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Background and objectives: Insulin resistance (IR) is closely related to non-
small-cell lung cancer (NSCLC) risk. Recently, triglyceride glucose-body mass
index (TyG-BMI) has been recognized as one of the simple indexes of insulin
resistance (IR). However, there are limited data on the relationship between
TyG-BMI and NSCLC. Here, we investigated the association of TyG-BMI with
NSCLC risk in Chinese adults.

Methods: This study consisted of 477 NSCLC cases and 954 healthy subjects.
All participants were enrolled from 3201 Hospital affiliated to the Medical
Department of Xi'an Jiaotong University. TyG-BMI was calculated based on
the values of fasting blood glucose, triglyceride, and BMI. The association of
TyG-BMI with NSCLC risk was estimated by logistic regression analysis.

Results: The mean value of TyG-BMI was statistically increased in patients
with NSCLC compared to the control group (201.11 + 28.18 vs. 174 + 23.78,
P < 0.01). There was a significant positive association between TyG-BMI and
NSCLC (OR = 1.014; 95% Cl 1.007-1.021; P < 0.001) after controlling for
confounding factors. Moreover, the prevalence of NSCLC was significantly
elevated in participants in the high TyG-BMI tertiles than those in the
intermediate and low TyG-BMI tertiles (60.46% vs. 12.61% vs. 26.83%, P < 0.01).
Importantly, TyG-BMI achieved a significant diagnostic accuracy for NSCLC,
with an AUC (area under the curve) of 0.769 and a cutoff value of 184.87.

Conclusion: The findings suggest that TyG-BMI is a useful tool for assessing
NSCLC risk. Thus, it is essential to follow up on high TyG-BMI, and lifestyle
modification is needed to prevent NSCLC in people with high TyG-BMI.

triglyceride glucose-body mass index, non-small cell lung cancer, insulin resistance,
triglyceride, glucose
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Introduction

Lung cancer has been alarmingly increasing and gaining
more attention from many scholars, with non-small cell
lung cancer (NSCLC) being the most common form (1).
Smoking and environmental pollution have been recognized
as two of the important risk factors of lung cancer, and
interventions have been taken (2, 3). Unfortunately, the
prevalence of lung cancer is still growing. Hence, a better
understanding of other unknown risk factors of lung
cancer is urgent.

Insulin resistance (IR), characterized by hyperinsulinemia,
is involved in the physiopathologic mechanism of metabolic-
related diseases such as obesity, metabolic syndrome, and
non-alcoholic fatty liver disease (NAFLD) (4, 5). Moreover,
some studies support the link between IR and cancer. Yin
et al. showed that IR significantly increased thyroid cancer
risk (6). Di Sebastiano et al. found a positive association
of hyperinsulinemia with prostate cancer development,
progression, and aggressiveness (7). Recently, the link between
lung cancer and IR has also been investigated. However,
conclusions from studies on the correlation between lung
cancer and IR remained inconsistent (8-10). A case-cohort
study conducted on men indicated that men with higher
fasting insulin levels or IR had a significantly higher risk
of lung cancer after multivariable adjustment (8). Another
case-control study showed that a positive association was
found between HOMA-IR (an insulin resistance index)
and lung cancer. However, the positive association was not
statistically significant when adjustment was made for leptin
(9). Parekh et al. demonstrated that there was a stronger
correlation between IR and increased risk of overall cancer
mortality after excluding lung cancer deaths (10). The gold
standard for measuring IR is hyperinsulinemic-euglycemic
clamp testing, but because of its high cost and invasiveness, its
clinical application is limited. HOMA-IR is widely conducted
in the clinic to evaluate IR (11), but it is calculated based
on serum insulin levels, which are usually determined for
diabetes mellitus and are not suitable for the general population.
Recently, triglyceride glucose-body mass index (TyG-BMI),
which is calculated based on triglyceride (TG), fasting plasma
glucose (FPG), and body mass index (BMI), has emerged as
a powerful and simple tool to assess IR (12). TyG-BMI was
even superior to the TyG index and its related parameters
in predicting liver fibrosis (13). However, despite the known
association between IR and cancer (6, 7), the association
of NSCLC with TyG-BMI is not understood. We therefore
aimed to investigate the association of TyG-BMI with NSCLC
by performing a case-control study. Furthermore, we used
receiver operating characteristic curves (ROC curves) to
explore the possible utility of TyG-BMI as a predictive
biomarker of NSCLC.
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Materials and methods

