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The traditional meetings, incentives, conferences, and exhibitions (MICE) industry has been hit hard by social distancing regulations introduced to combat the COVID-19 pandemic, with concerns about pandemic risks and personal hygiene increasing the demand for online MICE technology. With the introduction of innovative new technologies to the MICE industry, it is important to study the psychology of online MICE attendees, particularly the factors affecting their behavioral intention to adopt online MICE technology during the pandemic. This study investigates the attitudes toward attending online MICE since the start of the epidemic based on the health belief model (HBM) and innovation diffusion theory (IDT). A total of 439 valid questionnaires were collected in China and used for structural equation modeling. The results show that the perceived safety threat, the comparative advantage, trialability, and outcome expectations positively impact the attendees' attitudes. Moreover, this study finds that attitude completely mediates the impact of perceived safety threat, comparative advantages, trialability, and outcome expectation on behavioral intention to attend online MICE events. These findings theoretically enrich the understanding of online MICE technology, the HBM, and the IDT and offer managerial implications for MICE organizers and exhibitors.
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INTRODUCTION

The 2019 new coronavirus (COVID-19) emerged in December 2019 in Wuhan, China, and rapidly spread around the world. The World Health Organization (WHO) reported that, as of December 7, 2020, there were 66,243,918 confirmed COVID-19 cases and 1,528,984 deaths worldwide (1). The WHO has strongly advised avoiding contact with others and maintaining social distancing due to the significant risk of COVID-19 transmission (2). This global healthcare and economic crisis has negatively affected trade and associated economic activities, including production, transportation, storage, and distribution (3).

The meetings, incentives, conferences, and exhibitions (MICE) industry is currently one of the fastest-growing tourism sectors both globally and domestically China (4–6). In addition to the important industry ties that are created during MICE events, the MICE industry has major economic benefits for host countries and communities, including promoting economic growth, encouraging exports, and fostering cultural and creative exhibitions (7). As such, in many countries, the MICE industry is considered vital to strengthening national competitiveness. According to the International Congress and Convention Association (ICCA), the number of international association meetings doubled every 10 years between 1963 and 2010, followed by a 26% increase between 2010 and 2019. However, in 2020, the MICE industry was severely hit by quarantine regulations and worldwide border closures in most countries due to the global COVID-19 pandemic (8). According to a report by the ICCA, the total number of MICE events held in 2020 was 8,409, a decrease of 36.55%. The top three MICE-hosting regions include Europe (4,706; 55.96% of the world convention market), Asia (1,501; 17.85%), and North America (980; 11.65%). These three regions account for 85.47% of the total, and the majority of MICE were postponed 3,714 (41%), 2,503 (30%) of these are online MICE. In 2020, the number of attendees to the exhibition was 4.057 million, of which the postponed (1,558,075; 38%) and online MICE (1,509,460; 37%) attendees comprised a similar-sized proportion of the total number of attendees (9, 10). This indicates that while the number of online MICE attendees was lower than the number of postponed attendees, the number of participants of online MICE was higher.

With the development of information technology, many MICE events now offer an online interactive experience (11). In addition, due to time, space, cost, and energy constraints, many companies cannot hold effective or satisfying offline MICE events, and this has been exacerbated by the COVID-19 pandemic. In this context, online MICE events can offer a powerful information distribution function that allows participating companies to overcome these constraints. Transitioning from offline to online MICE events can also reduce resource consumption, environmental pollution, and infection risks caused by traffic, the printing of publicity materials, and the setting up of booths (12). More importantly, the contactless nature of online MICE events may meet the attendees' mental and physical expectations, encouraging their participation and ensuring their safety from the public safety crisis (13). Therefore, during the COVID-19 pandemic, to further promote the orderly development of the MICE industry; promote emerging technologies, deep MICE industry integration, and innovation; and launch online MICE businesses, it is important to break through the traditional limitations. The exhibition of the industry provides product promotion, brand exhibition, technology exchange, and trade negotiation via an online communication platform to further promote the digital and online transformation and development of the exhibition industry, so that customers can enjoy the MICE events at home and explore business opportunities.

With the increasing popularity of online MICE, research in this area has received significant attention from various perspectives, including the solution of online MICE holding mode (14), user requirements for online exhibitions (12), and the sustainable development of the online MICE industry (15). Although most governments and companies are aware of the benefits of online MICE events and are willing to invest in online infrastructure, their success ultimately depends on the experience of the attendees and whether they are willing to use online MICE technology (16). However, despite the rapid investment in and development of the online MICE industry, less research attention has been paid to objectively evaluating the online MICE industry from the perspective of attendee acceptance during the COVID-19 pandemic. In particular, the level of acceptance of online MICE technology among attendees and whether online MICE events provide the same or a better experience than offline events need to be investigated.

In order to address these issues, the present paper develops a theoretical model to identify the attendees' behavioral intention to participate in online MICE events during the COVID-19 pandemic. The innovation diffusion theory (IDT) (17) and the health belief model (HBM) (18) are introduced as the theoretical foundation for the conceptual framework of the present study. The HBM was chosen because it can be used to analyze and identify potential psychological factors associated with the use of online MICE, such as perceived safety threats and comparative advantages, while the IDT was employed based on the trialability and outcome expectations associated with MICE technology and because it considers the communication about or sharing of an innovation within a social system through communication channels. These theories have been considered appropriate for studying the behavioral intention associated with technology and for use in COVID-19 research (19, 20).

The remainder of this study is structured as follows. We present the theoretical foundation and hypotheses in section Literature Review and Hypothesis Development, while section Methodology describes the research methodology and data collection. Section Results and Discussion describes the data analysis, hypothesis testing, and results. Finally, section Conclusions summarizes the contributions, limitations, and recommendations for future research.



LITERATURE REVIEW AND HYPOTHESIS DEVELOPMENT

This study examines the extent to which the behavioral intention of online MICE technology is influenced by the health beliefs, attitudes, and cues to action for attendees during the COVID-19 pandemic. This section provides a summary of the two main theories used to establish the model for the present study, the HBM and the IDT, and presents the associated hypotheses.


Health Belief Model

The HBM was first proposed in the early 1950's by social psychologists (21), and has since been widely used in the health behavior industry to better understand health education and interventions (22). This model recognizes that personal health beliefs and the effects of those beliefs on attitudes toward preventive activity may be the first in a series of events leading to health promotion. Based on this, health educators can improve their risk communication based on a solid understanding of the psychological mechanisms (23). Though the HBM was created to understand patient practices in relation to specific diseases or their willingness to have early checkups for these diseases, this study proposes that the model can be used to explain the safety behavior associated with online MICE because this behavior can be viewed as a way to prevent or reduce the probability of contracting a disease (24, 25). According to the HBM, health beliefs play a significant role in preventive health behavior, and the ways of knowing and acting are founded on subjective schemata (26, 27). According to the HBM, perception variables such as the perceived safety threat, outcome expectations (a composite score based on perceived barriers and advantages), and self-efficacy can predict health or protection behavior (28). These beliefs are thought to be part of the cognitive mediation process (29). However, little research has been undertaken to investigate the effects of health attitudes on health risk avoidance behavior in the MICE context. This is despite the fact that there is undeniable proof that travel and tourism can hasten the spread of infection (30) and that ignoring the importance of protective health habits can lead to new outbreaks in local communities (31).



