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In general, being unemployed has negative implications for the individual and the mental health of the public as a collective. One way to escape this situation is to search for a job. However, following self-determination theory (SDT), unemployed people's different reasons (i.e., their motivation) for engaging in a job search influence their well-being, attitudes, and behaviors for better or worse. Some research has already supported the associations between different types of motivation and these outcomes, but less is known about how these types of motivation simultaneously associate with these outcomes. The current study addressed this issue by studying how different motivational profiles had different implications for the affective experiences, commitment to employment, and job search behavior of the unemployed. Latent profile analysis, among 865 unemployed individuals from previously disadvantaged communities in South Africa, highlighted four distinct motivational profiles: motivated, ambivalent, amotivated, and unmotivated. The motivated reported some good well-being (i.e., positive experiences) and economic outcomes (i.e., employment commitment and job search), but these came at a cost (i.e., more negative experiences). The same went for the ambivalent, but to a lesser extent. Being unmotivated seemed to have the opposite effect in that it came with psychological benefits, but with economic costs, as these individuals might withdraw from the labor market. This also applied to the amotivated, although they experienced less psychological benefit than their unmotivated counterparts. The findings made several contributions to SDT and unemployment research and could help tailor interventions and policies for particular types of unemployed people.
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INTRODUCTION

Unemployment is a challenging issue around the globe, and specifically in South Africa, even more so due to the recent pandemic (1). It not only has important economic and societal costs but it is also a psychological burden for most unemployed individuals (2, 3). Therefore, most unemployed individuals are motivated to search for a job to escape this situation. However, such searching for a job can be fueled by different motivations, which matter for their experiences, commitment, and degree of job search.

Self-determination theory (SDT) argues that not only the amount, but also the type, of motivation matters for maintaining job search efforts and likely also has profound implications for the well-being of the unemployed and their attitudes to employment (4). While not being motivated (i.e., amotivation) or being compelled (i.e., controlled motivation) to look for a job are important predictors of negative experiences, attitudes, and behavior, searching for a job because you truly value the activity (i.e., identified regulation) may alleviate the burden of unemployment and may increase chances of being re-employed (5–7).

Although studies examining the relations between unemployed people's different types of motivation and their functioning exist, they used a variable-centered approach (5–8) which does not take into account that behavior is multi-motivated (9). Hence, they don't provide insights into how these different reasons may jointly influence how people feel, think, and behave. However, studies in other domains (such as work) have shown that the combination of different types and levels of motivation leads to various motivational profiles with different implications for people's experiences, attitudes, and behavior (10, 11). Therefore, studying the relations between motivation and unemployed individuals' functioning only from a variable-centered approach may lack ecological validity and hamper the true understanding of the implications of the different types of motivation (12, 13) for the unemployed.

Therefore, we conducted person-oriented research to understand better the association between the unemployed's motivation and their affective experiences, commitment to employment, and job search behavior. Despite its added value, such a person-oriented motivational perspective has not yet been applied in the unemployment context. Extrapolating the findings from another context may not be straightforward, as several researchers have advanced that different profiles may emerge in different contexts (14, 15). As the unemployment context is a pressuring context where the outcome (employment) is often not within control and amotivation reigns, we could expect the emergence of profiles that are particular to this context, with their own particular implications for individuals' well-being, attitudes, and behavior.

In short, the current study thus aimed to examine the motivational functioning of the unemployed by exploring their profiles based on their different types of motivation (as mentioned in SDT) to look for a job and the associated affective experiences, attitudes, and job search behavior. Studying the associations of these combinations in different domains may teach us more about the prevalence, nature, and consequences of these types of motivation with important implications for science and practice.



LITERATURE OVERVIEW


Motivational Profiles Within Self-Determination Theory

Studies have applied a person-centered approach to the types of motivation of the SDT in a variety of contexts (i.e., education, sport, and work) (11, 14, 16). In the literature, the nature of these profiles differs from profiles consisting of low to high levels of the more controlled types of motivation1 in combination with low to high levels of the more autonomous types of motivation (11, 13). In general, studies have supported the assumptions of the SDT, showing that people with different profiles varying in the amount (i.e., having high, moderate, or low scores on each motivational regulation) and types (i.e., more autonomous vs. more controlled profiles) of motivation reported differences in well-being, attitudes, and behavior.

