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Background: China has a large floating population created by the fast urbanization and unique hukou system. With low socioeconomic status, labor-intensive jobs, and the lack of portability of health insurance, the floating population are often disadvantageous in healthcare. However, there is often insufficient attention to healthcare of the floating population.

Method: To provide an informative description of certain aspects of the floating population under healthcare, particularly including demographic characteristics, illness conditions, insurance utilization, and medical expenditure, a survey study was conducted in Beijing, China, collecting data on 437 subjects. Characteristics of the floating population and treatments of their illness conditions are examined using univariate and multivariate regression analysis.

Results: Personal characteristics and healthcare of the floating population are examined in detail. It is found that the floating population has low insurance coverage and utilization rates. Multiple personal characteristics are identified as significantly associated with insurance utilization and medical expenditure.

Conclusions: This study suggests the necessity of further improving healthcare and health insurance protection for the floating population. The identified significant characteristics may assist healthcare providers and other stakeholders identifying the less advantaged.
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BACKGROUND

With fast urbanization, China has been facing a unique floating population problem in the past two decades. Although multiple definitions exist in the literature (1–3), the most commonly accepted is the one by the Census 2000, which defines the floating population as “individuals who have resided at the place of destination for at least 6 months without local household registration status” (4). As can be partly seen from this definition, the uniqueness of the Chinese floating population is strongly associated with the “hukou” (household registration) system in China. According to the “China's floating population development report 2016” issued by the National Health and Family Planning Commission Mobile Population Service Center (5), by the end of 2014, the size of the floating population was about 253 million, roughly 18% of the total population in China, which is considerably larger than most other social groups. A consistent growth of the floating population was observed between 2011 and 2014. It is expected that in the near future, the size of the floating population will remain large.

The floating population in China shares some similarity with their counterparts—often referred to as “migrant workers”—in other countries including the U.S. (6–9). The dominating majority of China's floating population come from rural areas with low economic status, such as the Sichuan, Anhui, and Henan Provinces. Most of them are young and not well-educated. They usually work in labor-intensive industries, such as manufacturing, hotel, and catering, services, and others. It has been well-recognized in the literature that, with often poor working conditions, low socioeconomic status, and other factors, migrant workers are disadvantageous in healthcare (10–12). China's floating population also faces unique challenges, which are largely associated with the unique health insurance system. The basic insurance system offered by the government consists of three schemes: UEBMI (Urban Employee Basic Medical Insurance, for the employed in the urban areas), URBMI (Urban Resident Basic Medical Insurance, for urban residents not covered by the UEBMI), and NCMS (New Rural Cooperative Medical Scheme, for the rural residents). Extensive discussions on this three-component insurance system are available in the literature (13, 14). Those who migrate from rural to urban areas, which are the majority of the floating population, are entitled to the NCMS at their hometown. However, the NCMS has poor portability. In particular, to be eligible for insurance reimbursement for healthcare at the live/work place, one has to get pre-approval and also apply for reimbursement at his/her hometown (as opposed to where treatment happens). Such a cumbersome procedure often results in poor protection for the floating population at their live/work places.

In the literature, multiple studies on the healthcare of migrant workers have been conducted (15–17). For example, Moyce and Schenker (18) showed that the incidence of adverse occupational exposure and working conditions among migrant workers is higher worldwide, leading to poor health outcomes, workplace injuries, and occupational fatalities. Studies have characterized the role of migration and social movement in the spread of HIV and STIs both nationally and internationally (19–21). Hu et al. (22) summarized the three main concerns on migrant health: infectious diseases, maternal health and occupational diseases, and injuries. A cross-sectional study in the Jiangsu Province, China identified multiple predictors for whether the floating population received social insurance (23). A semi-structured in-depth interview conducted in Tianjin, China reviewed that, despite significant effort in policy and social interventions, the floating population were still, in many respects, not integrated into the urban society (17). Recent studies on the Asian migrant populations showed that migrant workers with high acculturative stress were more likely to have mental health problems and less likely to engage in health-seeking behaviors (24–26).

Our literature review suggests that, compared to the general population and some other social groups, research on the healthcare of the floating population in China is significantly more limited. Considering its uniquely large size, research on the healthcare of the floating population can have high public health value. Most of the existing studies have been focused on the policy aspects (for example, the design of an insurance system with better portability) (27), management (28), specific diseases (especially work-related) (29), and specific types of disease treatment (30). The goal of this study is to directly collect and analyze empirical data from the floating population, and to provide an updated and detailed description of multiple aspects of the healthcare of China's floating population. Specifically, we first examine demographic characteristics under different treatments to gain more insights into the basic characteristics of the floating population with illness conditions. We then examine insurance utilization, which has been motivated by the poor portability of health insurance observed in the literature. Published studies have also suggested that the floating population is significantly and negatively affected by the collective effect of high medical cost, poor insurance portability, disadvantageous working conditions, and low income. To gain more insights into this aspect, we pursue the analysis of medical cost. It is expected that this study may provide valuable insights into this unique population, which may facilitate healthcare providers and other stakeholders to further improve healthcare of the floating population. With a different perspective, this study may complement the existing studies especially those on policy and macro management.



METHODS


Data Collection

This study was conducted as a part of the CSPH (China Survey on Pension and Healthcare), which is a collaborative effort by the Renmin University of China (RUC) and Yale School of Public Health. It was approved by an ethics review committee at the RUC. A survey was conducted in Oct, 2014 in Beijing, which has one of the largest floating population in China and is a representative of the highly-developed and populated urban areas. Studies have suggested that characteristics of the floating population in Beijing are very similar to those in major cities such as Shanghai, Shenzhen, and Guangzhou (31). Beijing has a total of ten districts, among which six were selected with three (Chaoyang, Haidian, and Xicheng) having above-median per capita GDP and three (Fengtai, Changping, and Tongzhou) below-median. Within each district, a stratified sampling approach was adopted to achieve representativeness.

At the beginning of each survey, the interviewer introduced the nature and purpose of the survey and collected basic information. An interviewee was qualified if he/she was at least 18 years old, had resided in Beijing for at least 6 months but with “hukou” in a different city/province, and had at least one disease episode in a period of 12 months prior to survey. Each interviewee who agreed to participate signed an informed consent form. Basic information on the non-responders was collected and analyzed, and no significant differences were found between the responders and non-responders.

The survey consists of two sections. The first is on subject's characteristics, including gender, age, marital status, education, occupation, type of household (hukou), physical condition, health insurance status, individual, and household income, and expenditure. Such information has been routinely collected in peer studies. The second section is on healthcare, including inpatient, outpatient, and self-treatments. Detailed information is collected on disease under treatment, health insurance utilization, and medical expenditure. It is noted that a treatment episode may broadly include both allopathic/orthodox treatments as well as alternative medicine such as traditional Chinese medicine, which is popular in China. However, with constrained resources (which limit how many questions can be asked in the survey), information on specific diagnosis and treatment strategies is not collected. Although the significance of such information, for example for insurance utilization, cost, and end results, is fully acknowledged, it is comparatively less important than other information, for example the presence of treatment. We also note that in some peer studies, information has also been collected on cultural, and religious information which may affect healthcare behaviors. For the surveyed population, cultural differences are small, and the dominating majority do not have religious beliefs. It is also noted that many peer studies also do not include cultural and religious information (15, 16, 32). More details on the collected information are provided below and in the tables.



