

[image: image1]
Determination of Temperature Dependent Growth Parameters in Psychrotrophic Pathogen Bacteria and Tentative Use of Mean Kinetic Temperature for the Microbiological Control of Food









	
	ORIGINAL RESEARCH
published: 05 December 2018
doi: 10.3389/fmicb.2018.03023





[image: image2]

Determination of Temperature Dependent Growth Parameters in Psychrotrophic Pathogen Bacteria and Tentative Use of Mean Kinetic Temperature for the Microbiological Control of Food

Andrea De Silvestri1†, Enrico Ferrari2†, Simone Gozzi3, Francesca Marchi3 and Roberto Foschino1*


1Department of Food, Environmental and Nutritional Sciences, Università degli studi di Milano, Milan, Italy

2Department of Agricultural and Environmental Sciences, Università degli studi di Milano, Milan, Italy

3CAMST S.C.a.r.l.–La Ristorazione Italiana, Villanova di Castenaso, Bologna, Italy

Edited by:
Giovanna Suzzi, Università degli Studi di Teramo, Italy

Reviewed by:
Antonio Valero, Universidad de Córdoba, Spain
 Fausto Gardini, Università degli Studi di Bologna, Italy

* Correspondence: Roberto Foschino, roberto.foschino@unimi.it

†These authors have contributed equally to this work

Specialty section: This article was submitted to Food Microbiology, a section of the journal Frontiers in Microbiology

Received: 28 September 2018
 Accepted: 22 November 2018
 Published: 05 December 2018

Citation: De Silvestri A, Ferrari E, Gozzi S, Marchi F and Foschino R (2018) Determination of Temperature Dependent Growth Parameters in Psychrotrophic Pathogen Bacteria and Tentative Use of Mean Kinetic Temperature for the Microbiological Control of Food. Front. Microbiol. 9:3023. doi: 10.3389/fmicb.2018.03023



Temperature is the main factor to control the microbial growth in perishable foods. The psychrotrophic pathogen bacteria are microorganisms of concern for food products with extended shelf life in chilling conditions. The aims of this work were two. Firstly, to evaluate growth behavior of Aeromonas hydrophila DSM-30187, Listeria monocytogenes DSM-20600, and Yersinia enterocolitica DSM-27689 strains, at different temperatures (4, 7, 10, 15, 25, and 30°C) and starting cell concentrations (10 and 106 CFU/mL), in order to determine the activation energies (Ea) of the relevant lag phases and growth rates. Secondly, to investigate if Mean Kinetic Temperature (MKT) might be applied in recording temperature devices to alert a thermal abuse in a management control system for food safety. As expected, lag phase and growth rate proved to be heavily affected by temperature whereas the inoculum size did not. The Ea values involved in the duration of latent periods, calculated on the basis of the Arrhenius model, were comparable for A. hydrophila and L. monocytogenes strains (from 21.3 to 24.4 kcal/mol), while significantly differed for Y. enterocolitica (16.6 kcal/mol). The Ea values of growth rates were similar for A. hydrophila and L. monocytogenes strains (from 20.9 to 21.1 kcal/mol), while were considerably lower for Y. enterocolitica (from 14.2 to 16.7 kcal/mol). The use of MKT is widespread and well-accepted in pharmaceutical field as convenient method for estimating drugs degradation in relation to storage temperature. The Ea value of the lag phase found for L. monocytogenes (23.9 ± 1.2 kcal/mol) was included in the MKT formula. In this work, the air temperature of two chilling rooms was monitored during the normal operating activity in a catering company for a period of 8 months. The MKT profiles were then compared with those of mean temperatures in different conditions (short or prolonged events of thermal abuse) with the purpose to evaluate if it may be applicable to reduce false alarms without lowering the safety level of stored food.
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INTRODUCTION

For foods with high level of water activity and a pH value near to neutrality, temperature is the most important environmental factor to delay microbial spoilage, as it directly affects the duration of lag phase and the growth rate (Jay et al., 2005; Adams and Moss, 2008). Since last century, the introduction of industrial and domestic refrigerators dramatically improved the food safety and quality by allowing perishable products to be stored for longer periods, with benefit for the whole food chain, from primary production (harvesting/milking/slaughtering/fishing) to manufacturing, storage, transportation, market distribution and catering services.

Convenience foods (Brunner et al., 2010), including ready-to-eat (RTE) products, ready-to-cook (RTC) and snack foods, have recently met a commercial blast in Hotellerie-Restaurant-Caféterias (HoReCa) supply chain, catering services and at home distribution, supported by their ease-to-use feature, enhanced shelf life and saving time process. Nevertheless, most of these products need an efficient chilling system and temperature maintenance throughout the distributive network to comply food safety standards and retain the sensorial and nutritional properties. In particular, the catering companies provide ready meals in different communities like schools, hospitals, nursing homes for the elderly, corporate canteens (Michino and Otsuki, 2000; Rosset et al., 2004; Foskett and Ceserani, 2007) sometimes located far from the manufacture plants. Foodborne outbreaks due to unfitted behaviors in retail and food services have been reported worldwide (Todd et al., 2008; Todd, 2013; Faour-Klingbeil et al., 2016; Chai et al., 2017); indeed, about 25.5% of European cases were originated in HoReCa segment, while 16.7% in catering services of communities (canteens, kindergartens, schools, hospitals) (EFSA, 2017). Interruption of cold chain during the transport and distribution of food products has been shown to be one of the main risk factors for the development of microorganisms leading to foodborne illness or food deterioration (Jay et al., 2005; Adams and Moss, 2008). Actually, during the shelf-life, the composition of food microbiota is not static, also in controlled chilling conditions, and the amount of time and the temperature at which the food is maintained have a great impact on food safety and quality (Rosset et al., 2004; Heaton and Jones, 2008).

Among the bacterial pathogens, some species are psychrotrophic, namely able to grow at refrigeration temperatures. Within this group, Listeria monocytogenes is the most important foodborne pathogen, causing human listeriosis whose lethality has been estimated from 20 to 30% (Buchanan et al., 2004). Due to its ubiquity and stress tolerance to the usual conditions in food processing (Ferreira et al., 2014; NicAogáin and O'Byrne, 2016), L. monocytogenes has been identified as target for a mandatory safety criterion (European Commission, 2007). The prevalence of this pathogen has been extensively studied and considered in seafood products (Jami et al., 2014), raw meats (Adley and Dillon, 2011), cheeses (Van Asselt et al., 2017), and RTE foods (Lianou and Sofos, 2007; Currie et al., 2015). A well-known epidemic case occurred in catering activities at primary and secondary schools in northern Italy in 1997 (Aureli et al., 2000) and the scientific literature concerning the persistence of L. monocytogenes in this sector have recently reviewed by Osimani and Clementi (2016). The potential contribution of environmental and technological factors in L. monocytogenes contamination of RTE foods are under investigation by EFSA Panel on Biological Hazards (EFSA, 2018) to infer the trend of human listeriosis incidence rates throughout a quantitative microbiological risk assessment model.

