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Early inflammatory markers
as prognostic indicators
following allogeneic stem
cell transplantation
Kriti Verma1†, Wayne Croft1,2†, David Greenwood1,2†,
Christine Stephens1, Ram Malladi3, Jane Nunnick3,
Jianmin Zuo1, Francesca A. M. Kinsella1,3 and Paul Moss1,3*

1Institute of Immunology and Immunotherapy, University of Birmingham, Birmingham, United
Kingdom, 2Centre for Computational Biology, University of Birmingham, Birmingham, United
Kingdom, 3Centre for Clinical Haematology, Queen Elizabeth Hospital, Birmingham, United Kingdom
Allogeneic stem cell transplantation is used widely in the treatment of

hematopoietic malignancy although graft versus host disease and relapse

remain major complications. We measured the serum protein expression of

92 inflammation-relatedmarkers from49 patients at Day 0 (D0) and 154 patients

at Day 14 (D14) following transplantation and related values to subsequent

clinical outcomes. Low levels of 7 proteins at D0were linked toGvHDwhilst high

levels of 7 proteins were associated with relapse. The concentration of 38

proteins increased over 14 days and higher inflammatory response at D14 was

strongly correlated with patient age. A marked increment in protein

concentration during this period associated with GvHD but reduced risk of

disease relapse, indicating a link with alloreactive immunity. In contrast, patients

who demonstrated low dynamic elevation of inflammatory markers during the

first 14 days were at increased risk of subsequent disease relapse. Multivariate

time-to-event analysis revealed that high CCL23 at D14 was associative of

AGvHD, CXCL10 with reduced rate of relapse, and high PD-L1 with reduced

overall survival. This work identifies a dynamic pattern of inflammatory

biomarkers in the very early post-transplantation period and reveals early

protein markers that may help to guide patient management.
KEYWORDS

stem cell transplantation, prognostic factors, GvHD, relapse, inflammation
Introduction

Allogeneic hemopoietic stem cell transplantation (allo-HSCT) is a highly effective

therapy for many patients with haematological malignancy. However, allo-HSCT

remains associated with morbidity and mortality from complications such as graft

versus host disease and disease relapse. As such there is substantial interest in
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identifying approaches that can help to predict individual patient

outcomes and guide appropriate management in the post-

transplant period.

The utility of such approaches would be most beneficial if they

were available in the very early period of transplantation although

this may appear challenging as many transplant-related

complications occur several months or years following the

procedure. However, many lines of evidence indicate that

immunological determinants of long-term transplant outcome are

established in the very early post-transplant period. Examples of

this include the efficacy of cyclophosphamide administration at day

4+ and the impact of relative concentration of immune suppression

within the first three weeks post-transplant (1). Indeed, alloreactive

T cells are identifiable within the first two weeks following stem cell

infusion and serum levels of ST2 and REG3a as early as day 7 are

associated with risk of GvHD (2). As such it is likely that the early

kinetics and intensity of the donor alloreactive immune response

are key determinants of subsequent risk of clinical complications

such as GvHD or relapse. Assessment of immune parameters within

this early period could provide valuable prognostic information and

may help to stratify treatment protocols.

A range of studies have measured serum protein concentrations

to assess their prognostic value in determining patient outcome (3).

These have proven of particular interest in relation to risk of acute

GvHD where ST2 has been positively correlated with incidence in

several studies, a relationship that is seen as early as day 7 or day 14

post-transplant (2, 4, 5). Early elevation of IL-6 levels has also been

linked to acute GvHD (6) whilst REG3a and Tim-3 have also been

linked to gastrointestinal inflammation (5, 7, 8). Importantly, the

clinical importance of proteomic biomarkers can extend beyond

prognostic value as antibody-mediated blockade of ST2 or IL-6 has

shown value in reducing the incidence of subsequent acute GvHD

(9). Concentration of markers such as ST2, CXCL9, CXCL10,

CD163 MMP-3 and osteopontin have also shown predictive value

in the development of chronic GvHD although these assessments

are typically assessed at later time points (10–12).

Here we determined serum concentration of 92 inflammation-

related proteins in patients at day 0 and day 14 following

transplantation. We hypothesize that monitoring the levels of

inflammatory proteins on the day of transplant as a baseline and

comparing them to levels two weeks post-transplant can serve as a

valuable indicator of the inflammatory status in patients

undergoing stem cell transplantation. By assessing the

inflammatory protein concentrations at both day 0 and day 14,

we aim to uncover the temporal patterns and trajectories that may

be more informative than absolute values at individual time points.
Methods

Patient cohort

Patients who were undergoing allogeneic stem cell

transplantation for management of haematopoietic malignancy

were eligible for study and were recruited prospectively between

2015 and 2019. Patients with GVHD symptoms within 14 days of
Frontiers in Immunology 02
transplantation were excluded from analysis. Serum samples taken on

the day of transplantation (49 patients, Day-0 cohort) and at 14 days

post-transplant (49 matched samples and an additional 105 patients;

Day-14 cohort). Demographic data included age and gender of both

patient and donor, CD34+ cell dose, underlying diagnosis (lymphoid

or myeloid), HLA mismatch status, hematopoietic cell

transplantation-specific comorbidity index (HCT-CI; 0, 1, 2, or 3+),

conditioning regimen (total body irradiation (TBI) and reduced

intensity conditioning (RIC), serotherapy (anti-thymocyte globulin

(ATG) or alemtuzumab (Campath)), GvHD prophylaxis (ciclosporin

or ciclosporin & mycophenolate or methotrexate (combination)) and

patient cytomegalovirus status. Follow up information included time

and type of event following SCT (AGvHD, CGvHD, relapse, death) as

well as the AGvHD grade.
Proteomic analysis

Protein concentration was measured in serum using the OLINK

inflammation panel (Olink Proteomics AB, Uppsala, Sweden) (13)

which includes 92 protein targets. Assay readout is measured as

Normalized Protein eXpression (NPX) in arbitrary units on a

log2 scale.
Differential protein expression

Serum NPX data were imported and analysed using R version

4.0.2. (R Core Team 2020). For Day-14 vs Day-0 comparisons,

paired samples Wilcoxon tests were applied to data from 49 paired

D0-D14 samples. Assessment of differential protein expression

between clinical outcomes was assessed by Mann-Whitney U test

with correction for multiple testing using the Benjamini Hochberg

method to control for false discovery rate (14). For volcano plot

visualisation of test results, fold change estimates (the estimate value

from test output) are used, which are calculated as median of the

differences in sample from x and sample from y. Correlations of

protein expression level with patient clinical characteristics were

calculated using the R function rcorr using spearman rank method.