Data Analysis

In the first set of analysis, subjects' characteristics and disease conditions for the whole cohort as well as subgroups with each type of treatment were examined. This analysis can characterize the study cohort. In the second set of analysis, insurance coverage and utilization were examined. For a specific type of treatment, analysis was conducted to identify personal characteristics associated with insurance utilization. As described above, there exist major differences in insurance between China's floating population and their counterparts in other countries. This set of analysis can quantify the insurance utilization characteristics of China's floating population. In the third set of analysis, medical expenditure was examined. Here two types of cost were analyzed. The first is total cost, defined as the sum of treatment cost and lost income. The second is OOP (out of pocket) cost, defined as the total cost minus insurance payment (if insurance utilized). This set of analysis can identify personal characteristics associated with high medical cost. Associating personal characteristics and health conditions with insurance utilization and medical cost has been conducted in quite a few published studies and suggested as having important implications. It is also noted that insurance and healthcare pursuit behaviors are very complicated, and there is still a lack of consensus on what variables may be more/less relevant, especially for this specific population. As such, there may be relevant variables missed in our survey.

In all three sets of analysis, summary statistics were computed. Specifically, for categorical variables, counts, and percentages were computed, and comparisons across groups were made using Chi-squared and Fisher tests. For continuous variables approximately normally distributed, means, and standard deviations were computed, and comparisons were made using t-tests. For continuous variables with skewed distributions, medians, and MADs (median absolute deviations) were computed, and comparisons were made using Wilcoxon tests. In the second and third sets of analysis, multivariate regressions were conducted. For insurance utilization which has a binary response, logistic regression was applied. For medical cost which has a continuous response, linear regression was conducted. To accommodate skewed (non-normal) distributions, the LAD (least absolute deviation) estimation was adopted, and so transformation, which is adopted in some published cost studies, was not pursued. To accommodate small sample sizes and improve estimation stability, we adopted a step-wise approach, and the final models contained only effects that are significant. For insurance utilization with inpatient treatment which has an extremely small sample size, p-value cutoff 0.1 was used. In other regression analyses, p-value cutoff 0.05 was used. Extensive model examinations on collinearity, heteroskedasticity, model specification, and several other aspects were conducted using graphical and hypothesis testing techniques, and no serious violation was identified. All analyses were conducted using R 3.4.4.




RESULTS


Subjects' Characteristics

A total of 437 subjects finished the survey, with a response rate of 62% which is comparable to peer studies. Detailed results are shown in Table 1. Among the surveyed subjects, 57.7% are female. Most are young (51.8% in the 18–30 age group), married (64.3%), and not well-educated (only 7.8% with college or above education). The three dominating occupations are hotel and catering (33.9%), service (29.8%), and sales (30.4%). Most have their hukou as rural (69.3%) and are relatively healthy (90.6% healthy or just so-so). The dominating majority have insurance (86.3%), however, most are at their hometown (77.6%) not Beijing (21.1%). On average, they had stayed in Beijing for 11.1 years. The average annual personal income is 40.0 K RMB.


Table 1. Characteristics of the whole cohort and subgroups with different types of treatment.
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Among the surveyed subjects, 54 (12.4%), 269 (61.6%), and 379 (86.7%) had inpatient, outpatient, and self-treatments in a period of 12 months prior to the survey. Differences are observed across the three treatment groups, as well as between those with and without treatments. For example, those with outpatient treatments have more females, are younger, and have a lower percentage of being married. Those with inpatient treatments have a higher a percentage of urban hukou and the lowest percentage of physical condition being healthy. They also have the lowest family income but the highest medical expenditure and total expenditure.



Diseases Under Treatments

The diseases under different types of treatments are presented in Figures 1A,B. For inpatient treatment, except for the “others” category, the leading conditions are trauma (25.5%) and childbirth (14.9%). For outpatient treatment, the leading conditions are influenza (38.8%) and chronic gastritis (10.6%). And for self-treatment, the leading conditions are cough (29.9%), headache (25.2%), and fever (22.1%).


[image: Figure 1]
FIGURE 1. (A) Diseases under inpatient and outpatient treatments; (B) disease under self-treatments; (C) insurance types at hometown and Beijing; (D) reasons for not having insurance; (E) reasons for not using insurance.




Insurance Coverage and Utilization

Results on insurance coverage are presented in Figure 1C. At their hometown, the dominating insurance type for the floating population is NCMS (72.4%), followed by URBMI (14.9%), while other categories have very small percentages. At Beijing, the largest category is UEBMI (45.5%), followed by commercial insurance (27.7%). The reasons for not having insurance are analyzed, and the results are presented in Figure 1D. For insurance at hometown, the most prominent reason is that “insurance is useless” (49.5%), followed by “too expensive” (12.6%) and “too complicated” (12.6%). For insurance at Beijing, four reasons, namely “do not meet requirements” (27.8%), “too expensive” (23.4%), “insurance is useless” (22.0%), and “too complicated” (19.2%), are important contributing factors.

As observed in the literature, high insurance coverage does not imply high utilization. Table 1 shows that the rate of insurance utilization is very low. Specifically, for the three types of treatment, the rates are 31.5, 5.9, and 1.9%, respectively. The reasons for not using insurance are examined, and the results are presented in Figure 1E. For all three types of treatment, “do not have insurance” and “disease not covered” are the most prominent reasons. There are also treatment type-specific reasons, for example “low expenditure” for self-treatment (15.1%) and “insurance too complicated” for inpatient treatment (7.9%).

For each type of treatment separately, univariate analysis is conducted, comparing the group that used insurance with that did not. Results are presented in Table 2. Multiple significant differences are observed. For inpatient treatment, education is observed to distribute significantly differently. Specifically, those who used insurance have significantly higher education levels, for example, 52.9% with college and more, compared to 8.5% for those who did not use insurance. For outpatient treatment, education is also significant (p-value 0.027), and the pattern is similar to that for inpatient treatment. In addition, occupation is also observed to be significant. Among those who used insurance, “service” has a much higher percentage (50%) than other categories, whereas the distribution of occupation is “more even” among those who did not use insurance. Those who used insurance are also found to have higher family income (150.0 vs. 96.0 K, p-value 0.016), higher treatment cost (2.5 vs. 0.7 K, p-value 0.003), and higher gross total cost (3.0 vs. 1.0 K, p-value 0.014). In the analysis of self-treatment, no variable is found to be significant.


Table 2. Summary statistics for treatment episodes with different insurance utilization status.
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Multivariate logistic regression analysis results are presented in Table 3. It is noted that only variables that are significant in the step-wise approach are present in the final models. For inpatient treatment, no variable reaches the 0.05 significance level, and three variables have p < 0.1, including education, occupation, and type of household. Compared to the reference group of no schooling, those with junior high education are less likely to use insurance (OR < 0.01). Those with hotel and catering occupations are more likely to use insurance (OR = 275.06), compared to those in manufacturing. And those with rural hukou are less likely to use insurance (OR = 0.32). For outpatient treatment, three variables are identified as significant with the step-wise approach. Specifically, females are more likely to use insurance (OR = 13.82), and those in the 50–60 age group (OR = 0.13) and those having college and more education (OR = 0.03) are less likely to use insurance. For self-treatment, only education has a significant association, with those having college and more education less likely to use insurance (odds ratio 0.13, p-value 0.001). It should be recognized that, although all three logistic regression models pass model diagnostics, they may still suffer from small sample sizes and/or highly imbalanced data. As such, although the model fitting may be statistically valid, the results should be interpreted cautiously. For example, in the inpatient treatment analysis, one estimated odds ratio is extremely large, while another is extremely small. Such results may raise alarm.


