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Hepatocellular carcinoma (HCC) is a highly prevalent and lethal cancer globally. 
Over 90% of HCC cases arise in the context of liver cirrhosis, and the severity of the 
underlying liver disease or advanced tumor stage at diagnosis significantly limits 
treatment options. Early diagnosis is crucial, and all guidelines stress the importance 
of screening protocols for HCC early detection as a public health objective. As 
serum biomarkers are not optimal for early diagnosis, liquid biopsy has emerged 
as a promising tool for diagnosis, prognostication, and patients’ stratification for 
personalized therapy in various solid tumors, including HCC. While circulating 
tumor cells (CTCs) are better suited for personalized therapy and prognosis, cell-
free DNA (cfDNA) and extracellular vesicle-based technologies show potential for 
early diagnosis, HCC screening, and surveillance protocols. Evaluating the added 
value of liquid biopsy genetic and epigenetic biomarkers for HCC screening 
is a key goal in translational research. Somatic mutations commonly found in 
HCC can be investigated in cfDNA and plasma exosomes as genetic biomarkers. 
Unique methylation patterns in cfDNA or cfDNA fragmentome features have been 
suggested as innovative tools for early HCC detection. Likewise, extracellular 
vesicle cargo biomarkers such as miRNAs and long non-coding RNAs may serve 
as potential biomarkers for early HCC detection. This review will explore recent 
findings on the utility of liquid biopsy for early HCC diagnosis. Combining liquid 
biopsy methods with traditional serological biomarkers could improve the overall 
diagnostic accuracy for early HCC detection.

KEYWORDS

hepatocellular carcinoma, early diagnosis, liquid biopsy, cell free DNA, extracellular 
vesicles

1. Hepatocellular carcinoma worldwide disease 
burden and current screening strategies

Hepatocellular carcinoma (HCC) ranks as the fifth most common cancer globally in 2023, 
and the third leading cause of cancer-related death. For males, it is the second, and for females, 
the sixth cause of cancer-related death (1). Although chronic viral hepatitis incidence is 
decreasing due to vaccinations and treatments, non-viral factors like metabolic syndrome, 
NAFLD, obesity, type II diabetes, and alcohol also significantly contribute to liver cancer burden 
(2). HCC incidence increased by 75% between 1990 and 2015 due to demographic changes, 
particularly in high socioeconomic index countries (3). In the USA, HCC has tripled in the last 
30 years, with specific projections for California showing incidence increases of 318% for 
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Hispanics and 58% for Asians aged 65 and older, between 2014 and 
2030 (4).

HCC commonly occurs in the context of liver cirrhosis, and late-
stage diagnosis limits treatment options (5). Early diagnosis is vital, 
with guidelines emphasizing screening protocols for adult patients 
at-risk, including cirrhotic patients, non-cirrhotic HBV patients at 
specific risk levels, and advanced fibrosis patients (F3) (6).

Treatment for HCC follows the Modified BCLC staging system. 
Very early and early stages may lead to curative therapies, like liver 
resection, ablation, or transplantation. However, only 5–10% of 
Western patients are diagnosed at these stages, compared to over 30% 
in Japan (7). For early-stage HCC (BCLC stage A), 5-year survival 
rates range from 50 to 70% with appropriate treatment (8).

Screening and surveillance employ serological markers and 
imaging tools. Abdominal ultrasound is widely used, with sensitivity 
and specificity rates of 57–89% and up to 90%, respectively, (9), but 
sensitivity drops to 63% for early-stage HCC (10). Recommendations 
include biannual ultrasounds performed by trained personnel, 
particularly for liver transplantation candidates.

Early HCC detection via ultrasound is challenging due to cirrhotic 
liver echotexture and requires skilled personnel and high-quality 
equipment. The use of contrast agents has not significantly improved 
the diagnostic capabilities for small HCC lesions (11). Multidetector 
CT or MRI are not typically used for screening, as they are not cost-
effective and are currently reserved for situations where ultrasound 
examination is inadequate due to obesity, intestinal gas, or chest 
deformities, or to confirm the diagnosis of HCC.

2. Serum biomarkers for HCC 
screening

Tumor biomarkers are being evaluated for early detection of HCC 
but have variable sensitivity and specificity. Common biomarkers like 
AFP, AFP-L3, and DCP are suboptimal in terms of cost-effectiveness 
for early detection and routine surveillance (6). AFP is extensively 
used in clinical practice, but variations in levels are also linked to liver 

regeneration and inflammation. Only a minority of early HCC 
tumors (10–20%) have elevated AFP (12, 13). Together with 
ultrasound, AFP increases the detection rate of HCC by only 
6–8% (14).

A statistical model called “GALAD” was created using gender, 
age, AFP-L3, AFP, and des-carboxy-prothrombin, achieving high 
accuracy for HCC detection regardless of disease stage (15). The 
GALAD score shows promise for HCC detection but needs further 
validation in various clinical settings (16, 17). It has been shown 
that other biomarkers like DCP levels and AFP-L3 are highly 
predictive for advanced HCC stages, rather than for early detection 
(18, 19).

Additional serum biomarkers studied for HCC include glypican-3 
(GPC3), osteopontin (OPN), and dickkopf-1 (DKK1). GPC3 is a 
specific biomarker for HCC diagnosis, with several studies focusing 
on GPC3 serum levels (20–24). Gu et al. developed an effective HCC 
predictor using MRI-based radiomics signature involving GPC3 with 
outstanding predictive performance, but the cost-effectiveness for 
early detection requires further validation (25).

OPN, a glycoprotein over-expressed in various tumors, has been 
studied for its potential as an additional HCC biomarker to AFP. Salem 
et al. documented elevated OPN levels in HCC patients, with 73% 
sensitivity and 54% specificity as a diagnostic marker (26). Duarte-
Salles et al. indicated a positive correlation between OPN levels and 
HCC risk, with improved prediction combining OPN with liver 
function tests and AFP (27).

Elevated serum level of DKK1 have also been detected in HCC 
patients, and have been shown to promote inflammation, migration, 
and invasion through the TGF-β1 signaling pathway (28). DKK1 was 
proposed as a potential diagnostic biomarker for HCC, but there is 
still conflicting evidence regarding its role as a promoter or suppressor 
of metastasis (28, 29). More research is needed to validate the utility 
of DKK1 for early detection of HCC.

These findings emphasize the ongoing effort to optimize early 
HCC detection via serum biomarkers but reveal the need for extensive 
validation and integration into clinical practice as well as for the need 
of novel biomarkers, with better performance in the HCC 
screening setting.

3. Liquid biopsy for HCC early 
detection

Recently, liquid biopsy has been proposed as a new tool for 
diagnosis, prognosis estimation, and patients’ stratification for 
personalized therapy, in different solid tumors (30). Liquid biopsy uses 
liquid biological samples such as blood, ascitic fluid or urine, to 
evaluate useful biomarkers. Circulating tumor cells, circulating tumor 
DNA (ctDNA), extracellular vesicles (exosomes), or tumor-educated 
platelets (TEPS) provide novel biomarkers that could be evaluated in 
liquid biopsies. Plasma is one of the most frequently used biological 
fluids for liquid biopsy, as it is obtained easily, could be  sampled 
sequentially, at different time points, and, with the use of new genomic 
and proteomic molecular biology arsenal, could provide robust 
biological data for various applications, from early diagnosis to 
personalized therapy. Over the last 10 years, liquid biopsy technologies 
have significantly advanced, particularly with the introduction of 
next-generation sequencing.

Abbreviations: AFP, alpha-fetoprotein; BCLC, Barcelona Clinic Liver Cancer; bp, 

base pairs; CAZA, chromosome arm-level z-score analysis; cfDNA, cell-free DNA; 

CircRNA, circular RNA; CLD, chronic liver disease; CpG, 5’-C-phosphate-G-3’; 

CT, computer tomography; CTCs, circulating tumor cells; ctDNA, circulating 

tumor DNA; DCP, des-gamma-carboxy prothrombin; DELFI, DNA Evaluation of 

Fragments for Early Interception; DKK1, dikkopf-1; EASL, European Association 

for the Study of the Liver; ECOG, Eastern Cooperative Oncology Group; ELISA, 

enzyme-linked immuno-sorbent assay; EM-seq, enzymatic methyl sequencing; 

EVs, extracellular vesicles; GPC3, glypican-3; HBV, hepatitis B virus; HCC, 

hepatocellular carcinoma; HCV, hepatitis C virus; HIFI, 5-Hydroxymethylcytosine/ 

motIf/ Fragmentation/nucleosome footprint; LC, liver cirrhosis; lncRNA, long 

non-coding RNA; miRNAs, micro RNAs; MRI, magnetic resonance imaging; MVE, 

multivesicular endosome; MVs, microvesicles; NAFLD, non-alcoholic fatty liver 

disease; NASH, non-alcoholic steatohepatitis; NGS, next generation sequencing; 

OPN, osteopontin; PAGE-B, Platelet Age GEnder–HBV; PIVKA-II, protein induced 

by vitamin K absence-II; qRT-PCR, quantitative reverse-transcription PCR; TCGA, 

The Cancer Genome Atlas; TDS, targeted deep sequencing; TEPS, tumor-educated 

platelets; TGF-β1, tumor growth factor β1; US, ultrasonography; WES, whole exome 

sequencing.
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3.1. Cell free DNA for early diagnosis of 
HCC

Cell-free DNA (cfDNA) analysis offers a noninvasive, real-time 
liquid biopsy method that accurately represents tumor burden and the 
genetic profile of HCC. An excellent recent review has focused on 
presenting the current methods to analyze cfDNA features, current 
available technical platforms, potential clinical applications including 
early detection of HCC, as well as current limitations for clinical 
use (31).

Cell-free DNA are small fragments of degraded DNA (< 200 bp) 
that originate from disrupted cells and circulate in the bloodstream. 
cfDNA of malignant origin is called ctDNA. Several recent studies 
have proposed ctDNA as a better tool for early diagnosis in HCC in 
comparison to traditional serum biomarkers. The methylation pattern 
of ctDNA has been investigated in HCC liquid biopsy, as it is a known 
fact that methylation changes in ctDNA occur early in tumorigenesis 
(32). It has also been shown that methylation patterns are unique to 
each cell type and stable under different physiologic or pathologic 
conditions (33). Furthermore, quantification of cfDNA, assessment of 
the DNA integrity or the characterization of somatic mutations load, 
could be valuable tools for detection of HCC, possibly in conjunction 
with other traditional serological biomarkers. Table 1 summarizes the 
most significant papers concerning the use cfDNA in liquid biopsies 
for HCC diagnosis, in studies grouping over 9,000 HCC cases 
and controls.

3.1.1. Methylation pattern in cfDNA
Epigenetics plays a crucial role in oncologic disease development, 

with methylation analysis of circulating cell-free DNA (cfDNA) 
offering significant information. Pre-analytical variables, including 
cfDNA extraction and bisulfite conversion methods, impact 
methylation identification. Despite advancements in simplifying 
methylation analysis, it remains a complex procedure, and a 
standardized pre-analytical process for methylated circulating DNA 
is lacking. In this setting, Alain Thierry’s group has recently published 
a comprehensive review of pre-analytical, analytical, and patient-
related factors proposing guidelines for analyzing methylated 
circulating DNA in liquid biopsies (64).

