

[image: image1]
A Study on the Relationship Between Consumer Motivations and Subjective Well-Being: A Latent Profile Analysis









 


	
	
ORIGINAL RESEARCH
 published: 23 June 2022
 doi: 10.3389/fpsyg.2022.938060






[image: image2]

A Study on the Relationship Between Consumer Motivations and Subjective Well-Being: A Latent Profile Analysis

Jun Xiao1,2, Yanping Gong1, Jian Li3, Xiuyuan Tang4*†, Sohail Ahmad Javeed2*† and Yuling Deng5


1School of Business, Central South University, Changsha, China


2School of Management, Hunan City University, Yiyang, China


3School of Business, Anhui University, Hefei, China


4School of Business Administration, Hunan University of Finance and Economics, Changsha, China


5Health Management Center, The Third Xiangya Hospital, Central South University, Changsha, China


Edited by:
 Umair Akram, RMIT University, Vietnam

Reviewed by:
 Zubair Akram, Zhejiang Gongshang University, China
 Rashid Latief, Xuzhou University of Technology, China

*Correspondence: Xiuyuan Tang, tangxy0708@163.com 
 Sohail Ahmad Javeed, sohailahmaduaf@yahoo.com

†These authors have contributed equally to this work

Specialty section: This article was submitted to Organizational Psychology, a section of the journal Frontiers in Psychology


Received: 06 May 2022
 Accepted: 06 June 2022
 Published: 23 June 2022

Citation: Xiao J, Gong Y, Li J, Tang X, Javeed SA and Deng Y (2022) A Study on the Relationship Between Consumer Motivations and Subjective Well-Being: A Latent Profile Analysis. Front. Psychol. 13:938060. doi: 10.3389/fpsyg.2022.938060
 

Consumer motivation plays an important role in their purchase decisions and well-being. Previous studies have investigated the relationship between certain consumer motivations and well-being separately. We aim to employ latent profile analysis (LPA) to explore subgroups of participants who display similar patterns of consumer multiple motivations and to examine differences in subjective well-being across these subtypes. The final group of (N = 1,023, ages 18–58) completed the Consumer Motivation scale online, assessing seven dimensions of consumer motivation. Results of LPA identified four subpopulations of participants: the enthusiastic group has high expectations in all aspects; the balanced group values each aspect of the product but has lower expectations; the rational group emphasizes aspects such as value for money, comfort, and quality; the apathetic group has no strong motivation for consumption, and they are relatively concerned with the dimensions of security, social acceptance, and stimulation. Consumers’ subjective well-being (life satisfaction, positive affect, and negative affect) differed significantly across the four profiles. Specifically, scores for positive affect and life satisfaction were highest in the enthusiastic group, medium in the balanced group, and lowest in the rational and apathetic groups. Scores for negative affect were significantly higher in the enthusiastic and apathetic groups than in the rational group. These findings enable marketers to develop customized marketing strategies for different motivation profiles and contribute to helping consumers with varying motivation profiles to consciously pay attention to their well-being.
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INTRODUCTION

The pursuit of happiness is the fundamental impetus for human beings. Many consumers view consumption as a way to improve their quality of life (Chang, 2020; An et al., 2021). It is crucial for companies as well, not only in relation to customer loyalty (Troebs et al., 2018) and positive word-of-mouth (El Hedhli et al., 2016; Kim et al., 2018), but also for long-term relationships with customers. Visionary companies should consider their consumers’ well-being an important strategic objective and a responsibility for success in an increasingly competitive marketplace.

A growing number of scholars are focusing on what contributes to consumers’ happiness (Chang, 2020; An et al., 2021), and some studies have preliminarily noticed that consumer motivations have an effect on their well-being (Akram et al., 2021a). For example, consumption of hedonistic products leads to increased life satisfaction and subjective well-being (Zhong and Mitchell, 2010). High-ethical consumers expect positive emotions from their sustainable consumption (Onwezen et al., 2013). However, other studies have shown that not all consumer motivations predict well-being positively (e.g., Oral and Thurner, 2019; Shahid and Paul, 2021). Conspicuous consumption driven by the desire to show off possessions and status may make them less happy (Shahid and Paul, 2021). Materialism has been shown to be associated with lower levels of life satisfaction (Gong et al., 2020b), as motivated by the pursuit of too much consumption and acquisition (Oral and Thurner, 2019). A number of motivations have been examined individually in previous studies, but little is known about their combined effect on consumer well-being.

In fact, consumer motivations do not exist in isolation. In the consumers’ purchasing selection process, multiple motivation dimensions are co-activated, and these activated motivations often involve complex relationships. Various consumer motivations may support or conflict with each other in influencing consumers’ consumption. For instance, when buying pro-environmental products, consumers might have a range of motivations from ethics to saving money, comfort, and excitement, and they always have to weigh these motivations (Moisander, 2007; Steg et al., 2014). Pro-environmental behavior may be consistent with consumers’ ethical motivations but not compatible with their economic and hedonic motivations (Steg et al., 2014; Rezvani et al., 2018). Other research has shown that personal moral and gaining motivation can enhance positive anticipated emotions (hedonic motivation) when adopting an electric vehicle (Rezvani et al., 2018).

