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Climate variability is the major risk to agricultural production in semi-arid agroecosystems and the key challenge to sustain farm livelihoods for the 500 million people who inhabit these areas worldwide. Short-season grain legumes have great potential to address this challenge and help to design more resilient and productive farming systems. However, grain legumes display a great diversity and differ widely in growth, development, and resource use efficiency. Three contrasting short season grain legumes common bean (Phaseolus vulgaris L.), cowpea (Vigna unguiculata (L.) Walp.] and lablab [Lablab purpureus (L.) Sweet] were selected to assess their agricultural potential with respect to climate variability and change along the Machakos-Makueni transect in semi-arid Eastern Kenya. This was undertaken using measured data [a water response trial conducted during 2012/13 and 2013/14 in Machakos, Kenya] and simulated data using the Agricultural Production System sIMulator (APSIM). The APSIM crop model was calibrated and validated to simulate growth and development of short-season grain legumes in semi-arid environments. Water use efficiency (WUE) was used as indicator to quantify the production potential. The major traits of adaptation include early flowering and pod and seed set before the onset of terminal drought. Early phenology together with adapted canopy architecture allowed more optimal water use and greater partitioning of dry matter into seed (higher harvest index). While common bean followed a comparatively conservative strategy of minimizing water loss through crop transpiration, the very short development time and compact growth habit limited grain yield to rarely exceed 1,000 kg ha−1. An advantage of this strategy was relatively stable yields independent of in-crop rainfall or season length across the Machakos-Makueni transect. The growth habit of cowpea in contrast minimized water loss through soil evaporation with rapid ground cover and dry matter production, reaching very high grain yields at high potential sites (3,000 kg ha−1) but being highly susceptible to in-season drought. Lablab seemed to be best adapted to dry environments. Its canopy architecture appeared to be best in compromising between the investment in biomass as a prerequisite to accumulate grain yield by minimizing water loss through soil evaporation and crop transpiration. This lead to grain yields of up to 2,000 kg ha−1 at high potential sites and >1,000 kg ha−1 at low potential sites. The variance of observed and simulated WUE was high and no clear dependency on total rainfall alone was observed for all three short-season grain legumes, highlighting that pattern of water use is also important in determining final WUEbiomass and WUEgrain. Mean WUEgrain was lowest for cowpea (1.5–3.5 kggrain ha−1 mm−1) and highest for lablab (5–7 kggrain ha−1 mm−1) reflecting the high susceptibility to drought of cowpea and the good adaptation to dry environments of lablab. Results highlight that, based on specific morphological, phonological, and physiological characteristics, the three short-season grain legumes follow different strategies to cope with climate variability. The climate-smart site-specific utilization of the three legumes offers promising options to design more resilient and productive farming systems in semi-arid Eastern Kenya.
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INTRODUCTION

Semi-arid areas of sub-Saharan Africa are among the most vulnerable regions worldwide to the impacts of climate variability and change (Slingo et al., 2005; Boko et al., 2007; Challinor et al., 2007; Thornton et al., 2011). Statistics on temperature and precipitation patterns reveal, for instance, that most of Eastern Africa became warmer in the last century and that rainfall exhibits an increased inter- and intra-seasonal variability (Boko et al., 2007; Challinor et al., 2007; Cooper et al., 2009). Furthermore, erratic weather patterns characterized by cycles of droughts have become more frequent. In semi-arid Eastern Kenya annual rainfall ranges from 330 to 1,260 mm with 85% falling during the growing seasons: the short rains from October to February and the long rains between March and May; and with a coefficient of variation exceeding 40% (Rao and Okwach, 2005). Whilst efforts have been made to improve seasonal climate forecasts and apply this information to reduce risk in rainfed agricultural production systems in semi-arid Eastern Kenya (Hansen et al., 2009) there remain many barriers that hinder small-scale farmers from benefiting from this technology. First, the lack of spatial coherence of rainfall intensities in semi-arid Eastern Kenya contribute to high sampling error and comparatively low reliability even when downscaled (Rao and Okwach, 2005). Second, the tremendous spatial variability in soil properties in this region adds to the complexity of designing more resilient cropping strategies and influences the willingness of farmers' to respond to season forecast. Third, the inadequate communication of the forecast information to the rural areas hinders their application and possible positive impact. Therefore, tremendous investment in innovative agricultural extension services is required to overcome these constraints.

While these tactical approaches to minimize climate risk have so far had limited impacts and acceptance, redesigning farming systems to better cope with climate risk is a strategic approach that must also be considered. In particular, legumes display a wide agro-morphological diversity with great potential for adaptation to semi-arid environments. The benefits of green manure, grain and fodder legumes for the farmer, farming systems, environment, and economy have been reported in manifold publications and are widely acknowledged in smallholder farming systems, including those of Eastern Kenya (Graham and Vance, 2003; Siddique et al., 2012; Foyer et al., 2016). In particular, locally well-adapted short-season grain legumes from semi-arid areas, such as common bean [Phaseolus vulgaris (L.)], cowpea [Vigna unguiculata (L.) Walp.], and lablab [Lablab purpureus (L.) Sweet] offer new possibilities for sustainable farming with increased uncertainties in risk-prone environments, including new management options addressing the challenges of changing growing season characteristics. However, there is limited information available on growth and development and resource use and use efficiency. The comparative water use and use efficiencies (WUE) of short-season grain legumes in semi-arid environments is particularly crucial for the production success in rainfed production systems (Asseng et al., 2001). Furthermore, a general problem remains the lack of knowledge on the use of climate information and the adaptation of agricultural interventions, such as short-season grain legume varieties to improve agricultural production. The possible impact of legumes to contribute to increased sustainability in risky environments has not yet been studied well and most research from semi-arid Eastern Africa focuses on the quantification of climate uncertainties and their impact on maize production only.

Simulation models have proven to be excellent tools to explore the potential of certain crops and cropping strategies in diverse smallholder farming systems and different environments (Whitbread et al., 2010). As farming systems in semi-arid areas are highly heterogeneous, simulation models may help to address the complexity of these systems, which is difficult through classical agronomic experiments alone (Robertson et al., 2001; Holzworth and Huth, 2009; Whitbread et al., 2010). One of the most applicable models to better understand plant growth and development in response to the environment has been the Agricultural Production Systems sIMulator (APSIM) framework (Keating et al., 2003; Holzworth et al., 2014). APSIM simulates biophysical—key soil and crop—processes for a wide range of crops and environmental conditions. The model was, however, well-calibrated for resource-constrained and risky environments of semi-arid smallholder farming systems (Whitbread et al., 2010). As a tool, modeling frameworks may be used to address primary challenges and limitations such as inter- and intra-seasonal rainfall variability as well as the variation in crop response to diverse soil types and agronomic management (Whitbread et al., 2010). Furthermore, the APSIM maize model, for instance, was widely validated against a wide range of datasets from Eastern Kenya (Keating et al., 1992) and is, therefore, well-suited for simulation studies in semi-arid areas. With the use of simulation models, such as APSIM, biomass and grain production as well as the water use of promising crops can be extrapolated. A major limitation to this effort has been the limited range of legumes that have been calibrated and validated within the crop modeling framework, in particular short season types. The application of well-calibrated crop growth models, however, could help to estimate their production potential across different sites and soil conditions, as well as the impact of different management interventions. Furthermore, this would allow us to better assess the interaction of phenology with patterns of water use and WUE. This is of great interest in order to develop crop adaptation strategies in terms of combating climate variability.

With this background we hypothesize, first, that climate variability and uncertainties have increased over the past decades and consequently associated risk for crop production systems in semi-arid Eastern Kenya. To test this hypothesis long term weather data from semi-arid Eastern Kenya was revised and analyzed. Secondly, we hypothesize, that short-season grain legumes have great potential to address these challenges and help design more resilient and productive farming systems. To test this hypothesis, first, water use and water-use efficiency of the selected short-season grain legumes were quantified from comprehensive datasets derived from field experiments in Eastern Kenya. Secondly, these datasets were used to calibrate and validate APSIM to simulate growth and development of short-season-grain legumes under semi-arid conditions. Third, with the validated models, water use and water use efficiency (WUE) as well as the productivity of short-season grain legumes were simulated for different sites and soil types along the environmental gradient of Machakos-Makueni in semi-arid Eastern Kenya.