Participants

A retrospective review of medical records of 510 patients
with newly diagnosed NSCLC who were enrolled between
October 2010 and September 2018 at 3201 Hospital affiliated
to the Medical Department of Xi’an Jiaotong University was
carried out. The eligible patients for this study had histological
or cytological confirmation of NSCLC. Locally advanced
diseases were based on clinical assessments. Information
regarding risk factors and medical history was collected by
face-to-face consultation. History of cancer, diabetes, coronary
heart disease, cerebrovascular disease, and thyroid disease
were the exclusion criteria. In addition, we also excluded
participants with a history of some relevant medication use, such
as immunosuppressant and fenofibrate triglyceride-lowering
drugs, as well as women who were pregnant or breastfeeding.
After applying the exclusion criteria, a total of 477 patients
with NSCLC (the NSCLC group) were enrolled in our final
analysis. For each case, two apparently healthy controls matched
for sex and age who underwent physical examination in
the same period were enrolled in the study. The exclusion
criteria for the controls were self-reported medical history and
were the same as those of the cases. Finally, 954 controls
participated in this study. All the participants provided written
informed consent. The study was approved by the Human
Research Ethics Committee of 3201 Hospital affiliated to
Medical Department of Xi’an Jiaotong University (approval
number 2018005).

Measurements and laboratory analysis

Clinical parameters and laboratory results were obtained
from the medical records of all the subjects who were included in
this study. Participants’ weights were measured with light indoor
clothing, and their heights were measured with no shoes. BMI
was then calculated as weight in kilograms divided by height in
meters squared. Blood pressure was measured thrice with the
participants in the sitting position after 5 min of rest.

Blood samples were collected from all participants following
an overnight fasting for at least 12 hours and detected
rapidly. Serum biochemical parameters, including FPG, TG,
total cholesterol (T'C), low-density lipoprotein cholesterol (LDL-
C), high-density lipoprotein cholesterol (HDL-C), and uric acid,
were determined with a biochemical autoanalyzer (Chemistry
Analyzer Au5800; Olympus Medical Engineering Company,
Japan). TyG-BMI was calculated according to the reference (14).
White blood cell count (WBCC) and neutrophil count were
determined using an automated blood cell counter (Beckman
Coulter Ireland Inc. Mervue, Galway, Ireland).
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Statistical analysis

All statistics in the study were performed with the SPSS 18.0
statistical software. The demographic and clinical characteristics
of the participants are presented as mean (standard deviation)
or percentage (numbers). Differences between or among groups
were compared by Student’s t-test, one-way ANOVA, or chi-
square test. A binary logistic regression analysis was conducted
to explore the independent risk factors for NSCLC. Moreover,
we performed a receiver operating characteristic curve (ROC)
analysis to evaluate the ability of TyG-BMI to predict NSCLC.
The results were considered statistically significant at a two-
tailed P-value of < 0.05.

Results

Baseline characteristics

The clinical characteristics of all the participants are
described in Table 1. The patients with NSCLC were more
likely to smoke and had higher BMI, WBCC, neutrophil count,
FPG, TG, uric acid, and TyG-BMI, and lower TC, LDL-C, and
HDL-C than the controls (all P< 0.05). However, no significant
difference in age, sex, family history of lung cancer, and blood

TABLE 1 Demographic and clinical characteristics of all
the participants.