Innovation Diffusion Theory

The IDT was created to explain why people choose to accept or reject a new technology based on their beliefs (32). While online meetings are not new, they are being utilized more frequently now than in the past, and to individuals participating in them for the first time, they often appear to be new technology (33). According to the IDT, comparative advantages, compatibility, complexity, observability, and trialability are all factors that influence whether or not an innovation is adopted (34, 35). A comparative advantage represents the superiority of a current innovation to similar previous innovations, while compatibility is the degree to which an invention is believed or perceived to be consistent with the adopter's values, needs, and previous experiences (36). Complexity is the degree to which an innovation is viewed or regarded as difficult to use (34), while observability is the degree to which the outcomes of the innovation are evident and trialability is the degree to which an innovation can be implemented in stages (37). The most widely identified explanations for a consumer's intention to adopt new technology have been comparative advantages and trialability (38). Therefore, this study focuses on examining the influence of these two factors on attendees' behavioral intention to participate in online MICE events.

Based on these two theories, this study offers a modified theoretical model that incorporates the HBM and IDT to examine the antecedents influencing attendees' behavioral intention to attend online MICE. This model is presented in Figure 1.
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FIGURE 1. Conceptual framework.




Hypothesis Development
 

Perceived Safety Threat

Attendees' subjective assessment of the negative effects (i.e., the severity and vulnerability) of a lack of safety behavior is characterized as the perceived safety threat (39). The perceived safety threat of COVID-19 has led to a dramatic increase in emotional disorders, cognition stress, and arousal problems (40). As a result, if they sense a threat to their safety from the virus, the attendees will exhibit an extremely careful attitude to avoid negative consequences. If the perceived advantages surpass the perceived costs, an attendee is more likely to demonstrate a positive attitude. Thus, we offer the following hypothesis:

H1. The perceived safety threat of COVID-19 has a positive effect on attendees' attitudes toward attending online MICE events during the pandemic.



Comparative Advantage and Trialability

One of the most important concepts in the IDT is the comparative advantage. A comparative advantage is defined as the degree to which an invention is seen to provide greater benefits than its predecessor (41, 42). The greater the apparent competitive advantage, the more quickly an innovation will be adopted (43). Trialability refers to the extent to which the public can experience an innovation before deciding whether or not to accept it. For those who can observe an innovation in use by others or who can use it themselves to learn, an invention that can be trialed reduces doubt among potential users (44). As a result, trialability is defined in this study as the attendees' acceptability toward the use of an online MICE system, which influences their behavior. Previous research has shown that there is a link between comparative advantage, trialability, and consumer attitudes (45–48). Therefore, the following hypotheses are proposed:

H2. A comparative advantage has a positive effect on attendees' attitudes toward attending online MICE events.

H3. Trialability has a positive effect on attendees' attitudes toward attending online MICE events.



Outcome Expectations and Cues to Action

The concept of outcome expectance refers to the belief that an action will have some consequences (49). The attitude toward a certain object or action may be influenced by expectations for that action or object (50). The motivation for a certain action is based on the expectation that they can predict the occurrence of the target state (51). That is, a person chooses certain behaviors based on their expected results. Action cues such as surrounding information and experience can be developed into related incentive models to form motivations (52). Therefore, Hsu et al. (50) argued that motivation can be shaped by manipulating the cues that define the motivational value of an individual's consequences of their actions. In their study, cues to action were used as a motivational variable and its intermediary effect between expectations and action was verified. Therefore, this research proposes the following hypotheses:

H4. The outcome expectations for COVID-19 have a positive effect on attendees' attitudes toward attending online MICE events during the pandemic.

H5. The outcome expectations for COVID-19 have a positive effect on cues to action.



Effect of Cues to Action on Attendees' Attitudes and Behavioral Intention to Attend Online MICE Events

Cues to action refer to stimuli that affect the intention of an individual to use a certain service (31), and these can originate from social influence, personal experience, or potential change possibilities (53). The HBM posits that people need a cue to action to motivate their readiness to engage in a health behavior (54). During the COVID-19 pandemic, if the participants in offline MICE events can have COVID-19, the risk associated with participating in an offline MICE will increase, which will have a negative impact on attendees' intention to participate in offline MICE events and a positive impact on the behavioral intention of online MICE technology. In addition, strong action cues will have a positive impact on behavior. For example, Tsai et al. (55) reported that effective nursing education as a health promotion strategy can improve the behavior of nursing students and prevent the spread of COVID-19 both locally and globally. As such, the benefits of following positive cues to action will encourage consumers to develop positive attitudes such as trust in a technology (32), and it will also facilitate purchase intention or behavioral intention. Thus, this study establishes the following hypotheses:

H6. Cues to action have a positive impact on attendees' attitudes toward attending online MICE events.

H7. Cues to action have a positive impact on attendees' behavioral intention to attend online MICE events.



Effect of Attitude on Attendees' Behavioral Intention to Attend Online MICE Events

In this study, we utilized the definition of attitude proposed by Zhao et al. (56) and Hu et al. (57), referring to individual feelings regarding specific behaviors, while behavioral intention is defined as the desire to perform a specific behavior. This definition is used for consumer behavior research because of its strong predictive ability (58). According to previous research, the more strongly that consumers want to buy opinion products, the more likely they are to purchase those products in the future (59). With regard to MICE events, previous research has also shown that if an individual has a positive attitude toward online MICE technology, they are likely to adopt this technology (60). Thus, this study examines the relationship between attitude and the behavioral intention to adopt online MICE technology and proposes the following hypothesis:

H8. Attitude has a positive impact on attendees' behavioral intention to attend online MICE events.





METHODOLOGY


Survey Design and Data Collection

This study used an anonymous cross-sectional survey of current users (adopters) and non-users (non-adopters) of online MICE technology to test the hypotheses. The information obtained by cross-sectional survey is collected at a given point in time (61). The ‘point in time’ that data was collected in this study was during the COVID-19 pandemic. The non-adopters included in the survey are considered potential users of the online MICE technology.

The survey was conducted in China because exhibitors increasingly prefer to hold events in Asia–Pacific countries such as China, rather than the traditionally strong markets in Europe and the United States (10). By consulting experts and scholars in the MICE field, we compiled a questionnaire for online MICE technology.

