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Immune inflammation plays an essential role in the formation and rupture of intracranial
aneurysm (IA). However, the current limited knowledge of alterations in the immune
microenvironment of IA has hampered the mastery of pathological mechanisms and
technological advances, such as molecular diagnostic and coated stent-based molecular
therapy. In this study, seven IA datasets were enrolled from the GEO database to decode
the immune microenvironment and relevant biometric alterations. The ssGSEA algorithm
was employed for immune infiltration assessment. |As displayed abundant immune cell
infiltration, activated immune-related pathways, and high expression of immune-related
genes. Several immunosuppression cells and genes were also coordinately upregulated in
IAs. Five immune-related hub genes, including CXCL10, IL6, IL10, STATT, and VEGFA,
were identified from the protein-protein interaction network and further detected at the
protein level. CeRNA networks and latent drugs targeting the hub genes were predicted
for targeted therapy reference. Two gene modules recognized via WCGNA were
functionally associated with contractile smooth muscle loss and extracellular matrix
metabolism, respectively. In blood datasets, a pathological feature-derived gene
signature (PFDGS) for IA diagnosis and rupture risk prediction was established using
machine learning. Patients with high PFDGS scores may possess adverse biological
alterations and present with a high risk of morbidity or IA rupture, requiring more vigilance
or prompt intervention. Overall, we systematically unveiled an “immuno-thermal”
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microenvironment characterized by co-enhanced immune activation and
immunosuppression in |A, which provides a novel insight into molecular pathology. The
PFDGS is a promising signature for optimizing risk surveillance and clinical decision-

making in |A patients.

Keywords: intracranial aneurysm, immune microenvironment, machine learning, risk signature, WGCNA,

competing endogenous RNA

INTRODUCTION

Intracranial aneurysms (IAs) are local pathological dilations at
major branches of the cerebral arteries, affecting 3-5% of the
adult population worldwide (1). Despite IAs being relatively rare
in all stroke subtypes, the sharp pain hit as well as the high risk of
early mortality (approximately 18.4%-30%) (2) when
progressing to aneurysmal intracranial hemorrhage make them
more frightening. As medical imaging, microsurgery, and
neurointervention advance by leaps and bounds, unruptured
intracranial aneurysms (UIAs) are more frequently detected and
prophylactically repaired, greatly ameliorating the patients’
survival (3). However, clinicians are confronted with a
dilemma regarding the choice of intervention opportunity,
which requires a comprehensive consideration of the risk of
rupture and the inherent risks of preventive treatment as well as
economic issues. Additionally, endovascular therapy, as the
current mainstream radical cure, remained a few uncommon
but severe troubles such as (re)hemorrhage and recurrence
(4-6). Hence, continued efforts are still oriented toward
therapeutic technique improvements and perfection
of an individualized risk assessment system, and it is
imperative to pursue a more in-depth dissection of the
molecular mechanisms.

The formation, progression, and rupture of IAs is an
incompletely ascertained pathological process. According to
the current understanding, a persuasive point is that immune
inflammation plays essential mediating roles in the IA molecular
pathology (1, 7, 8). Endothelial injury caused by various risk
factors initiates the activation and cascade amplification of
inflammation, and then, the local microenvironment is
dysregulated, leading to alterations in a variety of biological
features encompassing cell dysfunction or loss, extracellular
matrix (ECM) destruction and reshaping, and so on. During
these processes, accumulated immune cells such as macrophages
(9) and immune-related molecules such as interleukin (10) and
chemokines (11) are considered to be major mediators.
Nevertheless, previous studies only detected a few dysregulated
immune cells and immune-related molecules in IAs, lacking a
global perspective on the immune microenvironment. With
recent strides in genome analysis technology, the immune
cellular composition of various human diseases such as
atherosclerosis (12), tumors (13), Crohn’s disease (14), and
COVID-19 (15) has been described using bioinformatics
approaches. Likewise, the immune landscape of IAs, including
immune cells and immune-related pathways and molecules, is

also expected to be comprehensively revealed. Furthermore,
molecular targeted therapy combined with drug-loaded stent
technology has made great strides over the past decade,
holding new promise for advances in IA treatment. Local
immunomodulatory therapies based on various cellular or
molecular targets have been demonstrated to efficiently
promote neurovascular lesion repair in animal experiments
(16-18). In parallel with these technological advances, deeper
cognitive demands for microscopic pathological alterations
and potential interventional targets of IA have also increased,
expecting a systematic exploration of the immune
microenvironment and relevant biometric deviations in IAs.

Early diagnosis and aneurysm rupture risk monitoring are
vital supports in the clinical decision-making of IAs. Imaging by
computed tomographic angiography and digital subtraction
angiography is currently the main auxiliary diagnostic method
but is not extensively applicable for IA screening because of the
high cost, radiation exposure, and invasiveness. In recent years,
cumulative studies are also dedicated to exploiting IA rupture
relevant predictors [e.g. morphological parameters (19),
PHASES score (20), and wall enhancement on MRI (21)] to
refine individualized risk assessment systems, but they are mostly
based on clinical characteristics or imaging, without regard to
molecular pathological features. Various circulating RNAs
associated with the lesion molecular pathology are considered
promising biomarkers for disease diagnosis or risk estimation
(22, 23), while in IAs, relevant exploration is still limited. Thus,
further investigation is required to find valuable biomarkers that
can undertake IA screening or risk monitoring tasks in a
convenient and cost-effective way.

To tackle the aforementioned considerations, the present
study attempted to comprehensively explore the immune
microenvironment of IAs, decode transcriptome alterations
with respect to immunogenomic and biometric traits, as well
as develop a pathological feature-derived gene signature
(PFDGS) for risk estimation in IAs. Moreover, potential
competing endogenous RNA (ceRNA) regulatory networks
and therapeutic agents targeting immune-related hub genes
were identified to provide targets and drug references
for molecular therapy. We also revealed the latent biological
significance underlying PFDGS. Overall, our study characterized
the local microenvironment and relevant pathological features of
IAs and provides an attractive gene signature for auxiliary
diagnosis and rupture prediction, which can facilitate
mechanism understanding and precision diagnosis and
treatment in IAs.
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MATERIALS AND METHODS
Publicly Available Data Collection

The overall workflow of this study is depicted in Figure 1. Our
study retrospectively recruited seven independent IA cohorts
from the Gene Expression Omnibus (GEO, http://www.ncbi.
nlm.nih.gov/geo/) database, including GSE122897 (21 ruptured
intracranial aneurysm (RIA) tissues, 21 UIA tissues, and 16

control cerebral artery tissues), GSE54083 (13 IA tissues, and
10 control cerebral artery tissues), GSE75436 (15 IA tissues, and
15 control cerebral artery tissues), GSE13353 (11 RIA tissues

and 8 UIA tissues), GSE66239 (7 IA tissues and 10 control
cerebral artery tissues), GSE36791 (43 blood samples from
patients with RIA, and 18 blood samples from control subjects
without IA), and GSE159610 (25 blood samples from patients
with UIA, and 22 blood samples from control subjects without
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TIA). The detailed baseline information was summarized in
Supplementary Table S1. Among these cohorts, the
GSE122897 dataset was utilized for deciphering immune-
relevant alterations in IA local vessels, and GSE54083,
GSE75436, and GSE13353 datasets were employed for
verification. The precious miRNA array dataset GSE66239 was
applied for identifying deregulated microRNA (miRNAs) in IA.
A total of 108 blood samples generated by integrating the
GSE36791 and GSE159610 datasets were denoted as meta-
cohort and utilized to develop and validate a blood-based
PFDGS model for IA risk assessment.

Data Preprocessing and Gene Differential
Expression Analysis

For GSE122897, RNA read count data were normalized by
variance stable transformation (VST) and further differential
expression analyzed using the DESeq2 R package (24). Genes
with an absolute value of log2FoldChange >0.5 and false
discovery rate (FDR) <0.05 were considered as differentially
expressed genes (DEGs). The microarray data of GSE54083,
GSE75436, GSE13353, GSE66239, and GSE36791 datasets were
preprocessed via quantile normalization and log2
transformation. The RNA-seq raw read counts in GSE159610
were converted to transcripts per kilobase million (TPM) values
and further log-2 transformed, which is more similar to those
resulting from microarrays and more comparable between
samples. The ComBat algorithm implemented in the sva R
package (25) was applied to remove batch effects from non-
biological technical biases between GSE36791 and GSE159610
datasets. The principal component analysis (PCA) before and
after batch correction was shown in Supplementary Figure S1.
Ultimately, a total of 14,070 genes were retained in the meta-
cohort for subsequent analysis in this study. The GENCODE
database (https://www.gencodegenes.org/) was utilized for
mRNA and long non-coding RNA (IncRNA) annotations.
Gene differential expression analysis of GSE66239 and meta-
cohort were performed using limma R package (26).

