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Previous evidence suggests that the derangement of large-scale brain

networks reflects structural, molecular, and functional mechanisms

underlying neurodegenerative diseases. Although the alterations of multiple

large-scale brain networks in Parkinson’s disease (PD) and Dementia with

Lewy Bodies (DLB) are reported, a comprehensive study on connectivity

reconfiguration starting from the preclinical phase is still lacking. We aimed to

investigate shared and disease-specific changes in the large-scale networks

across the Lewy Bodies (LB) disorders spectrum using a brain metabolic

connectivity approach. We included 30 patients with isolated REM sleep

behavior disorder (iRBD), 28 with stable PD, 30 with DLB, and 30 healthy

controls for comparison. We applied seed-based interregional correlation

analyses (IRCA) to evaluate the metabolic connectivity in the large-scale

resting-state networks, as assessed by [18F]FDG-PET, in each clinical group

compared to controls. We assessed metabolic connectivity changes by

applying the IRCA and specific connectivity metrics, such as the weighted

and unweighted Dice similarity coefficients (DC), for the topographical

similarities. All the investigated large-scale brain resting-state networks

showed metabolic connectivity alterations, supporting the widespread

involvement of brain connectivity within the alpha-synuclein spectrum.

Connectivity alterations were already evident in iRBD, severely affecting the

posterior default mode, attentive and limbic networks. Strong similarities

emerged in iRBD and DLB that showed comparable connectivity alterations

in most large-scale networks, particularly in the posterior default mode and

attentive networks. Contrarily, PD showed the main connectivity alterations

limited to motor and somatosensory networks. The present findings reveal

that metabolic connectivity alterations in the large-scale networks are already
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present in the early iRBD phase, resembling the DLB metabolic connectivity

changes. This suggests and confirms iRBD as a risk condition for progression

to the severe LB disease phenotype. Of note, the neurobiology of stable PD

supports its more benign phenotype.

KEYWORDS

metabolic connectivity, large-scale brain networks, alpha-synuclein spectrum,
isolated REM sleep behavior disorder, [18F]FDG-PET

Introduction

Parkinson’s disease (PD), dementia with Lewy bodies (DLB),
and multiple system atrophy (MSA) are clinical entities of
the alpha-synucleinopathies spectrum, characterized by the
abnormal accumulation in the brain of misfolded alpha-
synuclein (Goedert et al., 2017). Specifically, PD and DLB
are associated with Lewy Bodies (LB) (in the soma) and
Lewy neurites (LN) (in neural dendrites) inclusions falling
under the umbrella term of LB diseases; instead, MSA is
characterized by glial cytoplasmic inclusion (Calo et al., 2016).
The isolated REM sleep behavior disorder (iRBD) is considered
a prodromal stage of alpha-synucleinopathies with a high risk
of progression. The association of iRBD with alpha-synuclein-
related neurodegeneration is strongly substantiated by clinical
follow-up and neuropathological studies in case series (Schenck,
2019). Specifically, Lewy-type pathology has been observed in
the brains of iRBD patients (Boeve et al., 2013; Iranzo et al.,
2013, 2014). More than 80% of patients with iRBD convert into
PD, PD dementia (PDD), DLB, or, in rarer circumstances, MSA
after approximately 14 years of follow-up (St Louis et al., 2017;
Galbiati et al., 2019).

Increasing evidence proves that iRBD can be considered
a red flag for a severe clinical phenotype characterized by
dementia development (Lin and Chen, 2018). Clinical data
support that iRBD could be the prodromal manifestation of a
diffuse malignant clinical subtype of PD (i.e., PDD/DLB) (Lin
and Chen, 2018). RBD prevalence in DLB is 80% against 16–47%
in PD (Högl et al., 2018). Moreover, PD patients with RBD (PD-
RBD) manifest an aggressive disease course characterized by
autonomic dysfunction, visual hallucinations, and also dementia
(PDD) (Fereshtehnejad et al., 2017; Lin and Chen, 2018;
Pilotto et al., 2019). However, the retrospective nature of iRBD
diagnosis is a frequent limit in clinical research. Evaluating the
neurobiological changes underlying the prodromal (iRBD) and
full-blown LB disease with (PDD/DLB) and without dementia
(PD) has crucial relevance to establishing the role of iRBD as a
prognostic marker.

In this context, [18F]FDG-PET has shown promising
results through different analytical approaches, revealing
a common pathological substrate between DLB/PDD and

iRBD. Multivariate and univariate approaches revealed a
significative occipital hypometabolism in iRBD patients (Wu
et al., 2014; Ge et al., 2015; Meles et al., 2018; Carli et al.,
2020b). Occipital hypometabolism has been associated with
a higher risk of developing dementia in PD (Pilotto et al.,
2018) and represents a hallmark metabolic signature of
DLB (Caminiti et al., 2019). Thus, the occipital vulnerability
in iRBD might represent an early sign of malignant LB
disease clinical phenotype characterized by dementia
development (DLB/PDD; Wu et al., 2014; Ge et al., 2015;
Meles et al., 2018; Carli et al., 2020b). Common pathological
substrates between PDD/DLB and iRBD also emerged from
brain metabolic connectivity targeting the dopaminergic,
noradrenergic, and cholinergic systems, known to be affected
by alpha-synuclein aggregations (Uchihara and Giasson,
2016). Specifically, iRBD and DLB share similar cholinergic
alterations, and in PD without cognitive deterioration, a
limited impairment of this neurotransmission system is
present (Carli et al., 2020c). All the above suggest that iRBD
might have more biological mechanisms in common with
DLB than PD with a stable clinical progression, providing
initial biological support to the definition of iRBD as a risk
factor for dementia development to LB diseases (Carli et al.,
2020b; Galbiati et al., 2021). However, little is known about
the alteration of large-scale networks between iRBD and
full-blown LB diseases.

Abnormal aggregations of alpha-synuclein cause
dysfunctions in synaptic transmission and produce widespread
effects on functional connectivity among distant brain
regions, thus resulting in alterations of large-scale brain
networks (Palop et al., 2006). Thus, in neurodegenerative
diseases, a clearer understanding of the underlying abnormal
networks could aid the achievement of an effective early
diagnosis and the identification of potential treatment
targets (Niethammer and Eidelberg, 2012; Schindlbeck
and Eidelberg, 2018). Multivariate brain connectivity
methods applied to [18F]FDG-PET data emerged in the
last decade as innovative and powerful approaches to
unraveling the pathophysiology of neurodegenerative
diseases (Yakushev et al., 2017; Schindlbeck and Eidelberg,
2018; Sala and Perani, 2019). Even if functional MRI
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(fMRI) has dominated the brain connectivity scene for
decades, it is becoming increasingly clear that fMRI
connectivity measures have limited reproducibility,
especially in small sample sizes (Chen et al., 2018; Grady
et al., 2021; Marek et al., 2022). The main cause of
fMRI’s limited reproducibility relies on the blood-oxygen-
level-dependent (BOLD) signal. The BOLD signal has a
low signal-to-noise ratio (Yakushev et al., 2017; Verger
and Guedj, 2018), and several repetitions of the same
fMRI protocol are necessary to increase the sensitivity
of measurements. In addition, the signal-to-noise ratio
may vary drastically between fMRI runs, degrading the
robustness and reproducibility of this method (Cheng,
2012). Moreover, the neurovascular coupling—alterations
in local perfusion that occur in response to neuronal
activity changes— can heavily affect the BOLD signal
(Yakushev et al., 2017; Verger and Guedj, 2018; Sala and
Perani, 2019; Carli et al., 2021). In this context, [18F]FDG-
PET brain connectivity imaging may provide advantages
to fMRI. [18F]FDG-PET signal originates mainly from
excitatory synaptic activity, localized in gray matter tissue,
thus, being inherently less dependent on neurovascular
coupling than the BOLD signal (Wehrl et al., 2013). Moreover,
[18F]FDG-PET benefits from better signal-to-noise ratios
and out-of-sample replications than fMRI, contributing
to the robustness and reproducibility of [18F]FDG-PET
findings. Indeed, [18F]FDG-PET connectivity measures
are reported as robust, specific, and reproducible also in
a small sample of patients (Schindlbeck and Eidelberg,
2018; Ripp et al., 2020). Thus, applying metabolic
connectivity approaches to [18F]FDG-PET data provides a
comprehensive approach to deciphering changes in brain
networks in neurodegenerative diseases (Carli et al., 2021).
Few studies have explored the large-scale network with
metabolic connectivity in LB diseases. PD is characterized
by a connectivity derangement in the large-scale frontal
networks, including the motor one (Sala et al., 2017).
DLB metabolic connectivity showed a severe involvement
of the posterior cortical, limbic, and attention networks,
strongly related to the heterogeneous clinical symptoms
(Sala et al., 2019).

Despite the above-described large-scale brain network
alterations in PD and DLB separately, there is a
lack of comprehensive studies on the LB spectrum,
including the prodromal phase (iRBD). This study
investigates shared and disease-specific changes in
the large-scale networks (resting-state networks,
RSNs), in three clinical groups (iRBD, PD without
cognitive deterioration over time, and DLB) throughout
the brain metabolic connectivity approach. Due to
this, we evaluated metabolic connectivity changes
by applying a seed-based interregional correlation
analysis (IRCA).

Materials and methods

Participants

Subjects with isolated rapid eye movement
sleep behavior disorder

Thirty subjects with a polysomnography-confirmed
diagnosis of iRBD (American Academy of Sleep Medicine,
2014) were retrospectively selected from the clinical
database of the Sleep disorders Centre of Turro San Raffaele
Hospital, Milan, Italy.

