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5-Methylcytosine (m5C) methylation is an important RNA modification pattern that can
participate in oncogenesis and progression of cancers by affecting RNA stability,
expression of oncogenes, and the activity of cancer signaling pathways. Alterations in
the expression pattern of long non-coding RNAs (IncRNAs) are potentially correlated with
abnormalities in the m5C regulation features of cancers. Our aim was to reveal the
mechanisms by which INncRNAs regulated the m5C process, to explore the impact of
aberrant regulation of m5C on the biological properties of lower-grade gliomas (LGG), and
to optimize current therapeutic. By searching 1017 LGG samples from the Cancer
Genome Atlas and Chinese Glioma Genome Atlas, we first clarified the potential impact
of m5C regulators on LGG prognosis in this study and used univariate Cox analysis and
least absolute shrinkage and selection operator regression to explore clinically meaningful
INncBRNAs. Consequently, we identified four INcRNAs, including LINC00265, CIRBP-AST,
GDNF-AS1, and ZBTB20-AS4, and established a novel m5C-related IncRNAs signature
(m5CrLS) that was effective in predicting prognosis. Notably, mutation rate, WHO class I,
IDH mutation, 1p/19q co-deletion and MGMT promoter methylation were increased in the
low m5CrLS score group. Patients with increased m5CrLS scores mostly showed
activation of tumor malignancy-related pathways, increased immune infiltrating cells,
and decreased anti-tumor immune function. Besides, the relatively high expression of
immune checkpoints also revealed the immunosuppressed state of patients with high
m5CrLS scores. In particular, m5CrLS stratification was sensitive to assess the efficacy of
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m5C-Related INncRNAs Signature for LGG

LGG to temozolomide and the responsiveness of immune checkpoint blockade. In
conclusion, our results revealed the molecular basis of LGG, provided valuable clues for
our understanding of m5C-related INcRNAs, and filled a gap between epigenetics and

tumor microenvironment.

Keywords: 5-methylcytosine, long non-coding RNAs, immune, oncology treatment, lower-grade gliomas

INTRODUCTION

There are long-standing difficulties in the clinical management of
lower-grade gliomas (LGG), which consist of diffuse low- and
intermediate-grade gliomas (WHO grade II and III) (1). Due to
invasiveness of the tumor cells and the consequent incomplete
excision, patients frequently relapse and even malignantly
transform to higher grades despite standard treatment (2).
Although the emergence of molecular biomarkers such as
IDH1 mutation and 1p/19q deletion are helpful for the
diagnosis and treatment of LGG, there remains an urgent need
for diagnosis, treatment, and assessment of prognosis of LGG (3,
4). Therefore, further characterizing the molecular underpinning
of LGG will promote the current diagnosis and treatment of this
lethal cancer.

Aberrant RNA modifications are associated with cancer cell
survival, proliferation, invasion, and therapeutic resistance, and
serve as potential therapeutic targets (5, 6). 5-methylcytosine
(m5C) is a widespread RNA modification that functions to
maintain RNA export, RNA stability and ribosome assembly by
adding a methyl group to the carbon-5 position of a cytosine base.
mb5C is dynamically regulated by vital regulators including ‘writers’
(catalytic modification formation), ‘readers’ (recognition and binding
of modified nucleotide) and ‘erasers’ (removal of modification), and
participants in tumorigenesis (7-9). Recent findings suggest that the
regulatory factor NSUN2, a member of the ‘writers’, promotes
abnormally hypermethylation of m5C through the NSUN2/YBX1/
m5C HDGEF signaling pathway, which promotes the proliferation of
uroepithelial cancer cells (10). Notably, deletion of NSUNS5 results in
anon-m5C methylation state at position C3782 of 28S rRNA, driving
an overall suppression of protein synthesis, which contributes to
long-term survival of glioblastoma patients (11). However, the role of
m5C regulators, a hotspot for molecular research with great potential,
in LGG remains obscure. Given the impact of aberrant expression
and genetic alterations of m5C regulators on tumor malignant
progression, a comprehensive analysis of them and their associated
genes is warranted.

Long non-coding RNAs (IncRNAs) are essential in the
modification of RNA. ZFASI regulates the activity of small
nucleolar RNA-induced rRNA 2’-O-methylation through a
ZFAS1-NOP58-SNORD12C/78-EIF4A3/LAMC2 signaling-
dependent manner, thus promoting the proliferation and
migration of colorectal cancer (CRC) cells (12). RNA-binding
regulatory peptide, a 71 amino acid peptide encoded by
LINC00266, can bind to IGF2BP [the ‘reader’ of N6-
methyladenosine (m6A)] to enhance the m6A methylation of
mRNA c-Myec, ultimately promoting CRC (13). In addition, the
effects of IncRNAs on the tumor microenvironment (TME) have

been widely reported, for example, high expression of LNC-EGFR
in liver cancer binds to EGFR, stabilizes and maintains the RAS/
ERK/AP1 signaling pathway, leading to Treg differentiation,
cytotoxic T lymphocyte (CTL) suppression (14). And the mining
of high-dimensional data has led to a new level of human
understanding of tumor-immune-IncRNA interactions, such as
the proposal of tumor immune subtypes and the revelation of
their effects on immune cell infiltration (15, 16). Although IncRNAs
have been shown to play a key role in LGG proliferation and
differentiation, which can predict the prognosis of gliomas (17, 18).
However, there is still a lack of understanding of m5C-related
IncRNAs and how they interact with m5C in LGG. Therefore, an in-
depth and comprehensive exploration of m5C-related IncRNAs
may help to improve this situation, complement a gap between
immuno-epigenetic-tumor, and provide new perspectives for
cancer diagnosis and treatment.

In this perspective, we identified 13 m5C regulators with
significantly altered expression in LGG which was of prognostic
value. Accordingly, we identified four IncRNAs associated with
m5C with prognostic value. These four IncRNAs were differentially
expressed not only in different clinical subtypes of LGG, but also in
multiple tumors by pan-cancer analysis. On this basis, we
constructed the m5C-related IncRNA signature (m5CrLS) and
stratified the m5CrLS scores to explore the different features of
mRNA expression profiles, clinicopathological parameters,
signaling pathways and gene mutations in LGG. After finding
abnormalities in multiple immune-related pathways in the
signaling pathways of the high and low m5CrLS score groups, we
further explored and determined that increased LGG immune cells
infiltration and reduced antitumor immune effect were associated
with increased m5CrLS scores. Notably, the m5CrLS score also
strongly predicted the efficacy of temozolomide (TMZ) and the
therapeutic response to immune checkpoint blockade (ICB) in LGG
patients. In conclusion, our analysis of m5C-related IncRNAs
quantified the characteristics of LGG and provided a viable
reference for optimizing the treatment of LGG.

MATERIALS AND METHODS

Gene Expression Dataset

The mRNA expression profile of 105 normal brain tissues of GTEx
was obtained from UCSC Xena (https://xena.ucsc.edu/).
Transcriptomic expression profiles (FPKM normalized) and
corresponding clinicopathological data (including IDH status,
1p/19q status, O(6)-methylguanine DNA methyltransferase
(MGMT) promoter status, WHO classification, age, gender, and
survival information) were retrieved from The Cancer Genome
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Atlas (TCGA) database (https://portal.gdc.cancer.gov/). Samples
without survival information were excluded, and 504 LGG
samples were retained for further analysis. In addition, the
expression profile of 513 LGG samples as well as corresponding
demographics (Table 1) were downloaded from the Chinese
Glioma Genome Atlas (CGGA) database (http://www.cgga.org.
cn/). Datasets were subjected to the R package ‘limma’ for
removing batch effect. The mRNA-seq datasets (FPKM
normalized) of 33 types of cancers were also retrieved from the
TCGA GDC project in UCSC Xena data portal. LGG somatic
mutation data in UCSC Xena were analyzed and visualized using
the R package ‘maftools’ (19).

m5C Regulatory Genes and Protein-
Protein Interaction (PPI) Networks

13 confirmed m5C regulatory factors were selected from the
available literature, including DNMT1, DNMT3A, DNMT3B,
ALYREF, NOP2, NSUN2, NSUN3, NSUN4, NSUN5, NSUNG6,
NSUN7, TET2, TRDMT1 (20, 21). The R package limma’ was
used to integrate and remove batch effects from TCGA and
GTEx data, as well as to analyse differences in 13 regulators. The
p value < 0.05 was considered significant.

The Search Tool for Interacting Genes (STRING) database
(https://string-db.org/) was used to construct PPI interaction
networks based on methods including scientific text mining,
extraction of experimental data, and calculation of genomic
features (22). The potential interactions between 13 m5C

TABLE 1 | The clinical characteristics of LGG patients in the TCGA and
CGGA datasets.

