particularly, we explored ligand-receptor interactions in cells
among those with high TNFSF13 expression (Figure 7A), and
detailed four categories of intercellular communication were
displayed in Figure 7C. Apparently, we observed strong
interactions among cancer cells, T cells, and M2 macrophages,

especially in checkpoint analysis (Figure 7C). In the meantime,
we analyzed ligand-receptor interactions in cells based on
differentially expressed genes between high TNFSF13 group
and low TNFSF13 group (Figure 7B); more detailed
classifications were displayed in Figure 7D. As expected, close
interactions among cancer cells, T cells, and M2 macrophages
were observed.

In view of the crucial biological function of transcription
factors in cells within tumor microenvironment, we performed a
systematic gene regulatory network to excavate the mutual
relation among transcription factors of malignant cells. On the
basis of connection specificity index, malignant cells were
clustered into nine main modules (Figure 8A), among which
regulons were observed more gathering in module one and
module three. Then we explored the interrelation between
regulon distribution and TNFSF13 expression in neoplastic
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cells of all nine modules (Figures 8B, C), and the result showed
high TNFSF13 samples appeared more regulon activity and
counts in module three, module six, module seven, and
module nine, while low TNFSF13 group appeared more
regulon activity and counts in other five modules. Top
specificity regulons in high TNFSF13 expression neoplastic
cells were found including POU2F2_extended,
MEIS2_extended, GLI3_extended, and LHX2_ extended, while
top regulons in low TNFSF13 neoplastic cells included CREBS5,
ETS1, ETV1, CREB3LI (Figure 8E). Subsequently, we conducted
GO enrichment analysis (Figure 8F) based on these top ranked
regulons of both groups, and the result revealed a high
correlation between these regulons and tumorigenic processes.
Expounded by Neftel (63), additionally, single-cell analysis could
classify malignant cells of GBM into four subclasses according to
the expression spectrum of neoplastic cells: astrocyte-like

(AC-like), mesenchymal-like (MES-like), neural-progenitor-like
(NPC-like), and oligodendrocyte-progenitor-like (OPC-like).
Our analysis revealed that compared with low TNFSF13
expression neoplastic cells, high TNFSF13 group exhibited
higher proportions of AC-like and MES-like malignant
cells (Figure 8D).

DISCUSSION

Increasing evidences have demonstrated the considerable
influence of TNFSF13 in immunological suppression and
immune infiltration, and TNFSF13 as a potential diagnostic
biomarker and clinical management target is attractive.
Considering that the molecular features of TNFSF13 in
gliomas still remain unclear, we performed large-scale and
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FIGURE 6 | Differentially expressed genes (DEGs) and functional annotations of glioma neoplastic cells in single-cell pseudotime trajectories. (A) Biological
processes (BP) and molecular functions (MF) from Gene Oncology (GO) enrichment analysis and Kyoto Encyclopedia of Genes and Genomes (KEGG) pathway
analysis based on DEGs for branch point 2 in neoplastic cells. (B) Heatmap of top 100 DEGs with branch-dependent expression for branch point 2 in

integrated bioinformatic analyses to characterize TNFSF13 in
gliomas. Our analyses initially indicated that TNFSF13
expression level was greatly upregulated in high-grade gliomas
based on 2016 WHO classification, especially in IDH-wildtype
status GBM. Moreover, TNFSF13 was remarkably upregulated in
CL and ME subtypes compared with other subtypes among
gliomas, which immune checkpoint inhibitors and
immunosuppressive cytokines were enriched in ME subtype to
facilitate immunosuppression and tumor invasion (49, 64).
TNESF13 was also observed enriched in hyperplastic blood
vessels, leading edge and peri-necrotic zone. Additionally, 17
methylation probes identified from TCGA exhibited remarkable
negative association with expression of TNFSF13, which further
confirmed the correlation between TNFSF13 and unfavorable
prognosis. Besides, existing researches have clarified that the
overexpression of TNFSF13 associates with more severe
classification and worse prognosis in diverse cancers, including
breast cancer (31), multiple myeloma (32), non-small-cell lung
cancer (65), and pancreatic cancer (66). And our analyses
minutely testified the interrelation between TNEFSF13
overexpression and worse survival of GBM patients based on

TCGA and CGGA datasets. Besides, TNFSF13 played actively in
regulating lymphocyte survival, activation, and differentiation of
lymphocyte to promote immunosuppression (32, 67), which
would ultimately attract a more severe prognosis. Taken
together, these findings proved that TNFSF13 was closely
associated with tumorigenesis and tumor progression.

The in-depth mechanisms of TNFSF13 involved in
tumorigenesis was further determined. We further observed
that several oncogenic drivers were detected as high
amplification genomic peaks in TNFSF13 high expression
cohort, including EGFR, CDK4, and PIK3CA (68). In the
meantime, tumor suppressors like CDKN2A and CDKN2B
were observed as deletion peaks in TNFSF13 high expression
cohort (38). In view of the contribution from genomic
alternations and heterogeneity to tumor progression, tumor
microenvironment transformation, and drug tolerance (68), we
supposed our analysis provided evidence for the relevance
between TNFSF13 overexpression and degree of malignancy
in gliomas.