Patients with stable Parkinson’s disease
Twenty-eight patients diagnosed with PD without

cognitive impairment at baseline and follow-up (8 years)
were retrospectively selected from the clinical and imaging
database of the Neurology Unit, Department of Clinical and
Experimental Sciences, at the University of Brescia, Brescia,
Italy. The clinical diagnosis of PD was made according to
the Movement Disorder Society Clinical Diagnostic Criteria
(Postuma et al., 2015).

Patients with dementia with Lewy bodies
Thirty patients with a diagnosis of probable DLB (McKeith

et al., 2017) were retrospectively selected from the clinical and
imaging database of San Raffaele Hospital, Milan, Italy.

Healthy controls
Thirty HC were randomly selected for comparison from

the internal database of the In Vivo Human Molecular and
Structural Neuroimaging Unit, IRCCS San Raffaele Scientific
Institute, Milan, Italy. They did not show a medical history of
neurological or psychiatric diseases or other chronic illnesses
and were not taking psychoactive medication.

All participants or their informed caregivers provided
informed consent. The protocols conformed to the Ethical
Standards of the Helsinki Declaration for the protection
of human subjects.

[18F]FDG-PET image acquisition and
pre-processing

All subjects underwent an [18F]FDG–PET imaging
session. [18F]FDG–PET scans were performed by a General
Electric Discovery LS PET/CT or a multi-ring General
Electric Discovery. The [18F]FDG–PET acquisition procedures
conformed to the European Association of Nuclear Medicine
guidelines (Varrone et al., 2009). Static emission images were
acquired 45 min after injecting 185–250 MBq of [18F]FDG via
a venous cannula, with a 15-min scan duration. Data obtained
from steady-state static [18F]FDG–PET acquisition were
demonstrated to be comparable to the [18F]FDG–PET data
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obtained from dynamic quantitative acquisition procedures
(Signorini et al., 1999). All images were reconstructed using
an ordered subset-expectation maximization algorithm.
Attenuation correction was based on CT scans.

Image pre-processing was performed using the SPM12
software running in Matlab (MathWorks Inc., Sherborn,
MA, United States). First, each [18F]FDG–PET image
was spatially normalized to a specific [18F]FDG–PET
template in the MNI space (Della Rosa et al., 2014).
Images were spatially smoothed with an isotropic 3D
Gaussian kernel (Full width at half maximum FWHM:
8-8-8 mm). Global mean scaling was applied to each
image to account for between-subject uptake variability
(Perani et al., 2014).

Metabolic connectivity of the
resting-state networks analysis

Interregional correlation analysis
We performed IRCA using a voxel-wise SPM procedure

(Lee et al., 2008) to investigate the metabolic connectivity of the
RSNs in the three groups of patients (iRBD, DLB, and PD) as
compared to HC. The central assumption of this analysis dates
back to the work by Horwitz et al. (1984), demonstrating that
brain regions whose glucose metabolism is correlated at rest are
functionally associated.

IRCA is a voxel-wise approach previously validated for
[18F]FDG-PET data that allows the derivation of RSNs from
relevant seed regions selected based on previous literature
(Horwitz et al., 1984; Lee et al., 2008). It relies on selecting
a region of interest (ROI), or seed, from which the average
tracer uptake value is extracted. The correlation between average
uptake in the seed and uptake in each voxel in the rest of the
brain is then tested (Lee et al., 2008) to estimate the connectivity
profile, or connectivity map, of the seed of interest. Of note,
brain networks estimated using [18F]FDG-PET data benefit
from disease specificity and robustness also in a small sample
of patients (N ≥ 20) (Schindlbeck and Eidelberg, 2018; Ripp
et al., 2020). In this study, we applied IRCA analysis in three
groups of patients and one HC cohort, ensuring a reliable
number of subjects per group (N ≥ 25). In addition, to increase
the reliability and reproducibility of RSNs, we considered the
seeds of RSNs previously validated. Specifically, we considered
the RSNs affected in PD and DLB, following the previous
literature (Caminiti et al., 2017; Sala et al., 2017, 2019; Iaccarino
et al., 2018), namely, the anterior and posterior default mode
networks (ADMN and PDMN), the attentive network (ATTN),
the frontal executive network (EXN), the limbic network (LIN),
the motor network (MN), the somatosensory network (SN),
the primary, and high visual networks (PVN and HVN; details
on the selected ROIs are provided in Table 1). We used the

TABLE 1 Selected ROIs for the analysis.

Seeds Derivation atlases

ADMN Ventromedial frontal cortex Shirer 2012 Functional RSNs atlas

ATTN Angular gyrus,
supramarginal gyrus

Shirer 2012 Functional RSNs atlas

EXN Dorsolateral prefrontal cortex Sallet’s Dorsal Frontal Parcellation
atlas

HVN Inferior occipital cortex,
middle occipital cortex

Shirer 2012 Functional RSNs atlas

LIN Amygdala Anatomical Automatic Labeling
(AAL) atlas

MN Precentral gyrus Anatomical Automatic Labeling
(AAL) atlas

PDMN Posterior cingulum,
precuneus

Shirer 2012 Functional RSNs atlas

PVN Calcarine cortex Shirer 2012 Functional RSNs atlas

SN Postcentral gyrus Anatomical Automatic Labeling
(AAL) atlas

ADMN, anterior default mode network; ATTN, attentive network; EXN, executive
network; HVN, high visual network; LIN, limbic network; MN, motor network; PDMN,
posterior default mode network; PVN, primary visual network; SN, somatosensory
network.

REX toolbox1 to extract the mean metabolism values from nine
ROIs (seeds), entering as sources the scaled [18F]FDG-PET
images of patients and HC. Then, the average seed uptake was
set as a variable of interest in a multiple regression model in
SPM12, entering age and gender as nuisance covariates for each
network. The statistical threshold was set at p = 0.001, with
Kep ≥ 100 voxels.

Connectivity comparison and metrics
First, we aimed to evaluate the integrity of each RSN. To

do that, we compared each clinical group with HC (iRBD
vs. HC, PD vs. HC, and DLB vs. HC). We quantified the
RSN extension and the overlap between each clinical group
and HC. The difference in RSN extension between patients
and HC may reflect two different and potentially malignant
mechanisms: increased or decreased metabolic connectivity of
the seed with a set of brain areas compared to healthy brain
functioning. Then, the comparison of spatial topography aimed
to evaluate if the set of areas metabolically connected to the
seed is similar or different in patients and HC. We used well-
established and validated connectivity metrics to quantify these
differences. Differences in network extension and topography
were measured according to the number of correlated voxels
(Ballarini et al., 2016; Galbiati et al., 2021) and Dice (DC)
similarity coefficient index (Savio et al., 2017), respectively.

When we found alterations compared to HC, we also
evaluated the commonalities/differences of the pathological
changes among the clinical spectrum (i.e., iRBD, PD, and

1 https://www.nitrc.org/projects/rex/
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DLB). To do that, we performed direct comparisons between
clinical groups (i.e., iRBD vs. PD, iRBD vs. DLB, PD vs. DLB).
Specifically, we evaluated the topographical differences, also
considering the deviation from HC of each group, using a
previously validated metabolic connectivity index: weighted DC
coefficient (wDC; Carli et al., 2020c; Mencarelli et al., 2020).
Compared to the standard unweighted DC coefficient, the
wDC provides a similarity index that considers not only spatial
similarity between groups of patients but also the similarity of
the connectivity changes that emerged in comparison with HC.

The following sub-paragraphs explain in detail the above-
mentioned metabolic connectivity metrics.

Network spatial extension (voxel count)

We extracted the number of seed-correlated voxels for
each considered network in patients and control groups to
quantify the degree and the direction of differences in the
spatial extension of the metabolic connectivity (Ballarini et al.,
2016; Galbiati et al., 2021). Specifically, computing the difference
(1) between HC and clinical groups for each RSN for
obtaining the degree (absolute value of 1) and the direction
of spatial differences (the sign of 1, positive = increase and
negative = decrease).

Network topography (Dice coefficient and weighted
Dice coefficient)

Changes in RSNs connectivity between clinical groups and
HC were assessed with the DC and computed using FSL software
(Jenkinson et al., 2012). DC measures similarity between large-
scale networks by computing the normalized amount of their
overlap (i.e., volume overlap between two binary masks divided
by their mean volume) (Savio et al., 2017). To evaluate the
differences and similarities among clinical groups (i.e., iRBD
vs. PD, iRBD vs. DLB, and PD vs. DLB), we computed the
weighted wDC (Carli et al., 2020c; Mencarelli et al., 2020)
to account for their deviation from HC RSNs. Compared to
the standard unweighted DC coefficient, the wDC provides a
similarity index that advantageously takes into account not only
spatial similarity but also the similarity of the connectivity signs
[i.e., positive (higher connectivity than controls) and negative
(lower connectivity than controls)]. To do so, we derived a ratio
of the voxel count difference (SR1) between HC and clinical
groups for each RSN:

SR1 =
(Voxel count clinical group RSN)− (Voxel count HC RSN)

(Voxel count HC RSN)
(1)

Positive and negative ratios represented the increase and
decrease of connectivity compared to HC in terms of spatial
network extension. In other words, the SR1 > 0 indicates that
patients showed a higher extension of a specific RSN than HC,
and SR1 < 0 reflected a lower extension. In this way, the
product sign reflects whether the groups had the same (both
increase or decrease connectivity, positive sign) or different (one

increase and the other decrease, or vice versa, negative sign)
connectivity changes compared to HC. To obtain the wDC, we
added the product of SR1 of the two groups to the DC. For
example, we did a linear computation to calculate the wDC
for iRBD and PD groups; we first obtained the traditional DC,
and then we added the product of SR1s computed for iRBD
and PD groups to DC. The wDC is a data-based similarity
coefficient that measures similarity relative to the specific dataset
investigated. Thus, this procedure quantifies the degree of
similarity in connectivity alterations among the different clinical
groups accounting for the connectivity networks’ spatial changes
compared to HC. Expressly, wDC values below or close to 0
indicated null or very low similarity between the two groups.