Several recent papers have focused on the utility of methylation 
profiles for HCC screening. Guo et al. recently demonstrated that 
epigenetic variants in ctDNA can serve as early HCC detection 
biomarkers. Enzymatic methyl sequencing (EM-seq) revealed that 
enzymatic conversion of unmethylated C to U outperformed bisulfite 
conversion. The researchers identified 283 CpGs with significant 
methylation differences between HCC and non-HCC samples. A 
screening model based on these markers effectively distinguished 
HCC samples with an area under the curve of 0.957, performing well 
across various stages independent of the serum AFP/PIVKA-II status 
(35). Phan et al. utilized HCC-specific circulating DNA methylation 
profiles to enhance the accuracy of existing screening assays for 
patients at high-risk to develop HCC. By identifying differentially 
methylated regions in cfDNA between HCC and high-risk controls 
with liver cirrhosis or chronic hepatitis, they trained machine learning 
classifiers. The model differentiated HCC from high-risk non-HCC 
patients with an area under the curve of 0.84. Combining these 
markers with three traditional serum biomarkers in a commercial test, 
achieved an area under the curve of 0.87, with 68.8% sensitivity and 

95.8% specificity to correctly identify HCC. This study suggests that 
adding cfDNA methylation signatures to serological biomarkers could 
improve liver cancer detection accuracy (36). The SEPT9 gene, a 
crucial cell division regulator and tumor suppressor, is linked to liver 
carcinogenesis through hypermethylation. Oussalah et al. assessed a 
PCR-based assay’s diagnostic accuracy for analyzing SEPT9 promoter 
methylation in circulating cell-free DNA (mSEPT9) among cirrhotic 
patients, for HCC diagnosis. The mSEPT9 test displayed high 
diagnostic accuracy, with AUROCs of 0.944 and 0.930 in the training 
and replication cohorts, respectively. The authors suggested that the 
mSEPT9 test could be a promising circulating epigenetic biomarker 
for HCC diagnosis in cirrhosis patients, potentially benefiting 
screening protocols (50).

Other groups have shown that detection of concurrent plasma or 
serum p15 and p16 methylation was positive in 92% of HCC at 
diagnosis, whereas RASSF1A promoter hypermethylation was 
detected in 90% of HCC, differentiating HCC cases from chronic 
HCV infections and healthy controls (65, 66). Similarly, HCC could 
be  differentiated from normal controls with good sensitivity and 
specificity by quantitative analysis of multiple methylated genes in 
plasma (APC, GSTP1, RASSF1A, and SFRP1) (67). By adding miRNA 
information to the methylation profile of APC, COX2, RASSF1A, a 
predictive model to diagnose HCC in patients with low AFP values 
was generated (52).

3.1.2. cfDNA somatic mutations for HCC 
detection

cfDNA is an attractive source of genomic information with 
interesting considerations concerning potential circumventing 
intratumoral heterogeneity. Quantification of cfDNA together with 
detection of defined somatic mutations could be used to facilitate early 
diagnosis in HCC (68). De Mattos-Arruda et al.’s proof-of-principle 
study demonstrated that using high-depth targeted massively parallel 
sequencing of plasma-derived ctDNA could identify tumoral somatic 
mutation burden and could be used for monitoring somatic genetic 
alterations, addressing challenges presented by intra-tumor genetic 
heterogeneity (69). Huang et al. aimed to minimize the impact of 
intratumoral heterogeneity on profiling hepatocellular carcinoma by 
using whole exome sequencing (WES) and targeted deep sequencing 
(TDS) of multi-regional tumor samples and paired cfDNA. They 
found that heterogeneity decreased at higher TDS sequencing depth 
compared to WES. Despite increased cfDNA genome profiling 
efficiency with sequencing depth, an average of 47.2% total mutations 
were detected by blood mononuclear cells under TDS, suggesting that 
tissue outperforms cfDNA, with the latter potentially serving only as 
an alternative for profiling HCC genomes (53). On the other hand, the 
sensitivity of the method used for plasma cfDNA profiling is a critical 
issue, and in this setting the best results have been achieved using 
droplet digital PCR (69, 70).

A recent study focused on assessing the diagnostic and prognostic 
value for HCC of a new panel of somatic mutations in liquid biopsy. 
Concordance of tissue and plasma cfDNA ranged from 52 to 84%, 
whereas for selected mutations AUROC for HCC diagnosis was 0.92 
and increased to 0.96 in combination with AFP (71).

Among the most frequent somatic mutations in HCC are TERT 
promoter mutations C228T and C250T, encountered in up to 50% of 
HCC. However, they have also been identified in cirrhosis, as a 
premalignant state (72). Although considered as a single biomarker, 
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TABLE 1 Most significant studies concerning the utility of cfDNA in HCC diagnosis emphasizing percentage of patients in early stages of disease, 
methodology used to identify ctDNA modification as well as the specific molecular targets.

References No 
patients

Main liver 
disease 

ethiology

Early Stage Methodology to 
identify ctDNA 
modification

Specific targets

Nguyen et al. (34) 217 HBV 69.1% Clinical Stage I-II Fragmentomic features of 

ctDNA, machine learning

12 HCC genes + TERT-promoter 

region

Guo et al. (35) 596 HBV/HCV 68.4% Clinical Stage I-II Enzymatic methyl sequencing 

(EM-seq), NGS

283 HCC specific CpGs out of 

1,595 CpGs

Phan et al. (36) 299 HBV 68.9% Clinical Stage I-II Circulating DNA methylation 

profiles, NGS

A panel of 450 target regions 

consisting of 18,000 CpG sites

Kumar et al. (37) 230 HBV 38% BCLC A RT PCR, integrity index 

determined by the absolute 

quantitation method

Repetitive elements (ALU and 

LINE1) and housekeeping genes 

(β-Actin and GAPDH)

Wang et al. (38) 747 HBV Training set case–control study; 

Validation in HBV asymptomatic 

carriers cohort, during HCC 

screening

NGS, Multiplex profiling of 

cfDNA, simultaneous detection 

of genetic and epigenetic 

alterations

Mutation Capsule Plus (MCP) 

Technology

Foda et al. (39) 724 HCV 32% BCLC 0-A Genome-wide cfDNA 

Fragmentation Profiles by Low-

coverage WGS (2.6x)

473 nonoverlapping 5-Mb regions

Sun et al. (40) 452 HBV 35.1% BCLC 0-A Genome-wide cfDNA 

Fragmentation Profiles by Low-

coverage WGS (1.49× to 4.65×)

472 nonoverlapping 5-Mb regions

Kim et al. (41) 433 N/A 89.4% Stage T I-II High-resolution melting (MS-

HRM) analysis

methylation levels of the USP44 

promoter

Lee et al. (42) 249 HBV 71.8% Single tumor ddPCR AFP

Jiao et al. (43) 119 N/A 33.3% Clinical Stage I-II Targeted NGS, HiSeq4000 

Sequencer Illumina

T200.1 panel that covers 262 

cancer-associated genes

Kunadirek et al. (44) 30 Non-viral 36.6% BCLC 0-A Whole exome sequencing ZNF814, ZNF492, and 

ADAMTS12

Wang et al. (45) 223 N/A 15.4% BCLC A DNA methylation quantification 

using a ddPCR platform

cfDNA methylation ratio

Chen et al. (46) 3,204 HBV 41.8% BCLC 0-A Next generation sequencing Genomewide 

5-hydroxymethylcytosine (5-

hmc), nucleosome footprint (NF), 

5′ end motif4 and fragmentation 

profiles of cfDNAs

Cai et al. (47) 362 HBV N/A Genome-wide 5hmC sequencing 

of cfDNA samples

64 5hmC signatures in cfDNA

Kisiel et al. (48) 244 HBV 48% BCLC 0-A TELQAS assays (NGS) 6 methylation markers

Ng et al. (49) 30 HCV 67% BCLC A NGS Ion S5XL 46 gene panel

Oussalah et al. (50) 289 HCV 26% BCLC A Methylation MS-PCR SEPT 9

Wu et al. (51) 494 HBV/ HCV/ 

alcohol

100% of cases from population-

based screening

Methylation, Pyrosequencing, 

rtPCR

TBX2

Lu et al. (52) 180 HBV 79.4% Clinical Stage I-II Methylation MSPCR APC, COX2, RASSF1A

Huang et al. (53) 48 HBV 98% BCLC A ddPCR TERT, TP53, CTNNB2

Liao et al. (54) 51 HBV 73% Single tumor NGS (Myseq) TERT, TP53, CTNNB1

Jiang et al. (55) 225 HBV 94% BCLC A HiSeq2000 NGS Chromosome arm-level z-score 

analysis (CAZA)

Huang et al. (56) 109 HCV 26% TNM I Pyrosequencing, Methylation, 

CpG p16 Kit, PyroMark Q24

P16

(Continued)
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TERT promoter mutations do not seem ideal for HCC screening, the 
detection of these mutations in liquid biopsy, in conjunction with 
other genetic or epigenetic biomarkers, could define better the 
premalignant state, indicating a subgroup of patients in which 
aggressive surveillance for HCC is mandatory.

According to the COSMIC database, together with TERT 
promoter mutations, somatic variants in TP53 (rs28934571) and 
CTNNB1 (rs121913412 and rs121913407) are frequently encountered 
in HCC and could be of interest for HCC screening and surveillance. 
In contrast to TERT promoter mutations, they are more specific to the 
malignant phenotype. In an earlier study of Huang et  al., TP53, 
CTNNB1, and TERT (c.1-124C > T) were investigated by ddPCR in 
HCC, with promising results. At least one of the circulating mutants 
was identified in 56.3% of patients, with the mutant allele frequency 
ranging from 0.33 to 23.7% (53). Lee et al. employed a highly sensitive 
cfDNA detection system combined with machine learning to enhance 
HCC detection and prognosis. Among several serum/plasma 
biomarkers, alpha-fetoprotein (AFP) expression in captured cfDNA 
showed the highest accuracy for diagnosing malignancies. By 
developing a cfDNA score, which integrated total plasma cfDNA 
levels and cfAFP-DNA expression using machine learning algorithms, 
the diagnostic/prognostic capability of cfDNA was further improved. 
ROC curve analysis revealed that the cfDHCC score could better 
differentiate HCC patients based on tumor UICC stage, detect 
multifocal tumors, and estimate tumor sizes compared to plasma 
cfDNA or cfAFP-DNA alone (42). Kunadirek et al. demonstrated the 
value of whole-exome sequencing (WES) of cfDNA for determining 
somatic mutation profiles of HCC in Thai patients. CfDNA levels were 
significantly higher in HCC patients compared to chronic hepatitis 
patients. Somatic SNP variants were identified in cfDNA, including 
ZNF814 (27%), HRNR (20%), TP53 (17%), ADAMTS12 (17%), and 
TTN (17%). These mutations were also identified in data from The 
Cancer Genome Atlas (TCGA) from a previous study in Thai 
population, supporting cfDNA as a reliable biomarker for HCC 
detection (44).

In a recent meta-analysis, Li et al. grouped the most important 
studies published up to January 5th 2022, examining the diagnostic 
performance of ctDNA as a minimally invasive biomarker for 
HCC. They investigated different subgroups of studies: qualitative or 
quantitative ctDNA analyses, combined alpha-fetoprotein (AFP) and 
ctDNA assay, and the diagnostic value of methylated SEPTIN9 
(mSEPT9). A total of 59 articles with 9,766 subjects were included in 

the final analysis. Qualitative studies had an integrated sensitivity of 
0.50, specificity of 0.78, and AUC of 0.78. Quantitative studies yielded 
sensitivity, specificity, and AUC values of 0.69, 0.84, and 0.81, 
respectively. Six studies evaluating mSEPT9 had an AUC of 0.86, 
sensitivity of 0.80, and specificity of 0.77. Combining AFP with ctDNA 
assay resulted in an AUROC of 0.89, sensitivity of 0.82, and specificity 
of 0.84. The study demonstrated that ctDNA, especially mSEPT9, 
holds good diagnostic potential in HCC, but combining ctDNA with 
conventional serological assays like AFP can enhance diagnostic 
performance (73).