While it is acknowledged that consumers may have multiple and sometimes conflicting motivations for a given consumer behavior (Steg et al., 2014; Akram et al., 2021b), most of the previous studies ignored the complex connections among motivations. Moreover, individuals’ motivation to purchase is subjective (Moisander, 2007; Steg et al., 2014; Gong et al., 2020a). Different groups have varying perceptions of the importance of the dimensions of consumer motivation (Kim et al., 2014; Singh, 2018). An empirical understanding of how these motivations combine and affect consumer well-being is limited. The lack of this information is due in part to a reliance on a variable-centered approach to research. The variable-centered approach treats the sample as a homogeneous group, assuming a certain motivation as one of many factors motivating an individual’s affect and behaviors (Morin and Marsh, 2014; Morin et al., 2016). The results obtained by this approach aim to exert an effect on the outcome by adding one motivation without considering other motivations that may simultaneously affect the outcome, and this omission may affect the effectiveness of interventions (Morin and Marsh, 2014).

By contrast, the person-centered approach can shed light on the interaction among multiple consumer psychological motivations in making consumption decisions by segregating consumers’ subtypes with similar consumer motivation patterns (Howard et al., 2016; Gong et al., 2020a; Xiao and Sun, 2020). The person-centered approach of latent profile analysis (LPA) is a model-based classification method that can provide more objective subtype identification criteria and lower classification errors (Howard et al., 2016; Gong et al., 2020a). To fulfill this research gap, the primary objective of this study was to reanalyze the relationship between consumer motivation and subjective well-being by employing a person-centered approach. Specifically, we employed the LPA technique, which provided an ideal method to capture distinct patterns of consumer motivation and their complex relationship with well-being.

Taken together, there are three main objectives of this study. First, by applying the person-centered approach of the LPA method and using an integrative measurement, we explored different consumer subgroups exhibiting similar patterns of consumer motivations. Second, there may be differences in the demographic characteristics of different customer profile subtypes, and we make comparisons. Third, the present research tested the possibility that consumers’ subjective well-being varies according to these subgroup profiles.

The current study presents a nuanced extension of the literature related to consumer motivation and well-being. From a holistic perspective, understanding consumer motivation profiles is a means to better understand the role of consumer motivation in predicting consumers’ subjective well-being. In addition, our findings can effectively help consumers with different motivation patterns to understand the changes in their well-being and enable companies to develop distinct marketing strategies to promote sales based on the purchase motivations of different market segments.

The paper is structured as follows: Section “Literature Review” reviews the literature on the dimensions of consumer motivations and their relationships with subjective well-being. Section “Materials and Methods” explains the research method, including survey procedures and measures for all constructs referenced in this study. A detailed explanation of the research results in section “Results” follows the discussion in section “Discussion”, which outlines the implications, limitations, and suggestions for further research. The conclusion is presented in section “Conclusion.”



LITERATURE REVIEW


Multi-Dimensionality of Consumer Motivation

As consumers, our motivations represent our needs, which influence our perception and choice of products (Kim et al., 2014; Singh, 2018). Diverse consumer motivations have been considered one of the most important predictors of consumer purchase decisions (Akram et al., 2021b). Identifying consumer motivations can provide the basis for understanding consumer needs and market segmentation.

There are different views on the structure of consumer motivation (e.g., Babin et al., 1994; Arnold and Reynolds, 2003; Lindenberg and Steg, 2007). The research of Babin et al. (1994) developed and tested a hedonic-utilitarian shopping value model. Arnold and Reynolds (2003) created a measurement of hedonic motivation, comprised of six dimensions: adventure, social, gratification, idea, role, and value shopping. In their study, Arnold and Reynolds (2003) created a measure of hedonic motivation that encompasses six dimensions: adventure, social, gratification, idea, role, and value shopping. To guide environmental behavior, Lindenberg and Steg (2007) developed the goal-framing theory (hedonic goals, gain goals, and normative goals), and the utilitarian and hedonic motivational frameworks have been extended to three motivation frames.

More recently, based on the goal-framing theory (Lindenberg and Steg, 2007), Barbopoulos and Johansson (2017) developed the Consumer Motivation Scale (CMS), which assesses three first-order motivations—gain, hedonic, and normative—and their seven dimensions. Specifically, the gain motivation is sensitive to changes in individual resources and includes three dimensions: value for money (pay a reasonable price and avoid wasting money), quality (buy something of high quality or useful), and safety (feel calm and prepared for the unforeseen). Hedonic motivation is sensitive to changes in one’s pleasure and mood and includes two dimensions: stimulation (getting something exciting, stimulating, or unique; avoid dullness); and comfort (buying something pleasant and comfortable; avoid hassle and discomfort). The normative motivation focuses on the appropriateness of the act and is sensitive to what “should” be (Lindenberg and Steg, 2007; Barbopoulos and Johansson, 2016, 2017). As concerns about environmental issues and conspicuous consumption rise (Steg et al., 2014; Shahid and Paul, 2021), normative motivation is further conceptualized as internal and external normative motivations, referred to as ethics and social acceptance, respectively. While ethics emphasizes acting in accordance with one’s moral principles and obligations and avoiding guilt, social acceptance implies making a good impression and living up to the expectations of others. Moreover, the CMS is a valuable measure because it assesses a wide variety of consumer contexts, including products (clothing, food, and housing), and services (entertainment, and travel).

