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Group contingency (GC) is an effective and cost-efficient strategy that can be successfully 
applied to technology-based interventions. This study examined the relative effectiveness 
and cost efficiency of three types of technology-based group contingencies on walking 
among adults. Seventy two students were divided into teams of three. Each team was 
randomly assigned to one of three GC conditions (independent, interdependent, or 
dependent) and underwent 66 days of technology-based group contingency intervention. 
Sixty five participants completed the intervention and 61 completed the follow-up 
assessment 2 months later. Step counts and self-reported walking activity increased after 
the intervention under all three conditions. The proportion of participants that met the 
target step counts was significantly higher under the dependent group contingency 
condition. However, 2 months later, intervention effects were not maintained under any 
condition. For cost efficiency, the increase in step count per point was significantly higher 
under the interdependent group contingency condition. Group cohesion and social validity 
(point satisfaction and point utility) were significantly higher under the dependent group 
contingency condition. Finally, the clinical implications and limitations of this study 
are discussed.
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INTRODUCTION

Regular physical activity is an essential component of a healthy life (Oja et  al., 2010). Not 
only does it lower the risk of major physical illnesses, such as obesity (Jakicic, 2009; Petridou 
et  al., 2019), heart disease (Sattelmair et  al., 2011; Fiuza-Luces et  al., 2018), and diabetes (Jeon 
et  al., 2007; Najafipour et  al., 2017), it is also beneficial for mental health because it alleviates 
depression and anxiety (Ströhle et  al., 2005; Rethorst and Trivedi, 2013; Sadeghi Bahmani 
et  al., 2019). In particular, walking is commonly recommended for physical activity (Heron 
et  al., 2014), because it is cost-free and requires no additional training (Tudor-Locke and 
Bassett, 2004; Tudor-Locke et  al., 2009), and its intensity can easily be  modified (Morris and 
Hardman, 1997). However, recent studies have reported physical inactivity among adults, with 
most engaging in less than half of the recommended level of walking activity per day (Bassett 
et  al., 2010). Learning theory explains this noncompliance via the immediacy of reinforcement; 
whereas the costs of physical activity, such as fatigue, are experienced immediately, the benefits, 
such as losing weight, are delayed (Martin et  al., 2012; Mitchell et  al., 2020).
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With the recent growth in mobile and Internet technologies, 
new strategies are being proposed to promote physical activity 
(Direito et  al., 2017). Among these, mobile health (mHealth) 
is drawing increased attention (WHO, 2011; Glynn et al., 2014), 
as it provides cost-effective and easily distributed health 
management services. Mobile applications are the most accessible 
form of mHealth, and an analytical report found that the rate 
of health and fitness application usage had more than tripled 
in 3  years, with most of the applications related to physical 
activity (Kesiraju and Vogels, 2017). However, mHealth 
applications have frequently been criticized for the following 
two reasons (Mateo et  al., 2015): first, theories in behavioral 
change are rarely considered during the planning and 
development phases of these applications; and second, testing 
their effectiveness before commercialization is also often bypassed. 
Thus, many researchers have highlighted the need to supplement 
these applications through strategies based on theories of 
effective behavioral change (Fanning et  al., 2012; Coughlin 
and Stewart, 2016; Walsh et  al., 2016).

Contingency management (CM) is a strategy based on the 
principles of operant conditioning, which increases the frequency 
of a target behavior in the future by providing a specific 
reinforcer (e.g., voucher, cash, lottery, etc.) upon the occurrence 
of the target behavior. CM has typically been applied in people, 
and its effectiveness has been measured in terms of promoting 
physical activity across different age groups, including children 
(Epstein et  al., 2004), adults (Cohen et  al., 2007; Washington 
et  al., 2014), the elderly (Matteson, 1989), and in clinical 
groups, such as people with obesity or a physical disease (Petry 
et al., 2011; Byrne et al., 2012). Recently, CM has been actively 
applied in mHealth as an intervention strategy to monitor 
behaviors of an individual in real-time using mobile and 
Internet technologies, and to remotely deliver the reinforcer 
immediately upon occurrence of the behavior. This strategy 
is referred to as technology-based CM (Asch et  al., 2012; 
Dallery et  al., 2015a). Technology-based CM is cost efficient, 
as it reduces costs for labor and facility maintenance (King 
et al., 2013; Kurti and Dallery, 2014). Additionally, technology-
based CM can be  provided to several people simultaneously, 
including those with limited accessibility to treatment facilities 
because of physical distance and socioeconomic status (Kurti 
and Dallery, 2014; Dallery et al., 2019). In response, researchers 
have adopted various CM strategies (e.g., intermittent 
reinforcement, lottery incentives, etc.) to promote physical 
activity, and the effectiveness of technology-based CM was 
found to be similar or superior to that of traditional, in-person 
CM (Kurti and Dallery, 2013; Washington et  al., 2014).

With the recent increase in online social interactions, the 
potential use of group contingency (GC) has been explored 
as a technology-based strategy (Dallery et  al., 2019). GC is 
a way of classifying multiple people into one group and 
applying the same target behavior, criterion for delivering 
reinforcement, and reinforcers to all group members. It is 
effective, because it encourages desirable behavioral changes 
by promoting positive social interactions, such as praise and 
cooperation, among group members (Fabiano and Pelham, 2003; 
Popkin and Skinner, 2003). It is also more efficient than 

individual contingency, because the same CM can be  applied 
at the group level, thereby decreasing the cost and effort of 
the manager (Herman and Tramontana, 1971; Gresham and 
Gresham, 1982; Deshais et  al., 2019). Three types of GC have 
been identified in the literature (Litoe and Pumroy, 1975): 
independent, where the reinforcer is provided to each team 
member who has met the target; interdependent, where the 
reinforcer is provided to all team members when all of them 
have met the target; and dependent, where the reinforcer is 
provided to all team members when one or more chosen team 
member(s) have met the target (Litoe and Pumroy, 1975).

Although research on technology-based GC is scarce, studies 
in this area have suggested that technology-based GC is an 
effective and cost-efficient strategy. For example, in a study 
that aims to promote smoking cessation, 32 smokers were 
divided into teams of 2–3 people each, and a factorial design 
study with online discussion forum as the between-subjects 
factor and GC (independent GC, interdependent GC, and 
control groups) as the within-subject factor was conducted. 
The authors found that the interdependent GC group showed 
effectiveness similar to that of the independent GC group for 
smoking abstinence but that it was more cost efficient regardless 
of whether participants had access to the online discussion 
forum (Meredith and Dallery, 2013). In another study, 43 
smokers were divided into teams of 2–3 people each, and the 
teams were randomly assigned to an interdependent GC group 
or a group that combined independent and interdependent 
GCs. The findings showed that, although both groups were 
equally effective for smoking abstinence, interdependent GC 
was more cost-efficient than combined GC (Dallery et  al., 
2015b). Furthermore, these studies demonstrate that, like 
traditional GC, technology-based GC is effective at promoting 
positive social interactions among participants (Dallery et  al., 
2019). The results of prior studies, which show that social 
factors such as social interaction and social support promote 
physical activity (Duncan et  al., 2005; Chaudhury et  al., 2016), 
suggest that technology-based GC might also be  effective at 
promoting physical activity.

To date, however, there has only been one study that applied 
technology-based GC to promote physical activity. In this 
study, 304 workers were grouped in teams of 3–4 members 
each and were randomly assigned to one of the following 
three conditions: interdependent GC, a combination of 
interdependent and independent GC, and control (Patel et  al., 
2016a). The results showed that the combination condition 
was the most effective at promoting walking, suggesting 
feasibility of technology-based GCs in promoting physical 
activity. Nonetheless, additional research is needed to establish 
its effectiveness and cost-efficiency. First, before applying 
technology-based GC, the relative effectiveness of the three 
types of GC should be  directly compared to identify the most 
effective type (Vargo and Becknell, 2019). Second, to determine 
whether technology-based CM is suitable for a large user 
base, it will be  necessary to obtain information about its 
cost-efficiency in order to maximize the effects on behavioral 
change relative to costs, such as financial and human resources 
(Petry and Simcic, 2002; Dallery et  al., 2015a).
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This study aimed to determine the effects of technology-based 
GC applied via mobile devices on the promotion of walking 
among adults, and to verify whether there are differences in 
effectiveness and cost efficiency between the different types of GC.

MATERIALS AND METHODS

Research Participants
In this study, the participants were undergraduate and graduate 
students attending one of 11 universities located in the Seoul 
metropolitan area. The participants were recruited through 
advertisements on the online community of each university 
and via e-mail. A total of 78 participants (males  =  29; 
females = 49) were recruited, and they attended the orientation 
and pre-intervention assessment. Of these participants, six were 
excluded because their mean daily step count during the baseline 
period was over 8,000 steps, which was set as the exclusion 
criteria for this study since it is considered sufficient walking 
(Tudor-Locke et  al., 2002). The remaining 72 participants 
(males  =  27; females  =  45) were included in the intervention. 
Of these participants, 65 (mean age  =  25  years; SD  =  3.35; 
males  =  24, females  =  41) completed the intervention, and 
61 (males = 22, females = 39) completed the follow-up assessment 
conducted 2  months after the intervention. Figure  1 shows 
the participant selection process. All participants who completed 
the post-intervention assessment received US$ 80 as 
compensation, and those who completed the follow-up assessment 
received an additional US$ 10. This study was conducted as 
part of a government-funded research project. The research 
methodology and participant recruitment procedure were similar 
to those of other studies with the same research project  
(Lee, 2019; Cho and Chung, 2020). This study was approved 

by the Yonsei University Institutional Review Board (IRB 
approval no: 7001988-202003-HR-591-09).

