& frontiers | Frontiers in Materials

ORIGINAL RESEARCH
published: 20 July 2022
doi: 10.3389/fmats.2022.930885

OPEN ACCESS

Edited by:
Weihua Li,
University of Wollongong, Australia

Reviewed by:

Xufeng Dong,

Dalian University of Technology, China
Song Qi,

Chongqing University, China

*Correspondence:
Yancai Xiao
ycxiao@bjtu.edu.cn

Specialty section:

This article was submitted to
Smart Materials,

a section of the journal
Frontiers in Materials

Received: 28 April 2022
Accepted: 17 May 2022
Published: 20 July 2022

Citation:

Xue J, Xiao Y and Li D (2022) Flow-
State Identification of Oil-Based
Magnetic Fluid Seal Based on Acoustic
Emission Technology.

Front. Mater. 9:930885.

doi: 10.3389/fmats.2022.930885

®

Check for
updates

Flow-State Identification of Oil-Based
Magnetic Fluid Seal Based on
Acoustic Emission Technology

Jinyu Xue', Yancai Xiao"* and Decai Li"?

"School of Mechanical, Electronic and Control Engineering, Bejiing Jiaotong University, Bejiing, China, “State Key Laboratory of
Tribology, Tsinghua University, Beijiing, China

At present, most research studies on the changing process of the magnetic fluid seal are
analyzed with the pressure signal of each chamber or the magnetic fluid flow photos taken
by a camera, which need to change the seal structure. Based on nondestructive acoustic
emission technology, a flow-state identification model of the oil-based magnetic fluid seal
using the grey wolf optimizer and random forest is proposed in this study. The acoustic
emission signal and pressure signal are collected at the same time under static conditions
in the two-stage pole shoes oil-based magnetic fluid seal experiment. Through power
spectrum analysis of the acoustic emission signal with the aid of pressure signal, the
changing process before seal failure is divided into three states: no magnetic fluid flow, the
first pole shoe magnetic fluid flow, and two pole shoes magnetic fluid flow together. Then,
the time- and frequency-domain features of acoustic emission signal samples are
extracted to form feature vectors as inputs, and the flow-state identification model is
established based on the grey wolf optimizer and random forest. The experimental results
show that the testing accuracy and F1 scores (the index representing the precision and
recall at the same weight) of three states are close to or higher than 90%. The effectiveness
of oil-based magnetic fluid seal flow-state identification model based on non-destructive
acoustic emission technology is proved.

Keywords: acoustic emission, oil-based magnetic fluid seal, flow-state identification, random forest, grey wolf
optimizer

INTRODUCTION

The magnetic fluid seal is a new seal technology controlled by a magnetic field. Magnetic fluid is
injected in the gap of a magnetic circuit comprising a permanent magnet, pole shoes, and rotating
shaft to form several magnetic fluid “O” rings. It has the advantages of zero leakage, long service life,
and high reliability compared with other seal technologies. So, it has an important application value
in aerospace, military, and other fields (Li and Hao, 2018). Its good seal performance is the premise
for these fields’ normal functioning.

The pressure signal has often been used to characterize magnetic fluid seal performance at
present. Chen (2019) judged each magnetic fluid “O” ring’ seal performance by the pressure signal of
the cavity between the two pole shoes. Wang (2019) designed a new seal structure with two seal units.
The pressure detection devices distributed between them can monitor magnetic fluid sealing liquid
medium’s performance online and realize seal failure warning. The holes must be drilled on the seal
element to connect the pressure detection devices. The more holes are drilled, the more leakage

Frontiers in Materials | www.frontiersin.org

1 July 2022 | Volume 9 | Article 930885


http://crossmark.crossref.org/dialog/?doi=10.3389/fmats.2022.930885&domain=pdf&date_stamp=2022-07-20
https://www.frontiersin.org/articles/10.3389/fmats.2022.930885/full
https://www.frontiersin.org/articles/10.3389/fmats.2022.930885/full
https://www.frontiersin.org/articles/10.3389/fmats.2022.930885/full
http://creativecommons.org/licenses/by/4.0/
mailto:ycxiao@bjtu.edu.cn
https://doi.org/10.3389/fmats.2022.930885
https://www.frontiersin.org/journals/materials
www.frontiersin.org
https://www.frontiersin.org/journals/materials#articles
https://www.frontiersin.org/journals/materials
https://www.frontiersin.org/journals/materials#editorial-board
https://doi.org/10.3389/fmats.2022.930885