These factors of consumer motivation are not separate from each other. A few empirical studies explored the interactions between the motivation factors with a variable-centered approach. For example, Rezvani et al. (2018) found that gain, hedonic, and normative motivations have direct positive effects on consumers’ purchase of electric vehicles, but gain and normative motivations can also strengthen hedonic motivations and indirectly influence purchase intent. Johansson et al. (2020) have shown that when social and moral motivations (social acceptance and ethics) are co-activated, people become less value-conscious (value for money) for costly green consumption because in this way they appear to be moral in the eyes of others.

Prior studies on the structure of consumer motivations provide a solid theoretical basis for typologies of consumer motivation. Several countries have segmented consumer groups based on different structures of consumer motivations (see Table 1). Ribeiro Cardoso and Carvalho Pinto (2010) found five groups among Portuguese adult consumers: social shoppers, dynamic shoppers, rational shoppers, moderate shoppers, and involved shoppers. Based on the two dimensions of convenience and entertainment, Gilboa and Vilnai-Yavetz (2012) classified Israeli consumers into three categories: enthusiasts, recreational, and utilitarians. Kim et al. (2014) integrated motivations for hedonic benefits, utilitarian benefits, and shopping costs to segment consumers under the American retail context into four categories: involved shoppers; rational shoppers; experiential shoppers; and nonchalant shoppers. In a study of Turkish shopping center consumers, Kabadayi and Paksoy (2016) identified four consumer types: serious consumers; recreational consumers; enthusiastic consumers; and rational consumers. Singh (2018) integrated materialism into hedonic (Arnold and Reynolds, 2003) and utilitarian (Babin et al., 1994) motivations and segmented Indian mall shoppers into four segments: balanced shoppers, materialists, hedonists, and value seekers. This research has provided useful insights into the typology of consumer motivation.



TABLE 1. A review of recent consumer motivations typologies studies across countries.
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These studies, described in Table 1, have advanced our understanding of consumer behavior by highlighting different profiles or subgroups of consumers. However, these studies focus exclusively on hedonic and utilitarian aspects of consumer motivation without considering normative aspects (i.e., ethics and social acceptance). They used cluster analysis, and it is more advisable to use LPA than cluster analysis in studying taxonomy (Howard et al., 2016; Li et al., 2021).

Latent profile analysis and cluster analysis are commonly used person-centered methods for identifying homogenous consumer subpopulations. Traditional cluster analysis is considered to be too sensitive to clustering algorithms and metric scales and relies on strict assumptions (e.g., accurate assignment of each sample to a single profile; Howard et al., 2016). By contrast, LPA is a more flexible and model-based classification method by allowing the estimation of alternative models and accordingly relaxing the restrictive conditions of cluster analysis (Howard et al., 2016). Importantly, LPA can provide more objective classification indicators for selecting the optimal number of profiles, with reasonable subtype identification criteria and lower classification errors (Wang and Hanges, 2010; Li et al., 2021). The profiles identified by LPA are typical in nature and referred to as potential. Instead of forcing each individual to correspond to a single profile, it assigns all participants a probability of becoming a profile based on the similarity to each typical potential profile (Howard et al., 2016). There have been several studies using the LPA approach to segment consumers, but these studies have focused on specific scenarios such as motivations for food choice (Gong et al., 2020a), ethical consumption (Shim and Cho, 2021), and tourism (Song and Bae, 2017). No study to date has used the LPA method in studying consumer motivation.

Additionally, most extant typology studies were conducted in traditional physical shopping contexts, such as a shopping center or mall where data were collected through mall intercept (e.g., Mehta et al., 2013; Singh, 2018). This study focuses on understanding the motivational characteristics of a wide range of consumers in different regions of Chinese consumers, with data collected online. Furthermore, with changes in business models during the last two decades, coupled with the recent COVID-19 outbreak, brick-and-mortar department stores are suffering a decline in sales (Hou and Elliott, 2021). As more and more consumers flock to online shopping (Akram et al., 2020), collecting data online is a better way for a more general consumer motivation as well as a broader sample. Besides, in order to highlight the differences in consumer motivation for different products, our survey set up five consumption contexts.

Therefore, in light of theoretical and empirical considerations, this study used the new technique of LPA and the CMS to identify profiles of consumers. Since this study employs a new dimensional structure of consumer motivation under the Chinese context, it is preferable to use exploratory LPA rather than posing specific hypotheses.