However, the contexts of these studies influenced the nature of the profiles that emerged (14, 15, 17). More specifically, a review of the literature illustrated that studies in the work context reported more truly autonomous profiles than studies in the educational (especially among high school students) and sport (especially among elite athletes) contexts, in which more controlled profiles emerged. Given the unique nature of the unemployment context, it was, thus, necessary to investigate profiles in this context to understand how the different types of motivation combined and the consequences of this. In such a pressurizing and discouraging context, one would most likely find controlled profiles rather than autonomous profiles. Amotivation might also be more prominent than in other contexts, resulting in amotivated profiles being more prevalent among the unemployed than in other contexts. Interestingly, we envisioned that amotivation might, furthermore, co-present with high levels of motivation—in those motivated to search, yet feeling that (re-)employment was not attainable because of personal and structural barriers.

The current study took an exploratory approach in identifying the number and configurations of profiles, considering the variations in profiles in previous studies in different contexts and the absence of evidence in the unemployment context. Given that previous research typically identified between three (18, 19) and six (20, 21) profiles, we thought it likely that a similar number of profiles would be identified using latent profile analysis (LPA), and we expected the established profiles to differ in both amount (i.e., levels) and quality (i.e., shape) of motivation. We, thus, posed the following broad hypothesis:

Hypothesis 1: different motivational profiles exist among the unemployed, differing in the amount and quality of motivation.

We expected these profiles to differ in outcomes, which would further attest to their construct validity and practical relevance (22). In the current study, we included affective experiences, employment commitment, and job search intensity to evaluate the concurrent validity of the motivational profiles. These outcome variables have important implications for the well-being and (re-)employment of the unemployed (3).



Experiences, Attitudes, and Behavior as a Function of Profile Membership

The unemployed may have many negative affective experiences such as little social contact with people outside their immediate family, loss of their social identity, having no shared purpose, and the absence of a daily time structure and participation in regular activities (23). However, some unemployed may also have positive experiences, such as enjoying the extra time they spend with significant others or feeling more relaxed (24, 25). To fully understand how unemployed individuals with divergent motivational profiles differ in their experience of unemployment, we included both negative and positive experiences. Perceiving the job search as futile (i.e., amotivated profiles) or as a series of “musts” and “should” (i.e., controlled profiles) could potentially deprive the unemployed even more of the benefits they would have enjoyed as employees and prevent them from making the most of their available time. In contrast, the opposite should hold for unemployed individuals with more autonomous profiles (4). Therefore, we hypothesized as follows:

Hypothesis 2: profiles with higher levels of amotivation should report the highest levels of negative experiences and the lowest levels of positive experiences, followed by profiles with higher levels of controlled motivation. In contrast, autonomously motivated profiles should report the lowest levels of negative experiences and the highest levels of positive experiences.

To understand the attitudes of the unemployed to the labor market, we studied commitment to employment (26), which is defined as “the extent to which a person wants to be engaged in paid work” [(27), p. 130]. As one goes through the motions of a job search not seeing value in employment (5), amotivated profiles should associate with a lower commitment to employment. Also, searching for a job because one has to could alienate those with a controlled profile from the value of employment and should have negative implications (5, 6). Autonomous profiles should associate with a higher value attached to employment, as performing activities that are volitional and consistent with the self elicit positive attitudes (21, 28). We, therefore, posed this hypothesis:

Hypothesis 3: profiles with higher levels of amotivation should report the lowest levels of commitment, followed by profiles with higher levels of controlled motivation. In contrast, autonomously motivated profiles should report the highest levels of commitment.

Finally, we studied job search behavior, which is the most important problem-focused coping strategy of the unemployed (29). It is captured by the frequency with which individuals engage in a particular job search activity within a specific time frame (3). Lacking the motivation to act and persist (i.e., amotivated profiles) (5) is likely associated with low levels of job search, even more so than feeling pressurized and experiencing stress while engaging in the job search (i.e., controlled profiles) (5, 6). In contrast, unemployed individuals who can identify with looking for a job (i.e., autonomous motivation) will most likely invest more energy in searching for a job (5–7).

Hypothesis 4: profiles with higher levels of amotivation should then report the lowest levels of job search, followed by profiles with controlled motivation. In contrast, autonomously motivated profiles should report the highest levels of job search.




