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A Correction on 


Optimizing Mask R-CNN for enhanced quinoa panicle detection and segmentation in precision agriculture By El Akrouchi M, Mhada M, Gracia DR, Hawkesford MJ and Gérard B (2025). Front. Plant Sci. 16:1472688. doi: 10.3389/fpls.2025.1472688


There was a mistake in Figure 3 as published. I was working on two papers simultaneously, this one and another related to citrus (see this link). While preparing the flowcharts for both projects, I inadvertently used the same name for both files, which led to this confusion. The corrected Figure 3 appears below.

[image: Flowchart depicting a pipeline for image-based quinoa panicle counting using Mask R-CNN models. Sections include protocol design, dataset generation, backbone comparison, segmentation and counting, and final outputs. Backbones tested are ResNet50, ResNet101, ViTDet_b, Swin_b, Mish-based EfficientNet B7 with FPN(LN), and FPN(GN). Steps involve image acquisition, data augmentation, and deep learning model training. The final output involves comparing manual and predicted counts and analyzing results.]
Figure 3 | Overall process flowchart of quinoa panicles detection and segmentation.

The original version of this article has been updated.
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