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Strengths, Opportunities, Aspirations, and Results (SOAR) is a strengths-based framework for strategic thinking, planning, conversations, and leading that focuses on strengths, opportunities, aspirations, and results. The SOAR framework leverages and integrates Appreciative Inquiry (AI) to create a transformation process through generative questions and positive framing. While SOAR has been used by practitioners since 2000 as a framework for generating positive organizational change, its use in empirical research has been limited by the absence of reliable and valid measures. We report on the reliability, construct validity, and measurement invariance of the SOAR Scale, a 12-item self-report survey organized into four first-order factors (Strengths, Opportunities, Aspirations, and Results). Data from a sample of 285 U.S. professionals were analyzed in Mplus using confirmatory factor analysis and exploratory structural equation modeling. The Four-Factor first-order exploratory structure equation modeling (ESEM) had the best model fit. Measurement invariance tests found the scalar invariance of the SOAR Scale across gender and education groups. Implications are discussed for using the SOAR Scale to build resilience at the individual, the team, and the organizational levels.
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INTRODUCTION

Since 2003, there has been a body of research that focuses on the positive states of individuals in organizational life that has influenced the social sciences called positive organizational scholarship (POS) (Cameron et al., 2003; Cameron and Spreitzer, 2012). This research places attention on enablers (e.g., strengths), motivators (e.g., aspirations and opportunities), and outcomes (e.g., results) (Cameron et al., 2003). Sekerka et al. (2014) found that the POS research is focused on describing, explaining, and predicting what types of thinking and behaving are associated with the best of what can be. The POS discipline of research has been drawn from various bodies of literature in several fields such as positive psychology, community psychology, Appreciative Inquiry (AI), and organization development. The focus of positive psychology is on positive traits and experiences (Seligman and Csikszentmihalyi, 2000). This body of research seeks to understand what represents the best of human conditions (strengths) and possibilities (opportunities). A recent study by McKinsey and Company suggests that capability building programs that focus on what employees are doing well (strengths) and support ways to learn more and to do even better (opportunities) can power continuous improvement, productivity, and organizational transformation. This is done via a “well designed program to promote productive behavior and skills [that] can not only energize an organization’s workforce but also become an essential element of any successful organization transformation” (Bachmann et al., 2021, p. 1).

Research confirms that positive emotions resulting from a focus on strengths and opportunities promote the success of an individual and team performance in organizations (Fredrickson, 2003a, 2009a; Miglianico et al., 2020; Dubreuil et al., 2021). A McKinsey Quarterly study of 1,300 global executives echoes this sentiment; in that, the highest performing organizations have a clear purpose, an understanding of strengths, shared aspirations, and leaders who know how to unleash ideas (opportunities) with a result-driven process (Isern and Pung, 2007). Empirical research by POS confirms strengths-based practices, and positive leadership improves the organizational performance and the individual physiological health and wellbeing (Tombaugh, 2005; Burkus, 2011; Cameron, 2013; Welch et al., 2014; Ding et al., 2020).

The other discipline is organization development (OD), which was founded on behavioral aspects of leading transformation and change, especially with a focus on AI. AI is a strengths-based philosophy with an organizational change approach that builds on the strengths of what is giving life to the organization---its positive core. It was co-created by its thought-leaders David Cooperrider and Ron Fry from the Case Western Reserve University in the late 1980s1. AI is focusing on the best in people, their organizations, and the relevant world around them (Cooperrider and Whitney, 2000). Additionally, it has become an effective theory and practice for transformation and change through the use of generative questions that can lead to positive images, positive actions, and positive outcomes in human systems in organizations (Whitney and Trosten-Bloom, 2003). A large body of empirical research has shown that AI creates upward spirals of positive emotions in people and organizations that increase appreciative behaviors and psychological wellbeing, capital, and safety (Fredrickson, 1998, 2003b,2004, 2009b; Verleysen et al., 2015; Daulon et al., 2017; Holma et al., 2017; Edmondson, 2019). AI research supports high performing employees who are more positive and have strengths based in nature, ask appreciative questions, and are more focused outside of themselves to help others (Brunetto et al., 2019; Peláez et al., 2020).

A related construct to AI is SOAR (Strengths, Opportunities, Aspirations, and Results), a strengths-based framework for strategic thinking, planning, conversations, and leading that integrates the theory and practice of POS, positive psychology, and AI. SOAR leverages the two AI practices of generative questions and positive framing (Cole and Stavros, 2019). While SOAR has been used by practitioners over the past two decades as a framework for building strategic capacity, psychological capacity, and resilience at the individual, the team, and the organizational level, its use in empirical research has been limited by the absence of a reliable and a valid measure of SOAR (Stavros and Saint, 2010; Stavros, 2020). We report on the psychometric properties of the SOAR Scale, a brief 12-item survey organized into four first-order factors (Strengths, Opportunities, Aspirations, Results).



THE STRENGTHS, OPPORTUNITIES, ASPIRATIONS, AND RESULTS FRAMEWORK

The SOAR framework enhances strategic thinking, planning, conversations, and leading through a generative approach to inquire into strengths, opportunities, aspirations, and measurable results to shape a preferred future, allowing for positive changes in strategies, structures, business models, systems, people, and processes (Stavros et al., 2003; Stavros and Hinrichs, 2009; Stavros and Saint, 2010; Cole and Stavros, 2019; Stavros, 2020). SOAR has been contrasted to the classic SWOT diagnostic analysis that diverts organizational resources away from strengths and opportunities by a focus on weaknesses and threats. Rather, SOAR is a dialogue-based, whole system approach to OD that leverages generative dialogue and interactive communication to focus energy on aspirations and results (Stavros and Cole, 2013; Bushe and Marshak, 2014). The SOAR framework transforms strategic thinking, planning, conversations, and leading through the use of generative questions designed to leverage the capacity for positive change through stories and conversations about what works and organizational perspectives from relevant stakeholders (Stavros and Wooten, 2012; Bushe, 2013; Stavros and Torres, 2018). SOAR-based generative questions prompt reflection and divergent thinking, active listening, and collaboration to help stakeholders reframe reality in novel and creative ways (Stavros et al., 2003).