The wDC is a relatively new index that can be applied in
different ways and to different imaging modalities (Carli et al.,
2020c; Mencarelli et al., 2020). Thus, we aimed to test whether
the here computed index effectively measured the topographical
differences between clinical groups, considering the deviation
from HC in terms of RSNs extension. The wDC is supposed to
be higher when two groups of patients have a high percentage of
topographical overlap (measured through the traditional DC),
and/or both groups showed the same direction of changes
compared to HC (increased or decreased network extension
in comparison to HC). To verify that, we applied a ranking
strategy. For each comparison (iRBD vs. PD, iRBD vs. DLB, and
PD vs. DLB), we classified the nine RSN as concordant (both
groups have increases/decreases) or discordant (one group has
increases and the other decreases, or vice versa) in terms of
extension compared to HC. For each comparison (iRBD vs.
PD, iRBD vs. DLB, and PD vs. DLB), we also classified the
RSNs with moderate-to-good overlap (DC > 0.40) or fair/poor
overlap (DC < 0.40), according to the literature guidelines
(Savio et al., 2017). Then, we defined a network similar when two
groups showed either concordant direction of extension changes
compared to HC or a moderate degree of overlap in DC. We
defined a network not similar when it had discordant changes in
extension compared to HC and fair/poor topographical overlap.
Last, we tested whether the wDC was statistically different
between similar and not similar RSNs for each comparison using
ANOVA statistical models.

Results

The demographic and clinical features of the study groups
are reported in Table 2. Notably, PD patients were significantly
younger than iRBD and DLB (p < 0.05), whereas MMSE
excluded significant cognitive changes in iRBD and PD
compared to DLB (p < 0.05). Thus, the iRBD cohort was
characterized by the absence of relevant cognitive impairments
(MMSE mean ± SD = 27.46 ± 2.65) and motor signs (UPDRS
IIImean ± SD = 0.54 ± 1.2). At the same time, 97% of the DLB
group featured parkinsonism.
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TABLE 2 Demographic and clinical features of the samples.

iRBD PD DLB HC Statistic

N 30 28 30 30

Gender (F/M) 2/28 12/16 13/17 13/17 p = 0.0021a,b,e

Age, y (Mean± SD) 70.07± 6.82 62.68± 10.82 70.83± 8.45 63.03± 2.8 p = 0.0002a,c,d,e

Education, y (Mean± SD) 11.1± 4.79 8.25± 4.26 9.37± 4.14 – p = 0.0532

Disease duration, y (Mean± SD) 5.33± 3.12 4.25± 2.59 2.34± 2.12 – p = 0.0002b,c

MMSE, corrected score (Mean± SD) 27.46± 2.65 28.71± 1.49 17.31± 4.59 – p = 0.0002b,c

1Chi-squared test.
2One-way ANOVA.
Significant differences at post hoc comparisons, significant at p < 0.05, using Bonferroni-correction for multiple comparisons:
aiRBD 6= PD.
biRBD 6= DLB.
cPD 6= DLB.
dDLB 6=HC.
eiRBD 6=HC.
iRBD, isolated REM sleep behavior disorder; PD, Parkinson’s disease; DLB, dementia with Lewy Bodies; N, number; y, year; F, female; M, Male; MMSE, Mini Mental State Examination;
SD, standard deviation.

Interregional correlation analyses
results

Comparisons between clinical groups and
healthy controls
Isolated REM sleep behavior disorder subjects vs.
healthy controls

The MN (DC = 0.19; 1voxel = -7,543), PDMN (DC = 0.29;
1voxel = 8,717), and ATTN (DC = 0.39; 1voxel = 7,463)
were the most altered networks in iRBD. Specifically, MN seed
(i.e., precentral gyrus) lost metabolic connectivity mainly with
the bilateral supplementary motor area and superior frontal
gyrus. PDMN and ATTN showed instead increased connectivity
compared to HC. In PDMN, the seeds (i.e., posterior cingulum
and precuneus) showed increased metabolic connectivity with
the angular gyrus, cuneus, precuneus, and superior frontal
gyrus, bilaterally. In ATTN, the seed showed increased
connectivity with the angular gyrus, posterior cingulum, and
middle temporal gyrus, bilaterally.

The other RSNs showed moderate differences compared to
HC in terms of topography extension and overlap. The ADMN
(DC = 0.44; 1voxel = 3449), EXN (DC = 0.43; 1voxel = 799),
HVN (DC = 0.53; 1voxel = 2244), and PVN (DC = 0.47;
1voxel = 3775) showed an increase of metabolic connectivity
compared to HC. On the other hand, SN (DC = 0.41; 1voxel = -
7,151) and LIN (DC = 0.29; 1voxel = -1,005) showed a decrease
of metabolic connectivity in comparison to HC. See Figures 1, 2
for the graphical representation.

Parkinson’s disease patients vs. healthy controls

The MN (DC = 0.18; 1voxel = -5,846) and SN (DC = 0.23;
1voxel = -9,561) were the most altered networks in PD patients,
both characterized by a decrease of connections compared
to HC. Specifically, MN seed extensively lost metabolic
connections mainly with the bilateral supplementary motor area

and middle and superior frontal gyrus. In SN, the seed (i.e.,
bilateral postcentral gyrus) showed a widespread connectivity
decrease with inferior and superior parietal gyrus, precuneus,
and paracentral lobule.

The other RSNs showed moderate differences compared to
HC in terms of topography extension and overlap. The ADMN
(DC = 0.50; 1voxel = 1,552), EXN (DC = 0.45; 1voxel = -3,061),
HVN (DC = 0.41; 1voxel = -4,675), PVN (DC = 0.48; 1voxel = -
2,259), PDMN (DC = 0.41; 1voxel = -3,035), ATTN (DC = 0.42;
1voxel = -1,068), and LIN (DC = 0.36; 1voxel = -1,632). See
Figures 1, 2 for the graphical representation.

Dementia with Lewy bodies patients vs. healthy
controls

The LIN (DC = 0.30; 1voxel = 3,988), PDMN (DC = 0.33;
1voxel = 5,136), and ATTN (DC = 0.36; 1voxel = 6,963) were
the most altered networks in DLB patients, all characterized
by an increase of metabolic connectivity compared to HC.
Specifically, LIN seed (i.e., amygdala) showed increased
metabolic connectivity mainly with the bilateral hippocampus,
parahippocampus, and middle temporal pole. In PDMN, we
found increased metabolic connectivity between the posterior
seed and frontal brain regions (i.e., bilateral middle frontal gyrus
and superior frontal gyrus). Similarly, in ATTN, IRCA revealed
increased connectivity between posterior and anterior regions.
The ATTN seed (i.e., angular gyrus and supramarginal gyrus)
showed increased metabolic connectivity, mainly with the right
middle frontal gyrus and middle orbital frontal cortex. The seed
showed higher connectivity with the posterior portion of the
middle temporal gyrus bilaterally.

The other RSNs showed moderate differences compared
to HC in terms of spatial extension and overlap. The ADMN
(DC = 0.48; 1voxel = 1,138), EXN (DC = 0.51; 1voxel = 10,233),
MN (DC = 0.41; 1voxel = 4,027), and SN (DC = 0.46;
1voxel = 2,225). Only the visual networks, PVN (DC = 0.56;
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FIGURE 1

RSNs analysis. RSNs topography in HC (green overlaid to the anatomical template), iRBD (yellow overlaid to the anatomical template), PD (blue
overlaid to the anatomical template), and DLB (red overlaid to the anatomical template) for the ADMN, PDMN, ATTN, EXN, LIN, HVN, PVN, MN,
and SN. The selected seed for each network is shown in the first column. A connectivity derangement is present in all the RSNs. RSNs were
obtained using seed-based intercorrelation analysis. Clusters with a minimum spatial extent of 100 voxels are shown, with a voxel-wise
significant threshold of p = 0.001. iRBD, isolated REM sleep behavior disorder; PD, Parkinson’s disease; DLB, dementia with Lewy Bodies; HC,
healthy controls; ADMN, anterior default mode network; ATTN, attentive network; EXN, executive network; HVN, high visual network; LIN,
limbic network; MN, motor network; PDMN, posterior default mode network; PVN, primary visual network; SN, somatosensory network.

1voxel = -2,876) and HVN (DC = 0.41; 1voxel = -1,424),
showed a reduction of metabolic connectivity compared with
controls. See Figures 1, 2 for the graphical representation.

Direct comparisons between clinical
groups

See Table 3 and Figures 1, 3, 4 for wDC and DC values and
their graphical representation.