MATERIALS AND METHODS

Description of the Study Area

The study area was located in the predominantly semi-arid Eastern Province of Kenya and covers the Machakos—Makueni transect (Appendix 1), which forms an environmental gradient of decreasing altitude, increasing temperatures, and decreasing moisture from the northwest to the southeast; resulting in a wide range of agro-ecological conditions (Jaetzold et al., 2006). The physical settings (topography and elevation) mainly influence the quantity and distribution of rainfall. The precipitation pattern is bimodal, with the locally known “short rain” season (SR) from October to February and a so-called “long rain” season (LR) between March and June. The amount of rainfall decreases along the transect from Machakos to Makueni: total annual averages are between 1,300 and 350 mm (Gichuki, 2000). Mean annual temperatures range from 17 to 24°C. Farm size and population density across the research area are mainly driven by the availability of water and soil quality to sustain agriculture. In medium-potential areas of the upper midlands in the northwest, farm size is rather small ranging from 0.5 to 1.5 ha, whereas in the low-potential areas of the lower midlands in the southern parts, farm size is comparatively large: 3–5.5 ha (Jaetzold et al., 2006). Land use and livelihood are dominated by small-scale mixed farming systems: based on rainfed crop production combined with different levels of livestock rearing. Main crops grown on the mainly family-owned farm land are maize and common bean (Muhammad et al., 2010).

Analysis of Climate Variability

Daily weather data was obtained from the meteorological stations of the centers and sub-centers of the Kenya Agricultural and Livestock Research Organization [KALRO, formerly Kenya Agricultural Research Institute (KARI)] in the study area including Katumani, Kampi ya Mawe, and Makindu. Radiation data was partly obtained from the National Aeronautics and Space Administration (NASA) database for Climatology Resource for Agroclimatology (http://power.larc.nasa.gov/cgi-bin/cgiwrap/solar/agro.cgi?email=agroclim@larc.nasa.gov).

The temporal rainfall variability for the three selected sites within the study area of Eastern Kenya (Table 1) was determined by calculating the coefficient of variation (CV) as the ratio of standard deviation to the mean annual rainfall in a given period. Further values of accumulated rainfall (monthly, seasonal, annual), number of rain days, rainfall intensity (amount of rainfall per day), start of growing season, end of growing season, length of growing season, and dry spell probability were determined. To estimate the behavior of temperature over time a linear model was adjusted to the annual means using generalized least squares (function gls, R package nlme) (Pinheiro et al., 2014). The correlation structure of the underlying data was considered through the incorporation of the potential autoaggressive structure in residuals defined by an autoregressive process of order 1 (function corAR1, R add-on package nlme) Pinheiro et al., 2014). Additionally, number of days with tmax > 25°C were determined (Klein Tank et al., 2009). The growing season characteristics (growing season start, and length) were calculated according to Stern et al. (1982). The 1st of October was set as the earliest possible planting date for the short rain season and the 1st of March for the long rain season (Muhammad et al., 2010; Stern and Cooper, 2011). The dry spell probability at each site was estimated on the basis of generalized linear models for binomial responses using the complementary log-log link function selected according to Akaike (1973) information criterion of dry spells >5, 7, 10, or 15 days. The smooth effect function for Julian day of year were specified according to cyclic P-splines (Eilers and Marx, 1996). All calculations were performed using R 3.1.1 (R Core Team, 2014) and, in particular, package mgcv (Wood, 2011). Two stations (Katumani and Kampi ya Mawe) were selected, which have relatively long periods (at least 30 years) of data with no more than 5% missing values for rainfall and temperature to obtain detailed climate variability analyses, including growing season characteristics, dry spell probability and temperature trends (Table 1).


Table 1. Geographical information as well as, availability of rainfall, temperature, and radiation data for the study sites in Eastern Kenya.
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Agronomic Trials

Agronomic data of common bean (navy bean), cowpea and lablab were derived from two major experiments (plant density and water response trial) conducted on the KARI Katumani research station during the short rain season 2012/13 and 2013/14 described in detail by Sennhenn (2016). Locally adapted and commonly used short-season varieties recommended by KARI for cultivation in small-scale farming systems in semi-arid areas were used in the experiments; KAT X56 for common bean, M66 for cowpea and DL1002 for lablab (KARI, 2006) (Table 2). Sowing was carried out at the onset of the rains on the 14th of November in 2012 and on the 5th of November in 2013.


Table 2. Description of phenological development and growth characteristics of short-season grain legumes in semi-arid Eastern Kenya.

[image: image]



Experiment 1, the plant density trial was designed to provide data on legume phenology as well as biomass and grain yield development in response to plant density. Therefore, the legumes were sown at three different plant densities; “medium” (bean and cowpea: 10 plants m−2, lablab: 4.17 plants m−2) following the recommendations by KARI for farming in semi-arid areas (KARI, 2006), while “high” was double, and “low” only half of the recommended density.

Experiment 2, the water response trial aimed to deliver data on biomass development and water use as well as soil moisture dynamics in respect to water availability. All three short-season grain legumes were grown under optimal (“medium”) plant density with three water treatments; purely rainfed, partly irrigated (total 50 mm of water per week with additional drip irrigation till bud formation, i.e., onset of flowers), fully irrigated (total of 50 mm of water per week with additional drip irrigation throughout the growing period) (Table 1). A summary table of all treatments included in the two experiments, as well as an overview of the corresponding plant densities and water treatments can be found in the Supplementary Material (Appendix 3). Throughout the experiments, the phenological development was monitored (in days after planting, DAP), and biomass and grain yield (in kg/ha) development were measured in 2-weekly intervals.

Leaf area index (LAI) were measured in intervals of 7–10 days (dependent on daily cloudiness) using an AccuPAR LAI ceptometer (Decagon Devices, model LP-80) (Sennhenn, 2016).

The trials were located on fairly well-drained reddish brown chromic Luvisols with a clay texture throughout the profile and an increased sand content in the surface layer (Jaetzold et al., 2006). The soil was slightly acid to neutral (pH 5.5–7), and was low in plant available nitrogen, phosphorus, calcium, and zinc and had low organic carbon content (OC ≤ 1%). At sowing, 50% flowering, physiological maturity and throughout the experiments at 2-week intervals, soil moisture in each subplot was monitored (gravimetrically depth-wise for the top four layers: 0–15, 15–30, 30–60, 60–90 cm).

From the water response trial, water use and use efficiency were examined: on the basis of the measured data, evapotranspiration (Et) was determined based on the hydrological approach using the soil water method (Muchow, 1985; Rana and Katerji, 2000):

[image: image]

Where ΔW is the change in water stored over the period considered, PP is the precipitation and II is the amount of irrigation applied. Drainage (D) and Runoff (R) were estimated with the help of a simulation model; side- and season specific drainage and runoff were assessed using soil module SoilWat, APSIM (Keating et al., 2003). The above-ground biomass and grain yield dry matter at harvest were divided by Et to provide values on respective water use efficiencies, WUEDM and WUEYield:
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APSIM Model Calibration and Validation

The legume crop modules of common bean (navy bean), cowpea and lablab were calibrated and validated within the APSIM (APSIM 7.5) framework for short-season varieties grown under semi-arid conditions. Generally, input data required for the model are crop management information, cultivar specific parameters (genetic coefficient), soil properties and daily weather records.

Crop

Crop management and cultivar information for the three short-season grain legumes were derived from the two field experiments (plant density and water response trials) described above. For calibration purposes, the treatments with optimal planting density (bean and cowpea: 10 plants m−2 lablab: 4.17 plants m−2) grown under fully irrigated conditions (up to 50 mm per week with additional irrigation) from the experiment 2, water response trial, from 2012/13 were used. Cultivar-specific parameters, important for the calibration procedure, which were determined to specify and quantify growth and development of the short-season grain legumes, included harvest index (HI), daily increase in HI and thermal times to reach certain development stages. The remaining data from the experiment 1 (plant density trial) experiment 2 (water response trial) from 2012/13 and 2013/14 were used for model validation. In terms of validation, this study focuses on phenology, soil moisture as well as on biomass and grain yield. A detailed description of the crop calibration and validation procedure can be found in Sennhenn (2016).

Soil

Soil parameters used for the model were derived from on-site soil characterization (Sennhenn, 2016) and published soil characterization for sites at the KARI Katumani research station in Machakos, Kenya (Gicheru and Ita, 1987). The two parameters that determine first U(U) and second stage (c) of soil evaporation were set to 4 and 2 mm day−1, respectively, representative for a sandy loam soil. Further the SOILWAT and SOILN modules were parameterized as described in Table 3 with further detail found in Sennhenn (2016). Plant available water (PAW) was estimated from the soil moisture and the species-specific crop lower limit. Rooting depth was 105, 120, 105 cm for common bean, cowpea and lablab respectively.


Table 3. Layer soil type parameters used by APSIM-SOILWAT module: bulk density (BD), soil water content at air-dry (AIR_DRY), 1.5 MPa tension (LL15), drained upper limit (DUL), saturation (SAT), and species-specific crop lower limit (CLL) at the experimental site KARI Katumani, Kenya.

[image: image]



Weather

Weather, at the study site, minimum and maximum temperature, rainfall (+irrigation) were recorded on a daily basis. Further, solar radiation records were obtained from the meteorological station at KARI Katumani (for details see Supplementary Material, Appendix 2).