Xue et al.

points exist, which is more unfavorable to the seal effect.
According to the flow simulation model established by Chen
(2019) when studying the mechanism of magnetic fluid seal, its
seal performance is closely related to the flow state of magnetic
fluid. When conducting experiments under static conditions, he
unfolded the rotating structure along the circumference, pressed
the front and rear end faces with transparent materials to achieve
seal, and photographed magnetic fluid flow with a macro camera.
Wang (2019) used a transparent shell, changed pole teeth’s
location and shape to achieve seal, and captured the magnetic
fluid’s interface changes with a camera. Kurfess and Miiller
(1990) transformed the rotating shaft into a hollow glass rod.
The plane mirror extended into it and reflected the magnetic
fluid’s flow change, which can be observed by a microscope. The
way of camera shooting or microscope observation needs to
change the seal structure and replace it with transparent
materials, which is not universal.

The abovementioned research studies are all carried out on the
experimental platform. In practical applications, magnetic fluids
are mostly wrapped by opaque devices. They are not allowed to be
disassembled at will after assembly. Therefore, new
nondestructive testing technology is needed to monitor the
flow state of magnetic fluid in the seal gap.

Liquid film seal is a non-contact mechanical seal based on the
hydrodynamic lubrication theory. A micron groove with certain
geometry is set on the end face of the seal ring. A full-liquid film
is formed based on the dynamic pressure effect between end faces
during the seal operation. Maintaining the liquid film’s stable existence
is the key to ensuring good liquid film seal performance (Li, 2017).

Sun et al. (2018) pointed out that acoustic emission technology
applied to liquid film seal monitoring is a new development
direction in the seal field. The friction between the moving and
stationary ring as a secondary sound source can be detected by an
acoustic emission sensor. Relevant studies include the monitoring
of the seal opening process and liquid film thickness (Li et al., 2014;
Jiang, 2015; Zhang, 2015; Ge et al,, 2016; Li, 2016; Zhang, 2016).
Jiang (2015) distinguished the three friction states (dry friction,
mixed friction, and fluid friction) in the seal opening process, then
collected the acoustic emission signal and performed wavelet
packet analysis, extracted time-frequency domain eigenvalues,
and took them as input to train the Elman network model to
identify the different friction states. Li (2016) pointed out that
different film thicknesses will lead to different degrees of friction
between dynamic and static rings, so the acoustic emission signal
can be connected with the film thickness. Li et al. (2014) divided the
film thickness into three states (thin, medium, and thick), found
the corresponding acoustic emission signals and performed
empirical mode decomposition (EMD), and then proposed a
dual back propagation (BP) neural network to identify the
different states. In a word, most of the current research studies
collect the acoustic emission signals as samples and use machine
learning methods to identify different states of the liquid film seal.

In the process of magnetic fluid flow, there is viscous friction of
fluid and friction between the fluid and solid walls such as
rotating shaft and pole shoes. Therefore, acoustic emission
technology is used to monitor the flow state of the oil-based
magnetic fluid in the seal gap in this study based on the similarity
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between the magnetic fluid seal and liquid film seal. The time-
and frequency-domain features are extracted from the acoustic
emission signal samples, and the random forest model based on
the grey wolf optimizer is trained to identify the different states
before seal failure. The effectiveness of this monitoring method is
verified by the results.

COLLECTION OF ACOUSTIC EMISSION
SIGNAL SAMPLES

In order to explore the information of the oil-based magnetic fluid
flow for rotating shaft seals, an experiment of sealing gas with oil-
based magnetic fluid under static conditions is designed. The acoustic
emission and pressure signals are collected at the same time in this
experiment. With the aid of pressure signals, the acoustic emission
signal samples of different states are collected.