THE STRENGTHS, OPPORTUNITIES, ASPIRATIONS, AND RESULTS SCALE

To help individuals learn and understand their natural capacity for strategic thinking, planning, conversations, and leading from a SOAR-based, generative perspective, we have developed the SOAR Scale, a 12-item self-report survey organized into four first-order factors representing the four elements of SOAR: Strengths, Opportunities, Aspirations, and Results. Capacity is the ability or potential to mobilize resources and create action to achieve objectives. It provides all that is necessary to construct relationships and develop capabilities needed to achieve both the individual and the organization’s values, vision, mission, goals, and strategy (Stavros, 1998). Strategic thinking is an intentional and a holistic way of thinking to create a strategy or strategic plan with a focus on desirable outcomes (Liedtka, 1998; Stavros and Hinrichs, 2009). Strategic thinking identifies organizational purpose and goals, builds relationships to drive the organization toward its purpose and goals, and identifies leverage points for organizational change. Strategic planning is “a complex cognitive, behavioral, social and political practice in which thinking, acting, learning, and knowing matter, and in which some associations are reinforced, others are created, and still others are dropped in the process of formulating and implementing strategies and plans” (Bryson et al., 2009, p. 176). A strategic plan includes the organization’s values, vision, mission, objectives, internal and external assessments of its environment, strategies, and implementation (action plan and resources to allocate). Strategic leading involves both thinking strategically and making strategic plans (Christensen, 1997).


Items on the Strengths, Opportunities, Aspirations, and Results Scale


Strengths Factor (Three Items): Strengths, Assets, Capabilities

The first factor of the SOAR framework is Strengths. Strengths refer to a person’s natural capacity for optimal functioning and performance to attain value outcomes (Linley and Harrington, 2006). The strengths movement in positive psychology operates from the tenet that identification of strengths, and the use and application of strengths fosters optimal functioning and performance in various settings (Seligman et al., 2005; Harzer and Ruch, 2013; Dubreuil et al., 2021). Focusing on strengths means identifying and building on strengths as opposed to identifying and correcting weaknesses (Seligman, 2002; Clifton and Harter, 2003). Research shows that strengths-based interventions have positive outcomes for individuals and groups in the areas of wellbeing, work performance, work engagement, and organizational citizenship behaviors (Park et al., 2004; Littman-Ovadia and Steger, 2010; Lavy and Littman-Ovadia, 2016; Ghielen et al., 2018; Miglianico et al., 2020). The strengths factor in SOAR is defined as natural capacities, assets, or capabilities in self and others that allow optimal performance. As a strengths-based approach, SOAR builds on the work of these researchers through the identification of strengths as the starting point for a strategic conversation.

Strengths are also conceptualized in the literature as assets and capabilities that are naturally occurring and stable. Assets are those competencies that create positive outcomes and values at the individual, the team, and the organizational levels (Tedeschi and Kilmer, 2005; Park and Peterson, 2006; Brownlee et al., 2013; Frieden, 2019; Soares et al., 2019). Capabilities integrate, build, and reconfigure individual and organizational strengths to address changing environments that are superior to those of the competition (Trivette et al., 1990; Teece et al., 1997; Helfat and Peteraf, 2003; Wooten and Crane, 2004). Taken together, assets and capabilities offer the foundation for discovering and aligning an organization’s best strengths to a process of focusing on a stronger competitive advantage and a more sustainable future.

Several tools have been developed to assess strengths individually and in terms of assets and capabilities. Self-report tools to measure identification and the use of strengths include the Clifton Strengths-Finder (Rath, 2007), the Values in Action Inventory of Strengths (Park and Peterson, 2006), the Personal Strengths Inventory (Kienfie Liau et al., 2010), the Employee Strengths at Work Scale (Bhatnagar, 2020), and the Strengths Use Scale (Govindji and Linley, 2007). The Developmental Assets Profile (Scales, 2011) is a self-report inventory comprised of 58 strength items (Scales, 2011). Finally, the Family Functioning Style Scale (FFSS) is a 26-item self-report scale developed to measure individual strengths and capabilities along a five-point rating scale (Trivette et al., 1990; Danışman and Tiftik, 2014).

The SOAR Scale combines self-reported identification of and use of strengths, assets, and capabilities in one tool via three items that measure the first-order factor, Strengths, along a five-point rating scale (“never” to “always”). Each item is preceded by the phrase “When you think strategically, how often do you focus on…” Strengths (those natural capacities in self and others that allow optimal performance), Assets (those competencies that create personal, team, or organizational value), and Capabilities (those abilities that create the best for yourself, your team, or organization).



Opportunities Factor: Opportunities, Ideas, Possibilities

The second factor of the SOAR framework is Opportunities. From the early study on strategic issue diagnosis and labeling in organizations (Dutton et al., 1983), Fredrickson (1985) operationalized opportunities as situations in which gains could be made, and Jackson and Dutton (1988) defined opportunities as situations or issues with a high likelihood of positive success. The strategic and future-oriented attributes of opportunities is also seen in the field of entrepreneurship in which opportunities involve the processes of discovery and evaluation in individuals leading to the creation of new outcomes (Shane and Venkataraman, 2000; Eckhardt and Shane, 2003). In the field of POS, opportunities refer to individuals working together to positively affect the future (Bushe, 2007). The Opportunities factor in SOAR is defined as those situations, ideas, or possibilities that make it possible to turn visions into reality.

Cameron and Lavine (2006) explored the extraordinary success achieved by focusing on opportunities during the clean-up and the closure of the Rocky Flats nuclear weapon production facility, which was termed by the media as the most dangerous building in the United States. Their abundance approach strives for positive deviance in pursuing the best of the human condition and working to fulfill the highest potential of organizations and individuals through a pursuit of opportunities, ideas, and possibilities. This brings opportunities into the realm of ideas and possibility thinking about a desired future through shared dialogues about opportunities as new ideas and possibilities within an innovative and adventurous activity of exchange (Stavros and Torres, 2018). Applying an abundance approach helps tap into strengths and then identify ideas and innovations that leverage these strengths, leading to more generative ways of strategizing. As such, the application of abundance theory offers a generative approach for identifying opportunities to bridge the gap between current performance and potentiality. Like the abundance approach, SOAR focuses on opportunities, ideas, and possibilities in an organization.