Simulation of the Agricultural Potential and Water Use Efficiency

After calibration and validation of the models, a multi-year simulation with historical weather data (Table 1) was performed to analyze the agricultural potential, including grain yield as well as water use and use efficiency of the three short-season grain legumes. The simulations were carried out for three sites, similar to the sites used for the climate variability analysis described in the previous section on the basis of the same historical weather data (Table 1). Three soils representing three major soil groups in Eastern Kenya available in the APSIM soil toolbox were chosen to examine the effect of available water-holding capacity of the soil in interaction with site-specific rainfall characteristics and crop management (Table 4). The soils mainly differ in texture and plant available water content (PAWC). Soil water was reset to the lower limit (LL) on 1st of October. Between the short rain season (October–February) and the long rain season (March–June), soil water was not reset since the long rain season partly depends on residual soil moisture of the previous short rains. The initial nitrogen content was similar for all soils and reset at the beginning of each cropping period (1st of October and 1st of March) to eliminate a bias for nutrient availability on crop growth and development (mineral N in the profile 0–180 cm was 48.5 kg ha−1).


Table 4. Detailed description of soils used for the simulation study and their characteristics, including soil texture, plant available water capacity (PAWC) in mm, pH, and organic carbon content in %.
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Sowing time was controlled by a sowing rule aligned with the start of the season. Sowing was realized after 1st of October during the short rain season and after 1st of March for the long rain season and did not occur until 20 mm of rainfall accumulates over 3 consecutive days. Growth and development of short-season varieties of common bean, cowpea and lablab (Table 2) were simulated for both the growing period of the short rain season and the long rain season. Plant density was set similar to the experiment described above. All planting rules represent current “best farmer's practice.” Phenological development (time to 50% flowering and physiological maturity), biomass and grain yield production were simulated. Water-use efficiency was estimated according to site- and soil-specific evapotranspiration relative to crop productivity (Monteith, 1988). Therefore, potential evapotranspiration in the APSIM model was determined as described by Holzworth et al. (2014) and Probert et al. (1998). WUEbiomass and WUEgrain were defined as the ratio of total biomass and grain yield, respectively, to evapotranspiration (Et) between sowing and harvest (Equations 2, 3), calculated from the model output.

Statistical Analysis

To analyze the trial data, biomass and grain yield as well as water use indices were compared among legume species and treatments, using analysis of variance (ANOVA). Each field trial and season were analyzed separately because of environmental variations. Within the species, treatment effects were characterized using test of significance post-hoc multiple comparison Turkey test. To assess intra-specific differences in water-use efficiency, data corresponding to the rainfed treatment only were extracted and least significant differences (LSD) were computed using R 3.1.1 (R Core Team, 2014).

The model validation was performed with the dataset derived from the plant density and water response trial (Supplementary Material, Appendix 3) for flowering and maturity dates, soil moisture content of the soil profile as well as biomass and grain yield. Measured and predicted data were compared graphically and analyzed statistically. The root mean square error (RMSE) and the modeling efficiency (EF) were computed (Willmott, 1981), (Equations 4, 5) as follows:
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Root mean square error (RMSE) with Pi, predicted value, Oi, observed value, [image: image], mean of the observed values and n, number of observation. RMSE and EF were calculated for biomass and grain yield. Additionally, for comparison, the traditional R2 regression statistic (least-squares coefficient of determination) was determined.

RESULTS

Climate Variability

Within the Machakos—Makueni transect in Eastern Kenya the spatial distribution of rainfall is linked to physical settings, mainly topography and elevation, with the highest mean annual rainfall records for Katumani (996 mm), medium for Kampi ya Mawe (640 mm), and the lowest for Makindu (545 mm) (Table 5). The rainfall pattern is bimodal across the study area and the so-called short rains (October–February), received on average more rain than the growing period of the long rains (March–June). The seasonal variation in rainfall was very high for all sites (Table 5).


Table 5. Rainfall and the respective coefficient of variation (CV) for three study sites in Eastern Kenya, including Katumani, Kampi ya Mawe (KyM), and Makindu calculated from different datasets as indicated in Table 1.
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For both sites Katumani and Kampi ya Mawe, mean annual minimum and maximum temperatures showed a significant warming trend over the years (Table 5 and Figure 1). The comparatively pronounced trend of increasing mean maximum temperatures in Katumani is partly driven by a large increase in days with maximum temperatures above 25°C, which was observed for both growing periods (the short rain and the long rain) during the last three decades (Figure 1).
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FIGURE 1. Time series and trends for minimum (◦) and maximum (•) temperatures as well as number of days with maximum temperatures > 25°C for the growing period of the short rain (SR,—) and long rain (LR,−−−) at Katumani and Kampi ya Mawe, Eastern Kenya.



Analyses for the seasonal rainfall of the two selected stations, Katumani and Kampi ya Mawe, indicated that rainfall during the growing seasons in Eastern Kenya generally exhibited a high inter-seasonal variability (Figure 2, Table 5). Furthermore, results showed that both rainfall intensity (Katumani SR: 8.3 LR: 7.9 mm per rainy day; Kampi ya Mawe SR: 8.8, LR: 8.1 mm per rainy day) and mean number of rainy days per growing period (Katumani SR: 43, LR: 32 rainy days per season; Kampi ya Mawe SR: 37 LR: 25 rainy days per season) were higher during the short rain growing period. Furthermore, results of the historical weather data highlighted that not only the total seasonal rainfall decreased over the last decades, in particular in Kampi ya Mawe, but also the rainfall intensity per rainy day (data not shown).


[image: image]

FIGURE 2. Monthly rainfall distribution with standard deviation for Katumani (period: 1961–2013), Kampi Ya Mawe (period: 1961–2012), and Makindu (period: 1997–2014) Eastern Kenya.



The analysis of the start of season and the length of the season showed a high inter-annual variability for both sites Katumani and Kampi ya Mawe (Figure 3). The 25 and 75% percent quartile—a measure of the long-term variability—was particularly wide for the short rain season start in Katumani. Results further show, that the later the seasons starts the shorter is their expected length. Similar trends were observed for the long rain season. The observed variability in the start of season (inter quartile range: Julian day number 73–101) and length (inter quartile range: 51–86 days) was, however, much higher for Kampi ya Mawe compared to Katumani for the long rain season. The high degree of variability in the start of each growing season and growing season length highlight the high degree of uncertainty associated with cropping activity planning and adds to the risks for farming practice in Katumani and Kampi ya Mawe. The dry spell analysis clearly showed that the probability of occurrence of longer dry spells was particularly distinct from July until September and at the end of February for the short and long rainy season, respectively. Even within the rain seasons, the probability of dry spells longer than 5 and 7 days was higher in Kampi ya Mawe (SR: 18, LR: 12%) than in Katumani (SR: 15, LR: 9%) and particularly high for the rather unreliable long rain.
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FIGURE 3. Boxplots representing characteristics of growing season length in Katumani and Kampi ya Mawe, Eastern Kenya, including start of growing season (day of the year, DOY) and growing season length (days) as well as the relationship between start of growing season and growing season length for the short rain (A) and the long rain (B) season according to data as described in Table 1.



Agronomic Trials

Water Use and Use Efficiency

Common bean proved to be a true short-season crop, and first flowering was observed already about 36 DAP with grains ready to harvest after 75 DAP. Lablab flowered earlier (43–47 DAP) than cowpea (47–54 DAP), however, time to physiological maturity was longest for lablab with 98–104 DAP. Water use was always lowest for common bean, independent of the water treatment applied due to the fast phenological development, and highest for lablab due to its long maturity time (Table 7). Biomass production and grain yields were dissimilar in the two distinct seasons, mainly caused by differences in total seasonal rainfall and temporal rainfall distribution over the growing seasons. In the growing period of 2012/13, rain was below the long-term average (Rao and Okwach, 2005; Claessens et al., 2012) with 262 mm only, nevertheless relatively evenly distributed between November and January but no rain in February. During the short rain of 2013/14, total rainfall was about long-term average (354 mm), but very unevenly distributed (220 mm falling between end-November to end-December, and a long in-growing period dry spell from 22nd December to 6th February) (Supplementary Material, Appendix 2).

Under rainfed conditions the accumulated biomass and grain yield were always lowest for common bean (Table 6). However, biomass and grain yield of common bean was fairly similar for the different treatments, under rainfed conditions and fully irrigated, in both seasons, indicating relatively stable yields independent of in-season rainfall amount and distribution. Biomass and grain yields for cowpea (grain yield: ~1,500 kg ha−1) and lablab (grain yield: 1,880 kg ha−1) were higher in the wetter season of 2013/14. The growing period of the short rains 2013/14 was characterized by intensive rainfall from end-November to end-December and a very long dry spell in January. In this season the yield increase with applied irrigation was significant and highest for common bean (+100%) and less, however, still significant for cowpea (+47%) and lablab (+26%). This is an indication for a higher drought compensation capability by cowpea and lablab in comparison to the truly short-season legume common bean. WUE in terms of biomass production and grain yield was always highest without supplementary irrigation, except for cowpea in 2012/13 (Table 6). Similar to the trends in biomass and yield development for the short-season common bean, WUEbiomass was higher in 2012/13 in comparison to the 2012/14 season, whereas the opposite was true for cowpea and lablab. Similar was observed for WUEgrain. During the comparatively dry growing period of the 2012/13 short rain, WUEgrain was highest for common bean (5.9 kg ha−1 mm−1) without additional irrigation but not significantly different from cowpea (5.0 kg ha−1 mm−1) and lablab (5.1 kg ha−1 mm−1). However, in 2013/14, WUEgrain was significantly increased for cowpea (5.9 kg ha−1 mm−1) and lablab (6.5 kg ha−1 mm−1) in comparison to common bean (4.0 kg ha−1 mm−1) under rainfed conditions.