The survey consisted of three sections. In order to ensure that all respondents (especially non-adopters) were fully aware of how online MICE operated, Section 1 introduced the working mechanisms and main features of online MICE technology; this description was illustrated with relevant images. Section 2 asked questions about the perceptions, attitudes, and intention to adopt online MICE technology, while Sect ion 3 collected demographic information about the respondents, including their gender, age, education, and income.

To collect a representative sample, this study conducted the online survey using Wenjuanxing, a professional data science company (62). To ensure that the participants were motivated to complete the survey, they were told they would receive a small digital gift from the researchers at the end of the survey. From May 28 to June 19, the link for the questionnaire was posted to the WeChat group of company employees and the WeChat group of MICE attendees and 505 responses were received. After eliminating surveys in which the screening question was answered incorrectly (a question that asked the respondent to answer “strongly disagree” was added in the second section) or that were not sufficiently complete, 439 valid questionnaires were used for subsequent analysis.



Measurement Items

The survey contained 26 items designed to measure seven variables: perceived safety threat, comparative advantages, trialability, outcome expectations, attitude, cues to action, and behavioral intention (Table 1). Each variable was measured using items from the following sources: perceived safety threat from Yuen et al. (31), comparative advantages from Wang et al. (45) and Shih and Fang (47), trialability from Wang et al. (45), outcome expectations from Yuen et al. (32), cues to action from (63), attitudes from Shih and Fang (47) and (63), and behavioral intention from Agag and El-Masry (35). Many studies have shown that seven-point Likert scale show higher reliability than any other number of options (64, 65). The items were evaluated using a seven-point Likert scale ranging from 1 (“strongly disagree”) to 7 (“strongly agree”).


Table 1. Scale development.
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RESULTS AND DISCUSSION


Demographic Statistics

In Table 2, the proportion of male (243) and female (196) respondents was 55.4 and 44.6%, respectively. A total of 8 (1.8%) respondents were under 19 years old, 116 (26.4%) were 20–29 years old, 164 (37.4%) were 30–39 years old, 121 (27.6%) were 40–49 years old, and 30 (6.8%) were over 50 years old. In terms of education, 188 (42.8%) graduated from a university or college, 51 (11.6%) had studied at graduate school, and 168 (38.3%) had graduated from high school. The monthly average income had the following distribution: 126 respondents earning 0–4,999 yuan (40.3%), 170 earning 5,000–9,999 yuan (38.7%), 52 earning 10,000–14,999 yuan (11.8%), and 40 earning over 15,000 yuan (9.1%).


Table 2. Respondent demographics.
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Measurement Model Assessment

A confirmatory factor analysis was conducted to evaluate the overall model fit and the reliability and validity of the scales. The goodness-of-fit index (GFI), adjusted goodness-of-fit index (AGFI), comparative fit index (CFI), root mean square error of approximation (RMSEA), and standardized root mean square residual (SRMR) were selected to evaluate the fit of the model (Table 3) (66). The ratio of the Chi-square value to the degrees of freedom (χ2/df) was 1.460 (p < 0.05). The model fit indices (CFI = 0.977, TLI = 0.973, RMSEA = 0.032, and SRMR = 0.035) all passed their respective minimum cut-off points proposed by Hu and Bentler (67). Given the number of indicators, the overall quality of the measures was supported by the statistics (68).


Table 3. Confirmatory factor analysis results.
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This study uses three criteria to assess the convergent validity. First, the standardized path loading (λ) should be statistically significant and larger than 0.70 (69). Second, the composite reliability (CR) of each construct must be higher than 0.70. Third, the average variance extracted (AVE) for each construct should exceed 0.50 (70, 71). As presented in Table 3, the standardized path loadings were all significant and higher than 0.70. Moreover, the CR exceeded 0.79 for all constructs, and the AVE for each construct was >0.54. Therefore, the convergent validity for the constructs was supported.

By comparing the square root of the AVE for each construct with the correlations between the target construct and other constructs, the discriminant validity of the measurement model was determined. Discriminant validity was assumed if the square root of the AVE was larger than the correlations between the target construct and other constructs (31). The square root of the AVE for each construct exceeded the correlations between the target construct and the other constructs (Table 4), confirming the discriminant validity.


Table 4. AVE, correlations, and squared correlations of the constructs.
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Structural Model Assessment

The hypotheses proposed in this paper were tested using a structural equation model (SEM). SEMs are often used to assess how well the structure of the proposed model or the construction of the hypotheses is explained by the collected data (72). The effect of the control variables (age, education, and income) on attendees' behavioral intention to adopt online MICE technology was determined. The reliability of experimental data was determined by a p < 0.05 (73). The hypotheses were tested based on the significance of the construct and the correlation of the standardized estimates. In addition, squared multiple correlations (R2) were calculated to determine the latent variables explained by the percentage variance. The results are presented in Figure 2.
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FIGURE 2. The structural model. *indicates that the path estimate is significant (p < 0.05); Model fit indices: x2/df = 1.726 (p < 0.05, df = 363); CFI = 0.953; TLI = 0.947; RMSEA = 0.041; SRMR = 0.069.


Figure 2 shows that the fit of the structural model was sufficient (χ2/df = 1.726, CFI = 0.953; TLI = 0.947; RMSEA = 0.041; SRMR = 0.069). Significant positive relationships were found between attitude and the perceived safety threat, comparative advantage, trialability, and outcome expectations (0.337, 0.104, 0.104, and 0.231, respectively, p < 0.05). Figure 2 also shows that outcome expectations had a positive effect on cues to action (β = 0.527, p < 0.05). Therefore, H1 to H5 were all supported. Attendees expressed a more positive attitude toward online conference technology when they perceived greater benefits than risks. According to the HBM, the perceived safety threat reflects attendees' perception of the risks associated with attending online MICE events during the COVID-19 pandemic, whereas the outcome expectations suggest that attendees perceive net positive functional and economic benefits. The perceived comparative advantages and trialability of online MICE technology was related to attendees' attitudes toward online exhibitions, with attendees who recognize the comparative advantages of attending online MICE events and believe that online exhibition technology is feasible are more likely to hold a positive attitude toward online MICE. The positive attitudes of attendees toward online MICE technology and the perceived comparative advantages together encourage attendees to adopt online MICE technology intention instead of traditional offline MICE technology. In addition, attendee expectations about an online MICE event can influence their cues to action.

