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The nutritional value of soybean [Glycine max (L.) Merr.] for animals is influenced by soluble carbohydrates, such as sucrose and stachyose. Although sucrose is nutritionally desirable, stachyose is an antinutrient causing diarrhea and flatulence in non-ruminant animals. We conducted a genome-wide association study of 220 soybean accessions using 21,317 single nucleotide polymorphisms (SNPs) from the SoySNP50K iSelect Beadchip data to identify significant SNPs associated with sucrose and stachyose content. Seven significant SNPs were identified for sucrose content across chromosomes (Chrs.) 2, 8, 12, 17, and 20, while thirteen significant SNPs were identified for stachyose content across Chrs. 2, 5, 8, 9, 10, 13, 14, and 15. Among those significant SNPs, three sucrose-related SNPs on Chrs. 8 and 17 were novel, while twelve stachyose-related SNPs on Chrs. 2, 5, 8, 9, 10, 13, 14, and 15 were novel. Based on Phytozome, STRING, and GO annotation, 17 and 24 candidate genes for sucrose and stachyose content, respectively, were highly associated with the carbohydrate metabolic pathway. Among these, the publicly available RNA-seq Atlas database highlighted four candidate genes associated with sucrose (Glyma.08g361200 and Glyma.17g258100) and stachyose (Glyma.05g025300 and Glyma.13g077900) content, which had higher gene expression levels in developing seed and multiple parts of the soybean plant. The results of this study will extend knowledge of the molecular mechanism and genetic basis underlying sucrose and stachyose content in soybean seed. Furthermore, the novel candidate genes and SNPs can be valuable genetic resources that soybean breeders may utilize to modify carbohydrate profiles for animal and human usage.
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Introduction

Soybean [Glycine max (L.) Merr.] is one of the most economically valuable crops, providing high protein meal and vegetable oil for human and animal diets worldwide. Annually, almost 76% of global soybean production is used to feed livestock for the meat and dairy industries (Ritchie and Roser, 2021). In comparison, 20% and 4% of production are directly used for the human diet and biofuel industry, respectively (Ritchie and Roser, 2021). In 2021, the U.S., the world’s second soybean producer, produced almost 46 million metric tons of soybean meal, which was fed to poultry (61.2%), swine (18.0%), dairy (13.4%), beef (5.1%), and others (2.3%) (American Soybean Association, 2021). Recently, soy-based products have garnered more attention from the global vegan population as a high-value protein substitute for animal meats (Qin et al., 2022). Also, the number of companion pet owners who prefer plant-based pet foods, such as soybean, over animal-based products has been growing due to animal welfare, ethical, and moral concerns (Yoosefzadeh-Najafabadi et al., 2022). In the U.S., the pet industry is an important market that has been booming for decades, of which approximately 66% of U.S. households own a pet and spend almost 58.1 billion dollars on pet food and treats annually (APPA, 2023).

Soybean seed typically consists of 40% protein, 20% oil, and 15% soluble carbohydrates on a dry weight basis (Hsu et al., 1973). While soybean meal is high in crude protein content with well-balanced amino acids for animal feeds, some antinutrients in soluble carbohydrates significantly reduce feed efficiency for non-ruminant animals, including poultry, swine, dogs, cats, and humans (Jo et al., 2018; Cunicelli et al., 2019; Jo et al., 2019). Sucrose is the only soluble carbohydrate nutritionally beneficial to produce metabolizable energy. In contrast, raffinose and stachyose make up the raffinose family of oligosaccharides (RFOs), known as antinutrients causing diarrhea and flatulence in non-ruminant animals (Liu, 1997; Guillon and Champ, 2002; Karr-Lilienthal et al., 2005). Non-ruminant animals lack α-galactosidase in their digestive systems, in which undigested RFOs pass through the upper intestine and are fermented by anaerobic microbes in the lower intestine. This produces methane, hydrogen, and carbon dioxide that cause gastric discomfort and a significant loss of energy efficiency from the soybean meal (Coon et al., 1990; Le et al., 2020; Salari et al., 2021). Since the largest soybean meal consumers are non-ruminant animals, developing new soybean cultivars with high sucrose and low RFOs is crucial to improve digestibility and feed efficiency. In addition, increased sucrose content in soybean seeds is also essential to improve the sweet flavor of soy-based products, such as tofu, edamame, and soymilk (Rosset et al., 2012; Sui et al., 2020; Wang et al., 2023).

Compared to other seed compositional traits in soybeans, such as oil and protein, a relatively smaller number of quantitative trait loci (QTL) for soluble carbohydrates have been identified and reported through genetic linkage analysis. Historically, Maughan et al. (2000) first reported 17 QTL related to sucrose across chromosomes (Chrs.) 5, 7, 8, 13, 15, 19, and 20 using 149 F2 individuals from an interspecific cross between G. max and G. soja. Other studies in South Korea reported four sucrose- and two oligosaccharides-related QTL on Chrs. 2, 11, and 19 and Chrs. 2 and 19, respectively. Two common QTL on Chrs. 2 and 19 were found for both traits in the RIL population (Kim et al., 2005). A year later, Kim et al. (2006) identified two sucrose- and four oligosaccharides-related QTL on Chrs. 12 and 16 and Chrs. 6, 12, 16, and 19, respectively. Two QTL on Chrs. 12 and 16 were identified for both traits. Skoneczka et al. (2009) analyzed two F2 populations and identified a major QTL on Chr. 6 for sucrose and stachyose, which explained 76% and 88% of the phenotypic variations, respectively. Saghai Maroof and Buss (2011) found a major QTL related to both sucrose and stachyose on Chr. 11. Using the F2 population derived from the same high sucrose soybean line used by Saghai Maroof and Buss (2011); Wang et al. (2014) identified three sucrose-related QTL on Chrs. 7, 11, and 20 and two stachyose-related QTL on 11 and 12. The QTL on Chr. 11 was in the same genetic region reported by Saghai Maroof and Buss (2011). Zeng et al. (2014) reported three novel QTL on Chrs. 5, 9, and 16, explaining 46%, 10%, and 8% of sucrose variation, respectively. Akond et al. (2015) found three sucrose- and four stachyose-associated QTL on Chrs. 3, 9, and 15 and 1, 6, 12, and 14, respectively. Patil et al. (2018) identified three QTL on Chrs. 6, 16, and 20, and a major QTL on Chr. 8 for sucrose using an interspecific population derived from a cross between G. max and G. soja accessions.

Genome-wide association study (GWAS) is a valid alternative to genetic linkage analysis to understand the genetic basis of quantitative traits by examining a significant association between genetic markers and a trait of interest. To date, GWAS has been successfully applied in soybean research to discover and characterize key traits, such as seed protein and oil (Hwang et al., 2014; Li et al., 2019; Zhang et al., 2021), amino acids (Lee et al., 2019; Yuan et al., 2021), fatty acids (Liu et al., 2020; Sung et al., 2021), disease resistance (Vuong et al., 2015; Ravelombola et al., 2020; Vieira et al., 2022; McDonald et al., 2023), abiotic stress tolerance (Kaler et al., 2017; Wu et al., 2019; Saleem et al., 2022), agronomic traits (Ayalew et al., 2022; Cao et al., 2022; Yang et al., 2022), and root system (Seck et al., 2020; Rathore et al., 2022; Kim et al., 2023). However, only a few studies have implemented GWAS for soluble carbohydrates in soybean seeds (Lu et al., 2022; Xu et al., 2022).

In this study, a diverse panel of 220 soybean accessions and 21,317 polymorphic single nucleotide polymorphisms (SNPs) were used to conduct GWAS to identify significant marker-trait associations for sucrose and stachyose through a mixed linear model (MLM). Among the three main soluble carbohydrates, raffinose was excluded from this study due to the little phenotypic variation and non-Gaussian distribution in the accession panel. The gene function, protein interaction, biochemical pathway, and gene expression of potential candidate genes associated with sucrose and stachyose content were further studied.





Materials and methods




Accession panel selection and field experimental design

A diverse panel of 220 soybean plant introductions (PIs) was selected based on the 100-seed weight (> 23 g) and relevant maturity groups (MGs) from the USDA-ARS Soybean Germplasm Collection (https://www.ars-grin.gov/) (Supplementary Table 1). The panel included four MGs, III, IV, V, and VI, that originated from six countries (China, Japan, North Korea, South Korea, Taiwan, and the United States). The panel was grown at the Arkansas Agricultural Research and Extension Center (36.06 °N 94.16 °W) in Fayetteville, AR, and the Rice Research and Extension Center (34.47 °N 91.41 °W) in Stuttgart, AR, in 2014 (FAY_14 and STU_14, respectively) and 2015 (FAY_15 and STU_15, respectively). Each accession was planted in single 3-m rows spaced 75 cm apart in a randomized complete block design (RCBD) with two replications. In 2020 and 2021, the accessions were grown at the Fisher Delta Research, Extension, and Education Center (FDREEC) (36.42 °N 89.70 °W) in Portageville, MO (POR_20 and POR_21) and the Bradford Research and Extension Center (BREC) (38.89 °N 92.19 °W) in Columbia, MO (COL_21). Ten seeds of each accession were planted in 75 cm wide rows in hill plots spaced 30 cm apart at the FDREEC and 60 cm apart at the BREC. The experiments at FDREEC and BREC were planted in a RCBD design with two replications.