Estimation of Immune Cell Infiltration
According to the expression level of immune cell-specific marker
genes (27), the relative abundance of 28 immune cells in each
sample was quantified by single-sample gene set enrichment
analysis (ssGSEA) algorithm implemented in the GSVA R
package (28), which is broadly utilized in immune infiltration-
relevant bioinformatics studies (13-15, 29). Please refer to the
Supplementary Table S2 for details of the gene sets marking 28
immune cells.

Identification of Inmune-Related DEGs

in lAs

To explore the expression patterns of immune-related molecules
in IA, we searched the ImmPort database (https://www.immport.
org/) and obtained 1775 immune-related genes (Supplementary
Table 3) with regard to BCR signaling pathway, TCR signaling
pathway, NK cell cytotoxicity, chemokines, cytokines, IFNs, ILs,
TGF-b family members, TNF family members, corresponding

receptors, and other immune response molecules. Immune-
related genes overlapping with DEGs were defined as immune-
related DEGs in IAs.

Enrichment Analysis

In order to ascertain the status of immune-related pathways in
IAs, we performed gene set enrichment analysis (GSEA) based
on 27 Kyoto Encyclopedia of Genes and Genomes (KEGG)
signaling pathway gene sets, which were retrieved from the
MSigDB (http://www.gsea-msigdb.org/gsea/msigdb/index.jsp).
Detailed pathways and gene lists were depicted in
Supplementary Table S4. Immune-related DEGs and co-
expression module genes were functionally annotated by Gene
Ontology (GO) and KEGG enrichment analysis to understand
their biological functions. The above procedures were performed
using clusterProfiler and fgsea R packages (30). Permutations
were set to 10,000 to obtain normalized enrichment scores (NES)
in GSEA. Gene sets with FDR <0.05 were considered significantly
enriched. Moreover, the GSEA algorithm was also employed to
decipher potential biometric differences between high- and low-
risk groups distinguished by PFDGS scores.

Protein-Protein Interaction Network
Analysis of Immune-Related DEGs

The STRING database (https://www.string-db.org/) was applied
to generate a PPI network of the immune-related DEGs, which
reflects the interaction relationship between the proteins
encoded by these genes. Only those interaction pairs with a
combined score >0.7 were picked up as remarkable. Hub genes in
the PPI network were further identified utilizing the degree
algorithm of the cytoHubba plug-in of Cytoscape software.

Human Specimen Histology and
Immunohistochemistry
This study was approved by the Ethical Committee of Zhengzhou
University People’s Hospital, China. Five IA tissue specimens and
four superficial temporal artery (STA) controls were obtained
from patients undergoing IA clipping resection in the Department
of Neurosurgery, Zhengzhou University People’s Hospital. All
patients were aged >18 years and gave written informed consent.
Paraffin-embedded specimen sections were incubated at 65 °C
for 20 min and deparaffinized with xylene and alcohol before
staining experiments. Hematoxylin and eosin (HE) stained sections
were exploited to ascertain the gross structure of the tissues. For
IHC, sections were sequentially incubated with 3% H,O,, goat
serum, primary antibody, biotinylated second antibody, and
horseradish enzyme-labeled streptavidin according to the IHC SP
kit (ZSGB-BIO: OriGene Technologies, Cat. No. SP-9000)
instructions, and then stained by diaminobenzidine (DAB) and
hematoxylin. Primary antibodies used in the study were as follows:
anti-CXCLI0 (1:500; Proteintech, Cat. No. 10937-1-AP), anti-IL6
(1:500; Abcam, Cat. No. ab6672), anti-IL10 (1:500; Proteintech,
Cat. No. 20850-1-AP), anti-STATI (1:200; Abcam, Cat. No.
ab109320), anti-VEGFA (1:100; Abcam, Cat. No. ab52917). IHC
results were quantified using the integrated optical density (IOD)
method via Image-Pro Plus 6.0 software.
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Construction of Potential ceRNA
Regulatory Networks and Drug-Gene
Interaction Analysis for Hub Genes

The upstream ceRNA regulatory networks of hub genes were
constructed through the following pipelines: Firstly, miRNAs
targeting five hub genes were predicted via miRWalk (http://
mirwalk.umm.uni-heidelberg.de/) and filtered with miRWalk
Score >0.95. Secondly, differently expressed miRNAs
(DEmiRNAs) in IA were identified based on the miRNA array
dataset (GSE66239) via limma R package with the criteria of abs
(log2FoldChange) >0.5 and P-value <0.05. DEmiRNAs
overlapping with the predicted miRNAs were considered
regulatory miRNAs of hub genes and included in the
subsequent analysis. Thirdly, the target IncRNAs of these
miRNAs were further predicted according to the IncBase v.2.
LncRNAs with abs(log2FoldChange) <0.5 and predicted
binding pairs with miTG-score <0.95 were eliminated.
Fourthly, the miRNA-mRNA and miRNA-IncRNA binding
pairs obtained from the above steps were merged into multiple
IncRNA-miRNA-mRNA regulatory axes. Only regulatory axes
with significant positive correlations (R >0.3 and P <0.05)
between IncRNAs and mRNAs were retained, and then, the
ceRNA regulatory networks of the five hub genes were
completely constructed.

The potential drugs were predicted via DGIdb (https://dgidb.
genome.wustl.edu/), an open-source database that converged the
known or potential interaction between drugs and genes. Only
drug-gene pairs with established interaction types and supported
by literature was selected and visualized by Cytoscape software.

Weighted Gene Co-Expression Network
Analysis

The advanced WGCNA method was utilized to identify gene co-
expression modules associated with immune cell infiltration.
Based on the DEGs between IA and controls, gene co-
expression networks were generated using WGCNA R package
(31). Briefly, genes with similar expression patterns were
assigned to a co-expression module based on a weighted
correlation adjacency matrix and cluster analysis. An
appropriate soft threshold 8 was calculated to meet the criteria
for a scale-free network and construct a weighted adjacency
matrix. Further, the weighted adjacency matrix was converted
into a topological overlap matrix (TOM), and the corresponding
dissimilarity was generated (1-TOM). The dynamic tree cutting
approach was utilized for module recognition, and modules with
less than 0.3 dissimilarities were merged. The relationship
between module eigengenes values and immune cell
abundance was evaluated via Pearson correlation. Modules
that were significantly associated with the vast majority of
immune cells were considered crucial immune-related modules
and were selected for in-depth investigation.

Integrative Construction of PFDGS in

Blood Cohort Using Machine Learning
Peripheral blood DEGs between IAs and controls were identified
in the GSE36791 and GSE159610 combined meta-cohort, with

limma-FDR less than 0.05 as the criteria. Then, peripheral blood
DEGs were taken to intersect with dysregulated pathological
feature-related genes, comprising upregulated immune-related
genes and functional module genes recognized by WGCNA.
Genes that presented consistent expression trends in peripheral
blood and vascular tissue were incorporated into the model
development. Moreover, we transformed gene expression into
z-score in the meta-cohort prior to constructing the PFDGS
model, which enhanced the comparability between
different datasets.

The meta-cohort was randomly divided into a training set
and validation set in a 7:3 ratio. The machine learning-based
development procedure for the PFDGS model in the training set
was as follows: (a) Logistic regression analysis was performed on
the pathological feature-related genes, and the genes dramatically
associated with IA rupture were selected for subsequent
modeling. (b) The random forest algorithm was employed to
further screen critical genes, bounded by relative importance
greater than 0.5 for variable filtering. (c) Ultimately, the PFDGS
signature was constructed using the least absolute shrinkage and
selection operator (LASSO) regression based on critical genes
recognized from the random forest filter. The PFDGS risk score
for each patient was calculated as follows:

PFDGS score = > Coef (i) x Expr(i)

where i is the key genes obtained from the LASSO regression,
Expr(i) is the relative expression value (z-score) of i, and Coef{(i)
is the regression coefficient of i.

The diagnostic and predictive value of critical genes and the
PFDGS model were estimated in the training set, validation set,
and meta-cohort, respectively.