The perceived safety threat, comparative advantage, trialability, and outcome expectations explained 59.6% of the variance in attendee attitude (R2 = 0.596), and the outcome expectations explained 27.8% of the variance in cues to action (R2 = 0.278). According to the classification of R2 values by Chin et al. (74), perceived safety threat, comparative advantage, trialability, and outcome expectations had a high explanatory power for attendees' attitudes, while outcome expectation had a medium explanatory power for cues to action. These results suggest that attendees had a more positive attitude if they perceived a lower safety threat, a greater comparative advantage, high trialability, positive outcome expectations, and more positive cues to action.

The significantly positive effect of cues to action on behavioral intention (β = 0.451, p < 0.05) supported H6. Additionally, the correlation between cues to action and attendee attitude was 0.165 (p < 0.05), while attitude had a significant impact on behavioral intention (β = 0.377, p < 0.05); therefore, H7 and H8 were accepted. Attendees receive information about the health risks of an outbreak and recognize the benefits of following positive leads, increasing their readiness to engage in a health behavior (54). Therefore, cues to action are required for attendees to form a positive attitude toward the use of online MICE technology. In this study, cues to action and attitude were both positively correlated with the attendees' behavioral intention of online MICE (R2 = 0.503), which is consistent with the HBM. This suggests that attendees with a positive attitude are more likely to employ online MICE technology during or after the COVID-19 pandemic. This is consistent with previous studies (7, 75). Cues to action are events that guide exhibitors to exhibit safe behavior. These cues may be internal, positive, or negative experiences of exhibiting or not exhibiting safe behavior. They may also be external cues from colleagues and the media. The results showed that attendees who were given more frequent cues were more likely to engage in safe behaviors.



Effects Analysis

To test the mediating influence of attitude on perceived safety threat, comparative advantage, trialability, and outcome expectations, behavioral intention was examined. The mediating influence of attitude on cues to action and behavioral intention was validated, and separate analyses were performed using Baron and Kenny's (76) approach. The impact of the exogenous variables on the endogenous variables was examined (Table 5). In the theoretical model presented in Figure 2, attitude fully mediates intention and the perceived safety threat, comparative advantage, trialability, and outcome expectations, while attitude partially mediates cues to action and behavioral intention.


Table 5. Direct, indirect, and total effects.
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In terms of the direct effects, outcome expectations had a direct effect on cues to action (a41 = 0.527). The main predictor of attitude was perceived safety threat (a12 = 0.337), followed by outcome expectations (a42 = 0.231), trialability (a32 = 0.201), cues to action (a52 = 0.165), and the comparative advantage (a22 = 0.104). Finally, cues to action had a greater direct impact on behavioral intention (a53 = 0.451) than did attitudes (a63 = 0.377).

In terms of the indirect effects, outcome expectations were the only direct exogenous variable for attitude (b42 = 0.087). The indirect influence of outcome expectations on attitude was transmitted through a single intermediary, cues to action. In addition, outcome expectations had the greatest indirect effect on behavioral intention (b43 = 0.358), followed by perceived safety threat (b13 = 0.127), trialability (b33 = 0.076), cues to action (b53 = 0.062), and the comparative advantage (b23 = 0.039). Thus, the indirect effects of the perceived security threat, comparative advantage, trialability, and outcome expectations on behavioral intention were mediated by attitude as a single mediator.

It was found that cues to action had the greatest total effect on behavioral intention (c53 = 0.513), followed by attitude (c63 = 0.377), which was traced to its direct effect on behavioral intention (a63), outcome expectation (c43 = 0.358), perceived safety threat (c13 = 0.127), trialability (c33 = 0.076), and comparative advantage (c23 = 0.039).

Finally, no statistically significant link was found between the control variables (age, education, and income) and behavioral intention, even though previous studies have shown that higher income levels, higher education levels, and people under the age of 55 have significantly higher levels of new technology and Internet access (77, 78). Regardless, this data supports the theory that theoretical concepts are more accurate predictors of attendees' behavioral intention to attend online MICE events than are demographic characteristics.




CONCLUSIONS


Theoretical Implications

This study makes a number of implications to existing theories. First, this study enriches the research literature on the online MICE industry in the context of COVID-19 and other public health crises. Since the end of 2019, the widespread COVID-19 pandemic has forced the convention and exhibition industry to integrate resources and has shifted offline conventions and exhibitions online, which represents a developmental opportunity for this industry. Since the emergence of COVID-19, the most of study's on the MICE industry has focused on marketing theories that explain the subsequent changes and developmental trends within the industry, while rarely analyzing consumer psychology empirically. Therefore, this research acts as an important reference for theoretical research of online MICE events.

Second, this study combines the HBM and IDT to develop a new theoretical model to understand the reasons why consumers use online MICE technology during a public health crisis. Through empirical analysis, this research found that, during COVID-19, the perceived threat and outcome expectations felt by consumers directly affected the intention to use online technology, which is also an important reason for the development of the online MICE industry. In addition, the comparative advantages and trialability of online MICE technology had an impact on consumer intentions to use the technology. This model combines consumer perception and industry characteristics to provide a comprehensive analysis of online MICE.

Third, this study enriches the HBM and IDT. Attitude and cues to action were used as intermediary variables to evaluate their influence on behavioral intention. Cues to action is an intermediary variable in the HBM, and it was verified that it plays an intermediary role between outcome expectations and behavioral intention. At the same time, attitude was proposed as an intermediary variable in the HBM and the IDT.



Practical Implications

The findings of this study provide practical implications for MICE organizers and exhibitors in terms of enhancing their attendees' behavioral intention to attend online MICE events. First, the results indicate the need to clearly recognize that the COVID-19 pandemic poses a threat to the safety of attendees and affects how they choose to attend events. In order to overcome the security threat posed by the epidemic and to improve the outcome expectations of the attendees, MICE companies should actively innovate their exhibition strategies and extensively use new online exhibition platforms.

Second, in order to improve the comparative advantage of online exhibitions and to encourage the acceptance of online MICE technology, a digital exhibition mode is required. For example, using AR, VR, 5G technology, cloud computing, and AI technology to simulate face-to-face communication and produce targeted smart exhibition galleries could increase product sales. In addition, exhibitors can use live online broadcasts and short videos to release and promote new products online and can offer online negotiation, procurement, and docking services for exhibitors, which would not only reduce costs for exhibitors but also enable domestic and foreign companies to engage in business transactions during the COVID-19 pandemic.

Third, a positive attitude toward online MICE services will encourage attendees to participate in online MICE events. The implementation of various marketing and publicity activities on social platforms via community marketing can enhance the emotional value for customers and create a pleasant experience. This target customer may become transmitters, facilitating community fission marketing.

Finally, given the significant intermediary impact of cues to action, external cues to action such as media campaigns, alerts from health workers, and advice from others can encourage people to behave safely during the COVID-19 pandemic. The most effective way to create online MICE events is to promote positive word-of-mouth among attendees. Therefore, exhibitors should take advantage of the technical advantages of social media to segment attendee groups with different characteristics so that customers can better understand MICE brand services and that word-of-mouth marketing among attendees can be achieved.



