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Background: There have been few consistencies in the effects and pathways 
of neighborhood socioeconomic status (SES) on functional limitations. This 
study aimed to investigate whether neighborhood socioeconomic status 
influences ADL/IADL in older residents in China through the neighborhood built 
environment and social environment.

Methods: Activities of daily living/IADL were assessed in a sample of 5,887 
Chinese individuals aged 60 or older, utilizing data obtained from the 2011 
China Health and Retirement Longitudinal Study (CHARLS 2011). Neighborhood 
SES was measured by the neighborhood per-capita net income. Neighborhood 
built environment was measured by the security resources, motion resources, 
living resources, service resources for older adults, and medical resources 
of neighborhood. Neighborhood social environment was measured by 
the organizations, unemployment subsidies, minimum living allowance, 
subsidies to persons older than 65, and pensions to persons older than 80 of 
the neighborhood. The two-level logistical regression model and multilevel 
structural equation model (MSEM) were used.

Results: The rate of ADL/IADL loss among Chinese older adults aged 60 and above 
in 2011 were 32.17 and 36.87%, respectively. Neighborhood SES was significantly 
associated with ADL/IADL in older adults. Compared with the respondents living 
in communities with lower SES, those living in communities with higher SES 
possessed better ADL (β  =  −0.33, p  <  0.05) and IADL (β =  −0.36, p <  0.05) status. 
The path of neighborhood socioeconomic status on ADL was completely 
mediated by the neighborhood built environment (β  =  −0.110, p  <  0.05) and 
neighborhood social environment (β  =  −0.091, p  <  0.05). Additionally, the effect 
of neighborhood socioeconomic status on IADL was fully mediated by the 
neighborhood built environment (β =  −0.082, p <  0.05) and neighborhood social 
environment (β =  −0.077, p <  0.05).

Conclusion: Neighborhood SES was significantly correlated with ADL/IADL 
through the neighborhood environment. Improving the ADL/IADL status of 
older adults residing in low socioeconomic neighborhoods requires enhancing 
the built and social environment by provisioning additional neighborhood 
resources.
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1 Introduction

Population aging is a major global trend as life expectancy rises, 
driven by advances in healthcare, medical conditions, improved access 
to education, and declining fertility rates (1). According to the World 
Social Report 2023, the worldwide population of individuals aged 65 
and above reached 761 million in 2021, with projections suggesting a 
rise to 1.6 billion by 2050 (2). There is an enduring, mostly irreversible 
pattern toward an aging demographic in numerous countries. This 
group is considered high-risk for various diseases, and the advanced 
age and multiple medical conditions in older adults can lead to 
disability, resulting in a loss of self-care, decreased quality of life and 
life expectancy, and an increased risk of depression and suicide (3, 4). 
This, in turn, leads to increased healthcare needs and prolonged care 
requirements for older adults, putting a strain on healthcare and social 
welfare systems.

Disability is commonly measured by activities of daily living 
(ADLs) and instrumental activities of daily living (IADLs), which are 
important indicators of older adults’ ability to care for themselves, 
their quality of life, and their daily health care needs (5, 6). In prior 
research, ADL is frequently combined with IADL, and the two 
concepts are interrelated, with ADL being the more severe form (7) 
and IADL being the most potent predictor of ADL (8). The overall 
outlook for functional limitations in older adults is disheartening, with 
around 29% of individuals aged 65 and older who were registered in 
United States Medicare programs experiencing at least one ADL loss, 
and roughly 12% of older adults having trouble with one or more 
IADLs without any ADL limitations (9). A multivariate study 
indicated that 24.8% of individuals over the age of 70 in Germany had 
ADL loss, while 45.8% reported IADL limitations (8). In Brazil, 32.7% 
of the participants aged 60 and over were unable to perform at least 
one IADL and/or ADL, and 18.1% of the population suffered from 
ADL disabilities (10). In China, the number of older adults with ADL 
loss was projected to increase from 8.4 million in 2010 to 37 million 
in 2050, resulting in a high burden of care and medical costs for 
individuals, families and society (11).

Neighborhood socioeconomic status (SES), which encompasses 
educational, occupational, and economic resources (12), reflects 
inequalities in macro-resources and neighborhood environmental 
resources. As one of the neighborhood characteristics, SES serves as a 
commonly used indicator to assess environmental quality (13) in 
addition to being closely related to the health of the older adults (14, 
15). In the study of neighborhood SES and ADL loss among older 
adults, Philibert et al. (16) found that there was a positive correlation 
between neighborhood SES and the non-loss rate of ADL/IADL 
among older adults, the higher the neighborhood SES, the higher the 
non-loss rate of ADL/IADL. Freedman et al. discovered that men 
residing in neighborhoods with lower socioeconomic status had a 
higher risk of ADL/IADL limitation, whereas no such relationship was 
found for women (17). However, Glymour et al. (18) argued that there 
was no statistically significant association between low neighborhood 

SES and ADL loss. Therefore, current studies have not reached a 
consistent conclusion regarding the connection between 
neighborhood SES and functional limitations in older adults.

In addition, few studies have investigated the exact mechanism by 
which neighborhood SES affects ADL/IADL. According to the social-
ecological model, we speculated that the community environment 
may be a potential influencing factor that was closely associated with 
the socioeconomic status (SES) of the community (19). As Chong 
et  al. found, communities with higher socioeconomic status have 
better infrastructure, such as educational facilities, recreational 
facilities, and public transportation, and residents have access to more 
employment opportunities, a wider range of material resources, and 
social benefits (20). On the other hand, communities with higher 
socioeconomic status are less likely to be  exposed to violent and 
chaotic environments and have access to more economic resources 
(21), thus helping to build a variety of activity organizations to enrich 
the lives of older adults and create a harmonious social atmosphere. 
Generally, the built environment and the social environment are two 
domains of the neighborhood environment (22). Specifically, the 
neighborhood built environment refers to the physical aspects 
surrounding residential homes that can be altered by policies and 
behaviors, such as public infrastructure, road networks, and public 
spaces (23). The health-related neighborhood social environment is 
summarized to comprise neighborhood socioeconomic status, social 
capital, social services, and social security, etc. (22, 24)

Among the existing studies on neighborhood built environment 
and functional disabilities in older adults, Balfour’s study showed that 
inadequate lighting and excessive noise were associated with 
functional limitations (25). Poor street conditions in the community, 
including the absence of crosswalks and uneven surfaces, exacerbate 
the likelihood of older adults experiencing ADL loss, while also 
worsening the condition of those who already exhibit impaired 
functional status (26). Gobbens’ study indicated that neighborhoods 
with increased safety and reduced crime rates had a lower occurrence 
of ADL/IADL loss among older adults, while street conditions 
(streetscapes, pathways, and lighting) were only associated with IADL 
(27). In terms of neighborhood esthetics, older adults residing in 
neighborhoods with poor environmental cleanliness and high levels 
of disorder, such as intentional graffiti or vandalism, experienced a 
greater incidence of ADL/IADL loss (28), whereas neighborhood 
cleanliness was only associated with IADL in Qin’s study (7). In 
contrast, exposure to green spaces surrounding residential areas 
enhances physical functioning, diminishes losses in ADL/IADL, and 
mitigates the burden of long-term care for older adults (29). However, 
in Peng’s study, exposure to green spaces surrounding residential areas 
was only associated with ADL (30).

Concerning the social environment in neighborhoods, Cao found 
that social capital, as measured by neighborhood trust involvement, 
had a significant positive effect on ADL among older adults in both 
urban and rural communities in Indonesia (31). After distinguishing 
social participation at the individual and neighborhood levels, Oshio 
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found that high levels of neighborhood social participation can reduce 
the likelihood of ADL loss among retired older adults (32). Similarly, 
older adults with lower levels of social capital had greater odds of 
ADL/IADL loss, particularly in terms of perceived neighborhood 
cohesion (33). And in a study of neighborhood cohesion through an 
ecological lens and longitudinal survey, Qin found that neighborhood 
social cohesion protects the ability of community-dwelling older 
adults to engage in self-care and domestic activities and may reduce 
the odds of ADL/IADL loss in older adults (7). Based on the 
aforementioned evidence, do neighborhood built environment and 
neighborhood social environment serve as mediating variables in the 
pathway by which community SES affects ADL/IADL?