3.1.3. Cfdna fragmentome features to detect HCC
Besides methylation and mutations profiles, cfDNA fragment 

features like size, jagged ends, and endpoint locations have been 
utilized to create noninvasive cancer screening and diagnostic assays 
(74). A study on patients with HBV, cirrhosis and healthy controls 
found that the majority of cfDNA fragments had a median length of 
166 bp (close to the size of a nucleosome). However, the distribution 
of fragment lengths in a patient’s plasma correlated with the amount 
of ctDNA. Patients with a higher percentage of ctDNA had a slight 
deviation toward smaller fragments (<150 bp) and patients with lower 
ctDNA percentage had a slightly higher number of large fragments 
(>180 bp), while the median stayed at 166 bp (55). Cancer patients’ 
cfDNA revealed multiple genomic differences, including longer and 
shorter fragments in different regions. Studies demonstrated that 
mutant allele-bearing cfDNA fragments were often shorter and 
selecting for shorter fragments increased ctDNA proportions in 
samples (75). Prior research indicates cfDNA fragmentation is a 
non-random event influenced by apoptotic-dependent caspases. 
Non-tumor cfDNA fragment size distribution displays at average a 
167 bp size, corresponding to DNA wrapped around histones (147 bp) 
and a linker region (10 bp), while ctDNA fragments measure around 
145 bp (76). This suggests that ctDNA is represented by the shorter 
fragments in a cfDNA pool. Size differences arise from variations in 
nucleosomal organization and chromatin accessibility between 
non-tumor cfDNA and ctDNA, ctDNA exhibiting a more accessible 
chromatin than non-tumor DNA, potentially due to the highly active 
transcriptional state of these regions (77).

The study group led by Professor Velculescu was among the first to 
analyze cfDNA fragmentation patterns for HCC detection. They 
previously developed a method known as DELFI (DNA Evaluation of 
Fragments for Early Interception), which uses genome-wide 

References No 
patients

Main liver 
disease 

ethiology

Early Stage Methodology to 
identify ctDNA 
modification

Specific targets

Han et al. (57) 293 HBV 58.7% TNM I-II Methylation MS-PCR TRG5

Ji et al. (58) 189 HBV 53% TMN I-II Methylation MS-PCR MT1M, MT1G

Piciocchi et al. (59) 142 HCV 59% within Milan qRT-PCR TERT

Sun et al. (60) 93 HBV 58% TMN I-II Methylation MS-PCR TFPI2

Yang et al. (61) 110 HBV 45% TMN I-II Real-time quantitative fluorescent 

PCR

TERT

Iizuka et al. (62) 422 HCV 52% single lesion Methylation MS-PCR SPINT2, SRD5A2

Tangkijvanich et al. 

(63)

208 HBV 48% CLIP<2 Methylation. PCR - Combined 

bisulfite restriction analysis

LINE-1 repetitive sequences

TABLE 1 (Continued)
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fragmentation profiles to offer a cost-effective and high-performing 
solution for cancer detection. The research team from Johns Hopkins 
recently improved this technique by investigating the molecular origins 
of cfDNA in HCC patients, identifying genomic and chromatin 
characteristics linked to fragmentation alterations. This method was 
employed to detect liver cancer in US patients and validated in a 
separate Hong Kong cohort, in a total study group of 724 cases and 
controls. The machine learning model incorporating multifeature 
fragmentome data, achieved 88% sensitivity and 98% specificity in 
detecting HCC within an average-risk population, as well as 85% 
sensitivity and 80% specificity among high-risk individuals (39). The 
DELFI approach was also evaluated for liver cancer surveillance and 
detection in a theoretical population of 100,000 high-risk individuals 
using Monte Carlo simulations, focusing on early-stage cancer 
detection. Compared to the current standard of ultrasound and AFP, 
with 39% adherence in the U.S., the DELFI approach assumed 75% 
testing adherence, as blood tests offer higher accessibility and 
compliance. The simulations revealed that DELFI would lead to a 2.46-
fold increase in liver cancer detection, compared to ultrasound with 
AFP alone. It was estimated that this would decrease the false-negative 
rate from 38% (for ultrasound with AFP) to 24% for DELFI and 
increase the negative predictive value (NPV) from 95.7 to 97.1%. The 
results suggest significant benefits in using the DELFI approach as a 
high-specificity, blood-based early detection tool for liver cancer (39).

In a recent study, Nguyen et al. used concurrent analysis of cancer-
related mutations and fragment length profiles to discriminate 
mutation sources. They generated a classification model to distinguish 
HCC patients from healthy controls using three different ctDNA 
fragmentomic features, via deep sequencing of 12 HCC genes + the 
TERT-promoter region. The model achieved an AUROC of 0.88, 89% 
sensitivity, and 82% specificity in the discovery cohort, while in the 
validation cohort, achieved an AUROC of 0.86, with 81% for both 
sensitivity and specificity (34).

Jiang et al. employed massively parallel sequencing for single-base 
resolution plasma DNA size measurement, in a genome-wide manner. 
Using chromosome arm-level z-score analysis (CAZA), they identified 
tumor-derived plasma DNA molecules and examined their size 
profiles. They found abnormally short and long DNA molecules in 
HCC patients’ plasma, with short ones carrying tumor-associated 
copy number aberrations. Elevated levels of shorter mitochondrial 
DNA were observed in HCC patients’ plasma, compared to healthy 
subjects. Using fractional concentrations of mitochondrial DNA in 
plasma, with a cutoff of 0.00084%, an AUROC of 0.93 was achieved, 
with 80% sensitivity and 94% specificity for distinguishing HCC 
patients from healthy individuals (55).

In a large cohort of 3,204 cases and controls, Chen et al. used 
state-of-the-art NGS technology to obtain genomewide profiles for 
5-hydroxymethylcytosine (5-hmc), nucleosome footprint (NF), 5′ end 
motif and fragmentation profiles of cfDNA. They constructed a 
diagnostic model using logistic regression based on the four features. 
The integrated HIFI (5-Hydroxymethylcytosine/ motIf/ 
Fragmentation/ nucleosome footprInt) method demonstrated strong 
diagnostic value, differentiating HCC from liver cirrhosis with 95.42% 
sensitivity and 97.83% specificity in the test cohort, and 95.79% 
sensitivity and 95% specificity in the validation set, respectively. HIFI 
outperformed AFP in differentiating HCC vs. liver cirrhosis and 
showed promise in differentiating HCC from non-HCC and normal 
controls (46).

3.2. Extracellular vesicles in liquid biopsies 
for early diagnosis of HCC

It is now widely accepted that intercellular communication occurs 
not only through direct contact between cells, for example mediated 
by tight junctions or proteins or through soluble factors (proteins or 
lipids) in an autocrine, paracrine, and endocrine scenario, but also 
through released extracellular vesicles (EVs) (78). Small extracellular 
vesicles research has made significant advances in the last decade, 
emphasizing their importance as ctDNA, protein, and non-coding 
RNA carriers, relevant for early diagnosis, disease prognosis, and 
personalized therapy applications.

EVs are a heterogeneous group of membranous “cargo” vesicles 
comprising of proteins, lipids, RNA, DNA and miRNA, packaged 
within a lipid bilayer. They are released into the extracellular 
environment from healthy, inflamed, malignant, or dying apoptotic 
cells (79). EVs are classified based on their biogenesis and size into 
small EVs (also called exosomes, with sizes <100 nm or < 200 nm) and 
large EVs (also called microvesicles (MVs), with sizes >200 nm) (80). 
Exosomes originate from the fusion of multivesicular endosome 
(MVEs) with the plasma membrane, while microvesicles are shed 
directly from the plasma membrane via the membrane budding 
process. With increasing the understanding of the role of these EVs, 
what was once thought to be  a cellular by-product of biological 
insignificance, is now being explored for its profound clinical utility. 
EVs cargo composition depends on the pathologic and physiologic 
state of their cells of origin. They are released into the extracellular 
environment and can be detected in the serum, plasma, urine, saliva, 
etc. Moreover, they are protected from degradation by the lipid bilayer, 
increasing their resistance to RNases, making them an attractive 
noninvasive liquid biomarker to provide a snapshot of their cells of 
origin. At present, no unique markers have been identified to 
differentiate exosomes from other nanoscale vesicles, and this could 
evidently limit their specific detection in human fluids (81). The liver 
is a multicellular organ made of parenchymal cells (hepatocytes and 
cholangiocytes) and non-parenchymal cells (Kupffer cells, hepatic 
stellate cells, and sinusoidal endothelial cells), each capable of 
producing different types of EVs, and hence hepatic EVs play a key 
role in intercellular communication to maintain homeostasis. They 
could serve as liquid biopsy biomarkers to aid in the diagnosis and 
prognosis of various liver diseases including alcoholic and 
non-alcoholic steatohepatitis (NASH), viral or non-viral liver 
cirrhosis, and HCC (82). A very recent review paper has addressed the 
multi-omics applications in hepatic precancerous lesions and 
hepatocellular carcinoma with special focus on extracellular vesicles 
(83). The main EVs detection methods used in studies were high 
sensitivity flow cytometry, ELISA, and qRT-PCR. Thus, methods of 
isolation, detection, and characterization need to be standardized in 
the future to facilitate comparison. The latest, most relevant, studies 
published on the role of EVs and their cargo for HCC early diagnosis 
are summarized in Table 2.

It has been shown that the levels of peripheral blood MVs were 
significantly increased in HCC patients compared with liver cirrhosis, 
and were correlated to the tumor size, progression, and stage of the 
disease. The AUROC for microvesicle discriminating patients with 
TNM stage I and TNM stage II HCC from cirrhosis was found to 
be  0.83 (95% CI 0.74–0.93) and 0.94 (95% CI 0.88–1.00), 
respectively (103).
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TABLE 2 Most relevant studies published on the role of EVs and their cargo for HCC diagnosis, emphasizing percentage of patients in early stages of 
disease.

Study EVs cargo target Number of 
Patients,

Early stage 
HCC

Validated 
maker used for 
comparison

Main Findings (Sensitivity/
Specificity, AUC)

Rui et al. (84) miR-425-5p, let-7d-5p, miR-

122-5p

124 HCC, 46 non-

tumor donors

52.4% Stages I-II N/A Training cohort: AUC for HCC miR-425-5p, let-

7d-5p, miR-122-5p, 3 miR signature: 0.65, 0.68, 

0.83, 0.95. AUC for early HCC: 0.70, 0.76, 0.84, 

0.92

Yao et al. (85) exosomal lncRNA H19-204, 

THEMIS2-211 and 

PRKACA-202

168 HCC, 101 

normal controls

64.8% TMN I-II AFP Combined score (H19-204 + LncRNA 

THEMIS2-211+ PRKACA-202) had AUC, Se, Sp 

for HCC in the validation set: 0.88, 70.9, 94.6%; 

LncRNA THEMIS2-211 for aerly stage HCC had 

AUC, Se, Sp of 0.81, 82.8, 70.8%

Chen et al. 

(86)

miR-34a 60 HCC, 60 

healthy controls

48.3% TMN I-II AFP Sensitivity and specificity of serum exosomes 

miR-34a, AFP and their combined detection for 

the diagnosis of HCC were 78.3 and 51.7%, 61.7 

and 98.3%, 68.33 and 93.33%, respectively; exo-

miR-34a + AFP AUC 0.85.

Guo et al. (87) exo_circ_0006602 87 HCC, 30 

healthy controls

100% early stage AFP All Stages HCC, sensitivity 0.77; specificity 0.933; 

AUC 0.907. In cases of TNM stage I, the AUC 

value was 0.9564, Se 93.3%, Sp 89.7%

von Felden 

et al. (88)

3 small RNA clusters 

signature - smRC 

(unannotated)

105 HCC (), 85 

CLD, 19 healthy 

controls

100% BCLC 0-A AFP 3-smRC signature for early stage HCC has an AUC 

0.87, 86% sensitivity, 91% specificity, 89% positive 

predictive value, significantly better than 

AFP + US.