Characteristic TCGA CGGA No. of Patients
Total sample 504 513 1017
Age (years)

< =50 309 434 743
>50 140 79 219
Unknown 55 55
Gender

male 251 296 547
female 198 217 415
Unknown 55 55
Grade

WHO Il 213 238 451
WHO Il 236 275 511
Unknown 55 55
IDH status

Mutant 410 389 799
Wildtype 94 124 218
1p/19q codeletion

codel 166 162 328
no-codel 338 351 689
MGMT promoter status

Methylated 416 246 662
Unmethylated 88 172 260
Unknown 95 95
Histology

astrocytoma 165 165
oligodendroglioma 172 172
oligoastrocytoma 112 112
Unknown 55 55

regulators were explored by setting the minimum required
interaction scores on the STRING online website to a high
confidence level (> 0.7). The cytoscape software (version 3.7.2)
was used to visualize the PPI network. Furthermore, hub genes
were identified using maximal clique centrality (MCC)
computing method with the cytohubba plugin (23).

m5C-Related LncRNAs

The Genome Reference Consortium Human Build 38 (GRCh38)
annotation file was obtained from the GENCODE website
(https://www.gencodegenes.org/human/) to annotate the
TCGA and CGGA datasets, and 14,142 and 1,004 IncRNAs
were annotated, respectively. Pearson correlation analysis was
used to screen out 222 m5C-related IncRNAs from TCGA and 81
m5C-related IncRNAs from CGGA, based on 13 m5C regulatory
factors. Absolute value of correlation coefficient > 0.5 and p
value < 0.01 were set as cutoff.

Determine m5CrLS

Firstly, all IncRNAs associated with m5C were screened by
univariate Cox regression analysis, and 107 and 46 IncRNAs
with prognostic value were obtained in the TCGA and CGGA
datasets, respectively. The least absolute shrinkage and selection
operator (LASSO) regression analysis was performed on six
IncRNAs co-expressed in both datasets using the package
‘glmnet’ to screen out biomarkers for further development
m5CrLS. The following equation was used to calculate the
m5CrLS score for LGG:

m5CrLS score = > (Regression Coeffecient s Expression)
i=0
The samples were split into high and low m5CrLS score
groups by the median value.

Functional Enrichment Analysis

Differentially expressed genes (DEGs) between low and high
mb5CrLS score groups were calculated using the R package
‘limma’ based on the TCGA dataset with the criteria of | log2(FC)
|>1,p<0.05,and FDR < 0.05. DEGs up-regulated [log2(FC) > 0] in
the high m5CrLS score group were selected as candidates for Gene
Ontology (GO) analysis, including cellular component (CC),
molecular function (MF), biological process (BP), and Kyoto
Encyclopedia of Genes and Genomes (KEGG) based on the R
package ‘clusterProfiler’ and ‘enrichplot’ for visualization.

The relative activation of classical tumor-associated pathways
in high and low m5CrLS score groups was characterized using
single-sample gene set enrichment analysis (ssGSEA). The
signature genes used for the calculations were derived from a
summary of recent researches (24, 25). In the analysis, ssGSEA
scores were normalized to a unit distribution, where 0 was the
minimum value of activation for each pathway and 1 represented
the maximum.

Immunoinformatic Analysis
‘ESTIMATE’ algorithm was used to assess the content of
immune and stromal cells in the TME of each sample, which
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was expressed in the form of four scores: immune score, matrix
score, estimated score and tumor purity (26).

The fraction of B-cell, CD4" T-cell, CD8" T-cell, dendritic
cell, macrophage, and neutrophil infiltration was estimated using
the TIMER2.0 webtool (http://timer.cistrome.org/) based on
mRNA expression profiles (27). The R package limma’ was
used for differential analysis and Spearman correlation analysis
was performed to calculate the correlation between the m5CrLS
score and the fraction of 6 immune infiltrations.

The ssGSEA algorithm was performed to further quantify the
infiltration of 28 immune cells in the TME. The characteristic
genes for each type of immune cell were summarized by JIA et al.
(28). The ssGSEA scores distributed from 0 and 1 represented
the minimum and maximum of each immune cell infiltration
abundance, respectively.

Tumor Immunophenotype Profiling (TIP) (http://biocc.
hrbmu.edu.cn/TIP/) is a web-based tool that allows convenient
and rapid analysis and visualization of the extent of tumor-
infiltrating immune cells and the 7 phase events of anti-cancer
immunity, including tumor cell antigen release (step 1), cancer
antigen presentation (step 2), stimulation and activation (step 3),
immune cell transfer to the tumor (step 4), immune cell
infiltration (step 5), T cell recognition of cancer cells and
killing of cancer cells (steps 6, 7) (29). In view of this, the
antitumor immune function activity of LGG was quantified by
TIP and further analyzed for differences between high and low
mb5CrLS score groups.

Prediction of ICB Responsiveness

The Tumor Immune Dysfunction and Exclusion (TIDE) (http://
tide.dfci.harvard.edu) web platform integrates published
immune checkpoint blockade (ICB) trials to predict clinical
response to ICB (30). Both datasets were assessed by the TIDE
algorithm and samples with TIDE scores below a threshold
(default value of 0) were set to be responsive to ICB treatment.

Statistical Analysis

All statistical analysis was performed on R (version 4.1.1).
Kaplan-Meier (K-M) analyses and log-rank statistical tests
were used to compare overall survival (OS) between groups.
Survival analysis grouping based on 13 m5C regulators and four
IncRNAs was divided according to the median of each gene
expression. In addition, the median value of m5CrLS scores from
TCGA dataset was used as node for survival analysis between
m5CrLS groups as well as determination of sensitivity to TMZ
and radiotherapy treatment. Receiver operating characteristic
(ROC) curves and the corresponding area under the curve
(AUC) values were used to evaluate the predictive power of
m5CrLS scores established based on the expression of four
biomarkers for prognosis. Univariate and multifactorial Cox
regression analyses were used to assess the independent
prognostic value of the m5CrLS and 13 m5C regulators.
Wilcoxon test was performed to compare intra-subgroup
differences in clinicopathological subtype, immune cell
infiltration, ssGSEA score, the expression of immune
checkpoint, and the TIP score. Kruskal test was used to
compare differences between histopathological subtypes

(astrocytoma, oligodendroglioma, oligoastrocytoma). A chi-
square test was used to compare gender, age, WHO grade,
IDH status, 1p/19q status, O(6)-methylguanine DNA
methyltransferase (MGMT) promoter methylation status, and
distribution characteristics of histopathological subtypes
between low and high m5CrLS score groups. The difference in
response to ICB treatment between low and high m5CrLS score
groups was assessed using the fisher test.

RESULTS
Aberrant m5C Methylation

To investigate the expression of 13 m5C regulatory factors in
LGG, normal and tumor samples from the GTEx and TCGA
databases were integrated. As a result, DNMT3A, DNMT3B,
ALYREF, NSUN3, NSUN6, NSUN7, and TET2 were
significantly up-regulated in tumor samples (p < 0.05), and
NOP2, NSUN2, NSUN4, NSUN5, and DNMT1 regulators
were significantly down-regulated (p < 0.05), while TRDMT1
was the only regulator without significant change in expression
(p = 0.276) (Figure 1A). Then, K-M analysis was performed to
explore the expression of these m5C regulators on LGG survival.
The results showed that patients with decreased expression of
DNMT3A, DNMT3B, DNMT1, NOP2, NSUN4, and NSUN7
had improved OS, which was also validated by the CGGA dataset
(Figures S1A, B). The univariate and multivariate Cox
regression analysis showed that NSUN4 and NSUN7 were
independent risk factors for LGG based on both datasets
(Figures 1B, S1C).

To further characterize the interactions between these m5C
regulators, a protein-protein interaction (PPI) network was
constructed (Figure 1C). As a result, TRDMT1 scored highest
and was the hub gene in the network, and genes with their
corresponding centrality weights were collated as Table S1.
Subsequently, correlation analysis found that TET2 had the
highest negative correlation with NSUN5 (cor = -0.44, p <
0.05) and the highest positive correlation with NSUN3 (cor =
0.68, p < 0.05) (Figure S1D). Overall, these results demonstrated
the LGG-related m5C regulators and their interactions.

Identification of m5C-Related LncRNAs
With Prognostic Significance

To further explore the impact of IncRNAs on the m5C regulatory
patterns of LGG, we firstly conducted the Pearson correlation
analysis between the expression of IncRNAs and m5C regulators.
With | cor | > 0.5 and p < 0.01 as the threshold, a total of 222 and
81 m5C-related IncRNAs were identified in TCGA and CGGA
samples. With univariate Cox analysis, 107 and 46 m5C-related
IncRNAs retained prognostic significance in TCGA and CGGA
samples (Tables S2, §3). We noted that LINC00265, CIRBP-
AS1, GDNF-AS1, ZBTB20-AS4, NNT-AS1 and TRAF31P2-AS1
were all identified as m5C-related IncRNAs in both datasets
(Figure 1D). Also, the correlations between the expression of
these six IncRNAs and m5C regulators were strong (cor > 0.5)
(Figures 1E, S1E and Tables 2, S4).
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FIGURE 1 | (A) The expression of individual m5C methylation regulators (blue represents the normal brain tissue and red represents LGG). (B) Multivariate Cox
regression analysis of 13 m5C regulators (genes with p < 0.05 were exhibited). (C) PPI networks show the interaction between different m5C regulators (13 nodes,
23 edges). The width of the linkage was proportional to the connectivity degree, and node size was positively correlated with its centrality. (D) Venn diagram
exhibiting the 6 INcCRNAs expressed in the TCGA and CGGA datasets selected by univariate Cox analysis. (E) Correlations between the six INncRNAs and
corresponding m5C regulators based on the TCGA dataset.

