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Despite extensive research, the exact mechanisms involved in colorectal cancer (CRC)
etiology and pathogenesis remain unclear. This study aimed to examine the correlation
between tumor-associated alternative splicing (AS) events and tumor immune infiltration
(TN) in CRC. We analyzed transcriptome profiling and clinical CRC data from The Cancer
Genome Atlas (TCGA) database and lists of AS-related and immune-related signatures
from the SpliceSeq and Innate databases, respectively to develop and validate a risk
model of differential AS events and subsequently a Tl risk model. We then conducted a
two-factor survival analysis to study the association between Tll and AS risk and evaluated
the associations between immune signatures and six types of immune cells based on the
TIMER database. Subsequently, we studied the distribution of six types of Tll cells in high-
and low-risk groups for seven AS events and in total. We obtained the profiles of AS
events/genes for 484 patients, which included 473 CRC tumor samples and 41
corresponding normal samples, and detected 22581 AS events in 8122 genes. Exon
Skip (ES) (8446) and Mutually Exclusive Exons (ME) (74) exhibited the most and fewest AS
events, respectively. We then classified the 433 patients with CRC into low-risk (n = 217)
and high-risk (n = 216) groups based on the median risk score in different AS events.
Compared with patients with low-risk scores (mortality = 11.8%), patients with high-risk
scores were associated with poor overall survival (mortality = 27.6%). The risk score,
cancer stage, and pathological stage (T, M, and N) were closely correlated with prognosis
in patients with CRC (P < 0.001). We identified 6479 differentially expressed genes from
the transcriptome profiles of CRC and intersected 468 differential immune-related
signatures. High-AS-risk and high-Tll-risk predicted a poor prognosis in CRC. Different
AS types were associated with different Tl risk characteristics. Alternate Acceptor site (AA)
and Alternate Promoter (AP) events directly affected the concentration of CD4T cells, and
the level of CD8T cells was closely correlated with Alternate Terminator (AT) and Exon Skip
(ES) events. Thus, the concentration of CD4T and CDS8T cells in the CRC immune
microenvironment was not specifically modulated by AS. However, B cell, dendritic cell,
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macrophage, and neutrophilic cell levels were strongly correlated with AS events. These
results indicate adverse associations between AS event risk levels and immune cell
infiltration density. Taken together, our findings show a clear association between tumor-
associated alternative splicing and immune cell infiltration events and patient outcome and
could form a basis for the identification of novel markers and therapeutic targets for CRC
and other cancers in the future.

Keywords: alternative splicing, tumor immune infiltration, prognosis, immunotherapy, colorectal cancer

INTRODUCTION

Colorectal cancer (CRC) is a highly aggressive form of cancer and
is a leading cause of cancer-related mortality worldwide (1).
According to the Surveillance, Epidemiology and End Results
(SEER) program, 147,950 new cases of CRC were estimated in
the USA in 2020. About 50% of patients with CRC suffer from
colorectal liver metastasis (2) and a metastasis rate as high as 70-
80% has been reported (3). Key aspects of CRC etiology and
pathogenesis remain unclear (4). Therefore, in addition to studying
the pathogenesis of CRC invasion and metastasis, research on
phenotypic regulation is also needed and could facilitate the
discovery of precise therapeutic targets or prognostic markers.

The complexity of CRC, which is associated with a series of
bio-markers and phenotypes, makes the development of
molecular therapies challenging. Genome analysis indicated that
CRC tissue exhibited more activated alternative splicing (AS)
patterns than adjacent normal samples (5, 6). Several
differentially expressed genes (DEGs) for AS in CRC, which
could potentially be utilized as predictive or therapeutic targets,
have been identified (7, 8). However, the regulatory mechanisms
involved in the effects of AS in CRC, especially the effects of AS
events on downstream CRC-related pathway regulation, are
poorly understood. AS is involved in several processes, including
cell growth, invasion, metastasis (8), angiogenesis (9), and
chemoresistance in cancers. It is therefore essential to confirm
the relationship between specific AS biomarkers and CRC and
identify robust AS-related signatures that could serve as targets for
CRC treatment. The immune response is an important factor in
the occurrence and prognosis of CRC (10). AS of epithelial splicing
regulatory protein 1 (ESRP1) was correlated with tumor-
associated immune cytolytic activity in malignant melanoma
(13). AS plays a crucial role in immune cell diversity and
specialization of function. AS-related signatures could therefore
be used to identify novel immunotherapeutic targets for CRC.

In the present study, we used bioinformatics to study the
relationship between AS and TII characteristics of CRC, and the
effect of different AS events on the tumor microenvironment.

METHODS AND MATERIALS

Data Acquisition and Processing

Alternative splicing data from CRC patients were collected from
SpliceSeq (http://bioinformatics.mdanderson.org/TCGASpliceSeq),
which provides an interactive interface focused on alternative

transcripts (11). A list of immune related signatures was obtained
from the InnateDB database (https://www.innatedb.ca/), which
provides available resources for immunology research (12). We
screened the AS data for percent spliced in (PSI) value > 0.75, which
represents the association of gene expression and AS events.
Overlapping AS events were visualized using an UpSet plot
generated using the UpSetR package (13).

We downloaded the CRC genome expression data of 514
patients, including 473 tumor samples and 41 matched normal
samples, from the TCGA database (https://portal.gdc.cancer.gov/).
We merged the gene expression and clinical profiles using Perl,
thereby establishing a genomics and clinical database for
further research.

Identification of AS-Event-Related
Prognosis Signatures and Construction of
Differential AS-Event Risk Model

The Limma package was utilized to determine the normalization of
CRC gene expression, and a differential analysis was applied to
screen the abnormally expressed genes in tumor versus normal
samples, where the expression differences were characterized by
absolute fold change > 2 and P-value < 0.05. We then transferred
the gene symbol with Entrez ID and performed the Gene Ontology
(GO) and KEGG analyses by using the clusterProfiler (14),
org.Hs.eg.db (15), enrichplot, and ggplot2 packages with P-
value<0.05. The Date of GO and KEGG source were updated in
2019. We excluded CRC genomics-clinical data with a futime below
90 d, and performed a univariate Cox regression analysis to obtain
the AS related prognostic signatures, choosing the significant
signatures with P < 0.05, and prepared a Least Absolute
Shrinkage And Selection Operator (LASSO) model to reduce the
number of variables. We then conducted a multivariate Cox
analysis to build up the risk model of differential AS events: the
risk model was calculated as Risk score = 2(B; * Exp;), where [3;
represents the weight of the respective signature and Exp; represents
the expression value. We could calculate the risk score of each
patient in different AS events and classify patients into a high- or
low- risk group with the median value as the cut-off value. The
reshape2, ggplot2, scales, and cowplot packages illustrated the
patients’ vital status distribution and the expression of AS related
signatures in the two risk groups of different AS events.

Assessment of AS Risk Model and
Association With Clinical Variables
According to the predictive value of the AS risk model, CRC
patients were ranked into high- and low-risk groups. To validate
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the prognostic ability of the AS risk model in different AS events,
we used the timeROC package to construct the ROC curve to
show the 3-year OS prediction and determined the predictive
effect of AS-related signatures by using the ROC curve. A
Kaplan-Meier analysis with a log-rank test was used to assess
the survival difference between two risk groups in different AS
events. We then performed univariate and multivariate Cox
regression analyses to determine the relationships between the
risk score and clinical features consisting of TNM stages or
pathological stages. We used the Wilcoxon rank-sum test to
compare the two groups, and the Kruskal-Wallis test for three or
more groups, via the survival and forest plot packages.

Construction and Assessment of the
Immune Risk Model in CRC

After normalization of CRC gene expression data, we identified
the DEGs in tumor versus normal samples, characterized by
absolute fold change > 2 and P-value < 0.05. We then obtained
intersecting immune related signatures from an immune gene
list obtained in the InnateDB database. To investigate the hub
immune genes for predicting the prognosis of CRC, we merged
DEG expression and clinic profile by using Perl.

