& frontiers

@ Check for updates

OPEN ACCESS

EDITED BY

Emanuel Orozco,

National Institute of Public Health (Mexico),
Mexico

REVIEWED BY

Omer Alkan,

Atatlrk University, Turkiye

Bobo Feng,

Chongging Normal University, China

*CORRESPONDENCE
Kun Lv
lvkun@nbu.edu.cn

RECEIVED 27 September 2024
ACCEPTED 10 March 2025
PUBLISHED 10 April 2025

CITATION

Jia J, Bao Z, Wang H, Cao Y, Yu L and

Lv K (2025) Factors influencing health
information acquisition behavior from a social
capital theory perspective: a study of Zhihu
users.

Front. Public Health 13:1501879.

doi: 10.3389/fpubh.2025.1501879

COPYRIGHT

© 2025 Jia, Bao, Wang, Cao, Yu and Lv. This is
an open-access article distributed under the
terms of the Creative Commons Attribution
License (CC BY). The use, distribution or
reproduction in other forums is permitted,
provided the original author(s) and the
copyright owner(s) are credited and that the
original publication in this journal is cited, in
accordance with accepted academic
practice. No use, distribution or reproduction
is permitted which does not comply with
these terms.

Frontiers in Public Health

Frontiers in Public Health

TYPE Original Research
PUBLISHED 10 April 2025
pol 10.3389/fpubh.2025.1501879

Factors influencing health
information acquisition behavior
from a social capital theory
perspective: a study of Zhihu
users

Juncheng Jia', Zemenghong Bao?, Haochen Wang?,
Yuqun Cao!?, Luhan Yu! and Kun Lv4*

!Business School, Ningbo University, Ningbo, China, *School of Cultural Heritage and Information
Management, Shanghai University, Shanghai, China, *School of Electrical and Computer Science,
Ningbo University, Ningbo, China, “Merchants’ Guild Economics and Cultural Intelligent Computing
Laboratory, Ningbo University, Ningbo, China

The rapid development and widespread use of Internet technology have facilitated
access to health information for the general public. However, the behavior of
acquiring health information is influenced by multiple factors, resulting in differences
and even inequalities. This paper aims to explore the influencing factors of user
health information acquisition behavior, find feasible ways to optimize such behavior
and maximize the utility of health information for users. By utilizing the Zhihu Q&A
platform to obtain user health information and integrating social capital theory,
the study identifies the influencing factors of user health information acquisition
behavior. It utilizes fuzzy set qualitative comparative analysis to examine these
factors as antecedent variables, with the dissemination heat of health information
as the outcome variable. The study reveals that the structure, relationships, and
cognitive dimensions of social capital significantly impact user health information
acquisition behavior. The configuration path for user health information acquisition
behavior generated by the fsQCA 3.0 software provides recommendations to
maximize the utility of health information.

KEYWORDS

social capital, health inequality, fsQCA, health information acquisition behavior,
influencing factors

1 Introduction

For a long time, objective health disparities have existed among different groups (1). The
development of mobile Internet technology has not only changed the operation mode of the
medical and health industry but also profoundly affected the public’s access to health
knowledge (2). The rapid development of information sharing, online medical care, virtual
social interaction, and other aspects has turned the internet into an expanded space for
obtaining health promotion resources (3). Online medical health platforms in China such as
Dingxiang Doctor, and Medication Assistant, health management apps such as Keep, and Mint
Health, and health content dissemination platforms such as TikTok and Zhihu, rely on the
internet to continuously grow and expand. The diversification of user access to health
information has allowed knowledge that was once only accessible through doctors, books, and
magazines to reach the general public through fragmented reading patterns, making the
Internet the primary source for seeking health information (4).
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However, the diversification of health information acquisition
behavior methods has also brought about differentiation. Even in the
same network environment, different users have varying abilities to
access health information. This has led to issues of information
inequality (5), particularly in health research, where information
inequality often stems from differences in social capital across different
groups. Social capital generally refers to the ability of individuals or
groups to access resources, support, and information within a social
network, and it is closely related to an individuals health status (6). For
example, individuals with stronger social capital are often able to
acquire health information, medical resources, and social support more
effectively, which in turn contributes to better health outcomes. In
contrast, groups with weaker social capital face difficulties in accessing
health resources and information due to a lack of effective social
support and information channels, leading to poorer health conditions
and exacerbating health inequality (7). Therefore, social capital is a
critical theory in the study of health inequality. It helps explain the
differences in health information acquisition across different social
groups. Based on this, this paper applies social capital theory to explore
the factors influencing users’ health information acquisition.