Table 6. Irrigation, rainfall, water use (Et), and water use efficiency for biomass production and grain yield of short-season legume species grown under different water regimes in Machakos, Eastern Kenya during the short rains of 2012/13 and 2013/14.
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APSIM Model Calibration and Validation

Cultivar-specific parameters presented in Table 7, which have been adjusted within the APISM calibration procedure, include HI and daily potential increase in HI as well as thermal time from emergence to various developmental stages. Results show that the cultivar-specific parameters (Table 7) were selected well to account for the high-yielding and short-season characteristics of the short-season grain legumes tested (Appendices 4, 5). The phenological development was captured excellent with a very high accuracy. Furthermore, the total biomass development was pictured very well by the calibrated model, indicating a god coverage of the morphological and physiological characteristics of the different legume species. Details for the model calibration are shown in the Supplementary material (Appendices 4, 5).


Table 7. Cultivar-specific parameters for different short-season grain legume species common bean, cowpea, and lablab use to calibrate the Agricultural Production Systems sIMulator (APSIM).
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Model validation with the adjusted cultivar-specific parameters for the short-season grain legumes provided excellent agreement between simulated and observed values for crop phenology with RMSE values being equal or less than 2 days for the time of 50% flowering and 5 or less days for time to physiological maturity (Table 8). Time to maturity was simulated with less accuracy than flowering for all legumes, possibly reflecting the additive effects of errors simulating the intermediate flowering and grain fill stages.


Table 8. Statistical criteria (root mean square error, RMSE) and observed range and mean for evaluating the phenological development (time to 50% flowering and physiological maturity) of short-season varieties of common bean, cowpea, and lablab.
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For common bean the model performance was excellent, represented by very low RMSE values for biomass and grain yield of 12.4 and 11.9% of the observed mean respectively. The model efficiency was very good for common bean too. The accuracy of the model in predicting biomass and grain yield of cowpea and lablab was overall good, indicated by fairly low RMSE values ranging from 23 to 26% of the observed mean (Table 9) (Supplementary Material, Appendix 7).


Table 9. Evaluation of the model performance in simulating grain and total biomass of common bean, cowpea, and lablab using statistical criteria (root mean square error, RMSE, and model efficiency, EF) as well as observed range and mean.
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Furthermore, the model was validated for changes in soil moisture in the soil profile, which remains particularly important to accurately simulate crop production in rainfed systems. The overall changes in soil moisture were represented well by the model simulations, but a comparatively high standard deviation of the observed data indicate a high degree of variability within the soil (for details see Supplementary Material, Appendix 6).

Simulation of the Agricultural Potential and Water Use Efficiency

Phenology

The phenological development of the different legumes varied along the Machakos–Makueni transect and was shortest for common bean (32–37 DAP) followed by cowpea and lablab (Appendix 8). With increased mean temperatures observed, the phenological development decreased along the transect with longest time to flowering and maturity in Katumani and shortest in Kampi ya Mawe.

Biomass and Grain Yield

In accordance with the results from the two trials, common bean displayed little response to in-crop rainfall, ranging from 50 to 400 mm, and the simulated median (50% quartile) of common bean grain yields was relatively stable at about 800 kg ha−1 at all sites and soils and for both growing periods of the short and the long rains (Figure 4, Appendix 9). The 25 and 75% quartile give a measure of the long-term variability and were only about plus minus 20–30% of the median common bean grain yield and, in particular, low for simulated yields during the growing period of the long rain in Katumani and Kampi ya Mawe (Figure 4). Only in 25% of the growing seasons in the last four decades, potential common bean yield exceeded 1,000 kg ha−1. However, with effective in-crop rainfall of less than 200 mm, comparatively high potential common bean grain yields were observed, even exceeding cowpea grain yield (Appendices 9, 10). Common bean grain yield can, therefore, be characterized as comparatively low but stable as there is a 50% chance to reach yields of about 1,000 kg ha−1 with about average in-season rainfall (200–400 mm). The site and the soil had relatively little impact on the simulated common bean grain yield.


[image: image]

FIGURE 4. Boxplots of simulated grain yields for common bean, cowpea, and lablab at different rainfall zones (Katumani, Kampi ya Mawe, and Makindu, Eastern Kenya) grown during the growing period of the short rain and the long rain on soils with different plant available water capacity (PAWC, high, medium, and low) based on results from the long-term simulation.



In contrast, the observed yield variability was very high for cowpea, in particular at the high and medium rainfall zones Katumani and Kampi ya Mawe. Here, the inter-quartile range was as high as 1,500 kg ha−1 for the soil with a high PAWC and about 1,000 kg ha−1 for soils with medium to low PAWC, correlating with the high intra-seasonal rainfall variability at these sites (Figure 4). Cowpea grain yields of >3,000 kg ha−1 was possible in wet seasons with rainfall above 400 mm (Appendices 9, 10). At the low-rainfall zone in Makindu, the simulated cowpea grain yield as well as the probability to harvest more than 1,000 kg ha−1 was even lower than that of common bean, caused by relatively high water losses through crop transpiration.

In comparison to cowpea, lablab was less responsive to effective in-crop rainfall, however, the simulated median yields were always highest in comparison to the other legumes (Figure 5). In particular, at the low-rainfall zone Makindu during the growing period of the long rain, there was still a 50% probability that lablab yields were above 1,500 kg ha−1 (Figure 4). However, it seemed that lablab cultivar used has a variety-specific threshold of 3,000 kg ha−1, which cannot be exceeded independent of the environmental conditions (Appendix 9). Consequently, the slope of yield increase with increased rainfall was less steep than observed for cowpea. At Katumani, simulated lablab grain yields at low levels of effective in-crop rainfall were generally higher in the growing period of the long rains in comparison to the short rains. Lablab might have benefited from a better usage of residual soil moisture from the short rain in comparison to the dry long rain season.
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FIGURE 5. Boxplots of simulated long-term average water-use efficiency (top: kg grain yield ha−1 mm−1 Et; bottom: kg DM biomass ha−1 mm−1 Et)for common bean, cowpea, and lablab at different rainfall regions (Katumani, Kampi ya Mawe, and Makindu) for different soils (high plant available water capacity (PAWC), medium PAWC, low PAWC).



Soil Evapotranspiration and Crop Transpiration

The simulations also showed that the amount of soil evaporation and crop transpiration for different soils and sites along the transect was not constant. In general, soil evaporation, crop transpiration and, consequently, evapotranspiration were lowest for common bean independent of soil and site, caused by the significantly shorter growing period and compact growth habit in comparison to cowpea and lablab. This is further reflected in the rather low LAI reached by common bean over the growing period (Supplementary Material, Appendix 5). But even if the growing period of cowpea was significantly shorter than that of lablab at most sites, crop transpiration was always highest for cowpea (data not shown), caused by the large crop canopy, wide surface coverage and relatively high biomass accumulated, further represented in very high maximum LAI values of up to five during the late vegetative growth period, flowering and early grain filling (Supplementary Material, Appendix 5). The small and bushy common bean transpired relatively little, between 36 and 51 mm on average, depending mainly on the rainfall zone. Lablab plants were larger than common bean but the compact and less spreading growth habit led to relatively low crop transpiration in comparison to cowpea, ranging from about 50 mm at Makindu to about 70 mm in Katumani. Soil evaporation was also correlated to the amount of seasonal rainfall. With increasing seasonal rainfall much more water was lost through soil evaporation. Relatively high biomass production and a good canopy soil coverage, however, reduced soil evaporation as observed for cowpea in comparison to lablab.

Even if the soil had no significant impact on the simulated legume grain yield at each individual site, a larger variation in cowpea and lablab grain yield was observed on clay soils (high PAWC) at the high and medium rainfall zones (Figure 4), indicating higher yields in the wetter seasons but also a greater risk of yield failure in drier seasons. At the low-rainfall zone Makindu, median cowpea and lablab yields were slightly higher on the sandy soil (low PAWC) instead, indicating a better availability of the scarce water on these soils in particular at low-potential areas. The effect of pre-season water storage on PAWC during the short rain season is negligible as the soils in semi-arid Eastern Kenya are usually completely dried out after the long dry period from July to October.