Introduction of the Experiment Devices

The experimental devices include an acoustic emission sensor, 2/
4/6 preamplifier, pressure transmitter, data acquisition
instrument, 24 V. DC power supply, air compressor, pressure
relief valve, and so on. The connection diagram of these devices is
shown in Figure 1.

The rotating shaft seal element has two-stage pole shoes. The
oil-based magnetic fluid’s theoretical maximum pressure is
323.08 kPa under static conditions. The propagation distance
is an important factor affecting the attenuation degree of the
acoustic emission signal. The distance from the magnetic fluid to
shell is about 25 mm in this structure. The cylindrical magnets are
arranged closely along the circumference to provide a magnetic
field, and there is a gap between the two adjacent cylindrical
magnets. Therefore, the pressure transmitter 2 can detect the gas
leaked after the first-stage pole shoe (close to the seal cavity) seal
failure, and the pressure measured reflects the first-stage seal
state. The oil-based magnetic fluid seal state of the two-stage pole
shoe is reflected by pressure transmitter 1. The cycle of pressure
data acquisition is 0.04 s. The PICO acoustic emission sensor
produced by the American Physical Acoustics Company (PAC) is
used for acoustic emission signal acquisition. A coupling agent is
coated on the contact between the sensor and shell to reduce
signal loss and fix the acoustic emission sensor between the two
pole shoes with transparent glue. Acoustic emission signals are
collected and stored by AE-win software after being amplified by
a 2/4/6 preamplifier. The software can record a short-time
acoustic emission wave at regular cycles with a specified
sampling rate and a specified number of sampling points. The
data contained in each short-time wave can be saved as a text
document, and each text document will be regarded as a sample
for subsequent state recognition research. As shown in Figure 2,
the recording cycle of the short-time wave is set as T, = 1.3ms,
the sampling rate is f; = 2MHz, and sampling points N = 1024.

Process of the Experiment

1) Clean the disassembled parts with kerosene and then make
them dry. Inject 1mL oil-based magnetic fluid into the pole
shoes. Reassemble the seal devices and rotate the rotating
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FIGURE 1 | Connection diagram of the experimental devices.
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FIGURE 2 | Schematic diagram of the acoustic emission signal acquisition mode.

shaft to make oil-based magnetic fluid distribution more
uniform.

Connect the pipeline and paste the sensor as shown in
Figure 1.

Turn on the power supply and inflate the air pump of the air
compressor to 700 kPa (greater than the theoretical maximum
pressure of the seal element).

Click the acoustic emission and pressure signal acquisition
software at the same time to start data acquisition. Start the air
pump. Adjust the pressure relief valve knob clockwise
manually and pressurize slowly until the seal fails.

Adjust the knob counterclockwise to close the pressure relief
valve and stop inflation. Stop collecting the signals and save
the data.

Turn off the power and disassemble devices. Adjust the
pressure relief valve knob clockwise to discharge the
remaining gas in the air pump.

2)

3)

4)

5)

6)

7) Disassemble the seal element and clean it for the next
experiment.

Analysis of Experiment Results

The pressure variation is shown in Figure 3. Phase I does not
supply air to the seal cavity, and there is no magnetic fluid flow
in this time period. Therefore, there is only noise signal. Phase II
begins to pressurize the seal cavity. When the pressure of the
seal cavity is greater than the first pole tooth magnetic fluid’s
maximum pressure, the magnetic fluid begins to flow.
Therefore, there is only noise signal in the front part of this
phase, and the latter part is the mixture of noise and the first
pole shoe magnetic fluid flow signals. But, the exact time of
magnetic fluid beginning to flow cannot be judged only by the
pressure curve. The stepped pressure rise in phase III represents
the first pole shoe seal failure. Then, it basically remains
horizontal, indicating the first pole shoe magnetic fluid has a
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FIGURE 3 | Pressure variation in the oil-based magnetic fluid seal
experiment.