Previous researches have indicated the potential effect of
TNEFSF13 to induce immune cells apoptosis, immunosurveillance
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FIGURE 7 | Visualization of cell communication. (A) Network plot and circos plot showing the total ligand-receptor interactions detected between each two different
cell types and/or within the same cell type in high TNFSF13 group. (B) Network plot and circos plot showing the total ligand-receptor interactions detected between
each two different cell types and/or within the same cell type based on the differentially expressed genes between high TNFSF13 group and low TNFSF13 group.
(C) Network plot and circos plot showing the four types of ligand-receptor interactions detected between each two different cell types and/or within the same cell
type in high TNFSF13 group. (D) Network plot and circos plot showing the four types of ligand-receptor interactions detected between each two different cell types
and/or within the same cell type based on the differentially expressed genes between high TNFSF13 group and low TNFSF13 group.

collapse, and tumor invasion (27-29, 64). Our study initially
investigated the correlation between TNFSF13 and ESTIMATE
scores, including immune score, stromal score, and ESTIMATE
score, among which all of them were identified positively correlated
with TNFSF13 expression. Afterwards an analysis in regard to

tumor microenvironment ingredient suggested the positive
correlation between TNFSF13 expression and diversified
infiltrating immune and stromal cells, including NK cells,
monocytes, TEM, MDSCs, Tregs, neutrophils, fibroblasts.
Moreover, we analyzed macrophage infiltration and T cell
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FIGURE 8 | Interrelationship between transcription factors in malignant cells. (A) Heatmap of nine modules of transcription factors in malignant neoplastic cells.
(B) Regulon activity scores of TNFSF1 3M9N and TNFSF13°% malignant cells in nine modules based on transcription factors. (C) Violin plot for the distribution of
TNFSF13"9" and TNFSF13°" malignant cells in nine modules based on transcription factors. (D) Proportion of high and low TNFSF13 expression malignant
neoplastic cells in four cellular states. (E) Scatter plot for the specificity score of transcription factors in high and low TNFSF13 expression malignant cells.
(F) GO enrichment analysis based on high expression regulons in malignant cells. ns, not statistically significant; **P < .01, ****P < .0001.

infiltration in 40 solid cancers with different algorithms and  analysis proved that TNFSF13 might contribute to the inhibition
evaluated 10 immunogram scores for gliomas with different  of T-cell based antitumor immune processes, and investigation on
TNESF13 expression levels, and all outcome revealed a relatively ~ inflammation response suggested TNFSF13 expression was
close connection between TNFSF13 overexpression and M2  upregulated in macrophage activation, T-cell-related signaling
macrophages, MDSCs, both of which were evidenced  transduction, and antigen-presenting cells, while negatively
suppressing immunity response (69). Additionally, GSVA  associated with B-lymphocyte-related metagenes. These findings
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verified the impact of TNFSF13 on suppressing immunity response
in glioma microenvironment. In addition, as the vital source of
immune regulation, our analysis in regard to checkpoints indicates
TNESF13 closely synergistic with PDCD1LG2, HAVCR2, PDCD]I,
CD80, CTLA4, CD274, IDO1, and CD276 in pan-gliomas, LGGs,
GBMs, and pan-cancer. Additionally, a robust relationship was
observed between TNFSF13 and MMR, MSI, TMB, all of which
were reliable markers for immunotherapy responses. Existing
evidences have indicated that management with combination of
immune checkpoint inhibitors would lead to higher immune
response rate, along with more favorable survival in melanoma
and brain metastasis cases (16, 34). These results suggest TNFSF13
might be a promising marker for immunotherapy response.
Noteworthily, increasing evidence have attested the crucial
biological function of tumor-associated macrophages (TAMs) in
tumor deterioration and metastasis (70-73). Metabolites
produced by malignant cells would lead to the M2 polarization
of macrophages and generate multiple cytokines and angiogenic
factors, and this process ends up inducing the progression and
invasion of tumor (74, 75). Our primary analysis has
correspondingly verified the positive relevance between
TNEFSF13 expression and macrophage activation. Furthermore,
single-cell RNA analysis was conducted to dig more potential
pertinence of TNFSF13 in TAMs-related immunity and glioma
deteriorate. The significance of scRNA-seq analysis on exploring
gene function and immune microenvironment has been proved
(76, 77). Among all scRNA-seq analysis content, pseudotime
trajectories analysis was conducted to capture alterations on
transcriptional level in the progression of tumor cells and
macrophages (40). Our current study with scRNA-seq analysis
testified that TNFSF13 was notably upregulated in M2
macrophages, T cells, and neoplastic cells, while pseudotime
trajectories analysis and functional annotations for neoplastic
cells and M2 macrophages forcefully proved that TNFSF13
expression was associated with macrophage infiltration and a
series of tumorigenic signaling pathways, such as HIF-1 signaling
pathway, canonical Wnt signaling pathway, and p53 signaling
pathway. These results further validated the vital role of
TNFSF13 in regulating macrophage activity and immune
response signaling pathways. Notably, ligand-receptor
interactions among different cell types showed that multiple
ligand-receptor interactions existed among TNESF13""
neoplastic cells, T cells, and macrophages, and these
interactions involved cytokines, growth factors, checkpoints,
and others. Of all factors detected, IL-8 has been proved
conducive for cancer cells to escape immunoreaction through
angiogenesis induced by macrophages (78, 79). C3 is a key
member of complement system and promotes tumor
progression by suppressing immune system as well (80). CD44
peculiarly impacts glioma outcomes in a biphasic way: high- and
low-level CD44 expression both correlate with favorable survival,
while intermedia CD44 level do not (81). Referred to existing
researches, our analysis indicated that complicated ligand-
receptor interactions worked within tumor microenvironment
to regulate glioma malignancy and patient outcome, and
expression of those factors was highly relevant to TNFSF13.

Diverse transcription factors were proved to be associated
with glioma progression. Agminated transcription factor ETS1
would induce angiogenesis and neoplastic cell migration to
contribute to tumor progression through upregulating KIF14
expression (82). HIF-1o. and AHR modulate the metabolism of
neoplastic and immune cells to impact tumor immunity and
progression (83). Here, we continued scRNA-seq analysis and
conducted systematic gene regulatory network to explore the
interactions among transcription factors of malignant cells.
Noteworthily, GO and KEGG enrichment analysis for those
particular regulons mightily suggested the pertinence between
these transcription factors and glioma malignancy, while
TNFSF13 expression also correlated with regulon distribution.