Isolated REM sleep behavior disorder subjects
vs. Parkinson’s disease patients

iRBD and PD patients showed an overall low degree of
overlap in RSNs metabolic reconfiguration, with most values
close to 0 (wDC ranging from -0.60 to 0.81). According to

the ranking strategy, PD and iRBD showed five similar RSNs
(i.e., ADMN, LIN, MN, PVN, SN) and four dissimilar RSNs
(i.e., ATTN, EXN, HVN, and PDMN). Similar and dissimilar
RSNs showed a significant difference in wDC mean values
(similar mean ± SD: 0.51 ± 0.18; not similar mean ± SD:
0.01 ± 0.41; p = 0.016). The PDMN was the network
where the two groups showed the lowest similarity value
(wDC = -0.60). The highest level of similarity was found in SN
(wDC = 0.81), where both groups showed a decrease in network
extension compared to HC.

Isolated REM sleep behavior disorder subjects
vs. dementia with Lewy bodies patients

iRBD patients showed an overall high degree of overlap with
DLB patients in RSNs metabolic reconfigurations (wDC ranging
from 0.06 to 1.81). According to the rank strategy, in DLB
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FIGURE 2

Brain networks spatial overlap and extension. (A) The spatial overlap between HC and iRBD (orange), PD (blue), and DLB (red) in the ADMN,
PDMN, ATTN, EXN, LIN, HVN, PVN, MN, SN, is expressed by DC. (B) The spatial extension of all networks in RBD (orange), PD (blue), and DLB
(red) compared to HC, expressed as the difference between HC and each clinical group (1). iRBD, isolated REM sleep behavior disorder; PD,
Parkinson’s disease; DLB, dementia with Lewy Bodies; HC, healthy controls; ADMN, anterior default mode network; ATTN, attentive network;
EXN, executive network; HVN, high visual network; LIN, limbic network; MN, motor network; PDMN, posterior default mode network; PVN,
primary visual network; SN, somatosensory network.

and iRBD, most RSNs were similar (i.e., ADMN, ATTN, EXN,
HVN, PDMN PVN, and SN), and only two were not similar
RSNs (i.e., LIN and MN). Similar (mean ± SD: 0.75 ± 0.58)
RSNs showed slightly higher wDC compared to dissimilar
(mean ± SD: 0.17 ± 0.16) RSNs without reaching the statistical
significance in wDC (p = 0.111), further demonstrating a
high degree of similarity between iRBD and DLB. The highest
similarities were found in PDMN (wDC = 1.81) and ATTN
(wDC = 1.30), where both DLB and iRBD networks showed
increased connectivity between frontal and posterior regions.
Accordingly, both groups showed an increased extension of
these two networks compared to HC, with increased anterior–
posterior connectivity.

Parkinson’s disease patients vs. dementia with
Lewy bodies patients

DLB and PD patients showed an overall low degree of
overlap in RSNs metabolic reconfigurations, with all the values
close to 0 (wDC ranging from -0.18 to 0.61). PD and DLB
showed four similar RSNs (i.e., ADMN, HVN, LIN, and PVN)
and five dissimilar RSNs (i.e., ATTN, EXN, MN, PDMN, and
SN) with significant differences in wDC mean values (similar
mean ± SD: 0.46 ± 0.13; not similar mean ± SD: 0.05 ± 0.16;
p = 0.016). The PDMN was the network where they showed
the lowest overlap value (wDC = -0.18). The PD group showed
a decreased extension in this network compared to HC; an
increased network extension characterized the DLB cohort.
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TABLE 3 wDC coefficient for comparison in clinical groups.

wDC
PD vs. IRBD

wDC
DLB vs. PD

wDC
IRBD vs. DLB

ADMN 0.52 0.54 0.52

ATTN 0.18 0.18 1.30

EXN 0.30 0.21 0.46

HVN 0.16 0.37 0.48

LIN 0.37 0.33 0.29

MN 0.47 −0.04 0.06

PDMN −0.60 −0.18 1.81

PVN 0.37 0.61 0.27

SN 0.81 0.10 0.35

iRBD, isolated Rem sleep behavior disorder; PD, Parkinson’s disease; DLB, dementia with
Lewy bodies; WDC, weighted Dice coefficient; ADMN, anterior default mode network;
ATTN, attentive network; EXN, executive network; HVN, high visual network; LIN,
limbic network; MN, motor network; PDMN, posterior default mode network; PVN,
primary visual network; SN, somatosensory network.

From a topographical point of view, PD patients showed
functional isolation of the seed that lost its metabolic connection
with the brain, and the DLB cohort showed recruitment of
frontal cortical regions, especially on the right side.

Discussion

This study assessed the large-scale brain network integrity
in the spectrum of LB diseases, giving a comprehensive
picture of connectivity reconfiguration from the prodromal
to the overt clinical phases. We found altered connectivity
patterns in the majority of the multiple large-scale brain
networks, with interesting overlaps and differences within
the disease spectrum. Distinct connectivity reconfigurations
characterized the three clinical groups (iRBD, PD stable, and
DLB). The SN and MN were the most severely affected
networks in PD, and the LIN, ATTN, and PDMN in the DLB
cohort. These specific patterns of connectivity reconfigurations
might represent the dysfunctional substrates underlying the
different clinical phenotypes. PD patients showed mainly motor
symptoms (UPDRS IIImean ± SD = 15.04 ± 7.02) and stable
cognitive progression over time (no dementia evidence during
8 years of follow-up after the first clinical diagnosis). The SN
and MN play a central role in preparing and executing the
motor function (Tessitore et al., 2019). Their connectivity in PD
patients is frequently reported as disrupted (Caspers et al., 2021;
Chen et al., 2021), and these functional changes are correlated
with the motor symptoms’ severity progression (Kojovic et al.,
2012). In DLB, metabolic connectivity alterations showed a
severe involvement of PDMN, LN, and ATTN, consistently with
the pathological and clinical heterogeneity of this condition
(Iaccarino et al., 2018; Sala et al., 2019). In particular, PDMN and
ATTN are associated with visual hallucination (Sala et al., 2019),

which were present as core symptoms in 73% (22 out of
30) of our DLB cohort. Notably, iRBD already showed severe
alterations in PDMN and ATTN networks compared to HC,
sharing the same connectivity reconfiguration with DLB. On
the contrary, iRBD and PD stable showed an overall low degree
of similarity in metabolic connectivity reconfiguration in all
the large-scale brain networks; in PDMN, the two groups
showed the most prominent differences—likewise PD and
DLB– (Figure 3). These results support that LB diseases are
brain multisystem disorders, dynamically involving abnormal
functioning of most large-scale networks, already in the
prodromal phases. The high similarities between iRBD and DLB
metabolic connectivity changes, together with the differences
between PD and both iRBD and DLB, support the iRBD
condition as a red flag for a progression to the severe phenotypes
of alpha-synucleinopathies.

In the iRBD group, all networks showed a metabolic
connectivity reconfiguration compared to HC, with the overlap
ranging from poor to moderate (Figure 2A). MN, PDMN, and
ATTN were the most altered networks. Connectivity alterations
of the MN are in line with previous fMRI connectivity data
(Ellmore et al., 2013; Rolinski et al., 2016; Yamada et al., 2019;
Wakasugi et al., 2021). These fMRI studies report functional
connectivity abnormalities in movement-related brain networks
in iRBD patients, including sensory-motor networks. Rolinski
et al. (2016) demonstrated that functional alteration of motor-
related brain networks (basal ganglia network) is already present
in iRBD and comparable to clinically manifested PD patients,
despite the spared dopaminergic innervation. Thus, this study
demonstrated that functional connectivity could be considered
a sensitive measure to early brain changes, identifying brain
alterations before a detectable neurotransmission impairment.
A recent study further confirmed that motor-related networks
(basal ganglia and sensory-motor networks) are dysfunctional in
patients with iRBD without manifest motor deficits (Wakasugi
et al., 2021). In this study, we found a severe impairment
of motor-related brain networks detected with metabolic
connectivity measures for the first time (Figure 1). Thus, our
findings, together with previous fMRI evidence, demonstrated
the presence of early dysfunction in the motor large-scale brain
networks in iRBD patients even before the onset of clinically
relevant motor symptoms and dopaminergic impairments.

Concerning the PDMN and ATTN, we found increased
connectivity in iRBD patients compared to HC. Of note, iRBD
showed a high overlap of metabolic connectivity reconfiguration
in these networks with DLB patients, who showed increased
anterior-posterior metabolic connections as well (Figures 1, 2B,
3). These functional connectivity alterations related to posterior
parietal regions agree with recent fMRI findings (Campabadal
et al., 2020). Campabadal et al. (2020) also found a correlation
between functional connectivity in temporoparietal regions and
cognitive performance in iRBD, suggesting a cognitive role of
the derangement in posterior brain networks. In [18F]FDG-PET
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FIGURE 3

wDC similarity coefficient among clinical groups. wDC for every RSN is shown. iRBD and DLB (green) showed the highest wDC values,
especially in PDMN and ATTN. iRBD, isolated REM sleep behavior disorder; PD, Parkinson’s disease; DLB, dementia with Lewy Bodies; ADMN,
anterior default mode network; ATTN, attentive network; EXN, executive network; HVN, high visual network; LIN, limbic network; MN, motor
network; PDMN, posterior default mode network; PVN, primary visual network; SN, somatosensory network.

