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Objective: The fundamental disconnect between the actual and the perceived health of an individual raises considerable skepticism on the self-reported health data as it may be confounded by an individual’s socio-economic status. In this light, the present study aims to assess if people with different sociodemographic backgrounds value their health differently.

Methods: The health-state valuation using time-trade off was performed in a cross-sectional survey among a representative sample of 2,311 adults from India. Individuals were selected using a multistage stratified random sampling from five Indian states to elicit their present health-state, and to perform the health-state valuation exercise using computer assisted personal interviewing. A single block of standardized health-states was valued by multiple individuals, each belonging to different socio-demographic group. The difference in the valuation of health was assessed using bivariate analysis. The impact of different sociodemographic factors on the health-state valuation was evaluated using Tobit regression model.

Results: Differences in the valuation of health were observed among different groups of age, religion, family type, state of residence, substance abuse, presence of ailments at the time of valuation, and number of dependent members in the household. Even after controlling for the severity of the administered health states, factors having a significant association with the valuation of health are age, religion, state of residence, substance abuse, family type, number of dependent members in the household, and presence of chronic or both acute and chronic ailments. Younger individuals place a higher value to their health as compared to their older counterparts. As compared to a healthy individual, a person with ailments rates the same health-state as worse.

Conclusion: Inequalities in self-reported ill-health cannot be attributed to positional objectivity; age, religion, state of residence, substance abuse, family type, dependents, and ailments impact individual health valuation.
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Introduction

One of the best indicators of the well-being of a society is its health status (1–3). When considered at a broad level, the health status conveys the information about the general wellness, productivity, and development of a society (4). A comparison of health status across different sub-groups of a population offers valuable insights into their differential health needs and to understand its determinants in order to undertake corrective measures (5, 6). The information on health status can be obtained from various sources like self-reported health-status surveys, disease burden studies, scrutiny of hospital records, death registers, etc. Among these sources, self-reported health/morbidity is one of the commonest methods used in countrywide surveys to assess the health status of a population. This information is then used extensively in assessment of health needs of different population groups while formulating health policies and programs (7, 8).

Although self-reported health has a good face-validity, problems arise when comparisons are made across different sub-groups of the population (9). Notably, self-reported health surveys in India indicate that wealthier individuals tend to report more illnesses than their less affluent counterparts (10, 11). This contradicts objective measures such as life expectancy or mortality rates, which typically show higher affliction rates among the less privileged (7, 8, 10). It raises considerable skepticism on the self-reported measures of health and morbidities.

One potential reason behind this dichotomy can be the concept of positional objectivity, which postulates that what we observe depends on our position with respect to the objects of observation (12). In other words, it articulates that despite being in the same health-state, an individual living in better socio-economic context places a different value to his/her health as compared to the poorer counterpart. Likewise, some sections of the society may be more aware and conscious about their health status and thus in a better position to appraise their health than others. This may also be linked to their ability to seek care for even minor ailments due to their ability to pay. It has been reported that there is a fundamental disconnect between the actual (objective/clinically determined) health state of an individual and the perception (subjective/self-reported) of one’s own health (13, 14). This is because an individual’s assessment of own health is heavily contingent upon its socio-demographic context and consequent social experiences (12).

An alternative interpretation of the seemingly paradoxical observation of greater self-reported ill-health among the affluent might be influenced by the stage of epidemiological transition that a society is undergoing (10). During the initial phases of transition, as non-communicable diseases are on the rise, affluent individuals are more susceptible than their less affluent counterparts, primarily due to lifestyle practices (15). This suggests that the observed disparity in self-reported morbidities, with elevated rates among the rich, could be reasonable or plausible. In contrast to these studies, the recent evidence suggests that the poor report more illness as compared to the rich (16). There is also a regional variation in the extent of this unequal and disproportionately higher morbidity among the poor. In a way, this evidence challenges the significance of positional objectivity, or at least it suggests that the impact of positional objectivity is insufficient to counterbalance the biological influence of social determinants, resulting in increased morbidity among the less privileged.

