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Mammalian herbivores rely on microbial activities in an expanded gut chamber to convert plant biomass into absorbable nutrients. Distinct from ruminants, small herbivores typically have a simple stomach but an enlarged cecum to harbor symbiotic microbes; however, knowledge of this specialized gut structure and characteristics of its microbial contents is limited. Here, we used leaf-eating flying squirrels as a model to explore functional characteristics of the cecal microbiota adapted to a high-fiber, toxin-rich diet. Specifically, environmental conditions across gut regions were evaluated by measuring mass, pH, feed particle size, and metabolomes. Then, parallel metagenomes and metatranscriptomes were used to detect microbial functions corresponding to the cecal environment. Based on metabolomic profiles, >600 phytochemical compounds were detected, although many were present only in the foregut and probably degraded or transformed by gut microbes in the hindgut. Based on metagenomic (DNA) and metatranscriptomic (RNA) profiles, taxonomic compositions of the cecal microbiota were dominated by bacteria of the Firmicutes taxa; they contained major gene functions related to degradation and fermentation of leaf-derived compounds. Based on functional compositions, genes related to multidrug exporters were rich in microbial genomes, whereas genes involved in nutrient importers were rich in microbial transcriptomes. In addition, genes encoding chemotaxis-associated components and glycoside hydrolases specific for plant beta-glycosidic linkages were abundant in both DNA and RNA. This exploratory study provides findings which may help to form molecular-based hypotheses regarding functional contributions of symbiotic gut microbiota in small herbivores with folivorous dietary habits.
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INTRODUCTION

Mammals and their gut microbiota have co-evolved for millions of years, forming an interdependent, symbiotic relationship (Stevens and Hume, 1998; Ley et al., 2008; Leser and Molbak, 2009). Establishing a cooperative association is particularly crucial for mammalian herbivores, as they heavily rely on gut microbiota to convert plant biomass into absorbable nutrients (Wallace, 1992; Kamra, 2005; Deusch et al., 2017). To provide space for gut microbiota, mammalian herbivores typically have a complex digestive tract with an enlarged compartment (Hume, 1989). For example, ruminants (so-called “foregut fermenters”), have specialized stomach chambers to house microbes for hydrolyzing and fermenting plant fibers. In contrast, other herbivores have an enlarged chamber in the large intestine (“hindgut fermenters”) to store ingesta for microbial activities (Mackie, 2002). Specifically, small mammalian herbivores usually have a well-developed cecum with a capacity ~10 times that of their stomach (Manning et al., 1994; Campbell et al., 2000). More interestingly, their gut structure apparently has a special sorting mechanism at the ileal-cecal-colic junction, permitting fluid and fine particles (including microbes and fine plant debris) to be retained in the cecum, while concurrently allowing coarse dry matter to rapidly pass through the gut (Hume, 2002). Such digestive strategies are believed to satisfy energy demands of small mammalian herbivores with high mass-specific metabolic rates (Sakaguchi, 2003). However, in contrast to numerous studies on ruminants and ruminal microbiota (Brulc et al., 2009; Weimer, 2015; Mao et al., 2016; Deusch et al., 2017), much less is known about co-adaptation characteristics between small mammalian herbivores and their cecal microbiota.

In this study, the white-faced flying squirrel (Petaurista alborufus lena) inhabiting montane areas of Taiwan (Oshida et al., 2011) was selected as a target organism. We focused on a wild species, instead of domestic animals, as wild herbivores usually have a great challenge to gain sufficient energy from coarse plant material. Consequently, studies on their gut microbiota were expected to advance knowledge regarding microbial functional characteristics under specific host dietary preferences in natural habitats (Hird, 2017). Compared to other palatable plant-based dietary choices (such as seeds, fruits, and flowers), this flying squirrel species is of special consideration, because it is an arboreal obligate folivore, mainly feeding on leaf parts (including buds, petioles, young leaves, and mature leaves) of various broadleaf trees (Lee et al., 1986; Kuo and Lee, 2003). It occupies a unique feeding niche in treetops, escaping pressures of both competition and predation in forest floor ecosystems (Coley and Barone, 1996). However, since tree leaves often contain complex carbohydrates and secondary metabolites (i.e., plant defensive chemicals, such as flavonoids, alkaloids, and tannins; Mithofer and Boland, 2012), folivorous mammals must have an efficient digestive system to gather nutrients and concurrently avoid toxins from their leaf-based diets (Coley and Barone, 1996). These dual challenges may be overcome with multitudinous functions provided by gut microbiota (Kohl et al., 2014, 2016), which probably confer rapid dietary adaptation (Alberdi et al., 2016). It is noteworthy that this flying squirrel species has a large population in wide montane regions of Taiwan and East Asia (Smith and Johnston, 2016), which implies successful feeding strategies, including effective gut microbiota. Thus, the flying squirrel's cecal microbiota should be an ideal model to investigate microbial functional characteristics with regard to a high-fiber, toxin-rich diet.

Objectives were to elucidate anatomical/physiological characteristics of the flying squirrel's digestive system and functional characteristics of its cecal microbiota under a high-fiber and toxin-rich diet. In our previous study using 16S rRNA gene libraries to investigate spatial heterogeneity of the flying squirrel's gut microbiota (Lu et al., 2014), we reported that the cecum, an enlarged part of the gut, contained relatively high bacterial diversity. Here, we further investigated this specialized system, using multiple “meta-omic” approaches, including metabolomics, metagenomics and metatranscriptomics (Segata et al., 2013; Aguiar-Pulido et al., 2016). Although each meta-omic approach has been widely used alone, few studies have integrated multiple meta-omic data to understand animal-microbe interactions. In this study, functional features of the cecal microbiota were profiled with three meta-omic approaches; this enabled complementary confirmation of microbial activities (Segata et al., 2013; Aguiar-Pulido et al., 2016). Specifically, we used metabolomes to trace the metabolic fate of dietary compounds along the digestive tract, and also used parallel metagenomes and metatranscriptomes to detect discrepancies between existing genes (DNA level; potential functions) and expressed genes (RNA level; realized functions) of the cecal microbiota. These meta-omic data were also compared to open-access gut metagenomes from other mammals to reveal unique characteristics of the flying squirrel's cecal microbiota. Moreover, to provide a general understanding of this system, we measured mass, pH, and feed particle size throughout the gut, and included images of flying squirrel's skull and teeth, as well as microscopic features of cecal microorganisms (Figure 1). This exploratory study provides findings which may help to form molecular-based hypotheses regarding functional contributions of symbiotic gut microbiota in small herbivores with folivorous dietary habits.
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FIGURE 1. Digestive strategies of the leaf-eating flying squirrel. (A) White-faced flying squirrel (Petaurista alborufus lena) occupies a unique feeding niche in the treetop. (B) The skull structure (mouth with a broad gap) enables temporarily holding a large volume of tree leaves before chewing them. (C) Molars with multiple narrow folds on the crown enable tree leaves to be well chewed. (D) Anatomical/physiological characteristics (mean ± SD) of the four main gut compartments; note the extremely enlarged cecum which contained the majority of feed contents for microbial fermentation. (E–G) The cecum harbored large numbers of microorganisms that act on plant debris. Photo credits: (A) Hsueh-Chen Chen; (B,C) Ji-Fan Hsieh; and (E–G) Han-Chen Ho.