Kim et al. (89) onco-lncRNAs, DLEU2, 

HOTTIP, MALAT1, and 

SNHG1

72 HCC, 21 

chronic hepatitis, 

25 liver cirrhosis, 

21 healthy controls

100% Very early 

stage, mUICC I

AFP For all-stage HCC diagnosis, the combination of 

AFP and EV-MALAT1 had AUC 0.91 (HCC vs. 

nontumor); EV-MALAT1 and EV-SNHG1 had 

AUC 0.88 (HCC vs. CH/LC); For Very early HCC 

(mUICC stage I) EVDLEU2 and EV-MALAT1, 

and EV-HOTTIP and EVMALAT1 combinations 

had best AUC of 0.92 (HCC vs. nontumor) 

whereas combination EV-MALAT1 and EV-

SNHG1 had AUC 0.98 for (HCC vs. CH/LC)

Lyu et al. (90) hsa_circ_0070396 111 HCC, 50 

chronic hepatitis, 

58 liver cirrhosis, 

54 healthy controls

28% TNM I-II AFP AUC, Se, Sp for HCC vs. healthy controls 0.857, 

62.16, 98.15%; HCC vs. chronic hepatitis 0.774, 

76.58, 68%; HCC vs. liver cirrhosis 0.66, 46.85, 

81.03%

Hao et al. (91) miR-320a 104 HCC; 55 CLD; 

50 healthy controls

37.8% TNM I-II AFP HCC vs. Healthy controls (Se/Sp, AUC): 

77.9%/80%, 0.86. AUC value for serum exosomal 

miR-320a was 0.860 with a sensitivity; HCC vs. 

CLD (Se/Sp, AUC): 71.6%/81.8%, 0.83

Cui et al. (92) LDHC 112 HCC, 100 

healthy controls

44.6% Stages I-II N/A AUC of exosomal LDHC in distinguishing early-

stage HCC patients from healthy controls 0.9451, 

sensitivity and specificity 88.2 and 93.3%

Wang et al. 

(93)

miR-122, miR-21, miR-96 50 HCC, 50 LC, 50 

healthy controls

20% TNM I AFP miRNA panel had high accuracy in discriminating 

HCC from the cirrhosis group (AUC 0.924; 

sensitivity 82%, specificity 92%)

Sorop et al. 

(94)

miR-21-5p, miR-92a-3p 48 HCC (), LC 38, 

healthy controls 20

87.5% BCLC A AFP AUC of combined miR/AFP score for HCC 

diagnosis 0.85

(Continued)
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Oxidized mtDNA-enriched EVs and acetaldehyde can jointly 
trigger oxidative stress and oncogenic pathways in alcohol-related liver 
cancer (104). NGS analysis revealed EV mtDNA differences between 
HCC patients and healthy controls concerning mtDNA end sites, 
cleavage numbers, and copy numbers, suggesting potential diagnostic 
value (105). Tumor-derived EVs show promise as disease-specific 

biomarkers; however, conventional isolation techniques struggle to 
separate tumor-specific EVs. Sun N et al. developed the EV Click Chips 
system, a covalent chemistry-based solution, for efficient and pure 
isolation of plasma HCC-derived EVs (106).

Non-coding RNAs including microRNA (miRNA) (18–22 nt 
long), long non-coding RNA (lncRNA) (>200 nt long) and circular 

TABLE 2 (Continued)

Study EVs cargo target Number of 
Patients,

Early stage 
HCC

Validated 
maker used for 
comparison

Main Findings (Sensitivity/
Specificity, AUC)

Cho et al. (95) miR-25-3p, miR-140-3p, 

miR-423-3p, miR-1269a, 

miR-4,661-5p, and miR-4,746-

5p

147 HCC, 42 liver 

cirrhosis, 46 

chronic hepatitis, 

41 normal 

controls, in 3 

cohorts: screening, 

test and validation

31.3% Stages I-II AFP (>20 ng/mL) mUICC I and II vs. CH and LC (Se/Sp, AUC): 

miR-4,661-5p + miR-4,746-5p: 86.6%/90.4%, 0.95; 

mUICC I vs. CH and LC (Se/Sp, AUC): miR-

4,661-5p + miR-4,746-5p: 86.6%/93.1%, 0.95

Lu et al. (96) lncRNAs: 

ENSG00000248932.1, 

ENST00000440688.1, 

ENST00000457302.2

200 HCC (), 200 

CLD, 200 healthy 

controls

49%/34% TNM I/

II

AFP Three lncRNAs: AUC 0.96/0.53 in training/

validation cohorts; Three lncRNAs vs. AFP: 

0.97/0.87 in training/validation cohorts

Li et al. (97) lncRNAs 71 HCC, 37 CLD, 

94 healthy controls

63% early-stage 

HCC

AFP (>10 ng/mL) Support vector machine model (Se/Sp, AUC): 

Training set: 84%/94%, 0.95; Validation set: 

89%/91%, 0.98; Testing set: 85%/95%, 0.96; Among 

patients with AFP measurements (60 HCC, 17 

with benign liver lesions): Support vector machine 

model: AUC, 0.95; AFP alone: 0.83 (p = 0.037)

El Gwad et al. 

(98)

lncRNA-RP11-513I15.6, 

miR-1,262 and RAB11A

60 HCC, 42 CLD, 

18 healthy controls

90% BCLC 0/A AFP All stages HCC Combined (RP11-

513I15.6 + miRNA 1,262 + AFP) Se/Sp/PPV/NPV/

Accuracy: 100%/76.7%/81.1%/100%/88.3%; Early 

stage HCC: 100%/76.7%/79.4%/100%/ 87.7%

Pu et al. (99)

miR-144-3p, miR-21-5p

24 HCC; 16 CLD, 

17 healthy controls

38% BCLC stage 0 AFP miR-144-3p: AUC 0.75; miR-21-5p: AUC 0.44; 

miR-144-3p + miR-21-5p: AUC 0.78; AFP: AUC 

0.63 (p > 0.05 vs. all miR groups)

Wang et al. 

(100)

miR-122, miR-148a and miR-

1,246

68 HCC; 53 LC; 50 

CLD; 64 healthy 

controls

74% TNM

I-II

AFP Early stage HCC vs. cirrhosis: miR-122: AUC 0.80; 

miR-148a: AUC 0.86; miR-1,246: AUC 0.76 AFP: 

AUC 0.67; miR-122 + miR-148a + AFP: AUC 0.95

Xu et al. (101) hnRNPH1 mRNA 88 HCC; 135 CLD, 

68 healthy controls

16% TNM I-II AFP (>20 ng/mL) HCC vs. chronic hepatitis: hnRNPH1 alone: 

85.2%/76.5%, AUC 0.87; AFP alone: 69.3%/87.9%, 

AUC 0.79; hnRNPH1 + AFP: AUC 0.89 (p < 0.05 

vs. AFP); HCC vs. cirrhosis: hnRNPH1 alone: 

86.4%/54.0%, AUC 0.65; AFP alone: 46.6%/88.3%, 

AUC 0.67 hnRNPH1 + AFP: AUC 0.75 (p < 0.05 vs. 

AFP)

Xu et al. (102) ENSG00000258332.1 and 

LINC00635 (expression 

relative to GADPH)

115 HCC; 241 

CLD, 120 healthy 

controls

26% TNM I-II AFP (>20 ng/mL) Training cohort: HCC vs. chronic hepatitis (Se/Sp, 

AUC): ENSG00000258332.1: 71.6%/83.4%, 0.72; 

LINC00635: 76.2%/77.7%, 0.75; AFP: 

54.7%/75.3%, 0.67; All 3 markers: 83.6%/87.7%, 

0.89 (p < 0.05 vs. AFP); Validation cohort: HCC vs. 

chronic hepatitis (Se/Sp, AUC): 

ENSG00000258332.1: 73.5%/80.5%, 0.72; 

LINC00635: 79.6%/75.2%, AUC, 0.73; AFP: 

52.5%/74.1%, 0.63; All 3 markers 84.5%/85.3%, 

0.89 (p < 0.05 vs. AFP)
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RNAs are now emerging as a potential biomarkers in multiple diseases 
because of their presence in the body fluids and rapid variation with 
disease stages. Among the cargos of EVs are miRNAs. Exosomal 
miRNAs are protected from RNase digestion, which enhances their 
stability and diagnostic potential as a biomarker.

miRNAs are endogenous, non-coding RNAs involved in post-
transcriptional regulation of gene expression, by inducing degradation 
of mRNA following complementary binding to 3′-untranslated 
regions of target mRNAs. There were multiple miRNAs identified that 
have a significant impact on gene expression controlling cellular 
proliferation, differentiation, or apoptotic pathways. Each miRNA 
controls multiple gene transcripts, in complex regulatory networks, 
and are valuable biomarkers for prognosis, targeted therapy as well as 
early diagnosis of various oncologic conditions. miR21 was found to 
be  a better diagnostic marker than AFP for HCC (107), whereas 
miR130b had an AUROC of 0.91 for HCC and together with miR15b 
was proposed as a biomarker for early diagnosis in HCC. Furthermore, 
seven miRNAs were included in a panel for early detection of HCC 
occurrence in the setting of HBV chronic infection: miR-122, 
miR-192, miR-21, miR-223, miR-26a, miR-27a, and miR-801 – 
AUROC 0.88 (108, 109).

Our study group has recently conducted a comprehensive 
transcriptomic analysis of tissue, serum, and serum exosomes from 
hepatocellular carcinoma patients, indicating a correlation in miRNA 
expression between exosomes, serum, and tissue samples, suggesting 
export from tumors via exosomes. miR21 was documented as a 
diagnostic and prognostic biomarker (110). Based on these data, 
we have further validated two miRNA targets indicated by the above-
mentioned small RNA sequencing study, miR-21-5p and miR-92a-3p, 
as potential biomarkers for hepatocellular carcinoma screening. Our 
study cohort included 106 patients, 48 diagnosed with HCC during 
screening protocol, 38 liver cirrhosis patients, on the waiting list for 
liver transplantation, and 20 healthy volunteers. The exosomal 
expression level of miR-21-5p and miR-92a-3p were used together 
with serum AFP to generate a score that could be  used for HCC 
diagnosis. The score achieved an AUROC of 0.88 for HCC diagnosis, 
better than AFP alone (0.77) (94).

The addition of genetic biomarkers such as somatic mutations 
frequently encountered in HCC could further refine scores used for 
early diagnosis of HCC. The use of both genetic and epigenetic 
biomarkers in liquid biopsy is a novel approach to screening and 
surveillance for HCC, that holds great promise by emphasizing 
sensitive tumoral molecular features significant for early diagnosis.

Numerous lncRNAs and circRNAs from EVs have been suggested 
as potential HCC biomarkers. LncRNAs, non-coding RNAs exceeding 
200 nucleotides, regulate the transcriptome and are linked to tumor 
cell transformation (111). LncRNA expression in HCC patient EVs is 
significantly higher than in chronic hepatitis/cirrhosis or healthy 
controls, offering better diagnostic ability than AFP for early-stage 
HCC. CircRNAs, endogenous non-coding RNAs with a closed-loop 
structure, are enriched and stable in EVs (112). Hu K et al. observed 
increased circCMTM3 levels in HCC patient exosomes, which 
promote angiogenesis via the miR-3,619-5p/SOX9 axis, thus 
encouraging HCC tumorigenesis (113). Conversely, exosome-
delivered circ_0051443 inhibits HCC cell malignancy by inducing 
apoptosis and cell cycle arrest, with plasma EV expression in HCC 
patients significantly lower than in healthy controls (AUC: 0.8089) 
(114). Transcriptome sequencing and large sample clinical validation 

identified circ_0006602 and circ_0028861 in EVs as HCC candidate 
biomarkers, suitable for early diagnosis and screening (87).

4. Strengths and limitations of using 
liquid biopsy for early detection of 
HCC in clinical practice

Liquid biopsy is an emerging early diagnosis tool in cancer, 
including HCC. The present approach to HCC screening for early 
diagnosis using plasma liquid biopsy, emphasizing strengths, and 
limitations, in comparison to traditional serum biomarkers is 
schematically depicted in Figure  1. Whereas some liquid biopsy 
techniques, such as circulating tumor cells (CTCs), have mainly found 
a better suitability for personalized therapy and prognosis, cell free 
DNA and extracellular vesicle-based technologies have been 
investigated with promising results for early diagnosis, HCC screening 
and surveillance protocols.

