

[image: image1]
Identification of Subtype-Specific Three-Gene Signature for Prognostic Prediction in Diffuse Type Gastric Cancer












	
	ORIGINAL RESEARCH
published: 12 November 2019
doi: 10.3389/fonc.2019.01243






[image: image2]

Identification of Subtype-Specific Three-Gene Signature for Prognostic Prediction in Diffuse Type Gastric Cancer

Bowen Bao1,2,3, Chunlei Zheng1,2,3, Bowen Yang1,2,3, Yue Jin1,2,3, Kezuo Hou1,2,3, Zhi Li1,2,3, Xueying Zheng1,2,3, Shitong Yu1,2,3, Xiaojie Zhang1,2,3, Yibo Fan1,2,3, Xiujuan Qu1,2,3, Yunpeng Liu1,2,3* and Xiaofang Che1,2,3*


1Department of Medical Oncology, The First Hospital of China Medical University, Shenyang, China

2Key Laboratory of Anticancer Drugs and Biotherapy of Liaoning Province, The First Hospital of China Medical University, Shenyang, China

3Liaoning Province Clinical Research Center for Cancer, Shenyang, China

Edited by:
Samuel J. Klempner, Massachusetts General Hospital Cancer Center, United States

Reviewed by:
Sladjana Zagorac, Imperial College London, United Kingdom
 Hiroaki Taniguchi, The University of Tokyo, Japan

*Correspondence: Yunpeng Liu, ypliu@cmu.edu.cn
 Xiaofang Che, xfche@cmu.edu.cn

Specialty section: This article was submitted to Gastrointestinal Cancers, a section of the journal Frontiers in Oncology

Received: 15 August 2019
 Accepted: 29 October 2019
 Published: 12 November 2019

Citation: Bao B, Zheng C, Yang B, Jin Y, Hou K, Li Z, Zheng X, Yu S, Zhang X, Fan Y, Qu X, Liu Y and Che X (2019) Identification of Subtype-Specific Three-Gene Signature for Prognostic Prediction in Diffuse Type Gastric Cancer. Front. Oncol. 9:1243. doi: 10.3389/fonc.2019.01243



Gastric cancer (GC), with high heterogeneity, can be mainly classified into intestinal type and diffuse type according to the Lauren classification system. Although a number of differences were reported between these two types, no study on the Lauren subtype-specific multi-gene signature for evaluation of GC prognosis has been conducted, and the molecular mechanism underlying its poor prognosis has still remained elusive. Therefore, this study aimed to explore subtype-specific multi-gene signature for prognostic prediction in different subtypes of Lauren classification. With combination of the least absolute shrinkage and selection operator (LASSO) algorithm and the Akaike information criterion (AIC), the 3-gene subtype-specific prognostic signature was successfully established in diffuse type GC using GSE62254 dataset. Following the calculation of risk score (RS) based on 3-gene signature, the nomogram models were established to predict 1-, 3-, and 5-year overall survival in diffuse type GC. Moreover, the prognostic predictive nomogram model of diffuse type GC was also proved to be effective for validation of GSE1549 dataset and by a Gene Expression Omnibus (GEO)-based meta-analysis. In the analysis of the correlation between RS and clinical-pathological characteristics, RS and two genes of the 3-gene signature (EMCN and COL4A5) were found to be positively correlated with peritoneal metastasis. Furthermore, EMCN and COL4A5, rather than CCL11, were proved to be able to enhance the adhesion ability of MKN45 and NUGC4 cells to peritoneal mesothelial cell line HMR-SV5. Eventually, it was proved that COL4A5 promoted peritoneal metastasis by activating Wnt signaling pathway, whereas the upregulation of integrin family genes mediated by FAK-AKT/ERK/STAT3 signaling pathway activation is involved in peritoneal metastasis promotion function of EMCN. Taken together, our study identified the subtype-specific 3-gene signature in diffuse type GC, which could effectively predict the patients' OS and might explain the molecular mechanisms in presence of its poor prognosis.
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INTRODUCTION

Gastric cancer (GC), the third leading cause of cancer deaths worldwide, seriously threatens human health (1). The incidence of GC is the fifth highest among different types of cancer, and that is more frequent in Eastern Asia, especially in China (2). Although surgical therapy may lead to 5-year survival rates of 80–100% for patients who are in early stage, the majority of patients are in advanced stages at their initial diagnosis, thereby losing the opportunity for surgery. Despite rapid development of treatments for GC, an insignificant progress has been achieved in terms of effective therapeutics for advanced GC due its high heterogeneity, in which the median overall survival (OS) is still shorter than 1 year (3).

GC can be classified into different subtypes according to different classification systems, such as the Bormann, the Lauren, and the World Health Organization (WHO) classification systems, indicating the high heterogeneity of GC (4–10). Among these classification systems, Lauren classification, mainly including intestinal- and diffuse type, is extensively used in clinical practice. The greatest advantage of Lauren classification is that it is easy to perceive the histology and biology of GC. In histology, intestinal type GC cells exhibit a tubular or glandular differentiation with a more intensive arrangement and a tighter adhesion junction, whereas diffuse type GC cells are typically scattered and have poor adhesion ability, thereby causing lack of gland formation and easy to dissemination. The incidence rate and prognosis of these two types is also different, in which intestinal type is the most prevalent type with a higher 5-year survival rate and a further frequent incidence in men and older patients, while diffuse type is lower in the incidence and shorter in duration of OS. However, although those apparent differences existed between the two types, Lauren classification system is still rarely utilized in the clinical practice due to lack of significant difference in their prediction and treatment capabilities. Therefore, it is essential to explore the subtype-specific molecular mechanisms in intestinal- and diffuse types of GC.

It has been reported that the number of genes is different in the expression and function between the two types. HER2, a classical gene targeted by Trastuzumab, was identified with a higher positive rate in intestinal type GC (11). FGFR2 was found to be associated with poor prognosis of diffuse type GC cells (12). Remarkable expression of E-cadherin and TP53 was also related to the diffuse- and intestinal type GC, respectively (13). In addition, the incidence of microsatellite instability (MSI) in intestinal type was reported to be higher than that in diffuse type (14). However, development of GC depends on the regulation of multiple signaling pathways, and a single gene is difficult to illustrate the difference between the two types. Therefore, it is of great importance to identify subtype-specific multi-gene signatures to predict prognosis and perceive the molecular difference in intestinal and diffuse types of GC.