We conducted univariate Cox regression analysis to the
immune DEGs and obtained immune prognostic signatures of
patients with CRC. In order to reduce the number of variables,
we selected the significant signatures with P < 0.05 and prepared
a LASSO model. Finally, according to the result of a multivariate
Cox analysis, we constructed the immune risk model calculated
as TII Risk score = 2(B; * Exp;), where [; represents the weight of
the respective signature and Exp; represents the expression value.
We were then able to classify patients with CRC into high- or
low-immune risk groups with the median value as the cut-
off data.

We verified the predictive value of the risk model by using
clinical survival outcomes and applied the ROC curve to show
the 3-year OS prediction via the timeROC package. We
conducted a Kaplan-Meier analysis with a log-rank test for
survival comparison between the low- and high-immune risk
groups. Finally, univariate and multivariate Cox regression
analyses provided the relationships between the immune risk
score and the clinical features consisting of TNM stages or
pathological stages via the survival and forestplot packages.

Tumor Immune Infiltration

in Patients With CRC

We evaluated the associations between immune risk score and
TII base in the TIMER database, which is a public resource for
the systematic analysis of immune infiltrates in multiple
malignancies. Form TIMER, we could obtain the abundances
of six immune infiltrates, including B cells, CD4" T cells, CD8" T
cells, neutrophils, macrophages, and dendritic cells according to
statistical and pathological estimation results. With the CRC-TII
information from TIMER, we evaluated the associations between
immune risk score and immune infiltration cells by using the P-
value calculated from Pearson’s correlation coefficient.

Validation of Survival Correlation Between
Prognosis Signature and Tumor-Infiltrating
Immune Cells in Patients With CRC

To identify the relationship between TII and different AS events,
we evaluated the correlation between TII and AS in two aspects.
First, we explored the association between TII and AS risk. Based
on the risk score of OS prognosis signature, we conducted a two-
factor survival analysis of 379 patients, thus determining the
relationship between TII risk and risk of different AS events. We
then investigated the effect of different AS events on TII cells in
patients with CRC. According to TIMER, we assigned 6 different
types of TII cell density values in 379 patients with CRC and
divided these samples into high- and low-risk groups based on
the AS risk model. We performed the log-rank test to evaluate
the distribution of the 6 different types of TII cells in the high-
risk and low-risk groups in seven different AS events and in total.
Finally, we illustrated the P-value (P-value < 0.05 was considered
statistically significant) of the difference in infiltrating immune
cells in the AS-high-risk and AS-low-risk groups in a CRC tumor
microenvironment by using a pheatmap package. We then
visualized the TII cell landscape of P-value < 0.05 by using the
survival package.

Statistical Analysis

All data were used to determine independent prognostic factors,
which could predict patient survival status by using the R
package (R software version 3.6.3). All statistical analyses were
performed using the IBM SPSS 18.0 program. The Student ¢-test
(for equal variances) was used to analyze data, and P-values
(two-sided test) < 0.05 were considered significant.

RESULTS

Identification of Seven AS Events
Prognostic Related Signatures in CRC

The workflow of this study is shown in Figure 1. We obtained
the profiles of AS events/genes for 484 CRC patients, consisting
of 473 CRC tumor samples and 41 corresponding normal
samples, from the TCGA database. We excluded patients
without clinical data, and the complete information is shown
in Table 1 (n = 452). We screened the data by minimum PSI
standard deviation > 0.05 and SD > 0.01, and excluded patients
with insufficient clinical data (including futime below 90 d). The
seven AS events classified in the study (Figure 2A) were:
Alternate Acceptor site (AA), Alternate Donor site (AD),
Alternate Promoter (AP), Alternate Terminator (AT), Exon
Skip (ES), Mutually Exclusive Exons (ME), and Retained
Intron (RI). The interaction between genes and the different
AS types was displayed in an Upset plot (see Figure 2B). We
detected 22581 AS events in 8122 genes; ES (8446) was the most
common AS event, and ME (74) was the rarest.

After merging the clinical data by Perl, we conducted a
univariate Cox proportional hazards regression analysis and
detected 1468 survival-associated AS events in 1132 genes. The
interaction between these genes and different AS types is shown in
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FIGURE 1 | Schematic representation of the work-flow.

Figure 2C; seven AS events were associated with OS in patients with
CRC, ES (463) was the most commonly occurring AS event, and
ME (5) was the rarest. A volcano plot (see Figure S1A) was used to
identify AS-related DEGs (P-value < 0.05 and [log FC| = 1.95) in
CRC, and to evaluate the prognostic value of these DEGs. The top
20 signatures in the seven AS types are shown in Figures S1B-H.

To determine the biological roles of the selected signatures in
AS processing, the KEGG pathway (Figures S2A-D and Table
S1) and GO categories (Figures S2E-H and Table S1) were
established. Significant KEGG pathways of the AS events

included steroid biosynthesis (16), ubiquitin-mediated
proteolysis (17), transcriptional misregulation in cancer, and
RNA transport. The GO functional analysis indicated that a
series of GO functions, such as coenzyme metabolic process
regulating GTPase activity, positive regulation of GTPase
activity, proteasome-mediated ubiquitin-dependent protein
catabolic process, proteasomal protein catabolic process, and
histone modification, take part in the mRNA splicing process. In
summary, the selected signatures participated in AS events in the
CRC-related biological process.
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TABLE 1 | Baseline characteristics of 452 CRC patients included in this study.

Variables Count Percentage (%)
Age (Mean + SD) 67.26 + 13.02

Follow-up (y) 2.05 +1.98

Status

Alive 88 19.47
Dead 364 80.53
Gender

Male 238 52.65
Female 214 47.34
AJCC-T

T 10 2.21
T2 77 17.04
T3 308 68.14
T4 56 12.39
Tis 1 0.22
AJCC-N

NO 269 59.51
N1 103 22.79
N2 80 17.70
AJCC-M

MO 334 73.89
M1 62 13.72
MX 49 10.84
Unknow 7 1.55
Pathological stage

| 76 16.81
I 178 39.38
Il 125 27.65
\% 62 13.72
Unknow 11 2.43
Grade

G1 - -
G2 - -
G3 - -
G4 - -
Unknow 452 100.00

AJCC, American Joint Committee on Cancer.

Establishment of Risk Score and AS
Prognosis Model Assessment

Because the AS-related signatures showed differential levels in
tumors and normal samples, we merged these DEGs with
survival data and used univariate Cox analysis to obtain the
prognostic signature in different AS events with P < 0.05, to
screen prognostic genes in different AS events. We then
performed a Lasso regression to find the most significant
prognostic signatures according to the univariate Cox results
(Figure S3) and conducted a multivariate Cox regression
analysis. Finally, we obtained a list of prognostic signatures in
different AS events (Table S2) and calculated the risk score
according to the weight of each gene. We could therefore classify
the 433 patients with CRC into low-risk (n = 217) and high-risk
(n =216) groups by using the median risk score in different AS
events. As shown in Figure 3, patients with a high-risk score had
more survival risks. Differentially expressed levels of hub genes in
seven AS events in the low-risk and high-risk groups are also
shown in the heat map in Figure 3. The ROC plots of different
AS events are presented in Figure 4. The AUC value ranged from
0.661 (MA) to 0.896 (AD), indicating effective prediction
accuracy of the risk model for the prognosis of CRC. As

shown in Figure 4, the Kaplan-Meier analysis for the log-rank
test demonstrated that in different AS event cohorts, patients
with high risk scores were associated with poor OS (P < 0.001).

To reveal the correlation between CRC prognosis and clinical
characteristics, we performed univariate and multivariate
survival tests to evaluate the prediction ability of the risk
model for different clinical pathological parameters including
age, gender, cancer stage, and pathological stage-T, M, and N
(Figure 5). The univariate survival analysis indicated that the
risk score and the cancer stage and pathological stage-T, M, and
N were closely correlated to the prognosis of patients with CRC
(P <0.001) in different AS event cohorts. The multivariate survival
analysis indicated that the risk score was the only independent
prognostic indicator with significant differences (except MA; P =
0.027, all the other cohorts P < 0.001), indicating that, in
comparison with the other characteristics, the risk score
exhibited the greatest potential for clinical application.