Opportunities in organizations have been traditionally measured by the SWOT analysis as an analytical tool or a checklist, usually completed by individuals about the organization (Helms and Nixon, 2010; Puyt et al., 2020). Ames and Runco (2005) interviewed entrepreneurs about their self-reported opportunities using the SWOT model. Scheaf et al. (2021) developed a 14-item self-report measure of opportunity evaluation in which entrepreneurial opportunities are rated in three domains: gain estimation (e.g., I see large potential gains for myself in pursuing the opportunity), perceived feasibility (e.g., I have what it takes to create opportunities), and loss estimation (e.g., For me, the potential for loss in pursuing the opportunity is high). Davidsson et al. (2021) developed the four-item Venture Idea Assessment to measure self-reported ratings of an entrepreneurial idea. For example, “How confident are you that a person with the right knowledge and motivation should be encouraged to act on this idea.”

The SOAR Scale combines self-reported identification of and use of opportunities, ideas, and possibilities in one tool via three items that measure the first-order factor, Opportunities, along a five-point rating scale (“never” to “always”). Each item is preceded by the phrase “When you think strategically, how often do you focus on…” Opportunities (those situations that make it possible to turn personal, team, or organizational visions into reality), Ideas (thoughts or suggestions for possible courses of action to positively change the future), and Possibilities (those innovative conditions that may lead to personal, team, or organizational success).



Aspirations Factor: Aspirations, Wishes, Desires

The third factor of the SOAR framework is Aspirations. From the root aspire, or steadfast intention for a higher goal, the concept of aspirations was defined in the field of psychology by Haller (1968) as “the cognitive orientational aspect of goal-direct behavior” (p. 484). Self-determination theory considers aspirations (e.g., goals, affiliations, personal growth, and community contribution) as a basic need satisfaction enhancing wellbeing (Deci and Ryan, 1985, 2000). In the context of strategy, aspirations represent the vision and support of a long-term strategy that drives operational strategy (Mintzberg, 1973; Steiner, 1979). Porter (1980) noted aspirations are realized through the incorporation of organizational strengths and capabilities. Aspirations are closely linked with the concepts of wishes and desires (Hart, 2016). For example, aspirations are linked with wishes when describing goals that are most important for individuals and organizations. Aspirations are linked with desires when describing aspirations as a self-expressed view of the future based on goal-attainment and decision-making (Perugini and Bagozzi, 2004; Boccagni, 2017). The aspirations factor in SOAR is defined as the dreams, vision, wishes, or desires to achieve personal, team, or organizational goals and objectives.

Aspirations expand and give voice to the wishes and desires of those focusing on what stakeholders care deeply about in the organization. Frequently strategic management research of aspirations is embedded in the discourse on visioning in organizations. This aspect of strategic management is described as symbolic and viewed as interpretive, being expressed as metaphors and frames of reference that enable the organization and its environment to understand stakeholder aspirations, wishes, and desires (Chaffee, 1985; Hart, 1992). In some instances, visioning clarifies aspirations by helping organizational members confront uncertainty and resolve confusion through visual images and verbal expressions of where they want to go (Bolman and Deal, 2008). The visioning mode entails cognitively constructing conceptual representation of the aspirations that will guide future actions (Strange and Mumford, 2005). Research has validated the positive impact of visioning on both employee productivity and organizational-level performance as measured in growth and profitability (Baum et al., 1998).

A SOAR-based view considers aspirations as playing a significant role in a positive view of strategy. Aspirations describe the organization’s strategic intent by taking into account its strengths and opportunities and then explicitly stating what one wishes or desires for the benefit of stakeholders (Stavros and Hinrichs, 2009). Aspirations represent how to convey an envisioned future and the roadmap for creating this future. The supporting pillar of an organization’s aspirations is its core ideology that defines its character through a consistent identity that transcends changes in leadership, market life cycles, and technological breakthroughs (Collins and Porras, 1996). Aspirations reflect an organization’s future directions or compelling dreams. This in turn energizes stakeholders and provide the emotional and intellectual energy for a collaborative journey into the future (Hamel et al., 1989; Prahalad and Hamel, 1994).

Strategic intent describes the organization’s mission and strategy to reach its vision. Beneficial change results from the strategic intention, vision, and needs of an organization (Prahalad and Hamel, 1994). Strategic intent challenges the organization to create an alignment among strengths, opportunities, and aspirations (Hamel and Prahalad, 2005). Therefore, the emphasis on strategic intent is to leverage current strengths and opportunities to acquire new resources to accomplish aspirations. SOAR also acknowledges the value of visioning as a tool to inspire and guide action based on others’ aspirations. The framework invites participants to visualize the organization’s future by asking questions designed to elicit a vision of its desired future and outcomes through a discussion of individuals’ aspirations, wishes, and desires.

Aspirations, in the context of psychology, have been measured by the Aspiration Index (Kasser and Ryan, 1993, 2001), a 35-item self-report measure of aspirational items (e.g., “you will be the one in charge of your life”).

The SOAR Scale combines self-reported identification of and use of aspirations, values, and desires in one tool via three items that measure the first-order factor, Aspirations, along a five-point rating scale (“never” to “always”). Each item is preceded by the phrase “When you think strategically, how often do you focus on…” Aspirations (dream or vision to achieve personal, team, or organizational goals and objectives), Wishes (a hope for achieving personal, team, or organizational goals and objectives), and Desires (your intention for personal, team, or organizational success).



Results Factor: Results, Completed Tasks, Outcomes

The fourth factor of the SOAR framework is Results. According to the online etymology dictionary, the noun results is from the 17th century and refers to consequences, effects, and outcomes2. In the field of psychology, results imply goal-attainment, task attainment (Locke et al., 1968; Locke and Latham, 1990), and outcomes (Salmoni et al., 1984). The strategic focus of a results-oriented work environment is to obtain goals and outcomes and to complete tasks (Santalainen and Hunt, 1988; Thierry, 1998; Binnendijk, 2001; Burke, 2002; Ressler and Thompson, 2008; Verbeeten and Speklé, 2015). From a POS perspective, a results-oriented strategy embraces a broaden-and-build perspective by framing the attainment of performance outcomes as opportunities for learning, growth, and expanded awareness (Cravens et al., 2010). The results factor in SOAR is defined as the measured goals, completed tasks, and outcomes obtained for success.

The results emphasis of SOAR holds organizational members accountable for completing tasks and achieving outcomes. Managers have been attempting to move accountability inside the activity of working for decades instead of locating it after something or someone has gone wrong and asking him or her to explain and rationalize. This constructive accountability recognizes and emphasizes that the performance of an organization’s member impacts the performance of others. Thus, accountability is experienced and understood as constructive and contributing to mutual accomplishment during the completion of work tasks (Seiling and Hinrichs, 2005). It occurs spontaneously and purposely during the exchange of conversations that include suggestions, acknowledgments, answers, challenges of right or wrong, and opportunities to contribute to the success of others. Inside these task-related activities, there is an exchange of accountability that is constructive—people purposely join to be responsible and accomplish the work based on the desired outcomes.

