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The use of easily accessible peripheral samples, such as blood or saliva, to investigate
neurological and neuropsychiatric disorders is well-established in genetic and epigenetic
research, but the pathological implications of such biomarkers are not easily discerned.
To better understand the relationship between peripheral blood- and brain-based
epigenetic activity, we conducted a pilot study on captive baboons (Papio hamadryas)
to investigate correlations between miRNA expression in peripheral blood mononuclear
cells (PBMCs) and 14 different cortical and subcortical brain regions, represented by
two study groups comprised of 4 and 6 animals. Using next-generation sequencing,
we identified 362 miRNAs expressed at > 10 read counts in 80% or more of the
brain samples analyzed. Nominally significant pairwise correlations (one-sided P < 0.05)
between peripheral blood and mean brain expression levels of individual mMiRNAs
were observed for 39 and 44 miRNAs in each group. When miRNA expression levels
were averaged for tissue type across animals within the groups, Spearman’s rank
correlations between PBMCs and the brain regions are all highly significant (rs = 0.47—
0.57; P < 2.2 x 1016, although pairwise correlations among the brain regions are
markedly stronger (rs = 0.86-0.99). Principal component analysis revealed differentiation
in MiRNA expression between peripheral blood and the brain regions for the first
component (accounting for ~75% of variance). Linear mixed effects modeling attributed
most of the variance in expression to differences between miRNAs (>70%), with non-
significant 7.5% and 13.1% assigned to differences between blood and brain-based
samples in the two study groups. Hierarchical UPGMA clustering revealed a major co-
expression branch in both study groups, comprised of miRNAs globally upregulated
in blood relative to the brain samples, exhibiting an enrichment of miRNAs expressed
in immune cells (CD14+, CD154, CD19+, CD3+, and CD56 + leukocytes) among
the top blood-brain correlates, with the gene MYC, encoding a master transcription
factor that regulates angiogenesis and neural stem cell activation, representing the
most prevalent miRNA target. Although some differentiation was observed between
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tissue types, these preliminary findings reveal wider correlated patterns between blood-
and brain-expressed miRNAs, suggesting the potential utility of blood-based miRNA
profiling for investigating by proxy certain miRNA activity in the brain, with implications
for neuroinflammatory and c-Myc-mediated processes.

Keywords: baboon, blood, brain, correlation, miRNA expression, sequencing

INTRODUCTION

MicroRNAs (miRNAs) are a group of endogenous, evolutionarily
conserved small non-coding RNAs that post-transcriptionally
regulate gene expression through mRNA destabilization
and translational repression (Eichhorn et al, 2014; Santpere
et al., 2016). They play an important role in human brain
development and in the pathogenesis of neurodevelopmental,
neurodegenerative, and neuropsychiatric disorders [reviewed in
Barry (2014)]. Further, almost 50% of miRNAs are expressed
in the brain, and their putative target genes are involved in the
regulation of basic neural processes, such as neurogenesis and
neuroplasticity (Ziats and Rennert, 2014).

Much of the direct evidence implicating miRNAs in
neurological processes is derived from knockout studies in
rodents (Davis et al., 2008; Stark et al., 2008), which can be
advantageous in characterizing causal effects. However, rodent
models of brain-related disease often do not accurately reflect
human disease symptomatology [reviewed in Nestler and Hyman
(2010)] or the complexity of the human brain (Defelipe, 2011),
exhibiting altered patterns of evolutionary conservation for genes
underlying human psychiatric disorders (Ogawa and Vallender,
2014) and a high rate of divergence (from humans) in brain
miRNA expression (Roux et al.,, 2012). Human studies, on the
other hand, allow for a more direct investigation of human
neurology through analysis of miRNA expression in peripheral
tissues (e.g., blood, saliva) of living individuals, post-mortem
analysis of miRNA expression in the brain, or functional analysis
in cell-based neuronal models of disease. But each of these
study designs have limitations. Population-based studies can
be used to assess peripheral miRNA biomarkers of disease in
large, and potentially drug-naive, cohorts and associate these
with measurable phenotypes or symptoms of disease; however,
peripheral biomarkers may not be representative of the tissue
of interest (Cai et al, 2010) and causality cannot be easily
determined. Analyses of post-mortem tissue are challenging and
complicated by their typically small sample sizes and factors
such as manner of death, postmortem interval, tissue pH, and
RNA integrity (McCullumsmith and Meador-Woodruff, 2011).
And more importantly, they are not designed to differentiate
causal miRNA expression signatures from those that result from
progression of the disease or from death. And lastly, the recent
advent of methods to derive neuronal cells and brain organoids
from pluripotent stem cells [reviewed in Adegbola et al. (2017)
and McKinney (2017)] allows the investigation of patient samples
that are representative of brain tissue; but development and
characterization of these models are cost-prohibitive on a large
scale and their relation to brain tissue sources, especially with
respect to miRNA expression networks, is not yet well defined.

A combination of these approaches, each with their own
strengths, will be essential in determining the complex
underlying biology of neurological and neuropsychiatric
disorders, particularly with respect to transcriptomic and
epigenomic architectures. To bridge the gap between studies of
peripheral miRNA expression (from blood) and post-mortem
analysis of brain miRNA expression, we conducted a pilot study
to examine correlations in matched samples from blood and
14 different brain regions in two groups of baboons (n = 4
and n = 6), a primate species with genomic, physiological,
and neuroanatomical similarities to humans that serves as a
well-suited model for studying the genetics and epigenetics of
complex human phenotypes (Cox et al,, 2013). We observed
significant correlations between blood and the examined brain
regions for tissue-wide patterns in miRNA expression. Co-
expression between miRNAs among the different tissue types
revealed major clusters of up- and downregulated miRNAs in the
blood-based samples, with enrichments of miRNAs expressed in
immune cell types among the top blood-brain correlates, as well
as miRNA targets functionally annotated to different aspects of
gene expression regulation.

MATERIALS AND METHODS

Animal Care and Tissue Collection

All animal procedures were approved by the Texas Biomedical
Research Institute (Texas Biomed) Institutional Animal Care
and Use Committee (IACUC) and conducted in AAALAC
International approved facilities. Brain and blood samples
were collected from two groups of baboons (Papio hamadryas)
(Group A, n = 4; Group B, n = 6), previously housed at the
Southwest National Primate Research Center (SNPRC) located
on the Texas Biomed campus. For both groups, animals were
enrolled in several research studies throughout their life, which
included those related to pregnancy, epilepsy, ophthalmoscopic
examination, steroid hormone variation, immunogenicity
studies, renal blood flow and derivation of stem cells. Study
enrollment and related procedures were different for each
animal but were completed well before euthanasia of the animals
(except for Group B animals, see below). We do not expect that
these studies would have a significant impact on the miRNA
transcriptional profiles obtained in this study. As necessitated,
animals were admitted to and treated at the SNPRC clinic
for injury and illness (primarily treatment of lacerations and
monitoring of weight loss) throughout their life and underwent
regular routine health screens. Animals in Group A were all
female, with a mean age of 13.5 years (range 12.8-14.7 years)
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and mean weight of 20.3 kg (range 18.5-23.2 kg). Samples
were ascertained following routine euthanasia for population
management at the SNPRC colony. Animals in Group B included
5 males with a mean age of 18.5 years (range 16.6-22.7 years)
and a mean weight of 29.2 kg (range 22.0-35.9 kg), and 1 female,
7.9 years old and weighing 15.0 kg. Group B animals were
enrolled in a pregnancy study (as controls) and transported to
the University of Texas Health Science Center at San Antonio
prior to euthanasia; enrollment in this study is not expected to
significantly impact the miRNA profiles generated. The brain
regions that had been collected for Group A animals were
not available for Group B animals enrolled in this study, and
therefore a different set of brain regions were examined between
the two study groups.

Baboons were sedated with ketamine (10 mg/kg) prior to
collection of blood in BD Vacutainer® CPT™ Mononuclear Cell
Preparation Tubes (Sodium Citrate; Becton-Dickinson, Franklin
Lakes, NJ, United States), anesthetized (1-2% isoflurane), and
euthanized via either intravenous injection of pentobarbital
(>100 mg/kg; Group A) or exsanguination while under general
anesthesia (Group B), in accordance with the guidelines
of the American Veterinary Medical Association (AVMA)
Panel on Euthanasia [AVMA Panel on Euthanasia, 2001].
Necropsy was performed to obtain brain tissue. We isolated
seven different brain regions from each group of animals, as
outlined in Table 1 and Figure 1. The brain regions collected
from each group of animals are independent. To account
for differences between the two study groups (method of
euthanasia, brain regions collected), all analyses were done
independently for each group.

