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Objective: Osteosarcoma is the most common primary bone cancer with a high
propensity for local invasion and metastasis. An increasing number of research
studies show that telomeres play an important role in the occurrence and
development of cancer. Thus, we established a telomere-related signature in
osteosarcoma to comprehensively evaluate the pathogenic roles of telomeres in
this disease.

Methods: The data on osteosarcoma were collected from the TARGET and Gene
Expression Omnibus databases. First, we constructed a telomere-related
signature using univariate and LASSO Cox regression analyses. Subsequently,
we analyzed the prognostic value, functional annotation, immune
microenvironment, and cell communication patterns of the telomere-related
signature in osteosarcoma via comprehensive bioinformatics analyses. Cell
proliferation was analyzed using the CCK-8 assay, and cell migration and
invasion capabilities were evaluated using the Transwell assay.

Results: Based on the SP110, HHAT, TUBB, MORC4, TERT, PPARG, MAP3KS5,
PAGE5, MAP7, and CAMKI1G, a telomere-related signature was built in
osteosarcoma patients. The telomere-related signature could effectively
predict the prognosis of osteosarcoma patients. The osteosarcoma patients in
the high TELscore group exhibited poor prognosis. In addition, the telomere-
related signature demonstrated predictive value for the immune
microenvironment and drug sensitivity in osteosarcoma. Finally, we discovered
significant reduction in MAP7 expression in osteosarcoma cells, and patients with
low MAP7 expression had poor prognosis. Moreover, the overexpression of
MAP?7 significantly reduced cell proliferation, the ability of cell migration, and
invasion in osteosarcoma cells.

Conclusion: A telomere-related signature was constructed in osteosarcoma
patients, offering predictive values into prognosis, the immune
microenvironment, and drug sensitivity. Moreover, MAP7 might serve as a
prognostic marker for osteosarcoma patients.

osteosarcoma, telomere-related signature, prognosis, immune microenvironment, drug
sensitivity, MAP7

01 frontiersin.org


https://www.frontiersin.org/articles/10.3389/fphar.2024.1532610/full
https://www.frontiersin.org/articles/10.3389/fphar.2024.1532610/full
https://www.frontiersin.org/articles/10.3389/fphar.2024.1532610/full
https://www.frontiersin.org/articles/10.3389/fphar.2024.1532610/full
https://www.frontiersin.org/articles/10.3389/fphar.2024.1532610/full
https://crossmark.crossref.org/dialog/?doi=10.3389/fphar.2024.1532610&domain=pdf&date_stamp=2025-01-27
mailto:zhangocean666@sina.com
mailto:zhangocean666@sina.com
https://doi.org/10.3389/fphar.2024.1532610
https://creativecommons.org/licenses/by/4.0/
https://www.frontiersin.org/journals/pharmacology
https://www.frontiersin.org
https://www.frontiersin.org/journals/pharmacology
https://www.frontiersin.org/journals/pharmacology#editorial-board
https://www.frontiersin.org/journals/pharmacology#editorial-board
https://doi.org/10.3389/fphar.2024.1532610

Li et al.

1 Introduction

Osteosarcoma is a primary malignant bone tumor that arises
from interosseous leaf cells. Osteosarcoma most often occurs near
the metaphyseal plates of the long bones. The most common sites
are the femur (42%), tibia (19%), and humerus (10%). Other
prevalent sites of occurrence include the craniofacial bones (8%)
and the pelvis (8%), with primary osteosarcoma of extragnathic
craniofacial bones accounting for 2% of all osteosarcomas (Cho
et al., 2014). It is characterized by the rapid proliferation of tumor
cells, which directly leads to the formation of immature bone or
bone-like tissue (Xu et al., 2019). As the most prevalent kind of
primary malignant bone tumor in children and adolescents (Kebudi
et al., 2016; Pastorino et al., 2023), osteosarcoma accounts for 2.4%
of all juvenile cancers and approximately 20% of all primary bone
tumors (Ottaviani and Jaffe, 2009). Osteosarcoma is very prone to
metastasis in its early stages, with the lungs being the most common
metastatic location, followed by the distal bones and lymph nodes
(Cersosimo et al., 2020). In recent years, reactive oxygen species
(ROS)-mediated therapy, such as photodynamic therapy (PDT), has
emerged as a new promising treatment method for osteosarcoma
(Tan et al, 2022). Nanoparticles (CI@HSA NPs) encapsulating
IR780 promote
improve the

capsaicin  (CAP) and the photosensitizer

ferroptosis in  osteosarcoma and hypoxic
microenvironment by releasing capsaicin, thereby improving the
efficacy of photodynamic therapy (PDT) in osteosarcoma (Wang
et al.,, 2024). However, in the early stage of osteosarcoma, there is a
lack of diagnostic markers and therapeutic targets. Thus, the
osteosarcoma patients have a poor prognosis (Sugito and
Kamal, 2022).

Telomeres are specialized structures that form at the ends of
chromosomes, serving to protect them from nucleolytic degradation
and distinguish them from DNA double-strand breaks (Fajkus et al.,
2005). Previous studies have indicated that telomere anomalies may
lead to a variety of disorders, including cancer, cardiovascular
disease, myelodysplastic syndrome, dyskeratosis congenita, and
Revesz syndrome (Maciejowski and de Lange, 2017; Savage, 2018;
Armanios, 2022). Ennour-Idrissi et al. (2017) demonstrated that
longer telomeres are associated with better outcomes for breast
cancer patients. Mirabello et al. (2011) found that female individuals
with short telomeres may be predisposed to osteosarcoma. In
telomerase-negative osteosarcoma U20S cells, the deletion of the
telomere-binding protein TPP1 can lead to telomere shortening,
increased apoptosis, and heightened sensitivity to radiation (Qiang
et al., 2014). Furthermore, in both osteosarcoma Saos-2 and U20S
cell lines, the knockdown of pinX1, an intrinsic telomerase inhibitor
and a putative tumor suppressor gene, results in telomere
shortening, increased apoptosis, and enhanced sensitivity to
ionizing radiation (Li et al, 2015). Notably, oxidative stress
caused by excess ROS accelerates telomere shortening (Fouquerel
et al.,, 2019). The photosensitizer TMPipEOPP selectively binds to
telomeric DNA G-quadruplex and cleaves it upon photo-irradiation
through ROS production, leading to cancer cell death (Zhu et al.,
2016). Therefore, further exploration of telomere-related genes in
osteosarcoma is essential for early diagnosis and improved
treatment strategies.

Previous research has primarily focused on telomere length in
cancer and its role in the prognosis of osteosarcoma. However, the
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impact of telomere-related genes on the progression of
osteosarcoma has not been explored. Consequently, we developed
a telomere-related signature based on these genes to predict the
outcomes and investigate the potential implications of this signature
in the immune microenvironment and drug sensitivity of

osteosarcoma.

2 Methods
2.1 Data extraction

In the TARGET database (https://ocg.cancer.gov/programs/
target), a total of 88 osteosarcoma samples with transcriptome
data and clinical information were downloaded. After removing
samples with incomplete clinical information, 84 samples with
complete survival data (including overall survival and last
survival status) were selected as the training set. The data were
downloaded in matrix form, allowing for direct analysis without the
need for preprocessing.

In the Gene Expression Omnibus database (GEO, https://www.
ncbi.nlm.nih.gov/geo/), the GSE21257, GSE152048, GSE16088,
GSE28424, GSE39055, and GSE16091 datasets were downloaded.
The GSE21257 dataset consisted of 53 osteosarcoma samples and
was downloaded in matrix form. The probes can be converted into
gene symbols corresponding to the platform information and can be
used directly for analysis. GSE16088 comprised 14 osteosarcoma
samples and six normal samples, while GSE28424 included
19 osteosarcoma samples and four normal samples.
GSE39055 contained 37 osteosarcoma samples along with
complete clinical data, and GSE16091 included 34 osteosarcoma
samples with comprehensive clinical data. A total of 2086 telomere-
related genes were collected from the TelNet (http://www.
cancertelsys.org/telnet/, Supplementary Table S1) (Li Q. et al,
2022). GSE152048 contained single-cell sequencing data of seven
patients with osteosarcoma, from whom two samples, BC16 and
BC21, were selected for subsequent analysis. The raw data of each
sample of GSE152048 were processed using the software program
Cell Ranger (https://www.10xgenomics.com/support/software/cell-
ranger/, version6.0.2) to obtain the three files: barcodes.tsv, genes.
tsv, and matrix.tsv. We downloaded these three files for each sample
subsequent analysis

and wused them directly for without

preprocessing.