As the world’s largest country with an aging population, China’s 
older adults over the age of 65 have reached 190 million (13.5%) in 
2020 (31). Due to the significant effects of aging, the inconsistent 
relationship and unclear mechanisms between neighborhood SES and 
ADL/IADL, this study utilized data from CHARLS 2011 to investigate 
how neighborhood SES impacts ADL/IADL in older adults, as well as 
whether it affects functional limitations through the neighborhood’s 
built or social environment. It may serve as a guide for enhancing 
older adults’ self-care abilities and overall quality of life by improving 
the surrounding community environment, specifically in areas with 
lower socioeconomic status.

2 Materials and methods

2.1 Data

China Health and Retirement Longitudinal Study is a national 
longitudinal survey of Chinese residents aged 45 and above, aimed at 
analyzing the trend of population aging and promoting 
interdisciplinary research on aging. The CHARLS sample was 
collected via multistage stratified probability proportional to size 
(PPS) sampling. The baseline survey, conducted in 2011, covered 28 
provinces, 150 counties or districts, 450 communities, and 10,257 
households, with 17,706 participants aged 45 years and older. In 
addition to individual data, data on neighborhood characteristics were 
also available. The neighborhood data were obtained from local 
officials, draftsmen, and interviewers’ observations, including aspects 
such as social, economic, policy, and other community-related factors. 
It should be noted that CHARLS only collected neighborhood data in 
2011, thus restricting our analytic sample to individuals over 60 years 
old who were interviewed in 2011. After excluding respondents under 
the age of 60 and communities with fewer than five samples (34), the 
study was conducted on a final sample size of 5,887 participants from 
444 communities. It comprised 3,694 respondents from 237 rural 
communities and 2,193 respondents from 207 urban communities.

2.2 Measurement

2.2.1 Dependent variable
Dependent variables were Activities of Daily Living (ADL) and 

Instrumental Activity of Daily Living (IADL). ADL was assessed using 
Katz’s Functional Index of ADL (30), consisting of six items that assess 
an individual’s ability to perform basic self-care activities such as 
bathing, eating, dressing, getting on and off the bed, using the toilet, 

and defecating. Each item was assigned to a corresponding question. 
IADL was typically assessed using six items, which encompassed 
cooking, household tasks, medication management, phone 
communication, shopping, and financial management (6). However, 
as CHARLS 2011 did not examine the task of making phone calls, our 
research on IADL only encompasses five components. These 
components were assigned to five questions, each containing four 
responses: “have any difficulty,” “have difficulty but can still do it,” 
“have difficulty and need help,” and “cannot do it.” If the participants 
completed six items with “have any difficulty,” we defined them as 
“ADL/IADL without loss” (=0). Conversely, if the respondents finished 
any items without “have any difficulty,” we categorized them as “ADL/
IADL loss” (= 1).

2.2.2 Independent variables
The study used the socioeconomic status (SES) of the 

neighborhood as an independent variable.
The per-capita net income and literacy index of neighborhood 

were used to measure neighborhood socioeconomic status (SES). The 
question on the per-capita net income of neighborhood was: “What 
was the per-capita net income of this village/community in 2010?” The 
higher a neighborhood’s per-capita net income, the higher its 
socioeconomic status. There were six questions to investigate 
neighborhood literacy level in CHARLS 2011 community 
questionnaire: (a) What percentage of the adult population is illiterate/
semi-illiterate in your village/community?; (b) What percentage of the 
adult population has only completed primary school in your village/
community?; (c) What percentage of the adult population has 
completed only up to junior middle school in your village/
community?; (d) What percentage of the adult population has 
completed only up to senior high school in your village/community?; 
(e) What percentage of the adult population has completed only up to 
college in your village/community?; and (f) What percentage of the 
adult population has completed only up to graduate school in your 
village/community? Principal component analysis was used to 
construct the community literacy index, and the formula was 
as follows:

 

neighborhood literacy index a b c
d e

  � � �
� � �
0 04 0 17 0 09

0 15 0 24

. . .

. . 00 32. f  (1)

The range of neighborhood per-capita net income was from 0 to 
50,415 RMB. And the range of neighborhood literacy index was from 
1.2 to 4.3. The higher the value of the indicator, the higher the level of 
the indicator. However, since the per-capita net income and the 
neighborhood literacy index were highly skewed distribution 
variables, the lower quartile (P25) and the upper quartile (P75) were 
used to divide them into three grades: “high” (=3), “middle” (=2), and 
“low” (=1). The P25 and P25 of neighborhood per-capita net income 
were 1,500 and 5,400 RMB, respectively. The P25 and P25 of the 
neighborhood literacy index were 1.96 and 2.44, respectively.

2.2.3 Mediator variables
We utilized the security resources, motion resources, living 

resources, service resources for older adults, and medical resources of 
the community to measure neighborhood built environment. 
Additionally, we used the organizations, unemployment subsidies, 
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minimum living allowance, subsidy to persons older than 65, and 
pension to persons older than 80 of the community to measure 
neighborhood social environment. These neighborhood 
characteristics have been shown to be associated with older adults’ 
mental health, such as cognitive function (35), self-rated health (36), 
and physical health such as cardiovascular disease (37).

In terms of the usage and venues of different facilities in surveyed 
communities, neighborhood security resources were measured by 
“whether the community has police stations or police room” (yes = 1, 
no = 0); Neighborhood motion resources were measured by “whether 
the community has one of exercise facilities (such as basketball court, 
swimming pool, outside exercising facilities, table tennis, room for 
card games and chess games, room for Ping Pong)” (yes = 1, no = 0); 
Neighborhood living resources were measured by “whether the 
community has one of living facilities (such as theaters, post offices, 
banks, farmers’ markets, supermarkets, and other entertainment 
facilities)” (yes = 1, no = 0); Neighborhood service resources for older 
adults were measured by “whether the community has one of service 
facilities for older adults (such as nursing homes, activity center for 
older adults)” (yes = 1, no = 0). Neighborhood questionnaires covering 
eight types of medical facilities (such as general hospitals, specialized 
hospitals, Chinese traditional medicine hospitals, nearby pharmacy 
stores, community health care centers, community health care medical 
posts, township health clinics and hospitals, and village medical 
posts), we defined the absence of any type of medical facility as “no 
community medical resource” (=0); we defined the presence of at least 
one type of medical facility as “have community medical 
resource” (=1).

Among neighborhood social environment, neighborhood 
unemployment subsidies were measured by “Does your village/
community have unemployment subsidies?” (yes = 1, no = 0); 
Neighborhood minimum living security fund was measured by “Does 
your village/community have minimum living allowance?” (yes = 1, 
no = 0); Neighborhood old subsidy was measured by “Does your 
village/community issue pension older than 65?” (yes = 1, no = 0) and 
“Does your village/community issue pension older than 80?” (yes = 1, 
no = 0); Neighborhood organization was measured by “Does your 
village/community have following type of facilities: associations for 
calligraphy and painting, dancing teams or other exercise 
organizations, organizations for helping the older adults and the 
handicapped, older adults’ associations” (yes = 1, no = 0).

2.2.4 Control variables
The control variables in the study included age, gender, marital 

status, education level, household per-capita consumption 
expenditure, and the number of chronic diseases the respondents 
have. Age was measured in years. Gender was coded as a binary 
variable (female = 0, male = 1). And marital status, residence were also 
coded as a binary variable (other = 0, married = 1; rural = 0, urban = 1). 
Education level was coded into four categories (illiteracy = 1, 
primary = 2, middle school = 3, high school and above = 4). Household 
per-capita consumption expenditure was calculated by dividing total 
household consumption expenditure by the number of family 
members. Furthermore, because household per-capita consumption 
expenditure had a highly skewed distribution, it was further divided 
into three levels (low = 1, middle = 2, and high = 3) by lower (P25 = 1,000 
RMB) and higher (P75  = 6,500 RMB). The list of chronic diseases 
includes hypertension, dyslipidemia, diabetes/high blood sugar, 

cancer/malignant tumors, chronic lung diseases, liver disease, heart 
attack, stroke, kidney disease, stomach/other digestive disease, 
emotional, nervous/psychiatric problems, memory-related diseases, 
arthritis/ rheumatism and asthma. In this study, the total number of 
these 14 types of diseases was used as an indicator of chronic disease.

The entire conceptual framework of the research was illustrated 
in Figure 1.