The Relationship of Consumer Motivation and Well-Being

Previous literature has examined the association between well-being-relevant outcomes and the seven dimensions of consumer motivation separately to varying degrees. According to Barbopoulos and Johansson (2017), the gain goal was identified as three distinct dimensions: value for money, quality, and security. In everyday life, the concept of value for money is understood as the notion that a good or service is not paid for more than its quality or availability (Glendinning, 1988). Perceived value is often closely related to quality, and when the price of the product rises, consumers tend to expect that the quality should be higher (Dodds et al., 1991; Barbopoulos and Johansson, 2016). Perceived value and perceived quality are important predictors of customer satisfaction (Samudro et al., 2020). The dimension of security is related to the pursuit of harmony and stability and the avoidance of financial security risks when purchasing, so it may be beneficial to long-term well-being (Barbopoulos and Johansson, 2017). However, insecurity and fear of the future have been found to be associated with lower psychological well-being (Callea et al., 2019).

Two dimensions of hedonic motivation have been verified: one is comfort, representing a state of physical and mental comfort, avoiding troubles; the other is stimulation, representing activities that produce arousal (Barbopoulos and Johansson, 2017). The motivations for comfort and stimulating choices appear to be contradictory (Bello and Etzel, 1985), but within a reasonable range of arousal, an individual may seek both comfort and stimulation (Ormel et al., 1999). Stimulation within a pleasant range and comfort are associated with physical health in a positive way (Ormel et al., 1999; Barbopoulos and Johansson, 2017). Further, a prolonged level of high stimulation becomes unpleasant and even detrimental, and it was suggested that the link between stimulation and well-being is an inverted U-shape (Ormel et al., 1999).

Normative motivation is composed of two distinct dimensions: social acceptance and ethics (Barbopoulos and Johansson, 2017). Both dimensions are normative, meaning they involve acting appropriately by a certain standard (Lindenberg and Steg, 2007; Barbopoulos and Johansson, 2016), but they differ in the source of the standard. Social acceptance is external in origin, with the desire to conform to the expectations of others, and is associated with susceptibility to interpersonal influences (Barbopoulos and Johansson, 2017). According to Barbopoulos and Johansson (2017), ethics is a desire to behave in accordance with one’s values, moral principles, and obligations in order to avoid internal guilt (Barbopoulos and Johansson, 2017). Social and ethical norms also differ in their respective consequences. The former is associated with conspicuous or visible consumption (Barbopoulos and Johansson, 2017), whereas the latter is an important consideration in terms of pro-social behavior and ethical consumption (Lindenberg and Steg, 2007; Barbopoulos and Johansson, 2017). Multiple studies suggest that when people have high ambitions for extrinsic life goals for which social acceptance is an important factor, they may exhibit lower life satisfaction, self-esteem, and self-actualization, and higher depression and anxiety (Schmuck et al., 2000; Kasser and Ryan, 2016). Compared to extrinsic goals, the pursuit of intrinsic goals is associated with positive outcomes such as well-being and adjustment (Schmuck et al., 2000; Kasser and Ryan, 2016). Meanwhile, other results have also indicated that ethical motivation can induce people to engage in pro-environmental behavior (Onwezen et al., 2013), and pro-social behavior may be an effective way to promote happiness (Hui, 2022).

These results suggest that various dimensions of motivation explain different aspects of well-being. The dimensions of comfort (Ormel et al., 1999) and ethics (Hwang and Kim, 2018) appear to be positively associated with well-being; stimulation and well-being may have a U-shaped association (Hebb, 1958; Wippler and Lindenberg, 1987); and social acceptance may be negatively associated with well-being (Schmuck et al., 2000; Kasser and Ryan, 2016). The multi-dimensional nature of consumer motivation entails a more complex link to well-being than might be evident in the extant research. Thus, to understand the relationship between consumers’ multiple motivations and subjective well-being from a holistic perspective, it is essential to explore the presence of distinct subtypes with similar patterns of consumer motivation profiles based on their combined responses to these dimensions (value for money, quality, safety, stimulation, comfort, ethics, and social acceptance). It is difficult to solve this problem with the traditional variable-centered approach, and we address the question using a person-centered approach (Morin et al., 2016; Xiao and Sun, 2020). Considering the complex relationship between various consumer motivations and well-being and the fact that there has been no research on consumer motivations grouped according to the probabilistic theory, we conducted exploratory analyses using LPA rather than posing hypotheses.




MATERIALS AND METHODS


Procedures and Sample

Respondents completed a self-administered questionnaire to collect data. To obtain a wide range of participants, the questionnaire was published through a professional online survey platform, Wenjuanxing.1 Subjects nationwide were selected to complete the online survey through a random sampling method. Two parts of the questionnaire were included: (a) Personal information about respondents: gender, age, education, disposable income, and occupation; and (b) Measures of consumer motivation and subjective well-being. By excluding respondents who could not answer two filter questions or who took more than 150 s to fill out the questionnaire, we eliminated respondents who were not serious. Participants were only allowed to enter their IP addresses once to prevent reentry. Over 1800 questionnaires were received in a month (September 2021). The final sample consisted of 1,023 participants from China, 66% of whom were women. The subjects were aged in the range of 18–58 years, with an average age of 29.94 years old. About half of the participants were married (50.2%). The majority of participants had a bachelor’s degree (62%), 17% of respondents had less than a university degree, and 21% of respondents had a graduate degree or above. More than half of the participants had a monthly disposable income < ¥5,000 (58%), 17.1% had a monthly disposable income of ¥5,000–8,000, and 24.9% had a monthly disposable income of ¥8,000 or more.