Because of its increasing antibiotic resistance (Stratev and Odeyemi, 2016) and spreading in aquatic environment and related products (Tuševljak et al., 2012; Hoel et al., 2015), Aeromonas hydrophila represents an interesting foodborne pathogen, as causative agent of severe gastroenteritis (Daskalov, 2006). The ability to grow at low temperature and the osmotolerance are determining factors for A. hydrophila to become prevalent in sea foods (Papadopoulou et al., 2007; Abd-El-Malek, 2017), salted meat products (Manna et al., 2013; Praveen et al., 2016) and refrigerated minimally processed foods (Xanthopoulos et al., 2010; Nagar et al., 2011). The occurrence and survival of this microorganism in foods have been reviewed by Stratev et al. (2012).

Lastly, Yersinia enterocolitica is another current public health concern with a marked psychrotrophic trait (Røssvoll et al., 2014; Ye et al., 2014), causing yersiniosis in humans (Bancerz-Kisiel and Szweda, 2015). It is the third most commonly reported zoonosis in the European Union (EFSA, 2018). It has been isolated from a variety of raw and processed meats, in particular pork (Van Damme et al., 2015; Le Guern et al., 2016) and beef carcasses (Blagojevic and Antic, 2014), raw milk and derived products (Jamali et al., 2015; Özdemir and Arslan, 2015), and RTE salads (Xanthopoulos et al., 2010; Losio et al., 2015; Söderqvist et al., 2016).

Therefore, there is a persistent demand of techniques able to monitor and manage the thermal history of foodstuffs in order to prevent risks for the consumers. Recording devices, like data-loggers, which simply store the temperature/time profile, are commonly applied in the food sector. However, in centralized kitchens and catering distribution services the simple detection of the current temperature during the operation can frequently lead to the occurrence of non-compliances in the moments of higher operating activity. An on-line method to determine and predict the influence of a temperature abuse on the growth of potential pathogen bacteria throughout cold keeping is still strongly required. In pharmaceutical field, the Mean Kinetic Temperature (MKT) parameter is used to easily control the impact of temperature variations on drugs quality, since it shows the overall effect of temperature fluctuations during storage (U. S. Food Drug Administration, 2003; Brown et al., 2006; Seevers et al., 2009). The MKT is defined as a single derived temperature that, if maintained during a defined time, produces the same thermal effect on a biological substance or product as a sequence of lower or higher temperatures would do for an equivalent period of time (Haynes, 1971). It is an index derived from the temperature variations with reference to a specific event, which is critical for the stability of the product. The value of the activation energy (Ea) of a chemical degradation reaction is normally used for determining the impact of the temperature change in the stability testing of pharmaceutical products (Anderson and Scott, 1991). It varies from 5 to 240 kJ/mol, with a mean value of about 83 kJ/mol, that is approximately corresponding to 19.8 kcal/mol (Kommanaboyina and Rhodes, 1999; Seevers et al., 2009). At the same way, the Ea of a growth parameter (e.g., lag phase) might represent a reliable marker in food safety to assess the risk of microbial growth. Studies on the use of MKT in food chains are scarce and it would be worth investigating if an application could be possible to facilitate temperature monitoring in operations with tight working times, such as catering activities. The main purposes of this study have been (i) to investigate the growth kinetics of some psychrotrophic pathogen bacteria at different temperatures in order to get the activation energies of the relevant lag phases and growth rates; (ii) to insert Ea value of lag phase into the MKT formula; (iii) to verify if the MKT might be used within a suitable alert tool of a management control system, in case of thermal abuse during the maintenance of cool chain.

MATERIALS AND METHODS

Test Microorganisms and Growth Conditions

The psychrotrophic strains used in this work were A. hydrophila subsp. hydrophila DSM-30187, L. monocytogenes DSM-20600 (1/2a serotype) and Y. enterocolitica subsp. enterocolitica DSM-27689 (serotype 8 biovar 1). Fresh cultures were grown in Tryptic Soy Broth (TSB, Merck, Darmstadt, Germany) at 30°C for 24–48 h. Stock cultures were prepared in TSB and stored at −80°C in the same medium added with glycerol at final concentration of 25% (v/v). Cells were reconstituted by streaking or enumerated by plate count technique on Tryptic Soy Agar plates (TSA, Merck), at 30°C for 24 h in the case of A. hydrophila and Y. enterocolitica, at 37°C for 48 h for L. monocytogenes.

A calibration curve between Optical Density (OD) values at 600 nm and CFU/mL was made for each strain, in order to get the cell concentration to be inoculated into the flasks for the growth experiments. A UV-visible spectrophotometer (Jenway, model 7315, Bibby Scientific Limited, Stone, UK) was used for the optical measurements. A plate count technique was performed to obtain the enumeration of the bacterial cells after decimally diluting in Peptoned Water (Merck), spreading of appropriate aliquots on TSA plates and incubating at the above-mentioned conditions. The growth experiments were carried out in 500 mL polycarbonate Erlenmeyer flasks with DuoCAP® (TriForest, Irvine, USA) containing 100 ml of sterile Brain Heart Infusion broth (BHI, Liofilchem, Roseto degli Abruzzi, Italy) adjusted at pH 6.7, with estimated aw = 0.997. This culture medium has been chosen as a simulant of a real food containing all nutrients for a good growth of the tested microorganisms, in order to set up the worst conditions that can occur. The experimental plan provided for two initial level of inoculum (10 cell/ml and 106 cell/ml), six temperatures of incubation 4, 7, 10, 15, 25, and 30°C ± 0.5°C (Fiocchetti Scientific Refrigerator, Luzzara, Italy and Thermo Scientific Heraeus Incubator, Waltham, U.S.A.), static conditions and three independent replicates for each trial. Depending on the incubation temperature of the test, flasks containing medium were cooled or warmed 24 h before the inoculum. The temperatures were monitored with data-loggers device (LogTag® TRED30-7 ± 0.5°C for −20°C ~ +40°C).

During the incubation period, the cell concentration was monitored at regular time intervals (a) by plate count for experiments starting from an inoculation of about 10 cell/ml and (b) by OD600nm measurement for the experiments starting from an inoculation to about 106 cells /ml, as previously described. Experimental values of cell concentration were fitted with DMFit program (ComBase, US Department of Agriculture, U.S.A.) using the Baranyi and Roberts (1994) model to estimate the lag phase duration and the growth rate. R2 value was calculated to evaluate the fitting among the experimental points and the predictive model.