Table 3. Multivariate logistic regression analysis of insurance utilization: estimated odds ratio and p-value.
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Medical Expenditure

The univariate analysis of total medical and OOP cost is conducted, comparing across groups with different variable values, and the results are presented in Table 4. In the analysis of inpatient treatment, both gross total and OOP costs are found to depend significantly on physical condition. Specifically, the group “seriously sick” has the highest cost, followed by “slightly sick.” Significant differences are also observed for type of hospital. Specifically, using grade III hospitals is associated with the highest cost. For example, the total cost values are 7.0 K (grade II), 24.0 K (grade III), and 2.3 K (private), respectively. More significant variables are observed in the analysis of outpatient treatment. Age is found to be significant, with the >60 group having significantly higher cost. For example, for total cost, those >60 years old have average cost 4.2 K, compared to 2.8 K for the 50–60 group and even lower for the other groups. Physical condition and type of hospital are also found as significant, and the observed patterns are similar to those for inpatient treatment. Another variable found as significant only for total cost is insurance utilization. Specifically, those who used insurance had significantly higher total cost (3.0 vs. 1.0 K). Treatment times is significantly associated with both total cost and OOP cost: those with more treatments are observed to have higher cost. In the analysis of self-treatment, significant variables are age group, physical condition, and treatment times. The observed patterns are similar to those for outpatient treatment.


Table 4. Summary statistics of total and OOP cost for different types of treatment (in K RMB).
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Multivariate linear regression results are presented in Table 5. With the step-wise approach, only a few variables are found as significant. As the effects of multiple correlated variables are jointly considered, findings different from the univariate analysis are made. In the analysis of inpatient treatment, physical condition and type of hospital are significantly positively associated with cost. In particular, for total cost, with “healthy” as reference, “slightly sick” has estimated regression coefficient 124,000, and “seriously sick” has estimated regression coefficient 218,000. For OOP cost, “seriously sick” has regression coefficient 191,202. For total and OOP cost, using grade III hospital has regression coefficients 18,000 and 94,798, respectively. For outpatient treatment, the 50–60 age group has significantly higher total cost (estimated coefficient 1,271.1). Using grade III hospital is significant for both total and OOP cost (estimated coefficients 600 and 9, respectively). In the analysis of self-treatment, more variables are identified as significant, including age group 40–50 and >60 (for both types of cost), physical condition “just so-so” (for total cost), and number of self-treatment times (for both types of cost). We note that in the analysis of inpatient treatment cost, the estimated coefficients have large magnitudes. A closer examination of data suggests that this is caused by a few subjects with extremely high cost. Although the robust LAD regression technique is adopted, with the overall small sample size, these subjects still seem to have a high impact on estimation. As such, the findings should be interpreted cautiously.


Table 5. Multivariate linear regression analysis of total and OOP cost for different types of treatment: estimated coefficient and p-value.
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DISCUSSIONS

It has been suggested in the literature that the floating population in China, as well as their counterparts—the migrant workers in other countries, are disadvantageous in healthcare. Our literature search suggests that, for China's floating population, most of the existing studies have focused on the managerial and philosophical aspects, or a single type of disease/treatment. This study can complement the existing studies and fill the knowledge gap by analyzing empirical data directly collected from the floating populating and describing multiple aspects of healthcare including demographic characteristics of those under care, insurance utilization, and medical expenditure, all of which are of critical interest to public health researchers, healthcare providers, and other stakeholders.

The constrained financial and human resources have led to the small sample size, which poses a major limitation to this study. Nevertheless, it should be recognized that in the literature, multiple important findings have been made based on data with limited sample sizes. For example, studies had recruited a total of 475 migrant workers in Shanghai to study the migration stress, prevalence of mental disorders, and socio-demographic correlates of mental health (33, 34), and findings with critical importance for the prevention of mental illness in migrant workers were made. Studies such as Hiott et al. (35), Price et al. (36), and Holmes (37) all have sample sizes smaller than 200, however, had generated important findings on migrant workers in the U.S. Another limitation is that data collection was limited to Beijing. Published studies, including the aforementioned, have suggested that valid findings can still be generated when data collection is geographically limited. In addition, literature has suggested that differences between migrant workers in different cities are considerably smaller than those for residents.

In this study, data was only collected on the floating population, without a general population comparison group. A qualitative comparison has been made against the population summary data for the city of Beijing published by the Bureau of Statistics of China (www.stats.gov.cn/tjsj/ndsj/2014/indexch.htm; it is noted that the present study and that by the Bureau of Statistics may have different sampling schemes, and as such, a quantitative comparison may not be sensible). Compared to the general population, the floating population has multiple unique characteristics. Specifically, they are relatively younger, less educated, with a lower income, and have labor-intensive jobs, which are in general associated with lower socioeconomic status. Some of those characteristics have been identified as associated with disadvantageous healthcare in the literature (10, 38–40). For example, occupation has been identified as associated with pursuing healthcare for the floating population. Many occupations that the floating population has are associated with long working hours (including night and weekend shifts) and no paid time off, which create barriers for hospital-based healthcare (18). A published cross-sectional study showed that workers with a lower level of education were more likely to pay higher insurance agent fees and have poorer understanding of what was covered by insurance. In addition, it was also found that employers were more likely to pay insurance contributions for more advantaged workers (with more experience, more stable, male, and better educated) but not for less advantaged including migrant workers (41). Consistent with the literature, the finding on education suggests that improving education level and promoting health knowledge may eliminate the barrier to health care and health insurance for the floating population. In an audit study, it was reported that migrant workers with low salary often found it challenging to raise enough money for hospital cost even if they were insured, and “unable to pay” was identified as a major reason for not pursuing inpatient or outpatient care (32). In another study, the frequency of migrant workers visiting hospitals was associated with age, gender, insurance, and work type (40). As discussed in the literature and also observed in our study, compared to the general population, the floating population is more poorly covered by health insurance at their residence location, which can have a significant adverse impact on their health conditions and financial consequences (of illness conditions). On the other hand, we also note that with multiple unique characteristics, some findings on the floating population can differ significantly from the general population. For example, in a study on the general population conducted in China, it was found that those who had chronic diseases, earned higher income, resided in urban areas, lived in the middle or eastern regions, or lived in households with the household heads having a middle school or higher education paid more for healthcare (42). However, such findings are not made in this study. With respect to the utilization of health insurance, Liu and Zhao (43) found that it had significantly increased the utilization of formal medical services but had not reduced OOP health expense. The latter finding is consistent with ours. The analysis of CHARLS (China Health and Retirement Longitudinal Study) data suggested that people with lower income and lower level of education, older and divorced/widowed women, as well as rural-registered people had a lower probability of being insured (44). Some of these factors (gender, education, and income) have also been identified in our analysis.