In the present study, GSE62254 dataset extracted from the Gene Expression Omnibus (GEO) database was used to identify 3- and 5-gene prognostic signatures, and specific prognostic predictive nomogram models were established in diffuse- and intestinal type GC, respectively. Furthermore, the prognostic value of 3-gene signature in diffuse type, rather than 5-gene signature in intestinal type, was also validated in GSE1549 dataset by a GEO-based meta-analysis. Moreover, the 3-gene signature was found to be associated with peritoneal metastasis. These outcomes revealed molecular characteristics and biological mechanisms under poor prognosis, and may provide a reliable reference for the treatment of diffuse type GC.



MATERIALS AND METHODS


Data Collection and Patient Information

Microarray datasets GSE62254 was downloaded from the Gene Expression Omnibus (GEO) database (http://www.ncbi.nlm.nih.gov/geo/), which was used as a training set for prognostic prediction of the multi-gene signature. The samples with Lauren subtypes were filtered by the criteria that owned integral clinical parameters and survival data (15). The detailed clinical data of these datasets are shown in supplementary materials (Table S1). The RMA algorithm was performed to normalize and transform all the raw data from GEO to expression values in the R environment (v3.5.3) (16).



Differentially Expressed Gene Analysis and Candidate Genes Identification

Differentially expressed genes (DEGs) between diffuse and intestinal subtype samples were screened with the thresholds of Q value (adjusted P-value between two groups) <0.05 and |Log fold change (FC)| > 0.585 using the “limma” package in R (17). The Log FC of DEG genes more than 0.585 was identified as the diffuse subtype-specific genes, whereas that <-0.585 was intestinal subtype-specific genes. To identify the gene with prognostic value, the univariate Cox regression analysis was applied using “survival” package. The HRs and their corresponding P-value of all genes in the GSE62254 datasets were obtained under the univariate Cox regression. The genes with P < 0.05 were defined to be related with the over survival. Then, the overlapping genes between the two subtype DEG genes and OS-related genes were picked up as candidate genes, and venn diagram was carried out using Venny 2.1.0.



The Construction of Multi-Gene Signature Risk Score Model Based on LASSO Algorithm and AIC

The glmnet package in R was utilized to perform the COX regression analysis with LASSO algorithm (Least Absolute Shrinkage and Selection Operator) (18). The robust markers were selected from candidate genes in two subtypes by LASSO algorithm, in which the datasets were subsampled and the tuning parameters were determined according to the expected generalization error estimated from 10-fold cross-validation. Then, a multivariate Cox regression analysis with stepwise method based on the AIC (Akaike information criterion) calculation was conducted to screen the independent prognostic factors in those robust markers. The risk score (RS) was established for each patient by calculating the expression values of the selected genes weighted by their corresponding coefficients in the multivariate Cox regression analysis.



The Establishment of Nomogram Models

The samples were divided into low-RS and high-RS groups according to the median RS. Using R with package “survival,” Kaplan–Meier was performed to show the relationships between RS and the survival time, and the Log-rank test was utilized to analyze the differences between groups. After the multivariate Cox regression analysis for the selection of independent prognostic factor, RS and others clinical pathological characteristics were used to generate the nomogram and calibration plots by “rms” package in R. In this model, each factor was assigned a weight score based on the results of the multivariate Cox regression analyses. Calibration was used to assess the performance of the nomogram. Receiver operating characteristic (ROC) analysis was also performed to estimate the accuracy of the nomogram for survival prediction using the “survival ROC” package of R. In addition, C-index was calculated with “survival” package.



External Validation of Multi-Gene Signature RS Mod el by GEO Meta-Analysis

Kaplan–Meier with the log-rank test was applied to show the survival difference between high-RS and low-RS groups in datasets GSE15459 (19). Furthermore, the microarray datasets relevant to Lauren subtype in gastric cancer tissues published up to May 1st, 2019 were searched in GEO database, and only the datasets with integral Lauren subtype information and survival data were preserved (20). The RS and its corresponding OR and 95% CIs in these datasets was analyzed by the package “meta” in R.



Clinical Relation Analysis and Biological Function Prediction

Chi-square was applied with “stats” in R between RS or every single gene of the multi-genes and other clinical pathological characteristics. The significance was defined as P < 0.05. To explore the biological function of prognosis signature, GSEA was performed using a Java GSEA desktop application that was downloaded from http://www.broad.mit.edu/gsea/ (21). The GSE62254 dataset was analyzed with the GMT file (c2.KEGG.v6.2) gene set to obtain biological processes enriched by biomarkers in prognosis signature. A total of four files including expression datasets, gene sets, phenotype labels and chip platforms were loaded for running GSEA according to the manufacturer's specifications. False discovery rate (FDR) < 0.25 were identified to be significantly enriched and the significantly enriched KEGG pathways were visualized using R package “ggplot2.”



Cell Line and Cell Culture

The diffuse type GC cell lines MKN45 (3111C0001CCC000229) was obtained from the National Infrastructure of Cell Line Resource (Beijing, China), and NUGC4 (JCRB0834) was from JCRB cell bank (Osaka, Japan). The human peritoneal mesothelial cell line HMR-SV5 was gifted from Prof. Huimian Xu (Department of Surgical Oncology and General Surgery, The First Hospital of China Medical University). All the cells were cultured in RPMI-1640 medium containing 10% heat-inactivated FBS at 37°C under 5% CO2 and saturated humidity.



Realtime PCR

The isolation and reverse transcription of RNA was performed as previously described (22). Comparative cycle threshold (Ct) method was used to calculate relative expression of COL4A5 and CCL11, and the expression of 18S was used as the internal control. The PCR primers used were as follows:

COL4A5 forward: TGGACAGGATGGATTGCCAG;

COL4A5 reverse: GGGGACCTCTTTCACCCTTAAAA;

CCL11 forward: TCCCTGGAATCTCCCACACT;

CCL11 reverse: CTGAAGGTGTGAGCTTTGGC;

18S forward: 5′ -CCCGGGGAGGTAGTGACGAAAAAT-3′;

18S reverse: 5′ -CGCCCGCCCGCTCCCAAGAT-3′.



RNA Interference

The specific siRNAs of COL4A5 and CCL11 and negative control siRNA (NC) were designed and synthesized by ViewSolid Biotech (Beijing, China). siRNA sequences were as follows: siCOL4A5: CAAUAAUGUUUGCAACUUUtt; siCCL11: GCAUGGGUUUUAUUAUAUAtt; NC siRNA: AATTCTCCGAACGTGTCACGT. siRNAs were transfected into cells using Lipofectamine 2000 (Invitrogen) according to the manufacturer's protocol. Cells were harvested 48 h after transfection.



