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Background: Burnout, defined as persistent work-related stress, is a critical
concern among healthcare workers (HCWs), particularly in high-demand
environments such as the Middle East, North Africa, and Turkey (MENAT) region.
This systematic review and meta-analysis aimed to assess the pooled prevalence
of burnout and examine its associated risk and protective factors among HCWs
in the MENAT context.

Methods: A comprehensive search of studies published between 2013 and
2024 identified 123 studies involving 36,769 participants. Only studies using the
Maslach Burnout Inventory - Human Services Survey (MBI-HSS) were included.
Burnout was evaluated across its three dimensions: emotional exhaustion (EE),
depersonalization (DP), and personal accomplishment (PA). The protocol is
registered with PROSPERO (CRD420251051167).

Results: The pooled prevalence was 407% for high emotional exhaustion, 31% for high
depersonalization, and 38% for low personal accomplishment. The overall mean
scores were 22.02 for EE, 10.07 for DP, and 2549 for PA. Substantial heterogeneity
across studies reflected wide variation in healthcare system capacity and workforce
conditions. Burnout was more pronounced in countries such as Saudi Arabia, Iran,
and Turkey. Common risk factors included high workload, lack of institutional
support, younger age, and female gender. Protective factors were linked to increased
autonomy, leadership support, and strong peer relationships.

Conclusion: Burnout is prevalent among HCWs across the MENAT region,
with significant variability across countries. Targeted interventions to reduce
occupational stressors and enhance protective workplace structures are urgently
needed to safeguard provider wellbeing and improve healthcare delivery.
Systematic review registration: https://www.crd.york.ac.uk/prospero/display_
record.php?lD=CRD420251051167, identifier CRD420251051167
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Introduction

Burnout is a syndrome characterized by chronic occupational
stress, first conceptualized in the early 1970s by psychoanalyst Herbert
Freudenberger (Freudenberger, 1974; Maslach, 1998). Burnout is
commonly defined by three core dimensions: emotional exhaustion
(EE), characterized by mental fatigue and work-related stress;
cynicism or depersonalization (DP), marked by a detached, negative
attitude toward others in the workplace; and diminished professional
efficacy or personal accomplishment (PA) (Maslach, 1998). These
dimensions reflect the impact of persistent job-related stress on an
individual’s emotional and professional well-being. While burnout can
occur in various professions, it is particularly prevalent in healthcare,
where high job demands and chronic stress significantly impact
workers, particularly among nurses and physicians, where
occupational stress is a significant public health concern. Its impact
extends beyond individuals, influencing patient safety, healthcare
quality, and organizational performance (Yang and Hayes, 2020).

Healthcare workers experiencing burnout may exhibit decreased
job satisfaction, higher rates of absenteeism, an increased risk of
patient safety incidents, including medical errors (Sufer-Soler et al,,
2014; Yang and Hayes, 2020). Recent research shows that burnout in
healthcare workers is associated with factors such as excessive
workload, time constraints, role ambiguity, limited social support, and
restricted decision-making autonomy (De Hert, 2020). Burnout is also
linked to serious personal consequences, such as mental health
disorders, substance abuse, strained relationships, and even suicidal
ideation (Abdelhafiz et al., 2020).

Burnout places a significant economic burden on healthcare
systems, contributing to higher workforce turnover, malpractice risks,
and increased healthcare costs due to reduced quality of care (De Hert,
2020). Organizational models, including Karasek’s job strain model
and the effort-reward imbalance model, highlight how high job
demands combined with low control and inadequate rewards
contribute to burnout risk (Kain and Jex, 2010; Siegrist, 2016).
Addressing these factors is essential to improving healthcare workers’
well-being and ensuring high-quality patient care. Although burnout
is widely recognized as a critical occupational issue, especially in
healthcare, research in this area continues to face significant challenges
(De Hert, 2020). Research in this area is often limited by conceptual
overlaps with other psychosocial stress factors and variations in
burnout experiences based on gender, age, specialty, and geographic
training context (De Hert, 2020).

The Middle East, North Africa, and Turkey (MENAT) region, in
particular, represents a culturally diverse The Middle East, North
Africa, and Turkey (MENAT) region is culturally diverse, with
significant variations in economic development, healthcare systems,
and workplace environments. However, research on burnout in this
region remains limited. Factors such as cultural attitudes toward
mental health, workforce challenges, and disparities in healthcare
infrastructure highlight the need for region-specific investigations that
account for these socio-cultural and systemic differences (Awad et
al,, 2022).

Addressing burnout in the MENAT region is essential, as healthcare
workforce stability directly impacts public health and socio-economic
development. Despite growing global research on burnout, substantial
gaps remain in understanding the unique stressors and protective
factors affecting healthcare professionals in this region. Given the
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diverse economic conditions and healthcare disparities across MENAT
countries, a deeper exploration of burnout in this context is crucial.
While previous reviews have examined burnout among healthcare
workers globally, research specific to the MENAT region remains
limited. This study is the first systematic review and meta-analysis to
quantify burnout prevalence and its determinants across MENAT
countries, identifying region-specific risk and protective factors to
inform targeted interventions. This systematic review and meta-
analysis examine burnout among healthcare workers in the MENAT
region, focusing on its prevalence, risk factors, and protective factors.

Methods

This systematic review and meta-analysis were conducted in
accordance with the Preferred Reporting Items for Systematic Reviews
and Meta-Analyses (PRISMA) criteria. These standards were
employed to oversee all phases of the research (Page et al., 2021). The
review protocol was registered with the International Prospective
Register of Systematic Reviews (PROSPERO),

number CRD420251051167.

registration

Search strategy

We conducted a systematic search of the literature using Scopus,
Medline, Embase, and PsycINFO, supplemented by a manual reference
search of included studies to ensure comprehensive coverage. The
search spanned January 1, 2013, to December 31, 2024, to capture recent
shifts in healthcare work environments and burnout research Search
strategy combined keywords and controlled vocabulary related to the
core concepts of this review: “burnout;” healthcare workers, and the
MENAT region. Synonyms and closely related terms for burnout (e.g.,
“burnout,” “occupational stress”), for healthcare workers (e.g.,

» <

“healthcare personnel,” “medical staff;” “nurse;” “physician”), and for the
MENAT geographical region (including terms like “Middle East,”
“North Africa,” “Turkey;” as well as the names of specific countries in the
region) were used. These terms were combined using Boolean operators
(OR for synonyms and AND to link the different concept groups) and
applied to search within titles, abstracts, and keywords. The full detailed
search strings for each database are provided in the Supplementary File 1,

ensuring transparency and reproducibility of the search.