Several cfDNA features can be used in this setting: methylation 
patterns in cfDNA, cfDNA somatic mutations, cfDNA 
fragmentome features.

There are several strengths of cfDNA liquid biopsy that could 
further support this technology in the clinical setting. cfDNA is 
obtained from blood samples, making the procedure less invasive than 
tissue biopsies, and ideal for screening procedures. It allows for early 
diagnosis, detection of recurrence following therapy, real-time 
monitoring of tumor dynamics, and response to therapy. cfDNA may 
detect HCC earlier than traditional serological biomarkers, such as 
alpha-fetoprotein (AFP), due to its higher sensitivity and specificity. 
Aberrant methylation patterns or specific mutations are characteristic 
to tumor cells, providing a distinct signature that can differentiate 
between healthy and cancerous cells or indicating early stages of the 
malignant phenotype. However, cfDNA extraction, sequencing, and 
analysis methods need further standardization to ensure reliable 
results. Detecting low-frequency cfDNA features could be challenging, 
due to the presence of background “noise” from non-tumor-derived 
DNA. cfDNA analysis can be  expensive, limiting its widespread 
adoption in clinical practice, whereas the interpretation of cfDNA 
results can be complex, requiring advanced bioinformatics tools and 
expertise. The basic sequencing techniques (Sanger or pyrosequencing) 
need higher amounts of tumoral DNA to detect mutations, thus 
making them useful mainly in samples with a heavy tumor burden. 
Somatic mutations can be  detected in cfDNA with satisfactory 
accuracy with PCR-based digital techniques (for example, ddPCR, 
NGS), which have additional costs and require additional training. 
Considering the average sensitivity for mutation detection in a sample 
(0.01%), it is important to understand that below that cut-off, there 
may be false-negative results.

Extracellular vesicles carry various molecular cargo, such as 
miRNAs, lncRNAs, and circRNAs. These cargos can be  used as 
potential biomarkers for early HCC detection. EVs can be obtained 
non-invasively from blood and have a major advantage compared to 
other liquid biopsy techniques, as EVs protect their cargo from 
degradation, ensuring the stability of the biomarkers. Detecting low 
levels of tumor-derived EVs and their specific cargo components can 
be  challenging due to the presence of background EVs from 
non-tumor cells, thus selection for specific tumor-derived EVs will 
be an important research goal. Methods for EV isolation, enrichment, 
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FIGURE 1

Liquid biopsy for early detection of hepatocellular carcinoma: current state for clinical applications, strengths, and limitations. Images have been 
generated using AI-powered “text to image” technology, available online: Bing Image Creator and Crayon.
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and detection need further standardization to ensure accurate and 
reproducible results for clinical practice.

Combining EV-based biomarkers with other liquid biopsy 
methods or traditional serology biomarkers may enhance the overall 
diagnostic accuracy for early HCC detection, in the future.

It must be taken into account that detecting and validating liquid 
biopsy biomarkers for early HCC diagnosis is a difficult task. In the 
ideal setting, the studies must be performed in an HCC screening 
program, thus maximizing the chance for early diagnosis. Most of the 
existing studies were performed recruiting HCC cases diagnosed in 
various stages, including early HCC cases. Furthermore, the potential 
biomarkers should be subsequently validated prospectively, during 
HCC screening programs. It is possible that specific liquid biopsy 
biomarkers are positive even in the absence of a detectable tumor, by 
standard imaging methods, thus raising important ethical concerns. 
Nevertheless, these situations should point to the need for more 
aggressive surveillance to detect the cancer in the earliest stage possible, 
thus facilitating curative therapeutic procedures and patient survival.

As molecular biology technologies and AI-enhanced 
bioinformatics develop and continue to enter clinical practice, current 
limitations should be overcome, making liquid biopsy solutions useful 
tools to facilitate HCC diagnosis at an early stage.

In conclusion, it is still difficult to predict which liquid biopsy 
component or technology will find its way into routine clinical 
practice, as all existing molecular techniques analyzing liquid biopsy 
components have both strengths and limitations, emphasized by the 
present review. The specific screening method for early HCC detection 
should be cost-effective and acceptable for both patients and medical 
care systems. cfDNA fragmentation patterns for HCC detection show 
great promise to fit into this profile, as novel screening tool for early 
HCC detection. It is also possible that a combination of molecular and 
traditional serum biomarkers will, ultimately, be the best solution for 
HCC screening in the near future, as supported by multiple recent 
studies, if costs will also be affordable. The forthcoming years will, 
nevertheless, bring exciting new developments in the field of early 
HCC detection, using new liquid biopsy-based biomarkers.

Author contributions

IM and RI have equally contributed to this work, and are sharing 
first authorship. IM, RI, GO, IP, and LG conceived the plan of the 
manuscript. IM, RI, SI, and RC performed the literature search. IM, 
RI, RC, SI, and SD have reviewed current literature and made the first 
draft of the paper. IM, RI, SI, and GO: Section 1. IM, RI, and SD: 
Section 2. IM, RI, and RC: Section 3. IM, RI, SI, SD, and GO: Section 
4. GO, IP, and LG reviewed the manuscript. All authors contributed 
to the final version of the manuscript.

Funding

This paper was financially supported by “Carol Davila” University 
of Medicine and Pharmacy Bucharest, Romania through Contract no. 
33PFE/30.12.2021 funded by the Ministry of Research and Innovation 
within PNCDI III, Program 1 – Development of the National RD 
system, Subprogram 1.2 – Institutional Performance – RDI excellence 
funding projects.

Conflict of interest

The authors declare that the research was conducted in the 
absence of any commercial or financial relationships that could 
be construed as a potential conflict of interest.

Publisher’s note

All claims expressed in this article are solely those of the authors 
and do not necessarily represent those of their affiliated organizations, 
or those of the publisher, the editors and the reviewers. Any product 
that may be evaluated in this article, or claim that may be made by its 
manufacturer, is not guaranteed or endorsed by the publisher.

References
 1. Ferlay J, Ervik M, Lam F, Colombet M, Mery L, Piñeros M et al. Global Cancer 

observatory: Cancer today. (2020). Lyon, France: International Agency for Research on 
Cancer Available at: https://gco.iarc.fr/today (accessed April 1, 2023).

 2. McGlynn KA, Petrick JL, El-Serag HB. Epidemiology of hepatocellular carcinoma. 
Hepatology. (2021) 73 Suppl 1:4–13.

 3. Akinyemiju T, Abera S, Ahmed M, Alam N, Alemayohu MA, Allen C, et al. The 
burden of primary liver cancer and underlying etiologies from 1990 to 2015 at the 
global, regional, and national level. JAMA Oncol. (2017) 3:1683–91. doi: 10.1001/
jamaoncol.2017.3055

 4. Han SS, Kelly SP, Li Y, Yang B, Nguyen M, So S, et al. Changing landscape of liver 
Cancer in California: a glimpse into the future of liver Cancer in the United States. J Natl 
Cancer Inst. (2019) 111:550–6.

 5. Forner A, Reig M, Bruix J. Hepatocellular carcinoma. Lancet. (2018) 391:1301–14. 
doi: 10.1016/S0140-6736(18)30010-2

 6. Galle PR, Forner A, Llovet JM, Mazzaferro V, Piscaglia F, Raoul JL, et al. EASL 
clinical practice guidelines: management of hepatocellular carcinoma. J Hepatol. (2018) 
69:182–6. doi: 10.1016/j.jhep.2018.03.019

 7. Kokudo N, Hasegawa K, Akahane M, Igaki H, Izumi N, Ichida T, et al. Evidence-
based clinical practice guidelines for hepatocellular carcinoma: the Japan Society of 
Hepatology 2013 update (3rd JSH-HCC guidelines). Hepatol Res. (2015) 45:123–7. doi: 
10.1111/hepr.12464

 8. Hasegawa K, Kokudo N, Makuuchi M, Izumi N, Ichida T, Kudo M, et al. 
Comparison of resection and ablation for hepatocellular carcinoma: a cohort study 

based on a Japanese nationwide survey. J Hepatol. (2013) 58:724–9. doi: 10.1016/j.
jhep.2012.11.009

 9. Bolondi L. Screening for hepatocellular carcinoma in cirrhosis. J Hepatol. (2003) 
39:1076–84. doi: 10.1016/S0168-8278(03)00349-0

 10. Singal A, Volk ML, Waljee A, Salgia R, Higgins P, Rogers MA, et al. Metaanalysis: 
surveillance with ultrasound for early-stage hepatocellular carcinoma in patients with 
cirrhosis. Aliment Pharmacol Ther. (2009) 30:37–47. doi: 
10.1111/j.1365-2036.2009.04014.x

 11. Lencioni R, Piscaglia F, Bolondi L. Contrast-enhanced ultrasound in the diagnosis 
of hepatocellular carcinoma. J Hepatol. (2008) 48:848–7. doi: 10.1016/j.jhep.2008.02.005

 12. Tsukuma H, Hiyama T, Tanaka S, Nakao M, Yabuuchi T, Kitamura T, et al. Risk 
factors for hepatocellular carcinoma among patients with chronic liver disease. N Engl 
J Med. (1993) 328:1797–01. doi: 10.1056/NEJM199306243282501

 13. Yamashita T, Forgues M, Wang W, Kim JW, Ye Q, Jia H, et al. EpCAM and alpha-
fetoprotein expression defines novel prognostic subtypes of hepatocellular carcinoma. 
Cancer Res. (2008) 68:1451–61. doi: 10.1158/0008-5472.CAN-07-6013

 14. Biselli M, Conti F, Gramenzi A, Frigerio M, Cucchetti A, Fatti G, et al. A new 
approach to the use of a-fetoprotein as surveillance test for hepatocellular carcinoma in 
patients with cirrhosis. Br J Cancer. (2015) 112:69–76. doi: 10.1038/bjc.2014.536

 15. Johnson PJ, Pirrie SJ, Cox TF, Berhane S, Teng M, Palmer D, et al. The detection 
of hepatocellular carcinoma using a prospectively developed and validated model based 
on serological biomarkers. Cancer Epidemiol Biomark Prev. (2014) 23:144–3. doi: 
10.1158/1055-9965.EPI-13-0870

https://doi.org/10.3389/fmed.2023.1218705
https://www.frontiersin.org/journals/medicine
https://www.frontiersin.org
https://gco.iarc.fr/today
https://doi.org/10.1001/jamaoncol.2017.3055
https://doi.org/10.1001/jamaoncol.2017.3055
https://doi.org/10.1016/S0140-6736(18)30010-2
https://doi.org/10.1016/j.jhep.2018.03.019
https://doi.org/10.1111/hepr.12464
https://doi.org/10.1016/j.jhep.2012.11.009
https://doi.org/10.1016/j.jhep.2012.11.009
https://doi.org/10.1016/S0168-8278(03)00349-0
https://doi.org/10.1111/j.1365-2036.2009.04014.x
https://doi.org/10.1016/j.jhep.2008.02.005
https://doi.org/10.1056/NEJM199306243282501
https://doi.org/10.1158/0008-5472.CAN-07-6013
https://doi.org/10.1038/bjc.2014.536
https://doi.org/10.1158/1055-9965.EPI-13-0870


Manea et al. 10.3389/fmed.2023.1218705

Frontiers in Medicine 12 frontiersin.org

 16. Best J, Bechmann LP, Sowa JP, Sydor S, Dechêne A, Plflanz K, et al. GALAD score 
detects early hepatocellular carcinoma in an international cohort of patients with 
nonalcoholic steatohepatitis. Clin Gastroenterol Hepatol. (2020) 18:728–735.e4. doi: 
10.1016/j.cgh.2019.11.012