FIGURE 4

wDC values in similar and not similar RSNs. The figure represents the mean values of wDC in RSN classified as similar and not similar in iRBD vs.
PD, PD vs. DLB, and RBD vs. DLB comparison (from right to left).

studies—similar to fMRI data—connectivity changes are often
explained in terms of function. Decreased connectivity indicates
the functional separation between regions, whereas increased
connectivity indicates increased functional pairing (Pievani

et al., 2014; Sala and Perani, 2019). Increased connectivity may
indicate a “beneficial” compensatory process when increased
connectivity affects metabolically spared brain regions. Thus,
the recruitment of functionally spared brain regions might
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help cope with neurodegeneration. Most iRBD patients
show hypometabolic patterns characterized by occipitoparietal
hypometabolism with a sparing of frontal regions (Meles et al.,
2018; Carli et al., 2020b), resembling those of DLB patients
(Caminiti et al., 2019). In this context, the here reported
increased functional connectivity between posterior regions
and frontal brain area might represent compensation for the
underlying neurodegeneration process in iRBD. Indeed, in
DLB patients, we found the same compensatory metabolic
connectivity signature, confirming previous results (Caminiti
et al., 2017; Sala et al., 2019; Carli et al., 2020c). Also, the
visual networks, PVN and HVN, showed increased connectivity
between the seed and occipital regions compared to HC
(Figures 1, 2). Conversely, DLB patients showed reduced
metabolic connectivity within the same large-scale brain
networks. Increased occipital connectivity in iRBD aligns with
previous fMRI findings (Ellmore et al., 2013; Byun et al.,
2020) and can support the recently proposed hypothesis about
the cholinergic compensation to occipital damage in these
patients (Bedard et al., 2019; Byun et al., 2020). Previous
studies found that iRBD’s cognitive performance positively
correlates with functional measures of increased connectivity,
indicating a possible ongoing compensation process linked to
occipital regions (Byun et al., 2020; Campabadal et al., 2020).
Moreover, recent molecular data (PET neuroimaging with the
18F-fluoroethoxybenzovesamicol) demonstrated for the first
time that the brain cholinergic alterations in patients with
iRBD are characterized by increased cholinergic innervation in
multiple brain areas (Bedard et al., 2019), suggesting an ongoing
compensatory cholinergic upregulation. The posterior occipital
regions are crucial pathophysiological regions in cognitive
decline in DLB and PDD (Pilotto et al., 2018; Caminiti et al.,
2019). Indeed, in our study, DLB patients showed disrupted
HVN and PVN metabolic connectivity connections. We
hypothesize that increased occipital metabolic connectivity in
iRBD patients may be a first protective compensatory response
to early synucleinopathy-related changes in the occipital region,
which is subsided by a connectivity decrease in DLB due to the
advancement of the neurodegenerative processes and further
accumulation of pathology.

In PD patients, we found a loss of connectivity mainly
affecting the SN and MN networks showing a poor overlap with
HC (Figures 1, 2). These networks play a central role in motor
function (Tessitore et al., 2019) and are usually disrupted in
PD patients (Caspers et al., 2021; Chen et al., 2021), leading
to the motor symptoms’ progression (Kojovic et al., 2012).
A recent multimodal imaging study demonstrated the close
relationship between dopaminergic depletion, degeneration
of nigrostriatal projection, and the destruction of sensory-
motor networks in PD, mainly driven by the putamen’s
functional impairment (Ruppert et al., 2020). In addition
to SN and MN, we also found a decreased connectivity
in ATTN, EXN, and PDMN, although less severe. These

findings are consistent with previous metabolic connectivity
data in PD (Sala et al., 2017). PDMN showed a loss of
connectivity between the seed and the anterior and posterior
components. PDMN disruption was a direct consequence of
PD pathology (Yao et al., 2014) and is closely associated with
PD dopaminergic depletion (Spetsieris et al., 2015). Overall,
the main connectivity alterations in PD are possibly led by
the dopaminergic dysfunction characterizing this clinical entity.
According to the dual syndrome hypothesis, the frontostriatal
dysfunction is a characteristic of non-demented PD patients,
as our cohort, and the posterior cortical dysfunction, found
here in DLB and iRBD, is considered a signature of cognitive
decline (Kehagia et al., 2013). Consistently, we did not find
a posterior connectivity alteration in PD, resembling a DLB
pattern, as an early predictor of dementia. The frontal executive
connectivity derangement seems to be disease-specific for
stable PD, profoundly differing from connectivity alterations
of iRBD and DLB.

In DLB patients, metabolic connectivity derangement
involved PDMN, ATTN, and LIN, consistent with previous
evidence (Sala et al., 2019). DLB connectivity alterations in
large-scale RSNs are also strongly related to clinical symptoms
(Sala et al., 2019). The alterations of PDMN, ATTN, and visual
networks are associated with visual hallucinations (Iaccarino
et al., 2018; Sala et al., 2019). The biological explanation for
these findings points to cholinergic damage, leading to the
breakdown of the functional relationship among the calcarine
cortex, lateral occipital cortex, and parietal cortex (Klein et al.,
2010). In our DLB group, both visual networks—PVN and
HVN—showed decreased metabolic connectivity compared
to HC (Figures 1, 2B). On the other hand, PDMN and
ATTN were characterized by abnormal connectivity increases
involving the dorsolateral prefrontal cortex. As discussed
above in iRBD, the increased poster-anterior connectivity
can be interpreted as a compensative mechanism. In DLB
patients, cognitive reserve proxies (i.e., education and specific
occupational profiles) modulate both ATTN and PDMN
throughout neural compensation mechanisms (Carli et al.,
2020a). Specifically, it has been demonstrated that highly
educated DLB can engage the anterior brain regions to cope with
posterior pathology. However, in overt DLB, the dorsolateral
prefrontal cortex can be part of the hypometabolic pattern
(Caminiti et al., 2019). When increased connectivity affects
metabolically impaired brain regions, it may represent a form
of maladaptive functional reorganization resulting from the
brain’s failure to cope with the damage. For instance, the proper
one-to-one connection in healthy brains can be substituted
by a widespread dysfunctional connectivity pattern toward
several regions resulting in maladaptive connectivity increases.
However, separating beneficial from maladaptive processes
remains a challenge in need of longitudinal data and correlation
with behavior (Schoonheim, 2017). Regarding LIN alterations
in DLB, previous evidence showed that these are associated
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with the presence of clinical RBD (Sala et al., 2019). Notably,
the LIN seed is the amygdala which is considered an early
site of LB accumulation (Braak et al., 2003), and amygdala
LB pathology has been associated with visual hallucinations
(Harding and Halliday, 2001).

Overall, despite large-scale brain network alterations in all
clinical groups, high topographical overlaps were found only in
iRBD and DLB, and not in PD. Specifically, the involvement
of the posterior and limbic networks appears as the DLB
hallmark related to the clinical core symptoms, such as visual
hallucinations (Sala et al., 2019). These RSN alterations already
in the iRBD phase may represent an early signature of future
clinical progression. Similarly, the high spatial overlap in the
ATTN between iRBD and DLB can be related to attentional and
executive deficits in the two syndromes. Cognitive tests assessing
attention and executive functions strongly predict conversion to
dementia in RBD patients (Génier Marchand et al., 2018).

In conclusion, our findings revealed that metabolic
connectivity alterations in large-scale networks are already
present in the iRBD phase. Strong connectivity similarities
emerged between iRBD and DLB, showing comparable
metabolic patterns in RSNs relevant for cognitive decline.
Differently, PD’s altered connectivity patterns support its more
benign phenotype without dementia development. Thus, our
findings showed the different RSNs derangement underlying the
spectrum conditions. The disease-specific vulnerabilities shared
by iRBD and DLB indicate that iRBD can be considered a risk
factor for progression to a malignant alpha-synucleinopathy
phenotype (Berg et al., 2021).

Data availability statement

The raw data supporting the conclusions of this article will
be made available by the authors, without undue reservation.

Ethics statement

The studies involving human participants were reviewed
and approved by the IRCCS San Raffaele Scientific Institute,

Milan, Italy and University Hospital ‘Spedali Civili’, Brescia,
Italy. The patients/participants provided their written informed
consent to participate in this study.

Author contributions

CB, GC, and DP: study concept and design and drafting
and revising the manuscript. CB, EB, and GC: analysis and
interpretation of data and drafting and revising the manuscript.
APa, AG, APi, and LF-S: acquisition of data and revising the
manuscript. All authors revised and approved the final version
of the manuscript.

Funding

This study was partially supported by the Grant of
Ministry of Health “Ricerca Finalizzata 2018-12366209” and
“Segala Grant 2021” of the Italian Movement Disorder Society
(LIMPE-DISMOV).

Conflict of interest

The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could
be construed as a potential conflict of interest.

Publisher’s note

All claims expressed in this article are solely those of the
authors and do not necessarily represent those of their affiliated
organizations, or those of the publisher, the editors and the
reviewers. Any product that may be evaluated in this article, or
claim that may be made by its manufacturer, is not guaranteed
or endorsed by the publisher.

References

American Academy of Sleep Medicine (2014). The international classification of
sleep disorders (ICSD-3). Darien, IL: American Academy of Sleep Medicine.