Adhesion Assay

MKN45 and NUGC4 cells were pre-labeled with 2 μg/ml of DID dye (Invitrogen, Carlsbad, CA, USA) for 1 h, and placed onto the monolayer of HMV-SV5 cells for another 6 h at 37°C. Then, after removing the non-adherent MKN45 and NUGC4 cells with 3-times PBS washing, DID-labeling cells were observed under a fluorescence microscope (Olympus, Tokyo, Japan). Three representative fields were randomly counted and analyzed statistically.




RESULTS


Identification of Subtype-Specific Multi-Gene Signatures in Diffuse and Intestinal Type GC

The flowchart of screening process for independent prognostic gene markers between diffuse- and intestinal- types of GC is presented in Figure 1. The details were described in the following. Using GSE62254 dataset, 266 samples with definite Lauren subtypes were filtered by the criteria that contained clinical parameters and survival data, including 129 diffuse type GC samples and 137 intestinal type GC samples. Under the criteria that P < 0.05 and |LogFC| ≥ 0.585, a total of 674 differentially expressed genes (DEGs), including 557 genes in diffuse type and 117 genes in intestinal type, were screened (Figure 2A). Then, 225 prognosis-related candidate genes (P < 0.05) were picked out from DEGs in diffuse type (Figure 2B and Table S2), and 10 candidate genes in intestinal type (Figure 2B and Table S3) by univariate Cox regression analysis. To reduce the high dimension caused by exceeded prognosis-related candidate genes, Cox regression analysis combined with least absolute shrinkage and selection operator (LASSO) algorithm was further conducted for diffuse type GC, and 10 robust markers with non-zero coefficient were identified (Figures 2C,D). Furthermore, followed by choosing the smallest Akaike information criterion (AIC) via the stepwise method (Table S4), the optimal prognostic signatures (“CCL11,” “COL4A5,” and “EMCN”) in diffuse type were determined and nominated as “3-gene signature” (Table 1). On the other hand, the AIC calculation of 10 candidate genes in intestinal type was carried out, and five independent prognostic factors (5-gene signature) were detected in intestinal type (Tables S5, S6). These data indicated that the diffuse- and intestinal type GC, as key factors, were notably different, and multi-gene signatures of diffuse- and intestinal type GC might influence the prognosis of these two types, respectively.


[image: Figure 1]
FIGURE 1. The flowchart of identifying procedure for the multi-gene signatures in intestinal and diffuse type GC.



[image: Figure 2]
FIGURE 2. The identification of diffuse type GC-specific multi-gene signature. DEGs between intestinal and diffuse type GC were showed in the volcano plot, in which the red plots represent the genes highly related with diffuse subtype whereas the blue ones represent the genes upregulated in intestinal subtype, while the cutoff for logFC was 0.585 (A). The venn diagram showed that the candidate genes was screened through the intersection of prognosis-related genes with upregulated genes in intestinal and diffuse type GC, respectively (B). The trajectory of each prognosis-related candidate gene's coefficient in diffuse type GC was observed in the LASSO coefficient profiles with the changing of the lambda in LASSO algorithm (C). After the 10-fold cross-validation, a confidence interval was got for partial likelihood deviance as the lambda changed. The dotted line indicated the best gene capacities (D).



Table 1. The univariate and multivariate Cox regression analysis between 10 robust markers and OS in diffuse type GC.

[image: Table 1]



Establishment and Evaluation of the Prognostic Predictive Nomogram Model in Diffuse- and Intestinal Type GC

Based on the expressions of 3-gene signature of diffuse type GC and their corresponding coefficients, a risk score (RS) for diffuse type GC was calculated as follows:

[image: image]

and every patient was endowed with a RS. The distribution of RS for each sample, samples' survival status, and expression levels of genes in training set are illustrated in Figure 3A. With decrease of RS, the death events were accumulated and the expression levels of risk markers (coefficient > 0) were increased, while the protective markers were decreased. Furthermore, the Kaplan–Meier curves showed that patients in high-RS group presented a remarkably longer OS than that in low-RS group [hazard ratio (HR) = 5.01, 95% confidence interval (CI) = 3.01–8.84, P < 0.001] (Figure 3B).


[image: Figure 3]
FIGURE 3. The predictive value of the risk score for diffuse type GC. The association between RS and OS, survival status and the expression of genes in the 3-gene signature was showed in scatter and heatmap plot (A). The pseudocolors on the right of heatmap plot represent expression levels from low to high on a scale from −1 to 1, ranging from a low correlation power (white) to high (blue, or red). Kaplan–Meier was used to estimate the OS probability based on the RS in diffuse type GC, in which red plots indicates high-RS group, while the blue plot represents low-RS group (B). Log-rank test was used to compare the survival distribution of these two groups. The nomogram was established with the RS, N-stage and M-stage in diffuse type GC (C). The comparison between predicted and actual outcome for 1-, 3-, and 5-year survival probabilities in the nomogram was showed in the Calibration plots. Receiver operating characteristic (ROC) curves was used to compare the predictive ability of nomogram model and TNM stage for 1-, 3-, and 5-year survival probabilities (D).


To evaluate the prognostic value and identify the independent factors in diffuse type GC, univariate and multivariate COX regression analyses, involving RS and other clinicopathological characteristics, were performed. The results of univariate COX regression analysis showed that OS was significantly associated with the RS (HR = 5.16, 95%CI = 3.01–8.84, P < 0.001), T stage (HR = 1.73, 95%CI = 1.23–2.44, P < 0.001), N stage (HR = 2.62, 95%CI = 1.95–3.52, P < 0.001), and M stage (HR = 3.81, 95%CI = 2.20–6.61, P < 0.001). Meanwhile, the results of multivariate COX regression analysis indicated that RS (HR = 3.39, 95%CI = 2.25–5.09, P < 0.001), N stage (HR = 2.32, 95%CI = 1.72-3.16, P < 0.001), and M stage (HR = 2.346, 95%CI = 1.34–4.12, P < 0.01) were independent predictive factors (Table 2). Then, an independent factor nomogram model based on the independent predictive factors, including RS, N state, and M stage, was established for the prognostic prediction in patients with diffuse type GC. Figure 3C displayed that overall score could be measured to estimate the survival prognosis (1-, 3-, and 5-year survival probabilities), and the C-index of this nomogram model was 0.781 (95%CI = 0.732–0.83). The nomogram and actual observations in calibration curve showed a satisfactory overlap, indicating an optimal agreement (Figure 3D). Taken together, nomogram model based on RS appropriately predicted the prognosis of diffuse type GC.