Limitations and Recommendations

This study has several limitations that should be considered when interpreting the results. First, this study analyzes the factors that affect attendees' behavioral intention of online MICE technology using the HBM and IDT, thus it does not consider other theoretical lenses. Future studies may thus consider incorporating the technology acceptance theory (35), planned behavior theory (79), and trust theory (32) in the model development process and to analyze the intention to attend online MICE events. With COVID-19 prevention and control in China showing a positive trend, cities across China are gradually resuming work and production, and exhibition organizers, venues, and exhibitors are also preparing for the event. Many exhibitors responded to the call for national policies and actively carried out online MICE events, which provided a good example for the digitalization of the global MICE industry. However, this study was conducted solely on a population of Chinese consumers, so the results of this study may not apply to the populations of other countries.




DATA AVAILABILITY STATEMENT

The raw data supporting the conclusions of this article will be made available by the authors, without undue reservation.



ETHICS STATEMENT

Ethical review and approval was not required for the study on human participants in accordance with the local legislation and institutional requirements. Written informed consent from the participants' legal guardian/next of kin was not required to participate in this study in accordance with the national legislation and the institutional requirements.



AUTHOR CONTRIBUTIONS

JY, QP, BZ, LW, and YH equally participated in the conceptualization, literature review, data collection, data analysis, and writing of this paper. All authors contributed to the article and approved the submitted version.



REFERENCES

 1. World Health Organization. WHO, Coronavirus Disease (COVID-19) Advice for the Public. (2020). Available online at: https://www.who.int/emergencies/diseases/novel-coronavirus-2019/advice-for-public (accessed June 12, 2020).

 2. Tang B, Bragazzi NL, Li Q, Tang S, Xiao Y, Wu J. An updated estimation of the risk of transmission of the novel coronavirus (2019-nCov). Infect Dis Model. (2020) 5:248–55. doi: 10.1016/j.idm.2020.02.001

 3. Nagurney A. Supply chain game theory network modeling under labor constraints: Applications to the Covid-19 pandemic. Eur J Oper Res. (2021) 293:880–91. doi: 10.1016/j.ejor.2020.12.054

 4. Kim SS, Chon K, Chung KY. Convention industry in South Korea: an economic impact analysis. Tour Manage. (2003) 24:533–41. doi: 10.1016/S0261-5177(03)00006-2

 5. Huang HC. How does meetings, incentives, conventions, and exhibitions industry attract exhibitors?. Asia Pacific J Tour Res. (2016) 21:73–93. doi: 10.1080/10941665.2015.1016444

 6. He H, Lin Z, Li H. Key survival factors in the exhibition industry. Int J Hospital Manage. (2020) 89:102561. doi: 10.1016/j.ijhm.2020.102561

 7. Huang X, Dai S, Xu H. Predicting tourists' health risk preventative behaviour and travelling satisfaction in Tibet: Combining the theory of planned behaviour and health belief model. Tour Manage Perspect. (2020) 33:100589. doi: 10.1016/j.tmp.2019.100589

 8. Bakar NA, Rosbi S. Effect of Coronavirus disease (COVID-19) to tourism industry. Int J Adv Eng Res Sci. (2020) 7:189–93. doi: 10.22161/ijaers.74.23

 9. International Congress and Convention Association the ICCA Annual Statistics Study (2020). Available online at: https://www.iccaworld.org/cnt/Research/ICCA%20Statistics%20Study%202020_270521_Final.pdf (accessed June 12, 2020).

 10. An J, Kim H, Hur D. Keeping the competitive edge of a convention and exhibition center in MICE Environment: identification of event attributes for long-run success. Sustainability. (2021) 13:5030. doi: 10.3390/su13095030

 11. Aburumman AA. COVID-19 impact and survival strategy in business tourism market: the example of the UAE MICE industry. Human Soc Sci Commun. (2020) 7:1–11. doi: 10.1057/s41599-020-00630-8

 12. Khoon LC, Ramaiah CK, Foo S. The Design and Development of an Online Exhibition for Heritage Information Awareness in Singapore. Program Electron Library Information Syst. (2003) 37:85–93. doi: 10.1108/00330330310472876

 13. Zhao Y, Bacao F. How does the pandemic facilitate mobile payment? An investigation on users' perspective under the COVID-19 pandemic. Int J Environ Res Public Health. (2021) 18:1016. doi: 10.3390/ijerph18031016

 14. Budiyanto H, Setiawan AB, Winansih E. Virtual expo using inflatable stage covers for SMEs as an online exhibition solution during the covid-19 pandemic. (2020).

 15. Mei X, Qing T. On the problems and suggestions of cross-border exhibition live broadcasting from the perspective of buyers. Acad J Business Manage. (2020) 2:20804. doi: 10.25236/AJBM.2020.020804

 16. Kun-Yao HUNG, Ming-Hung LIN, Su-Ming WU. Effects of social responsibility and corporate image on online word of mouth in cultural and creative MICE industry. Rev Cercetare Interventie Soc. (2021) 72:175. doi: 10.33788/rcis.72.12

 17. Rogers EM. Diffusion of Innovations. New York, NY: Free Press of Glencoe (1962).

 18. Hochbaum GM. Public Participation in Medical Screening Programs: A Socio-Psychological Study (No. 572). US Department of Health, Education, and Welfare, Public Health Service, Bureau of State Services, Division of Special Health Services, Tuberculosis Program (1958).

 19. McClendon BT, Prentice-Dunn S. Reducing skin cancer risk: an intervention based on protection motivation theory. J Health Psychol. (2001) 6:321–8. doi: 10.1177/135910530100600305

 20. Zhao Y, Ni Q, Zhou R. What factors influence the mobile health service adoption? A meta-analysis and the moderating role of age. Int J Inform Manage. (2018) 43:342–50. doi: 10.1016/j.ijinfomgt.2017.08.006

 21. Hochbaum G, Rosenstock I, Kegels S. Health Belief Model. Washington, DC: United States Public Health Service (1952).

 22. Xu X, Li H, Shan S. Understanding the health behavior decision-making process with situational theory of problem solving in online health communities: the effects of health beliefs, message source credibility, and communication behaviors on health behavioral intention. Int J Environ Res Public Health. (2021) 18:4488. doi: 10.3390/ijerph18094488

 23. Greening L, Stoppelbein L, Chandler CC, Elkin TD. Predictors of children's and adolescents' risk perception. J Pediatr Psychol. (2005) 30:425–35. doi: 10.1093/jpepsy/jsi066

 24. Finfgeld DL, Wongvatunyu S, Conn VS, Grando VT, Russell CL. Health belief model and reversal theory: A comparative analysis. J Adv Nurs. (2003) 43:288–97. doi: 10.1046/j.1365-2648.2003.02712.x