For inpatient treatment—the type usually corresponding to the worst illness condition and highest cost, the leading condition is trauma, which is often work-related. The floating population usually work in labor-intensive jobs, and the high frequency of work-related illness conditions has been observed in the literature. For the studied cohort, the 18–30 age group dominates, leading to childbirth as the second highest inpatient treatment condition. With the unique demographic and occupational characteristics of the floating population, the most prevalent illness conditions and distribution differ from the general population (which, for example, may have a higher rate of aging related illness). For outpatient and self-treatments, similar plausible explanations hold.

The observed insurance coverage condition fits the unique characteristics of the floating population. Specifically, as the majority of the floating population are from rural, at their hometown, they are mostly covered by the NCMS. At Beijing, as most of the floating population are employed, the dominating insurance category is the UEBMI. In contrast, for the general Beijing and other urban population, the dominating categories are UEBMI and URBMI. It is observed that at Beijing, the insurance coverage rate is significantly lower than that of Beijing residents. With the poor portability (of insurance at their hometown), the floating population is not well-protected and vulnerable. Certain misconceptions on insurance, such as “insurance is useless,” are observed. Overall, our findings suggest that the current insurance system needs further improvement. Specifically, portability needs to be improved to facilitate insurance utilization by the floating population (and others) at their live/work places. This needs to be achieved by modifying/removing the pre-approval procedure and allowing for requesting reimbursement at the locations of treatment. In addition, better, and more targeted educational programs are needed. Considering the usually low education level of the floating population, easy-to-comprehend educational materials and delivery mechanism are needed. The insurance system also needs to improve in terms of increasing coverage depth and simplifying procedures.

It is noted again that in the analysis of insurance utilization, with the small sample sizes and highly imbalanced data, the multivariate regression analysis results may need to be interpreted with cautions. As such, conclusions have been mostly drawn from the univariate analysis, which can be more reliable. It is observed that the insurance utilization rate is significantly lower than that of the general population. Comparing the coverage and utilization rates suggests that a considerable percentage of the floating population were covered but did not use insurance. This unique phenomenon of “had but did not use insurance” has been studied in the literature. Results in Figure 1E suggest that the current depth of insurance coverage needs further improvement (to address the “disease not covered” problem), and the insurance utilization procedure needs further simplification (to address the “insurance too complicated to use” problem). The behavior of health insurance utilization, although has been noted in the literature, has not been well-studied, especially for the floating population. Multiple factors have been identified as significantly different between groups with different insurance utilization status. For inpatient and outpatient treatments, education is found as significant, which has also been suggested in published studies (39, 45). Education level has been suggested as playing an important role in healthcare pursuit behaviors in general (46, 47). Different types of treatment differ significantly, in terms of corresponding sample characteristics, illness conditions, and others. For outpatient treatment, occupation and financial conditions have also been observed as significant. Both factors reflect socioeconomic status, whose significance in healthcare pursuit has been well-documented. In the analysis of self-treatment, the especially small sample size may contribute to the lack of significance. Further data collection is needed. Insurance is not effective unless used. Our findings can assist insurance agencies, healthcare providers, and other stakeholders identifying subgroups with especially low insurance utilization. Interventions need to be developed targeting those groups to improve utilization.

In the literature, research on medical expenditure of the floating population is much less compared to that for the general population. This study can partly fill this knowledge gap. Compared to the existing studies based on hospital data, this study can be advantageous by also having information on self-treatment. Although the cost of self-treatment per episode is low, with the high frequency, the accumulated cost should not be ignored. This study is among the first to provide comprehensive and separate information on all three types of treatment for the floating population. It is observed that the medical expenditure level for those with inpatient treatment is especially high (average 14.75 K, compared to 40.00 K of individual income—a qualitative literature review suggests that this ratio can be higher than that for the general population). Combined with the low insurance utilization rate, the high medical cost can lead to severely adverse financial and other consequences (48). Beyond further improving insurance portability and utilization, insurance, and healthcare providers also need to further improve coverage depth and reimbursement rate to reduce financial burden to patients. The cost of outpatient and self-treatments is much lower, however, can still pose serious concerns given the low income level. It has been recognized in multiple published studies that self-treatment is poorly covered by insurance. However, as self-treatment is not hospital-based and hard to administratively manage, it is still unclear how to reduce self-treatment-related cost. Multiple factors have been found as associated with the levels of cost for the three types of treatment. Both age group and physical condition have intuitive interpretations and have also been observed in the literature (46). Type of hospital has been found as significant in univariate analysis but not multivariate analysis. Grade III hospitals offer the highest level of care and often treat the most serious illness conditions, both contributing to the high cost. In multivariate analysis, the small number of significant variables can be attributable to confounding (for example, with physical condition) in addition to the small sample size. Among the identified significant variables, age, and physical condition are directly related to health conditions. It is noted that they may also be confounded with insurance utilization and other factors. The higher cost associated with using Grade III hospitals has also been observed in the literature and has a simple interpretation. Similar holds for the number of self-treatment times. For the general population and other sub-populations, all these variables have been suggested in some studies as relevant, although there is still a lack of full consensus. Some published studies have larger sample sizes and have identified other/more variables as associated with cost. Our findings may assist researchers and healthcare providers better understanding the healthcare characteristics and medical expenditure structure of the floating population, which are lacking in the literature. The distribution of medical expenditure is not uniform across people. Identifying those with higher cost may assist the implementation of targeted effort to reduce cost.



LIMITATIONS

The most prominent limitation is that, with limited financial and human resources, data collection has been limited. This is manifested in multiple aspects. In particular, the sample size is small. However, as previously discussed, many of the existing studies have been able to generate important findings based on comparable or even smaller sample sizes. In addition, the collected samples have a wide range of demographic and personal characteristics, providing a wide spectrum of information. Secondly, certain information, such as cultural and religious information, has not been collected. However, we have arguably collected the most crucial information as suggested by the published literature. Thirdly, there is a lack of data on the general population, which prevents a direct and quantitative comparison. Nevertheless, we have been able to make qualitative comparisons with the general population and findings in the literature. All information has been collected through survey, and the quality of survey data has been discussed in multiple publications. The study has a cross-sectional nature, which inevitably has limitations. For example, causal relationships cannot be inferred, and possible change over time cannot be analyzed. On the other hand, it is noted that cross-sectional survey is still very commonly used in the study of healthcare, insurance, and expenditure. The aforementioned limitations are also shared by many published studies, which have convincingly established merits of such survey data/research.



CONCLUSIONS

For the large-sized but little-investigated floating population, we have conducted a survey with a focus on their healthcare. Demographic characteristics of those under care have been provided, which may assist better describing and understanding this unique population. It is found that the floating population has low insurance coverage and utilization but high medical cost. Policy interventions are needed to improve the portability of health insurance, and targeted and better education is needed to improve the understanding of health insurance utilization, so as to improve insurance coverage/utilization and reduce financial burden. Demographic characteristics including gender, age, education, occupation, and type of household have been identified as associated with insurance utilization. Age, physical condition, type of hospital, and self-treatment times have been identified as associated with medical cost. The identified significant factors can assist identifying the especially disadvantaged in the floating population, and the estimated odds ratios and regression coefficients can help prioritize these factors. Such results can help policy implementation be more targeted. Overall, with the importance of the floating population and lack of research, our findings can be valuable to healthcare providers, health insurance policymakers, public health researchers, and others. It is finally noted that the healthcare and insurance systems in China are evolving fast. Findings made in this study may need update in the near future.