Statistical Analysis

All data processing, statistical analysis, and plotting were
conducted in R 4.1.0 software. Significance was assessed via
Student’s t-test or Wilcoxon rank-sum test for comparisons of
two groups and Kruskal-Wallis test for comparisons of three or
more groups. Correlations between two continuous variables
were determined using Pearson correlations. Random forest and
LASSO regression were implemented via randomForest and
glmnet R packages (32), respectively. Receiver operating
characteristic (ROC) curve analysis applied to evaluate the
diagnostic or predictive power of variables was performed via
PROC R package (33). All statistical tests were two-tailed and
P <0.05 was considered as statistically significant.

RESULTS

The Landscape of Immune Cell Infiltration
in lAs

Using the ssGSEA algorithm, we first measured the relative
infiltration abundance of 28 immune cell subpopulations in
each sample of the GSE122897 cohort. Overall, most immune
cells presented high infiltration levels in IAs, particularly in RIAs
(Figures 2A, B and Supplementary Figures S2A, B), which
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can be figuratively described as an “immuno-thermal”
microenvironment. HE staining revealed the histological
features of IAs, mainly comprising internal hemorrhage,
structural disorganization, as well as pronounced accumulation
of immune cells, which evidenced our inference (Figure 2D).

To further ascertain immune cells with stable differential
infiltration levels, we additionally assessed immune infiltration
in the GSE54083, GSE75436, and GSE13353 datasets
(Supplementary Figures S2C-E). Compared with normal
controls, IAs presented remarkable higher infiltration of 11
effector immune cells, including macrophage, activated
dendritic cell (DC), natural killer (NK) cell, NK T cell, CD56+
NK cell, myeloid-derived suppressor cell (MDSC), activated CD4
T cell, activated CD8 T cell, gamma delta (Y3) T cell, regulatory T
(Treg) cell, and Type 1 T helper (Thl) cell (Supplementary
Figure S2A, C and E, Supplementary Table S5). Moreover, two
important inflammatory cells, mast cell, and neutrophil, were
also relatively more abundant in IAs, although not stably
significant in validation datasets. Further comparison of RIA
and UIA detected that the infiltration levels of activated CD4 T
cell activated DC, MDSC, v T cell, Treg cell, monocyte, and
macrophage were elevated in RIAs relative to UIAs
(Supplementary Figures S2B, D and Supplementary Table
$5). In addition, no significant differences were observed when
contrasting between men and women, suggesting that gender
was not an interfering factor (Supplementary Figure S2F).

The correlation between immune cells was visualized in the
heatmap and chord diagram (Supplementary Figure S3 and
Figure 2C). The vast majority of immune cells exhibited a strong
positive correlation with each other. Strikingly, among the above
14 vital dysregulated immune cells, two immunosuppressive cells
were synergistically elevated with eight innate immune cells and
four adaptive immune cells (Figure 2C), suggesting a specific
microenvironment symptom in IAs: co-existence of immune
activation and immunosuppression.

Aberrant Signaling Pathways and Immune-
Related DEGs

In GSE122897, GSEA performed on 27 KEGG signaling
pathways showed that immune relevant pathways, such as
JAK-STAT signaling pathway, Toll-like receptor signaling
pathway, T cell receptor signaling pathway, NOD-like receptor
signaling pathway, and chemokine signaling pathway, were
remarkably activated in IAs (Figure 2G); while smooth muscle
contraction relevant pathways encompassing vascular smooth
muscle contraction and calcium signaling pathway were
pronounced inhibited in IAs. These aberrant signaling
pathways characterized the pathological features of immune
activation and contractile smooth muscle cell (SMC)
dysfunction or loss in IAs and may serve as pathway-based
targets candidate for molecular therapy.

A total of 3310 DEGs between IAs and normal controls were
identified in GSE122897, including 2746 differentially expressed
mRNAs (DEmRNAs, Figure 2E), 552 DEIncRNAs (Figure 2F),
and 12 unannotated RNAs. Subsequently, intersecting these
DEGs with 1775 immune-related genes collected from the

ImmPort, we detected 146 upregulated and 99 downregulated
immune-related DEGs in IAs (Figure 3A). GO and KEGG
enrichment analysis indicated that biological processes with
respect to proliferation and activation of various leukocytes,
cell chemotaxis and migration, and regulation of cytokine
production, as well as immune relevant pathways such as
cytokine-cytokine receptor interaction and JAK-STAT
signaling pathways, were remarkably enriched in upregulated
immune-related DEGs (Supplementary Figures S4A, C);
whereas the downregulated genes were dramatically associated
with the regulation of growth and development (Supplementary
Figures S4B, D). We thus speculated that those upregulated
immune-related DEGs might be major effectors mediating
immune activation in IAs and deserved further attention.

Identification and Validation of Immune-
Related Hub Genes

A PPI network reflecting the association of proteins encoded by
these upregulated immune-related DEGs was generated via the
STRING database (Figure 3B). Using the cytoHubba plug-in of
Cytoscape software, we extracted the Top5 genes ranked by
degree method from the PPI network as immune-related hub
genes, comprising IL6, IL10, STATI, CXCL10, and VEGFA. As
well-known, the expression products of these five hub genes
are essential immunological molecules involved in immune
response regulation. Moreover, correlation analysis indicated
that all five hub genes were positively correlated with the 14
vital dysregulated immune cells we highlighted above,
implying the immune cell recruitment potential of these hub
genes (Figure 3C). Notably, anti-inflammatory cytokine
IL10 was pronounced upregulated in IA and strongly
correlated with immune infiltration, which suggested a
microenvironment feature similar to our cell-based inference
that immunosuppression and immune activation coexisted in
IAs. To further verify the differential expression of hub genes at
the protein level, we performed IHC on paraffin sections from
five IA and four STA control samples. Likewise, the protein
expression level of CXCL10 (P <0.001), IL6 (P <0.001), IL10 (P
=0.008), STATI1 (P =0.002), and VEGFA (P <0.001) were
remarkably higher in IAs (Figures 3D, E).

CeRNA Regulatory Networks and Latent
Drugs Targeting Hub Genes

In the GSE66239 dataset, a total of 471 DEmiRNAs were
identified, including 194 upregulated and 277 downregulated
miRNAs (Supplementary Figure S5A). Considering that all five
hub genes were upregulated, we only extracted downregulated
DEmiRNAs for subsequent analysis. The flowchart of ceRNA
network construction is displayed in Supplementary
Figure S5B. According to the integrated IncRNA-miRNA-
mRNA analysis pipeline we proposed above, five ceRNA
networks were constructed to decipher the potential post-
transcriptional regulation mechanism of hub genes
(Figure 4A). In each network, IncRNAs may promote the
expression of hub genes by inhibiting the corresponding
miRNAs. For instance, CDKN2B-ASI may inhibit has-miR-

Frontiers in Immunology | www.frontiersin.org

May 2022 | Volume 13 | Article 878195


https://www.frontiersin.org/journals/immunology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/immunology#articles

Luetal

Immune-Related Pathological Features of 1A

[Rovaeaoc | [ Coroat_| [Gosor weeat] [ oot o] [Wasoptase. | [ wastest | [ osc_| [ Weroors | [ mewwpnt | [ kost | [ kremt | [ ovem | [ esoar | [worem
1. | [ g e Hisle 5. PREER (ISR IBER IR JRECH L 8
ks W R ) A R 1 S i

mRNA Normalized (Z-score)

mmmmmmmmmmmmm

L A | |
o 0 a3 s 0 5 i e e e e i e

*Infitration Abundance
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5p. Likewise, IL10 and VEGFA shared four IncRNA regulators
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FIGURE 3 | Identification and validation of immune-related hub genes. (A) Heatmap of 245 immune-related DEGs. (B) Protein-Protein Interaction (PPI) network of
upregulated immune-related DEGs. The five red nodes we highlighted in the network were hub genes identified by cytoHubba-degree algorithm. (C) Correlation analysis
of five hub genes and 14 vital immune cells. (D) Representative IHC staining images of CXCL10, IL6, IL10, STAT1, and VEGFA in IAs and STA controls. Magnification,
200x. (E) Comparison of protein expression differences of five hub genes according to IHC results. 10D, integrated optical density. **P < 0.01, **P < 0.001.

encompassing LINC1001, CTD-2006K23.1, RP4-647]21.1, and
CSNK1G2-AS1, which may be vital RNA agents or targets
candidate for anti-inflammatory and proendothelialization
molecular therapy. In addition, the latent drugs interacting
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with hub genes were also explored in the DGIdb database. The
IL6 inhibitors Olokizumab and Siltuximab, and the VEGFA
inhibitors Aflibercept, Bevacizumab, Ranibizumab, and
Pegaptanib Sodium were predicted to serve as potential
therapeutic agents for IAs (Figure 4B).