 17. Heimbach JK, Kulik LM, Finn RS, Sirlin SB, Abecassis MM, Roberts LR, et al. 
AASLD guidelines for the treatment of hepatocellular carcinoma. Hepatology. (2018) 
67:358–0. doi: 10.1002/hep.29086

 18. Sterling RK, Jeffers L, Gordon F, Sherman M, Venook AP, Reddy KR, et al. Clinical 
utility of AFP-L3% measurement in north American patients with HCV-related 
cirrhosis. Am J Gastroenterol. (2007) 102:2196–05. doi: 10.1111/j.1572-0241.2007.01405.x

 19. Koike Y, Shiratori Y, Sato S, Obi S, Teratani T, Imamura M, et al. Desgamma- 
carboxy prothrombin as a useful predisposing factor for the development of portal 
venous invasion in patients with hepatocellular carcinoma: a prospective analysis of 227 
patients. Cancer. (2001) 91:561–9. doi: 10.1002/1097-0142(20010201)91:3<561::AID-
CNCR1035>3.0.CO;2-N

 20. Guo M, Zhang H, Zheng J, Liu Y. Glypican-3: a new target for diagnosis and 
treatment of hepatocellular carcinoma. J Cancer. (2020) 11:2008–21. doi: 10.7150/
jca.39972

 21. Ho M, Kim H. Glypican-3: a new target for cancer immunotherapy. Eur J Cancer. 
(2011) 47:333–8. doi: 10.1016/j.ejca.2010.10.024

 22. Filmus J, Capurro M. Glypican-3: a marker and a therapeutic target in 
hepatocellular carcinoma. FEBS J. (2013) 280:2471–6. doi: 10.1111/febs.12126

 23. Capurro M, Wanless IR, Sherman M, Deboer G, Shi W, Miyoshi E, et al. 
Glypican-3: a novel serum and histochemical marker for hepatocellular carcinoma. 
Gastroenterology. (2003) 125:89–97. doi: 10.1016/S0016-5085(03)00689-9

 24. Hippo Y, Watanabe K, Watanabe A, Watanabe A, Midorikawa Y, Yamamoto S, et al. 
Identification of soluble NH2-terminal fragment of Glypican-3 as a serological marker 
for early-stage hepatocellular carcinoma. Cancer Res. (2004) 64:2418–23. doi: 
10.1158/0008-5472.CAN-03-2191

 25. Gu D, Xie Y, Wei J, Li W, Ye Z, Zhu Z, et al. MRI-based Radiomics signature: a 
potential biomarker for identifying Glypican 3-positive hepatocellular carcinoma. J 
Magn Reson Imaging. (2020) 52:1679–87. doi: 10.1002/jmri.27199

 26. Salem M, Abdel Atti S, El Raziky M, Darweesh SK, El Sharkawy M. Clinical 
significance of plasma Osteopontin level as a biomarker of hepatocellular carcinoma. 
Gastroenterology Res. (2013) 6:191–9. doi: 10.4021/gr499w

 27. Duarte-Salles T, Misra S, Stepien M, Plymoth A, Muller D, Overvad K, et al. 
Circulating Osteopontin and prediction of hepatocellular carcinoma development in a 
large European population. Cancer Prev Res (Phila). (2016) 9:758–5. doi: 
10.1158/1940-6207.CAPR-15-0434

 28. Fezza M, Moussa M, Aoun R, Haber R, Hilal G. DKK1 promotes hepatocellular 
carcinoma inflammation, migration and invasion: implication of TGF-β1. PLoS One. 
(2019) 14:e0223252. doi: 10.1371/journal.pone.0223252

 29. Tung EKK, Ng I. Significance of serum DKK1 as a diagnostic biomarker in 
hepatocellular carcinoma. Future Oncol. (2012) 8:1525–8. doi: 10.2217/fon.12.147

 30. Diaz LA Jr, Bardelli A. Liquid biopsies: genotyping circulating tumor DNA. J Clin 
Oncol. (2014) 32:579–6. doi: 10.1200/JCO.2012.45.2011

 31. Zhang Y, Liu Z, Ji K, Li X, Wang C, Ren Z, et al. Clinical application value of 
circulating cell-free DNA in hepatocellular carcinoma. Front Mol Biosci. (2021) 
8:736330. doi: 10.3389/fmolb.2021.736330

 32. Okajima W, Komatsu S, Ichikawa D, Miyamae M, Ohashi T, Imamura T, et al. 
Liquid biopsy in patients with hepatocellular carcinoma: circulating tumor cells and 
cell-free nucleic acids. World J Gastroenterol. (2017) 23:5650–68. doi: 10.3748/wjg.v23.
i31.5650

 33. Bergman Y, Cedar H. DNA methylation dynamics in health and disease. Nat Struct 
Mol Biol. (2013) 20:274–1. doi: 10.1038/nsmb.2518

 34. Nguyen VC, Nguyen TH, Phan TH, Tran TH, Pham TT, et al. Fragment length 
profiles of cancer mutations enhance detection of circulating tumor DNA in patients 
with early-stage hepatocellular carcinoma. BMC Cancer. (2023) 23:233.

 35. Guo P, Zheng H, Li Y, Li Y, Xiao Y, Zheng J, et al. Hepatocellular carcinoma 
detection via targeted enzymatic methyl sequencing of plasma cell-free DNA. Clin 
Epigenetics. (2023) 15:2.

 36. Phan TH, Nguyen VT, Pham TT, Nguyen VC, Ho TD, Pham TM, et al. Circulating 
DNA methylation profile improves the accuracy of serum biomarkers for the detection 
of nonmetastatic hepatocellular carcinoma. Future Oncol. (2022) 18:4399–413. doi: 
10.2217/fon-2022-1218

 37. Kumar S, Nadda N, Paul S, Gamanagatti S, Dash NR, Vanamail P, et al. Evaluation 
of the cell-free DNA integrity index as a liquid biopsy marker to differentiate 
hepatocellular carcinoma from chronic liver disease. Front Mol Biosci. (2022) 9:1024193.

 38. Wang P, Song Q, Ren J, Zhang W, Wang Y, Zhou L, et al. Simultaneous analysis of 
mutations and methylations in circulating cell-free DNA for hepatocellular carcinoma 
detection. Sci Transl Med. (2022) 14:eabp8704.

 39. Foda ZH, Annapragada AV, Boyapati K, Bruhm DC, Vulpescu NA, Medina JM, 
et al. Detecting liver Cancer using cell-free DNA Fragmentomes. Cancer Discov. (2023) 
13:616–1. doi: 10.1158/2159-8290.CD-22-0659

 40. Sun X, Feng W, Cui P, Ruan R, Ma W, Han Z, et al. Detection and monitoring of 
HBV-related hepatocellular carcinoma from plasma cfDNA fragmentation profiles. 
Genomics. (2022) 114:110502. doi: 10.1016/j.ygeno.2022.110502

 41. Kim SC, Kim J, Kim DW, Choi Y, Park K, Cho EJ, et al. Methylation-sensitive 
high-resolution melting analysis of the USP44 promoter can detect early-stage 
hepatocellular carcinoma in blood samples. BMB Rep. (2022) 55:553–8. doi: 10.5483/
BMBRep.2022.55.11.110

 42. Lee T, Rawding PA, Bu J, Hyun S, Rou W, Jeon H, et al. Machine-learning-based 
clinical biomarker using cell-free DNA for hepatocellular carcinoma (HCC). Cancers 
(Basel). (2022) 14:2061. doi: 10.3390/cancers14092061

 43. Jiao J, Sanchez JI, Thompson EJ, Mao X, McCormick JB, Fisher-Hoch SP, et al. 
Somatic mutations in circulating cell-free DNA and risk for hepatocellular carcinoma 
in Hispanics. Int J Mol Sci. (2021) 22:7411. doi: 10.3390/ijms22147411

 44. Kunadirek P, Chuaypen N, Jenjaroenpun P, Wongsurawat T, Pinjaroen N, Nookaew 
I, et al. Cell-free DNA analysis by whole-exome sequencing for hepatocellular 
carcinoma: a pilot study in Thailand. Cancers (Basel). (2021) 13:2229. doi: 10.3390/
cancers13092229

 45. Wang J, Yang L, Diao Y, Liu J, Li J, Zheng L, et al. Circulating tumour DNA 
methylation in hepatocellular carcinoma diagnosis using digital droplet PCR. J Int Med 
Res. (2021) 49:300060521992962. doi: 10.1177/0300060521992962

 46. Chen L, Abou-Alfa GK, Zheng B, Liu JF, Bai J, Du L-T, et al. Genome-scale 
profiling of circulating cell-free DNA signatures for early detection of hepatocellular 
carcinoma in cirrhotic patients. Cell Res. (2021) 31:589–2. doi: 10.1038/
s41422-020-00457-7

 47. Cai Z, Zhang J, He Y, Xia L, Dong X, Chen G, et al. Liquid biopsy by combining 
5-hydroxymethylcytosine signatures of plasma cell-free DNA and protein biomarkers 
for diagnosis and prognosis of hepatocellular carcinoma. ESMO Open. (2021) 6:100021. 
doi: 10.1016/j.esmoop.2020.100021

 48. Kisiel JB, Dukek BA, Kanipakam R, Ghoz HM, Yab TC, Berger CK, et al. 
Hepatocellular carcinoma detection by plasma methylated DNA: discovery, phase 
I pilot, and phase II clinical validation. Hepatology. (2019) 69:1180–92. doi: 10.1002/
hep.30244

 49. Ng CKY, Di Costanzo GG, Tosti N, Paradiso V, Coto-Llerena M, Roscigno G, et al. 
Genetic profiling using plasma-derived cell-free DNA in therapy-naïve hepatocellular 
carcinoma patients: a pilot study. Ann Oncol. (2018) 29:1286–91. doi: 10.1093/annonc/
mdy083

 50. Oussalah A, Rischer S, Bensenane M, Conroy G, Filhine-Tresarrieu P, Josse T, et al. 
Plasma mSEPT9: a novel circulating cell-free DNA-based epigenetic biomarker to 
diagnose hepatocellular carcinoma. EBioMedicine. (2018) 30:138–7. doi: 10.1016/j.
ebiom.2018.03.029

 51. Wu HC, Yang HI, Wang Q, Chen CJ, Santella RM. Plasma DNA methylation 
marker and hepatocellular carcinoma risk prediction model for the general population. 
Carcinogenesis. (2017) 38:1021–8. doi: 10.1093/carcin/bgx078

 52. Lu CY, Chen SY, Peng HL, Kan PY, Chang WC, Yen CJ. Cell-free methylation 
markers with diagnostic and prognostic potential in hepatocellular carcinoma. 
Oncotarget. (2017) 8:6406–18. doi: 10.18632/oncotarget.14115

 53. Huang A, Zhang X, Zhou SL, Cao Y, Huang XW, Fan J, et al. Detecting circulating 
tumor DNA in hepatocellular carcinoma patients using droplet digital PCR is feasible 
and reflects Intratumoral heterogeneity. J Cancer. (2016) 7:1907–14. doi: 10.7150/
jca.15823

 54. Liao W, Yang H, Xu H, Wang Y, Ge P, Ren J, et al. Noninvasive detection of tumor-
associated mutations from circulating cell-free DNA in hepatocellular carcinoma 
patients by targeted deep sequencing. Oncotarget. (2016) 7:40481–90. doi: 10.18632/
oncotarget.9629

 55. Jiang P, Chan CWM, Chan A, Cheng SH, Wong J, Chan SL, et al. Lengthening and 
shortening of plasma DNA in hepatocellular carcinoma patients. Proc Natl Acad Sci U 
S A. (2015) 112:E1317–25. doi: 10.1073/pnas.1500076112

 56. Huang G, Krocker JD, Kirk JL, Merwat SN, Ju H, Soloway RD, et al. Evaluation of 
INK4A promoter methylation using pyrosequencing and circulating cell-free DNA from 
patients with hepatocellular carcinoma. Clin Chem Lab Med. (2014) 52:899–909. doi: 
10.1515/cclm-2013-0885

 57. Han LY, Fan YC, Mu NN, Gao S, Li F, Ji X-F, et al. Aberrant DNA methylation of 
G-protein-coupled bile acid receptor Gpbar1 (TGR5) is a potential biomarker for 
hepatitis B virus associated hepatocellular carcinoma. Int J Med Sci. (2014) 11:164–1.