2.2 LASSO Cox regression analysis

Univariate Cox regression analysis was performed on telomere-
related genes, and genes significantly correlated with the prognosis
of osteosarcoma patients were selected using a threshold of P < 0.01.
Subsequently, LASSO Cox regression analysis was performed using
the glmnet package (version 4.1.7) (Friedman et al, 2010) in R
language to further optimize the prognosis-related genes in
osteosarcoma patients. Based on the filtered genes, the TELscore
for each sample was calculated using the following formula:

TELscore = ZCoefi * X,

i=1
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where Coef; represents the risk coefficient calculated by the lasso
Cox model for each factor and X; represents the expression value of
gene. Next, the R packages survival and survminer and two-sided log
rank tests were used to determine the value of TELscore, and
patients were divided into low TELscore and high TELscore
groups according to the median of TELscore.

2.3 Survival analysis

The “survival” and “survminer” packages in R were utilized to
estimate the overall survival rates of various groups using the
Kaplan-Meier method. The log-rank test was employed to assess
the significance of differences in survival rates among these groups.
Additionally, the R language’s pROC package (Robin et al., 2011)
was used to generate the receiver operating characteristic (ROC)
curve and calculate the AUC value. Furthermore, the timeROC
package (Blanche et al., 2013) was utilized to generate the timeROC
curve and compute its area under the curve (AUC) value.

2.4 Differentially expressed genes

Based on the function of the “limma” package (version 3.52.4)
(Ritchie et al., 2015) in R language, the differentially expressed genes
(DEGs) between low and high TELscore groups were screened using
the criteria [log2FC| > 0.5 and FDR <0.05.

2.5 Functional enrichment and immune cell
infiltration analyses

The DEGs were subsequently submitted for enrichment analysis
using Gene Ontology (GO), which included biological processes,
molecular functions, and cellular components, and the Kyoto
(KEGG)
“ClusterProfiler” function package (version 4.7.1.2) (Yu et al,

Encyclopedia of Genes and Genomes using the
2012) in R language. The significantly enriched pathways were
screened using the criteria P < 0.05.

The GSVA

c2.cp.kegg.v2023.1.Hs.symbols and ¢5.g0.v2023.1.Hs.symbols gene

were performed using the
sets from the Molecular Signature Database (https://www.gsea-
msigdb.org/gsea/msigdb). The significantly enriched pathways
were screened using the criteria |logFC| < 0.5 and P < 0.05.

The ssGSEA algorithm of the R package “GSVA” (version
1.46.0) (Charoentong et al, 2017) was used to calculate the
abundance of 28 specific immune cell types. The stromal and
immune cell scores of samples were calculated by the “estimate”

function package (https://R-Forge R-project.org/projects/estimate/).

2.6 Single-cell data analysis

Single-cell data processing was performed using the R language
“Seurat” package (version 4.3.0). Single-cell data were filtered to
remove low-quality single cells with characteristic gene counts less
than 200 and containing greater than 5% mitochondrial count. The
scRNA-seq data normalized function

were using  the
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“normalizeddata”. Principal component analysis (PCA) on the
data was performed using the “RunPCA” function. Unsupervised
clustering of major cell subtypes was performed using the
findclusters function in Seurat and visualized using tSNE. Cell-
type annotation was performed using the singleR software package
and refined with manual annotation. DEGs between the two
TELscore groups of osteosarcoma cells were calculated using
“findmarkers” function. The “monocle” function package (version
2.26.0) was used for pseudotime analysis. The R package “Italk”
(https://github.com/Coolgenome/iTALK, version 0.1.0) was applied
to explore the cell communication atlas.

2.7 Drug sensitivity analysis

Drug sensitivity analysis was performed using the oncopredict
package (Maeser et al., 2021) in R language. The GDSC2_Expr
expression matrix, which contains data on 17,419 genes across
805 cell lines, along with the GDSC2_Res drug sensitivity dataset,
which provides ICs, values for 198 drugs in these cell lines, was
employed as the training set. The calcPhenotype function was
applied to compute the predicted ICs, value for the sample based
on its expression matrix.

2.8 Cell culture and transfection

The osteoblast cell line, hRFOB1.19, was purchased from the Cell
Bank of the Committee on Type Culture Collection of the Chinese
Academy of Sciences (Shanghai, China). Two osteosarcoma cell
lines (HOS and U-20S) were purchased from the Procell Life
& Technology Co., Ltd. (Wuhan, China), and
osteosarcoma cell line, SAOS-2, was purchased from the iCell
Bioscience Inc. (Shanghai, China). hFOBI1.19 cells (Vero cells)
were cultured in the DMEM (PM 150270, Procell, Wuhan,
China) supplemented with 10% FBS and 1% PS at 37°C in 95%
air/5% CO,. HOS cells were maintained in MEM (PM 150410,
Procell, Wuhan, China) with 10% FBS and 1% P/S at 37°C in 5%
CO, cell culture incubator. U-20S and SAOS-2 cells were cultured
in McCoy’s 5A medium (PM 150710, Procell, Wuhan, China) with
10% FBS and 1% P/S at 37°C in a humidified atmosphere of 5% CO,
and 95% air.

The SAOS-2 cells were transfected with OE-NC and OE-MAP?7,
respectively, using Lipofectamine 2000 C transfection reagent
(AQ11669, Beijing Aoqing Biotechnology Co., Ltd., China)
according to the manufacturer’s protocol.

Science

2.9 qRT-PCR assay

TriQuick Reagent (R1100, Solarbio, China) was utilized to
extract total RNA from the cells. Reverse transcription was
carried out using the Evo M-MLV Reverse Transcription Reagent
Master Mix (AG11706-S, Accurate Biology, Changsha, China).
Subsequently, the qRT-PCR assay was performed using the
SuperStar Universal SYBR Master Mix (CW3360M, JiangSu
CoWin Biotech Co., Ltd., Jiangsu, China) on a real-time
fluorescence quantitative PCR instrument. The primer sequences
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TABLE 1 Primer sequences for qPCR.

10.3389/fphar.2024.1532610

Genes Forward primer (5’-3') Reverse primer (5'-3')
MAP7 AAACTCTTTGTAACACCACCTGA GATGGAGATACAGCCCTTCG
GAPDH GAAGGTGAAGGTCGGAGTC GAAGATGGTGATGGGATTTC

are listed in Table 1. The thermal cycling program was as follows:
pre-denaturation at 95°C for 30 s, followed by 40 cycles of
denaturation at 95°C for 10 s, and annealing/extension at 60°C
for 30 s. GADPH was used as the internal reference. mRNA
expression levels were quantified using the 27" method.

2.10 Western blotting analysis

The protein was extracted using the RIPA buffer (R0010,
Solarbio, Beijing, China) from cells. The lysates were centrifuged
(at 12,000 rpm for 10 min at 4°C) to collect the supernatant. The
protein was separated by SDS-PAGE and then transferred onto the
PVDF membrane with a constant current of 250 mA. The
membranes were blocked in 5% nonfat dry milk for 2 h and
incubated with primary antibodies. Subsequently, the membranes
were washed with 1XTBST and incubated for 1 h with a secondary
antibody. The primary antibodies used in this study were
MAP7 polyclonal antibody (1: 1,000, 13446-1-AP, Proteintech)
and GAPDH monoclonal antibody (1:10000, 60004-1-Ig,
Proteintech). The secondary antibody used in this study was
horseradish enzyme-labeled goat anti-mouse IgG (H + L) (1:
10,000, ZB-2301, Beijing Zhongshan Jinqiao Biotechnology Co.,
Ltd., China). Finally, the protein bands were detected using a
fully automated chemiluminescence
(Chemi6000, Clinx, Shanghai, China).

image analysis system

2.11 Cell counting Kit-8 assay

The Cell Counting Kit-8 (CCK-8) assay was performed using the
CCK-8 reagent (C0037, Beyotime Biotechnology). SAOS-2 cells
transfected with OE-NC and OE-MAP?7, along with control cells,
were seeded into 96-well plates at a density of 5,000 cells per well.
After 24, 48, and 72 h, the cells were incubated with the CCK-8
reagent at 37°C for 2 h. Subsequently, the absorbance of each well
was measured at 450 nm using a microplate reader.