Water-Use Efficiency

The WUEgrain was not statistically different for common bean, cowpea and lablab at the medium and low-rainfall zones Kampi ya Mawe and Makindu (Figure 5). Nevertheless, median WUEgrain was always highest for lablab, but only statistically significantly higher at Katumani and always greater than 5 kg ha−1 mm−1 Et for all soils. Whereas, the average WUEgrain of common bean and cowpea ranged from 3 to 4.5 kg ha−1 mm−1 Et only and was even below 3 kg ha−1 mm−1 Et at the low rainfall site Makindu for cowpea. The WUE in terms of biomass production was significantly higher for cowpea and lablab (8−12 kg ha−1 mm−1 Et) in comparison to common bean (6–8 kg ha−1 mm−1 Et). Moreover, average WUEbiomass was always higher at the high-rainfall site Katumani if compared to the low- and medium-rainfall sites. The site effect on WUEbiomass was very clear for cowpea. Furthermore, the inter-quartile range was increased from the high- to the low-rainfall site, particularly for common bean and lablab, indicating an increased variability with decreased seasonal rainfall. Surprisingly, average WUEgrain and WUEbiomass were always higher at the sandy soil with low PAWC in comparison to the clay soil with medium PAWC, in particular at the low-rainfall site Makindu, representing better water availability and allocation of the limited resource at these sites.

DISCUSSION

Changes in Growing Season Characteristics

The results of high season-to-season variation in the amount and distribution of rainfall, as well as decreased rainfall and increased temperatures in semi-arid Eastern Kenya, is in agreement with other studies from the same region (Rao and Okwach, 2005; Kabubo-Mariara and Karanja, 2007; Claessens et al., 2012). While naming the seasons may be confusing, the period known as the short rains generally receives more rain and is known to be more reliable than the period known as the long rains (Camberlin and Okoola, 2003; Rao and Okwach, 2005; Karanja, 2006). Consequently, the season of short rains is more important for agricultural activities in the area. Crop yields were, however, highly elastic in respect to changes in rainfall, including rainfall amount and distribution (Kabubo-Mariara and Karanja, 2007). It is expected that the temperature increase (Figure 1) might have a more severe impact on crop production as it accelerates crop development and ripening processes (Supplementary Material, Appendix 8). Cooper et al. (2009), for instance predict that an increase in temperature of 3°C will cause a mean decline of groundnut yield in Zimbabwe of 33% and pigeon pea yield in Kenya by 19%, mainly caused by faster and earlier maturity. The results from the simulation also indicate slightly reduced grain yields of all three short-season grain legumes at the site with the highest temperatures (Supplementary Material, Appendix 10). However, this might not be caused by higher mean temperatures and, consequently, accelerated ripening processes alone, as this may be a reaction to more extreme temperature events. Available crop varieties, including the tested short-season grain legume varieties, may therefore not be able to exhaust their physiological potential due to the shortened development time aligned with increased heat stress in the view of climate change (Figure 1). Fact is, changes in both rainfall pattern and temperatures can shift or even shorten traditional growing periods. The length and start of the growing period and, most importantly, its reliability, however, determine the suitability of a cropping strategy in a certain area, which is a fundamental indicator for site-specific yield potential (Cooper et al., 2009; Recha et al., 2013).

Specific Niches for Different Short-Season Grain Legumes

The study revealed important differences in growth, development and resource use of legume species/varieties, emphasizing the suitability of specific characteristics and traits for different applications within the smallholder farming systems. In general, the studied short-season grain legumes seemed to follow the physiological strategy of drought escape (Vadez et al., 2012) as they flower and mature comparatively earlier than commonly grown maize crops (Supplementary Material, Appendix 8). Common bean flowered about five weeks after planting and was ready to harvest after ten weeks or less (Table 7). Consequently, water-potential yield of common bean was relatively stable (1,000 kg ha−1), independent of total in-crop rainfall and soil conditions (Figure 4). No responsiveness to increased water availability was observed and even at the low-potential site Makindu or at soils with low PAWC, grain yields were not significantly reduced. Many studies on legumes show that short-duration genotypes have higher and more stable yields than longer duration types (Turner et al., 2001; Vadez et al., 2012). However, the earliness decreases the overall yield potential of common bean. The fast development is compromising maximal biomass accumulation as a perquisite for grain production and the risk of reducing soil water to a level that will limit the reproductive growth. This is a rather conservative strategy, but might be advantageous in challenging environments with shortened cropping windows and high rainfall variability such as the low-potential site Makindu (Subbarao et al., 1995). This is also reflected in the observed and simulated WUEgrain of common bean, which is higher than cowpea, in particular for the low-potential site Makindu, confirming better water use and higher yields of common bean in challenging environments. These results further emphasize, that the availability of water during specific developmental stages are more important in determining final WUEbiomass and WUEgrain than the total water use alone (Zhang et al., 2000; Bell et al., 2012). At high potential sites, in contrast, common bean yields are not increased proportionally. Results show that the compact growth habit can also be disadvantageous, leading to a high share of water loss through soil evaporation, indicating an inadequate surface coverage and potential for improvement through plant density adjustments with increased water availability. As legumes can lose up to 60% of evapotranspiration in the form of soil evaporation (Zhang et al., 2000; Turner et al., 2001), the right selection of crop species and varieties in accordance with suitable management interventions (e.g., planting time, mulching) is important to improve water use and thereby the productivity of the cropping system. Consequently, in areas where water loss through soil evaporation is a major problem, any strategy involving fast canopy closure, early canopy interception or soil surface coverage techniques, will increase transpiration and thereby yield (Turner et al., 2001; Passioura and Angus, 2010).

This approach is characteristic for cowpea as the later flowering time allowed for an increased investment into pre-anthesis biomass accumulation. The vigorous and spreading growth habit (LAI >5) of cowpea further led to better surface cover, higher interception of radiation and, consequently, lower soil evaporation beneath the canopy in comparison to the more bushy common bean and lablab varieties. This strategy enabled cowpea to maximize its WUE in seasons with evenly distributed and above-average rainfall. In season, Where in-season dry spells are experienced or seasons are unexpected short, the high investment in increased pre-anthesis biomass is very risky and requires satisfying post-anthesis water supply in order to obtain high yields; otherwise transpiration requirements exceed water availability and cause stress and consequently reduced yields (Table 6 and Figures 4, 5). However, this rather risky strategy comes with the cost of increased crop transpiration and is rather disadvantageous in areas like semi-arid Eastern Kenya, where in-crop dry spells are common and the season length is highly variable. Therefore, the variance in both biomass and grain yield, as well as WUEbiomass and WUEgrain, was generally large for legumes (Muchow, 1985; Zhang et al., 2000; Bell et al., 2012), and particularly high for cowpea at the high- and medium-potential sites Katumani and Kampi ya Mawe. However, in low-potential sites, such as Makindu where in-season dry spells are common and in-season rainfall is generally low, cowpea cannot exhaust its potential, and WUE and grain yield remained below those of common bean. WUE was in general lower at drier sites for all three legumes, presumably because a greater proportion of crop water use was lost as evaporation (Bell et al., 2012). Matching phenology with water availability and minimizing water loss through soil evaporation and crop transpiration, through the control of growth and development, are crop survival mechanisms in water-limited environments.

In general, lablab seemed to be best adapted to dry environments as the grain yield remained comparatively high at the low-potential site Makindu and in years with below-average rainfall, independent of the crop's comparatively long development time (Figure 4, Supplementary Material, Appendix 10). The canopy architecture is a good compromise between the right investment in biomass as a prerequisite to accumulate grain yield by minimizing water loss through soil evaporation and crop transpiration simultaneously. Another indicator for adaptation to semi-arid areas, including high rainfall variability and extreme temperatures, is the high WUE of lablab (Muchow, 1985). Even at the low-potential site Makindu, WUEbiomass and WUEgrain remained comparatively high (Figure 5). Lablab seemed to further benefit from its increased phenological plasticity enabling the crop to better adapt its phenological development to actual weather conditions—a strategy to escape water deficit through faster development, e.g., shortened grain-filling period. This highlights the suitability of lablab for cropping with increased uncertainties along the Machakos-Makueni transect in semi-arid Eastern Kenya. In contrast to the above discussed disadvantages of accelerated ripening aligned with increased temperatures, faster development caused by decreased water availability also highlights opportunities to avoid periods of stress and securing yield. Another advantageous feature contributing to this improved drought tolerance and comparatively high and stable yields in semi-arid environments might be the pubescent leaf surface of the lablab variety in comparison to the glabrous and dark green leaves of the cowpea variety. Clear-colored hairy leaves reflect more light, reduce the leaf surface temperature and, consequently, the crop transpiration (Subbarao et al., 1995). This is particularly important in view of increased temperatures to minimize the possible negative effects on crop growth and development. The lablab variety could continue to grow for a longer period of drought than cowpea, and achieve higher yields with less rainfall (Appendix 10).