Measures


Consumer Motivation

We adopted the CMS developed by Barbopoulos and Johansson (2017) to measure participants’ ratings of the dimensions of consumer motivation. The statement presented by CMS was “When I shop for ___, it is important that I choose.” The blanks were randomly assigned to one of five consumption scenarios (food, clothes, entertainment, or something fun, travel, and housing). Next, participants rated the importance of each statement of 34 items in their respective context, on a 7-point scale from 1 (not at all important) to 7 (extremely important). In the current study, Cronbach’s alphas for the seven dimensions of value for money, quality, safety, stimulation, comfort, ethics, and social acceptance were 0.87, 0.88, 0.89, 0.86, 0.79, 0.85, and 0.91, respectively.



Consumers’ Subjective Well-Being

As in earlier studies (Chang, 2020), subjective well-being was measured in terms of its cognitive component (life satisfaction) and its affective component (positive and negative affect). We utilized the Satisfaction with Life Scale (SWLS) to measure life satisfaction (Diener et al., 1985). The SWLS consists of five items, including “Most of the time, I am living close to my ideal.” Each item was scored on a 7-point Likert scale (1 = completely disagree to 7 = completely agree). In the current study, Cronbach’s alpha for the SWLS was 0.92.

We used the revised version of the Positive and Negative Affect Scale (PANAS) to assess affective experiences (Watson et al., 1988; Qiu et al., 2008). This scale is composed of nine positive affect words (e.g., “full of enthusiasm”) and nine negative affect words (e.g., “nervous”). Participants rated each item on a 5-point Likert scale (1 = very slight or not at all, 5 = strongly). In the current study, Cronbach’s alphas for positive and negative affect were 0.95 and 0.93, respectively.

The original English-language scales (i.e., CMS and SWLS) in this study were translated into Chinese using a translation (English to Chinese) and back-translation (Chinese to English) procedure. The translation and back-translation were further discussed by two professionals to ensure accuracy.





RESULTS


Descriptive Statistics and Correlation Analyses

Table 2 shows the correlation coefficients and descriptive statistics of the focal variables in this study. The results showed low to moderate positive correlations among the seven consumer motivations (0.22 ≤ r ≤ 0.62). The positive affect and life satisfaction of consumers’ subjective well-being were positively correlated with each consumer motivation (0.15 ≤ r ≤ 0.50). However, the negative affect dimension of subjective well-being was not significantly correlated with value for money, quality, comfort, or ethics. These results provided a preliminary basis for identifying different consumer motivation groups and testing differences in subjective well-being across different groups.



TABLE 2. Descriptive statistics and correlation analyses.
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Confirmatory Factor Analysis

The results of the confirmatory factor analysis showed that the ten-factor model (7 dimensions of consumer motivation and 3 dimensions of subjective well-being) had acceptable fit to the data (χ2 = 5188.76, df = 1,494, χ2/df = 3.47, CFI = 0.91, TLI = 0.91, SRMR = 0.052, RMSEA = 0.049), and the fit indices were significantly better than those of the single-factor model (χ2 = 27533.91, df = 1,539, χ2/df = 17.89, CFI = 0.38, TLI = 0.36, SRMR = 0.144, RMSEA = 0.128, ∆χ2 = 22345.15, ∆df = 45, p < 0.001). The results support the construct validity of the scale, and also indicate that there was not a serious problem of common method bias.

Convergent validity was tested with standardized factor loadings, composite reliability (CR), and average variance extracted (AVE). Table 3 shows that the standardized factor loadings for each item were greater than the recommended value of 0.5. The CR of the focal constructs ranged from 0.80 to 0.95, which exceeds the recommended value of 0.7. The minimum value of the AVE of all constructs was 0.5, which meets the recommended standard of 0.5 (Hair et al., 2010). These three indicators provide evidence that the measurements of all constructs had good convergent validity. The correlation coefficient of each construct was lower than the corresponding square root of AVE, indicating acceptable discriminant validity (Fornell and Larcker, 1981; see Table 3). In light of the above, the construct measures of consumer motivation and subjective well-being showed construct, convergent, and divergent validity.



TABLE 3. Reliability and convergent validity of the constructs.
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Latent Profile Analysis of Consumer Motivation

We used Mplus 7.0 to identify the optimal profile model for consumer motivation referring to Asparouhov and Muthen’s (2014) steps. First, the average score for each dimension of consumer motivation is normalized before performing the LPA. Second, the optimal model is determined according to these fit indices: Akaike Information Criterion (AIC), Bayesian Information Criterion (BIC), Sample-Size-Adjusted BIC (SSABIC), the Lo–Mendell–Rubin adjusted Likelihood Ratio Test (LMR-LRT), Bootstrap Likelihood Ratio Test (BLRT), Entropy, Sample proportion of the profile (Nylund et al., 2007). Lower AIC, BIC, and SSABIC values represent better and more parsimonious profile model fits. Significant LMR-LRT and BLRT values indicate that the k profile model is superior to the k-1 profile model. When the Entropy value is greater than 0.8, it indicates that the model accuracy is good, meanwhile, it is required to meet the sample proportion of each profile should not be less than 5% (Nylund et al., 2007). Finally, the optimal model should be supported by the theory and each profile should have substantive meaning.