Measures
Mobile Application “Pacer”
Pacer1 was used to measure step counts of the participants. 
It is a health management mobile application with a pedometer 
function that can be  downloaded for free from Google Play 
Store or the iOS Store. Pacer runs automatically in the 
background of the operating system of a smartphone and 
measures step counts even when a user is not directly using 
the application. In this study, a paid administrator service 
was used to export the data of step count of the participants 
to Microsoft Excel files.2

Korean Version of International Physical Activity 
Questionnaire-Short Form
Korean version of the International Physical Activity 
Questionnaire Short Form (IPAQ-SF; IPAQ Research Committee, 
2005), developed by the WHO and validated by Oh et  al. 
(2007), was used to measure the level of walking activity of 
the participants. IPAQ-SF consists of seven questions. There 
are two questions each (duration per day and number of days 
per week) about three major types of activity (vigorous, moderate, 
and walking), and one question about time spent sitting. In 
this study, only the two questions about walking activity were 
used. Following the IPAQ-SF scoring protocol (IPAQ Research 
Committee, 2005), walking activity during the previous 7  days 
was calculated in terms of metabolic equivalents of task 

1 Introduction to Pacer and download link: https://www.mypacer.com/
2 Introduction and registration to the administrative service for Pacer: https://
www.mypacer.com/teams

FIGURE 1 | Flowchart of the participant selection process.
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(MET-min/week), which is a measure of energy consumption.3 
The MET-min/week of walking activity was calculated using 
the following equation: “3.3 (MET level)” × “duration of activity 
(min)”  ×  “number of days of activity (days).” A higher score 
indicates a higher level of walking activity.

Physical Activity Group Environment Questionnaire
To assess the perceived group cohesion in participants during 
the intervention, the Physical Activity Group Environment 
Questionnaire (PAGEQ), developed by Estabrooks and Carron 
(2000), was administered for post-intervention assessment. 
In this study, to use the scale, it was translated using a 
three-step translation process (Brislin, 1970). First, a Korean-
English bilingual researcher translated each item into Korean, 
while another researcher whose native language is English 
back-translated the items. Next, a clinical psychologist reviewed 
the validity of the translation. Finally, a scholar of PhD in 
Korean literature edited the text. Expressions that were 
ambiguous or difficult to understand were clarified and revised 
through discussion among the researchers. In accordance 
with the purpose of this study, the word “physical activity” 
in PAGEQ was replaced with “walking activity.” Each item 
was rated on a nine-point Likert scale, ranging from 1 (very 
strongly disagree) to 9 (very strongly agree). A higher score 
indicates that a participant feels attracted to the group task 
and social activity, and that he/she perceives unity among 
the team members. The internal consistency coefficients 
(Cronbach’s α) of the subscales were 0.91, 0.87, 0.72, and 
0.85, as reported by Estabrooks and Carron (2000); and 0.9, 
0.93, 0.91, and 0.64, for this study.

Intervention Satisfaction and Utility 
Assessment Questionnaire
To evaluate perceived intervention satisfaction and utility in 
the participants, the Intervention Satisfaction and Utility 
Assessment Questionnaire (ISUAQ) developed by Lee (2019) 
was used in the post-intervention assessment. This 
questionnaire comprises four items: two items measuring 
the satisfaction of participants with target step counts and 
points awarded, and two items measuring the usefulness of 
target step counts and points to promote walking. The items 
about satisfaction were rated on a five-point Likert scale 
from 1 (very dissatisfied) to 5 (very satisfied), and the items 
about utility were rated on a five-point Likert scale from 1 
(not at all useful) to 5 (very useful). A higher score indicates 
that a participant perceived greater intervention satisfaction 
and utility.

Procedure
This study was conducted in the following order: orientation 
and pre-intervention assessment, baseline technology-based GC 
intervention, post-intervention assessment, and follow-up  
assessment.

3 Link to download the IPAQ-SF and scoring protocol: www.ipaq.ki.se/

Orientation and Pre-intervention Assessment
Seventy eight participants took part in the orientation and 
pre-intervention assessment. The orientation was conducted in 
person and in small groups in which the research procedure 
and purpose were described and the necessary pre-intervention 
procedures were performed. The orientation was conducted 
by two researchers who are MA-level graduate students in 
clinical psychology. The participants arrived at the prearranged 
time for orientation. The researchers described the procedure. 
Those who agreed to participate in the research were asked 
to sign a consent form. The participants were then told that 
virtual “points” would be  awarded based on their step counts 
during the intervention, and that the total number of points 
could be  cashed out at a ratio of 1 cent per 10 points, up to 
a maximum of US$80, at the end of the study. Next, the 
participants were instructed to download Pacer to their personal 
smartphones to track their step counts. In order to control 
the effect of other functions embedded in Pacer on the walking 
behavior of the participants, all alarms and feedback functions 
on Pacer were disabled. Furthermore, the participants were 
instructed to register to a group on Pacer created by the 
researchers so that the researchers can access step count data 
of the participants through the administrator service of Pacer. 
Finally, in order to remotely deliver messages to the participants 
throughout the research period, the participants were instructed 
to add the “KakaoTalk channel” account created by the research 
team on their personal KakaoTalk account.4 As a marketing 
platform for users of the online messenger KakaoTalk, a 
KakaoTalk channel5 is able to send group messages through 
linkage with an external website.

After the orientation, IPAQ-SF was administered through 
Qualtrics,6 an online questionnaire system, to examine the level 
of walking activity of the participants before the intervention. 
The reasons for using both Pacer and IPAQ-SF were as follows: 
(1) past studies recommend using different domain assessment 
tools in physical activity studies (Troiano et al., 2012; Dall et al., 
2017; Lines et  al., 2020). (2) Using different domain assessment 
tools is also recommended in experimental psychology.

Baseline
To divide the participants into teams and set a target step 
count appropriate for the current level of walking for each 
team, the step counts of the participants were measured during 
a 1-week baseline period (5 weekdays and weekend). To control 
for possible changes in the step counts due to participation 
in the study, the participants were instructed to continue with 
their usual routine until they receive a notice for the start of 
the experiment. Based on a previous report (Tudor-Locke et al., 
2002) that suggests an average daily step count of more than 
8,000 steps is sufficient to satisfy United  States public health 
guidelines (Pate et  al., 1995), six participants with an average 

4 KakaoTalk is a free mobile/PC messenger that provides functions that include 
sending text messages and emoticons, photographs and video files, and voice 
and video calling. “KakaoTalk” webpage: https://www.kakaocorp.com/
5 Administrator page for “KakaoTalk Channel”: https://center-pf.kakao.com
6 “Qualtrics” webpage: http://www.qualtrics.com
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daily step count of over 8,000 steps were excluded from the 
intervention. This criterion was applied to select participants 
who needed to increase their step count to prevent problems 
caused by physical inactivity, such as diabetes, obesity, and 
heart disease.

The participants were then divided into teams based on 
the daily average step count measured during the baseline 
period, and a target step count was set for each team. A total 
of 24 teams were made, with each team comprising three 
participants with similar average daily step counts during the 
baseline period. The following three measures were taken to 
minimize step count differences among participants assigned 
to the same team. First, in accordance with the criteria suggested 
in previous research (Kamada et al., 2018; Tomata et al., 2019), 
all participants were divided into the following four categories 
based on their average daily step count: below 2,000; 2,000–3,999; 
4,000–5,999; and 6,000–7,999 steps. Second, participants in the 
same category were randomly grouped to form teams with 
three members each. Third, participants who were not assigned 
to a specific team in the second step were grouped into teams 
of three to ensure that the differences in average daily step 
counts among members did not exceed 2,000 steps. Of the 
24 teams generated through this process, there was no team 
in which the differences exceeded 2,000 steps.

Three steps were then implemented to establish a suitable 
target step count for each team. First, the baseline average 
daily step count of each team was calculated. Second, based 
on previous findings that increasing the average daily step 
count by 3,000 steps is effective in promoting physical activity 
(Wilde et  al., 2001; Tudor-Locke et  al., 2005), the target step 
count of each team was set 3,000 steps higher than the baseline 
of a team. However, because goals that increased incrementally 
are more effective at facilitating behavioral change than goals 
that increased at once (Cooper et  al., 2020), each team’s target 
step count was increased 1,500 steps each only in the first 
two out of three periods, then set the same as the second 
period during the last period (Baker et  al., 2008). Third, based 
on the prior finding that increasing time interval to meet a 
goal could reduce the burden to achieve it (Kurti and Dallery, 
2013), the time interval to meet the target step count was set 
to 3  days. The final target step counts during the intervention 
are shown in Table  1.

The KakaoTalk-Open Chat7 service was used to provide an 
anonymous online chat room for each team to enable social 
interaction among team members. Previous studies that examined 
technology-based GC also used online channels for interactions 
among participants (Meredith et al., 2011; Meredith and Dallery, 
2013; Dallery et al., 2015b), since social interaction is considered 
essential in GC (Gresham and Gresham, 1982; Williamson 
et  al., 1992). KakaoTalk-Open Chat is a supplementary service 
offered by the online messenger KakaoTalk. It supports an 
anonymous online chat room in which individuals can participate 
without disclosing their profile or personal information. It also 
offers the option for disabling access to people outside a defined 
set of users by specifying a participation code. The participants 

7 Introduction to “KakaoTalk-Open Chat” service: https://open.kakao.com

were informed that they could freely send and receive messages 
among the invited participants in the anonymous chat room, 
and that the researcher would moderate the chat in case of 
any profanity or slander. However, profanity or slander in the 
chats was not observed during the research period.

Intervention
Before the intervention, the 24 teams were randomly assigned 
to one of the following three conditions: independent GC, 
interdependent GC, or dependent GC. All teams in the three 
conditions received the intervention for 66  days (a total of 
22 3-day intervals; Lally et  al., 2010). Points were given to 
participants who met the target step counts and increased if 
the target step counts were met consecutively. The points were 
initially set at 1,000 per 3-day interval, with a rate of 250 
points for each consecutive success. These values were set based 
on the study of Cho and Chung (2020) on point systems. 
The total maximum points that a participant could obtain 
upon meeting a target step count is 79,750 points, regardless 
of conditions [e.g., interval 1 (1,000)  +  interval 2 
(1,000 + 250) +  interval 3 (1,000 + 250 + 250) + … +  interval 
22 (1,000  +  250  +  250  +  …  +  250)  =  79,750]. At 2  pm on 
the day following a 3-day interval, all the participants received 
a text message with an image,8 which was generated via the 
following steps: first, the step counts of the participants, measured 
through Pacer, were uploaded to the custom-developed personal 
hypertext preprocessor (PHP)-based administrative website.9 
Second, the algorithm embedded on the website would 
automatically decide whether the target step count was achieved 
or not for each participant. Third, a message was automatically 
sent to each participant through the KakaoTalk channel. Each 
message included information about the target step count of 
the participants and whether the target was met, the number 
of consecutive times the target step count was met, the number 
of points obtained in a 3-day interval, and the most recent 
total number of points obtained (Figure  2).