Scatter plots of NPX stratified by day or clinical outcome and

volcano plots to visualise results of statistical tests were generated

using ggplot2 (15).

Linear dimensionality reduction was performed by PCA and

visualised with factor loadings using the factoextra R package (16).

Nonlinear dimensionality reduction was via applying the Uniform

Manifold Approximation and Projection (UMAP) method.

Heatmaps were generated with complexHeatmap (17).

Absolute protein concentrations in serum were determined

using ELISA kits from Abcam (MA, USA) for CDCP1

(ab253216), LIFR (ab213806), PD-L1 (ab277712), Flt3L

(ab213780), CCL23 (ab100611) and IL-6(A78324) using

manufacturer’s protocols. The protein concentrations that were

identified as associative of clinical outcome at day 14 (PD-L1,

LIFR, Flt3L, CCL23, IL-6 and CDCP1) were related to Olink NPX

values in order to support future clinical application in clinical

prognosis (Supplementary Figure S3).
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Survival analysis

Survival analysis was conducted on the Day-14 cohort. Subjects

with missing outcome information were excluded (N=9). Survival

events were studied with the Kaplan–Meier (KM) estimator and

Cox proportional hazards (Cox PH) models, using the Survival R

package (18). Competing events were studied with cumulative

incidence function (CIF) estimates and Fine-Gray (FG) models

using the “cmprsk” R package (19, 20).

The primary survival endpoints were the time to first-event onset

(GvHD-free, relapse-free survival (GRFS)) and the time to death

attributable to any cause, overall survival (OS). GRFS events included

the onset of AGvHD (grade II-IV), CGvHD, relapse and death. The

primary competing events investigated were the time to non-relapse

mortality (NRM) and the time to relapse-related mortality (RM). NRM

was defined as death without prior relapse, and RM as death preceded by

relapse. Secondary endpoints investigated included the onset of: relapse,

AGvHD (grade II-IV) and CGvHD. For RM and relapse, NRM was

modelled as the competing event. Whereas for AGvHD and CGvHD,

the competing event was death attributable to any other cause.

Survival analysis was restricted to only the serum proteins

identified as differentially expressed when stratified by outcome to

reduce the rate of type I errors. NPX values were first standardised to

have a mean of 0 and SD of 1. Variable selection was conducted for the

primary events with the least absolute shrinkage and selection operator

(LASSO) (21, 22). Variables which violated the proportional hazards

(PH) assumption were excluded; a PH test based on Schoenfeld
Frontiers in Immunology 03
residuals was used for CoxPH models (23) and a PH test based on

the cumulative sum of residuals was used for Fine-Gray models (24).

Missing observations in the clinical variables were quantified

(Table 1) and imputed from the observed data by predictive mean

matching (for continuous variables), logistic regression (for binary

variables) and polytomous regression (for ordinal variables) (25,

26).. Multivariate imputation by chained equations (MICE) (27)

was applied with fully conditional specification to produce 5

imputations of the missing observations. Models were fitted to

each imputation and coefficients were pooled into a single estimate

by applying Rubin’s rules (28).
Results

Low inflammatory protein levels on the
day of transplantation associate with GvHD
whilst higher levels are seen in patients
who subsequently relapse

Serum concentrations of 92 inflammation-related proteins were

measured at day 0 and day 14 following stem cell transplantation

from 49 patients (Figure 1A). An additional analysis was performed

on 105 patients at day 14 alone. Principal component analysis

(PCA) and expression profiles of day-specific signatures showed

that protein concentrations varied substantially between day 0 and

day 14 (Figures 1B–D).
TABLE 1 Patient characteristics.

Variable Group
Day-0 cohort Day-14 cohort

Overall Missing (%) Overall Missing (%)

N 49 154

Age at transplant (median [IQR]) 52.0 [43.0, 61.0] 0 52.0 [42.8, 61.0] 1.3

CD34+ dose (median [IQR]) 5.2 [4.2, 5.6] 4.1 5.1 [4.3, 6.0] 4.5

CMV status (%) Negative 16 (32.7) 0 49 (32.5) 1.9

Positive 33 (67.3) 102 (67.5)

Diagnosis (%) Lymphoid 14 (28.6) 0 47 (30.9) 1.3

Myeloid 35 (71.4) 105 (69.1)

Donor age (median [IQR]) 33.0 [26.0, 47.0] 4.1 33.0 [25.0, 47.2] 37.7

GvHD prophylaxis (%) Ciclosporin 36 (73.5) 0 102 (67.1) 1.3

Combination 13 (26.5) 50 (32.9)

HLA mismatch status (%) No 44 (89.8) 0 104 (88.9) 24

Yes 5 (10.2) 13 (11.1)

Patient sex (%) Female 12 (24.5) 0 56 (36.8) 1.3

Male 37 (75.5) 96 (63.2)

RIC (%) No 20 (40.8) 0 65 (42.8) 1.3

Yes 29 (59.2) 87 (57.2)

(Continued)
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Initial assessment studied how protein concentrations on day 0

were related to clinical outcome (Figures 1E–H). Differential expression

analysis showed that low levels of IL18-R1, LIF-R and IL22-RA1 were

seen in patients who subsequently developed acute graft versus host

disease (AGvHD) (Figure 1E) whilst lower levels of CD244, TSLP,

IL15-RA and IL-33 were observed in patients who developed chronic

GvHD (Figure 1F). In contrast, increased concentrations of seven

inflammatory proteins, CD244, LIF-R, FGF21, IL10-RB, HGF, CD40

and TNFRSF9, were associated with subsequent disease relapse

(Figure 1G). Of note, values for LIF-R and CD244 (SLAMF4) were

reciprocally correlated with risk of GvHD or relapse. Overall survival

was higher in patients with elevated levels of the hemopoietic regulator

Flt3 ligand (Flt3L) at the time of transplant. Flt3L is a reciprocal

biomarker of progenitor cell mass (29) and as such these elevated levels

may reflect superior pre-transplant conditioning. Low concentrations

of the monocyte chemotactic protein CCL7 (MCP3) were also seen in

patients with reduced overall survival although neither of these proteins

were associated with other clinical features (Figure 1H).

