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An Erratum on 


Improving the Prediction of Benign or Malignant Breast Masses Using a Combination of Image Biomarkers and Clinical Parameters 
By Cui Y, Li Y, Xing D, Bai T, Dong J and Zhu J (2021). Front. Oncol. 11:629321. doi: 10.3389/fonc.2021.629321


Due to a production error, in the original article, references (1–15) were incorrectly ordered. The correct order and references are provided below. The publisher apologizes for this error and state that this does not change the scientific conclusions of the article in any way. The original article has been updated.
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