METHODS


Participants and Procedure

Participants were recruited from two informal settlements in the Gauteng province of SA: Boipatong and Orange Farm. Since 1955, Boipatong has housed the former employees of a manufacturing company, but the turbulence in the world steel market has led to the organization reducing its labor force (30) drastically. Orange Farm, a much younger township, was developed by former farmworkers and has attracted many unemployed or retrenched farmworkers since 1988. It has become the largest and most populous informal settlement in SA. Most of its (unskilled) residents live in shacks, with inadequate infrastructure to access the community (31). We used convenience (i.e., recruiting unemployed participants roaming the streets and door-to-door) and volunteer sampling (i.e., advertisements in community newspapers and on community radio stations) to obtain a heterogeneous sample of the unemployed. Permission was obtained from the Humanities and Health Research Ethics Committee (HHREC) of the North-West University (NWU-HS-2016-0002) and the Social and Societal Ethics Committee (SMEC) of KU Leuven (G-2016 01 452). During the first visit, an information letter was given to prospective participants, in the language of their choice; the information was also explained verbally to the prospective participants to enhance understanding. The participants were allowed 24 h to decide whether they wanted to participate, after which the fieldworker returned to their homes with the consent letter and the questionnaire. Due to the lower levels of education of the participants, fieldworkers assisted them in filling out the questionnaires by reading the questions out loud (i.e., structured interviews) and translating questions from English to one of the local languages when necessary. A back-translation judgmental design was employed to determine the equivalence of translated questionnaires (32).

The final sample consisted of 867 participants from Boipatong (54.20%) and Orange Farm (45.80%). Slightly more females (54.30%) than males (45.70%) participated. Almost all participants (99.20%) were black, and most spoke either Sesotho (46.80%) or isiZulu (28.50%). The majority did not complete (58.70%) or only completed (38.70%) secondary education. On average, they were 32 years old (SD = 10.46), and most had been unemployed for more than 2 years (64.90%). Quite a number of them were single (79.30%), and more than half of them were living with parents or grandparents (or other family members) (50.50%), with no other income in the household from either employment or self-employment (50.10%). On average, they had two family members who were financially dependent on them (SD = 2), with two-thirds (66.10%) reporting social assistance received by others in the household. Only 22.50% received grants themselves. The sample was mostly characteristic of the unemployed in SA.



Measures
 
Background Characteristics

Several variables were included that are commonly associated with motivation and/or experiences, attitudes, and behavior in an unemployment context: gender, age, educational level, marital status, living situation, area (township), unemployment duration, employment history, social assistance (self or others) or another form of income earned by others in the household, and the number of individuals financially dependent on the unemployed participant.



Motivation

Twenty-six items adapted2 from the Job Search Self-Regulation Questionnaire (5) tapped into individuals' motivation to search. Respondents were asked to rate the extent to which they agreed with statements reflecting personal amotivation (e.g., “I do not look for a job because I do not know how to start searching for a job”), structural amotivation (e.g., “I do not look for a job because there are no jobs available”), external regulation (e.g., “I look for a job because I feel pressure from others to do so”), introjected regulation (e.g., “I look for a job because I feel ashamed of being unemployed”), and identified regulation (e.g., “I look for a job because work is personally important to me”). The rating was done on a three-point Likert-type scale, ranging from 1 (disagree) to 3 (agree). A three-point scale was employed, as it is less cognitively demanding and is usually more appropriate when researching those with lower levels of education.



Experiences

Participants' positive (e.g., relaxed) and negative (e.g., lonely) affective experiences were measured by means of 16 items derived from the Experience of Unemployment Questionnaire (EUQ) (34) that had previously been used in the SA context (26). These positive and negative affective experiences were rated on a three-point frequency scale, ranging from 0 (never) to 2 (often).



Commitment

The importance participants attached to employment was measured by seven items based on the Employment Commitment Scale of Warr et al. (27), which had also been used in the SA context by De Witte et al. (26). Participants needed to indicate the extent to which they agreed with a range of statements (e.g., “I find it important to have work”) on a three-point Likert-type scale, ranging from 1 (disagree) to 3 (agree).



Job Search Behavior

Job search intensity was measured by asking how many times participants had performed any of the seven different job search behaviors [e.g., “Searched for advertisements on social media (e.g., Facebook, LinkedIn)” or “Submitted job applications”]. Participants needed to reflect on these behaviors using a five-point frequency scale, ranging from 0 (never) to 4 (10 times or more) (34). The EUQ items used by De Witte et al. (34) were adapted by adding two items to accommodate more recent job search methods (i.e., social media).




Statistical Analysis

Mplus 8.6 (35) was used for data analyses. First, independent cluster modeling (ICM) using confirmatory factor analysis (CFA) and exploratory structural equation modeling (ESEM) were performed using the mean- and variance-adjusted weighted least squares (WLSMV) estimator to evaluate the preliminary measurement models. This approach was chosen because other approaches to evaluate the construct-relevant multidimensionality of constructs have been criticized. Specifically, exploratory factor analysis (EFA) is deemed inappropriate when validating instruments with an a priori factor structure. The ICM approach, used as part of CFA, is too strict as it assumes that items only load onto their own (target) factors. This assumption is deemed unrealistic because indicators (or items) are rarely uniquely related to only one factor, especially when constructs overlap theoretically (36), as is the case here. ESEM allows researchers to work from an a priori defined factor structure, yet relaxes the strict assumptions underlying CFA (36). It provides more exact estimates of factor correlations (37) and is therefore better suited to test motivation's continuum structure (38, 39).