Taken together, our elaborate bioinformatics analyses
illuminated a potential influence of TNFSF13 in the
progression and targeted anticancer treatment for human
gliomas. TNFSF13 overexpression was particularly relevant to
a high degree of gliomas malignancy and more severe prognosis
in glioma cases. The significant correlation between TNFSF13
and inflammation, immunosuppression was verified. TNFSF13
was involved in the activation of M2 macrophage and potentially
regulated the cell communication via IL-8, C3, CD44. TNFSF13
also mediated the activities of transcription factors including
FOXO3, MEIS2, and IRF8. However, there are still limitation
and deficiency in our study, existing data for the upregulation
and activation of TNFSF13 to modulate the immune system still
remains scarce, and we expected to improve that in subsequent
researches. For instance, the correlation between TNFSF13
overexpression and B cell activation still remains unclear, then
some immunization activities and poor clinical outcomes are
contradictory to each other among high TNFSF13 patients.
Further in vivo and in vitro researches on the regulatory
mechanism of TNFSF13 for immunoregulation and tumor
microenvironment in gliomas are expected.

CODE AVAILABILITY

All statistical analysis was performed using R project. All codes
can be inquired from the corresponding author.

DATA AVAILABILITY STATEMENT

The original contributions presented in the study are included in
the article/Supplementary Material. Further inquiries can be
directed to the corresponding authors.

AUTHOR CONTRIBUTIONS

Conception and design: HZ, XW, RC, and QC. Foundation
support: QC and ZL. Acquisition and analysis of data: HZ,
WW, XW, ZD, ZW, ZH, and XZ. Interpretation of data: HZ
and XW. Drafting the manuscript and revising for submission

Frontiers in Immunology | www.frontiersin.org

October 2021 | Volume 12 | Article 713757


https://www.frontiersin.org/journals/immunology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/immunology#articles

Chen et al.

TNFSF13 Correlates With Immune Infiltration in Gliomas

quality: HZ and XW. Study supervision: QC. All authors
contributed to the article and approved the submitted version.

FUNDING

This work was supported by the National Natural Science
Foundation of China (NO. 82073893, NO. 81703622, NO.
81873635), China Postdoctoral Science Foundation (NO.
2018M633002), Hunan Provincial Natural Science Foundation
of China (NO. 2018JJ3838, NO. 2019]JJ80056, NO. 2018SK2101),

REFERENCES

1. Ostrom QT, Gittleman H, Liao P, Vecchione-Koval T, Wolinsky Y, Kruchko
C, et al. CBTRUS Statistical Report: Primary Brain and Other Central
Nervous System Tumors Diagnosed in the United States in 2010-2014.
Neuro Oncol (2017) 19:v1-v88. doi: 10.1093/neuonc/nox158

2. Carlsson SK, Brothers SP, Wahlestedt C. Emerging Treatment Strategies for
Glioblastoma Multiforme. EMBO Mol Med (2014) 6:1359-70. doi: 10.15252/
emmm.201302627

3. Jiang T, Mao Y, Ma W, Mao Q, You Y, Yang X, et al. CGCG Clinical Practice
Guidelines for the Management of Adult Diffuse Gliomas. Cancer Lett (2016)
375:263-73. doi: 10.1016/j.canlet.2016.01.024

4. Zhang H, Wang R, Yu Y, Liu J, Luo T, Fan F. Glioblastoma Treatment
Modalities Besides Surgery. J Cancer (2019) 10:4793-806. doi: 10.7150/
jca.32475

5. Claes A, Idema AJ, Wesseling P. Diffuse Glioma Growth: A Guerilla War.
Acta Neuropathol (2007) 114:443-58. doi: 10.1007/s00401-007-0293-7

6. Huang R, Harmsen S, Samii JM, Karabeber H, Pitter KL, Holland EC, et al.
High Precision Imaging of Microscopic Spread of Glioblastoma With a
Targeted Ultrasensitive SERRS Molecular Imaging Probe. Theranostics
(2016) 6:1075-84. doi: 10.7150/thno.13842

7. Puduvalli VK, Chaudhary R, McClugage SG, Markert J. Beyond Alkylating
Agents for Gliomas: Quo Vadimus? Am Soc Clin Oncol Educ Book (2017)
37:175-86. doi: 10.1200/EDBK_175003

8. Chen R, Cohen AL, Colman H. Targeted Therapeutics in Patients With High-
Grade Gliomas: Past, Present, and Future. Curr Treat Options Oncol (2016)
17:42. doi: 10.1007/s11864-016-0418-0

9. Touat M, Idbaih A, Sanson M, Ligon KL. Glioblastoma Targeted Therapy:
Updated Approaches From Recent Biological Insights. Ann Oncol (2017)
28:1457-72. doi: 10.1093/annonc/mdx106

10. Ellis HP, Greenslade M, Powell B, Spiteri I, Sottoriva A, Kurian KM. Current
Challenges in Glioblastoma: Intratumour Heterogeneity, Residual Disease,
and Models to Predict Disease Recurrence. Front Oncol (2015) 5:251. doi:
10.3389/fonc.2015.00251

11. Ramirez YP, Weatherbee JL, Wheelhouse RT, Ross AH. Glioblastoma
Multiforme Therapy and Mechanisms of Resistance. Pharmaceuticals
(Basel) (2013) 6:1475-506. doi: 10.3390/ph6121475

12. Stavrovskaya AA, Shushanov SS, Rybalkina EY. Problems of Glioblastoma
Multiforme Drug Resistance. Biochemistry (Mosc) (2016) 81:91-100. doi:
10.1134/50006297916020036

13. Peng Q, Qiu X, Zhang Z, Zhang S, Zhang Y, Liang Y, et al. PD-L1 on Dendritic
Cells Attenuates T Cell Activation and Regulates Response to Immune
Checkpoint Blockade. Nat Commun (2020) 11:4835. doi: 10.1038/s41467-
020-18570-x

14. Preusser M, Lim M, Hafler DA, Reardon DA, Sampson JH. Prospects of
Immune Checkpoint Modulators in the Treatment of Glioblastoma. Nat Rev
Neurol (2015) 11:504-14. doi: 10.1038/nrneurol.2015.139

15. Louveau A, Smirnov I, Keyes TJ, Eccles JD, Rouhani SJ, Peske JD, et al.
Structural and Functional Features of Central Nervous System Lymphatic
Vessels. Nature (2015) 523:337-41. doi: 10.1038/nature14432

16. Long GV, Atkinson V, Lo S, Sandhu S, Guminski AD, Brown MP, et al.
Combination Nivolumab and Ipilimumab or Nivolumab Alone in Melanoma

Hunan Provincial Health Committee Foundation of China
(C2019186), Xiangya Hospital Central South University
postdoctoral foundation, and Fundamental Research Funds for
the Central Universities of Central South University.