The model fit indices are shown in Table 4. The 4-profile model was optimal. Compared with the 3-profile model, the 4-profile model had higher entropy, and significant LMR-LRT and BLRT values. However, the 5-profile model had lower AIC, BIC, and SSABIC values, and significant BLRT. In comparison with the 4-profile model, the LMR-LRT p value of the 5-profile model was 0.67, and the smallest sample proportion was 2.05%, which is below the acceptable criterion. Taken together, these results support the selection of the 4-profile model.



TABLE 4. Summary of fit indices for one- to five-profile models.
[image: Table4]

The 4-profile model also provided meaningful information about the full picture of consumer motivations. The raw means and estimates of consumer motivations for each profile are, respectively, shown in Table 5 and Figure 1. All profiles attached great importance to ethics and value for money. Participants with Profile 1 scored below average on all dimensions of consumer motivation, suggesting that consumers in this group lacked interest in consumption. Therefore, participants with Profile 1 were named Apathetic Consumers, containing 11.53% of consumers in this study (n = 118). Profile 2 was characterized by high scores for value for money, comfort, ethics, and quality. This group appeared to be very rational, and participants with this profile were labeled Rational Consumers. This profile represented the largest number of consumers in our sample, containing 9.78% of participants (n = 100). We called Profile 3 Balanced Consumers, as scores for each motive were near average. This was the largest profile in the current study, comprising 49.36% of the consumers (n = 505). Finally, Profile 4 is referred to as Enthusiastic Consumers in this study, with reference to Kabadayi and Paksoy (2016), as they scored highest on all motivational dimensions. This profile comprised 29.33% of the participants (n = 300).



TABLE 5. Average factor scores by the four profiles.
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FIGURE 1. Latent profiles of different consumer motivation segment (N = 1023).




Differences in Demographic Variables Across Consumer Motivation Types

Cross-tabulation analysis and ANOVAs were used to examine whether demographic variables differed across the four profiles of consumer motivation (see Table 6). The results in Table 6 indicate that age [F(3, 1,019) = 3.04, p < 0.05] and education [χ2(9) = 63.52, p < 0.001] were significantly different across the consumer motivation profiles, but gender [χ2(3) = 6.25, p > 0.05], income [χ2(12) = 16.38, p > 0.05] and occupation [χ2(24) = 27.05, p > 0.05] were not. More specifically, the average age of the enthusiastic consumer was 28.58 years old, skewed toward the young, whereas that of the balanced consumer was 30.53 years old, marginally older. The apathetic consumer group had a slightly higher percentage of members with a high school or lower education than the other three groups. Enthusiastic consumers tended to be more likely to have a college degree, while rational consumers were more likely to have a postgraduate degree or above. In addition, there were some differences in consumer contexts observed; the clothes consumption context had a higher proportion of rational consumers, the travel consumption context had a greater percentage of apathetic consumers, and most of the balanced consumers fell into the accommodations consumption context.



TABLE 6. Differences in demographic variables across the profiles (Cross-tab with Pearson Chi-square).
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The Relationship Between Consumer Motivation Types and Subjective Well-Being

The ANOVA test was used to examine the relationship between the four consumer motivation profiles and subjective well-being. The results are presented in Table 7 showing that positive affect [F(3, 1,019) = 111.74, p < 0.001], negative affect [F(3, 1,019) = 5.71, p < 0.01] and life satisfaction [F(3, 1,019) = 58.79, p < 0.001] vary significantly across the four profiles of consumer motivation. More specifically, pairwise comparative analysis of Post hoc Bonferroni tests showed that positive affect and life satisfaction were highest among the enthusiastic group, moderate for the balanced group, and lowest for the rational and apathetic groups. For negative affect, the rational group is significantly lower than the enthusiastic and apathetic groups, and the balanced group did not differ significantly from other groups.



TABLE 7. ANOVA of subjective well-being.
[image: Table7]




DISCUSSION

The present study utilized the CMS to explore the combined effect of multiple consumer motivations on well-being. We used LPA as a research method to reveal the patterns of consumer motivation in Chinese culture and identified four consumer motivation profiles: enthusiastic consumers; balanced consumers; rational consumers; and apathetic consumers.

Among the four profiles, rational consumers had not previously been identified. Consumers in this group are concerned with saving money as well as comfort, ethics, and quality. Previous research supports the idea that the goal of saving money should be distinguished from the goal of increasing value through returns (Barbopoulos and Johansson, 2017). The rational consumer seems to be motivated by dual goals: not merely lower prices, but also to gain returns. Indeed, it is even possible that rational consumers are willing to sacrifice some of their economic benefits for higher levels of comfort, ethics, or quality.