DATA AVAILABILITY STATEMENT

The datasets presented in this study can be found in online repositories. The names of the repository/repositories and accession number(s) can be found below: https://figshare.com/s/4a1ee991a045e35e8030.



ETHICS STATEMENT

The study was approved by an ethics review committee at the Renmin University of China. The patients/participants provided their written informed consent to participate in this study.



AUTHOR CONTRIBUTIONS

XW and SM designed the study. YL, YZ, YJ, and YW designed the survey. CM conducted data analysis. CM and SM drafted the manuscript. All authors read and approved the final version of the manuscript.



FUNDING

This work was supported by fund for building world-class universities (disciplines) of the Renmin University of China and a Yale MacMillan Center Faculty Research Award.



ACKNOWLEDGMENTS

We thank the editor and reviewers for their careful review and insightful comments, which have led to a significant improvement of this article. We also thank all survey staff and participants for their contributions.



ABBREVIATIONS

UEBMI, Urban Employee Basic Medical Insurance, for the employed in the urban areas; URBMI, Urban Resident Basic Medical Insurance, for urban residents not covered by the UEBMI; NCMS, New Rural Cooperative Medical Scheme, for the rural residents; CSPH, China Survey on Pension and Healthcare.



REFERENCES

 1. Goodkind D, West LA. China's floating population: definitions, data and recent findings. Urban Stud. (2002) 39:2237–50. doi: 10.1080/0042098022000033845

 2. Zhu Y, Chen W. The settlement intention of China's floating population in the cities: recent changes and multifaceted individual-level determinants. Popul Space Place. (2010) 16:253–67. doi: 10.1002/psp.544

 3. Liang Z, Li Z, Ma Z. Changing patterns of the floating population in China, 2000-2010. Popul Dev Rev. (2014) 40:695–716. doi: 10.1111/j.1728-4457.2014.00007.x

 4. Liang Z, Ma Z. China's floating population: new evidence from the 2000 census. Popul Dev Rev. (2004) 30:467–88. doi: 10.1111/j.1728-4457.2004.00024.x

 5. National Health and Family Planning Commission Mobile Population Service Center of China. China's Floating Population Development Report 2016. National Health Commission of the People's Republic of China. (2016). Available online at: http://www.nhc.gov.cn/rkjcyjtfzs/pgzdt/201610/57cf8a2bbafe4b4d9a7be10d10ae5ecf.shtml

 6. Slesinger DP. Health status and needs of migrant farm workers in the United States: a literature review. J Rural Health. (1992) 8:227–34. doi: 10.1111/j.1748-0361.1992.tb00356.x

 7. Yeates N. Globalizing Care Economies and Migrant Workers: Explorations in Global Care Chains. Basingstoke: Palgrave Macmillan (2009).

 8. Hennebry J. Permanently temporary? agricultural migrant workers and their integration in Canada. IRPP Study. (2012) 26:1. Available online at: https://www.questia.com/library/journal/1P3-2784796981/permanently-temporary-agricultural-migrant-workers

 9. Ball R, Piper N. Globalisation and regulation of citizenship—Filipino migrant workers in Japan. Polit Geogr. (2002) 21:1013–34. doi: 10.1016/S0962-6298(02)00084-7

 10. Zhao Y, Kang B, Liu Y, Li Y, Shi G, Shen T, et al. Health insurance coverage and its impact on medical cost: observations from the floating population in China. PLoS ONE. (2014) 9:e111555. doi: 10.1371/journal.pone.0111555

 11. Naing T, Geater A, Pungrassami P. Migrant workers' occupation and healthcare-seeking preferences for TB-suspicious symptoms and other health problems: a survey among immigrant workers in Songkhla province, southern Thailand. BMC Int Health Hum Rights. (2012) 12:22. doi: 10.1186/1472-698X-12-22

 12. Simkhada PP, Regmi PR, Van Teijlingen E, Aryal N. Identifying the gaps in Nepalese migrant workers' health and well-being: a review of the literature. J Travel Med. (2017) 24:tax021. doi: 10.1093/jtm/tax021

 13. Meng Q, Fang H, Liu X, Yuan B, Xu J. Consolidating the social health insurance schemes in China: towards an equitable and efficient health system. Lancet. (2015) 386:1484–92. doi: 10.1016/S0140-6736(15)00342-6

 14. Zhao C, Wang C, Shen C, Wang Q. China's achievements and challenges in improving health insurance coverage. Drug Discov Ther. (2018) 12:1–6. doi: 10.5582/ddt.2017.01064

 15. Li X, Stanton B, Chen X, Hong Y, Fang X, Lin D, et al. Health indicators and geographic mobility among young rural-to-urban migrants in China. World Health Popul. (2006) 8:5. doi: 10.12927/whp.2006.18148

 16. Zhan S, Sun Z, Erik B. Economic transition and maternal health care for internal migrants in Shanghai, China. Health Policy Plan. (2002) 17(Suppl. 1):47–55. doi: 10.1093/heapol/17.suppl_1.47

 17. Li B. Floating population or urban citizens? Status, social provision and circumstances of rural-urban migrants in China. Soc Policy Adm. (2006) 40:174–95. doi: 10.1111/j.1467-9515.2006.00483.x

 18. Moyce SC, Schenker M. Migrant workers and their occupational health and safety. Ann Rev Public Health. (2018) 39:351–65. doi: 10.1146/annurev-publhealth-040617-013714

 19. Adler MW. HIV: the other dimension. Lancet. (1997) 349:498–500. doi: 10.1016/S0140-6736(96)03233-3

 20. Li X, Fang X, Lin D, Mao R, Wang J, Cottrell L, et al. HIV/STD risk behaviors and perceptions among rural-to-urban migrants in China. AIDS Educ Prev. (2004) 16:538–56. doi: 10.1521/aeap.16.6.538.53787

 21. Mann JM, Tarantola D. AIDS in the World II: Global Dimensions, Social Roots, And Responses. New York, NY: Oxford University Press (1996).

 22. Hu X, Cook S, Salazar MA. Internal migration and health in China. Lancet. (2008) 372:1717–9. doi: 10.1016/S0140-6736(08)61360-4

 23. Nielsen I, Nyland C, Smyth R, Zhang M, Zhu CJ. Which rural migrants receive social insurance in Chinese cities? Evidence from jiangsu survey data. Glob Soc Policy. (2005) 5:353–81. doi: 10.1177/1468018105057416

 24. Cho YJ, Jang Y, Ko JE, Lee SH, Moon SK. Acculturation, acculturative stress, and depressive symptoms in international migrants: a Study with vietnamese women in South Korea. J Immigr Minor Health. (2018) 20:1103–8. doi: 10.1007/s10903-017-0661-x

 25. Lee H, Chae D, Cho S, Kim J, Yoo R. Influence of a community-based stretching intervention on the health outcomes among Korean-Chinese female migrant workers in South Korea: a randomized prospective trial. Jpn J Nurs Sci. (2017) 14:277–87. doi: 10.1111/jjns.12156

 26. Tonsing KN. Predictors of psychological adaptation of South Asian immigrants in Hong Kong. Int J Intercult Relat. (2013) 37:238–48. doi: 10.1016/j.ijintrel.2013.01.002

 27. Yuan Y, Chang C. Social determinants of health for migrant population. Chin J Health Educ. (2013) 29:362–71. doi: 10.16168/j.cnki.issn.1002-9982.2013.04.012

 28. Guo L, Shi Y. Exploring of floating population in community health management. China Modern Med. (2013) 20:153–6. Available online at: http://en.cnki.com.cn/Article_en/CJFDTOTAL-ZGUD201308088.htm

 29. Anderson A, Qingsi Z, Hua X, Jianfeng B. China's floating population and the potential for HIV transmission: a social-behavioural perspective. AIDS Care. (2003) 15:177–85. doi: 10.1080/0954012031000068326

 30. Wang H, Wang Y, Hou Z. Does health insurance impact on the hospital seeking behavior among floating population? Evidence from the 2014 National floating population dynamic monitoring survey. Chin J Health Policy. (2016) 9:61–6.