MATERIALS AND METHODS

Sample Collection

Five white-faced flying squirrels (Petaurista alborufus lena) were captured from the mountains of Taiwan. A wild animal collecting permit (No. 0990007029) was approved by Yushan National Park Headquarters, Taiwan. Animals were dissected immediately after death. All experiments were performed in accordance with the Wildlife Conservation Act (http://law.moj.gov.tw/Eng/LawClass/LawAll.aspx?PCode=M0120001). All five individuals were used for measurements of gut structure and feed contents, whereas three were used for the metabolomes and the remaining two were used for metagenomes/metatranscriptomes.

Gastrointestinal Anatomy and Physiology

The length and weight (with feed contents included) of the stomach, small intestine, cecum, and large intestine (i.e., four main gut compartments) were measured and reported (Lu et al., 2012). Here, we additionally examined the pH of feed contents. Moreover, to understand how plant-based diets were processed along the digestive tract, feed contents (~10 g from each gut compartment) were passed through the graded sieves (pore sizes: 4, 2, 1, 0.5, 0.25, and 0.125 mm) by wet-sieving (Clauss et al., 2002). Thereafter, feed particles of each size fraction (seven groups: > 4.0, 2–4, 1–2, 0.5–1, 0.25–0.5, 0.25–0.125, and <0.125 mm) were transferred onto a Petri dish, dried at 60°C for 24 h, and weighed after cooling to room temperature. Mean particle size of feed contents from each gut compartment was calculated by fitting a normal distribution (Fritz et al., 2009). Based on these measurements, we sketched the shape of the flying squirrel's digestive tract and marked physiologic characteristics of each gut compartment (Figure 1). In addition, for a visual image of gut microbes, feed contents from the cecum were fixed and observed with a Hitachi S-4700 field emission scanning electron microscope (FE-SEM). Specifically, specimens were pre-fixed with 2.5% glutaraldehyde in 0.1 M cacodylate buffer at 4°C, post-fixed with 1% osmium tetroxide in 0.1 M cacodylate buffer at room temperature, then dehydrated through a graded series of ethanol until they were in 100% ethanol, and then they were put into 100% acetone. Specimens were critical point dried, sputter coated with gold, and examined with a FE-SEM at 15 kV.

Construction of Metabolomes

For constructing metabolomes, feed contents from three individuals were frozen (−20°C), immediately after death. For each individual, a total of 15 samples from the stomach, small intestine, cecum, and large intestine (2, 5, 4, and 4, respectively; each ~0.5 g) were collected (Supplementary Figure 1). Each sample was homogenized with 3-fold distilled water for 5 min. The supernatant containing metabolites was retrieved by centrifugation (10,000 × g for 10 min) and mixed with 100% methanol (Sigma-Aldrich, CHROMASOLV®, for HPLC) at a ratio of 1:3, and repeated once. The supernatant was lyophilized and dissolved in 100 μl distilled water for metabolomic detection by liquid chromatography (LC)—electrospray ionization (ESI)—mass spectrometry (MS), composed of an ultra-performance LC (Ultimate 3000 RSLC, Dionex) coupled with an ESI source of quadrupled time-of-flight MS (maXis HUR-QToF system, Bruker Daltonics). Metabolites were separated by reversed-phase liquid chromatography on an HSS T3 C18 column (2.1 × 100 mm; Walters). The LC parameters were autosampler temperature at 4°C and injection volume of 10 μl with flow rate at 0.4 ml/min. Elution started from 99% mobile phase A (0.1% formic acid in pure water) and 1% mobile phase B (0.1% formic acid in ACN). Mobile phase B was held at 1% for 0.5 min, raised to 60% in 6 min, raised to 90% in 0.5 min and held for 1.5 min, and lowered to 1% in 5 min. Finally, the column was equilibrated by pumping 99% mobile phase A for 4 min. The LC–ESI–MS chromatograms were acquired by the following parameters: 190°C dry gas at 8 L/min flow rate, and 1.4 bar nebulizer gas with 4,500/3,500 capillary voltage for positive/negative ion modes. The m/z values in mass spectra were recorded for further data processing.

Metabolomic Profiles across Gut Compartments

Metabolomic data acquired from the LC–ESI–MS chromatograms were processed by TargetAnalysis (Version 1.1, Bruker Daltonics) and XCMS (Smith et al., 2006) with optimized parameters for Bruker Q-TOF mass spectrometer (Tautenhahn et al., 2008). Metabolites were identified by MetaboSearch (Zhou et al., 2012) and matched with theoretical m/z values against the Madison Metabolomics Consortium Database (Cui et al., 2008). Identified metabolites were further annotated according to the reference library of KEGG compounds (Hattori et al., 2003), with the tolerance of LC peaks within 0.3 min and signal intensities >1,000 counts. These compound annotations were used for profiling chemical environments of each gut compartment.

The overall similarity/dissimilarity among metabolomic profiles was assessed with Jaccard distance and displayed in an ordination diagram using principal coordinates analysis (PCoA), generated by the QIIME (Version 1.9) pipeline (Caporaso et al., 2010). Detected KEGG compounds were further grouped according to their chemical structures and cellular functions (Hattori et al., 2003), with an emphasis on the quantity and signal intensity of phytochemicals (leaf-derived compounds) across gut compartments. Multiple comparisons were done by ANOVA coupling with Scheffé's test, using “stats” and “agricolae” packages (Mendiburu, 2016) in R (R Development Core Team, 2016).

Finally, metabolomic data were compiled with metagenomic and metatranscriptomic data (described below) to detect potentially crucial functional reactions of cecal microbiota under the leaf-based diet.

Construction of Metagenomes and Metatranscriptomes

For constructing metagenomes and metatranscriptomes, feed contents from two individuals were collected immediately after death and placed in RNAlater solution (Ambion, Life Technologies). For each individual, samples from the cecum (Supplementary Figure 1, sites 8–11, each ~5 g) were pooled to represent the entire cecal microbiota. Total DNA and RNA were isolated using the AllPrep DNA/RNA Mini Kit (QIAGEN), according to manufacturer's instructions. Briefly, cecal contents were centrifuged (10,000 × g for 10 min) to remove RNAlater and re-suspended in lysis buffer (TE buffer with 5 mg/mL lysozyme) at room temperature for 5 min. After addition of RLT buffer (with beta-mercaptoethanol), lysate was homogenized by passing it 10 times through a 20-G needle with a 1-ml syringe. The DNA molecules were purified through an AllPrep DNA spin column, and RNA molecules (>200 bp, without small rRNAs and tRNAs) were isolated with an RNeasy spin column with DNase treatment (QIAGEN). Furthermore, 16S rRNAs and 23S rRNAs (typically accounting for >80% of total RNA molecules) were removed using a MICROBExpress™ Bacterial mRNA Enrichment Kit (Ambion, Life Technologies), according to the manufacturer's instructions. Quantity and quality of DNA and RNA samples were estimated using a NanoDrop 2000 Spectrophotometer (Thermo Scientific) and an Agilent 2100 bioanalyzer (Agilent Technologies).