SUPPLEMENTARY MATERIAL

The Supplementary Material for this article can be found online
at: https://www.frontiersin.org/articles/10.3389/fimmu.2021.
713757 /full#supplementary-material

Brain Metastases: A Multicentre Randomised Phase 2 Study. Lancet Oncol
(2018) 19:672-81. doi: 10.1016/S1470-2045(18)30139-6

17. Syn NL, Teng MWL, Mok TSK, Soo RA. De-Novo and Acquired Resistance to
Immune Checkpoint Targeting. Lancet Oncol (2017) 18:e731-e41. doi:
10.1016/S1470-2045(17)30607-1

18. Li S, Zhang W, Wu C, Gao H, Yu ], Wang X, et al. HOXC10 Promotes
Proliferation and Invasion and Induces Immunosuppressive Gene Expression
in Glioma. FEBS ] (2018) 285:2278-91. doi: 10.1111/febs.14476

19. Lee KM, Chuang E, Griffin M, Khattri R, Hong DK, Zhang W, et al. Molecular
Basis of T Cell Inactivation by CTLA-4. Science (1998) 282:2263-6. doi:
10.1126/science.282.5397.2263

20. Zhang H, Zhou Y, Cheng Q, Dai Z, Wang Z, Liu F, et al. PDIA3 Correlates
With Clinical Malignant Features and Immune Signature in Human Gliomas.
Aging (Albany NY) (2020) 12:15392-413. doi: 10.18632/aging.103601

21. Zhang H, Fan F, Yu Y, Wang Z, Liu F, Dai Z, et al. Clinical Characterization,
Genetic Profiling, and Immune Infiltration of TOX in Diffuse Gliomas.
J Transl Med (2020) 18:305. doi: 10.1186/s12967-020-02460-3

22. ZhangH, Cui B, Zhou Y, Wang X, Wu W, Wang Z, et al. B2M Overexpression
Correlates With Malignancy and Immune Signatures in Human Gliomas. Sci
Rep (2021) 11:5045. doi: 10.1038/s41598-021-84465-6

23. Zhang H, He J, Dai Z, Wang Z, Liang X, He F, et al. PDIAS5 is Correlated With
Immune Infiltration and Predicts Poor Prognosis in Gliomas. Front Immunol
(2021) 12:628966. doi: 10.3389/fimmu.2021.628966

24. Wang Z, Zhang H, Cheng Q. PDIA4: The Basic Characteristics, Functions and
Its Potential Connection With Cancer. BioMed Pharmacother (2020)
122:109688. doi: 10.1016/j.biopha.2019.109688

25. Zhang H, Dai Z, Wu W, Wang Z, Zhang N, Zhang L, et al. Regulatory
Mechanisms of Immune Checkpoints PD-L1 and CTLA-4 in Cancer. ] Exp
Clin Cancer Res (2021) 40:184. doi: 10.1186/s13046-021-01987-7

26. Rihacek M, Bienertova-Vasku J, Valik D, Sterba ], Pilatova K, Zdrazilova-
Dubska L. B-Cell Activating Factor as a Cancer Biomarker and Its
Implications in Cancer-Related Cachexia. BioMed Res Int (2015)
2015:792187. doi: 10.1155/2015/792187

27. Carpenter RO, Evbuomwan MO, Pittaluga S, Rose JJ, Raffeld M, Yang S, et al.
B-Cell Maturation Antigen is a Promising Target for Adoptive T-Cell Therapy
of Multiple Myeloma. Clin Cancer Res (2013) 19:2048-60. doi: 10.1158/1078-
0432.CCR-12-2422

28. Tai YT, Acharya C, An G, Moschetta M, Zhong MY, Feng X, et al. APRIL and
BCMA Promote Human Multiple Myeloma Growth and Immunosuppression
in the Bone Marrow Microenvironment. Blood (2016) 127:3225-36. doi:
10.1182/blood-2016-01-691162

29. Tai YT, Li XF, Breitkreutz I, Song W, Neri P, Catley L, et al. Role of B-Cell-
Activating Factor in Adhesion and Growth of Human Multiple Myeloma
Cells in the Bone Marrow Microenvironment. Cancer Res (2006) 66:6675-82.
doi: 10.1158/0008-5472.CAN-06-0190

30. Moreaux J, Veyrune JL, De Vos J, Klein B. APRIL is Overexpressed in Cancer:
Link With Tumor Progression. BMC Cancer (2009) 9:83. doi: 10.1186/1471-
2407-9-83

31. Pelekanou V, Kampa M, Kafousi M, Darivianaki K, Sanidas E, Tsiftsis DD,
et al. Expression of TNF-Superfamily Members BAFF and APRIL in Breast
Cancer: Immunohistochemical Study in 52 Invasive Ductal Breast
Carcinomas. BMC Cancer (2008) 8:76. doi: 10.1186/1471-2407-8-76