The concentration of inflammatory proteins at day 0 was then

related to patient demographics and transplant variables (n=49)

(Figure 2). The concentration of 5 proteins, CST5, FGF5, IL15-RA,

TNFRSF9 and ADA, correlated positively with patient age whilst

TNFRSF9 values fell with an increasing Sorror score.
Frontiers in Immunology 04
These findings indicate that lower levels of inflammatory proteins

at baseline were associated with increased risk of GvHD and protection

from relapse, both features of a strong alloreactive immune response.
Inflammatory markers are markedly
increased in older patients at 2 weeks
post transplant

We next determined the concentration of inflammatory

proteins at day 14 post-transplant and assessed how these were

influenced by patient or donor age, CD34+ cell dose, mononuclear

cell dose and Sorror score (n=154) (Figure 3). Of note, high

expression of 37 proteins at day 14 was correlated with increasing

patient age. This association was particularly strong for proteins

such as CD40, IL-15RA, PD-L1 and IL-10RB. Indeed, Flt3-L was the

only protein whose serum concentration was lower in older patients

at this time point. In contrast, little impact of donor age was seen

and this correlated only with higher concentration of the

detoxifying sulfotransferase ST1A1.

As such these findings show that the age of the patient is a major

determinant of the concentration of inflammatory markers in the

early post-transplant period.
TABLE 1 Continued

Variable Group
Day-0 cohort Day-14 cohort

Overall Missing (%) Overall Missing (%)

Sex matched donor (%) No 18 (36.7) 0 67 (44.7) 2.6

Yes 31 (63.3) 83 (55.3)

HCT-CI (%) 0 14 (28.6) 0 48 (41.0) 24

1 5 (10.2) 14 (12.0)

2 14 (28.6) 27 (23.1)

3+ 16 (32.7) 28 (23.9)

Serotherapy (%) ATG 21 (42.9) 0 51 (33.6) 1.3

Campath 25 (51.0) 84 (55.3)

None 3 (6.1) 17 (11.2)

TBI (%) No 41 (83.7) 0 123 (80.9) 1.3

Yes 8 (16.3) 29 (19.1)

AGVHD (%) Censored 30 (62.5) 2 88 (59.1) 3.2

Event 18 (37.5) 61 (40.9)

CGVHD (%) Censored 39 (81.2) 2 122 (81.3) 2.6

Event 9 (18.8) 28 (18.7)

Relapse (%) Censored 36 (73.5) 0 105 (70.5) 3.2

Event 13 (26.5) 44 (29.5)

Death (%) Censored 36 (73.5) 0 100 (65.8) 1.3

Event 13 (26.5) 52 (34.2)
Patient characteristics and transplant outcomes depicted in the D0 and D14 cohorts with percentage missing variables.
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Relative change of protein concentration
between day 0 and day 14 associates with
clinical outcomes

In addition to absolute value it is also possible that the relative

change of serum protein concentration within the first 2 weeks

following transplantation might act as a determinant of subsequent

clinical course. As such, we next determined the D14:D0 expression
Frontiers in Immunology 05
ratio for patients with paired values and related this to outcome

(n=49) (Figure 4). The inflammatory environment during the post-

transplant period was revealed by an increase in concentration of 38

proteins within the first 14 days compared to a decrease in only 5

(adjusted p < 0.01) (Figure 1C). The most marked increases were

observed for VEGF-A, FGF21 and the cell growth regulator OSM

(Figure 1D) whilst those falling included CD6, CXCL9 and the stem

cell factor protein SCF.
B

C

D

E F

G H

A

FIGURE 1

Serum protein expression on the day of stem cell infusion is related to subsequent clinical outcome. (A) Schematic representation of study. (B) PCA
plot of protein serum concentration at Day 0 and D 14. Arrows indicate factor loadings for the top 5 proteins ranked by variance. (C) Hierarchical
clustering of proteins whose concentration was different between day 0 and day 14 (p<0.01, paired samples Wilcoxon test. (D) Example of kinetics of
expression of 3 proteins which showed the most marked increase or decrease in expression between D0 and D14. Ranking by p value. Univariate
testing for differential expression of Day 0 serum protein levels by clinical outcomes: (E) Acute GvHD: Yes (13) vs No (35); (F) Chronic GvHD: Yes (9)
vs No (39); (G) Relapse: Yes (13) vs No (36) (H) Survival: Deceased (D) (13) vs Alive (A) (36). Proteins labelled in red showed a significant difference
(p<0.05) by Man Whitney after Benjamini-Hochberg (BH) multiple testing correction. FC estimate is calculated as -1*(median difference between
samples from eac distribution). Violin plots of Normalised Protein eXpression (NPX) are shown for the proteins found to have significant associations
for each clinical outcome. (BH corrected p < 0.0001****; p ≤ 0.01**; p ≤ 0.05*).
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High relative increase in 8 proteins was associated with

increased risk of acute GvHD (Figure 4A). The strongest

associations were seen for the T cell attractant chemokine CCL23

as well as IL18-R1 and it is notable that low levels of IL-18R1 at day

0 had also been associated with this risk (Figure 1E). Associations

with CGvHD were more heterogeneous with both increased (IL-

15RA, ADA) and decreased (IL-17A, CXCL5) ratios seen as

correlates (Figure 4B). Again, low baseline levels of IL15RA at

day 0 had also been linked with CGvHD (Figure 1F). The D14:D0

ratio of 18 proteins was also associated with risk of disease relapse

but, strikingly, this was associated with a decrease, or relatively

suppressed increment, for every protein studied. Key determinants

included a range of major immunoregulatory proteins including

PD-L1, CXCL10, and CCL20 (Figure 4C).

High relative change in 5 proteins (IL17A, CCL11, CCL28,

DNER and CASP8) was associated with increased mortality (p ≤

0.05) (Figure 4D).

These data show that the relative rate of change in protein

concentration within the first two weeks post-transplant is strongly

associated with subsequent outcome with high kinetic increase

associating with AGvHD whilst decreased or muted responses are

linked with subsequent disease relapse.
High inflammatory protein expression at
Day 14 associates with GvHD while low
levels with disease relapse

We next determined how protein levels at day 14 were

associated with subsequent clinical outcomes (n=142). Overview

visualisations of the data in reduced dimensional (UMAP) space did

not show clear groupings (Supplementary Figures S1, 2) therefore
Frontiers in Immunology 06
protein levels were specifically assessed, stratifying by binary

outome. High levels of 5 proteins in patients who developed

AGvHD, with the highest concentrations observed for LIFR and

CCL23 (Figure 5A). Of note, low levels of LIFR at day 0 (Figure 1E)

and a large increase in the D0:D14 ratio was also seen in patients

with AGvHD (Figure 4A). Flt3L expression was lower in patients

with AGvHD (Figure 5A) whilst the only association with CGvHD

was seen for CASP8 where higher levels were associated with

increased risk of CGvHD (Figure 5B).