Peripheral blood mononuclear cells (PBMCs) were isolated
from each animal within 2 h of blood collection, according
to the manufacturers’ protocol for the BD Vacutainer® CPT™
Mononuclear Cell Preparation Tubes, stored in freezing media
(RPMI complete media, 10% FBS, 10% DMSO), and cooled at
1°C per minute in a —80°C freezer before being transferred
to liquid nitrogen. Brain regions were dissected according to
established brain landmarks and guided by atlases describing
the anatomy of human, baboon and rhesus macaque brains
(Saleem and Logothetis, 2012; Bakker et al., 2015), as well
as knowledge and experience gained over the years. Only the
regions of interest were dissected, without contamination from
surrounding regions. All samples for both groups were frozen
within 2 h of brain collection and therefore have a similar post-
mortem interval. For animals in Group A, the whole brain was
obtained and kept at 4°C until the time of dissection. The brain
was hemisected at the midline into right and left hemispheres.
The cerebellum was separated from the cerebrum at the level of
the midbrain. The hemispheres were cut in the coronal plane,
from anterior to posterior, approximately 0.5 cm in thickness
per block. The cerebellum was cut sagittally, approximately
0.5 cm in thickness per block. The subregions (Table 1 and
Figure 1) were dissected from each coronal block prior to
freezing. Each subregion was placed in a labeled tube, flash-
frozen in 2-methylbutane chilled to —60°C and stored at —80°C
until experimental use. For animals in Group B, the brain was
hemisected and the subregions examined in this study (Table 1

and Figure 1) were dissected directly from fresh tissue based
on known anatomical structures and landmarks. They were then
placed in a cryovial and flash frozen in liquid nitrogen. All
samples were stored in a —80°C freezer prior to RNA extraction.
For one animal in Group A (animal A4), we were not able to
obtain the amygdala, and thus only three animal samples from
this brain region were available.

RNA Extraction

Total RNA was isolated from peripheral blood cells and the
brain regions described in Table 1 using the miRNeasy Mini
Kit (Qiagen, Germantown, MD, United States), according to
manufacturers’ instructions. Briefly, PBMCs were thawed in a
37°C waterbath and homogenized in QIAzol lysis reagent using
a Fisher Scientific PowerGen 125 Handheld Homogenizer (~10 s
homogenization; Fisher Scientific, Waltham, MA, United States).
Frozen brain tissue was homogenized in QIAzol lysis reagent
using a Branson homogenizer (~30 s homogenization) until no
tissue was visible and then passed through a QIAshredder
(Qiagen). Following addition of chloroform, vortexing,
and centrifugation, the RNA-containing aqueous phase was
separated. Total RNA was precipitated by addition of ethanol,
bound to a spin column, and purified through a series of wash
buffers. Total RNA was eluted in RNase/DNase free water and
integrity assessed via the Bioanalyzer 2100 (Agilent Technologies,
Santa Clara, CA, United States). The RNA Integrity Number
(RIN) ranged from 6 to 10 (85% of samples were RIN > 7), for all
but two samples (RINs 4.7 and 5.9). Since miRNAs are extremely
stable, a low RIN is not considered indicative of miRNA quality
and has been shown to have little to no impact on miRNA
expression (Jung et al,, 2010; Hall et al., 2012; Sanchez et al,,
2018). We therefore included all samples in this study.

miRNA Sequencing

Small RNA sequencing libraries were prepared using the
Mlumina Truseq Small RNA Sample Prep Kit. Each library
(sample) included a unique index and libraries were pooled after
cDNA synthesis. cDNA libraries underwent cluster generation
on Illuminas Cluster Station and were sequenced using the
Mlumina GAIIx sequencer. Raw sequence reads were obtained
using Illumina’s Pipeline v1.5 software following sequencing
image analysis by Pipeline Firecrest Module and base calling
by Pipeline Bustard Module. The extracted sequence reads
were normalized, annotated and abundance determined using
mirDeep2 (Friedlander et al., 2012).

Adapter sequences were trimmed and resulting reads were
aligned to the human miRNA transcriptome (miRbase v21)
(Griffiths-Jones, 2006) with the bowtie aligner in the mirDeep2
package, due to limited miRNA sequences available for the
baboon genus; a prior study showed that 95% of baboon miRNA
transcripts are identical in sequence to human miRNA transcripts
in the liver (Karere et al., 2012). Alignment was stringent, with
zero mismatches allowed, thus limiting the identification of novel
or species-specific variants. Samples with < 500,000 read counts
aligning to miRBase v21 were excluded from the analysis; these
were the cerebellum from animal B2, motor cortex from animal
B4, and occipital cortex from animal B6. In total, 76 samples were
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FIGURE 1 | Location of brain regions used in this study. The image to the left represents the lateral view and the image to the right represents the medial view. Insets
are of the orbitofrontal (left) and mesial temporal (right) structures. Surface renderings of a published baboon brain template (Love et al., 2016) were created using

MANGO (https://ric.uthscsa.edu/mangoy).
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included in our analysis. Since our primary interest is in the utility
of blood samples as a biomarker for brain-related pathology,
for all analyses, we selected only miRNAs that were expressed
(>10 read counts) in 80% or more of the brain samples analyzed
(n =362; Supplementary Table 1). These miRNA expression data
have been uploaded to the Gene Expression Omnibus (GEO)
repository (accession number GSE190675).

Statistical Analysis

Pairwise correlation analyses were performed using the R
function “cor.test” with statistical significance set to one-sided
P < 0.05 (i.e., investigating the positive linear relationship in
miRNA expression levels between blood and brain samples).
Two different sets of pairwise correlations were calculated. First,
mean expression levels per miRNA for each tissue type (i.e.,
PBMC, brain regions) was examined using Spearman’s rank-
order approach (due to non-normality in expression data across
miRNAs, assessed by the Shapiro-Wilk test), yielding an overall
correlation between each pair of tissue types. Second, correlations
between PBMC expression levels vs. regional and overall mean
brain expression levels of each study baboon for each of the 362
miRNAs was calculated using the Pearson method. Bonferroni
corrections, when applied, are based on an a value of 0.05
divided by the number of tests performed. Principal component
analysis (PCA) was performed on normalized miRNA counts
from mirDeep2 (per million mapped miRNA reads) using the
Partek data analysis software. Three-dimensional (3D) plots of
the first three principal components were generated using the R
package “rgl” v. 0.100.19.

Variance components analysis was performed on the miRNA
expression data by fitting a linear mixed effects model (LMM)
using the restricted maximum likelihood (REML) approach. This
was performed with the R package “VCA” v. 1.3.4 using the
function “remIMM,” which relies on the “lmer” function from
“Ime4” v. 1.1.21 (Bates et al., 2015). Confidence intervals for
variance components were determined using the Satterthwaite
approach (Satterthwaite, 1946). Due to the non-normality
and variance heterogeneity in the miRNA expression data,
logarithmic transformation of the data was performed prior to
analysis (Bartlett and Kendall, 1946). Random effects in the LMM
were study animal, miRNA, tissue type (i.e., blood vs. brain), and
brain region (nested within the tissue type component). Fixed
effects were age and sex.

Two-way hierarchical clustering via UPGMA (unweighted
pair group method with arithmetic mean) and heatmaps of
Z-scores for expression of each miRNA were generated in the R
package “gplots” v. 3.5.3, with the two dendrograms clustering
miRNA expression levels by tissue sample (dissimilarity
distance based on Spearman’s correlation coefficient: 1 — ry),
representing heatmap columns, and by miRNA (dissimilarity
distance based on Pearson correlation coefficient: 1 — 7r),
representing heatmap rows.

MiRNA Set Enrichment Analysis (MSEA) was performed on
miRNA lists of interest using the web-based application miEAA
(Backes et al., 2016), accessible at: http://www.ccb.uni-saarland.
de/mieaa_tool/. MSEA is akin to Gene Set Enrichment Analysis
(GSEA), in which a running sum statistic is calculated top-to-
bottom for lists of miRNAs ordered by some criterion (here
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TABLE 1 | Description of brain regions examined.

Region

Description

Group A (n =4)
Amygdala (AMG)

Hypothalamus (PVN)

Dorsomedial prefrontal
cortex (dmPFC)

Dorsal anterior
cingulate cortex (JACC)

Lateral orbitofrontal
cortex (IOFC)

Medial orbitofrontal
cortex (MOFC)

Posterior cingulate
cortex (PCC)

Group B (n =6)
Hippocampus (HC)
Cerebellum (CB)

Dorsolateral prefrontal
cortex (dIPFC)

Motor cortex (MC)
Entorhinal cortex (EC)

Posterior parietal cortex
(PPC)

QOccipital cortex (OC)

Medial temporal lobe, ~0.5 cm posterior to
temporal pole

Hypothalamus, paraventricular nucleus,
~1.0 cm posterior to temporal pole, 1 mm
dorsal to the optic chiasm, ~1 mm bilateral
bank of third ventricle

Dorsomedial bank of the superior frontal gyrus,
1.0 cm posterior to frontal pole

Immediately dorsal to the genu of the corpus
callosum, ~1.5 cm posterior to frontal pole
Orbitofrontal cortex, ~0.5 cm anterior to the
genu of the corpus callosum, ventrolateral
frontal cortex

Orbitofrontal cortex, ~3 mm anterior to the
genu of the corpus callosum, ventromedial
frontal cortex, straight gyrus

Immediately dorsal to the splenium of the
corpus callosum, ~2.0 cm anterior to the
occipital pole

Hippocampus containing all substructures
Lateral cerebellar lobule

Dorsal bank of the principal sulcus, 1.0-1.5 cm
posterior to the frontal pole

Within 5 mm anterior to the central sulcus

At the level of the thalamic lateral geniculate
nucleus

Dorsal bank of the parietal sulcus (nearest
dorsal aspect of brain)

Calcarine sulcus (primary visual cortex), 1 cm
anterior to the occipital pole

correlation coeflicients between PBMC miRNA expression and
mean brain expression levels); and provides a Kolmogorov-
Smirnov-like statistic that quantifies the over-representation
of miRNAs in a predefined set at the top or bottom of
the tested list. Statistical significance is determined by exact
P-values adjusted by the Benjamini-Hochberg approach. MSEA
tests more than 14,000 categories generated from different
miRNA-specific tools and databases (e.g., miRBase, HMDD2,
miRWalk) and publications. Additionally, gene targets for
miRNAs comprising major UPGMA dendrogram clusters were
identified from miRTarBase, a curated database of miRNA-
target interactions (Hsu et al., 2011). These were examined
for enrichment using the over-representation analysis option in
miEAA, using a Fisher’s exact test, with all annotated miRNAs
serving as the reference set. Top enriched gene targets (adjusted
P < 0.01) were then examined with the pathway-mining and
functional annotation tool DAVID (Huang et al., 2009).