In this context, it is imperative to conduct a thorough investigation into the disjunction between an individual’s subjective evaluation of their health and the objectively determined health status. This exploration is crucial due to its far-reaching implications for the fundamental concept of health equity and its subsequent influence on patterns of healthcare utilization. An in-depth examination is required to unravel the complexities surrounding individuals’ perceived health and its alignment with objective health status. For example, the hospitalization services in India are being utilized at a higher rate by the high socio-economic groups (17, 18). If it is correct that the richer population truly undergoes greater rates of morbidity than the poorer population, the elevated utilization of health services by the wealthy may not be inherently inequitable. However, if the hypothesis of positional objectivity holds true, implying that those with higher socio-economic status tend to exaggerate their health issues, while individuals with lower socio-economic status tend to downplay or underreport their health problems, the observed inequity in utilization might be even more pronounced than what is being currently observed (19). Hence, an urgent need arises to investigate whether individuals with different sociodemographic backgrounds attribute distinct values to their health.

One of the ways to assess this question empirically is to present standardized descriptions of cases or clinical vignettes or health-states to individuals with different socio-economic status and observe their valuation of health. Considering the widespread use of self-reported health data in designing public policies, it becomes crucial to tackle this issue (7, 8). Nevertheless, the majority of efforts to evaluate the current state of health in India have relied on the self-reported health information that people have provided, failing to take into account the possibility that people in varying socioeconomic strata may have differential preferences in experiencing and reporting their health (20).

Furthermore, it has been observed in the realm of economic evaluations that their outcomes are very sensitive to the utility values of the health states which are considered in such assessments (21, 22). This is because the utility values assigned to different health states act as a critical parameter in these evaluations, significantly influencing the overall results and conclusions drawn. The sensitivity of these outcomes emphasizes the importance of accurately determining and understanding the utility values associated with diverse health conditions (23–25). It underscores the need for precision and reliability in the valuation process, as any variations in the assigned utility values can significantly impact the economic evaluation outcomes, potentially altering decisions related to resource allocation, policy formulation, and healthcare planning. Given that these utility values are also determined through health valuation among patient population, there arises a compelling need to investigate whether individuals hailing from diverse socio-demographic backgrounds attribute distinct value to their health and convey these values dissimilarly. Nonetheless, there has been no previous evaluation of this impact by presenting individuals from diverse socioeconomic backgrounds with a uniform health condition and soliciting their assessments. Consequently, this study carried out an empirical assessment among the Indian population to determine whether individuals from various socioeconomic backgrounds place different values on their health and report it differently. Therefore, we used the health-state valuation data obtained from a representative sample from India to assess how sociodemographic background of an individual influences the value which a person confers to his/her health.



Materials and methods


Study settings and sampling

To obtain a sample representative of the country’s population, the sample selection involved a rigorous process wherein the selection was made at five different levels, i.e., at the level of states, districts, primary sampling units (PSUs), households, and the individuals to be interviewed. The health-state valuation data were collected in five states of India, selected based on three criteria: income, health status, and geographical representation. The states thus selected were—Haryana, Uttar Pradesh, Gujarat, Odisha, and Tamil Nadu. Two districts were selected from each of these states, considering their relative performance on the indicators of education, health, and living standards (26). In order to select the sample within a district, “30-cluster sampling approach” recommended by the World Health Organization (WHO) was used, taking care of the rural-urban distribution of the Indian population (27). Within a cluster (primary sampling unit), the respondents were selected using a multistage stratified random sampling technique. The detailed sampling approach has been published separately (28).

To have valid regional level estimates, sample size was first estimated at the state level. As the data were collected using EQ-5D-5L instrument, the health-related quality of life scores obtained from EQ-5D-5L (utility scores) for all health states were considered as the main variable of interest. Using the standard deviation of this variable (SD = 0.53), and assuming absolute precision (d) as 0.05 and a 95% confidence interval, a sample size of 435 was estimated (29). As the study was conducted in five different states, a minimum sample of 2,175 comprising all five states was considered appropriate for the study. The health state valuation data for assessing the impact of socio-demographic factors on valuation of health-states were collected alongside the development of an EQ-5D Value set for India using an Extended design (DEVINE) study (28, 30).