Control group NSCLC group P-value

(n=954) (n=477)

Age (years) 59.02 £12.03 59.37 £10.65 0.32

Sex (male/female) 584/370 293/184 0.39
Smoking (1, %) 86 (9.01) 122 (25.58) <0.01
Family history of 14 (1.47) 8 (1.68) 0.41

lung cancer

SBP (mmHg) 129.11 £ 9.06 128.19 +£7.29 0.26
DBP (mmHg) 84.05 £ 6.85 83.08 £ 7.02 0.22
BMI (kg/m?) 22.04 +2.67 23.79 +2.71 <0.01
WBCC(x 10"9/L) 529+ 1.34 6.05 £ 1.90 <0.01
Neutrophil count 3.12+1.08 3.71+ 1.64 <0.01
(x 10"9/1)

FPG (mmol/L) 4.95 £+ 0.50 5.11+£0.97 0.01

TC (mmol/L) 493 £0.94 4.08 £ 0.84 <0.01
TG (mmol/L) 0.71 +0.21 1.30 + 0.66 <0.01
LDL-C (mmol/L) 2.93 £0.69 2.39 £0.68 <0.01
HDL-C (mmol/L) 1.59+0.33 1.06 +0.29 <0.01
Uric acid (pumol/L) 277.30 £ 70.67 331.92 £ 74.47 <0.01
TyG-BMI 174.00 £ 23.78 201.11 £ 28.18 <0.01

Values are presented as mean =+ standard deviation. SBP, systolic blood pressure; DBP,
diastolic blood pressure; BMI, body mass index; WBCC, white blood cell count; FPG,

fasting plasma glucose; TC, total cholesterol; TG, triglyceride; LDL-C, low-density
lipoprotein cholesterol; HDL-C, high-density lipoprotein cholesterol; TyG, triglyceride
and glucose index.
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pressure was observed between the two groups. The patients
with NSCLC had high TyG-BMI than the healthy controls in
both men (201.99 + 28.83 vs. 183.59 & 24.5, P< 0.01) and
women (199.99 £ 27.38 vs. 170.33 £ 22.46, P< 0.01).

Association of triglyceride
glucose-body mass index with
non-small-cell lung cancer risk

We performed a binary logistic regression analysis of TyG-
BMI and NSCLC risk. In the unadjusted model, TyG-BMI was
positively correlated with NSCLC [odds ratio (OR) = 1.039; 95%
confidence interval (CI) 1.034-1.044, P < 0.001].

The OR (3.469; 95% CI 2.564-4.693, P< 0.001) for smoking
as a risk factor for NSCLC was higher than that for TyG-BMI.
After adjusting for potential covariates including lipid profile,
TyG-BMI (OR = 1.014; 95% CI 1.007-1.021, P< 0.001) was
still positively associated with NSCLC (Table 2). In addition,
TyG-BMI was independently associated with NSCLC in both
men (OR = 1.014; 95% CI 1.005-1.025, P = 0.004) and women
(OR = 1.02; 95% CI 1.01-1.031, P< 0.001). Meanwhile, all
the subjects were classified into tertiles according to TyG-
BMI. The prevalence of NSCLC gradually increased as the
TyG-BMI tertiles increased. The prevalence of NSCLC in
participants in the high TyG-BMI tertiles was 60.46%, which
showed a nearly fivefold increase compared with that in the low
tertiles (Figure 1).

The differences in triglyceride
glucose-body mass index in different
pathological or
tumor-node-metastasis stages

According to the pathological stage, the patients with
NSCLC were divided into the adenocarcinoma group (n = 397),
the squamous cell carcinoma group (n = 66), and the other
type group (n = 14). In addition, the patients with NSCLC were
also divided into three groups: Tis (n = 72), TNM I (n = 237),
and TNM II-IV (n = 168) according to tumor-node-metastasis
(TNM) stage. There were no differences in TyG-BMI according
to pathological (202.06 & 27.31 vs. 196.72 & 33.06 vs. 194.71 +

TABLE 2 Logistic regression analysis of TyG-BMI and NSCLC risk.

Model B SE Wald OR 95%CI p
1 0.038  0.002 14.500 1.039  1.034-1.044  <0.001
2 0.014  0.004 15.081 1.014  1.007-1.021  <0.001

Model 1, unadjusted; model 2, adjustment made for age, sex, smoking, SBP, DBP, WBCC,
neutrophil count, TC, LDL-C, HDL-C, and uric acid.
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FIGURE 1
Prevalence of NSCLC according to the tertiles of TyG-BMI.

26.92, P = 0.249) or TNM stage (197.74 £ 27.46 vs. 202.62 £
26.87 vs. 200.4 £ 30.24, P = 0.404).