Establishment of Risk Score and TII
Prognosis Model Assessment In the CRC
Immune Microenvironment

TII profiles from patients with CRC were obtained from the
TCGA database, and samples with insufficient clinical data were
excluded (Table 1). We then merged the clinical and
transcriptome data from the databases, after excluding patients
with futime below 90d, and included 392 tumor samples for
subsequent study. As shown in Figure S4A, we identified 6479
DEGs from transcriptome profiles with |log fold change| > 1 and
false discovery rate (FDR) < 0.05. From the InnateDB database,
we obtained a list of 2498 immune-related genes, and intersected
468 differential immune-related signatures. The expression of
these signatures in CRC samples is shown as a heat map (see
Figure S4B).

To identify prognostic genes among the selected immune-
related signatures, we performed univariate Cox analyses and
screened 20 TII prognosis signatures (Figure $4C). As shown in
Figures S$4D, E, we optimized the models by Lasso regression
analyses. To build up the optimal immune-related risk scoring
model, based on clinical OS data, we conducted multivariate Cox
analyses and identified 11 hub immune genes, with the risk
scoring model according to the weight of each gene (Table S3).
The patients enrolled in this study were classified into low-risk
(n = 196) and high-risk (n = 195) groups. As shown in Figures
6A, B, the high-risk group exhibited a higher survival risk. The
hub gene expression data of the two groups are shown in
Figure 6C, and OS results are shown in Figure 6D. The
Kaplan-Meier analysis results indicated that, compared with the
low-risk group, the high-risk group was associated with a poorer
OS (P < 0.001), and the 3-year area under curve (AUC) was 0.756,
which confirmed the prediction accuracy of the risk score for
CRC prognosis (Figure 6E). To verify the predictive ability of
the risk model, we performed univariate and multivariate survival
tests to evaluate the predictive ability towards different
clinical pathologies, including age, gender, cancer stage, and
pathological stage-T, M, and N. As shown in Figure 6F, the
risk score and the cancer stage, and pathological stage-T, M, and
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N were closely correlated to the prognosis in patients with CRC
(P < 0.001) based on the univariate survival analysis result.
Multivariate survival analysis (Figure 6G) showed that the risk
score (P < 0.001) and stage-T (P = 0.010) were the only
independent prognostic indicators with significant differences.

Regarding the dominant roles of TII cells in the CRC
microenvironment, we integrated the immune-related
signatures combined with immune infiltrates. Based on the
TIMER database, we evaluated the distribution of 6 types of
TII cells in the TII low-risk and TII high-risk groups. As shown
in Figure 7, the high-risk groups exhibited a lower B-cell, CD4_T
cell, dendritic, macrophage, and neutrophil concentration (P <
0.01) than that in the low-risk groups.

Relationship Between Different AS Events
and the TII Risk Model
Abnormalities in TII cells are accompanied by cancer initiation
and progression (18) in the tumor microenvironment. In the
present study, the higher TII risk score represents a poorer OS,
higher clinic risk, and lower infiltration of immune cells. To
elucidate the relationship between different AS events and TII,
we evaluated the correlation of the AS and TII risk models, and
comprehensively analyzed the relationship of different AS events
with immune infiltrates.

Figure 8 shows the correlation of TII risk score and the risk
score for different AS events by comparing four different risk
groups, namely group 1: patients with low TII and low AS score,
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group 2: patients with high TII and low AS score, group 3: 2. In all AS events (except MA), patients with higher TII risk

patients with low TII and high AS score, and group 4: patients and AS risk (group 4) had a significantly poorer OS
with high TII and high AS score. compared to patients in groups 1-3 (P < 0.01). However, in
According to the results of the log-rank analysis, the following MA events, patients in group 4 exhibited a significantly lower
conclusions could be drawn: OS than patients with a lower TII risk (groups 1 and 3; P <
0.001), and patients with higher TII risk (groups 2 and 4)
1. In all AS events, group 1 exhibited a significantly higher OS exhibited a similar OS result. These results confirmed that for
compared than group 4 (P < 0.001). In higher AS risk groups MA events, in the low TII risk group, the prognosis in
(groups 3 and 4), the patients with a higher TII risk had a patients with CRC was closely correlated to the AS event
significantly poor prognosis compared to patients with low risk score, and there was a limited relationship between the
TII risk (P < 0.01). OS and AS event risk score in high TII risk groups.
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FIGURE 4 | Validation of AS model with survival results. (A-H) represents the AS events AA, AD, AP, AT, ES, ME, RI, and total events, respectively. In each figure,
the top section shows Kaplan-Meier curves of prognostic signatures in patients with CRC, and the bottom section shows the ROC curves of prognostic predictors

in patients with CRC at 3 years.

3. As shown in Figure 8, groups 2 and 3 exhibited a similar OS
result (P > 0.05), except for AD events (Figure 8B), indicating
that all AS events (except AD) exhibited a similar OS risk
compared with TII. A further comparison revealed that in AD
events, high and low TII risk groups exhibited a similar OS in
the low AD risk groups (groups 1 and 2); and with the
increase of AD risk, patients suffered a decrease of OS with
the increase of TII risk. For instance, in group 3 (low TII and
high AS), patients exhibited a significantly lower OS than
patients in groups 1 and 2 (P < 0.001), and with the increase
of TII risk score, the patients with high AD risk showed a
further decrease in OS result (group 3 vs group 4, P < 0.001).

4. The patients in group 1 (lower AS and TII risk) were not
associated with a higher overall survival compared with
patients in groups 2 and 3 (P > 0.05), except towards ES

events. As shown in Figure 8E, compared with group 1,
group 2 (P = 0.0092) and group 3 (< 0.001) exhibited a
significantly lower OS, indicating that in ES events, lower
AS and TII risk are associated with the OS of patients and a
good prognosis.

The Relationship Between Different AS

Events and TII Cell Infiltration in the Tumor
Microenvironment

Previous reports have indicated that different AS events are
associated with different TII characteristics in patients with
CRC. To identify the immune context in different AS events,
we used a TIME database to estimate the proportions of six
distinct immune cell types in patients with CRC. We then
studied the correlation between low-risk and high-risk of
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FIGURE 5 | Assessment of AS risk model in predicting CRC prognosis. (A-H) represents the AS events AA, AD, AP, AT, ES, ME, RI, and total events, respectively.
Forest plot visualizing hazard ratios of significant survival-related clinical pathological parameters including age, gender, stage, and pathological stage T, M, and N
obtained by univariate (top-green point) and multivariate (bottom-red point) Cox regression analysis.

different AS events for each cell type. We excluded samples with
a calculated P-value > 0.05 (Figure 9) and found that:

1. The proportions of B cells were significantly higher in the low-
risk group than in the high-risk group (P < 0.05). Dendritic
cells and Neutrophils exhibited a similar trend (P < 0.05),
except in AD events (P > 0.05).

2. In all the AS events, the proportion of CDAT cells exhibited
significant differences in AA and AP events, while CD8T cells

exhibited significant differences in AT and ES events. These results
suggested that CDAT cells and CD8T in the immune infiltrate of
CRC appeared to have a limited response to AS events.

3. Compared with other events, only AD events were associated
with B cell immune infiltration (P < 0.05). AT and ES events
had a strong effect on all immune cells except CD4T cells.

4. All the above results show that in the tumor microenvironment, B
cells, dendritic cells, macrophages, and neutrophils were

Frontiers in Oncology | www.frontiersin.org

April 2021 | Volume 11 | Article 583547


https://www.frontiersin.org/journals/oncology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/oncology#articles

Shi et al.