2.3 Data analysis

First, descriptive statistics (prevalence, means, and variances) 
were employed to examine the distributions and properties of the 
dependent, independent, mediator, and control variables. Next, 
independent samples t-tests and chi-squared tests were used to test the 
bivariate association between the dependent and independent, 
mediator and control variables (continuous and categorical, 
respectively). Third, given that the data had two levels (community & 
individual) and the dependent variable was a dichotomous variable, 
the two-level logistic regression model was applied (38), adjusting for 
control variables (such as age, education level, and others) was applied 
to test whether the data were suitable for multilevel statistical analysis 
and to assess the impact of independent variables on dependent 
variables. The study filtered variables that were statistically significant 
in the bivariate association into the two-level logistic regression 
model. During the statistical analysis, taking into account the 
aggregation of neighborhood data, we  estimated the intraclass 
correlation coefficient (ICC) (39) for the two-level logistic regression 
model. The ICC has two main interpretations: firstly, it assesses the 
percentage of variance in the outcome variable that can be attributed 
to different aggregation levels, and secondly, it determines the extent 
to which individual-level observations are correlated within each 
aggregation level. ICC > 0 indicates the statistical significance of 
multilevel analysis (40).

Fourth, using the outlined steps, a multilevel structural equation 
model (MSEM) was utilized to establish the latent variables of 
neighborhood built environment and neighborhood social 
environment, and test whether neighborhood environment mediates 
the pathway by which neighborhood socioeconomic status 
influences ADLs/IADLs of older adults. MSEM is a general 
framework that combines the structural equation model (SEM) and 
multilevel modeling simultaneously. MSEM was conducted in two 
steps, the first of which used confirmatory factor analysis to establish 
a measurement of neighborhood built environment and 
neighborhood social environment. Only observation variables with 
factor loadings greater than 0.6 were eligible for inclusion in the 
measurement model. In the second step, a multilevel structural 
model was conducted by entering dependent variables, 
neighborhood socioeconomic status, and control variables. Fit 
indices were used to determine how well the model fit the data. The 
fit indices and cutoff points were shown below: Chi-square test 
(chi-square/df less than 3), comparative fit index (CFI; estimates 
more than 0.9), root mean square error of approximation (RMSEA; 
estimates less than 0.08), and standardized root mean square 
residual of within and between groups (SRMR-W and SRMR-B; 
estimates less than 0.08) (41, 42).

The study implemented a two-level logistic regression model 
utilizing Stata 15.1. Additionally, a multilevel structural equation 
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model was carried out utilizing Mplus 7.0. The significance level for 
this study was set at α = 0.05.

3 Results

3.1 Descriptive statistics of the 
respondent’s variables

Among 5,887 respondents, 32.17 and 36.87% experienced ADL/
IADL impairment, respectively. Merely 19.96% of the sample reported 
an absence of the 14 physician-diagnosed chronic illnesses. The 
average age of the respondents was 69.18 ± 7.27 years old, while over 
half had an education level of illiteracy (60.85%). A majority of the 
respondents were married (75.66%). More than half of the respondents 
were female (54.49%). More than half of the population (62.75%) lived 
in rural areas. In addition, 27.45% of the respondents reported a low 
per-capita household consumption expenditure (Table 1).

3.2 Characteristics of the communities

As shown in Table 2, 24.64% of the 444 communities had low 
per-capita net income. 27.45% of the communities had a low-level 
literacy index. Less than half of the communities owned safe resources 
(48.65%). More than half of communities had motion resources such 
as basketball courts, swimming pools, and others (65.24%). The 
majority was owned by life resources such as farmers’ markets, 
convenience stores, and others (94.14%). 46.40% of communities had 
service resources for older adults such as activity centers for the older 
adults and so on. 19.41% of communities had no medical institutions. 

Only 14.93% of communities had unemployment subsidies. Over half 
of communities had a minimum living security fund (82.39%). The 
minority communities issued subsidies to persons older than 65 years 
(22.78%). Also, 30.68% of communities issued subsidies to persons 
older than 80 years (30.68%). 56.66% of communities formed all kinds 
of neighborhood organizations, such as organizations for helping the 
older adults and handicapped, dancing teams or other exercise 
organizations, and so on.

3.2.1 Association between ADL and individual/
neighborhood characteristics

As shown in Table 3, there was a significant (p < 0.05) difference 
in the distribution of ADL based on the number of chronic diseases, 
age, literacy, marital status, gender, residence, and household 
per-capita consumption expenditure. Among the neighborhood-level 
variables, the differential distribution of ADL on neighborhood 
per-capita net income, neighborhood safe resources, neighborhood 
motion resources, neighborhood service resources for older adults, 
neighborhood unemployment subsidies, and neighborhood 
organization were significant (p < 0.05). However, the ADL differential 
distribution on neighborhood literacy index, neighborhood life 
resources, neighborhood medical institutions, neighborhood 
minimum living security funds, neighborhood subsidies for 65 and 
older, and neighborhood subsidies for 80 and older were not 
statistically significant (p > 0.05).

3.2.2 Association between IADL and individual/
neighborhood characteristics

As displayed in Table 4, a notable distinction exists (p < 0.05) in 
the allocation of IADL depending on the number of chronic 
diseases, age, literacy, marital status, gender, residence, and 

FIGURE 1

Conceptual framework.
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household per-capita consumption expenditure. Among the 
variables at the neighborhood level, the distribution of IADL based 
on per-capita net income, literacy index, safe resources, motion 
resources, service resources for older adults, unemployment 
subsidies, subsidy for 80 and older, and organization were found to 
be significantly significant (p < 0.05). However, the IADL differential 
distribution on neighborhood life resources, neighborhood medical 
institutions, neighborhood minimum living security funds, and 
neighborhood subsidies for 65 and older were not statistically 
significant (p > 0.05).

3.2.3 The result of two-level logistical regression 
model on ADL loss

Table 5 examined whether the data were suitable for multilevel 
statistical analysis and the effects of neighborhood-level variables on 
ADL loss. The null model showed that the ICC was greater than 0 
(ICC = 15.47%), meaning that 15.47% of the variation in ADL came 
from the neighborhood environment, which proved that the data were 
suitable for the two-level logistic regression model.

As shown in Table  5, Model 1 included control variables and 
independent variables, which indicated that neighborhood per-capita 
net income was significantly correlated with ADL loss. Compared to 
the respondents living in communities with low per-capita net 
income, those living in communities with low per-capita net income 

TABLE 1 Characteristics of respondents’ sociodemographic 
characteristics and health status.

Variable Value

ADL n (%)

  ADL loss 1,894 (32.17)

  ADL without loss 3,993 (67.83)

IADL n (%)

  IADL loss 2,165 (36.87)

  IADL without loss 3,707 (63.13)

  Number of chronic diseases x  (SD) 1.84 (1.52)

  Age x  (SD) 69.18 (7.27)

Literacy n (%)

  Illiteracy 3,582 (60.85)

  Primary 1,380 (23.44)

  Middle school 591 (10.04)

  High school and above 335 (5.67)

Marital status n (%)

  Married 4,454 (75.66)

  Other marital status 1,433 (24.34)

Gender n (%)

  Male 2,677 (45.51)

  Female 3,205 (54.49)

Residence n (%)

  Urban 2,193 (37.25)

  Rural 3,694 (62.75)

Household per-capita consumption 

expenditure n (%)

  Low 1,591 (27.45)

  Middle 2,772 (47.82)

  High 1,434 (24.74)

ADL, Activities of daily living.

TABLE 2 Characteristics of neighborhood variables.

Variable N (%)

Neighborhood per-capita net income

  Low 102 (24.64)

  Middle 192 (46.38)

  High 120 (28.99)

Neighborhood literacy index

  Low 115 (27.45)

  Middle 191 (45.58)

  High 113 (26.97)

Neighborhood safe resources

  Yes 216 (48.65)

  No 228 (51.35)

Neighborhood motion resources

  Yes 289 (65.24)

  No 154 (34.76)

Neighborhood life resources

  Yes 418 (94.14)

  No 26 (5.85)

Neighborhood service resources for older 

adults

  Yes 206 (46.40)

  No 238 (53.60)

Neighborhood medical institutions

  Yes 357 (80.59)

  No 86 (19.41)

Neighborhood unemployment subsidies

Yes 66 (14.93)

No 376 (85.07)

Neighborhood minimum living security 

fund

  Yes 365 (82.39)

  No 78 (17.61)

Neighborhood subsidy for 65 and older

  Yes 100 (22.78)

  No 339 (77.22)

Neighborhood subsidy for 80 and older

  Yes 135 (30.68)

  No 305 (69.32)

Neighborhood organizations

  Yes 251 (56.66)

  No 192 (43.34)
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TABLE 3 Bivariate association between ADL and individual- and neighborhood-level variables.