 31. Zhu Y. China's floating population and their settlement intention in the cities: beyond the Hukou reform. Habitat Int. (2007) 31:65–76. doi: 10.1016/j.habitatint.2006.04.002

 32. Mou J, Cheng J, Zhang D, Jiang H, Lin L, Griffiths SM. Health care utilisation amongst Shenzhen migrant workers: does being insured make a difference? BMC Health Serv Res. (2009) 9:214. doi: 10.1186/1472-6963-9-214

 33. Mekonnen Y, Mekonnen A. Factors influencing the use of maternal healthcare services in Ethiopia. J Health Popul Nutr. (2003) 21:374–82. Available online at: https://www.jstor.org/stable/23499346

 34. Loganathan T, Rui D, Ng CW, Pocock NS. Breaking down the barriers: understanding migrant workers' access to healthcare in Malaysia. PLoS ONE. (2019) 14:e0218669. doi: 10.1371/journal.pone.0218669

 35. Chu FY, Chang HT, Shih CL, Jeng CJ, Chen TJ, Lee WC. Factors associated with access of marital migrants and migrant workers to healthcare in Taiwan: a questionnaire survey with quantitative analysis. Int J Environ Res Public Health. (2019) 16:2830. doi: 10.3390/ijerph16162830

 36. Ang JW, Chia C, Koh CJ, Chua BW, Narayanaswamy S, Wijaya L, et al. Healthcare-seeking behaviour, barriers and mental health of non-domestic migrant workers in Singapore. BMJ Glob Health. (2017) 2:e000213. doi: 10.1136/bmjgh-2016-000213

 37. You X, Kobayashi Y. Determinants of out-of-pocket health expenditure in China. Appl Health Econ Health Policy. (2011) 9:39–49. doi: 10.2165/11530730-000000000-00000

 38. Liu H, Zhao Z. Does health insurance matter? Evidence from china's urban resident basic medical insurance. J Comp Econ. (2014) 42:1007–20. doi: 10.1016/j.jce.2014.02.003

 39. Zhang C, Lei X, Strauss J, Zhao Y. Health insurance and health care among the mid-aged and older Chinese: evidence from the national baseline survey of CHARLS. Health Econ. (2017) 26:431–49. doi: 10.1002/hec.3322

 40. Wong DFK, Leung G. The functions of social support in the mental health of male and female migrant workers in China. Health Soc Work. (2008) 33:275–85. doi: 10.1093/hsw/33.4.275

 41. Wong DFK, He X, Leung G, Lau Y, Chang Y. Mental health of migrant workers in China: prevalence and correlates. Soc Psychiatry Psychiatr Epidemiol. (2008) 43:483–9. doi: 10.1007/s00127-008-0341-1

 42. Hiott AE, Grzywacz JG, Davis SW, Quandt SA, Arcury TA. Migrant farmworker stress: mental health implications. J Rural Health. (2008) 24:32–9. doi: 10.1111/j.1748-0361.2008.00134.x

 43. Price M, Williamson D, McCandless R, Mueller M, Gregoski M, Brunner-Jackson B, et al. Hispanic migrant farm workers' attitudes toward mobile phone-based telehealth for management of chronic health conditions. J Med Internet Res. (2013) 15:e76. doi: 10.2196/jmir.2500

 44. Holmes SM. An ethnographic study of the social context of migrant health in the United States. PLoS Med. (2006) 3:e448. doi: 10.1371/journal.pmed.0030448

 45. Jiang Y, Wang Y, Zhang L, Li Y, Wang X, Ma S. Access to healthcare and medical expenditure for the middle-aged and elderly: observations from China. PLoS ONE. (2013) 8:e64589. doi: 10.1371/journal.pone.0064589

 46. Wang R, Ma C, Jiang K, Li M, Ma S. Descriptions of self-treatment for the middle-aged and elderly in Shanxi, China. PLoS ONE. (2018) 13:e0198554. doi: 10.1371/journal.pone.0198554

 47. Anthony M, Williams JM, Avery AM. Health needs of migrant and seasonal farmworkers. J Commun Health Nurs. (2008) 25:153–60. doi: 10.1080/07370010802221768

 48. Ranson MK. Reduction of catastrophic health care expenditures by a community-based health insurance scheme in Gujarat, India: current experiences and challenges. Bull World Health Organ. (2002) 80:613–21. Available online at: https://apps.who.int/iris/handle/10665/71270

Conflict of Interest: The authors declare that the research was conducted in the absence of any commercial or financial relationships that could be construed as a potential conflict of interest.

Copyright © 2020 Ma, Zhang, Li, Wang, Jiang, Wang and Ma. This is an open-access article distributed under the terms of the Creative Commons Attribution License (CC BY). The use, distribution or reproduction in other forums is permitted, provided the original author(s) and the copyright owner(s) are credited and that the original publication in this journal is cited, in accordance with accepted academic practice. No use, distribution or reproduction is permitted which does not comply with these terms.



OPS/images/fpubh-08-00375-t004.jpg
Gender

Male

Female

Age group
18-30

30-40

40-50

50-60

>60

Marital status
Single, divorced, widowed
Married
Education

No schooling
Primary school
Junior high

Senior high

Junior college
College and more
Occupation
Manufacturing
Hotel and catering
Service

Sales
Construction
Unemployed
other

Type of household
Urban

Rural

Physical condition
Healthy

Just so-so
Slightly sick

Sick

Seriously sick
Type of hospital
Grade |

Grade Il

Grade Il

Private

Others
Insurance utilization
No

Yes

Treatment times
<=2

>2

Individual income
<=40K

>40K

For cost {which has a skewed distribution), median (MAD).