Alternative Splicing, Immune Infiltration in CRC

A ;
! L
'
i
g 27 : * Riskscore
@ ! .+ High-risk
~
] ! i+ Lowrisk
10- ' &
: 7
I
L _’/
0
B 12- '
1
1
9r 1
7 ! Status
R |
§ 6 | . Aive
[} A .
& 1 Dead
C I =
e IARIRER ARl
oHG4 I (LRI RE ‘ [ ‘ Ganes
el Il | expresslon
SLC10A2 10| | [T11] ]
o240 1 J | 1O T TR |\| B..
Om HIII I ‘ | \’I IJHH \I\ 01
FOFZH IH\I AR LA \
uts2 i M0 \ 1] o
ESM1 | H 0.4
IL1RL2 l\ m Il ’ I ‘ ‘ .,10
uen il |
F
pualue Hazard ratio '
'
age 0045  1.025(1.001-1.050) .
0
gender 0712 1.102(0.658-1.846) |+—|
stage <0001  2.519(1.864-3.403) gy -
T <0001  3.820(2.320-6623) \ ——y
'
M <0001  5.297(3.108-9.029) ' —y
|
N <0001  2.155(1.595-2.912) : —
riskScore <0001 1.182(1.137-1.230) »
| 1 | | |
. . 0 2 4 6 8
Univariate analysis
Hazard ratio
signatures and clinic characteristics using Forest plots.

Risk M= High risk == Low risk

=
Z o
<4
3
[
5 050
K}
H
3 i p=1.011e-07
0.00
012 3 456 7 8 9 101 12
Time(years)
B Highrisk{195135 64 35 16 12 7 6 4 3 10
i Lownsk{196153 90 51 33 21 13 10 7 24 2 0
0 1 2 3 4 5 6 7 8 9 10 11 12
Time(years)
E o ]
<
S
2
T o |
g o
E
8
e =4
2 o
=
~ AUC = 0.756
S 7 Year= 3
<
24
T T T T T T
0.0 0.2 0.4 0.6 038 1.0
False positive rate
palue Hazard ratio '
'
age 0004  1.038(1.012-1.064) "
P
gender 0395  0.789(0.457-1.363) )
stage 0267 1.694(0.642-4.472) ——
'
T 0010  2.313(1.226-4.365) | ——
[ 0628 1.375(0.379-4.985) —_———
N 0619 1.148(0.666-1.981) Ha—j
riskScore  <0.001  1.173(1.120-1.227) !
| ! T T
o 0 1 2 3 4
Multivariate analysis
Hazard ratio
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powerfully associated with AS, and AS events had a limited effect
on the infiltration of CD4T cells and CDS8T cells. The statistical
results between TII cell distribution and AS risk score are shown
in Figure 10.

DISCUSSION

CRC is a leading cause of cancer-related deaths worldwide (4,20).
Several DEGs have been identified as predictive and therapeutic
signatures in CRC. The pathogenesis and development of CRC is
a complex process involving multiple pathways and phenotypes.
AS and TII play an important role throughout the development
of CRC. TII illustrates the macroscopic characteristics of the
tumor microenvironment, while AS represents specific processes
of cancer progression (19).

AS is a process wherein a single pre-mRNA is variably spliced
into unique transcripts, which causes diversity in the downstream

transcriptome and proteome, and could contribute to the
establishment of cancer sites. Abnormal AS events are often
closely related to cancer progression, and specific AS events
could predict tumor occurrence (20). AS-related genes have
been studied as potential prognostic signatures in pancreatic
(21), esophageal (22), and lung (23) cancer. Landscape analysis
of AS events and correlation with specific tumor phenotype and
progression could yield prognostic, predictive, and therapeutic
clinical signatures (24).

During radioactive tracer treatment of lung cancer cells,
SRSF1 knockdown could sensitize cancer cells to irradiation via
regulation of PTPMTT1 splicing (25). Luo (26) identified SRSF2 as
a regulator of alternative splicing events, which increased cell
proliferation and tumorigenic potential by controlling variant
expression. Georgilis (28) has suggested that the senescence-
associated secretory phenotype regulated by PTBP1 is a bridge
between AS events and immuno-oncology. Li (27) evaluated the
correlation between cancer-associated AS events (CASEs) and the
immune microenvironment in head and neck squamous cell

Frontiers in Oncology | www.frontiersin.org

April 2021 | Volume 11 | Article 583547


https://www.frontiersin.org/journals/oncology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/oncology#articles

Shi et al.

Alternative Splicing, Immune Infiltration in CRC

carcinoma (HNSC) and demonstrated that CASE parent genes
were significantly enriched in pathways related to HNSC and the
TII microenvironment. Transcriptomics studies of CRC have
shown that different AS events in mRNA are key factors in CRC
tumor formation and deterioration (28).

Tumor cells often locally secrete a series of cytokines that
facilitate the interaction between the tumor cells and the
extracellular matrix, thereby forming a suitable environment for
cellular growth and proliferation (29). In a TII microenvironment,
where the immune system could protect tumor cells from the
immune barrier, cancer immune-editing and resistance could
cause “immune escape” (30), thus promoting the proliferation,
invasion, and metastasis of tumor cells. CRC research focusing on
immunology demonstrated that macrophages, natural killer cells,
dendritic cells, immature and memory lymphocytes, mast cells, B
cells, and effector T cells were closely correlated to the TII
environment (31, 32). We, therefore, hypothesized that the
correlation between AS events and TII, and systematic research
of AS-TII could yield potential prognostic and therapeutic targets
in patients with CRC.

In the present study, we identified 96 signatures related to AS
events, where 18 signatures, including RNF43, KIAA1522,
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FIGURE 7 | Integrative analysis of Tl risk level and six types of tumor-infiltrating immune cells.

NRG4, CERS4, and TRMT11, intersected in 7 AS event types.
Based on the prognosis results, we selected CERS4, KIAA1522,
NRG4, TRMT11, SYTL2, PDCD4, ATG13, CENPM, FAM3A,
NXPE2, GMPPA, TXNDC15, TAF1D, PDHA1, and RAMPI1 as
AS-event-related signatures for predictive prognosis in CRC.
CERS4 (ceramide synthase 4) generates ceramide, which binds
to Smad7 and limits the aggregation of TGF-B receptor in the
primary cilia, thereby blocking tumor cell migration. CERS4
expression was down-regulated in metastatic (late stage) head
and neck squamous cell carcinoma (HNSCC), renal cell
carcinoma, and melanoma (33), indicating that activation of
CerS4/ceramide-Smad7 could target and inhibit tumor cell
migration and invasion. KIAA1522 is a coding gene, which is
significantly up-regulated in lung and breast cancer (34). In
esophageal squamous cell carcinoma samples (35), the CpG
island in the promoter region of the KIAA1522 gene exhibited
high-frequency methylation, which suggests that KIAA1522 is an
oncogene that promotes cancer cell proliferation (36). The
epidermal growth factor (EGF) family is closely associated with
cancer (37); HER4 (ErbB4) is expressed in a series of isoforms
owing to AS (38). HER4 was down-regulated in all isoforms of
gastric cancer cells and could be an anti-carcinogenic target (39).
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FIGURE 8 | Correlation between the Tll risk and AS events. (A-H) represents the AS events AA, AD, AP, AT, ES, ME, RI, and total events, respectively. We
conducted a two-factor analysis to identify the risk of different AS events with Tl risk in 4 groups: Group 1 (immune risk = Low; AS risk = Low), Group 2 (immune
risk = High; AS risk = Low), Group 3 (immune risk = Low; AS risk = High), and Group 4 (immune risk = High; AS risk = High).