Modeling Characteristics of Short-Season Grain Legumes

The HI as well as the daily increase in HI, together with the development times, are cultivar-specific parameters used to better calibrate APSIM for short-season grain legumes. Results show, that the parameters were selected well to account for the high-yielding and short-season characteristics of the selected legumes. The fit of observed and predicted phenological development, for instance, was excellent. The degree of agreement between observed and simulated biomass accumulation and yield production for common bean was very good, however, rather fair for cowpea and lablab. Nevertheless, the model accuracy for predicting biomass and yield production of cowpea and lablab is comparable to that achieved for other diverse legume species within the APSIM framework. Robertson et al. (2001) also reported fairly high RMSD values for predicting pigeonpea biomass and grain yield with 29.2 and 18.2% of the observed mean respectively. Similar was reported for the fababean grain yield with RMSD of 21% (Turpin et al., 2003). The RMSE values reported by Robertson et al. (2002) for mungbean, peanut, chickpea, and lucerene ranged from 22 up to 53% for biomass and grain yield.

The relatively satisfactory model performance for common bean in comparison to cowpea and lablab could be explained by the comparatively consistent and uniform growth and development—a results of centuries of targeted selection and breeding (Muñoz et al., 2017). The development time of common bean is significantly lower in comparison to cowpea and lablab. Consequently, there is less room to react to challenging environmental conditions. Furthermore, APSIM validation and calibration work has been pushed more intensively for common bean in comparison to other legumes, further contributing to better model performance of this species. Cowpea and lablab have a shorter breeding history and show a higher yield variability. Furthermore, there are still several characteristics of these grain legumes, which are not yet well-captured by the model, making accurate simulation difficult. The overlap of phenological stages characteristic for grain legumes, e.g., flowering and grain filling, is not well-represented and implicates problems in accurately predicting biomass accumulation and grain production. Furthermore, the phenlogical plasticity and observed ability of short-season grain legumes, in particular cowpea and lablab, to adapt their development time to water availability is not yet fully quantified and considered by crop growth models such as APISM. Particular difficult was the accurate prediction of density effects for lablab grain production; increased plant density led to vigorous biomass accumulation and comparatively low grain production. Another characteristic of short-season legumes is the ability to drop up to 50% of their leaves to compensate for an increased transpiration demand with increasing temperatures (Sennhenn, 2016) and/or decreased water availability without severe yield losses (Subbarao et al., 1995). Leaf nitrogen from senescent leaves is translocated toward the pods and used to accumulate grain nitrogen (Sanetra et al., 1998). This characteristic, however, is not yet captured in crop growth models, such as APSIM, and requires further calibration and validation. However, this feature provides legumes an advantage in comparison to other commonly grown cereal crops like maize and is further responsible for the comparatively high HI values (Siddique et al., 2001). Consequently, the improvement of legumes models still requires a better and deeper understanding of the physiological characteristics of these diverse legume species and comprehensive data to parameterize these functional relationships.

CONCLUSION

In summary, comprehensive analysis of the long-term weather data confirmed that climate variability and the associated risks for crop production in semi-arid Eastern Kenya are particularly high and have an increasing trend. However, short-season grain legumes have great potential to address this challenge. The major traits of adaptation include early flowering and pod and seed set before the onset of terminal drought. In general, early phenology together with adapted canopy architecture allow for the optimization of better water use and greater partitioning of dry matter into seed. Results highlight that the studied short-season grain legumes have specific morphological, phenological, and physiological characteristics and follow different strategies to increase their production potential in challenging environments. Thus, showing a distinct suitability for specific cropping areas and purposes. The differences described here are characteristic for the selected varieties, which are the most commonly used in the study area. However, caution is needed to generalize these results as there are no true species differences. Nevertheless, the climate-smart site-specific utilization of these legumes, on the basis of the described results, offers promising options to design more resilient and productive farming systems in semi-arid Eastern Kenya.

AUTHOR CONTRIBUTIONS

All four authors had substantial contribution to the conception, design, implementation, and analysis of the work. AS was mainly responsible to design and conduct field research as well as analyze and review the obtained data and draft the manuscript. AW accompanied the planning of the work from the early beginning as the former head of the department of Tropical Plant Production and Agricultural Systems Modelling (former Crop Production Systems in the Tropics), Georg-August-University Göttingen, whereas BM (former senior scientist at CIAT, Nairobi, Kenya) and DN (forage scientist at KALRO, Machakos, Kenya) mainly accompanied the work from the Kenyan site and facilitated the acquisition. All three, BM, DN, and AW, critically revised the analysis and data interpretation and approved the version, which was submitted for publication.

ACKNOWLEDGMENTS

We thank the technical staff of KALRO, Katumani Kenya for their continuous support and encouragement during the on-station field research to collect the comprehensive datasets for model calibration and validation. The German academic exchange service (DAAD) supported this research by providing a travel scholarship enabling the senior author to conduct field research in Kenya. Operational expenses were funded by the University of Göttingen via the department of Tropical Plant Production and Agricultural Systems Modelling. The CGIAR Research Programs (CRP) for Dryland Systems and Water, Land and Ecosystems (WLE) are acknowledged for partly funding the time of AW and CRP for Livestock and Fish for the time of BM to contribute to this study.

SUPPLEMENTARY MATERIAL

The Supplementary Material for this article can be found online at: http://journal.frontiersin.org/article/10.3389/fpls.2017.00699/full#supplementary-material

REFERENCES

 Akaike, H. (1973). Maximum likelihood identification of Gaussian autoregressive moving average models. Biometrika 60, 255–265. doi: 10.1093/biomet/60.2.255

 Asseng, S., Turner, N. C., and Keating, B. A. (2001). Analysis of water- and nitrogen-use efficiency of wheat in a Mediterranean climate. Plant Soil 233, 127–143. doi: 10.1023/A:1010381602223

 Bell, L. W., Lawrence, J., Johnson, B., and Whitbread, A. (2012). Exploring short-term ley legumes in subtropical grain systems: production, water-use, water-use efficiency and economics of tropical and temperate options. Crop Pasture Sci. 63, 819–832. doi: 10.1071/CP12190

 Boko, M., Niang, I., Nyong, A., Vogel, C., Githeko, A., Medany, M., et al. (2007). “Africa”, in Climate Change: Impacts, Adaptation and Vulnerability. (Contribution of Working Group II to the Fourth Assessment Report of the Intergovernmental Panel on Climate Change), eds M. L. Parry, O. F. Canziani, J. P. Palutikof, P. J. van der Linden, and C. E. Hanson (Cambridge: Cambridge University Press), 433–467.

 Camberlin, P., and Okoola, R. E. (2003). The onset and cessation of the ‘long rains’ in eastern Africa and their interannual variability. Theor. Appl. Climatol. 75, 43–54. doi: 10.1007/s00704-002-0721-5

 Challinor, A., Wheeler, T., Garforth, C., Craufurd, P., and Kassam, A. (2007). Assessing the vulnerability of food crop systems in Africa to climate change. Clim. Change 83, 381–399. doi: 10.1007/s10584-007-9249-0

 Claessens, L., Antle, J. M., Stoorvogel, J. J., Valdivia, R. O., Thornton, P. K., and Herrero, M. (2012). A method for evaluating climate change adaptation strategies for small-scale farmers using survey, experimental and modeled data. Agric. Syst. 111, 85–95. doi: 10.1016/j.agsy.2012.05.003

 Cooper, P., Rao, K. P. C., Singh, P., Dimes, J., Traore, P. S., Rao, K., et al. (2009). Farming with current and future climate change risk: advancing a—‘hypothesis of hope’ for rainfed agriculture in semiarid tropics. J. SAT Agric. Res. 7, 1–19.

 Eilers, P. H. C., and Marx, B. D. (1996). Flexible smoothing with B-splines and penalties. Stat. Sci. 11, 89–121. doi: 10.1214/ss/1038425655

 Foyer, C. H., Lam, H.-M., Nguyen, H. T., Siddique, K. H., Varshney, R. K., Colmer, T. D., et al. (2016). Neglecting legumes has compromised human health and sustainable food production. Nat. Plants 2:16112. doi: 10.1038/nplants.2016.112

 Gicheru, P. T., and Ita, B. N. (1987). Detailed Soil Survey of the Katumani National Dryland Farming Research Station Farms (Machakos District). Kenya Soil Survey, Detailed Soil Survey Report No. D43.

 Gichuki, F. N. (2000). Makueni District Profile: Rainfall Variability, 1950-1997. Dryland Research Working Paper 2, Crewkerne: Somerset. Available online at: http://www.drylandsresearch.org.uk/pdfs/WP_Gich_Rainfall_variability.pdf)

 Graham, P. H., and Vance, C. (2003). Legumes: importance and constraints to greater use. Plant Physiol. 131, 872–877. doi: 10.1104/pp.017004

 Holzworth, D. P., Huth, N. I., deVoil, P. G., Zurcher, E. J., Herrmann, N. I., McLean, G., et al. (2014). APSIM – Evolution towards a new generation of agricultural systems simulation. Environ. Modell. Softw. 62, 327–350. doi: 10.1016/j.envsoft.2014.07.009

 Hansen, J. W., Mishra, A., Rao, K. P. C., Indeje, M., and Ngugi, R. K. (2009). Potential value of GCM-based seasonal rainfall forecasts for maize management in semi-arid Kenya. Agric. Syst. 101, 80–90.