Inpatient treatment

Total cost

p=0091
21.8(27.6)
10.0(10.1)
p=0554
16.0(20.7)
12.0(13.9)
18.0(17.8)
36.0(61.0)
70(4.4)
p=0379
8.2(116)
165 (16.3)
p=0945
74.6(10.6)
16.0(17.8)
215(28.5)
83(7.6)
15.0(20.5)
15.0(17.9)
p=0.181
240.0(348.4)
12.0(9.6)
13.0(16.6)
100(8:2)
14.0(17.8)
146.0 (0)
275.0(185.3)
p=0553
16.0(16.3)
13.0(15.2)
p=0001
100 (7.4)
85(102)
146.0 (152.7)
40.0 (66.9)
2700 (44.5)
p=0001
706.1)
24.0(30.4)
23(0)
p=0985
16.0(19.0)
12,5 (12.4)
p=0280
145 (162)
170.0 (0)
p=0.860
12.0(14.8)
10.0(11.9)

OOP cost

p=0.162
17.3 (24.4)
100 (12.5)
p=0545
15.0 (22.1)
79(165)
18.0(25.9)
305 (42.9)
7.0(4.4)
p=0338
8.0(208)
14.0(17.8)
p=0932
24,6 (18.0)
7.4(102)
21.5(28.5)
83(9.3)
15.0 (205)
7.0(13.6)
p=0263
2400 (351.1)
102 (13.1)
7.6(10.8)
9482
1.0(129.0)
146.0 (0)
275.0(185.3)
p=0767
100 (13.7)
13.0 (25.2)
p =0.002
7.4(5)
80(14.8)
146.0 (152.7)
300 (42.1)
2200 (29.7
p =0.002
40(6.4)
24.0(31.7)
23(00)
p=0568
16.0 (19.0)
65(84.9)
p=0281
100 (14.7)
170.0 (0)
p=0953
90(10.7)
9.4(12.9)

Outpatient treatment
Total cost OOP cost
p=0.138 p=0.170

1.0(1.0) 1.0(1.0)
1.0(12) 1.0(1.2)
p=0021 p=0015
09(0.9) 0.8(0.9)
12(1.2) 12(1.2)
1.0(1.0) 1.0(1.0)
28(36) 1.6(1.9)
42(25) 42(25)
p=0849 p=0690
1.0(1.0) 1.0(1.0)
1.0(1.0 1.0(1.0
p=0246 p=02097
09(0.9) 09(09)
1.7(1.9) 1.7(1.8)
1.0(1.0) 09(0.8)
1.0(1.1) 1.0(1.0)
1.0(1.0) 1.0(1.0)
1.0(1.4) 1.0(1.3)
p =0.405 p=0542
07 (06) 05(03)
1.0(1.0) 1.0(1.0)
10(1.1) 0.8(09)
1.0(1.0) 1.0(1.0)
0.4 (0.4) 0.4(0.4)
1.7 (1.7) 17(.7)
25(0.7) 1.8(0.3)
p=0308 p=0318
1.0(1.4) 1.0(1.3)
1.0(1.0) 1.0(1.0)
p <0001 p <0001
07(0.7) 07(0.7)
20(22) 2022)
15(1.1) 15(0.8)
30(35) 3.0(35)
80(10.9) 80(10.9)
p <0001 p <0001
1.0(1.0) 0.9(1.0)
1.0(0.9) 1.0(0.9)
20(22) 1.6(1.8)
0.4 (0.5) 0.4 (0.4)
09(0.4) 0.4(0.4)
p=0014 p=0933
1.0(1.0) 1.0(1.0)
30(33) 09(1.3)
p <0001 p <0001
07 (06) 0.7 (06)
22(25) 20(24)
p=0254 p=0450
09(0.9) 09(08)
1.0(1.2) 1.0(1.2)

Self-treatment

Total cost

p =0.490
03(0.9)
03(0.3)

p=0020
02(0.2)
02(0.2)
0.4(0.9)
05(0.6)
05(0.9)

p=0238
02(0.2)
03(0.3)
p=0643
03(0.2)
03(0.4)
03(0.3)
03(0.9)
03(0.9)
02(0.2)
p=0.298
03(0.3)
03(0.9)
02(0.2)
03(0.9)
03(0.9)
02(0.2)
0.7(0.5)
p=0430
03(0.9)
03(0.3)

p <0.001
02(0.2)
0.4(0.9)
05(0.7)
0.8(0.9)
2028

p=0218
03(0.9)
05(0.3)

p <0.001
0.1 (0.1)
05(0.4)

p=0983
03(0.3)
03(0.9)

OOP cost

p=0545
03(0.3)
03(03)
p=0017
02(0:2)
02(0.2)
0.40.3)
05(0.6)
05(0.3)
p=0262
02(0.2)
03(0.3)
p=0685
03(0.2)
03(0.4)
03(0.3)
03(0.3)
03(0.3)
02(0.2)
p=0.336
03(0.3)
03(0.3)
02(0.2)
03(0.3)
03(0.3)
02(0.2)
0.7 (05)
p=0395
03(0.3)
03(0.3)
p <0.001
02(0.2)
0.403)
05(0.7)
0.8(0.9)
2028)

p=0583
03(0.3)
05(0.3)
p <0.001
0.10.1)
05(0.4)
p=0907
03(0.3)
03(0.3)





OPS/images/fpubh-08-00375-t005.jpg
Inpatient treatment Outpatient treatment Self-treatment

n=54 n=269 n=2379
Total cost OOP cost Total cost OOP cost Total cost OOP cost

Estimate  p  Estimate  p  Estimate  p  Estimate p  Estimate p  Estimate  p

Age group (reference: 18-30)

40-50 62 0.007 70 0.0005

50-60 12711 0049

>60 130 0018 130 0011

Physical condition (reference: healthy)

Just so-s0 50 0,085

Siightly sick 1240000 0,021

Seriously sick 2180000 0018 1912020  0.050

Type of hospital

Grade 180000 0002 947980 0004 6000 0034 90 0046

Self-treatment times - - - - - - - - 108 0.001 112 0.003





OPS/images/fpubh-08-00375-t002.jpg
Gender
Male

Female

Age group

18-30

30-40

40-50

50-60

>60

Marital status

Single, divorced, widowed
Married

Education

No schooling

Primary school

Junior high

Senior high

Junior college

College and more
Occupation
Manufacturing

Hotel and catering
Senvice

Sales

Construction

Unemployed

Other

Type of household
Urban

Rural

Physical condition
Healthy

Just s0-s0

Slightly sick

Sick

Seriously sick

Type of hospital

Grade |

Grade

Grade Il

Private

Others

Treatment times

<=2

>2

Individual income (K RMB)
Fanmily income (K RMB)
Treatment cost (K RMB)
Lost income (K RMB)
Gross total cost (K RMB)
Paid by insurance (K RMB)
OOP cost (K RMB)

Inpatient treatment
Yes No
n=17 n=37
10 (68.8) 20(54.1)
7(41.2) 17 (45.9)
6(35.3) 16 (43.2)
5(29.4) 9(24.3)
4(20.4) 7(189)
2@8.7) 38.1)
0(0.0) 2(5.4)
4(235) 11(20.7)
13 (76.5) 26(70.3)
16.9) 1@.1)
2(18.0) 5(13.9)
16.9) 8(22.1)
4(235) 10(27.5)
0(0.0) 9(24.9)
9(52.9) 3(85)
16.9) 2(5.4)
4(235) 6(162)
5(29.4) 11(20.7)
3(17.6) 12(32.4)
2(11.8) 127
0(0.0) 127
2(11.8) 4(10.8)
9(52.9) 10 (27.0)
8(47.1) 27 (73.0)
7(41.2) 12 (32.4)
4(235) 12 (32.4)
2(11.8) 8(21.6)
3(17.6) 4(108)
16.9) 1@.7)
0(0.0) 0(0.0)
6(37.5) 12 (32.4)
10 (62.5) 24(64.9)
0(0.0) 127
0(0.0) 0(0.0)
16.(100.0) 36(97.3)
0(0.0) 127
550(37.1)  36.0(208)
1000(59.8)  60.0(44.5)
100(104)  100(125)
1.6(23.7) 25(2.7)
125(12.4)  16.0(19.0)
53(7.0) -
65(85) 16.0(19.0)