Frontiers in Immunology | www.frontiersin.org

October 2021 | Volume 12 | Article 713757


https://www.frontiersin.org/articles/10.3389/fimmu.2021.713757/full#supplementary-material
https://www.frontiersin.org/articles/10.3389/fimmu.2021.713757/full#supplementary-material
https://doi.org/10.1093/neuonc/nox158
https://doi.org/10.15252/emmm.201302627
https://doi.org/10.15252/emmm.201302627
https://doi.org/10.1016/j.canlet.2016.01.024
https://doi.org/10.7150/jca.32475
https://doi.org/10.7150/jca.32475
https://doi.org/10.1007/s00401-007-0293-7
https://doi.org/10.7150/thno.13842
https://doi.org/10.1200/EDBK_175003
https://doi.org/10.1007/s11864-016-0418-0
https://doi.org/10.1093/annonc/mdx106
https://doi.org/10.3389/fonc.2015.00251
https://doi.org/10.3390/ph6121475
https://doi.org/10.1134/S0006297916020036
https://doi.org/10.1038/s41467-020-18570-x
https://doi.org/10.1038/s41467-020-18570-x
https://doi.org/10.1038/nrneurol.2015.139
https://doi.org/10.1038/nature14432
https://doi.org/10.1016/S1470-2045(18)30139-6
https://doi.org/10.1016/S1470-2045(17)30607-1
https://doi.org/10.1111/febs.14476
https://doi.org/10.1126/science.282.5397.2263
https://doi.org/10.18632/aging.103601
https://doi.org/10.1186/s12967-020-02460-3
https://doi.org/10.1038/s41598-021-84465-6
https://doi.org/10.3389/fimmu.2021.628966
https://doi.org/10.1016/j.biopha.2019.109688
https://doi.org/10.1186/s13046-021-01987-7
https://doi.org/10.1155/2015/792187
https://doi.org/10.1158/1078-0432.CCR-12-2422
https://doi.org/10.1158/1078-0432.CCR-12-2422
https://doi.org/10.1182/blood-2016-01-691162
https://doi.org/10.1158/0008-5472.CAN-06-0190
https://doi.org/10.1186/1471-2407-9-83
https://doi.org/10.1186/1471-2407-9-83
https://doi.org/10.1186/1471-2407-8-76
https://www.frontiersin.org/journals/immunology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/immunology#articles

Chen et al.

TNFSF13 Correlates With Immune Infiltration in Gliomas

32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

42.

43.

44.

45.

46.

47.

48.

49.

50.

Tai YT, Lin L, Xing L, Cho SF, Yu T, Acharya C, et al. APRIL Signaling via
TACI Mediates Immunosuppression by T Regulatory Cells in Multiple
Myeloma: Therapeutic Implications. Leukemia (2019) 33:426-38. doi:
10.1038/s41375-018-0242-6

Garcia-Castro A, Zonca M, Florindo-Pinheiro D, Carvalho-Pinto CE, Cordero
A, Gutierrez del Fernando B, et al. APRIL Promotes Breast Tumor Growth
and Metastasis and is Associated With Aggressive Basal Breast Cancer.
Carcinogenesis (2015) 36:574-84. doi: 10.1093/carcin/bgv020

Wang L, Babikir H, Muller S, Yagnik G, Shamardani K, Catalan F, et al. The
Phenotypes of Proliferating Glioblastoma Cells Reside on a Single Axis of
Variation. Cancer Discov (2019) 9:1708-19. doi: 10.1158/2159-8290.CD-19-
0329

Mermel CH, Schumacher SE, Hill B, Meyerson ML, Beroukhim R, Getz G.
GISTIC2.0 Facilitates Sensitive and Confident Localization of the Targets of
Focal Somatic Copy-Number Alteration in Human Cancers. Genorme Biol
(2011) 12:R41. doi: 10.1186/gb-2011-12-4-r41

Cerami E, Gao J, Dogrusoz U, Gross BE, Sumer SO, Aksoy BA, et al. The Cbio
Cancer Genomics Portal: An Open Platform for Exploring Multidimensional
Cancer Genomics Data. Cancer Discov (2012) 2:401-4. doi: 10.1158/2159-
8290.CD-12-0095

Kobayashi Y, Kushihara Y, Saito N, Yamaguchi S, Kakimi K. A Novel Scoring
Method Based on RNA-Seq Immunograms Describing Individual Cancer-
Immunity Interactions. Cancer Sci (2020) 111:4031-40. doi: 10.1111/
cas.14621

Li G, Wang Z, Zhang C, Liu X, Cai ], Wang Z, et al. Molecular and Clinical
Characterization of TIM-3 in Glioma Through 1,024 Samples.
Oncoimmunology (2017) 6:€1328339. doi: 10.1080/2162402X.2017.1328339
Stuart T, Butler A, Hoffman P, Hafemeister C, Papalexi E, Mauck WM3rd,
et al. Comprehensive Integration of Single-Cell Data. Cell (2019) 177:1888—
902 e21. doi: 10.1016/j.cell.2019.05.031

Pang B, Xu J, Hu J, Guo F, Wan L, Cheng M, et al. Single-Cell RNA-Seq
Reveals the Invasive Trajectory and Molecular Cascades Underlying
Glioblastoma Progression. Mol Oncol (2019) 13:2588-603. doi: 10.1002/
1878-0261.12569

Gu Z, Eils R, Schlesner M. Complex Heatmaps Reveal Patterns and
Correlations in Multidimensional Genomic Data. Bioinformatics (2016)
32:2847-9. doi: 10.1093/bioinformatics/btw313

Thomas C, Henry W, Cuiffo BG, Collmann AY, Marangoni E, Benhamo V,
et al. Pentraxin-3 is a PI3K Signaling Target That Promotes Stem Cell-Like
Traits in Basal-Like Breast Cancers. Sci Signal (2017) 10(467):eaah4674. doi:
10.1126/scisignal.aah4674

Liu Q, Wang XY, Qin YY, Yan XL, Chen HM, Huang QD, et al. SPOCD1
Promotes the Proliferation and Metastasis of Glioma Cells by Up-Regulating
PTX3. Am ] Cancer Res (2018) 8:624-35.