In androgen deprivation treatment of advanced prostate ~ SYTL2 (synaptotagmin like 2) mRNA, the methylation rate in
cancer, TRMT11 (tRNA methyltransferase 11) exhibited the  specific CpG sites of the SYTL2 promoter decreased, which
strongest association with time to therapy failure (P < 0.001;  significantly promoted migration and invasion of ovarian
FDRO0.008; (40). In ovarian cancer, with over-expression of  cancer cells (41). As a novel tumor suppressor gene, programmed
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FIGURE 9 | Assessment of AS risk in relation to six immune infiltration cell types in CRC. After determining the correlation between low- and high-risk of different AS
events in each cell type, samples with a calculated P-value < 0.05 were visualized.

cell death 4 (PDCD4) could regulate multiple signal transduction
pathways of colon cancer (42), thus inhibiting tumor progression at
the transcriptional and translational levels (43, 44). DTL
(Denticleless E3 ubiquitin protein ligase homolog) and SKP2 (S-
phase kinase-associated protein 2) could degrade cancer
progression via PDCD4 ubiquitination (45). Autophagy-related

protein 13 (ATG13) phosphorylation is a crucial bioprocess in
autophagy in epithelial ovarian cancer (EOC) (46). Over-expression
of ATGI13 caused by binding with CircMUC16 magnified
autophagy and exacerbated EOC invasion and metastasis.
Centromere protein M (CENPM), an important regulator in P53
signaling and cell cycle pathways, was over-expressed in
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hepatocellular carcinoma tissues (47), and could be an
immunotherapy target. NXPE2 (neurexophilin and PC-esterase
domain family member 2) could be a predictive signature for
diffuse-type gastric cancer heterogeneity (48). GMPPA (GDP-
mannose pyrophosphorylase A) mutations were utilized for
predicting lung adenocarcinoma, lung squamous cell carcinoma,
and small cell lung cancer (49). Down-regulation of PDHA1
(pyruvate dehydrogenase El subunit alpha 1), an important
enzyme complex in cancer metabolism, could promote glycolysis
and accelerate the progression of gastric cancer cells (50). Moreover,
PDHAL1 knockout significantly accelerated glycolysis, increased the
consumption of glucose and glutamine, and suppressed oxidative
phosphorylation, thereby causing the Warburg effect, in the
KYSE450 esophageal cancer cell line (51). In Ewing’s sarcoma
(EwS) clonogenic/spheroidal growth and tumorigenicity (52),
RAMPI1 (receptor activity modifying protein 1) is a crucial
receptor in the assembly of the secretory neuropeptide calcitonin-
related polypeptide beta (CALCB). Knockdown of RAMP1 in
prostate cancer cells blocks the expression of MAP2KI (Dual
specificity mitogen-activated protein kinase 1) and p-ERK1/2
(phosphorylated-extracellular signal-regulated kinase 1/2). In
summary, these AS-related signatures were closely related to
cancer metastasis and survival and could be potential prognostic
and therapeutic targets in CRC.

We obtained the immune landscape for the infiltration of six
immune cell types in patients with CRC, classified samples
according to TII risk score, and evaluated the infiltration level
of different inflammatory cells. B cells, CD4T cells, dendritic
cells, macrophages, and neutrophils were closely related to CRC
prognosis. However, there was no significant difference in CD8T
cell composition between the two study groups. Tumor-
infiltrating immune cells are associated with tumor progression

and invasion (53). Immunotherapy is revolutionizing the
treatment of advanced cancer (54). By comprehensive research
of immune-related DEGs and immune cell profiles in CRC
carcinogenesis, we identified new therapeutic targets to
improve responses to CRC immunotherapy.

Our results showed that AS likely altered the TII level. Deeper
research on both risk models demonstrated that in all seven AS
types, compared with the low-AS-risk and low-TII-risk groups, the
high-AS-risk and high-T1II-risk groups had poor prognoses in CRC.
However, different AS types were associated with different TII risk
characteristics. To identify the correlation between AS events and
TII cell distribution, we used the TIMER database to determine the
immune landscape of the infiltration of 6 immune cell types in CRC.
Our results showed that AA and AP events directly affected the
concentration of CD4T cells, and the level of CD8T cells was closely
correlated with AT and ES events. However, the other AS events
showed relatively limited effects. CD4T and CD8T cells in a CRC
immune microenvironment were not dominated by AS, and the
other four immune cell types, including B, dendritic, macrophage,
and neutrophil cells strongly correlated with AS events.

We performed a Cox multivariate analysis to develop the AS
and TII risk score model to identify and validate AS-related
DEGs according to the AS risk scoring system and proved the
connection between AS risk and prognosis in patients with CRC.
We conducted a two-factor survival analysis according to patient
survival outcomes and evaluated the correlation between TII and
different AS events. The selected genes could provide novel
signatures for targeting AS signal pathways and immune
regulation for CRC immunotherapy. Unlike traditional studies
on CRC bio-markers, we analyzed a large number of clinical
samples and elucidated the relationship between the regulation
of AS-related genes and the incidence and prognosis of CRC,

Frontiers in Oncology | www.frontiersin.org

April 2021 | Volume 11 | Article 583547


https://www.frontiersin.org/journals/oncology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/oncology#articles

Shi et al.

Alternative Splicing, Immune Infiltration in CRC

while also focusing on the effect of different AS events on CRC-
TII characteristics. With the use of queues in the TCGA
database, we identified and validated AS-related signatures and
further assessed their clinical risks. This study also used the
TIMER database to construct an assessment model of AS-TII
cell, which improved the efficiency of research. However, because
this study relies on fitting, its clinical accuracy needs to be further
assessed in cohort studies. The selected signatures require further
clinical study to confirm their function in the CRC process.

CONCLUSION

In this study, we used data from public databases to establish and
assess AS and TII risk models, and elucidate the association
between specific AS and immune signatures and patient outcome
in CRC. Furthermore, we performed in-depth mechanism
analyses by examining the TII cell distribution in different AS
event types, thereby confirming biological relationships among
the AS and TII landscapes. The signatures that we identified are
potential prognostic and therapeutic targets. Thus, our results
could form a basis for future experimental and clinical studies to
develop novel prognostics and therapeutic strategies for CRC.
Furthermore, we established a robust method for the in-depth
study of CRC etiology and progression, which could also be used
to study other cancers.

DATA AVAILABILITY STATEMENT

The datasets presented in this study can be found in online
repositories. The names of the repository/repositories and accession
number(s) can be found in the article/Supplementary Material.

AUTHOR CONTRIBUTIONS

J-yS conceived and designed the study. B-fY provided
administrative support. Q-fY undertook the provision of study
materials or patients. Y-yB collected and assembled data. DT and

REFERENCES

1. Siegel RL, Miller KD, Goding Sauer A, Fedewa SA, Butterly LF, Anderson JC,
et al. Colorectal Cancer Statistics. CA Cancer ] Clin (2020) 70(3):145-64.
doi: 10.3322/caac.21601

2. Alberts SR, Poston GJ. Treatment Advances in Liver-Limited Metastatic
Colorectal Cancer. Clin Colorectal Cancer (2011) 10(4):258-65. doi: 10.1016/
j-clcc.2011.06.008

3. House MG, Kemeny NE, Génen M, Fong Y, Allen PJ, Paty PB, et al.
Comparison of Adjuvant Systemic Chemotherapy With or Without
Hepatic Arterial Infusional Chemotherapy After Hepatic Resection for
Metastatic Colorectal Cancer. Ann Surg (2011) 254(6):851-6. doi: 10.1097/
SLA.0b013e318224188

4. Pan H, Pan J, Song S, Ji L, Lv H, Yang Z. Identification and Development of
Long non-Coding RNA-associated Regulatory Network in Colorectal Cancer.
J Cell Mol Med (2019) 23(8):5200-10. doi: 10.1111/jcmm.14395

D-nW undertook data analysis and interpretation. All authors
contributed to the article and approved the submitted version.
All authors are accountable for the content of the work.

FUNDING

This study received support from the Natural Science Foundation
of Liaoning Science and Technology Department (0180550645)
and Scientific research funding project of Liaoning Provincial
Department of education (ky2019-08).

SUPPLEMENTARY MATERIAL

The Supplementary Material for this article can be found online
at: https://www.frontiersin.org/articles/10.3389/fonc.2021.
583547/full#supplementary-material

Supplementary Figure 1 | The differentially expressed genes (DEGs) of survival-
associated AS events between the CRC and normal groups. (A) Volcano Plot was
drawn to show the DEAS identified in CRC. The red points in the plot represent
DEGs related to AS with statistical significance (P-value < 0.05, [log FC|) > 2). The 20
most significant signatures in seven AS types were (B) AA (C) AD (D) AP (E) AT (F)
ES (G) ME (H) RI.