Table 2. The univariate and multivariate Cox regression analysis between RS and other clinical characteristics and OS in diffuse type GC.

[image: Table 2]

The analyses mentioned above were also carried out in intestinal type GC. It was uncovered that high-RS was related to long-time OS, which was inconsistent with that observed in diffuse type GC (Figures S1A,B); besides, RS, age, T stage, and N stage were found as independent predictive factors (Table S7). The nomogram model (Figure S1C) with the C-index of 0.786 (95%CI = 0.730–0.842) and a relatively accurate internal validation (Figure S1D) could predict the survival probabilities of patients with intestinal type GC.

All these results indicated that a subtype of multi-gene signature could accurately predict the prognosis of diffuse- and intestinal type GC, respectively.



External Validation by Independence Analysis of Diffuse Type and Intestinal Type GC

To assess the prognostic prediction value of 3-gene signature-derived RS in diffuse type GC and 5-gene signature-derived RS in intestinal type GC, GEO database was searched and Kaplan–Meier analysis was performed for the external validation. The result of diffuse type GC revealed that high-RS1 group presented significantly shorter OS than that in low-RS1 group (HR = 1.92, 95% CI = 1.02–3.59, P = 0.04), which was similar with the result obtained from GSE62254, illustrating a significant influence of the prognostic signature on the prognosis of patients with diffuse type GC (Figure 4A). However, for intestinal type, the OS in patients with high-RS was notably shorter than that with low-RS (HR = 2.91, 95% CI = 1.51–5.33, P < 0.001), which was inconsistent with the result of GSE62254 dataset (Figure S2).


[image: Figure 4]
FIGURE 4. The external validation of nomogram in diffuse type gastric cancer. KM analysis of the RS for OS in diffuse type GC in GSE15459 was based on Log-rank test (A). A GEO meta-analysis was used to valid the predictive of the RS in diffuse type GC (B).


Then, with a total searching of 15 GEO series containing Lauren subtype data, three series with integral survival data were screened, and a meta-analysis was conducted for further evaluation of 3-gene signature in prognostic prediction of diffuse type GC. As depicted in Figure 4B, the frequency of death events was increased in patients with high-RS compared with those with low-RS (OR = 5.42, 95% CI = 3.06–9.60, P < 0.01) although a slight heterogeneity was noted (I2 = 78%, P < 0.01). A random effects model showed that patients with high-RS might be associated with a high death risk in diffuse type GC (OR = 4.83, 95% CI = 1.19–15.90, P < 0.01). These data strongly suggested that 3-gene signature-derived RS could appropriately predict the prognosis of patients with diffuse type GC.



Analysis of Correlation Between 3-Gene Signature and Clinical-Pathological Parameters in Diffuse Type GC

With analysis of correlation between 3-gene signature and clinical pathological parameters in diffuse type GC, we found that high-RS was markedly associated with the high N stage (P = 0.027), peritoneal-seeding metastasis (P < 0.001), and malignant ascites (P < 0.001) (Table 3). Then, the association of every single gene of the 3-gene signature and metastasis was also analyzed in diffuse type. As shown in Table 4, both EMCN and COL4A5 were positively correlated with peritoneal-seeding metastasis (P < 0.001) and malignant ascites (P = 0.001), whereas CCL11 could inhibit liver metastasis (P = 0.055). These results indicated that high-RS, especially high expression levels of EMCN and COL4A5, might be involved in peritoneal metastasis of diffuse type GC.


Table 3. The correlation between RS and clinical pathological parameters in diffuse type GC.
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Table 4. The correlation of EMCN, COL4A5, and CCL11 with the clinical pathological parameters related to metastasis in diffuse type GC.
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The Effect of 3-Gene Signature on Peritoneal Metastasis in Diffuse Type of GC

It was revealed that adhesion of GC cells to mesothelium is an important step in peritoneal metastasis. Therefore, to investigate the role of EMCN, COL4A5, and CCL11 in peritoneal metastasis, diffuse type GC cell lines, MKN45 and NUGC4, were used to detect their adhesion abilities to HMV-SV5 cells. The findings showed that after transient transfection of siRNAs targeted to COL4A5 or CCL11 into MKN45 (Figure S3A) and NUGC4 (Figure S3B), the adhesion ability of COL4A5-KD cells was significantly decreased (Figure 5A and Figure S4A), whereas no change was observed in CCL11-KD cells (Figure 5B and Figure S4B). Then, 10 ng/ml of EMCN (ProSpec-Tany TechnoGene Ltd., Israel), which is a factor mainly secreted from endothelia, was used to pre-treat MKN45 and NUGC4 cells for 24 h, followed by detection of the adhesion ability of diffuse type GC cells to SV5 cells. As a result, EMCN significantly increased the adhesion of MKN45 and NUGC4 cells (Figure 5C and Figure S4C). These results indicated that among the 3 genes of the signature, COL4A5 and EMCN could promote peritoneal metastasis in diffuse type GC.


[image: Figure 5]
FIGURE 5. The effect of COL4A5, CCL11, and EMCN on the adhesion ability of diffuse type GC cells on peritoneal mesothelial cells. After transfected with siCOL4A5 (A) or siCCL11 (B), or treated with EMCN (C), the adhesion ability of MKN45 cells on HMR-SV5 cells was observed by Light microscopy. The columns on the right represent the cell numbers by counting three fields, and error bars represent the mean ± SD of three independent experiments. *P < 0.05; **P < 0.01.




COL4A5 Activated Wnt Signaling Pathway in Diffuse Type GC

For a further exploration of mechanism under COL4A5-promoted peritoneal metastasis in diffuse type GC, gene set enrichment analysis (GSEA) was conducted. The result showed that COL4A5 high expression group was remarkably enriched in “Melanogenesis,” “Long-term potentiation,” “Insulin signaling pathway,” “Vascular smooth muscle contraction,” “Tyrosine metabolism,” “Fatty acid metabolism,” “Propanoate metabolism,” “Wnt signaling pathway,” and “Phenylalanine metabolism,” indicating that COL4A5 might promote peritoneal metastasis via “Wnt signaling pathway” in diffuse type GC (Figures 6A,B). Knockdown of COL4A5 in MKN45 cells decreased the phosphorylation level of β-catenin, the key gene of “Wnt signaling pathway,” further suggesting that Wnt signaling pathway might be involved in COL4A5-promoted peritoneal metastasis (Figure 6C).