Soluble carbohydrate phenotyping

Soybean seeds of each accession in each replication were harvested at maturity. Ten seeds were sampled per plot to quantify soluble carbohydrates in the Soybean Genetics & Genomics Laboratory under the supervision of Dr. Henry Nguyen at the University of Missouri, Columbia. The content of soluble carbohydrates was measured using the established High-Performance Liquid Chromatography (HPLC) protocol described by Valliyodan et al. (2015). Briefly, around 1 g of soybean seeds was ground using Thomas Wiley Mini-Mill (Arthur Thomas Co., Chadds Ford, PA, USA) fitted with a 20-mesh screen. The soybean powder was then lyophilized for 48 hours using a Labconco freeze-dry system (Labconco, Kansas City, MO, USA). Precisely, 90.25 (± 0.15) mg of dried soybean powder was mixed with 900 μL HPLC-grade water in a 2 mL centrifuge tube. Each tube was incubated at 55°C, agitated at 200 rpm for an hour, and then vortexed for 30 seconds. After 20 minutes under room temperature, 900 μL HPLC- grade acetonitrile was added to each tube. Next, the suspension was centrifuged for 30 minutes at a 14.0 × 1000 min−1 × g speed. The supernatant was diluted five times with 65% HPLC-grade acetonitrile to prepare the final sample. The final samples were loaded on the Agilent HPLC-ELSD (Evaporative Light Scattering Detection) 120 series (Agilent, Santa Clara, CA, USA), equipped with the Prevail Carbohydrate ES columns (5 μm 250 × 4.6 mm) and guard columns (7.5 × 4.6 mm) (Grace Davison Discovery Sciences, Deerfield, IL, USA). Standard mixtures were prepared in HPLC-grade water with 50, 100, 300, 500, and 1000 μg/mL concentrations to create calibration curves.





Statistical analysis

Analysis of variance (ANOVA) was conducted using the GLM procedure of SAS software version 9.4 with ‘Genotype’ within ‘Maturity group’ as fixed effects and ‘Environment’, ‘Maturity group’, ‘Genotype × Environment’, and ‘Replication’ as random effects. The best linear unbiased prediction (BLUP) was computed using the lmer function in R software to minimize the effects of environmental variation and used as an additional environment in GWAS analysis. Pearson’s correlation coefficients between sucrose and stachyose were calculated using the chart.Correlation function in R software across environments and within each environment. The significant difference in mean values across seven environments between favorable and unfavorable alleles was determined using the PROC ANOVA function in the SAS software.





Genotype data processing

The SoySNP50K iSelect Beadchip data for the 220 PI lines were obtained from Soybase (https://www.soybase.org/). The SNPs with a minor allele frequency (MAF) less than 0.05 were removed using GAPIT (Lipka et al., 2012). A total of 21,317 SNPs were used for GWAS in this study. The number of filtered SNPs mapped across 20 soybean chromosomes ranged from 693 on Chr. 20 to 1,677 on Chr. 18, with an average of 1,066 SNPs (Supplementary Figure 1).





Population structure analysis and linkage disequilibrium estimation

Population structure was analyzed using the STRUCTURE software version 2.3.4 (Pritchard et al., 2000). The hypothetical number of subpopulations (K) from 2 to 9 was set with five independent iterations. For each run, the burn-in iteration and Markov Chain Monte Carlo replication were set at 10,000 and 25,000, respectively. Principal component analysis (PCA) was performed using TASSEL software version 5.0 (Bradbury et al., 2007). The Linkage disequilibrium (LD) block was calculated by computing correlation coefficients (r2) for all pairwise marker comparisons and visualized using Haploview software to identify potential candidate genes (Barrett et al., 2005). The kinship matrix was also generated by centered-IBS methods using TASSEL software.





Genome-wide association studies

Principal components (PCs) and a kinship matrix were incorporated in MLM as covariates to correct for population structure and cryptic relatedness. The MG was additionally used as a categorical covariate since the MG effects were significant on sucrose and stachyose based on ANOVA. The significant threshold of SNP-trait association at a P-value = 1.0 x 10-3 was suggested to identify consistent and significant SNPs across all environments. The GWAS was conducted for each environment and BLUP. Significant SNPs were determined when the SNP was identified in three or more environments. If multiple significant SNPs were detected within the same LD block, the most consistent SNP with the highest -log10(P) value was selected.





The gene function, protein interaction, and biochemical pathway of candidate genes

All potential candidate genes within the LD block of each significant SNP were obtained using Glycine max cv. Williams 82 reference-genome gene models version 2.0 in Soybase. Also, the predicted amino acid sequences of the potential candidate genes were obtained from Soybase and used to study the protein interaction network using the STRING database (https://string-db.org/) (Szklarczyk et al., 2019). Relevant candidate genes were selected based on the metabolic studies of carbohydrates. The most adjacent candidate gene was selected if no relevant candidate gene was found within the LD block. Gene ontology (GO) annotation was obtained to confirm the biological processes, cellular components, and molecular functions of the relevant candidate genes using Database for Annotation, Visualization and Integrated Discovery (DAVID) bioinformatics resources (http://david.ncifcrf.gov/) (Sherman et al., 2021).





Tissue-specific gene expression analysis

The RNA-Seq Atlas data, publicly available on Soybase (http://soybase.org/soyseq/), were used to compare the gene expression levels between the relevant candidate genes in 14 different soybean plant tissues, including young leaf, flower, 1-cm pod, pod shell 10 days after flowering (DAF), pod shell 14 DAF, seed 10 DAF, seed 14 DAF, seed 21 DAF, seed 25 DAF, seed 28 DAF, seed 35 DAF, seed 42 DAF, root, and nodule (Severin et al., 2010). The raw gene expression counts were normalized using a Reads Per Kilobase of transcript per Million mapped reads (RPKM) method. Highly expressed candidate genes were determined based on at least two gene expression levels of more than 10 RPKM in developing seed tissues (https://www.ebi.ac.uk/). Another large set of RNA-Seq databases of gene-level transcript abundances (https://soyatlas.venanciogroup.uenf.br/) was used for additional exploration in the differential gene expression across 19 parts of the soybean plant, including cotyledon, embryo, endosperm, epicotyl, flower, hypocotyl, leaf, nodule, petiole, pod, radicle, root, seed, seed coat, seedling, shoot, suspensor, unknown, and whole plant (Almeida-Silva et al., 2023). The raw gene expression counts were normalized using a Transcripts Per Million (TPM) method. Highly expressed candidate genes were determined based on the total gene expression level of more than 1000 TPM across all parts (https://www.ebi.ac.uk/).






Results




Evaluations of phenotypic data

The panel of 220 soybean accessions was tested for sucrose and stachyose content in seven environments. A summary of the phenotypic values of each environment is shown in Table 1. The highest mean value for sucrose was 7.3% in POR_20, with a range of 4.5% - 9.5%, while the lowest was 5.8% in STU_15, with a range of 4.1% - 8.4%. The coefficients of variation (CV) ranged from 11.0% (POR_20) to 14.4% (STU_14), and Shapiro-Wilk (w) values ranged from 0.974 (STU_15) to 0.995 (FAY_15). The highest mean value for stachyose was 4.5% in STU_14, with a range of 2.2% - 6.3%, while the lowest mean was 3.5% in FAY_15, with a range of 1.0% - 5.6%. The CV ranged from 16.2% (POR_21) to 25.5% (FAY_15), and Shapiro-Wilk (w) values ranged from 0.940 (STU_15) to 0.991 (FAY_15). Pearson’s correlations among environments for sucrose content varied from 0.26 (between STU_14 and POR_21) to 0.77 (between FAY_14 and STU_14) (Supplementary Figure 2). Pearson’s correlations among environments for stachyose content varied from 0.64 (between STU_14 and POR_21 and between STU_15 and COL_21) to 0.93 (between FAY_15 and POR_20). Also, Pearson’s correlation between sucrose and stachyose content was estimated to be significantly negative in three environments (FAY_14, FAY_15, and STU_15) and significantly positive in one environment (STU_14) (Supplementary Table 2). The ANOVA showed significant effects for ‘Genotype’ within maturity groups, ‘Environment’, ‘Maturity group’, and ‘Genotype X Environment’ for sucrose and stachyose content but no significant effect for ‘Replication’ (Supplementary Table 3).


Table 1 | Summary of sucrose and stachyose content in seven environments.







Population structure

The cryptic relatedness among 220 soybean accessions, estimated by kinship matrix and visualized in the heat map, indicated two distinct subpopulations (1 and 2) (Figure 1A). The PCA plot demonstrated that the two components accounted for 29.1% (PC1) and 8.4% (PC2) of genetic variation, which differentiate the two subpopulations (Figure 1B). The first subpopulation had 116 accessions with origins from China (4), Japan (79), North Korea (1), South Korea (22), Taiwan (6), and the United States within MG III (30), IV (43), V (21), and VI (22). The second subpopulation had 104 accessions with origins from China (2), Japan (2), North Korea (5), and South Korea (95) within MG III (1), IV (100), V (2), and VI (1). STRUCTURE analysis also suggested that the optimal number of subpopulations (K) was two among all genotypes (Figure 1C).




Figure 1 | Kinship and population structure analysis of 220 soybean accessions. (A) Kinship matrix visualized in the heat map. (B) PCA plot of the 220 soybean accessions. (C) The optimal number of subpopulations (K) in the accession panel.







Association study for sucrose and stachyose content

Manhattan and quantile-quantile (Q-Q) plots for each environment for sucrose and stachyose content are shown in Figures 2, 3, respectively. Across all environments, a total of 88 and 89 SNPs were associated with sucrose and stachyose content, respectively (Supplementary Table 4).




Figure 2 | Manhattan and quantile-quantile plots of sucrose for FAY_14 (Fayetteville in 2014), STU_14 (Stuttgart in 2014), FAY_15 (Fayetteville in 2015), STU_15 (Stuttgart in 2015), POR_20 (Portageville in 2020), COL_21 (Columbia in 2021), POR_21 (Portageville in 2021), and BLUP (across seven environments, an additional environment). SNP markers detected in three or more environments were considered significant SNPs using GWAS threshold -log10(P) > 3 (red dots on the top).






Figure 3 | Manhattan and quantile-quantile plots of stachyose for FAY_14 (Fayetteville in 2014), STU_14 (Stuttgart in 2014), FAY_15 (Fayetteville in 2015), STU_15 (Stuttgart in 2015), POR_20 (Portageville in 2020), COL_21 (Columbia in 2021), POR_21 (Portageville in 2021), and BLUP (across seven environments, an additional environment). SNP markers detected in three or more environments were considered significant SNPs using GWAS threshold -log10(P) > 3 (red dots on the top).