Due to the cross-sectional nature of the data and the adaptations made to some of the measuring instruments, several measurement models were evaluated to determine the most optimal factor-analytic solution. Testing competing measurement models further provides evidence for the construct validity of the instruments. The fit of these models was assessed based on recommendations by Kline (40), Morin et al. (36) and Van Zyl and Ten Klooster (41). The reliabilities of the scales were calculated using the ordinal version of Cronbach's alpha reliability coefficient, which is appropriate for estimating the reliability of variables at an ordinal level (42).

Second, LPA was performed on the factor scores saved from preliminary measurement models, a practice that is more common in recent applications of mixture models (22, 43). This procedure controls for measurement error by giving more weight to items with lower levels of measurement error, thus reducing bias to which scale scores are prone (44). LPA is a model-based approach to cluster individuals or cases into groups (i.e., latent profiles) based on their responses to observed continuous variables (45). LPA was preferred for this study because of the possibility of using objective, statistical indices and tests to decide the optimal number of profiles [see (46, 47) for a full overview of the benefits]. Formal statistical procedures, based on Wang and Wang (48), were used to determine the optimal number of profiles. We used the indices recommended by Tofighi and Enders (49) to compare the fit of the models with different numbers of profiles. Simulation research has looked at the performance of these various indicators to facilitate decision-making regarding the optimal number of latent profiles [see (13) for a brief overview]. Simulation studies have demonstrated that the Bayesian information criterion (BIC) and the bootstrap likelihood ratio test (BLRT) outperform the other indices (50, 51), and these were used in the current research to inform decision-making.

Finally, we used the Bolck-Croon-Hagenaars (BCH) method [see (52) for a detailed description] to compare the levels of negative experiences, positive experiences, employment commitment, and job search behavior across the profiles as another means to validate the profiles, rather than defining them. BCH is the preferred method for continuous covariates (53), which is the case with factor scores.




RESULTS


Preliminary Measurement Models

First, the factor analytic models for motivation were specified without the outcome variables to retain independence between the profiles and the covariates. Several competing ICM-CFA and ESEM models were estimated (see the Supplementary Material for more information). Following the fit statistics reported in Supplementary Table S1, the ESEM solution fitted the data best: χ2 = 354.49, df = 205, p < 0.001; root mean square error of approximation (RMSEA) = 0.029 [0.024, 0.034], p = 1.00; comparative fit index (CFI) = 0.99; Tucker–Lewis index (TLI) = 0.98; standardized root mean squared residual (SRMR) = 0.03.

Second, the dependent well-being, attitude, and behavioral variables were modeled (separate from the motivation variables to retain independence) in line with theory and previous empirical work (8): negative experiences (10 items), positive experiences (six items), the importance of work (seven items), and job search behavior (seven items). The revised model3 (Model 1a) had acceptable fit on most fit statistics (M1: χ2 = 1305.91, df = 399, p < 0.001; RMSEA = 0.051 [0.048, 0.054], p = 0.26; CFI = 0.87; TLI = 0.85; SRMR = 0.08; M1a: χ2 = 1041.66, df = 369, p < 0.001; RMSEA = 0.046 [.043, 0.049], p = 0.98; CFI = 0.90; TLI = 0.89; SRMR = 0.07). Last, a set-ESEM model was specified (consisting of an ESEM-within-CFA model plus the covariates) to enable reporting of the correlations between the motivation variables and the covariates (χ2 = 2468.10, df = 1310, p < 0.001; RMSEA = 0.035 [.033, 0.037], p = 1.00; CFI = 0.93; TLI = 0.92; SRMR = 0.07). Means, standard deviations, reliability coefficients, and correlations for all variables used in the present study are reported in Table 1.


Table 1. Means, standard deviations, reliability estimates, and correlations.
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Latent Profile Analysis

Next, the optimal number of motivational profiles was determined by estimating models—based on the ESEM factor scores—with increasing numbers of latent profiles based on the theoretical meaning and the statistical adequacy of the solutions. An exploratory approach (specifying as many profiles as the data allowed) was warranted, as the study set out to investigate profiles in a new context. Models with one to six profiles were specified. Table 2 shows the fit indices for the models.