[image: Figure 6]
FIGURE 6. Functional enrichment analysis of COL4A5 in diffuse type GC. KEGG (A) and GSEA (B) analysis were used to analyze COL4A5 high expression group enriched signaling pathways. The expression of p-β-catenin and β-catenin was detected by western blot after transient knockdown of COL4A5. β-actin was used as internal control (C).




GSEA of EMCN Was Related to Peritoneal Metastasis in Diffuse Type GC

To investigate the mechanism of EMCN on the promotion of peritoneal metastasis in diffuse type GC, GSEA was used to analyze the possible functions of EMCN. As shown in Figure 7A, high expression of EMCN was mainly enriched in “Melanogenesis,” “Vasopressin regulated water reabsorption,” “Focal adhesion,” “Regulation of actin cytoskeleton,” “FC gamma R-mediated phagocytosis,” “Vascular smooth muscle contraction,” “Cardiac muscle contraction,” “MAPK signaling pathway,” “Calcium signaling pathway,” and “Dilated cardiomyopathy,” indicating that ECMN might promote peritoneal metastasis of the diffuse type GC by adhesion and invasion-related pathways, such as “Focal adhesion,” “Regulation of actin cytoskeleton,” and “MAPK signaling pathway” (Figure 7B). Subsequently, 32 genes both in “Focal adhesion” and “Regulation of actin cytoskeleton” pathway, which were known to be closely related to peritoneal metastasis, were further classified into 12 gene families. Among these 32 genes, integrin family, including 10 members, was the largest family, indicating integrin family might play an important role in EMCN-promoted peritoneal metastasis (Figure 7C).


[image: Figure 7]
FIGURE 7. Functional enrichment analysis of EMCN in diffuse type GC. EMCN high expression group-enriched signaling pathways were analyzed using KEGG (A) and GSEA (B). Venn diagram analysis showed coexpression genes in focal adhesion and regulation of actin cytoskeleton and mainly focused on integrin family (C).




EMCN Activated Integrins-FAK Pathway in Diffuse Type GC

To further investigate whether integrin family was involved in EMCN-promoted peritoneal metastasis, GSE62254 data were used to analyze the correlation between integrin family and EMCN expression. Ten members of integrin family, which overlapped in “Focal adhesion” and “Regulation of actin cytoskeleton” pathway, were all positively correlated with EMCN (Figure 8A). Then, the effect of EMCN on the expression change of several integrin members and their downstream pathways were detected by western blot. The result showed that 100 ng/ml EMCN significantly upregulated the expression of integrin α1, α5, α7, αv, and β5 in MKN45 cells (Figure 8B), as well as dramatically increased the phosphorylation levels of FAK, Src, AKT, ERK, and STAT3, the potential downstream pathway of integrin (Figure 8C). All these results suggested that EMCN might promote peritoneal metastasis through activating integrin-FAK pathway.


[image: Figure 8]
FIGURE 8. EMCN activated integrin-FAK pathway. The correlation between the expression of integrin family members and EMCN was analyzed using GSE62254 dataset (A). Expression change of integrin family members, integrin α1, α5, α7, αv, and β5 induced by EMCN (100 ng/ml) was detected by western blot in MKN45 cells. β-actin was used as internal control (B). After MKN45 cells were treated with EMCN, the expression of p-FAK, FAK, p-Src, Src, p-AKT, AKT, p-ERK ERK, p-STAT3, and STAT3 were detected by western blot. β-actin was used as internal control (C).





DISCUSSION

In the present study, 3-gene signature was identified for diffuse type GC, and high-RS based on 3-gene signature exhibited a significantly increased risk of short OS. Furthermore, a nomogram model based on 3-gene signature for prognostic prediction of diffuse type was established, and uncovered that EMCN and COL4A5 were highly involved in peritoneal metastasis of diffuse type GC.

In the current study, the LASSO algorithm combined with the AIC was used to select an optimal prognostic signature with the smallest number of gene markers for identification of the 3-gene signature in diffuse type GC. LASSO generally minimizes residual sum of squares (RSS) to a constraint on the absolute size of coefficient estimates. AIC is an information-based criterion to select a model based on the minimum distance between the logarithms of the likelihood and Kullback–Leibler information. COX regression model with AIC can be applied when the number of independent variables is notably less than the number of samples (<1/10). However, as there are several independent variables, even the number to be more than the number of samples, the LASSO needs to a complementary algorithm to shrink the dimension induced by exceeded independent variables. The combination of LASSO and AIC not only could increase the precision and efficiency of variable selection and reduce the dimension of prognostic models, but also could avoid the over-fitting in prediction and estimation. Therefore, the combination of LASSO and AIC was herein applied in diffuse type GC, whereas calculation of AIC alone was used in intestinal type GC.

At present, in addition to the TNM stage, multi-gene prognosis signatures, including mRNAs or non-coding RNAs, were also developed to assess the prognosis of GC patients. However, to date, no study has concentrated on Lauren subtype-specific multi-gene signature to evaluate prognosis of GC. Therefore, in the present study, we explored the 5-gene signature in intestinal type GC and 3-gene signature in diffuse type GC, which were fully different from each other and could evaluate subtype-specific prognosis of GC patients. Furthermore, the prognostic predictive model of 3-gene signature was proved to be able to accurately investigate the prognosis of diffuse type GC. This model might be applied to identify the high-risk patients, and assess the prognosis, so as to facilitate the precise treatment in diffuse type GC.