Performance of triglyceride
glucose-body mass index in predicting
incident non-small-cell lung cancer

Figure 2 presents the results of the ROC curve analyses of
TyG-BMI for predicting incident NSCLC. TyG-BMI with a cut-
off point of 184.87 showed a sensitivity of 72.5% and a specificity
0f 74.9% for predicting NSCLC, with 0.769 (95% CI 0.742-0.796,
P<0.001) AUROC. These results indicated that TyG-BMI might
be regarded as an optimal marker for predicting the occurrence
of NSCLC.

Discussion

In the present study, we observed a strong and positive
correlation between TyG-BMI and NSCLC risk even after
controlling for confounding factors. However, there were no
significant differences in the TyG-BMI levels of patients with
different pathological or TNM stages. Moreover, TyG-BMI may
be a simple and effective method for predicting incident NSCLC
in Chinese adults.

Lung cancer is the major cause of both the incidence and
mortality of all cancers in China (15). Unfortunately, the exact
mechanisms responsible for lung cancer remain unclear. Recent
epidemiological and clinical evidence points to an association
of IR with the development and progression of cancer (16).
A case-control study showed that HOMA-IR was significantly
higher in patients with colorectal cancer than that in controls
(17). A prospective study on postmenopausal women indicated
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FIGURE 2

Receiver operative characteristic (ROC) curves of TyG-BMI for
predicting the incidence of NSCLC.

that higher breast cancer incidence and all-cause mortality were
observed in postmenopausal women with higher levels of IR
(18). In addition, IR was also closely related to gastric cancer,
prostate cancer, liver cancer, and endometrial cancer (19-21).
Several published studies aiming to evaluate the association
of lung cancer with IR drew inconsistent conclusions (8, 10).
HOMA-IR calculated based on insulin levels is often used as an
effective indicator for clinical evaluation of IR. However, plasma
insulin levels are not often tested in the general population,
especially in patients with cancer. Therefore, IR surrogate
markers have been recently developed. The TyG index, which
can be calculated from TG and FPG, has been proven to be a
simple and effective tool to access IR (22). Several studies have
demonstrated that the TyG index is better than HOMA-IR in
predicting diseases such as arterial stiffness and non-alcoholic
fatty liver (23, 24). In addition, a large prospective study from
six European cohorts and a cross-sectional study from China
indicated that the TyG index was correlated with increased risk
of digestive system cancers and NSCLC (25, 26). TyG-BMI is
another clinically useful marker for IR, as it combines TG, FPG,
and BMI, and all the parameters are well confirmed for their
roles in the development and progression of NSCLC (27, 28).
To the best of our knowledge, no research has been performed
to investigate the association of TyG-BMI with NSCLC risk.
In the present study, we found that there was an independent
correlation between TyG-BMI and NSCLC risk after adjusting
for potential confounding factors. Besides, the prevalence of
NSCLC gradually increased as the TyG-BMI tertiles increased.
However, patients with NSCLC with different pathological or
TNM stages had no differences in TyG-BMI. Of note, the
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current study first suggested that TyG-BMI was effective in
distinguishing patients with NSCLC, in which TyG-BMI had
a relatively larger AUC for predicting NSCLC. These findings
highlighted the usefulness of this simple marker to identify
individuals at high risk of developing an NSCLC event early in
the Chinese population.

Although the mechanism involved in the link between
NSCLC and TyG-BMI is poorly understood, IR may be involved
in this relationship. On the one hand, hyperinsulinemia, which
is a hallmark of IR, may contribute to the development
of cancer because of the oncogenic potential of insulin by
increasing the bioactivity of insulin-like growth factor I (IGF-
I), enhancing growth factor-dependent cell proliferation, and/or
directly affecting cell metabolism (29, 30). Furthermore, insulin-
resistant patients have a high cancer risk, which may be due
to excessive production of reactive oxygen species (ROS) (29).
ROS can damage DNA, promote mutations, and cause cancer
(31). On the other hand, TyG-BMI is based on adiposity,
glucose, and TG. Obesity has been known to be a low-
grade inflammatory state that can result in a protumorigenic
environment (32). In addition, chronic hyperglycemia may also
contribute to increased cancer risk (33). Of note, high levels of
serum TG may promote the development of oxidative stress
and ROS, thereby leading to proliferation and progression of
cancer cells (34). Moreover, immunological modulations such
as alteration in the proliferative capacity of lymphocytes and
alteration in Th lymphocyte profile may participate in the
mechanism (35).