Table 2. Comparison of profile models.

[image: Table 2]

Examination of the plots indicated that adding a fourth profile resulted in the addition of a qualitatively and quantitatively different profile, compared to the model with three profiles. Adding a fifth profile resulted in a division of an existing profile (Profile 2) into two smaller profiles (with similar levels of all types of motivation), but did not add anything theoretically meaningful (i.e., there were no shape differences between these two profiles). Therefore, from a theoretical point of view, the solution representing four motivational profiles was preferred. The AIC, BIC, and ABIC values continued to decrease, and the BLRT remained statistically significant (p < 0.001). As this might be influenced by sample size (54), we examined the elbow plots (see Figure 1) to see whether indicators might improve without reaching a minimum (13). These plots supported a meaningful improvement from the three- to the four-profile solution, indicating that a plateau was not reached. Based on all of these observations, the more parsimonious four-profile model was preferred. The solution was theoretically interpretable and yielded adequate profiling (i.e., reliable classification of cases into the profiles); the posterior class membership probabilities were all above 0.86 [exceeding 0.70 as recommended by (55)], and the entropy value (of 0.85) exceeded 0.80, translating into high classification certainty (56).


[image: Figure 1]
FIGURE 1. Elbow plot for the information criteria.


As displayed in Figure 2, the four profiles differed in levels and types of motivational regulation. This result provided support for Hypothesis 1. As also can be understood from the upper half of Table 3, Profile 1 characterized the amotivated unemployed (45.15% of the sample), presenting high levels of amotivation and average to low levels of external, introjected, and identified regulation. Profile 2 characterized the ambivalent unemployed (16.72% of the sample), presenting high to very high levels of all types of motivational regulation. Profile 3 characterized the motivated unemployed (18.60% of the sample), presenting very low levels of amotivation and high levels of external, introjected, and identified regulation. Profile 4 characterized the unmotivated unemployed (19.52% of the sample), presenting very low levels of amotivation and low to very low levels of external, introjected, and identified regulation.


[image: Figure 2]
FIGURE 2. Description of the motivational profiles. Standardized factor score plot with an average of 0 and a standard deviation of 1.



Table 3. Mean-level differences between retained motivational groups.
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We compared the four profiles on participants' background characteristics (see Supplementary Table S5). Chi-square (χ2) tests indicated that the four groups differed regarding age [χ2 (df = 9, n = 859) = 59.37, p < 0.001], education [χ2 (df = 6, n = 861) = 30.58, p < 0.001], marital status [χ2 (df = 3, n = 861) = 19.53, p < 0.001], living situation [χ2 (df = 15, n = 861) = 53.12, p < 0.001], area [χ2 (df = 3, n = 867) = 44.67, p < 0.001], and grants (claimed by others in the household) [χ2 (df = 9, n = 817) = 26.49, p < 0.001]. Cramer's V provides a measure of the strength of the association between the categorical variables (57). Cohen's (58) guidelines were used to determine the magnitude of the practical effect sizes: small (0.10), medium (0.30) and large (0.50). These associations were generally small: 0.15 (age), 0.13 (education), 0.15 (marital status), 0.14 (living situation), 0.23 (township), and.10 (grants—others).



Experiences, Attitudes, and Behavior as a Function of Profile Membership

We then proceeded by testing the associations between the motivational profiles and the well-being, attitudes, and behavior of the unemployed and tested Hypotheses 2 to 4. As displayed in the lower half of Table 3 and Figure 3, the BCH analysis indicated significant differences for each of the four outcomes.


[image: Figure 3]
FIGURE 3. Negative experiences, positive experiences, employment commitment, and job search intensity as a function of membership of the motivational profiles.


According to Hypothesis 2, profiles with higher levels of amotivation should report the highest levels of negative experiences and the lowest levels of positive experiences, followed by profiles with higher levels of controlled motivation. In contrast, autonomously motivated profiles should report the lowest levels of negative experiences and the highest levels of positive experiences. Our results, however, showed that the unemployed in the motivated and the ambivalent groups reported the highest (but not significantly different) levels of negative experiences, followed by the amotivated group and, lastly, the unmotivated group. Apart from the results of the ambivalent group, the findings contradicted our expectations as set out in Hypothesis 2. Our results showed that the motivated group reported significantly more positive experiences, followed by the amotivated and unmotivated groups (who did not differ significantly from each other). The ambivalent group reported the least positive experiences. Therefore, the finding provided support for Hypothesis 2.