Gene Co-Expression Modules With Regard
to Immune Infiltration

The 3310 DEGs between IA and control were included in the
WGCNA analysis, and the soft power of B =18 (scale-free R* =
0.89) was determined as soft-thresholding to acquire DEG co-
expressed gene modules (Figure 5A). Ultimately,
739,394,179,509 and 268 DEGs were clustered into turquoise,
brown, green, blue, and yellow modules, respectively; while the

other 1221 genes were assigned to the grey region due to failed
clustering. (Figure 5B). Among these gene modules, yellow
module was significantly positively associated with aneurysm
rupture (r =0.3, P =0.02) and nine vital immune cells, such as yd
T cell (r =0.37, P =0.004) and macrophage (r =0.32, P =0.01,
Figure 5C). Brown module was remarkably negatively correlated
with ten vital immune cells such as CD56+ NK cell (r = -0.37,
P =0.004) and macrophage (r = -0.3, P =0.02), and this module
also presented a potential negative correlation with rupture
status, although the P-value is not perfectly significant
(r = -0.24, P =0.06). Taken together, these two modules were
positively or negatively relevant to the most immune cells and
were considered important transcriptionally dysregulated gene
modules with regard to the altered immune microenvironment.
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FIGURE 5 | Functional gene co-expression modules are recognized by WGCNA. (A) Determination of the soft-thresholding. (B) Gene clustering and co-expression
module recognition. (C) Heatmap of the association of gene modules with IA, rupture status, and immune cell infiltration. (D, E). GO (D) and KEGG (E) enrichment
analysis of brown module genes. (F, G). GO (F) and KEGG (G) enrichment analysis of yellow module genes. (H) Heatmap of DEGs in brown and yellow modules.

To further ascertain the biological function of the modules,
GO and KEGG enrichment analyses were conducted for genes in
the brown and yellow modules, respectively. Brown module
genes were pronounced enriched in muscle contraction,
regulation of cytosolic calcium ion concentration, calcium ion

transmembrane import into the cytosol, cAMP signaling
pathway, calcium signaling pathway, and so on, which can
presumably be summarized as SMC contraction-related gene
module (Figures 5D, E). Likewise, the yellow module was
characterized as ECM metabolism-related gene modules, which
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were mainly enriched in the extracellular matrix organization,
external encapsulating structure organization, collagen metabolic
process, PI3K-Akt signaling pathway, ECM-receptor interaction,
etc. (Figures 5F, G). Considering that yellow and brown modules
contained mainly up- and down-regulated DEGs, respectively,
we speculated that the altered immune microenvironment may
accompany and even mediate two other essential pathologies in
IA: contractile SMC dysfunction or loss, and ECM degradation
and remodeling (Figure 5H).

PFDGS Generated From Combined
Machine Learning Algorithms

Taken together, upregulated immune-related DEGs, contractile
SMC loss-related DEGs, and ECM metabolism-related DEGs
were considered essential pathological feature-related genes in
IA, which may serve as promising biomarkers. To explore the
diagnostic and predictive value of these genes and enhance their
clinical applicability, we attempted to pursue shared DEGs in
peripheral blood as candidate biomarkers. As a result, 27 DEGs
with consistent alteration trends in blood and tissue were
detected in the meta-cohort. Subsequently, the expression
profiles of these 27 DEGs were subjected to the machine
learning-based procedure to develop a pathological feature-
derived gene signature (PFDGS). Univariate Logistic regression
analysis of the 27 DEGs revealed 15 marker genes that were also
significantly associated with IA rupture (Figure 6A), followed by
random forest, screening out nine genes with relative importance
greater than 0.5 (Figures 6B, C). The nine genes were
incorporated into LASSO regression to generate the final
PFDGS model. Based on the 5-fold cross-validation, the model
reached an optimum when lambda was equal to 0.037,
containing five key gene variables (Figures 6D, E). A risk score
for each patient was calculated based on the expression of the
five model genes with detailed formula as follow:
PFDGS = 0.301*ILIR2 + 0.018*NFKBIZ + 0.277*SI00AI12 +
0.410*STK17B + 0.495*TPST2 + 0.772 (Figure 6F).

Diagnostic and Predictive Value of the
PFDGS Model

Patients with IA presented higher PFDGS scores than IA-free
controls (Figure 6G); and when compared between RIAs and
UIAs, PFDGS was relatively higher in RIAs (Figure 6H). To
quantitatively assess the diagnostic and predictive value of the
model, we conducted an ROC curve analysis of PFDGS and 15
initial candidate marker genes. When IA patients were set as
positive and the controls as negative, the AUC of PFDGS in the
training cohort (n =76), validation cohort (n =32), and meta-
cohort (n =108) were 0.810, 0.838, and 0.813, respectively,
indicating that the PFDGS had a good performance in the
diagnosis of IA (Figures 7A-C). Likewise, when patients with
RIA were set as positive and patients with UIA as negative, the
AUC of PFDGS in the training cohort (n =48), validation cohort
(n =20), and meta-cohort (n =68) were 0.909, 0.920, and 0.913,
respectively, suggesting that the PFDGS also possessed a great
performance in predicting IA rupture (Figure 7D). Moreover,
PFDGS also displayed superior AUC values relative to 15 initial

candidate marker genes alone for diagnosis or prediction, which
implied the superiority of the gene-combined signature
(Figures 7E, F). Overall, patients with high PFDGS scores may
possess a higher risk of IA onset or rupture, requiring more
vigilant attention or timely interventional treatment.

Biological Implications Underlying PFDGS
To further investigate the potential biological mechanisms
underlying the PFDGS, we divided all samples in the meta-
cohort into high- and low-risk groups according to the median
PFDGS score and performed GSEA analysis. The high-risk
group enriched numerous pathways associated with immune-
inflammatory activation and metabolic disorders, such as
leukocyte activation involved in immune response,
macrophage activation, neutrophil extracellular trap formation,
positive regulation of interleukin-1 production, NOD-like
receptor signaling pathway, TNF signaling pathway, reactive
oxygen species metabolic process, and regulation of actin
cytoskeleton (Figures 8A, B). We subsequently measured
immune cell abundance based on blood gene expression profile
using ssGSEA, and detected 19 differentially infiltrated immune
cells between high- and low- risk groups (Figure 8C). Of note,
the high-risk group presented more abundant myeloid cells (e.g.,
neutrophils, eosinophils, and macrophages) but few lymphocytes
(e.g., activated CD8 T cells, immature B cell, and NK T cell)
relative to the low-risk group. This is similar to the special
phenomenon of increased inflammatory cells but decreased
lymphocytes in the peripheral blood of IA patients discovered
in recent years. PEDGS was positively or negatively correlated
with up- and down-regulated immune cells, respectively
(Figure 8D), implying an ability of PFDGS to reflect the
special alteration of immune cells in the peripheral blood of IA
patients. In addition, we also investigated the association of
PFDGS with matrix metalloproteinases (MMPs) and tissue
inhibitors of metalloproteinases (TIMPs), two essential
molecular clusters involved in ECM metabolism (34). In the
meta-cohort, five genes encoding MMPs and TIMPs were
detected, and MMP9 and TIMP2 were significantly upregulated
in the high-risk group (Figure 8E). Correlation analysis
indicated that PFDGS was positively associated with the
expression of MMP9 (r =0.77, P <0.001) and TIMP2 (r =0.60,
P <0.001; Figures 8F, G), suggesting the potential of PFDGS to
reflect ECM metabolism. Taken together, a high PFDGS score
represented multiple adverse biological alterations, including a
high level of immunoinflammatory activation, disordered
peripheral blood myeloid cells and lymphocytes, and a high
level of ECM hypermetabolism, which may contribute to the
biological interpretation that patients with high PFDGS scores
possessed a higher risk of IA onset and rupture.