Seven out of 88 SNPs, identified in three or more environments for sucrose content, were considered significant SNPs. The seven significant SNPs were located on Chrs. 2 (ss715581183), 8 (ss715602502), 12 (ss715613179), 17 (ss715627820 and ss715627853), and 20 (ss715636857 and ss715637428) (Figure 2; Table 2). The SNP ss715602502 located at 47,286,262 bp on Chr. 8, identified in five environments (FAY_14, FAY_15, STU_15, COL_21, and BLUP), was the most consistent SNP for sucrose content. The SNPs ss715613179 located at 5,486,355 bp on Chr. 12 were identified in four environments: FAY_15, COL_21, POR_21, and BLUP. The SNP ss715627853 located at 41,440,620 bp on Chr. 17 were also identified in four environments: FAY_14, COL_21, POR_21, and BLUP (Table 2; Supplementary Table 4). The highest -log10 (P) value (5.2) was found on the SNP ss715627853 on Chr. 17. The MAF of the significant SNPs ranged from 0.05 (ss715627820) to 0.39 (ss715636857) (Table 2).


Table 2 | Significant SNPs associated with soybean sucrose and stachyose content identified in three or more environments using a mixed linear model.



Thirteen out of 89 SNPs, identified in three or more environments for stachyose content, were considered significant SNPs. The thirteen significant SNPs were located on Chrs. 2 (ss715583079 and ss715583119), 5 (ss715592340, ss715592442, and ss715591198), 8 (ss715601133), 9 (ss715603880 and ss715639178), 10 (ss715606330), 13 (ss715614101 and ss715615716), 14 (ss715617675), and 15 (ss715622806) (Figure 3; Table 2). The SNP ss715592442 located at 2,369,980 bp on Chr. 5, identified in seven environments (FAY_14, STU_14, FAY_15, STU_15, POR_20, COL_21, and BLUP), was the most consistent SNP for stachyose content. The SNP ss715583119 located at 44,448,179 bp on Chr. 2 for stachyose content was identified in six environments: FAY_14, FAY_15, STU_15, POR_20, COL_21, and BLUP (Table 2; Supplementary Table 4). The highest -log10 (P) value (5.0) was found on the SNP ss715592442 on Chr. 5. The MAF of the significant SNPs ranged from 0.08 (ss715606330) to 0.47 (ss715639178) (Table 2).





Allelic effect of significant SNPs for sucrose and stachyose content

The allelic effects of significant SNPs for sucrose and stachyose content were tested using mean values of favorable and unfavorable alleles across seven environments (Figure 4). An allele conferring higher sucrose content was designated a favorable allele. In contrast, an allele conferring lower stachyose content was designated a favorable allele. The favorable alleles of five SNPs, ss715581183 (Chr. 2), ss715613179 (Chr. 12), ss715627820 (Chr. 17), ss715627853 (Chr. 17), and ss715637428 (Chr. 20), were related to significantly higher sucrose content than unfavorable alleles (p-value < 0.001) (Figure 4A). However, two SNPs, ss715602502 (Chr. 8) and ss715636857 (Chr. 20), showed no significant difference between favorable and unfavorable alleles for sucrose content. The favorable alleles of eight SNPs, ss715583079 (Chr. 2), ss715583119 (Chr. 2), ss715601133 (Chr. 8), ss715603880 (Chr. 9), ss715606330 (Chr. 10), ss715614101 (Chr. 13), ss715617675 (Chr. 14), and ss715622806 (Chr. 15), were related to significantly lower stachyose content than unfavorable alleles (p-value < 0.001) (Figure 4B). However, the five SNPs, ss715592340 (Chr. 5), ss715592442 (Chr. 5), ss715591198 (Chr. 5), ss715639178 (Chr. 9), and ss715615716 (Chr. 13), showed no significant difference between favorable and unfavorable alleles for stachyose content. SNPs having no significant allelic effects, however, still showed favorable phenotypic trends across environments (Supplementary Figure 3). To evaluate the pyramiding effects of favorable alleles of significant SNPs, the variations of sucrose and stachyose content across seven environments were compared in the different numbers of favorable alleles (Table 3; Supplementary Table 5). The results showed that sucrose contents ranged from 5.7% ± 0.7 (none) to 7.9% ± 0.4 (six favorable alleles), and stachyose contents ranged from 2.0% ± 0.2 (13 favorable alleles) to 5.3% ± 0.0 (one favorable allele).




Figure 4 | Allelic effect of significant SNPs for sucrose (A) and stachyose (B) content using mean values of favorable and unfavorable alleles across seven environments. The allele conferring higher sucrose content was designated a favorable allele, while the allele conferring lower stachyose content was designated a favorable allele. ns, no significant; *, significant level p < 0.05; **, significant level p < 0.01; and ***, significant level p < 0.001.




Table 3 | The phenotypic variations of sucrose and stachyose contents across seven environments in the different numbers of favorable alleles of significant SNPs.







Prediction of potential candidate genes for sucrose and stachyose content

A total of 107 and 155 genes located within the LD blocks of significant SNPs were considered potential candidate genes for sucrose and stachyose, respectively (Supplementary Table 6). The estimated size of LD blocks varied from 6 Kbp to 528 Kbp with an average of 186 Kbp, which is slightly longer than that of previously tested cultivated soybeans (~150 Kbp) (Lam et al., 2010) (Supplementary Table 6).

Out of 107 genes, 17 relevant candidate genes for sucrose content were closely associated with carbohydrate metabolism (Table 4). Since no candidate gene related to carbohydrate metabolism was located within the LD block of ss715637428 for sucrose content, the most adjacent candidate gene to the significant SNP, Glyma.20g099600, was selected. The largest number of relevant candidate genes (seven) were found in the LD block of ss715602502 on Chr. 8 related to three sugar transporter-related genes, Glyma.08g360400, Glyma.08g360500, and Glyma.08g361200, and four other genes, Glyma.08g356800, Glyma.08g357200, Glyma.08g358700, and Glyma.08g358800, that interact with carbohydrate metabolism-related proteins (polygalacturonase, 1D-myo-inositol 3-kinase, mannosyl-oligosaccharide α-1,3-glucosidase, and UDP-sugar pyrophosphorylase, respectively). Also, four genes, Glyma.12g072800, Glyma.20g017400, Glyma.20g018000, and Glyma.20g018200, are involved in carbohydrate metabolism, while five genes, Glyma.02g129200, Glyma.17g257800, Glyma.17g258100, Glyma.17g260300, and Glyma.17g260400, have functional interactions with carbohydrate metabolism-related proteins.


Table 4 | The list of candidate genes associated with carbohydrate metabolic pathways, identified within the linkage disequilibrium block of significant SNPs.



Furthermore, GO annotation of the 17 relevant candidate genes for sucrose content confirmed six biological processes, including GO:0045490 (pectin catabolic process), GO:0006012 (galactose metabolic process), GO:0008643 (carbohydrate transport), GO:0006096 (glycolytic process), GO:0006004 (fucose metabolic process), and GO:0005975 (carbohydrate metabolic process) (Supplementary Table 7). Seven molecular functions were also confirmed, including GO:0030570 (pectate lyase activity), GO:0004335 (galactokinase activity), GO:0051119 (sugar transmembrane transporter activity), GO:0005366 (myo-inositol:proton symporter activity), GO:0004340 (glucokinase activity), GO:0005536 (glucose binding), and GO:0042973 (glucan endo-1,3-beta-D-glucosidase activity) (Supplementary Table 7).

Out of 155 genes, 24 relevant candidate genes for stachyose content were closely associated with carbohydrate metabolism (Table 4). Since a stachyose-associated significant SNP, ss715639178, showed no LD block range, the most adjacent gene, Glyma.09g124300, was selected as a candidate gene. Also, due to no candidate gene related to carbohydrate metabolism within the LD blocks of ss715603880 and ss715615716, the most adjacent genes, Glyma.09g044100 and Glyma.13g077900, were selected, respectively. The largest number of relevant candidate genes (four) were found in the LD block of ss715614101 on Chr. 13, where carbohydrate metabolism-related genes, Glyma.13g128300 (sugar kinase), Glyma.13g128400 (sugar kinase), Glyma.13g132700 (D-myo-inositol (1,4,5)-trisphosphate degradation), and Glyma.13g133800 (UDP-glucuronate decarboxylase), are located. Also, nine genes, Glyma.02g255100, Glyma.05g024800, Glyma.05g025300, Glyma.05g025400, Glyma.05g026800, Glyma.08g028600, Glyma.10g040700, Glyma.14g113100, and Glyma.15g275400, are involved in carbohydrate metabolism, while eight genes, Glyma.02g255400, Glyma.02g258000, Glyma.02g258200, Glyma.05g027100, Glyma.05g166800, Glyma.10g040000, Glyma.15g275300, and Glyma.15g276700, have functional interactions with carbohydrate metabolism-related proteins.

Furthermore, GO annotation of the 24 relevant candidate genes for stachyose content confirmed seven biological processes, including GO:0006486 (protein glycosylation), GO:0009969 (xyloglucan biosynthetic process), GO:0019323 (pentose catabolic process), GO:0006012 (galactose metabolic process), GO:0019252 (starch biosynthetic process), GO:0042732 (D-xylose metabolic process), and GO:0005975 (carbohydrate metabolic process) (Supplementary Table 7). Seven molecular functions were also confirmed, including GO:0016757 (glycosyltransferase activity), GO:0008107 (galactoside 2-alpha-L-fucosyltransferase activity), GO:0004335 (galactokinase activity), GO:0019200 (carbohydrate kinase activity), GO:0048040 (UDP-glucuronate decarboxylase activity), GO:0030247 (polysaccharide binding), and GO:0004650 (polygalacturonase activity) (Supplementary Table 7).