Strengths, Opportunities, Aspirations, and Results activates constructive accountability, exponentially expanding energy and interest in contributing to the welfare within the organization. For example, John Deere has been using SOAR at multiple levels for seven years with great success. At Deere, there were also lagging indicators including: “a 50% reduction in project completion cycle time; a 25% increase in stretch projects and goals; and accomplishments of SBU and functional department goals” (Hinrichs, 2010, p. 34). People pull themselves and others into the process to create a future that is mutually beneficial. Commitment and dedication to the future spread across the group and extend outward to other groups. They become constructively accountable for deciding and performing what tasks must be done to reach results. This requires perspective taking and reframing so the organization can envision new ways to approach its strengths, opportunities, and aspirations (Beatty and Hughes, 2005). Reframing is an important aspect of visioning because it challenges organizational members to reflect upon what they can do differently and to follow up these reflections with system thinking that maps out the interrelationships of variables to produce extraordinary results (Senge, 1990; Collins, 2001).

While aspirations motivate and energize organizational members to act in ways consistent with producing results for the organization (Hart, 1992), how does one know when it is succeeding at producing these results? From a positive strategy perspective, this is a conscientious identification and use of meaningful measures that indicate whether everything is on track to achieve its goals considering its strengths, opportunities, and aspirations (Stavros and Hinrichs, 2009). Two prominent approaches to measuring results in the field of strategy are the balanced scorecard (BSC) and the triple bottom line (TBL).

The BSC was designed as a management and measurement system for specifying organizational strategies and translation of strategic vision into action items and outcomes (Kaplan and Norton, 2006). The BSC provides a lens to explore how results can be enacted through objectives and complete tasks to achieve desired outcomes. The BSC tells the story of an organization’s strategy through a results-oriented measurement system indicating the present and future prospects of an organization (Huang, 2009). Conceptualizing the results dimension of the SOAR framework from a BSC view illustrates the importance of linking results to strengths, opportunities, and aspirations by providing a map for how organizations can convert assets and capabilities into strategic initiatives (tasks) and desired outcomes (Kaplan and Norton, 2006). A key point regarding the measurement system is the focus on more meaningful results than solely profit. Overtime, the BSC has been extended to include social and environmental measurement (Hubbard, 2009). In some instances, these additional components are integrated from a TBL perspective (Jamali, 2006), which offers another lens for people in organizations to incorporate the results aspects of SOAR. TBL emphasizes that, when results are measured at the organizational level, there are multiple impacts on society with associated bottom lines. TBL is a value-based aspiration that requires the organization to acknowledge the relationship between its economic performance and its performance in social and environmental terms (Colbert and Kurucz, 2007; Wirtenberg et al., 2017). TBL now is being used to capture the values, visions (aspirations), opportunities, and practices that organizations use to maximize positive impact and generate sustainable value for the economy, the society, and the environment (Elkington, 1998; Jamali, 2006; Laszlo and Cooperrider, 2010).

In addition to the BSC and the TBL, rapid tools such as the Job Aid Eight-Point Checklist for Mission and Vision Statement (Moore et al., 2011) have been developed to quickly assess results-oriented mission and vision statement for the organization [e.g., “Are all objectives linked to (and aligned with) results and consequences for individuals and small groups (Micro), the organization (Macro), or external clients and society (Mega)?”]. The SOAR Scale measures the first-order factor, Results, along a five-point rating scale (“never” to “always”) using three items. Each item is preceded by the phrase “When you think strategically, how often do you focus on…” Results (the measured goals obtained for success), Completed Tasks (activities that when completed help achievement of desired results), and Outcomes (those meaningful achievements that will have a positive result).





THE CURRENT STUDY

Demonstrating the reliability and validity of the SOAR Scale is necessary if researchers are to have confidence reporting the results obtained from it. Additionally, researchers should know if the SOAR Scale can be used to generate a substantively meaningful total score, or if the four subscale scores should be used for interpretations. Accordingly, the purpose of this study was to assess the measurement properties of the SOAR Scale in a sample of U.S. working professionals. We assessed the scale’s reliability, construct validity, dimensionality, and measurement invariance by gender, age, and education.



RESEARCH METHODS


Study Sample

Participants (N = 308) were recruited from invitations posted in the following LinkedIn groups to complete an online survey via the online survey tool SurveyMonkey: AI, leadership, strategic planning, change management, project management, financial management, and general business management. The inclusion criterion was a working professional in the U.S. The project was approved by the Lawrence Technological University Institutional Review Board (IRB). Due to incomplete data, n = 23 participants were excluded from the current study, resulting in an analytical sample size of N = 285. Participants were comprised of professionals from a variety of industries (automotive, consulting, education, engineering, finance, government, healthcare, IR, and marketing) and positions (administrative, executive, director, manager, supervisor, and VP). The sample was relatively matched by gender (female = 53%, male = 47%) but was not matched by age (16.5% 18–34 years of age, 47.0% 35–54 years of age, 36.5% 55–74 years of age) or level of education (undergraduate degree = 23.5%, graduate degree = 76.5%).



Instrument

The 12-item SOAR Scale is a self-report survey on SOAR-based capacity. This survey assesses an individual’s natural capacity for strategic thinking, planning, conversations, and leading from a SOAR-based, generative perspective. The SOAR Scale was created for members of any organization. The survey is organized into four first-order factors representing the four elements of SOAR. Items were selected to support our a priori assumptions about the SOAR framework theory and hypothesized patterns of item loadings onto their respective factors. Each first-order factor is measured by three items scored along a five-point rating scale (“never” to “always,” 1–5), with each item preceded by the phrase “When you think strategically, how often do you focus on…”. Users should organize the items alphabetically and include the corresponding definition.