DISCUSSION

IA is an uncommon but life-threatening cerebrovascular disease
with incompletely ascertained pathological mechanisms.
Immunoinflammatory is believed to be an essential lesion
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contributor in the progress of IA formation and rupture as well
as the presence of complications after endovascular treatment
(35, 36). However, the limited knowledge of cellular or molecular
alterations in the immune microenvironment of IA hampered

the diagnostic and therapeutic technique improvement,
especially drug-coated stent-based device amelioration and
molecular test-based individualized assessment. In this study,
we systematically unveiled an “mmune-thermal”
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microenvironment encompassing aberrant immune cells, and
immune-related pathways and molecules, which may be vital
immune activation mediators and promising therapeutic targets
in IA. More specifically, our study identified five immune-related
hub genes and revealed corresponding ceRNA regulatory
networks and latent drugs, providing a novel reference for
mechanism understanding and targeted therapy of IA. Using
the advanced WGCNA algorithm, two essential gene co-
expression modules with respect to altered immune infiltration
were recognized and functionally annotated as contractile SMC
loss-related and ECM metabolism-related modules. According to
the DEGs associated with the abovementioned pathological
features, our study preliminarily established a blood-based
PFDGS model for detecting IA patients at high risk of
morbidity or aneurysm rupture, which may serve as an
attractive biomarker in clinical management.

Aberrant immune microenvironment plays essential roles in
the formation, progression, and rupture of IAs. Using several
bioinformatics algorithms, our study revealed multi-level
alterations of the IA microenvironment, comprising abundant

immune cell infiltration, activated immune-related pathways,
and high expression of immune-related genes, which can be
summarized as “immuno-thermal”. Notably, concomitant with
immune activation, immunosuppressive cells, such as MDSC
and Treg, and anti-inflammatory cytokines, such as IL10, are also
significantly highly infiltrated or upregulated in IA. This
phenomenon is similar to the concept of “concurrent
hyperinflammation and immune suppression” proposed by van
der Poll et al. in sepsis (37). Both immune activation and
suppression are enhanced but unbalanced, globally manifesting
as pathogenic inflammation. Recently, a single-cell atlas of
human abdominal aortic aneurysm and carotid atherosclerosis
was revealed, which also detected the phenomenon of pro-
inflammatory and anti-inflammatory cell co-proliferation (38,
39). Taken together, we reasoned that the “immuno-thermal”
microenvironment of IA was characterized by co-enhanced
immune activation and immunosuppression, constituting a
complex pathological feature.

More concretely, our study identified 14 abnormally high
infiltrated immune cells in IA tissues. Among these cells,
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macrophages have attracted much attention and are considered
to be crucial lesion driver immune cells in IAs, due to their roles
in immune recruitment, inflammatory injury, and ECM
degradation promotion (40, 41). Moreover, macrophages also
serve as favored therapeutic target cells because of their ability to
modulate immunity via pro-inflammatory (M1) and anti-

inflammatory (M2) phenotypic polarization. Another function
of macrophages that has received little attention in IA is the
detection of molecular signals of cell damage and death, known
as damage-associated molecular patterns (DAMPs) (42).
Antigen presentation cells such as macrophages and DCs
detected DAMP through toll-like receptors (TLRs) and then

Frontiers in Immunology | www.frontiersin.org

May 2022 | Volume 13 | Article 878195


https://www.frontiersin.org/journals/immunology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/immunology#articles

Luetal

Immune-Related Pathological Features of 1A

presented DAMP on major histocompatibility complex II (MHC
II), which can further mediate lymphocyte maturation and
activation (43). In this study, we detected that activated CD4 T
cell, activated CD8 T cell, ¥8 T cell, Thl cell, and Treg cell were
positively correlated with several innate immune cells, implying a
possible link or even crosstalk between innate and adaptive
immune cells existed in IA. Consistent with our findings,
Juhana et al. have performed a histological analysis and
evidenced that great numbers of macrophages and T
lymphocytes infiltrated in IA and were associated with
aneurysm rupture (44). Recently, the potential roles of mast
cells and neutrophils in IA have also been reported. Mast cells
related to intramural microhemorrhage and wall degeneration,
as well as neutrophil extracellular traps (NETs) involved in
inflammation and tissue remodeling, both contribute to the
increased risk of aneurysm rupture (45, 46). For NK cells and
MDSC, the perception of their roles in IA pathological
processes is extremely limited. Studies on similar diseases
have reported that increased NK cells and cytotoxicity are
associated with causing or exacerbating abdominal aortic
aneurysm inflammation (47), and MDSCs are able to reduce
atherosclerosis via inhibiting pro-inflammatory responses (48).
Nevertheless, the role of NK cells and MDSC in IA still needs to
be determined in future experiments.

With the continuous progress of drug-delivery technology,
biologics-based immunotherapy is exerting an essential role
against major inflammatory diseases, such as cancer and
vascular inflammation (49). Particularly, endovascular devices
carrying therapeutic agents via drug coating or elution techniques
are considered promising modifications in IA treatment (50). For
instance, CD31-mimetic-coated flow-diverters can promote IA
healing and improve stent biocompatibility via accelerating
endothelialization and reducing leukocyte accumulation (17). In
our study, a series of dysregulated immune cells, immune-related
signaling pathways, as well as five immune-related hub genes
were identified, providing a potential target reference for
therapeutic immune modulation. Among the five hub genes,
CXCLI10, IL6, STATI, and VEGFA are well-known factors
involved in immune recruitment or activation, while IL10
generally acts as an inhibitory immunomodulator. Hence, the
predicted ceRNA molecules and latent drugs, containing the
miRNAs targeting CXCLI0, IL6, STAT1, and VEGFA, the
IncRNAs indirectly regulating IL10, the IL6 inhibitors
Olokizumab and Siltuximab, as well as the VEGFA inhibitors
Aflibercept, Bevacizumab, Ranibizumab, and Pegaptanib Sodium,
may represent valuable immunotherapeutic agents for
ameliorating excessive inflammation in IA. Of note, VEGFA-
targeted therapies may display a dual role. Some studies suggest
that aneurysmal disease requires anti-VEGFA therapy to reduce
inflammation and tissue destruction (51), whereas recent studies
suggest that promoting VEGFA expression may contributed to
accelerating endothelialization after stent implantation (52, 53).
Therefore, the above immunomodulators still need more
functional experimental exploration and rigorous trade-offs
prior to therapeutic application.

Current detection and risk assessment of IA primarily rely on
imaging and morphological characteristics, and lack assistance

with molecular pathological markers. In the present study, we
systematically identified a blood-based gene risk signature
derived from DEGs associated with three aspects of IA
pathological features, encompassing immune activation,
contractile SMC loss, as well as ECM hypermetabolism. The
diagnostic and predictive value analysis indicated that our
PEDGS model possessed high accuracy and stable performance
for both IA diagnosis and rupture prediction in the training
cohort, validation cohort, and meta-cohort, which implied a
great potential of the PFDGS for clinical translation. Of note,
PFDGS displayed higher accuracy compared with the 15
candidate biomarker genes irrespective of its use for diagnosis
or prediction, which was consistent with the multimolecular
driving nature of IA. Furthermore, a high PFDGS score
represented a higher level of immunoinflammatory activation,
peripheral blood myeloid cells and lymphocytes disturbance,
and ECM hypermetabolism, which suggested that the
PFDGS can also serve as an indicator of deleterious molecular
pathological alterations in IA patients. Overall, subjects
with high PFDGS scores may possess adverse biological
alterations and present with a higher risk of IA morbidity or
aneurysm rupture, requiring more vigilant attention or timely
therapeutic intervention.

Although the present study systematically revealed the
immune microenvironment of IA and determined a promising
gene signature for IA risk estimation, certain limitations should
also be acknowledged. First, the decoding of immune cells in this
study was based on total RNA sequencing data of IA tissues, and
future sequencing at the single-cell level may provide a more
accurate cell microanatomy of IA. Second, the PFDGS has only
been validated in small samples of public data, and prospective
clinical verification with larger samples is required prior to
clinical application. Third, the regulatory mechanism of
ceRNA networks needs further functional experiments.

In conclusion, the present study systematically unveiled an
“immuno-thermal” microenvironment characterized by co-
enhanced immune activation and immunosuppression in IA,
which provided a novel insight into IA molecular pathology.
Aberrant immune cells and genes were shown to be vital target
candidates for molecular therapy. The PFDGS serves as a
promising signature for the detection of patients at high risk of
IA morbidity and aneurysm rupture, which can facilitate risk
surveillance and clinical decision-making in IA patients.

DATA AVAILABILITY STATEMENT

The datasets presented in this study can be found in online
repositories. The names of the repository/repositories and accession
number(s) can be found in the article/Supplementary Material.