Inclusion and exclusion criteria

Our criteria included published articles in English that are peer-
reviewed and conducted in the MENAT region within the specified
time period. Exclusion criteria included studies without primary data,
non-healthcare populations, and non-English articles unless a
translation was available. Any cross-sectional and prevalence studies
that assess burnout subscale prevalence, including high EE, high DP,
and low PA, or reports detailed scores for these subscales using
MBI-Human Services Survey (MBI-HSS) were included in the meta-
analysis. Search and selection criteria are detailed in Table 1. Cohort
studies and randomized controlled trials (RCTs) were not included, as
they primarily focus on interventions or longitudinal outcomes rather
than burnout prevalence, which was the focus of this review.
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The MBI-HSS was developed for the human services field and
included 22 items; emotional exhaustion (MBI-EE nine items),
depersonalization (MBI-DP five items), personal accomplishment
(MBI-PA eight items). The scores for each of the three factors are
totaled separately and can be coded as low, average or high using
cut-off scores defined in the MBI Manual (Maslach and Jackson,
1996). Reliability and validity of the MBI-HSS have been
established across a wide range of countries and professional
settings including in the mental health field (Gil-Monte, 2005;
Kitaoka-Higashiguchi et al., 2004; Maslach and Jackson, 1996;
Paris and Hoge, 2010; Poghosyan et al., 2009).

TABLE 1 Inclusion criteria for studies on burnout among healthcare
workers in the MENAT region.

Framework Criteria

1. Healthcare workers (HCW ).
2. Reports published from January 1st, 2013,
to December 31st, 2024.
3. Reports published from the MENAT
(Middle East, North Africa and Turkey)
region. The region includes the following
countries:
1. Algeria
2. Bahrain
3. Djibouti
4. Egypt
5. Iran
6. Iraq
7. Israel
8. Jordan
Population
9. Kuwait
10.  Lebanon
11.  Libya
12. Morocco
13.  Oman
14.  Palestine
15. Qatar
16.  Saudi Arabia
17.  Somalia
18.  Sudan
19.  Syria
20.  Tunisia
21. UAE
22.  Yemen
23.  Turkey
Interventions No Intervention
Comparison group was not examined in this
Comparisons or control groups | investigation because there was no comparison
group.
Outcomes Prevalence of Burnout calculated using
Maslach Burnout Inventory
Only the following reports were included:
Study designs 1. Cross-sectional studies.
2. Prevalence studies.
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Selection method

Search results were imported and managed using EndNote 20
(Thomson Reuters, New York, USA). Duplicates were removed
electronically and then manually.

The reviewers initially examined and selected articles based on
their title and abstract individually. Full text of all the references that
met the inclusion criteria were requested. Abstracts were used for
articles that lacked full texts and full text could not be retrieved, or if
full texts were not available in English. The reviewers then gathered
data from the selected articles and removed studies that fit the
exclusion criteria. All discrepancies and disagreements among
investigators regarding inclusion and exclusion criteria were resolved
through unanimous decision.

Data extraction

Data extraction was conducted independently by two
reviewers (M.A. and S.A.) using a standardized data extraction
form. In cases of disagreement, a third reviewer (M.A A) was
consulted to resolve discrepancies and reach consensus. Extracted
data included general and study-specific characteristics: author
name, year of publication, country, type and number of healthcare
workers (e.g., physicians, nurses), gender distribution, mean age
of participants (if reported), the definition and cut-offs used for
the MBI-HSS, and mean scores and/or prevalence estimates for
emotional exhaustion (EE), depersonalization (DP), and personal
accomplishment (PA).

Quality assessment

Two independent reviewers conducted a quality assessment at
both the individual study level and the result level. The Joanna Briggs
Institute (JBI) critical appraisal checklist for prevalence studies was
employed to evaluate the methodological quality of a study and to
ascertain the degree to which the study has mitigated potential bias in
its design, execution, and analysis (Munn et al., 2015).

Statistical analysis

Proportional meta-analyses were conducted to estimate the
pooled prevalence of burnout and its dimensions: EE, DP, and
reduced PA. Meta-analyses of pooled means were utilized to get the
overall EE, DP, and PA subscale scores throughout the MENAT
region. Random-effects models were employed to account for
potential heterogeneity across studies, considering variations in
study populations and methodologies. Heterogeneity was assessed
using the I” statistic, with values above 50% indicating moderate to
high heterogeneity. Subgroup analyses explored variations in
burnout prevalence based on geographical region. Publication bias
was assessed through burnout subscale prevalence using funnel
plots and Egger’s tests. All statistical analyses, including meta-
analyses, forest plots, and funnel plots, were performed using R
software version 4.3.1., the “meta” package, evaluating heterogeneity,
and generating visualizations.

frontiersin.org


https://doi.org/10.3389/fpsyg.2025.1539105
https://www.frontiersin.org/journals/psychology
https://www.frontiersin.org

Alhassan et al.

Search outcome and quality assessment

The electronic literature search across Scopus, Medline, Embase,
and PsycINFO databases identified a total of 2,405 records. After
removing 1,204 duplicates, 1,201 unique records remained for
screening. Of these, 1,012 were excluded based on titles and abstracts.
Full-text reviews were conducted for 189 reports, of which 66 were
excluded for not meeting the inclusion criteria. Ultimately, 123 studies
involving 36,769 participants were included in this systematic review.
All included studies were peer-reviewed and utilized the Maslach
Burnout Inventory - Human Services Survey (MBI-HSS) to assess
burnout dimensions.

The studies were geographically distributed across 15 MENAT
countries: Egypt, Iran, Jordan, Saudi Arabia, Turkey, Tunisia, Oman,
Morocco, Iraq, Sudan, Qatar, Lebanon, Bahrain, Palestine, and Israel.
No eligible data using the MBI-HSS were identified from Algeria,
Djibouti, Kuwait, Libya, Somalia, Syria, the United Arab Emirates,
or Yemen.