To identify biomarkers, we identified four of the six
IncRNAs with significant prognostic significance by LASSO
regression analysis, namely LINC00265, CIRBP-AS1, GDNEF-
AS1 and ZBTB20-AS4 (Figure S2A). Particularly, GDNF-AS1
and ZBTB20-AS4 were protective factors, while LINC00265
and CIRBP-AS1 were risk factors (Figures 2A, B). Taking into
account the clinicopathological features of LGG, the expression of
GDNF-AS1 and ZBTB20-AS4 was significantly increased in
samples of 1p/19q co-deletion and IDH mutation in both datasets

TABLE 2 | The correlations between m5C regulators and INcRNAs based on the
TCGA dataset.

LncRNA m5C Correlation coefficient p-value Direction
CIRBP-AS1 DNMT3A 0.5288 1.92E-39 positive
CIRBP-AS1 DNMT3B 0.5493 5.05E-43 positive
CIRBP-AS1 NSUN2 0.5795 8.94E-49 positive
GDNF-AS1 NSUN6 0.5410 1.49E-41 positive
LINC00265 DNMT1 0.5259 5.84E-39 positive
LINC00265 DNMT3A 0.5666 2.97E-46 positive
LINC00265 DNMT3B 0.6056 2.93E-54 positive
LINC00265 NSUN2 0.5323 4.91E-40 positive
NNT-AST1 NSUN3 0.5115 1.31E-36 positive
TRAF3IP2-AS1 TET2 0.5098 2.43E-36 positive
ZBTB20-AS4 TET2 0.5361 1.06E-40 positive

(p < 0.001), and the expression of CIRBP-AS1was decreased in
samples with the IDH mutation (Figures 2C, S2B). K-M curves
showed that LGG with increased expression of GDNF-ASI and
ZBTB20-AS4 had improved survival, whereas patients with
elevated expression of LINC00265 and CIRBP-AS1 had poor OS,
in line with the result of Cox regression analysis (Figures 2D, S2C).
In addition, we analyzed the expression of the four m5C-related
IncRNAs in 33 tumors using a pan-cancer analysis. Compared to
normal tissues, ZBTB20-AS4, CIRBP-AS1, GDNF-AS1, and
LINCO00265 were differentially expressed in a variety of tumors,
including BRCA, COAD, KIRC, KIRP, LUAD, LUSC, and UCEC,
suggesting that these m5C-related IncRNAs may be conserved in
the tumor progression (Figure 2E). In summary, these results
suggested that these four m5C-related IncRNAs were potential
candidates for the development of a reliable prognostic model.

Construction and Validation of the
m5CrLS-Based Stratification

Next, we constructed the m5CrLS using the four m5c-related
IncRNAs and their LASSO regression coefficients to quantify
individual differences among LGG samples (Figure S3A). The
distribution of m5CrLS score with survival time and status showed
that the mortality increased with the score (Figures 3A, S3B).
K-M curves suggested that the low m5CrLS score group had a
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significantly improved OS (p < 0.001) (Figure 3B). Notably, the
m5CrLS group predicted prognosis was independent of age, WHO
tumor grade, MGMT promoter status, and IDH status
(Figures 3C, S3C, D). The ROC curves showed a robust time-
dependent predictive power of the m5CrLS, with the 1-year AUC
values of 0.854 and 0.740, the 3-year AUCs of 0.799 and 0.724, and
the 5-year AUCs of 0.730 and 0.685, in the TCGA and CGGA
datasets, respectively which was an improved predictor than
clinical characteristics including age, gender, grade, IDH status
and 1p/19q status (Figures 3D, S3E). The results of univariate

[TCGA hazard ratio (HR) = 3.864, 95% confidence interval
(CI) =2.825 - 5.286, p < 0.001; CGGA HR = 4.151, 95% CI =
2.881 - 5.980, p < 0.001] and multivariate Cox analysis (TCGA HR
= 1.885, 95% CI = 1.178 - 3.015, p = 0.008; CGGA HR = 2.316,
95% CI = 1.395 - 3.844, p = 0.001) showed that the m5CrLS score
was an independent risk factor (Figures 4A, S4A). The accuracy of
the prognostic model can be determined by the calibration degree
curve (Figure 4B). Moreover, to render the m5CrLS score a
clinically applicable quantitative standard, a nomogram was
constructed (Figure 4C).
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In addition, the differential expression of the four prognostic
m5C-related IncRNAs and their associated clinical features were
exhibited. And samples of WHO grade II, 1p/19q co-deletion,
IDH mutation, and MGMT promoter methylation were enriched
in the low m5CrLS score group (p < 0.05) (Figures S4B, C).
Particularly, WHO grade II, 1p/19q co-deletion, IDH mutation,
MGMT promoter methylation, and oligodendroglioma had
decreased m5CrLS scores (Figures 4D, S5A). The results of
principal component analysis (PCA) in high and low m5CrLS
score groups showed that those had different distributions based
on the expression of prognostic biomarkers, all m5C-related
IncRNAs, 13 m5C regulators, and all genes, suggesting significant
differences in molecular and m5C methylation characteristics
between patients in the two groups (Figure S5B).

Functional Enrichment Analysis
To further uncover the molecular underpinning of m5CrLS
stratification, functional enrichment analysis was performed.

Firstly, 649 differentially expressed genes were identified and 520
genes were significantly up-regulated in high m5CrLS score LGG
(Table S5). GO and KEGG enrichment analysis revealed that 520
up-regulated genes were mainly enriched in the extracellular
matrix organization, extracellular structural organization, ECM-
receptor interaction, and PI3K-AKT signaling pathway. Notably,
high and low m5CrLS score patients have multiple immune
response processes in different states of activation, such as
humoral immune response, MHC class II protein complex
(Figures 5A, B). In addition, we selected 20 classical tumor-
associated pathways whose activation tended to correlate with the
degree of tumor malignancy (24, 25). As a result, the high m5CrLS
score group showed an increased ssGSEA score of angiogenesis,
cell cycle, epithelial-mesenchymal transition (EMT), pan-
fibroblast transforming growth factor-beta (Pan-F TBRS). In
contrast, the low m5CrLS score group had increased ssGSEA
score in the DNA damage repair, WNT target pathway
(Figures 5C, D). The above results may suggest that tumor cells
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in the high m5CrLS score group were more malignant
and aggressive.

Differences in the Immune Infiltration

Given that the differences in immune-related biological processes
and signaling pathways between high and low m5CrLS score
groups, the immune microenvironment was further explored.
The stromal score, immune score, estimate score, and tumor
purity were calculated based on the R package ‘ESTIMATE’. As a
result, the high m5CrLS score group consistently scored higher,
indicating a possible increase in the immune and stromal

infiltration (Figures 6A, S6A). Thus, the fraction of six
immune cells, including B cells, CD4" T cells, CD8" T cells,
neutrophils, macrophages, and myeloid dendritic cells were
inferred by TIMER2.0. Consistently, the infiltration of these
immune cells was significantly increased in the high m5CrLS
score group (Figure 6B). Spearman correlation analysis
suggested that myeloid dendritic cells had the highest positive
correlation with m5CrLS score (cor = 0.573, p < 0.001).
Furthermore, myeloid dendritic cells showed a strong positive
correlation with immune infiltration of neutrophils (cor = 0.86)
(Figures 6C, S6B, C). Chemokines CCR1, CCR2, CCR3, CCR6,
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FIGURE 5 | (A, B) Functional annotation based on 520 up-regulated in the high m5CrLS score group, using GO terms of BP, CC, MF, and KEGG pathway. The
abnormality of tumor-related pathways is based on (C) TCGA dataset and (D) CGGA dataset. (* p < 0.05, * p < 0.01, and *** p < 0.001; ns, non-significant).

CCRS5, CCL5, CXCL10, and XCL1 showed high expression in the
high score group of m5CrLS to promote the migration of
dendritic cells. In addition, the high expression of CCR?7,
CCL21 inhibited the function of dendritic cells and hindered
the killing effect of T cells on tumor cells (31-33). The cytokine
IL10, which showed high expression in the high m5CrLS score,
could inhibit the release of IL12A from dendritic cells, thus
causing anti-tumor immunosuppressive effects (34). In
addition, IL6 and IL15 showed high expression in the
m5CrLS high subgroup (Figures 6D, S6D). For validation,
immune infiltration was also estimated using the ssGSEA
algorithm and similar results were yielded that 24 out of 28
immune cells scored higher in high m5CrLS score patients
(Figures 6E, S6E). To further explore the ability of anti-tumor
immune response in high and low m5CrLS score groups, we
quantified the activity of 7 steps of LGG anti-tumor immune
response based on TIP. The results showed that the low
mb5CrLS score group scored higher in step 3, step 6, and step
7, while the high m5CrLS score group scored higher in the
release of step 1, and step 5 (Figure 6F). The above results
suggest that the stratification analysis based on m5CrLS can
identify the antitumor immune activity of LGG to some extent.