Tissue-specific gene expression analysis for relevant candidate genes

Two genes, Glyma.08g361200 and Glyma.17g258100, related to sucrose content had distinctively higher gene expression levels of 160 and 273 RPKM, respectively, than other candidate genes in the developing seeds from Seed 10 DAF to Seed 42 DAF (Figure 5A). Furthermore, these two genes showed the highest total TPM values (1,041 and 1,061 TPM, respectively) across 19 plant parts in soybean (Figure 5B). Glyma.17g258100 especially had considerably higher gene expression levels in seed and seed coats, while the gene expression of Glyma.08g361200 was distributed throughout the plant. The gene expression data of Glyma.12g072800 and Glyma.17g260300 (Figure 5A) and Glyma.08g358800 and Glyma.12g072800 (Figure 5B) was not available.




Figure 5 | Gene expression levels of the potential candidate genes in 14 different tissues and 19 parts of soybean plant for sucrose content (A, B, respectively) and stachyose content (C, D, respectively). The raw gene expression counts were normalized using a Reads Per Kilobase of transcript per Million mapped reads (RPKM) and a Transcripts Per Million (TPM) methods.



Four genes, Glyma.05g025300, Glyma.09g044100, Glyma.13g077900, and Glyma.13g133800, related to stachyose content, showed relatively higher gene expression levels (58, 76, 99, 71 RPKM, respectively) than other candidate genes in the developing seeds from Seed 10 DAF to Seed 42 DAF (Figure 5C). Glyma.05g025300 had the highest total gene expression level (1,625 TPM), followed by Glyma.13g077900 (1,450 TPM) across 19 plant parts in soybean (Figure 5D). Glyma.05g025300 had higher gene expression levels in leaf and shoots, while Glyma.13g077900 had a higher gene expression level in the epicotyl (embryonic shoot). The gene expression data of Glyma.13g128400 and Glyma.14g113100 (Figure 5C) and Glyma.05g026800, Glyma.09g124300, Glyma.13g128400, and Glyma.14g113100 (Figure 5D) was not available.






Discussion

In the current study, the sucrose and stachyose content showed significant phenotypic variations across the environments studied (Table 1). Similar to other seed composition traits, such as protein and oil, soluble carbohydrates are also influenced by diverse environmental factors, especially temperatures during pod-filling stages (Bandillo et al., 2015; Bilyeu and Wiebold, 2016). In a previous study, Bilyeu and Wiebold (2016) reported cooler temperatures during pod-filling stages increased sucrose content while decreasing stachyose content in soybeans. Among the environments studied, the POR_20 showed relatively cooler temperatures compared to the others during the pod-filling stages, while the STU_15 showed relatively warmer temperatures than the others (Supplementary Figure 4). The sucrose content of the POR_20 was the highest, and that of the STU_15 was the lowest, which followed the well-known relationship between temperature and sucrose content (Jo et al., 2018; Jo et al., 2019). On the other hand, the trend of stachyose content across environments was less influenced by temperature conditions, which the result was in good agreement with earlier reports by Kumar et al. (2010); Jo et al. (2018), who concluded that stachyose content was more genotype dependent. In future investigations, more geographically dispersed locations will be required to extensively test potential environmental influences on soluble carbohydrates.

Assessing multiple environment phenotypic datasets, a subset of 24 soybean accessions with either/both high sucrose and/or low stachyose content was selected for further genetic analysis and breeding applications (Table 5). Accessions PI 536547 B, PI 561288, and PI 549065 exhibited desirable soluble carbohydrate profiles with high sucrose (> 7.7%) and low stachyose content (< 2.3%), which are greatly beneficial to human and animal consumption (Jo et al., 2018; Sui et al., 2020). Field evaluations conducted in 2014 and 2015 showed these PI lines had larger seed sizes (> 29.0 g per 100 seeds) and high protein content (> 42.0%) on a dry weight basis. In particular, larger seed sizes and high sucrose and high protein content are essential quality parameters in soy-food production, including edamame, miso, and tofu (Konovsky et al., 1994; Zeipina et al., 2017; Jegadeesan and Yu, 2020). Interestingly, the soybean accessions with higher sucrose in this panel mainly originated from Japan. This indicated the historical selection in Japan was conducted based on the taste of soybean products for human uses, such as edamame, miso, natto, soy sauce, and tofu, of which sucrose is a main contributor to the sweetness of soybean products (Kaga et al., 2012; Rosset et al., 2012; Sui et al., 2020; Wang et al., 2023).


Table 5 | The list of promising soybean germplasm resources to modify soluble carbohydrate profiles for human and animal uses.



The current bottleneck of narrowed genetic diversity has been addressed by soybean breeders for decades. Breeding and commercializing soybean cultivars with desirable soluble carbohydrate profiles has been slowed down due to the limitation of genetic sources, although the importance has been continuously expressed to meet global premium demand. Besides those PI lines mentioned above, we employed two additional accessions, PI 506937 and PI 506593, with desirable carbohydrate profiles for developing bi-parental mapping populations in an on-going effort to characterize the genetic architecture of carbohydrate composition traits. We anticipate these PI lines could be useful as novel genetic resources for breeders to develop new specialty soybean cultivars with modified soluble carbohydrate content.

For decades, different analysis models have been developed and utilized for GWAS. Among these, MLM is one of the most popular models, which incorporates population structure and kinship as covariates to reduce false positives and increase the statistical power in identifying significant marker-trait associations (Yu et al., 2005; Ficht et al., 2022). In the current study, the MG effect was significant on sucrose and stachyose content (Supplementary Table 3). Therefore, the corresponding MG of each genotype was additionally incorporated as a categorical covariate to reduce the potential bias derived from the MG differences (Supplementary Table 1). The relatively smaller panel size (< 300) could be a limitation for GWAS, although it contains four MGs and six origins. To declare a significant SNP, we tested a typical Bonferroni Correction using a stringent threshold (-log10(P) = 5.6); however, no significant SNP was detected. Thus, a general consensus value of 0.001 (-log10(P) = 3.0) was used as a significant cut-off value to detect significant SNPs (Hwang et al., 2014).

Using phenotypic data of each environment and estimated BLUP, seven significant SNPs for sucrose content were identified across five chromosomes (Chrs. 2, 8, 12, 17, and 20) (Figure 2 and Table 2). Among them, four SNPs were confirmed to be close to previously reported sucrose-related genomic regions. Hu et al. (2023) reported a significant SNP (-log10(P) = 3.3) associated with fructose, which was located in the same region as ss715581183 at 13,523,639 bp on Chr. 2. Fructose is one of the monosaccharides that comprise the sucrose molecule. Lu et al. (2022) reported a significant SNP (-log10(P) = 8.8) associated with total soluble carbohydrate at 5,036,567 bp on Chr. 12, which was mapped approximately 449 Kbp downstream of ss715613179 (5,486,355 bp). Total soluble carbohydrates were positively correlated with sucrose in soybeans (Hou et al., 2009). Also, Kim et al. (2006) reported a sucrose-related QTL (‘Seed Sucrose 3-4’ at Soybase, LOD = 8.4) associated with the marker Satt442 at 6,390,806 - 6,391,062 bp on Chr. 12, which is mapped approximately 904 Kbp upstream of ss715613179. Based on only 110 markers used by Kim et al. (2006), the distance of less than a million bp between the two markers was considered significant. Patil et al. (2018) reported a sucrose-related QTL, qSUC_20 (LOD = 3.8), at 2,386,021 - 2,558,940 bp on Chr. 20, which was mapped approximately 478 Kbp upstream of ss715636857 (1,907,881 bp). Wang et al. (2023) also reported a sucrose-related SNP (-log10(P) = 2.9) at 34,981,501 bp on Chr. 20, which was mapped approximately 690 Kbp upstream of ss715637428 (34,286,637 bp). Another marker, Satt270 (35,362,576 - 35,362,794 bp), on Chr. 20 was reported as an associated marker to a sucrose-related QTL (LOD = 1.9). It was mapped approximately 1 Mbp upstream of ss715637428 (Wang et al., 2014). Three SNPs, ss715602502 on Chr. 8, ss715627820 and ss715627853 on Chr. 17, are novel for sucrose content in soybean.

Thirteen significant SNPs for stachyose content were identified across eight chromosomes (Chrs. 2, 5, 8, 9, 10, 13, 14, and 15) (Figure 3; Table 2). Unlike sucrose, only one SNP was confirmed to be close to the previously reported stachyose/oligosaccharides-related genomic regions. Kim et al. (2005) reported a stachyose-related QTL marker (‘Seed Oligosaccharide 1-1’ at Soybase, LOD = 7.7) associated with the marker Satt546 at 40,699,300 - 40,699,539 bp on Chr. 2, which was mapped approximately 3.5 Mbp downstream of ss715583079 (44,214,908 bp). The other 12 SNPs identified in this study have not been previously reported and were considered novel SNPs for stachyose content in soybean. Historically, soybean breeding programs have been more interested in sucrose than stachyose, resulting in more than twice as many sucrose-related QTL/SNPs published in the Soybase (https://soybase.org).