Several limitations may exist in our study. First, this was
a case-control study conducted to investigate the relationship
between TyG-BMI and NSCLC. However, a longitudinal
study is more convincing than a case control study. Second,
a questionnaire was not delivered to collect information
such as environmental pollution and lifestyle. Moreover,
information about secondhand smoke and radiation to the
chest has not been available in this study. By adjustment of
multivariate factors, some important variables were missing.
Third, since the study participants came from a single
hospital, the generalizability of our study to the general
population is uncertain.

Conclusion

TyG-BMI is positively associated with NSCLC and a
valuable marker for predicting the risk of NSCLC. This
marker is easily calculated from routine laboratory data and
anthropometric measurements, and we suggest the possibility of
applying TyG-BMI to identify individuals at high risk of NSCLC
in epidemiological surveys. Certainly, further prospective large-
scale multicenter studies will be needed to confirm our
results in the future.

Frontiers in Nutrition

05

10.3389/fnut.2022.1004179

Data availability statement

The original contributions presented in the study are
included in the article/supplementary material, further inquiries
can be directed to the corresponding author/s.

Ethics statement

The studies involving human participants were reviewed
and approved by the Human Research Ethics Committee of
3201 Hospital. The patients/participants provided their written
informed consent to participate in this study.

Author contributions

FW and ZY participated in the study design, wrote and
modified the manuscript, and prepared tables and figures. FW,
THe, GW, and THa were involved in the conduct of the study
and data collection. FW and THe made contributions to data
analysis and results interpretation. All authors contributed to
the article and approved the submitted version.

Funding

This study was supported by the Health Research
Foundation of Shaanxi Province (No. 2021E009).

Acknowledgments

We appreciate the help and support from all the participants
who took part in the study.

Conflict of interest

The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could
be construed as a potential conflict of interest.

Publisher’s note

All claims expressed in this article are solely those of the
authors and do not necessarily represent those of their affiliated
organizations, or those of the publisher, the editors and the
reviewers. Any product that may be evaluated in this article, or
claim that may be made by its manufacturer, is not guaranteed
or endorsed by the publisher.

frontiersin.org


https://doi.org/10.3389/fnut.2022.1004179
https://www.frontiersin.org/journals/nutrition
https://www.frontiersin.org/

Wang et al.

References

1. Sung H, Ferlay J, Siegel RL, Laversanne M, Soerjomataram I, Jemal A,
et al. Global cancer statistics 2020: globocan estimates of incidence and mortality
worldwide for 36 cancers in 185 countries. CA Cancer ] Clin. (2021) 71:209-49.
doi: 10.3322/caac.21660

2. Doukas SG, Vageli DP, Lazopoulos G, Spandidos DA, Sasaki CT, Tsatsakis A.
The effect of NNK, a tobacco smoke carcinogen, on the miRNA and mismatch DNA
repair expression profiles in lung and head and neck squamous cancer cells. Cells.
(2020) 9:1031. doi: 10.3390/cells9041031

3. Clofent D, Culebras M, Loor K, Cruz MJ. Environmental pollution and lung
cancer: the carcinogenic power of the air we breathe. Arch Bronconeumol. (2021)
57:317-8. doi: 10.1016/j.arbr.2021.03.002

4.Chen S, Chen Y, Liu X, Li M, Wu B, Li Y, et al. Insulin resistance and
metabolic syndrome in normal-weight individuals. Endocrine. (2014) 46:496-504.
doi: 10.1007/s12020-013-0079-8

5. Kitade H, Chen G, Ni Y, Ota T. Nonalcoholic fatty liver disease and insulin
resistance: new insights and potential new treatments. Nutrients. (2017) 9:387.
doi: 10.3390/nu9040387