The first-order factor Strengths is measured by Strengths (those natural capacities in self and others that allow optimal performance), Assets (those competencies that create personal, team, or organizational values), and Capabilities (those abilities that create the best for yourself, your team, or organization). The first-order factor Opportunities is measured by Opportunities (those situations that make it possible to turn personal, team, or organizational visions into reality), Ideas (thoughts or suggestions for possible courses of action to positively change the future), and Possibilities (those innovative conditions that may lead to personal, team, or organizational success). The first-order factor Aspirations is measured by Aspirations (dreams or visions to achieve personal, team, or organizational goals and objectives), Wishes (a hope for achieving personal, team, or organizational goals and objectives), and Desires (your intention for personal, team, or organizational success). The first-order factor Results is measured by Results (the measured goals obtained for success), Completed Tasks (activities that when completed help in the achievement of the desired results), and Outcomes (those meaningful achievements that will have a positive result).



Statistical Analyses

The survey data were analyzed using SPSS v28 and Mplus v8.6. First, we started with exploring the factorial structure of the SOAR Scale using exploratory factor analysis (EFA). Kaiser–Meyer–Olkin (KMO) > 0.60 and Bartlett’s sphericity test chi-square < 0.01 were first determined as support for factorability (Kaiser, 1974), followed by using Mplus to conduct EFA based on maximum likelihood estimation (ML) and Geomin Oblique rotation. Mplus was also used to conduct Bifactor EFA as an alternative to EFA in which ML estimation and Bi-Geomin Orthogonal rotation was used to explore if a general factor influences all items and if-specific factors, uncorrelated with the general factor, influence sets of items (Muthén and Asparouhov, 2016). Given our a priori hypothesized structure of the data measuring four factors, EFA was specified to extract a fixed number of four factors (i.e., Strengths, Opportunities, Aspirations, and Results), and Bifactor EFA was specified to extract a fixed number of five factors (i.e., General Factor, Strengths, Opportunities, Aspirations, Results; Hurley et al., 1997; Watkins, 2018), with Eigenvalues > 1, item loadings > 0.40, and overall percent of variance ≥ 50 (Streiner, 1994; Muthén and Muthén, 2017).

Second, a competing measurement modeling strategy was employed in Mplus using the confirmatory factor analytical (CFA) and the exploratory structural equation modeling (ESEM; Asparouhov and Muthén, 2009) to investigate the construct validity of the SOAR Scale. The models were estimated using the robust maximum likelihood (MLR) estimator which addresses slight or moderate assumptions in normality of the SOAR Scale 5-point Likert rating scale data (Li, 2016; Tóth-Király et al., 2018). For CFA models, all items were estimated to load onto their a priori theoretical factors, cross-loadings were constrained to zero, and errors terms were allowed to correlate (Wang and Wang, 2020). ESEM measurement models were specified and estimated in Mplus using guidelines outlined in the study of Van Zyl and Ten Klooster (2022). The Mplus syntax was created using an ESEM online code generator created by De Beer and Van Zyl (2019).


(0)Model 0, the Unidimensional CFA Model of Overall SOAR (established a baseline model from which other models were compared).

(1)Model 1, the Independent Cluster Model CFA (ICM CFA) Model comprised of Strengths, Opportunities, Aspirations, and Results (an estimated model in which the four first-order factors of the SOAR Scale were correlated).

(2)Model 2, the Hierarchical CFA (H CFA) Model compromises a single second-order factor of SOAR, consisting of four first-order factors (estimated the hierarchical nature of the SOAR Scale in which the four first-order factors load onto a second-order general SOAR factor).

(3)Model 3, the Bifactor CFA Model of Overall SOAR (estimated the dimensionality of the SOAR Scale via Orthogonal Target rotation and constraining to zero the relationships between specific and general factors to determine if the SOAR Scale is unidimensional or multidimensional; cf. Reise, 2012).

(4)Model 4, the ESEM Model comprised of SOAR Scale items that estimated to load onto their four a priori theoretical factors and cross-loadings were permitted but targeted to be close to zero).

(5)Model 5, the Hierarchical ESEM (H ESEM) Model compromises a single second-order factor of SOAR, consisting of four first-order factors (the SOAR Scale items were estimated to load onto their four a priori theoretical factors and cross-loadings were permitted but targeted to be close to zero; then, an ESEM-within-CFA estimation procedure was used to construct the higher-order factorial model in which the starting values for items were constrained to the unstandardized factor and cross-loadings from Model 4).

(6)Model 6, the Bifactor ESEM Model of Overall SOAR (similar to Model 3, but cross-loadings were permitted but targeted to be close to zero).



These models were evaluated first for the acceptable model fit according to the following criteria: χ2/df < 3, CFI > 0.90, TLI > 0.90, RMSEA < 0.08, SRMR < 0.08 (Chen, 2007; Wang and Wang, 2020). Next, the measurement quality among the models with acceptable fit was determined by a thorough examination of parameter estimates to determine the best fitting model (Morin et al., 2016, 2020; Tóth-Király et al., 2020; Van Zyl and Ten Klooster, 2022). Specifically, we examined standardized factor loadings (e.g., significant loadings with λ > 0.35 and expected pattern of loadings), item uniqueness (e.g., residual error variances δ > 0.10 but < 0.90), cross-loadings (e.g., λ < 0.5), and factor correlations (e.g., the model with the smallest factorial intercorrelations between the latent factors may be the best fitting model).

Descriptive statistics were comprised of item means (x̄), standard deviations (σ), Skewness, Kurtosis, and corrected item-total correlations (CITC). The criteria for normality of the data were Skewness and Kurtosis < 2 (Kim, 2013), and the criterion for item representation of corresponding factor was CITC > 0.30 (Zijlmans et al., 2019). Item level reliability was determined by the Cronbach’s coefficient alpha (α) > 0.70 (Nunnally and Bernstein, 1994), whereas factor level reliability was determined by McDonald’s omega coefficient of composite reliability (ω) > 0.70 (Morin et al., 2020) and average variance extracted (AVE) > 0.50 (Kline, 2015).

Finally, to determine whether the results of this study could be assumed to generalize across studies, the Mplus was used to assess measurement invariance of the optimal model across gender, age, and education (Rudnev et al., 2018, p. 48) using a series of increasingly restrictive levels of measurement invariance in terms of configural, metric, scalar, and strict invariance (Millsap, 2012). Following the procedure for testing invariance across groups described by Rudnev et al. (2018), we estimated six invariance models:


Model 1: Configural invariance (general factor structure is the same across groups).

Model 2: Metric invariance (first-order factor loadings are the same across groups).

Model 3: Scalar invariance (first-order factor loadings and observed item intercepts are the same across groups).