In the current study, ss715602502 on Chr. 8 was the most consistent SNP significantly associated with sucrose content, followed by ss715613179 on Chr. 12 and ss715627853 on Chr. 17 (Figure 2; Supplementary Table 4). However, ss715602502 had no significant allelic effect on sucrose content (Figure 4A). This phenomenon has been explained by the fact that not all variants are causally associated with a trait, and the association can be indirect (MacArthur et al., 2014; Gallagher and Chen-Plotkin, 2018; Schaid et al., 2019). Despite no significant allelic effect of ss715602502, the estimated LD block contained seven candidate genes underlying carbohydrate transport/metabolism (Table 4 and Supplementary Tables 6, 7). Among these, two genes, Glyma.08g360400 and Glyma.08g360500, were reported to belong to the SWEET (Sugars Will Eventually be Exported Transporters) gene family (SWEET25 and SWEET26, respectively), which play essential roles in transporting glucose molecules across a membrane (Patil et al., 2015). The most consistent significant SNP for stachyose content, ss715592442 on Chr. 5, was identified in seven environments. The SNP ss715583119 on Chr. 2 was identified in six environments (Figure 3; Supplementary Table 4). Like sucrose, ss715592442 and ss715583119 had no significant allelic effect on stachyose content. The estimated LD blocks contained carbohydrate metabolism-related genes, including glycosyltransferase family 64 protein c4 (Glyma.05g026800), sucrose synthase (Glyma.05g027100), glycosyltransferases (Glyma.02g258000), and clathrin propeller repeat (Glyma.02g258200) (Figure 4B; Table 4). The biological process of Glyma.02g258200 is to route acidic α-galactosidases to protein storage vacuoles, and it is known to facilitate the accumulation of RFOs during seed development in pea (Blöchl et al., 2008). Therefore, integrative post-GWAS analyses, including protein interaction, metabolic pathway, biological function, cellular component, and molecular function, are crucial to comprehensively understand the variants/candidate genes identified in GWAS (Jia et al., 2011).

Two candidate genes associated with sucrose, Glyma.08g361200 and Glyma.17g258100, showed high gene expression levels in the developing seed tissues and total expression levels across 19 different parts of the soybean plant (Figures 5A, B). The molecular function of Glyma.08g361200 is myo-inositol:proton symporter activity, which is responsible for transferring myo-inositol from one side of a membrane to the other (Supplementary Table 7). Myo-inositol is essential for galactinol biosynthesis, and galactinol plays a key role in the chain elongation of sucrose to RFOs (Saravitz et al., 1987; Irvine and Schell, 2001). However, no information was available for Glyma.17g258100 in the GO database. Instead, based on Phytozome and STRING database, it is responsible for gibberellin-regulated protein and protein interaction with xyloglucan endotransglucosylase/hydrolase (Table 4). Xyloglucan endotransglucosylase/hydrolase catalyzes the cleavage of the main chain of xyloglucan molecules until only glucose, xylose, and galactose are produced, of which glucose is an essential component of the sucrose metabolism (Buckeridge, 2023).

Two candidate genes, Glyma.05g025300 and Glyma.13g077900, showed high total gene expression levels for stachyose content in developing seed tissues and total expression levels across 19 different parts of the soybean plant (Figures 5C, D). Unlike sucrose, these genes showed relatively higher gene expression levels in leaf, shoot, and epicotyl (embryonic shoot) than in seed and seed coats. This suggested that stachyose content may be affected by genes expressed not only in the developing seed but also in aerial parts, including leaf and shoot. The raffinose synthase 3 gene (Glyma.05g003900, Wm82.a2.v1), widely used in soybean breeding programs to reduce RFOs, also has the highest expression level in shoots, followed by petioles and leaves in soybean (Supplementary Figure 5). The gene, Glyma.05g025300, is responsible for the carbohydrate metabolic process (GO:0005975), while Glyma.13g077900 is responsible for the proton-transporting V-type ATPase (GO:0033179) (Supplementary Table 7). In plants, V-type ATPase plays an important role in regulating signaling events in response to diverse environmental stimuli (Elmore and Coaker, 2011). Therefore, this confirmed that stachyose is also known to play an important role in protection against abiotic stress, such as salinity, cold, and drought in plants (Mundree et al., 2002; ElSayed et al., 2014; Zhang et al., 2019; Yan et al., 2022).

To date, three major genes, Glyma.05g003900 (raffinose synthase 3, RS3), Glyma.06g179200 (raffinose synthase 2, RS2), and Glyma.11g238800 (D-myo-inositol-3-phosphate synthase 1, MIPS1), primarily responsible for increased sucrose and reduced RFOs, have been identified. Even though molecular markers related to these genes have been utilized for marker-assisted selection (MAS) breeding, a limited number of soybean cultivars for human and animal consumption have been developed and commercialized. Recently, Benson Hill, Inc. (https://bensonhill.com/) announced the release of a new soybean cultivar with ultra-high protein and low RFOs content, coupled with other improved agronomic traits. In this study, we reported new genomic regions harboring candidate genes associated with increased sucrose and reduced stachyose, which did not overlap with the known genes, RS2, RS3, and MIPS1. Therefore, the promising soybean germplasms and novel genetic sources newly identified in this study would be critical to broadening germplasm resources and enriching our understanding of the genetic architecture for the development of new soybean cultivars for animal feed efficiency and natural sweetness in human consumption. Future studies, including genome-editing technologies, a fine-mapping strategy, and molecular marker development, will be required for the functional validation of the novel findings in this study.





Conclusion

This study identified three and 12 novel SNPs associated with sucrose and stachyose content, respectively, through a GWAS using 220 soybean accessions. Four novel candidate genes for sucrose (Glyma.08g361200 and Glyma.17g258100) and stachyose (Glyma.05g025300 and Glyma.13g077900) content were further identified. We also reported three promising lines (PI 536547 B, PI 561288, and PI 549065) as germplasm resources that can be valuable for developing new soybean cultivars with desirable soluble carbohydrate profiles. The novel discoveries in this study will extend the current knowledge of the genetic basis underlying sucrose and stachyose content in soybean seed. Overall, new genetic resources will benefit soybean breeders in modifying carbohydrate profiles to meet the high demand for animal and human consumption.





Data availability statement

The datasets presented in this study can be found in online repositories. The names of the repository/repositories and accession number(s) can be found in the article/Supplementary Material.





Author contributions

DL: Data curation, Formal Analysis, Investigation, Methodology, Writing – original draft, Writing – review & editing. LL: Data curation, Formal Analysis, Investigation, Methodology, Writing – review & editing. DM: Formal Analysis, Methodology, Data curation, Investigation, Writing – review & editing. TV: Conceptualization, Data curation, Formal Analysis, Investigation, Methodology, Supervision, Writing – original draft, Writing – review & editing. GS: Conceptualization, Funding acquisition, Methodology, Project administration, Supervision, Writing – original draft, Writing – review & editing. DX: Methodology, Writing – review & editing. HN: Conceptualization, Funding acquisition, Methodology, Project administration, Supervision, Writing – original draft, Writing – review & editing.





Funding

The author(s) declare financial support was received for the research, authorship, and/or publication of this article. This research was funded by the United Soybean Board (USB). This research was also funded by the Paul K. and Diane Shumaker Endowment Fund to DX.




Acknowledgments

The authors would like to thank the United Soybean Board (USB) for the financial support and Haiying Shi for the technical support in HPLC. Last but not least, we would like to acknowledge Dr. Pengyin Chen who led this project, though sadly, he is no longer with us.





Conflict of interest

The authors declare that the research was conducted in the absence of any commercial or financial relationships that could be construed as a potential conflict of interest.





Supplementary material

The Supplementary Material for this article can be found online at: https://www.frontiersin.org/articles/10.3389/fpls.2023.1294659/full#supplementary-material




References

 Akond, M., Liu, S., Kantartzi, S. K., Meksem, K., Bellaloui, N., Lightfoot, D. A., et al. (2015). Quantitative trait loci underlying seed sugars content in “MD96-5722” by “Spencer” Recombinant inbred line population of soybean. Food Nutr. Sci. 6, 964–973. doi: 10.4236/fns.2015.611100

 Almeida-Silva, F., Pedrosa-Silva, F., and Venancio, T. M. (2023). The soybean expression atlas v2: a comprehensive database of over 5000 RNA-seq samples. bioRxiv 28, 538661. doi: 10.1101/2023.04.28.538661

 American Soybean Association (2021) Soystats. Available at: http://soystats.com.

 APPA American Pet Products Association (2023). Pet Industry Market Size, Trends & Ownership Statistics (Stamford, CT: APPA). Available at: https://www.americanpetproducts.org/press_industrytrends.asp.

 Ayalew, H., Schapaugh, W., Vuong, T., and Nguyen, H. T. (2022). Genome-wide association analysis identified consistent QTL for seed yield in a soybean diversity panel tested across multiple environments. Plant Genome 15 (4), e20268. doi: 10.1002/tpg2.20268

 Bandillo, N., Jarquin, D., Song, Q., Nelson, R., Cregan, P., Specht, J., et al. (2015). A population structure and genome-wide association analysis on the USDA soybean germplasm collection. Plant Genome 8, 1–13. doi: 10.3835/plantgenome2015.04.0024

 Barrett, J. C., Fry, B., Maller, J., and Daly, M. J. (2005). Haploview: analysis and visualization of LD and haplotype maps. Bioinformatics 21 (2), 263–265. doi: 10.1093/bioinformatics/bth457

 Bilyeu, K., and Wiebold, W. J. (2016). Environmental stability of seed carbohydrate profiles in soybeans containing different alleles of the raffinose synthase 2 (RS2) gene. J. Agric. Food Chem. 64, 1071–1078. doi: 10.1021/acs.jafc.5b04779

 Blöchl, A., Peterbauer, T., Hofmann, J., and Richter, A. (2008). Enzymatic breakdown of raffinose oligosaccharides in pea seeds. Planta 228, 99–110. doi: 10.1007/s00425-008-0722-4

 Bradbury, P. J., Zhang, Z., Kroon, D. E., Casstevens, T. M., Ramdoss, Y., and Buckler, E. S. (2007). TASSEL: software for association mapping of complex traits in diverse samples. Bioinformatics 23, 2633–2635. doi: 10.1093/bioinformatics/btm308

 Buckeridge, M. S. (2023). “The diversity of plant carbohydrate hydrolysis in nature and technology,” in Polysaccharide-Degrading Biocatalysts. Eds.  R. Goldbeck, and P. Poletto (Cambridge, MA, USA: Academic Press), 55–74.