Ballarini, T., Iaccarino, L., Magnani, G., Ayakta, N., Miller, B. L., Jagust,
W. J., et al. (2016). Neuropsychiatric subsyndromes and brain metabolic network
dysfunctions in early onset Alzheimer’s disease. Hum. Brain Mapp. 37, 4234–4247.
doi: 10.1002/hbm.23305

Bedard, M.-A., Aghourian, M., Legault-Denis, C., Postuma, R. B., Soucy, J.-P.,
Gagnon, J.-F., et al. (2019). Brain cholinergic alterations in idiopathic rem sleep

behaviour disorder: A pet imaging study with 18f-feobv. Sleep Med. 58, 35–41.
doi: 10.1016/j.sleep.2018.12.020

Berg, D., Borghammer, P., Fereshtehnejad, S. M., Heinzel, S., Horsager, J.,
Schaeffer, E., et al. (2021). Prodromal Parkinson disease subtypes — key to
understanding heterogeneity. Nat. Rev. Neurol. 17, 349–361. doi: 10.1038/s41582-
021-00486-9

Boeve, B. F., Silber, M. H., Ferman, T. J., Lin, S. C., Benarroch, E. E., Schmeichel,
A. M., et al. (2013). Clinicopathologic correlations in 172 cases of rapid eye

Frontiers in Neuroscience 12 frontiersin.org

https://doi.org/10.3389/fnins.2022.930735
https://doi.org/10.1002/hbm.23305
https://doi.org/10.1016/j.sleep.2018.12.020
https://doi.org/10.1038/s41582-021-00486-9
https://doi.org/10.1038/s41582-021-00486-9
https://www.frontiersin.org/journals/neuroscience
https://www.frontiersin.org/


fnins-16-930735 August 5, 2022 Time: 8:8 # 13

Boccalini et al. 10.3389/fnins.2022.930735

movement sleep behavior disorder with or without a coexisting neurologic
disorder. Sleep Med. 14, 754–762. doi: 10.1016/j.sleep.2012.10.015

Braak, H., Del Tredici, K., Rüb, U., De Vos, R. A. I., Jansen Steur, E. N. H., and
Braak, E. (2003). Staging of brain pathology related to sporadic Parkinson’s disease.
Neurobiol. Aging 24, 197–211. doi: 10.1016/S0197-4580(02)00065-9

Byun, J.-I., Kim, H.-W., Kang, H., Cha, K. S., Sunwoo, J.-S., Shin, J.-W.,
et al. (2020). Altered resting-state thalamo-occipital functional connectivity is
associated with cognition in isolated rapid eye movement sleep behavior disorder.
Sleep Med. 69, 198–203. doi: 10.1016/j.sleep.2020.01.010

Calo, L., Wegrzynowicz, M., Santivañez-Perez, J., and Grazia Spillantini, M.
(2016). Synaptic failure and α−synuclein. Mov. Disord. 31, 169–177. doi: 10.1002/
mds.26479

Caminiti, S., Tettamanti, M., Sala, A., Presotto, L., Iannaccone, S., Cappa, S. F.,
et al. (2017). Metabolic connectomics targeting brain pathology in dementia
with Lewy bodies. J. Cereb. Blood Flow Metab. 37, 1311–1325. doi: 10.1177/
0271678X16654497

Caminiti, S. P., Sala, A., Iaccarino, L., Beretta, L., Pilotto, A., Gianolli, L.,
et al. (2019). Brain glucose metabolism in Lewy body dementia: Implications for
diagnostic criteria. Alzheimers Res. Ther. 11:20. doi: 10.1186/s13195-019-0473-4

Campabadal, A., Abós, A., Segura, B., Serradell, M., Uribe, C., Baggio, H. C.,
et al. (2020). Disruption of posterior brain functional connectivity and its relation
to cognitive impairment in idiopathic REM sleep behavior disorder. Neuroimage
Clin. 25, 102138. doi: 10.1016/j.nicl.2019.102138

Carli, G., Caminiti, S. P., Galbiati, A., Marelli, S., Casoni, F., Padovani, A., et al.
(2020b). In-vivo signatures of neurodegeneration in isolated rapid eye movement
sleep behaviour disorder. Eur. J. Neurol. 27, 1285–1295. doi: 10.1111/ene.14
215

Carli, G., Caminiti, S. P., Sala, A., Galbiati, A., Pilotto, A., Ferini-
Strambi, L., et al. (2020c). Impaired metabolic brain networks associated with
neurotransmission systems in the α-synuclein spectrum. Parkinsonism Relat.
Disord. 81, 113–122. doi: 10.1016/j.parkreldis.2020.10.036

Carli, G., Boccalini, C., Vanoli, G., Filippi, M., Iannaccone, S., Magnani, G.,
et al. (2020a). Specific occupational profiles as proxies of cognitive reserve induce
neuroprotection in dementia with Lewy bodies. Brain Imaging Behav. 15, 1427–
1437. doi: 10.1007/s11682-020-00342-2

Carli, G., Tondo, G., Boccalini, C., and Perani, D. (2021). Brain molecular
connectivity in neurodegenerative conditions. Brain Sci. 11:433. doi: 10.3390/
brainsci11040433

Caspers, J., Rubbert, C., Eickhoff, S. B., Hoffstaedter, F., Südmeyer, M.,
Hartmann, C. J., et al. (2021). Within-and across-network alterations of the
sensorimotor network in Parkinson’s disease. Neuroradiology 63, 2073–2085. doi:
10.1007/s00234-021-02731-w

Chen, L., Bedard, P., Hallett, M., and Horovitz, S. G. (2021). Dynamics of
top-down control and motor networks in Parkinson’s disease. Mov. Disord. 36,
916–926. doi: 10.1002/mds.28461

Chen, X., Lu, B., and Yan, C. (2018). Reproducibility of R-fMRI metrics on the
impact of different strategies for multiple comparison correction and sample sizes.
Hum. Brain Mapp. 39, 300–318. doi: 10.1002/hbm.23843

Cheng, H. (2012). Variation of noise in multi-run functional MRI using
generalized autocalibrating partially parallel acquisition (GRAPPA). J. Magn.
Reson. Imaging 35, 462–470. doi: 10.1002/jmri.22891

Della Rosa, P. A., Cerami, C., Gallivanone, F., Prestia, A., Caroli, A., Castiglioni,
I., et al. (2014). A standardized [18 F]-FDG-PET template for spatial normalization
in statistical parametric mapping of dementia. Neuroinformatics 12, 575–593.
doi: 10.1007/s12021-014-9235-4

Ellmore, T. M., Castriotta, R. J., Hendley, K. L., Aalbers, B. M., Furr-Stimming,
E., Hood, A. J., et al. (2013). Altered nigrostriatal and nigrocortical functional
connectivity in rapid eye movement sleep behavior disorder. Sleep 36, 1885–1892.
doi: 10.5665/sleep.3222

Fereshtehnejad, S. M., Zeighami, Y., Dagher, A., and Postuma, R. B. (2017).
Clinical criteria for subtyping Parkinson’s disease: Biomarkers and longitudinal
progression. Brain 140, 1959–1976. doi: 10.1093/brain/awx118

Galbiati, A., Carli, G., Fasiello, E., Casoni, F., Zucconi, M., De Gennaro, L.,
et al. (2021). Exploring the functional role and neural correlates of K-complexes
in isolated rapid eye movement sleep behavior disorder. Cortex 145, 105–114.
doi: 10.1016/j.cortex.2021.08.012

Galbiati, A., Verga, L., Giora, E., Zucconi, M., and Ferini-Strambi, L. (2019).
The risk of neurodegeneration in REM sleep behavior disorder: A systematic
review and meta-analysis of longitudinal studies. Sleep Med. Rev. 43, 37–46. doi:
10.1016/j.smrv.2018.09.008

Ge, J., Wu, P., Peng, S., Yu, H., Zhang, H., Guan, Y., et al. (2015). Assessing
cerebral glucose metabolism in patients with idiopathic rapid eye movement sleep

behavior disorder. J. Cereb. Blood Flow Metab. 35, 2062–2069. doi: 10.1038/jcbfm.
2015.173

Génier Marchand, D., Postuma, R. B., Escudier, F., De Roy, J., Pelletier,
A., Montplaisir, J., et al. (2018). How does dementia with Lewy bodies start?
Prodromal cognitive changes in REM sleep behavior disorder. Ann. Neurol. 83,
1016–1026. doi: 10.1002/ana.25239

Goedert, M., Jakes, R., and Spillantini, M. G. (2017). The synucleinopathies:
Twenty years on. J. Parkinsons. Dis. 7, S53–S71. doi: 10.3233/JPD-179005

Grady, C. L., Rieck, J. R., Nichol, D., Rodrigue, K. M., and Kennedy,
K. M. (2021). Influence of sample size and analytic approach on stability and
interpretation of brain-behavior correlations in task-related fMRI data. Hum.
Brain Mapp. 42, 204–219. doi: 10.1002/hbm.25217

Harding, A. J., and Halliday, G. M. (2001). Cortical Lewy body pathology
in the diagnosis of dementia. Acta Neuropathol. 102, 355–363. doi: 10.1007/
s004010100390

Högl, B., Stefani, A., and Videnovic, A. (2018). Idiopathic REM sleep behaviour
disorder and neurodegeneration—an update. Nat. Rev. Neurol. 14, 40–55. doi:
10.1038/nrneurol.2017.157

Horwitz, B., Duara, R., and Rapoport, S. I. (1984). Intercorrelations of glucose
metabolic rates between brain regions: Application to healthy males in a state of
reduced sensory input. J. Cereb. Blood Flow Metab. 4, 484–499. doi: 10.1038/jcbfm.
1984.73

Iaccarino, L., Sala, A., Caminiti, S. P., Santangelo, R., Iannaccone, S., Magnani,
G., et al. (2018). The brain metabolic signature of visual hallucinations in dementia
with Lewy bodies. Cortex 108, 13–24. doi: 10.1016/j.cortex.2018.06.014

Iranzo, A., Gelpi, E., Tolosa, E., Molinuevo, J. L., Serradell, M., Gaig, C.,
et al. (2014). Neuropathology of prodromal Lewy body disease. Mov. Disord. 29,
410–415. doi: 10.1002/mds.25825