Model 4: Strict invariance (factor loadings, observed item intercepts, and residual errors are the same across groups).

Model 5: Factor variance and factor covariance invariance (factor variance and factor covariance are the same across groups).

Model 6: Factor mean invariance (factor means are the same across groups).



Evidence for measurement invariance was established as two-fold: First, the model fit of each invariance model was evaluated using the study criteria of χ2/df < 3, CFI > 0.90, TLI > 0.90, RMSEA < 0.08, and SRMR < 0.08. Second, each ever-restrictive invariance model was compared by the robust (Satorra–Bentler) chi-square different test (Δχ2) calculated from loglikelihood (Satorra and Bentler, 2010), and it compared the absolute change in the CFI, RMSEA, and SRMR between invariance models. We considered the following when assessing invariance: Δχ2 p > 0.05, ΔCFI ≤ 0.010, ΔRMSEA ≤ 0.015, and ΔSRMR ≤ 0.03 (Chen, 2007; Fisher et al., 2020; Wang and Wang, 2020).




RESULTS


Exploratory Factor Analysis

An analysis of the SOAR Scale started with exploring its factorial structure in the study sample using the EFA. Results for KMO measure of sampling adequacy (KMO = 0.846) and Bartlett’s test of sphericity (significant at p < 0.001) support the extraction of meaningful factors in EFA. Given our a priori hypothesized structure of the data measuring four factors, EFA was specified to extract four factors (the Bifactor EFA was specified to extract five factors, i.e., the four a priori specific factors and one general factor). Model fit EFA: χ2 = 52.43, df = 24, p = 0.001; RMSEA = 0.064 [0.041,0.089]; CFI = 0.979; TLI = 0.942; SRMR = 0.23; AIC = 5922.67; BIC = 6163.74; aBIC = 5954.45. Model fit Bifactor EFA: χ2 = 25.00, df = 16, p = 0.07; RMSEA = 0.044 [0.000,0.076]; CFI = 0.993; TLI = 0.972; SRMR = 0.013; AIC = 5911.24; BIC = 6181.52; aBIC = 5946.87.

The left panel of Table 1 shows the item loadings and the percentage of variance for the four-factor EFA model, and the right panel of Table 1 shows the item loadings for the bifactor EFA model. Items that significantly loaded onto their respective a priori factors are shown in bold font (p < 0.05). EFA results found the four factors that had Eigenvalues > 1 and that accounted for 71.9% of the overall variance. Our a priori factorial structure of the Strengths (λ = 0.59–0.73), Opportunities (λ = 0.56–0.79), Aspirations (λ = 0.66–0.87), and Results (λ = 0.58–0.85) factors was supported. In contrast to the EFA, the Bifactor EFA results found the 12 SOAR Scale items significantly loaded onto a general factor (λ1 = 0.30–0.72) but did not maintain the expected pattern of loadings in the four specific factors (i.e., λ2 to λ5). These results suggest that the EFA supported our a priori assumptions about the loadings of the 12 SOAR Scale items onto the Strengths, Opportunities, Aspirations, and Results factors. We next proceeded to analyze the factorial structure of the SOAR Scale using CFA and ESEM.


TABLE 1. Exploratory factor analysis and bifactor EFA of the SOAR Scale.

[image: Table 1]


Measurement Models

Table 2 presents the goodness-of-fit indexes and the information criteria associated with the competing CFA and ESEM measurement models. The Unidimensional CFA solution (Model 0) did not fit the data well (χ2/df > 3, CFI and TLI < 0.90, RMSEA and SRMR > 0.08). In contrast, the ICM CFA (Model 1), the H CFA (Model 2), the Bifactor CFA (Model 3), the ESEM (Model 4), the H ESEM (Model 5), and the Bifactor ESEM (Model 6) solutions provided an acceptable degree of fit to the data (χ2/df < 3, CFI and TLI > 0.90, RMSEA and SRMR < 0.08). In comparing the three competing CFA measurement models, the ICM CFA solution had better fit than the H CFA and Bifactor CFA solutions (CFI = 0.967 vs. 0.959,0.961; TLI = 0.955 vs. 0.946,0.939; RMSEA = 0.051 vs. 0.056,0.060; SRMR = 0.039 vs. 0.051, 0.047). In comparing the three ESEM measurement models, the ESEM solution had a better fit than the H ESEM solution (CFI = 0.977 vs. 0.971; TLI = 0.937 vs. 0.926; RMSEA = 0.060 vs. 0.065; SRMR = 0.019 vs. 0.027). However, the Bifactor ESEM solution had a slightly better fit than the ESEM solution (CFI = 0.986 vs. 0.977; TLI 0.942 vs. 0.937; RMSEA = 0.058 vs. 0.060; SRMR = 0.016 vs. 0.019). These results suggest that the first-order solutions had better fit than the hierarchical solutions. The results also suggest that the Bifactor ESEM solution may have better fit than the ESEM solution. To help with selecting the best fitting final model, we also examined the measurement quality among the ICM CFA, ESEM, and Bifactor ESEM models.


TABLE 2. Goodness-of-fit statistics for the models estimated on the SOAR Scale.
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Independent Cluster Model Confirmatory Factor Analytical vs. Exploratory Structure Equation Modeling

Before examining the Bifactor ESEM solution, we first examined the measurement quality among the ICM CFA and ESEM solutions through the inspection of the standardized parameter estimates (see Table 3). Results found well-defined CFA and ESEM factors with significant λ > 0.35 and expected patterns of loadings, item uniqueness was acceptable (δ > 0.10 but < 0.90), and all cross-loadings in the ESEM solution were small (λ < 0.20). Model-based omega coefficients of composite reliability found that the Strengths, Opportunities, and Aspirations factors were slightly higher for the CFA solution vs. the ESEM solution (ω = 0.777,0.768, and 0.848 vs. 0.753,0.701, and 0.839). Omega for the Results factor was slightly higher for the ESEM solution vs. the CFA solution (ω = 0.791 vs. 0.789).


TABLE 3. Standardized parameter estimates from the ICM CFA (Model 1) and ESEM Solutions (Model 4).
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Next, we examined the standardized latent factor correlations between the ICM CFA and the ESEM solutions (see Table 4). Results found that factor correlations were lower for ESEM (r = 0.184 to 0.505, Mean = 0.428) than ICM CFA (r = 0.201 to 0.627, Mean = 0.483). These results suggest the ESEM solution that provides a clearer differentiation between the four SOAR factors than ICM CFA and it should therefore be considered as the optimal model (Van Zyl and Ten Klooster, 2022). Since the Bifactor ESEM had a slightly better model than ESEM, we needed to thoroughly examine the Bifactor ESEM solution before determining the best fitting final model.