Quality assessment using the JBI critical appraisal checklist indicated
that the majority of studies were of moderate to high methodological
quality, with consistent application of the MBI-HSS and appropriate
statistical analysis. Most studies adequately described their populations
and employed standardized measurement procedures. However, common
limitations included incomplete reporting of response rates, unclear
sampling strategies, and limited justification of sample sizes. These
methodological concerns may introduce bias and should be considered

10.3389/fpsyg.2025.1539105

when interpreting the pooled findings. Full appraisal results are available

in and

Study population

Studies conducted across MENAT were identified. All studies
used self-reported questionnaires. The number of respondents ranged
from 30 ( ) t0 2,592 ( ;

). Female respondents were over-represented, as the pooled
females responders reached 60.53% (95% CI: 54.36, 66.39). Oman was
the country that included the highest female prevalence, 99.09%, in
contrast to Bahrain, that included the lowest prevalence of females
39.3%. The mean age of respondents was 34.25 (95% CI: 33.09, 35.41)
years. Morocco reported responders with the highest average age
groups, 45.73 years, in contrast to Egypt, which contained the lowest
average ages, 29.8. Characteristics of all Included Studies on Burnout
Among Healthcare Workers in the MENAT Region are summarized
in the

Mean scores on burnout subscales

The pooled mean scores from the random-effects meta-analysis
indicated moderate levels of burnout across the EE and DP and high
PA subscales among healthcare workers in the MENAT region. The
average score for EE was 22.02 (95% CI: 20.20-23.85), for DP was 9.93
(95% CI: 8.57-11.30), and for PA was 25.49 (95% CI: 23.36-27.63).

[ Identification of studies via databases and registers ]
Records identified

5 from:
E=} Databses (n=4)
S Scopus (n=1092)
= Medline (n=597)
S Embase( n=537)
= PsycINFO (n=179)

N/

| Records removed before screening:
v - Duplicate records removed (n = 1204)
Records screened removal (n=1201)
o
g »| Records excluded (n =1,012)
§ \ 4
3] - -
® Reports sought for retrieval (n = 189) —>| Reports not retrieved (n = 9)
4
—
Reports Retrived (n = 105) » Records excluded (n = 66)
: !
(7}
°
=
2 Studies included in review (n = 123 )
FIGURE 1
PRISMA flow diagram
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Study Events Total Proportion  95%-Cl
Country = Egypt
Elsaie 2020 50 144 —— 0.35 [0.27;0.43
Ibrahim 2022 90 167 —— 0.54 0.61
Soltan 2020 30 100 —— 0.30 0.40
Anwar 2017 109 227 = 0.48 0.55]
Abdo 2015 75 523 H 0.14 0.18
Random effects model 354 1161 —_— 0.34 0.49]
Heterogeneity: /2 = 97%, ©* = 0.4542, p < 0.01
Country = Iran
Abarghouei 2016 0.06 0.09
Abedi-Gilavandi 2019 = 0.70 0.75]
Amiri 2016 0.09 0.11
Bazmi 2019 0.05 0.06
Bijari 2016 0.06 0.09
Ghoraishian 2022 0.16 0.22
0.39 0.47
0.12 0.18
—& 0.91 0.95]
= 0.65 0.69]
Amini 2021 0.08 0.13
Ebrahimpour 2023 0.47 0.52
Biganeh 2021 0.14 0.23
Rivaz 2020 0.18 0.24
Yektatalab 2019 0.12 0.17]
Jafari 2023 = 0.71 0.76
Gholamia 2016 0.12 0.16
Gashmard 2015 0.15 0.19
Sajedian 2023 0.40 0.47
Abareshi 2022 0.33 0.40
Random effects model 0.24 0.37
Heterogeneity: / = 99%, t° = 1.9510, p < 0.01
Country = Jordan
Mudallal 2017 265 407 - 0.65 ; 0.70]
Hamdan 2023 18 135 - 0.13 0.20]
Random effects model 283 542 —————— 0.35 0.76]
Heterogeneity: /2 = 99%, = 1.5491, p < 0.01
Country = Saudi Arabia
Al-Haddad 2020 124 226 —- 0.55 0.61
Aldrees 2015 47 85 —— 0.55 .65
Alshreem 2022 57 150 . 0.38 0.46]
Alwhaibi 2022 81 139 —— 0.58 0.66]
Hamdan 2019 45 157 - 0.29 0.36
Dahmash 2021 73 264 g 0.28 0.33
Rugaan 2023 191 354 = 0.54 0.59
Azeez 2024 125 200 —=- 0.62 0.69]
Alenezi 2022 156 426 - 0.37 0.41
Al-Ghamdi 2021 26 133 - 0.20 0.27]
Alzahrani 2023 396 734 = 0.54 0.58]
Qedair 2022 179 250 = 0.72 0.77]
Ghazwani 2022 11 44— — 0.25 0.40]
Algarni1 2022 26 107 — 0.24 0.33]
AlHadi 2022 105 1253 0.08 0.10
Alsayed 2020 22 142 @ 0.15 0.22
Almodibeg 2020 22 39 —— 0.56 0.71
Shahin 2020 76 200 - 0.38 0.45]
Algahtani 2019 58 282 = 0.21 0.26
Alsheikh 2019 56 142 —— 0.39 0.48]
Aldrees 2017 19 38 — 0.50 0.65;
Alenezi 2022 156 426 - 0.37 0.41
Al-Sareai 2013 58 370 H& 0.16 0.20
Aldrees 2013 121 348 - 0.35 0.40]
Agha 2014 66 96 —— 0.69 0.77]
Alshammari 2023 458 684 = 0.67 0.70]
Random effects mod. 2754 7289 — 0.39 0.47
Heterogeneity: /> = 98%, > = 0.6987, p < 0.01
Country = Turkey
Bolat 2019 96 369 - 0.26 0.31
Celik 2021 294 615 - 0.48 0.52]
Guveli 2015 13 159 @ 0.08 0.14]
Komur 2017 46 142 —|— 0.32 0.41
Kosan 2018 38 711 0.05 0.07
Efil 2022 240 460 = 0.52 0.57]
Yazici 2019 145 570 = 0.25 0.29
Elay 2019 660 1161 = 0.57 0.60
Schooley 2016 211 250 - 0.84 0.88
Random effects model 1743 4437 ——— 0.34 0.54]
Heterogeneity: /2 = 99%, ©? = 1.7016, p < 0.01
Country = Tunisia
Zemni 2024 3 70 —— 0.50 [0.38; 0.62]
Country = Morocco
Chahbounia 2023 20 30 —— 0.67 [0.48;0.81
Chti 115 270 - 0.43 [0.37; 0.49]
Benhamza 2023 171 396 - 0.43 [0.38; 0.48
Abidli 2019 28 83 —_— 0.34 [0.24; 0.45]
Random effects mod. 334 779 - 0.43 [0.39; 0.46]
Heterogeneity: /° = 67%, t> = 0, p = 0.03
Country = Iraq
Samadi 2023 6 34 —E— 0.18 [0.08; 0.34]
Country = Sudan
Elhadi 2022 92 208 & 0.44 [0.38; 0.51]
Hamid 2020 14 72— 0.19 [0.12; 0.30]
Random effects model 106 280 —— 0.31 [0.17; 0.51]
Heterogeneity: /2 = 92%, * = 0.3081, p < 0.01
Country = Qatar
El-Menyar 2020 167 624 = 0.27 [0.23; 0.30]
Kader 2021 99 0.13 [0.08; 0.21]
Random effects model 180 723  —mm— 0.20 [0.12; 0.32]
Heterogeneity: /* = 88%, t* = 0.1475, p < 0.01
Country = Oman
Al-Hashemi 2019 72 190 —— 0.38 [0.31; 0.45]
Country = Lebanon
Salem 2018 7 51 —— 0.14 [0.07; 0.26]
Alameddine 2017 104 960 0.11 [0.09; 0.13]
Ashkar 2018 20 151 - 0.13 [0.09; 0.20]
Random effects model 131 1162 o 0.11 [0.10; 0.13]
Heterogeneity: /° = 0%, ©* = 0, p = 0.58
Country = Bahrain
Hasan 2015 54 201 g 0.27 [0.21;0.33]
Country = Palestine
Hassan 2024 125 212 — 0.59 [0.52; 0.65]
Alshawish 2020 29 207 M 0.14 [0.10; 0.19]
Random effects model 154 419 ————— 0.33 [0.10; 0.69]
Heterogeneity: / = 99%, t° = 1.1717, p < 0.01
Country = Israel
Uziel 2018 36 299 W 0.16]
Haik 2017 15 55 —E— 40]
Random effects model 51 354 —mm— ; 0.30]
Heterogeneity: /2 = 88%, ©* = 0.1846, p < 0.01
Random effects model 7881 24107 = 0.31 [0.26; 0.37]
Heterogeneity: /2 = 98%, t° = 1.1923, p = 0
Test for subgroup differences: z2, = 267.14, df = 18.20 < ®C4) 0.6 0.8
FIGURE 2
Prevalence of depersonalization.