%103

24 =
original data

— smoothed data

22

0.8 : :
200 300 500
time/s

400 600

FIGURE 4 | Time-domain curve of the acoustic emission signal in the
experiment.

self-healing phenomenon and plays a seal role again. The
horizontal section has a slightly inclined downward trend
and fluctuation phenomenon, which indicates the second
pole shoe magnetic fluid flows. The pressure of both
transmitters drops in phase IV, which represents two-stage
pole shoe seal failure.

Next, the acoustic emission signal is analyzed. The directly
collected acoustic emission data often has a lot of noise
interference, which is reflected in the curve by some “burrs and
spikes”. If the noise is too large, the useful information will be covered
up. So, we use the “moving average of (21 + 1) points” in MATLAB to
smooth and preprocess original data. The principle is to take out
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FIGURE 5 | Smoothed acoustic emission signal segmentation in the

300 400 500
time/s

600

experiment.

_ Pressure variation diagram

. X 417.2 Pressure transmitter1
X 384.3 Y 258.7 Pressure transmitter2
% J
250 - 77‘Y24243 ./i
Xi303.6 i
Yi199.3 i

200 o
© H
o :
< !
o X 185.2 f
2 50l ! :
2 07 v1264 ;
o X:305.6 :
= Yi97.32 !

100 - —o N
[ 30.72 X 244.4

Y 46.78
4 Y 38.43 IR |
X162 |{ X 280.5 || e
Y 1.428 Y 46.14 ||
=o4 P L L L 1 I
0 |X3216 1900 x213.8| 400 500 600 700 800 900
iZ:208 J Y 1.447 time/s

FIGURE 6 | Selection of points for power spectrum analysis.

2n+1data (¥iep, ---» Yic1> Yi> Yisl> - - Visn) that centered on y;.
Also, their average is calculated to replace y;. Namely,

'

1 n
Y = mzk?nynk, (1)

where v, is the original data and y; is the smoothed data. In this
study, n = 25. The time-domain diagram of the acoustic emission
signal is shown in Figure 4. The smoothed curve can reflect the
overall trend of continuous signal change.

Segment the smoothed acoustic emission signal with the aid
of the pressure signal at the same time point. As shown in
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TABLE 1 | Power spectrum analysis of the acoustic emission signal.
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The indication of pressure transmitter 2 rises steeply for the first time, which

represents the first pole shoe seal failure. The peak frequency changes.
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pressure transmitter 2.

(Continued on following page)
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TABLE 1 | (Continued) Power spectrum analysis of the acoustic emission signal.

<107 280.5:
15710 ®
X 5.098e+05
Y 0.0001389
1
T
=
3
]
z
Q
Q
05 ‘
\"‘
/
.,h“.u‘h..h_,__,...NL_.‘_‘_u.‘_\fU' |

0
10

<10°

0 2 4 6

frequency/Hz

280.5 s is also located in the first approximate horizontal section of the indication of
pressure transmitter 2. Compared with 244.2 s, the power value of 509.8 kHz

acoustic emission signal increases, which can reflect the intensity of the first pole shoe
magnetic fluid ﬂow.m4

313.4s
15
1
N
L
3
s
H
(=]
Q
o5 X 4.746e+05
Y 3.735¢-05
¢
X2
Y { X 8.398e+04 [
| Y 7.163¢-06 i
" : DAY
o o = skt IR,
0 2 4 6 8 10
frequency/Hz «10%

Smart Materials

4
15 2 10 305.5s
1
N
L
< X 5.098e+05
] Y 6.107¢-05
H
H P!
Q
0.5
X 2.93e+04
Y 1.828e-05 ‘
dl Hil ‘W‘L
Whanane o oMW,

0

0 2 4 6

frequency/Hz

10
«10°

The indication of pressure transmitter 2 rises steeply for the second time. At 305.5 s,
the low-frequency components have obvious protrusions compared with previous
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At 417.2 s, the seal fails completely

Figure 5, the acoustic emission signal in phase I is constant,
indicating stable noise interference in this experiment. The
rising acoustic emission signal in phases II and III contains
the information on oil-based magnetic fluid flow. In phase IV,
the acoustic emission signal decreases after complete leakage,
which means the magnetic fluid flow becomes weaker and
weaker.