Variable ADL χ2/t value p

ADL loss [n (%)] ADL without loss [n (%)]

Individual-level variables

Number of chronic diseases [x(SD)] 2.26 (0.04) 1.64 (0.02) −14.928 <0.001

Age [x(SD)] 70.67 (0.17) 68.47 (0.11) −10.925 <0.001

Literacy 77.317 <0.001

  Illiteracy 1,298 (36.24) 2,284 (63.76)

  Primary 380 (27.54) 1,000 (72.46)

  Middle school 151 (25.55) 440 (74.45)

  High school and above 65 (19.46) 269 (80.54)

Marital status 20.104 <0.001

  Married 1,364 (30.62) 3,090 (69.38)

  Other marital status 530 (36.99) 903 (63.01)

Gender 5.982 0.014

  Male 817 (30.52) 1,860 (69.48)

  Female 1,074 (33.51) 2,131 (66.49)

Urban–rural 32.340 <0.001

  Urban 607 (27.68) 1,586 (72.32)

  Rural 1,287 (34.84) 2,407 (65.16)

Household per-capita consumption 

expenditure

7.996 0.018

  Low 478 (30.04) 1,113 (69.96)

  Middle 940 (33.91) 1,832 (66.09)

  High 445 (30.03) 989 (68.97)

Neighborhood-level variables

Neighborhood per-capita net income 25.221 <0.001

  Low 501 (34.50) 951 (65.50)

  Middle 924 (34.00) 1,794 (66.00)

  High 372 (26.90) 1,011 (73.10)

Neighborhood literacy index 5.541 0.063

  Low 503 (31.86) 1,076 (68.14)

  Middle 894 (33.81) 1,750 (66.19)

  High 424 (30.26) 977 (69.74)

Neighborhood safe resources 67.038 <0.001

  Yes 637 (26.22) 1,792 (73.78)

  No 1,257 (36.35) 2,201 (63.65)

Neighborhood motion resources 51.807 <0.001

  Yes 972 (28.43) 2,447 (71.57)

  No 918 (37.32) 1,542 (62.68)

Neighborhood life resources 0.256 0.613

  Yes 1,765 (32.09) 3,735 (67.91)

  No 129 (33.33) 258 (66.67)

Neighborhood service resources for older 

adults

46.139 <0.001

  Yes 629 (27.05) 1,696 (72.95)

  No 1,265 (35.51) 2,297 (64.49)

(Continued)
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possessed higher rates of ADL loss (β = −0.33, p < 0.05). In addition, 
the number of chronic diseases was positively associated with ADL 
loss, and the more types of chronic diseases respondents developed, 
the worse their ADL status was (β = 0.31, p < 0.05). The risk of ADL 
loss also increased as respondents got older (β = 0.05, p < 0.05). 
Compared to individuals with a higher level of education, those who 
were illiterate have a poorer status ADL status. Females were also more 
likely to have ADL loss (β = −0.15, p < 0.05). Respondents living in 
rural areas had more rates of ADL loss (β = −0.32, p < 0.05). 
Furthermore, respondents with high household per-capita 
consumption expenditure were more prone to experiencing ADL loss. 
Marital status and community literacy index, on the other hand, were 
not significant covariates with ADL (p > 0.05).

3.2.4 The result of two-level logistical regression 
model on IADL

Table  6 assessed the appropriateness of utilizing multilevel 
statistical analysis on the data and evaluated the effects of 
neighborhood-level variables on IADL. The null model demonstrated 
an ICC greater than 0 (ICC = 11.63%), indicating that 11.63% of the 
variation in IADL was attributable to the neighborhood environment. 
Therefore, the data were suitable for a two-level logistic 
regression model.

Table 6 shows that neighborhood per-capita net income had a 
significant correlation with IADL loss in Model 1, which included 
both control and independent variables. Those living in communities 
with high per-capita net income had better IADL status compared to 
those residing in areas with low per-capita net income (β = −0.36, 
p < 0.05). Additionally, the number of chronic diseases was positively 

associated with IADL loss, and the more types of chronic diseases 
respondents developed, the worse their IADL status was (β = 0.27, 
p < 0.05). The risk of IADL loss also increased as respondents got older 
(β = 0.07, p < 0.05). Respondents with primary, middle, and high 
school education and above had better IADL status in comparison to 
illiterate respondents. Females had a greater likelihood of experiencing 
IADL loss (β = −0.24, p < 0.05). Respondents living in urban areas had 
better IADL status (β = −0.22, p < 0.05). Furthermore, respondents 
with high household per-capita consumption expenditure owned 
worse IADL. However, marital status and community literacy index 
did not have a significant association with IADL loss (p > 0.05).

3.3 Multilevel structural equation model

3.3.1 Measurement model of neighborhood built 
environment and neighborhood social 
environment

Before conducting the multilevel structural equation model, 
we applied a measurement model to establish two latent variables 
(neighborhood built environment and neighborhood social 
environment). Table 7 showed the model fit index and the standardized 
estimates of the factor loadings in the measurement model. The fit 
index estimates indicated that the model fit was good: χ2/df = 62.19, 
p < 0.001, CFI = 0.977, TLI = 0.944, and RMSEA = 0.102. The 
standardized estimates of factor loadings ranged from 0.715 to 0.826 
for the latent variable of neighborhood built environment. Because of 
the factor loading of neighborhood subsidy for 80 and older was less 
than 0.5 (39), the neighborhood social environment was measured by 

TABLE 3 (Continued)

Variable ADL χ2/t value p

ADL loss [n (%)] ADL without loss [n (%)]

Neighborhood medical institution 0.019 0.890

  Yes 1,508 (32.22) 3,173 (67.78)

  No 386 (32.01) 820 (67.99)

Neighborhood unemployment subsidy 39.538 <0.001

  Yes 138 (21.30) 510 (78.70)

  No 1,750 (33.53) 3,469 (66.47)

Neighborhood minimum living security 

fund

0.413 0.521

  Yes 1,570 (32.38) 3,278 (67.62)

  No 322 (31.35) 705 (68.65)

Neighborhood subsidy for 65 and older 1.000 0.317

  Yes 388 (31.06) 861 (68.94)

  No 1,494 (32.56) 3,095 (67.44)

Neighborhood subsidy for 80 and older 0.707 0.401

  Yes 534 (31.41) 1,166 (68.59)

  No 1,346 (32.54) 2,790 (67.46)

Neighborhood organization 46.305 <0.001

  Yes 786 (27.85) 2,044 (72.15)

  No 1,101 (36.15) 1,945 (63.85)
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TABLE 4 Bivariate association between IADL and individual- and neighborhood-level variables.

Variable IADL χ2/t value p

IADL loss [n (%)] IADL without loss [n (%)]

Individual-level variables

Number of chronic diseases 2.16 (0.04) 1.65 (0.02) −12.79 <0.001

Age 71.17 (0.17) 68.00 (0.11) −16.51 <0.001

Literacy 189.41 <0.001

  Illiteracy 1,559 (43.68) 2,010 (56.32)

  Primary 389 (28.23) 989 (71.77)

  Middle school 150 (25.38) 441 (74.62)

  High school and above 67 (20.06) 267 (79.94)

Marry status 64.21 <0.001

  Married 1,513 (34.02) 2,935 (65.98)

  Other marital status 652 (45.79) 772 (54.21)

Gender 40.10 <0.001

  Male 1,295 (40.53) 1,900 (59.47)

  Female 869 (32.52) 1,803 (67.48)

Residence 27.86 <0.001

  Urban 712 (32.56) 1,475 (67.44)

  Rural 1,453 (39.43) 2,232 (60.57)

Household per-capita consumption 

expenditure

17.28 <0.001

  Low 522 (32.87) 1,066 (67.13)

  Middle 1,083 (39.18) 1,681 (60.82)

  High 525 (36.69) 906 (63.31)

Neighborhood-level variables

Neighborhood per-capita net income 41.40 <0.001

  Low 558 (38.48) 892 (61.52)

  Middle 1,081 (39.87) 1.630 (60.13)

  High 412 (29.83) 969 (70.17)

Neighborhood literacy index 6.73 0.035

  Low 601 (38.16) 974 (61.84)

  Middle 994 (37.72) 1,641 (62.28)