Meta-analysis forest plots are presented in Figures 2-7. All three
subscales, EE, DP, and PA, demonstrated substantial between-study
heterogeneity, I = 100, 99.9, and 100, respectively. Our subgroup
analysis of MENAT regions indicated a difference in MBI scores. For
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Prevalence of personal accomplishment
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[14.34;1662] 13%

[ 836 9.44] 1.3%
[14.25,16.55]  1.3%
[2142;2158] 13%
[20.86;2502] 13%
[21.71;2629] 13%
[2234;26.10] 13%
[28.98;30.38] 1.3%
[30.71;3251]  13%
[2322;2592] 13%
[28.39;30.61] 13%
[2030;2354] 13%
[13.02;1520]  1.3%

[ 288 2.96] 1.3%
[34.29;3681] 13%
[19.55,22.41]  13%
[12.36;1384] 13%
[2360;27.34] 13%
[24.78;27.44]  13%
[23.94;2632] 13%
[19.57;22.99]  13%
[12.87;14.89] 13%
[18.57;24.67] 30.5%

[30.25;32.75]  1.3%
[ 3.10; 3.66] 1.3%
[-10.12;44.99]  2.5%

[2349;2649] 13%
[27.46;3154] 13%
[19.60;2540]  1.2%
[17.08;2092] 13%
[29.09;34.11]  12%
[34.12;37.94] 13%
[11.01;12.19]  13%
[29.40;3220] 13%
[19.23;21.37]  13%

[ 372 400] 1.3%
[19.09;2331] 13%
[3355;35.11]  13%
[26.18;30.02] 13%
[29.33;3327] 13%
[51.38;56.62] 12%
[20.74;32.42] 18.9%

[1591;17.69]  13%
[30.26;32.54]  13%
[1307;1529] 13%
[2560;27.04] 13%
[9941212] 13%
[15.09;16.11]  1.3%
[21.07;2273]  13%
[18.65;2149] 13%
[1593;17.47]  13%
[2453;2627] 13%
[22.14;2366] 13%
[2059;21.45] 13%
[2059;22.15]  1.3%
[2256;2384] 13%
[17.67,2003] 13%
[2689;29.79] 13%
[1292;15.10]  13%
[24.07,2667] 13%
[1301;1635]  13%
[23.46;24.74]  13%
[21.23;2343] 13%
[1369;16.11]  13%
[27.25,29.61] 13%

[ 341 371]  1.3%
[24.84,2568]  1.3%
[17.28;18.58]  1.3%
[17.83;22.60] 33.1%

[12.64;16.18]  1.3%
[13.95;20.69] 1.2%
[24.60;29.40] 1.3%
[17.84;2248]  1.3%
[ 1.88;13.90] 1.1%
[20.82;24.58]  1.3%

[2044;23.28] 13%
[21.84,26.76]  1.2%
[24.92;2824] 13%
[21.41;27.02] 3.8%

[20.20; 23.85] 100.0%

Study Total Mean SD
Country = Egypt

Elsaie 2020 144 29.14 9.24
Anwar 2017 227 28.40 6.30
El Dahshan 2013 38 2540 6.70

Random effects model 409
Heterogeneity: /2 = 76%, <* = 2.6331, p = 0.02

Country = Iran

Abarghouei 2016 306 26.80 6.17
Abedi-Gilavandi 2019 287 37.31 7.90
Amiri 2016 548 35.49 13.54
Bazmi 2019 1087 34.00 8.60
Bijari 2016 423 30.80 12.30
Ghoraishian 2022 180 34.80 5.48
Jalili 2013 165 31.47 9.90
Sarabi 2020 150 42.19 12.47
Soltanifar 2018 81 31.08 6.98
E. Zarei 2019 524 2092 5.10
Jafari-Koulaee 2024 249 29.72 512
Amini 2021 184 26.25 11.25
Yousefi 2023 140 27.89 3.62
Rivaz 2020 212 29.71 945
Saeidi 2019 2352739 7.13
Rezaei 2018 200 255 049
Ajoudani 2018 278 22.56 7.84
Yektatalab 2019 250 29.02 6.63
Rostamabadi 2019 522 1842 7.10
0zIiZ 2016 (Iran) 92 31.57 524
Sadati 2016 371 18.75 9.40
Gholamia 2016 415 33.30 9.59
Soroush 2016 86 22.60 5.40
Abareshi 2022 198 26.56 6.73

Random effects model 7183
Heterogeneity: /2 = 100%, < = 62.6224, p = 0

Country = Jordan

Mudallal 2017 407 32.30 18.98
Hamaideh 2014 130 356 1.20
Random effects model 537