6 10

<10°

Select different pressure points at each phase, as shown in
Figure 6, and analyze the power spectrum of the acoustic
emission signal at that time.

The DC component does not carry useful information with time.
The frequency of the DC component is 0, and its power amplitude is
generally large. It is inconducive to observe the dynamic changes of
other frequency signals with small power amplitude. So, in Table 1,
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TABLE 2 | Designed Butterworth digital filter.

Design index Bandpass filter Lowpass filter

Passband cut-off frequencies 460 kHz; 540 kHz 100 kHz
Stopband cut-off frequencies 400 kHz; 600 kHz 200 kHz
Maximum attenuation of passband 3dB 3dB
Minimum attenuation of stopband 40dB 40dB

the power spectrum analysis of the acoustic emission signal after
removing the DC component is recorded.

To sum up, the medium-frequency band contains information about
the first pole shoe magnetic fluid flow, and the low-frequency band
contains the information about the second pole shoe magnetic fluid flow.
The key frequency points include 509.8, 500, and 472.7kHz in the
medium-frequency band and 29.3 kHz in the low-frequency band.

According to the abovementioned key frequency points,
bandpass and lowpass Butterworth digital filters are designed
to filter acoustic emission signals. The specific parameters are
shown in Table 2. The amplitude and phase frequency responses
of the filters are shown in Figure 7. The time-domain original and
smoothed curves before and after filter processing are shown in
Figure 8.

The signal of the first pole shoe magnetic fluid flow is retained
after bandpass filtering (Figure 8D), whose overall trend is
consistent with the original (Figure 8B), indicating that it
accounts for a large proportion of this experiment. The curve
after bandpass filtering shows an upward trend from about 70s,
which means the first pole shoe magnetic fluid begins to flow. The
signal’s root mean square (RMS) is not 0 before that because of
existing noises. The signal of the second pole shoe magnetic fluid
flow and main noises are retained after lowpass filtering (Figure 8F).
The curve shows obvious protrusion in 298-416 s, which indicates
the second pole shoe magnetic fluid flow at this time. At other times,
the curve is approximately horizontal, and the RMS is not 0 because
of the stable noises. This curve is quite different from the original
one. It means that the proportion of the second pole shoe magnetic

Smart Materials

fluid flow signal is small in this experiment. Furthermore, the initial
distribution of magnetic fluid is uneven.

Therefore, the specific time of two pole shoes magnetic fluid flow
can be obtained after power spectral analysis and filtering. The
filtered acoustic emission signal’s RMS can reflect the intensity of the
magnetic fluid flow. The initial distribution of magnetic fluid under
two pole shoes can be inferred from the above mentioned two pole
shoes. So, the oil-based magnetic fluid flow information reflected by
the acoustic emission signal is richer than the pressure signal.

According to the abovementioned analysis, the process before oil-
based magnetic fluid seal failure can be divided into three stages:
0-70.16 s is the first stage, and there is no magnetic fluid flow;
70.16-298.2 s is the second stage, the first pole shoe magnetic fluid
flow; and 298.2-416 s is the third stage, two pole shoes magnetic fluid
flow together. In order to avoid the inaccuracy of acoustic emission
signal sample classification by artificially selecting time points, take 8s
before and after the abovementioned time points as the transition
period. Therefore, the acoustic emission signal samples collected in
0-62.16 s correspond to the first stage, 78.16-290.2 s correspond to
the second stage, and 306.2-408s correspond to the third stage. It will
take a long time and low efficiency if all of the acoustic emission data
are read and processed. So, we read a sample every 0.04s using
MATLAB in order to correspond well with the pressure data. A total
of 9,330 samples are obtained. Among them, there are 1,543 samples
in the first stage, 5,261 samples in the second stage, and 2,526 samples
in the third stage. The training set and testing set are divided
according to the ratio of 2:1, so there are 6,220 training set
samples and 3,110 testing set samples.