Coupled DNA and RNA samples were subjected to shotgun sequencing on a GS-FLX Titanium system (Roche Life Science) for characterizing metagenomes and metatranscriptomes. For RNA samples, double-stranded cDNA libraries were constructed according to the cDNA Synthesis System Kit (Roche Life Science). The DNA and cDNA libraries were converted into single-stranded DNA fragments for sequencing using a GS-FLX Titanium Rapid Library Preparation Kit (Roche Life Science). Two full runs of shotgun sequencing were conducted. Sequence data were submitted to the NCBI Sequence Read Archive (SRA; BioProject accession PRJNA267179).

Metagenomic and Metatranscriptomic Profiles of Cecal Microbiota

Raw reads of metagenome (DNA-based) and metatranscriptome (RNA-based) sequences were filtered to remove exact duplicates (possible artifacts from emulsion PCR) using CD-hits (Li and Godzik, 2006), and low-quality parts (Phred quality < 25, N content > 3%, sequences < 100 bp) were trimmed using SeqClean (http://seqclean.sourceforge.net). After quality control, a total of 569,349 metagenome reads and 483,241 metatranscriptome reads (both with average length > 300 bp) were used for bioinformatic analyses. Potential rRNA sequences were identified using BLASTn (cut-off e-value < 1e-5, with > 90% alignment) against the SILVA (containing eukaryotic and prokaryotic ribosomal RNA sequences) database (Pruesse et al., 2007). Remaining non-rRNA sequences were considered as mRNA reads for protein-coding gene annotation. Detailed sequence statistical information is shown in Supplementary Table 1.

To provide taxonomic profiles of metagenomes and metatranscriptomes, putative mRNA reads were mapped to NCBI-nr (non-redundant protein database of National Center for Biotechnology Information) database (Sayers et al., 2012) using BLASTX (cut-off e-value < 1e-5) to identify potential taxonomic origins. Taxonomic classification of sequences was retrieved and summarized according to NCBI Taxonomy. For domain—and phylum-level taxonomic profiles, all significant hits (cut-off e-value < 1e-5) were considered. For fine-level taxonomic identification, minimum identity thresholds of amino acid sequences were further restricted at 45 and 65% for family- and genus-level taxonomic groups, respectively (Konstantinidis et al., 2017).

To provide functional profiles of metagenomes and metatranscriptomes, FragGeneScan (Rho et al., 2010) based on the hidden Markov model was used to predict open reading frames (ORFs) on putative mRNA reads. The ORFs were queried to identify conserved protein families and domains with amino acid sequences against: (1) COG (Clusters of Orthologous Groups of proteins) database (Galperin et al., 2015); (2) Pfam (Protein families) database (Finn et al., 2016); and (3) KEGG (Kyoto Encyclopedia of Genes and Genomes) database (Kanehisa and Goto, 2000). Specifically, COG annotation was performed using a reverse position-specific BLAST algorithm (RPS-BLAST, cut-off e-value < 1e-5) against NCBI COG database (latest update 2017/3/28). Pfam annotation was performed using a HMMER3 (cut-off e-value < 1e-5) against Pfam database (version 31.0). In addition, to focus on carbohydrate-degrading enzymes, glycoside hydrolases (GHs) were determined according to correspondence between Pfam and CAZy (Carbohydrate-Active enZYmes; Cantarel et al., 2009). KEGG Orthology (KO) annotation was performed using KEGG GhostKOALA (Kanehisa et al., 2016), which is designed for metagenome sequences. Moreover, to reconstruct potentially crucial functional reactions conducted by the cecal microbiota, compounds, and genes detected in the metabolome, metagenome, or metatranscriptome were all mapped to KEGG modules (Takami et al., 2012) and pathways (Hattori et al., 2003).

To evaluate individual variation, Pearson correlation coefficients (r) were used to assess degree of similarity between results derived from two flying squirrel individuals, using the “stats” package of R (R Development Core Team, 2016).

Meta-Analysis of Mammalian Gut Metagenomes

To provide an overview of functional characteristics of mammalian gut microbiota, in addition to 2 metagenome datasets from the flying squirrel's cecum, 4 metagenome datasets from cow's rumen (Brulc et al., 2009), and 39 metagenome datasets from fecal samples of zoo mammals (Muegge et al., 2011) were downloaded and analyzed. All datasets were processed with the same procedures for the ORF prediction and functional annotation, as mentioned above. Overall similarity/dissimilarity of mammalian gut metagenomes was assessed with Bray-Curtis dissimilarity and displayed in an ordination diagram using nonmetric multidimensional scaling (NMDS). An ANOSIM was done to determine whether there were significant differences in functional profiles (based on COG or Pfam) among five metagenome groups (i.e., flying squirrel's cecum, cow's rumen, zoo carnivores' feces, zoo omnivores' feces, and zoo herbivores' feces). Moreover, we performed a Kruskal-Wallis test with a threshold of adjusted p-value (FDR) <0.05 to assess significant gene families and detect different relative abundances among the five metagenome groups. Then, Dunn's test was used as a post-hoc procedure for pairwise multiple comparisons to detect the uniqueness of the flying squirrel's cecal metagenome, compared to all other gut metagenomes. Those statistical assessments were conducted using “vegan” (Oksanen et al., 2017), “RVAideMemoire” (Hervé, 2017), and “stats” packages in R (R Development Core Team, 2016).

RESULTS

Anatomical/Physiological Characteristics of the Flying Squirrel's Digestive System

The leaf-eating flying squirrel (Figure 1A) had a skull and molars (Figures 1B,C) that were specialized, facilitating mastication of tree leaves. In addition, shape and size both varied substantially across four main gut compartments, with the cecum being the largest chamber (Figure 1D). The pH of feed contents also differed among gut chambers (Figure 1D), with stomach contents having a relatively low pH (4-5), small intestine contents being slightly alkaline (pH 7-8), and contents in the cecum and large intestine being mildly acidic (both pH 6-7). Regarding feed particle sizes (Figure 1D and Supplementary Figure 2), feed particles in the stomach were already fine (on average, ~1.5 mm). Nevertheless, compared to dry and coarse fibers present in the stomach, feed contents in the cecum were even finer (on average, ~0.6 mm) with a sludge-like texture (Supplementary Figure 3). Moreover, in microscopic evaluation of cecal contents, various microbial cells were closely attached to plant debris (Figures 1E–G).

Metabolomic Compositions across the Flying Squirrel's Gut Compartments

Based on LC–ESI–MS metabolomic profiles, each gut compartment contained its own unique compound composition in feed contents, with clear differences between samples from the upper (stomach and small intestine) vs. lower (cecum and large intestine) portions of the digestive tract (Figure 2). Overall, there were ~600 phytochemicals (mainly leaf-derived metabolites) detected among all gut samples. Several phytochemicals (~20%) were present only in the stomach and small intestine, with relatively fewer phytochemicals detected in the cecum and large intestine (Figure 3), especially flavonoids, phenylpropanoids, and polyketides (Figures 3D–F). Moreover, considering the relative intensity of those detected phytochemicals, their signal intensities were also much lower in the hindgut than in the foregut (Supplementary Figure 4).
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FIGURE 2. PCoA plot of metabolomic compositions revealing distinct chemical environments across gut compartments of the flying squirrel (N = 3). For each individual, 2, 5, 4, and 4 metabolomic samples were collected from the stomach, small intestine, cecum, and large intestine, respectively (see Figure S1 for details).
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FIGURE 3. Numbers of phytochemical compounds determined across gut compartments of the flying squirrel (N = 3), for (A) entire group of phytochemicals or (B–F) each subgroup. a–cColumns without a common letter differed (P < 0.05); error bars are standard error of the mean (SEM) for number of compounds detected within each gut region.