According to Hypothesis 3, we expected that profiles with higher levels of amotivation should report the lowest levels of commitment, followed by profiles with higher levels of controlled motivation. In contrast, autonomously motivated profiles should report the highest levels of commitment. Our results indicated that the motivated and the ambivalent groups were equally committed, but more committed than the unmotivated and amotivated groups (who did not differ significantly from each other). This result provided support for Hypothesis 3.

According to Hypothesis 4, we expected that profiles with higher levels of amotivation should then report the lowest levels of job search, followed by profiles with controlled motivation. In contrast, autonomously motivated profiles should report the highest levels of job search. Our results indicated that only the motivated reported significantly higher job search intensity. This result provided some support for Hypothesis 4.




DISCUSSION

This study aimed to examine the motivational functioning of the unemployed by exploring their profiles based on their different types of motivation (as mentioned in SDT) to look for a job and the associated affective experiences, attitudes, and job search behavior. This investigation would allow us to gain more theoretical knowledge on the associations of the combinations of the types of motivation (rather than using them as separate variables in the analysis) and provide practice with more ecologically valid suggestions on how to help the unemployed.

The different types of motivation combined naturally into four different groups. We first found an amotivated profile similar to the amotivated profiles previously reported in the sports and work contexts (13, 16, 59) and was the largest group (45.15%) in this sample. This profile reflects our reasoning that the unemployed might not search (or might search with less effort for different reasons) for a job in a discouraging context. Second, another profile with high levels of amotivation, that is, the ambivalent, was found. This profile is unique as profile research in other contexts typically reports a profile characterized by high levels of amotivation combined with low levels of other types of motivation (13, 20, 59), rather than the high levels of other types of motivation as found among the unemployed. This profile clearly illustrates that amotivation can manifest together with motivation in the context of unemployment. Some unemployed may, thus, feel inhibited by their environment or their own characteristics, but are still motivated to search for all kinds of different reasons. Together, these two profiles represented almost two-thirds of the sample, which is significantly more than the number of amotivated profiles typically reported in the literature (13, 59).

Alongside the profiles where amotivation played an important role, we also found a more motivated profile (only 18.60% of the sample). This profile aligns with previous profile research (59–61) and shows that behavior could be multi-motivated (9). Unemployed individuals may thus search for a job for various reasons simultaneously, and they may not have either controlled motivation or autonomous motivation. This profile clearly illustrates why variable-centered research (62) runs short in providing complete insights into people's motivation and the consequences of the interplay between various types of motivation.

Lastly, the results indicated an unmotivated profile (19.52% of the sample). The existence of this profile again contradicts most previous profile research (63–65), in which high(er) levels of amotivation combined with low levels of the other types of motivational regulation to form the unmotivated group. However, it corresponds somewhat to a profile identified by Abós et al. (66), which they labeled the low motivation group. As the opposite of the ambivalent group, this finding confirmed that even in the absence of barriers (resulting in amotivation), some unemployed individuals might still not be motivated to search for a job. It might be that these individuals had adapted to unemployment (24, 25) and/or had withdrawn from the labor market (67, 68).

In general, the amotivated were psychologically somewhat well (i.e., they had few negative experiences). Still, economically, they were less ideal as they displayed little commitment to employment and were not searching that intensely for a job. So, going through the motions of job search whilst not being compelled to or seeing its value protects the individual somewhat psychologically but means that one withdraws from the labor market. Similarly, the unmotivated may have experienced the least negative experiences, but not even going through the motions, not being compelled to, and seeing little to no value in searching for a job, was highly detrimental for labor market participation. The negative attitudinal and behavioral implications are in line with SDT and previous research where poor quality and low quantity profiles had worse outcomes than high quantity and good quality profiles (16, 28). Although the attitudinal and behavioral outcomes are in line with SDT, the finding that amotivation could associate with well-being is a challenging new finding in light of SDT. Still, the somewhat better psychological outcomes for the unmotivated than the amotivated profiles align with SDT and previous profile research, where profiles with high levels of amotivation are usually associated with more negative outcomes than those with low motivation (59, 61). This finding is not surprising as engaging in a job search, faced with seemingly insurmountable barriers, likely has more negative affective consequences for the unemployed than not engaging in the job search process (especially when combined with more controlled and less identified reasons as was the case for the amotivated).