  High 477 (34.05) 924 (65.95)

Neighborhood safe resources 45.20 <0.001

  Yes 771 (31.82) 1,652 (68.18)

  No 1,394 (40.42) 2,055 (59.58)

Neighborhood motion resources 71.10 <0.001

  Yes 1,103 (32.33) 2,309 (67.67)

  No 1,057 (43.09) 1.396 (56.91)

Neighborhood life resources 0.53 0.466

  Yes 2,029 (36.99) 3,456 (63.01)

  No 136 (35.14) 251 (64.86)

Neighborhood service resources for older 

adults

50.74 <0.001

  Yes 727 (31.32) 1,594 (68.68)

(Continued)
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TABLE 4 (Continued)

Variable IADL χ2/t value p

IADL loss [n (%)] IADL without loss [n (%)]

  No 1,438 (40.50) 2,113 (59.50)

Neighborhood medical institution 0.13 0.715

  Yes 1,716 (36.75) 2,953 (63.25)

  No 449 (37.32) 754 (62.68)

Neighborhood unemployment subsidy 29.82 <0.001

  Yes 175 (27.05) 472 (72.95)

  No 1,980 (38.03) 3,227 (61.97)

Neighborhood minimum living security 

fund

1.53 0.22

  Yes 1,766 (36.50) 3,073 (63.50)

  No 394 (38.55) 628 (61.45)

Neighborhood subsidy for 65 and older 0.93 0.334

  Yes 475 (38.12) 771 (61.88)

  No 1,677 (36.63) 2,901 (63.37)

Neighborhood subsidy for 80 and older 9.94 0.002

  Yes 678 (40.02) 1,016 (59.98)

  No 1,471 (35.63) 2,675 (64.37)

Neighborhood organization 77.17 <0.001

  Yes 879 (31.09) 1,948 (68.91)

  No 1,281 (42.17) 1,757 (57.83)

neighborhood unemployment subsidies and neighborhood 
organization. The standardized estimates of factor loadings ranged 
from 0.563 to 0.853 for the latent variable of neighborhood social 
environment. Also, the study used only neighborhood per-capita net 
income to measure neighborhood SES since the factor loading of the 
neighborhood literacy index was less than 0.5.

3.3.1.1 Result of multilevel structural equation model on 
ADL

Based on the measurement model, the dependent variable, 
independent variables, and seven control variables were entered into 
the multilevel structural model, and the model was shown in Figure 2. 
The estimates of the model fit index were as follows: χ2/df = 1.02, 
p = 0.42, RMSEA = 0.002, CFI = 0.998, TLI = 0.994, SRMR-W = 0.000, 
SRMR-B = 0.188, which indicated a good model fit.

The multilevel structural model showed that both neighborhood 
built environment and social environment were significantly 
associated with neighborhood socioeconomic status (Figure 2). The 
standardized coefficients were 0.387 (p < 0.001) and 0.221 (p < 0.05) 
respectively, indicating that the higher the neighborhood 
socioeconomic status, the better the neighborhood built environment 
and social environment. Moreover, neighborhood built environment 
(standardized coefficient = −0.284, p < 0.001) and neighborhood social 
environment (standardized coefficient = −0.412, p < 0.001) all had a 
statistical effect on ADL, which means that the risk of ADL loss 
decreased as respondents lived in better built environment and social 
environment in their neighborhoods. Moreover, the indirect effect 
standardized coefficient of neighborhood built environment was 

−0.110 (p < 0.05); the indirect effect standardized coefficient of 
neighborhood social environment was −0.091 (p < 0.05), and the 
deviation between them had no statistical significance (standardized 
coefficient = −0.019, p > 0.05), which meant that both neighborhood 
built environment and neighborhood social environment played an 
important mediating role. The standardized coefficient of the total 
effect of this model was −0.142 (p < 0.05), while the standardized 
coefficient of the direct effect of neighborhood SES on ADL had no 
statistical significance (standardized coefficient = 0.059, p > 0.05), 
meaning that neighborhood SES could affect on ADL indirectly 
through neighborhood built environment and neighborhood social 
environment rather than directly.

3.3.1.2 Result of multilevel structural equation model on 
IADL

Based on the measurement model, the dependent variable, 
independent variables, and seven control variables were entered into 
the multilevel structural model, and the model was shown in Figure 2. 
The estimates of the model fit index were as follows: χ2/df = 1.03, 
p = 0.42, RMSEA = 0.002, CFI = 0.997, TLI = 0.993, SRMR-W = 0.000, 
SRMR-B = 0.188, which indicated a good model fit.

The multilevel structural model showed that both neighborhood 
built environment and social environment were significantly 
associated with neighborhood socioeconomic status (Figure 3). The 
standardized coefficients for the neighborhood built environment 
and social environment were 0.371 (p < 0.001) and 0.264 (p < 0.05) 
respectively, indicating that the higher the neighborhood 
socioeconomic status, the better the neighborhood built 
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environment and social environment. Furthermore, neighborhood 
built environment (standardized coefficient = −0.377, p < 0.001) and 
neighborhood social environment (standardized 
coefficient = −0.497, p < 0.001) all had a statistical effect on IADL, 
which means that the risk of IADL loss decreased as respondents 
lived in better built environment and social environment in their 
communities. Moreover, the indirect effect standardized coefficient 
of neighborhood built environment was −0.082 (p  < 0.05); the 
indirect effect standardized coefficient of neighborhood social 

environment was −0.077 (p  < 0.05), and the deviation between 
them had no statistical significance (standardized 
coefficient = −0.005, p > 0.05), which meant that both neighborhood 
built environment and neighborhood social environment played an 
important mediating role. The standardized coefficient of the total 
effect of this model was −0.109 (p < 0.05), while the standardized 
coefficient of the direct effect of neighborhood SES on IADL had no 
statistical significance (standardized coefficient = 0.050, p > 0.05), 
meaning that neighborhood SES could affect on IADL indirectly 
through neighborhood built environment and neighborhood social 
environment rather than directly.

TABLE 5 Two-level logistic regression model for respondents’ ADL in 
China.

Model predictors 
(reference)

Null model Model 1

β. (S.E.) β. (S.E.)

Control variables

Number of chronic 

diseases

0.31(0.02)***

Age 0.05(0.01)***

Literacy (Illiteracy)

  Primary −0.32(0.09)***

  Middle school −0.34(0.13)***

  High school and above −0.78(0.19)***

Marital status (Other 

marital status)

  Married −0.02(0.08)

Gender (Female)

  Male −0.15(0.07)**

Residence (Rural)

  Urban −0.32(0.12)***

Per-capita household 

consumption expenditure 

(Low)

  Middle 0.24(0.08)***

  High 0.21(0.10)**

Neighborhood-level 

variables

Neighborhood per-capita 

net income (Low)

  Middle −0.04(0.13)

  High −0.33(0.16)**

Neighborhood literacy 

index (Low)

  Middle 0.02(0.13)

  High −0.07(0.15)

  Constant −0.91(0.05)*** −5.07(0.42)***

Neighborhood-level 

variance

0.60(0.08) 0.65(0.09)

  Log likelihood −3573.40 −2977.63

  ICC 15.47%

*p < 0.10, **p < 0.05, and ***p < 0.01.

TABLE 6 Two-level logistic regression model for respondents’ IADL in 
China.

Model predictors 
(reference)

Null model Model 1

β. (S.E.) β. (S.E.)

Control variables

  Number of chronic 

diseases

0.27 (0.02)***

  Age 0.07 (0.01)***

Literacy (Illiteracy)

  Primary −0.49 (0.09)***

  Middle school −0.62 (0.13)***

  High school and above −1.18 (0.19)***

Marry status (Other marital 

status)

  Married −0.10 (0.08)

Gender (Female)

  Male −0.24 (0.07)***

Residence (Rural)

  Urban −0.22 (0.11)**

Per-capita household 

consumption expenditure 

(Low)

  Middle 0.45 (0.08)***

  High 0.47 (0.10)***

Neighborhood-level variables

Neighborhood per-capita net 

income (Low)

  Middle 0.16 (0.12)

  High −0.36 (0.14)**

Neighborhood literacy index 

(Low)

  Middle −0.14 (0.12)

  High −0.12 (0.14)

  Constant −0.65 (0.04)*** −5.98 (0.41)***

Neighborhood-level variance 0.43 (0.06) 0.48 (0.07)

  Log likelihood −3773.78 −3050.29

  ICC 11.63% -

*p < 0.10, **p < 0.05, and ***p < 0.01.
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4 Discussion

Using data from CHARLS and the multilevel structural equation 
model, this study identified a positive correlation and innovative 
mechanism between neighborhood SES and ADL/IADL loss among 
older adults, which was fully mediated by the neighborhood built 
environment and social environment. Neighborhoods with high SES 
were likely to have better neighborhood built environments and social 
environments, leading to a reduced likelihood of ADL/IADL losses 
among older adults.