 Holzworth, D., and Huth, N. (2009). “Reflection + XML simplifies development of the APSIM Generic PLANT Model,” in 18th World IMACS/MODSIM Congress (Cairns, QLD).

 Jaetzold, R., Schmidt, H., Hornetz, B., and Shisanya, C. (2006). Natural Conditions and Farm Management Information. Part C, East Kenya Sub-part C1, Eastern Province. Vol. II. Nairobi: MoA and GTZ.

 Kabubo-Mariara, J., and Karanja, F. K. (2007). The economic impact of climate change on Kenyan crop agriculture: a Ricardian approach. Global Planet. Change 57, 319–330. doi: 10.1016/j.gloplacha.2007.01.002

 Karanja, F. K. (2006). CROPWAT Model Analysis of Water Use in Six Districts in Kenya. CEEPA Discussion Paper No. 35, CEEPA; University of Pretoria.

 KARI (2006). Variety Characteristics and Production Guidelines of Traditional Food Crops. Kenya Agricultural Research Institute Publication. KARI Katumani Research Centre, Nairobi.

 Keating, B. A., Carberry, P. S., Hammer, G. L., Probert, M. E., Robertson, M. J., and Holzworth, D. (2003). An overview of APSIM, a model designed for farming systems simulation modelling cropping systems: science, software and applications. Eur. J. Agron. 18, 267–288. doi: 10.1016/S1161-0301(02)00108-9

 Keating, B. A., Wafula, B. M., and Watiki, J. M. (1992). “Development of a modelling capability for maize in semi-arid Eastern Kenya,” in A Search for Strategies for Sustainable Dryland Cropping in Semi-Arid Eastern Kenya. Proceedings of a Symposium held in Nairobi; ACIAR Proceedings No. 41, eds M. E. Probert, 138.

 Klein Tank, A. M. G., Zwiers, F. W., and Zhang, X. (2009). Guidelines on analysis of extremes in a changing climate in support of informed decisions for adaptation. WCDMP-72, WMO-TD/No.1500, 56.

 Monteith, J. L. (1988). Does transpiration limit the growth of vegetation or vice versa? J. Hydrol. 100, 57–68. doi: 10.1016/0022-1694(88)90181-3

 Muchow, R. C. (1985). Phenology, seed yield and water use of grain legumes grown under different soil water regimes in a semi-arid tropical environment. Field Crop. Res. 11, 81–97. doi: 10.1016/0378-4290(85)90093-0

 Muhammad, L., Mwabu, D., Mulwa, R., Mwangi, W., Langyintuo, A., and La Rovere, R. (2010). Characterization of Maize Producing Households in Machakos and Makueni Districts in Kenya. Country Report–Kenya, KARI-CIMMYT, Nairobi.

 Muñoz, N., Liu, A., Kan, L., Li, M. W., and Lam, H. M. (2017). Potential uses of wild germplasms of grain legumes for crop improvement. Int. J. Mol. Sci. 18:328. doi: 10.3390/ijms18020328

 Passioura, J., and Angus, J. (2010). Improving productivity of crops in water-limited environments. Adv. Agron. 106, 37–75. doi: 10.1016/S0065-2113(10)06002-5

 Pinheiro, J., Bates, D., DebRoy, S., and Sarkar, D., and R Core Team (2014). nlme: Linear and Nonlinear Mixed Effects Models. R package version 3.1-117. Available online at: http://CRAN.R-project.org/package=nlme

 Probert, M. E., Dimes, J. P., Keating, B. A., Dalal, R. C., and Strong, W. M. (1998). APSIM's water and nitrogen modules and simulation of the dynamics of water and nitrogen in fallow systems. Agric. Syst. 56, 1–18. doi: 10.1016/S.0308-521X.(97)00028-0

 R Core Team (2014). R: A Language and Environment for Statistical Computing. Vienna: R Foundation for Statistical Computing. Available online at: http://www.R-project.org/

 Rana, G., and Katerji, N. (2000). Measurement and estimation of actual evapotranspiration in the field under Mediterranean climate: a review. Eur. J. Agron. 13, 125–153. doi: 10.1016/S1161-0301(00)00070-8

 Rao, K. P. C., and Okwach, G. E. (2005). “Enhancing productivity of water under variable climate,” in Proceedings of the East Africa Integrated River Basin Management Conference, Sokione University of Agriculture (Morogoro), 2–9.

 Recha, J., Kinyangi, J., and Omodi, H. (2013). Climate Related Risk and Opportunities for Agricultural Adaption and Migation in Semi-Arid Eastern Kenya. Report from the Research Program on Climate Change, Agriculture and Food Security; CCAFS; CGIAR, Nairobi. Available online at: http://ccafs.cgiar.org/sites/default/files/assets/docs/climate_related_risk_and_opportunities.pdf

 Robertson, M. J., Carberry, P. S., Chauhan, Y. S., Ranganathan, R., and O'Leary, G. J. (2001). Predicting growth and development of pigeonpea: a simulation model. Field Crop. Res. 71, 195–210. doi: 10.1016/S0378-4290(01)00160-5

 Robertson, M. J., Carberry, P. S., Huth, N. I., Turpin, J. E., Probert, M. E., Poulton, P. L., et al. (2002). Simulation of growth and development of diverse legume species in APSIM. Aust. J. Agric. Res. 53, 429–446. doi: 10.1071/AR01106

 Sanetra, C. M., Ito, O., Virmani, S. M., and Vlek, P. L. G. (1998). Remobilization of nitrogen from senescing leaves of pigeonpea (Cajanus cajan (L.) Millsp.): genotypic differences across maturity groups? J. Exp. Bot. 49, 853–862. doi: 10.1093/jxb/49.322.853

 Sennhenn, A. (2016). Exploring Niches for Short-Season Grain Legumes in Semi-Arid Eastern Kenya. Ph.D Dissertation, Georg-August-University Göttingen, Göttingen.

 Siddique, K. H. M., Johansen, C., and Turner, N. C. (2012). Innovations in agronomy for food legumes. Agron. Sustain. Dev. 32, 45–64. doi: 10.1007/s13593-011-0021-5

 Siddique, K. H. M., Regan, K. L., Tennant, D., and Thomson, B. D. (2001). Water use and water use efficiency of cool season grain legumes in low rainfall Mediterranean-type environments. Eur. J. Agron. 15, 267–280. doi: 10.1016/S1161-0301(01)00106-X

 Slingo, J. M., Challinor, A. J., Hoskins, B. J., and Wheeler, T. R. (2005). Introduction: food crops in a changing climate. Philos. Trans. R. Soc. Lond. B Biol. Sci. 360, 1983–1989. doi: 10.1098/rstb.2005.1755

 Stern, R. D., and Cooper, P. J. M. (2011). Assessing climate risk and climate change using rainfall data - A case study from Zambia. Exp. Agric. 47, 241–266. doi: 10.1017/S0014479711000081

 Stern, R. D., Dennett, M. D., and Dale, I. C. (1982). Analysing daily rainfall measurements to give agronomically useful results. I. direct methods. Exp. Agric. 18, 223–236. doi: 10.1017/S001447970001379X

 Subbarao, G. V., Johansen, C., Slinkard, A. E., Nageswara Rao, R. C., Saxena, N. P., Chauhan, Y. S., et al. (1995). Strategies for improving drought resistance in grain legumes. Crit. Rev. Plant Sci. 14, 469–523. doi: 10.1080/07352689509701933

 Thornton, P. K., Jones, P. G., Ericksen, P. J., and Challinor, A. J. (2011). Agriculture and food systems in sub-Saharan Africa in a 4 C+ world. Philos. Trans. R. Soc. A Math. Phys. Eng. Sci. 369, 117–136. doi: 10.1098/rsta.2010.0246

 Turner, N. C., Wright, G. C., and Siddique, K. H. M. (2001). Adaptation of grain legumes (pulses) to water-limited environments. Adv. Agron. 71, 193–231. doi: 10.1016/S0065-2113(01)71015-2

 Turpin, J. E., Robertson, M. J., Haire, C., Bellotti, W. D., Moore, A. D., and Rose, I. (2003). Simulating fababean development, growth, and yield in Australia. Aust. J. Agric. Res. 54, 39–52. doi: 10.1071/AR02064

 Vadez, V., Berger, J. D., Warkentin, T., Asseng, S., Ratnakumar, P., Rao, K. P. C., et al. (2012). Adaptation of grain legumes to climate change: a review. Agron. Sustain. Dev. 32, 31–44. doi: 10.1007/s13593-011-0020-6

 Whitbread, A. M., Robertson, M. J., Carberry, P. S., and Dimes, J. P. (2010). How farming systems simulation can aid the development of more sustainable smallholder farming systems in southern Africa. Eur. J. Agron. 32, 51–58. doi: 10.1016/j.eja.2009.05.004

 Willmott, C. J. (1981). On the validation of models. Phys. Geogr. 2, 184–194.