6.Yin DT, He H, Yu K, Xie J, Lei M, Ma R, et al. The association between
thyroid cancer and insulin resistance, metabolic syndrome and its components: a
systematic review and meta-analysis. Int ] Surg. (2018) 57:66-75. doi: 10.1016/j.ijsu.
2018.07.0137

7. Di Sebastiano KM, Pinthus JH, Duivenvoorden WCM, Mourtzakis M. Glucose
impairments and insulin resistance in prostate cancer: the role of obesity, nutrition
and exercise. Obes Rev. (2018) 19:1008-16. doi: 10.1111/0br.12674

8. Argirion I, Weinstein SJ, Mannisto S, Albanes D, Mondul AM. Serum insulin,
glucose, indices of insulin resistance, and risk of lung cancer. Cancer Epidemiol
Biomarkers Prev. (2017) 26:1519-24. doi: 10.1158/1055-9965.EPI-17-0293

9. Petridou ET, Sergentanis TN, Antonopoulos CN, Dessypris N, Matsoukis IL,
Aronis K, et al. Insulin resistance: an independent risk factor for lung cancer?
Metabolism. (2011) 60:1100-6. doi: 10.1016/j.metabol.2010.12.002

10. Parekh N, Lin Y, Hayes RB, Albu JB, Lu-Yao GL. Longitudinal associations of
blood markers of insulin and glucose metabolism and cancer mortality in the third
national health and nutrition examination survey. Cancer Causes Control. (2010)
21:631-42. doi: 10.1007/s10552-009-9492-y

11. So A, Sakaguchi K, Okada Y, Morita Y, Yamada T, Miura H, et al. Relation
between HOMA-IR and insulin sensitivity index determined by hyperinsulinemic-
euglycemic clamp analysis during treatment with a sodium-glucose cotransporter
2 inhibitor. Endocr J. (2020) 67:501-7. doi: 10.1507/endocrj.EJ19-0445

12. Lim J, Kim J, Koo SH, Kwon GC. Comparison of triglyceride glucose index,
and related parameters to predict insulin resistance in Korean adults: an analysis
of the 2007-2010 Korean national health and nutrition examination survey. PLoS
One. (2019) 14:€0212963. doi: 10.1371/journal.pone.0212963

13. Khamseh ME, Malek M, Abbasi R, Taheri H, Lahouti M, Alaei-Shahmiri F.
Triglyceride glucose index and related parameters (triglyceride glucose-body mass
index and triglyceride glucose-waist circumference) identify nonalcoholic fatty
liver and liver fibrosis in individuals with overweight/obesity. Metab Syndr Relat
Disord. (2021) 19:167-73. doi: 10.1089/met.2020.0109

14. Bala C, Gheorghe-Fronea O, Pop D, Pop C, Caloian B, Comsa H, et al. The
association between six surrogate insulin resistance indexes and hypertension: a
population-based study. Metab Syndr Relat Disord. (2019) 17:328-33. doi: 10.1089/
met.2018.0122

15. Cao M, Chen W. Epidemiology of lung cancer in China. Thorac Cancer.
(2019) 10:3-7. doi: 10.1111/1759-7714.12916

16. Pan K, Nelson RA, Wactawski-Wende ], Lee DJ, Manson JE, Aragaki AK, et al.
Insulin resistance and cancer-specific and all-cause mortality in postmenopausal
women: the women’s health initiative. /] Natl Cancer Inst. (2020) 112:170-8. doi:
10.1093/jnci/djz069

17. Farahani H, Mahmoudi T, Asadi A, Nobakht H, Dabiri R, Hamta A. Insulin
resistance and colorectal cancer risk: the role of elevated plasma resistin levels. J
Gastrointest Cancer. (2020) 51:478-83. doi: 10.1007/s12029-019-00260-7

Frontiers in Nutrition

06

10.3389/fnut.2022.1004179

18. Pan K, Chlebowski RT, Mortimer JE, Gunter MJ, Rohan T, Vitolins MZ, et al.
Insulin resistance and breast cancer incidence and mortality in postmenopausal
women in the Women’s health initiative. Cancer. (2020) 126:3638-47. doi: 10.1002/
cncr.33002