Independent GC
The participants under the independent GC condition received 
points if they met the target step count, regardless of the 
performance of other team members. The initial points were 

8 Up to 20 of these illustrations can be  used for free as long as they are used 
as a part of a design and not as self-contained content. The illustrations can 
be  downloaded at https://www.irasutoya.com/p/faq.html
9 To gain accessibility to the website, please contact ysuniv.clinicalpsy@gmail.com

TABLE 1 | Target step count during the intervention period.

Type Duration (interval 
number)

Target step count per 3-day 
interval

Increasing
Days 1–21  
(eight intervals)

(Baseline average daily step count of 
the team + 1,500 steps) × 3 (days)

Increasing
Days 22–42  
(seven intervals)

(Baseline average daily step count of 
the team + 3,000 steps) × 3 (days)

Maintenance
Days 43–66  
(eight intervals)

(Baseline average daily step count of 
the team + 3,000 steps) × 3 (days)
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1,000, and were increased by 250 points per 3-day interval if 
the target step counts were met consecutively. The points were 
reset to the initial ones if the target step counts were not met.

Interdependent GC
The participants under the interdependent GC condition received 
points if all team members met the target step count. If one 
or more team member(s) failed to meet the target step count, 
none of the team members received any points for a particular 
3-day interval. The initial points, increasing point system, and 
reset rules were exactly the same as those for the independent 
GC. Information about performance among team members 
was also provided in the message.

Dependent GC
The participants under the dependent GC condition received 
points if a designated team member met the target step count. 
If the designated team member failed to meet the target step 
count, none of the team members received any points for a 
particular 3-day interval. For each 3-day interval, a team member 
was randomly selected to represent the team for that particular 
interval by an algorithm on the website set by the researchers 
prior to the experiment. Each team member had an equal chance 
of being selected. However, no information was provided to 
the team members regarding who was selected until the end 
of the 3-day interval. The initial points, increasing point system, 
and reset rules were exactly the same as those for the other 
two groups. Information about the team representative for each 
3-day interval was also provided in the message.

Post-intervention Assessment
Within 5  days from the termination of the intervention, all 
participants revisited the laboratory to undergo a post-intervention 

assessment in which questionnaires same as those in the 
pre-intervention assessment were administered, along with the 
PAGEQ and the ISUAQ. After completion of the post-intervention 
assessment, a debriefing form was provided, which included 
the reinforcement criteria for each condition, experimental 
procedure, and compensation formula. All participants who 
completed the post-intervention assessment could earn US$80 
as compensation.

Follow-Up Assessment
To examine the maintenance of the intervention effect, a 
follow-up assessment was conducted 2  months after the 
completion of the experiment. The follow-up assessment was 
optional and only included those who agreed to participate 
in advance. The step count data of the participants were collected 
via Pacer during the 2-month follow-up period, and 
questionnaires same as those in the pre-and post-intervention 
assessments were administered. All participants who completed 
the follow-up assessment received US$10 as compensation.

Data Analysis
An a priori power analysis was performed (G*Power;  
Faul et al., 2007) for a repeated measures ANOVA of between–
within interactions with a three-group design by setting α 
error probability to 0.05 and 1-β error probability to 0.90. 
The effect size F was set to 0.25 (Cohen, 1988), and correlation 
among repeated measures was set to 0.3 based on the results 
of previous studies (Lee, 2019; Cho and Chung, 2020). As a 
result, the minimum sample size was found to be 60 participants. 
Based on this result and predicted drop-out rates, data were 
collected from a total of 72 participants.

IBM SPSS (Statistical Package for the Social Sciences) Windows 
Version 25.0 was used for statistical analyses. For variables 

A B C

FIGURE 2 | Example outcome message for each condition: (A) Independent group contingency (GC), (B) Interdependent group contingency, and (C) Dependent 
group contingency.
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that satisfied the normality assumption according to the Shapiro-
Wilk test (step counts, walking activity, and total scores in 
PAGEQ), parametric tests (one-way ANOVA and two-way 
mixed model repeated-measures ANOVA) were performed. For 
variables that did not satisfy the normality assumption (target 
step count was met, increase in step count per point, increase 
in level of walking activity per point, and intervention satisfaction 
and utility scores in ISUAQ), nonparametric tests [generalized 
estimating equation (GEE) and the Kruskal–Wallis H-test] were 
performed. To assess for homogeneity among the conditions 
before the intervention, a chi-square test was performed on 
sex, and one-way ANOVA was performed on the pre-intervention 
step counts and walking activity. The analysis revealed no 
significant difference in sex ratio, step counts, and walking 
activity by the GC type.

First, to determine the effects of technology-based GC 
and compare the effectiveness of the three conditions, two 
analyses were performed as follows: GEE was performed 
to analyze the interaction effects of condition (independent 
GC, interdependent GC, and dependent GC)  ×  time (22 
3-day intervals). The dependent variables were binary and 
indicated whether the target step count was achieved during 
a 3-day interval (success: 1, failure: 0). To compensate for 
the shortcomings of other analyses that completely exclude 
missing data, GEE used various missing data processing 
methods (Robins et  al., 1995). One of these methods was 
used to estimate the missing data based on previous 
measurements and include them in the analysis (Diggle 
et  al., 2002; Qu and Song, 2002). Therefore, for the GEE 
analysis only, the last observation carried forward was used 
to utilize data from 72 participants, including those who 
dropped out. Following this, whether the target step count 
was achieved by the participant who dropped out was imputed 
by carrying forward the last measured observation (Womble 
et  al., 2004). The second analysis, a two-way mixed  
model repeated measures ANOVA, was performed to analyze 
the interaction effects of condition (independent GC, 
interdependent GC, or dependent GC)  ×  time 
(pre-intervention, post-intervention, and follow-up). The 
dependent variables were step counts and walking activity 
of the 61 participants who completed the intervention and 
the follow-up assessment. Unlike GEE, the two-way mixed 
model repeated measures ANOVA included follow-up data.

Second, to compare the cost efficiency of the three conditions, 
the Kruskal–Wallis H-test was performed on the 65 participants 
who completed the intervention. The dependent variable was 
an increase in step count and in the level of walking activity 
per point in each condition. The increase per point was 
calculated with the following equation: post-intervention 
measurement-pre-intervention measurement/total number of 
points obtained.

Third, to examine whether there were differences in group 
cohesion and social validity by the GC type, one-way ANOVA 
and the Kruskal–Wallis H-test were performed on the 65 
participants who completed the intervention. Dependent variables 
were the total scores in PAGEQ and the intervention satisfaction 
and utility scores in ISUAQ.

RESULTS

Effectiveness of the Intervention
To examine effectiveness, first, GEE was performed with success/
failure (Success: 1, Failure: 0) to meet the 22 target step count 
(N = 72) as the dependent variable. An analysis showed that 
the interaction between condition and time was significant 
(Table 2), indicating that there were differences in the proportion 
of participants who meet the target step count among the three 
conditions (Figure  3). Specifically, the success rate was higher 
under the dependent GC condition than that under the 
independent and interdependent GC conditions across all times. 
As comparing changes in goal attainment over time was not 
the purpose of this study, no additional post hoc analysis was 
performed on the time factor. The main effects of condition 
and time were also significant. The Bonferroni correction results 
showed that the success rate of meeting the target step count 
during the intervention under the dependent GC condition was 
significantly greater [0.93 (95% CI 0.89, 0.96)] than that under 
the independent GC [0.55 (95% CI, 0.42, 0.68), p < 0.001] and 
interdependent GC conditions [0.62 (95% CI 0.5, 0.73), p < 0.001].

Second, two-way mixed model repeated measures ANOVA 
was performed with step counts and walking activity (each 
N  =  61) as dependent variables. An analysis of the step counts 
showed that the two-way interaction between condition and 
time was significant (Table 3). However, the Bonferroni correction 
results showed no differences between the conditions in the 
pre-intervention, post-intervention, and follow-up assessments 
(p  >  0.05). Moreover, the main effect of the condition was not 
significant, but that of time was. The results of the Bonferroni 
correction showed that the post-intervention step counts were 
significantly higher than the pre-intervention (p  <  0.001) and 
follow-up (p  <  0.001) step counts. A similar analysis of walking 
activity showed that the two-way interaction between condition 
and time was not significant (Table 3). Similarly, the main effect 
of the condition was not significant, but that of time was. The 
Bonferroni correction results showed that the level of post-
intervention walking activity was significantly higher than that 
of pre-intervention walking activity (p  <  0.05), but there was 
no significant difference compared with that of the follow-up 
walking activity (p  >  0.05). The means and SDs of the 
pre-intervention, post-intervention, and follow-up step counts 
and walking activity by the condition are presented in Table  4.

Cost Efficiency of the Intervention
To examine cost efficiency, the Kruskal–Wallis H-test was 
performed with an increase in step count per point (N  =  65) 
and an increase in the level of walking activity per point (N = 65) 

TABLE 2 | Results of generalized estimating equation (GEE) on whether the 
target step count was met during the intervention.

Wald chi-square Df p

Condition 44.07 2 0
Time 1,214.74 21 0
Condition × Time 5,581.87 41 0
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as dependent variables. The analysis of the increase in step 
count per point showed that there were significant differences 
among the conditions [H(2)  =  14.75, p  <  0.01]. The Bonferroni 
correction results showed that the step count increase per point 

under the interdependent GC condition was significantly higher 
than that under the independent and dependent GC conditions 
(both p  <  0.01). Next, the analysis of the increase in the level 
of walking activity per point showed that there were no significant 

TABLE 4 | Pre-intervention, post-intervention, and follow-up measurements of walking by condition among participants who completed follow-up.

Variable Independent group contingency Interdependent group contingency Dependent group contingency

N 20 21 20

Step counts Pre M (SD) 5,575.56 (1,457.86) 5,778.93 (1,160.6) 5,637.17 (1,508.65)
Post M (SD) 7,884.45 (2,296.14) 8,218.04 (1,294.9) 9,105.28 (1,151.68)
Fu M (SD) 5,696.15 (2,656.75) 5,976.21 (2,177.24) 6,172.7 (1,818.94)
N 13 16 17

Walking activity Pre M (SD) 844.04 (576.39) 614.63 (314.48) 741.53 (483.71)
Post M (SD) 1,035.69 (754.51) 961.13 (729.18) 1,169.75 (707.61)
Fu M (SD) 1,139.77 (852.02) 814.69 (512.36) 1,009.41 (944.28)

TABLE 3 | Results of two-way mixed model repeated measures ANOVA on step counts and walking activity.