Iranzo, A., Tolosa, E., Gelpi, E., Molinuevo, J. L., Valldeoriola, F., Serradell,
M., et al. (2013). Neurodegenerative disease status and post-mortem pathology
in idiopathic rapid-eye-movement sleep behaviour disorder: An observational
cohort study. Lancet Neurol. 12, 443–453. doi: 10.1016/S1474-4422(13)70056-5

Jenkinson, M., Beckmann, C. F., Behrens, T. E. J., Woolrich, M. W., and Smith,
S. M. (2012). FSL. Neuroimage 62, 782–790. doi: 10.1016/j.neuroimage.2011.09.
015

Kehagia, A. A., Barker, R. A., and Robbins, T. W. (2013). Cognitive impairment
in Parkinson’s disease: The dual syndrome hypothesis. Neurodegener. Dis. 11,
79–92. doi: 10.1159/000341998

Klein, J., Eggers, C., Kalbe, E., Weisenbach, S., Hohmann, C., Vollmar, S.,
et al. (2010). Neurotransmitter changes in dementia with Lewy bodies and
Parkinson disease dementia in vivo. Neurology 74, 885–892. doi: 10.1212/WNL.
0b013e3181d55f61

Kojovic, M., Bologna, M., Kassavetis, P., Murase, N., Palomar, F. J.,
Berardelli, A., et al. (2012). Functional reorganization of sensorimotor cortex
in early Parkinson disease. Neurology 78, 1441–1448. doi: 10.1212/WNL.
0b013e318253d5dd

Lee, D. S., Kang, H., Kim, H., Park, H., Oh, J. S., Lee, J. S., et al. (2008). Metabolic
connectivity by interregional correlation analysis using statistical parametric
mapping (SPM) and FDG brain PET; Methodological development and patterns
of metabolic connectivity in adults. Eur. J. Nucl. Med. Mol. Imaging 35, 1681–1691.
doi: 10.1007/s00259-008-0808-z

Lin, Y.-Q., and Chen, S.-D. (2018). RBD: A red flag for cognitive impairment in
Parkinson’s disease? Sleep Med. 44, 38–44. doi: 10.1016/j.sleep.2018.01.006

Marek, S., Tervo-Clemmens, B., Calabro, F. J., Montez, D. F., Kay, B. P.,
Hatoum, A. S., et al. (2022). Reproducible brain-wide association studies require
thousands of individuals. Nature 603, 654–660. doi: 10.1038/s41586-022-04492-9

McKeith, I. G., Boeve, B. F., DIckson, D. W., Halliday, G., Taylor, J. P.,
Weintraub, D., et al. (2017). Diagnosis and management of dementia with Lewy
bodies. Neurology 89, 88–100. doi: 10.1212/WNL.0000000000004058

Meles, S. K., Renken, R. J., Janzen, A., Vadasz, D., Pagani, M., Arnaldi, D., et al.
(2018). The metabolic pattern of idiopathic REM sleep behavior disorder reflects
early-stage Parkinson disease. J. Nucl. Med. 59, 1437–1444. doi: 10.2967/jnumed.
117.202242

Mencarelli, L., Biagi, M. C., Salvador, R., Romanella, S., Ruffini, G., Rossi, S., et al.
(2020). Network mapping of connectivity alterations in disorder of consciousness:
Towards targeted neuromodulation. J. Clin. Med. 9, 828. doi: 10.3390/jcm903
0828

Niethammer, M., and Eidelberg, D. (2012). Metabolic brain networks in
translational neurology: Concepts and applications. Ann. Neurol. 72, 635–647.
doi: 10.1002/ana.23631

Palop, J. J., Chin, J., and Mucke, L. (2006). A network dysfunction perspective
on neurodegenerative diseases. Nature 443, 768–773. doi: 10.1038/nature05289

Frontiers in Neuroscience 13 frontiersin.org

https://doi.org/10.3389/fnins.2022.930735
https://doi.org/10.1016/j.sleep.2012.10.015
https://doi.org/10.1016/S0197-4580(02)00065-9
https://doi.org/10.1016/j.sleep.2020.01.010
https://doi.org/10.1002/mds.26479
https://doi.org/10.1002/mds.26479
https://doi.org/10.1177/0271678X16654497
https://doi.org/10.1177/0271678X16654497
https://doi.org/10.1186/s13195-019-0473-4
https://doi.org/10.1016/j.nicl.2019.102138
https://doi.org/10.1111/ene.14215
https://doi.org/10.1111/ene.14215
https://doi.org/10.1016/j.parkreldis.2020.10.036
https://doi.org/10.1007/s11682-020-00342-2
https://doi.org/10.3390/brainsci11040433
https://doi.org/10.3390/brainsci11040433
https://doi.org/10.1007/s00234-021-02731-w
https://doi.org/10.1007/s00234-021-02731-w
https://doi.org/10.1002/mds.28461
https://doi.org/10.1002/hbm.23843
https://doi.org/10.1002/jmri.22891
https://doi.org/10.1007/s12021-014-9235-4
https://doi.org/10.5665/sleep.3222
https://doi.org/10.1093/brain/awx118
https://doi.org/10.1016/j.cortex.2021.08.012
https://doi.org/10.1016/j.smrv.2018.09.008
https://doi.org/10.1016/j.smrv.2018.09.008
https://doi.org/10.1038/jcbfm.2015.173
https://doi.org/10.1038/jcbfm.2015.173
https://doi.org/10.1002/ana.25239
https://doi.org/10.3233/JPD-179005
https://doi.org/10.1002/hbm.25217
https://doi.org/10.1007/s004010100390
https://doi.org/10.1007/s004010100390
https://doi.org/10.1038/nrneurol.2017.157
https://doi.org/10.1038/nrneurol.2017.157
https://doi.org/10.1038/jcbfm.1984.73
https://doi.org/10.1038/jcbfm.1984.73
https://doi.org/10.1016/j.cortex.2018.06.014
https://doi.org/10.1002/mds.25825
https://doi.org/10.1016/S1474-4422(13)70056-5
https://doi.org/10.1016/j.neuroimage.2011.09.015
https://doi.org/10.1016/j.neuroimage.2011.09.015
https://doi.org/10.1159/000341998
https://doi.org/10.1212/WNL.0b013e3181d55f61
https://doi.org/10.1212/WNL.0b013e3181d55f61
https://doi.org/10.1212/WNL.0b013e318253d5dd
https://doi.org/10.1212/WNL.0b013e318253d5dd
https://doi.org/10.1007/s00259-008-0808-z
https://doi.org/10.1016/j.sleep.2018.01.006
https://doi.org/10.1038/s41586-022-04492-9
https://doi.org/10.1212/WNL.0000000000004058
https://doi.org/10.2967/jnumed.117.202242
https://doi.org/10.2967/jnumed.117.202242
https://doi.org/10.3390/jcm9030828
https://doi.org/10.3390/jcm9030828
https://doi.org/10.1002/ana.23631
https://doi.org/10.1038/nature05289
https://www.frontiersin.org/journals/neuroscience
https://www.frontiersin.org/


fnins-16-930735 August 5, 2022 Time: 8:8 # 14

Boccalini et al. 10.3389/fnins.2022.930735

Perani, D., Della Rosa, P. A., Cerami, C., Gallivanone, F., Fallanca, F., Vanoli,
E. G., et al. (2014). Validation of an optimized SPM procedure for FDG-PET
in dementia diagnosis in a clinical setting. Neuroimage Clin. 6, 445–454. doi:
10.1016/j.nicl.2014.10.009

Pievani, M., Filippini, N., van den Heuvel, M. P., Cappa, S. F., and Frisoni,
G. B. (2014). Brain connectivity in neurodegenerative diseases-from phenotype
to proteinopathy. Nat. Rev. Neurol. 10, 620–633. doi: 10.1038/nrneurol.2014.178

Pilotto, A., Premi, E., Caminiti, S. P., Presotto, L., Turrone, R., Alberici, A.,
et al. (2018). Single-subject SPM FDG-PET patterns predict risk of dementia
progression in Parkinson disease. Neurology 90, e1029–e1037. doi: 10.1212/WNL.
0000000000005161

Pilotto, A., Romagnolo, A., Tuazon, J. A., Vizcarra, J. A., Marsili, L., Zibetti, M.,
et al. (2019). Orthostatic hypotension and REM sleep behaviour disorder: Impact
on clinical outcomes in α-synucleinopathies. J. Neurol. Neurosurg. Psychiatry 90,
1257–1263. doi: 10.1136/jnnp-2019-320846

Postuma, R. B., Berg, D., Stern, M., Poewe, W., Olanow, C. W., Oertel, W., et al.
(2015). MDS clinical diagnostic criteria for Parkinson’s disease. Mov. Disord. 30,
1591–1601. doi: 10.1002/mds.26424

Ripp, I., Stadhouders, T., Savio, A., Goldhardt, O., Cabello, J., Calhoun, V.,
et al. (2020). Integrity of neurocognitive networks in dementing disorders as
measured with simultaneous PET/functional MRI. J. Nucl. Med. 61, 1341–1347.
doi: 10.2967/jnumed.119.234930

Rolinski, M., Griffanti, L., Piccini, P., Roussakis, A. A., Szewczyk-Krolikowski,
K., Menke, R. A., et al. (2016). Basal ganglia dysfunction in idiopathic REM
sleep behaviour disorder parallels that in early Parkinson’s disease. Brain 139,
2224–2234. doi: 10.1093/brain/aww124