The 3-gene signature identified in diffuse type GC included COL4A5, EMCN, and CCL11. COL4A5 is one of the major components of the glomerular basement membrane, and its mutation or aberration is involved in Alport syndrome and uterine leiomyomas (23). It was also revealed that COL4A5 was down-regulated in colorectal cancer due to the hypermethylation of its promoter region (24). EMCN, which is specifically expressed in endothelial cells on the surface of the capillary and venous, is known to be involved in vascular endothelial growth factor (VEGF)-induced angiogenesis via VEGF receptor 2 (VEGFR2) (25). The role of EMCN in cancer has still remained controversial, as EMCN is highly expressed in lung cancer (26), whereas is downregulated in a primary central nervous system lymphoma (27). The chemokine CCL11, acting as selective eosinophil chemo-attractant, was found to be derived from fibroblast and tumor cells (28), and could be highly expressed in ovarian cancer and prostate cancer (29). However, the role of these genes in GC still remains obscure. In the current study, we found that COL4A5 and EMCN, rather than CCL11, could promote peritoneal metastasis by enhancing the adhesion ability of diffuse type GC cells to mesothelial cells. Moreover, further study revealed the molecular mechanisms of these genes in peritoneal metastasis of diffuse type GC. COL4A5-activated Wnt signaling pathway, and EMCN-activated FAK-AKT/ERK/STAT3 signaling pathway through upregulating integrin family might be involved in peritoneal metastasis of diffuse type GC. Therefore, this study indicated that not only diffuse type GC, but also the tumor microenvironment is involved in the promotion of peritoneal metastasis, which may justify poor OS of diffuse type GC. However, further study needs to be conducted to investigate the molecular mechanisms of these genes in peritoneal metastasis of diffuse type GC.

The present study contains several limitations. Firstly, this study was conducted based on genomics rather than proteomics, which might affect the accuracy of signature prediction to a certain extent. Therefore, it is necessary to detect the expression of three genes in another larger sample size of diffuse type GC patients to validate the predictive abilities of the 3-gene signature for diffuse type GC in the future. Secondly, it was difficult to popularize the application of multi-genome sequencing in clinical practice due to its price and practicality. With the development of liquid biopsy technology, the clinical predictive value of 3-gene signature maybe further easily applied in future research. Thirdly, the identification of 5-gene signature in intestinal type GC could not be validated in other datasets. Therefore, a robust detection method needs to be developed for the prognostic prediction in diffuse type GC; meanwhile, multi-gene signature of intestinal type GC needs to be explored in further studies with a larger sample size.

In summary, the current research not only revealed the molecular difference between intestinal- and diffuse type GC, but also demonstrated that 3-gene signature could effectively predict the survival of patients with diffuse type GC. The identification of prognosis signature in diffuse type might provide a novel therapeutic approach to evaluate the prognosis of GC patients based on Lauren classification system and the expression level of 3-gene signature. Additionally, the RS, EMCN, and COL4A5, could promote the peritoneal metastasis process of GC cells partially through Wnt and integrin-FAK signaling pathway at least. This study proposed a new approach for the application of bioinformatics in GC.



DATA AVAILABILITY STATEMENT

Publicly available datasets were analyzed in this study. This data can be found here: GSE62254, GSE15459, GSE57303.



AUTHOR CONTRIBUTIONS

BB and CZ analyzed the data and drafted the manuscript. BY, YJ, and KH helped interpreted the data. ZL and XZhe prepared all figures. XZha and SY completed adhesion assay. YF and XQ edited all tables. XC and YL designed the study and revised the manuscript. All authors read and approved the final manuscript.



FUNDING

This work was supported by National Science and Technology Major Project of the Ministry of Science and Technology of China (No. 2017ZX09304025); The Key Research and Development Program of Liaoning Province (2018225060); Science and Technology Plan Project of Liaoning Province (No. 2016007010); and Science and Technology Plan Project of Shenyang City (No. 1900940). The funding source provided financial support for the study and did not have any other involvement in this study.



SUPPLEMENTARY MATERIAL

The Supplementary Material for this article can be found online at: https://www.frontiersin.org/articles/10.3389/fonc.2019.01243/full#supplementary-material



ABBREVIATIONS

GC, gastric cancer; GEO, Gene Expression Omnibus; DEGs, differentially expressed genes; FC, fold change; RS, risk score; LASSO, Least Absolute Shrinkage and Selection Operator; AIC, the Akaike information criterion; HR, hazard ratio; CI, confidence interval; TNM, Tumor Node Metastasis; OS, overall survival.



REFERENCES

 1. Torre LA, Bray F, Siegel RL, Ferlay J, Lortet-Tieulent J, Jemal A. Global cancer statistics, 2012. CA Cancer J Clin. (2015) 65:87–108. doi: 10.3322/caac.21262

 2. Chen W, Zheng R, Baade PD, Zhang S, Zeng H, Bray F, et al. Cancer statistics in China, 2015. CA Cancer J Clin. (2016) 66:115–32. doi: 10.3322/caac.21338

 3. In H, Solsky I, Palis B, Langdon-Embry M, Ajani J, Sano T. Validation of the 8th edition of the AJCC TNM staging system for gastric cancer using the national cancer database. Ann Surg Oncol. (2017) 24:3683–91. doi: 10.1245/s10434-017-6078-x

 4. Wong SS, Kim KM, Ting JC, Yu K, Fu J, Liu S, et al. Genomic landscape and genetic heterogeneity in gastric adenocarcinoma revealed by whole-genome sequencing. Nat Commun. (2014) 5:5477. doi: 10.1038/ncomms6477

 5. Tan P, Yeoh KG. Genetics and molecular pathogenesis of gastric adenocarcinoma. Gastroenterology. (2015) 149:1153–62 e3. doi: 10.1053/j.gastro.2015.05.059

 6. Flejou JF. WHO Classification of digestive tumors: the fourth edition. Ann Pathol. (2011) 31(5 Suppl):S27–31. doi: 10.1016/j.annpat.2011.08.001

 7. Hartgrink HH, Jansen EP, van Grieken NC, van de Velde CJ. Gastric cancer. Lancet. (2009) 374:477–90. doi: 10.1016/S0140-6736(09)60617-6

 8. Lauren P. The two histological main types of gastric carcinoma: diffuse and so-called intestinal type carcinoma. an attempt at a histo-clinical classification. Acta Pathol Microbiol Scand. (1965) 64:31–49. doi: 10.1111/apm.1965.64.1.31

 9. Shah MA, Khanin R, Tang L, Janjigian YY, Klimstra DS, Gerdes H, et al. Molecular classification of gastric cancer: a new paradigm. Clin Cancer Res. (2011) 17:2693–701. doi: 10.1158/1078-0432.CCR-10-2203

 10. Fock KM. Review article: the epidemiology and prevention of gastric cancer. Aliment Pharmacol Ther. (2014) 40:250–60. doi: 10.1111/apt.12814