Given the impact of immune checkpoints (ICPs) on anti-
tumor immunity, we investigated the expression of those ICPs.
Tumor necrosis factor superfamily ligands (TNFSF) and
receptors (TNFRSF), including TNFSF9, TNESF4, TNFSF15,
TNESF14, CD40, CD70, CD40LG, TNFRSF4, TNFRSFS,
TNFRSF9, TNFRSF14, TNFRSF18, and TNFRSF25 were up-
regulated in the high m5CrLS score group in both datasets.
Programmed cell death protein-1 (PD-1) and two binding
ligands, PD-L1 and PD-L2, were highly expressed in the high
m5CrLS score group, indicating T-cell depletion and decreased
effector function (35). CTLA4 was highly expressed in the high
m5CrLS score group and could bind to equally highly expressed
CD86 and CD80 to transduce T-cell suppressor signals and
promote the suppressive function of Treg cells (36). TIM-3
(HAVCR2) and LGALS9 were significantly associated with T-
cell depletion and impaired function, and low expression in the
low m5CrLS score group suggested a stronger autoimmune and
antitumor immune response than in the high m5CrLS score
group (37). In addition, high expression of ICOS, ICOSLG, and
IDOL1 in high m5CrLS score patients contributed to Treg cell
aggregation (38, 39). high expression of LAIR1 suppressed CD8"
T cell activity in high m5CrLS score patients (40). High
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expression of CD48, CD244 (41), CD200R1 (42), and BTLA (43)
also had a suppressive effect on anti-tumor immunity
(Figures 6G, S6F).

Relationship between m5CrLS
Stratification and Mutational Status

The tumor immune microenvironment was also associated with
somatic mutation rates (44). The analysis of LGG mutation

m5CrLS EJ low E3 high

B nsns

wn e o e

ICP gene expression
N ES [}
.
.
-
.

FIGURE 6 | (A) Stromal score, immune score, estimate score, tumor purity of TCGA dataset. (B) Relationship between m5CrLS-based stratification and TIMER2.0
of 6 immune cells. (C) Correlation of myeloid dendritic cells with m5CrLS scores. (D) Chemokines and cytokines associated with dendritic cells were differentially
expressed between high and low m5CrLS score in TCGA dataset. (E) Differences in 29 immune cells between high and low m5CrLS score patients of TCGA
dataset. (F) 7 steps of the anti-tumor immune response analyzed by TIP. (G) The expression level of immune checkpoint in TCGA dataset. (ns, non-significant. “p <

information allowed us to better understand patients with
different m5CrLS. The mutation rate in the low m5CrLS score
group was as high as 100%, while the mutation rate in the high
m5CrLS score group was 90.8%. This implies a high release of
tumor neoantigens and more effective anti-cancer immune
activity in the low m5CrLS score group with higher somatic
mutation rates (45-47). In addition, the two groups differed in
terms of high IDH1 mutations (94% in the low m5CrLS score
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group and 60% in the high m5CrLS score group). It has been
noted that IDH1 mutations suppress the infiltration of immune
cells such as macrophages, microglia, and neutrophils (48). This
further explains the lower number of cancer-promoting immune
cells in patients with low m5CrLS scores. Interestingly, PTEN
was mutated at a frequency of 8% in the high m5CrLS score
group but did not appear in the top 15 mutated genes of the low
m5CrLS score group in terms of mutation frequency. Mutations
in PTEN result in its loss of tumor suppressive function (49).
Notably, increased PTEN mutations and excessive activation of
PI3K-AKT were associated with ICB treatment resistance
mechanisms (50) (Figure 7A).

Prediction of the Efficacy of Therapy

ICB has achieved surprising results in the treatment of tumors.
Previously available studies have highlighted the impact of RNA
modification on ICB treatment. With this in mind, we employed
the TIDE algorithm based on the stratification of m5C-related
IncRNAs to assess the efficacy of LGG on ICB treatment. The
results showed that there was a significant difference in the
response to ICB treatment between the two groups (p < 0.05),
and that low m5CrLS score patients were more sensitive to ICB
treatment (Figure 7B).

Next, the association of TMZ efficacy with m5CrLS score
groups was examined. K-M analysis showed that in LGG of grade
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FIGURE 7 | (A) Differences in mutations between high and low m5CrLS score groups (the top 15 mutated genes). (B) Predicting the relationship between m5CrLS-
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I who received TMZ, OS was significantly higher in the low
m5CrLS score group. In contrast, there was no statistical
difference between the high and low m5CrLS score groups that
did not receive TMZ (Figures 7C, E). Similar results were also
yielded in the samples of grade III that the low m5CrLS score
group predicted improved OS in patients who received TMZ
(Figures 7D, F).

In addition, the association between the stratification analysis
and the efficacy of radiotherapy was evaluated. In the TCGA
dataset, low m5CrLS score patients of grade II had a significant
survival benefit after receiving radiotherapy, and such result can
almost be validated by the CGGA cohort (Figures S7A, C).
There was no significant difference in OS for patients in the high
and low m5CrLS score groups of grade II who did not receive
radiotherapy. In grade III, both datasets showed improved OS for
the low m5CrLS score group regardless of whether they received
radiotherapy or not (Figures S7B, D).

DISCUSSION

m5C methylation is regulated by “writer, reader, and eraser”
regulators that affect tumor progression under abnormal
conditions (51, 52). A comprehensive analysis of m5C
regulators and their associated IncRNAs can help clarify the
role of m5C modification patterns on LGG tumor cells and guide
more effective individualized therapeutic strategies. In this study,
we first revealed the aberrant expression levels of 13 m5C
regulators in LGG and their prognostic implications. After
identifying four m5C-related IncRNAs with prognostic value,
we constructed a novel m5CrLS to systematically assess
individual differences in LGG. Stratified analysis of the
m5CrLS suggested aberrant expression patterns and m5C
methylation status in both groups. In addition, the high
m5CrLS score was characterized by activation of tumor
malignancy-related pathways and poor prognosis. m5CrLS also
distinguished different immune infiltration and anti-tumor
immunity in LGG patients, where the high m5CrLS score
subgroup had higher levels of immune cell infiltration and
poorer anti-tumor immunity. Notably, the low m5CrLS score
group was not only more sensitive to TMZ treatment, but also
had a higher response to ICB treatment.

Increasing evidence suggests that aberrant expression of
IncRNAs may be associated with the development of multiple
cancers and could be a potential therapeutic target (53, 54).
IncRNA H19 modified by m5C methylation promotes
hepatocarcinogenesis and progression through recruitment of
oncoprotein G3BP1 (55). Recently, deep bioinformatics mining
of high-throughput data revealed that m5c-related IncRNAs have
potential effects on immune infiltration and can be used as
multiple tumor prognostic markers and therapeutic targets (56,
57). To our knowledge, this is the first exploration of m5C-
related IncRNAs in LGG, yielding the prognostic biomarkers
LINC00265, CIRBP-AS1, GDNF-AS1 and ZBTB20-AS4.
LINCO00265 acts as an endogenous sponge that enhances the
expression of ZMIZ2, which in turn recruits the enzyme USP7 to

deubiquitinating and stabilize oncogenic B-catenin, thereby
promoting colorectal tumorigenesis (58). In addition,
LINC00265 can act as an m6A-associated IncRNA that affects
the prognosis of LGG (59). Triple-negative breast cancer patients
with low expression of CIRBP-AS1 have a better prognosis (60).
GDNF-ASI is also associated with ferroptosis and has an impact
on the prognosis of glioma (61). However, ZBTB20-AS4 has
been rarely reported. We hope that our findings will help identify
IncRNAs associated with m5C methylation and thus provide
insight into their potential role in LGG tumorigenesis
and progression.

Some studies identified a potential relationship between m5C
modulators and immune infiltration (20, 62). Furthermore,
IncRNAs perform a critical function in the TME, such as
promoting M2-type macrophage polarization, downregulating
tumor-associated antigens, and inhibiting CTL function (63-65).
Notably, few have combined the two to explore the complex
immune microenvironment of LGG. We linked m5CrLS to the
distribution of infiltrating immune cells in LGG for the first time.
Surprisingly, in our study, high m5CrLS score patients exhibited
a large infiltration of anti-tumor immune cells in addition to
many immune cells with suppressive effects on tumor
cytotoxicity, such as Tregs, MDSCs, and tumor-associated
macrophages. However, these did not prolong the OS of
patients. This was in line with many studies (62, 66).
Differently, we went further to quantify the antitumor immune
process and found that the activation status of the three steps of
T-cell initiation and activation, T-cell recognition of cancer cells
and killing of cancer cells was lower in the high m5CrLS score
group than in the low m5CrLS score group. Combined with the
analysis of TNFSF, chemokines, and cytokines, this also explains
to some extent the lower number of immune infiltrating cells and
stronger anti-tumor immune function in patients with low
m5CrLS scores. Our study demonstrated the importance of
m5C modification-related IncRNAs in shaping a different
immune microenvironment landscape. Thus, a comprehensive
assessment of m5C modification patterns distinguishes different
features of tumor-infiltrating immune cells and antitumor
immune processes in LGG, complementing the immune RNA
modification-IncRNA relationship in LGG.