19. Farrell G. Insulin resistance, obesity, and liver cancer. Clin Gastroenterol
Hepatol. (2014) 12:117-9. doi: 10.1016/j.cgh.2013.07.040

20. Kwon HJ, Park MI, Park SJ, Moon W, Kim SE, Kim JH, et al. Insulin resistance
is associated with early gastric cancer: a prospective multicenter case control study.
Gut Liver. (2019) 13:154-60. doi: 10.5009/gnl17556

21. Terlikowska KM, Dobrzycka B, Terlikowski R, Sienkiewicz A, Kinalski M,
Terlikowski SJ. Clinical value of selected markers of angiogenesis, inflammation,
insulin resistance and obesity in type 1 endometrial cancer. BMC Cancer. (2020)
20:921. doi: 10.1186/s12885-020-07415-x

22. Locateli JC, Lopes WA, Simoes CF, de Oliveira GH, Oltramari K, Bim RH,
etal. Triglyceride/glucose index is a reliable alternative marker for insulin resistance
in South American overweight and obese children and adolescents. ] Pediatr
Endocrinol Metab. (2019) 32:1163-70. doi: 10.1515/jpem-2019-0037

23. Lee SB, Kim MK, Kang S, Park K, Kim JH, Baik SJ, et al. Triglyceride glucose
index is superior to the homeostasis model assessment of insulin resistance for
predicting nonalcoholic fatty liver disease in Korean adults. Endocrinol Metab.
(2019) 34:179-86. doi: 10.3803/EnM.2019.34.2.179

24. Guo W, Zhu W, Wu J, Li X, Lu J, Qin P, et al. Triglyceride glucose index
is associated with arterial stiffness and 10-year cardiovascular disease risk in a
chinese population. Front Cardiovasc Med. (2021) 8:585776. doi: 10.3389/fcvm.
2021.585776

25. Fritz ], Bjorge T, Nagel G, Manjer ], Engeland A, Haggstrom C, et al. The
triglyceride-glucose index as a measure of insulin resistance and risk of obesity-
related cancers. Int ] Epidemiol. (2020) 49:193-204. doi: 10.1093/ije/dyz053

26. Yan X, Gao Y, Tong J, Tian M, Dai J, Zhuang Y. Association between
triglyceride glucose index and non-small cell lung cancer risk in Chinese
population. Front Oncol. (2021) 11:585388. doi: 10.3389/fonc.2021.585388

27. Bergamino M, Rullan AJ, Saigi M, Peiro I, Montanya E, Palmero R,
et al. Fasting plasma glucose is an independent predictor of survival in patients
with locally advanced non-small cell lung cancer treated with concurrent
chemoradiotherapy. BMC Cancer. (2019) 19:165. doi: 10.1186/s12885-019-5370-5

28. Jiang M, Fares AF, Shepshelovich D, Yang P, Christiani D, Zhang J, et al. The
relationship between body-mass index and overall survival in non-small cell lung
cancer by sex, smoking status, and race: a pooled analysis of 20,937 international
lung cancer consortium (ILCCO) patients. Lung Cancer. (2021) 152:58-65. doi:
10.1016/j.lungcan.2020.11.029

29. Arcidiacono B, Iiritano S, Nocera A, Possidente K, Nevolo MT, Ventura
V, et al. Insulin resistance and cancer risk: an overview of the pathogenetic
mechanisms. Exp Diabetes Res. (2012) 2012:789174. doi: 10.1155/2012/789174

30. Pollak M. Insulin and insulin-like growth factor signalling in neoplasia. Nat
Rev Cancer. (2008) 8:915-28. doi: 10.1038/nrc2536

31. Moloney N, Cotter TG. ROS signalling in the biology of cancer. Semin Cell
Dev Biol. (2018) 80:50-64. doi: 10.1016/j.semcdb.2017.05.023

32. Iyengar NM, Gucalp A, Dannenberg AJ, Hudis CA. Obesity and cancer
mechanisms: tumor microenvironment and inflammation. J Clin Oncol. (2016)
34:4270-6. doi: 10.1200/JC0O.2016.67.4283