It is noteworthy that the profiles we found have been labeled with similar names in other countries. However, there are differences in the implications of these profiles since they are not based on exactly the same motivational dimensions (e.g., Kim et al., 2014; Singh, 2018). For example, Kim et al. (2014) found four similar consumer groups among US consumers: involved shoppers, showing high levels of all dimensions; pragmatic shoppers, showing high levels of utilitarian shopping benefits and shopping costs and low levels of hedonic shopping benefits; experiential shoppers, showing moderate levels of hedonic benefits and low levels of utilitarian benefits and costs; and nonchalant shoppers, showing low levels of all dimensions. In general, the taxonomy of consumer motivation in this study is based on more comprehensive dimensions and constructed more precisely to better describe the patterns of consumer motivation.

Across profiles, the Chinese consumers in our study were most motivated by ethics and value for money, followed by comfort, quality, and safety, with less motivation for stimulation or social acceptance. We found that ethics and value for money were the strongest consumer motivations in our Chinese sample, which may be influenced by traditional Chinese culture and the value of frugality (Lin et al., 2013). However, the result showed that Chinese consumers are less influenced by social acceptance than earlier research suggested. Studies examining the influence of culture on purchase decisions found that consumers in collectivist cultures, like China, place more importance on social acceptance than consumers in individualistic cultures (Nayeem, 2012). Collective consumers tend to choose brands and symbolic products that represent their social status and reaffirm their similarity to reference group members in their purchase choices (Tanusree and Mandal, 2021). In a study of automobile purchases, it was found that individualistic consumers are more interested in performance and features than prestige or brand, whereas collectivistic consumers may prefer higher-priced automobiles because of the associated status and prestige factors (Nayeem, 2012). These mixed results may be explained by the impact of the COVID-19 pandemic on consumer preferences, with recent studies showing that utilitarian motivations prevail over hedonism in crises (Vázquez-Martínez et al., 2021), and minimalism and ethical consumption are some of the main trends during such crises (Flatters and Willmott, 2009).

Moreover, the present study provided information about the demographic characteristics of each profile. Consumer motivation profiles showed significant differences in age, education, and consumption context. In terms of age, there are more young people in the enthusiastic consumers, while the balanced consumers are a bit older. In terms of education, the highly educated young people in the sample were more likely to be in the rational group, and the less educated were more likely to be in the apathetic group. In addition, an analysis of the consumption context revealed that the clothing industry has a higher proportion of rational consumers, the accommodation context has more balanced consumers, and the travel context has more apathetic consumers. The results showed no significant difference in consumer profiles between the travel and food contexts, which is inconsistent with the findings of the previous investigation into single context segmentation (Song and Bae, 2017; Gong et al., 2020a). These results provide preliminary evidence that consumers’ preferences differ across contexts and call for a more detailed and intensive investigation of the explanations for these differences.

The result showed that the largest proportion of balanced consumers accounted for almost half of the participants. Coincidentally, it is reported that the largest proportion of Indian consumers is also balanced, with a balanced orientation of hedonistic, materialistic, and utilitarian traits—more than one-third (Singh, 2018). This is not the case in other countries, such as America, with the largest share of pragmatic shoppers (showing high levels of utilitarian motivation and shopping costs and low levels of hedonic motivation), nearly half (Kim et al., 2014). Also, results differ by gender compared to America. In our study, we found no significant differences in consumer motivations by gender. In the US, however, all female consumers were either engaged or experienced, whereas all male consumers were rational or pragmatic (Kim et al., 2014). Proportional distributions and gender in consumer motivations across countries may be related to culture and economics (Kim et al., 2014; Singh, 2018). In line with studies on shopping motivation in China, there were no significant differences in shopping motivation based on income or occupation (Parker and Wenyu, 2019).

Consumers’ subjective well-being differed across the four consumer motivation profiles. The enthusiastic group scored highest on all dimensions of consumer motivation, and correspondingly, they had significantly higher positive affect and life satisfaction compared to the other profiles. Surprisingly, they also had the highest negative effect. A tendency toward maximization has been shown to be associated with negative affect (Desmeules, 2002; Schwartz et al., 2002). There is a possibility that they have higher expectations for the product and are more likely to experience stress, frustration, regret, and trigger more negative effects. Consumers in the balanced group scored uniformly on all dimensions and demonstrated moderate levels of positive affect and life satisfaction. Their scores for negative affect were similar to those of other profiles. Compared to the enthusiastic group, the balanced group was shown to be relatively emotionally stable.

For the rational and apathetic groups, there were no significant differences from each other in positive affect or life satisfaction, and both scores were significantly lower than those of the enthusiastic and balanced groups. However, these two groups had different results in terms of negative effects. The apathetic group showed more negative affect, and they were the least happy group found in this study. Rational consumers have the lowest negative effect among the four groups. Notably, there was a roughly reversed tendency in the dimensions that made up the rational group and the apathetic group. Consumers in the rational group had significantly higher scores on the dimensions of value for money, quality, comfort, and ethics, and they may have a greater inclination toward intrinsic motivation. Apathetic consumers scored higher on the dimensions of security and social acceptance, and they may have a greater inclination toward extrinsic motivation. Rational consumers with an intrinsic tendency reported less negative affect, whereas apathetic consumers with an extrinsic tendency reported more negative affect. This was consistent with the findings of previous studies (Schmuck et al., 2000; Kasser and Ryan, 2016), further validating the positive effect of intrinsic motivation on well-being under the Chinese sample.