Ruppert, M. C., Greuel, A., Tahmasian, M., Schwartz, F., Stürmer, S., Maier, F.,
et al. (2020). Network degeneration in Parkinson’s disease: Multimodal imaging
of nigro-striato-cortical dysfunction. Brain 143, 944–959. doi: 10.1093/brain/
awaa019

Sala, A., Caminiti, S. P., Iaccarino, L., Beretta, L., Iannaccone, S., Magnani, G.,
et al. (2019). Vulnerability of multiple large-scale brain networks in dementia with
Lewy bodies. Hum. Brain Mapp. 40, 4537–4550. doi: 10.1002/hbm.24719

Sala, A., Caminiti, S. P., Presotto, L., Premi, E., Pilotto, A., Turrone, R., et al.
(2017). Altered brain metabolic connectivity at multiscale level in early Parkinson’s
disease. Sci. Rep. 7:4256. doi: 10.1038/s41598-017-04102-z

Sala, A., and Perani, D. (2019). Brain molecular connectivity in
neurodegenerative diseases: Recent advances and new perspectives using positron
emission tomography. Front. Neurosci. 13:617. doi: 10.3389/fnins.2019.00617

Savio, A., Fünger, S., Tahmasian, M., Rachakonda, S., Manoliu, A., Sorg, C., et al.
(2017). Resting-state networks as simultaneously measured with functional MRI
and PET. J. Nucl. Med. 58, 1314–1317. doi: 10.2967/jnumed.116.185835

Schenck, C. H. (2019). “Neuropathology of REM sleep behavior disorder,” in
Rapid-Eye-Movement Sleep Behavior Disorder, eds C. H. Schenck, B. Högl, and A.
Videnovic (Berlin: Springer), 579–587. doi: 10.1007/978-3-319-90152-7_40

Schindlbeck, K. A., and Eidelberg, D. (2018). Network imaging biomarkers:
Insights and clinical applications in Parkinson’s disease. Lancet Neurol. 17, 629–
640. doi: 10.1016/S1474-4422(18)30169-8

Schoonheim, M. M. (2017). Functional reorganization is a maladaptive response
to injury – commentary. Mult. Scler. 23, 194–196. doi: 10.1177/1352458516677593

Signorini, M., Paulesu, E., Friston, K., Perani, D., Colleluori, A., Lucignani, G.,
et al. (1999). Rapid assessment of regional cerebral metabolic abnormalities in
single subjects with quantitative and nonquantitative [18F]FDG PET: A clinical
validation of statistical parametric mapping. Neuroimage 9, 63–80. doi: 10.1006/
nimg.1998.0381

Spetsieris, P. G., Ko, J. H., Tang, C. C., Nazem, A., Sako, W., Peng, S., et al. (2015).
Metabolic resting-state brain networks in health and disease. Proc. Natl. Acad. Sci.
U.S.A. 112, 2563–2568. doi: 10.1073/pnas.1411011112

St Louis, E. K., Boeve, A. R., and Boeve, B. F. (2017). REM sleep behavior
disorder in Parkinson’s disease and other synucleinopathies. Mov. Disord. 32,
645–658. doi: 10.1002/mds.27018

Tessitore, A., Cirillo, M., and De Micco, R. (2019). Functional connectivity
signatures of Parkinson’s disease. J. Parkinsons Dis. 9, 637–652. doi: 10.3233/JPD-
191592

Uchihara, T., and Giasson, B. I. (2016). Propagation of alpha-synuclein
pathology: Hypotheses, discoveries, and yet unresolved questions from
experimental and human brain studies. Acta Neuropathol. 131, 49–73.
doi: 10.1007/s00401-015-1485-1

Varrone, A., Asenbaum, S., Vander Borght, T., Booij, J., Nobili, F., Någren, K.,
et al. (2009). EANM procedure guidelines for PET brain imaging using [18F]FDG,
version 2. Eur. J. Nucl. Med. Mol. Imaging 36, 2103–2110. doi: 10.1007/s00259-
009-1264-0

Verger, A., and Guedj, E. (2018). The renaissance of functional 18F-FDG PET
brain activation imaging. Eur. J. Nucl. Med. Mol. Imaging 45, 2338–2341. doi:
10.1007/s00259-018-4165-2

Wakasugi, N., Togo, H., Mukai, Y., Nishikawa, N., Sakamoto, T., Murata,
M., et al. (2021). Prefrontal network dysfunctions in rapid eye movement sleep
behavior disorder. Parkinsonism Relat. Disord. 85, 72–77. doi: 10.1016/j.parkreldis.
2021.03.005

Wehrl, H. F., Hossain, M., Lankes, K., Liu, C.-C., Bezrukov, I., Martirosian,
P., et al. (2013). Simultaneous PET-MRI reveals brain function in activated and
resting state on metabolic, hemodynamic and multiple temporal scales. Nat. Med.
19, 1184–1189. doi: 10.1038/nm.3290

Wu, P., Yu, H., Peng, S., Dauvilliers, Y., Wang, J., Ge, J., et al. (2014). Consistent
abnormalities in metabolic network activity in idiopathic rapid eye movement
sleep behaviour disorder. Brain 137, 3122–3128. doi: 10.1093/brain/awu290

Yakushev, I., Drzezga, A., and Habeck, C. (2017). Metabolic connectivity:
Methods and applications. Curr. Opin. Neurol. 30, 677–685. doi: 10.1097/WCO.
0000000000000494

Yamada, G., Ueki, Y., Oishi, N., Oguri, T., Fukui, A., Nakayama, M., et al. (2019).
Nigrostriatal dopaminergic dysfunction and altered functional connectivity in
REM sleep behavior disorder with mild motor impairment. Front. Neurol. 10:802.
doi: 10.3389/fneur.2019.00802

Yao, N., Shek-Kwan Chang, R., Cheung, C., Pang, S., Lau, K. K., Suckling, J.,
et al. (2014). The default mode network is disrupted in Parkinson’s disease with
visual hallucinations. Hum. Brain Mapp. 35, 5658–5666. doi: 10.1002/hbm.22577

Frontiers in Neuroscience 14 frontiersin.org

https://doi.org/10.3389/fnins.2022.930735
https://doi.org/10.1016/j.nicl.2014.10.009
https://doi.org/10.1016/j.nicl.2014.10.009
https://doi.org/10.1038/nrneurol.2014.178
https://doi.org/10.1212/WNL.0000000000005161
https://doi.org/10.1212/WNL.0000000000005161
https://doi.org/10.1136/jnnp-2019-320846
https://doi.org/10.1002/mds.26424
https://doi.org/10.2967/jnumed.119.234930
https://doi.org/10.1093/brain/aww124
https://doi.org/10.1093/brain/awaa019
https://doi.org/10.1093/brain/awaa019
https://doi.org/10.1002/hbm.24719
https://doi.org/10.1038/s41598-017-04102-z
https://doi.org/10.3389/fnins.2019.00617
https://doi.org/10.2967/jnumed.116.185835
https://doi.org/10.1007/978-3-319-90152-7_40
https://doi.org/10.1016/S1474-4422(18)30169-8
https://doi.org/10.1177/1352458516677593
https://doi.org/10.1006/nimg.1998.0381
https://doi.org/10.1006/nimg.1998.0381
https://doi.org/10.1073/pnas.1411011112
https://doi.org/10.1002/mds.27018
https://doi.org/10.3233/JPD-191592
https://doi.org/10.3233/JPD-191592
https://doi.org/10.1007/s00401-015-1485-1
https://doi.org/10.1007/s00259-009-1264-0
https://doi.org/10.1007/s00259-009-1264-0
https://doi.org/10.1007/s00259-018-4165-2
https://doi.org/10.1007/s00259-018-4165-2
https://doi.org/10.1016/j.parkreldis.2021.03.005
https://doi.org/10.1016/j.parkreldis.2021.03.005
https://doi.org/10.1038/nm.3290
https://doi.org/10.1093/brain/awu290
https://doi.org/10.1097/WCO.0000000000000494
https://doi.org/10.1097/WCO.0000000000000494
https://doi.org/10.3389/fneur.2019.00802
https://doi.org/10.1002/hbm.22577
https://www.frontiersin.org/journals/neuroscience
https://www.frontiersin.org/

	Metabolic connectivity of resting-state networks in alpha synucleinopathies, from prodromal to dementia phase
	Introduction
	Materials and methods
	Participants
	Subjects with isolated rapid eye movement sleep behavior disorder
	Patients with stable Parkinson's disease
	Patients with dementia with Lewy bodies
	Healthy controls

	[18F]FDG-PET image acquisition and pre-processing
	Metabolic connectivity of the resting-state networks analysis
	Interregional correlation analysis
	Connectivity comparison and metrics
	Network spatial extension (voxel count)
	Network topography (Dice coefficient and weighted Dice coefficient)



	Results
	Interregional correlation analyses results
	Comparisons between clinical groups and healthy controls
	Isolated REM sleep behavior disorder subjects vs. healthy controls
	Parkinson's disease patients vs. healthy controls
	Dementia with Lewy bodies patients vs. healthy controls


	Direct comparisons between clinical groups
	Isolated REM sleep behavior disorder subjects vs. Parkinson's disease patients
	Isolated REM sleep behavior disorder subjects vs. dementia with Lewy bodies patients
	Parkinson's disease patients vs. dementia with Lewy bodies patients


	Discussion
	Data availability statement
	Ethics statement
	Author contributions
	Funding
	Conflict of interest
	Publisher's note
	References