 11. Janjigian YY, Werner D, Pauligk C, Steinmetz K, Kelsen DP, Jager E, et al. Prognosis of metastatic gastric and gastroesophageal junction cancer by HER2 status: a European and USA International collaborative analysis. Ann Oncol. (2012) 23:2656–62. doi: 10.1093/annonc/mds104

 12. Ang YL, Yong WP, Tan P. Translating gastric cancer genomics into targeted therapies. Crit Rev Oncol Hematol. (2016) 100:141–6. doi: 10.1016/j.critrevonc.2016.02.007

 13. Setia N, Agoston AT, Han HS, Mullen JT, Duda DG, Clark JW, et al. A protein and mRNA expression-based classification of gastric cancer. Mod Pathol. (2016) 29:772–84. doi: 10.1038/modpathol.2016.55

 14. Kim H, An JY, Noh SH, Shin SK, Lee YC, Kim H. High microsatellite instability predicts good prognosis in intestinal type gastric cancers. J Gastroenterol Hepatol. (2011) 26:585–92. doi: 10.1111/j.1440-1746.2010.06487.x

 15. Cristescu R, Lee J, Nebozhyn M, Kim KM, Ting JC, Wong SS, et al. Molecular analysis of gastric cancer identifies subtypes associated with distinct clinical outcomes. Nat Med. (2015) 21:449–56. doi: 10.1038/nm.3850

 16. Gautier L, Cope L, Bolstad BM, Irizarry RA. affy–analysis of Affymetrix GeneChip data at the probe level. Bioinformatics. (2004) 20:307–15. doi: 10.1093/bioinformatics/btg405

 17. Ritchie ME, Phipson B, Wu D, Hu Y, Law CW, Shi W, et al. limma powers differential expression analyses for RNA-sequencing and microarray studies. Nucleic Acids Res. (2015) 43:e47. doi: 10.1093/nar/gkv007

 18. Friedman J, Hastie T, Tibshirani R. Regularization paths for generalized linear models via coordinate descent. J Stat Softw. (2010) 33:1–22. doi: 10.18637/jss.v033.i01

 19. Chia NY, Deng N, Das K, Huang D, Hu L, Zhu Y, et al. Regulatory crosstalk between lineage-survival oncogenes KLF5, GATA4 and GATA6 cooperatively promotes gastric cancer development. Gut. (2015) 64:707–19. doi: 10.1136/gutjnl-2013-306596

 20. Qian Z, Zhu G, Tang L, Wang M, Zhang L, Fu J, et al. Whole genome gene copy number profiling of gastric cancer identifies PAK1 and KRAS gene amplification as therapy targets. Genes Chromosomes Cancer. (2014) 53:883–94. doi: 10.1002/gcc.22196

 21. Mootha VK, Lindgren CM, Eriksson KF, Subramanian A, Sihag S, Lehar J, et al. PGC-1alpha-responsive genes involved in oxidative phosphorylation are coordinately downregulated in human diabetes. Nat Genet. (2003) 34:267–73. doi: 10.1038/ng1180

 22. Yan H, Zheng C, Li Z, Bao B, Yang B, Hou K, et al. NPTX1 promotes metastasis via integrin/FAK signaling in gastric cancer. Cancer Manag Res. (2019) 11:3237–51. doi: 10.2147/CMAR.S196509

 23. Kashtan CE, Ding J, Garosi G, Heidet L, Massella L, Nakanishi K, et al. Alport syndrome: a unified classification of genetic disorders of collagen IV alpha345: a position paper of the Alport Syndrome Classification Working Group. Kidney Int. (2018) 93:1045–51. doi: 10.1016/j.kint.2017.12.018

 24. Ikeda K, Iyama K, Ishikawa N, Egami H, Nakao M, Sado Y, et al. Loss of expression of type IV collagen alpha5 and alpha6 chains in colorectal cancer associated with the hypermethylation of their promoter region. Am J Pathol. (2006) 168:856–65. doi: 10.2353/ajpath.2006.050384

 25. Chen L, Zhuo D, Chen J, Yuan H. Screening feature genes of lung carcinoma with DNA microarray analysis. Int J Clin Exp Med. (2015) 8:12161–71. Available online at: http://www.ijcem.com/V8_No8.html

 26. Park-Windhol C, Ng YS, Yang J, Primo V, Saint-Geniez M, D'Amore PA. Endomucin inhibits VEGF-induced endothelial cell migration, growth, and morphogenesis by modulating VEGFR2 signaling. Sci Rep. (2017) 7:17138. doi: 10.1038/s41598-017-16852-x

 27. Sung CO, Kim SC, Karnan S, Karube K, Shin HJ, Nam DH, et al. Genomic profiling combined with gene expression profiling in primary central nervous system lymphoma. Blood. (2011) 117:1291–300. doi: 10.1182/blood-2010-07-297861

 28. Liu Y, Zhang J, Sun X, Su Q, You C. Down-regulation of miR-29b in carcinoma associated fibroblasts promotes cell growth and metastasis of breast cancer. Oncotarget. (2017) 8:39559–70. doi: 10.18632/oncotarget.17136

 29. Levina V, Nolen BM, Marrangoni AM, Cheng P, Marks JR, Szczepanski MJ, et al. Role of eotaxin-1 signaling in ovarian cancer. Clin Cancer Res. (2009) 15:2647–56. doi: 10.1158/1078-0432.CCR-08-2024

Conflict of Interest: The authors declare that the research was conducted in the absence of any commercial or financial relationships that could be construed as a potential conflict of interest.

Copyright © 2019 Bao, Zheng, Yang, Jin, Hou, Li, Zheng, Yu, Zhang, Fan, Qu, Liu and Che. This is an open-access article distributed under the terms of the Creative Commons Attribution License (CC BY). The use, distribution or reproduction in other forums is permitted, provided the original author(s) and the copyright owner(s) are credited and that the original publication in this journal is cited, in accordance with accepted academic practice. No use, distribution or reproduction is permitted which does not comply with these terms.