RESULTS

In total, we analyzed ~239 million sequence reads from 76 blood
and brain samples, achieving a mapping percentage of 66.3% for

TABLE 2 | miRNAs that are nominally correlated between blood and mean brain
levels for expression in both study groups.

miRNA Group A Group B
Pearson’s r t-score p-value Pearson’s r t-score p-value
hsa-let-7d-5p 0.9112 3.1278 0.0444 0.8614 3.3916 0.0137
hsa-miR-30c-5p  0.9065 3.0865 0.0467 0.8982 4.0875 0.0075
hsa-miR-182-5p  0.9877 8.9283 0.0062 0.7669 2.3896 0.0376
hsa-miR-194-5p  0.9041 2.9917 0.0480 0.9743 8.6522 0.0005
hsa-miR-409-5p  0.9960  15.7604 0.0020 0.7943 2.6144 0.0296

the miRbase v21 reference. Four brain samples were excluded
due to low mapped read counts (<500,000; n = 3) or unavailable
tissue (n = 1). We identified 362 miRNAs that were expressed
(>10 read counts) in at least 80% of the brain samples analyzed
(Supplementary Table 1). We computed Pearson correlations
for expression levels of each of the 362 miRNAs between PBMC
and the mean of the normalized read counts of the various brain
samples in each animal from the two study groups (Group A,
n = 4; Group B, n = 6; Supplementary Table 1). For Group A,
the median correlation coeflicient (r) is 0.27, with 39 miRNAs
(11.3%) showing nominally significant correlation (one-sided
P < 0.05) between blood and brain expression levels. The
strongest correlation was observed for hsa-miR-99b-5p (r = 1.00;
P = 2.4 x 107°), the lone significant result after Bonferroni
correction for either group (adjusted P = 8.4 x 10~2). For Group
B, median ris 0.18, with 44 miRNAs (12.9%) exhibiting nominally
significant correlation between blood and brain expression levels,
with the top result observed for hsa-miR-194-5p (r = 0.97;
P =49 x 1074 adjusted P = 0.17). Only five miRNAs showed
nominally significant correlations (P < 0.05) between blood and
brain expression levels in both groups (hsa-let-7d-5p, hsa-miR-
30c-5p, hsa-miR-182-5p, hsa-miR-194-5p and hsa-miR409-5p;
Table 2), likely impacted by the small sample sizes and reduced
statistical power (Fisher’s Exact test P = 0.47).

To examine wider patterns in the data, we computed pairwise
correlations for overall expression of the 362 miRNAs between
blood and 14 cortical and subcortical regions in each of the
two groups (7 brain regions per group). This was done using
Spearman’s rank-order correlations for mean tissue-specific
miRNA expression levels for the 4 or 6 baboon samples
(Table 3). Although all pairwise correlations are highly significant
(P < 2.2 x 10719), correlations involving PBMC expression are
distinctly lower in both groups (r; = 0.42-0.55) than correlations
between the brain regions (r; = 0.84-0.99). MiRNA expression in
the hypothalamus, paraventricular nuclei (PVN) and cerebellum
exhibit the weakest correlations among the pairwise results for
the brain regions.

To visualize variation in miRNA expression between and
within samples, we performed principal components analysis
(PCA) on samples from each group of baboons (Figure 2). For
both groups, the first PC accounts for approximately 50% of the
variation between samples and distinguishes PBMCs from the
corresponding brain samples along this dimension. In Group
A, the PVN appears to be differentiated from the other brain
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TABLE 3 | Pairwise Spearman’s correlations (s coefficients above diagonal) between blood and brain regions for mean expression counts for study samples per miRNA.

Group A PBMC AMG PVN dmPFC dACC IOFC mOFC PCC
PBMC 1 0.48 0.46 0.50 0.42 0.49 0.42 0.49
AMG 0.43,0.53 1 0.95 0.95 0.93 0.96 0.92 0.94
PVN 0.42,0.54 0.93,0.95 1 0.91 0.91 0.92 0.90 0.91
dmPFC 0.46,0.54 0.94,0.96 0.90,0.93 1 0.96 0.99 0.95 0.98
dACC 0.38,0.47 0.91,0.94 0.89,0.92 0.96,0.97 1 0.97 0.99 0.96
IOFC 0.45,0.53 0.95,0.97 0.90,0.93 0.99,0.99 0.96,0.97 1 0.95 0.98
mOFC 0.38,0.46 0.90,0.93 0.88,0.91 0.95,0.96 0.98,0.99 0.95,0.96 1 0.95
PCC 0.45,0.53 0.93,0.95 0.89,0.92 0.98,0.99 0.96,0.97 0.98,0.99 0.95,0.96 1

Group B PBMC HC CcB dIPFC MC EC PPC oC
PBMC 1 0.55 0.52 0.52 0.54 0.50 0.54 0.55
HC 0.51,0.58 1 0.84 0.96 0.96 0.95 0.97 0.96
CB 0.49,0.56 0.81,0.85 1 0.88 0.87 0.86 0.88 0.85
dIPFC 0.49,0.55 0.95,0.96 0.86,0.89 1 0.98 0.97 0.98 0.94
MC 0.50,0.58 0.96,0.97 0.85,0.89 0.98,0.99 1 0.96 0.99 0.96
EC 0.46,0.53 0.94,0.96 0.84,0.88 0.97,0.98 0.96,0.97 1 0.96 0.95
PPC 0.51,0.58 0.96,0.97 0.86,0.89 0.98,0.98 0.99,0.99 0.96,0.97 1 0.96
OoC 0.51,0.58 0.95,0.96 0.83,0.87 0.93,0.95 0.95,0.96 0.94,0.95 0.96,0.97 1

Expression data were residualized for age for Group A animals and age and sex for Group B animals.

Due to the non-normality of the miRNA expression datasets, Spearman’s rank-order method was used for computing pairwise correlations.

Estimated rs coefficients are reported above the diagonal; 95% confidence intervals (lower confidence limit, upper confidence limit) are reported below the diagonal.

All pairwise correlations presented in the table are highly significant (P < 2.2 x 107).

PBMC, Peripheral blood mononuclear cells; AMG, Amygdala; PVN, Paraventricular nucleus of the hypothalamus, dmPFC, Dorsomedial prefrontal cortex; dACC, Dorsal
anterior cingulate cortex; IOFC, Lateral orbitofrontal cortex; mOFC, Medial orbitofrontal cortex; PCC, Posterior cingulate cortex; HC, Hippocampus, CB, Cerebellum;

dIPFC, Dorsolateral prefrontal cortex; MC, motor cortex; EC, Entorhinal cortex; PPC, Posterior parietal cortex; OC, Occipital cortex.

regions for PCs 1 and 2, the latter accounting for ~21% of
the variation. The third PC accounts for ~6% of the variation,
which differentiates the miRNA levels of PBMC and six brain
regions of one outlier baboon relative to the other animals in
Group A. The AMG, dmPFC, dACC, I0FC, mOFC, and PCC
exhibit tight clustering relative to the PBMC and PVN samples
in this PC plot. In Group B, PC2 accounts for ~15% of the
variation, and separates the CB, and to a lesser extent the OC,
from the other brain regions. The HC, MC, PPC, EC, and dIPFC
samples comprise a major cluster in the center of the plot, with
notable dispersion along PC3 (explains ~7% of variation) that
exhibits some patterning based on brain region. The independent
clustering of the PBMC samples, and to a lesser extent the
PVN (Group A) and CB (Group B) samples, is concordant with
the pairwise correlations described above. When the normalized
miRNA counts of the two groups were lumped together, PCA
revealed two tight clusters, one comprised of the PBMC samples
from both groups and another of the various brain regions,
although the CB samples from Group B again appear as outliers
along the third PC (see Supplementary Figure 1).

To quantify the proportion of miRNA variation that is
attributable to differences in tissue type, we performed LMM
variance components (VC) analysis of the expression data via
REML (Table 4). For Group A, 71.3% of the variance in miRNA
expression is accounted by differences between the 362 miRNAs
measured in the dataset. A notable 13.0% of the variance was
attributed to tissue type (i.e., blood vs. brain), although it is not
significantly different from zero (inferred from the estimated

lower 95% confidence limit: VC = 0.14; 95% CI: 0, 0.54). Only
0.6% of the variance was attributed to differences in brain regions
(nested within VC for tissue type). For Group B, a similar
pattern emerged, with the largest VC estimated for differences
between miRNAs (76.7% of total variance). For tissue type and
brain region, 7.8% and 0.6% of the variance were attributed to
these components, respectively, neither of which are significant.
Additionally, VC analysis was performed on the data from
both groups, revealing negligible variation attributed to group
differences in miRNA expression (see Supplementary Table 2).
Two-way hierarchical clustering was performed to examine
the broader co-expression patterns among the 362 miRNAs
and how these patterns may differ between blood and the
various brain regions (Figure 3). For Group A (Figure 3A), the
dendrogram shown at the top represents a UPGMA cluster of
the 31 blood and brain samples based on correlation distances
determined by Spearman’s rank-order method, with the four
PBMC samples positioned together as an outlier branch. The
dendrogram shown on the left margin represents a UPGMA
cluster of the 362 miRNAs based on Pearson correlation
distances, with what appears to be two major branches,
designated here as A.1 (n = 250 miRNAs; median r = 0.29 between
blood and mean brain expression levels) and A2 (n = 112
miRNAs; median r = 0.19). The tissue samples and miRNAs
represented by the nodes in the two dendrograms are aligned
as columns and rows in the heatmap, respectively, and intersect
within a color-coded matrix of Z-scores for miRNA expression
levels across the samples. Interestingly, branches A.1 and A.2
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FIGURE 2 | 3D plots of results from principal components analyses of miRNA expression levels in baboons by tissue type in (A) Group A animals and (B) Group B

in the miRNA dendrogram reveal distinctly different expression
patterns among the PBMC samples, with A.1 broadly showing
elevated expression relative to the brain, whereas miRNAs in the
other branch exhibit depressed levels. Furthermore, most of the
miRNAs within the A.1 branch show lower levels of expression in
the hypothalamus relative to the other brain regions.