A low serum concentration of 5 proteins, IL-6, IL-17C, IL-2,

MMP-10 and CXCL10, was seen in patients with subsequent

disease relapse and a similar association has been observed with

suppressed D14:D0 ratio for three of these, IL-17C, MMP-10 and

CXCL10 (Figure 5C). 10 proteins were elevated in patients who

subsequently died with the most marked effects observed for

CDCP1, PDL1, and IL-10 (Figure 5D) and it is notable that

differential expression of these proteins had not been observed on

the day of transplant (D0).
Systemic inflammatory protein
concentrations at day 14 are independently
associative of subsequent clinical outcome

Statistical models were next used to investigate the association

between protein concentration at day 14 and the time to clinical

events during median 3 years of follow up (CI 2-3.9). To reduce the

number of proteins included in subsequent statistical models thus

reducing type I error rates, only proteins identified as having outcome

association from the previous differential expression analysis were

included. Univariate estimates for all events (Supplementary Table 1)

and complete multivariate estimates, including adjustments for
FIGURE 2

Serum proteins at Day 0 displaying correlation with clinical covariates. Relative concentration of serum proteins is shown on the y-axis and
correlated with patient age, mononuclear cell dose, Sorror score and T cell dose. Significant protein-clinical variable correlations are shown with
absolute correlation coefficient (R) > 0.2 (p<0.01). Dashed line represents the linear model fit to the data points with shading for 95%
confidence interval.
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FIGURE 3

The concentration of several serum proteins is markedly elevated at day 14 in older patients. Relative concentration of serum proteins is shown on
the y-axis and correlated with patient or donor age, CD34+ cell dose, mononuclear cell dose and Sorror score. Significant protein-clinical variable
correlations are shown with absolute correlation coefficient (R) > 0.2 (p<0.01). Dashed line represents the linear model fit to the data points with
shading for 95% confidence interval.
B C DA

FIGURE 4

Temporal dynamics of serum protein concentration in the first two weeks post-SCT and its association with clinical outcome. The D14 to D0 ratio
(D14:D0) of serum protein NPX values was determined and stratified by clinical outcome (n=49). (A) Acute GvHD: Yes vs No; (B) Chronic GvHD: Yes
vs No; (C) Relapse: Yes vs No; (D) Survival: Deceased (D) vs Alive (A). Significant differences in D14:D0 determined by Man Whitney after Benjamini-
Hochberg (BH) multiple testing correction (BH corrected p≤0.01**; p≤0.05*).
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clinical covariates for each event, were determined (Supplementary

Tables 2-7). A range of clinical variables were associated with

outcome (Supplementary Tables 3-5). 29% (CI 0.21 - 0.37) of

patients developed AGvHD (grade II-IV) whilst 20% developed

CGvHD (CI 0.21 - 0.38). The relapse rate was 29% (CI 0.21 -

0.37), the probability of relapse-related mortality (RM) was 18%

(CI 0.10 - 0.25) and non-relapse mortality (NRM) rate was 20% (CI

0.12 - 0.28). The probability of surviving without GvHD or relapse

(GvHD-free, relapse-free survival (GRFS)) was 28% (CI 0.21-0.37)

whilst overall survival (OS) was 62% at three years (CI 0.62 - 0.79).

Sex and diagnosis distribution of the cohort had little impact on the

results however Myeloid diagnosis was associated (p=0.01;HR=8.35)

with increased relapse related mortality following multivariate testing

(Supplementary Tables 1, 4).

Multivariate time-to-event analysis to account for competing risks

was used to determine how serum protein concentration at day 14

correlated with the rate of subsequent clinical events (Table 2). Levels of

CCL23 were associated with increased AGvHD (HRSD 1.66, CI 1.12 -

2.46; P 0.01) and lower rates of GRFS by univariate and multivariate

analysis (HR 1.3; CI 1.06 - 1.59; P 0.01) (Figure 6A; Supplementary

Table 2). For potential clinical utility, it was important to calculate

absolute serum concentrations of CCL23 and prove correlation with

Olink NPX readout (Figure 6B). Indeed, stratifying by CCL23
Frontiers in Immunology 08
concentration showed GRFS was 40% at 2 years in patients with low

CCL23 concentration and 23% in those with high CCL23 (Figure 6C).

CXCL10 concentration was protective against relapse (HRSD 0.66; CI

0.48 - 0.9; P 0.01) (Supplementary Table 7) whilst elevated CDCP1

markedly increased risk of relapse mortality (HRSD 2.41; CI 1.27 - 4.56;

P 0.01). IL-6 reduced this risk (HRSD 0.47; CI 0.22 - 1; P 0.05) but also

increased non-relapse mortality (HRSD 1.5; CI 1 - 2.23; P 0.05). The

only protein associated with lower overall survival was PD-L1 where

high levels were associated with increased risk of mortality (HR 1.41; CI

1.01 - 1.97; P 0.05) (Figure 6D; Supplementary Table 3). Olink NPX

readout for PD-L1 correlates with absolute concentration (Figure 6E)

and stratifying by PD-L1 showed survival at 2 years was 20% for

patients with high concentrations compared to 36% in those with low

PD-L1 (Figure 6F).

These findings show that serum concentrations at day 14 can

provide strong value for independent prediction of subsequent

clinical outcome.
Discussion

Several studies have shown that the concentration of specific

serum proteins can help to predict subsequent clinical outcome
B C

D

A

FIGURE 5

Differentially expressed serum protein markers at Day-14 post SCT by clinical outcome. Results of Univariate testing of Day 14 serum protein levels
stratified by clinical outcomes Acute GvHD: Yes (44) vs No (105) (A); Chronic GvHD: Yes (22) vs No (122) (B); Relapse: Yes (44) vs No (105) (C);
Survival: Deceased (D) (52) vs Alive (A) (100) (D). Proteins labelled in red showed a significant difference (p<0.05) by Man Whitney after Benjamini-
Hochberg (BH) multiple testing correction. FC estimate is calculated as -1*(median difference between samples from eac distribution). Violin plots of
Normalised Protein eXpression (NPX) are shown for the proteins found to be differentially expressed for each clinical outcome. (BH corrected
p≤0.01**; p≤0.05*).
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following HSCT. In this study we show that measurement of

inflammation-associated proteins at both day 0 and day 14 can

provide additional novel prognostic insights. These observations

uncover insights into determinants of alloreactive immunity and

could help to guide personalised patient care.

Low levels of seven proteins on the day of stem cell infusion

were associated with risk of subsequent GvHD whilst high values of

seven different proteins were seen in patients who subsequently

suffered disease relapse. These proteins included several members of

the cytokine receptor family, such as IL-15R, IL-18R and IL-22R,

and may reflect their importance in homeostatic proliferation (30).