2 Literature review
2.1 Definition of information inequality

Information inequality refers to the diverse information gaps
formed at various levels of subjects in information and communication
technology access and usage, as well as in the development and
utilization of information resources (8). With the internet being fully
integrated into social life, the mode of information flow and
interaction between individuals has gradually changed the original
social relationships and structures (9). The mastery of information
and the ability to access information have become important
considerations (10). However, due to differences in resource
endowments, individuals have unequal abilities to access information
(11). Research on this issue has been ongoing for a long time.

2.2 The concept of the digital divide

The concept of the digital divide was first proposed by the National
Information Management Agency of the United States, initially
exploring the rudiments of information inequality. It was believed that
there was a gap between those who had access to new technology and
those who did not, specifically in terms of the ownership of personal
computers, broadband network connectivity, and other aspects (12, 13).
Those who possessed technological devices were able to access effective
information resources through the internet (14), creating a divide and
causing information inequality compared to those who could not afford
it (15). However, studies on the digital divide often used a simple binary
division of information owners and the impoverished, assuming that
users in different locations and with different demographic
characteristics formed the divide (16). It mainly focused on the unequal
opportunities for technology usage but paid less attention to the social
reasons behind it (17). Up to now, the digital divide has been rarely
discussed in the context of social inequality theory, other types of
inequality, or general human inequality concepts (18).
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2.3 Comparison between information
inequality and the digital divide

In contrast, information inequality is a more comprehensive
concept that transcends the limitations of the digital divide (19).
Information inequality not only considers demographic variables, but
also, due to its close association with offline social inequality, it also
concerns the performance of digital technology in influencing social
welfare, family, political participation, and social support (20). This
viewpoint believes that the unequal distribution of status and power in
social networks can lead to unequal participation in other areas of
society (21, 22), just as in the field of health, where users’ unequal
social capital leads to health inequality. Research on digital inequality
often starts from a social stratification perspective (23), and the views
of Bourdieu have received significant attention, holding that the
concept of social capital can well explain the formation mechanism of
digital inequality, where individuals with similar social spatial positions
compete for resources and form insurmountable barriers (24).

2.4 Social capital theory and its relationship
with health information acquisition
behavior

Social capital refers to the sum of resources embedded in social
networks that can be acquired and utilized (25). Initially proposed by
the scholar Bourdieu, the amount of social capital possessed by a subject
depends on the scale of the relationship network that they can effectively
mobilize. Social capital has evolved from a marginal concept into a
multidimensional concept, with differences in its concept and
measurement indicators in different research contexts. Among them,
the most widely applied classification of social capital is divided into
three dimensions: structural capital, relational capital, and cognitive
capital (26). Structural capital, which arises from objective factors such
as connections, rules, and procedures among individuals, describes the
frequency and duration of interaction between network members,
emphasizing social interaction and connectivity within networks.
Research indicates that the closer the connections between members in
virtual communities, the more effective the sharing of knowledge (27).
In the context of the internet, social interaction and connectivity refer
to interactions such as questioning, answering, and discussing among
users in online virtual communities. Users within strong network
connections exhibit a stronger willingness to communicate and share,
facilitating the transmission of information through frequent
communication and making it easier to access relevant health
information (28). Relational capital refers to the interpersonal
relationships developed through communication and interaction
between individuals, including trust, reciprocity, and identification.
When individuals establish high levels of trust and reciprocal
relationships within their social networks, they are more likely to obtain
reliable health information from others in their network. For example,
the presence of trust encourages individuals to share health experiences
and advice, thereby improving the efficiency and quality of information
transmission. Furthermore, a strong social support network can provide
emotional support and psychological comfort, further enhancing
individuals’ ability to acquire and understand health information.
Cognitive capital refers to the common perceptions, values, and
language used by individuals regarding things, while cognitive social
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capital arises from subjective factors such as individual consciousness,
values, and attitudes (29, 30). When individuals can find health concepts
and consistent health beliefs they identify with within their social
networks, they are more likely to acquire and effectively use health
information. Furthermore, the cognitive dimension also influences
whether individuals can extract useful information for themselves,
which is particularly important in the process of understanding health
education and health behavior change. The various dimensions of social
capital, through the connection and exchange of resources, contribute
to the creation, exchange, and transmission of knowledge (31).