OPS/images/fonc-09-01243-t004.jpg
Peritoneal seeding

Ascites

Liver

Distant lymph node

Bone

Peritoneal seeding

Ascites

Liver

Distant lymph node

Bone

Peritoneal seeding

Ascites

Liver

Distant lymph node

Bone

“P < 0.001; **P < 0.01

No
Yes
No
Yes
No
Yes
No
Yes
No
Yes

No
Yes
No
Yes
No
Yes

Yes
No

No

No
Yes
No

No
Yes
No
Yes

Low-EMCN

54
10
54
10
57
7
62
2
61
3

Low-COL4A5  High-COL4AS

51
13
55
9
52
12
61
3
63
1

Low-CCL11

40
24
44
20
55
9
62
2
61
3

High-EMCN

32
33
37
28
61

4
65

0
63

2

35
30
36
29
54
1
57
8
61
4

High-CCL11

46
19
47
18
63
2
65
0
63
2

P

0.0001
0.0001
0.0013
0.0013
05109
05109
0.4692
0.4692
0.9859
0.9859

0.0034
0.0034
0.0003
0.0003
0.9673
0.9673
02171
02171
0.3710
03710

0.4183

0.8026

0.0551

0.4692

0.9859





OPS/xhtml/Nav.xhtml




Contents





		Cover



		Identification of Subtype-Specific Three-Gene Signature for Prognostic Prediction in Diffuse Type Gastric Cancer



		Introduction



		Materials and Methods



		Data Collection and Patient Information



		Differentially Expressed Gene Analysis and Candidate Genes Identification



		The Construction of Multi-Gene Signature Risk Score Model Based on LASSO Algorithm and AIC



		The Establishment of Nomogram Models



		External Validation of Multi-Gene Signature RS Mod el by GEO Meta-Analysis



		Clinical Relation Analysis and Biological Function Prediction



		Cell Line and Cell Culture



		Realtime PCR



		RNA Interference



		Adhesion Assay







		Results



		Identification of Subtype-Specific Multi-Gene Signatures in Diffuse and Intestinal Type GC



		Establishment and Evaluation of the Prognostic Predictive Nomogram Model in Diffuse- and Intestinal Type GC



		External Validation by Independence Analysis of Diffuse Type and Intestinal Type GC



		Analysis of Correlation Between 3-Gene Signature and Clinical-Pathological Parameters in Diffuse Type GC



		The Effect of 3-Gene Signature on Peritoneal Metastasis in Diffuse Type of GC



		COL4A5 Activated Wnt Signaling Pathway in Diffuse Type GC



		GSEA of EMCN Was Related to Peritoneal Metastasis in Diffuse Type GC



		EMCN Activated Integrins-FAK Pathway in Diffuse Type GC







		Discussion



		Data Availability Statement



		Author Contributions



		Funding



		Supplementary Material



		Abbreviations



		References

















OPS/images/fonc-09-01243-t003.jpg
Age

Gender

M

Peritoneal seeding

Ascites

Liver

Distant lymph node

Bone

P < 0,001; *P < 0.05.

<60

>60
Female

Male

Lo LN =0 s W

Yes
No
Yes

YES
No
Yes
No
Yes

Low-RS

36
28
27
37
35
24
5
6
32
16
10
59
5
56
8
58
6
61
3
64
0
63
1

High-RS

28
37
31
34
27
33
5
2
21
20
22
52
13
30
35
33
32
57
8
63
2
61

P

0.1868

0.6517

0.2944

0.0265

0.0813

<0.001

<0.001

02171

0.4829

0.3710





OPS/images/fonc-09-01243-t002.jpg
Sex
Age

RS

Coef

-0.2759
0.0037
0.5508
0.9641
1.3385
1.6409

Variate COX

HR

0.7589
1.0037
1.7347
2.6224
38133
5.1698

P < 0,001; **P < 0.01.

P

0.2389
0.7016
0.0016
<0.001
<0.001
<0.001

Coef

0.0872
0.7609
0.7513
1.3075

Multivariate COX
HR o
1.0879  0.8305
21402 <0.001
21198 0.0094
3.6969 <0.001





OPS/images/fonc-09-01243-t001.jpg
Variate COX

Coef HR P
coLtt —0.1378 0.8712 0.0403

RORA 05163 1.6759 0.0004
COL4AS 03200  1.3771 0.0002

A2M 05456  1.7265 0.0009
TENTSC —-0.2647 0.7675 0.0232
TLR8 -0.2285 0.7957 0.0186

NR4A3 03354 1.3985 0.0014
TUSC3 0.3335 1.3959 0.0004
ACKR4  —-0.1860 0.8303 0.0138
EMCN 05177 1.6781  0.0002

P < 0.001; **P < 0.01; *P < 0.05.

Multivariate COX

Coef HR P

-0.2733 0.7609 0.0015

0.1769  1.1936 0.0445

04744 16071  0.0063









OPS/images/crossmark.jpg
©

2

i

|





OPS/images/logo.jpg
, frontiers
in Oncology





OPS/images/fonc-09-01243-g004.gif
Risk Seore.

o 0w o
Tinc(monts)
arRs Lo s
sty v Tot e Toet
Gsersisnsion wow o ow
G ot oo
Gecasa s S g
Randen i mode.

o <R 0015 <01

[
Rk R85t ) (i)

TEE mamae v






OPS/images/fonc-09-01243-g005.gif





OPS/images/fonc-09-01243-g002.gif
cwecacss






OPS/images/fonc-09-01243-g003.gif
B
g; & A
g 2, 7
is A
33 e
Fomsan T oaaw
e Rk Sore Nomogrun Prdited Probobily MomogrnProfce Probbiley
3
1 =i g: A .
- I L
B el s
R AR

[  Predicied P





OPS/images/fonc-09-01243-g008.gif





OPS/images/fonc-09-01243-g006.gif
Patvwey enrichment

[ °
Pt M .
s el .
2 [ .
H
£ Vascular Smooth Muscls Contracion- L]
Z [ — .
E trmossas i .
Ji——
[Rps—— .
[——y
N © R B
[ — oves
e o
in [
phos
T

pacin [

NES
1as

18
150

size
.0
®





OPS/images/fonc-09-01243-g007.gif





OPS/images/cover.jpg
, frontiers
in Oncology

Identification of Subtype-Specific
Three-Gene Signature for Prognostic
Prediction in Diffuse Type Gastric
Cancer





OPS/images/math_1.gif
RS

[~0.2733 x EXP(CCL11)] +[0.1769 x EXP (COL4A5)]
+ [0.4744 x EXP (EMCN)],





OPS/images/fonc-09-01243-g001.gif
ep—

| Exchuion s

1

19 difise

opesamples: 201se enes 197 inesinl

ypesanples

B

010w [ pe——

557 upreguind s 99 progosirtted gncs [IER——

222 ot s 10 cndidue s

Cox LASSO regresion | e casion

[rpr—— S idependent progaosi actors

N lctaion

Sindependen progoosic actors