FLOW-STATE IDENTIFICATION OF
OIL-BASED MAGNETIC FLUID SEAL
BASED ON RANDOM FOREST

Feature Extraction
An acoustic emission signal sample X = [x1,x;,...,xN] is a
discrete time series with finite length, and P(f;) is the signal’s
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FIGURE 7 | Amplitude and phase-frequency response of filters. (A) Bandpass filter.(B) Lowpass filter.
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power value at frequency f;. The common time- and frequency-
domain eigenvalues are shown in Tables 3, 4. Those eigenvalues
obtained from acoustic emission signal samples form a 21-

Random Forest Identification Model Based
on Grey Wolf Optimizer

Random forest is a supervised learning algorithm that integrates

dimensional eigenvector as input of the subsequent the results of multiple classification and regression trees (CART),
identification model. as shown in Figure 9. Its specific process is as follows.
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TABLE 3 | Calculation formulas of common time-domain eigenvalues.

Dimensional index

Maximum
Mean

Peak

Xmax = Max (X1,X2, . . .

_1yN
H= 5 Zn=t%n
Xpk = Max|xp|

Minimum
Peak to peak

Variance
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Xmin = MIN(X1,X2, . . ., X)
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TABLE 4 | Calculation formulas of common frequency-domain eigenvalues.
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Mean square frequency ZN/Z (2. P(H)]
fus = =12 /v//z
Y P®
Root mean square frequency N/2
Yo [P )]
faus = \ N2
o P )
Frequency variance ZZ/; [(f - £)? - P(f)]
fv = N2
o P ()
Frequency standard deviation N/2 5
o \Z,.ZO [ - 1)? - P(5)]
S N/2
o P )
Dimensionless index Spectral peak stability index N/2 N/2
pectralp Y Yoo PP Y 1P

S=

—

>P) \Zﬁf [P

1) Construct sub-training samples. Repeat random sampling
with putting back (bootstrap sampling) from the original
samples to construct sub-training samples.

2) Construct the sub-input eigenvalues set. Randomly sample
mtry eigenvalues without putting back from m (mtry <m)
originals to construct the sub eigenvalues set as the input of
the base classifier.

3) Train CART base classifier. CART is a binary tree as shown in
Figure 9. Select the classification eigenvalue at the parent node
and classify the samples according to set rules. The leaf node
represents the classification result. Since the input eigenvalues in

where p; and pg represent the proportion of samples in the left and
right child nodes, respectively. p (k) represents the proportion of
samples belonging to category j in child nodes. The total number of
categories is J. Select the corresponding eigenvalue M of ¢; with the
smallest Gini coefficient as the classification eigenvalue of the parent
node. The left and right child nodes, respectively, contain samples
with M <t; and M > ¢;. In this way, the samples are classified. The
training is completed until the sample purity in the child node
reaches the maximum or all eigenvalues have been used.

4) Construct a random forest model. Repeat steps (1) (2) (3) and

this study are continuous, it is necessary to discretize them by
dichotomy. The specific process is shown in Figure 10.
ti(ie[l, I-(n-1)]) is the selected classification point
according to the Gini coefficient, which can reflect the purity
of samples in child nodes. The smaller the Gini coefficient, the
higher the purity of samples. The Gini coefficient of ¢; is defined as

Ginimdex(Dbti) = pL [1 - Zjlp(k)z] + PR [1 - Zjlp(k)z]’ (2)

5)

ntree CARTSs are generated in parallel to construct a random
forest.

Output final classification results. In a CART, each path from
the root node to a leaf node represents a rule. When testing,
the input eigenvalues of the testing sample uniquely determine
a path. The category of most samples in this leaf node is the
prediction result of the testing sample. The final classification
result is determined by the output of ntree CARTs according
to the maximum number of votes.
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FIGURE 9 | Flow diagram of the random forest model.

collective hunting behavior of the grey wolf group. «,f,6, w
are four different levels of grey wolves who are distinguished
by the fitness values of individuals. The optimal solution is

Suppose that one input eigenvalue M has n different values in sub
training samples to be classified, which are recorded as M; (i = 1,2, ...,n).