Source Sum of squares df Mean square F p Partial η2 Post hoc

Step counts

Intercept 8,141,103,974.22 1 8,141,103,974.22 1,469.79 0 0.96
Condition 10,331,424.13 2 5,165,712.06 0.93 0.4 0.03
Time 274,014,341.33 1 274,014,341.33 248.08 0 0.81 Post > pre, fu*

Condition × time 7,392,703.62 2 3,696,351.81 3.35 0.04 0.1
Error (time) 64,064,191.14 58 1,104,555.02
Error 321,258,667.19 58 5,538,942.54

Walking activity

Intercept 116,688,711.49 1 116,688,711.49 140.49 0 0.77
Condition 1,166,275.54 2 583,137.77 0.7 0.5 0.03
Time 1,149,028.51 1 1,149,028.5 4.51 0.04 0.1 Post > pre*

Condition × time 333,818.17 2 166,909.08 0.65 0.53 0.03
Error (time) 10,964,180.62 43 254,980.94
Error 35,714,135.03 43 830,561.28

*p < 0.05.

FIGURE 3 | Changes in the proportion of participants meeting the target step count in each 3-day interval by condition.
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differences between the conditions [H(2)  =  2.37, p  >  0.05]. The 
means and SDs of the variables related to cost efficiency by 
the condition are presented in Table  5.

Group Cohesion and Social Validity of the 
Intervention
To examine group cohesion, one-way ANOVA was performed 
with the total scores in PAGEQ (N = 65) as dependent variables. 
The analysis showed significant differences among conditions 
[F(2, 62)  =  5.93, p  <  0.01]. The Bonferroni correction results 
showed that the group cohesion score under the dependent 
GC condition was significantly higher than that under the 
independent GC condition (p  <  0.01).

Additionally, to examine social validity, the Kruskal–Wallis 
H-test was performed with the intervention satisfaction and 
utility scores in ISUAQ as dependent variables (each N  =  65). 
The analysis showed that there were significant differences in 
point satisfaction and point utility between the conditions 
[H(2)  =  8.9, p  <  0.05 and H(2)  =  7.99, p  <  0.05, respectively]. 
The Bonferroni correction results on each subscale showed 
that point satisfaction and point utility under the dependent 
GC condition were significantly higher than those under the 
interdependent GC condition (both at p  <  0.05). There were 
no significant differences in target satisfaction and target utility 
between the conditions [H(2) = 4.35, p > 0.05 and H(2) = 5.31, 
p  >  0.05, respectively]. The means and SDs of the variables 
related to group cohesion and social validity by the condition 
are presented in Table  6.

DISCUSSION

This study measured the effect of technology-based GC, applied 
using a mobile device, on the promotion of walking among 
adults, and sought to compare the effectiveness and cost efficiency 
between different types of GC.

In terms of effectiveness, the study found technology-based 
GC via mobile devices to be  an effective strategy to promote 
walking among adults, regardless of the GC type. In all the 
GC conditions, the step counts at post-intervention increased 
by approximately 2,700 steps (48.35%), compared with the baseline. 
These results are consistent with the findings from several 
traditional, face-to-face studies (Vidoni et  al., 2014; Kuhl et  al., 
2015; Foote et  al., 2017), and recent studies demonstrating the 
effectiveness of technology-based GC to promote physical activity 
(Patel et  al., 2016a). In GC, participants are classified into a 
group where target behavior, reinforcement criterion, and 
reinforcers are all identical. Since the consequences (e.g., points 
given to participants in this study) are decided based on the 
performance of each group member, it is assumed that GC 
facilitates peer pressure and positive social interactions, such as 
praise and cooperation among group members (Fabiano and 
Pelham, 2003; Popkin and Skinner, 2003). Accordingly, few 
researchers have proposed that social support is the primary 
mechanism for behavioral change in GC (Meredith and Dallery, 
2013; Dallery et  al., 2015b, 2019; Cooper et  al., 2020). The 
positive findings of this study also indirectly support the presence 
of a similar mechanism within a technology-based GC, wherein 
online interactions via mobile devices influenced behavioral change.

Among the three GC conditions, dependent GC was found 
to be  the most effective. The results showed that the average 
rate to achieve the target step counts in the dependent GC 
condition (0.93) was approximately 1.5 times the average rate 
observed in the independent and interdependent GC conditions 
(0.55 and 0.62, respectively). The increased effectiveness of 
dependent GC may be  attributed to the level of responsibility 
or peer pressure that each team member might have experienced 
during the intervention (Theodore et  al., 2004; Williamson 
et  al., 2009). That is, in the dependent GC condition, a team 
representative was randomly selected during a 3-day interval, 
but the team members were not notified of this until the end 
of the interval. Therefore, each participant is likely to have 
experienced a sense of responsibility and/or peer pressure to 

TABLE 5 | Measurements of variables related to cost efficiency by condition.

Variable Independent group contingency Interdependent group contingency Dependent group contingency

N 22 21 22

Increase in step count per point M (SD) 0.01 (0.32) 0.54 (0.67) 0.11 (0.06)
n 17 17 18

Increase in walking activity per point M (SD) 0 (0.14) 0.05 (0.23) 0.01 (0.03)

TABLE 6 | Measurements of variables related to group cohesion and social validity by condition.

Variable Independent group contingency Interdependent group contingency Dependent group contingency

N 22 21 22

Group cohesion Total score in PAGEQ M (SD) 56.05 (24.78) 70.33 (33.12) 86.69 (29.97)
N 22 21 22

Social validity Target satisfaction M (SD) 3.32 (1) 3.38 (−1.02) 3.91 (−0.97)
Target utility M (SD) 3.5 (−1.06) 3.57 (−1.25) 4.14 (−0.89)
Point satisfaction M (SD) 3.59 (−0.91) 2.95 (−1.07) 3.82 (−1.05)
Point utility M (SD) 3.5 (−1.41) 3.14 (−1.19) 4.09 (−1.19)
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achieve the target step count, since the reward for their group 
could have been dependent on their performance. On the 
other hand, in the independent GC condition, the performance 
of a participant did not affect the rewards received by the 
other team members, or vice versa. Similarly, in the 
interdependent GC condition, the rewards were given only 
when all the team members achieved the target step count, 
thereby placing equal responsibility on all members. A higher 
level of perceived responsibility in the dependent GC condition 
has also been reported in previous literature (Scott et al., 2017). 
However, further investigation is necessary as this study does 
not measure other factors that may have affected participation 
in a group intervention, such as personality traits.

Furthermore, within the dependent GC condition, random 
selection ensures that the likelihood of each member being 
selected as team representative is equal, thereby preventing 
any criticism or blame on a particular team member when 
the reward is not obtained (Gresham and Gresham, 1982; 
Heering and Wilder, 2006; Williamson et  al., 2009; Cariveau 
and Kodak, 2017). In fact, the results of this study showed 
that group cohesion and satisfaction with the intervention 
were higher under the dependent GC condition. This supports 
previous claims that random selection motivates engagement 
in the target behavior by enhancing the social validity of 
the intervention (Williamson et  al., 2009). The impact of 
random selection on satisfaction and effectiveness of the 
intervention must be  systematically explored through 
future research.

In terms of cost efficiency, interdependent GC was proven 
to be  the most cost-efficient. Specifically, the increase in step 
count per 1,000 points was 540 steps under the interdependent 
GC condition, as opposed to 110 steps under the dependent 
GC condition and 10 steps under the independent GC condition. 
This finding is consistent with that of previous studies that 
used technology-based GC to promote smoking cessation 
(Meredith and Dallery, 2013; Dallery et  al., 2015b). Compared 
with other GC types, the higher cost efficiency of the 
interdependent GC condition seems to be related to the difficulty 
in receiving the reward. The percentage of participants who 
received rewards for goal attainment was 100% in the case of 
independent GC, 86% for the dependent GC condition, and 
63% for the interdependent condition. This is attributable to 
the nature of interdependent GC, which requires all participants 
to meet the target without any exceptions. However, under 
this condition, points were rewarded relatively infrequently. 
The average monetary reward per participant during the 66 days 
under the interdependent GC condition was approximately 
40% lower (US$15.25) than that under the dependent GC 
condition (US$40.14). As a result of this difference in reward, 
the interdependent GC was found to be  an efficient strategy 
for facilitating the physical activity. However, given the superiority 
of dependent GC in terms of effectiveness, and the importance 
of participants maintaining satisfaction in technology-based 
CM (Raiff et  al., 2013), the low level of user satisfaction and 
utility reported in the interdependent GC condition might 
negatively affect continuous and consistent engagement with 
the intervention program. Therefore, it is necessary to examine 

the various factors involved in different GC conditions when 
choosing the most appropriate strategy.

In terms of the maintenance effect of the intervention, step 
counts of participants regressed to the baseline level at follow-up. 
Such decrease in behavior following the withdrawal of 
reinforcement has been reported in previous research that 
examined the effectiveness of GC (Patel et  al., 2016a; Foote 
et  al., 2017) or other types of CM in promoting physical 
activity (Finkelstein et  al., 2008; Patel et  al., 2016b, 2018; 
Weinstock et  al., 2016). In contrast, some other studies, which 
have also examined the effectiveness of CM in promoting 
physical activity (Hunter et  al., 2013; Petry et  al., 2013) or 
drug discontinuation (Epstein et  al., 2003; García-Fernández 
et  al., 2011; Secades-Villa et  al., 2011; Petitjean et  al., 2014), 
have reported sustained effects even months after termination 
of the intervention. There have been several possibilities 
speculated upon for these differences. For instance, a possibility 
is that the intervention period was not long enough. In this 
study, the intervention lasted for 66 days, which was previously 
reported to be  the minimum duration necessary to change 
habits (Lally et  al., 2010). However, the general principle of 
behavioral change states that a more detailed reinforcement 
schedule is necessary to change a behavior that already occurs 
frequently in daily life, such as walking (Cooper et  al., 2020). 
In view of this, the intervention may need to be  longer than 
66  days for its effect to be  maintained. Indeed, studies that 
reported a sustained effect even after the withdrawal of 
reinforcement conducted interventions that lasted 84  days, a 
duration that is approximately 20  days longer than that used 
in this study (Hunter et  al., 2013; Petry et  al., 2013). Another 
possible explanation is the difference in the kinds of behavioral 
change strategies used. Previous research has reported that a 
combination of multiple strategies is more effective than a 
single strategy (Watson et  al., 2012; Patel et  al., 2018). Indeed, 
long-term effects have been reported when CM was combined 
with face-to-face counseling (García-Fernández et  al., 2011; 
Secades-Villa et  al., 2011) or cognitive behavioral therapy 
(Epstein et  al., 2003; Petitjean et  al., 2014). Further, while 
these studies focused on drug discontinuation, they also suggested 
additional strategies that could be  helpful for promoting 
physical activity.