 25. Stratman JL, Youssef-Morgan CM. Can positivity promote safety? Psychological capital development combats cynicism and unsafe behavior. Safety Sci. (2019) 116:13–25. doi: 10.1016/j.ssci.2019.02.031

 26. VanDyke SD, Shell MD. Health beliefs and breast cancer screening in rural Appalachia: an evaluation of the health belief model. J Rural Health. (2017) 33:350–60. doi: 10.1111/jrh.12204

 27. Rosenstock IM. Historical origins of the health belief model. Health Educ Monogr. (1974) 2:328–35. doi: 10.1177/109019817400200403

 28. Dodel M, Mesch G. Cyber-victimization preventive behavior: A health belief model approach. Comput Human Behav. (2017) 68:359–67. doi: 10.1016/j.chb.2016.11.044

 29. Skinner CS, Tiro J, Champion VL. Background on the health belief model. Health Behav Theory Res Pract. (2015) 75–94.

 30. Hall CM, Scott D, Gössling S. Pandemics, transformations and tourism: be careful what you wish for. Tourism Geograph. (2020) 22:577–98. doi: 10.1080/14616688.2020.1759131

 31. Yuen KF, Cai L, Qi G, Wang X. Factors influencing autonomous vehicle adoption: An application of the technology acceptance model and innovation diffusion theory. Technol Analy Strat Manage. (2021) 33:505–19. doi: 10.1080/09537325.2020.1826423

 32. Yuen KF, Cao Y, Bai X, Wang X. The psychology of cruise service usage post COVID-19: Health management and policy implications. Marine Policy. (2021) 130:104586. doi: 10.1016/j.marpol.2021.104586

 33. Sox CB, Kline SF, Crews TB, Strick SK, Campbell JM. Virtual and hybrid meetings: A mixed research synthesis of 2002-2012 research. J Hospital Tour Res. (2017) 41:945–84. doi: 10.1177/1096348015584437

 34. Rogers EM. Diffusion of Innovations, 5th Edition. New York, NY: The Free Press (2003).

 35. Agag G, El-Masry AA. Understanding consumer intention to participate in online travel community and effects on consumer intention to purchase travel online and WOM: An integration of innovation diffusion theory and TAM with trust. Comput Human Behav. (2016) 60:97–111. doi: 10.1016/j.chb.2016.02.038

 36. Lee YH, Hsieh YC, Hsu CN. Adding innovation diffusion theory to the technology acceptance model: supporting employees' intentions to use E-learning systems. J Educ Technol Soc. (2011) 14:124–37.

 37. Hanley M, Shearer C, Livingston P. Faculty perspectives on the transition to competency-based medical education in anesthesia. Canad J Anesthesia. (2019) 66:1320–7. doi: 10.1007/s12630-019-01412-w

 38. Lu Y, Yang S, Chau PY, Cao Y. Dynamics between the trust transfer process and intention to use mobile payment services: A cross-environment perspective. Inform Manage. (2011) 48:393–403. doi: 10.1016/j.im.2011.09.006

 39. Ugurlu Ö, Kum S, Aydogdu YV. Analysis of occupational accidents encountered by deck cadets in maritime transportation. Maritime Policy Manage. (2017) 44:304–22. doi: 10.1080/03088839.2016.1245449

 40. Deng S, Feng X. How perceived threat of COVID-19 related to aggressive tendencies during the pandemic in Hubei Province and other regions of China: Mediators and moderators. Curr Psychol. (2021) 24:1–14. doi: 10.1007/s12144-021-01792-7

 41. Agarwal R, Prasad J. The role of innovation characteristics and perceived voluntariness in the acceptance of information technologies. Decision Sci. (1997) 28:557–82. doi: 10.1111/j.1540-5915.1997.tb01322.x

 42. Rogers EM. Diffusion of Innovations, 4th ed. New York, NY: Free Press (1995).

 43. Rogers EM. Diffusions of Innovations, 3rd ed. New York, NY: Free Press (1983).

 44. Al-Rahmi WM, Yahaya N, Alamri MM, Alyoussef IY, Al-Rahmi AM, Kamin YB. Integrating innovation diffusion theory with technology acceptance model: Supporting students' attitude towards using a massive open online courses (MOOCs) systems. Interactive Learn Environ. (2019) 22:1–13. doi: 10.1080/10494820.2019.1629599

 45. Wang X, Yuen KF, Wong YD, Teo CC. An innovation diffusion perspective of e-consumers' initial adoption of self-collection service via automated parcel station. Int J Logist Manage. (2018) 29:302. doi: 10.1108/IJLM-12-2016-0302

 46. Hubbard SM, Huang JY, Mulvey KP. Application of diffusion of innovations theory to the TIPs evaluation project results and beyond. Eval Program Plann. (2003) 26:99–107. doi: 10.1016/S0149-7189(02)00092-7

 47. Shih YY, Fang K. The use of a decomposed theory of planned behavior to study Internet banking in Taiwan. Internet Res. (2004) 3:213–23. doi: 10.1108/10662240410542643

 48. Yunus M. Diffusion of innovation, consumer attitudes and intentions to use mobile banking. Inform Knowl Manage. (2014) 4:12–18.

 49. Feather NT. “Bridging the gap between values and actions: recent applications of the expectancy-value model,” In Higgins ET, Sorrentino RM, editors. Handbook of Motivation and Cognition: Foundation of Social Behavior. New York, NY: Guilford (1990).

 50. Hsu CH, Cai LA, Li M. Expectation, motivation, and attitude: A tourist behavioral model. J Travel Res. (2010) 49:282–96. doi: 10.1177/0047287509349266

 51. Heckhausen H. Motivation and Action, Translated by Leppmann PK, 2nd edition. Berlin: Springer-Verlag (1989).

 52. Walker KK, Steinfort EL, Keyler MJ. Cues to action as motivators for children's brushing. Health Commun. (2015) 30:911–21. doi: 10.1080/10410236.2014.904030

 53. Meillier LK, Lund AB, Kok G. Cues to action in the process of changing lifestyle. Patient Educ Couns. (1997) 30:37–51. doi: 10.1016/S0738-3991(96)00957-3

 54. Glanz K, Rimer BK, Viswanath K (Eds.). Health Behavior and Health Education: Theory, Research, and Practice. San Francisco, CA: John Wiley and Sons (2008).