To identify potential biological signatures in the two miRNA
branches, MSEA was performed using the web-based miEAA
application, with miRNA lists ordered according to Pearson
correlations between PBMC and mean brain expression levels
(i.e., we are not examining miRNA expression levels per se, but
how they correlate between blood and brain samples and whether
highly correlated miRNAs are enriched in particular biological
pathways and ontologies). The top enriched miRNA category for
branch A.1 is “CD14 expressed” (FDR-adjusted P = 8.7 x 10™%;
121 miRNAs, listed in Supplementary Table 3), with
three other immunity-related categories among the four next
most significant enrichment results (FDR-adjusted P < 0.01; see
Table 5). For A.2, no significant enrichments were observed.

For Group B (Figure 3B), similar patterns emerge in the
two-way hierarchical clusters and heatmap. The PBMC samples
are an outlier branch in the top dendrogram, as well as
samples from the cerebellum, which is consistent with the PCA
results. Two major branches are again evident in the miRNA
dendrogram (left margin): upregulated B.1 (n = 243 miRNAs;
median r = 0.19 between blood and mean brain expression levels)
and downregulated B.2 (n = 119 miRNAs; median r = 0.12).
MSEA for B.1 (Table 5) shows a similar enrichment pattern
to A.l1, with the top enriched category again being “CD14
expressed” (FDR-adjusted P = 2.0 x 1073; n = 121 miRNAs),
with four other immunity-related categories rounding out the
top-five. For B.2, two significant enrichments were observed,
both related to Alzheimer’s Disease (AD): “Alzheimer’s Disease
deregulated” (FDR-adjusted P = 2.7 x 1073 n = 25 miRNAs)
and “Alzheimer’s Disease upregulated” (FDR-adjusted P = 0.013;
n = 12 miRNAs). Comparing the miRNA dendrograms from
Groups A and B, highly significant overlap was observed for

n =

upregulated branches A.1 and B.1 (n = 187 shared miRNAs
out of 250 and 243 miRNAs, respectively; Fisher’s exact test
P = 4.6 x 10~°), with only approximately half of the miRNAs
shared between A.2 and B.2.

TABLE 4 | Results of variance components analysis of miRNA expression data.

Group A (n =4)

Component Variance % Total 95%
name component Confidence
interval*
Animal 0.00034 0.038 0, 0.0011
Tissue Type 0.14 13.0 0,0.54
Tissue Type: 0.0059 0.6 0,0.013
Brain Region**
miRNA 0.77 71.3 0.66, 0.88
Error 0.16 161 0.16, 0.17
Total 1.08 100.0 0.76, 1.65
Group B (n =6)
Component Variance % Total 95%
name component Confidence
interval*
Animal 0.000010 0.003 0, 0.00010
Tissue Type 0.083 7.8 0, 0.32
Tissue Type: 0.0066 0.6 0,0.014
Brain Region*™
mMiRNA 0.82 76.7 0.70, 0.94
Error 0.16 14.9 0.16,0.16
Total 1.07 100.0 0.84, 1.39

Fixed effects for group A (degrees of freedom based on Satterthwaite’s
approximation): intercept = 1.81 (t-value = 5.43; Pr > [t| = 0.029); age = 0.0074
(t-value = 0.52; Pr > |t| = 0.65). For group B: intercept = 2.00 (t-value = 9.16;
Pr> |t| = 'NaN’); age = —0.0026 (t-value = —1.59; Pr > |t| = 0.22); sex = —0.050
(t-value = —2.49; Pr > |t| = 0.12).

*95% confidence interval: lower confidence limit, upper confidence limit.

**Brain regions nested within tissue type.
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Given the well-established regulatory role played by miRNAs
in gene expression, the biological implications of the matching
A.1and B.1 clusters were further explored by examining the gene
targets of the constituent miRNAs (Supplementary Table 4).
For both clusters, the top-enriched gene target is MYC (A.1:
target of 46 miRNAs, FDR-adjusted P = 7.3 x 104 B.1:
target of 45 miRNAs, FDR-adjusted P = 7.3 x 10~!4). Also,
among the top-five gene targets are AGOI and EEFIAI for
both clusters, underscoring their overlap in miRNAs. For lists
of enriched gene targets with FDR-adjusted P < 0.01 (n = 1,489
and 1,058, respectively), functional assessment based on the Gene
Ontology (GO) database showed the most significant annotations
to be the same for both clusters: protein binding (A.1: 1,004
genes, FDR-adjusted P = 7.3 x 107°7; B.1: 730 genes, FDR-
adjusted P = 1.6 x 10~%); poly(A) RNA binding (A.1: 212 genes,
FDR-adjusted P = 2.7 x 10~2% B.1: 153 genes, FDR-adjusted

P =2.0 x 1072%); and positive regulation of transcription from
RNA polymerase II promoter (A.1: 149 genes, FDR-adjusted
P=6.1 x 10719 B.1: 127 genes, FDR-adjusted P = 6.0 x 10~ 1%).

DISCUSSION

The relationship between blood and brain miRNA expression
activity is not well understood. With various peripheral
miRNAs implicated as potential biomarkers for neurological
and psychiatric pathologies, it is necessary to discern how
these correlate with miRNA expression levels in the brain that
are presumably more proximate to underlying etiological
mechanisms. In the present study we computed cross-
tissue correlations and used PCA, variance components
analysis, hierarchical clustering, and enrichment analysis
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TABLE 5 | Top-5 MSEA results for miRNAs representing dendrogram
branches A.1 and B.1.

Dendrogram branch A.1 (n = 250 miRNAs)

miEAA Subcategory FDR-adjusted P-value? No. observed

category*

Immune cells CD14 8.7 x 1074 1218
expressed

Immune cells CD15 1.9 x 1078 138
expressed

Gene Lymphocyte 3.5 x 1073 15

ontology** proliferation

Immune cells CD3 expressed 3.8 x 1073 105

Immune cells CD56 49 %1073 121
expressed

Dendrogram branch B.1 (n = 243 miRNAs)

miEAA Subcategory FDR-adjusted P-value No. observed

category

Immune cells CD14 2.0 x 1078 1218
expressed

Immune cells CD15 2.3 x 1078 137
expressed

Immune cells CD19 2.3 x 1078 103
expressed

Immune cells CD3 expressed 2.3 x 10783 105

Immune cells CD56 2.3 x 1078 126
expressed

MIRNA Set Enrichment Analysis (MSEA) was performed on lists of miRNA sorted
by Pearson correlation coefficients estimated between PBMC expression levels and
mean expression levels across seven brain regions (within each study group).
*Immune cell data from Leidinger et al. (2014) and comprises miRNAs expressed
in at least three individuals for respective cell types (CD14+, CD15+, CD19+,
CD3+, and CD56+).

**Data from miRWalk 2.0 (Dweep et al., 2011).

¥ Adjustment using Benjamini-Hochberg approach.

SObserved miRNAs for “CD14 expressed” listed in Supplementary Table 3.

to better understand the relationship between miRNA
expression in peripheral blood and 14 cortical (dmPFC,
dIPFC, dACC, 10FC, mOFC, PCC, MC, EC, PPC, OC)
and subcortical (AMG, PVN, HC, CB) brain regions in
baboons. To our knowledge, this is the first study to
investigate the transcriptome-wide relationship between
blood and brain miRNA expression using paired (ie.,
within-subject) samples.

Although significantly correlated, our analyses show that
miRNA expression profiles from PBMCs are differentiated
from corresponding profiles in the brain, with certain brain
regions, in particular the cerebellum, exhibiting divergent
expression patterns. From Spearman’s pairwise correlation
analysis, we found moderate, although highly significant, tissue-
wide correlations between miRNAs expressed in blood and in
the brain (r, = 0.42-0.55). Prior studies have examined gene
expression profiles of independent blood and brain samples
(i.e., from different human subjects), with one study reporting
correlations between leukocytes and three brain regions that are
lower than our pairwise results (r = 0.29-0.32) (Cai et al., 2010);
whereas another reported more similar levels of correlation

for whole blood and 16 brain regions (Spearman’s r; = 0.51;
range 7 = 0.44-0.58) (Sullivan et al., 2006). For within-subject
correlations of human gene expression the data is more limited,
although Rollins et al. (2010) computed a Pearson’s correlation
of r = 0.64 for PBMCs and cerebellar tissue (Rollins et al., 2010).
And in a non-human primate study with a paired sample design
similar to the one used here, Jasinska et al. (2009) reported
that 429 of 2,481 transcript probes expressed in 12 male vervet
monkeys showed blood-brain correlations of rs > 0.55 for at
least one of eight examined brain regions (Jasinska et al., 2009).
Opverall, these results suggest that the levels of correlation between
peripheral blood and the brain are broadly similar for miRNA
and gene expression activity, likely reflecting the close regulatory
relationship between these molecules.