 Cao, Y., Jia, S., Chen, L., Zeng, S., Zhao, T., and Karikari, B. (2022). Identification of major genomic regions for soybean seed weight by genome-wide association study. Mol. Breed. 42 (7), 38. doi: 10.1007/s11032-022-01310-y

 Coon, C. N., Leske, K. L., Akavanichan, O., and Cheng, T. K. (1990). Effect of oligosaccharide-free soybean meal on true metabolizable energy and fiber digestion in adult roosters. Poult Sci. 69, 787–793. doi: 10.3382/ps.0690787

 Cunicelli, M. J., Bhandari, H. S., Chen, P., Sams, C. E., Rouf Mian, M. A., Mozzoni, L. A., et al. (2019). Effect of a mutant Danbaekkong allele on soybean seed yield, protein, and oil concentration. J. Am. Oil Chem. Soc. 96 (8), 927–935. doi: 10.1002/aocs.12261

 Elmore, J. M., and Coaker, G. (2011). The role of the plasma membrane H+-ATPase in plant–microbe interactions. Mol. Plant 4 (3), 416–427. doi: 10.1093/mp/ssq083

 ElSayed, A. I., Rafudeen, M. S., and Golldack, D. (2014). Physiological aspects of raffinose family oligosaccharides in plants: protection against abiotic stress. Plant Biol. 16 (1), 1–8. doi: 10.1111/plb.12053

 Ficht, A., Bruce, R., Torkamaneh, D., Grainger, C. M., Eskandari, M., and Rajcan, I. (2022). Genetic analysis of sucrose concentration in soybean seeds using a historical soybean genomic panel. Theor. Appl. Genet. 135, 1375–1383. doi: 10.1007/s00122-022-04040-z

 Gallagher, M. D., and Chen-Plotkin, A. S. (2018). The post-GWAS era: from association to function. Am. J. Hum. Genet. 102, 717–730. doi: 10.1016/j.ajhg.2018.04.002

 Guillon, F., and Champ, M. M. J. (2002). Carbohydrate fractions of legumes: Uses in human nutrition and potential for health. Br. J. Nutr. 88, S293–S306. doi: 10.1079/BJN2002720

 Hou, A., Chen, P., Alloatti, J., Li, D., Mozzoni, L., Zhang, B., et al. (2009). Genetic variability of seed sugar content in worldwide soybean germplasm collections. Crop Sci. 49 (3), 903–912. doi: 10.2135/cropsci2008.05.0256

 Hsu, S. H., Hadley, H. H., and Hymow, T. (1973). Changes in carbohydrate contents of germinating soybean seeds. Crop Sci. 13, 407–410. doi: 10.2135/cropsci1973.0011183X001300040004x

 Hu, L., Wang, X., Zhang, J., Florez-Palacios, L., Song, Q., and Jiang, G. L. (2023). Genome-wide detection of quantitative trait loci and prediction of candidate genes for seed sugar composition in early mature soybean. Int. J. Mol. Sci. 24 (4), 3167. doi: 10.3390/ijms24043167

 Hwang, E. Y., Song, Q., Jia, G., Specht, J. E., Hyten, D. L., Costa, J., et al. (2014). A genome-wide association study of seed protein and oil content in soybean. BMC Genomics 15, 1. doi: 10.1186/1471-2164-15-1

 Irvine, R. F., and Schell, M. J. (2001). Back in the water: the return of the inositol phosphates. Nat. Rev. Mol. Cell Biol. 2, 327–338. doi: 10.1038/35073015

 Jegadeesan, S., and Yu, K. (2020). “Food grade soybean breeding, current status and future directions,” in Legume Crops: Prospects, Production and Uses. Ed.  M. Hasanuzzaman (London, UK: IntechOpen), 51–78.

 Jia, P., Zheng, S., Long, J., Zheng, W., and Zhao, Z. (2011). dmGWAS: dense module searching for genome-wide association studies in protein–protein interaction networks. Bioinformatics 27 (1), 95–102. doi: 10.1093/bioinformatics/btq615

 Jo, H., Lee, J. D., and Bilyeu, K. D. (2018). Environmental stability of carbohydrate profiles in different soybean genotypes. Crop Sci. 58, 773–782. doi: 10.2135/cropsci2017.08.0497

 Jo, H., Lorenz, A. J., Rainey, K. M., Shannon, G., Chen, P., and Bilyeu, K. D. (2019). Environmental stability study of soybeans with modified carbohydrate profiles in maturity groups 0 to V. Crop Sci. 59, 1531–1543. doi: 10.2135/cropsci2018.09.0600

 Kaga, A., Shimizu, T., Watanabe, S., Tsubokura, Y., Katayose, Y., Harada, K., et al. (2012). Evaluation of soybean germplasm conserved in NIAS genebank and development of mini core collections. Breed. Sci. 61 (5), 566–592. doi: 10.1270/jsbbs.61.566

 Kaler, A. S., Ray, J. D., Schapaugh, W. T., King, C. A., and Purcell, L. C. (2017). Genome-wide association mapping of canopy wilting in diverse soybean genotypes. Theor. Appl. Genet. 130, 2203–2217. doi: 10.1007/s00122-017-2951-z

 Karr-Lilienthal, L. K., Grieshop, C. M., Spears, J. K., and Fahey, G. C. Jr. (2005). Amino acid, carbohydrate, and fat composition of soybean meals prepared at 55 commercial U.S. soybean processing plants. J. Agric. Food Chem. 53, 2146–2150. doi: 10.1021/jf048385i

 Kim, H. K., Kang, S. T., Cho, J. H., Choung, M. G., and Suh, D. Y. (2005). Quantitative trait loci associated with oligosaccharide and sucrose contents in soybean (Glycine max L.). J. Plant Biol. 48, 106–112. doi: 10.1007/BF03030569

 Kim, H. K., Kang, S. T., and Oh, K. W. (2006). Mapping of putative quantitative trait loci controlling the total oligosaccharide and sucrose content of Glycine max seeds. J. Plant Res. 119, 533–538. doi: 10.1007/s10265-006-0004-9

 Kim, S. H., Tayade, R., Kang, B. H., Hahn, B. S., Ha, B. K., and Kim, Y. H. (2023). Genome-wide association studies of seven root traits in soybean (Glycine max L.) landraces. Int. J. Mol. Sci. 24 (1), 873. doi: 10.3390/ijms24010873

 Konovsky, J., Lumpkin, T. A., and McClary, D. (1994). “Edamame: The vegetable soybean,” in Understanding the Japanese food and agrimarket: A multifaceted opportunity. Ed.  A. D. O’Rourke (Boca Raton, FL, USA: CRC Press), 173–181.

 Kumar, V., Rani, A., Goyal, L., Dixit, A. K., Manjaya, J. G., Dev, J., et al. (2010). Sucrose and raffinose family oligosac- charides (RFOs) in soybean seeds as influenced by genotype and growing location. J. Agric. Food Chem. 58, 5081–5085. doi: 10.1021/jf903141s

 Lam, H., Xu, X., Liu, X., Chen, W., Yang, G., Wong, F., et al. (2010). Resequencing of 31 wild and cultivated soybean genomes identifies patterns of genetic diversity and selection. Nat. Genet. 42, 1053–1059. doi: 10.1038/ng.715

 Le, H., Nguyen, N. H., Ta, D. T., Le, T. N.T., Bui, T. P., Le, N. T., et al. (2020). CRISPR/Cas9-mediated knockout of galactinol synthase-encoding genes reduces raffinose family oligosaccharide levels in soybean seeds. Front. Plant Sci. 11. doi: 10.3389/fpls.2020.612942

 Lee, S., Van, K., Sung, M., Nelson, R., LaMantia, J., McHale, L. K., et al. (2019). Genome-wide association study of seed protein, oil and amino acid contents in soybean from maturity groups I to IV. Theor. Appl. Genet. 132, 1639–1659. doi: 10.1007/s00122-019-03304-5

 Li, D., Zhao, X., Han, Y., Li, W., and Xie, F. (2019). Genome-wide association mapping for seed protein and oil contents using a large panel of soybean accessions. Genomics 111 (1), 90–95. doi: 10.1016/j.ygeno.2018.01.004

 Lipka, A. E., Tian, F., Wang, Q., Peiffer, J., Li, M., Bradbury, P. J., et al. (2012). GAPIT: Genome association and prediction integrated tool. Bioinformatics 28, 2397–2399. doi: 10.1093/bioinformatics/bts444

 Liu, K. (1997). “Chemistry and nutritional value of soybean components,” in Soybeans. Ed.  K. Liu (US: Springer), 25–113.

 Liu, X., Qin, D., Piersanti, A., Zhang, Q., Miceil, C., and Wang, P. (2020). Genome-wide association study identifies candidate genes related to oleic acid content in soybean seeds. BMC Plant Biol. 20, 399. doi: 10.1186/s12870-020-02607-w

 Lu, W., Sui, M., Zhao, X., Jia, H., Han, D., Yan, X., et al. (2022). Genome-Wide Identification of Candidate Genes Underlying Soluble Sugar Content in Vegetable Soybean (Glycine max L.) via Association and Expression Analysis. Front. Plant Sci. 13, 930639. doi: 10.3389/fpls.2022.930639

 MacArthur, D. G., Manolio, T. A., Dimmock, D. P., Rehm, H. L., Shendure, J., Abecasis, G. R., et al. (2014). Guidelines for investigating causality of sequence variants in human disease. Nature 508, 469–476. doi: 10.1038/nature13127

 Maughan, P. J., Saghai Maroof, M. A., and Buss, G. R. (2000). Identification of quantitative trait loci controlling sucrose content in soybean (Glycine max). Mol. Breed. 6, 105–111. doi: 10.1023/A:1009628

 McDonald, S., Buck, J., Song, Q., and Li, Z. (2023). Genome-wide association study reveals novel loci and a candidate gene for resistance to frogeye leaf spot (Cercospora sojina) in soybean. Mol. Genet. Genomics 298, 441–454. doi: 10.1007/s00438-022-01986-z