Supplementary Figure 2 | Functional enrichment analysis results of DEGs
related to AS in CRC. Significantly enriched Kyoto Encyclopedia of Genes and
Genomes pathways of differentially splicing genes in CRC are shown as (A) bar plot,
(B) bubble plot, and (C, D) Circle plot. Significantly enriched Gene Ontology of
differentially splicing genes in CRC illustrated in (A) bar plot, (B) bubble plot, and
(C, D) Circle plot.

Supplementary Figure 3 | Identification of hub AS signature in CRC. Cox
regression and LASSO regression were conducted for the evaluation of the hub AS
associated signature in different AS events. A-H represents the AS events AA, AD,
AP, AT, ES, ME, RI, and total events, respectively.

Supplementary Figure 4 | Identification of hub immune signature in CRC.

(A) Volcano plot showing the DEGs in CRC tissue versus normal samples. (B) The
differential expression of identified hub immune signature in tumor and normal
groups are shown in a heatmap plot. (C, D) LASSO regression was conducted to
search the hub tumor-associated immune signature. (E) Signatures selected for the
establishment of the risk scoring mode base on the Multivariate Cox regression
analysis results.

5. Liu J, Li H, Shen S, Sun L, Yuan Y, Xing C. Alternative Splicing Events
Implicated in Carcinogenesis and Prognosis of Colorectal Cancer. ] Cancer
(2018a) 9(10):1754-64. doi: 10.7150/jca.24569

6. Xiong Y, Deng Y, Wang K, Zhou H, Zheng X, Si L, et al. Profiles of Alternative
Splicing in Colorectal Cancer and Their Clinical Significance: A Study Based
on Large-Scale Sequencing Data. EBioMedicine (2018a) 36:183-95.
doi: 10.1016/j.ebiom.2018.09.021

7. Zong Z, Li H, Yi C, Ying H, Zhu Z, Wang H. Genome-Wide Profiling of
Prognostic Alternative Splicing Signature in Colorectal Cancer. Front Oncol
(2018) 8:537. doi: 10.3389/fonc.2018.00537

8. WanL, YuW, Shen E, Sun W, Liu Y, KongJ, et al. SRSF6-Regulated Alternative
Splicing That Promotes Tumour Progression Offers a Therapy Target for
Colorectal Cancer. Gut (2019) 68(1):118-29. doi: 10.1136/gutjnl-2017-314983

9. Biamonti G, Infantino L, Gaglio D, Amato A. An Intricate Connection
Between Alternative Splicing and Phenotypic Plasticity in Development and
Cancer. Cells (2019) 9(1):34. doi: 10.3390/cells9010034

Frontiers in Oncology | www.frontiersin.org

April 2021 | Volume 11 | Article 583547


https://www.frontiersin.org/articles/10.3389/fonc.2021.583547/full#supplementary-material
https://www.frontiersin.org/articles/10.3389/fonc.2021.583547/full#supplementary-material
https://doi.org/10.3322/caac.21601
https://doi.org/10.1016/j.clcc.2011.06.008
https://doi.org/10.1016/j.clcc.2011.06.008
https://doi.org/10.1097/SLA.0b013e31822f4f88
https://doi.org/10.1097/SLA.0b013e31822f4f88
https://doi.org/10.1111/jcmm.14395
https://doi.org/10.7150/jca.24569
https://doi.org/10.1016/j.ebiom.2018.09.021
https://doi.org/10.3389/fonc.2018.00537
https://doi.org/10.1136/gutjnl-2017-314983
https://doi.org/10.3390/cells9010034
https://www.frontiersin.org/journals/oncology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/oncology#articles

Shi et al.

Alternative Splicing, Immune Infiltration in CRC

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24.

25.

26.

27.

28.

Khorrami S, Zavaran Hosseini A, Mowla SJ, Soleimani M, Rakhshani N,
Malekzadeh R. MicroRNA-146a Induces Immune Suppression and Drug-
Resistant Colorectal Cancer Cells. Tumour Biol (2017) 39(5):1010428317698365.
doi: 10.1177/1010428317698365

Ryan MC, Cleland J, Kim R, Wong WC, Weinstein JN. SpliceSeq: A Resource
for Analysis and Visualization of RNA-Seq Data on Alternative Splicing and
its Functional Impacts. Bioinformatics (2012) 28(18):2385-7. doi: 10.1093/
bioinformatics/bts452

Breuer K, Foroushani AK, Laird MR, Chen C, Sribnaia A, Lo R, et al.
InnateDB: Systems Biology of Innate Immunity and Beyond-Recent
Updates and Continuing Curation. Nucleic Acids Res (2013) 41(Database
issue):D1228-33. doi: 10.1093/nar/gks1147

Khan A, Mathelier A. Intervene: A Tool for Intersection and Visualization of
Multiple Gene or Genomic Region Sets. BMC Bioinf (2017) 18(1):287.
doi: 10.1186/s12859-017-1708-7

Yu G, Wang LG, Han Y, He QY. clusterProfiler: An R Package for Comparing
Biological Themes Among Gene Clusters. OMICS (2012) 16(5):284-7.
doi: 10.1089/0mi.2011.0118

Gentleman RC, Carey V], Bates DM, Bolstad B, Dettling M, Dudoit S, et al.
Bioconductor: Open Software Development for Computational Biology and
Bioinformatics. Genome Biol (2004) 5(10):R80. doi: 10.1186/gb-2004-5-10-r80
Fan J, Li X, Issop L, Culty M, Papadopoulos V. Acbd2/Eci2-Mediated
Peroxisome-Mitochondria Interactions in Leydig Cell Steroid Biosynthesis.
Mol Endocrinol (2016) 30(7):763-82. doi: 10.1210/me.2016-1008

Hamazaki ], Sasaki K, Kawahara H, Hisanaga S, Tanaka K, Murata S. Rpn10-
mediated Degradation of Ubiquitinated Proteins is Essential for Mouse
Development. Mol Cell Biol (2007) 27(19):6629-38. doi: 10.1128/
mcb.00509-07

Svenson U, Oberg A., Stenling R, Palmqvist R, Roos G. Telomere Length in
Peripheral Leukocytes is Associated With Immune Cell Tumor Infiltration
and Prognosis in Colorectal Cancer Patients. Tumour Biol (2016) 37
(8):10877-82. doi: 10.1007/s13277-016-4987-0

Sowalsky AG, Xia Z, Wang L, Zhao H, Chen S, Bubley GJ, et al. Whole
Transcriptome Sequencing Reveals Extensive Unspliced mRNA in Metastatic
Castration-Resistant Prostate Cancer. Mol Cancer Res (2015) 13(1):98-106.
doi: 10.1158/1541-7786.mcr-14-0273

David CJ, Manley JL. Alternative pre-mRNA Splicing Regulation in Cancer:
Pathways and Programs Unhinged. Genes Dev (2010) 24(21):2343-64.
doi: 10.1101/gad.1973010

Carrigan PE, Bingham JL, Srinvasan S, Brentnall TA, Miller LJ.
Characterization of Alternative Spliceoforms and the RNA Splicing
Machinery in Pancreatic Cancer. Pancreas (2011) 40(2):281-8.
doi: 10.1097/MPA.0b013e31820128d2

Mao S, Li Y, Lu Z, Che Y, Sun S, Huang J, et al. Survival-Associated
Alternative Splicing Signatures in Esophageal Carcinoma. Carcinogenesis
(2019) 40(1):121-30. doi: 10.1093/carcin/bgy123

Lei Y, Shi Y, Duan J, Liu Y, Lv G, Shi R, et al. Identification of Alternative
Splicing and IncRNA Genes in Pathogenesis of Small Cell Lung Cancer Based
on Their RNA Sequencing. Adv Clin Exp Med (2019) 28(8):1043-50.
doi: 10.17219/acem/94392