In the tissue-based dendrograms and PCA plots, however,
the PBMC samples from both Group A and B animals
appear as outliers, with variance components analysis attributing
about 10% of the variation in miRNA expression levels
to differences between PBMCs and the brain regions (with
most stemming from differences between individual miRNAs).
Notably, the corresponding miRNA-based dendrograms for each
study group appear to mirror each other, both harboring major
branches (A.1 and B.1) with extensive upregulation among
PBMCs and enrichment for immune-expressed miRNAs among
the strongest blood-brain correlates. Given the tree-building
UPGMA algorithm is based on a correlation distance, the
tightly clustered sub-branches that comprise A.1 and B.1 are
indicative of strong co-expression (i.e., linear relationships)
between individual miRNA profiles across both the blood
and brain samples, although the PBMC expression levels, as
highlighted by the heatmap Z-scores, are distinctly elevated
relative to the brain tissues (and vice versa for the A.2
and B.2 branches).

MSEA analysis of the A.1 and B.1 branches show an
enrichment of miRNAs expressed in CD14+, CD15+, CD19+,
CD3+, and CD56+ immune cell types, which are known
markers of neuroinflammation and have been increasingly
implicated in neurodegenerative and psychiatric disorders.
The most significant enrichment in both study groups are
for miRNAs expressed in immune cells harboring CDI14, a
receptor shown to mediate neuroinflammation induced by
Alzheimer’s amyloid B peptides (Fassbender et al, 2004)
and cerebral ischemia in a mouse model (Zhou et al,
2013). Increased CD14 + levels in serum and cerebrospinal
fluid (CSF) have also been associated with schizophrenia
and bipolar disorder risk (Jakobsson et al., 2015; Johansson
et al, 2017). Similarly, for the other immune cell types
implicated in the MSEA analysis of miRNA blood-brain
correlates, significant aberrations in cell subpopulation levels
have been reported for various neurological and psychiatric
conditions, both in brain tissue (Busse et al., 2012; Geng
and Huang, 2021; Troscher et al, 2021) and peripheral
blood samples (Schleifer et al, 2002; Richartz-Salzburger
et al, 2007; Miller et al., 2013; Cacabelos et al, 2016;
Rocha et al, 2018; Furlan et al, 2019; Pietruczuk et al,
2019), including major depression, schizophrenia, epilepsy,
bipolar disorder and Parkinson’s disease, among others, further
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suggesting a broad, pathophysiological role for changes in
inflammation profiles.

The gene targets of the miRNAs comprising the A.1 and
B.1 dendrogram branches also provide insight. For both, MYC
is the top enriched gene, the target of 46 and 45 miRNAs,
respectively. The gene encodes c-Myc, a nuclear phosphoprotein
and “master” transcription factor that regulates growth-related
genes, including VEGFA and biological pathways that promote
angiogenesis and endothelial cell growth (Shi et al, 2014;
Kim et al,, 2015). Interestingly, in a recent study examining
neural stem cells (NSC) and their transition from quiescence
to activation, c-Myc was found to be dynamically expressed
during the transition, with increased levels during activation
that coordinate cell cycle and mitochondrial reprogramming
(Cai et al, 2021). NSC activation switching is a focal
regulatory point for neurogenesis and promotes plasticity
in existing circuitry by making new synaptic contacts with
mature neurons (Bond et al., 2015; Urban et al.,, 2019), with
implications for learning, memory formation, and executive
function. GO-term annotation analysis of MYC and the
other top gene targets for the A.1 and B.I miRNAs showed
enrichment for gene functions related to protein and poly(A)
binding and transcription regulation, a likely signature of the
complex, multilevel regulation of gene expression by miRNAs
(Makeyev and Maniatis, 2008).

Transcriptomic profiles have been reported for different
regions within the brain, revealing distinct gene expression
patterns, suggesting that any blood-brain relationship in miRNA
expression is likely varied by brain tissue type. Analyzing
microarray data for six neurotypical adults and 191 brain
structures from the Allen Brain Atlas, Negi and Guda (2017)
demonstrated through hierarchical clustering that the cerebellum
has the most distinguishable gene expression patterns compared
to other brain regions (Negi and Guda, 2017), with tissue-
specific blocks of up- and downregulated genes. This is
consistent with the hierarchical clustering of miRNA expression
presented here, as the cerebellum also exhibits distinctive
signatures of up- and downregulated miRNAs, and whose outlier
status among brain regions is further evident from the PCA
plots. Within the major A.1 and B.1 dendrogram clusters,
the cerebellum samples exhibit strong upregulation for three
particular subclusters (n = 109 miRNAs), corresponding to the
wider upregulation observed for the PBMC samples. Gene targets
were re-identified for the miRNAs comprising these subclusters,
with MYC again emerging as the top-enriched target (FDR-
adjusted P = 9.9 x 107°). GO-term annotation analysis of
the top targets (n = 116; FDR-adjusted P < 0.01) showed
the most significant functional enrichment to be again for
protein binding (FDR-adjusted P = 2.5 x 107°), as well as
positive regulation of smooth muscle cell proliferation (FDR-
adjusted P = 1.5 x 107%), a key component of regulating
neurovascular contractility and blood-brain barrier integrity
(Hill et al., 2015).

Lastly, we examined expression levels of individual miRNAs
for correlations between blood and brain (using the mean of
the different regions) to better understand their suitability as
peripheral biomarkers for brain-related conditions. However,

given the small sample sizes and hence limited statistical power,
only one miRNA (hsa-miR-99b-5p) emerged as significantly
correlated (after Bonferroni correction) between blood and brain
samples from Group A animals. In humans, increased expression
of hsa-miR-99b-5p within PBMCs has been associated with
pediatric multiple sclerosis (Liguori et al.,, 2018). miR-99b-5p
has also been found to be abnormally expressed in the brains
of a mouse model for Alzheimer’s disease, affecting neuron
survival via the mTOR pathway in response to amyloid B-induced
endoplasmic reticulum stress (Ye et al, 2015) and has been
implicated in rat models of stress resilience (Chen et al., 2015) and
transient cerebral ischemia (Altintas et al., 2016). We identified
a limited number of miRNAs showing nominally significant
blood-brain correlations across both study groups (hsa-let-7d-
5p, hsa-miR-30c-5p, hsa-miR-182-5p, hsa-miR-194-5p and hsa-
miR409-5p), all of which have been previously implicated as
peripheral biomarkers of various psychiatric or neurological
disorder, or within animal models of brain-related disorders
(e.g., Zhou et al, 2009; Tan et al., 2014; Vallelunga et al,
2014; Wang et al,, 2015; Maffioletti et al., 2016; Toyama et al,,
2017; Bahi and Dreyer, 2020; Brennan et al., 2020; Qi et al,
2020; Levitskiy et al., 2021). However, the permissive statistical
significance level of these miRNA correlations precludes any
firm conclusions to be drawn about their suitability as potential
peripheral biomarkers.

Overall, the results of the study reveal significant blood-
brain correlations in miRNA expression profiles in baboons on
a tissue-wide level, but with evidence of some differentiation, as
the pairwise correlations among the 14 examined brain regions
are markedly stronger, indicated by the outlying positions of
PBMC samples within UPGMA dendrograms and PCA plots.
However, a major miRNA co-expression cluster was identified
in the dendrograms of each study group, both exhibiting
global upregulation among PBMCs and enrichment for miRNAs
expressed in immune cell types, with gene targets functionally
annotated for different aspects of gene expression regulation. The
study is limited by its small sample size and the assessment of only
peripheral blood cells, as other sources (e.g., plasma, CSE, saliva,
urine) may provide additional insight into the use of peripheral
tissues as biomarkers of brain-related miRNA expression. Thus,
future studies investigating this research question should aim
to profile and analyze miRNA expression in a wider array of
peripheral tissues from a larger cohort of animals. Nonetheless,
the data generated here provides preliminary evidence of blood-
brain correlations and that changes in peripheral miRNA
expression patterns, including ones that potentially impact
neuroinflammation, multilevel gene regulation, and c-Myc-
mediated processes, may also reflect changes in the brain within
the same subject.

DATA AVAILABILITY STATEMENT

The datasets presented in this study can be found in online
repositories. The names of the repository/repositories and
accession number(s) can be found below: https://www.ncbi.nlm.
nih.gov/search/all/?term=GSE190675.

Frontiers in Molecular Neuroscience | www.frontiersin.org

March 2022 | Volume 15 | Article 817290


https://www.ncbi.nlm.nih.gov/search/all/?term=GSE190675
https://www.ncbi.nlm.nih.gov/search/all/?term=GSE190675
https://www.frontiersin.org/journals/molecular-neuroscience
https://www.frontiersin.org/
https://www.frontiersin.org/journals/molecular-neuroscience#articles

Kos et al.

Blood-Brain Correlates Among Baboon miRNAs

ETHICS STATEMENT

The animal study was reviewed and approved by Texas
Biomedical Research Institute Institutional Animal Care and Use
Committee (IACUC).

AUTHOR CONTRIBUTIONS

MC devised the project and coordinated RNA extraction and
miRNA sequencing. DC and CL performed the tissue collection
and brain dissection. MK, SP, and JN processed the miRNA
expression data and performed statistical analyses. MK and MC
took the lead in writing the manuscript with assistance from SP,
AK, and ED. DC, AK, CL, and PN provided critical feedback that
helped shape the study design and the conclusions drawn from
the data. All authors contributed to the article and approved the
submitted version.