Additionally, this study highlighted the inaccuracy of reports 
of physical activity gathered using self-report questionnaires. 
In other words, during the follow-up period, a significant 
decrease was observed only for the device-based measure (step 
counts) but not for the self-reported measure (self-reports on 
walking activity). This is consistent with previous research that 
reported similar differences (Tucker et al., 2011; Siebeling et al., 
2012). There are some possible explanations for these differences. 
First, it is possible that the participants overestimated their 
level of physical activity in an attempt to give socially desirable 
responses (Hebert et  al., 1997; Sallis and Saelens, 2000). Prior 
studies have reported that this tendency could be  induced by 
intervention procedures with a specific goal (Taber et al., 2009). 
Second, the differences might be attributable to the characteristics 
of the IPAQ-SF items used in this study. The IPAQ-SF calculates 
walking activity by asking the respondent to recall the number 
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of days, within the last 1  week, on which they walked for 
10 min or more and the average duration of time spent walking 
per day. Therefore, it is possible that the distortion in responses 
could have arisen because of the difficulty of the recall process. 
In particular, given that walking is a behavior that occurs in 
most situations, regardless of location or time, distortion during 
recall can occur relatively easily.

In conclusion, the findings in this study have few implications 
on the development process used for mHealth applications 
in the future. First, the findings offer crucial information 
regarding the usability of different GC conditions and their 
challenges. For instance, when applying technology-based GC 
to an mHealth system with the goal of effective promotion 
of physical activity, the dependent GC could be  the first 
choice, along with the adaptation of other components, such 
as online chatting and random selection of a team representative 
in order to encourage group cohesion. Similarly, an 
interdependent GC could be  utilized in case of any financial 
limitations. However, it is important to consider not only 
cost efficiency but also other factors, such as effectiveness 
and user satisfaction. Second, when building an mHealth 
application, usage of device-based measures of physical activities 
is recommended (Sallis and Saelens, 2000; Kurti and Dallery, 
2013). Finally, it is recommended that device-based measures 
be  developed and used for physical activities other than 
walking (e.g., sit-ups, running, etc.).

However, the findings in this study should be  interpreted 
in light of the following limitations: first, the sample size of 
this study was only slightly over the minimum number required 
for power analysis. Future studies with larger sample sizes are 
needed to establish the relative effectiveness and efficiency of 
group contingency. Second, the effectiveness and cost efficiency 
of technology-based GC can differ depending on the demographic 
characteristics of the participants. The sample for this study 
included undergraduate and graduate students who were familiar 
with smartphone usage. Therefore, additional research needs 
to be conducted with different age groups. Third, the effectiveness 
and cost efficiency of technology-based GC could differ depending 
on the target behavior, especially its characteristics (e.g., individual 
behavior, behavior that affects others, etc.), given the nature 
of the GC process. Thus, the effectiveness could differ if the 
technology-based GC was applied to behaviors other than walking. 
Fourth, the goal of this study was to examine the effectiveness 

of group contingencies, but only direct measures of walking, 
such as step count and self-report questionnaire, were obtained. 
Additional measures (e.g., body mass index, weight, etc.) would 
be beneficial to examine the consequences of increased walking. 
Finally, since this study utilized the principle of delayed 
reinforcement, which includes a time gap between the 
performance of the target behavior and the delivery of the 
reinforcer, future studies should analyze the effectiveness of 
mHealth systems that offer immediate reinforcement for a 
target behavior.

DATA AVAILABILITY STATEMENT

The raw data supporting the conclusions of this article will 
be  made available by the authors, without undue reservation.

ETHICS STATEMENT

The studies involving human participants were reviewed and 
approved by Yonsei University Institutional Review Board. The 
patients/participants provided their written informed consent 
to participate in this study.

AUTHOR CONTRIBUTIONS

HK designed the experiments, conducted the data collection and 
analysis, and shared in the writing of the manuscript. This 
manuscript is based on Heewon’s master’s thesis, submitted at 
Yonsei University, Seoul, South Korea. K-MC designed and managed 
the experiment, and shared in the writing of the manuscript. 
CL and SL recruited the participants, conducted the data collection, 
and shared in the writing of the manuscript. All authors contributed 
to the article and approved the submitted version.

FUNDING

This study was supported by the Ministry of Science and ICT 
of the South Korea and the National Research Foundation of 
Korea (NRF-2017M3C4A7083533).

 

REFERENCES

Asch, D. A., Muller, R. W., and Volpp, K. G. (2012). Automated hovering in 
health care—watching over the 5000 hours. N. Engl. J. Med. 367, 1–3. doi: 
10.1056/NEJMp1203869

Bahmani, D. S., Kesselring, J., Papadimitriou, M., Bansi, J., Pühse, U., Gerber, M., 
et al. (2019). In patients with multiple sclerosis, both objective and subjective 
sleep, depression, fatigue, and paresthesia improved after 3 weeks of regular 
exercise. Front. Psychol. 10:265. doi: 10.3389/fpsyt.2019.00265

Baker, G., Gray, S. R., Wright, A., Fitzsimons, C., Nimmo, M., Lowry, R., 
et al. (2008). The effect of a pedometer-based community walking intervention 
“walking for wellbeing in the west” on physical activity levels and health 
outcomes: a 12-week randomized controlled trial. Int. J. Behav. Nutr. Phys. 
Act. 5:44. doi: 10.1186/1479-5868-5-44

Bassett, D. R. Jr., Wyatt, H. R., Thompson, H., Peters, J. C., and Hill, J. O. 
(2010). Pedometer-measured physical activity and health behaviors in U.S. 
adults. Med. Sci. Sports Exerc. 42, 1819–1825. doi: 10.1249/MSS.0b013e3181dc2e54

Brislin, R. W. (1970). Back-translation for cross-cultural research. J. Cross Cult. 
Psychol. 1, 185–216. doi: 10.1177/135910457000100301

Byrne, S., Barry, D., and Petry, N. M. (2012). Predictors of weight loss success. 
Exercise vs. dietary self-efficacy and treatment attendance. Appetite 58, 
695–698. doi: 10.1016/j.appet.2012.01.005

Cariveau, T., and Kodak, T. (2017). Programming a randomized dependent 
group contingency and common stimuli to promote durable behavior change. 
J. Appl. Behav. Anal. 50, 121–133. doi: 10.1002/jaba.352

Chaudhury, H., Campo, M., Michael, Y., and Mahmood, A. (2016). Neighbourhood 
environment and physical activity in older adults. Soc. Sci. Med. 149, 104–113. 
doi: 10.1016/j.socscimed.2015.12.011

https://www.frontiersin.org/journals/psychology
www.frontiersin.org
https://www.frontiersin.org/journals/psychology#articles
https://doi.org/10.1056/NEJMp1203869
https://doi.org/10.3389/fpsyt.2019.00265
https://doi.org/10.1186/1479-5868-5-44
https://doi.org/10.1249/MSS.0b013e3181dc2e54
https://doi.org/10.1177/135910457000100301
https://doi.org/10.1016/j.appet.2012.01.005
https://doi.org/10.1002/jaba.352
https://doi.org/10.1016/j.socscimed.2015.12.011


Kim et al. Group Contingency Type and Walking

Frontiers in Psychology | www.frontiersin.org 12 May 2021 | Volume 12 | Article 655663

Cho, S., and Chung, K.-M. (2020). Reinforcement schedule for mobile application 
to promote physical activity: an investigation into the initial magnitude and 
escalating rate of reinforcement. Korean J. Health Psychol. 25, 33–56. doi: 
10.17315/kjhp.2020.25.1.003

Cohen, J. (1988). Statistical Power Analysis for the Behavioral Sciences. Hillsdale, 
NJ: Erihaum.

Cohen, S., Paradis, C., and LeMura, L. (2007). The effects of contingent-monetary 
reinforcement and music on exercise in college students. J. Sport Behav. 
30, 146–160.

Cooper, J. O., Heron, T. E., and Heward, W. L. (2020). Applied Behavior Analysis. 
3rd Edn. London: Pearson.

Coughlin, S. S., and Stewart, J. (2016). Use of consumer wearable devices to 
promote physical activity: a review of health intervention studies. J. Environ. 
Health Sci. 2, 1–6. doi: 10.15436/2378-6841.16.1123

Dall, P. M., Coulter, E. H., Fitzsimons, C. F., Skelton, D. A., and Chastin, S. F. 
(2017). Taxonomy of self-reported sedentary behaviour tools (TASST) 
framework for development, comparison and evaluation of self-report tools: 
content analysis and systematic review. BMJ Open 7:e013844. doi: 10.1136/
bmjopen-2016-013844

Dallery, J., Kurti, A., and Erb, P. (2015a). A new frontier: integrating behavioral 
and digital technology to promote health behavior. Behav. Anal. 38, 19–49. 
doi: 10.1007/s40614-014-0017-y

Dallery, J., Meredith, S., Jarvis, B., and Nuzzo, P. A. (2015b). Internet-based 
group contingency management to promote smoking abstinence. Exp. Clin. 
Psychopharmacol. 23, 176–183. doi: 10.1037/pha0000013

Dallery, J., Raiff, B. R., Grabinski, M. J., and Marsch, L. A. (2019). Technology-
based contingency management in the treatment of substance-use disorders. 
Perspect. Behav. Sci. 42, 445–464. doi: 10.1007/s40614-019-00214-1

Deshais, M. A., Fisher, A. B., and Kahng, S. W. (2019). A comparison of 
group contingencies on academic compliance. J. Appl. Behav. Anal. 52, 
116–131. doi: 10.1002/jaba.505

Diggle, P., Heagerty, P., Liang, K., and Zeger, S. (2002). Analysis of Longitudinal 
Data. 2nd Edn. Oxford University Press.