Metagenomes and Metatranscriptomes of the Flying Squirrel's Cecal Microbiota

Based on the annotation of protein-coding sequences, at both DNA and RNA levels, cecal microbiota were dominated by bacteria (average, 97.94% of DNA reads and 88.24% of RNA reads; Supplementary Table 2), followed by eukaryotes (0.77 and 11.37%), archaea (0.46 and 0.11%), and viruses (0.09 and 0.03%). Targeting bacterial composition, the phylum Firmicutes was extremely abundant in both metagenomes (~90%) and metatranscriptomes (~85%), with Actinobacteria, Proteobacteria, Bacteroidetes constituting only a small fraction (Supplementary Table 3). At a genus level, 577 bacterial taxa were detected, whereas only 30 taxa contained >0.5% reads in any library (Figure 4). Among these abundant genera, Clostridium, Ruminococcus, and Eubacterium (all belonging to Firmicutes) were the top three in all libraries, contributing to the majority (up to 50%) of annotated protein-coding genes in the cecal metagenome and metatranscriptome.
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FIGURE 4. Genus-level taxonomic compositions of metagenomes (DNA-level) and metatranscriptomes (RNA-level) of cecal microbiota from two flying squirrels (FS1 and FS2). Top 30 abundant genera that constituted >0.5% in either library are shown, with their phyla in parentheses.



According to the COG annotation (Figure 5 and Supplementary Figure 5), functional gene families had distinct abundance patterns at DNA and RNA levels. Specifically, the most abundant COG in the cecal metagenome was assigned to the ABC-type multidrug exporter component (COG1132; involved in defense mechanisms; representing ~2% of hits; Figure 5). By contrast, the most abundant COG in the cecal metatranscriptome was assigned to the flagellin protein (COG1344; involved in cell motility), followed by several ABC-type sugar importer components (e.g., COG3839; involved in carbohydrate transport and metabolism). In addition, ABC-type importer components for short peptides (e.g., COG0747, involved in amino acid transport and metabolism) also had relatively high abundances at the RNA level.
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FIGURE 5. Abundance distributions of COGs in metagenomes (DNA-level) and metatranscriptomes (RNA-level) of cecal microbiota from two flying squirrels (FS1 and FS2). Only abundant COGs that constituted >0.5% in either library are shown.



Contrasting functional gene profiles in the metatranscriptome vs. metagenome were also revealed by KEGG annotation (Figure 6 and Supplementary Figure 6), with distinct types of membrane transport components dominant at RNA—vs. DNA-levels, similar to COG results (Figures 5, 6). In combination with metabolomic data, we identified KEGG pathways with high coverage of KOs and relevant compounds, including pathways involved in substrate-induced cell motility (i.e., bacterial chemotaxis and flagellar assembly; Supplementary Figures 7, 8) and pathways for biosynthesis of cellular components from plant-sourced nutrients (e.g., cellobiose, xylose, and arabinose were transported into bacterial cells and converted into other macromolecules, such as amino acids, nucleotides, and peptidoglycans; Supplementary Figures 9–16).
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FIGURE 6. Abundance distributions of KOs in metagenomes (DNA-level) and metatranscriptomes (RNA-level) of cecal microbiota from two flying squirrels (FS1 and FS2). Only abundant KOs that constituted >0.5% in either library are shown.



Among those abundantly detected COGs and KOs (Figures 5, 6), it was notable that apart from ABC-type transport systems and genes associated with “housekeeping functions” (such as DNA gyrases, RNA polymerases, and translation elongation factors), one particular carbohydrate-degrading enzyme, beta-glucosidase (COG1472 or K05349), had high abundance in both metagenomes (~0.5%) and metatranscriptomes (~1.0%). To better characterize diversity of carbohydrate-degrading enzymes, we focused on glycoside hydrolase (GH) groups, based on the Pfam annotation. A total of 60 GH groups were detected at the DNA level, of which, 39 GH groups were also detected at the RNA level (Supplementary Table 4). According to enzymatic activities of those GH groups, diverse carbohydrate-degrading genes specific for beta-glycosidic linkages in plant polysaccharides / oligosaccharides were detected in the cecal metagenome and metatranscriptome (Figure 7). Among them, GH3 was the most abundant group at both DNA and RNA levels. Moreover, compared to the DNA-level background, GH9, GH48, GH43, and GH53 were enriched at the RNA level (Figure 7).
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FIGURE 7. Glycoside hydrolases (GHs) detected in metagenomes (DNA-level) and metatranscriptomes (RNA-level) of cecal microbiota from two flying squirrels (FS1 and FS2). Only abundant GHs that constituted >0.05% in either library are shown.



Basically, taxonomic and functional profiles from individuals (FS1 and FS2) were comparable (Figures 4–7), with a high similarity (r > 0.9 and P < 0.01) for either metagenomes or metatranscriptomes.

Meta-Analysis of Mammalian Gut Metagenomes

To provide an overview of functional characteristics of mammalian gut microbiota, in addition to 2 metagenomes from the flying squirrel's cecum, we conducted a meta-analysis on mammalian gut metagenomes with published datasets (including four datasets from the cow's rumen, and 39 datasets from fecal samples of zoo carnivores/omnivores/herbivores). Functional gene compositions based on the COG annotation (Figure 8) demonstrated that: (1) functional profiles of cecal metagenomes and ruminal metagenomes were distinct from those based on fecal samples; and (2) functional profiles of cecal metagenomes were also distinct from those of ruminal metagenomes. Similar functional relationships were obtained based on the Pfam annotation (Supplementary Figure 17).
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FIGURE 8. NMDS plot based on COG compositions, revealing functional similarity / dissimilarity among mammalian gut metagenomes. In addition to two datasets from the flying squirrel (FS) cecum of this study, publicly available gut metagenomes, including four datasets from the cow's rumen and 39 datasets from the fecal samples of zoo mammals (categorized by diets: carnivore, omnivore, and herbivore), were included for comparison.



To reveal unique functional characteristics of the flying squirrel's cecal microbiota, we conducted statistical tests among 5 metagenome groups (i.e., flying squirrel's cecum, cow's rumen, zoo carnivores' feces, zoo omnivores' feces, and zoo herbivores' feces). In comparisons based on relative abundances of COG functional categories, many categories had significant differences among 5 metagenome groups (Supplementary Table 5). Moreover, post-hoc pairwise comparisons focusing on specific differences between the flying squirrel's cecum and the other four groups (Supplementary Table 6) indicated that, despite several significant pairs, the flying squirrel's cecum had clear differences from all other groups in one particular category, namely defense mechanisms (V). Specifically, compared to other mammalian gut metagenomes, the flying squirrel's cecal metagenome contained a significantly higher percentage of gene function involved in defense mechanisms (Supplementary Table 5), especially for those COG gene families assigned to multidrug efflux pumps (Supplementary Table 7).

In addition, in a comparison of glycoside hydrolase (GH) groups among all 5 metagenome groups, the flying squirrel's cecal metagenome contained relatively high levels of GH3, GH43, and GH53 (Supplementary Table 8); those GH groups were specific for degradation of oligosaccharides and were actually enriched in cecal metatranscriptions (Figure 7).