In contrast, the ambivalent (and more so the motivated) group was economically more ideal. Both groups reported relatively high levels of commitment to employment, and the motivated also reported more job search intensity than all the other groups. So, being motivated to search for a job (regardless of the reason) fosters more positive attitudes and job search behavior (especially in the absence of amotivation). However, both these profiles suffered more psychologically (i.e., the highest levels of negative experiences) than their a- or unmotivated counterparts. These results may not be surprising. Studies have highlighted that mixed profiles may be more beneficial for performance (28, 69) than well-being (28, 70). Both profiles reported more controlled motivation than identified regulation, with the former being relatively beneficial for performance, yet detrimental for well-being (62). Motivated profiles also generally have more favorable attitudes (13, 70).

The motivated, furthermore, reported (the most) positive affective experiences, whereas, the ambivalent reported the least positive experiences. Experiencing unemployment as both negative and positive may be unusual, but is not entirely uncommon [see (24, 25)]. Again, our findings showed the detrimental effect of perceiving the environment as constraining while being motivated to find a job. SDT proposes that, for optimal well-being, one should be able to freely engage in an action in line with what one wants and supported by the environment (71). In addition to the absence of amotivation, the more “balanced” experience (of external and introjected vs identified regulation) evident among the motivated provides more opportunities to report positive affective experiences and intensified job search efforts.

The study makes two important contributions to research. First, the nature and prevalence of the respective profiles reflected the frustrating impact of the environment on motivation and/or the adaptation of the unemployed who developed these profiles to cope with their situation. There was no profile with optimal motivation (i.e., a profile characterized by high levels of autonomous motivation and low levels of controlled motivation and amotivation), and more than half of the sample reported high levels of amotivation. Amotivation is not always included in profile studies, but the latter finding illustrates the importance of including amotivation, especially in investigations conducted in discouraging environments. Our findings allowed us to generalize some of the previous research in both the work (13) and high school educational contexts (17, 72), which did not obtain highly self-determined profiles, but also supported the contextual influences argument to the extent that one peripheral profile (i.e., ambivalent) unique to this context emerged. SDT is a “positive” theory that essentially assumes that people inherently strive for self-determination (73). Still, in this context, one has to critically reflect on the manifestation of self-determination.

Second, the combination of different reasons for job search into motivational profiles illustrated that—in combination—the different types of motivation might show unexpected associations with an individual's well-being, attitudes, and behaviors. Being motivated or ambivalent is detrimental to well-being, but conducive to employment commitment. Being motivated is also conducive to job search intensity. These findings extend variable-centered findings illustrating that while amotivation and controlled motivation to look for a job are important predictors of negative experiences, attitudes, and behavior, searching for a job because you truly value the activity (i.e., identified regulation) may alleviate the burden of unemployment (5–7). Our results challenge these findings because the results suggest that the negative impact of amotivation and controlled motivation co-depends on the level of identified regulation within a person. For example, being motivated (i.e., having a profile with high levels of external and introjected regulation combined with high levels of introjected regulation) is beneficial for job search intensity and positive affective experiences. Also, being ambivalent (i.e., having a profile with high levels of all types of [a]motivation) results in positive attitudes and supports job search efforts.


Limitations and Suggestions for Future Research

Although the study made a notable contribution to motivation and unemployment research using sophisticated statistical methods, some limitations are worth mentioning. The cross-sectional design made it impossible to reach conclusions regarding the direction of the associations between the profiles and the “dependent” variables and the stability of profile membership over time. To understand the causality of the relations (13) and the dynamics of the profiles (or profile membership over time (34, 74, 75), future longitudinal research is warranted. In this regard, we advise that researchers follow the recommendations of Spector (76) when designing longitudinal studies.

The strength of the study lies in the novel context in which it investigated profiles. Although the sample was mostly typical of the unemployed in SA, future research in different samples of the unemployed (in SA and elsewhere) could strengthen the validity (and generalizability) of these profiles. In line with sample recommendations, even though our sample was quite large and exceeded the recommendations for the minimum sample size (n = 500) for LPA (51), we cannot discount the possibility that a larger group of participants would not have yielded an additional (e.g., self-determined) group that might exist in the population. Therefore, additional and larger samples are needed to (dis)confirm the existence of such a profile.

Other limitations include the sampling technique, scales that needed to be adapted, the questionnaire that was kept simple (i.e., a three-item response scale), the use of an interviewer, and no follow-up in terms of long-term effects of finding employment. Although we took different avenues to sample, if we genuinely want to understand this problem, we must also examine the extreme groups (that are less accessible to researchers) that do not have access to benefits or even a sustainable livelihood during unemployment. Other recommendations include expanding the scale response options (within reasonable limits), validating the adapted scales in more samples, possibly excluding the interviewers for more genuine responses, and measuring whether the participants found jobs. Future research may also include other factors that are important in the psychological impact of unemployment to enhance our understanding of the psychological burden of unemployment [see (3, 77)]. The inclusion of psychological need satisfaction and need frustration would also provide important empirical evidence regarding the ability of psychological needs to support some of our explanations [see (8)].