0.777

0.884

0.751

0.003

0.754

0.076

0.705

0.535

0.998

0.098
0.063
0.866
0530
0.993

0.063

Insurance utilization

Outpatient treatment

4(25.0)
12 (75.0)

10 (62.5)
163
3(188)
2(125)
0(0.0)

7438)
9(66.9)

0(0.0)
163
3(188)
3(188)
3(188)
6(37.5)

163
4(25.0)
8(50.0)
2(125)
0(0.0)
0(0.0)
163

8(50.0)
8(50.0)

13 (81.3)
2(12.6)
1(63)
0(0.0)
0(0.0)

101
642.9)

7(5000)
0(0.0)
0(0.0)

2(286)
5(71.4)
50.0 (44.4)
150.0 (74.1)
25(26)
00
30(3.4)
07(0.8)
09(13)

102 (40.5)
151 (59.7)

138 (54.5)
44(17.4)
51(69)
4(1.8)
1(04)

98(38.7)
155 (61.9)

97)
218.4)
83 (32.9)
76 (30.1)
37 (14.6)
17 (6.7)

5(20)
77 (80.4)
72(28.5)
93 (36.8)
3(1.2)
2(08)
1(0.4)

76 (30.0)
177 (70.0)

146 (57.7)

80(31.6)
19(7.5)
4018
4(1.6)

34(13.5)
89(35.3)
90(35.7)
30 (11.9)
9(36)

151 (40.8)
219 (69.2)
40.0(29.7)
96.0(80.1)
07(0.7)
0O
1.0(1.0)

10(1.0)

For a categorical variable, count (percentage). For a continuous variable with a skewed distribution, median (MAD).

0.295

0.605

0.783

0.027

0.048

0.103

0.454

0.330

0.980

0.166
0.016
0.003
0505
0.014

0.933

Self-treatment

2(28.6)
5(71.4)

4(57.9)
2(28.6)
1(14.3)
0(0.0)
0(0.0)

2(28.6)
5(71.4)

0(0.0)
0(0.0)
2(28.6)
1(14.3)
2(28.6)
2(28.6)

0(0.0)
3(42.9)
2(28.6)
2(28.6)
0(0.0)
0(0.0)
0(0.0)

4(57.1)
33429

5(71.4)
2(28.6)
0(0.0)
0(0.0)
0(0.0)

10 (62.5)
6(37.5)
43.0(17.8)
100.0 (37.1)

0(0)
05(0.9)
0(0)
05(0.3)

No
n=372

156 (41.8)
216(58.2)

184 (49.5)
73(19.6)
79(21.9)
28(7.6)
70

133 (35.8)
239 (64.2)

15 (4.5)
38(15.3)
132 (40.6)
98(30.3)
52 (19.0)
25(11.7)

5(13
182 (35.5)
116(31.2)
109 (29.9)
6(1.6)
2(05)
2(05)

113 (30.4)
259 (69.6)

232 (62.4)
109 (29.3)
19(5.1)
9(2.4)
3008

164 (66.1)
84(33.9)
40.0 (24.5)
80.0(57.8)
00
03(03)

03(03)

0.827

0.943

0.999

0.322

0.841

0.136

0.954

0.791

0.410
0.129

0276
0219

0.585





OPS/images/fpubh-08-00375-t003.jpg
Inpatient Outpatient Self-

treatment treatment treatment
n=54 n =269 n=379
orR p orR P oR P

Gender (reference: male)

Female 1882 0022

Age group (reference: 18-30)

50-60 013 0089

Education (reference: no schooling)

Junior high <001 0056

College and more 003 <0000 043 0001

Occupation (reference: manufacturing)
Hoteland catering 27506 0,086
Service

Type of household (reference: urban)
Rural 032 0066





OPS/xhtml/Nav.xhtml




Contents





		Cover



		Healthcare, Insurance, and Medical Expenditure of the Floating Population in Beijing, China



		Background



		Methods



		Data Collection



		Data Analysis







		Results



		Subjects' Characteristics



		Diseases Under Treatments



		Insurance Coverage and Utilization



		Medical Expenditure







		Discussions



		Limitations



		Conclusions



		Data Availability Statement



		Ethics Statement



		Author Contributions



		Funding



		Acknowledgments



		Abbreviations



		References

















OPS/images/cover.jpg
, frontiers
in Public Health

Healthcare, Insurance, and Medical
Expenditure of the Floating
Population in Beijing, China





OPS/images/fpubh-08-00375-g001.gif





OPS/images/fpubh-08-00375-t001.jpg
All subjects Treatment

(n=437) Inpatient  Outpatient  Self-treatment

(n=54) (n=269) (n=379)
Gender
Male 185(423)  B0(65.6) 106(30.2) 157 (41.4)
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Age group
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30-40 81(186)  14(269)  45(168) 75 (19.8)
40-50 80(20.4)  11(204) 54(20.1) 80(212)
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>60 7(16) 2@.7) 4(1.4) 7019
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Single, divorced,  156(85.7)  15(27.8)  105(30.0)  135(35.6)
widowed
Married 281(643) 30(722) 164(610) 244 (64.4)
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Colegeandmore  33(7.8)  12(226)  23(89) 2773
Occupation
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retai
Construction 8(18) 3(5.6) 3(1.) 6(1.6)
Unemployed 4(0.9) 1(1.9 20.7) 2(0.5)
Other 7(1.6) 6(11.1) 2007) 2(0.5)
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Urban 184(307) 193862 84(312) 117 30.9)
Rural 303(69.3) 35(648) 185(688)  262(69.1)
Physical condition
Healthy 272(622) 19(852) 159(50.1) 207 (62.5)
Just s0-s0 124(284) 16(296)  82(30.5) 111 (29.3)
Siightly sick 25(67)  10(185)  20(7.4) 19(6.0)
Sick 12(2.8) 7(13.0) 4(1.5) 9(2.4)
Seriously sick 4(0.9 2@3.7) 4(1.5) 3(0.8)
Health insurance
Yes 377(863)  46(852) 220(85.1)  322(85.0)
No 60(13.7) 8(14.8 40 (14.9) 57 (15.0)
Hometown health insurance
Yes 339(776)  40(74.1) 204 (75.8) 291 (76.8)
No 98(22.4)  14(259)  65(242) 88(232)
Beijing health insurance
Yes 9211  11(204) 63(23.4) 76 (20.1)
No 345(789)  43(79.6) 206(766)  303(79.9)

imeinBeifjing 11118 11.2+19 11.1+17  112£17
(years)

Individual 40,00 (20.65) 40.00 (26.69) 40.00 (29,65) 40.00 (23.72)
income (K RMB)

Family income 8600 (53.37) 78.50 (44.48) 100.00 (74.13) 80.00 (63.37)
(K RMB)

Medical 1.60(1.78) 14.75(17.42) 200(2.08)  1.25(1.26)
expenditure (K

RMB)

Total spending  35.00 (22.24) 53.50 (33.36) 35.00(22.24) 32.00 (23.72)
(K RMB)

Health insurance utilization

Yes = 17 (31.5) 16(6.9) 7(1.9

No - 37(685)  253(94.1)  872(98.1)
For a categorical variable, count (percentage); For a continuous variable approximately

normally distributed, mean = standard deviation; For a continuous variable with a skewed
distribution, median (MAD).
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