The effects of ICPs on T-lymphocyte activity and effector
function were well defined (67). In addition, PD-1 and PD-L1
expression was also affected by RNA modification. Knockdown
of FTO increases m6A methylation of PD-1 in melanoma cells,
while deletion of ALKBH5 (the ‘eraser’ of m6A) enriches the
3'UTR region of PD-L1 mRNA with m6A modifications, thereby
promoting the degradation of PD-1 and PD-L1 in a YTHDEF2-
dependent manner (68, 69). Aberrant activation of ICPs in the
m5CrLS high score population interferes with antitumor
immune function, leading to immune evasion of tumor cells
(70). Notably, our analysis of ICPs not only re-illustrated the
immune status of LGG after stratification, but also suggested a
potential link between ICPs and m5CrLS, complementing the
molecular mechanisms affecting the expression of multiple
immune checkpoints in LGG. However, studies on the effects
of m5C modifications on ICPs have not been seen. Although our
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study distinguished the expression of ICPs in patients with
different m5CrLS, it also did not reveal the specific
mechanisms that induce ICPs. However, we hope that our
study can provide an idea for the study of RNA modifications
and ICPs.

In addition, the m5CrLS-based stratification has the potential
to screen ICB responders and predict radiotherapy efficacy. Anti-
PD-1 ICB therapy was enhanced by inhibition of ALKBHS5 via
the m6A pathway, which may also be related to the inhibition of
Treg accumulation (71). In addition, high-throughput data
analysis also showed that m6A was closely associated with ICB
treatment, where EMT played an important role in treatment
resistance (72). In this work, we found that m5CrLS reveals
increased Treg accumulation, angiogenesis, and EMT activation
related. These abnormal states may mediate therapeutic
resistance to ICB and affect LGG individual precision
immunotherapy. TMZ is used as adjuvant therapy after glioma
surgery and has significantly improved patient survival, but most
patients unfortunately develop treatment resistance (73, 74).
Deletion of the m5C methyltransferase NSUN2 results in skin
tumor cells being killed more effectively by chemotherapeutic
agents such as 5-fluorouracil or cisplatin (75). However, the
impact of m5C methylation or m5C modulators on TMZ
treatment is unclear. Our m5CrLS shows a strong sensitivity to
the outcome of TMZ treatment, probably since most low
mb5CrLS score patients possess MGMT promoter methylation,
which blocks the synthesis of O6-methylguanine and thus
increases the sensitivity of tumors to the cytotoxic effects
induced by TMZ (74). In addition, aberrant activation of the
EMT pathway in the high m5CrLS score group also contributes
to resistance to TMZ treatment (76).

In summary, we constructed a novel m5CrLS that can
comprehensively evaluate the different expression patterns of
individual patients and provided new insights into the LGG
immune microenvironment and a solid foundation for it.
However, it is worth noting that our study also has some
limitations. We should further confirm the m5C modification
sites or specific mechanisms on the four IncRNAs using cellular
and tissue experiments, and further validate them against tumor
immune function and immune infiltrating cells. In addition, our
development of m5CrLS needs to be further validated in
prospective studies and multicenter clinical trials. We will
incorporate these efforts into future studies.
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Supplementary Figure 1 | K-M curves showing the survival differences between
m5C regulators in the high- and low-expressed groups. The median expression was
used as the cut-off. (A) the TCGA dataset, and (B) the CGGA dataset. (C) Univariate
Cox regression results for 13 m5C regulators (p < 0.05 was exhibited). (D) Correlation
between the 13 m5C methylation regulators based on TCGA dataset. (E) Correlation
between LINC00265, CIRBP-AS1, GDNF-AS1, ZBTB20-AS4, NNT-AS1, TRAF3IP2-
AS1, and corresponding m5C regulators based CGGA dataset.

Supplementary Figure 2 | (A) LASSO regression for 6 m5C-related INcRNAs
based on TCGA dataset. (B) Differential expression of the 4 m5C-related IncRNAs in
clinical subgroups (including WHO grade Il or lll, and age < =50 or >50 years). (C) K-
M curves of the 4 m5C-related INcRNAs based on the CGGA dataset. (ns, non-
significant, *p < 0.05, **p < 0.01, and ***p < 0.001).

Supplementary Figure 3 | (A) The LAASO regression coefficients of the 4
selected m5C-related INncRNAs. (B) The distribution plots of the m5CrLS score and
survival status in the CGGA dataset. (C, D) K-M curves of the m5CrL.S-based
stratification in multiple CGGA clinical subgroups. (E) ROC curves were used to
evaluate the prediction ability of m5CrLS score, age, gender, grade, IDH, and 1p/
19q status (1-, 3-, and 5-year).

Supplementary Figure 4 | (A) Univariate Cox regression analysis of the TCGA
and CGGA datasets. Heatmap of the relationship between the m5CrlLS score and
clinicopathological features in the (B) TCGA and (C) CGGA datasets (*p < 0.05,
**p < 0.01, and **p < 0.001).

Supplementary Figure 5 | (A) The m5CrLS scores of clinicopathological
subgroups in the CGGA dataset. (B) The principal component analysis (PCA) of
high and low m5CrLS score, based on the expression of the 4 prognostic
biomarkers, all genes, m5C-related INcRNAs, and m5C regulators.

Supplementary Figure 6 | (A) The stromal score, immune score, estimate score,
tumor purity of CGGA dataset. (B) Correlation of 5 immune cells from TIMER2.0
with the m5CrLS score. (C) Spearman correlation between six tumor infiltrating
cells. (D) Chemokines and cytokines associated with dendritic cells were
differentially expressed between high and low m5CrLS score in CGGA dataset. (E)
Differences in 29 immune cells between high and low m5CrLS score patients of
CGGA dataset. (F) The expression level of ICPs in the CGGA dataset. (ns, non-
significant, “p < 0.05, **p < 0.01, and **p < 0.001).
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Supplementary Figure 7 | K-M curves of (A) grade Il and (B) grade lIl patients
receiving radiotherapy or without radiotherapy based on TCGA dataset. K-M curves

REFERENCES

1.

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

Cancer Genome Atlas Research N, Brat DJ, Verhaak RG, Aldape KD, Yung WK,
Salama SR, et al. Comprehensive, Integrative Genomic Analysis of Diffuse Lower-
Grade Gliomas. N Engl ] Med (2015) 372:2481-98. doi: 10.1056/NEJMoa1402121

. Weller M, van den Bent M, Tonn JC, Stupp R, Preusser M, Cohen-Jonathan-

Moyal E, et al. European Association for Neuro-Oncology (EANO) Guideline on
the Diagnosis and Treatment of Adult Astrocytic and Oligodendroglial Gliomas.
Lancet Oncol (2017) 18:315-29. doi: 10.1016/s1470-2045(17)30194-8

. Louis DN, Perry A, Reifenberger G, von Deimling A, Figarella-Branger D,

Cavenee WK, et al. The 2016 World Health Organization Classification of
Tumors of the Central Nervous System: A Summary. Acta Neuropathol
(2016) 131:803-20. doi: 10.1007/s00401-016-1545-1

. Lapointe S, Perry A, Butowski NA. Primary Brain Tumours in Adults. Lancet

(2018) 392:432-46. doi: 10.1016/s0140-6736(18)30990-5

. Barbieri I, Kouzarides T. Role of RNA Modifications in Cancer. Nat Rev

Cancer (2020) 20:303-22. doi: 10.1038/s41568-020-0253-2

. Gusyatiner O, Hegi ME. Glioma Epigenetics: From Subclassification to Novel Treatment

Options. Sernin Cancer Biol (2018) 51:50-8. doi: 10.1016/j.semcancer.2017.11.010

. Bohnsack KE, Hobartner C, Bohnsack MT. Eukaryotic 5-Methylcytosine (M

(5)C) RNA Methyltransferases: Mechanisms, Cellular Functions, and Links to
Disease. Genes (Basel) (2019) 10:102. doi: 10.3390/genes10020102

. Nombela P, Miguel-Lopez B, Blanco S. The Role of M(6)a, M(5)C and Psi

RNA Modifications in Cancer: Novel Therapeutic Opportunities. Mol Cancer
(2021) 20:18. doi: 10.1186/512943-020-01263-w

. Trixl L, Lusser A. The Dynamic RNA Modification 5-Methylcytosine and Its

Emerging Role as an Epitranscriptomic Mark. Wiley Interdiscip Rev RNA
(2019) 10:e1510. doi: 10.1002/wrna.1510

Chen X, Li A, Sun BF, Yang Y, Han YN, Yuan X, et al. 5-Methylcytosine
Promotes Pathogenesis of Bladder Cancer Through Stabilizing Mrnas. Nat
Cell Biol (2019) 21:978-90. doi: 10.1038/s41556-019-0361-y

Janin M, Ortiz-Barahona V, de Moura MC, Martinez-Cardus A, Llinas-Arias P,
Soler M, et al. Epigenetic Loss of RNA-Methyltransferase NSUN5 in Glioma
Targets Ribosomes to Drive a Stress Adaptive Translational Program. Acta
Neuropathol (2019) 138:1053-74. doi: 10.1007/s00401-019-02062-4

Wu H, Qin W, Lu S, Wang X, Zhang J, Sun T, et al. Long Noncoding RNA
ZFAS1 Promoting Small Nucleolar RNA-Mediated 2’-O-Methylation. via
NOP58 recruitment colorectal cancer Mol Cancer (2020) 19:95. doi: 10.1186/
$12943-020-01201-w