Study instruments and valuation methods

The EQ-5D-5L instrument was used to record the present health-state of the respondent and to perform the health-state valuation exercise. The EQ-5D is the most commonly used instrument worldwide to measure health-related quality of life (31). Developed by the EuroQol Group in the 1980s, it serves as a succinct and generic instrument designed for measuring, comparing, and valuing health status across various disease areas (32). It is a standardized measure of health-related quality of life that assesses an individual’s health across five dimensions: mobility, self-care, usual activities, pain/discomfort, and anxiety/depression. The “5 L” in EQ-5D-5L signifies that each dimension has five possible levels of response, i.e., no problems, slight problems, moderate problems, severe problems, and extreme problems (33). Based on the level of difficulty reported by the individual among the five dimensions, an EQ-5D-5L health state is defined for it, which is represented as a five-digit number (e.g., 11111, 11112, etc.), wherein each digit represents the level of problem in the respective dimension. The computer assisted personal interviewing (CAPI) technique using EuroQol Group’s Valuation Technology (EQ-VT) software of the latest available version 2.1 was used to interview the participants (34–36). After recording the present health-state of the respondent, health state valuation exercise was performed with the respondent using time-trade off (TTO) experiment.

For the health-state valuation, the respondent was presented a predetermined hypothetical EQ-5D-5L health-state and was asked to imagine himself/herself in this health-state. The respondent was then asked to compare and value this health-state by juxtaposing it with an alternative health-state of perfect health using TTO. In TTO valuation, the respondent was asked to indicate the amount of time he/she was willing to give up to attain perfect health. The respondents were asked if they prefer to live for 10 years in perfect health (life A) or 10 years in the given (inferior) health state (life B). The time available in life B was kept constant at 10 years, while the time available in life A was changed sequentially as per the preference of the respondent, and the respondent was asked to select the better alternative between life A and life B. In other words, the respondent was asked to state its preference between “living for 10 years in an inferior health state,” and “living for less than 10 years in perfect health.” This exercise was performed till the point of indifference is achieved (when the respondent felt that both life A and life B were of equal value). At this point of indifference, the traded-off time in life A was recorded, which reflected the time in perfect health the respondent was willing to give up to avoid living in the inferior health state (life B). Using this iteration, the value of the given health-state was calculated as x/t, where “x” is the time remaining in life A at the point of indifference, and “t” is the time offered in life B, i.e., 10 years (35).

Each respondent performed the valuation of one block of health-states, which contained 10 predetermined health-states. The study utilized 18 such blocks of 10 health-states, comprising 150 unique health states in total (37). Each block included one most severe health state (55,555) as anchor state, and one of the five very mild health states (which demonstrates slight problem in any one of the five dimensions, i.e., 11112, 11121, 11211, 12111, and 21111). The remaining eight unique health states in each block (in total 144 health states in 18 blocks) were selected using Monte Carlo simulations (28, 34).

In addition to recording the self-reported health status of the respondent and performing 10 health-state valuation exercises, the data on socio-demographic characteristics of the respondent were also collected using a structured questionnaire. As the health-state valuation exercise is very sensitive to the interviewer’s effect, comprehensive trainings were organized, followed by an extensive phase of pilot interviews. Additionally, stringent quality control measures were practiced throughout the study (28, 38). The recommendations of the latest EQ-VT protocol were followed to standardize the data collection process across different regions of the country (34, 39, 40). The EuroQol Group provided English as well as officially translated versions of EQ-5D in four Indian languages (Hindi, Gujarati, Tamil, and Odia), which are used in the regions/states wherein the data collection was undertaken.



Measurements

In this study, we have classified various socio-demographic variables based on their inherent characteristics. Age of respondents, number of dependent members in household, number of earning members in household, and monthly household income were considered as continuous variables. Continuous variables exhibit a continuous and unbroken spectrum of values, allowing for precise measurements. On the other hand, nominal variables, including gender, educational status, marital status, religion, area of residence, employment status, history of substance abuse, presence of ailments, province/state, and type of family, possess distinct categories or groups that do not have any inherent order or numeric value. These variables represent discrete attributes without a natural or meaningful sequence, hence used as nominal variables. Lastly, we treated the severity of the administered health state as an ordinal variable. Ordinal variables, unlike nominal ones, exhibit a meaningful order or hierarchy among their categories. In our study, the severity levels were ranked as very mild, mild, moderate, severe, and extreme. This classification of variables provided a comprehensive framework for analyzing and interpreting the diverse data collected in this study.