ETHICS STATEMENT

The studies involving human participants were reviewed and
approved by the Ethical Committee of Zhengzhou University

Frontiers in Immunology | www.frontiersin.org

May 2022 | Volume 13 | Article 878195


https://www.frontiersin.org/journals/immunology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/immunology#articles

Luetal

Immune-Related Pathological Features of 1A

People’s Hospital. The patients/participants provided their
written informed consent to participate in this study.

AUTHOR CONTRIBUTIONS

TYL and YKH designed this work. TYL and ZQL integrated and
analyzed the data. DHG, YYH, TYL, CM, YYL and RFJ
performed the experiments. TYL wrote this manuscript. TXL,
YKH, ZQL, TYL, DHG, YYH, LD, CGG, ZX, and YYL edited and
revised the manuscript. All authors contributed to the article and
approved the submitted version.

FUNDING

This study was supported by the Young and Middle-aged Health
Science and Technology Innovation Talent Training Project of
Henan Province (Grant No. YXKC2020041); and the National

REFERENCES

1. Etminan N, Rinkel GJ. Unruptured Intracranial Aneurysms: Development,
Rupture and Preventive Management. Nat Rev Neurol (2016) 12(12):699-713.
doi: 10.1038/nrneurol.2016.150

2. Roquer J, Cuadrado-Godia E, Guimaraens L, Conesa G, Rodriguez-Campello
A, Capellades J, et al. Short- and Long-Term Outcome of Patients With
Aneurysmal Subarachnoid Hemorrhage. Neurology (2020) 95(13):e1819-29.
doi: 10.1212/WNL.0000000000010618

3. Macdonald RL, Schweizer TA. Spontaneous Subarachnoid Haemorrhage.
Lancet (2017) 389(10069):655-66. doi: 10.1016/S0140-6736(16)30668-7

4. Damiano R], Tutino VM, Paliwal N, Patel TR, Waqas M, Levy EI, et al.
Aneurysm Characteristics, Coil Packing, and Post-Coiling Hemodynamics
Affect Long-Term Treatment Outcome. ] Neurointerv Surg (2020) 12(7):706—
13. doi: 10.1136/neurintsurg-2019-015422

5. Xue G, Zuo Q, Tang H, Zhang X, Duan G, Feng Z, et al. Comparison of Low-
Profiled Visualized Intraluminal Support Stent-Assisted Coiling and Coiling
Only for Acutely Ruptured Intracranial Aneurysms: Safety and Efficacy Based
on a Propensity Score-Matched Cohort Study. Neurosurgery (2020) 87
(3):584-91. doi: 10.1093/neuros/nyaall0

6. Tawk RG, Hasan TF, D'Souza CE, Peel JB, Freeman WD. Diagnosis and
Treatment of Unruptured Intracranial Aneurysms and Aneurysmal
Subarachnoid Hemorrhage. Mayo Clin Proc (2021) 96(7):1970-2000. doi:
10.1016/j.mayocp.2021.01.005

7. Kleinloog R, Verweij BH, van der Vlies P, Deelen P, Swertz MA, de Muynck L,
et al. RNA Sequencing Analysis of Intracranial Aneurysm Walls Reveals
Involvement of Lysosomes and Immunoglobulins in Rupture. Stroke (2016)
47(5):1286-93. doi: 10.1161/STROKEAHA.116.012541

8. Zeyu Z, Yuanjian F, Cameron L, Sheng C. The Role of Immune Inflammation
in Aneurysmal Subarachnoid Hemorrhage. Exp Neurol (2021) 336:113535.
doi: 10.1016/j.expneurol.2020.113535

9. Kanematsu Y, Kanematsu M, Kurihara C, Tada Y, Tsou TL, van Rooijen N,
et al. Critical Roles of Macrophages in the Formation of Intracranial
Aneurysm. Stroke (2011) 42(1):173-8. doi: 10.1161/STROKEAHA.110.
590976

10. Wajima D, Hourani S, Dodd W, Patel D, Jones C, Motwani K, et al. Interleukin-
6 Promotes Murine Estrogen Deficiency-Associated Cerebral Aneurysm
Rupture. Neurosurgery (2020) 86(4):583-92. doi: 10.1093/neuros/nyz220

11. Chalouhi N, Points L, Pierce GL, Ballas Z, Jabbour P, Hasan D. Localized
Increase of Chemokines in the Lumen of Human Cerebral Aneurysms. Stroke
(2013) 44(9):2594-7. doi: 10.1161/STROKEAHA.113.002361

12. Tan L, Xu Q, Shi R, Zhang G. Bioinformatics Analysis Reveals the Landscape
of Immune Cell Infiltration and Immune-Related Pathways Participating in

Key Research and Development Program of the 13th Five-Year
Plan of China (Grant No. 2016YFC1300702).

ACKNOWLEDGMENTS

We are indebted and thankful to all patients who participated in
this study. We also thank surgeons Xiaozan Chang, Tao Gao,
Chaoyue Li, Haichun Li, Xiaodong Liang, Rongjun Qian, Yuxue
Sun, Zhaoyue Yan, Bingnan Yang, Guanglin Zhang, and Liming
Zhao for their contributions to vascular specimen sampling.

SUPPLEMENTARY MATERIAL

The Supplementary Material for this article can be found online at:
https://www.frontiersin.org/articles/10.3389/fimmu.2022.878195/
full#supplementary-material

the Progression of Carotid Atherosclerotic Plaques. Artif Cells Nanomed
Biotechnol (2021) 49(1):96-107. doi: 10.1080/21691401.2021.1873798

13. Liu Z, Lu T, Wang L, Liu L, Li L, Han X. Comprehensive Molecular Analyses
of a Novel Mutational Signature Classification System With Regard to
Prognosis, Genomic Alterations, and Immune Landscape in Glioma. Front
Mol Biosci (2021) 8:682084. doi: 10.3389/fmolb.2021.682084

14. Yu B, Yin YX, Tang YP, Wei KL, Pan ZG, Li KZ, et al. Diagnostic and
Predictive Value of Immune-Related Genes in Crohn's Disease. Front
Immunol (2021) 12:643036. doi: 10.3389/fimmu.2021.643036

15. Mo S, Dai L, Wang Y, Song B, Yang Z, Gu W. Comprehensive Analysis of the
Systemic Transcriptomic Alternations and Inflammatory Response During
the Occurrence and Progress of COVID-19. Oxid Med Cell Longev (2021)
2021:9998697. doi: 10.1155/2021/9998697

16. Liu Y, Liu P, Song Y, Li S, Shi Y, Quan K, et al. A Heparin-Rosuvastatin-
Loaded P(LLA-CL) Nanofiber-Covered Stent Inhibits Inflammatory Smooth-
Muscle Cell Viability to Reduce in-Stent Stenosis and Thrombosis.
] Nanobiotechnol (2021) 19(1):123. doi: 10.1186/s12951-021-00867-8

17. Cortese J, Rasser C, Even G, Bardet SM, Choqueux C, Mesnier J, et al. CD31
Mimetic Coating Enhances Flow Diverting Stent Integration Into the Arterial
Wall Promoting Aneurysm Healing. Stroke (2021) 52(2):677-86. doi: 10.1161/
STROKEAHA.120.030624

18. Zhang H, Watanabe R, Berry GJ, Tian L, Goronzy JJ, Weyand CM. Inhibition
of JAK-STAT Signaling Suppresses Pathogenic Immune Responses in
Medium and Large Vessel Vasculitis. Circulation (2018) 137(18):1934-48.
doi: 10.1161/CIRCULATIONAHA.117.030423

19. Skodvin TO, Evju O, Sorteberg A, Isaksen JG. Prerupture Intracranial
Aneurysm Morphology in Predicting Risk of Rupture: A Matched Case-
Control Study. Neurosurgery (2019) 84(1):132-40. doi: 10.1093/neuros/
nyy010

20. Greving JP, Wermer MJ, Brown RDJr., Morita A, Juvela S, Yonekura M, et al.
Development of the PHASES Score for Prediction of Risk of Rupture of
Intracranial Aneurysms: A Pooled Analysis of Six Prospective Cohort Studies.
Lancet Neurol (2014) 13(1):59-66. doi: 10.1016/S1474-4422(13)70263-1