Zhu S, WangJZ, Chen, He YT, Meng N, Chen M, et al. An Oncopeptide Regulates
M(6)a Recognition by the M(6)a Reader IGF2BP1 and Tumorigenesis. Nat
Commun (2020) 11:1685. doi: 10.1038/s41467-020-15403-9

Jiang R, Tang J, Chen Y, Deng L, Ji ], Xie Y, et al. The Long Noncoding RNA
Inc-EGFR Stimulates T-Regulatory Cells Differentiation Thus Promoting
Hepatocellular Carcinoma Immune Evasion. Nat Commun (2017) 8:15129.
doi: 10.1038/ncomms15129

Sun J, Zhang Z, Bao S, Yan C, Hou P, Wu N, et al. Identification of Tumor
Immune Infiltration-Associated Lncrnas for Improving Prognosis and
Immunotherapy Response of Patients With Non-Small Cell Lung Cancer.
J Immunother Cancer (2020) 8:e000110. doi: 10.1136/jitc-2019-000110

Zhou M, Zhang Z, Bao S, Hou P, Yan C, Su J, et al. Computational
Recognition of Lncrna Signature of Tumor-Infiltrating B Lymphocytes
With Potential Implications in Prognosis and Immunotherapy of Bladder
Cancer. Brief Bioinform (2021) 22:bbaa047. doi: 10.1093/bib/bbaa047

Reon BJ, Anaya J, Zhang Y, Mandell ], Purow B, Abounader R, et al. Expression of
Lncrnas in Low-Grade Gliomas and Glioblastoma Multiforme: An in Silico
Analysis. PloS Med (2016) 13:¢1002192. doi: 10.1371/journal.pmed.1002192
Peng Z, Liu C, Wu M. New Insights Into Long Noncoding Rnas and Their
Roles in Glioma. Mol Cancer (2018) 17:61. doi: 10.1186/s12943-018-0812-2
Mayakonda A, Lin DC, Assenov Y, Plass C, Koeffler HP. Maftools: Efficient
and Comprehensive Analysis of Somatic Variants in Cancer. Genome Res
(2018) 28:1747-56. doi: 10.1101/gr.239244.118

Pan J, Huang Z, Xu Y. M5c RNA Methylation Regulators Predict
Prognosis and Regulate the Immune Microenvironment in Lung

of (C) grade Il and (D) grade Il patients receiving radiotherapy or without
radiotherapy based on CGGA dataset.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

40.

Squamous Cell Carcinoma. Front Oncol (2021) 11:657466. doi: 10.3389/
fonc.2021.657466

Chen H, Ge XL, Zhang ZY, Liu M, Wu RY, Zhang XF, et al. M(5)C Regulator-
Mediated Methylation Modification Patterns and Tumor Microenvironment
Infiltration Characterization in Lung Adenocarcinoma. Transl Lung Cancer
Res (2021) 10:2172-92. doi: 10.21037/tler-21-351

Szklarczyk D, Gable AL, Nastou KC, Lyon D, Kirsch R, Pyysalo S, et al. The
STRING Database in 2021: Customizable Protein-Protein Networks, and
Functional Characterization of User-Uploaded Gene/Measurement Sets.
Nucleic Acids Res (2021) 49:D605-12. doi: 10.1093/nar/gkaal074

Shannon P, Markiel A, Ozier O, Baliga NS, Wang J T, Ramage D, et al. Cytoscape:
A Software Environment for Integrated Models of Biomolecular Interaction
Networks. Genome Res (2003) 13:2498-504. doi: 10.1101/gr.1239303
Mariathasan S, Turley SJ, Nickles D, Castiglioni A, Yuen K, Wang Y, et al.
Tgfbeta Attenuates Tumour Response to PD-L1 Blockade by Contributing to
Exclusion of T Cells. Nature (2018) 554:544-48. doi: 10.1038/nature25501
Sanchez-Vega F, Mina M, Armenia J, Chatila WK, Luna A, La KC, et al.
Oncogenic Signaling Pathways in the Cancer Genome Atlas. Cell (2018)
173:321-37.e10. doi: 10.1016/j.cell.2018.03.035

Yoshihara K, Shahmoradgoli M, Martinez E, Vegesna R, Kim H, Torres-Garcia
W, etal. Inferring Tumour Purity and Stromal and Immune Cell Admixture From
Expression Data. Nat Commun (2013) 4:2612. doi: 10.1038/ncomms3612

Li T, Fu ], Zeng Z, Cohen D, Li ], Chen Q, et al. TIMER2.0 for Analysis of
Tumor-Infiltrating Immune Cells. Nucleic Acids Res (2020) 48:W509-14.
doi: 10.1093/nar/gkaa407

Jia Q, Wu W, Wang Y, Alexander PB, Sun C, Gong Z, et al. Local Mutational
Diversity Drives Intratumoral Immune Heterogeneity in Non-Small Cell Lung
Cancer. Nat Commun (2018) 9:5361. doi: 10.1038/s41467-018-07767-w

Xu L, Deng C, Pang B, Zhang X, Liu W, Liao G, et al. TIP: A Web Server for
Resolving Tumor Immunophenotype Profiling. Cancer Res (2018) 78:6575—
80. doi: 10.1158/0008-5472.CAN-18-0689

Fu ], Li K, Zhang W, Wan C, Zhang J, Jiang P, et al. Large-Scale Public Data
Reuse to Model Immunotherapy Response and Resistance. Genome Med
(2020) 12:21. doi: 10.1186/s13073-020-0721-z

Tiberio L, Del Prete A, Schioppa T, Sozio F, Bosisio D, Sozzani S. Chemokine
and Chemotactic Signals in Dendritic Cell Migration. Cell Mol Immunol
(2018) 15:346-52. doi: 10.1038/s41423-018-0005-3

Garris CS, Luke JJ. Dendritic Cells, the T-Cell-Inflamed Tumor
Microenvironment, and Immunotherapy Treatment Response. Clin Cancer
Res (2020) 26:3901-07. doi: 10.1158/1078-0432.CCR-19-1321

Feng M, Zhou S, Yu Y, Su Q, Li X, Lin W. Regulation of the Migration of
Distinct Dendritic Cell Subsets. Front Cell Dev Biol (2021) 9:635221.
doi: 10.3389/fcell.2021.635221

Ruffell B, Chang-Strachan D, Chan V, Rosenbusch A, Ho CM, Pryer N, et al.
Macrophage IL-10 Blocks CD8+ T Cell-Dependent Responses to
Chemotherapy by Suppressing IL-12 Expression in Intratumoral Dendritic
Cells. Cancer Cell (2014) 26:623-37. doi: 10.1016/j.ccell.2014.09.006

Jiang X, Wang J, Deng X, Xiong F, Ge J, Xiang B, et al. Role of the Tumor
Microenvironment in PD-L1/PD-1-Mediated Tumor Immune Escape. Mol
Cancer (2019) 18:10. doi: 10.1186/s12943-018-0928-4

Chen DS, Mellman I. Elements of Cancer Immunity and the Cancer-Immune
Set Point. Nature (2017) 541:321-30. doi: 10.1038/nature21349

Sakuishi K, Jayaraman P, Behar SM, Anderson AC, Kuchroo VK. Emerging
Tim-3 Functions in Antimicrobial and Tumor Immunity. Trends Immunol
(2011) 32:345-9. doi: 10.1016/j.it.2011.05.003

Le KS, Thibult ML, Just-Landi S, Pastor S, Gondois-Rey F, Granjeaud S, et al.
Follicular B Lymphomas Generate Regulatory T Cells via the ICOS/ICOSL
Pathway and Are Susceptible to Treatment by Anti-ICOS/ICOSL Therapy.
Cancer Res (2016) 76:4648-60. doi: 10.1158/0008-5472.CAN-15-0589

Zhai L, Ladomersky E, Lenzen A, Nguyen B, Patel R, Lauing KL, et al. IDO1 in
Cancer: A Gemini of Immune Checkpoints. Cell Mol Immunol (2018) 15:447-
57. doi: 10.1038/cmi.2017.143

Peng DH, Rodriguez BL, Diao L, Chen L, Wang J, Byers LA, et al. Collagen
Promotes Anti-PD-1/PD-L1 Resistance in Cancer Through LAIRI-