33. Giovannucci E, Harlan DM, Archer MC, Bergenstal RM, Gapstur SM, Habel
LA, et al. Diabetes and cancer: a consensus report. Diabetes Care. (2010) 33:1674—
85. doi: 10.2337/dc10-0666

34. Borena W, Stocks T, Jonsson H, Strohmaier S, Nagel G, Bjorge T, et al. Serum
triglycerides and cancer risk in the metabolic syndrome and cancer (Me-Can)
collaborative study. Cancer Causes Control. (2011) 22:291-9. doi: 10.1007/s10552-
010-9697-0

35. Dos Santos CMM, Diniz VLS, Bachi ALL, Dos Santos de Oliveira LC, Ghazal
T, Passos MEP, et al. Moderate physical exercise improves lymphocyte function in
melanoma-bearing mice on a high-fat diet. Nutr Metab. (2019) 16:63. doi: 10.1186/
512986-019-0394-z

frontiersin.org


https://doi.org/10.3389/fnut.2022.1004179
https://doi.org/10.3322/caac.21660
https://doi.org/10.3390/cells9041031
https://doi.org/10.1016/j.arbr.2021.03.002
https://doi.org/10.1007/s12020-013-0079-8
https://doi.org/10.3390/nu9040387
https://doi.org/10.1016/j.ijsu.2018.07.0137
https://doi.org/10.1016/j.ijsu.2018.07.0137
https://doi.org/10.1111/obr.12674
https://doi.org/10.1158/1055-9965.EPI-17-0293
https://doi.org/10.1016/j.metabol.2010.12.002
https://doi.org/10.1007/s10552-009-9492-y
https://doi.org/10.1507/endocrj.EJ19-0445
https://doi.org/10.1371/journal.pone.0212963
https://doi.org/10.1089/met.2020.0109
https://doi.org/10.1089/met.2018.0122
https://doi.org/10.1089/met.2018.0122
https://doi.org/10.1111/1759-7714.12916
https://doi.org/10.1093/jnci/djz069
https://doi.org/10.1093/jnci/djz069
https://doi.org/10.1007/s12029-019-00260-7
https://doi.org/10.1002/cncr.33002
https://doi.org/10.1002/cncr.33002
https://doi.org/10.1016/j.cgh.2013.07.040
https://doi.org/10.5009/gnl17556
https://doi.org/10.1186/s12885-020-07415-x
https://doi.org/10.1515/jpem-2019-0037
https://doi.org/10.3803/EnM.2019.34.2.179
https://doi.org/10.3389/fcvm.2021.585776
https://doi.org/10.3389/fcvm.2021.585776
https://doi.org/10.1093/ije/dyz053
https://doi.org/10.3389/fonc.2021.585388
https://doi.org/10.1186/s12885-019-5370-5
https://doi.org/10.1016/j.lungcan.2020.11.029
https://doi.org/10.1016/j.lungcan.2020.11.029
https://doi.org/10.1155/2012/789174
https://doi.org/10.1038/nrc2536
https://doi.org/10.1016/j.semcdb.2017.05.023
https://doi.org/10.1200/JCO.2016.67.4283
https://doi.org/10.2337/dc10-0666
https://doi.org/10.1007/s10552-010-9697-0
https://doi.org/10.1007/s10552-010-9697-0
https://doi.org/10.1186/s12986-019-0394-z
https://doi.org/10.1186/s12986-019-0394-z
https://www.frontiersin.org/journals/nutrition
https://www.frontiersin.org/

	Association of triglyceride glucose-body mass index with non-small cell lung cancer risk: A case-control study on Chinese adults
	Introduction
	Materials and methods
	Participants
	Measurements and laboratory analysis
	Statistical analysis

	Results
	Baseline characteristics
	Association of triglyceride glucose-body mass index with non-small-cell lung cancer risk
	The differences in triglyceride glucose-body mass index in different pathological or tumor-node-metastasis stages
	Performance of triglyceride glucose-body mass index in predicting incident non-small-cell lung cancer

	Discussion
	Conclusion
	Data availability statement
	Ethics statement
	Author contributions
	Funding
	Acknowledgments
	Conflict of interest
	Publisher's note
	References