Heterogeneity: /2 = 100%, < = 412.5457, p < 0.01

Country = Saudi Arabia

Al-Haddad 2020 226 29.41 9.90
Aldrees 2015 85 32.33 6.00
Alshreem 2022 150 36.10 10.27
Alwhaibi 2022 139 31.50 12.80
Hamdan 2019 157 27.20 11.00
Bawakid 2017 246 14.44 366
Dahmash 2021 264 3090 8.45
Rugaan 2023 354 37.60 9.70
Alshurtan 2024 506 4.71 145
Alsayed 2020 142 34.90 11.50
Al-Omari 2019 892 32.67 8.01
Alsheikh 2019 142 33.80 8.00
Rayan 2019 118 10.58 9.58
Alshammari 2023 684 30.56 15.26

Random effects model 4105
Heterogeneity: 12 = 100%, <2 = 102.7137, p = 0

Country = Turkey

Bolat 2019 369 8.20 5.60
Celik 2021 615 35.60 8.00
Guveli 2015 159 6.21 5.34
Kaya 2021 326 31.22 5.95
Komur 2017 142 17.36 548
Kosan 2018 711 21.00 4.40
Palazoglu 2019 236 21.00 4.50
Sonmez 2021 141 21.53 5.90
Yilmaz 2018 343 20.30 5.40
Kulakag 2023 268 20.50 6.70
Efil 2022 460 9.60 4.50
Hacimusalar 2021 1053 19.30 4.03
Hacer 2019 310 20.16 3.73
Danaci 2019 419 11.00 4.60
Gunusen 2017 106 19.20 4.18
0zIiZ 2016 (Turkey) 87 2949 5.03
Karakoc 2016 171 20.78 4.13
Sahin 2019 158 31.02 5.66
Denat 2016 51 19.19 7.08
Enginyurt 2016 486 29.36 5.61
Pirincci1 2015 222 18.76 5.87
Aytekin 2014 80 11.43 4.63
'YAVUZSEN 2015 137 29.40 4.29
Tarcan 2017 250 3.81 1.14
Topgu 2016 2592 3356 6.11
Yalcin 2021 375 21.21 3.92

Random effects model 10267
Heterogeneity: 12 = 100%, t = 72.2528, p = 0

Country = Oman
Al-Harrasi 2024 173 36.48 10.32

Country = Iraq
Samadi 2023 413488 639

Country = Lebanon
Hashem 2020 93 34.95 6.58

Country = Qatar
Kader 2021 99 3522 6.71

Country = Sudan
Hamid 2020 72 7.89 3589

Country = Palestine
Alshawish 2020 207 39.95 827

Country = Israel

Uziel 2018 299 3543 8.36
Haik 2017 55 34.90 3.40
lecovich 2015 154 20.11 8.14

Random effects model 508
Heterogeneity: /2 = 100%, t = 75.1903, p < 0.01

Random effects model 23694
Heterogeneity: 12 = 100%, <2 = 91.7119, p = 0

Mean

MRAW 95%-Cl Weight

29.14 [27.63;30.65] 1.3%
28.40 [27.58;29.22] 1.3%
2540 [23.27;27.53] 1.3%
27.80 [25.77;29.83] 3.8%

26.80 [26.11;27.49] 1.3%
37.31 [36.40;3822] 1.3%
3549 [34.36;36.62] 1.3%
3400 [3349;3451] 13%
30.80 [29.63;3197] 1.3%
34.80 [34.00;35.60] 1.3%
31.47 [29.96,32.98] 1.3%
B 4219 [40.19;44.19] 1.3%
31.08 [29.56;32.60] 1.3%
2092 [20.48;2136] 1.3%
29.72 [29.08;30.36] 1.3%
2625 [24.62,27.88] 1.3%
27.89 [27.29;2849] 1.3%
29.71 [28.44;3098] 1.3%
27.39 [26.48,28.30] 1.3%
255 [ 248; 262] 1.3%
2256 [21.64;23.48] 1.3%
29.02 [28.20;29.84] 1.3%
18.42 [17.81;19.03] 1.3%
31.57 [30.50;32.64] 1.3%
1875 [17.79;19.71] 1.3%
3330 [32.38;34.22] 1.3%
2260 [21.46,2374] 1.3%
26.56 [25.62;27.50] 1.3%
27.95 [24.78;31.12] 30.8%

32.30 [30.46;34.14] 1.3%
356 [ 3.35 377] 1.3%

————— 17.91 [-10.25; 46.08]  2.6%

[+

29.41 [28.12;30.70] 1.3%
32.33 [31.05,3361] 1.3%
36.10 [34.46,37.74] 13%
31.50 [29.37;33.63] 1.3%
27.20 [25.48,28.92] 1.3%
14.44 [13.98,14.90] 1.3%
30.90 [29.88;31.92] 1.3%
37.60 [36.59;38.61] 1.3%
471 [ 458; 4.84] 13%
34.90 [33.01;36.79] 1.3%
3267 [32.14;33.20] 1.3%
3380 [3248;35.12] 1.3%
1058 [ 8.851231] 13%
3056 [29.42,31.70]  13%
27.61 [22.29;32.93] 18.0%

820 [763;877] 13%
3560 [34.97,36.23] 1.3%
621 [538 7.04] 13%
31.22 [30.57;31.87] 1.3%
17.36 [16.46;18.26] 1.3%
21.00 [20.68;21.32] 1.3%
21.00 [20.43;2157] 1.3%
21.53 [20.56;22.50] 1.3%
20.30 [19.73;20.87] 1.3%
2050 [19.70;21.30] 1.3%
960 [9.19,1001] 13%
1930 [19.06;19.54] 1.3%
2016 [19.74;20.58] 1.3%
11.00 [10.56;11.44]  1.3%
1920 [18.40;20.00] 1.3%
29.49 [28.43;30.55] 1.3%
20.78 [20.16;21.40] 1.3%
31.02 [30.14;31.90] 1.3%
1919 [17.2521.13]  1.3%
29.36 [28.86;29.86] 1.3%
18.76 [17.99;19.53] 1.3%
1143 [10.42;12.44] 1.3%
29.40 [28.68;30.12] 1.3%
381 [367;395 13%
3356 [33.32;33.80] 1.3%
2121 [20.81;21.61] 1.3%
2039 [17.12;23.66] 33.5%

36.48 [34.94;38.01 1.3%

-] 34.88 [32.92;36.84] 1.3%
34.95 [33.61;36.29] 1.3%
3522 [33.90;36.54] 1.3%

7.89 [-0.40;16.18] 1.1%

39.95 [38.82;41.08] 1.3%

3543 [34.48;36.38] 1.3%
34.90 [34.00;35.80] 1.3%
20.11 [18.82;21.40] 1.3%

—— 30.16 [20.32;39.99] 3.9%

<>

Test for subgroup differences: 12, = 272.38, df = #1Qp <0.01)10 20

FIGURE 7

Mean score of personal accomplishment.