Data analysis

As a single block of health-states (comprising health-states from the whole spectrum of severity) was valued by multiple individuals, each belonging to different socio-demographic characteristics, it offered an opportunity to assess the differential valuation of the similar health-states. First, the descriptive statistics were generated to present the characteristics of the final sample. The bivariate analysis was then performed using the value assigned to health-states (utility value) as the dependent variable, and socio-demographic factors as independent variables. This analysis was performed to assess the difference in the valuation of health-states across different socio-demographic groups. ANOVA was used to assess the presence of statistically significant differences between the mean utility scores among the respondents of different age-groups, states (provinces), occupation, religion, wealth quintile, substance abuse, presence of acute or chronic ailments, number of dependent members in the household, and severity of the administered health-states. On the basis of their severity, the health-states were classified into five groups, viz., very mild, mild, moderate, severe, and extreme. This classification was based on the severity index/level sum score by adding up the levels of each dimension, where the best is (1 + 1 + 1 + 1 + 1) = 5, and the worst is (5 + 5 + 5 + 5 + 5) = 25. The independent samples t-test was used to see the difference in mean utility value among the respondents of different sex, area of residence, marital status, educational attainment, and family type (nuclear or joint).

The Tobit regression model was then used to ascertain the impact of different sociodemographic factors on the valuation of health-states. Tobit model was used as it is a class of regression model in which the observed range of the dependent variable is censored in some way (41–43). The utility value obtained as a result of health-state valuation was considered as the dependent variable, which was censored at −1. The socio-demographic factors were considered as independent variables. Those socio-demographic variables for which statistically significant differences were observed in the bivariate analysis among different groups were considered in the Tobit regression model. The regression equation thus formed is expressed as:

[image: image]

where [image: image] is the value of the ith predictor, e is the error and [image: image].



Ethical considerations

The study was performed in accordance with the ethical standards as laid down in the 1964 Declaration of Helsinki. The participants were presented the study’s participant information sheet, and written informed consent was obtained prior to the conduct of interview. The ethical approval to conduct the study was obtained from the Institutional Ethics Committee of the institute of affiliation of the corresponding author.




Results


Sample characteristics

A total of 2,311 interviews were considered in the final analysis after removing the incomplete/practice/pilot interviews and interviews flagged due to respondents’ lack of understanding. The interviews which were not included in the final analysis were predominantly pilot interviews (N = 788). Such a large pilot was conducted to ensure protocol compliance and minimize the interviewers’ effect, considering the limited literacy rate of the Indian population, and to standardize the data collection process across all the study sites as well as interviewers. The remaining interviews which were not included in the analysis were either incomplete (N = 98) or were requested for non-inclusion by the respondents because of their lack of understanding (N = 301), or were flagged by the interviewers due to the respondents’ lack of involvement (N = 50). The mean age of the respondents was 42 years (standard deviation: 16 years), the age ranged between 18 and 82 years old. Females comprised 51.1% of the sample. Majority of the respondents were married (70.6%) and resided in rural areas (68.7%). The detailed socio-demographic information of the respondents is presented in Table 1.



TABLE 1 Socio-demographic characteristics of the respondents.
[image: Table1]



Impact of sociodemographic factors on valuation of health

Bivariate analysis demonstrated that differences exist in the valuation of health across different groups of age, religion, family type, state of residence, substance abuse, presence of ailments at the time of valuation, and number of dependent members in the household (Table 2). We also found that the valuation of health was not different among respondents of different sex, wealth quintiles (based on monthly household income), area of residence (rural/ urban), marital status, level of educational attainment, occupation, and with different number of earning members in the household.



TABLE 2 Valuation of health across different socio-demographic groups.
[image: Table2]

The results of Tobit regression model showed that even after controlling for the severity of the administered health states, factors having a significant impact on the valuation of health are age, religion, state/ province of residence, substance abuse, family type, number of dependent members in the household, and presence of chronic or both acute and chronic ailments (Table 3). The results demonstrated that younger individuals place a slightly better/higher value to the same health-state as compared to their older counterparts, although the magnitude of difference is less (B = −0.001). This is to mention here that assigning a better/higher value to a health-state implies that the individual perceives this health state to be less troublesome, as compared to another person who is assigning a lower value to it. It was further observed that people living in joint family rates the same health state as relatively worse (B = −0.016), as compared to people living in nuclear families. It was also observed that as compared to a healthy individual, a person with chronic (B = −0.051), or both acute and chronic ailments (B = −0.059), assigns a lower value the same health-state, thus rating it worse. Likewise, as compared to an individual with no history of substance abuse, a person consuming tobacco (B = −0.02), alcohol (B = −0.052), or both (B = −0.086) assigns a lower value the same health-state. It has also been observed that people living in Gujarat and Tamil Nadu rates the same health state as worse, as compared to people living in Odisha and Uttar Pradesh (44). The detailed results have been presented in Table 3.