 55. Tsai FJ, Hu YJ, Chen CY, Tseng CC, Yeh GL, Cheng JF. Using the health belief model to explore nursing students' relationships between COVID-19 knowledge, health beliefs, cues to action, self-efficacy, and behavioral intention: A cross-sectional survey study. Medicine. (2021) 100:25210. doi: 10.1097/MD.0000000000025210

 56. Zhao AL, Koenig-Lewis N, Hanmer-Lloyd S, Ward P. Adoption of internet banking services in China: is it all about trust? Int J Bank Market. (2010) 28:1. doi: 10.1108/02652321011013562

 57. Hu Z, Ding S, Li S, Chen L, Yang S. Adoption intention of fintech services for bank users: An empirical examination with an extended technology acceptance model. Symmetry. (2019) 11:340. doi: 10.3390/sym11030340

 58. Claudy MC, Peterson M, O'driscoll A. Understanding the attitude-behavior gap for renewable energy systems using behavioral reasoning theory. J Macromarket. (2013) 33:273–87. doi: 10.1177/0276146713481605

 59. Ajzen I. Nature and operation of attitudes. Annu Rev Psychol. (2001) 52:27–58. doi: 10.1146/annurev.psych.52.1.27

 60. Deng Z, Hong Z, Ren C, Zhang W, Xiang F. What predicts patients' adoption intention toward mHealth services in China: empirical study. JMIR mHealth uHealth. (2018) 6:e172. doi: 10.2196/mhealth.9316

 61. Kesmodel US. Cross-sectional studies-what are they good for?. Acta Obstet Gynecol Scand. (2018) 97:388–93. doi: 10.1111/aogs.13331

 62. Ma YY. To shop or not: Understanding Chinese consumers' livestream shopping intentions from the perspectives of uses and gratifications, perceived network size, perceptions of digital celebrities, shopping orientations. Telematics Inform. (2021) 59:101562. doi: 10.1016/j.tele.2021.101562

 63. Yuen KF, Li KX, Ma F, Wang X. The effect of emotional appeal on seafarers' safety behaviour: an extended health belief model. J Transport Health. (2020) 16:100810. doi: 10.1016/j.jth.2019.100810

 64. Oaster TRF. Number of alternatives per choice point and stability of Likert-type scales. Percept Mot Skills. (1989) 68:549–50. doi: 10.2466/pms.1989.68.2.549

 65. Preston CC, Colman AM. Optimal number of response categories in rating scales: reliability, validity, discriminating power, respondent preferences. Acta Psychol. (2000) 104:1–15. doi: 10.1016/S0001-6918(99)00050-5

 66. Hair JF, Anderson RE, Tatham RL, Black WC. Multivariate Data Analysis (5th ed.). New York, NY: Macmillan (1998).

 67. Hu L, Bentler PM. Cutoff criteria for fit indexes in covariance structure analysis: Conventional criteria versus new alternatives. Struct Eq Model. (1999) 6:1–55. doi: 10.1080/10705519909540118

 68. Anderson JC, Gerbing DW. Assumptions and comparative strengths of the two-step approach: Comment on Fornell and Yi. Sociol Methods Res. (1992) 20:321–33. doi: 10.1177/0049124192020003002

 69. Gefen D, Straub D, Boudreau MC. Structural equation modeling and regression: Guidelines for research practice. Commun Assoc Inform Syst. (2000) 4:7. doi: 10.17705/1CAIS.00407

 70. Fornell C, Larcker DF. Evaluating structural equation models with unobservable variables and measurement error. J Market Res. (1981) 18:39–50. doi: 10.1177/002224378101800104

 71. Hair J, Anderson R, Babin B, Black W. Multivariate Data Analysis: A Global Perspective. 7th ed. Upper Saddle River, NJ: Pearson Education International (2010).

 72. Koo C, Chung N, Ham J. Assessing the user resistance to recommender systems in exhibition. Sustainability. (2017) 9:2041. doi: 10.3390/su9112041

 73. Fisher RA. Statistical Methods for Research Workers. In Breakthroughs in Statistics. New York, NY: Springer (1992).

 74. Chin WW, Peterson RA, Brown SP. Structural equation modeling in marketing: Some practical reminders. J Market Theory Practice. (2008) 16:287–98. doi: 10.2753/MTP1069-6679160402

 75. Chen SF, Lin CC. The predictors of adopting a health-promoting lifestyle among work site adults with prediabetes. J Clin Nurs. (2010) 19:2713–9. doi: 10.1111/j.1365-2702.2010.03320.x

 76. Baron RM, Kenny DA. The moderator-mediator variable distinction in social psychological research: Conceptual, strategic, statistical considerations. J Pers Soc Psychol. (1986) 51:1173. doi: 10.1037/0022-3514.51.6.1173

 77. Drewry JL, Shutske JM, Trechter D, Luck BD, Pitman L. Assessment of digital technology adoption and access barriers among crop, dairy and livestock producers in Wisconsin. Comp Electron Agricult. (2019) 165:104960. doi: 10.1016/j.compag.2019.104960

 78. Hudson J, Orviska M, Hunady J. People's attitudes to autonomous vehicles. Transport Res Part A: Policy Pract. (2019) 121:164–76. doi: 10.1016/j.tra.2018.08.018

 79. Ajzen I. The theory of planned behavior. Organ Behav Hum Decis Process. (1991) 50:179–211. doi: 10.1016/0749-5978(91)90020-T

Conflict of Interest: The authors declare that the research was conducted in the absence of any commercial or financial relationships that could be construed as a potential conflict of interest.

Publisher's Note: All claims expressed in this article are solely those of the authors and do not necessarily represent those of their affiliated organizations, or those of the publisher, the editors and the reviewers. Any product that may be evaluated in this article, or claim that may be made by its manufacturer, is not guaranteed or endorsed by the publisher.

Copyright © 2021 Yao, Pang, Zhang, Wang and Huang. This is an open-access article distributed under the terms of the Creative Commons Attribution License (CC BY). The use, distribution or reproduction in other forums is permitted, provided the original author(s) and the copyright owner(s) are credited and that the original publication in this journal is cited, in accordance with accepted academic practice. No use, distribution or reproduction is permitted which does not comply with these terms.



OPS/images/fpubh-09-756987-t003.jpg
Construct

PST

CAD

TRI

CTA

Item

PST1
PST2
PST3
PST4
CAD1
CAD2
CAD3
CAD4
TRI
TRI2
TRI3
TRI4
OEX1
OEX2
OEX3
OEX4
AT
ATT2
ATT3
CTA1
CTA2
CTA3
CTA4
Bi
BI2
BI3

Y

0.782
0.807
0.746
0718
0.720
0.740
0.804
0.763
0.742
0.721
0.781
0.699
0.800
0.707
0.764
0.753
0.776
0.779
0.761
0.804
0.839
0.829
0.789
0.798
0.707
0.750

AVE

0.584

0570

0.542

0573

0.596

0.665

0.566

CR

0.848

0.841

0.825

0.843

0.816

0.888

0.796

Model fitindices: x2/df = 1.460 (o < 0.05, df = 278); CFl = 0.977; TLI = 0.973; RMSEA

0.032; SRMR = 0.035.