 Mundree, S. G., Baker, B., Mowla, S., Peters, S., Marais, S., Willigen, C. V., et al. (2002). Physiological and molecular insights into drought tolerance. Afr. J. Biotechnol. 1 (2), 28–38. doi: 10.5897/AJB2002.000-006

 Patil, G., Valliyodan, B., Deshmukh, R., Prince, S., Nicander, B., Zhao, M., et al. (2015). Soybean (Glycine max) SWEET gene family: insights through comparative genomics, transcriptome profiling and whole genome re-sequence analysis. BMC Genomics 16, 520. doi: 10.1186/s12864-015-1730-y

 Patil, G., Vuong, T. D., Kale, S., Valliyodan, B., Deshmukh, R., Zhu, C., et al. (2018). Dissecting genomic hotspots underlying seed protein, oil, and sucrose content in an interspecific mapping population of soybean using high-density linkage mapping. Plant Biotechnol. J. 16, 1939–1953. doi: 10.1111/pbi.12929

 Pritchard, J. K., Stephens, M., and Donnelly, P. (2000). Inference of population structure using multilocus genotype data. Genetics 155, 945–959. doi: 10.1093/genetics/155.2.945

 Qin, P., Wang, T., and Luo, Y. (2022). A review on plant-based proteins from soybean: Health benefits and soy product development. J. Agric. Food Res. 7, 100265. doi: 10.1016/j.jafr.2021.100265

 Rathore, P., Dumenyo, K., and Taheri, A. (2022). Genome-Wide Association study for root system architecture traits in field Soybean [Glycine max (L.) Merr.]. Authorea. doi: 10.22541/au.167146736.60840320/v1

 Ravelombola, W. S., Qin, J., Shi, A., Nice, L., Bao, Y., Lorenz, A., et al. (2020). Genome-wide association study and genomic selection for tolerance of soybean biomass to soybean cyst nematode infestation. PloS One 15 (7), e0235089. doi: 10.1371/journal.pone.0235089

 Ritchie, H., and Roser, M. (2021). Forests and deforestation (OurworldInData.org). Available at: https://ourworldindata.org/forests-and-deforestation.

 Rosset, M., Prudencio, S. H., and Beleia, A. D. P. (2012). Viscozyme L action on soy slurry affects carbohydrates and antioxidant properties of silken tofu. Food Sci. Technol. Int. 18, 531–538. doi: 10.1177/1082013211433076

 Saghai Maroof, M. A., and Buss, G. R. (2011). Low phytic acid, low stachyose, high sucrose soybean lines. U.S. Patent No. 8,003,856. (Washington, DC: U.S. Patent and Trademark Office).

 Salari, M. W., Ongom, P. O., Thapa, R., Nguyen, H. T., Vuong, T. D., and Rainey, K. M. (2021). Mapping QTL controlling soybean seed sucrose and oligosaccharides in a single family of soybean nested association mapping (SoyNAM) population. Plant Breed. 140, 110–122. doi: 10.1111/pbr.12883

 Saleem, A., Roldán-Ruiz, I., Aper, J., and Muylle, H. (2022). Genetic control of tolerance to drought stress in soybean. BMC Plant Biol. 22, 615. doi: 10.1186/s12870-022-03996-w

 Saravitz, D. M., Pharr, D. M., and Carter, T. E. (1987). Galactinol synthase activity and soluble sugars in developing seeds of four soybean genotypes. Plant Physiol. 83, 185–189. doi: 10.1104/pp.83.1.185

 Schaid, D. J., Chen, W., and Larson, N. S. (2019). From genome-wide associations to candidate causal variants by statistical fine-mapping. Natl. Library Med. 19 (8), 491–504. doi: 10.1038/s41576-018-0016-z

 Seck, W., Torkamaneh, D., and Belzile, F. (2020). Comprehensive genome-wide association analysis reveals the genetic basis of root system architecture in soybean. Front. Plant Sci. 11. doi: 10.3389/fpls.2020.590740

 Severin, A., Woody, J. L., Bolon, Y. T., Joseph, B., Diers, B. W., Farmer, A. D., et al. (2010). RNA-Seq Atlas of Glycine max: A guide to the soybean transcriptome. BMC Plant Biol. 10, 160. doi: 10.1186/1471-2229-10-160

 Sherman, B. T., Hao, M., Qiu, J., Jiao, X., Baseler, M. W., Lane, H. C., et al. (2021). DAVID: a web server for functional enrichment analysis and functional annotation of gene lists. Nucleic Acids Res. 50 (W1), W216–W221. doi: 10.1093/nar/gkac194

 Skoneczka, J. A., Saghai Maroof, M. A., Shang, C., and Buss, G. R. (2009). Identification of candidate gene mutation associated with low stachyose phenotype in soybean line PI200508. Crop Sci. 49, 247–255. doi: 10.2135/cropsci2008.07.0403

 Sui, M., Wang, Y., Bao, Y., Wang, X., Li, R., Lv, Y., et al. (2020). Genome-wide association analysis of sucrose concentration in soybean (Glycine max L.) seed based on high-throughput sequencing. Plant Genome 13 (3), e20059. doi: 10.1002/tpg2.20059

 Sung, M., Van, K., Lee, S., Nelson, R., LaMantia, J., Taliercio, E., et al. (2021). Identification of SNP markers associated with soybean fatty acids contents by genome-wide association analyses. Mol. Breed. 41, 27. doi: 10.1007/s11032-021-01216-1

 Szklarczyk, D., Gable, A. L., Lyon, D., Junge, A., Wyder, S., Huerta-Cepas, J., et al. (2019). STRING v11: protein–protein association networks with increased coverage, supporting functional discovery in genome-wide experimental datasets. Nucleic Acids Res. 47, D607–D613. doi: 10.1093/nar/gky1131

 Valliyodan, B., Shi, H., and Nguyen, H. T. (2015). A simple analytical method for high-throughput screening of major sugars from soybean by normal-phase HPLC with evaporative light scattering detection. Chromatogr. Res. Int. 2015, 8. doi: 10.1155/2015/757649

 Vieira, C. C., Zhou, J., Usovsky, M., Vuong, T., Howland, A. D., Lee, D., et al. (2022). Exploring machine learning algorithms to unveil genomic regions associated with resistance to southern root-knot nematode in soybeans. Front. Plant Sci. 13. doi: 10.3389/fpls.2022.883280

 Vuong, T. D., Sonah, H., Deshmukh, R., Kadam, S., Meinhardt, C. G., Nelson, R., et al. (2015). Genetic architecture of cyst nematode resistance revealed by genome-wide association study in soybean. BMC Genomics 16, 593–604. doi: 10.1186/s12864-015-1811-y

 Wang, Y., Chen, P., and Zhang, B. (2014). Quantitative trait loci analysis of soluble sugar contents in soybean. Plant Breed. 133 (4), 493–498. doi: 10.1111/pbr.12178

 Wang, Z., Yu, D., Morota, G., Dhakal, K., Singer, W., Lord, N., et al. (2023). Genome-wide association analysis of sucrose and alanine contents in edamame beans. Front. Plant Sci. 13. doi: 10.3389/fpls.2022.1086007

 Wu, C., Mozzoni, L. A., Moseley, D., Hummer, W., Ye, H., Chen, P., et al. (2019). Genome-wide association mapping of flooding tolerance in soybean. Mol. Breed. 40, 4. doi: 10.1007/s11032-019-1086-0

 Xu, W., Liu, H., Li, S., Zhang, W., Wang, Q., Zhang, H., et al. (2022). GWAS and identification of candidate genes associated with seed soluble sugar content in vegetable soybean. Agronomy 12 (6), 1470. doi: 10.3390/agronomy12061470

 Yan, S., Liu, Q., Li, W., Yan, J., and Fernie, A. R. (2022). Raffinose family oligosaccharides: crucial regulators of plant development and stress responses. Crit. Rev. Plant Sci. 41 (4), 286–303. doi: 10.1080/07352689.2022.2111756

 Yang, G., Li, W., Fan, C., Liu, M., Liu, J., Liang, W., et al. (2022). Genome-wide association study uncovers major genetic loci associated with flowering time in response to active accumulated temperature in wild soybean population. BMC Genomics 23, 749. doi: 10.1186/s12864-022-08970-2

 Yoosefzadeh-Najafabadi, M., Rajcan, I., and Vazin, M. (2022). High-throughput plant breeding approaches: Moving along with plant-based food demands for pet food industries. Front. Vet. Sci. 9, 991844. doi: 10.3389/fvets.2022.991844

 Yu, J., Pressoir, G., Briggs, W. H., Bi, I. V., Yamasaki, M., Doebley, J. F., et al. (2005). A unified mixed-model method for association mapping that accounts for multiple levels of relatedness. Nat. Genet. 38, 203–208. doi: 10.1038/ng1702

 Yuan, W., Wu, Z., Zhang, Y., Yang, R., Wang, H., Kan, G., et al. (2021). Genome-wide association studies for sulfur-containing amino acids in soybean seeds. Euphytica 217, 155. doi: 10.1007/s10681-021-02888-8

 Zeipina, S., Alsina, I., and Lepse, L. (2017). Insight in edamame yield and quality parameters: A review. Res. Rural Dev. 2, 40–45. doi: 10.22616/rrd.23.2017.047

 Zeng, A., Chen, P., Shi, A., Wang, D., Zhang, B., Orazaly, M., et al. (2014). Identification of quantitative trait loci for sucrose content in soybean seed. Crop Sci. 54 (2), 554–564. doi: 10.2135/cropsci2013.01.0036

 Zhang, S., Hao, D., Zhang, S., Zhang, D., Wang, H., Du, H., et al. (2021). Genome-wide association mapping for protein, oil and water-soluble protein contents in soybean. Mol. Genet. Genomics 296, 91–102. doi: 10.1007/s00438-020-01704-7

 Zhang, Y., Li, D., Zhou, R., Wang, X., Dossa, K., Wang, L., et al. (2019). Transcriptome and metabolome analyses of two contrasting sesame genotypes reveal the crucial biological pathways involved in rapid adaptive response to salt stress. BMC Plant Biol. 19, 66. doi: 10.1186/s12870-019-1665-6




Publisher’s note: All claims expressed in this article are solely those of the authors and do not necessarily represent those of their affiliated organizations, or those of the publisher, the editors and the reviewers. Any product that may be evaluated in this article, or claim that may be made by its manufacturer, is not guaranteed or endorsed by the publisher.