2.12 Cell invasion and migration

The Transwell assay (Costa, 3422) was utilized to assess the
migration and invasion capabilities of the cells. A measure of 100 L
of the cell suspension (5 x 10° cells/mL) was added to the top
chamber, which was either coated with Matrigel (356234, Corning)
or left uncoated. Subsequently, 600 pL of the culture medium
supplemented with 20% serum was added to the lower chamber,
and the cells were incubated for 48 h. After incubation, the cells were
stained with a 0.1% crystal violet solution (Q/12GF, Tianjin Guangfu
Chemical Industry Institute, China) for 1 h and then imaged using
an inverted microscope (IMT-2, Olympus).

Frontiers in Pharmacology

2.13 Statistical analysis

The Wilcoxon rank sum test was applied to compare gene
expression differences among different groups. The single-sample
Kolmogorov-Smirnov test was used to test whether the data
conform to the normal distribution, and Pearson/Spearman
correlation analysis was performed using the R language “cor”
function. Differences were considered statistically significant
when p < 0.05. R software version 4.2.2 was used for all of the
aforementioned statistical studies.

Moreover, all experimental data were statistically analyzed using
GraphPad Prism 9.5.0 software and were expressed as the mean +
standard deviation (SD). Each experiment was repeated at least three
times with three replications per experiment. The unpaired two-
tailed t-test was used for comparison between two groups, and the
difference was statistically significant when p < 0.05.

3 Results

3.1 Construction of the telomere-related
signature in osteosarcoma

First, in the training set TARGET cohort (including
84 osteosarcoma samples with complete survival information), we
performed the univariate Cox regression analysis using the
2086 telomere-related genes as
calculated the hazard ratio (HR) of each gene. Among these,

continuous variables and
85 telomere-related genes were found to be significantly
associated with the prognosis of osteosarcoma patients
(Figure 1A, P < 0.01). Furthermore, LASSO Cox regression
analysis identified 10 genes (SP110, HHAT, TUBB, MORC4,
TERT, PPARG, MAP3K5, PAGE5, MAP7, and CAMKIG) that
exhibited a remarkable correlation with the prognosis of
osteosarcoma patients (Figure 1B, minimum lambda value).
Subsequently, we weighted the expression of these 10 genes with
the regression coefficients from the LASSO Cox regression analysis
and established telomere-related signature to predict the survival of
patients. TELscore = (-0.28285616) x express value of SP110 +
(—0.01519659) x express value of HHAT + (—0.04605673) x express
value of TUBB + (-0.19292665) x express value of
MORC4+0.13670374 x express value of TERT + (—0.03302422) x
express value of PPARG + (-0.05545063) x express value of
MAP3K5 + (-0.05689784) x express value of PAGE5 +
(—0.04040167) x express value of MAP7 + (-0.01099716) x
express value of CAMKIG. In the TARGET cohort, the high
TELscore group was linked to inferior prognosis of osteosarcoma
patients compared to the low TELscore group (Figure 1C), which
was also found in the GSE21257 dataset (Figure 1D). Moreover, the
ROC analysis showed that the AUC values of 1-, 3-, and 5-year
overall survival in the training set TARGET cohort were 0.81, 0.90,
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FIGURE 1
Construction of the telomere-related signature in osteosarcoma. (A) The univariate Cox regression analysis was performed on the telomere-related

genes in osteosarcoma. Hazard ratio with 95% confidence interval. (B) The LASSO regression analysis was performed on the prognostic telomere-related
genes in osteosarcoma. (C, D) Kaplan—Meier curves of the high and low TELscore groups in the TARGET cohort and GSE21257 dataset. (E, F) 1-year, 3-
year, and 5-year ROC curves of the telomere-related signature in the TARGET cohort and GSE21257 dataset

and 0.90, respectively (Figure 1E). In the validation set GSE21257, 3.2 Prognostic value of the telomere-
the AUC values of 1-, 3-, and 5-year overall survival in the training related SIg nature
set TARGET cohort were 0.59, 0.56, and 0.70, respectively

(Figure 1F). These findings suggested that the telomere-related In the TARGET cohort, we discovered that the TELscore was
signature could effectively predict the prognosis of osteosarcoma  not significantly differential between the osteosarcoma patients
patients in the TARGET cohort. with age =18 and osteosarcoma patients <18 years and female
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FIGURE 2

Prognostic value of the telomere-related signature. (A) TELscore levels in osteosarcoma patients with age =18 and <18 years. (B) Level of TELscore

in female and male osteosarcoma patients. (C) Level of TELscore in metastatic and non-metastatic osteosarcoma patients. (D) Kaplan—Meier curves of
the high and low TELscore groups in osteosarcoma patients with age <18. (E, F) Kaplan—Meier curves of the high and low TELscore groups in the female
and male osteosarcoma patients. (G, H) Kaplan—Meier curves of the high and low TELscore groups in metastatic and non-metastatic

osteosarcoma patients.

and male osteosarcoma patients (Figures 2A, B). Compared to
non-metastatic osteosarcoma samples, the TELscore was
remarkably increased in metastatic samples (Figure 2C).
Moreover, we found that in osteosarcoma patients with
age <18 years, the high TELscore was related to worse
prognosis of patients (Figure 2D). In the female and male

Frontiers in Pharmacology

groups, the osteosarcoma patients in the high TELscore group
exhibited inferior prognosis (Figures 2E, F). In metastatic and
non-metastatic osteosarcoma patients, the high TELscore group
was linked to a poor prognosis (Figures 2G, H). These findings
suggested that the TELscore was related to metastasis and inferior
prognosis of osteosarcoma.
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FIGURE 3

Functional annotation of the telomere-related signature. (A) Volcano plot for the DEGs between the high and low TELscore groups. (B) Heatmap for

the DEGs between the high and TELscore groups. (C) KEGG enrichment analysis for differentially expressed genes between the high and low TELscore
groups. (D) GO enrichment analysis for the differentially expressed genes between the high and low TELscore groups. (E) The GSVA for the differentially
expressed genes between the high TELscore and low TELscore groups.
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Predictive value of the telomere-related signature in the immune microenvironment of osteosarcoma. (A) Correlation of TELscore with the
abundance of immune cells. (B) Correlation of TELscore with immune cell infiltration. (C) ESTIMATE score, immune score, stromal score levels in the high
and low TELscore groups. (D) Correlation between TELscore and stromal score, immune score, and ESTIMATE score.

3.3 Functional annotation of the telomere-
related signature

In the TARGET cohort, we identified a total of 11,523 DEGs
between the high and low TELscore groups, including
43 upregulated genes and 11,480 downregulated genes (Figures
3A, B, high vs. low). The KEGG enrichment analysis revealed
that the glycosphingolipid biosynthesis-lacto and neolacto series,
carbohydrate digestion and absorption, and mineral absorption
were significantly enriched in the high TELscore group, while a
total of 158 signaling pathways were notably enriched in the low
TELscore group (Figure 3C; Supplementary Table S2). The GO
enrichment analysis indicated that a total of 168 signaling pathways
were markedly enriched in the high TELscore group, whereas
2,829 signaling pathways were dramatically enriched in the low
TELscore group (Figure 3D; Supplementary Table S2). Moreover,
GSVA demonstrated that the scores of 43 signaling pathways were
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significantly different between the high and low TELscore groups
(Figure 3E; Supplementary Table S2).

3.4 Predictive value of the telomere-related
signature in the immune microenvironment
of osteosarcoma

In the TARGET cohort, we calculated the correlation between
TELscore and the abundance of 28 specific immune cell types. Our
analysis revealed that TELscore exhibited a significantly negative
correlation with six immune cells, including central memory
CD8+T cells and myeloid-derived suppressor cells. Conversely,
TELscore showed a notably positive association with five immune
cells, such as eosinophils and type 17 T helper cells (Figure 4A, P < 0.05).
Additionally, in the Xcell database (https://xcell.ucsf.edu/), TELscore
was positively correlated with the relative proportions of four immune
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cell infiltrations (CD4 Tcm, MEP, plasma cells, and Pro B cells) and
negatively associated with the relative proportions of seven immune cell
infiltrations, including M2 macrophages and macrophages (Figure 4B;
Supplementary Table S3).