DISCUSSION

In this study, we demonstrated specialized digestive strategies of the white-faced flying squirrel (Petaurista alborufus lena), including powerful molars to facilitate mastication of tree leaves and an extended cecum to store ingesta for microbial activities (Figure 1). Notably, size distribution of feed particles in the large intestine was more similar to that in the stomach than in the cecum (Figure 1D and Supplementary Figure 2), indicating that some large feed particles might go directly to the large intestine (bypassing the cecum), corresponding to the description of specialized sorting at the ileal-cecal-colic junction in small herbivores (Sakaguchi, 2003). Overall, based on these anatomical/physiological characteristics, we inferred that transformation of dietary compounds into absorbable nutrients would primarily be conducted in the cecum with the aid of microbial activities.

Based on mass spectrometry to detect metabolites in feed contents, distinct gut compartments contained various types/levels of compounds (Figure 2). More importantly, many phytochemicals (leaf-derived compounds) were present only in the stomach and small intestine, but were not detected in the cecum and large intestine (Figure 3). We inferred that those phytochemicals were likely released from plant cells following exposure to a low pH and enzymes in the foregut, and later degraded or transformed by gut microbes in the hindgut (Deprez et al., 2000; Williamson et al., 2000). Some phytochemicals with sugar moieties could be used by gut microbes (Cardona et al., 2013), as a key factor structuring symbiotic microbial communities (Patra and Saxena, 2009; Laparra and Sanz, 2010; Ni et al., 2015). However, many phytochemical derivatives might be unwanted by bacterial cells (Cowan, 1999). We found that the flying squirrel's cecal metagenome contained various types of multidrug exporter genes with high abundances (Figures 5, 6), which may enable gut microbes to confer resistance to leaf-derived compounds or host-defense molecules (Neyfakh, 1997; Putman et al., 2000; Piddock, 2006). Alternatively, those efflux pumps may have other roles relevant to bacterial behavior in the cecal environment, such as quorum sensing and cell motility (Martinez et al., 2009; Buckner et al., 2016). Further studies are required to determine targets and roles of those genes.

Based on metagenomes and metatranscriptomes, the flying squirrel's cecal microbial communities were exceedingly dominated by bacterial Firmicutes taxa, including diverse genera (Figure 4). These taxonomic profiles based on protein-coding sequences were consistent with our previous results based on 16S rRNA gene sequences (Lu et al., 2014), suggesting that these Firmicutes taxa in general have adapted to the flying squirrel's cecum and contribute to major microbial activities in the gut environment.

We detected up to 60 types of glycoside hydrolases in the flying squirrel's cecal metagenome (Supplementary Table 4). This high diversity of GH groups was comparable to the diversity detected in other mammalian herbivores (Brulc et al., 2009; Flint et al., 2012; Wang et al., 2013; Jose et al., 2017), whereas detailed combinations and relative abundances of GH groups seemed to differ among animals with distinct gut structures and dietary preferences (Supplementary Table 8). For example, there were relatively high abundances of GH3, GH43, and GH53 in the flying squirrel's cecal metagenome, with even enriched levels in the cecal metatranscriptome (Figure 8). Despite different substrate specificities, these three dominant GH groups are involved in the degradation of beta-linkage oligosaccharides (Cantarel et al., 2009), releasing various monosaccharides. It is noteworthy that these GH enzymes may also have important roles in the degradation of phytochemicals (Deprez et al., 2000; Williamson et al., 2000), especially phenolic metabolites (e.g., flavonoids) that typically contain a sugar glycosidic linkage. That probably accounted for decreasing flavonoid compounds in the cecum (Figure 3). More importantly, those GH sequences contained a high nucleotide variation, and in fact, were assigned to various bacterial taxa (mostly belonging to Firmicutes, as listed in Figure 4), suggesting the importance of those enzymatic activities for microbes living in the flying squirrel's cecum.

In addition to carbohydrate-degrading ability (Figure 8), several genes involved in ABC-type sugar importers (Supplementary Figure 9) were detected in the flying squirrel's cecal microbiota, with many up-regulated at the RNA level (Figures 5, 6). Based on these findings, we inferred that the cecal microbiota may have a substantial ability to quickly transport simple sugars into cells, after investing enzymes for hydrolyzing plant fibers into monosaccharides (Figure 9; upper part). Moreover, pathways involved in substrate-induced cell motility (Di Paola et al., 2004), including chemotaxis signaling (Supplementary Figure 7) and flagellar structure (Supplementary Figure 8), were detected in both metagenomes and metatranscriptomes, indicating directional cell movement (i.e., sensing the gradient of surrounding nutrients and moving toward stimulatory chemicals; Figure 9; top to bottom of left side) were likely important for cecal microbiota. Notably, chemotaxis signaling and ABC-type transport systems have overlapping components (Figure 9; upper part); that is, the substrate-binding proteins of the ABC-type imports (Supplementary Figure 9) also mediate environmental stimuli for chemotaxis receptors (i.e., methyl-accepting chemotaxis protein, MCP; Supplementary Figure 7; Neumann et al., 2010). Thus, when sugar-binding genes were highly expressed (Figures 5, 6), it may not only allow microbes to quickly import sugars but also assist them to move toward sugar-rich microhabitats, thereby optimizing sugar acquisition in the cecum.


[image: image]

FIGURE 9. Diagrammatic illustration of potentially crucial microbial functions in the flying squirrel's cecum, based on genes and compounds detected in the metagenome, metatranscriptome, and metabolome. From top to bottom: simple sugars were transported into microbial cells through various ABC importers, and subsequently fermented into short-chain fatty acids. Meanwhile, substrate-binding components of ABC importers were also involved in chemotaxis signaling, enabling bacteria to move toward higher concentrations of sugars by flagellar motility. Left: ABC exporters involved in defense mechanisms may enable gut microbes to export toxic phytochemical derivatives.



After being transported into the bacterial cell, sugar monomers (such as glucose, xylose, and arabinose) would be fermented into short-chain fatty acids (e.g., butyrate, acetate, and propionate) and subsequently converted into other cellular components (Figure 9; top to bottom of right side). In the cecal metagenome and metatranscriptome, pathways regarding pentose and glucuronate interconversions (Supplementary Figure 10), energy generating from sugar fermentation (Supplementary Figures 11, 12), and biosynthesis of various macromolecules (Supplementary Figures 13–16) were well-represented, indicating that plant-sourced sugars could be efficiently transformed into bacterial biomass in the flying squirrel's cecum, with adequate fermentation end-products to meet host requirements (Bergman, 1990; Stevens and Hume, 1998).

Our interpretation about functional characteristics of the cecal microbiota was based on the consistent patterns of two flying squirrel individuals, which may not be enough to robustly demonstrate how symbiotic microbes respond to unique environmental conditions in the cecum. Nevertheless, this study pointed out the importance of investigations into gut microbiota of small mammalian herbivores. Future research focusing on more individuals from leaf-eating flying squirrels and other small mammalian herbivores is demanded to capture the functional uniqueness of the cecal microbiota, considering different feeding adaptations and gut structures of large vs. small mammalian herbivores (Stevens and Hume, 1995; Mackie, 2002).