TABLE 4. Standardized latent factor correlations from the ICM CFA (Model 1) and ESEM solutions (Model 4).
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Exploratory Structure Equation Modeling vs. Bifactor Exploratory Structure Equation Modeling

The standardized parameter estimates from the Bifactor ESEM are reported in Table 5. The Bifactor ESEM solution shows that a general factor is not well-defined since there were no significant target loadings from the SOAR Scale items onto the G factor (λ = 0.141 to 1.407, p > 0.05). Furthermore, the expected pattern of loadings onto the four specific factors did not occur. Finally, item uniqueness was not acceptable in this solution (δ = –3.08 to 0.66). Taken together, these results do not support Bifactor ESEM as an acceptable solution. Thus, ESEM was selected as the best fitting final model.


TABLE 5. Standardized parameter estimates from the bifactor ESEM solution (Model 6).
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Measurement Invariance

Finally, given that the ESEM solution (Model 4) was the optimal model, we estimated the measurement and structural invariance of the SOAR Scale across gender, age, and education groups with the aid of an online ESEM invariance syntax generator for Mplus (De Beer and Morin, 2022).


Invariance Across Gender Groups

The top section of Table 6 presents the results of the measurement invariance tests of the SOAR Scale across gender (women vs. men) in the ESEM model. Results found evidence for configural, metric, and scalar invariance but not strict invariance. Accordingly, no additional invariance tests were conducted. However, in an attempt to compare latent means on the SOAR Scale factors, mean scores in women were constrained to zero within the strict invariance model, and Strengths, Opportunities, Aspirations, and Results in men were freely estimated. Latent means between men and women across all factors were p > 0.05, finding no difference between men and women in latent means.


TABLE 6. Measurement invariance for the final retained model (four-factor first-order ESEM, Model 4).
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Invariance Across Age Groups

The middle section of Table 6 presents the measurement invariance tests of the SOAR Scale across age (18–34 vs. 35–54, vs. 55–74). Results found that only the configural model fit the data well according to the study model fit criteria. These results imply that only the four-factor structure and loading-patterns of items of the SOAR Scale is the same across age groups, and it may not be possible to meaningfully investigate mean differences and comparability in the factors across age groups (Putnick and Bornstein, 2016; Wang et al., 2018).



Invariance Across Education Groups

The bottom section of Table 6 presents the measurement invariance tests of the SOAR Scale scores across education (undergraduates vs. graduates). Results found metric, scalar, strict, latent variance-covariance, and latent means invariance. Latent means on the first-order factors of the SOAR Scale were compared across education in the strict invariance model. Results found latent means between education levels in the Opportunities, Aspirations, and Results factors were p > 0.05, and finding latent means for these factors did not meaningfully differ across education. However, latent means in the Strengths factor for graduates (Δ x̄ = 0.31, SE = 0.15, p = 0.04) were statistically different from undergraduates. Taken together, these findings imply that valid comparisons in latent means across education may be possible for the Opportunities, Aspirations, and Results factors of the SOAR Scale.





DISCUSSION

This study aimed to investigate the psychometric properties and measurement invariance of the SOAR Scale in a sample of 295 U.S. working professionals across gender, age, and education groups using CFA and ESEM measurement models. SOAR is a strengths-based framework for strategic thinking, planning, conversations, and leading that focuses on strengths, opportunities, aspirations, and results. The 12-item SOAR Scale was designed to measure four first-order factors representing the four elements of SOAR: Strengths (Strengths, Assets, Capabilities), Opportunities (Opportunities, Ideas, Possibilities), Aspirations (Aspirations, Ideas, Possibilities), and Results (Results, Completed Tasks, Outcomes). We selected items to support a priori assumptions about the SOAR framework theory and hypothesized the pattern of item loadings onto their respective factors. EFA found the 12 items loaded on their a priori factors. Competing structural equation measurement models found that the ESEM model comprised of the Strengths, Opportunities, Aspirations, and Results latent factors had the best model fit based on goodness-of-fit indexes and measurement quality (e.g., significant loadings with λ > 0.35 and expected pattern of loadings), item uniqueness (e.g., δ > 0.10 but < 0.90), cross-loadings (e.g., λ < 0.5), and factor correlations (e.g., ESEM had smaller factorial intercorrelations between latent factors than ICM CFA). Measurement invariance tests found scalar invariance of the SOAR Scale across gender and education groups.


Psychometric Properties of the Strengths, Opportunities, Aspirations, and Results Scale

Results support the reliability of the SOAR Scale in terms of Cronbach’s alpha and composite reliability. Results of ESEM as the best fitting solution (model 4) support the construct validity of the SOAR Scale in terms of model fit criteria and measurement quality (e.g., significant loadings with λ > 0.35 and expected pattern of loadings), item uniqueness (e.g., δ > 0.10 but < 0.90), and cross-loadings (e.g., λ < 0.2). The Hierarchical CFA and ESEM solutions did not have better model fit than their respective first-order models (i.e., models 1 and 4, respectively), suggesting the absence of a hierarchical structure of the SOAR Scale in which the four first-order factors load onto a second-order SOAR factor. Although the Bifactor ESEM had a slightly better model fit than the ESEM, an examination of the measurement quality of the Bifactor ESEM rejected its consideration as an acceptable representation of the data solution due to the absence of a well-defined general and specific factors.

These results support the construct validity of the SOAR Scale as a 12-item scale that validly measures four first-order factors: Strengths, Opportunities, Aspirations, and Results. SOAR is conceptualized as a strengths-based framework for strategic thinking, planning, conversations, and leading (Cole and Stavros, 2019), in which strengths refer to an individual’s “natural capacity for behaving, thinking, or feeling in a way that allows optimal functioning and performance in the pursuit of value outcomes” (Linley and Harrington, 2006, p. 88). In managing personal strengths, “Strengths [sic] do more than perform, they transform—strengths are what make us feel stronger and therefore magnify ‘what is best’ and imagine ‘what is next’ in order to create upward spirals. We live in a universe of strengths—the wider the lens, the better the view” (Cooperrider and Godwin, 2011, p. 744).