Frontiers in Immunology | www.frontiersin.org

March 2022 | Volume 13 | Article 844778


https://doi.org/10.1056/NEJMoa1402121
https://doi.org/10.1016/s1470-2045(17)30194-8
https://doi.org/10.1007/s00401-016-1545-1
https://doi.org/10.1016/s0140-6736(18)30990-5
https://doi.org/10.1038/s41568-020-0253-2
https://doi.org/10.1016/j.semcancer.2017.11.010
https://doi.org/10.3390/genes10020102
https://doi.org/10.1186/s12943-020-01263-w
https://doi.org/10.1002/wrna.1510
https://doi.org/10.1038/s41556-019-0361-y
https://doi.org/10.1007/s00401-019-02062-4
https://doi.org/10.1186/s12943-020-01201-w
https://doi.org/10.1186/s12943-020-01201-w
https://doi.org/10.1038/s41467-020-15403-9
https://doi.org/10.1038/ncomms15129
https://doi.org/10.1136/jitc-2019-000110
https://doi.org/10.1093/bib/bbaa047
https://doi.org/10.1371/journal.pmed.1002192
https://doi.org/10.1186/s12943-018-0812-2
https://doi.org/10.1101/gr.239244.118
https://doi.org/10.3389/fonc.2021.657466
https://doi.org/10.3389/fonc.2021.657466
https://doi.org/10.21037/tlcr-21-351
https://doi.org/10.1093/nar/gkaa1074
https://doi.org/10.1101/gr.1239303
https://doi.org/10.1038/nature25501
https://doi.org/10.1016/j.cell.2018.03.035
https://doi.org/10.1038/ncomms3612
https://doi.org/10.1093/nar/gkaa407
https://doi.org/10.1038/s41467-018-07767-w
https://doi.org/10.1158/0008-5472.CAN-18-0689
https://doi.org/10.1186/s13073-020-0721-z
https://doi.org/10.1038/s41423-018-0005-3
https://doi.org/10.1158/1078-0432.CCR-19-1321
https://doi.org/10.3389/fcell.2021.635221
https://doi.org/10.1016/j.ccell.2014.09.006
https://doi.org/10.1186/s12943-018-0928-4
https://doi.org/10.1038/nature21349
https://doi.org/10.1016/j.it.2011.05.003
https://doi.org/10.1158/0008-5472.CAN-15-0589
https://doi.org/10.1038/cmi.2017.143
https://www.frontiersin.org/journals/immunology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/immunology#articles

Zhang et al.

m5C-Related INncRNAs Signature for LGG

41.

42.

43.

44,

45.

46.

47.

48.

49.

50.

51

52.

53.

54.

55.

56.

57.

58.

59.

Dependent CD8(+) T Cell Exhaustion. Nat Commun (2020) 11:4520.
doi: 10.1038/s41467-020-18298-8

Sun L, Gang X, Li Z, Zhao X, Zhou T, Zhang S, et al. Advances in
Understanding the Roles of CD244 (SLAMF4) in Immune Regulation and
Associated Diseases. Front Immunol (2021) 12:648182. doi: 10.3389/
fimmu.2021.648182

Erin N, Podnos A, Tanriover G, Duymus O, Cote E, Khatri I, et al.
Bidirectional Effect of CD200 on Breast Cancer Development and
Metastasis, With Ultimate Outcome Determined by Tumor Aggressiveness
and a Cancer-Induced Inflammatory Response. Oncogene (2014) 34:3860-70.
doi: 10.1038/0nc.2014.317

Chen YL, Lin HW, Chien CL, Lai YL, Sun WZ, Chen CA, et al. BTLA
Blockade Enhances Cancer Therapy by Inhibiting IL-6/IL-10-Induced CD19
(High) B Lymphocytes. ] Immunother Cancer (2019) 7:313. doi: 10.1186/
540425-019-0744-4

Huang X, Zhang G, Tang T, Liang T. Identification of Tumor Antigens and
Immune Subtypes of Pancreatic Adenocarcinoma for Mrna Vaccine
Development. Mol Cancer (2021) 20:44. doi: 10.1186/s12943-021-01310-0
Rooney MS, Shukla SA, Wu CJ, Getz G, Hacohen N. Molecular and Genetic
Properties of Tumors Associated With Local Immune Cytolytic Activity. Cell
(2015) 160:48-61. doi: 10.1016/j.cell.2014.12.033

Perumal D, Imai N, Lagana A, Finnigan J, Melnekoff D, Leshchenko V'V, et al.
Mutation-Derived Neoantigen-Specific T-Cell Responses in Multiple
Myeloma. Clin Cancer Res (2020) 26:450-64. doi: 10.1158/1078-0432.CCR-
19-2309

Li L, Goedegebuure SP, Gillanders WE. Preclinical and Clinical Development
of Neoantigen Vaccines. Ann Oncol (2017) 28:xiil1-7. doi: 10.1093/annonc/
mdx681

Amankulor NM, Kim Y, Arora S, Kargl J, Szulzewsky F, Hanke M, et al.
Mutant IDH1 Regulates the Tumor-Associated Immune System in Gliomas.
Genes Dev (2017) 31:774-86. doi: 10.1101/gad.294991.116

Alzahrani AS. PI3K/Akt/Mtor Inhibitors in Cancer: At the Bench and
Bedside. Semin Cancer Biol (2019) 59:125-32. doi: 10.1016/j.semcancer.
2019.07.009

Zhao J, Chen AX, Gartrell RD, Silverman AM, Aparicio L, Chu T, et al.
Immune and Genomic Correlates of Response to Anti-PD-1 Immunotherapy
in Glioblastoma. Nat Med (2019) 25:462-69. doi: 10.1038/s41591-019-0349-y
Hu Y, Chen C, Tong X, Chen S, Hu X, Pan B, et al. NSUN2 Modified by
SUMO-2/3 Promotes Gastric Cancer Progression and Regulates Mrna M5c
Methylation. Cell Death Dis (2021) 12:842. doi: 10.1038/s41419-021-
04127-3

Wang JZ, Zhu W, Han ], Yang X, Zhou R, Lu HG, et al. The Role of the HIF-
lalpha/ALYREF/PKM2 Axis in Glycolysis and Tumorigenesis of Bladder
Cancer. Cancer Commun (Lond) (2021) 41:560-75. doi: 10.1002/cac2.12158
Schmitt AM, Chang HY. Long Noncoding Rnas in Cancer Pathways. Cancer
Cell (2016) 29:452-63. doi: 10.1016/j.ccell.2016.03.010

Statello L, Guo CJ, Chen LL, Huarte M. Gene Regulation by Long Non-Coding
Rnas and Its Biological Functions. Nat Rev Mol Cell Biol (2021) 22:96-118.
doi: 10.1038/s41580-020-00315-9

Sun Z, Xue S, Zhang M, Xu H, Hu X, Chen S, et al. Aberrant NSUN2-
Mediated M(5)C Modification of H19 Lncrna Is Associated With Poor
Differentiation of Hepatocellular Carcinoma. Oncogene (2020) 39:6906-19.
doi: 10.1038/s41388-020-01475-w

Yuan H, Liu J, Zhao L, Wu P, Chen G, Chen Q, et al. Prognostic Risk Model
and Tumor Immune Environment Modulation of M5c-Related Lncrnas in
Pancreatic Ductal Adenocarcinoma. Front Immunol (2021) 12:800268.
doi: 10.3389/fimmu.2021.800268

Pan J, Huang Z, Xu Y. M5c-Related Lncrnas Predict Overall Survival of
Patients and Regulate the Tumor Immune Microenvironment in Lung
Adenocarcinoma. Front Cell Dev Biol (2021) 9:671821. doi: 10.3389/
fcell.2021.671821

ZhuY, GuL, Lin X, Cui K, Liu C, Lu B, et al. LINC00265 Promotes Colorectal
Tumorigenesis via ZMIZ2 and USP7-Mediated Stabilization of Beta-Catenin.
Cell Death Differ (2020) 27:1316-27. doi: 10.1038/s41418-019-0417-3

TuZ, Wu L, Wang P, Hu Q, Tao C, Li K, et al. N6-Methylandenosine-Related
Lncrnas Are Potential Biomarkers for Predicting the Overall Survival of
Lower-Grade Glioma Patients. Front Cell Dev Biol (2020) 8:642.
doi: 10.3389/fcell.2020.00642

60.

61.

62.

63.

64.

65.

66.

67.

68.

69.

70.

71.

72.

73.

74.

75.

76.

Wu J, Cai Y, Zhao G, Li M. A Ten N6-Methyladenosine-Related Long Non-
Coding Rnas Signature Predicts Prognosis of Triple-Negative Breast Cancer.
] Clin Lab Anal (2021) 35:23779. doi: 10.1002/jcla.23779

Zheng ], Zhou Z, Qiu Y, Wang M, Yu H, Wu Z, et al. A Prognostic
Ferroptosis-Related Lncrnas Signature Associated With Immune Landscape
and Radiotherapy Response in Glioma. Front Cell Dev Biol (2021) 9:675555.
doi: 10.3389/fcell.2021.675555

Huang Z, Pan ], Wang H, Du X, Xu Y, Wang Z, et al. Prognostic Significance
and Tumor Immune Microenvironment Heterogenicity of M5c RNA
Methylation Regulators in Triple-Negative Breast Cancer. Front Cell Dev
Biol (2021) 9:657547. doi: 10.3389/fcell.2021.657547

Tao S, Chen Q, Lin C, Dong H. Linc00514 Promotes Breast Cancer Metastasis
and M2 Polarization of Tumor-Associated Macrophages via Jaggedl-
Mediated Notch Signaling Pathway. J Exp Clin Cancer Res (2020) 39:191.
doi: 10.1186/513046-020-01676-x

Zhang Y, Liu Q, Liao Q. Long Noncoding RNA: A Dazzling Dancer in Tumor
Immune Microenvironment. J Exp Clin Cancer Res (2020) 39:231.
doi: 10.1186/s13046-020-01727-3