Direito, A., Carraça, E., Rawstorn, J., Whittaker, R., and Maddison, R. (2017). 
mHealth technologies to influence physical activity and sedentary behaviors: 
behavior change techniques, systematic review and meta-analysis of randomized 
controlled trials. Ann. Behav. Med. 51, 226–239. doi: 10.1007/s12160-016-9846-0

Duncan, S. C., Duncan, T. E., and Strycker, L. A. (2005). Sources and types 
of social support in youth physical activity. Health Psychol. 24, 3–10. doi: 
10.1037/0278-6133.24.1.3

Epstein, D. H., Hawkins, W. E., Covi, L., Umbricht, A., and Preston, K. L. 
(2003). Cognitive-behavioral therapy plus contingency management for cocaine 
use: findings during treatment and across 12-month follow-up. Psychol. 
Addict. Behav. 17, 73–82. doi: 10.1037/0893-164X.17.1.73

Epstein, L. H., Paluch, R. A., Kilanowski, C. K., and Raynor, H. A. (2004). 
The effect of reinforcement or stimulus control to reduce sedentary behavior 
in the treatment of pediatric obesity. Health Psychol. 23, 371–380. doi: 
10.1037/0278-6133.23.4.371

Estabrooks, P. A., and Carron, A. V. (2000). The physical activity group environment 
questionnaire: an instrument for the assessment of cohesion in exercise classes. 
Group Dyn. Theor. Res. Pract. 4, 230–243. doi: 10.1037/1089-2699.4.3.230

Fabiano, G. A., and  Pelham, W. E. Jr. (2003). Improving the effectiveness of 
behavioral classroom interventions for attention-deficit/hyperactivity disorder: 
a case study. J. Emot. Behav. Disord. 11, 122–128. doi: 10.1177/106342660301100206

Fanning, J., Mullen, S. P., and McAuley, E. (2012). Increasing physical activity with 
mobile devices: a meta-analysis. J. Med. Internet Res. 14:e161. doi: 10.2196/jmir.2171

Faul, F., Erdfelder, E., Lang, A.-G., and Buchner, A. (2007). G* power 3: a 
flexible statistical power analysis program for the social, behavioral, and 
biomedical sciences. Behav. Res. Methods 39, 175–191. doi: 10.3758/BF03193146

Finkelstein, E. A., Brown, D. S., Brown, D. R., and Buchner, D. M. (2008). A 
randomized study of financial incentives to increase physical activity among 
sedentary older adults. Prev. Med. 47, 182–187. doi: 10.1016/j.ypmed.2008.05.002

Fiuza-Luces, C., Santos-Lozano, A., Joyner, M., Carrera-Bastos, P., Picazo, O., 
Zugaza, J. L., et al. (2018). Exercise benefits in cardiovascular disease: beyond 
attenuation of traditional risk factors. Nat. Rev. Cardiol. 15, 731–743. doi: 
10.1038/s41569-018-0065-1

Foote, C., Bray, M. A., Kehle, T. J., VanHeest, J. L., Gelbar, N. W., Byer-Alcorace, G., 
et al. (2017). Interdependent group contingency to promote physical activity 
in children. Can. J. Sch. Psychol. 32, 144–161. doi: 10.1177/0829573516644901

García-Fernández, G., Secades-Villa, R., García-Rodríguez, O., 
Álvarez-López, H., Fernández-Hermida, J. R., Fernández-Artamendi, S., 
et al. (2011). Long-term benefits of adding incentives to the community 
reinforcement approach for cocaine dependence. Eur. Addict. Res. 17, 
139–145. doi: 10.1159/000324848

Glynn, L. G., Hayes, P. S., Casey, M., Glynn, F., Alvarez-Iglesias, A., Newell, J., 
et al. (2014). Effectiveness of a smartphone application to promote physical 
activity in primary care: the smart move randomised controlled trial. Br. 
J. Gen. Pract. 64, e384–e391. doi: 10.3399/bjgp14X680461

Gresham, F. M., and Gresham, G. N. (1982). Interdependent, dependent, and 
independent group contingencies for controlling disruptive behavior. J. Spec. 
Educ. 16, 101–110. doi: 10.1177/002246698201600110

Hebert, J. R., Ma, Y., Clemow, L., Ockene, I. S., Saperia, G.,  Stanek, E. J. III, 
et al. (1997). Gender differences in social desirability and social approval 
bias in dietary self-report. Am. J. Epidemiol. 146, 1046–1055. doi: 10.1093/
oxfordjournals.aje.a009233

Heering, P. W., and Wilder, D. A. (2006). The use of dependent group contingencies 
to increase on-task behavior in two general education classrooms. Educ. 
Treat. Child. 29, 459–468.

Herman, S. H., and Tramontana, J. (1971). Instructions and group versus 
individual reinforcement in modifying disruptive group behavior. J. Appl. 
Behav. Anal. 4, 113–119. doi: 10.1901/jaba.1971.4-113

Heron, N., Tully, M. A., McKinley, M. C., and Cupples, M. E. (2014). Steps 
to a better Belfast: physical activity assessment and promotion in primary 
care. Br. J. Sports Med. 48, 1558–1563. doi: 10.1136/bjsports-2012-091581

Hunter, R. F., Tully, M. A., Davis, M., Stevenson, M., and Kee, F. (2013). 
Physical activity loyalty cards for behavior change: a quasi-experimental 
study. Am. J. Prev. Med. 45, 56–63. doi: 10.1016/j.amepre.2013.02.022

IPAQ Research Committee (2005). Guidelines for Data Processing and Analysis 
of the International Physical Activity Questionnaire (IPAQ)-Short and Long 
Forms. Available at: https://docs.google.com/viewer?a=v&pid=sites&srcid=Z
G V m Y X V s d G R v b W F p b n x 0 a G V p c G F x f G d 4 O j E 0 N D 
gxMDk3NDU1YWRlZTM (Accessed December 10, 2019).

Jakicic, J. M. (2009). The effect of physical activity on body weight. Obesity 
17, S34–S38. doi: 10.1038/oby.2009.386

Jeon, C. Y., Lokken, R. P., Hu, F. B., and van Dam, R. M. (2007). Physical 
activity of moderate intensity and risk of type 2 diabetes: a systematic 
review. Diabetes Care 30, 744–752. doi: 10.2337/dc06-1842

Kamada, Y., Matsunaka, R., Oba, T., Nakagawa, D., Suzuki, Y., and Honda, S. 
(2018). Impact analysis of reduced fare programme for older people on 
step counts per day and travel behaviour. Int. J. Trans. Dev. Integr. 2, 155–165. 
doi: 10.2495/TDI-V2-N2-155-165

Kesiraju, L., and Vogels, T. (2017). Health & Fitness App Users Are Going 
the Distance With Record-High Engagement. Available at: https://www.flurry.
com/post/165079311062/health-fitness-app-users-are-going-the-distance 
(Accessed May 11, 2020).

King, A. C., Hekler, E. B., Grieco, L. A., Winter, S. J., Sheats, J. L., Buman, M. P., 
et al. (2013). Harnessing different motivational frames via mobile phones 
to promote daily physical activity and reduce sedentary behavior in aging 
adults. PLoS One 8:e62613. doi: 10.1371/journal.pone.0062613

Kuhl, S., Rudrud, E. H., Witts, B. N., and Schulze, K. A. (2015). Classroom-
based interdependent group contingencies increase children’s physical activity. 
J. Appl. Behav. Anal. 48, 602–612. doi: 10.1002/jaba.219

Kurti, A. N., and Dallery, J. (2013). Internet-based contingency management 
increases walking in sedentary adults. J. Appl. Behav. Anal. 46, 568–581. 
doi: 10.1002/jaba.58

Kurti, A. N., and Dallery, J. (2014). Integrating technological advancements in 
behavioral interventions to promote health: unprecedented oportunities for 
behavior analysts. Rev. Mex. Anal. Conducta 40, 106–126. doi: 10.5514/rmac.
v40.i2.63670

Lally, P., van Jaarsveld, C. H. M., Potts, H. W. W., and Wardle, J. (2010). How 
are habits formed: modelling habit formation in the real world. Eur. J. Soc. 
Psychol. 40, 998–1009. doi: 10.1002/ejsp.674

Lee, S. (2019). Effectiveness of Reinforcement Schedule Intervention to Promote 
Walking Behavior of College Students: Focused on Ratio Reinforcement 
Schedule and Escalating Reinforcement Schedule [Master’s thesis]. Seoul, 
Republic of Korea: Yonsei University.

Lines, R. L., Ntoumanis, N., Thøgersen-Ntoumani, C., McVeigh, J. A., Ducker, K. J., 
Fletcher, D., et al. (2020). Cross-sectional and longitudinal comparisons of 

https://www.frontiersin.org/journals/psychology
www.frontiersin.org
https://www.frontiersin.org/journals/psychology#articles
https://doi.org/10.17315/kjhp.2020.25.1.003
https://doi.org/10.15436/2378-6841.16.1123
https://doi.org/10.1136/bmjopen-2016-013844
https://doi.org/10.1136/bmjopen-2016-013844
https://doi.org/10.1007/s40614-014-0017-y
https://doi.org/10.1037/pha0000013
https://doi.org/10.1007/s40614-019-00214-1
https://doi.org/10.1002/jaba.505
https://doi.org/10.1007/s12160-016-9846-0
https://doi.org/10.1037/0278-6133.24.1.3
https://doi.org/10.1037/0893-164X.17.1.73
https://doi.org/10.1037/0278-6133.23.4.371
https://doi.org/10.1037/1089-2699.4.3.230
https://doi.org/10.1177/106342660301100206
https://doi.org/10.2196/jmir.2171
https://doi.org/10.3758/BF03193146
https://doi.org/10.1016/j.ypmed.2008.05.002
https://doi.org/10.1038/s41569-018-0065-1
https://doi.org/10.1177/0829573516644901
https://doi.org/10.1159/000324848
https://doi.org/10.3399/bjgp14X680461
https://doi.org/10.1177/002246698201600110
https://doi.org/10.1093/oxfordjournals.aje.a009233
https://doi.org/10.1093/oxfordjournals.aje.a009233
https://doi.org/10.1901/jaba.1971.4-113
https://doi.org/10.1136/bjsports-2012-091581
https://doi.org/10.1016/j.amepre.2013.02.022
https://docs.google.com/viewer?a=v&pid=sites&srcid=ZGVmYXVsdGRvbWFpbnx0aGVpcGFxfGd4OjE0NDgxMDk3NDU1YWRlZTM
https://docs.google.com/viewer?a=v&pid=sites&srcid=ZGVmYXVsdGRvbWFpbnx0aGVpcGFxfGd4OjE0NDgxMDk3NDU1YWRlZTM
https://docs.google.com/viewer?a=v&pid=sites&srcid=ZGVmYXVsdGRvbWFpbnx0aGVpcGFxfGd4OjE0NDgxMDk3NDU1YWRlZTM
https://doi.org/10.1038/oby.2009.386
https://doi.org/10.2337/dc06-1842
https://doi.org/10.2495/TDI-V2-N2-155-165
https://www.flurry.com/post/165079311062/health-fitness-app-users-are-going-the-distance
https://www.flurry.com/post/165079311062/health-fitness-app-users-are-going-the-distance
https://doi.org/10.1371/journal.pone.0062613
https://doi.org/10.1002/jaba.219
https://doi.org/10.1002/jaba.58
https://doi.org/10.5514/rmac.v40.i2.63670
https://doi.org/10.5514/rmac.v40.i2.63670
https://doi.org/10.1002/ejsp.674