These results indicate that a low inflammatory status at the time of

transplant is associated with clinical evidence of strong subsequent

alloreactive immunity. This is of note as low levels of inflammatory

markers at the time of immune checkpoint inhibition (ICI) also

correlate with improved long term survival (31). Together these

indicate that the baseline inflammatory profile of patients at the

time of cancer immunotherapy is a direct correlate of subsequent

clinical outcome. In relation to the potential clinical utility of this

finding, it is possible that this profile is immutable and not

amenable to modulation. However, anti-inflammatory agents

have been shown to increase the therapeutic response to ICI and

CAR-T in mice (32, 33) and their use prior to transplantation might

therefore be assessed.

Elevated levels of Flt3L at baseline were associated with superior

long term outcome and as values increase reciprocally with the

intensity of transplant conditioning and clearance of Flt3+ AML

(29), both of these factors could contribute to this observation. Low

concentrations of CCL7 (MCP3), a leucocyte chemoattractant, were

also associated with reduced overall survival (Figure 1H). Elevated

baseline levels have been associated with increased risk of graft

failure after allo-HSCT (34) although the mechanisms that underlie

its prognostic impact remain uncertain.

Protein concentrations were also measured at day 14 to allow an

assessment of relative transition during the first two weeks

following transplantation. The concentration of many proteins

rose during this period and likely reflects transplant conditioning

and initiation of the alloreactive immune response. A striking
Frontiers in Immunology 09
observation was that the levels of 37 proteins at day 14t were

strongly correlated with the age of the patient. In contrast, Flt-3 was

the only protein for which lower concentrations were seen in older

patients. Only 5 inflammatory proteins were elevated at Day 0 in

older patients and this increment over 14 days therefore reveals

enhanced transplant-induced inflammation in older people. This is

likely to represent an immunological determinant of the established

correlate of patient age with impaired transplant outcome.

The trajectory of change between day 0 and day 14 proved to be

a stronger indicator of clinical outcome than absolute values at

either timepoint. An increase in 11 proteins associated with risk of

GvHD whilst a decrease, or muted increase, in 18 proteins was

linked to disease relapse.

Overall, these findings indicate that the temporal dynamics of

inflammatory markers in the first two weeks after transplantation

are a strong correlate of subsequent clinical outcome. In particular,

patients with relatively low systemic inflammatory markers at the

time of stem cell infusion, and who subsequently develop a strong

inflammatory response in the subsequent 2 weeks, are at increased

risk of GVHD. However, as alloreactive immunity helps to control

the underlying tumour, an inverse correlation was also observed in

relation to disease relapse. In particular, patients entering

transplantation within higher inflammatory markers, or in whom

subsequent inflammatory markers decreased or increased only

modestly during the subsequent 2 weeks, were at high risk of

disease relapse.

Although strong inflammatory responses were associated with

decreased risk of disease relapse, they had less impact on survival.

These findings indicate the delicate balance that exists between

inflammatory responses which act to control disease relapse but

also promote GvHD, tissue damage and transplant-related mortality.

An important determinant here will be the impact of patient age, that

acts both to increase frailty and demographic risk but also increases

baseline inflammatory responses due to ‘inflamm-ageing’.

Multivariate analysis allowed identification of protein

concentrations at day 14 independently associative of subsequent

clinical outcome. CCL23 concentration associated with occurrence of

acute GvHD and is likely to reflect its role as a strong chemoattractant
TABLE 2 Multivariate competing risk analysis of protein concentration at Day 14 in relation to rate of Relapse and GvHD outcomes.

Relapse-related mortality Non-relapsemortality AGvHD CGvHD

Adj. HRSD Adj.CI p Adj. HRSD Adj.Cl p Adj. HRSD Adj.Cl p Adj. HRSD Adj.CI p

CCL23 1.94 (0.78 4.87) 0.16 1.11 (0.62 1.97) 0.73 1.66 (1.12 2.46) 0.01 1.14 (0.79 1.64) 0.5

CDCP1 2.41 (1.27 4.56) 0.01 1.26 (0.82 1.94) 0.29 0.93 (0.64 1.35) 0.7 0.9 (0.59 1.38) 0.64

CSF-1 0.93 (0.34 2.54) 0.88 1.57 (0.95 2.6) 0.08 0.95 (0.6 1.51) 0.83 0.7 (0.39 1.24) 0.22

CXCL10 0,57 (0.32 1.02) 0.06 1.29 (0.76 2.2) 0.34 0.89 (0.59 1.35) 0.6 0.96 (0.64 1.42) 0.83

IL6 0.47 (0.22 1) 0.05 1.5 (1 2.23) 0.05 1.13 (0.77 1.65) 0.54 1.14 (0.75 1.71) 0.54

LIF-R 1.48 (0.66 3.3) 0.35 0.47 (0.28 0.77) 0

PD-L1 0.6 (0.24 1.5) 0.28 1.35 (0.71 2.55) 0.36 0.87 (0.5 1.52) 0.62 1.5 (0.8 2.82) 0.2

TNFRSF9 2.39 (0.81 7.03) 0.11 0.75 (0.4 1.41) 0.37 0.99 (0.69 1.42) 0.95 0.85 (0.53 1.36) 0.5
frontiers
Multivariate subdistribution hazard ratios (adj. HRSD) with a 95% confidence interval (CI) based on FG models of Relapse related mortality, Non-relapse mortality, acute GvHD and chronic
GvHD. Models adjusted for variables retained after LASSO selection, excluding any variable in violation of proportional hazards assumption.
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for T cells and monocytes. Similarly, CXCL10 concentration was a

marker of subsequent disease relapse and is an important regulator of

the alloreactive immune response (35). Finally, high levels of PD-L1

were predictive of increased risk of mortality and this concurs with

previous studies showing this relationship at later timepoints (36).
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Whilst previous reports have identified elevated MCP-1 at day