Furthermore, we calculated the immune scores for high and low
TELscore groups within the TARGET cohort. The ESTIMATE
score, immune score, and stromal score levels were lower in the
high TELscore group than in the low TELscore group (Figure 4C).
Moreover, TELscore was negatively correlated with the ESTIMATE,
immune, and stromal scores (Figure 4D).

3.5 Single-cell sequencing analysis for the
telomere-related signature in osteosarcoma

We obtained a gene expression map from the single-cell sequencing
dataset GSE152048. We performed PCA to reduce dimensionality using
5,000 variable genes and identified 24 cell clusters using Seurat
(Figure 5A). The results of cell annotation are presented in
Figure 5B. The telomere-related signature score levels in the
identified cells are presented in Figure 5C. We identified DEGs
between the high and low TELscore groups in the
GSE152048 dataset and performed the GO and KEGG enrichment
analyses to obtain more function information. The KEGG enrichment
analysis showed that 11 and 23 signaling pathways were remarkably
enriched in the high and low TELscore groups, respectively (Figure 5D;
Supplementary Table S4). The GO enrichment analysis showed that
233 and 429 signaling pathways were observably enriched in the high
and low TELscore group, respectively (Figure 5E; Supplementary Table
$4). Furthermore, we performed pseudotime analysis on osteosarcoma
cells and identified five cell states (Figure 5F, left). As pseudotime
increased (Figure 5F, middle), the osteosarcoma cells exhibited a
tendency to increase TELscore (Figure 5F, right).

3.6 Cell communication pattern of the
telomere-related signature

Subsequently, we analyzed the different cellular signaling pathways
of checkpoints, cytokines, growth factors, and others between the high
and low TELscore groups of osteosarcoma cells and microenvironment
cells. In the low TELscore group, TNFSF9 and CD24 were the most
active signaling pathways of checkpoints in osteosarcoma cells (Figures
6A, B). In the low TELscore group, ITGB1 and CCL3L1 were the most
active signaling pathways of cytokines in osteosarcoma cells (Figures
6C, D). In the high TELscore group, TGFB was the most active signaling
pathway of growth factors in osteosarcoma cells (Figures 6, F). In the
high TELscore group, LRP1, ITGB1, IBSP, COL1A1, and COL1A2 were
the most active signaling pathways of others in osteosarcoma cells
(Figures 6G, H).

3.7 Predictive value of telomere-related
signature in the drug sensitivity of
osteosarcoma

In the TARGET cohort, we analyzed the correlation between
TELscore and drug sensitivity using R language “oncopredict”
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(version 0.2). The TELscore exhibited a prominent positive
correlation with the ICsy values of 154 drugs, such as AZ960_
1250, AMG.319_2045, Ruxolitinib_1507, and XAV939_1268
(Figure 7A). Conversely, it demonstrated a significant negative
association with the ICs, values of SB505124_1194, ABT737_
1910, BIL.2536_1086, and Vorinostat 1012  (Figure 7B;
Supplementary Table S5, P < 0.05). Additionally, we analyzed the
inference score of 10 genes using the CTD database (http://ctdbase.
org/). All 10 genes were identified as targets for osteosarcoma
(Figures 7C-L), with MAP7, MAP3K5, PPARG, TERT, MORC4,
TUBB, SP110, and HHAT demonstrating significant relevance to
the development and progression of osteosarcoma.

3.8 Low MAP7 expression was correlated
with a poor prognosis of
osteosarcoma patients

Subsequently, we analyzed the prognostic role of MAP7 in
osteosarcoma patients and found that the expression of
MAP7 was downregulated in osteosarcoma samples compared to
normal samples in the GSE16088 (Figure 8A) and
GSE28424 datasets (Figure 8B). In the TARGET and
GSE39055 cohort, we divided osteosarcoma patients into
MAP7"" and MAP7°Y groups

expression value of MAP7. The Kaplan-Meier survival analysis

according to the median

showed that the MAP7"" group had a worse prognosis than the
MAP7"¢"  groups in the TARGET (Figure 8C) and
GSE39055 cohorts (Figure 8D). Furthermore, we discovered that
the AUC values of MAP7 at 1, 3, and 5 years were 0.857, 0.682, and
0.654 in the TARGET cohort, respectively (Figure 8E). The AUC
values in the GSE16091 cohort were 0.714, 0.67, and 0.6 for 1, 3, and
5 years, respectively (Figure 8F). In the GSE39055 cohort, the AUC
values were 0.644 (1 year), 0.767 (3 years), and 0.619 (5 years)
(Figure 8G). In the GSE21275 cohort, the AUC values were 0.790
(3 years) and 0.771 (5 years) (Figure 8H). These results suggested
that MAP7 was closely correlated with the prognosis of
osteosarcoma patients.

3.9 Overexpression of MAP7 might inhibit
tumor proliferation, migration, and the
invasion of osteosarcoma cells

Finally, to explore the role of MAP7 in the progression of
osteosarcoma, we first confirmed the expression of MAP7 mRNA
in several osteosarcoma cell lines. Compared to hFOB1.19 cells,
the level of MAP7 mRNA expression was significantly decreased
in HOS, U-20S, and SAOS-2 cells (Figure 9A). Furthermore, we
constructed the MAP7 overexpression model in SAOS-2 cells
and found that MAP7 expression was remarkably increased in
the OE-MAP7 group compared to the ON-NC group (Figures
9B, C). Moreover, the overexpression of MAP7 significantly
reduced cell proliferation (Figure 9D) and the ability of cell
migration and invasion in SAOS-2 cells (Figure 9E). These
findings suggested that the overexpression of MAP7 might
inhibit tumor proliferation, migration, and the invasion of
osteosarcoma cells.
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FIGURE 5
Single-cell sequencing analysis for the telomere-related signature in osteosarcoma. (A) Identified 24 cell clusters using Seurat. (B) Result of cell

annotation. (C) Levels of the telomere-related signature score in identified cells. (D) Dot plot of KEGG enrichment analysis results of the high and low
TELscore groups. (E) Dot plot of GO enrichment analysis results of the high and low TELscore groups. (F) Pseudotime analysis of different cell states on
osteosarcoma cells (left), pseudotime mode of pseudotime analysis in osteosarcoma cells (middle), and pseudotime analysis of osteosarcoma cells

by telomere-related signature score (right).
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FIGURE 6

Cell communication pattern of the telomere-related signature.

(A, B) Different cellular signaling pathways regarding checkpoints
between the high and low TELscore groups of osteosarcoma cells and
microenvironment cells. (C, D) Different cellular signaling

pathways of cytokines between the high and low TELscore groups of
osteosarcoma cells and microenvironment cells. (E, F) Different
cellular signaling pathways of growth factors between the high and
low TELscore groups of osteosarcoma cells and microenvironment
cells. (G, H) Different cellular signaling pathways of others between
the high and low TELscore groups of osteosarcoma cells and
microenvironment cells.

Discussion

Numerous studies have demonstrated the pivotal role of
telomeres in the intricate processes of cancer development and
progression. It has been reported that telomere shortening may
act as a tumor suppressor by inhibiting cell growth, while also
leading to widespread genomic instability, which promotes cancer
development (Okamoto and Seimiya, 2019; Li S. C. et al,, 2022).
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Therefore, a comprehensive understanding of telomeres in cancer is
essential for the development of innovative and effective therapeutic
strategies. Although many studies have focused on telomere length
in cancer and its implications for osteosarcoma prognosis, there has
been a lack of comprehensive examination regarding the
involvement of telomere-related genes in the prognosis of
osteosarcoma.