This research indicated that neighborhoods with higher 
neighborhood SES tend to have superior built environments such as 
neighborhood safe resources, motion resources, and service resources for 
older adults, which aligns with Koohsari’s research (43). Koohsari’s study 
also found that these areas benefited from superior road conditions, 
including higher densities of streets and superior-quality road surfaces. 
Additionally, these neighborhoods boasted cleaner and safer 
environments and had a lower likelihood of being exposed to violence 
and disorder (21). As an important part of community construction, 
community sports facilities play an important role in increasing physical 

activity and participation among community residents. Studies have 
found that moderate-to-high levels of physical activity are protective 
factors for ADL in older adults (44). The more available neighborhood 
motion resources there are, the higher the physical activity levels of older 
adults, which contributes to the improvement of physical function and 
effectively prevents the onset or worsening of ADL in older adults (45), as 
well as being a prerequisite for them to achieve IADLs. In addition, 
communities with more safety resources and a higher levels of security 
are more likely to encourage older adults to engage in neighborhood 
activities, which is particularly relevant for their IADLs. Research indicates 
that neighborhood insecurity can increase negative emotions and feelings 
of unease among older adults. This, in turn, can limit their ability to travel 
and partake in physical activity, which can limit their capacity for IADL 
and potentially increase the incidence of ADL (33). Abundant 
neighborhood living resources, such as grocery stores, farmers’ markets 
and supermarkets, make life more comfortable for older adults. This 
allows them to maintain an independent lifestyle, ultimately improving 
their ability to manage money, go shopping, thus slowing down the aging 
process. Neighborhood service resources for older adults, such as activity 
centers, can enrich their lives, expand their social scope, strengthen 

TABLE 7 Factor loadings of measurement model.

Latent variable Observational variable Factor loading S.E. p

Neighborhood built environment Neighborhood safe resources 0.715 0.013 <0.001

Neighborhood motion resources 0.760 0.013 <0.001

Neighborhood service resources for older adults 0.826 0.011 <0.001

Neighborhood social environment Neighborhood unemployment subsidies 0.563 0.023 <0.001

Neighborhood organization 0.853 0.017 <0.001

FIGURE 2

The multilevel structural model of neighborhood socioeconomic status, neighborhood environment and ADL. ***p  <  0.01, **p  <  0.05.
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neighborhood cohesion, effectively increase the frequency of older adults’ 
activities, and thereby benefit the IADL, likely reducing the incidence of 
ADL loss.

The neighborhood social environment also acted as a complete 
mediator in the interaction between neighborhood SES and ADL/
IADL in older adults. This study indicated that neighborhoods with 
higher neighborhood SES tend to have better social environments 
such as neighborhood unemployment subsidies and neighborhood 
organizations, which is consistent with present research (46, 47). The 
existence of various social organizations in the community, such as 
calligraphy and painting associations, dance teams, and older adults’ 
associations, not only helps to cultivate the interests of the older 
adults, but also improves the frequency of their physical activity and 
social interaction. At the same time, it can create a good community 
atmosphere, enhance the sense of neighborhood belonging and 
cohesion of residents, and thus maintain their overall health. Studies 
have shown that communities with higher levels of neighborhood 
trust and social capital have higher rates of socialization, healthier 
lifestyles, and lower rates of ADL/IADL loss among older adults (7, 
31). Drageset et al. (48) found that participation in neighborhood 
organizations significantly reduced the likelihood of ADL loss among 
older adults compared to those who did not participate. Neighborhood 
economic security policies, such as unemployment benefits, can 
facilitate community-based care for older adults and provide some 
financial assistance to unemployed community residents to ensure 
basic livelihoods and access to health care. In addition, financial 
allowances provide an economic basis for their participation in 
community activities. These can be effective in reducing the likelihood 
of ADL/IADL loss and adverse health outcomes among them due to 
economic factors (49).

Additionally, when assessing the neighborhood SES, it was 
found that the neighborhood per-capita net income was a more 
sensitive indicator than the neighborhood literacy index. One 
possible explanation is that neighborhood SES may be more closely 
linked to material resources of the neighborhood in daily life. 
Inequality in neighborhood per-capita net income, as an indicator 
of neighborhood SES, tends to lead to an uneven distribution of 
resources across communities, resulting in differences in the built 
and social environments of communities. In addition, since the 
neighborhood literacy index was a synthetic indicator that 
explained only 68% of the raw information, it may not accurately 
reflect the relationship between community education and 
ADL/IADL.

5 Limitations

Firstly, this cross-sectional study cannot confirm the causal 
relationship between neighborhood socioeconomic status and ADL/
IADL in older adults. Besides, the community-level data did not 
encompass supplementary details such as occupational category, thus 
decreasing the comprehensiveness of the neighborhood SES 
measurement. Additionally, as CHARLS 2011 did not examine the 
task of making phone calls, our research on IADL only encompassed 
five components, which may make the status of IADL loss in older 
adults underestimated. Furthermore, the database only compiled 
neighborhood data in 2011, limiting the findings of this study to the 
association between SES and ADL/IADL in the older adult population 
during that time. Further research with updated data is necessary to 
reflect the present situation.

FIGURE 3

The multilevel structural model of neighborhood socioeconomic status, neighborhood environment and IADL. ***p  <  0.01, **p  <  0.05.
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6 Conclusion

This study found an important process by which neighborhood 
SES has an indirect impact on ADL/IADL through the neighborhood’s 
built and social environment. Therefore, this study highlights the need 
to address ADL/IADL loss in older adults residing in neighborhoods 
with low socioeconomic status, and advocates for intervening in the 
occurrence of ADL/IADL loss through feasible improvement of the 
neighborhood environment. This study offered an economically viable 
solution for community-based interventions to improve functional 
health in older adults, and provided valuable input for enhancing the 
current model of aging within the community and promoting 
active aging.

Data availability statement

Publicly available datasets were analyzed in this study. This data 
can be found here: 2011 CHARLS Wave1 (Baseline), https://charls.
charlsdata.com/pages/Data/2011-charls-wave1/zh-cn.html.

Ethics statement

The studies involving humans were approved by Peking University 
Institutional Review Board (PU IRB). The studies were conducted in 
accordance with the local legislation and institutional requirements. 
The participants provided their written informed consent to 
participate in this study.

Author contributions

XT and XR contributed to conceptualization, visualization, and 
writing—review and editing. XT contributed to writing—original 
draft. HZ contributed to data curation, methodology, and formal 
analysis. XR contributed to supervision and validation. All authors 
contributed to the article and approved the submitted version.

Acknowledgments

We are thankful to the participants and researchers of China 
Health and Retirement Longitudinal Study their contributions to the 
CHARLS data.

Conflict of interest

The authors declare that the research was conducted in the 
absence of any commercial or financial relationships that could 
be construed as a potential conflict of interest.

Publisher’s note

All claims expressed in this article are solely those of the authors 
and do not necessarily represent those of their affiliated organizations, 
or those of the publisher, the editors and the reviewers. Any product 
that may be evaluated in this article, or claim that may be made by its 
manufacturer, is not guaranteed or endorsed by the publisher.

References
 1. UN Department of Economic and Social Affairs (2020). World population aging 

2019: United Nations.

 2. Wilmoth JR, Bas D, Mukherjee S, Hanif N (2023). World social report 2023: 
Leaving no one behind in an ageing world, UN.