Zhang H, Chen Z, Wang Z, Dai Z, Hu Z, Zhang X, et al. Correlation Between
APOBEC3B Expression and Clinical Characterization in Lower-Grade
Gliomas. Front Oncol (2021) 11:625838. doi: 10.3389/fonc.2021.625838
Lapointe S, Perry A, Butowski NA. Primary Brain Tumours in Adults. Lancet
(2018) 392:432-46. doi: 10.1016/50140-6736(18)30990-5

Hartmann C, Hentschel B, Tatagiba M, Schramm J, Schnell O, Seidel C, et al.
Molecular Markers in Low-Grade Gliomas: Predictive or Prognostic? Clin
Cancer Res (2011) 17:4588-99. doi: 10.1016/j.ygeno.2020.08.035

Kagohara LT, Stein-O'Brien GL, Kelley D, Flam E, Wick HC, Danilova LV,
et al. Epigenetic Regulation of Gene Expression in Cancer: Techniques,
Resources and Analysis. Brief Funct Genomics (2018) 17:49-63. doi: 10.1093/
bfgp/elx018

Verhaak RG, Hoadley KA, Purdom E, Wang V, Qi Y, Wilkerson MD, et al.
Integrated Genomic Analysis Identifies Clinically Relevant Subtypes of
Glioblastoma Characterized by Abnormalities in PDGFRA, IDH1, EGFR,
and NF1. Cancer Cell (2010) 17:98-110. doi: 10.1016/j.ccr.2009.12.020
Phillips HS, Kharbanda S, Chen R, Forrest WF, Soriano RH, Wu TD, et al.
Molecular Subclasses of High-Grade Glioma Predict Prognosis, Delineate a
Pattern of Disease Progression, and Resemble Stages in Neurogenesis. Cancer
Cell (2006) 9:157-73. doi: 10.1016/j.ccr.2006.02.019

Louis DN, Perry A, Reifenberger G, von Deimling A, Figarella-Branger D,
Cavenee WK, et al. The 2016 World Health Organization Classification of
Tumors of the Central Nervous System: A Summary. Acta Neuropathol (2016)
131:803-20. doi: 10.1007/s00401-016-1545-1

51.

52.

53.

54.

55.

56.

57.

58.

59.

60.

61.

62.

63.

64.

65.

66.

67.

68.

69.

70.

71.

Yoshihara K, Shahmoradgoli M, Martinez E, Vegesna R, Kim H, Torres-
Garcia W, et al. Inferring Tumour Purity and Stromal and Immune Cell
Admixture From Expression Data. Nat Commun (2013) 4:2612. doi: 10.1038/
ncomms3612

Aran D, Hu Z, Butte AJ. Xcell: Digitally Portraying the Tissue Cellular
Heterogeneity Landscape. Genome Biol (2017) 18:220. doi: 10.1186/s13059-
017-1349-1

Donson AM, Birks DK, Schittone SA, Kleinschmidt-DeMasters BK, Sun DY,
Hemenway MF, et al. Increased Immune Gene Expression and Immune Cell
Infiltration in High-Grade Astrocytoma Distinguish Long-Term From Short-
Term Survivors. ]| Immunol (2012) 189:1920-7. doi: 10.4049/jimmunol.
1103373

Stein JV, Lopez-Fraga M, Elustondo FA, Carvalho-Pinto CE, Rodriguez D,
Gomez-Caro R, et al. APRIL Modulates B and T Cell Immunity. J Clin Invest
(2002) 109:1587-98. doi: 10.1172/JCI10215034

Mackay F, Leung H. The Role of the BAFF/APRIL System on T Cell Function.
Semin Immunol (2006) 18:284-9. doi: 10.1016/j.smim.2006.04.005

Sharma P, Allison JP. The Future of Immune Checkpoint Therapy. Science
(2015) 348:56-61. doi: 10.1126/science.aaa8172

Zhao X, Subramanian S. Oncogenic Pathways That Affect Antitumor Immune
Response and Immune Checkpoint Blockade Therapy. Pharmacol Ther
(2018) 181:76-84. doi: 10.1016/j.pharmthera.2017.07.004

Baretti M, Le DT. DNA Mismatch Repair in Cancer. Pharmacol Ther (2018)
189:45-62. doi: 10.1016/j.pharmthera.2018.04.004

Zhao P, Li L, Jiang X, Li Q. Mismatch Repair Deficiency/Microsatellite
Instability-High as a Predictor for Anti-PD-1/PD-L1 Immunotherapy
Efficacy. ] Hematol Oncol (2019) 12:54. doi: 10.1186/s13045-019-0738-1
Yarchoan M, Hopkins A, Jaffee EM. Tumor Mutational Burden and Response
Rate to PD-1 Inhibition. N Engl ] Med (2017) 377:2500-1. doi: 10.1056/
NEJMc1713444

Sha D, Jin Z, Budczies ], Kluck K, Stenzinger A, Sinicrope FA. Tumor
Mutational Burden as a Predictive Biomarker in Solid Tumors. Cancer
Discov (2020) 10:1808-25. doi: 10.1158/2159-8290.CD-20-0522

Rody A, Holtrich U, Pusztai L, Liedtke C, Gaetje R, Ruckhaeberle E, et al. T-
Cell Metagene Predicts a Favorable Prognosis in Estrogen Receptor-Negative
and HER2-Positive Breast Cancers. Breast Cancer Res (2009) 11:R15. doi:
10.1186/bcr2234

Gao J, Aksoy BA, Dogrusoz U, Dresdner G, Gross B, Sumer SO, et al.
Integrative Analysis of Complex Cancer Genomics and Clinical Profiles Using
the Cbioportal. Sci Signal (2013) 6:pl1. doi: 10.1126/scisignal.2004088
Doucette T, Rao G, Rao A, Shen L, Aldape K, Wei J, et al. Immune
Heterogeneity of Glioblastoma Subtypes: Extrapolation From the Cancer
Genome Atlas. Cancer Immunol Res (2013) 1:112-22. doi: 10.1158/2326-
6066.CIR-13-0028

Gorbacheva V, Ayasoufi K, Fan R, Baldwin WM3rd, Valujskikh A. B Cell
Activating Factor (BAFF) and a Proliferation Inducing Ligand (APRIL)
Mediate CD40-Independent Help by Memory CD4 T Cells. Am ]
Transplant (2015) 15:346-57. doi: 10.1111/ajt.12984

Robinson DR, Wu YM, Lonigro RJ, Vats P, Cobain E, Everett ], et al.
Integrative Clinical Genomics of Metastatic Cancer. Nature (2017) 548:297-
303. doi: 10.1038/nature23306