Determination of Activation Energy by Arrhenius Model

The Arrhenius model (Equation 1) was used to describe the temperature dependence on microbial growth. The activation energy was obtained by linear regression using Excel 2016 software (Office 2016, Microsoft Corporation, Redmond, U.S.A.) for both lag phase and growth rate at the two inoculum sizes. The parameters of the Arrhenius equation are:
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where:

A is a constant for each chemical reaction that defines the rate due to frequency of collisions; Ea is the activation energy (kcal/mol); R is the gas constant [1.986 × 10−3 (kcal/mol K)]; T is the temperature in Kelvin degree. The factor -Ea/RT is the probability that any given collision will result in a reaction. This equation, derived from thermodynamic laws and developed for reversible chemical reaction gives the temperature dependence for a high number of complex physical, chemical, and biological events (Calligaris et al., 2004). A plot of ln k vs. the reciprocal of absolute temperature should give a straight line, whose slope is the activation energy divided by the gas constant (Ea/R).

The analysis of variance (ANOVA) was carried out to investigate the influence of temperature and inoculum size on growth parameters. Data were elaborated by Statgraphics Plus software for Windows (version 4.0, Statistical Graphical Corp., 1999). Tukey HSD test was used to evaluate the difference among the mean values. Plots were done by using IBM SPSS Statistics package (version 25, IBM Corporation, 215).

Application of the Mean Kinetic Temperature

The MKT (Equation 2) is defined as the isothermal temperature that corresponds to the kinetic effects of a time-temperature distribution and is determined using Haynes' equation (Haynes, 1971), where temperature data obtained at defined intervals are considered. The equation for MKT determination is:
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where:

Ea is the activation energy (kcal/mol); R is the gas constant (1.986 10−3 kcal/mol K); n is the total number of time periods over which data are collected; temperatures are in Kelvin degree.

The MKT model was applied to the thermal profile of two chiller rooms, respectively, of 30 and 24 m3 sizes (DANFOSS, model MTZ 28JE4A) containing meats (the first one) and fruits and RTE vegetables (the second one). The temperatures were monitored using data-loggers device PEGO 200 EXPERT (± 0.5°C, range −45 ~ +45°C). It was then possible to observe the time variability of the temperature with rises and falls, as well as of duration, and the relating effects on a specific reaction, in this case the growth of pathogen microorganisms. The air temperature profiles of two chilling rooms during the normal working activity of an Italian catering company were recorded and analyzed every 15 min for a period of 8 months.

RESULTS

Calibration of Microbial Data

The calibration lines obtained by plotting log OD600nm values vs. log plate counts showed high determination coefficients for all the tested strains in the range of OD600nm values 0.1–1.5 corresponding to approximately 106-109 CFU/ml. In particular, the R2 was 0.95 for A. hydrophila, 0.96 for L. monocytogenes and 0.98 for Y. enterocolitica. A logarithmic transformation was used to stabilize the variance, according to Chorin et al. (1997) and Francois et al. (2003); deviations from linearity were observed for values lower than 106 CFU/ml as the previous authors reported. Augustin et al. (1999) pointed out that the growth rate is underestimated when the cell concentration calculated by OD measurements is lesser than the detection limit; if the case, they suggested dividing the growth rate values by a constant factor. In the present work, no adjustment was needed because the inoculum size (106 cell/ml) was very close to the actual detection limit. Moreover, Baty et al. (2002) demonstrated that optical density measurement and the plate count protocol provide comparable results, if the same model is used to fit the data, as in our study.

Consequently, the cell concentration was monitored by plate count technique for experiments starting from an inoculum size of about 10 cell/ml and by OD600nm measurements for the experiments starting from an inoculum of about 106 cells/ml.

Determination of Growth Parameters

The duration of latent periods and the growth rates were calculated through the growth curves generated from the interpolation of experimental points by using DMFit program of Combase based on the equation of Baranyi and Roberts (1994) (data not shown). Results obtained from the OD600nm measurements were previously converted into cell numbers according to the calibration curve, specific for each strain. The experimental points showed a good fitting (R2 ≥0.95) with the predictive model for all tested microorganisms. Mean values and relative error bars of lag phase times (Figure 1A) and growth rates (Figure 1B) at different temperatures and inoculum sizes for A. hydrophila have been shown. The corresponding data observed in trials with L. monocytogenes have been exposed in Figure 2A for lag phase times and in Figure 2B for growth rates, whereas those detected with Y. enterocolitica have been reported in Figures 3A,B for lag phase times and growth rates, respectively. In general, growth kinetics of the three psychrotrophic bacteria were similar: the lag phase duration drops as the temperature increases from 4 to 30°C and, as expected, the opposite occurs for the growth rate. Noteworthy, it was not possible to determine the latent period of Y. enterocolitica (Figure 3A) for the experiments performed at the lowest inoculum size (10 cell/mL) since a rapid increase in cell counts was always observed, even minimizing sampling times for analysis.
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FIGURE 1. Mean values and relative error bars of lag phases (A) and growth rates (B) observed at different temperatures and inoculum sizes for Aeromonas hydrophila DSM-30187 strain.
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FIGURE 2. Mean values and relative error bars of lag phases (A) and growth rates (B) observed at different temperatures and inoculum sizes for Listeria monocytogenes DSM-20600 strain.
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FIGURE 3. Mean values and relative error bars of lag phase times (A) and growth rates (B) observed at different temperatures and inoculum sizes for Yersinia enterocolitica DSM-27689 strain.



The ANOVA of the obtained data revealed that the starting level of cell concentration did not affect neither the lag phase duration nor the growth rate (Table 1), since significant differences were observed only for L. monocytogenes in the case of growth rate values and for Y. enterocolitica in the case of lag phase values. As Robinson et al. (2001) already shown, current results confirm that the duration of latent period and the generation time are independent by the inoculum size, if the bacterial growth was carried out in optimal cultural conditions. Conversely, the temperature proved to be a key factor in determining significant difference (p < 0.001) between mean values for both the investigated growth parameters. Furthermore, for each strain, the averages of the growth rates did not disclose any significant differences at the lowest temperatures, whereas they became different starting from 15°C (Table 2). Interestingly, the duration of latent periods at 4, 7, 10°C for Y. enterocolitica were indistinguishable among them and shorter than those of the other tested strains.