HuQ,YeY,ChanLC,LiY, Liang K, Lin A, et al. Oncogenic Lncrna Downregulates
Cancer Cell Antigen Presentation and Intrinsic Tumor Suppression. Nat
Immunol (2019) 20:835-51. doi: 10.1038/s41590-019-0400-7

Xu S, Tang L, Dai G, Luo C, Liu Z. Expression of M6a Regulators Correlated
With Immune Microenvironment Predicts Therapeutic Efficacy and
Prognosis in Gliomas. Front Cell Dev Biol (2020) 8:594112. doi: 10.3389/
fcell.2020.594112

QiY, Liu B, Sun Q, Xiong X, Chen Q. Immune Checkpoint Targeted Therapy
in Glioma: Status and Hopes. Front Immunol (2020) 11:578877. doi: 10.3389/
fimmu.2020.578877

Qiu X, Yang S, Wang S, Wu J, Zheng B, Wang K, et al. M(6)a Demethylase
ALKBHS5 Regulates PD-L1 Expression and Tumor Immunoenvironment in
Intrahepatic Cholangiocarcinoma. Cancer Res (2021) 81:4778-93.
doi: 10.1158/0008-5472.CAN-21-0468

Yang S, Wei J, Cui YH, Park G, Shah P, Deng Y, et al. M(6)a Mrna
Demethylase FTO Regulates Melanoma Tumorigenicity and Response to
Anti-PD-1 Blockade. Nat Commun (2019) 10:2782. doi: 10.1038/s41467-
019-10669-0

Syn NL, Teng MWL, Mok TSK, Soo RA. De-Novo and Acquired Resistance to
Immune Checkpoint Targeting. Lancet Oncol (2017) 18:e731-41.
doi: 10.1016/s1470-2045(17)30607-1

LiN, Kang Y, Wang L, Huff S, Tang R, Hui H, et al. ALKBH5 Regulates Anti-
PD-1 Therapy Response by Modulating Lactate and Suppressive Immune Cell
Accumulation in Tumor Microenvironment. Proc Natl Acad Sci USA (2020)
117:20159-70. doi: 10.1073/pnas.1918986117

Zhang B, Wu Q, Li B, Wang D, Wang L, Zhou YL. M(6)a Regulator-Mediated
Methylation Modification Patterns and Tumor Microenvironment Infiltration
Characterization in Gastric Cancer. Mol Cancer (2020) 19:53. doi: 10.1186/
$12943-020-01170-0

Van Meir EG, Hadjipanayis CG, Norden AD, Shu HK, Wen PY, Olson J]. Exciting
New Advances in Neuro-Oncology: The Avenue to a Cure for Malignant Glioma.
CA Cancer ] Clin (2010) 60:166-93. doi: 10.3322/caac.20069

Lang F, Liu Y, Chou F-J, Yang C. Genotoxic Therapy and Resistance
Mechanism in Gliomas. Pharmacol Ther (2021) 228:107922. doi: 10.1016/
j.pharmthera.2021.107922

Blanco S, Bandiera R, Popis M, Hussain S, Lombard P, Aleksic J, et al. Stem
Cell Function and Stress Response Are Controlled by Protein Synthesis.
Nature (2016) 534:335-40. doi: 10.1038/nature18282

Rajesh Y, Biswas A, Kumar U, Banerjee I, Das S, Maji S, et al. Lumefantrine, an
Antimalarial Drug, Reverses Radiation and Temozolomide Resistance in
Glioblastoma. Proc Natl Acad Sci (2020) 117:12324-31. doi: 10.1073/
pnas.1921531117

Conflict of Interest: The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could be construed as a
potential conflict of interest.

Publisher’s Note: All claims expressed in this article are solely those of the authors
and do not necessarily represent those of their affiliated organizations, or those of
the publisher, the editors and the reviewers. Any product that may be evaluated in

Frontiers in Immunology | www.frontiersin.org

March 2022 | Volume 13 | Article 844778


https://doi.org/10.1038/s41467-020-18298-8
https://doi.org/10.3389/fimmu.2021.648182
https://doi.org/10.3389/fimmu.2021.648182
https://doi.org/10.1038/onc.2014.317
https://doi.org/10.1186/s40425-019-0744-4
https://doi.org/10.1186/s40425-019-0744-4
https://doi.org/10.1186/s12943-021-01310-0
https://doi.org/10.1016/j.cell.2014.12.033
https://doi.org/10.1158/1078-0432.CCR-19-2309
https://doi.org/10.1158/1078-0432.CCR-19-2309
https://doi.org/10.1093/annonc/mdx681
https://doi.org/10.1093/annonc/mdx681
https://doi.org/10.1101/gad.294991.116
https://doi.org/10.1016/j.semcancer.2019.07.009
https://doi.org/10.1016/j.semcancer.2019.07.009
https://doi.org/10.1038/s41591-019-0349-y
https://doi.org/10.1038/s41419-021-04127-3
https://doi.org/10.1038/s41419-021-04127-3
https://doi.org/10.1002/cac2.12158
https://doi.org/10.1016/j.ccell.2016.03.010
https://doi.org/10.1038/s41580-020-00315-9
https://doi.org/10.1038/s41388-020-01475-w
https://doi.org/10.3389/fimmu.2021.800268
https://doi.org/10.3389/fcell.2021.671821
https://doi.org/10.3389/fcell.2021.671821
https://doi.org/10.1038/s41418-019-0417-3
https://doi.org/10.3389/fcell.2020.00642
https://doi.org/10.1002/jcla.23779
https://doi.org/10.3389/fcell.2021.675555
https://doi.org/10.3389/fcell.2021.657547
https://doi.org/10.1186/s13046-020-01676-x
https://doi.org/10.1186/s13046-020-01727-3
https://doi.org/10.1038/s41590-019-0400-7
https://doi.org/10.3389/fcell.2020.594112
https://doi.org/10.3389/fcell.2020.594112
https://doi.org/10.3389/fimmu.2020.578877
https://doi.org/10.3389/fimmu.2020.578877
https://doi.org/10.1158/0008-5472.CAN-21-0468
https://doi.org/10.1038/s41467-019-10669-0
https://doi.org/10.1038/s41467-019-10669-0
https://doi.org/10.1016/s1470-2045(17)30607-1
https://doi.org/10.1073/pnas.1918986117
https://doi.org/10.1186/s12943-020-01170-0
https://doi.org/10.1186/s12943-020-01170-0
https://doi.org/10.3322/caac.20069
https://doi.org/10.1016/j.pharmthera.2021.107922
https://doi.org/10.1016/j.pharmthera.2021.107922
https://doi.org/10.1038/nature18282
https://doi.org/10.1073/pnas.1921531117
https://doi.org/10.1073/pnas.1921531117
https://www.frontiersin.org/journals/immunology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/immunology#articles

Zhang et al. m5C-Related INncRNAs Signature for LGG

this article, or claim that may be made by its manufacturer, is not guaranteed or Creative Commons Attribution License (CC BY). The use, distribution or
endorsed by the publisher. reproduction in other forums is permitted, provided the original author(s) and the

copyright owner(s) are credited and that the original publication in this journal is
Copyright © 2022 Zhang, Wang, Wu, Gao, Zhao, Liu, Yan, Dong, Wang, Ba, Ma, Jin, cited, in accordance with accepted academic practice. No use, distribution or
Du, Ji and Hu. This is an open-access article distributed under the terms of the reproduction is permitted which does not comply with these terms.

Frontiers in Immunology | www.frontiersin.org 16 March 2022 | Volume 13 | Article 844778


http://creativecommons.org/licenses/by/4.0/
https://www.frontiersin.org/journals/immunology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/immunology#articles

	5-Methylcytosine Related LncRNAs Reveal Immune Characteristics, Predict Prognosis and Oncology Treatment Outcome in Lower-Grade Gliomas
	Introduction
	Materials and Methods
	Gene Expression Dataset
	m5C Regulatory Genes and Protein-Protein Interaction (PPI) Networks
	m5C-Related LncRNAs
	Determine m5CrLS
	Functional Enrichment Analysis
	Immunoinformatic Analysis
	Prediction of ICB Responsiveness
	Statistical Analysis

	Results
	Aberrant m5C Methylation
	Identification of m5C-Related LncRNAs With Prognostic Significance
	Construction and Validation of the m5CrLS-Based Stratification
	Functional Enrichment Analysis
	Differences in the Immune Infiltration
	Relationship between m5CrLS Stratification and Mutational Status
	Prediction of the Efficacy of Therapy

	Discussion
	Data Availability Statement
	Author Contributions
	Funding
	Acknowledgments
	Supplementary Material
	References



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /PageByPage
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages false
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 1
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages false
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages false
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages false
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /Description <<
    /ENU (T&F settings for black and white printer PDFs 20081208)
  >>
  /ExportLayers /ExportVisibleLayers
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /BleedOffset [
        0
        0
        0
        0
      ]
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /ClipComplexRegions true
        /ConvertStrokesToOutlines false
        /ConvertTextToOutlines false
        /GradientResolution 300
        /LineArtTextResolution 1200
        /PresetName ([High Resolution])
        /PresetSelector /HighResolution
        /RasterVectorBalance 1
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks true
      /IncludeHyperlinks true
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MarksOffset 6
      /MarksWeight 0.250000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