21. Zhu C, Wang X, Degnan AJ, Shi Z, Tian B, Liu Q, et al. Wall Enhancement of
Intracranial Unruptured Aneurysm Is Associated With Increased Rupture
Risk and Traditional Risk Factors. Eur Radiol (2018) 28(12):5019-26. doi:
10.1007/500330-018-5522-z

22. Muller Bark J, Kulasinghe A, Chua B, Day BW, Punyadeera C. Circulating
Biomarkers in Patients With Glioblastoma. Br J Canc (2020) 122(3):295-305.
doi: 10.1038/s41416-019-0603-6

23. ZuoL, Zhang L, Zu ], Wang Z, Han B, Chen B, et al. Circulating Circular RNAs
as Biomarkers for the Diagnosis and Prediction of Outcomes in Acute Ischemic
Stroke. Stroke (2020) 51(1):319-23. doi: 10.1161/STROKEAHA.119.027348

Frontiers in Immunology | www.frontiersin.org

May 2022 | Volume 13 | Article 878195


https://www.frontiersin.org/articles/10.3389/fimmu.2022.878195/full#supplementary-material
https://www.frontiersin.org/articles/10.3389/fimmu.2022.878195/full#supplementary-material
https://doi.org/10.1038/nrneurol.2016.150
https://doi.org/10.1212/WNL.0000000000010618
https://doi.org/10.1016/S0140-6736(16)30668-7
https://doi.org/10.1136/neurintsurg-2019-015422
https://doi.org/10.1093/neuros/nyaa110
https://doi.org/10.1016/j.mayocp.2021.01.005
https://doi.org/10.1161/STROKEAHA.116.012541
https://doi.org/10.1016/j.expneurol.2020.113535
https://doi.org/10.1161/STROKEAHA.110.590976
https://doi.org/10.1161/STROKEAHA.110.590976
https://doi.org/10.1093/neuros/nyz220
https://doi.org/10.1161/STROKEAHA.113.002361
https://doi.org/10.1080/21691401.2021.1873798
https://doi.org/10.3389/fmolb.2021.682084
https://doi.org/10.3389/fimmu.2021.643036
https://doi.org/10.1155/2021/9998697
https://doi.org/10.1186/s12951-021-00867-8
https://doi.org/10.1161/STROKEAHA.120.030624
https://doi.org/10.1161/STROKEAHA.120.030624
https://doi.org/10.1161/CIRCULATIONAHA.117.030423
https://doi.org/10.1093/neuros/nyy010
https://doi.org/10.1093/neuros/nyy010
https://doi.org/10.1016/S1474-4422(13)70263-1
https://doi.org/10.1007/s00330-018-5522-z
https://doi.org/10.1038/s41416-019-0603-6
https://doi.org/10.1161/STROKEAHA.119.027348
https://www.frontiersin.org/journals/immunology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/immunology#articles

Luetal

Immune-Related Pathological Features of 1A

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

42,

Love MI, Huber W, Anders S. Moderated Estimation of Fold Change and
Dispersion for RNA-Seq Data With Deseq2. Genome Biol (2014) 15(12):550.
doi: 10.1186/513059-014-0550-8

Leek JT, Johnson WE, Parker HS, Jaffe AE, Storey JD. The Sva Package for
Removing Batch Effects and Other Unwanted Variation in High-Throughput
Experiments. Bioinformatics (2012) 28(6):882-3. doi: 10.1093/bioinformatics/
bts034

Ritchie ME, Phipson B, Wu D, Hu Y, Law CW, Shi W, et al. Limma Powers
Differential Expression Analyses for RNA-Sequencing and Microarray
Studies. Nucleic Acids Res (2015) 43(7):e47. doi: 10.1093/nar/gkv007
Charoentong P, Finotello F, Angelova M, Mayer C, Efremova M, Rieder D,
et al. Pan-Cancer Immunogenomic Analyses Reveal Genotype-
Immunophenotype Relationships and Predictors of Response to Checkpoint
Blockade. Cell Rep (2017) 18(1):248-62. doi: 10.1016/j.celrep.2016.12.019
Hanzelmann S, Castelo R, Guinney J. GSVA: Gene Set Variation Analysis for
Microarray and RNA-Seq Data. BMC Bioinf (2013) 14:7. doi: 10.1186/1471-
2105-14-7

Li Z, Huang B, Yi W, Wang F, Wei S, Yan H, et al. Identification of Potential
Early Diagnostic Biomarkers of Sepsis. ] Inflammation Res (2021) 14:621-31.
doi: 10.2147/JIR.S298604

Wu T, Hu E, Xu S, Chen M, Guo P, Dai Z, et al. Clusterprofiler 4.0: A
Universal Enrichment Tool for Interpreting Omics Data. Innovation (NY)
(2021) 2(3):100141. doi: 10.1016/j.xinn.2021.100141

Langfelder P, Horvath S. WGCNA: An R Package for Weighted Correlation
Network Analysis. BMC Bioinf (2008) 9:559. doi: 10.1186/1471-2105-9-559
Friedman J, Hastie T, Tibshirani R. Regularization Paths for Generalized
Linear Models via Coordinate Descent. J Stat Software (2010) 33(1):1-22. doi:
10.18637/js5.v033.i01

Robin X, Turck N, Hainard A, Tiberti N, Lisacek F, Sanchez JC, et al. pROC:
An Open-Source Package for R and S+ to Analyze and Compare ROC Curves.
BMC Bioinf (2011) 12:77. doi: 10.1186/1471-2105-12-77

Zhang X, Ares WJ, Taussky P, Ducruet AF, Grandhi R. Role of Matrix
Metalloproteinases in the Pathogenesis of Intracranial Aneurysms. Neurosurg
Foc (2019) 47(1):E4. doi: 10.3171/2019.4.FOCUS19214

Berge J, Tourdias T, Moreau JF, Barreau X, Dousset V. Perianeurysmal Brain
Inflammation After Flow-Diversion Treatment. AJNR Am ] Neuroradiol
(2011) 32(10):1930-4. doi: 10.3174/ajnr.A2710

Puffer C, Dai D, Ding YH, Cebral ], Kallmes D, Kadirvel R. Gene Expression
Comparison of Flow Diversion and Coiling in an Experimental Aneurysm
Model. J Neurointerv Surg (2015) 7(12):926-30. doi: 10.1136/neurintsurg-
2014-011452

van der Poll T, Shankar-Hari M, Wiersinga WJ. The Immunology of Sepsis.
Immunity (2021) 54(11):2450-64. doi: 10.1016/j.immuni.2021.10.012
Depuydt MAC, Prange KHM, Slenders L, Ord T, Elbersen D, Boltjes A, et al.
Microanatomy of the Human Atherosclerotic Plaque by Single-Cell
Transcriptomics. Circ Res (2020) 127(11):1437-55. doi: 10.1161/
CIRCRESAHA.120.316770

Li Y, Ren P, Dawson A, Vasquez HG, Ageedi W, Zhang C, et al. Single-
Cell Transcriptome Analysis Reveals Dynamic Cell Populations and Differential
Gene Expression Patterns in Control and Aneurysmal Human Aortic Tissue.
Circulation (2020) 142(14):1374-88. doi: 10.1161/CIRCULATIONAHA.
120.046528

Shao L, Qin X, Liu J, Jian Z, Xiong X, Liu R. Macrophage Polarization in
Cerebral Aneurysm: Perspectives and Potential Targets. ] Immunol Res (2017)
2017:8160589. doi: 10.1155/2017/8160589

Muhammad S, Chaudhry SR, Dobreva G, Lawton MT, Niemela M, Hanggi D.
Vascular Macrophages as Therapeutic Targets to Treat Intracranial Aneurysms.
Front Immunol (2021) 12:630381. doi: 10.3389/fimmu.2021.630381

Sawyer DM, Amenta PS, Medel R, Dumont AS. Inflammatory Mediators
in Vascular Disease: Identifying Promising Targets for Intracranial

43.

44.

45.

46.

47.

48.

49.

50.

51.

52.

53.