Table 1. ANOVA of data and relevant between-subject effects obtained from values of growth parameters for the investigated psychrotrophic pathogens.
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Table 2. Mean values of growth parameters at different temperatures calculated for the investigated psychrotrophic pathogens.
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Calculation of Activation Energies for Lag Phases and Growth Rates

The Ea values related to the latent period and growth rate were determined for the investigated strains according to the Arrhenius model, by performing growth tests in a range of temperature from 4 to 30°C. As regards the activation energies of lag phase, the graphs were built by interpolating data of the reciprocal of absolute temperature (1/°K) vs. the reciprocal of natural logarithm of latent period, expressed in hours (ln 1/h), as shown in Figure 4 (Figure 4A, Figure 4C, and Figure 4E for A. hydrophila, L. monocytogenes and Y. enterocolitica, respectively). At the same way, for the calculation of Ea values of growth rates, the plots were drawn by interpolating data of reciprocal of absolute temperature (1/°K) vs. the natural logarithm of growth rate constant, as presented in Figure 4 (Figure 4B, Figure 4D, and Figure 4F for A. hydrophila, L. monocytogenes, and Y. enterocolitica, respectively). In the case of Y. enterocolitica only the plot regarding the experiments at 106 cell/ml inoculum is reported (Figure 4E), because at 10 cell/ml inoculum the lag phase was not noticed, even at the lowest temperatures.
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FIGURE 4. Arrhenius model plots based on lag phase times (A) and growth rates (B) for A. hydrophila DSM-30187, lag phase times (C) and growth rates (D) for L. monocytogenes DSM-20600, lag phase times (E) and growth rates (F) for Y. enterocolitica DSM-27689. Data observed at high level of inoculum (106 CFU/ml) are drawn as ▴ and dotted lines; data at low level of inoculum (10 CFU/ml) are drawn as • and full lines.



Table 3 summarized the calculated Ea values based on the observed duration of latent periods and growth rates for each tested strains at two level of inoculum size. A. hydrophila and L. monocytogenes showed quite similar results for activation energies of lag phase when cultures started at high cell concentration (106 cells/mL), whereas Y. enterocolitica exhibited a significant lower value (p < 0.01). Similarly, for the growth rates, no significant differences were found between the Ea values of A. hydrophila and L. monocytogenes, both at high and low inoculum sizes, whereas Y. enterocolitica significantly (p < 0.01) unveiled the lowest level of activation energy (14.2 kcal/mol).


Table 3. Mean values and relative standard deviation of activation energies for the lag phase and growth rate of the investigated psychrotrophic pathogens at different inoculum sizes.
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Our results were compared with those retrieved in literature, by collecting Ea values from experimental conditions close to our study, and with those predicted in the same environmental conditions by ComBase software (Table 4). The activation energies calculated in the current work for L. monocytogenes were similar to those observed by Diez-Gonzalez et al. (2007). They were also comparable to those determined by Rovere et al. (2009) for L. innocua species, which showed values ranging from 21.6 to 25.2 kcal/mol for growth rates. As concerns Y. enterocolitica, Sutherland and Bayliss (1994) have validated a predictive model of growth in various foods. From the data of generation times at different temperatures published in the just mentioned article, we were able to calculate the activation energies for the growth rate; these values proved to be very similar to those determined in the present work (Table 4). On the other hand, Daughtry et al. (1997) reported the activation energies of lag phase for Y. enterocolitica at two temperatures ranges, 2.8–11.7 and 13.3–24.1°C. In this case, the Ea values were different between them and from those we found, probably because of narrower temperature ranges were considered. Iannetti et al. (2017) recently tested the applicability of predictive models on the responses of L. monocytogenes and Y. enterocolitica strains to dynamic conditions in traditional Italian pork sausage. The Ea values, calculated on the base of the data reported by these authors, were very close to those observed in our work or estimated by Combase program (Table 4). For A. hydrophila, this is the first study that experimentally evaluates the activation energies of the growth rate and lag phase by applying the Arrhenius model; detected values were higher than those obtained with the predictive microbiology software. Finally, the Ea values of lag phase determined by the results of Combase program were always lower than those attained by ours, for all the psychrotrophic pathogen bacteria (Table 4).


Table 4. Comparison of mean values and relative standard deviation of the activation energies calculated for lag phases and growth rates of the investigated psychrotrophic pathogens in the current study and those found in literature or predicted by Combase program.
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Testing of Mean Kinetic Temperature to Actual Food Storage Condition

Current management systems for food safety based on HACCP method consider the temperature monitoring a key element. Temperature data-loggers with triggered alarms are used in order to warn incoming risks due to thermal abuse, to be managed in the NC (non-compliance) procedures. Fake alarms linked to temperature spikes caused by door opening/closing actions of chilling rooms during high operating times, often happens. On the other hand, the simple arithmetic mean temperature value obtained by continuous recording along a daily or weekly period is not sensitive to the discrete changes that occur over time. Monitor the MKT instead of the actual temperature may be convenient to reduce false alarms, by taking advantage of its inherent characteristic to smooth the peaks and to keep count of variations. This choice has been widely made to establish expiration dating and to evaluate thermal excursion during storage and shipment for drug products (Anderson and Scott, 1991; U. S. Food Drug Administration, 2003).

The MKT temperature was determined from the activation energy of lag phase for each tested strain. The results showed no significant differences in MKT, due to different Ea values of the three different microorganisms (data not shown), as well as reported by Rovere et al. (2009). Also Seevers et al. (2009) have unveiled that the MKT value is slightly affected by the change in the activation energy levels. Therefore, only the Ea of the lag phase found for L. monocytogenes (average value of Ea = 23.9 ± 1.2 kcal/mol) was included in the MKT formula. In point of fact, this bacterial species is until today the only safety criterion considered in European legislation for food, among the psychrotrophic pathogens. The air temperature of two chilling rooms has been continuously monitored in a catering company for 8 months and the actual thermal profiles have been compared with the relative MKT outlines. The air temperature has been chosen because is more susceptible to thermal changes, while opening the door, than the temperature detected inside foods. While the MKT value depends on the number of observations, some examples of different situations are reported in Figures 5A,B are referred to a 8 days temperature sampling where a major temperature spike occurred in an early stage (Figure 5A) or in a late one (Figure 5B). First and foremost, in both situations the MKT (dotted lines) seems to flatten too much the temperature peaks, but this is due even to the lengthy time interval chosen (see later). Furthermore, the MKT reached a maximum value of 5.7°C in Figure 5A whereas it was only of 2.8°C in Figure 5B. Although more responsive than the arithmetic mean (Table 5), the MKT has a different sensitivity depending on the temporal position of the most pronounced temperature peaks, and this is not eligible for a general usage solution. In order to limit the drawbacks just mentioned, we considered shorter time intervals (12 h). Two other different situations are matched: a pattern of prolonged door opening period is reported in Figure 5C, while an example of a series of fast door opening/closing periods is shown in Figure 5D. It's evident that MKT is less sensitive in the last condition. This is a positive result because in this way it is possible to avoid false alarms caused by incident temperature peaks, remaining relatively sensitive in the situations of prolonged openings shown in Figure 5C. This effect was projected on the temperature data collection by identifying 33 events of prolonged door opening and 42 events of short door opening (Table 5). The duration of the door opening is marked in determining non-compliance condition: the average temperature values of exceeding the threshold limit (4°C) for situations of long permanence are significantly higher than for those of short permanence, obtained both with arithmetic mean and with MKT (Table 5). Remarkable, the MKT is always higher than the arithmetic mean value and even more sensitive since the threshold limit would be exceeded in the observed data. Indeed, in these cases the alarm should have been triggered, proving that the MKT parameter is more cautionary than the simple arithmetic mean. Therefore, choosing a suitable recording time interval, reasonably short, and a consistent threshold of the MKT it would be possible to develop a data-logger suitable for the temperature monitoring in the management systems for daily control of food safety, such as HoReCa or catering services.
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FIGURE 5. Recorded temperature profiles (—) and relative MKT values ( - - - ) for a 8 days sampling period, showing two different situation of early (A) and late (B) peak thermal abuses, and for a 12 h sampling period, showing a prolonged thermal abuse (C) and a series of short thermal abuses (D).