30 post-transplant as a predictor of subsequent relapse (37), our

study did not reveal a significant correlation between MCP-1 levels

at day 0 or day 14 and clinical outcomes. This suggests that MCP-1

may not serve as an early indicator of adverse clinical outcomes.
B C

D

E F

A

FIGURE 6

GvHD-free, relapse-free survival (GRFS) and Overall survival associated serum proteins at Day-14. (A) Univariate (HR) and multivariate hazard ratios
(adj. HR) with a 95% confidence interval (CI) based on the CoxPH model of GRFS. Regression coefficients are visualised as a forest plot (95% CI).
(B) Correlation of relatively quantified Olink Normalised protein expression (NPX) data with absolute quantification of protein expression by ELISA in
pg/ml for CCL23 (n=34). (C) Kaplan Meier curves of GRFS probability in patients stratified by high and low day 14 absolute CCL23 concentration.
(D) Univariate and multivariate HR based on the CoxPH model of Overall Survival (OS). (E) Correlation of NPX with absolute quantification of protein
expression by ELISA for PD-L1. (F) Kaplan Meier curves of OS probability in patients stratified by day 14 absolute PD-L1 concentration. CoxPH models
adjusted for variables retained after LASSO selection. CCL23 and PD-L1 optimal concentration cutoff determined by maximally selected
rank statistics.
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Furthermore, despite the established link between IL-6 and

AGVHD severity (6), our study did not identify significant

univariate associations for IL-6. Conversely, IL-33, known to

increase in AGVHD (38), did not exhibit such associations but

demonstrated reduced levels in CGVHD. These findings provide

nuanced insights into the intricate roles of MCP-1, IL-6, and IL-33

in post-transplant scenarios, further highlighting the complexity

and importance of studying kinetics of these cytokines in the post-

transplant setting.

Limitations of our study include the lack of inclusion of ST2 and

epithelial markers which are known predictive markers for GvHD

(4, 5). Additionally, variables such as HLA mismatch could not be

included due to large class imbalance (n=13 (Yes) vs n=104 (No)).

ATG vs no ATG had to be omitted from multivariate models as it

violated proportional hazard assumptions. Furthermore, the

relatively small nature of the cohort is such that findings should

be considered for future validation in other cohorts.

The observation that inflammatory protein concentrations at

very early timepoints are associated with clinical events that occur

many months later adds further support to the concept that the

clinical outcome of transplantation is strongly influenced by

immunological priming within days of stem cell infusion. Our

findings suggest candidate predictive serum protein biomarkers

for further study with potential relevance to the clinical

management of patients following transplantation. The

measurement of protein concentration at day 0 and day 14 is

feasible within the care plan and their predictive value deserves

future assessment as a potential guide to optimize personalised care

for patients undergoing this challenging procedure.
Data availability statement

The original contributions presented in the study are included

in the article/Supplementary Material. Further inquiries can be

directed to the corresponding author.
Ethics statement

The studies involving humans were approved by NRES

Committee West Midlands – South Birmingham (BOOST 15/

WM/0194). The studies were conducted in accordance with the

local legislation and institutional requirements. The participants

provided their written informed consent to participate in this study.
Author contributions

KV: Conceptualization, Data curation, Formal analysis,

Investigation, Methodology, Project administration, Validation,

Visualization, Writing – original draft, Writing – review &

editing. WC: Formal analysis, Investigation, Methodology,

Software, Visualization, Writing – original draft, Writing – review

& editing. DG: Formal analysis, Investigation, Methodology,

Software, Visualization, Writing – original draft. CS: Data
Frontiers in Immunology 11
curation, Investigation, Methodology, Project administration,

Validation, Writing – review & editing. RM: Data curation,

Project administration, Resources, Writing – review & editing. JN:

Project administration, Resources, Writing – review & editing. JZ:

Conceptualization, Methodology, Project administration, Writing –

review & editing. FK: Data curation, Formal analysis, Resources,

Writing – review & editing. PM: Conceptualization, Formal

analysis, Funding acquisition, Resources, Supervision, Writing –

original draft, writing – review & editing.
Funding

The author(s) declare financial support was received for the

research, authorship, and/or publication of this article. This work

was funded by Blood Cancer UK (grant 17009), NIHR Birmingham

Biomedical Research Centre award (NIHR 203326), NIHR senior

investigator award (NIHR205029) awarded to PM and MRC Placing

Discovery Science at the heart of Big Data (MC_PC_15079). WC is

supported by MRC (grant MR/R011230/1). This is independent

research funded by Professor PM and carried out at the National

Institute for Health and Care Research (NIHR) Birmingham

Biomedical Research Centre (BRC). The views expressed are those

of the author(s) and not necessarily those of the BRC, the NIHR or

the Department of Health and Social Care.
Acknowledgments

We would like to thank patients for their participation in this

study and the Transplant research team at the Queen Elizabeth

Hospital (Birmingham) for helping us with the collection of

patient samples.
Conflict of interest

The authors declare that the research was conducted in the

absence of any commercial or financial relationships that could be

construed as a potential conflict of interest.
Publisher’s note

All claims expressed in this article are solely those of the authors

and do not necessarily represent those of their affiliated organizations,

or those of the publisher, the editors and the reviewers. Any product

that may be evaluated in this article, or claim that may be made by its

manufacturer, is not guaranteed or endorsed by the publisher.
Supplementary material

The Supplementary Material for this article can be found online at:

https://www.frontiersin.org/articles/10.3389/fimmu.2023.1332777/

full#supplementary-material
frontiersin.org

https://www.frontiersin.org/articles/10.3389/fimmu.2023.1332777/full#supplementary-material
https://www.frontiersin.org/articles/10.3389/fimmu.2023.1332777/full#supplementary-material
https://doi.org/10.3389/fimmu.2023.1332777
https://www.frontiersin.org/journals/immunology
https://www.frontiersin.org


Verma et al. 10.3389/fimmu.2023.1332777
References
1. Bacigalupo A, Van Lint MT, Occhini D, Gualandi F, Lamparelli T, Sogno G, et al.
Increased risk of leukemia relapse with high-dose cyclosporine A after allogeneic
marrow transplantation for acute leukemia. Blood (1991) 77(7):1423–8. doi: 10.1182/
blood.V77.7.1423.1423

2. Hartwell MJ, Ozbek U, Holler E, Renteria AS, Major-Monfried H, Reddy P, et al.
An early-biomarker algorithm predicts lethal graft-versus-host disease and survival. JCI
Insight (2017) 2(3):e89798. doi: 10.1172/jci.insight.89798

3. Paczesny S. Biomarkers for posttransplantation outcomes. Blood (2018) 131
(20):2193–204. doi: 10.1182/blood-2018-02-791509

4. Vander Lugt MT, Braun TM, Hanash S, Ritz J, Ho VT, Antin JH, et al. ST2 as a
marker for risk of therapy-resistant graft-versus-host disease and death. N Engl J Med
(2013) 369(6):529–39. doi: 10.1056/NEJMoa1213299

5. McDonald GB, Tabellini L, Storer BE, Lawler RL, Martin PJ, Hansen JA. Plasma
biomarkers of acute GVHD and nonrelapse mortality: predictive value of
measurements before GVHD onset and treatment. Blood (2015) 126(1):113–20. doi:
10.1182/blood-2015-03-636753