Differentiating between different types of amotivation is perhaps not valuable for person-centered research in the unemployment context; the different types of amotivation tended to covary in this sample. However, it was interesting from a variable-centered perspective, as although the two types of amotivation were highly related, they yielded different relations with the other types of motivation and the outcomes. Personal amotivation was more strongly related to identification (i.e., seeing personal barriers also associated with how important something could be both in terms of identification and commitment) than structural amotivation. This could be partly adaptive, but also maladaptive, depending on whether these personal characteristics were malleable or not. However, it was primarily structural amotivation that linked to search behavior and high negative and low positive affective experiences. Therefore, our results open up new avenues for research in which amotivation is treated in a more nuanced way (i.e., multidimensional as opposed to unidimensional), similar to the other types of motivations.



Practical Implications

According to the World Health Organization (WHO), mental health is a combination of the absence of mental disorders and the presence of mental health and well-being (78). Consequently, public mental health focuses on the prevention of mental disorders as well as mental health promotion by means of policies, governance, and organization (79, 80) at the population level (80). Given the prevalence of unemployment (especially in a non-WEIRD [Western, educated, industrialized, rich, and democratic] context such as South Africa) and the negative implications of unemployment for mental health, policy-makers should prioritize the development of evidence-based remedial and proactive policies and practices that guide (re-) employment, as well as promote the mental health of those that remains unemployed. Motivational profiles can enhance both accessibility and comprehension of motivation research by practitioners and policy-makers when information is presented regarding an individual's functioning, rather than the functioning of a variable (81). Jahoda (82) highlighted the importance of motivation in unemployment almost four decades ago, and meta-analytic results support the value of enhancing motivation through job search interventions (83). If we can tell them about unemployed people's (a)motivation, they can design interventions for unique groups. Several recommendations can be made. First, unemployment counselors should think about different people when they counsel the unemployed because they are not one homogeneous group. Second, as the motivated is the more adaptive profile, with presumably better prospects of finding employment, interventions should concentrate on facilitating (re-)employment among those with this profile. Third, interventions should aim to reduce the number of individuals in the ambivalent profile, which is the least psychologically adaptive profile—for example, by increasing one's coping with barriers or removing the barriers. Lastly, although the amotivated and unmotivated are not less desirable from a psychological perspective, they are from an economic perspective. They have less commitment to employment, and if left unattended, their search behavior will likely decrease to minimize the discrepancy between values and behavior. Interventions should, however, not blindly focus on “activating” these two groups, as they can easily turn into ambivalent rather than motivated. Following the caution not to blindly “activate” them, job creation and entrepreneurial interventions are recommended in conjunction with psychological interventions.




CONCLUSION

The results of this study indicated the existence of different motivational profiles, consisting of different levels and types of motivational regulation. Furthermore, it was found that these profiles induced different outcomes—with the more motivated profile being more beneficial—providing support for the construct validity of these profiles. Interpretation highlighted that affective, attitudinal, and behavioral consequences depended on the combination of motivational types rather than the types in isolation. Employment counselors and policymakers should tailor unemployment interventions to suit the needs and expectations of the different types of unemployed to enhance the effectiveness of, and satisfaction with, these interventions.
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FOOTNOTES

1The Supplementary Material contains a comprehensive overview of the definition and operationalization of motivation for the current study.

2The instrument was adapted in the current study through the elimination of items that were not relevant in South Africa (e.g., “because I find it enjoyable to explore the job market and search for jobs for which I am qualified”), and some items were adapted (e.g., “because I am too poorly educated to be accepted by an employer”). The amotivation items were developed guided by research on discouraged job seekers in which the barriers that unemployed people experienced discouraged them from seeking work. Here, it was argued that unemployed people were mostly discouraged by poverty, high unemployment rates, own duration of unemployment, the cost of the job search, and lack of education, to name a few (33).

3Model improvement included deleting one item from the importance of work scale (“People do not have to work as such to be constructively occupied”, insignificant factor loading). Two correlations between the residuals of items were allowed: “My self-worth has decreased” and “I have lost my self-confidence” (MI = 81.92) due to the theoretical overlap and “Searched for advertisements in newspapers and weeklies” and “Searched for advertisements on the internet (e.g. job or organizational websites) or social media (e.g. Facebook, LinkedIn)” (MI = 62.61) due to similar prompts.
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