In the present study, we developed a telomere-related signature
for osteosarcoma patients based on 10 telomere-related genes
(SP110, HHAT, TUBB, MORC4, TERT, PPARG, MAP3KS5,
PAGES5, MAP7, and CAMKI1G). The TUBB protein was found to
be downregulated in osteosarcoma samples (Li et al., 2010). TERT
was highly expressed in cisplatin-resistant osteosarcoma cells, where
it shuttles from the nucleus to the mitochondrion in response to
cisplatin therapy, thereby suppressing cisplatin-induced apoptosis in
osteosarcoma cells. This mechanism may be particularly crucial in
combating drug resistance (Zhang et al.,, 2017). Xie et al. (2023)
indicated that the knockdown of TERT could decrease proliferation
and inhibit the invasion and migration of osteosarcoma 143B and
U20S cells. PPARG has been identified as a hub gene in the onset of
osteosarcoma (Li L. et al, 2022), and the knockout of PPARG
significantly represses the growth of osteosarcoma cells (Yuan et al.,
2023). The expression of MAP3K5 was reported to be inversely
correlated with the survival risk of osteosarcoma (Li et al., 2020).
hFOB1.19 cells,
MAP3K5 expression was significantly decreased in osteosarcoma

Compared to normal human osteoblast
cells, and its knockdown promoted the migration of these cells
(Yang et al, 2023). Accordingly, in osteosarcoma, TUBB and
MAP3K5 were believed to function as tumor suppressors,
actively inhibiting tumor growth and progression, while TERT
and PPARG appear to act as cancer promoters, exacerbating the
development of osteosarcoma.

Although the roles of SP110, HHAT, MORC4, PAGES5, MAP7,
and CAMKIG in osteosarcoma have rarely been reported, their
involvement in other types of cancer has been revealed. In hepatitis
B virus-induced hepatocellular carcinoma, high SP110 expression
was correlated with a shorter survival rate among patients (Sengupta
et al., 2022). HHAT knockdown suppresses Shh pathway activation
and the development of non-small cell lung cancer cells in vitro, as
well as tumor growth in vivo in mice xenografts (Rodriguez-Blanco
etal., 2013). MORC4 was found to be overexpressed in breast cancer
tissues, and its downregulation by miR-193b-3p influences the
proliferation of breast cancer cell via regulating apoptosis (Yang
et al, 2019). PAGE5 was reported to act as a mediator of
chemoresistance in human small cell lung cancer (Wollenzien
et al, 2023). CAMKIG has been identified as a significant
predictor of favorable overall survival of patients with prostate
adenocarcinoma (Zhao et al., 2020). MAP7 has been shown to be
highly in breast cancer and cervical cancer, where it enhances the
invasion and migration of breast cancer and cervical cancer cells
(Zhang et al., 2020; Wang et al., 2022; Wang et al.,, 2023). MAP7
(ensconsin, E-MAP-115) is a ubiquitous microtubule-associated
protein that organizes the microtubule cytoskeleton in mitosis
and neuronal branching (Chaudhary et al, 2019). It has been
reported that the dysregulation of microtubule dynamics is
associated with cancer development (Tala et al, 2014; Verma
et al.,, 2023), suggesting that microtubule-targeting drugs are the
basis of cancer chemotherapy. Lin et al. (2020) have demonstrated
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that the high expression of abnormal spindle microtubule assembly  the progression of osteosarcoma. Accordingly, to investigate the role
in osteosarcoma promotes the proliferation of osteosarcoma cells. ~ of MAP7 in osteosarcoma progression, we established an MAP7-
Thus, we hypothesized that MAP7 might also play a critical role in ~ overexpressing osteosarcoma cell model in the SAOS-2 cell. We
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Overexpression of MAP7 might inhibit tumor proliferation, migration, and the invasion of osteosarcoma cells. (A) Expression of MAP7 in hFOB1.19,
HOS, U-20S, and SAOS-2 cells. Overexpression efficiency of MAP7 was evaluated by gRT-PCR (B) and Western blotting (C). (D) Cell proliferation was
detected using CCK-8 assays. (E) The ability of cell migration and invasion was detected using the Transwell assay. * means P < 0.05, **P < 0.01, *** means

P < 0.001, and **** means P < 0.0001.

discovered that MAP7 expression was significantly reduced in
osteosarcoma cells, and low expression of MAP7 was associated
with poor prognosis of osteosarcoma patients. Moreover, the
overexpression of MAP7 significantly reduced cell proliferation,
the ability of cell migration, and invasion in osteosarcoma cells.
These results indicated that MAP7 might play an important role in
the progression and prognosis of osteosarcoma.

In both the training and validation sets, the high TELscore group
was correlated with a poor prognosis of osteosarcoma patients. The
AUCG:s for 1-, 3-, and 5-year overall survival in the training set
TARGET cohort were 0.81, 0.90, and 0.90, respectively. The
development of osteosarcoma has been observed to correlate with
the age and gender of patients (Sadykova et al., 2020; Lee et al,,
2021). Therefore, we analyzed the correlation of telomere-related
signature with age and gender. We discovered that the TELscore was
not significantly differential between the osteosarcoma patients with
age = 18 and osteosarcoma patients <18 years and female and male
osteosarcoma patients. In addition, osteosarcoma has the property
of systemic metastasis, especially pulmonary metastasis. Pulmonary
metastasis remains the primary cause of death in osteosarcoma
cases, and over 90% of patients succumb to the effects of these lung
metastases (Weeden et al., 2001; Kim et al., 2010). Accordingly, we
explored the relationship between telomere-related signature and
metastasis of osteosarcoma. The TELscore was remarkably increased
in metastatic osteosarcoma patients compared to non-metastatic
patients. Furthermore, in osteosarcoma patients with age <18 years,
female and male patients, metastatic and non-metastatic
osteosarcoma patients, the high TELscore was correlated with
worse prognosis. These findings indicated that telomere-related
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signature was not related to age and gender and was correlated
with the metastasis of osteosarcoma patients, and telomere-related
signature effectively  predict the prognosis of
osteosarcoma patients.

The immune microenvironment in osteosarcoma represents a

could

highly intricate system, characterized by its complexity, remarkable
plasticity, and a close association with immune escape, uncontrolled
cell proliferation, and the metastasis of osteosarcoma cells (Tian
et al,, 2023). Dendritic cells (DCs), which are common antigen-
presenting cells (APCs) originating from the bone marrow (Collin
and Ginhoux, 2019), play a crucial role as effective antigen-
presenting cells capable of stimulating immature T cells and
generating specific immunological responses (Geissmann et al.,
2010). DCs are present in all forms of bone sarcomas, and their
quantity generally correlates with the extent of tumor-associated
macrophage (TAM) invasion. In chondrosarcoma and chordoma,
DCs are either absent or present in low numbers (Inagaki et al.,
2016). In osteosarcoma, the infiltration of DCs is closely associated
with autophagy (Zhang et al., 2021). Furthermore, osteosarcoma
cells can develop variations that tolerate DCs and phagocytosis
during the progression of the disease, leading to reduced DC
activation and, ultimately, immune escape (Le et al, 2021). The
infiltration of T lymphocytes and macrophages plays a significant
role in osteosarcoma immunotherapy. In a study involving
16 primary osteosarcoma patients, infiltrating T lymphocytes
were identified in biopsy tumor tissue and peripheral blood
samples; a higher level of positive T cells observed in tumor
tissue compared to blood circulation (Han et al., 2016). It has
been demonstrated that within the tumor microenvironment,
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TAMs can interact with other immune cells to participate in local
inflammatory regulation and contribute to drug resistance in
osteosarcoma (Han et al., 2019).

In the present study, the TELscore was positively associated with
plasmacytoid dendritic cells and Type 17 T helper cells and was
negatively ~correlated with central memory CD8+T cells,
M2 macrophages, and regulatory T cells. Furthermore, TELscore
was negatively correlated with the ESTIMATE, immune, and
stromal scores. Accordingly, the telomere-related signature could
regulate the immune microenvironment to affect the occurrence and
progression of osteosarcoma. Moreover, we also found that the
TELscore was positively correlated with the ICs, values of 154 drugs
and negatively associated with four drugs. Considering the role of
drug sensitivity in immunotherapy, we suggest that telomere-related
signatures may shed new light on optimizing immunotherapeutic
strategies for osteosarcoma.

A telomere-related signature was constructed for osteosarcoma
patients based on SP110, HHAT, TUBB, MORC4, TERT, PPARG,
MAP3K5, PAGE5, MAP7, and CAMKI1G. The telomere-related
signature had predictive values in the prognosis, immune
microenvironment, and drug
MAP7 might be
osteosarcoma patients.

sensitivity of osteosarcoma.