6. Kennedy GA, Varelias A, Vuckovic S, Le Texier L, Gartlan KH, Zhang P, et al.
Addition of interleukin-6 inhibition with tocilizumab to standard graft-versus-host
disease prophylaxis after allogeneic stem-cell transplantation: a phase 1/2 trial. Lancet
Oncol (2014) 15(13):1451–9. doi: 10.1016/S1470-2045(14)71017-4

7. Hansen JA, Hanash SM, Tabellini L, Baik C, Lawler RL, Grogan BM, et al. A novel
soluble form of Tim-3 associated with severe graft-versus-host disease. Biol Blood
Marrow Transplant (2013) 19(9):1323–30. doi: 10.1016/j.bbmt.2013.06.011

8. Ferrara JL, Harris AC, Greenson JK, Braun TM, Holler E, Teshima T, et al.
Regenerating islet-derived 3-alpha is a biomarker of gastrointestinal graft-versus-host
disease. Blood (2011) 118(25):6702–8. doi: 10.1182/blood-2011-08-375006

9. Zhang J, Ramadan AM, Griesenauer B, Li W, Turner MJ, Liu C, et al. ST2
blockade reduces sST2-producing T cells while maintaining protective mST2-
expressing T cells during graft-versus-host disease. Sci Transl Med (2015) 7
(308):308ra160. doi: 10.1126/scitranslmed.aab0166

10. Yu J, Storer BE, Kushekhar K, Abu Zaid M, Zhang Q, Gafken PR, et al.
Biomarker panel for chronic graft-versus-host disease. J Clin Oncol (2016) 34
(22):2583–90. doi: 10.1200/JCO.2015.65.9615

11. Kariminia A, Holtan SG, Ivison S, Rozmus J, Hebert MJ, Martin PJ, et al.
Heterogeneity of chronic graft-versus-host disease biomarkers: association with
CXCL10 and CXCR3+ NK cells. Blood (2016) 127(24):3082–91. doi: 10.1182/blood-
2015-09-668251

12. Inamoto Y, Martin PJ, Paczesny S, Tabellini L, Momin AA, Mumaw CL, et al.
Association of plasma CD163 concentration with de novo-onset chronic graft-versus-
host disease. Biol Blood Marrow Transplant (2017) 23(8):1250–6. doi: 10.1016/
j.bbmt.2017.04.019

13. Assarsson E, Lundberg M, Holmquist G, Bjorkesten J, Thorsen SB, Ekman D,
et al. Homogenous 96-plex PEA immunoassay exhibiting high sensitivity, specificity,
and excellent scalability. PloS One (2014) 9(4):e95192. doi: 10.1371/
journal.pone.0095192

14. Benjamini Y. Controlling the false discovery rate: a practical and powerful
approach to multiple testing. J R Stat society: Ser B (Methodological) (1995) 57:1: 289–
300. doi: 10.1111/j.2517-6161.1995.tb02031.x

15. Wickham H. Wiley interdisciplinary reviews: computational statistics, Vol. 3.2.
Hoboken, NJ, USA: John Wiley & Sons (2011). pp. 180–5, ggplot2.

16. Kassambara A. Practical guide to principal component methods in R: PCA, M
(CA), FAMD, MFA, HCPC, factoextra, France: Montpellier Vol. 2. (2017).

17. Gu Z. Complex heatmap visualization. iMeta (2022) 1:3. doi: 10.1002/imt2.43

18. Therneau TM, Grambsch PM. Estimating the survival and hazard functions. In:
Modeling survival data: extending the cox model. Springer, New York, NY: Statistics for
biology and health (2000). doi: 10.1007/978-1-4757-3294-8_2

19. Fine JP, Gray RJ. A proportional hazards model for the subdistribution of a
competing risk. J Am Stat Assoc (1999) 94:446: 496–509. doi: 10.1080/
01621459.1999.10474144

20. Scrucca L, Santucci A, Aversa F. Competing risk analysis using R: an easy guide for
clinicians. Bone Marrow Transplant (2007) 40(4):381–7. doi: 10.1038/sj.bmt.1705727
Frontiers in Immunology 12
21. Witten DM, Jerome H. Friedman, and Noah Simon. New insights and faster
computations for the graphical lasso. J Comput Graphical Stat (2011) 20(4):892–900.
doi: 10.1198/jcgs.2011.11051a

22. Fu Z, Parikh CR, Zhou B. Penalized variable selection in competing risks
regression. Lifetime Data Anal (2017) 23(3):353–76. doi: 10.1007/s10985-016-9362-3

23. Grambsch PM, Therneau TM. Proportional hazards tests and diagnostics based
on weighted residuals. Biometrika (1994) 81:515–26. doi: 10.1093/biomet/81.3.515

24. Li J, Scheike TH, Zhang MJ. Checking Fine and Gray subdistribution hazards
model with cumulative sums of residuals. Lifetime Data Anal (2015) 21(2):197–217.
doi: 10.1007/s10985-014-9313-9

25. De Silva AP, Moreno-Betancur M, De Livera AM, Lee KJ, Simpson JA. Multiple
imputation methods for handling missing values in a longitudinal categorical variable
with restrictions on transitions over time: a simulation study. BMC Med Res Methodol
(2019) 19(1):14. doi: 10.1186/s12874-018-0653-0

26. Bailey BE, Andridge R, Shoben AB. Multiple imputation by predictive mean
matching in cluster-randomized trials. BMC Med Res Methodol (2020) 20(1):72. doi:
10.1186/s12874-020-00948-6

27. Van Buuren S, Groothuis-Oudshoorn K. mice: Multivariate imputation by
chained equations in R. J Stat software (2011) 45:1–67. doi: 10.18637/jss.v045.i03

28. Marshall A, Altman DG, Royston P, Holder RL. Comparison of techniques for
handling missing covariate data within prognostic modelling studies: a simulation
study. BMC Med Res Method (2010) 10:1–16. doi: 10.1186/1471-2288-10-7

29. Milne P,Wilhelm-Benartzi C, GrunwaldMR, Bigley V, Dillon R, Freeman SD, et al.
Serum Flt3 ligand is a biomarker of progenitor cell mass and prognosis in acute myeloid
leukemia. Blood Adv (2019) 3(20):3052–61. doi: 10.1182/bloodadvances.2019000197