Krimpenfort P, Ijpenberg A, Song JY, van der Valk M, Nawijn M, Zevenhoven
], et al. p15Ink4b is a Critical Tumour Suppressor in the Absence of p16Ink4a.
Nature (2007) 448:943-6. doi: 10.1038/nature06084

Wolchok JD, Chiarion-Sileni V, Gonzalez R, Rutkowski P, Grob JJ, Cowey CL,
et al. Overall Survival With Combined Nivolumab and Ipilimumab in
Advanced Melanoma. N Engl | Med (2017) 377:1345-56. doi: 10.1056/
NEJMoal709684

Chen H, Yao J, Bao R, Dong Y, Zhang T, Du Y, et al. Cross-Talk of Four Types
of RNA Modification Writers Defines Tumor Microenvironment and
Pharmacogenomic Landscape in Colorectal Cancer. Mol Cancer (2021)
20:29. doi: 10.1186/s12943-021-01322-w

Wang D, Wang X, Si M, Yang J, Sun S, Wu H, et al. Exosome-Encapsulated
miRNAs Contribute to CXCL12/CXCR4-Induced Liver Metastasis of
Colorectal Cancer by Enhancing M2 Polarization of Macrophages. Cancer
Lett (2020) 474:36-52. doi: 10.1016/j.canlet.2020.01.005

Yang D, Liu K, Fan L, Liang W, Xu T, Jiang W, et al. LncRNA RP11-361F15.2
Promotes Osteosarcoma Tumorigenesis by Inhibiting M2-Like Polarization of

Frontiers in Immunology | www.frontiersin.org

October 2021 | Volume 12 | Article 713757


https://doi.org/10.1038/s41375-018-0242-6
https://doi.org/10.1093/carcin/bgv020
https://doi.org/10.1158/2159-8290.CD-19-0329
https://doi.org/10.1158/2159-8290.CD-19-0329
https://doi.org/10.1186/gb-2011-12-4-r41
https://doi.org/10.1158/2159-8290.CD-12-0095
https://doi.org/10.1158/2159-8290.CD-12-0095
https://doi.org/10.1111/cas.14621
https://doi.org/10.1111/cas.14621
https://doi.org/10.1080/2162402X.2017.1328339
https://doi.org/10.1016/j.cell.2019.05.031
https://doi.org/10.1002/1878-0261.12569
https://doi.org/10.1002/1878-0261.12569
https://doi.org/10.1093/bioinformatics/btw313
https://doi.org/10.1126/scisignal.aah4674
https://doi.org/10.3389/fonc.2021.625838
https://doi.org/10.1016/S0140-6736(18)30990-5
https://doi.org/10.1016/j.ygeno.2020.08.035
https://doi.org/10.1093/bfgp/elx018
https://doi.org/10.1093/bfgp/elx018
https://doi.org/10.1016/j.ccr.2009.12.020
https://doi.org/10.1016/j.ccr.2006.02.019
https://doi.org/10.1007/s00401-016-1545-1
https://doi.org/10.1038/ncomms3612
https://doi.org/10.1038/ncomms3612
https://doi.org/10.1186/s13059-017-1349-1
https://doi.org/10.1186/s13059-017-1349-1
https://doi.org/10.4049/jimmunol.1103373
https://doi.org/10.4049/jimmunol.1103373
https://doi.org/10.1172/JCI0215034
https://doi.org/10.1016/j.smim.2006.04.005
https://doi.org/10.1126/science.aaa8172
https://doi.org/10.1016/j.pharmthera.2017.07.004
https://doi.org/10.1016/j.pharmthera.2018.04.004
https://doi.org/10.1186/s13045-019-0738-1
https://doi.org/10.1056/NEJMc1713444
https://doi.org/10.1056/NEJMc1713444
https://doi.org/10.1158/2159-8290.CD-20-0522
https://doi.org/10.1186/bcr2234
https://doi.org/10.1126/scisignal.2004088
https://doi.org/10.1158/2326-6066.CIR-13-0028
https://doi.org/10.1158/2326-6066.CIR-13-0028
https://doi.org/10.1111/ajt.12984
https://doi.org/10.1038/nature23306
https://doi.org/10.1038/nature06084
https://doi.org/10.1056/NEJMoa1709684
https://doi.org/10.1056/NEJMoa1709684
https://doi.org/10.1186/s12943-021-01322-w
https://doi.org/10.1016/j.canlet.2020.01.005
https://www.frontiersin.org/journals/immunology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/immunology#articles

Chen et al.

TNFSF13 Correlates With Immune Infiltration in Gliomas

72.

73.

74.

75.

76.

77.

78.

79.

Tumor-Associated Macrophages of CPEB4. Cancer Lett (2020) 473:33-49.
doi: 10.1016/j.canlet.2019.12.041

Sa JK, Chang N, Lee HW, Cho HJ, Ceccarelli M, Cerulo L, et al.
Transcriptional Regulatory Networks of Tumor-Associated Macrophages
That Drive Malignancy in Mesenchymal Glioblastoma. Genome Biol (2020)
21:216. doi: 10.1186/s13059-020-02140-x

Zhang N, Dai Z, Wu W, Wang Z, Cao H, Zhang Y, et al. The Predictive Value
of Monocytes in Immune Microenvironment and Prognosis of Glioma
Patients Based on Machine Learning. Front Immunol (2021) 12:656541. doi:
10.3389/fimmu.2021.656541

Zhou W, Ke SQ, Huang Z, Flavahan W, Fang X, Paul J, et al. Periostin
Secreted by Glioblastoma Stem Cells Recruits M2 Tumour-Associated
Macrophages and Promotes Malignant Growth. Nat Cell Biol (2015)
17:170-82. doi: 10.1038/ncb3090

Netea-Maier RT, Smit JWA, Netea MG. Metabolic Changes in Tumor Cells
and Tumor-Associated Macrophages: A Mutual Relationship. Cancer Lett
(2018) 413:102-9. doi: 10.1016/j.canlet.2017.10.037