Table 5. Comparison between arithmetic mean temperature and MKT values observed in two chilling rooms during different periods of door opening frequency along 8 months of monitoring.
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DISCUSSION

The maintenance of the cold chain is a specific hygiene measure that is compulsory to assume by European food operators (European Commission, 2004). Among the refrigerated foods, convenience foods have widened the consumers' choices and expectations, nowadays representing the upscale sector in the market. This is also influencing the design and development of products and services in food suppliers and distributers. Due to the extended shelf life in chilling conditions, psychrotrophic pathogen bacteria are the most concerning hazards for these items. In order to be an effective mitigation strategy to manage risks, temperature control systems continuously require to be improved both as personnel training and technical devices to meet the needs of daily practices.

Determining the Activation Energies of Growth Parameters

Through the application of Arrhenius model, our experimental data fitted well for the calculation of the activation energies, both for lag phases and growth rates. In this way, it was possible firstly describe the Ea values for A. hydrophila and to confirm those already found in literature for L. monocytogenes and Y. enterocolitica. The tested Y. enterocolitica strain showed a different behavior compared to the other two pathogen strains, revealing the ability to grow significantly faster at low temperature. The undetected lag phase duration for Y. enterocolitica can be reasonable caused by a smaller Ea value that allowed an immediate cell multiplication, even at the lowest tested temperature. Furthermore, the use of plate count technique for the enumeration of the microorganisms at low inoculum level (10 CFU/mL) made possible to detect the rapid cell duplication, being this method more sensitive than the optical density measurement by spectrophotometric technique used for the high inoculum level (106 CFU/mL).

According to Diez-Gonzalez et al. (2007) we considered the Ea of lag phase of pathogen bacteria as a consistent factor relating to the food safety. The basic principle is that the latent period ends when the system reaches that activation energy level for which the microbial cells duplicate. Actually, the rationale for using the refrigeration in food storage is the extension of the lag phase as long as possible or the slowing down of the growth rate of microorganisms by subtracting heat. As far as known, we cannot speculate which are the biochemical reactions underlying the physiological processes involved in the duration of latent period that first accumulate energy to trigger the cell duplication. It has been assumed that lag phase includes hundreds of molecular transformations, such as synthesis of cellular components, repair of molecular damage, transient metal accumulation, all mechanisms adapting to new environmental conditions and preparing for exponential growth (Rolfe et al., 2012). Our results highlight that A. hydrophila and L. monocytogenes need, on average, a very similar Ea value of ~21.3–24.4 kcal/mol, whereas Y. enterocolitica significantly requires less energy (16.6 kcal/mol) to start cell proliferation. The Ea values found in our work can be useful for future applications to be implemented in devices for the temperature control along the production and distributive food chains.

Implementation of MKT in Food Control

The frequent non-compliances during high operating times, if alarm systems monitor the actual temperature, or the loss of efficacy in food control, if the mean temperature is calculated after a definite time of recording, brought us to consider the MKT as an alternative or additional parameter in verification procedure for the management of perishable foods. For what having above mentioned, we have included the activation energy of lag phase for L. monocytogenes in the MKT formula to investigate its reliability in real situations, thanks to the availability of a huge number of temperature measurements. Due to structure of the equation (2) the duration of the recording time is critical, as the more is the number of observations the less the assumed value by the parameter becomes precautionary in highlighting an overshoot of a threshold limit. Therefore, the application of MKT should be directed to food control in processes with limited time of operation or daily period, such as chilling rooms for HoReCa or catering services with frequent thermal overhangs rather than cold warehouses for long storage. If appropriately designed with reliable algorithm and validated by experimental data through challenge tests, the MKT might be used within a suitable alert tool for the temperature control in order to manage the thermal abuse during the cool chain.

AUTHOR CONTRIBUTIONS

AD contributed to design the work and revise it, to perform the microbiological testing and elaborate the results. EF contributed to design the work, write, and revise it, to perform statistical analysis and the interpretation of the data. SG contributed to draft and organize the project, to collect temperature data. FM contributed to organize the project, to collect temperature data and revise the work. RF contributed to design, write, and revise the work, to elaborate data and ensure that questions related to the accuracy or integrity of any part of the work were appropriately investigated and resolved.

ACKNOWLEDGMENTS

We are grateful to the CAMST La Ristorazione Italiana company for having funded the project through a research agreement with Università degli studi di Milano (contract n.19224-2016).

REFERENCES

 Abd-El-Malek, A. M. (2017). Incidence and virulence characteristics of Aeromonas spp. in fish. Vet. World 10, 34–37. doi: 10.14202/vetworld.2017.34-37

 Adams, M. R., and Moss, M. O. (2008). “The microbiology of food preservation,”, in Food Microbiology, 3rd Edn., eds M. R. Adams and M. O. Moss (Cambridge: RSC Publishing), 92–97.

 Adley, C. C., and Dillon, C. (2011). “Listeriosis, salmonellosis and verocytotoxigenic Escherichia coli: significance and contamination in processed meats,”, in Processed Meats: Improving Safety, Nutrition and Quality, ed J. P. Kerry (Cambridge: Woodhead Publishing Lim.) 72–108.

 Anderson, G., and Scott, M. (1991). Determination of product shelf life and activation energy for five drugs of abuse. Clin. Chem. 37, 398–402.