Theoretical Implications

This study extends previous findings by using a higher-order approach—LPA to segment consumers into four profiles based on their consumer motivation and identifies a new type of consumer—rational consumers, which had not previously been identified (Ribeiro Cardoso and Carvalho Pinto, 2010; Kabadayi and Paksoy, 2016; Singh, 2018). The taxonomy in this study is based on a more integrative dimension structure of consumer motivation, extending the established theories of hedonistic and utilitarian motivation (Babin et al., 1994; Barbopoulos and Johansson, 2017). The emphasis placed by participants of all four profiles on the ethics dimension implies the importance of normative motivations and indicates the CSM presents a helpful framework for conceptualizing consumer motivations.

The person-centered approach adopted in this study fills the research gap created by the relationships between different combinations of consumer motivations and their well-being. In particular, this study expands the research on consumer motivations and their subjective well-being, which demonstrated the different roles of different patterns of consumer motivation in predicting various outcomes of well-being, whereas previous studies focused only on a certain kind of consumer motivation. These findings emphasize the importance of combining the effects of consumer motivation in predicting both positive and negative outcomes of subjective well-being, as well as the value of assessing consumer motivation on a multi-dimensional basis.



Practical Implications

Consumers were segmented into four profiles based on seven consumer motivation dimensions, providing an informative approach to understanding the differentiated needs of different types of consumers. Market segmentation based on consumer motivation has proven to be one of the most valuable marketing tools in business promotion and consumer behavior prediction (Kim et al., 2014). Our approach to segmenting consumers provides information about what consumers are pursuing. This information enables us to identify incentives that different types of customers may pay attention to or not. The enthusiastic group has high expectations in all dimensions; the balanced group values each dimension of a product but has lower expectations; the rational group emphasizes dimensions such as value for money, comfort, ethics, and quality; and the apathetic group has no strong motivation for consumption and places emphasis on the dimensions of security, social acceptance, and stimulation. It can help marketers develop customized marketing plans based on the consumption patterns of different consumer motivation segments (Singh, 2018). Rational consumers, for example, are driven by the dimensions of money value and ethics rather than social acceptance. Alternatively, they may choose fairly inexpensive practices over environmentally friendly products, or they may reduce their consumption.

The study explores the relationship between different subtypes of consumer motivation and well-being, which provides insights and opportunities for individuals concerned with their own well-being and for marketers who are concerned with the affective states of their consumers. For example, we conclude that enthusiastic consumers have high levels of positive affect and life satisfaction, but their emotions can easily be negative as well. In order to make an appropriate choice, consumers are advised to seek professional and objective information whenever possible. Individuals need to carefully evaluate the information provided by marketers, and enthusiastic consumers need to be wary of the adverse effects of bad experiences such as disappointment or regret. Marketing strategies do seem to create pleasant choices, but they should pay particular attention to the impact on consumer expectations. Advertisers should be careful that their information does not lead consumers to have overly positive assumptions about the advertised goods (Desmeules, 2002).



Limitation and Future Research Direction

This research is not without limitations, which is the direction of future research. Culture has been studied as an important influence on motivation and well-being before (Gong et al., 2020a). This research contributes to the literature on consumer motivation and its relationship with well-being. However, the study’s results are unclear in terms of whether they would apply to other cultures. For example, the people in this Chinese sample were motivated by ethics and value for money, but these motivations might be less common in other cultures. Future research could use the same approach and measurement to explore and compare the profiles of consumer motivation in different cultural contexts.

While this study provides insights into consumer motivation and well-being, the results need to be replicated. The cross-sectional data is not sufficient to infer causal relationships. Longitudinal studies will help us to understand the changing trends in consumer motivations and their impact on consumers’ well-being. Other measurement methods (e.g., observation, in-depth interviews) could reduce methodological artifacts and provide information about consumer motivations under real-world conditions.




CONCLUSION

This study provides evidence on different types of consumer motivation among Chinese consumers using the person-centered—LAP, and it also supports that consumers’ subjective well-being differed significantly across the four motivation profiles. Chinese consumers were segmented into four profiles based on seven consumer motivation dimensions, providing a specific and informative approach to understanding the differentiated needs of different types of consumers. The enthusiastic group exhibited the highest levels of positive affect and life satisfaction, but they also displayed the highest levels of negative affect as a result of higher expectations. Balanced participants reported moderate life satisfaction, positive affect, and negative affect. Among the rational group, life satisfaction and positive affect were the lowest, as well as negative affect because of their internal goal tendency (Schmuck et al., 2000; Kasser and Ryan, 2016). Apathetic consumers are more likely to be motivated by extrinsic factors, and they are the least happy. The results of this study enrich our theoretical and practical understanding about the relationship between consumer motivation types and subjective well-being.
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CR, Composite Reliability, AVE, Average Variance.
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