In the present study, we delineated anatomical/physiological characteristics of the flying squirrel's digestive system (Figure 1) and demonstrated functional characteristics of cecal microbiota based on multiple meta-omic data, including metabolomic profiles (Figures 2, 3) and parallel metagenome-metatranscriptome profiles (Figures 4–8). Here, we summarize crucial metabolic capacities of the flying squirrel's cecal microbiota (Figure 9), including the ability to: (1) secrete various glycoside hydrolases to degrade plant fibers into simple sugars; (2) transport simple sugars into the cells while also moving toward sugar-rich microhabitats; and (3) ferment sugars into short-chain fatty acids to generate energy for synthesizing amino acids and nucleotides. Moreover, compared to other mammalian gut metagenomes, the cecal metagenome of the flying squirrel tends to contain more multidrug exporter genes, which may enable gut microbes to export leaf-derived compounds. This study provided a molecular basis to promote understanding functional characteristics of symbiotic gut microbiota of small mammals with folivorous dietary habits in the wild.

DATA ACCESSIBILITY

NCBI Sequence Read Archive: SRX2118787—SRX2118794.

AUTHOR CONTRIBUTIONS

H-PL, P-YL, and H-TY conceived the study design and collected samples; H-PL, P-YL, J-FH, S-WH, and H-CH conducted experiments; H-PL, P-YL, YW, and C-YL conducted bioinformatics analyses; H-PL, CH, and H-TY wrote the first draft. All authors contributed to data interpretation and preparation of the final manuscript. All authors reviewed and approved the final manuscript.

ACKNOWLEDGMENTS

We acknowledge helpful comments from Manyuan Long and Jer-Horng Wu. We thank the Metabolomics Core (TCX-D800) and Geen-Dong Chang for his help in spectrometry analysis, Technology Commons in College of Life Science and Center for Systems Biology (NTU, Taiwan) for conducting liquid chromatography-mass spectrometry (LC-MS). We thank the Genome Research Center in National Yang-Ming University for sequencing. This work was supported by the Ministry of Science 1245 and Technology, Taiwan (MOST 1032311B002001 and 1062633B006004).

SUPPLEMENTARY MATERIAL

The Supplementary Material for this article can be found online at: https://www.frontiersin.org/articles/10.3389/fmicb.2017.02622/full#supplementary-material

REFERENCES

 Aguiar-Pulido, V., Huang, W., Suarez-Ulloa, V., Cickovski, T., Mathee, K., and Narasimhan, G. (2016). Metagenomics, metatranscriptomics, and metabolomics approaches for microbiome analysis. Evol. Bioinform. Online 12, 5–16. doi: 10.4137/EBO.S36436

 Alberdi, A., Aizpurua, O., Bohmann, K., Zepeda-Mendoza, M. L., and Gilbert, M. T. P. (2016). Do vertebrate gut metagenomes confer rapid ecological adaptation? Trends Ecol. Evol. 31, 689–699. doi: 10.1016/j.tree.2016.06.008

 Bergman, E. N. (1990). Energy contributions of volatile fatty acids from the gastrointestinal tract in various species. Physiol. Rev. 70, 567–590.

 Brulc, J. M., Antonopoulos, D. A., Miller, M. E. B., Wilson, M. K., Yannarell, A. C., Dinsdale, E. A., et al. (2009). Gene-centric metagenomics of the fiber-adherent bovine rumen microbiome reveals forage specific glycoside hydrolases. Proc. Natl. Acad. Sci. U.S.A. 106, 1948–1953. doi: 10.1073/pnas.0806191105

 Buckner, M. M. C., Blair, J. M. A., La Ragione, R. M., Newcombe, J., Dwyer, D. J., Ivens, A., et al. (2016). Beyond antimicrobial resistance: evidence for a distinct role of the AcrD efflux pump in Salmonella biology. mBio 7:e01916-16. doi: 10.1128/mBio.01916-16

 Campbell, J. L., Eisemann, J. H., Williams, C. V., and Glenn, K. M. (2000). Description of the gastrointestinal tract of five lemur species: Propithecus tattersalli, Propithecus verreauxi coquereli, Varecia variegata, Hapalemur griseus, and Lemur catta. Am. J. Primatol. 52, 133–142. doi: 10.1002/1098-2345(200011)52:3<133::AID-AJP2>3.0.CO;2-#

 Cantarel, B. L., Coutinho, P. M., Rancurel, C., Bernard, T., Lombard, V., and Henrissat, B. (2009). The carbohydrate-active enzymes database (CAZy): an expert resource for glycogenomics. Nucleic Acids Res. 37, D233–D238. doi: 10.1093/nar/gkn663

 Caporaso, J. G., Kuczynski, J., Stombaugh, J., Bittinger, K., Bushman, F. D., Costello, E. K., et al. (2010). QIIME allows analysis of high-throughput community sequencing data. Nat. Methods 7, 335–336. doi: 10.1038/nmeth.f.303

 Cardona, F., Andres-Lacueva, C., Tulipani, S., Tinahones, F. J., and Queipo-Ortuno, M. I. (2013). Benefits of polyphenols on gut microbiota and implications in human health. J. Nutr. Biochem. 24, 1415–1422. doi: 10.1016/j.jnutbio.2013.05.001

 Clauss, M., Lechner-Doll, M., and Streich, W. J. (2002). Faecal particle size distribution in captive wild ruminants: an approach to the browser/grazer dichotomy from the other end. Oecologia 131, 343–349. doi: 10.1007/s00442-002-0894-8

 Coley, P. D., and Barone, J. A. (1996). Herbivory and plant defenses in tropical forests. Annu. Rev. Ecol. Syst. 27, 305–335. doi: 10.1146/annurev.ecolsys.27.1.305

 Cowan, M. M. (1999). Plant products as antimicrobial agents. Clin. Microbiol. Rev. 12, 564–582.

 Cui, Q., Lewis, I. A., Hegeman, A. D., Anderson, M. E., Li, J., Schulte, C. F., et al. (2008). Metabolite identification via the madison metabolomics consortium database. Nat. Biotechnol. 26, 162–164. doi: 10.1038/nbt0208-162

 Deprez, S., Brezillon, C., Rabot, S., Philippe, C., Mila, I., Lapierre, C., et al. (2000). Polymeric proanthocyanidins are catabolized by human colonic microflora into low-molecular-weight phenolic acids. J. Nutr. 130, 2733–2738.