FUNDING

This study was supported by NIH/NIMH grant R21IMH114154
(MC) and conducted in facilities constructed with support from

REFERENCES

Adegbola, A., Bury, L. A,, Fu, C., Zhang, M., and Wynshaw-Boris, A. (2017).
Concise review: induced pluripotent stem cell models for neuropsychiatric
diseases. Stem Cells Transl. Med. 6, 2062-2070. doi: 10.1002/sctm.17-0150

Altintas, O., Ozgen Altintas, M., Kumas, M., and Asil, T. (2016). Neuroprotective
effect of ischemic preconditioning via modulating the expression of cerebral
miRNAs against transient cerebral ischemia in diabetic rats. Neurol. Res. 38,
1003-1011. doi: 10.1080/01616412.2016.1232013

AVMA Panel on Euthanasia (2001). American Veterinary Medical Association,
2000 report of the AVMA panel on euthanasia. J. Am. Vet. Med. Assoc. 218,
669-696. doi: 10.2460/javma.2001.218.669

Backes, C., Khaleeq, Q. T., Meese, E., and Keller, A. (2016). miEAA: microRNA
enrichment analysis and annotation. Nucleic Acids Res. 44, W110-W116. doi:
10.1093/nar/gkw345

Bahi, A., and Dreyer, J. L. (2020). Lentiviral-mediated up-regulation of let-7d
microRNA decreases alcohol intake through down-regulating the dopamine
D3 receptor. Eur. Neuropsychopharmacol. 37, 70-81. doi: 10.1016/j.euroneuro.
2020.06.011

Bakker, R., Tiesinga, P., and Kotter, R. (2015). The scalable brain atlas: instant web-
based access to public brain atlases and related content. Neuroinformatics 13,
353-366. doi: 10.1007/s12021-014-9258-x

Barry, G. (2014). Integrating the roles of long and small non-coding RNA in brain
function and disease. Mol. Psychiatry 19, 410-416. doi: 10.1038/mp.2013.196

Bartlett, M. S., and Kendall, D. G. (1946). The statistical analysis of variance-
heterogeneity and the logarithmic transformation. Suppl. J. R. Stat. Soc. 8,
128-138. doi: 10.2307/2983618

Bates, D., Maechler, M., Bolker, B., and Walker, S. (2015). Fitting linear mixed-
effects models using Ime4. J. Stat. Softw. 67, 1-48.

Bond, A. M., Ming, G. L., and Song, H. (2015). Adult mammalian neural stem
cells and neurogenesis: five decades later. Cell Stem Cell 17, 385-395. doi:
10.1016/j.stem.2015.09.003

Brennan, G. P., Bauer, S., Engel, T., Jimenez-Mateos, E. M., Del Gallo, F., Hill,
T. D. M,, et al. (2020). Genome-wide microRNA profiling of plasma from
three different animal models identifies biomarkers of temporal lobe epilepsy.
Neurobiol. Dis. 144:105048. doi: 10.1016/j.nbd.2020.105048

Busse, S., Busse, M., Schiltz, K., Bielau, H., Gos, T., Brisch, R, et al. (2012). Different
distribution patterns of lymphocytes and microglia in the hippocampus of

NIH Research Facilities Improvement grants C06 RR013556,
C06 RR014578, and C06 RR015456. This investigation used
resources that were supported by the Southwest National Primate
Research Center grant P51 OD011133 from the Office of Research
Infrastructure Programs, National Institutes of Health.

ACKNOWLEDGMENTS

We would like to thank Debbie Christian and Sam Galindo
of the Southwest National Primate Research Center for their
assistance with repository samples and records. Baboon brain
images used to generate Figure 1 were kindly provided by Akos
Szabd and Felipe Salinas from the University of Texas Health
Science Center at San Antonio.

SUPPLEMENTARY MATERIAL

The Supplementary Material for this article can be found
online at: https://www.frontiersin.org/articles/10.3389/fnmol.
2022.817290/full#supplementary- material

patients with residual versus paranoid schizophrenia: further evidence for
disease course-related immune alterations? Brain Behav. Immun. 26, 1273
1279. doi: 10.1016/j.bbi.2012.08.005

Cacabelos, R., Torrellas, C., Fernandez-Novoa, L., and Lopez-Munoz, F. (2016).
Histamine and immune biomarkers in CNS disorders. Mediators Inflamm.
2016:1924603. doi: 10.1155/2016/1924603

Cai, C.,, Hu, X,, Dai, P,, Zhang, T., Jiang, M., Wang, L., et al. (2021). c-Myc
regulates neural stem cell quiescence and activation by coordinating the cell
cycle and mitochondrial remodeling. Signal Transduct. Target Ther. 6:306. doi:
10.1038/541392-021-00664-7

Cai, C,, Langfelder, P., Fuller, T. F., Oldham, M. C,, Luo, R,, van den Berg, L. H.,
etal. (2010). Is human blood a good surrogate for brain tissue in transcriptional
studies? BMC Genomics 11:589. doi: 10.1186/1471-2164-11-589

Chen, R. J., Kelly, G., Sengupta, A., Heydendael, W., Nicholas, B., Beltrami, S.,
et al. (2015). MicroRNAs as biomarkers of resilience or vulnerability to stress.
Neuroscience 305, 36-48. doi: 10.1016/j.neuroscience.2015.07.045

Cox, L. A., Comuzzie, A. G., Havill, L. M., Karere, G. M., Spradling, K. D., Mahaney,
M. C,, et al. (2013). Baboons as a model to study genetics and epigenetics of
human disease. ILAR J. 54, 106-121. doi: 10.1093/ilar/ilt038

Davis, N., Biddlecom, N., Hecht, D., and Fogel, G. B. (2008). On the relationship
between GC content and the number of predicted microRNA binding
sites by Microlnspector. Comput. Biol. Chem. 32, 222-226. doi: 10.1016/j.
compbiolchem.2008.02.004

Defelipe, J. (2011). The evolution of the brain, the human nature of cortical circuits,
and intellectual creativity. Front. Neuroanat. 5:29. doi: 10.3389/fnana.2011.
00029

Dweep, H., Sticht, C., Pandey, P., and Gretz, N. (2011). miRWalk-database:
prediction of possible miRNA binding sites by “walking” the genes of
three genomes. J. Biomed. Inform. 44, 839-847. doi: 10.1016/j.jbi.2011.
05.002

Eichhorn, S. W., Guo, H., McGeary, S. E., Rodriguez-Mias, R. A,
Shin, C., Baek, D., et al. (2014). mRNA destabilization is the
dominant effect of mammalian microRNAs by the time substantial
repression ensues. Mol Cell 56, 104-115. doi: 10.1016/j.molcel.2014.
08.028

Fassbender, K., Walter, S., Kuhl, S., Landmann, R, Ishii, K., Bertsch, T., et al. (2004).
The LPS receptor (CD14) links innate immunity with Alzheimer’s disease.
FASEB . 18, 203-205. doi: 10.1096/1j.03-0364fje

Frontiers in Molecular Neuroscience | www.frontiersin.org

March 2022 | Volume 15 | Article 817290


https://www.frontiersin.org/articles/10.3389/fnmol.2022.817290/full#supplementary-material
https://www.frontiersin.org/articles/10.3389/fnmol.2022.817290/full#supplementary-material
https://doi.org/10.1002/sctm.17-0150
https://doi.org/10.1080/01616412.2016.1232013
https://doi.org/10.2460/javma.2001.218.669
https://doi.org/10.1093/nar/gkw345
https://doi.org/10.1093/nar/gkw345
https://doi.org/10.1016/j.euroneuro.2020.06.011
https://doi.org/10.1016/j.euroneuro.2020.06.011
https://doi.org/10.1007/s12021-014-9258-x
https://doi.org/10.1038/mp.2013.196
https://doi.org/10.2307/2983618
https://doi.org/10.1016/j.stem.2015.09.003
https://doi.org/10.1016/j.stem.2015.09.003
https://doi.org/10.1016/j.nbd.2020.105048
https://doi.org/10.1016/j.bbi.2012.08.005
https://doi.org/10.1155/2016/1924603
https://doi.org/10.1038/s41392-021-00664-7
https://doi.org/10.1038/s41392-021-00664-7
https://doi.org/10.1186/1471-2164-11-589
https://doi.org/10.1016/j.neuroscience.2015.07.045
https://doi.org/10.1093/ilar/ilt038
https://doi.org/10.1016/j.compbiolchem.2008.02.004
https://doi.org/10.1016/j.compbiolchem.2008.02.004
https://doi.org/10.3389/fnana.2011.00029
https://doi.org/10.3389/fnana.2011.00029
https://doi.org/10.1016/j.jbi.2011.05.002
https://doi.org/10.1016/j.jbi.2011.05.002
https://doi.org/10.1016/j.molcel.2014.08.028
https://doi.org/10.1016/j.molcel.2014.08.028
https://doi.org/10.1096/fj.03-0364fje
https://www.frontiersin.org/journals/molecular-neuroscience
https://www.frontiersin.org/
https://www.frontiersin.org/journals/molecular-neuroscience#articles

Kos et al.