30. Eldershaw S, Verma K, Croft W, Rai T, Fam K, Stephens C, et al. Lymphopenia-
induced lymphoproliferation drives activation of naive T cells and expansion of
regulatory populations. iScience (2021) 24(3):102164. doi: 10.1016/j.isci.2021.102164

31. Kauffmann-Guerrero D, Kahnert K, Kiefl R, Sellmer L, Walter J, Behr J, et al.
Systemic inflammation and pro-inflammatory cytokine profile predict response to
checkpoint inhibitor treatment in NSCLC: a prospective study. Sci Rep (2021) 11
(1):10919. doi: 10.1038/s41598-021-90397-y

32. Pelly VS, Moeini A, Roelofsen LM, Bonavita E, Bell CR, Hutton C, et al. Anti-
inflammatory drugs remodel the tumor immune environment to enhance immune
checkpoint blockade efficacy. Cancer Discovery (2021) 11(10):2602–19. doi: 10.1158/
2159-8290.CD-20-1815

33. Aboelella NS, Brandle C, Okoko O, Gazi MY, Ding ZC, Xu H, et al.
Indomethacin-induced oxidative stress enhances death receptor 5 signaling and
sensitizes tumor cells to adoptive T-cell therapy. J Immunother Cancer (2022) 10(7):
e004938. doi: 10.1136/jitc-2022-004938

34. Weber G, Strocchio L, Del Bufalo F, Algeri M, Pagliara D, Arnone CM, et al.
Identification of new soluble factors correlated with the development of graft failure
after haploidentical hematopoietic stem cell transplantation. Front Immunol (2020)
11:613644. doi: 10.3389/fimmu.2020.613644

35. Piper KP, Horlock C, Curnow SJ, Arrazi J, Nicholls S, Mahendra P, et al.
CXCL10-CXCR3 interactions play an important role in the pathogenesis of acute graft-
versus-host disease in the skin following allogeneic stem-cell transplantation. Blood
(2007) 110(12):3827–32. doi: 10.1182/blood-2006-12-061408

36. Baur R, Karl F, Bottcher-Loschinski R, Stoll A, Volkl S, Giessl A, et al.
Accumulation of T-cell-suppressive PD-L1(high) extracellular vesicles is associated
with GvHD and might impact GvL efficacy. J Immunother Cancer (2023) 11(3):
e006362. doi: 10.1136/jitc-2022-006362

37. Matar A, Solh MM, Copik AJ, Litherland S, oliverasAlmodovar A, Rathmann K,
et al. Relapse after allogeneic hematopoietic stem cell transplantation (HCT) for acute
myeloid leukemia (AML)/myelodysplastic syndrome (MDS) following intravenous
busulfan/fludarabine based conditioning: outcomes and monocyte chemo-attractant
protein -1( MCP-1) as a predictive marker of relapse. Blood (2013) 122(21):3325. doi:
10.1182/blood.V122.21.3325.3325

38. Ahmed SS, Wang XN, Norden J, Pearce K, El-Gezawy E, Atarod S, et al.
Identification and validation of biomarkers associated with acute and chronic graft
versus host disease. Bone Marrow Transplant (2015) 50(12):1563–71. doi: 10.1038/
bmt.2015.191
frontiersin.org

https://doi.org/10.1182/blood.V77.7.1423.1423
https://doi.org/10.1182/blood.V77.7.1423.1423
https://doi.org/10.1172/jci.insight.89798
https://doi.org/10.1182/blood-2018-02-791509
https://doi.org/10.1056/NEJMoa1213299
https://doi.org/10.1182/blood-2015-03-636753
https://doi.org/10.1016/S1470-2045(14)71017-4
https://doi.org/10.1016/j.bbmt.2013.06.011
https://doi.org/10.1182/blood-2011-08-375006
https://doi.org/10.1126/scitranslmed.aab0166
https://doi.org/10.1200/JCO.2015.65.9615
https://doi.org/10.1182/blood-2015-09-668251
https://doi.org/10.1182/blood-2015-09-668251
https://doi.org/10.1016/j.bbmt.2017.04.019
https://doi.org/10.1016/j.bbmt.2017.04.019
https://doi.org/10.1371/journal.pone.0095192
https://doi.org/10.1371/journal.pone.0095192
https://doi.org/10.1111/j.2517-6161.1995.tb02031.x
https://doi.org/10.1002/imt2.43
https://doi.org/10.1007/978-1-4757-3294-8_2
https://doi.org/10.1080/01621459.1999.10474144
https://doi.org/10.1080/01621459.1999.10474144
https://doi.org/10.1038/sj.bmt.1705727
https://doi.org/10.1198/jcgs.2011.11051a
https://doi.org/10.1007/s10985-016-9362-3
https://doi.org/10.1093/biomet/81.3.515
https://doi.org/10.1007/s10985-014-9313-9
https://doi.org/10.1186/s12874-018-0653-0
https://doi.org/10.1186/s12874-020-00948-6
https://doi.org/10.18637/jss.v045.i03
https://doi.org/10.1186/1471-2288-10-7
https://doi.org/10.1182/bloodadvances.2019000197
https://doi.org/10.1016/j.isci.2021.102164
https://doi.org/10.1038/s41598-021-90397-y
https://doi.org/10.1158/2159-8290.CD-20-1815
https://doi.org/10.1158/2159-8290.CD-20-1815
https://doi.org/10.1136/jitc-2022-004938
https://doi.org/10.3389/fimmu.2020.613644
https://doi.org/10.1182/blood-2006-12-061408
https://doi.org/10.1136/jitc-2022-006362
https://doi.org/10.1182/blood.V122.21.3325.3325
https://doi.org/10.1038/bmt.2015.191
https://doi.org/10.1038/bmt.2015.191
https://doi.org/10.3389/fimmu.2023.1332777
https://www.frontiersin.org/journals/immunology
https://www.frontiersin.org

	Early inflammatory markers as prognostic indicators following allogeneic stem cell transplantation
	Introduction
	Methods
	Patient cohort
	Proteomic analysis
	Differential protein expression
	Survival analysis

	Results
	Low inflammatory protein levels on the day of transplantation associate with GvHD whilst higher levels are seen in patients who subsequently relapse
	Inflammatory markers are markedly increased in older patients at 2 weeks post transplant
	Relative change of protein concentration between day 0 and day 14 associates with clinical outcomes
	High inflammatory protein expression at Day 14 associates with GvHD while low levels with disease relapse
	Systemic inflammatory protein concentrations at day 14 are independently associative of subsequent clinical outcome

	Discussion
	Data availability statement
	Ethics statement
	Author contributions
	Funding
	Acknowledgments
	Conflict of interest
	Publisher’s note
	Supplementary material
	References