TABLE 3 Impact of socio-demographic factors on valuation of health.
[image: Table3]

Older individuals have a slight negative valuation of health (Table 3). It implies that if a person with an older age encounters a health condition, it is more likely to be reported, and with increased severity, as compared to a person in young age. One possible reason for this can be that in younger age, health is not as much a priority as ensuring job security, earning livelihood, and fulfilling social belonging needs (45). With increasing age, as other age-specific needs and societal responsibilities reach their culmination, the health starts to be recognized as a priority. Moreover, ill health leads to a disproportionately higher disability or poor quality of life among the older adults, and hence have a higher aversion to ill health and consequently, poorer reported quality of life for same health state. Another possible explanation of the age-specific association is that with higher age, an individual is more likely to have been influenced by illnesses, and hence rates the health low.

Furthermore, it has been observed in our study that a person suffering from ailments or doing substance abuse assigns a lower value to the same health-state as compared to a healthy individual. This explains that due to the experience of morbidity, and individual becomes more conscious and aware of its consequences, hence a small decrement in health is seen and reported with a greater magnitude. It has also been observed in our study that when a health condition is encountered by a person living in joint family, it perceives it worse as compared to a person living in nuclear family. This could be because joint families usually have a better support system to take care of the personal, health, and financial needs during the morbidity, hence placing the health higher on their priority list (46). Likewise, the impact of an increase in the number of dependent members in the household on the valuation of health can be explained in the same way.




Discussion

The empirical estimation of the self-reported morbidity rate is a manifestation of two things. The first component is a consequence of the biomedical phenomenon which depends on the actual health status of the members of a socioeconomic group. Therefore, biologically, there can be a differential prevalence of illnesses in rich and poor populations. The second component rests upon the propensity of reporting the existing illness, which has a philosophical basis and has been explained with the help of positional objectivity (12). Therefore, the empirically measured rates of self-reported morbidity in the rich and poor populations could have been contributed by the way rich/poor populations perceive ill health (differential valuation of health). As certain surveys report that the self-reported morbidity rate is higher among the wealthier quintiles of the population, and as it goes contrary to the objective measurements of health, it has been hypothesized that this phenomenon could be a result of positional objectivity (47). In this paper, we have investigated the role of positional objectivity in confounding the self-reported morbidity rate. Our study has investigated that when people from different sociodemographic backgrounds encounter a same health condition, do they place a different value to it.

The findings of our research implies that as there is no role of positional objectivity in health, empirically estimated self-reported morbidity rate is a consequence of the actual health status of a person. This being the case, the differential reporting of ill health among the rich and the poor is predominantly influenced by the prevalence of communicable and non-communicable diseases in these population sub-groups. As the incidence of communicable diseases has a strong correlation with social determinants of health, these diseases are more likely to be concentrated in poor population (48). On the other hand, the concentration of non-communicable diseases across the wealth quintiles is dependent on the phase of epidemiological transition in the respective populations (15). If the population is in an early phase of epidemiological transition, then the non-communicable diseases tend to be more prevalent in the high-income groups. Whereas, with the advancement of the epidemiological transition, the lower income groups of a population also start to face increased prevalence of non-communicable diseases. If positional objectivity is not contributing to the differential rate of self-reported morbidity among the rich and poor population as our findings suggest, then this differential is an interplay of distribution of communicable and non-communicable diseases across these population sub-groups. In the early phases of epidemiological transition, the self-reported morbidity rates are result of the competing effect of higher prevalence of communicable diseases in poor population and higher prevalence of non-communicable diseases in the rich population. When we move to areas with established epidemiological transition, the poor population start to face the dual burden of disease, as not only the communicable diseases are more prevalent in the poorer population, but the prevalence of non-communicable diseases also starts to rise in these population subgroups. As a consequence, there would be higher income-based inequalities in the health status of those population groups where the epidemiological transition has set in.

We have also investigated what other factors impact the differential valuation of health. Using the empirical data from India, this study is the first attempt to demonstrate the differential valuation of health by the different strata of the society. Overall, our findings suggest that the value which a person assigns to the health is influenced by an array of sociodemographic factors like its age, religion, state/province of residence, substance abuse, family type, number of dependent members in their household, and presence of chronic or both acute and chronic ailments.