Martinez-Montiel N, Rosas-Murrieta NH, Anaya Ruiz M, Monjaraz-Guzman
E, Martinez-Contreras R. Alternative Splicing as a Target for Cancer
Treatment. Int ] Mol Sci (2018) 19(2):545. doi: 10.3390/ijms19020545

Sheng J, Zhao Q, Zhao J, Zhang W, Sun Y, Qin P, et al. SRSF1 Modulates
PTPMT1 Alternative Splicing to Regulate Lung Cancer Cell Radioresistance.
EBioMedicine (2018) 38:113-26. doi: 10.1016/j.ebiom.2018.11.007

Luo C, Cheng Y, Liu Y, Chen L, Liu L, Wei N, et al. Srsf2 Regulates Alternative
Splicing to Drive Hepatocellular Carcinoma Development. Cancer Res (2017)
77(5):1168-78. doi: 10.1158/0008-5472.can-16-1919

Li ZX, Zheng ZQ, Wei ZH, Zhang LL, Li F, Lin L, et al. Comprehensive
Characterization of the Alternative Splicing Landscape in Head and Neck
Squamous Cell Carcinoma Reveals Novel Events Associated With
Tumorigenesis and the Immune Microenvironment. Theranostics (2019b) 9
(25):7648-65. doi: 10.7150/thno.36585

Pesson M, Volant A, Uguen A, Trillet K, De La Grange P, Aubry M, et al. A
Gene Expression and pre-mRNA Splicing Signature That Marks the
Adenoma-Adenocarcinoma Progression in Colorectal Cancer. PloS One
(2014) 9(2):e87761. doi: 10.1371/journal.pone.0087761

29.

30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

42.

43.

44.

45.

46.

47.

48.

49.

Frankel T, Lanfranca MP, Zou W. The Role of Tumor Microenvironment in
Cancer Immunotherapy. Adv Exp Med Biol (2017) 1036:51-64. doi: 10.1007/
978-3-319-67577-0_4

O’Donnell JS, Teng MWL, Smyth MJ. Cancer Immunoediting and Resistance
to T Cell-Based Immunotherapy. Nat Rev Clin Oncol (2019) 16(3):151-67.
doi: 10.1038/s41571-018-0142-8

Bindea G, Mlecnik B, Tosolini M, Kirilovsky A, Waldner M, Obenauf AC,
et al. Spatiotemporal Dynamics of Intratumoral Immune Cells Reveal the
Immune Landscape in Human Cancer. Immunity (2013) 39(4):782-95.
doi: 10.1016/j.immuni.2013.10.003

Xiong Y, Wang K, Zhou H, Peng L, You W, Fu Z. Profiles of Immune Infiltration
in Colorectal Cancer and Their Clinical Significant: A Gene Expression-Based
Study. Cancer Med (2018b) 7(9):4496-508. doi: 10.1002/cam4.1745

Gencer S, Oleinik N, Kim J, Panneer Selvam S, De Palma R, Dany M, et al.
Tgf-p Receptor I/II Trafticking and Signaling At Primary Cilia are Inhibited by
Ceramide to Attenuate Cell Migration and Tumor Metastasis. Sci Signal
(2017) 10(502):eaam7464. doi: 10.1126/scisignal.aam7464

Nagase T, Kikuno R, Hattori A, Kondo Y, Okumura K, Ohara O. Prediction of
the Coding Sequences of Unidentified Human Genes. Xix. The Complete
Sequences of 100 New Cdna Clones From Brain Which Code for Large
Proteins In Vitro. DNA Res (2000) 7(6):347-55. doi: 10.1093/dnares/7.6.347
Chen Y, Yin D, Li L, Deng Y-c, Tian W. Screening Aberrant Methylation
Profile in Esophageal Squamous Cell Carcinoma for Kazakhs in Xinjiang Area
of China. Mol Biol Rep (2015) 42(2):457-64. doi: 10.1007/s11033-014-3788-z
Xie ZH, Yu J, Shang L, Zhu YQ, Hao JJ, Cai Y, et al. KIAA1522
Overexpression Promotes Tumorigenicity and Metastasis of Esophageal
Cancer Cells Through Potentiating the ERK Activity. Onco Targets Ther
(2017) 10:3743-54. doi: 10.2147/0tt.s142610

Sithanandam G, Anderson LM. The ERBB3 Receptor in Cancer and Cancer
Gene Therapy. Cancer Gene Ther (2008) 15(7):413-48. doi: 10.1038/cgt.2008.15
Cheng QC, Tikhomirov O, Zhou W, Carpenter G. Ectodomain Cleavage of
ErbB-4: Characterization of the Cleavage Site and m80 Fragment. ] Biol Chem
(2003) 278(40):38421-7. doi: 10.1074/jbc.M302111200

Nielsen TO, Friis-Hansen L, Poulsen SS, Federspiel B, Sorensen BS.
Expression of the EGF Family in Gastric Cancer: Downregulation of HER4
and its Activating Ligand NRG4. PloS One (2014) 9(4):e94606. doi: 10.1371/
journal.pone.0094606

Kohli M, Riska SM, Mahoney DW, Chai HS, Hillman DW, Rider DN, et al.
Germline Predictors of Androgen Deprivation Therapy Response in
Advanced Prostate Cancer. Mayo Clin Proc (2012) 87(3):240-6.
doi: 10.1016/j.mayocp.2011.09.009

Sung HY, Han J, Ju W, Ahn JH. Synaptotagmin-Like Protein 2 Gene Promotes
the Metastatic Potential in Ovarian Cancer. Oncol Rep (2016) 36(1):535-41.
doi: 10.3892/0r.2016.4835

LongJ, Yin Y, Guo H, Li S, Sun Y, Zeng C, et al. The Mechanisms and Clinical
Significance of PDCD4 in Colorectal Cancer. Gene (2019) 680:59-64.
doi: 10.1016/j.gene.2018.09.034

Wang Q, Yang HS. The Role of Pdcd4 in Tumour Suppression and Protein
Translation. Biol Cell (2018) 110(8):169-77. doi: 10.1111/boc.201800014
Zennami K, Choi SM, Liao R, Li Y, Dinalankara W, Marchionni L, et al. Pdcd4
Is an Androgen-Repressed Tumor Suppressor That Regulates Prostate Cancer
Growth and Castration Resistance. Mol Cancer Res (2019) 17(2):618-27.
doi: 10.1158/1541-7786.mcr-18-0837

Li C,Dul, Ren Y, Liu X, Jiao Q, Cui D, et al. SKP2 Promotes Breast Cancer
Tumorigenesis and Radiation Tolerance Through PDCD4 Ubiquitination.
] Exp Clin Cancer Res (2019a) 38(1):76. doi: 10.1186/s13046-019-1069-3
Gan X, Zhu H, Jiang X, Obiegbusi SC, Yong M, Long X, et al. CircMUC16
Promotes Autophagy of Epithelial Ovarian Cancer Via Interaction With ATG13
and Mir-199a. Mol Cancer (2020) 19(1):45. doi: 10.1186/s12943-020-01163-z
Xiao Y, Najeeb RM, Ma D, Yang K, Zhong Q, Liu Q. Upregulation of CENPM
Promotes Hepatocarcinogenesis Through Mutiple Mechanisms. J Exp Clin
Cancer Res (2019) 38(1):458. doi: 10.1186/s13046-019-1444-0

Kim SK, Kim HJ, Park JL, Heo H, Kim SY, Lee SI, et al. Identification of a
Molecular Signature of Prognostic Subtypes in Diffuse-Type Gastric Cancer.
Gastric Cancer (2020) 23(3):473-82. doi: 10.1007/s10120-019-01029-4

Cho HJ, Lee S, Ji YG, Lee DH. Association of Specific Gene Mutations Derived
From Machine Learning With Survival in Lung Adenocarcinoma. PloS One
(2018) 13(11):€0207204. doi: 10.1371/journal.pone.0207204