Kim et al. Group Contingency Type and Walking

Frontiers in Psychology | www.frontiersin.org 13 May 2021 | Volume 12 | Article 655663

self-reported and device-assessed physical activity and sedentary behaviour. 
J. Sci. Med. Sport 23, 831–835. doi: 10.1016/j.jsams.2020.03.004

Litoe, L., and Pumroy, D. K. (1975). A brief review of classroom group-oriented 
contingencies. J. Appl. Behav. Anal. 8, 341–347. doi: 10.1901/jaba.1975.8-341

Martin, A., Suhrcke, M., and Ogilvie, D. (2012). Financial incentives to promote 
active travel: an evidence review and economic framework. Am. J. Prev. 
Med. 43, 45–57. doi: 10.1016/j.amepre.2012.09.001

Mateo, G. F., Granado-Font, E., Ferré-Grau, C., and Montaña-Carreras, X. 
(2015). Mobile phone apps to promote weight loss and increase physical 
activity: a systematic review and meta-analysis. J. Med. Internet Res. 17:e253. 
doi: 10.2196/jmir.4836

Matteson, M. A. (1989). Effects of a cognitive behavioral approach and positive 
reinforcement on exercise for older adults. Educ. Gerontol. 15, 497–513. 
doi: 10.1080/0380127890150506

Meredith, S. E., and Dallery, J. (2013). Investigating group contingencies to 
promote brief abstinence from cigarette smoking. Exp. Clin. Psychopharmacol. 
21, 144–154. doi: 10.1037/a0031707

Meredith, S. E., Grabinski, M. J., and Dallery, J. (2011). Internet-based group 
contingency management to promote abstinence from cigarette smoking: a 
feasibility study. Drug Alcohol Depend. 118, 23–30. doi: 10.1016/j.
drugalcdep.2011.02.012

Mitchell, M. S., Orstad, S. L., Biswas, A., Oh, P. I., Jay, M., Pakosh, M. T., 
et al. (2020). Financial incentives for physical activity in adults: systematic 
review and meta-analysis. Br. J. Sports Med. 54, 1259–1268. doi: 10.1136/
bjsports-2019-100633

Morris, J. N., and Hardman, A. E. (1997). Walking to health. Sports Med. 23, 
306–332. doi: 10.2165/00007256-199723050-00004

Najafipour, F., Mobasseri, M., Yavari, A., Nadrian, H., Aliasgarzadeh, A., Abbasi, N. M., 
et al. (2017). Effect of regular exercise training on changes in HbA1c, BMI 
and VO2max among patients with type 2 diabetes mellitus: an 8-year trial. 
BMJ Open Diabetes Res. Care 5:e000414. doi: 10.1136/bmjdrc-2017-000414

Oh, J. Y., Yang, Y. J., Kim, B. S., and Kang, J. H. (2007). Validity and reliability 
of Korean version of international physical activity questionnaire (IPAQ) 
short form. J. Korean Acad. Fam. Med. 28, 532–541.

Oja, P., Bull, F. C., Fogelholm, M., and Martin, B. W. (2010). Physical activity 
recommendations for health: what should Europe do? BMC Public Health 
10:10. doi: 10.1186/1471-2458-10-10

Pate, R. R., Pratt, M., Blair, S. N., Haskell, W. L., Macera, C. A., Bouchard, C., 
et al. (1995). Physical activity and public health. A recommendation from 
the centers for disease control and prevention and the american college of 
sports medicine. JAMA 273, 402–407. doi: 10.1001/jama.273.5.402

Patel, M. S., Asch, D. A., Rosin, R., Small, D. S., Bellamy, S. L., Eberbach, K., 
et al. (2016a). Individual versus team-based financial incentives to increase 
physical activity: a randomized, controlled trial. J. Gen. Intern. Med. 31, 
746–754. doi: 10.1007/s11606-016-3627-0

Patel, M. S., Asch, D. A., Rosin, R., Small, D. S., Bellamy, S. L., Heuer, J., 
et al. (2016b). Framing financial incentives to increase physical activity 
among overweight and obese adults: a randomized, controlled trial. Ann. 
Intern. Med. 164, 385–394. doi: 10.7326/M15-1635

Patel, M. S., Volpp, K. G., Rosin, R., Bellamy, S. L., Small, D. S., Heuer, J., 
et al. (2018). A randomized, controlled trial of lottery-based financial incentives 
to increase physical activity among overweight and obese adults. Am. J. 
Health Promot. 32, 1568–1575. doi: 10.1177/0890117118758932

Petitjean, S. A., Dürsteler-MacFarland, K. M., Krokar, M. C., Strasser, J., 
Mueller, S. E., Degen, B., et al. (2014). A randomized, controlled trial of 
combined cognitive-behavioral therapy plus prize-based contingency 
management for cocaine dependence. Drug Alcohol Depend. 145, 94–100. 
doi: 10.1016/j.drugalcdep.2014.09.785

Petridou, A., Siopi, A., and Mougios, V. (2019). Exercise in the management 
of obesity. Metab. Clin. Exp. 92, 163–169. doi: 10.1016/j.metabol.2018.10.009

Petry, N. M., Andrade, L. F., Barry, D., and Byrne, S. (2013). A randomized 
study of reinforcing ambulatory exercise in older adults. Psychol. Aging 28, 
1164–1173. doi: 10.1037/a0032563

Petry, N. M., Barry, D., Pescatello, L., and White, W. B. (2011). A low-cost 
reinforcement procedure improves short-term weight loss outcomes. Am. J. 
Med. 124, 1082–1085. doi: 10.1016/j.amjmed.2011.04.016

Petry, N. M., and  Simcic, F. Jr. (2002). Recent advances in the dissemination 
of contingency management techniques: clinical and research perspectives. 
J. Subst. Abus. Treat. 23, 81–86. doi: 10.1016/S0740-5472(02)00251-9

Popkin, J., and Skinner, C. H. (2003). Enhancing academic performance in a 
classroom serving students with serious emotional disturbance: interdependent 
group contingencies with randomly selected components. Sch. Psychol. Rev. 
32, 282–295. doi: 10.1080/02796015.2003.12086199

Qu, A., and Song, P. X. K. (2002). Testing ignorable missingness in estimating 
equation approaches for longitudinal data. Biometrika 89, 841–850. doi: 
10.1093/biomet/89.4.841

Raiff, B. R., Jarvis, B. P., Turturici, M., and Dallery, J. (2013). Acceptability of 
an internet-based contingency management intervention for smoking cessation: 
views of smokers, nonsmokers, and healthcare professionals. Exp. Clin. 
Psychopharmacol. 21, 204–213. doi: 10.1037/a0032451

Rethorst, C. D., and Trivedi, M. H. (2013). Evidence-based recommendations 
for the prescription of exercise for major depressive disorder. J. Psychiatr. 
Pract. 19, 204–212. doi: 10.1097/01.pra.0000430504.16952.3e

Robins, J. M., Rotnitzky, A., and Zhao, L. P. (1995). Analysis of semiparametric 
regression models for repeated outcomes in the presence of missing data. 
J. Am. Stat. Assoc. 90, 106–121. doi: 10.1080/01621459.1995.10476493

Sallis, J. F., and Saelens, B. E. (2000). Assessment of physical activity by self-
report: status, limitations, and future directions. Res. Q. Exerc. Sport 71, 
1–14. doi: 10.1080/02701367.2000.11082780

Sattelmair, J., Pertman, J., Ding, E. L.,  Kohl, H. W. III, Haskell, W., and 
Lee, I. M. (2011). Dose response between physical activity and risk of 
coronary heart disease: a meta-analysis. Circulation 124, 789–795. doi: 10.1161/
CIRCULATIONAHA.110.010710

Scott, K. C., Skinner, C. H., Moore, T. C., McCurdy, M., Ciancio, D., and 
Cihak, D. F. (2017). Evaluating and comparing the effects of group contingencies 
on mathematics accuracy in a first-grade classroom: class average criteria 
versus unknown small-group average criteria. Sch. Psychol. Rev. 46, 262–271. 
doi: 10.17105/SPR-2017-0037.V46-3

Secades-Villa, R., García-Rodríguez, O., García-Fernández, G., Sánchez-Hervás, E., 
Fernandez-Hermida, J. R., and Higgins, S. T. (2011). Community reinforcement 
approach plus vouchers among cocaine-dependent outpatients: twelve-month 
outcomes. Psychol. Addict. Behav. 25, 174–179. doi: 10.1037/a0021451

Siebeling, L., Wiebers, S., Beem, L., Puhan, M. A., and Ter Riet, G. (2012). 
Validity and reproducibility of a physical activity questionnaire for older 
adults: questionnaire versus accelerometer for assessing physical activity in 
older adults. Clin. Epidemiol. 4, 171–180. doi: 10.2147/CLEP.S30848

Ströhle, A., Feller, C., Onken, M., Godemann, F., Heinz, A., and Dimeo, F. 
(2005). The acute antipanic activity of aerobic exercise. Am. J. Psychiatry 
162, 2376–2378. doi: 10.1176/appi.ajp.162.12.2376