 Augustin, J. C., Rosso, L., and Carlier, V. (1999). Estimation of temperature dependent growth rate and lag time of Listeria monocytogenes by optical density measurements. J. Microbiol. Meth.ods 38, 137–146. doi: 10.1016/S0167-7012(99)00089-5

 Aureli, P., Fiorucci, G. C., Caroli, D., Marchiaro, G., Novara, O., Leone, L., et al. (2000). An outbreak of febrile gastroenteritis associated with corn contaminated by Listeria monocytogenes. N. Engl. J. Med. 342, 1236–1241. doi: 10.1056/NEJM200004273421702

 Bancerz-Kisiel, A., and Szweda, W. (2015). Yersiniosis–a zoonotic foodborne disease of relevance to public health. Ann. Agric. Environ. Med. 22, 397–402. doi: 10.5604/12321966.1167700

 Baranyi, J., and Roberts, T. A. (1994). A dynamic approach to predicting bacterial growth in food. Int. J. Food Microbiol. 23, 277–294. doi: 10.1016/0168-1605(94)90157-0

 Baty, F., Flandrois, J. P., and Delignette-Muller, M. L. (2002). Modelling the lag time of Listeria monocytogenes from viable count data and optical density data. Appl. Environ. Microbiol. 68, 5816–5825. doi: 10.1128/AEM.68.12.5816-5825.2002

 Blagojevic, B., and Antic, D. (2014). Assessment of potential contribution of official meat inspection and abattoir process hygiene to biological safety assurance of final beef and pork carcasses. Food Control 36, 174–182. doi: 10.1016/j.foodcont.2013.08.018

 Brown, L. H., Wojcik, S. M., Bailey, L. C., and Tran, C. D. (2006). Can stock rotation effectively mitigate EMS medication exposure to excessive heat and cold? Am. J. Emerg. Med. 24, 14–18. doi: 10.1016/j.ajem.2005.05.013

 Brunner, T., Horst van der, K., and Siegrist, M. (2010). Convenience food products. Drivers of consumption. Appetite 55, 498–506. doi: 10.1016/j.appet.2010.08.017

 Buchanan, R., Lindqvist, R., Ross, T., Smith, M., Todd, E. C. D., and Whiting, R. (2004). Risk assessmentof Listeria Monocytogenes in Ready-to-Eat Foods. Microbiological Risk Assessment Series, Technical report. (Rome, Italy: Food and Agriculture Organization of the United Nations). 4,, 1–48.

 Calligaris, S., Manzocco, L., Conte, L. S., and Nicoli, M. C. (2004). Application of a modified Arrhenius equation for the evaluation of oxidation rate of sunflower oil at subzero temperatures. J. Food. Sci. 69, 361–366. doi: 10.1111/j.1365-2621.2004.tb09896.x

 Chai, S. J., Cole, D., Nisler, A., and Mahon, B. E. (2017). Poultry: the most common food in outbreaks with known pathogens, United States, 1998-2012. Epid. Infect. 145, 316–325. doi: 10.1017/S0950268816002375

 Chorin, E., Thuault, D., Cléret, J. J., and Bourgeois, C. M. (1997). Modelling Bacillus cereus growth. Int. J. Food Microbiol. 38, 229–234. doi: 10.1016/S0168-1605(97)00110-4

 Currie, A., Farber, J. M., Nadon, C., Sharma, D., Whitfield, Y., Gaulin, C., et al. (2015). Multi-province listeriosis outbreak linked to contaminated deli meat consumed primarily in institutional settings, Canada, 2008. Foodborne Path. Dis. 12, 645–652. doi: 10.1089/fpd.2015.1939

 Daskalov, H. (2006). The importance of Aeromonas hydrophila in food safety. Food Control 17, 474–483. doi: 10.1016/j.foodcont.2005.02.009

 Daughtry, B. J., Davey, K. R., and King, K. D. (1997). Temperature dependence of growth kinetics of food bacteria. Food Microbiol. 14, 21–30. doi: 10.1006/fmic.1996.0064

 Diez-Gonzalez, F., Belina, D., Labuza, T. P., and Pal, A. (2007). Modelling the growth of Listeria monocytogenes based on a time to detect model in culture media and frankfurters. Int. J. Food Microbiol. 100, 41–53. doi: 10.1016/j.ijfoodmicro.2006.08.011

 EFSA (2017). The European Union summary report on trends and sources of zoonoses, zoonotic agents and food-borne outbreaks in 2016. EFSA J. 15, 5077–5305. doi: 10.2903/j.efsa.2017.5077

 EFSA (2018). Listeria monocytogenes contamination of ready-to-eat foods and the risk for human health in the EU. EFSA J. 16, 5134–5311. doi: 10.2903/j.efsa.2018.5134

 European Commission (2004). Regulation (EC): No 852/2004 of the European Parliament and of the Council of 29 April 2004 on the hygiene of foodstuffs. Off. J. Eur. L 139, 1–34.

 European Commission (2007). Commission Regulation: (EC) No 1441/2007 of 5 December 2007 amending Regulation (EC) No 2073/2005 on microbiological criteria for foodstuffs. Off. J. Eur. L322, 12–29.

 Faour-Klingbeil, D., Todd, E. C. D., and Kuri, V. (2016). Microbiological quality of ready-to-eat fresh vegetables and their link to food safety environment and handling practices in restaurants. LWT–Food Sci. Technol. 74, 224–233. doi: 10.1016/j.lwt.2016.07.051

 Ferreira, V., Wiedmann, M., Teixeira, P., and Stasiewicz, M. J. (2014). Listeria monocytogenes persistence in food-associated environments: epidemiology, strain characteristics, and implications for public health. J. Food Prot. 77, 150–170. doi: 10.4315/0362-028X.JFP-13-150

 Foskett, D., and Ceserani, V. (2007). Ceserani and Kinton's, the Theory of Catering, 11th Edn,. London: Hodder Education.

 Francois, K., Devlieghere, F., Standaert, A. R., Geeraerd, A. H., Van Impe, J. F., and Debevere, J. (2003). Modelling the individual cell lag phase. Isolating single cells: protocol development. Lett. Appl. Microbiol. 37, 26–30. doi: 10.1046/j.1472-765X.2003.01340.x

 Haynes, J. D. (1971). Worldwide virtual temperature for product stability testing. J. Pharm. Sci. 60, 927–929. doi: 10.1002/jps.2600600629

 Heaton, J. C., and Jones, K. (2008). Microbial contamination of fruit and vegetables and the behaviour of enteropathogens in the phyllosphere: a review. J. Appl. Microbiol. 104, 613–626. doi: 10.1111/j.1365-2672.2007.03587.x

 Hoel, S., Mehli, L., Bruheim, T., Vadstein, O., and Jakobsen, A. N. (2015). Assessment of microbiological quality of retail fresh sushi from selected sources in Norway. J. Food Prot. 78, 977–982. doi: 10.4315/0362-028X.JFP-14-480

 Iannetti, L., Salini, R., Sperandii, A. F., Santarelli, G. A., Neri, D., Di Marzio, V., et al. (2017). Predicting the kinetics of Listeria monocytogenes and Yersinia enterocolitica under dynamic growth/death-inducing conditions, in Italian style fresh sausage. Int. J. Food Microbiol. 240, 108–114. doi: 10.1016/j.ijfoodmicro.2016.04.026

 Jamali, H., Paydar, M., Radmehr, B., and Ismail, S. (2015). Prevalence, characterization, and antimicrobial resistance of Yersinia species and Yersinia enterocolitica isolated from raw milk in farm bulk tanks. J. Dairy Sci. 98, 798–803. doi: 10.3168/jds.2014-8853

 Jami, M., Ghanbari, M., Zunabovic, M., Domig, K. J., and Kneifel, W. (2014). Listeria monocytogenes in aquatic food products–a review. Compr. Rev. Food Sci. Food Safety 13, 798–813. doi: 10.1111/1541-4337.12092

 Jay, J. M., Loessner, M. J., and Golden, D. A. (2005). “Low-Temperature food preservation and characteristics of psychrotrophic microorganisms,”, in Modern Food Microbiology, 7th Edn., eds J. M. Jay, M. J. Loessner, and D. A. Golden, (New York, NY: Springer, Aspen Publishers Inc), 395–413.