 3. Guo J, Xu S, Chen L, Zhu L. Impact of activities of daily living on depression in the 
elderly aged 60 and above in China. Zhonghua liu Xing Bing Xue Za Zhi. (2022) 
43:213–7. doi: 10.3760/cma.j.cn112338-20210823-00667

 4. Keeler E, Guralnik JM, Tian HJ, Wallace RB, Reuben DB. The impact of functional 
status on life expectancy in older persons. J Gerontol Ser A Biol Sci Med Sci. (2010) 
65A:727–33. doi: 10.1093/gerona/glq029

 5. Katz S, Ford AB, Moskowitz RW, Jackson BA, Jaffe MW. Studies of illness in 
the aged—the index of ADL—a standardized measure of biological and 
psychosocial function. J Am  Med Assoc. (1963) 185:914–9. doi: 10.1001/
jama.1963.03060120024016

 6. Lawton MP, Brody EM. Assessment of older people: self-maintaining and 
instrumental activities of daily living. The Gerontologist. (1969) 9:179–86. doi: 10.1093/
geront/9.3_Part_1.179

 7. Qin W, Wang Y, Cho S. Neighborhood social cohesion, physical disorder, and daily 
activity limitations among community-dwelling older adults. Arch Gerontol Geriatr. 
(2021) 93:104295. doi: 10.1016/j.archger.2020.104295

 8. Beltz S, Gloystein S, Litschko T, Laag S, van den Berg N. Multivariate analysis of 
independent determinants of ADL/IADL and quality of life in the elderly. BMC Geriatr. 
(2022) 22:1–16. doi: 10.1186/s12877-022-03621-3

 9. Statistics NCFH (2016). Older Americans 2016: Key indicators of well-being. 
Federal Interagency Forum on aging-related statistics. National Center for Health 
Statistics, Hyattsville, MD, USA.

 10. Gontijo CF, Mambrini JVM, Luz TCB, Loyola AIF. Association between disability 
and social capital among community-dwelling elderly. Braz J Epidemiol. (2016) 
19:471–83. doi: 10.1590/1980-5497201600030001

 11. Zeng Y, Chen HS, Wang ZL, Land KC. Implications of changes in households and 
living arrangements for future home-based care needs and costs for disabled elders in 
China. J Aging Health. (2015) 27:519–50. doi: 10.1177/0898264314552690

 12. Ross CE, Mirowsky J. Neighborhood socioeconomic status and health: context or 
composition? City Community. (2008) 7:163–79. doi: 10.1111/j.1540-6040.2008.00251.x

 13. Arcaya MC, Tucker-Seeley RD, Kim R, Schnake-Mahl A, So M, Subramanian SV. 
Research on neighborhood effects on health in the United States: a systematic review of 
study characteristics. Soc Sci Med. (2016) 168:16–29. doi: 10.1016/j.
socscimed.2016.08.047

 14. Liu Y, Liu ZR, Liang R, Luo YA. The association between community-level 
socioeconomic status and depressive symptoms among middle-aged and older adults in 
China. BMC Psychiatry. (2022) 22:297. doi: 10.1186/s12888-022-03937-9

 15. Liu Y, Liu ZR, Liang R, Luo YA. The association between community-level 
socioeconomic status and cognitive function among Chinese middle-aged and older 
adults: a study based on the China health and retirement longitudinal study (CHARLS). 
BMC Geriatr. (2022) 22:297. doi: 10.1186/s12877-022-02946-3

 16. Philibert M, Pampalon R, Hamel D, Daniel M. Associations between disability 
prevalence and local-area characteristics in a general community-living population. Rev 
Epidemiol Sante Publique. (2013) 61:463–74. doi: 10.1016/j.respe.2013.05.020

 17. Freedman VA, Grafova IB, Schoeni RF, Rogowski J. Neighborhoods and disability 
in later life. Soc Sci Med. (2008, 2008) 66:2253–67. doi: 10.1016/j.socscimed.2008.01.013

 18. Glymour MM, Mujahid M, Wu QO, White K, Tchetgen EJT. Neighborhood 
disadvantage and self-assessed health, disability, and depressive symptoms: longitudinal 
results from the health and retirement study. Ann Epidemiol. (2010) c

 19. Wen M, Gu D (2011). The effects of childhood, adult, and community 
socioeconomic conditions on health and mortality among older adults in China. 
Demography. 48:153–81. doi: 10.1007/s13524-010-0003-2

 20. Chong VE, Lee WS, Victorino GP. Neighborhood socioeconomic status is 
associated with violent reinjury. J Surg Res. (2015) 199:177–82. doi: 10.1016/j.
jss.2015.03.086

 21. Karriker-Jaffe KJ. Neighborhood socioeconomic status and substance use by US 
adults. Drug Alcohol Depend. (2013) 133:212–21. doi: 10.1016/j.drugalcdep.2013.04.033

 22. Qiu YZ, Liu YQ, Liu Y, Li ZG. Exploring the linkage between the neighborhood 
environment and mental health in Guangzhou, China. Int J Environ Res Public Health. 
(2019) 16:3206. doi: 10.3390/ijerph16173206

https://doi.org/10.3389/fpubh.2023.1202806
https://www.frontiersin.org/journals/public-health
https://www.frontiersin.org
https://charls.charlsdata.com/pages/Data/2011-charls-wave1/zh-cn.html
https://charls.charlsdata.com/pages/Data/2011-charls-wave1/zh-cn.html
https://doi.org/10.3760/cma.j.cn112338-20210823-00667
https://doi.org/10.1093/gerona/glq029
https://doi.org/10.1001/jama.1963.03060120024016
https://doi.org/10.1001/jama.1963.03060120024016
https://doi.org/10.1093/geront/9.3_Part_1.179
https://doi.org/10.1093/geront/9.3_Part_1.179
https://doi.org/10.1016/j.archger.2020.104295
https://doi.org/10.1186/s12877-022-03621-3
https://doi.org/10.1590/1980-5497201600030001
https://doi.org/10.1177/0898264314552690
https://doi.org/10.1111/j.1540-6040.2008.00251.x
https://doi.org/10.1016/j.socscimed.2016.08.047
https://doi.org/10.1016/j.socscimed.2016.08.047
https://doi.org/10.1186/s12888-022-03937-9
https://doi.org/10.1186/s12877-022-02946-3
https://doi.org/10.1016/j.respe.2013.05.020
https://doi.org/10.1016/j.socscimed.2008.01.013
https://doi.org/10.1007/s13524-010-0003-2
https://doi.org/10.1016/j.jss.2015.03.086
https://doi.org/10.1016/j.jss.2015.03.086
https://doi.org/10.1016/j.drugalcdep.2013.04.033
https://doi.org/10.3390/ijerph16173206


Tan et al. 10.3389/fpubh.2023.1202806

Frontiers in Public Health 15 frontiersin.org

 23. Besser LM, Rodriguez DA, McDonald N, Kukull WA, Fitzpatrick AL, Rapp SR, 
et al. Neighborhood built environment and cognition in non-demented older adults: the 
multi-ethnic study of atherosclerosis. Soc Sci Med. (2018) 200:27–35. doi: 10.1016/j.
socscimed.2018.01.007

 24. Gomez SL, Shariff-Marco S, DeRouen M, Keegan THM, Yen IH, Mujahid M, et al. 
The impact of neighborhood social and built environment factors across the cancer 
continuum: current research, methodological considerations, and future directions. 
Cancer. (2015) 121:2314–30. doi: 10.1002/cncr.29345

 25. Balfour JL, Kaplan GA. Neighborhood environment and loss of physical function 
in older adults: evidence from the Alameda County study. Am J Epidemiol. (2002) 
155:507–15. doi: 10.1093/aje/155.6.507

 26. Flores Ortiz RJ, Ferreira FR, Lima-Costa MF, Cesar CC. Perceived neighborhood 
characteristics and the functional performance of elderly people in the Belo Horizonte 
metropolitan area, Minas Gerais state, Brazil: a quantile regression analysis. Cad Saude 
Publ. (2016) 32:e00073515. doi: 10.1590/0102-311x00073515

 27. Gobbens RJJ. Cross-sectional and longitudinal associations of environmental 
factors with frailty and disability in older people. Arch Gerontol Geriatr. (2019) 
85:103901. doi: 10.1016/j.archger.2019.103901

 28. Nguyen TT, Rist PM, Glymour MM. Are self-reported neighbourhood 
characteristics associated with onset of functional limitations in older adults with or 
without memory impairment? J Epidemiol Community Health. (2016) 70:1017–23. doi: 
10.1136/jech-2016-207241

 29. Zhu A, Yan LL, Wu C-D, James P, Zeng Y, Ji JS. Residential greenness, activities of 
daily living, and instrumental activities of daily living: a longitudinal cohort study of 
older adults in China. Environ Epidemiol. (2019) 3:e065. doi: 10.1097/
EE9.0000000000000065