Furthermore, a prognostic marker for

Data availability statement
The original contributions presented in the study are included in

the article/Supplementary Material; further inquiries can be directed
to the corresponding author.

Author contributions

SL: data
investigation, methodology, software, validation, visualization,

conceptualization, curation, formal analysis,

and writing-original draft. LZ: data curation, formal analysis,

References

Armanios, M. (2022). The role of telomeres in human disease. Annu. Rev. Genomics
Hum. Genet. 23, 363-381. doi:lO.l146/annurev—genom-010422-091101

Blanche, P., Dartigues, J. F., and Jacqmin-Gadda, H. (2013). Estimating and
comparing time-dependent areas under receiver operating characteristic curves for
censored event times with competing risks. Stat. Med. 32 (30), 5381-5397. doi:10.1002/
sim.5958

Cersosimo, F., Lonardi, S., Bernardini, G., Telfer, B., Mandelli, G. E., Santucci, A., et al.
(2020). Tumor-associated macrophages in osteosarcoma: from mechanisms to therapy.
Int. J. Mol. Sci. 21 (15), 5207. doi:10.3390/ijms21155207

Charoentong, P., Finotello, F., Angelova, M., Mayer, C., Efremova, M., Rieder, D.,
etal. (2017). Pan-cancer immunogenomic analyses reveal genotype-immunophenotype
relationships and predictors of response to checkpoint blockade. Cell Rep. 18 (1),
248-262. doi:10.1016/j.celrep.2016.12.019

Chaudhary, A. R, Lu, H., Krementsova, E. B., Bookwalter, C. S., Trybus, K. M., and
Hendricks, A. G. (2019). MAP7 regulates organelle transport by recruiting kinesin-1 to
microtubules. J. Biol. Chem. 294 (26), 10160-10171. doi:10.1074/jbc.RA119.008052

Cho, H., Park, B. J., and Park, Y. K. (2014). Multifocal osteosarcoma of the skull:
multiple primary or metastatic? A case report. Korean J. Pathol. 48 (2), 146-150. doi:10.
4132/Korean]Pathol.2014.48.2.146

Collin, M., and Ginhoux, F. (2019). Human dendritic cells. Semin. Cell Dev. Biol. 86,
1-2. doi:10.1016/j.semcdb.2018.04.015

Frontiers in Pharmacology

15

10.3389/fphar.2024.1532610

validation, visualization, and writing-review and editing. HZ:
project administration, supervision, and writing-review and editing.

Funding

The author(s) declare that no financial support was received for
the research, authorship, and/or publication of this article.

Conflict of interest

The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could be
construed as a potential conflict of interest.

Generative Al statement

The authors declare that no Generative AI was used in the
creation of this manuscript.

Publisher’'s note

All claims expressed in this article are solely those of the authors and
do not necessarily represent those of their affiliated organizations, or
those of the publisher, the editors and the reviewers. Any product that
may be evaluated in this article, or claim that may be made by its
manufacturer, is not guaranteed or endorsed by the publisher.

Supplementary material

The Supplementary Material for this article can be found online
at: https://www.frontiersin.org/articles/10.3389/fphar.2024.1532610/
full#supplementary-material

Ennour-Idrissi, K., Maunsell, E., and Diorio, C. (2017). Telomere length and breast
cancer prognosis: a systematic review. Cancer Epidemiol. Biomarkers Prev. 26 (1), 3-10.
doi:10.1158/1055-9965.EPI-16-0343

Fajkus, J., Sykorova, E., and Leitch, A. R. (2005). Telomeres in evolution and evolution
of telomeres. Chromosome Res. 13 (5), 469-479. doi:10.1007/s10577-005-0997-2

Fouquerel, E., Barnes, R. P., Uttam, S., Watkins, S. C., Bruchez, M. P., and Opresko, P.
L. (2019). Targeted and persistent 8-Oxoguanine base damage at telomeres promotes
telomere loss and crisis. Mol. Cell 75 (1), 117-130.e6. doi:10.1016/j.molcel.2019.04.024

Friedman, J., Hastie, T., and Tibshirani, R. (2010). Regularization paths for
generalized linear models via coordinate descent. J. Stat. Softw. 33 (1), 1-22. doi:10.
18637/js5.v033.i01

Geissmann, F., Manz, M. G., Jung, S., Sieweke, M. H., Merad, M., and Ley, K. (2010).
Development of monocytes, macrophages, and dendritic cells. Science 327 (5966),
656-661. doi:10.1126/science.1178331

Han, Q. Shi, H, and Liu, F. (2016). CD163(+) M2-type tumor-associated
macrophage support the suppression of tumor-infiltrating T cells in osteosarcoma.
Int. Immunopharmacol. 34, 101-106. doi:10.1016/j.intimp.2016.01.023

Han, Y., Guo, W., Ren, T., Huang, Y., Wang, S., Liu, K,, et al. (2019). Tumor-
associated macrophages promote lung metastasis and induce epithelial-mesenchymal

transition in osteosarcoma by activating the COX-2/STAT3 axis. Cancer Lett. 440-441,
116-125. doi:10.1016/j.canlet.2018.10.011

frontiersin.org


https://www.frontiersin.org/articles/10.3389/fphar.2024.1532610/full#supplementary-material
https://www.frontiersin.org/articles/10.3389/fphar.2024.1532610/full#supplementary-material
https://doi.org/10.1146/annurev-genom-010422-091101
https://doi.org/10.1002/sim.5958
https://doi.org/10.1002/sim.5958
https://doi.org/10.3390/ijms21155207
https://doi.org/10.1016/j.celrep.2016.12.019
https://doi.org/10.1074/jbc.RA119.008052
https://doi.org/10.4132/KoreanJPathol.2014.48.2.146
https://doi.org/10.4132/KoreanJPathol.2014.48.2.146
https://doi.org/10.1016/j.semcdb.2018.04.015
https://doi.org/10.1158/1055-9965.EPI-16-0343
https://doi.org/10.1007/s10577-005-0997-2
https://doi.org/10.1016/j.molcel.2019.04.024
https://doi.org/10.18637/jss.v033.i01
https://doi.org/10.18637/jss.v033.i01
https://doi.org/10.1126/science.1178331
https://doi.org/10.1016/j.intimp.2016.01.023
https://doi.org/10.1016/j.canlet.2018.10.011
https://www.frontiersin.org/journals/pharmacology
https://www.frontiersin.org
https://doi.org/10.3389/fphar.2024.1532610

Li et al.

Inagaki, Y., Hookway, E., Williams, K. A., Hassan, A. B., Oppermann, U., Tanaka, Y.,
et al. (2016). Dendritic and mast cell involvement in the inflammatory response to
primary malignant bone tumours. Clin. Sarcoma Res. 6, 13. doi:10.1186/s13569-016-
0053-3

Kebudi, R., Ozger, H., Kizilocak, H., Bay, S. B., and Bilgic, B. (2016). Osteosarcoma
after hematopoietic stem cell transplantation in children and adolescents: case report
and review of the literature. Pediatr. Blood Cancer 63 (9), 1664-1666. doi:10.1002/pbc.
26067

Kim, H. J.,, Chalmers, P. N., and Morris, C. D. (2010). Pediatric osteogenic sarcoma.
Curr. Opin. Pediatr. 22 (1), 61-66. doi:10.1097/MOP.0b013e328334581f

Le, T, Su, S., Kirshtein, A., and Shahriyari, L. (2021). Data-driven mathematical
model of osteosarcoma. Cancers (Basel) 13 (10), 2367. doi:10.3390/cancers13102367

Lee, J. A, Lim, J., Jin, H. Y., Park, M., Park, H. J,, Park, J. W., et al. (2021).
Osteosarcoma in adolescents and young adults. Cells 10 (10), 2684. doi:10.3390/
cells10102684

Li, J. P, Zhu, S. W,, Chen, Y. H,, Wang, X. L., and Gao, X. (2015). Suppression of
PinX1 resulted in telomere dysfunction and enhanced radiosensitivity in osteosarcoma
cell lines. Neoplasma 62 (6), 887-893. doi:10.4149/neo_2015_108