 Kommanaboyina, B., and Rhodes, C. T. (1999). Effects of temperature excursions on mean kinetic temperature and shelf life. Drug. Dev. Ind. Pharm. 25, 1301–1306. doi: 10.1081/DDC-100102303

 Le Guern, A. S., Martin, L., Savin, C., and Carniel, E. (2016). Yersiniosis in France: overview and potential sources of infection. Int. J. Infect. Dis. 46, 1–7. doi: 10.1016/j.ijid.2016.03.008

 Lianou, A., and Sofos, J. N. (2007). A review of the incidence and transmission of Listeria monocytogenes in ready-to-eat products in retail and food service environments. J. Food Prot. 70, 2172–2198. doi: 10.4315/0362-028X-70.9.2172

 Losio, M. N., Pavoni, E., Bilei, S., Bertasi, B., Bovec, D., Capuano, F., et al. (2015). Microbiological survey of raw and ready-to-eat leafy green vegetables marketed in Italy. Int. J. Food Microbiol. 210, 88–91. doi: 10.1016/j.ijfoodmicro.2015.05.026

 Manna, S. K., Praveen, M., Chandraval, D., and Gopal, S. (2013). Occurrence and virulence characteristics of Aeromonas species in meat, milk and fish in India. J. Food Qual. 33, 461–469. doi: 10.1111/jfs.12077

 Michino, H., and Otsuki, K. (2000). Risk factors in causing outbreaks of food-borne illness originating in school lunch facilities in Japan. J. Vet. Med. Sci. 62, 557–560. doi: 10.1292/jvms.62.557

 Nagar, V., Shashidhar, R., and Bandekar, J. R. (2011). Prevalence, characterization, and antimicrobial resistance of Aeromonas strains from various retail food products in Mumbai, India. J. Food Sci. 76, 486–492. doi: 10.1111/j.1750-3841.2011.02303.x

 NicAogáin, K., and O'Byrne, C. P. (2016). The role of stress and stress adaptations in determining the fate of the bacterial pathogen Listeria monocytogenes in the food chain. Front. Microbiol. 7:e1865. doi: 10.3389/fmicb.2016.01865

 Osimani, A., and Clementi, F. (2016). The occurrence of Listeria monocytogenes in mass catering: an overview in the European Union. Int. J. Hosp. Manag. 57, 9–17. doi: 10.1016/j.ijhm.2016.05.005

 Özdemir, F., and Arslan, S. (2015). Genotypic and phenotypic virulence characteristics and antimicrobial resistance of Yersinia spp. isolated from meat and milk products. J. Food Sci. 80, 1306–1313. doi: 10.1111/1750-3841.12911

 Papadopoulou, C., Economou, E., Zakas, G., Salamoura, C., Dontorou, C., and Apostolou, J. (2007). Microbiological and pathogenic contaminants of seafood in Greece. J. Food Qual. 30, 28–42. doi: 10.1111/j.1745-4557.2007.00104.x

 Praveen, P. K., Debnath, C., Shekhar, S., Dalai, N., and Ganguly, S. (2016). Incidence of Aeromonas spp. infection in fish and chicken meat and its related public health hazards: a review. Vet. World 9, 6–11. doi: 10.14202/vetworld.2016.6-11

 Robinson, T. P., Aboaba, O. O., Kaloti, A., Ocio, M. J., Baranyi, J., and Mackey, B. M. (2001). The effect of inoculum size on the lag phase of Listeria monocytogenes. Int. J. Food Microbiol. 70, 163–173. doi: 10.1016/S0168-1605(01)00541-4

 Rolfe, M. D., Rice, C. J., Lucchini, S., Pin, C., Thompson, A., Cameron, A. D. S., et al. (2012). Lag phase is a distinct growth phase that prepares bacteria for exponential growth and involves transient metal accumulation. J. Bacteriol. 194, 686–701. doi: 10.1128/JB.06112-11

 Rosset, P., Cornu, M., Noël, V., Morelli, E., and Poumeyrol, G. (2004). Time-temperature profiles of chilled ready-to-eat foods in school catering and probabilistic analysis of Listeria monocytogenes growth. Int. J. Food Microbiol. 96, 49–59. doi: 10.1016/j.ijfoodmicro.2004.03.008

 Røssvoll, E. H., Thorsen Rønning, H., Granum, P. E., Møretrø, T., Røine Hjerpekjøn, M., and Langsrud, S. (2014). Toxin production and growth of pathogens subjected to temperature fluctuations simulating consumer handling of cold cuts. Int. J. Food Microbiol. 185, 82–92. doi: 10.1016/j.ijfoodmicro.2014.05.020

 Rovere, P., Brutti, A., Franceschini, B., Trasatti, L., and Pittia, P. (2009). Application of the “Mean Kinetic temperature “(MKT) model to temperature evaluation in the cold chain. Industria Conserve 3, 154–165.

 Seevers, R. H., Hofer, J., Harber, P., Ulrich, D. A., and Bishara, R. (2009). The use of Mean Kinetic Temperature (MKT) in the handling, storage, and distribution of temperature sensitive pharmaceuticals. Pharm. Outsorcing 10, 12–17.

 Söderqvist, K., Thisted Lambertz, S., Vågsholm, I., and Boqvist, S. (2016). Foodborne bacterial pathogens in retail prepacked Ready-to-Eat mixed ingredient salads. J. Food Prot. 79, 978–985. doi: 10.4315/0362-028X.JFP-15-515

 Stratev, D., and Odeyemi, O. A. (2016). Antimicrobial resistance of Aeromonas hydrophila isolated from different food sources: a mini-review. J. Inf. Public Health 9, 535–544. doi: 10.1016/j.jiph.2015.10.006

 Stratev, D., Vashin, I., and Rusev, V. (2012). Prevalence and survival of Aeromonas spp. in foods–a review. Revue Méd. Vét. 163, 486–494.

 Sutherland, J. P., and Bayliss, A. J. (1994). Predictive modelling of growth of Yersinia enterocolitica: the effects of temperature, pH and sodium chloride. Int. J. Food Microbiol. 21, 197–215. doi: 10.1016/0168-1605(94)90028-0

 Todd, E. C. D. (2013). “Globalization and epidemiology of foodborne disease” in Guide to Foodborne Pathogens, 2nd Edn., eds R.G. Labbé and S. García (Chicester: John Wiley and Sons, Ltd.), 1–25.