Frontiers in Oncology | www.frontiersin.org

April 2021 | Volume 11 | Article 583547


https://doi.org/10.1177/1010428317698365
https://doi.org/10.1093/bioinformatics/bts452
https://doi.org/10.1093/bioinformatics/bts452
https://doi.org/10.1093/nar/gks1147
https://doi.org/10.1186/s12859-017-1708-7
https://doi.org/10.1089/omi.2011.0118
https://doi.org/10.1186/gb-2004-5-10-r80
https://doi.org/10.1210/me.2016-1008
https://doi.org/10.1128/mcb.00509-07
https://doi.org/10.1128/mcb.00509-07
https://doi.org/10.1007/s13277-016-4987-0
https://doi.org/10.1158/1541-7786.mcr-14-0273
https://doi.org/10.1101/gad.1973010
https://doi.org/10.1097/MPA.0b013e31820128d2
https://doi.org/10.1093/carcin/bgy123
https://doi.org/10.17219/acem/94392
https://doi.org/10.3390/ijms19020545
https://doi.org/10.1016/j.ebiom.2018.11.007
https://doi.org/10.1158/0008-5472.can-16-1919
https://doi.org/10.7150/thno.36585
https://doi.org/10.1371/journal.pone.0087761
https://doi.org/10.1007/978-3-319-67577-0_4
https://doi.org/10.1007/978-3-319-67577-0_4
https://doi.org/10.1038/s41571-018-0142-8
https://doi.org/10.1016/j.immuni.2013.10.003
https://doi.org/10.1002/cam4.1745
https://doi.org/10.1126/scisignal.aam7464
https://doi.org/10.1093/dnares/7.6.347
https://doi.org/10.1007/s11033-014-3788-z
https://doi.org/10.2147/ott.s142610
https://doi.org/10.1038/cgt.2008.15
https://doi.org/10.1074/jbc.M302111200
https://doi.org/10.1371/journal.pone.0094606
https://doi.org/10.1371/journal.pone.0094606
https://doi.org/10.1016/j.mayocp.2011.09.009
https://doi.org/10.3892/or.2016.4835
https://doi.org/10.1016/j.gene.2018.09.034
https://doi.org/10.1111/boc.201800014
https://doi.org/10.1158/1541-7786.mcr-18-0837
https://doi.org/10.1186/s13046-019-1069-3
https://doi.org/10.1186/s12943-020-01163-z
https://doi.org/10.1186/s13046-019-1444-0
https://doi.org/10.1007/s10120-019-01029-4
https://doi.org/10.1371/journal.pone.0207204
https://www.frontiersin.org/journals/oncology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/oncology#articles

Shi et al.

Alternative Splicing, Immune Infiltration in CRC

50. Liu Z, Yu M, Fei B, Fang X, Ma T, Wang D. miR-21-5p Targets PDHALI to
Regulate Glycolysis and Cancer Progression in Gastric Cancer. Oncol Rep
(2018b) 40(5):2955-63. doi: 10.3892/0r.2018.6695

Liu L, Cao J, Zhao J, Li X, Suo Z, Li H. Pdhal Gene Knockout In Human
Esophageal Squamous Cancer Cells Resulted in Greater Warburg Effect and
Aggressive Features In Vitro And In Vivo. Onco Targets Ther (2019) 12:9899-
913. doi: 10.2147/0tt.s226851

Dallmayer M, Li J, Ohmura S, Alba Rubio R, Baldauf MC, Hélting TLB,
et al. Targeting the CALCB/RAMPI1 Axis Inhibits Growth of Ewing
Sarcoma. Cell Death Dis (2019) 10(2):116. doi: 10.1038/s41419-019-1372-0
Man YG, Stojadinovic A, Mason J, Avital I, Bilchik A, Bruecher B, et al.
Tumor-Infiltrating Immune Cells Promoting Tumor Invasion and
Metastasis: Existing Theories. J Cancer (2013) 4(1):84-95. doi: 10.7150/
jca.5482

51.

52.

53.

54. Arab S, Hadjati J. Adenosine Blockage in Tumor Microenvironment and
Improvement of Cancer Immunotherapy. Immune Netw (2019) 19(4):e23.
doi: 10.4110/in.2019.19.e23

Conflict of Interest: The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could be construed as a
potential conflict of interest.

Copyright © 2021 Shi, Bi, Yu, Wang, Teng and Wu. This is an open-access article
distributed under the terms of the Creative Commons Attribution License (CC BY).
The use, distribution or reproduction in other forums is permitted, provided the
original author(s) and the copyright owner(s) are credited and that the original
publication in this journal is cited, in accordance with accepted academic practice. No
use, distribution or reproduction is permitted which does not comply with these terms.

Frontiers in Oncology | www.frontiersin.org

April 2021 | Volume 11 | Article 583547


https://doi.org/10.3892/or.2018.6695
https://doi.org/10.2147/ott.s226851
https://doi.org/10.1038/s41419-019-1372-0
https://doi.org/10.7150/jca.5482
https://doi.org/10.7150/jca.5482
https://doi.org/10.4110/in.2019.19.e23
http://creativecommons.org/licenses/by/4.0/
https://www.frontiersin.org/journals/oncology
http://www.frontiersin.org/
https://www.frontiersin.org/journals/oncology#articles

	Alternative Splicing Events in Tumor Immune Infiltration in Colorectal Cancer
	Introduction
	Methods and Materials
	Data Acquisition and Processing
	Identification of AS-Event-Related Prognosis Signatures and Construction of Differential AS-Event Risk Model
	Assessment of AS Risk Model and Association With Clinical Variables
	Construction and Assessment of the Immune Risk Model in CRC
	Tumor Immune Infiltration in Patients With CRC
	Validation of Survival Correlation Between Prognosis Signature and Tumor-Infiltrating Immune Cells in Patients With CRC
	Statistical Analysis

	Results
	Identification of Seven AS Events Prognostic Related Signatures in CRC
	Establishment of Risk Score and AS Prognosis Model Assessment
	Establishment of Risk Score and TII Prognosis Model Assessment In the CRC Immune Microenvironment
	Relationship Between Different AS Events and the TII Risk Model
	The Relationship Between Different AS Events and TII Cell Infiltration in the Tumor Microenvironment

	Discussion
	Conclusion
	Data Availability Statement
	Author Contributions
	Funding
	Supplementary Material
	References



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /PageByPage
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages false
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJDFFile false
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 1
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness false
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages false
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages false
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.40
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages false
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /Description <<
    /ENU (T&F settings for black and white printer PDFs 20081208)
  >>
  /ExportLayers /ExportVisibleLayers
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /BleedOffset [
        0
        0
        0
        0
      ]
      /ConvertColors /NoConversion
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /ClipComplexRegions true
        /ConvertStrokesToOutlines false
        /ConvertTextToOutlines false
        /GradientResolution 300
        /LineArtTextResolution 1200
        /PresetName ([High Resolution])
        /PresetSelector /HighResolution
        /RasterVectorBalance 1
      >>
      /FormElements false
      /GenerateStructure true
      /IncludeBookmarks true
      /IncludeHyperlinks true
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MarksOffset 6
      /MarksWeight 0.250000
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PageMarksFile /RomanDefault
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
    <<
      /AllowImageBreaks true
      /AllowTableBreaks true
      /ExpandPage false
      /HonorBaseURL true
      /HonorRolloverEffect false
      /IgnoreHTMLPageBreaks false
      /IncludeHeaderFooter false
      /MarginOffset [
        0
        0
        0
        0
      ]
      /MetadataAuthor ()
      /MetadataKeywords ()
      /MetadataSubject ()
      /MetadataTitle ()
      /MetricPageSize [
        0
        0
      ]
      /MetricUnit /inch
      /MobileCompatible 0
      /Namespace [
        (Adobe)
        (GoLive)
        (8.0)
      ]
      /OpenZoomToHTMLFontSize false
      /PageOrientation /Portrait
      /RemoveBackground false
      /ShrinkContent true
      /TreatColorsAs /MainMonitorColors
      /UseEmbeddedProfiles false
      /UseHTMLTitleAsMetadata true
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice


