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Objective: This study aimed to investigate the association between nine social media platforms use and health-related behavior, including fruit and vegetable intake, physical activity, tobacco use, and risk factors including depression and obesity.

Methods: A cross-sectional study was conducted using secondary data from the Sharik Health Indicators Surveillance System (SHISS). Participants 18 years and older were recruited via phone-interviews. The nine social media platform use [Twitter-(X), Facebook, Instagram, WhatsApp, LinkedIn, Snapchat, TikTok, Telegram, and YouTube] were assessed using self-reported use. Health-related variables include behavioral factors including diet, physical activity, and tobacco use including (cigarettes, waterpipes, and e-cigarettes), risk of depression and obesity. Logistic regression analysis was performed to explore the association between social media use and health-related variables.

Results: The study indicated that daily Snapchat users had a lower healthy diet (fruit and vegetable intake), whereas daily LinkedIn and WhatsApp users were positively associated with a healthier diet, relative to those with infrequent social media use. Furthermore, daily interaction with Instagram, TikTok, Telegram, and YouTube was significantly associated with increased depression risk. Conversely, Snapchat and WhatsApp usage was significantly linked to a decreased depression risk. Tobacco-smoking behaviors were associated with specific social media platforms: cigarette smoking was associated with Snapchat, TikTok, and YouTube; e-cigarette with Facebook, LinkedIn, Snapchat, and TikTok; and waterpipe smoking with Facebook and TikTok. Interestingly, some platforms, such as Instagram, were associated with reduced cigarette smoking. The relationship between social media activity and health-related outcomes remained significant after adjusting for age and gender.

Conclusion: This study highlights the potential negative impact of particular daily social media use on health-related variables, including dietary habits, tobacco use, and depression. Nevertheless, particular daily social media use of some platforms was associated with a potential positive impact on the health-related variables. Social media platforms are tools that can be used to achieve both a positive and negative effect. By knowing which demographic segments have a greater presence on one platform, we are creating opportunities to understand the social phenomena and at the same time use it to reach those segments and communicate with them, because each social media platform has its unique way and framework of user communication.
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1. Background

Over the last 20 years, social media has emerged from obscurity to become a fully integrated part of everyday life (1). The United States has one of the highest social network usage rates in the world (1). In 2020, over 223 million Americans were using social networks to send private messages, post pictures, or like or post comments on content posted by others (2). Facebook is the largest social media platform in the world, with over 2.9 billion users (3). Other social media platforms, including YouTube and WhatsApp, also have more than 2 billion users each (4). These numbers are huge, considering that there are 7.7 billion people in the world, at least 3.5 billion of whom have access to the internet. This means that social media platforms are now used by a third of the people in the world and by more than two-thirds of all internet users (4). In the United States, more females use social media than males (54 and 46%, respectively); males account for 54.4% of the average global population (5). Meanwhile, the number of social media users in Saudi Arabia is also on the rise (6). According to a report from the BBC, among Middle Eastern countries, Saudi Arabia has the largest social media user base (6). Due to the high rate of smartphone use in the country, 79.3% of the Saudi population are active social media users, and 27.66 million of them access it via mobile device (6). These users are most active on social media platforms such as Twitter, YouTube, and Facebook (7). In this regard, it is mainly religious, political, and cultural factors that shape the social media engagement of the country (8). These factors influence Saudi nationals to use social media platforms in different contexts (8). This offers them ways to interact and communicate, and also helps in promoting user engagement (9).

Research into the effects of social media on health and behavior in general has expanded rapidly in recent years (10). In addition, it been encouraged by controversial public debates and critical primary research, systematic reviews, and meta-analyses (10). These works focus on the usage of social media and its links to health and behavior, especially for young people (11). For instance, a cohort study of 6,595 teenagers aged 12–15 years in the United States found that teenagers who spend more than 3 h per day using social media might be at a higher risk for mental health problems compared with those who never use it (12).

In contrast, other research suggests that social media may even have health related and behavioral lifestyle benefits (13). Recent discourse around the implications of social media on health and behavioral lifestyles has predominantly spotlighted its potential drawbacks. Such apprehensions often concern issues related to mental health, privacy, and cyberbullying (14). However, an emerging body of research provides a counter-narrative, positing that social media, when used judiciously, can offer tangible benefits for both mental and physical well-being.

Specifically, studies have shown that social media platforms can serve as tools for disseminating health-related information, facilitating peer support, and even aiding in chronic disease management (15). For instance, online communities provide venues for patients to share their experiences, which often leads to better coping mechanisms and improved mental health outcomes (16). Furthermore, these platforms have also been employed in public health campaigns, with agencies leveraging their wide reach to spread awareness about diseases, vaccinations, and health-promoting behaviors (17).

Another facet where social media has demonstrated potential benefits is in the realm of behavioral lifestyles. Platforms such as Instagram and YouTube are full with fitness influencers and health educators who disseminate advice on exercise routines, balanced diets, and mindfulness practices (18). For many, these platforms serve as primary sources of inspiration and motivation for adopting healthier lifestyles (11).

Nonetheless, it is imperative to approach these findings with caution. The quality of information on social media platforms is heterogeneous, and users need to be discerning about their sources. Furthermore, while certain studies underscore the benefits of social media, it is crucial to balance this perspective with research highlighting its potential drawbacks, ensuring a comprehensive understanding of its overall impact on health and behavioral lifestyle (19).

These conflicting findings make it challenging to navigate the research investigating the effects of social media on mental health and how best to use social media. There is evidence that, in general, routine social media use is positively associated with health and social well-being. However, this is only the case if the user is not “emotionally invested” in the media; if they are, the outcomes are negative (12). Nevertheless, the degree to which social media harms health or behavior is debatable. Another recent study found that most studies investigating the link between social media and mental health demonstrate “weak” or “inconsistent” associations (12).

Thus, the objective of the this research project was to explore the association between the utilization of nine distinct social media platforms, namely Twitter (X), Facebook, Instagram, WhatsApp, LinkedIn, Snapchat, TikTok, Telegram, and YouTube, and health-related behaviors. These behaviors encompassed consumption patterns of fruits and vegetables, engagement in physical activities, usage of tobacco, and potential risk factors such as depression risk and obesity.



2. Methods


2.1. Design

This study comprises a secondary analysis of cross-sectional data from the Sharik Health Indicators Surveillance System (SHISS) (20). The SHISS consists of short phone interviews conducted from all 13 administrative regions of Saudi Arabia on a quarterly basis. Each interview lasts approximately 8–12 min and is conducted by a trained data collector. In SHISS, the ZdataCloud® system was used. It has integrated eligibility and sampling modules, which control the distribution of the sample and prevent human-related sampling bias (21). All questions had to be answered for an individual questionnaire to be successfully submitted to the database. All data were coded, collected and stored through the ZdataCloud® system and database (21). The Sharik institutional review board granted approval for this project (approval no. 2021–2), in line with Saudi Arabia’s research ethics standards and regulations.



2.2. Sampling and sample size

The SHISS achieves an equal distribution of participants, stratified by age and gender, within and across the 13 regions of Saudi Arabia, by using a proportional quota sampling. It employs two age groups, based on the Saudi Arabian median age of 36 years, which generates a quota of 52 for this study. Researchers calculated the sample size based on a medium effect size of nearly 0.3, with 80% power and a 95% confidence level, allowing for comparison between quotas based on region, age, and gender (16). Consequently, each quota necessitates at least 135 participants and total sample was 7,020 participants. The ZdataCloud® stops accepting participants with similar characteristics once the quota sample is reached. The data collection system, with no human interference, automatically controls the quota sampling process (15).



2.3. Participants and recruitment

The study focused on recruiting Arabic-speaking Saudi residents aged 18 or older. The Sharik Association for Research and Studies (formerly known as the Sharik Association for Health Research) provided a random list of mobile phone numbers to identify possible participants (17). The Sharik database contains individuals interested in taking part in future research projects, with over 170,000 users spread across Saudi Arabia’s 13 regions and still expanding (17). Participants were called up to three times, and if there was no response, another individual with similar demographics was selected from the database. This process continued until the required number of participants was reached and the recruitment process was automatically closed. Consent was verbally acquired from participants during the interview sessions. Once consent was given, the interviewer evaluated the participant’s eligibility, and if they met the criteria, the interview commenced.



2.4. Questionnaire design and validation

The SHISS dataset includes behavioral risk factors (diet, physical activity, and tobacco use, including cigarettes, waterpipes, and e-cigarettes), the risk of depression, which is measured using the Patient Health Questionnaire (PHQ-2) with a cut-off of 3 and above (22, 23), and obesity, measured as the body mass index (BMI) via height and weight. We calculated the participants’ body mass indices (BMIs). We used the Center for Disease Control and Prevention’s (CDC) BMI category status, which classifies a BMI of 30 or above as obese (24). By the end of 2021, the SHISS included a variable for collecting data related to the daily use of some social media applications, including Twitter (X), Facebook, Instagram, WhatsApp, LinkedIn, Snapchat, TikTok, Telegram, and YouTube.

This study also used the WHO’s global recommendations of physical activity for adults (18–64 years old): (1) vigorous-intensity physical activity (VIPA) for 75 min per week, or (2) moderate-intensity physical activity (MIPA) for 150 min per week (25). Based on the participants’ self-reported responses to the interview questionnaire (i.e., the weekly number of minutes, frequency, and intensity level of exercise), two categorical outcome variables were created that reflected whether or not the guidelines were met: an acceptable level of physical activity (ALPA; at least 150 min of MIPA per week and/or at least 75 min of VIPA per week) and a low level of physical activity (LLPA; less than 150 min of MIPA and/or less than 75 min of VIPA).

We asked the participants about their daily fruit and vegetable intake. If a participant’s daily food intake included at least one portion of fruit and one portion of vegetables, they were categorized as having an acceptable level of fruit and vegetable intake (AFVI). If not, they were categorized as having a low level of fruit and vegetable intake (LFVI).

Sharik Health Indicators Surveillance System questions were linguistically validated to ensure that the participant understood the questions as intended and could provide accurate answers. The validation was preformed via focus group, asked to discuss and respond to the survey as one group. This process was repeated with the same people to test the survey’s reliability. Afterwards, a new group was interviewed to ensure the clarity of the original meaning and to develop modified questions. The final version of the questionnaire was produced accordingly.



2.5. Statistical analysis

Data were transferred to the Statistical Package for Social Sciences (SPSS), version 25, which was used for data management and analyses. This study employed automated electronic data collection, there were no missing values; the ZdataCloud involves a data integrity check to prevent users from entering invalid data (e.g., the minimum age is 18) (21). Descriptive statistics were used to describe the variables. The quantitative variables are presented herein as the mean and SD if they have a normal distribution, or as the median and range, as appropriate. The categorical variables are presented as percentages. Logistic crude regression, adjusted for age and gender, was used to was used to explore the association between social media use and other health-related variables.




3. Results

In total, between July and December of 2021, 13,915 participants from the 13 administrative regions of Saudi Arabia completed the interview, with a response rate of 67.29%. Out of the total contacted potential participants, 49.9% were female. The mean age was 36.80 (SD: 13.68; minimum: 18; maximum: 99; range: 81). Table 1 shows the demographic distribution of participants according to their daily social media usage.



TABLE 1 Demographic distribution of participants (n = 13,915) in the context of their daily social media usage.
[image: Table1]

Table 2 shows a crosstabulation between daily social media platform use and health-related behaviors including obesity, physical activity, fruit and vegetable intake, smoking (traditional cigarettes, waterpipes, and e-cigarette), and the risk of depression.



TABLE 2 Cross tabulation between daily use of social media platforms and health-related behaviors.
[image: Table2]

Table 3 shows an association between the daily use of social media platforms and health-related behaviors including obesity, physical activity, fruit and vegetable intake, smoking (traditional cigarettes, waterpipes, and e-cigarettes), and the risk of depression, compared to those who do not use these platforms on a daily basis.



TABLE 3 Logistic regression results of the association between daily use of social media platforms and health-related variables, compared to those who do not use these platforms on a daily basis.
[image: Table3]

In terms of obesity, seven out of nine social media platforms show a significant association with obesity after adjusting for age and gender, including Twitter, Facebook, WhatsApp, LinkedIn, Snapchat, and TikTok. However, none of the social media platforms were associated with physical activity. Meanwhile, three platforms were associated with a healthy diet: LinkedIn, WhatsApp (positive association), and Snapchat (negative association).

Regarding smoking behavior, three social media platforms were positively associated with cigarette smoking: Snapchat, TikTok, and YouTube. Four social media platforms were positively associated with e-cigarette smoking, namely, Facebook, LinkedIn, Snapchat, and TikTok. Meanwhile, two social media platforms were positively associated with waterpipe smoking (Facebook and TikTok).

Finally, three social media platforms, TikTok, Telegram, and YouTube, were positively associated with a risk of depression.



4. Discussion

The use of social media has become increasingly prevalent in recent years, with billions of people around the world using various platforms to connect with others, share information, and engage in a variety of activities. While social media has many potential benefits, including increased social connectedness and access to information, there are also concerns about the potential negative effects of social media use on health and behaviors. In this study, we aimed to explore the association between the daily use of social media and health and behavior in the Saudi population during in the second half of 2021.

Our results showed that there was a significant association between social media use and obesity, with seven out of nine social media platforms showing a significant association with obesity. This finding is consistent with previous research that has found a link between social media use and obesity (26). One possible explanation for this association is that social media use may lead to a sedentary lifestyle and unhealthy eating habits, which can contribute to weight gain and obesity (27).

Interestingly, we did not find any significant association between social media use and physical activity. This finding is somewhat surprising, as previous research has suggested that social media use may have a negative impact on physical activity levels (28). However, it is possible that the lack of association in our study is due to the fact that we only looked at daily social media use and did not take into account other factors that may influence physical activity levels, such as work or family obligations.

We also found that three social media platforms were associated with a healthy diet, namely, LinkedIn, WhatsApp (positively), and Snapchat (negatively). This finding is consistent with previous research that has found a link between social media use and dietary habits (29). One possible explanation for this association is that social media use may influence food choices and eating behaviors through exposure to food-related content and social norms (30).

In terms of tobacco-use behaviors, we found that three social media platforms were positively associated with cigarette smoking: Snapchat, TikTok, and YouTube. E-cigarette smoking was positively associated with four social media platforms, including Facebook, LinkedIn, Snapchat, and TikTok. Finally, two social media platforms were positively associated with waterpipe smoking (Facebook and TikTok). These findings are consistent with previous research that has found a link between social media use and tobacco use (31, 32). One possible explanation for this association is that social media use may expose individuals to pro-tobacco content and social norms that promote smoking (33).

Finally, we found that three social media platforms were positively associated with the risk of depression: TikTok, Telegram, and YouTube. This finding is consistent with previous research that has found a link between social media use and depression (34). One possible explanation for this association is that social media use may lead to social comparisons and feelings of inadequacy, which can contribute to the development of depression (35).

Overall, our study provides important insights into the association between social media use and health and behaviors in the Saudi population. While our findings are consistent with previous research, it is important to note that the relationship between social media use and health and behavior is complex and multifaceted. There are many factors that can influence the impact of social media use on health and behavior, including individual differences, social norms, and cultural factors (36).

However, via studying the social media distribution among demographic variables and health indicators, and by going deeper to explore the relationship between social media daily use and specific health indicators, we can confidently lean toward the logical argument that social media platforms are tools that can be used to achieve both a positive and negative effect.

Furthermore, the way the users use these tools influences the type of individuals they attract and the way those individuals are affected by them. This can be inferred by the way, social media platforms accumulate specific demographic segments with similar health indicators. These platforms are more likely not the cause of the existence or accumulation of these segments of the population, but the way the users use these tools can be associated with the segments they attract. By knowing which segments have a greater presence on one platform, we are creating opportunities to understand the social phenomena and at the same time use it to reach those segments and communicate with them, because each social media platform has its unique way and framework of user communication.

One limitation of our study is that it is cross-sectional in nature, which means that we cannot establish causality between social media use and health and behaviors. Future research should use longitudinal designs to better understand the temporal relationship between social media use and health and behavior. Additionally, future research should explore the mechanisms underlying the association between social media use and health and behavior, including the role of social norms, social comparison, and exposure to pro-health or unhealthy content.

In conclusion, our study provides important insights into the association between social media use and health and behavior in the Saudi population. Our findings suggest that social media use is associated with a range of health and behavior outcomes, including obesity, dietary habits, tobacco use, and depression. These findings have important implications for public health interventions aimed at reducing the negative impact of social media use on health and behavior. By understanding the factors that influence the impact of social media on users’ health and behavior, we can develop more effective interventions to promote healthy behaviors and prevent negative health outcomes.



Data availability statement

The original contributions presented in the study are included in the article/supplementary material, further inquiries can be directed to the corresponding author.



Ethics statement

The studies involving humans were approved by Sharik institutional review board. The studies were conducted in accordance with the local legislation and institutional requirements. Written informed consent for participation was not required from the participants or the participants’ legal guardians/next of kin because the study used phone interviews. Participant consent was obtained verbally during the interviews and recorded in the data collection system.



Author contributions

NB: Conceptualization, Data curation, Formal Analysis, Funding acquisition, Investigation, Methodology, Project administration, Software, Supervision, Validation, Writing – original draft, Writing – review & editing. NA: Conceptualization, Investigation, Methodology, Writing – original draft, Writing – review & editing. RA-D: Writing – review & editing. SA: Writing – review & editing. ZA: Writing – review & editing. AA: Writing – review & editing.



Conflict of interest

The authors declare that the research was conducted in the absence of any commercial or financial relationships that could be construed as a potential conflict of interest.



Publisher’s note

All claims expressed in this article are solely those of the authors and do not necessarily represent those of their affiliated organizations, or those of the publisher, the editors and the reviewers. Any product that may be evaluated in this article, or claim that may be made by its manufacturer, is not guaranteed or endorsed by the publisher.



References

 1. Anderson, C. (n.d.) Does social media impact mental health? What we really know, in medical news today. Medical News Today.


 2. Learn, S
. Top 7 impacts of social media: Advantages and disadvantages. (2023). Available at: https://www.simplilearn.com/real-impact-social-media-article (Accessed April 26, 2023).


 3. Backlinko Social Network Usage & Growth Statistics: How many people use social media in 2022? (2022). Available at: https://backlinko.com/social-media-users (Accessed April 26, 2023).


 4. Our World in Data (n.d.). The rise of social media. Available at: https://ourworldindata.org/rise-of-social-media (Accessed April 26, 2023).


 5. Ayrshare Social media demographics comparison. (2022). Available at: https://www.ayrshare.com/social-media-demographics-comparison/ (Accessed April 26, 2022).


 6. Global Media Insight Saudi Arabia social media statistics 2023. (2023) Available at: https://www.globalmediainsight.com/blog/saudi-arabia-social-media-statistics/ (Accessed April 26, 2023).


 7. Lyons, K. 28 top social media platforms worldwide. (2022). Semruch Blog.


 8. Crowd Saudi Arabia (KSA) digital and social media trends 2021. (2021) Available at: https://news.thisiscrowd.com/saudi-arabia-ksa-digital-and-social-media-trends-2021 (Accessed April 26, 2023).


 9. The Global Statistics (n.d.). Saudi Arabia Social Media Statistics 2023|Most Popular Platforms. Available at: https://www.theglobalstatistics.com/saudi-arabia-social-media-users/ (Accessed April 26, 2023)


 10. Karim, F, Oyewande, A, Abdalla, LF, Chaudhry Ehsanullah, R, and Khan, S. Social media use and its connection to mental health: a systematic review. Cureus. (2020) 12. doi: 10.7759/cureus.8627


 11. School for Public Health Research
. The Impact of Social Media Use on Young People’s Mental Health School for Public Health Research (2023).


 12. Riehm, KE, Feder, KA, Tormohlen, KN, Crum, RM, Young, AS, Green, KM , et al. Associations between time spent using social media and internalizing and externalizing problems among US youth. JAMA Psychiatry. (2019) 76:1266–73. doi: 10.1001/jamapsychiatry.2019.2325 

 13. Portal, K.S.R (n.d.). The impact of digital experiences on adolescents with mental health vulnerabilities.


 14. Mano, R
. Social media and resilience in the COVID-19 crisis. Adv Appl Sociol. (2020) 10:454–64. doi: 10.4236/aasoci.2020.1011026


 15. De Angelis, G , et al. The use of social media among health professionals to facilitate chronic disease self-management with their patients: a systematic review. Digital Health. (2018) 4:2055207618771416.


 16. Li, Y, and Yan, X. How could peers in online health community help improve health behavior. Int J Environ Res Public Health. (2020) 17:2995. doi: 10.3390/ijerph17092995 

 17. Chen, J, and Wang, Y. Social media use for health purposes: systematic review. J Med Internet Res. (2021) 23:e17917. doi: 10.2196/17917 

 18. Li, W, Ding, H, Xu, G, and Yang, J. The impact of fitness influencers on a social media platform on exercise intention during the COVID-19 pandemic: the role of Parasocial relationships. Int J Environ Res Public Health. (2023) 20:1113. doi: 10.3390/ijerph20021113 

 19. Gunasekeran, DV, Chew, A, Chandrasekar, EK, Rajendram, P, Kandarpa, V, Rajendram, M , et al. The impact and applications of social media platforms for public health responses before and during the COVID-19 pandemic: systematic literature review. J Med Internet Res. (2022) 24:e33680. doi: 10.2196/33680 

 20. Sharik Association for Health Research Studies Sharik health indicators surveillance system (SHISS). (2021) Available at: https://en.sharikhealth.com/index.php?option=com_content&view=article&id=7 (Accessed April 26, 2023).


 21. ZdataCloud (2023). ZdataCloud. Available at: www.zdatacloud.com (Accessed April 26, 2023).


 22. Manea, L, Gilbody, S, Hewitt, C, North, A, Plummer, F, Richardson, R , et al. Identifying depression with the PHQ-2: a diagnostic meta-analysis. J Affect Disord. (2016) 203:382–95. doi: 10.1016/j.jad.2016.06.003


 23. Giuliani, M, Gorini, A, Barbieri, S, Veglia, F, and Tremoli, E. Examination of the best cut-off points of PHQ-2 and GAD-2 for detecting depression and anxiety in Italian cardiovascular inpatients. Psychol Health. (2021) 36:1088–101. doi: 10.1080/08870446.2020.1830093 

 24. Centers for Disease Control and Prevention (n.d.). Defining adult overweight & obesity. Available at: https://www.cdc.gov/obesity/basics/adult-defining.html#:~:text=Adult%20Body%20Mass%20Index&text=If%20your%20BMI%20is%20less,falls%20within%20the%20obesity%20range (Accessed April 26, 2023).


 25. World Health Organization Physical activity. (2023). Available at: https://www.who.int/news-room/fact-sheets/detail/physical-activity (Accessed April 26, 2023).


 26. Tiggemann, M, and Slater, A. NetGirls: the internet, Facebook, and body image concern in adolescent girls. Int J Eat Disord. (2013) 46:630–3. doi: 10.1002/eat.22141 

 27. Eşer Durmaz, S, Keser, A, and Tunçer, E. Effect of emotional eating and social media on nutritional behavior and obesity in university students who were receiving distance education due to the COVID-19 pandemic. J Public Health. (2022) 31:1645–54. doi: 10.1007/s10389-022-01735-x


 28. Hamari, J, Sjöklint, M, and Ukkonen, A. The sharing economy: why people participate in collaborative consumption. J Assoc Inf Sci Technol. (2016) 67:2047–59. doi: 10.1002/asi.23552


 29. Larson, N, and Story, M. A review of environmental influences on food choices. Ann Behav Med. (2009) 38:s56–73. doi: 10.1007/s12160-009-9120-9


 30. Higgs, S
. Social norms and their influence on eating behaviours. Appetite. (2015) 86:38–44. doi: 10.1016/j.appet.2014.10.021


 31. Primack, BA, Shensa, A, Sidani, JE, Whaite, EO, Lin, L, Rosen, D , et al. Social media use and perceived social isolation among young adults in the US. Am J Prev Med. (2017) 53:1–8. doi: 10.1016/j.amepre.2017.01.010 

 32. Huang, GC, Unger, JB, Soto, D, Fujimoto, K, Pentz, MA, Jordan-Marsh, M , et al. Peer influences: the impact of online and offline friendship networks on adolescent smoking and alcohol use. J Adolesc Health. (2014) 54:508–14. doi: 10.1016/j.jadohealth.2013.07.001 

 33. Soneji, S, Yang, JW, Knutzen, KE, Moran, MB, Tan, ASL, Sargent, J , et al. Online tobacco marketing and subsequent tobacco use. Pediatrics. (2018) 141:2. doi: 10.1542/peds.2017-2927 

 34. Twenge, JM, Joiner, TE, Rogers, ML, and Martin, GN. Increases in depressive symptoms, suicide-related outcomes, and suicide rates among US adolescents after 2010 and links to increased new media screen time. Clin Psychol Sci. (2018) 6:3–17. doi: 10.1177/2167702617723376


 35. Fardouly, J, Diedrichs, PC, Vartanian, LR, and Halliwell, E. Social comparisons on social media: the impact of Facebook on young women's body image concerns and mood. Body Image. (2015) 13:38–45. doi: 10.1016/j.bodyim.2014.12.002 

 36. Hampton, KN, Lu, W, and Shin, I. Digital media and stress: the cost of caring 2.0. Inf Commun Soc. (2016) 19:1267–86. doi: 10.1080/1369118X.2016.1186714




OPS/images/fpubh-11-1254603-t003.jpg
Variable Crude OR (95% ClI) Adjusted OR (95% CI)

(p value) (p value)
Obesity
Twitter (X) 0,68 (0.62-0.75) (<0.001) 0,80 (0.73-0.88) (<0.001)
Facebook 1,53 (0.1.29-1.82) (<0.001) 1.4(116-1.66) (<0.001)
Instagram 0.79 (0.72-0.88) (<0.001) 0.900 (0:81-1.00) (0.050)
WhatsApp. 1,400 (1.27-1.53) (<0.001) 1.26 (1.15-1.38) (<0.001)
Linkedin 0.8 (0.66-1.17) (0.38) 0.96(0.72-1.29) (<0.001)
Snapchat 0.91(0.83-098) (0.027) 111 (101-1.22) (0.03)
TikTok 0.89(0.83-098) (0.036) 0.96 (0.87-1.06) (<0.001)
Telegram 0.88 (0.76-1.01) (0.08) 0.90 (0.78-1.04) (0.16)
YouTube 0,98 (0.90-1.1) (0.74) 1.08 (097-1.19) (0.14)

Physical activity (combined)

Twitter (X) 113 (1.04-1.23) (0.003) 107 (0.98-1.17) (0.095)
Facebook 1.02(0.86-1.22) (0.747) 0,98 (0.83-1.17) (0.902)
Instagram 0.96 (0.88-1.06) (0.487) 101 (0.92-1.12) (0.696)
WhatsApp 1.08 0.99-1.17) (0.075) 1.08 (0.99-1.17) (0.080)
LinkedIn 112 (0.87-1.43) (0.355) 1.06 (0.83-1.36) (0.600)
Snapchat 1,08 (0.97-115) (0.178) 107 (0.98-1.17) (0.090)
TikTok 0.93(0.84-102) (0.147) 0.94(0.85-1.03) (0.200)
Telegram 1074 0.96-1.21) (0.242) 103 (0.90-1.17) (0.620)
YouTube 1,08 (0.99-1.18) (0.069) 0.99 (0.90-1.09) (0.880)
Healthy diet (combined)
Twitter (X) 089 (0.76-1.04) (0.174) 1.02(0.86-1.20) (0.805)
Facebook 1.26 (0.94-1.69) (0.109) 1.26 (0.84-1.50) (0.426)
Instagram 0.83(0.70-099) (0.047) 0.98 (0.81-1.17) (0.835)
WhatsApp 131 (1.12-1,53) (<0.001) 120 (1.03-1.41) (0.020)
Linkedln 126 (1.12-2.47) (0.010) 1.7 (1.19-2.63) (0.004)
Snapchat 0.63 (0.55-0.74) (<0.001) 0.77 (0.66-0.91) (0.002)
TikTok 0.91(0.76-1.09) (0.333) 0.97 081-1.17) (0817)
Telegram 1,03 (0.81-1.30) (0.786) 1,06 (0.84-1.35) (0.583)
YouTube 0.99 (0.83-1.18) (0.979) 1,04 (0.87-1.24) (0.666)
Smoking cigareties
Twitter (X) 112(0.99-1.25) (0.052) 0.898 (0.79-1.01) (0.083)
Facebook 140 (1.13-1.73) (0.002) 109 (0.87-1.37) (0.420)
Instagram 0.59 (0.52-0.68) (<0.001) 0.84(0.73-0.98) (0.029)
WhatsApp 101 (0.90-1.14) (0.750) 0.92(0.81-1.05) (0.234)
Linkedin 131/(0.95-1.79) (0.092) 109 (0.79-1.51) (0.580)
Snapchat 1.030.92-1.16) (0.582) 131 (1.15-1.49) (<0.001)
TikTok 115 (102-1.3) (0.023) 1.27 (L11-145) (<0.001)
Telegram 0.88(0.73-105) (0.162) 0.95(0.79-1.15) (0.663)
YouTube 1.47 (1.30-1.67) (<0.001) 1.14(1.00-1.30) (0.044)
Smoking e-cigaretes
Twitter (X) 129 (1.10-151) (0.002) 1,09 (0.93-1.28) (0.266)
Facebook 1.6 (1.28-2.15) (<0.001) 150 (1.14-1.96) (0.003)
Instagram 0.86 (0.72-1.03) (0.100) 1,03 (0.86-1.24) (0.680)
WhatsApp. 0.76 (0.65-0.89) (0.001) 0.75(0.64-0.89) (0.001)
Linkedin 2,00 (1.42-2.82) (<0.001) 177 (1.25-2.51) (0.001)
Snapchat 120 (1.02-1.42) (0.026) 1.26 (1.06-1.49) (0.009)
TikTok 1.16 (1.42-2.82) (0.070) 124 (104-147) (0.014)
Telegram 0.91(0.72-1.14) (0.422) 0.94(0.74-1.19) (0.62)
YouTube 1.47 (1.24-1.74) (<0.001) 117 (0.99-1.40) (0.065)
Smoking waterpipes
Twitter (X) 119 (1.01-1.40) (0.032) 101 (0.86-1.20) (0.830)
Facebook 2.11(1.63-273) (<0.001) 1.75 (1.34-2.28) (<0.001)
Instagram 0.74(0.61-0.89) (0.002) 0.99 (0.81-1.20) (0.949)
WhatsApp 0,83 (0.70-098) (0.027) 0.76 (0.64-0.90) (0.001)
LinkedIn 146 (0.97-2.18) (0.063) 129 (0.86-1.93) (0.217)
Snapchat 0911 0.77-1.074) (0267) 1,08 (0.91-1.08) (0.342)
TikTok 121 (LO1-1.44) (0.034) 131 (1.10-1.57) (0.003)
Telegram 0.91(071-1.16) (0472) 0.97(0.75-1.25) (0.834)
YouTube 135 (112-161) (0.001) 111 (092-1.33) (0.255)
Atrisk of depression (PHQ-2)
Twitter (X) 0.98 (0.89-1.07) (0.687) 0,99 (0.90-1.08) (0.839)
Facebook 089 (0.74-1.07) (0.231) 0.98 (0.81-118) (0.842)
Instagram 124 (113-1.37) (<0.001) 112.(101-1.24) (0.025)
WhatsApp 0.81(0.74-0.89) (<0.001) 0.85(0.77-0.93) (<0.001)
Linkedin 1.20 (0.93-1.55) (0.149) 124 (0.96-1.60) (0.092)
Snapchat 0.96 (0.87-1.05) (0.391) 0.88 (0.80-0.96) (0.009)
TikTok 1,30 (1.18-1.43) (<0.001) 1.25 (1.14-1.38) (<0.001)
Telegram 124 (1L08-1.41) (0.001) 1.21(1,06-1.38) (0.004)

YouTube 111 (110-1.23) (0.034) 116 (1.04-1.28) (0.004)
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