 Todd, E. C. D., Greig, J. D., Bartleson, C. A., and Michaels, B. S. (2008). Outbreaks where food workers have been implicated in the spread of foodborne disease. Part 5. Sources of contamination and pathogen excretion from infected persons. J. Food Prot. 71, 2582–2595. doi: 10.4315/0362-028X-71.12.2582

 Tuševljak, N., Rajić, A., Waddell, L., Dutil, L., Cernicchiaro, N., Greig, J., et al. (2012). Prevalence of zoonotic bacteria in wild and farmed aquatic species and seafood: a scoping study, systematic review, and meta-analysis of published research. Foodborne Path. Dis. 9, 487–497. doi: 10.1089/fpd.2011.1063

 U. S. Food and Drug Administration (2003). Guidance for Industry: Q1A (R2) Stability Testing of New Drug Substances and Products. U.S. Department of Health and Human Services; Food and Drug Administration; Center for Drug Evaluation and Research (CDER); Center for Biologics Evaluation and Research (CBER).

 Van Asselt, E. D., van der Fels-Klerx, H. J., Marvin, H. J. P., van Bokhorst-van de Veen, H., and Nierop Groot, M. (2017). Overview of food safety hazards in the European dairy supply chain. Compr. Rev. Food Sci. Food Safety 16, 59–75. doi: 10.1111/1541-4337.12245

 Van Damme, I., Berkvens, D., Vanantwerpena, G., Baré, J., Houf, K., Wauters, G., et al. (2015). Contamination of freshly slaughtered pig carcasses with enteropathogenic Yersinia spp.: distribution, quantification and identification of risk factors. Int. J. Food Microbiol. 204, 33–40. doi: 10.1016/j.ijfoodmicro.2015.03.016

 Xanthopoulos, V., Tzanetakis, N., and Litopoulou-Tzanetaki, E. (2010). Occurrence and characterization of Aeromonas hydrophila and Yersinia enterocolitica in minimally processed fresh vegetable salads. Food Control 21, 393–398. doi: 10.1016/j.foodcont.2009.06.021

 Ye, Y. W., Ling, N., Han, Y. J., and Wu, Q. P. (2014). Detection and prevalence of pathogenic Yersinia enterocolitica in refrigerated and frozen dairy products by duplex PCR and dot hybridization targeting the virF and ail genes. J. Dairy Sci. 97, 6785–6791. doi: 10.3168/jds.2014-8382

Conflict of Interest Statement: The authors declare that the research was conducted in the absence of any commercial or financial relationships that could be construed as a potential conflict of interest.

Copyright © 2018 De Silvestri, Ferrari, Gozzi, Marchi and Foschino. This is an open-access article distributed under the terms of the Creative Commons Attribution License (CC BY). The use, distribution or reproduction in other forums is permitted, provided the original author(s) and the copyright owner(s) are credited and that the original publication in this journal is cited, in accordance with accepted academic practice. No use, distribution or reproduction is permitted which does not comply with these terms.

OPS/images/fmicb-09-03023-g005.gif





OPS/images/fmicb-09-03023-t001.jpg
Strain

A. hydrophia
DSM-30187

L. monocytogenes
DSM-20600

Y. enterocolitica
DSM-27689

Growth
parameter

Lag phase

Growth rate

Lag phase

Growth rate

Lag phase

Growth rate

Source

Model

Error
Total

Inoculum size (1.s)
Temperature (T)
ls.x T

Model

Error

Total

Inoculum size (1.s)
Temperature (T)
ls.x T

Model

Error
Total

Inoculum size (1.s.)
Temperature (T)
ls.x T

Model

Error

Total

Inoculum size (l.s.)
Temperature (T)
ls.x T

Model

Error
Total

Inoculum size (l.s.)
Temperature (T)
ls.xT

Model

Error

Total

Inoculum size (1)
Temperature (T)
ls.x T

DF

Sum of squares

39344.483

1147.073
40491.556
63.047
38897.545
393.891
2636
0.061
2597
0.015
2.494
0.027
56099.781

418.307
56518.088
45.114
56267.689
786.978
0.968
0.005
0.973
0.004
0.951
0.012
1250.5894

347.3133
1597.9028
907.01361
625.20472
626.20472
0.876
0.068
0.944
0.0001
0.858
0.018

Mean square

3676.77

47.79

0.230
0.002

5099.98

17.43

0.088
0.0002

250.118

28.943

0.0796
0.0028

F-Ratio

74.836

1.109
162.769
1.648
90.669

5.980
196.116
2139
292.607

2588
634.187
9.030
406.793

21.154
878.998
11.716
8.642

62.676
8.642
8.642

28.010

0.045
60.353
1.269

(Prob > F) p

<0.001

0.303
<0.001
0.186
<0.001

0.022
<0.001
0.095
<0.001

0.121
<0.001
<0.001
<0.001

0.001
<0.001
<0.001

0.001

<0.001
<0.001
<0.001
<0.001

0.833
<0.001
0313






OPS/images/fmicb-09-03023-g003.gif





OPS/images/fmicb-09-03023-g004.gif
\\\
\\





OPS/images/fmicb-09-03023-t004.jpg
Tested strains  References Eaoflag  Ea of growth
phase rate

(kcal/mol) (kcal/mol)

A. hycrophia Current work 225415  210£06
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L. monocytogenes ~ Current work 239+12 210£10

DSM-20600
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Y. enterocoliica  Current work 166413  1565+23
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Y. enterocolitica  lannetti et al. (2017) 155
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Y. enterocoliica  Combase 156 15.5

L. monocytogenes ATCC 7644 and two wild type strains. serotypes 1/2a and 1/2c.

isolated from sausage.
PNot Determined.

<Y, enterocolitica NCTC 10463 and two wild type strains isolated from sausage.
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Values with different superscripts of lowercase letter in the same column for the each
strain and growth parameter are significantly different (p <0.01).
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A. hydrophila DSM-30187
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R values refer to the coefficient of determination of experimental data in the Arthenius’
plots.

"Mean values with diiferent superscriots of lowercase letter in the same column are
significantly different (o <0.01).

2Not Determined.
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opening! samples? TC) cc) samples ©c) ©c)

Prolonged 17 36+152A3 45+1.72A 16 34£022A 39+0428

Short 22 240604 28+07°8 20 21£03PA 240408

"Prolonged door opening is an event in which four consecutive defections or more upon the 4°C alarm temperature have been recorded; short door opening means that only two
consecutive detection upon the 4°C alerm temperature have been occurred.

2Samples are thermal abuse events of prolonged or short door opening.
SFor each chiler mean values with different superscripts of lowercase letters in the same column are significantly diferent; mean values with different superscripts of uppercase letters

in the same rows are significantly different (o <0.01).
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