25.49 [23.36; 27.63] 100.0%

30 40

EE, Sudan (7.89) and Oman (14.41) demonstrated the lowest levels,
indicating little burnout, followed by moderate levels in Iraq (17.32),
Jordan (17.43), Qatar (20.16), Turkey (20.21), Iran (21.62), Palestine
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Arabia (26.58),

and Lebanon

(22.70), and Israel (24.22). Higher EE rates were seen in Egypt (26.25),
Saudi
depersonalization (DP), the lowest scores were recorded in Oman

(27.00). Regarding
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TABLE 2 Mean scores on burnout subscales.

Domain of burnout Country Number of studies 95%-Cl (%)

EE score Overall 79 22.02 [20.19; 23.85] 100
Egypt 3 26.25 [23.37;29.12] 87.7
Iran 24 21.62 [18.57; 24.67] 100
Jordan 2 17.43 [~10.12; 44.99] 99.9
Saudi Arabia 15 26.58 [20.74; 32.42] 99.9
Turkey 26 20.21 [17.83; 22.60] 99.9
Oman 1 14.41 [12.64; 16.18] --
Iraq 1 17.32 [13.95; 20.69] --
Lebanon 1 27 [24.60; 29.40] -
Qatar 1 20.16 [17.84; 22.48] --
Sudan 1 7.89 [1.88; 13.90] .
Palestine 1 22.7 [20.82; 24.58] --
Israel 3 24.22 [21.41;27.02] 88.9

DP score Overall 78 9.93 [8.57; 11.30] 99.9
Egypt 3 11.72 [10.04; 13.41] 86.4
Iran 24 10.65 [7.89; 13.41] 100
Jordan 2 8.96 [-3.35; 21.26] 99.9
Saudi Arabia 14 13.21 [8.66; 17.77] 99.8
Turkey 26 8.52 [6.98; 10.06] 99.8
Oman 1 3.65 [2.88; 4.41] -
Iraq 1 5.79 [4.20;7.38] --
Lebanon 1 9.46 [8.17; 10.75] -
Qatar 1 5.78 [4.51;7.05] --
Sudan 1 6.94 [4.80; 9.08] --
Palestine 1 4.29 [3.59; 4.99] -
Israel 3 7.99 [4.53; 11.44] 98.6

PA score 78 25.49 [23.365 27.62] 100
Egypt 3 27.8 [25.77; 29.83] 76
Iran 24 27.95 [24.78; 31.12] 100
Jordan 2 17.91 [—10.25; 46.08] 99.9
Saudi Arabia 14 27.61 [22.29;32.93] 99.9
Turkey 26 20.39 [17.125 23.66] 100
Oman 1 36.48 [34.94; 38.02] --
Iraq 1 34.88 [32.92; 36.84] --
Lebanon 1 34.95 [33.61; 36.29] --
Qatar 1 35.22 [33.90; 36.54] --
Sudan 1 7.89 [—0.40; 16.18] --
Palestine 1 39.95 [38.82;41.08] --
Israel 3 30.16 [20.32; 39.99] 99.5

(3.65), Palestine (4.29), Qatar (5.78), Iraq (5.79), and Sudan (6.94).  suggesting greater burnout. Moderate PA ratings were reported in
Israel (7.99), Turkey (8.52), Jordan (8.96), Lebanon (9.46), and Iran ~ Egypt (27.61), Iran (27.95), and Israel (30.16). In contrast, higher PA
(10.65) exhibited moderate DP levels, but elevated levels were  scores were recorded in Iraq (34.88), Lebanon (34.95), Qatar (35.22),
observed in Egypt (11.72) and Saudi Arabia (13.21). Finally, the PA'  Oman (36.48), and Palestine (39.95), the last showing the highest
subscale, where lower scores represent increased burnout, showed  sense of personal accomplishment among the countries analyzed
Sudan (7.89), Jordan (17.91), and Turkey (20.39) with the lowest PA,  (Table 2).
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TABLE 3 Prevalence of burnout subscales.

Prevalence (%) 95%-Cl (%) 12 (%)

Domains of Country Number of

Burnout studies

Frontiers in Psychology

09

High EE Overall 81 39.74 [34.61; 45.10] 98
Egypt 5 47.14 [31.26;63.61] 95.9
Iran 20 27.26 [19.77; 36.29] 97.4
Jordan 2 53.5 [41.98; 64.66] 91
Saudi Arabia 26 44.86 [35.87; 54.21] 97
Turkey 9 45.15 [25.88; 65.99] 98.8
Tunisia 1 65.71 [53.92; 75.84] —
Morocco 4 51.11 [42.35; 59.80] 73.1
Iraq 1 17.65 [8.15; 34.10] —
Sudan 2 58.89 [39.91; 75.54] 93.5
Qatar 2 33.1 [18.23; 52.33] 94.8
Oman 1 17.89 [13.07; 24.00] —
Lebanon 3 29.83 [21.63;39.57] 90.1
Bahrain 1 43.28 [36.60; 50.22] —
Palestine 2 54.5 [30.37; 76.69] 97.9
Israel 2 27.68 [23.27; 32.58] 342

High DP Overall 81 31.31 [26.36; 36.72] 98.1
Egypt 5 34.48 [22.27;49.15] 96.9
Iran 20 23.98 [14.53; 36.91] 98.7
Jordan 2 35.13 [8.64; 75.63] 98.8
Saudi Arabia 26 39.03 [31.54; 47.08] 97.7
Turkey 9 33.57 [17.64; 54.37] 98.8
Tunisia 1 50 [38.50; 61.50] —
Morocco 4 42.88 [39.44; 46.38] 67.5
Iraq 1 17.65 [8.15; 34.10] —
Sudan 2 314 [16.57; 51.33] 92.4
Qatar 2 20.24 [12.02; 32.05] 87.6
Oman 1 37.89 [31.28; 44.99] —
Lebanon 3 11.27 [9.58;13.22] 0
Bahrain 1 26.87 [21.19; 33.41] —
Palestine 2 32.68 [9.61; 68.92] 98.7
Israel 2 17.31 [9.42;29.65] 87.9