 58. Ji XF, Fan YC, Gao S, Yang Y, Zhang JJ, Wang K. MT1M and MT1G promoter 
methylation as biomarkers for hepatocellular carcinoma. World J Gastroenterol. (2014) 
20:4723–9. doi: 10.3748/wjg.v20.i16.4723

 59. Piciocchi M, Cardin R, Vitale A, Vanin V, Giacomin A, Pozzan C, et al. Circulating 
free DNA in the progression of liver damage to hepatocellular carcinoma. Hepatol Int. 
(2013) 7:1050–7. doi: 10.1007/s12072-013-9481-9

 60. Sun FK, Zhao FYC, Zhang F, Gao S, Zhao Z-H, Sun Q, et al. Detection of TFPI2 
methylation in the serum of hepatocellular carcinoma patients. Dig Dis Sci. (2013) 
58:1010–5. doi: 10.1007/s10620-012-2462-3

 61. Yang YJ, Chen H, Huang P, Li CH, Dong ZH, Hou YL. Quantification of plasma 
hTERT DNA in hepatocellular carcinoma patients by quantitative fluorescent 

https://doi.org/10.3389/fmed.2023.1218705
https://www.frontiersin.org/journals/medicine
https://www.frontiersin.org
https://doi.org/10.1016/j.cgh.2019.11.012
https://doi.org/10.1002/hep.29086
https://doi.org/10.1111/j.1572-0241.2007.01405.x
https://doi.org/10.1002/1097-0142(20010201)91:3<561::AID-CNCR1035>3.0.CO;2-N
https://doi.org/10.1002/1097-0142(20010201)91:3<561::AID-CNCR1035>3.0.CO;2-N
https://doi.org/10.7150/jca.39972
https://doi.org/10.7150/jca.39972
https://doi.org/10.1016/j.ejca.2010.10.024
https://doi.org/10.1111/febs.12126
https://doi.org/10.1016/S0016-5085(03)00689-9
https://doi.org/10.1158/0008-5472.CAN-03-2191
https://doi.org/10.1002/jmri.27199
https://doi.org/10.4021/gr499w
https://doi.org/10.1158/1940-6207.CAPR-15-0434
https://doi.org/10.1371/journal.pone.0223252
https://doi.org/10.2217/fon.12.147
https://doi.org/10.1200/JCO.2012.45.2011
https://doi.org/10.3389/fmolb.2021.736330
https://doi.org/10.3748/wjg.v23.i31.5650
https://doi.org/10.3748/wjg.v23.i31.5650
https://doi.org/10.1038/nsmb.2518
https://doi.org/10.2217/fon-2022-1218
https://doi.org/10.1158/2159-8290.CD-22-0659
https://doi.org/10.1016/j.ygeno.2022.110502
https://doi.org/10.5483/BMBRep.2022.55.11.110
https://doi.org/10.5483/BMBRep.2022.55.11.110
https://doi.org/10.3390/cancers14092061
https://doi.org/10.3390/ijms22147411
https://doi.org/10.3390/cancers13092229
https://doi.org/10.3390/cancers13092229
https://doi.org/10.1177/0300060521992962
https://doi.org/10.1038/s41422-020-00457-7
https://doi.org/10.1038/s41422-020-00457-7
https://doi.org/10.1016/j.esmoop.2020.100021
https://doi.org/10.1002/hep.30244
https://doi.org/10.1002/hep.30244
https://doi.org/10.1093/annonc/mdy083
https://doi.org/10.1093/annonc/mdy083
https://doi.org/10.1016/j.ebiom.2018.03.029
https://doi.org/10.1016/j.ebiom.2018.03.029
https://doi.org/10.1093/carcin/bgx078
https://doi.org/10.18632/oncotarget.14115
https://doi.org/10.7150/jca.15823
https://doi.org/10.7150/jca.15823
https://doi.org/10.18632/oncotarget.9629
https://doi.org/10.18632/oncotarget.9629
https://doi.org/10.1073/pnas.1500076112
https://doi.org/10.1515/cclm-2013-0885
https://doi.org/10.3748/wjg.v20.i16.4723
https://doi.org/10.1007/s12072-013-9481-9
https://doi.org/10.1007/s10620-012-2462-3


Manea et al. 10.3389/fmed.2023.1218705

Frontiers in Medicine 13 frontiersin.org

polymerase chain reaction. Clin Invest Med. (2011) 34:E238. doi: 10.25011/cim.
v34i4.15366

 62. Iizuka N, Oka M, Sakaida I, Moribe T, Miura T, Kimura M, et al. Efficient detection 
of hepatocellular carcinoma by a hybrid blood test of epigenetic and classical protein 
markers. Clin Chim Acta. (2011) 412:152–8.

 63. Tangkijvanich P, Hourpai N, Rattanatanyong P, Wisedopas N, Mahachai V, 
Mutirangura A. Serum LINE-1 hypomethylation as a potential prognostic marker for 
hepatocellular carcinoma. Clin Chim Acta. (2007) 379:127–3. doi: 10.1016/j.
cca.2006.12.029

 64. Kerachian MA, Azghandi M, Mozaffari-Jovin S, Thierry AR. Guidelines for pre-
analytical conditions for assessing the methylation of circulating cell-free DNA. Clin 
Epigenetics. (2021) 13:193.

 65. Wong IH, Lo YM, Yeo W, Lau WY, Johnson PJ. Frequent p15 promoter methylation 
in tumor and peripheral blood from hepatocellular carcinoma patients. Clin Cancer Res. 
(2000) 6:3516–21.

 66. Yeo W, Wong N, Wong WL, Lai PB, Zhong S, Johnson PJ. High frequency of promoter 
hypermethylation of RASSF1A in tumor and plasma of patients with hepatocellular 
carcinoma. Liver Int. (2005) 25:266–2. doi: 10.1111/j.1478-3231.2005.01084.x

 67. Huang ZH, Hu Y, Hua D, Wu YY, Song MX, Cheng ZH. Quantitative analysis 
of multiple methylated genes in plasma for the diagnosis and prognosis of 
hepatocellular carcinoma. Exp Mol Pathol. (2011) 91:702–7. doi: 10.1016/j.
yexmp.2011.08.004

 68. Ye Q, Ling S, Zheng S, Xu X. Liquid biopsy in hepatocellular carcinoma: circulating 
tumor cells and circulating tumor DNA. Mol Cancer. (2019) 18:114.

 69. De Mattos-Arruda L, Weigelt B, Cortes J, Won HH, Ng CKY, et al. Capturing 
intra-tumor genetic heterogeneity by de novo mutation profiling of circulating cell-free 
tumor DNA: a proof-of-principle. Ann Oncol. (2018) 29:2268. doi: 10.1093/annonc/
mdx804

 70. Huang A, Zhao X, Yang XR, Li FQ, Zhou XL, Wu K, et al. Circumventing 
intratumoral heterogeneity to identify potential therapeutic targets in hepatocellular 
carcinoma. J Hepatol. (2017) 67:293–1. doi: 10.1016/j.jhep.2017.03.005

 71. Xiong Y, Xie CR, Zhang S, Chen J, Yin ZY. Detection of a novel panel of somatic 
mutations in plasma cell-free DNA and its diagnostic value in hepatocellular carcinoma. 
Cancer Manag Res. (2019) 11:5745–56.

 72. Yuan X, Cheng G, Yu J, Zheng S, Sun C, et al. The TERT promoter mutation 
incidence is modified by germline TERT rs2736098 and rs2736100 polymorphisms in 
hepatocellular carcinoma. Oncotarget. (2017) 8:23120–9.

 73. Li JJ, Lv Y, Ji H. Diagnostic performance of circulating tumor DNA as a minimally 
invasive biomarker for hepatocellular carcinoma: a systematic review and meta-analysis. 
PeerJ. (2022) 10:e14303. doi: 10.7717/peerj.14303

 74. Lo YMD, Han DSC, Jiang P, Chiu RWK. Epigenetics, fragmentomics, and topology 
of cell-free DNA in liquid biopsies. Science. (2021) 372:eaaw3616.

 75. Underhill HR, Kitzman JO, Hellwig S, et al. Fragment length of circulating tumor 
DNA. PLoS Genet. (2016) 12:e1006162. doi: 10.1371/journal.pgen.1006162

 76. Dou Y, Gold HD, Luquette LJ, Park PJ. Detecting somatic mutations in normal 
cells. Trends Genet. (2018) 34:545–7. doi: 10.1016/j.tig.2018.04.003

 77. Corces MR, Granja JM, Shams S, et al. The chromatin accessibility landscape of 
primary human cancers. Science. (2018) 362:eaav1898.

 78. Howlett AR, Bissell MJ. The influence of tissue microenvironment (stroma and 
extracellular matrix) on the development and function of mammary epithelium. Epithel 
Cell Biol. (1993) 2:79–89.

 79. Thietart S, Rautou PE. Extracellular vesicles as biomarkers in liver diseases: a 
clinician’s point of view. J Hepatol. (2020) 73:1507–25. doi: 10.1016/j.jhep.2020.07.014

 80. Théry C, Witwer KW, Aikawa E, Alcaraz AJ, Anderson JD, et al. Minimal 
information for studies of extracellular vesicles 2018 (MISEV2018): a position 
statement of the International Society for Extracellular Vesicles and update of the 
MISEV2014 guidelines. J Extracell Vesicles. (2018) 7:1535750. doi: 
10.1080/20013078.2018.1535750

 81. Lapitz A, Arbelaiz A, Olaizola P, Aranburu A, Bujanda L, Perugorria MJ, et al. 
Extracellular vesicles in hepatobiliary malignancies. Front Immunol. (2018) 9:2270. doi: 
10.3389/fimmu.2018.02270

 82. Yang J, Li C, Zhang L, Wang X. Extracellular vesicles as carriers of non-coding 
RNAs in liver diseases. Front Pharmacol. (2018) 9:415. doi: 10.3389/
fphar.2018.00415

 83. Lu X, Li Y, Li Y, Zhang X, Shi J, Feng H, et al. Advances of multi-omics applications 
in hepatic precancerous lesions and hepatocellular carcinoma: the role of extracellular 
vesicles. Front Mol Biosci. (2023) 10:1114594. doi: 10.3389/fmolb.2023.1114594

 84. Rui T, Zhang X, Guo J, Xiang A, Tang N, Liu J, et al. Serum-exosome-derived 
miRNAs serve as promising biomarkers for HCC diagnosis. Cancers. (2023) 15:205. doi: 
10.3390/cancers15010205

 85. Yao J, Hua X, Shi J, Hu X, Lui K, et al. LncRNA THEMIS2-211, a tumor-originated 
circulating exosomal biomarker, promotes the growth and metastasis of hepatocellular 
carcinoma by functioning as a competing endogenous RNA. FASEB J. (2022) 36:e22238. 
doi: 10.1096/fj.202101564R

 86. Chen S, Mao Y, Chen W, Liu C, Wu H, Zhang J, et al. Serum exosomal miR-34a as 
a potential biomarker for the diagnosis and prognostic of hepatocellular carcinoma. J 
Cancer. (2022) 13:1410–7. doi: 10.7150/jca.57205

 87. Guo S, Hu C, Zhai X, Sun D. Circular RNA 0006602 in plasma exosomes: a new 
potential diagnostic biomarker for hepatocellular carcinoma. Am J Transl Res. (2021) 
13:6001–15.