Cheng Q, Li ], Fan F, Cao H, Dai ZY, Wang ZY, et al. Identification and
Analysis of Glioblastoma Biomarkers Based on Single Cell Sequencing. Front
Bioeng Biotechnol (2020) 8:167. doi: 10.3389/fbioe.2020.00167

Goswami S, Walle T, Cornish AE, Basu S, Anandhan S, Fernandez I, et al.
Immune Profiling of Human Tumors Identifies CD73 as a Combinatorial
Target in Glioblastoma. Nat Med (2020) 26:39-46. doi: 10.1038/s41591-019-
0694-x

Mostofa AG, Punganuru SR, Madala HR, Al-Obaide M, Srivenugopal KS. The
Process and Regulatory Components of Inflammation in Brain Oncogenesis.
Biomolecules (2017) 7(2):34. doi: 10.3390/biom7020034

Tanabe K, Matsushima-Nishiwaki R, Yamaguchi S, Iida H, Dohi S, Kozawa O.
Mechanisms of Tumor Necrosis Factor-Alpha-Induced Interleukin-6
Synthesis in Glioma Cells. ] Neuroinflammation (2010) 7:16. doi: 10.1186/
1742-2094-7-16

80. Rutkowski MJ, Sughrue ME, Kane AJ, Mills SA, Parsa AT. Cancer and the
Complement Cascade. Mol Cancer Res (2010) 8:1453-65. doi: 10.1158/1541-
7786.MCR-10-0225

Klank RL, Decker Grunke SA, Bangasser BL, Forster CL, Price MA, Odde TJ,
et al. Biphasic Dependence of Glioma Survival and Cell Migration on CD44
Expression Level. Cell Rep (2017) 19:668. doi: 10.1016/j.celrep.2017.03.074
Xu H, Zhao G, Zhang Y, Jiang H, Wang W, Zhao D, et al. Long non-Coding
RNA PAXIP1-AS1 Facilitates Cell Invasion and Angiogenesis of Glioma by
Recruiting Transcription Factor ETS1 to Upregulate KIF14 Expression. ] Exp
Clin Cancer Res (2019) 38:486. doi: 10.1186/s13046-019-1474-7

Gabriely G, Wheeler MA, Takenaka MC, Quintana FJ. Role of AHR and HIF-
lalpha in Glioblastoma Metabolism. Trends Endocrinol Metab (2017) 28:428-
36. doi: 10.1016/j.tem.2017.02.009

81.

82.

83.

Conflict of Interest: The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could be construed as a
potential conflict of interest.

Publisher’s Note: All claims expressed in this article are solely those of the authors
and do not necessarily represent those of their affiliated organizations, or those of
the publisher, the editors and the reviewers. Any product that may be evaluated in
this article, or claim that may be made by its manufacturer, is not guaranteed or
endorsed by the publisher.

Copyright © 2021 Chen, Wang, Dai, Wang, Wu, Hu, Zhang, Liu, Zhang and Cheng.
This is an open-access article distributed under the terms of the Creative Commons
Attribution License (CC BY). The use, distribution or reproduction in other forums is
permitted, provided the original author(s) and the copyright owner(s) are credited and
that the original publication in this journal is cited, in accordance with accepted
academic practice. No use, distribution or reproduction is permitted which does not
comply with these terms.

Frontiers in Immunology | www.frontiersin.org

October 2021 | Volume 12 | Article 713757


https://doi.org/10.1016/j.canlet.2019.12.041
https://doi.org/10.1186/s13059-020-02140-x
https://doi.org/10.3389/fimmu.2021.656541
https://doi.org/10.1038/ncb3090
https://doi.org/10.1016/j.canlet.2017.10.037
https://doi.org/10.3389/fbioe.2020.00167
https://doi.org/10.1038/s41591-019-0694-x
https://doi.org/10.1038/s41591-019-0694-x
https://doi.org/10.3390/biom7020034
https://doi.org/10.1186/1742-2094-7-16
https://doi.org/10.1186/1742-2094-7-16
https://doi.org/10.1158/1541-7786.MCR-10-0225
https://doi.org/10.1158/1541-7786.MCR-10-0225
https://doi.org/10.1016/j.celrep.2017.03.074
https://doi.org/10.1186/s13046-019-1474-7
https://doi.org/10.1016/j.tem.2017.02.009
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
https://www.frontiersin.org/journals/immunology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/immunology#articles

	TNFSF13 Is a Novel Onco-Inflammatory Marker and Correlates With Immune Infiltration in Gliomas
	Introduction
	Materials and Methods
	Data Collection
	Genomic Alteration
	Immune Infiltration
	Functional Annotation
	Single-Cell RNA Analysis
	Immunohistochemistry
	Statistical Analysis

	Results
	Correlations of TNFSF13 Expression With Clinical and Molecular Traits in Gliomas
	TNFSF13 Expression Associates With Poor Survival in Glioma Patients
	TNFSF13 Expression Is Relevant to Distinct Genomic Alterations
	TNFSF13 Is Correlated With Infiltrating Immune and Stromal Cells in Glioma Microenvironment
	TNFSF13 Associated With Other Immune Checkpoint Molecules and Inflammatory Activities in Gliomas
	Single-Cell Sequencing Investigated the Correlation Between TNFSF13 and Cell Clusters

	Discussion
	Code Availability
	Data Availability Statement
	Author Contributions
	Funding
	Supplementary Material
	References



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /PageByPage
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages false
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 1
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages false
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages false
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages false
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages false
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages false
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 300
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages false
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /Description <<
    /ENU (T&F settings for black and white printer PDFs 20081208)
  >>
  /ExportLayers /ExportVisibleLayers
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /BleedOffset [
        0
        0
        0
        0
      ]
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /ClipComplexRegions true
        /ConvertStrokesToOutlines false
        /ConvertTextToOutlines false
        /GradientResolution 300
        /LineArtTextResolution 1200
        /PresetName ([High Resolution])
        /PresetSelector /HighResolution
        /RasterVectorBalance 1
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks true
      /IncludeHyperlinks true
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MarksOffset 6
      /MarksWeight 0.250000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