 30. Peng W, Jiang M, Shi H, Li X, Liu T, Li M, et al. Cross-sectional association of 
residential greenness exposure with activities of daily living disability among urban 
elderly in Shanghai. Int J Hyg Environ Health. (2020) 230:113620. doi: 10.1016/j.
ijheh.2020.113620

 31. Cao J, Rammohan A. Social capital and healthy ageing in Indonesia. BMC Public 
Health. (2016) 16:631. doi: 10.1186/s12889-016-3257-9

 32. Oshio T, Sugiyama K, Ashida T. Impact of residing in neighborhoods of high social 
participation on health of retired workers: a multilevel analysis using nationwide 
longitudinal data in Japan. SSM Popul Health. (2022) 20:101281. doi: 10.1016/j.
ssmph.2022.101281

 33. Gontijo CF, de Melo Mambrini JV, Araujo Firmo JO, Lima-Costa MF, de Loyola 
Filho AI. Longitudinal association between social capital and functional disability in a 
cohort of community dwelling older adults. Cad Saude Publ. (2022) 38:e00142021. doi: 
10.1590/0102-311xpt142021

 34. McNeish DM, Stapleton LM. The effect of small sample size on two-level model 
estimates: a review and illustration. Educ Psychol Rev. (2016) 28:295–314. doi: 10.1007/
s10648-014-9287-x

 35. Luo Y, Zhang LL, Pan X. Neighborhood environments and cognitive decline 
among middle-aged and older people in China. J Gerontol Ser B Psychol Sci Soc Sci. 
(2019) 74:E60–71. doi: 10.1093/geronb/gbz016

 36. Zhang JY, Xu SC, Lu N. Community-based cognitive social capital and self-rated 
health among older Chinese adults: the moderating effects of education. Int J Environ 
Res Public Health. (2019) 16:2741. doi: 10.3390/ijerph16152741

 37. Wight RG, Cummings JR, Miller-Martinez D, Karlamangla AS, Seeman TE, 
Aneshensel CS. A multilevel analysis of urban neighborhood socioeconomic 
disadvantage and health in late life. Soc Sci Med. (2008) 66:862–72. doi: 10.1016/j.
socscimed.2007.11.002

 38. Hox JJ, Moerbeek M, Van de Schoot R. Multilevel Analysis: Techniques and 
Applications 3rd Ed. New York: Routledge (2017).

 39. Stawski RS. Multilevel analysis: an introduction to basic and advanced multilevel 
modeling, 2nd ed. Struct Equ Model Multidiscip J. (2013) 20:541–50. doi: 
10.1080/10705511.2013.797841

 40. Fernandez-Nino JA, Manrique-Espinoza BS, Bojorquez-Chapela I, Salinas-
Rodriguez A. Income inequality, socioeconomic deprivation and depressive symptoms 
among older adults in Mexico. PLoS One. (2014) 9:e108127. doi: 10.1371/journal.
pone.0108127

 41. Kline RB. Principles and Practice of Structural Equation Modeling, New York: 
Guilford publications (2015).

 42. Lu N, Xu SC, Zhang JY. Community social capital, family social capital, and self-
rated health among older rural Chinese adults: empirical evidence from rural 
northeastern China. Int J Environ Res Public Health. (2021) 18:5516. doi: 10.3390/
ijerph18115516

 43. Koohsari MJ, Hanibuchi T, Nakaya T, Shibata A, Ishii K, Liao Y, et al. Associations 
of neighborhood environmental attributes with walking in Japan: moderating effects of 
area-level socioeconomic status. J Urban Health. (2017) 94:847–54. doi: 10.1007/
s11524-017-0199-1

 44. Tak E, Kuiper R, Chorus A, Hopman-Rock M. Prevention of onset and progression 
of basic ADL disability by physical activity in community dwelling older adults: a meta-
analysis. Ageing Res Rev. (2013) 12:329–38. doi: 10.1016/j.arr.2012.10.001

 45. Ferreira FR, Cesar CC, Camargos VP, Lima-Costa MF, Proietti FA. Aging and 
urbanization: the neighborhood perception and functional performance of elderly 
persons in Belo Horizonte metropolitan area-Brazil. J Urban Health Bull NY Acad Med. 
(2010) 87:54–66. doi: 10.1007/s11524-009-9406-z

 46. Daoud N, Sergienko R, O’campo P, Shoham-Vardi I. Disorganization theory, 
neighborhood social capital, and ethnic inequalities in intimate partner violence 
between Arab and Jewish women citizens of Israel. J Urban Health. (2017) 94:648–65. 
doi: 10.1007/s11524-017-0196-4

 47. Pickett KE, Pearl M. Multilevel analyses of neighbourhood socioeconomic context 
and health outcomes: a critical review. J Epidemiol Community Health. (2001) 55:111–22. 
doi: 10.1136/jech.55.2.111

 48. Drageset J. The importance of activities of daily living and social contact for 
loneliness: a survey among residents in nursing homes. Scand J Caring Sci. (2004) 
18:65–71. doi: 10.1111/j.0283-9318.2003.00251.x

 49. Danielewicz AL, dos Anjos JC, Bastos JL, Boing AC, Boing AF. Association 
between socioeconomic and physical/built neighborhoods and disability: a systematic 
review. Prev Med. (2017) 99:118–27. doi: 10.1016/j.ypmed.2017.02.014

https://doi.org/10.3389/fpubh.2023.1202806
https://www.frontiersin.org/journals/public-health
https://www.frontiersin.org
https://doi.org/10.1016/j.socscimed.2018.01.007
https://doi.org/10.1016/j.socscimed.2018.01.007
https://doi.org/10.1002/cncr.29345
https://doi.org/10.1093/aje/155.6.507
https://doi.org/10.1590/0102-311x00073515
https://doi.org/10.1016/j.archger.2019.103901
https://doi.org/10.1136/jech-2016-207241
https://doi.org/10.1097/EE9.0000000000000065
https://doi.org/10.1097/EE9.0000000000000065
https://doi.org/10.1016/j.ijheh.2020.113620
https://doi.org/10.1016/j.ijheh.2020.113620
https://doi.org/10.1186/s12889-016-3257-9
https://doi.org/10.1016/j.ssmph.2022.101281
https://doi.org/10.1016/j.ssmph.2022.101281
https://doi.org/10.1590/0102-311xpt142021
https://doi.org/10.1007/s10648-014-9287-x
https://doi.org/10.1007/s10648-014-9287-x
https://doi.org/10.1093/geronb/gbz016
https://doi.org/10.3390/ijerph16152741
https://doi.org/10.1016/j.socscimed.2007.11.002
https://doi.org/10.1016/j.socscimed.2007.11.002
https://doi.org/10.1080/10705511.2013.797841
https://doi.org/10.1371/journal.pone.0108127
https://doi.org/10.1371/journal.pone.0108127
https://doi.org/10.3390/ijerph18115516
https://doi.org/10.3390/ijerph18115516
https://doi.org/10.1007/s11524-017-0199-1
https://doi.org/10.1007/s11524-017-0199-1
https://doi.org/10.1016/j.arr.2012.10.001
https://doi.org/10.1007/s11524-009-9406-z
https://doi.org/10.1007/s11524-017-0196-4
https://doi.org/10.1136/jech.55.2.111
https://doi.org/10.1111/j.0283-9318.2003.00251.x
https://doi.org/10.1016/j.ypmed.2017.02.014

	The effects of neighborhood socioeconomic status on ADL/IADL among Chinese older adults-neighborhood environments as mediators
	1 Introduction
	2 Materials and methods
	2.1 Data
	2.2 Measurement
	2.2.1 Dependent variable
	2.2.2 Independent variables
	2.2.3 Mediator variables
	2.2.4 Control variables
	2.3 Data analysis

	3 Results
	3.1 Descriptive statistics of the respondent’s variables
	3.2 Characteristics of the communities
	3.2.1 Association between ADL and individual/neighborhood characteristics
	3.2.2 Association between IADL and individual/neighborhood characteristics
	3.2.3 The result of two-level logistical regression model on ADL loss
	3.2.4 The result of two-level logistical regression model on IADL
	3.3 Multilevel structural equation model
	3.3.1 Measurement model of neighborhood built environment and neighborhood social environment
	3.3.1.1 Result of multilevel structural equation model on ADL
	3.3.1.2 Result of multilevel structural equation model on IADL

	4 Discussion
	5 Limitations
	6 Conclusion
	Data availability statement
	Ethics statement
	Author contributions

	 References