 88. von Felden J, Garcia-Lezana T, Dogra N, Gonzalez-Kozlova E, Eren Ahsen M, et al. 
Unannotated small RNA clusters associated with circulating extracellular vesicles detect 
early stage liver cancer. Gut. (2021):325036.

 89. Kim SS, Ok Baek G, Son JA, Ri Ahn H, Kyung Yoon M, Cho HJ, et al. Early 
detection of hepatocellular carcinoma via liquid biopsy: panel of small extracellular 
vesicle-derived long noncoding RNAs identified as markers. Mol Oncol. (2021) 
15:2715–31. doi: 10.1002/1878-0261.13049

 90. Lyu L, Yang W, Yao J, Wang H, Zhu J, Jin A, et al. The diagnostic value of plasma 
exosomal hsa_circ_0070396 for hepatocellular carcinoma. Biomark Med. (2021) 
15:359–1. doi: 10.2217/bmm-2020-0476

 91. Hao X, Xin R, Dong W. Decreased serum exosomal miR-320a expression is an 
unfavorable prognostic factor in patients with hepatocellular carcinoma. J Int Med Res. 
(2020) 48:896144. doi: 10.1177/0300060519896144

 92. Cui Z, Li Y, Gao Y, Kong L, Lin Y, Chen Y, et al. Cancer-testis antigen lactate 
dehydrogenase C4  in hepatocellular carcinoma: a promising biomarker for early 
diagnosis, efficacy evaluation and prognosis prediction. Aging (Albany NY). (2020) 
12:19455–67. doi: 10.18632/aging.103879

 93. Wang S, Yang Y, Sun L, Qiao G, Song Y, Liu B. Exosomal MicroRNAs as liquid 
biopsy biomarkers in hepatocellular carcinoma. Onco Targets Ther. (2020) 13:2021–30. 
doi: 10.2147/OTT.S232453

 94. Sorop A, Iacob R, Iacob S, Constantinescu D, Chitoiu L, Fertig TE, et al. Plasma 
small extracellular vesicles derived miR-21-5p and miR-92a-3p as potential biomarkers 
for hepatocellular carcinoma screening. Front Genet. (2020) 11:712. doi: 10.3389/
fgene.2020.00712

 95. Cho HJ, Baek GO, Seo CW, Ahn HR, Sung S, et al. Exosomal microRNA-4661-5p-
based serum panel as a potential diagnostic biomarker for early-stage hepatocellular 
carcinoma. Cancer Med. (2020) 9:5459–72. doi: 10.1002/cam4.3230

 96. Lu Y, Duan Y, Xu Q, Zhang L, Chen W, Qu Z, et al. Circulating exosome-
derived bona fide long non-coding RNAs predicting the occurrence and metastasis 
of hepatocellular carcinoma. J Cell Mol Med. (2020) 24:1311–8. doi: 10.1111/
jcmm.14783

 97. Li Y, Zhao J, Yu S, Wang Z, He X, Su Y, et al. Extracellular vesicles long RNA 
sequencing reveals abundant mRNA, circRNA, and lncRNA in human blood as potential 
biomarkers for Cancer diagnosis. Clin Chem. (2019) 65:798–8. doi: 10.1373/
clinchem.2018.301291

 98. El Gwad AA, Matboli M, El-Tawdi A, Habib EK, Shehata H, Ibrahim D, et al. Role 
of exosomal competing endogenous RNA in patients with hepatocellular carcinoma. J 
Cell Biochem. (2018) 119:8600–10. doi: 10.1002/jcb.27109

 99. Pu C, Huang H, Wang Z, Zou W, Lv Y, Zhou Z, et al. Extracellular vesicle-
associated mir-21 and mir-144 are markedly elevated in serum of patients with 
hepatocellular carcinoma. Front Physiol. (2018) 9:930.

 100. Wang Y, Zhang C, Zhang P, Guo G, Jiang T, Zhao X, et al. Serum exosomal 
microRNAs combined with alpha-fetoprotein as diagnostic markers of hepatocellular 
carcinoma. Cancer Med. (2018) 7:1670–9. doi: 10.1002/cam4.1390

 101. Xu H, Dong X, Chen Y, Wang X. Serum exosomal hnRNPH1 mRNA as a novel 
marker for hepatocellular carcinoma. Clin Chem Lab Med. (2018) 56:479–4.

 102. Xu H, Chen Y, Dong X, Wang X. Serum Exosomal long noncoding RNAs 
ENSG00000258332.1 and LINC00635 for the diagnosis and prognosis of hepatocellular 
carcinoma. Cancer Epidemiol Biomark Prev. (2018) 27:710–6. doi: 10.1158/1055-9965.
EPI-17-0770

 103. Wang W, Li H, Zhou Y, Jie S. Peripheral blood microvesicles are potential 
biomarkers for hepatocellular carcinoma. Cancer Biomark. (2013) 13:351–7. doi: 
10.3233/CBM-130370

 104. Seo W, Gao Y, He Y, Sun J, Xu H, et al. ALDH2 deficiency promotes alcohol-
associated liver cancer by activating oncogenic pathways via oxidized DNA-
enriched extracellular vesicles. J Hepatol. (2019) 71:1000–11. doi: 10.1016/j.
jhep.2019.06.018

 105. Li Y, Guo X, Guo S, Wang Y, Chen L, Liu Y, et al. Next generation sequencing-based 
analysis of mitochondrial DNA characteristics in plasma extracellular vesicles of patients 
with hepatocellular carcinoma. Oncol Lett. (2020) 20:2820–8. doi: 10.3892/ol.2020.11831

 106. Sun N, Lee YT, Zhang RY, Kao R, Teng PC, Yang Y, et al. Purification of HCC-
specific extracellular vesicles on nanosubstrates for early HCC detection by digital 
scoring. Nat Commun. (2020) 11:4489. doi: 10.1038/s41467-020-18311-0

 107. Tomimaru Y, Eguchi H, Nagano H, Wada H, Kobayashi S, Marubashi S, et al. 
Circulating microRNA-21 as a novel biomarker for hepatocellular carcinoma. J Hepatol. 
(2012) 56:167–5. doi: 10.1016/j.jhep.2011.04.026

 108. Zhou J, Yu L, Gao X, Hu J, Wang J, Dai Z, et al. Plasma microRNA panel to 
diagnose hepatitis B virus-related hepatocellular carcinoma. J Clin Oncol. (2011) 
29:4781–8. doi: 10.1200/JCO.2011.38.2697

https://doi.org/10.3389/fmed.2023.1218705
https://www.frontiersin.org/journals/medicine
https://www.frontiersin.org
https://doi.org/10.25011/cim.v34i4.15366
https://doi.org/10.25011/cim.v34i4.15366
https://doi.org/10.1016/j.cca.2006.12.029
https://doi.org/10.1016/j.cca.2006.12.029
https://doi.org/10.1111/j.1478-3231.2005.01084.x
https://doi.org/10.1016/j.yexmp.2011.08.004
https://doi.org/10.1016/j.yexmp.2011.08.004
https://doi.org/10.1093/annonc/mdx804
https://doi.org/10.1093/annonc/mdx804
https://doi.org/10.1016/j.jhep.2017.03.005
https://doi.org/10.7717/peerj.14303
https://doi.org/10.1371/journal.pgen.1006162
https://doi.org/10.1016/j.tig.2018.04.003
https://doi.org/10.1016/j.jhep.2020.07.014
https://doi.org/10.1080/20013078.2018.1535750
https://doi.org/10.3389/fimmu.2018.02270
https://doi.org/10.3389/fphar.2018.00415
https://doi.org/10.3389/fphar.2018.00415
https://doi.org/10.3389/fmolb.2023.1114594
https://doi.org/10.3390/cancers15010205
https://doi.org/10.1096/fj.202101564R
https://doi.org/10.7150/jca.57205
https://doi.org/10.1002/1878-0261.13049
https://doi.org/10.2217/bmm-2020-0476
https://doi.org/10.1177/0300060519896144
https://doi.org/10.18632/aging.103879
https://doi.org/10.2147/OTT.S232453
https://doi.org/10.3389/fgene.2020.00712
https://doi.org/10.3389/fgene.2020.00712
https://doi.org/10.1002/cam4.3230
https://doi.org/10.1111/jcmm.14783
https://doi.org/10.1111/jcmm.14783
https://doi.org/10.1373/clinchem.2018.301291
https://doi.org/10.1373/clinchem.2018.301291
https://doi.org/10.1002/jcb.27109
https://doi.org/10.1002/cam4.1390
https://doi.org/10.1158/1055-9965.EPI-17-0770
https://doi.org/10.1158/1055-9965.EPI-17-0770
https://doi.org/10.3233/CBM-130370
https://doi.org/10.1016/j.jhep.2019.06.018
https://doi.org/10.1016/j.jhep.2019.06.018
https://doi.org/10.3892/ol.2020.11831
https://doi.org/10.1038/s41467-020-18311-0
https://doi.org/10.1016/j.jhep.2011.04.026
https://doi.org/10.1200/JCO.2011.38.2697


Manea et al. 10.3389/fmed.2023.1218705

Frontiers in Medicine 14 frontiersin.org

 109. Liu AM, Yao TJ, Wang W, Wong KF, Lee NP, Fan ST, et al. Circulating miR-15b 
and miR-130b in serum as potential markers for detecting hepatocellular carcinoma: a 
retrospective cohort study. BMJ Open. (2012) 2:e000825. doi: 10.1136/
bmjopen-2012-000825

 110. Mjelle R, Dima SO, Bacalbasa N, Chawla K, Sorop A, Cucu D, et al. Comprehensive 
transcriptomic analyses of tissue, serum, and serum exosomes from hepatocellular carcinoma 
patients. BMC Cancer. (2019) 19:1007. doi: 10.1186/s12885-019-6249-1

 111. Hurate M. The emerging role of lncRNAs in cancer. Nat Med. (2015) 21:1253–61. 
doi: 10.1038/nm.3981

 112. Kristensen LS, Andersen MS, Stagsted LVW, Ebbesen KK, Hansen TB, Kjems J. 
The biogenesis, biology and characterization of circular RNAs. Nat Rev Genet. (2019) 
20:675–1. doi: 10.1038/s41576-019-0158-7

 113. Hu K, Li NF, Li JR, Chen ZG, Wang JH, Sheng LQ. Exosome circCMTM3 
promotes angiogenesis and tumorigenesis of hepatocellular carcinoma through 
miR-3619-5p/SOX9. Hepatol Res. (2021) 51:1139–52. doi: 10.1111/hepr.13692

 114. Chen W, Quan Y, Fan S, Wang H, Liang J, Huang L, et al. Exosome-transmitted 
circular RNA hsa_circ_0051443 suppresses hepatocellular carcinoma progression. 
Cancer Lett. (2020) 475:119–8. doi: 10.1016/j.canlet.2020.01.022

https://doi.org/10.3389/fmed.2023.1218705
https://www.frontiersin.org/journals/medicine
https://www.frontiersin.org
https://doi.org/10.1136/bmjopen-2012-000825
https://doi.org/10.1136/bmjopen-2012-000825
https://doi.org/10.1186/s12885-019-6249-1
https://doi.org/10.1038/nm.3981
https://doi.org/10.1038/s41576-019-0158-7
https://doi.org/10.1111/hepr.13692
https://doi.org/10.1016/j.canlet.2020.01.022

	Liquid biopsy for early detection of hepatocellular carcinoma
	1. Hepatocellular carcinoma worldwide disease burden and current screening strategies
	2. Serum biomarkers for HCC screening
	3. Liquid biopsy for HCC early detection
	3.1. Cell free DNA for early diagnosis of HCC
	3.1.1. Methylation pattern in cfDNA
	3.1.2. cfDNA somatic mutations for HCC detection
	3.1.3. Cfdna fragmentome features to detect HCC
	3.2. Extracellular vesicles in liquid biopsies for early diagnosis of HCC

	4. Strengths and limitations of using liquid biopsy for early detection of HCC in clinical practice
	Author contributions

	References