Our findings demonstrate that increasing age has a negative influence on the valuation of health. It implies that if a person with an older age encounters a health condition, he/she is more likely to report it, and with increased severity, as compared to a person in younger age. This explains that with increasing age, a person becomes more conscious and aware about its health, as compared to its younger counterparts. One potential reason for this can be that in the younger age, health is not as much a priority as ensuring job security, earning livelihood, and fulfilling social belonging needs, as reported by Abdi et al. (45). This implies that with increasing age, as other age-specific needs and societal responsibilities reach their culmination, the health starts to be recognized as a priority.

Likewise, it has been observed in our analysis that a person suffering from ailments or doing substance abuse assigns a lower value to the same health-state as compared to a healthy individual. This explains that due to the experience of morbidity, and individual becomes more conscious and aware of its consequences, hence a small decrement in health is seen and reported with a greater magnitude (49). It has also been observed that when a health condition is encountered by a person living in joint family, it perceives it worse as compared to a person living in nuclear family. This is because joint families usually have a better support system to take care of the personal, health, and financial needs during the morbidity, hence placing the health higher on their priority list, which has also been demonstrated by Gupta et al. (46). The impact of an increase in the number of dependent members in the household on the valuation of health can also be explained in the same way, which corresponds to the findings by O’Gara et al. (50).

It is noteworthy to highlight that our study yielded an intriguing finding, as we did not observe any statistically significant disparities in the valuation of health among individuals across various wealth quintiles, as depicted in Table 2. This outcome stands in contrast with the hypotheses of positional objectivity proposed by Amartya Sen that posited individuals from lower-income strata tend to underreport or underestimate the presence of illness or health deficits (2, 12, 13). Hence, the findings of our study challenges conventional assumptions proposed in the literature regarding the relationship between socioeconomic status and health perception. However, it is important to note that this hypothesis of positional objectivity has faced contrary findings in subsequent analyses by Subramanian et al. (9) that examined the relationship between socio-economic status and the prevalence of self-reported morbidities in India. Their investigations have revealed that individuals from lower socio-economic strata are more inclined to report specific health issues, illnesses, and an overall perception of poor health. Likewise, investigations by Dixit et al. and Gupta et al. on health outcomes on distinct patient groups in India have also failed to establish any discernible impact of income on self-reported health outcomes (46, 51). In essence, the research landscape has yielded a spectrum of results, encompassing positive, null, and negative associations between income inequality and self-reported health (52, 53). Within this context, our analysis contributes to the body of knowledge by demonstrating a lack of association between an individual’s wealth status and their inclination to assign varying values to their health.

A possible limitation while examining positional objectivity in our study might be that the wealth status of an individual was ascertained on the basis of self-reported household income, which could be under-reported. As income is a sensitive and private topic, the income related questions asked in the context of survey research are very susceptible to misreporting (54). This could become more pronounced in the Indian settings where the proportion of informal sector employment predominates in the labor workforce (55). As a result, information on income can be under-reported. However, as long as the extent of under-reporting is random among the population sub-groups, it will not confound our analysis. Even if the under-reporting is systematic, and higher among the rich, it may affect the gradient of health reporting among the intermediate socio-economic status groups, but the comparison of extreme groups should demonstrate significant difference. We did not find any significant difference between the poorest and the richest. Moreover, the direction of valuation was also opposite to what could be expected as a result of positional objectivity. Finally, other proxy measures of socio-economic status such as education or occupation also had a null association.



Conclusion

In conclusion, our investigation has probed the impact of positional objectivity in confounding the self-reported morbidity rates. We have examined whether individuals from diverse sociodemographic backgrounds assign varying values to the same health conditions. Our findings underscore that positional objectivity does not play a role in health valuation, ultimately indicating that empirically estimated self-reported morbidity rates directly reflect an individual’s actual health status. Consequently, disparities in reporting ill health between affluent and less affluent individuals primarily arise from variations in the prevalence of communicable and non-communicable diseases within these subpopulations. Our study reveals that an individual’s sociodemographic context and subsequent social experiences shape their health valuations, with household income showing no discernible impact on such assessments. Hence, disparities in empirically estimated self-reported morbidity rates among diverse socio-economic groups inherently stem from the genuine health conditions within these population segments. The results of this study can be used in understanding inequalities in self-reported morbidities and consequently fine-tune the policy initiatives aimed at specific demographic groups by understand their differential health needs.
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