Copyright © 2023 Lee, Lara, Moseley, Vuong, Shannon, Xu and Nguyen. This is an open-access article distributed under the terms of the Creative Commons Attribution License (CC BY). The use, distribution or reproduction in other forums is permitted, provided the original author(s) and the copyright owner(s) are credited and that the original publication in this journal is cited, in accordance with accepted academic practice. No use, distribution or reproduction is permitted which does not comply with these terms.


OEBPS/Images/fpls-14-1294659-g004.jpg
Sucrose (%)

5715581183 5715602502 5715613179 5715583079 55715583119 55715591198 55715592340
Hkk ns Rk 6 s 6 ns 6 ns
9 s 9 s 9 « . 5 5 5
8 8 8 4 4 b
5 . 3 3 IS E H
L 2 2 2
6 6 6
s 2 B 55715592442 | [ 55715601133 | [ ss715608880 | [ ss715606330
6 6 6
5 5 5
55715627820 5715627853 55715636857 p i p
ex xx s 3 B 3
" . = 9 . 22 2 2
5
5 8 8 Allele P /lele
Favorable o Favorable
7 7 7 B2 2 55715622806
6 6 6 B8 Unfavorable 86 6 6 B3 Unfavorable
n
5 5 5
5 5 5
4 4 4
3 3 3
55715637428 2 2 2
55715639178
6 ns
5
4
8 (]
2






OEBPS/Images/fpls-14-1294659-g002.jpg
0
Hi
Hi

Hi

Hi
i
H

ki






OEBPS/Text/toc.xhtml


  

    Table of Contents



    

		Cover



      		

        Novel genetic resources associated with sucrose and stachyose content through genome-wide association study in soybean (Glycine max (L.) Merr.)

      

        		

          Introduction

        



        		

          Materials and methods

        

          		

            Accession panel selection and field experimental design

          



          		

            Soluble carbohydrate phenotyping

          



          		

            Statistical analysis

          



          		

            Genotype data processing

          



          		

            Population structure analysis and linkage disequilibrium estimation

          



          		

            Genome-wide association studies

          



          		

            The gene function, protein interaction, and biochemical pathway of candidate genes

          



          		

            Tissue-specific gene expression analysis

          



        



        



        		

          Results

        

          		

            Evaluations of phenotypic data

          



          		

            Population structure

          



          		

            Association study for sucrose and stachyose content

          



          		

            Allelic effect of significant SNPs for sucrose and stachyose content

          



          		

            Prediction of potential candidate genes for sucrose and stachyose content

          



          		

            Tissue-specific gene expression analysis for relevant candidate genes

          



        



        



        		

          Discussion

        



        		

          Conclusion

        



        		

          Data availability statement

        



        		

          Author contributions

        



        		

          Funding

        



        		

          Acknowledgments

        



        		

          Conflict of interest

        



        		

          Supplementary material

        



        		

          References

        



      



      



    



  



OEBPS/Images/fpls.2023.1294659_cover.jpg
, frontiers | Frontiers in Plant Science

Novel genetic resources associated with
sucrose and stachyose content through
genome-wide association study in soybean
(Glycine max (L.) Merr.)





OEBPS/Images/crossmark.jpg
©

2

i

|





OEBPS/Images/table2.jpg
Significant SNP? Position (bp) # Env® Allele® -logio (P) MAF®

Favorable Unfavorable

Sucrose 55715581183 2 13,523,639 3 G T 36-40 0.37
$5715602502 8 47,286,262 5 G T 3.1-48 0.18

$5715613179 12 5,486,355 4 [} T 32-40 0.33

55715627820 17 41,098,767 3 A G 34-42 0.05

55715627853 17 41,440,620 4 T C 35-52 0.13

55715636857 20 1,907,881 3 G A 31-37 0.39

55715637428 20 34,286,637 3 T C 33-36 0.07
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55715622806 15 51,630,810 3 G A 30-32 0.31

*Single-nucleotide polymorphism; *Chromosome; “The number of environments where significant SNP was identified, a total number of environments were eight; “The allele conferring higher
sucrose content was designated a favorable allele, while the allele conferring lower stachyose content was designated a favorable allele; “Minor allele frequency.
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Glyma.08g360400 Sugar efflux transporter for 12-oxophytodienoic acid reductase
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intercellular exchange
Glyma.08¢361200 Sugar (and other) transporter Sucrose transport protein SUC3 isoform
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isoform X2
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§5715592340 5 2207,089  Glyma.05g024800 Galactosyl transferase Xyloglucan galactosyltransferase
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5715603880 9 3,771,212 Glyma.09g044100  Uncharacterized conserved protein Condensin-2 complex subunit
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55715606330 10 3541231 Glyma.10040000 Glutathione S-transferase Alpha-1,3-glucosyltransferase
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55715614101 13 24,090,619 Glyma.13g128300 Sugar Kinase DNA repair protein xrcc4
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55715617675 14 13,187,218 Glyma.14g113100 Polysaccharide binding =
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The most adjacent candidate gene was selected if there was no candidate gene associated with the carbohydrate metabolic pathway.

Glyma.15¢275400

Glyma.15g276700

family
Glycosyl hydrolases family 28

Uncharacterized protein family

Pectinesterase

Glucan endo-1,3-beta-glucosidase a6

“Single-nucleotide polymorphism; "Chromosome; “Gene model: Glycine max cv. Williams 82 reference-genome gene models version 2.0; “Phytozome database; *STRING database;

Not available.
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Tra Env e (%) Mean (SE)® Ccve Shapiro-Wilk (w) Skewness Kurtos
Sucrose FAY_14 45-9.1 69 (0.057)b 122 0.992 001 321
STU_14 39-89 6.4 (0.062)d 144 0.990 0.09 2.84
FAY_15 45-88 6.7 (0.053)c 117 0.995 -0.18 297
STU_15 4.1 -84 5.8 (0.049)f 124 0.974 0.56 4.03
POR_20 45-95 7.3 (0.054)a 11.0 0.989 -0.28 3.45
CoL_21 41-90 6.1 (0.056)e 135 0.987 0.32 318
POR_21 41-93 6.4(0.062)d 142 0.991 008 2.79
Stachyose FAY_14 11-56 3.9 (0.061)b 282 0.948 -0.85 3.69
STU_14 22-63 45 (0.052)a 169 0.984 024 3.46
FAY_15 10-56 35 (0.059)c 255 0.991 -0.13 2.88
STU_15 13-55 3.9 (0.053)b 202 0.940 092 419
POR_20 14-54 3.6 (0.051)c 209 0.987 -0.27 3.19
COL_21 20-56 4.1 (0.045)b 16.3 0.984 -0.34 321
POR_21 20-55 40 (0.044)b 162 0.958 055 3.53

*Environments. FAY_14 (Fayetteville in 2014), STU_14 (Stuttgart in 2014), FAY_15 (Fayetteville in 2015), STU_15 (Stuttgart in 2015), POR_20 (Portageville in 2020), COL_21 (Columbia in
2021), POR_21 (Portageville in 2021); *Different alphabet letters within the trait indicate mean values are significantly different at p < 0.05. SE indicates a standard error; “Coefficients of variation.





OEBPS/Images/table5.jpg
Maturity Group Origin Sucrose® Stachyose® Protein® Seed size®

Mean + SD€ (%) (g/100 seeds)
PI 506530 Vi Japan 88+ 06 41+05 406 £ 1.7 260 +£39
PI 506903 ‘ v Japan 8.6+ 04 39+04 409 £ 1.9 326+17
PI 506937 v Japan ‘ 82105 35207 367 £ 1.6 BT XS
PI 229343 v Japan 80+06 4005 392417 315+21
1507449 v Japan 7.9+ 06 26+08 460+ 18 268 +22
PI 507438 VI Japan 78+07 3.8+08 40.1 £2.1 287 +26
PI 398925 VI South Korea 7807 51+04 421 +18 1 E1Y
PI 536547 B jiig Taiwan 78 0.5 1.9+05 434+ 14 29.7 £ 3.1
PI 506593 Vi Japan ‘ 77 £09 48 £0.5 411 +21 249 +35
PI 561288 v Taiwan 77408 2307 27£10 303 +39
PI 548486 VI Japan 7.7 %07 50 +0.6 422+25 282+25
PI 416892 il Japan 77 £ 0.6 3.8+0.6 449 + 1.4 328+29
PI 507523 il Japan 77 £ 06 25405 46.3 £ 1.0 314+21
PI 549065 v Japan v 1E08 21205 430+1.2 A7 £33
PI 424590 A v South Korea 76+ 05 38107 389+12 274+13
PI 561292 B hg Taiwan 72405 22+10 27£10 330+32
PI 507273 g Japan 69+06 25+07 407+ 12 23116
PI 506801 B I Japan 6.8 +0.7 23x07 432+15 280+ 09
PI 507487 I Japan 6.8 £ 0.6 24+06 434 %15 287 +21
PI 196162 il Japan 68 03 25105 427 £ 0.6 25212
PI 506800 A jiig Japan 6.7 £ 0.6 1.8+04 453+ 1.1 298 £0.8
PI 506800 B m Japan 66+05 21+06 438+12 202+ 14
PI 506799 Jiis Japan 64407 2207 441+ 14 281412
PI 506801 A il Japan 55+ 05 21+05 454 %12 262 +09

*Traits evaluated across all locations (FAY_14, STU_14, FAY_15, STU_15, POR_20, COL_21, and POR_21); *Traits evaluated only across limited locations (FAY_14, STU_14, FAY_15, and
STU_15); “Standard deviation.