Blood-Brain Correlates Among Baboon miRNAs

Friedlander, M. R., Mackowiak, S. D., Li, N., Chen, W., and Rajewsky, N. (2012).
miRDeep2 accurately identifies known and hundreds of novel microRNA genes
in seven animal clades. Nucleic Acids Res. 40, 37-52. doi: 10.1093/nar/gkr688

Furlan, R, Melloni, E., Finardi, A., Vai, B., Di Toro, S., Aggio, V., et al. (2019).
Natural killer cells protect white matter integrity in bipolar disorder. Brain
Behav. Immun. 81, 410-421. doi: 10.1016/j.bbi.2019.06.037

Geng, R., and Huang, X. (2021). Identification of major depressive disorder disease-
related genes and functional pathways based on system dynamic changes of
network connectivity. BMC Med. Genomics 14:55. doi: 10.1186/s12920-021-
00908-z

Griffiths-Jones, S. (2006). miRBase: the microRNA sequence database. Methods
Mol. Biol. 342, 129-138. doi: 10.1385/1-59745-123-1:129

Hall, J. S., Taylor, J., Valentine, H. R., Irlam, J. J., Eustace, A., Hoskin, P. J., et al.
(2012). Enhanced stability of microRNA expression facilitates classification of
FFPE tumour samples exhibiting near total mRNA degradation. Br. J. Cancer
107, 684-694. doi: 10.1038/bjc.2012.294

Hill, R. A., Tong, L., Yuan, P., Murikinati, S., Gupta, S., and Grutzendler, J. (2015).
Regional blood flow in the normal and ischemic brain is controlled by arteriolar
smooth muscle cell contractility and not by capillary pericytes. Neuron 87,
95-110. doi: 10.1016/j.neuron.2015.06.001

Hsu, S. D., Lin, F. M., Wu, W. Y, Liang, C., Huang, W. C., Chan, W. L., et al. (2011).
miRTarBase: a database curates experimentally validated microRNA-target
interactions. Nucleic Acids Res. 39, D163-D169. doi: 10.1093/nar/gkq1107

Huang, D. W., Sherman, B. T., and Lempicki, R. A. (2009). Systematic and
integrative analysis of large gene lists using DAVID bioinformatics resources.
Nat. Protoc. 4, 44-57. doi: 10.1038/nprot.2008.211

Jakobsson, J., Bjerke, M., Sahebi, S., Isgren, A., Ekman, C. J., Sellgren, C., et al.
(2015). Monocyte and microglial activation in patients with mood-stabilized
bipolar disorder. J. Psychiatry Neurosci. 40, 250-258. doi: 10.1503/jpn.140183

Jasinska, A. J., Service, S., Choi, O. W., DeYoung, J., Grujic, O., Kong, S. Y.,
et al. (2009). Identification of brain transcriptional variation reproduced in
peripheral blood: an approach for mapping brain expression traits. Hum. Mol.
Genet. 18, 4415-4427. doi: 10.1093/hmg/ddp397

Johansson, V., Jakobsson, J., Fortgang, R. G., Zetterberg, H., Blennow, K., Cannon,
T. D., et al. (2017). Cerebrospinal fluid microglia and neurodegenerative
markers in twins concordant and discordant for psychotic disorders. Eur. Arch.
Psychiatry Clin. Neurosci. 267, 391-402. doi: 10.1007/s00406-016-0759-5

Jung, M., Schaefer, A., Steiner, I., Kempkensteffen, C., Stephan, C., Erbersdobler,
A, et al. (2010). Robust microRNA stability in degraded RNA preparations
from human tissue and cell samples. Clin. Chem. 56, 998-1006. doi: 10.1373/
clinchem.2009.141580

Karere, G. M., Glenn, J. P, VandeBerg, J. L., and Cox, L. A. (2012). Differential
microRNA response to a high-cholesterol, high-fat diet in livers of low and high
LDL-C baboons. BMC Genomics 13:320. doi: 10.1186/1471-2164-13-320

Kim, J. Y., Cho, Y. E,, and Park, J. H. (2015). The nucleolar protein GLTSCR2 is an
upstream negative regulator of the oncogenic nucleophosmin-MYC axis. Am. J.
Pathol. 185, 2061-2068. doi: 10.1016/j.ajpath.2015.03.016

Leidinger, P., Backes, C., Meder, B., Meese, E., and Keller, A. (2014). The human
miRNA repertoire of different blood compounds. BMC Genomics 15:474. doi:
10.1186/1471-2164-15-474

Levitskiy, D., Confair, A., Wagner, K. E., DeVita, S., Shea, N., McKernan, E. P.,
etal. (2021). Longitudinal stability of salivary microRNA biomarkers in children
and adolescents with autism spectrum disorder. Res. Autism Spectr. Disord.
85:101788. doi: 10.1016/j.rasd.2021.101788

Liguori, M., Nuzziello, N., Introna, A., Consiglio, A., Licciulli, F., D’Errico, E., et al.
(2018). Dysregulation of microRNAs and target genes networks in peripheral
blood of patients with sporadic amyotrophic lateral sclerosis. Front. Mol.
Neurosci. 11:288. doi: 10.3389/fnmol.2018.00288

Love, S. A., Marie, D., Roth, M., Lacoste, R., Nazarian, B., Bertello, A., et al. (2016).
The average baboon brain: MRI templates and tissue probability maps from 89
individuals. Neuroimage 132, 526-533. doi: 10.1016/j.neuroimage.2016.03.018

Maffioletti, E., Cattaneo, A., Rosso, G., Maina, G., Maj, C., Gennarelli, M., et al.
(2016). Peripheral whole blood microRNA alterations in major depression and
bipolar disorder. J. Affect. Disord. 200, 250-258. doi: 10.1016/j.jad.2016.04.021

Makeyev, E. V., and Maniatis, T. (2008). Multilevel regulation of gene
expression by microRNAs. Science 319, 1789-1790. doi: 10.1126/science.115
2326

McCullumsmith, R. E., and Meador-Woodruff, J. H. (2011). Novel approaches to
the study of postmortem brain in psychiatric illness: old limitations and new
challenges. Biol. Psychiatry 69, 127-133. doi: 10.1016/j.biopsych.2010.09.035

McKinney, C. E. (2017). Using induced pluripotent stem cells derived neurons
to model brain diseases. Neural Regen. Res. 12, 1062-1067. doi: 10.4103/1673-
5374.211180

Miller, B. J., Gassama, B., Sebastian, D., Buckley, P., and Mellor, A. (2013). Meta-
analysis of lymphocytes in schizophrenia: clinical status and antipsychotic
effects. Biol. Psychiatry 73, 993-999. doi: 10.1016/j.biopsych.2012.09.007

Negi, S. K., and Guda, C. (2017). Global gene expression profiling of healthy human
brain and its application in studying neurological disorders. Sci. Rep. 7:897.
doi: 10.1038/s41598-017-00952-9

Nestler, E. J., and Hyman, S. E. (2010). Animal models of neuropsychiatric
disorders. Nat. Neurosci. 13, 1161-1169.

Ogawa, L. M., and Vallender, E. J. (2014). Evolutionary conservation in genes
underlying human psychiatric disorders. Front. Hum. Neurosci. 8:283. doi: 10.
3389/fnhum.2014.00283

Pietruczuk, K., Lisowska, K. A., Grabowski, K., Landowski, J., Cubala, W. J.,
and Witkowski, J. M. (2019). Peripheral blood lymphocyte subpopulations in
patients with bipolar disorder type II. Sci. Rep. 9:5869. doi: 10.1038/s41598-019-
42482-6

Qi, R, Liu, H, Liu, C,, Xu, Y., and Liu, C. (2020). Expression and short-term
prognostic value of miR-126 and miR-182 in patients with acute stroke. Exp.
Ther. Med. 19, 527-534. doi: 10.3892/etm.2019.8227

Richartz-Salzburger, E., Batra, A., Stransky, E., Laske, C., Kohler, N., Bartels,
M., et al. (2007). Altered lymphocyte distribution in Alzheimer’s disease.
J. Psychiatr. Res. 41, 174-178. doi: 10.1016/j.jpsychires.2006.01.010

Rocha, N. P., Assis, F., Scalzo, P. L., Vieira, E. L. M., Barbosa, I. G., de Souza,
M. S, et al. (2018). Reduced activated T lymphocytes (CD4+CD25+) and
plasma levels of cytokines in Parkinson’s disease. Mol. Neurobiol. 55, 1488-1497.
doi: 10.1007/512035-017-0404-y

Rollins, B., Martin, M. V., Morgan, L., and Vawter, M. P. (2010). Analysis of
whole genome biomarker expression in blood and brain. Am. J. Med. Genet.
B Neuropsychiatr. Genet. 153B, 919-936. doi: 10.1002/ajmg.b.31062

Roux, J., Gonzalez-Porta, M., and Robinson-Rechavi, M. (2012). Comparative
analysis of human and mouse expression data illuminates tissue-specific
evolutionary patterns of miRNAs. Nucleic Acids Res. 40, 5890-5900. doi: 10.
1093/nar/gks279

Saleem, K., and Logothetis, N. (2012). A Combined MRI and Histology Atlas of the
Rhesus Monkey Brain in Stereotaxic Coordinates. Cambridge, MA: Academic
Press.