Taber, D. R., Stevens, J., Murray, D. M., Elder, J. P., Webber, L. S., Jobe, J. B., 
et al. (2009). The effect of a physical activity intervention on bias in self-
reported activity. Ann. Epidemiol. 19, 316–322. doi: 10.1016/j.annepidem.2009.01.001

Theodore, L. A., Bray, M. A., and Kehle, T. J. (2004). A comparative study of 
group contingencies and randomized reinforcers to reduce disruptive classroom 
behavior. Sch. Psychol. Q. 19, 253–271. doi: 10.1521/scpq.19.3.253.40280

Tomata, Y., Zhang, S., Sugawara, Y., and Tsuji, I. (2019). Impact of time spent 
walking on incident dementia in elderly Japanese. Int. J. Geriatr. Psychiatry 
34, 204–209. doi: 10.1002/gps.5011

Troiano, R. P., Gabriel, K. K. P., Welk, G. J., Owen, N., and Sternfeld, B. 
(2012). Reported physical activity and sedentary behavior: why do you  ask? 
J. Phys. Act. Health 9, S68–S75. doi: 10.1123/jpah.9.s1.s68

Tucker, J. M., Welk, G. J., and Beyler, N. K. (2011). Physical activity in U.S.: 
adultscompliance with the physical activity guidelines for Americans. Am. 
J. Prev. Med. 40, 454–461. doi: 10.1016/j.amepre.2010.12.016

Tudor-Locke, C., Ainsworth, B. E., Thompson, R. W., and Matthews, C. E. 
(2002). Comparison of pedometer and accelerometer measures of free-living 
physical activity. Med. Sci. Sports Exerc. 34, 2045–2051. doi: 10.1097/00005768- 
200212000-00027

Tudor-Locke, C., and Bassett, D. R. (2004). How many steps/day are enough? 
Preliminary pedometer indices for public health. Sports Med. 34, 1–8. doi: 
10.2165/00007256-200434010-00001

Tudor-Locke, C., Johnson, W. D., and Katzmarzyk, P. T. (2009). Accelerometer-
determined steps per day in US adults. Med. Sci. Sports Exerc. 41, 1384–1391. 
doi: 10.1249/MSS.0b013e318199885c

Tudor-Locke, C., Sisson, S. B., Collova, T., Lee, S. M., and Swan, P. D. (2005). 
Pedometer-determined step count guidelines for classifying walking intensity 
in a young ostensibly healthy population. Can. J. Appl. Physiol. 30, 666–676. 
doi: 10.1139/h05-147

https://www.frontiersin.org/journals/psychology
www.frontiersin.org
https://www.frontiersin.org/journals/psychology#articles
https://doi.org/10.1016/j.jsams.2020.03.004
https://doi.org/10.1901/jaba.1975.8-341
https://doi.org/10.1016/j.amepre.2012.09.001
https://doi.org/10.2196/jmir.4836
https://doi.org/10.1080/0380127890150506
https://doi.org/10.1037/a0031707
https://doi.org/10.1016/j.drugalcdep.2011.02.012
https://doi.org/10.1016/j.drugalcdep.2011.02.012
https://doi.org/10.1136/bjsports-2019-100633
https://doi.org/10.1136/bjsports-2019-100633
https://doi.org/10.2165/00007256-199723050-00004
https://doi.org/10.1136/bmjdrc-2017-000414
https://doi.org/10.1186/1471-2458-10-10
https://doi.org/10.1001/jama.273.5.402
https://doi.org/10.1007/s11606-016-3627-0
https://doi.org/10.7326/M15-1635
https://doi.org/10.1177/0890117118758932
https://doi.org/10.1016/j.drugalcdep.2014.09.785
https://doi.org/10.1016/j.metabol.2018.10.009
https://doi.org/10.1037/a0032563
https://doi.org/10.1016/j.amjmed.2011.04.016
https://doi.org/10.1016/S0740-5472(02)00251-9
https://doi.org/10.1080/02796015.2003.12086199
https://doi.org/10.1093/biomet/89.4.841
https://doi.org/10.1037/a0032451
https://doi.org/10.1097/01.pra.0000430504.16952.3e
https://doi.org/10.1080/01621459.1995.10476493
https://doi.org/10.1080/02701367.2000.11082780
https://doi.org/10.1161/CIRCULATIONAHA.110.010710
https://doi.org/10.1161/CIRCULATIONAHA.110.010710
https://doi.org/10.17105/SPR-2017-0037.V46-3
https://doi.org/10.1037/a0021451
https://doi.org/10.2147/CLEP.S30848
https://doi.org/10.1176/appi.ajp.162.12.2376
https://doi.org/10.1016/j.annepidem.2009.01.001
https://doi.org/10.1521/scpq.19.3.253.40280
https://doi.org/10.1002/gps.5011
https://doi.org/10.1123/jpah.9.s1.s68
https://doi.org/10.1016/j.amepre.2010.12.016
https://doi.org/10.1097/00005768-200212000-00027
https://doi.org/10.1097/00005768-200212000-00027
https://doi.org/10.2165/00007256-200434010-00001
https://doi.org/10.1249/MSS.0b013e318199885c
https://doi.org/10.1139/h05-147


Kim et al. Group Contingency Type and Walking

Frontiers in Psychology | www.frontiersin.org 14 May 2021 | Volume 12 | Article 655663

Vargo, K. K., and Becknell, K. (2019). An application of the group-oriented 
concurrent-chains arrangement. Behav. Anal. Pract. 12, 310–319. doi: 10.1007/
s40617-018-00286-6

Vidoni, C., Lee, C. H., and Azevedo, L. B. (2014). Fair play game: a group 
contingency strategy to increase students’ active behaviours in physical 
education. Early Child Dev. Care 184, 1127–1141. doi: 10.1080/03004430. 
2013.847834

Walsh, J. C., Corbett, T., Hogan, M., Duggan, J., and McNamara, A. (2016). 
An mHealth intervention using a smartphone app to increase walking 
behavior in young adults: a pilot study. JMIR Mhealth Uhealth 4:e109. doi: 
10.2196/mhealth.5227

Washington, W. D., Banna, K. M., and Gibson, A. L. (2014). Preliminary 
efficacy of prize-based contingency management to increase activity levels 
in healthy adults. J. Appl. Behav. Anal. 47, 231–245. doi: 10.1002/jaba.119

Watson, A., Bickmore, T., Cange, A., Kulshreshtha, A., and Kvedar, J. (2012). 
An internet-based virtual coach to promote physical activity adherence in 
overweight adults: randomized controlled trial. J. Med. Internet Res. 14:e1. 
doi: 10.2196/jmir.1629

Weinstock, J., Petry, N. M., Pescatello, L. S., and Henderson, C. E. (2016). 
Sedentary college student drinkers can start exercising and reduce drinking 
after intervention. Psychol. Addict. Behav. 30, 791–801. doi: 10.1037/
adb0000207

WHO (2011). mHealth: New Horizons for Health Through Mobile Technologies: 
Second Global Survey on eHealth. Available at: https://apps.who.int/iris/
handle/10665/44607 (Global Observatory for EHealth). (Accessed March 
10, 2020).

Wilde, B. E., Sidman, C. L., and Corbin, C. B. (2001). A 10,000-step count 
as a physical activity target for sedentary women. Res. Q. Exerc. Sport 72, 
411–414. doi: 10.1080/02701367.2001.10608977

Williamson, B. D., Campbell-Whatley, G. D., and Lo, Y. Y. (2009). Using a 
random dependent group contingency to increase on-task behaviors of high 
school students with high incidence disabilities. Psychol. Sch. 46, 1074–1083. 
doi: 10.1002/pits.20445

Williamson, D. A., Williamson, S. H., Watkins, P. C., and Hughes, H. H. 
(1992). Increasing cooperation among children using dependent group-
oriented reinforcement contingencies. Behav. Modif. 16, 414–425. doi: 
10.1177/01454455920163007

Womble, L. G., Wadden, T. A., McGuckin, B. G., Sargent, S. L., Rothman, R. A., 
and Krauthamer-Ewing, E. S. (2004). A randomized controlled trial of a 
commercial internet weight loss program. Obes. Res. 12, 1011–1018. doi: 
10.1038/oby.2004.124

Conflict of Interest: The authors declare that the research was conducted in 
the absence of any commercial or financial relationships that could be  construed 
as a potential conflict of interest.

Copyright © 2021 Kim, Lee, Lee and Chung. This is an open-access article distributed 
under the terms of the Creative Commons Attribution License (CC BY). The use, 
distribution or reproduction in other forums is permitted, provided the original 
author(s) and the copyright owner(s) are credited and that the original publication 
in this journal is cited, in accordance with accepted academic practice. No use, 
distribution or reproduction is permitted which does not comply with these terms.

https://www.frontiersin.org/journals/psychology
www.frontiersin.org
https://www.frontiersin.org/journals/psychology#articles
https://doi.org/10.1007/s40617-018-00286-6
https://doi.org/10.1007/s40617-018-00286-6
https://doi.org/10.1080/03004430.2013.847834
https://doi.org/10.1080/03004430.2013.847834
https://doi.org/10.2196/mhealth.5227
https://doi.org/10.1002/jaba.119
https://doi.org/10.2196/jmir.1629
https://doi.org/10.1037/adb0000207
https://doi.org/10.1037/adb0000207
https://apps.who.int/iris/handle/10665/44607
https://apps.who.int/iris/handle/10665/44607
https://doi.org/10.1080/02701367.2001.10608977
https://doi.org/10.1002/pits.20445
https://doi.org/10.1177/01454455920163007
https://doi.org/10.1038/oby.2004.124
http://creativecommons.org/licenses/by/4.0/

	Effect of Group Contingency Ty pe on Walking: Comparisons of Effectiveness and Cost Efficiency
	Introduction
	Materials and Methods
	Research Participants
	Measures
	Mobile Application “Pacer”
	Korean Version of International Physical Activity Questionnaire-Short Form
	Physical Activity Group Environment Questionnaire
	Intervention Satisfaction and Utility Assessment Questionnaire
	Procedure
	Orientation and Pre-intervention Assessment
	Baseline
	Intervention
	Independent GC
	Interdependent GC
	Dependent GC
	Post-intervention Assessment
	Follow-Up Assessment
	Data Analysis

	Results
	Effectiveness of the Intervention
	Cost Efficiency of the Intervention
	Group Cohesion and Social Validity of the Intervention

	Discussion
	Data Availability Statement
	Ethics Statement
	Author Contributions

	References