 Deusch, S., Camarinha-Silva, A., Conrad, J., Beifuss, U., Rodehutscord, M., and Seifert, J. (2017). A structural and functional elucidation of the rumen microbiome influenced by various diets and microenvironments. Front. Microbiol. 8:1605. doi: 10.3389/fmicb.2017.01605

 Di Paola, V., Marijuan, P. C., and Lahoz-Beltra, R. (2004). Learning and evolution in bacterial taxis: an operational amplifier circuit modeling the computational dynamics of the prokaryotic ‘two component system’ protein network. Biosystems. 74, 29–49. doi: 10.1016/j.biosystems.2004.01.003

 Finn, R. D., Coggill, P., Eberhardt, R. Y., Eddy, S. R., Mistry, J., Mitchell, A. L., et al. (2016). The Pfam protein families database: towards a more sustainable future. Nucleic Acids Res. 44, D279–D285. doi: 10.1093/nar/gkv1344

 Flint, H. J., Scott, K. P., Duncan, S. H., Louis, P., and Forano, E. (2012). Microbial degradation of complex carbohydrates in the gut. Gut Microbes 3, 289–306. doi: 10.4161/gmic.19897

 Fritz, J., Hummel, J., Kienzle, E., Arnold, C., Nunn, C., and Clauss, M. (2009). Comparative chewing efficiency in mammalian herbivores. Oikos 118, 1623–1632. doi: 10.1111/j.1600-0706.2009.17807.x

 Galperin, M. Y., Makarova, K. S., Wolf, Y. I., and Koonin, E. V. (2015). Expanded microbial genome coverage and improved protein family annotation in the COG database. Nucleic Acids Res. 43, D261–D269. doi: 10.1093/nar/gku1223

 Hattori, M., Okuno, Y., Goto, S., and Kanehisa, M. (2003). Development of a chemical structure comparison method for integrated analysis of chemical and genomic information in the metabolic pathways. J. Am. Chem. Soc. 125, 11853–11865. doi: 10.1021/ja036030u

 Hervé, M. (2017). RVAideMemoire: Testing and Plotting Procedures for Biostatistics. R package version 0.9–68.

 Hird, S. M. (2017). Evolutionary biology needs wild microbiomes. Front. Microbiol. 8:725. doi: 10.3389/fmicb.2017.00725

 Hume, I. D. (1989). Optimal digestive strategies in mammalian herbivores. Physiol. Zool. 62, 1145–1163. doi: 10.1086/physzool.62.6.30156206

 Hume, I. D. (2002). Digestive strategies of mammals. Acta Zool. Sin. 48, 1–19.

 Jose, V. L., More, R. P., Appoothy, T., and Arun, A. S. (2017). In depth analysis of rumen microbial and carbohydrate-active enzymes profile in Indian crossbred cattle. Syst. Appl. Microbiol. 40, 160–170. doi: 10.1016/j.syapm.2017.02.003

 Kamra, D. N. (2005). Rumen microbial ecosystem. Curr. Sci. 89, 124–135. doi: 10.1007/978-94-009-1453-7

 Kanehisa, M., and Goto, S. (2000). KEGG: kyoto encyclopedia of genes and genomes. Nucleic Acids Res. 28, 27–30. doi: 10.1093/nar/28.1.27

 Kanehisa, M., Sato, Y., and Morishima, K. (2016). BlastKOALA and GhostKOALA: KEGG tools for functional characterization of genome and metagenome sequences. J. Mol. Biol. 428, 726–731. doi: 10.1016/j.jmb.2015.11.006

 Kohl, K. D., Stengel, A., and Dearing, M. D. (2016). Inoculation of tannin-degrading bacteria into novel hosts increases performance on tannin-rich diets. Environ. Microbiol. 18, 1720–1729. doi: 10.1111/1462-2920.12841

 Kohl, K. D., Weiss, R. B., Cox, J., Dale, C., and Dearing, M. D. (2014). Gut microbes of mammalian herbivores facilitate intake of plant toxins. Ecol. Lett. 17, 1238–1246. doi: 10.1111/ele.12329

 Konstantinidis, K. T., Rossello-Mora, R., and Amann, R. (2017). Uncultivated microbes in need of their own taxonomy. ISME J. 11, 2399–2406. doi: 10.1038/ismej.2017.113

 Kuo, C. C., and Lee, L. L. (2003). Food availability and food habits of Indian giant flying squirrels (Petaurista philippensis) in Taiwan. J. Mammal. 84, 1330–1340. doi: 10.1644/BOS-039

 Laparra, J. M., and Sanz, Y. (2010). Interactions of gut microbiota with functional food components and nutraceuticals. Pharmacol. Res. 61, 219–225. doi: 10.1016/j.phrs.2009.11.001

 Lee, P., Progulske, D., and Lin, Y. (1986). Ecological studies on two sympatric Petaurista species in Taiwan. Bull. Inst. Zool. Acad. Sin. 25, 113–124.

 Leser, T. D., and Molbak, L. (2009). Better living through microbial action: the benefits of the mammalian gastrointestinal microbiota on the host. Environ. Microbiol. 11, 2194–2206. doi: 10.1111/j.1462-2920.2009.01941.x

 Ley, R. E., Hamady, M., Lozupone, C., Turnbaugh, P. J., Ramey, R. R., Bircher, J. S., et al. (2008). Evolution of mammals and their gut microbes. Science 320, 1647–1651. doi: 10.1126/science.1155725

 Li, W., and Godzik, A. (2006). Cd-hit: a fast program for clustering and comparing large sets of protein or nucleotide sequences. Bioinformatics 22, 1658–1659. doi: 10.1093/bioinformatics/btl158

 Lu, H. P., Lai, Y. C., Huang, S. W., Chen, H. C., Hsieh, C. H., and Yu, H. T. (2014). Spatial heterogeneity of gut microbiota reveals multiple bacterial communities with distinct characteristics. Sci. Rep. 4:6185. doi: 10.1371/journal.pone.0163720

 Lu, H. P., Wang, Y. B., Huang, S. W., Lin, C. Y., Wu, M., Hsieh, C. H., et al. (2012). Metagenomic analysis reveals a functional signature for biomass degradation by cecal microbiota in the leaf-eating flying squirrel (Petaurista alborufus lena). BMC Genomics 13:466. doi: 10.1186/1471-2164-13-466

 Mackie, R. I. (2002). Mutualistic fermentative digestion in the gastrointestinal tract: diversity and evolution. Integr. Comp. Biol. 42, 319–326. doi: 10.1093/icb/42.2.319

 Manning, P. J., Ringler, D. H., and Newcomer, C. E. (1994). The Biology of the Laboratory Rabbit. San Diego, CA: Academic Press.

 Mao, S. Y., Huo, W. J., and Zhu, W. Y. (2016). Microbiome-metabolome analysis reveals unhealthy alterations in the composition and metabolism of ruminal microbiota with increasing dietary grain in a goat model. Environ. Microbiol. 18, 525–541. doi: 10.1111/1462-2920.12724

 Martinez, J. L., Sanchez, M. B., Martinez-Solano, L., Hernandez, A., Garmendia, L., Fajardo, A., et al. (2009). Functional role of bacterial multidrug efflux pumps in microbial natural ecosystems. FEMS Microbiol. Rev. 33, 430–449. doi: 10.1111/j.1574-6976.2008.00157.x

 Mendiburu, F. D. (2016). Agricolae: Statistical Procedures for Agricultural Research. R package version 1.2–4.

 Mithofer, A., and Boland, W. (2012). Plant defense against herbivores: chemical aspects. Annu. Rev. Plant Biol. 63, 431–450. doi: 10.1146/annurev-arplant-042110-103854

 Muegge, B. D., Kuczynski, J., Knights, D., Clemente, J. C., Gonzalez, A., Fontana, L., et al. (2011). Diet drives convergence in gut microbiome functions across mammalian phylogeny and within humans. Science 332, 970–974. doi: 10.1126/science.1198719

 Neumann, S., Hansen, C. H., Wingreen, N. S., and Sourjik, V. (2010). Differences in signalling by directly and indirectly binding ligands in bacterial chemotaxis. EMBO J. 29, 3484–3495. doi: 10.1038/emboj.2010.224

 Neyfakh, A. A. (1997). Natural functions of bacterial multidrug transporters. Trends Microbiol. 5, 309–313. doi: 10.1016/S0966-842X(97)01064-0

 Ni, Y. Q., Li, J., and Panagiotou, G. (2015). A molecular-level landscape of diet-gut microbiome interactions: toward dietary interventions targeting bacterial genes. mBio 6:e01263-15. doi: 10.1128/mBio.01263-15

 Oksanen, J., Blanchet, F. G., Friendly, M., Kindt, R., Legendre, P., McGlinn, D., et al. (2017). Vegan: Community Ecology Package. R package version 2.4–4.