Li, L., Zhou, X., Zhang, W., and Zhao, R. (2022a). Identification of key genes and
miRNAs affecting osteosarcoma based on bioinformatics. Dis. Markers 2022, 1015593.
doi:10.1155/2022/1015593

Li, Q., Chen, W,, Li, Q., Mao, J.,, and Chen, X. (2022b). A novel neutrophil
extracellular trap signature to predict prognosis and immunotherapy response in
head and neck squamous cell carcinoma. Front. Immunol. 13, 1019967. doi:10.3389/
fimmu.2022.1019967

Li, S. C, Jia, Z. K,, Yang, J. J., and Ning, X. H. (2022c). Telomere-related gene risk
model for prognosis and drug treatment efficiency prediction in kidney cancer. Front.
Immunol. 13, 975057. doi:10.3389/fimmu.2022.975057

Li, Y., Ge, F.,, and Wang, S. (2020). Four genes predict the survival of osteosarcoma
patients based on TARGET database. J. Bioenerg. Biomembr. 52 (4), 291-299. doi:10.
1007/510863-020-09836-6

Li, Y., Liang, Q., Wen, Y. Q,, Chen, L. L,, Wang, L. T, Liu, Y. L, et al. (2010).
Comparative proteomics analysis of human osteosarcomas and benign tumor of bone.
Cancer Genet. Cytogenet 198 (2), 97-106. doi:10.1016/j.cancergencyto.2010.01.003

Lin, P, Liang, L. Y., Dong, Y. Z., Ren, Z. P., Zhao, H. J,, and Li, G. S. (2020).
Identification of abnormal spindle microtubule assembly as a promising therapeutic
target for osteosarcoma. Orthop. Surg. 12 (6), 1963-1970. doi:10.1111/0s.12796

Maciejowski, J., and de Lange, T. (2017). Telomeres in cancer: tumour suppression
and genome instability. Nat. Rev. Mol. Cell Biol. 18 (3), 175-186. doi:10.1038/nrm.
2016.171

Maeser, D., Gruener, R. F., and Huang, R. S. (2021). oncoPredict: an R package for
predicting in vivo or cancer patient drug response and biomarkers from cell line
screening data. Brief. Bioinform 22 (6), bbab260. doi:10.1093/bib/bbab260

Mirabello, L., Richards, E. G., Duong, L. M., Yu, K., Wang, Z., Cawthon, R, et al.
(2011). Telomere length and variation in telomere biology genes in individuals with
osteosarcoma. Int. J. Mol. Epidemiol. Genet. 2 (1), 19-29.

Okamoto, K., and Seimiya, H. (2019). Revisiting telomere shortening in cancer. Cells 8
(2), 107. doi:10.3390/cells8020107

Ottaviani, G., and Jaffe, N. (2009). The epidemiology of osteosarcoma. Cancer Treat.
Res. 152, 3-13. do0i:10.1007/978-1-4419-0284-9_1

Pastorino, U., Palmerini, E., Porcu, L., Luksch, R., Scanagatta, P., Meazza, C,, et al.
(2023). Lung metastasectomy for osteosarcoma in children, adolescents, and young
adults: proof of permanent cure. Tumori 109 (1), 79-85. doi:10.1177/
03008916211053048

Qiang, W., Wu, Q.,, Zhou, F.,, Xie, C., Wu, C,, and Zhou, Y. (2014). Suppression of
telomere-binding protein TPP1 resulted in telomere dysfunction and enhanced
radiation sensitivity in telomerase-negative osteosarcoma cell line. Biochem. Biophys.
Res. Commun. 445 (2), 363-368. doi:10.1016/j.bbrc.2014.02.001

Ritchie, M. E., Phipson, B., Wu, D., Hu, Y., Law, C. W., Shi, W,, et al. (2015). Limma
powers differential expression analyses for RNA-sequencing and microarray studies.
Nucleic Acids Res. 43 (7), e47. doi:10.1093/nar/gkv007

Robin, X., Turck, N., Hainard, A., Tiberti, N., Lisacek, F., Sanchez, ]. C., et al. (2011).
pROC: an open-source package for R and S+ to analyze and compare ROC curves. BMC
Bioinforma. 12, 77. doi:10.1186/1471-2105-12-77

Rodriguez-Blanco, J., Schilling, N. S., Tokhunts, R., Giambelli, C., Long, J., Liang Fei,
D., et al. (2013). The hedgehog processing pathway is required for NSCLC growth and
survival. Oncogene 32 (18), 2335-2345. doi:10.1038/0nc.2012.243

Sadykova, L. R., Ntekim, A. I, Muyangwa-Semenova, M., Rutland, C. S., Jeyapalan,
J. N., Blatt, N, et al. (2020). Epidemiology and risk factors of osteosarcoma. Cancer
Invest. 38 (5), 259-269. doi:10.1080/07357907.2020.1768401

Savage, S. A. (2018). Beginning at the ends: telomeres and human disease. FI000Res 7,
524. doi:10.12688/f1000research.14068.1

Frontiers in Pharmacology

10.3389/fphar.2024.1532610

Sengupta, I, Mondal, P., Sengupta, A., Mondal, A., Singh, V., Adhikari, S., et al.
(2022). Epigenetic regulation of Fructose-1,6-bisphosphatase 1 by host transcription
factor Speckled 110 kDa during hepatitis B virus infection. FEBS J. 289 (21), 6694-6713.
doi:10.1111/febs.16544

Sugito, W., and Kamal, A. F. (2022). Clinical outcome following prolonged
neoadjuvant chemotherapy and delayed surgery in osteosarcoma patients: an
evidence-based clinical review. Acta Med. Indones. 54 (1), 142-150.

Tala, T., Xie, S., Sun, X,, Sun, X, Ran, J., Zhang, L., et al. (2014). Microtubule-
associated protein Mdp3 promotes breast cancer growth and metastasis. Theranostics 4
(10), 1052-1061. doi:10.7150/thno.9727

Tan, G, Xu, ], Yu, Q,, Yang, Z,, and Zhang, H. (2022). The safety and efficiency of
photodynamic therapy for the treatment of osteosarcoma: a systematic review of in vitro
experiment and animal model reports. Photodiagnosis Photodyn. Ther. 40, 103093.
doi:10.1016/j.pdpdt.2022.103093

Tian, H., Cao, ], Li, B., Nice, E. C., Mao, H., Zhang, Y., et al. (2023). Managing the
immune microenvironment of osteosarcoma: the outlook for osteosarcoma treatment.
Bone Res. 11 (1), 11. doi:10.1038/s41413-023-00246-z

Verma, R., Aggarwal, P., Bischoff, M. E., Reigle, J., Secic, D., Wetzel, C,, et al. (2023).
Microtubule-associated protein MAPILC3C regulates lysosomal exocytosis and
induces zinc reprogramming in renal cancer cells. J. Biol. Chem. 299 (5), 104663.
doi:10.1016/j.jbc.2023.104663

Wang, R, Xie, S., He, Y., Zheng, R,, Zhang, M., Jin, ], et al. (2022). MAP7 promotes
breast cancer cell migration and invasion by regulating the NF-B pathway. Ann. Clin.
Lab. Sci. 52 (5), 721-730.