OPS/images/fpubh-09-756987-t004.jpg
PST

PST

0.584°
0.495°
0.396
0.522
0.646
0.675
0.608

CAD

0.245°
0.570
0340
0.457
0610
0.531

0.432

TRI

0.157
0.116
0.542
0.401
0.273
0.495
0.377

OEX

0272
0.209
0.161
0.573
0.444
0.597
0.526

CTA

0.417
0372
0075
0.197
0.59
0.595
0.652

ATT

0.456
0.282
0.245
0.356
0.354
0.665
0.605

Bl

0.370
0.187
0.142
0277
0.425
0.366
0.566

AVE values are along the main diagonal; ®below main diagonal lists the correfations
between constructs; “squared correlations between the constructs are above the
main diagonal.





OPS/images/fpubh-09-756987-t001.jpg
Construct

Perceived safety threat (PST)

Comparative advantages (CAD)

Trialabilty (TR)

Outcome expectations (OEX)

Cues to action (CTA)

Attitude (ATT)

Behavioral intention (B1)

Measurement items

Strongly disagree (1)/Strongly agree (7)

PSTA. My chance of contracting COVID-19 is low if | use online MICE.

PST2. Because of my physical health, | am more likely to be infected by COVID-19 i use offine MICE.
PSTS. If contracted COVID-19, it would compromise my personal financial security.

PST4. The thought of suffering COVID-18 fils me with dread

Strongly disagree (1)/Strongly agree (7)

CADH. Using online MICE is more efficient than using offine MICE during the COVID-19 pandemic period.
CAD2. Using online MICE would save time.

GADS. Using online MICE would improve my overall attendance experience compared to offine MICE during the
COVID-19 pandemic period.

CAD4. Using online MICE would be advantageous compared to offine MICE during the COVID-19 pandemic
period.

Strongly disagree (1)/Strongly agree (7)

TRI1. I feel itis easy to try out online MICE.

TRI2. | know where | can go to try out various functions of online MICE.

TRI3. | am permitted to try out oniine MICE over a sufficiently long period.

TRI4. | am able to experiment with online MICE when necessary.

Strongly disagree (1)/Strongly agree (7)

OEX1. I use online MICE to interact with exhibitors and staff members during the GOVID-19 panderic period.
OEX2. Using online MICE is truly a joy.

OEX3. Compared to the cost, | think | will receive good value while using online MICE during the COVID-19
pandemic period.

OEX4. Using online MICE will compensate for what | miss during the COVID-19 pandermic period.
Strongly disagree (1)/Strongly agree (1)

CTA1. My colleagues and partners will support me if | use online MICE during the COVID-19 pandenmic.
GTA2. | will use online MICE during the COVID-19 pandermic if more people are using online MICE.
CTAB. Overall, | am encouraged by the authority to use online MICE during the COVID-19 pandeic.
Strongly disagree (1)/Strongly agree (7)

ATTA. | feel using online MICE s a wise idea.

ATT2. ke to use online MICE.

ATTS, | think using online MICE would be enjoyable.

ATTA. | think using online MIGE would be pleasant.

Strongly disagree (1)/Strongly agree (7)

BI1. | expect to adopt online MICE during the GOVID-19 pandemic.

BI2. | am likely to use online MICE during the COVID-19 pandemic.

BI3. | have the intention to adopt online MICE in the future.

References

61

(45, 47)

(49)

(32)

(63)

47
(69)

(39)






OPS/images/fpubh-09-756987-t002.jpg
Items Category Frequency Percentage
(%)

Gender Male 243 554
Female 196 446
Age (years) <19 8 18
20-29 116 26.4
30-39 164 37.4
40-49 121 27.6
> 50 30 68
Education Secondary school or lower 82 73
High school 168 38.3
Bachelor 188 428
Postgraduate 51 1.6
Monthiy income (CNY) 0-4,999 177 403
5,000-9,999 170 38.7
10,000-14,999 52 1.8

>15,000 40 9.1





OPS/images/fpubh-09-756987-t005.jpg
CTA (1)

Direct effect
PST (1) -
CAD (2) -
TRIE®) -
OEX (4) 0527
CTA(5) -
ATT(6) -
Indirect effect

PST (1) -
CAD (2) -
TRIE®) -
OEX (4) -
CTA(S) -
ATT (6) -
Total effect

PST (1) -
CAD 2) -
TRI(3) =
OEX (4) 0527
CTA(5) -
ATT (6) -

ATT (2)

0.337
0.104
0.201
0.231
0.165

0.087

0.337
0.104
0201
0318
0.165

BI(3)

0.451
0377

0.127
0.039
0.076
0.358
0.062

0.127
0.039
0076
0.358
0513
0377






OPS/xhtml/Nav.xhtml




Contents





		Cover



		Public Health and Online MICE Technology During the COVID-19 Pandemic: The Role of Health Beliefs and Technology Innovation



		Introduction



		Literature Review and Hypothesis Development



		Health Belief Model



		Innovation Diffusion Theory



		Hypothesis Development



		Perceived Safety Threat



		Comparative Advantage and Trialability



		Outcome Expectations and Cues to Action



		Effect of Cues to Action on Attendees' Attitudes and Behavioral Intention to Attend Online MICE Events



		Effect of Attitude on Attendees' Behavioral Intention to Attend Online MICE Events













		Methodology



		Survey Design and Data Collection



		Measurement Items







		Results and Discussion



		Demographic Statistics



		Measurement Model Assessment



		Structural Model Assessment



		Effects Analysis







		Conclusions



		Theoretical Implications



		Practical Implications



		Limitations and Recommendations







		Data Availability Statement



		Ethics Statement



		Author Contributions



		References

















OPS/images/cover.jpg
, frontiers
in Public Health

Public Health and Online MICE
Technology During the COVID-19
Pandemic: The Role of Health Beliefs
and Technology Innovation





OPS/images/fpubh-09-756987-g001.gif
Perceived

sty e S

Compurive™ !

iy

Tty

Oucom:
expeaion

e,
o
.u H

Z .

e
s

e et
et





OPS/images/fpubh-09-756987-g002.gif
Percived

safey e X
03370 we0s
Avitude
Comparaive M2 0104 )
L nsozme K-osm

)

s 0527
Oucome. ey
expectaton" ot indste thst he pth it i igifican (p <0.08) Mode it s 4
1,726 (pe0.0, df-363y, CF1~ 0.953: TLI - 0.047; RMSEA - 0.041: SRMR = 0065










OPS/images/crossmark.jpg
©

2

i

|





OPS/images/logo.jpg
’ frontiers
in Public Health