Aneurysm Research. Mediators Inflamm (2015) 2015:896283. doi: 10.1155/
2015/896283

Bianchi ME. DAMPs, PAMPs and Alarmins: All We Need to Know About
Danger. J Leukoc Biol (2007) 81(1):1-5. doi: 10.1189/j1b.0306164

Frosen ], Piippo A, Paetau A, Kangasniemi M, Niemela M, Hernesniemi J,
et al. Remodeling of Saccular Cerebral Artery Aneurysm Wall is Associated
With Rupture: Histological Analysis of 24 Unruptured and 42 Ruptured
Cases. Stroke (2004) 35(10):2287-93. doi: 10.1161/01.STR.0000140636.
30204.da

Furukawa H, Wada K, Tada Y, Kuwabara A, Sato H, Ai J, et al. Mast Cell
Promotes the Development of Intracranial Aneurysm Rupture. Stroke (2020)
51(11):3332-9. doi: 10.1161/STROKEAHA.120.030834

Korai M, Purcell ], Kamio Y, Mitsui K, Furukawa H, Yokosuka K, et al.
Neutrophil Extracellular Traps Promote the Development of Intracranial
Aneurysm Rupture. Hypertension (2021) 77(6):2084-93. doi: 10.1161/
HYPERTENSIONAHA.120.16252

Forester ND, Cruickshank SM, Scott DJ, Carding SR. Increased Natural Killer
Cell Activity in Patients With an Abdominal Aortic Aneurysm. Br J Surg
(2006) 93(1):46-54. doi: 10.1002/bjs.5215

Foks AC, Van Puijvelde GH, Wolbert ], Kroner MJ, Frodermann V, van der
Heijden T, et al. CD11b+Gr-1+ Myeloid-Derived Suppressor Cells Reduce
Atherosclerotic Lesion Development in LDLr Deficient Mice. Cardiovasc Res
(2016) 111(3):252-61. doi: 10.1093/cvr/cvwl14

Xiao Q, Li X, Li Y, Wu Z, Xu C, Chen Z, et al. Biological Drug and Drug
Delivery-Mediated Immunotherapy. Acta Pharm Sin B (2021) 11(4):941-60.
doi: 10.1016/j.apsb.2020.12.018

Zhu Y, Zhang H, Zhang Y, Wu H, Wei L, Zhou G, et al. Endovascular Metal
Devices for the Treatment of Cerebrovascular Diseases. Adv Mater (2019) 31
(8):1805452. doi: 10.1002/adma.201805452

Kaneko H, Anzai T, Takahashi T, Kohno T, Shimoda M, Sasaki A, et al. Role
of Vascular Endothelial Growth Factor-A in Development of Abdominal
Aortic Aneurysm. Cardiovasc Res (2011) 91(2):358-67. doi: 10.1093/cvr/
cvr080

Gao G, Zhang Y, Yu J, Chen Y, Gu D, Niu C, et al. Long Non-Coding RNA
MALAT1/microRNA-143/VEGFA Signal Axis Modulates Vascular
Endothelial Injury-Induced Intracranial Aneurysm. Nanoscale Res Lett
(2020) 15(1):139. doi: 10.1186/s11671-020-03357-2

Liu P, Liu Y, Li P, Zhou Y, Song Y, Shi Y, et al. Rosuvastatin- and Heparin-
Loaded Poly(I-Lactide- Co-Caprolactone) Nanofiber Aneurysm Stent
Promotes Endothelialization via Vascular Endothelial Growth Factor Type
A Modulation. ACS Appl Mater Interfaces (2018) 10(48):41012-8. doi:
10.1021/acsami.8b11714

Conflict of Interest: The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could be construed as a
potential conflict of interest.

Publisher’s Note: All claims expressed in this article are solely those of the authors
and do not necessarily represent those of their affiliated organizations, or those of
the publisher, the editors and the reviewers. Any product that may be evaluated in
this article, or claim that may be made by its manufacturer, is not guaranteed or
endorsed by the publisher.

Copyright © 2022 Lu, Liu, Guo, Ma, Duan, He, Jia, Guo, Xing, Liu, Li and He. This is
an open-access article distributed under the terms of the Creative Commons
Attribution License (CC BY). The use, distribution or reproduction in other forums
is permitted, provided the original author(s) and the copyright owner(s) are credited
and that the original publication in this journal is cited, in accordance with accepted
academic practice. No use, distribution or reproduction is permitted which does not
comply with these terms.

Frontiers in Immunology | www.frontiersin.org

May 2022 | Volume 13 | Article 878195


https://doi.org/10.1186/s13059-014-0550-8
https://doi.org/10.1093/bioinformatics/bts034
https://doi.org/10.1093/bioinformatics/bts034
https://doi.org/10.1093/nar/gkv007
https://doi.org/10.1016/j.celrep.2016.12.019
https://doi.org/10.1186/1471-2105-14-7
https://doi.org/10.1186/1471-2105-14-7
https://doi.org/10.2147/JIR.S298604
https://doi.org/10.1016/j.xinn.2021.100141
https://doi.org/10.1186/1471-2105-9-559
https://doi.org/10.18637/jss.v033.i01
https://doi.org/10.1186/1471-2105-12-77
https://doi.org/10.3171/2019.4.FOCUS19214
https://doi.org/10.3174/ajnr.A2710
https://doi.org/10.1136/neurintsurg-2014-011452
https://doi.org/10.1136/neurintsurg-2014-011452
https://doi.org/10.1016/j.immuni.2021.10.012
https://doi.org/10.1161/CIRCRESAHA.120.316770
https://doi.org/10.1161/CIRCRESAHA.120.316770
https://doi.org/10.1161/CIRCULATIONAHA.120.046528
https://doi.org/10.1161/CIRCULATIONAHA.120.046528
https://doi.org/10.1155/2017/8160589
https://doi.org/10.3389/fimmu.2021.630381
https://doi.org/10.1155/2015/896283
https://doi.org/10.1155/2015/896283
https://doi.org/10.1189/jlb.0306164
https://doi.org/10.1161/01.STR.0000140636.30204.da
https://doi.org/10.1161/01.STR.0000140636.30204.da
https://doi.org/10.1161/STROKEAHA.120.030834
https://doi.org/10.1161/HYPERTENSIONAHA.120.16252
https://doi.org/10.1161/HYPERTENSIONAHA.120.16252
https://doi.org/10.1002/bjs.5215
https://doi.org/10.1093/cvr/cvw114
https://doi.org/10.1016/j.apsb.2020.12.018
https://doi.org/10.1002/adma.201805452
https://doi.org/10.1093/cvr/cvr080
https://doi.org/10.1093/cvr/cvr080
https://doi.org/10.1186/s11671-020-03357-2
https://doi.org/10.1021/acsami.8b11714
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
https://www.frontiersin.org/journals/immunology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/immunology#articles

	Transcriptome-Based Dissection of Intracranial Aneurysms Unveils an “Immuno-Thermal” Microenvironment and Defines a Pathological Feature-Derived Gene Signature for Risk Estimation
	Introduction
	Materials and Methods
	Publicly Available Data Collection
	Data Preprocessing and Gene Differential Expression Analysis
	Estimation of Immune Cell Infiltration
	Identification of Immune-Related DEGs in IAs
	Enrichment Analysis
	Protein-Protein Interaction Network Analysis of Immune-Related DEGs
	Human Specimen Histology and Immunohistochemistry
	Construction of Potential ceRNA Regulatory Networks and Drug-Gene Interaction Analysis for Hub Genes
	Weighted Gene Co-Expression Network Analysis
	Integrative Construction of PFDGS in Blood Cohort Using Machine Learning
	Statistical Analysis

	Results
	The Landscape of Immune Cell Infiltration in IAs
	Aberrant Signaling Pathways and Immune-Related DEGs
	Identification and Validation of Immune-Related Hub Genes
	CeRNA Regulatory Networks and Latent Drugs Targeting Hub Genes
	Gene Co-Expression Modules With Regard to Immune Infiltration
	PFDGS Generated From Combined Machine Learning Algorithms
	Diagnostic and Predictive Value of the PFDGS Model
	Biological Implications Underlying PFDGS

	Discussion
	Data Availability Statement
	Ethics Statement
	Author Contributions
	Funding
	Acknowledgments
	Supplementary Material
	References



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /PageByPage
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages false
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 1
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages false
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages false
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages false
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages false
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages false
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages false
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /Description <<
    /ENU (T&F settings for black and white printer PDFs 20081208)
  >>
  /ExportLayers /ExportVisibleLayers
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /BleedOffset [
        0
        0
        0
        0
      ]
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /ClipComplexRegions true
        /ConvertStrokesToOutlines false
        /ConvertTextToOutlines false
        /GradientResolution 300
        /LineArtTextResolution 1200
        /PresetName ([High Resolution])
        /PresetSelector /HighResolution
        /RasterVectorBalance 1
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks true
      /IncludeHyperlinks true
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MarksOffset 6
      /MarksWeight 0.250000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