Sanchez, I, Betsou, F., Culot, B., Frasquilho, S., McKay, S. C., Pericleous, S., et al.
(2018). RNA and microRNA stability in PAXgene-fixed paraffin-embedded
tissue blocks after seven years storage. Am. J. Clin. Pathol. 149, 536-547. doi:
10.1093/ajcp/aqy026

Santpere, G., Lopez-Valenzuela, M., Petit-Marty, N., Navarro, A., and Espinosa-
Parrilla, Y. (2016). Differences in molecular evolutionary rates among
microRNAs in the human and chimpanzee genomes. BMC Genomics 17:528.
doi: 10.1186/s12864-016-2863-3

Satterthwaite, F. E. (1946). An approximate distribution of estimates of variance
components. Biometrics 2, 110-114. doi: 10.2307/3002019

Schleifer, S. J., Keller, S. E., and Bartlett, J. A. (2002). Panic disorder and immunity:
few effects on circulating lymphocytes, mitogen response, and NK cell activity.
Brain Behav. Immun. 16, 698-705. doi: 10.1016/s0889-1591(02)00022-3

Shi, Y., Xu, X,, Zhang, Q., Fu, G,, Mo, Z,, Wang, G. S,, et al. (2014). tRNA
synthetase counteracts c-Myc to develop functional vasculature. Elife 3:¢02349.
doi: 10.7554/eLife.02349

Stark, K. L., Xu, B., Bagchi, A., Lai, W. S., Liu, H., Hsu, R., et al. (2008). Altered brain
microRNA biogenesis contributes to phenotypic deficits in a 22ql1-deletion
mouse model. Nat. Genet. 40, 751-760. doi: 10.1038/ng.138

Sullivan, P. F., Fan, C., and Perou, C. M. (2006). Evaluating the comparability of
gene expression in blood and brain. Am. J. Med. Genet. B Neuropsychiatr. Genet.
141B, 261-268. doi: 10.1002/ajmg.b.30272

Tan, L, Yu, J. T, Tan, M. S, Liu, Q. Y., Wang, H. F., Zhang, W., et al.
(2014). Genome-wide serum microRNA expression profiling identifies serum
biomarkers for Alzheimer’s disease. J. Alzheimers Dis. 40, 1017-1027. doi: 10.
3233/JAD-132144

Frontiers in Molecular Neuroscience | www.frontiersin.org

March 2022 | Volume 15 | Article 817290


https://doi.org/10.1093/nar/gkr688
https://doi.org/10.1016/j.bbi.2019.06.037
https://doi.org/10.1186/s12920-021-00908-z
https://doi.org/10.1186/s12920-021-00908-z
https://doi.org/10.1385/1-59745-123-1:129
https://doi.org/10.1038/bjc.2012.294
https://doi.org/10.1016/j.neuron.2015.06.001
https://doi.org/10.1093/nar/gkq1107
https://doi.org/10.1038/nprot.2008.211
https://doi.org/10.1503/jpn.140183
https://doi.org/10.1093/hmg/ddp397
https://doi.org/10.1007/s00406-016-0759-5
https://doi.org/10.1373/clinchem.2009.141580
https://doi.org/10.1373/clinchem.2009.141580
https://doi.org/10.1186/1471-2164-13-320
https://doi.org/10.1016/j.ajpath.2015.03.016
https://doi.org/10.1186/1471-2164-15-474
https://doi.org/10.1186/1471-2164-15-474
https://doi.org/10.1016/j.rasd.2021.101788
https://doi.org/10.3389/fnmol.2018.00288
https://doi.org/10.1016/j.neuroimage.2016.03.018
https://doi.org/10.1016/j.jad.2016.04.021
https://doi.org/10.1126/science.1152326
https://doi.org/10.1126/science.1152326
https://doi.org/10.1016/j.biopsych.2010.09.035
https://doi.org/10.4103/1673-5374.211180
https://doi.org/10.4103/1673-5374.211180
https://doi.org/10.1016/j.biopsych.2012.09.007
https://doi.org/10.1038/s41598-017-00952-9
https://doi.org/10.3389/fnhum.2014.00283
https://doi.org/10.3389/fnhum.2014.00283
https://doi.org/10.1038/s41598-019-42482-6
https://doi.org/10.1038/s41598-019-42482-6
https://doi.org/10.3892/etm.2019.8227
https://doi.org/10.1016/j.jpsychires.2006.01.010
https://doi.org/10.1007/s12035-017-0404-y
https://doi.org/10.1002/ajmg.b.31062
https://doi.org/10.1093/nar/gks279
https://doi.org/10.1093/nar/gks279
https://doi.org/10.1093/ajcp/aqy026
https://doi.org/10.1093/ajcp/aqy026
https://doi.org/10.1186/s12864-016-2863-3
https://doi.org/10.2307/3002019
https://doi.org/10.1016/s0889-1591(02)00022-3
https://doi.org/10.7554/eLife.02349
https://doi.org/10.1038/ng.138
https://doi.org/10.1002/ajmg.b.30272
https://doi.org/10.3233/JAD-132144
https://doi.org/10.3233/JAD-132144
https://www.frontiersin.org/journals/molecular-neuroscience
https://www.frontiersin.org/
https://www.frontiersin.org/journals/molecular-neuroscience#articles

Kos et al.

Blood-Brain Correlates Among Baboon miRNAs

Toyama, K., Kiyosawa, N., Watanabe, K., and Ishizuka, H. (2017). Identification of
circulating miRNAs differentially regulated by opioid treatment. Int. J. Mol. Sci.
18:1991. doi: 10.3390/ijms18091991

Troscher, A. R., Sakaraki, E., Mair, K. M., Kock, U., Racz, A., Borger, V., et al.
(2021). T cell numbers correlate with neuronal loss rather than with seizure
activity in medial temporal lobe epilepsy. Epilepsia 62, 1343-1353. doi: 10.1111/
epi.16914

Urban, N., Blomfield, I. M., and Guillemot, F. (2019). Quiescence of adult
mammalian neural stem cells: a highly regulated rest. Neuron 104, 834-848.
doi: 10.1016/j.neuron.2019.09.026

Vallelunga, A., Ragusa, M., Di Mauro, S., Iannitti, T., Pilleri, M., Biundo, R., et al.
(2014). Identification of circulating microRNAs for the differential diagnosis of
Parkinson’s disease and multiple system atrophy. Front. Cell. Neurosci. 8:156.
doi: 10.3389/fncel.2014.00156

Wang, J., Yu, J. T,, Tan, L., Tian, Y., Ma, ], Tan, C. C,, et al. (2015). Genome-wide
circulating microRNA expression profiling indicates biomarkers for epilepsy.
Sci. Rep. 5:9522. doi: 10.1038/srep09522

Ye, X., Luo, H., Chen, Y., Wu, Q., Xiong, Y., Zhu, J,, et al. (2015). MicroRNAs
99b-5p/100-5p regulated by endoplasmic reticulum stress are involved in
Abeta-induced pathologies. Front. Aging Neurosci. 7:210. doi: 10.3389/fnagi.
2015.00210

Zhou, M., Wang, C. M., Yang, W. L, and Wang, P. (2013). Microglial
CD14 activated by iNOS contributes to neuroinflammation in cerebral
ischemia. ~Brain Res. 1506, 105-114. doi: 10.1016/j.brainres.2013.
02.010

Zhou, R., Yuan, P., Wang, Y., Hunsberger, J. G., Elkahloun, A., Wei, Y., et al.
(2009). Evidence for selective microRNAs and their effectors as common long-
term targets for the actions of mood stabilizers. Neuropsychopharmacology 34,
1395-1405. doi: 10.1038/npp.2008.131

Ziats, M. N., and Rennert, O. M. (2014). Identification of differentially expressed
microRNAs across the developing human brain. Mol. Psychiatry 19, 848-852.
doi: 10.1038/mp.2013.93

Conflict of Interest: The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could be construed as a
potential conflict of interest.

Publisher’s Note: All claims expressed in this article are solely those of the authors
and do not necessarily represent those of their affiliated organizations, or those of
the publisher, the editors and the reviewers. Any product that may be evaluated in
this article, or claim that may be made by its manufacturer, is not guaranteed or
endorsed by the publisher.

Copyright © 2022 Kos, Puppala, Cruz, Neary, Kumar, Dalan, Li, Nathanielsz and
Carless. This is an open-access article distributed under the terms of the Creative
Commons Attribution License (CC BY). The use, distribution or reproduction in
other forums is permitted, provided the original author(s) and the copyright owner(s)
are credited and that the original publication in this journal is cited, in accordance
with accepted academic practice. No use, distribution or reproduction is permitted
which does not comply with these terms.

Frontiers in Molecular Neuroscience | www.frontiersin.org

13

March 2022 | Volume 15 | Article 817290


https://doi.org/10.3390/ijms18091991
https://doi.org/10.1111/epi.16914
https://doi.org/10.1111/epi.16914
https://doi.org/10.1016/j.neuron.2019.09.026
https://doi.org/10.3389/fncel.2014.00156
https://doi.org/10.1038/srep09522
https://doi.org/10.3389/fnagi.2015.00210
https://doi.org/10.3389/fnagi.2015.00210
https://doi.org/10.1016/j.brainres.2013.02.010
https://doi.org/10.1016/j.brainres.2013.02.010
https://doi.org/10.1038/npp.2008.131
https://doi.org/10.1038/mp.2013.93
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
http://creativecommons.org/licenses/by/4.0/
https://www.frontiersin.org/journals/molecular-neuroscience
https://www.frontiersin.org/
https://www.frontiersin.org/journals/molecular-neuroscience#articles

	Blood-Based miRNA Biomarkers as Correlates of Brain-Based miRNA Expression
	Introduction
	Materials and Methods
	Animal Care and Tissue Collection
	RNA Extraction
	miRNA Sequencing
	Statistical Analysis

	Results
	Discussion
	Data Availability Statement
	Ethics Statement
	Author Contributions
	Funding
	Acknowledgments
	Supplementary Material
	References