Low PA Overall 81 38.44 [32.15;45.14] 97.6
Egypt 5 32.14 [5.11; 80.66] 98.7
Iran 20 48.15 [36.46; 60.05] 96.8
Jordan 2 63.82 [25.56; 90.06] 98.7
Saudi Arabia 26 29.88 [21.54; 39.80] 97.7
Turkey 9 54.06 [37.565 69.71] 98.9
Tunisia 1 45.71 [34.48; 57.41] —
Morocco 4 23.54 [10.53; 44.62] 95.9
Iraq 1 41.18 [26.12; 58.09] —
Sudan 2 21.39 [5.77; 54.75] 97.4
Qatar 2 31.99 [20.08; 46.83] 91.9

(Continued)
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TABLE 3 (Continued)

10.3389/fpsyg.2025.1539105

Domains of Country Number of Prevalence (%) 95%-Cl (%) 12 (%)
Burnout studies
Oman 1 21.05 (15.84; 27.43] —
Lebanon 3 30.61 (15.35; 51.75] 97.4
Bahrain 1 51.74 [44.84; 58.57) —
Palestine 2 65.63 (60.95; 70.03] 311
Israel 2 27.97 (23.54; 32.87] 0

Prevalence of burnout subscales

Prevalence estimates were high EE, high DP, and low PA. The
pooled prevalence values were high EE: 39.74% (95% CI: 34.61 to
45.10%), high DP: 31.31% (95% CI: 26.36 to 36.72%), and low PA:
38.44% (95% CI: 32.15 to 45.14%). The prevalence of burnout across
all three subscales, EE, DP, and diminished PA, demonstrated
substantial between-study heterogeneity, I* =98, 98.1, and 97.6,
respectively.

The prevalence of high EE varied remarkably across MENAT
region countries. The rates vary through Iraq (17.65%), Oman
(17.89%), Iran (27.26%), Israel (27.68%), Lebanon (29.83%), Qatar
(33.1%), Bahrain (43.28%), Saudi Arabia (44.86%), Turkey (45.15%),
Egypt (47.14%), Morocco (51.11%), Jordan (53.5%), Palestine (54.5%),
Sudan (58.89%), and Tunisia (65.71%). The prevalence of DP also
showed notable variation across MENAT countries. Lebanon reported
the lowest prevalence at 11.27%, followed by Israel (17.31%) and Iraq
(17.65%), Qatar (20.24%), Iran (23.98%), Bahrain (26.87%), Sudan
(31.4%), Palestine (32.68%), Turkey (33.57%), Egypt (34.48%), Jordan
(35.13%), Oman (37.89%), Saudi Arabia (39.03%), Morocco (42.88%),
and Tunisia (50%), reflecting a considerable burden of detachment
and cynicism in these populations. The prevalence of low PA varied
widely across MENAT countries: Oman (21.05%), Sudan (21.39%),
Morocco (23.54%), Israel (27.97%), Saudi Arabia (29.88%), Lebanon
(30.61%), Qatar (31.99%), Egypt (32.14%), Iraq (41.18%), Tunisia
(45.71%), Iran (48.15%), Bahrain (51.74%), Turkey (54.06%), Jordan
(63.82%), and Palestine (65.63%) (Table 3).

Publication bias

Visual inspection of funnel plots and Eggers tests for EE
prevalence and DP prevalence revealed evidence of asymmetry in
prevalence values, p = 0.034 and 0.002, respectively. But for diminished
PA prevalence, we detected no funnel plot asymmetry between
p=0.74.

Determinants of burnout

It was not feasible to synthesize the results using meta-analytic
techniques due to substantial heterogeneity in the assessment of
determinants and the reporting of outcomes across studies. Notably,
several components of the work environment demonstrated
statistically significant associations with measures of burnout,
including heavy workload, unstructured and demanding working
conditions, challenges in maintaining a work-life balance, and
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income-related stress. For the purpose of this review, these
determinants have been systematically categorized into two
overarching domains: individual factors and work-related factors.

Individual factors

A positive relationship between age and burnout was reported by
several studies (Bijari and Abassi, 2016; Elsaie et al., 2020; Rugaan
etal., 2023; Zarei et al., 2019). A negative correlation between age and
emotional exhaustion was reported by three studies (Elsaie et al., 20205
Kosan et al., 2018; Sonmez and Gul, 2021). Multiple studies reported
a positive relationship between age and rating higher on the personal
accomplishment sub-scale (Al-Haddad et al., 2020; Bijari and Abassi,
2016; Rugaan et al., 2023; Zarei et al, 2019). The findings on the
relationship  between gender and burnout dimensions
were inconsistent.

There was a significant difference between the frequency of nurses’
emotional exhaustion domain in terms of gender, women suffered
more from emotional exhaustion (Assadi et al., 2019). Female nurses
were significantly more likely to experience burnout (Rugaan et al.,
2023). Female family medicine residents were found to have a
significantly (p = 0.002) higher EE and significantly lower PA than
males (AlNahedh et al., 2023).

There was significant relationship between marital status and
depersonalization (Abedi-Gilavandi et al, 2019), also emotional
exhaustion rates were found to be higher in married individuals
(Aldrees et al., 2015). Burnout was found to be significantly higher in

individuals having more than three children (Bijari and Abassi, 2016).

Work-related factors

Increased workload/ high caseloads were found consistently by
the studies in this review to be associated with higher rates of burnout
(Aldubai et al., 2019; Alshreem et al., 2022; Celik et al., 2021; Elsaie
et al., 2020; Ghoraishian et al., 2022; Jalili et al., 2013; Kosan et al.,
2018; Rugaan et al., 2023; Shbeer and Ageel, 2022). Increasing
workload were associated with higher rates of BO in oncologists
(Abusanad et al., 2021).

A sense of autonomy at work and perceived capacity to influence
decisions that affect work was reported by one study identified in this
review to be associated with lower rates of burnout, particularly
increased rates of professional accomplishment and lower rate of
emotional exhaustion (Mudallal et al., 2017).

Patient pressure and violence were reported as significant
predictors of burnout (Bawakid et al., 2017). Personal accomplishment
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and depersonalization were found to be higher in individuals working
in rural areas as compared to urban areas (Elsaie et al., 2020). Working
in public hospitals was associated with increased levels of burnout
(Ghoraishian et al., 2022; Kosan et al., 2018).