 Wood, S. N. (2011). Fast stable restricted maximum likelihood and marginal likelihood estimation of semiparametric generalized linear models. J. R. Stat. Soc. 73, 3–36. doi: 10.1111/j.1467-9868.2010.00749.x

 Zhang, H., Pala, M., Oweis, T., and Harris, H. (2000). Water use and water-use efficiency of chickpea and lentil in a Mediterranean environment. Aust. J. Agric. Res. 51, 295–304. doi: 10.1071/AR99059

Conflict of Interest Statement: The authors declare that the research was conducted in the absence of any commercial or financial relationships that could be construed as a potential conflict of interest.

Copyright © 2017 Sennhenn, Njarui, Maass and Whitbread. This is an open-access article distributed under the terms of the Creative Commons Attribution License (CC BY). The use, distribution or reproduction in other forums is permitted, provided the original author(s) or licensor are credited and that the original publication in this journal is cited, in accordance with accepted academic practice. No use, distribution or reproduction is permitted which does not comply with these terms.

OPS/images/fpls-08-00699-t008.jpg
Species Time to...

Bean 50% flowering
Physiological maturity

Cowpea 50% flowering
Physiological maturity

Lablab 50% flowering
Physiological maturity

8DAP-days after planting.

Unit?

oap
oaP

oaP
oaP

oap
oap

Absolute value

14
36

1.0
50

16
21

% of mean observed

39
a8

17
56

25
21

Observed range

35-38
71-79

57-58
85-89

62-64
98-102

Observed mean

365
750

59.5
89.5

63
100





OPS/images/fpls-08-00699-t007.jpg
APSIM parameter description

Day potentialincrease in Hi
Maximum HI

THERMAL TIME REQUIREMENTS FROM:

Sowing to emergence
Emergence to end of juvenie
End of juvenile to floral initiation
Fioral iniation to flowering
Flowering to start grain fil

Start grain fil to end grain fil
End grain fil to maturity
Maturity to harvest ripe

Units

Iday

°Cd
°cd
°Cd
°Cd
°Cd
°cd
°Cd
°cd

Bean

0019
052

100
235
50
40
50

240
60

5

Legume species

Cowpea

0.036
054

50
580
0
20
70
250
20
5

Lablab

0017
058

70
500
100
20
50
300
100
5





OPS/images/inline_1.gif





OPS/images/fpls-08-00699-t009.jpg
Species

Lablab

Total biomass
Grain yield

Total biomass
Grain yield

Total biomass
Grain yield

Unit

kg ha!
kgha=!

kg ha!
kgha=!

kg ha=!
kgha=!

Absolute value

3702
1919

9157
508.7

7917
436.9

RMSE

% of mean observed

124
19

235
260

208
25.1

Observed range

1,762-3,741
977-1,956

2,574-5,629
1,384-3,061

2,546-5,474
1,234-2,362

Observed mean

29757
1610.7

39029
1956.7

38108
17407

EF

064
065

0.18
0.18

0.08
-047





OPS/images/fpls-08-00699-t006.jpg
Season Species Water regime Imigation In-crop Imigation+ Ey  Totalbiomass Grainyield  WUEbjomass WUEgrain

(mm) rainfall rainfall (mm)  atharvest (kgha™!)  (kgha=' mm~") [kgha=! mm~1]
(mm) (mm) (kg DM ha=1)

2012/18 Bean Full imigated 270 156 426 481 3,638 1,888 76 39
Rainfed 0 156 156 187 2182 1,107 17 59

Cowpea  Fuly irigated 300 190 490 578 5620 3061 97 53

Rainfed 0 190 190 217 2574 1,385 93 50

Lablab  Fuly irrigated 345 190 535 609 3,652 1,983 60 32

Rainfed o 190 190 243 2,966 1,284 122 51

LS.D. water treatment: rainfed] P = 0.5 408 245 19 1
2013/14 Bean Full irigated 240 259 499 508 3335 1,956 66 39
Rainfed 0 259 259 245 1762 978 72 40

Cowpea  Fuly irigated 330 259 589 596 4,487 2,210 75 a7

Rainfed 0 259 259 256 3,030 1512 18 59

Lablab  Fuly iigated 345 339 684 635 5474 2,352 86 a7

Rainfed 0 339 339 200 3,906 1,873 135 65

LS.D. water treatment: rainfed] P = 0.5 787 367 30 14

L.S.D.~Least Significance Difference.





OPS/images/fpls-08-00699-t005.jpg
Site

Katumani
KyM
Makindu

Mean

210
230
200

Temperature (°C)

Maximum Minimum
262 158
289 17.1
277 16.7

Mean

695.8
6396
544.5

Annual

oV (%)

280
359
301

Rainfall (mm)

Short rain
Mean oV (%)
3915 42.4
3837 410
2813 399

Long rain
Mean oV (%)
2906 a1.1
277 519
207 .4 346





OPS/images/cover.jpg
’ frontiers
in Plant Science

Exploring Niches for Short-Season
Grain Legumes in Semi-Arid
Eastern Kenya — Coping with the
Impacts of Climate Variability









OPS/images/crossmark.jpg
©

2

i

|





OPS/images/logo.jpg
, frontiers
in Plant Science





OPS/images/fpls-08-00699-g005.gif





OPS/images/fpls-08-00699-t001.jpg
Site

Katumani
Kampi ya Mawe
Makindu

Latitude

1°34'56"S
1°510"S
216/58"S

Longitude

37°14'43"E
37°400"E
37°49/58"E

Elevation (m asl.)

1,592
1,150
1,070

Rainfall

1961-2013
1961-2012
1997-2013

Data gathering period (years)
Temperature
1981-2013

1970-2012
1977-2013

Radiation

1981-2013
1981-2012
1997-2013





OPS/images/fpls-08-00699-g003.gif
Sttt

et o oyt





OPS/images/fpls-08-00699-g004.gif





OPS/images/fpls-08-00699-t004.jpg
Soil ID APSIM soil name
High PAWC Chromic Luvisol,
Katumani, Kenya
Medium PAWG Clay loam, Alfsol,
Measii district, Kenya
Low PAWC Sand, Alfisol, Masii

district, Kenya

“Plant avaiable water capacity
bMeasured for the 0-150 mm soil depth.

Soil texture

Sandy clay
Clay loam

Sand

USDA soil classification

Luvisol

Afisol

Afisol

PAWC?
(mm)

164

137

87

pH®

60
60

60

Organic carbon® (%)

092
110

060





OPS/images/fpls-08-00699-t002.jpg
ety

Bean KAT X56
Cowpea M85
Lablab DL1002

8DAP-days after planting.

Time to 50% flowering
[DAP®

37-41
61-66
57-60

Time to physiological maturity
[DAP]?

69-78
84-92
98-104

Growth habit

Bushy
Spreading
Bushy

Canopy architecture

Compact, small
Widespread, large
Compact, large





OPS/images/fpls-08-00699-t003.jpg
Depth (cm)

BD (g cm™3)

AIR_DRY? (cm cm™1)

LL152 em cm~T)

DUL (em em™T)

SAT (cm cm=1)

OLL em em™1)
Common bean
Cowpea
Lablab

8adapted from Gicheru and Ita (1987) similar to APSIM soil fle: “Chromic Luvisol, Katumani Research Station” from the international. APSIM soil file database for Kenya.

0-15

1.57
0.020
0.039
0.190
0378

0.039
0,039
0.039

15-30

1.57
0.052
0072
0210
0378

0072
0072
0072

30-60

154
0.085
0.085
0.300
0.389

0.122
0.085
0.100

60-90

15
0.099
0.099
0.350
0.404

0.138
0,099
0.110

90-120

151
0.099
0.099
0.350
0.4

0.138
0.099
0.120

120-150

151
0,099
0,099
0.350
04

0.138
0,099
0.120

150-180

151
0.099
0.099
0350
04

0.138
0.099
0.120





OPS/images/fpls-08-00699-g001.gif
Kanmani
- w
. N
21 vomscia a
e Ly | e
£ i
H PP @
5 e |
5 yeotsiacssser to
pact H
»
: H
b w0 mw wm o £
Kamp
s L
s HE
g o
s %
B §e
& P—
£, 5 " fo
1 H
H P o i |3
o Wrosn i -
. 15 —
o o ,






OPS/images/math_5.gif
()






OPS/images/fpls-08-00699-g002.gif
Moon mentidy rulabsll fum]

-

H

g &

atumani - BKampiya Mave - OMakinds

Jon Fab Mor Apr May Jun Jul Aug Sep Oct Nov Dec
Month





OPS/images/math_2.gif
Biomass
E,

WU B s

@





OPS/images/math_1.gif
E=AF+P+I-D-R ()





OPS/images/math_4.gif
RMSE =

@





OPS/images/math_3.gif
Grainyield

E,

®