 Oshida, T., Lin, L.-K., Chang, S.-W., Chen, Y.-J., and Lin, J.-K. (2011). Phylogeography of two sympatric giant flying squirrel subspecies, Petaurista alborufus lena and P. philippensis grandis (Rodentia: Sciuridae), in Taiwan. Biol. J. Linn. Soc. 102, 404–419. doi: 10.1111/j.1095-8312.2010.01576.x

 Patra, A. K., and Saxena, J. (2009). Dietary phytochemicals as rumen modifiers: a review of the effects on microbial populations. Anton. Van Leeuwenhoek Int. J. Gen. Mol. Microbiol. 96, 363–375. doi: 10.1007/s10482-009-9364-1

 Piddock, L. J. (2006). Multidrug-resistance efflux pumps - not just for resistance. Nat. Rev. Microbiol. 4, 629–636. doi: 10.1038/nrmicro1464

 Pruesse, E., Quast, C., Knittel, K., Fuchs, B. M., Ludwig, W., Peplies, J., et al. (2007). SILVA: a comprehensive online resource for quality checked and aligned ribosomal RNA sequence data compatible with ARB. Nucleic Acids Res. 35, 7188–7196. doi: 10.1093/nar/gkm864

 Putman, M., Van Veen, H. W., and Konings, W. N. (2000). Molecular properties of bacterial multidrug transporters. Microbiol. Mol. Biol. Rev. 64, 672–693. doi: 10.1128/M.M.B.R.64.4.672-693.2000

 R Development Core Team (2016). R: A Language and Environment for Statistical Computing, 3.3.2 Edn. Vienna: The R Foundation for Statistical Computing Platform.

 Rho, M. N., Tang, H. X., and Ye, Y. Z. (2010). FragGeneScan: predicting genes in short and error-prone reads. Nucleic Acids Res. 38:e191. doi: 10.1093/nar/gkq747

 Sakaguchi, E. (2003). Digestive strategies of small hindgut fermenters. Anim. Sci. J. 74, 327–337. doi: 10.1046/j.1344-3941.2003.00124.x

 Sayers, E. W., Barrett, T., Benson, D. A., Bolton, E., Bryant, S. H., Canese, K., et al. (2012). Database resources of the National Center for Biotechnology Information. Nucleic Acids Res. 40, D13–D25. doi: 10.1093/nar/gkr1184

 Segata, N., Boernigen, D., Tickle, T. L., Morgan, X. C., Garrett, W. S., and Huttenhower, C. (2013). Computational meta'omics for microbial community studies. Mol. Syst. Biol. 9:666. doi: 10.1038/msb.2013.22

 Smith, A. T., and Johnston, C. H. (2016). Petaurista alborufus. The IUCN Red List of Threatened Species 2016, e.T16718A22272572.

 Smith, C. A., Want, E. J., O'maille, G., Abagyan, R., and Siuzdak, G. (2006). XCMS: processing mass spectrometry data for metabolite profiling using nonlinear peak alignment, matching, and identification. Anal. Chem. 78, 779–787. doi: 10.1021/ac051437y

 Stevens, C. E., and Hume, I. D. (1995). Comparative Physiology of the Vertebrate Digestive System. New York, NY: Cambridge University Press.

 Stevens, C. E., and Hume, I. D. (1998). Contributions of microbes in vertebrate gastrointestinal tract to production and conservation of nutrients. Physiol. Rev. 78, 393–427.

 Takami, H., Taniguchi, T., Moriya, Y., Kuwahara, T., Kanehisa, M., and Goto, S. (2012). Evaluation method for the potential functionome harbored in the genome and metagenome. BMC Genomics 13:699. doi: 10.1186/1471-2164-13-699

 Tautenhahn, R., Bottcher, C., and Neumann, S. (2008). Highly sensitive feature detection for high resolution LC/MS. BMC Bioinformatics 9:504. doi: 10.1186/1471-2105-9-504

 Wallace, R. J. (1992). Rumen microbiology, biotechnology and ruminant nutrition - the application of research findings to a complex microbial ecosystem. FEMS Microbiol. Lett. 100, 529–534. doi: 10.1111/j.1574-6968.1992.tb05751.x

 Wang, L. L., Hatem, A., Catalyurek, U. V., Morrison, M., and Yu, Z. T. (2013). Metagenomic insights into the carbohydrate-active enzymes carried by the microorganisms adhering to solid digesta in the rumen of cows. PLoS ONE 8:e78507. doi: 10.1371/journal.pone.0078507

 Weimer, P. J. (2015). Redundancy, resilience, and host specificity of the ruminal microbiota: implications for engineering improved ruminal fermentations. Front. Microbiol. 6:296. doi: 10.3389/fmicb.2015.00296

 Williamson, G., Day, A. J., Plumb, G. W., and Couteau, D. (2000). Human metabolic pathways of dietary flavonoids and cinnamates. Biochem. Soc. Trans. 28, 16–22. doi: 10.1042/bst0280016

 Zhou, B., Wang, J., and Ressom, H. W. (2012). MetaboSearch: tool for mass-based metabolite identification using multiple databases. PLoS ONE 7:e40096. doi: 10.1371/journal.pone.0040096

Conflict of Interest Statement: The authors declare that the research was conducted in the absence of any commercial or financial relationships that could be construed as a potential conflict of interest.

Copyright © 2018 Lu, Liu, Wang, Hsieh, Ho, Huang, Lin, Hsieh and Yu. This is an open-access article distributed under the terms of the Creative Commons Attribution License (CC BY). The use, distribution or reproduction in other forums is permitted, provided the original author(s) or licensor are credited and that the original publication in this journal is cited, in accordance with accepted academic practice. No use, distribution or reproduction is permitted which does not comply with these terms.

OPS/images/fmicb-08-02622-g005.gif





OPS/images/fmicb-08-02622-g006.gif
i)

b

].

l






OPS/images/fmicb-08-02622-g003.gif





OPS/images/fmicb-08-02622-g004.gif





OPS/images/fmicb-08-02622-g009.gif





OPS/images/fmicb-08-02622-g007.gif
al
SRR RO EAORNRERS

| .:___ PR I
ST

]l I
::m:m:::: :_W“mw:w.

___ m

T I

i





OPS/images/fmicb-08-02622-g008.gif
o w0 w0 a0 ro- o





OPS/images/fmicb-08-02622-g001.gif





OPS/images/fmicb-08-02622-g002.gif





OPS/images/cover.jpg
’ frontiers
in Microbiology

Functional Characteristics of the
Flying Squirrel’s Cecal Microbiota
under a Leaf-Based Diet, Based on
Multiple Meta-Omic Profiling









OPS/images/crossmark.jpg
©

2

i

|





OPS/images/logo.jpg
’ frontiers
in Microbiology