Discussion

This review included data on the prevalence and determinants of
burnout among healthcare workers (HCWs) from 123 studies across
the MENAT region. The updated pooled mean scores for the three
MBI-HSS subscales were 22.02 for emotional exhaustion, 10.07 for
depersonalization, and 25.49 for personal accomplishment. These
means indicate that the average HCW experiences a ‘moderate’ level
of emotional exhaustion and depersonalization but maintains a ‘high’
level of personal accomplishment. This finding suggests that HCW's
may still feel competent and effective despite experiencing exhaustion,
overextension, depletion, and disconnection.

The prevalence estimates for the burnout dimensions were 40%
for emotional exhaustion, 31% for depersonalization, and 38% for a
low sense of personal accomplishment. Comparatively, studies from
Western Europe and North America report emotional exhaustion
rates ranging from 19 to 42%, depersonalization from 17 to 34%, and
low personal accomplishment from 20 to 44% (Hiver et al., 2022; West
etal, 2016). While emotional exhaustion and depersonalization levels
in MENAT HCWs are comparable to the upper limits of those
observed in Western HCWs, the prevalence of low personal
accomplishment is significantly higher. This suggests that despite
facing similar levels of exhaustion and depersonalization, HCWs in
the MENAT region perceive their professional efficacy to be lower
than their Western counterparts which indicates a unique
regional concern.

Several factors may contribute to the higher prevalence of low
personal accomplishment in MENAT HCWs. The healthcare
infrastructure in many MENAT countries is often under-resourced,
with HCWs managing high patient loads and administrative burdens
while lacking adequate institutional support, limiting their sense of
achievement. Moreover, career progression pathways in the region are
less structured compared to Western settings, where mentorship
programs, skill development opportunities, and performance-based
incentives reinforce professional growth. Additionally, hierarchical
workplace structures common in MENAT countries may restrict
autonomy, with junior staff having limited influence over clinical
decisions, which contrasts with the more collaborative environments
seen in Western healthcare systems. Sociocultural norms also play a
role, as mental health stigma remains prevalent, discouraging HCW's
from seeking psychological support, further exacerbating stress and
diminishing professional fulfillment.

The relationship between age and burnout in MENAT HCWs
varied across studies. Some findings suggest that older HCWs
experience lower burnout levels, possibly due to greater experience,
coping strategies, and professional stability (Bijari and Abassi, 20165
Elsaie et al., 2020). However, other studies indicate that burnout may
increase with age, potentially due to prolonged exposure to
occupational stressors (Rugaan et al, 2023; Zarei et al., 2019).
Similarly, gender differences in burnout were inconsistent across
studies. Some findings indicate that female HCWs, particularly nurses
and medical residents, experience higher emotional exhaustion and
lower personal accomplishment (Assadi et al.,, 2019; Rugaan et al.,
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2023). This could be attributed to increased caregiving responsibilities,
fewer leadership opportunities, and gender disparities in workplace
autonomy. However, other studies found no significant gender
differences in burnout prevalence (Chemali et al., 2019). The
inconsistency in findings suggests that gender-related burnout
patterns may be influenced by specialty, workplace environment, and
cultural expectations.

The findings of this systematic review and meta-analysis align
with previous studies in the MENAT region, which have shown that
burnout is prevalent among physicians, nurses, and other healthcare
professionals (Abusanad et al., 2022; Chemali et al., 2019). Previous
research has reported high burnout rates with some studies showing
even higher estimates (Dubale et al., 2019; Elbarazi et al,, 2017),
particularly in conflict-affected regions (Aldabbour et al., 2025). High
burnout levels have been associated with workload pressures, limited
resources, and exposure to violence in healthcare settings. Compared
to Western HCWs (Hiver et al., 2022), MENAT HCW s report higher
levels of low personal accomplishment, which may be a reflection of
systemic workplace challenges, career stagnation, and insufficient
professional recognition. These findings underscore the urgent need
for policy reforms, structured professional development, and
institutional support systems to reduce burnout and enhance job
satisfaction among HCWs in the MENAT region.

This review has several limitations. One key limitation is that
all included studies were cross-sectional, which limits the ability
to establish causal relationships between risk and protective factors
and burnout. While cross-sectional designs are appropriate for
estimating burnout prevalence, they only allow for correlational
interpretations of factors contributing to burnout. As a result, the
associations between workload, autonomy, gender, and burnout
should be interpreted with caution, as causal inferences cannot
be drawn. Additionally, the included studies demonstrated
substantial heterogeneity, a common characteristic of meta-
analyses on prevalence data, particularly in healthcare research
(Hodkinson et al.,, 2022; Rotenstein et al., 2018), To mitigate this,
we applied strict inclusion criteria, focusing exclusively on studies
using the MBI-HSS and reporting burnout by standardized
subscales. Despite these efforts, the consistently high I* values
across all three burnout dimensions highlight significant variability
in study populations, settings, and assessment methods. This level
the
interpretability of the pooled prevalence estimates. However,
that with higher
methodological rigor tended to report slightly lower burnout

of heterogeneity may impact generalizability and

sensitivity analyses indicated studies
prevalence. This pattern suggests that, despite the presence of
heterogeneity, the key findings of this review remain robust and
reflective of underlying trends.

Another limitation is that burnout assessments relied primarily
on self-reported measures, which are subject to recall bias and social
desirability bias. Future research should integrate objective measures,
such as stress biomarkers or longitudinal tracking of burnout trends,
to complement self-reported data. While this review provides a
comprehensive overview of burnout across the MENAT region;
however, data were lacking from several countries, including the
United Arab Emirates, Kuwait, Libya, Syria, and Yemen. This gap
limits the regional representativeness of the findings and underscores
the need for future research in these underrepresented and potentially
high-burden contexts. While our findings reflect broad regional

trends, more country-specific investigations are essential to uncover

frontiersin.org


https://doi.org/10.3389/fpsyg.2025.1539105
https://www.frontiersin.org/journals/psychology
https://www.frontiersin.org

Alhassan et al.

context-specific risk factors and to inform targeted, locally appropriate
intervention strategies.

Future research should explore context-specific burnout
mitigation strategies tailored to the MENAT region, as many existing
interventions have been tested in Western healthcare settings and may
not be directly transferable. Longitudinal studies tracking burnout
trends over time and intervention effectiveness would provide
stronger evidence for policy recommendations and workplace
interventions. Addressing burnout requires a multi-level approach,
involving healthcare organizations, policymakers, and individual-level
interventions, including workplace wellness programs, improved
workload management, and psychological support services. Given the
role of mental health stigma in the region, awareness campaigns and
institutional policies normalizing psychological support-seeking
behaviors could be key to burnout prevention efforts.
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