My < My < v s Moy = My, taken as «, the second and third are  and 6, and the
My + M, My + M, remaining are w.
h=—p— n-1- 2 The formulas imitating the behavior of wolves surrounding

Y prey are as follows.

One input eigenvalue M has n — 1 candidate partition points,
which are recorded as t;(i = 1,2, ...,n — 1).

3)
(4)

where A and C are coefficient vectors; X, and X are the
position vector of prey and grey wolf, respectively; ¢ is
the current number of iterations; D is the distance
between the wolves and prey. A and C are calculated
as follows:

D=|C-X,(t)-X(1),
There are [ sub input eigenvalues X(t+1)= X, (t)-A-D,
for selection(l < mtry).

Compare the Gini coefficients of (I X (n — 1)) candidate partition

points.

FIGURE 10 | Flow diagram of discretized continuous eigenvalues by
dichotomy.

A=2a-r,—a,
C:2~r2,

(5)
(6)

ntree and mtry are important to the random forest model’s
final classification results (Tan et al., 2022). A grey wolf optimizer

(GWO) is used to find the superparameter combination in
this study.

GWO is a new swarm intelligence optimization
algorithm, which simulates the strict social hierarchy and

where a decreases linearly from 2 to 0 with iteration and r,
and r, are random numbers distributed in the interval [0,1] so
that grey wolves can move to any position within a certain
range around the prey. The encirclement is realized as a
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FIGURE 11 | Confusion matrixes of 10 times’ training results.

decreases to 0. So the value range of Ais [-a,a]. When |A] < 1,
the wolf will be close to attacking the prey. When |A | > 1, the
wolf will be far away to explore. C is the random location
weight representing the wolves’ influence on the prey. Its

value range is [0,2]. A and C can avoid the algorithm falling
into local optimization.

In GWO, «, 3, and § guide w to hunt. The location update
formula of wolves is as follows:

Frontiers in Materials | www.frontiersin.org

11

July 2022 | Volume 9 | Article 930885


https://www.frontiersin.org/journals/materials
www.frontiersin.org
https://www.frontiersin.org/journals/materials#articles

Xue et al.

<
s
2l >
0| O
£ g
= N~ 0O I~
=13 5 -5
®| O [ aN]
gl ® loRoNe
)
3=
o3
o
[
»
2
gs‘ <+ o —
S - &~
s
]
Q
Sy
@
o
>
£
=| o
]
o o
E S -3
S
2|2
o
@
@
o
o
<]
1
S
2 o~ o
£ o < <
.% S o oS
21k
§ @
=8
IR
5 =
k]
o
< ]
‘c 7]
£ o
© (3]
= <]
|l % =
2a
] N~ O
£ 5 0 S Q
&2 YRS
“ T @ M N
S N
a =
£
2
o
o 3
8**_-
£ T
'3 R~ D
2F S ©9o©
o 0 ~ O N
8= ® O ©
1]
o c
2 o
- @
£
<
s
3
K]
=
]
5
T
L
2=
1]

: % o o W
8 ) = O~
o £ Mo
2 ° oo o
s |2
Lcl =
o K
= g
2 B
6 f
ps =
Q _ll=>
£
w0
£ =
T
c B
s o2
=
© E’-.—-

I

S &-’%’

-_— (]

o 98 -

y 8/ =8

o |

g @ °z SIS
- o [

- wlZs oo o

92.34
92.31

20

100
79

97

0.41
0.41
0.42
0.43
0.42
0.42
0.41
0.43

29.56
29.61

87.83
87.20
87.70
87.96
87.83
87.70
87.83
87.84

91.96
91.55
92.02

92.25

96.80
96.91

92.47

30.19

97.28
97.38
97.23
96.80
97.38

97.16

92.28
92.31

35
39

29.56
29.61

92.09
91.85

92.14

92.12

100
54

29.57
29.58
30.59

92.28
92.32

92.07

Smart Materials

D, =|Cy - X, - X(1)|

Dy =|C,-Xs-X(1)] , (7)