Wang, X, Cao, X., Wu, Y., and Chen, T. (2023). MAP7 promotes proliferation and
migration of breast cancer cells and reduces the sensitivity of breast cancer cells to
paclitaxel. J. Chemother. 35 (3), 231-239. doi:10.1080/1120009X.2022.2082349

Wang, Y., Zhou, X,, Yao, L., Hu, Q., Liu, H., Zhao, G., et al. (2024). Capsaicin
enhanced the efficacy of photodynamic therapy against osteosarcoma via a pro-death
strategy by inducing ferroptosis and alleviating hypoxia. Small 20 (26), €2306916.
doi:10.1002/sml1.202306916

Weeden, S., Grimer, R. J., Cannon, S. R., Taminiau, A. H., Uscinska, B. M., and
European Osteosarcoma, I. (2001). The effect of local recurrence on survival in resected
osteosarcoma. Eur. J. Cancer 37 (1), 39-46. doi:10.1016/s0959-8049(00)00362-2

Wollenzien, H., Tecleab, Y. A., Szczepaniak-Sloane, R., Restaino, A., and Kareta, M. S.
(2023). Single-cell evolutionary analysis reveals drivers of plasticity and mediators of
chemoresistance in small cell lung cancer. Mol. Cancer Res. 21, 892-907. doi:10.1158/
1541-7786.MCR-22-0881

Xie, L., Yin, W., Tang, F., and He, M. (2023). Pan-cancer analysis of TERT and
validation in osteosarcoma cell lines. Biochem. Biophys. Res. Commun. 639, 106-116.
doi:10.1016/j.bbrc.2022.11.068

Xu, Q., Gao, T., Zhang, B., Zeng, J., and Dai, M. (2019). Primary osteosarcoma in
elderly patients: a report of three cases. Oncol. Lett. 18 (2), 990-996. doi:10.3892/01.2019.
10446

Yang, L., Liu, J., and Liu, S. (2023). Clinical significance and immune landscape of a
novel ferroptosis-related prognosis signature in osteosarcoma. BMC Cancer 23 (1), 229.
doi:10.1186/s12885-023-10688-7

Yang, Z., Zhuang, Q., Hu, G., and Geng, S. (2019). MORCA is a novel breast cancer
oncogene regulated by miR-193b-3p. J. Cell Biochem. 120 (3), 4634-4643. doi:10.1002/
jcb.27751

Yu, G, Wang, L. G, Han, Y., and He, Q. Y. (2012). clusterProfiler: an R package for
comparing biological themes among gene clusters. OMICS 16 (5), 284-287. d0i:10.1089/
omi.2011.0118

Yuan, B, Shi, K., Zha, J., Cai, Y., Gu, Y., Huang, K,, et al. (2023). Nuclear receptor
modulators inhibit osteosarcoma cell proliferation and tumour growth by regulating the
mTOR signaling pathway. Cell Death Dis. 14 (1), 51. doi:10.1038/s41419-022-05545-7

Zhang, G. Z., Wu, Z. L, Li, C. Y,, Ren, E. H,, Yuan, W. H,, Deng, Y. J,, et al. (2021).
Development of a machine learning-based autophagy-related IncRNA signature to
improve prognosis prediction in osteosarcoma patients. Front. Mol. Biosci. 8, 615084.
doi:10.3389/fmolb.2021.615084

Zhang, L., Liu, X,, Song, L., Zhai, H.,, and Chang, C. (2020). MAP7 promotes
migration and invasion and progression of human cervical cancer through
modulating the autophagy. Cancer Cell Int. 20, 17. doi:10.1186/s12935-020-1095-4

Zhang, Z., Yu, L,, Dai, G,, Xia, K,, Liu, G,, Song, Q,, et al. (2017). Telomerase reverse
transcriptase promotes chemoresistance by suppressing cisplatin-dependent apoptosis
in osteosarcoma cells. Sci. Rep. 7 (1), 7070. doi:10.1038/s41598-017-07204-w

Zhao, X., Hu, D,, Li, ], Zhao, G., Tang, W., and Cheng, H. (2020). Database mining of
genes of prognostic value for the prostate adenocarcinoma microenvironment using the
cancer gene atlas. Biomed. Res. Int. 2020, 5019793. doi:10.1155/2020/5019793

Zhu, L.-N,, Shi, S., Yang, L., Zhang, M., Liu, K.-K,, and Zhang, L.-N. (2016). Water
soluble cationic porphyrin TMPipEOPP-induced G-quadruplex and double-stranded

DNA photocleavage and cell phototoxicity. RSC Adv. 6 (16), 13080-13087. doi:10.1039/
C5RA24964C

frontiersin.org


https://doi.org/10.1186/s13569-016-0053-3
https://doi.org/10.1186/s13569-016-0053-3
https://doi.org/10.1002/pbc.26067
https://doi.org/10.1002/pbc.26067
https://doi.org/10.1097/MOP.0b013e328334581f
https://doi.org/10.3390/cancers13102367
https://doi.org/10.3390/cells10102684
https://doi.org/10.3390/cells10102684
https://doi.org/10.4149/neo_2015_108
https://doi.org/10.1155/2022/1015593
https://doi.org/10.3389/fimmu.2022.1019967
https://doi.org/10.3389/fimmu.2022.1019967
https://doi.org/10.3389/fimmu.2022.975057
https://doi.org/10.1007/s10863-020-09836-6
https://doi.org/10.1007/s10863-020-09836-6
https://doi.org/10.1016/j.cancergencyto.2010.01.003
https://doi.org/10.1111/os.12796
https://doi.org/10.1038/nrm.2016.171
https://doi.org/10.1038/nrm.2016.171
https://doi.org/10.1093/bib/bbab260
https://doi.org/10.3390/cells8020107
https://doi.org/10.1007/978-1-4419-0284-9_1
https://doi.org/10.1177/03008916211053048
https://doi.org/10.1177/03008916211053048
https://doi.org/10.1016/j.bbrc.2014.02.001
https://doi.org/10.1093/nar/gkv007
https://doi.org/10.1186/1471-2105-12-77
https://doi.org/10.1038/onc.2012.243
https://doi.org/10.1080/07357907.2020.1768401
https://doi.org/10.12688/f1000research.14068.1
https://doi.org/10.1111/febs.16544
https://doi.org/10.7150/thno.9727
https://doi.org/10.1016/j.pdpdt.2022.103093
https://doi.org/10.1038/s41413-023-00246-z
https://doi.org/10.1016/j.jbc.2023.104663
https://doi.org/10.1080/1120009X.2022.2082349
https://doi.org/10.1002/smll.202306916
https://doi.org/10.1016/s0959-8049(00)00362-2
https://doi.org/10.1158/1541-7786.MCR-22-0881
https://doi.org/10.1158/1541-7786.MCR-22-0881
https://doi.org/10.1016/j.bbrc.2022.11.068
https://doi.org/10.3892/ol.2019.10446
https://doi.org/10.3892/ol.2019.10446
https://doi.org/10.1186/s12885-023-10688-7
https://doi.org/10.1002/jcb.27751
https://doi.org/10.1002/jcb.27751
https://doi.org/10.1089/omi.2011.0118
https://doi.org/10.1089/omi.2011.0118
https://doi.org/10.1038/s41419-022-05545-7
https://doi.org/10.3389/fmolb.2021.615084
https://doi.org/10.1186/s12935-020-1095-4
https://doi.org/10.1038/s41598-017-07204-w
https://doi.org/10.1155/2020/5019793
https://doi.org/10.1039/C5RA24964C
https://doi.org/10.1039/C5RA24964C
https://www.frontiersin.org/journals/pharmacology
https://www.frontiersin.org
https://doi.org/10.3389/fphar.2024.1532610

	A telomere-related signature for predicting prognosis and assessing immune microenvironment in osteosarcoma
	1 Introduction
	2 Methods
	2.1 Data extraction
	2.2 LASSO Cox regression analysis
	2.3 Survival analysis
	2.4 Differentially expressed genes
	2.5 Functional enrichment and immune cell infiltration analyses
	2.6 Single-cell data analysis
	2.7 Drug sensitivity analysis
	2.8 Cell culture and transfection
	2.9 qRT-PCR assay
	2.10 Western blotting analysis
	2.11 Cell counting Kit-8 assay
	2.12 Cell invasion and migration
	2.13 Statistical analysis

	3 Results
	3.1 Construction of the telomere-related signature in osteosarcoma
	3.2 Prognostic value of the telomere-related signature
	3.3 Functional annotation of the telomere-related signature
	3.4 Predictive value of the telomere-related signature in the immune microenvironment of osteosarcoma
	3.5 Single-cell sequencing analysis for the telomere-related signature in osteosarcoma
	3.6 Cell communication pattern of the telomere-related signature
	3.7 Predictive value of telomere-related signature in the drug sensitivity of osteosarcoma
	3.8 Low MAP7 expression was correlated with a poor prognosis of osteosarcoma patients
	3.9 Overexpression of MAP7 might inhibit tumor proliferation, migration, and the invasion of osteosarcoma cells

	4 Discussion
	Data availability statement
	Author contributions
	Funding
	Conflict of interest
	Generative AI statement
	Publisher’s note
	Supplementary material
	References