Gallup Poll data related to strengths development suggests the most effective people know their strengths and aspire to leverage strengths for success (Rath, 2007). In management, the strengths revolution has taught leaders to focus on what they and their teams do best, rather than weaknesses (Ludema and Johnson, 2018). Once individuals are clear on their strengths, the next step is about being intentional and aspirational about personal or professional desires. Knowing one’s aspirations is about being clear about intentions for success. When aspirations are clear, strengths can be leveraged and aligned with other resources to achieve optimal success (Cameron, 2013).



Measurement Invariance of the Strengths, Opportunities, Aspirations, and Results Scale

Measurement invariance of a measurement tool is a logical requirement for the evaluation of substantive hypotheses, such as mean difference between groups or effects across groups (Vandenberg and Lance, 2000; Millsap, 2012). We examined the measurement invariance of the SOAR Scale across gender, age, and education groups in the ESEM best fitting model. Whereas the SOAR Scale was non-invariant across age, scalar invariance was established across gender and was fully invariant across education groups. Thus, the SOAR Scale may be used for investigating meaningful differences in SOAR factors across participants with differing levels of education, but additional research is required to examine the measurement invariance of the SOAR Scale across gender and age.



Implications for Researchers and Practitioners

Tests of the psychometric properties of the SOAR Scale provide strong statistical support for its construct validity. Researchers and practitioners should use the SOAR Scale to obtain scores in the factors of Strengths, Opportunities, Aspirations, and Results for the rapid assessment of natural capacity for strategic thinking, planning, conversations, and leading from a SOAR-based, generative perspective. The empirical research by positive organizational scholars confirms that positive states of being, organizing, and leading improve organizational performance, individual physiological health, and wellbeing (Cameron, 2013, 2021). Researchers can use the SOAR Scale to investigate the SOAR factors and their relationship to a variety of individual, team, and organizational outcomes, such as leadership style, leadership effectiveness, employee engagement, collaboration, wellbeing, and resilience. For example, empirical research could investigate the SOAR factors as predictors of resilience by having participants complete the SOAR Scale along with a battery of self-report measures on resilience, such as the Satisfaction With Life Scale (Biswas-Diener et al., 2011), the Subjective Happiness Scale (Lyubomirsky and Lepper, 1999), the Adult Hope Scale (Snyder et al., 1991), the Grit Scale (Duckworth et al., 2007), the Connor-Davidson Resilience Scale (Campbell-Sills and Stein, 2007), the Burnout Assessment Tool (Schaufeli et al., 2020), and the Utrecht Work Engagement Survey (Schaufeli et al., 2006). Researchers can also use the SOAR Scale to investigate various antecedents to the SOAR factors, such as self-reported emotional intelligence (Wong and Law, 2002; Jordan and Lawrence, 2009), leadership style (Podsakoff et al., 1990), team cohesion and communication, and various organizational characteristics (e.g., workplace culture). Finally, researchers can use the SOAR Scale to investigate meaningful differences in the SOAR factor scores across various groups, for example, in studies of the differences in SOAR-based capacity between leaders and followers.

Organizations need strategic thinkers that can make sure goals and objectives align with strategies, missions, and visions to ensure success. Strategic planning needs to map out the direction, purpose, position, strategies, tactics, and resources to achieve the goals and objectives. Strategic individuals need to think and plan intentionally by understanding how the complex relationship between the organization’s capabilities and its environment influence decisions that may have a positive impact on organizational success. They must facilitate conversations with a variety of stakeholders, and this includes asking the right questions (Center for Creative Leadership, 2020). For practitioners, the SOAR Scale can be used in training and coaching sessions to help individuals understand their natural capacity to think and plan from a SOAR-based perspective by examining their SOAR Scale factor scores. This will help with individual and team development, performance, communication, and shared visioning of a positive future (Driver, 2011; Hawkins, 2014).



Limitations and Future Directions

The present study makes a significant contribution to the area of positive psychological assessment measures by presenting the psychometric properties of the SOAR Scale, a brief 12-item rapid assessment measure of Strengths, Opportunities, Aspirations, and Results. This study does have some specific limitations. First, although full invariance of the SOAR Scale was found across education, the relatively small sample size of this study for structural equation modeling research may have limited the ability of the measurement invariance tests to find invariance of the SOAR Scale across gender and age. This is of particular importance for research on investigating the existence of substantive differences in SOAR for men and women and across generational differences (e.g., different age groups). Future research should reexamine measurement invariance of the SOAR Scale across gender and age groups. We also suggest that future research should examine the use of the SOAR Scale as a measure of SOAR across other groups, such as leaders vs. followers (with leader-follower matching if possible). Future research should also have followers complete a revised SOAR Scale with items modified to reflect focus on SOAR by the leader (Libbrecht et al., 2010; Elfenbein et al., 2015; Koh and O’Higgins, 2018). For example, items could be modified as “When your leader approaches strategy, how often do they focus on strengths?” This could also be used in teams.

Finally, the study is limited by the absence of testing for other forms of validity beyond construct, namely convergent, discriminant, and predictive validity. While there are no other tools that directly measure SOAR, future research should examine the convergent validity of the SOAR Scale with other strengths-based measures, such as the Strengths-Use Scale (Govindji and Linley, 2007). Future research should examine the discriminant validity of the SOAR Scale in participants who also complete self-report measures of theoretically unrelated constructs. Finally, future research should examine the predictive validity of the SOAR Scale in participants who also complete self-report measures of outcomes likely to be impacted by SOAR, such as self-reported resilience or wellbeing.




CONCLUSION

Given the current business and economic climate in which there are technological changes, environmental changes due to the pandemic and the climate, rapid changing of skillsets in the workplace, employment shortages and turnover, and generational differences in the workforce, we need to have strategic thinkers, planners, and leaders who can surface strengths, create shared aspirations, identify opportunities, and build capabilities with a results-driven focus (Isern and Pung, 2007; Bachmann et al., 2021). The SOAR Scale, a rapid 12-item self-report survey with demonstrated reliability and construct validity, can help individuals, researchers, and practitioners leverage survey scores in the Strengths, Aspirations, Opportunities, and Results factors to create a strategy for optimal individual, team, or organization performance based on the awareness of strengths and aspirations and the identification of opportunities for growth with meaningful and measurable results.
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Bi-Geomin Orthogonal rotation. Bold factor loadings are significant at p < 0.05.
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2007; Wang and Wang, 2020).
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