Ds = |Cs5 - X5 — X (1)

X1 :sz_Al 'Da

X,=X;-A, Dy, (8)

X;=Xs5—-A3-D;
X(t+1):X71+)§2+X3, 9)

where D,, Dg,D;, respectively, represent the distances from
a, 3,0 to other individuals; X, Xg, Xs, respectively, represent
the current location of «, ,8; X (t) is the current location of
the grey wolf. Formula (8) defines step and direction for w move
on to a, 3, 5. Formula (9) defines w’s final position.

In this study, the acoustic emission signal sample’s time- and
frequency-domain eigenvalues are extracted as the input to train
GWO_RF model identifying the oil-based magnetic fluid flow
state before seal failure.

Identification Result

Train the random forest model by the function classRF_train () in
MATLAB R2018b. Apply GWO to optimize two super parameters of
ntree and mtry. The number of grey wolf population and iterations
are both 10. Optimize ntree in [1,100] and mtry in [1,21]. Take the
classification accuracy of the testing set as the fitness. The confusion
matrixes of 10 times training results are shown in Figure 11.

In the confusion matrix, the row corresponds to the prediction
class, the column corresponds to the real class, the diagonal unit
corresponds to correct classification, and the non-diagonal unit
corresponds to wrong classification. The number and the
percentage are displayed in each cell. The rightmost column of
the chart shows the correct and wrong classification in the prediction
results, which are called precision and error detection rates,
respectively. The row at the bottom of the chart shows the ones
in the real category, which are called recall rate and false-negative
rate. The cell at the bottom right of the chart shows overall accuracy.
The confusion between “the first pole shoe magnetic fluid flow” and
“two-pole shoes magnetic fluid flow” is serious.

Only the accuracy value is not suitable for evaluating the models
with large quantity deviation in different categories of samples. In
theory, the higher the precision and recall rate, the better. But they
are often inconsistent. The F score is often used to consider them
comprehensively. Its calculation formula is as follows:

_ (@ +1)xPxR

a*%(P+R)’ (10)

where P: precision, R: recall, a: weight factor. Whena = 1, it changes
to the most common evaluation index F1 score, representing the
weight of precision and recall are the same. Its calculation formula is
2#P*R
1= : (11)
P+R

Table 5 summarizes the GWO_RF model’s 10 training results. The
last line is the average of them. It can be found that F1 scores of three oil-
based magnetic fluid flow states before seal failure are close to or greater
than 90%, among which, the F1 score of “two pole shoe magnetic fluid
flow” is relatively low. The F1 scores obtained from each training are
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similar although the optimization results have great randomness. Of
course, GWO takes a long time to optimize the parameters.

CONCLUSION

In this study, nondestructive acoustic emission testing technology
is proposed to monitor the oil-based magnetic fluid flow state
before the seal failure so as to speculate the seal performance. The
experiment is designed to collect the acoustic emission and
pressure signals at the same time. The acoustic emission signal
is analyzed and filtered assisted by the pressure signal. The
process before the oil-based magnetic fluid seal failure is
divided into three stages: no magnetic fluid flow, the first pole
shoe magnetic fluid flow, and two pole shoe magnetic fluid flow
together, and the acoustic emission signal samples are classified.
Extract the time- and frequency-domain eigenvalues forming a
21-dimensional eigenvector as the input and train the random
forest model based on grey wolf optimizer to optimize the ntree
and mtry. The testing accuracy and F1 scores of the three states
are close to or higher than 90%, indicating the feasibility of
acoustic emission technology and the effectiveness of spectrum
analysis and filtering for the acoustic emission signal to
distinguish three flow states. In future studies, we can redesign
the structure of the seal element, which can measure the pressure
change between each two pole teeth. So we can analyze the
acoustic emission signal more accurately with the help of
more detailed pressure signals. Also, we can compare acoustic
emission signals with the changing of parameters such as shaft
rotation speed and temperature under dynamic conditions.
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