2.5 Health inequality under the
fundamental cause theory

The study of health inequality often focuses on the field of
sociology, with a particular emphasis on fundamental cause theory.
This theory, similar to social capital theory, posits that socioeconomic
status is the fundamental cause of health disparities and health
inequality (32). It contends that individuals of higher social and
economic standing possess a significant amount of resources, which
can reduce the likelihood of illness and death, resulting in better
overall health (33). The theory asserts that as long as there is inequality
in the distribution of resources, health inequality will persist. Overall,
fundamental cause theory contextualizes health research within a
broader framework of social inequality, shifting the focus toward
social stratification and inequality (34).

2.6 Research on health inequality under
social capital theory

Both studies on digital inequality and health inequality recognize
resources as a critical factor in perpetuating inequality. Social
stratification theory maintains that the distribution of social resources
is uneven: individuals of higher status have greater access to resources
(35). The advantaged class is more knowledgeable about where to seek
health information and better equipped to understand it (36). However,
few studies have incorporated the ability to access health information
into their research. The field of information science often studies user
information behavior based on comprehensive information retrieval
models but rarely includes the phenomenon of health inequality in its
scope (37). Therefore, based on social capital theory, this paper seeks
to explore the factors influencing user access to health information and
employs fuzzy set qualitative comparative analysis to conduct
configurational research. The aim is to identify feasible approaches to
optimize user access to health information and maximize the utility of
such information, ultimately alleviating health inequality.

3 Research design
3.1 Methodology and procedures

Qualitative Comparative Analysis (QCA) is a configurational
analysis based on Boolean algebra and set theory. Its purpose is to

explain the configurational phenomena of interdependent
conditional factors and their resulting outcomes in practice (38). This
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method, rooted in a configurational perspective, explores the
multiple concurrent causal relationships among variables, where
various combinations of variables collectively lead to the same
outcome (39).

Fuzzy Set Qualitative Comparative Analysis (fsSQCA) is a type of
qualitative comparative analysis method that allows for the scaling of
set scores (40). In line with the focus and objectives of this study, the
following research steps are formulated: (1) using the principle of
“maximum difference, same result; minimum difference, different
result,” (41) select health information from social Q&A platforms as
the research case; (2) design antecedent and outcome variables based
on case characteristics and social capital theory; (3) calibrate data
based on variable data and case characteristics; (4) conduct necessary
tests for single variable inclusion to preliminarily identify the core
conditions leading to the appearance of the outcome variable; and (5)
minimize configurations to output the final results. The specific
research and analysis framework is illustrated in Figure 1.

3.2 Case selection

Health information, as defined in the 2014 General Medicine and
Community Health vocabulary, encompasses all knowledge,
techniques, skills, concepts, and behaviors related to human health
produced, transmitted, and shared by both parties in the health
communication process (42). This study unfolds an exploration using
Zhihu (the Chinese equivalent of Quora) as an example, selecting
health-related topics as the sample. To ensure the accuracy and
effectiveness of the results, the principle of “maximum difference,
same result; minimum difference, different result” is employed to
select topics with comprehensive user information (43). In this study,
the principle of “maximum difference, same result” is applied based
on the health information dissemination heat (such as the total
number of comments, likes, etc.), ensuring that, within the same
outcome variable, the selected cases exhibit significant differences
across other variables (such as region, industry, education level, etc.).
This approach helps ensure the diversity and generalizability of the
study. On the other hand, for cases with substantial differences in
health information heat, the study employs the principle of “minimum
difference, different results,” selecting cases where differences across
other variables are minimal. Case selection based on this principle
helps eliminate those cases whose extreme differences would render
the results less generalizable, thereby ensuring that the selected cases
possess high representativeness for the configurational analysis.

The specific cases and basic information are presented in Table 1.

3.3 Variable inclusion

Zhang Ming et al. proposed five main methods for determining
conditions in QCA research: the problem-oriented approach, the
research framework approach, the theoretical perspective approach,
the literature induction approach, and the phenomenon
summarization approach (44). Among these, the theoretical
perspective approach matches corresponding conditions based on
different theories or explanatory perspectives. In this study, the
theoretical perspective approach is employed to determine the

antecedent variables, while the problem-oriented approach is used to
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FIGURE 1
Research framework diagram.

determine the outcome variables. The theoretical framework selected  individual’s sense of participation and belonging within the social

for this study is the social capital theory. network. In terms of online behaviors on the platform, the number of
As social Q&A platforms serve as a primary source of knowledge  followers and the number of people followed reflect the accumulation

acquisition behavior in the Internet era, users’ engagement impacts  of social capital, indicating the individual’s ability to access more

their access to health information (45). Therefore, this paper applies  information and exert greater influence.

the social capital theory to measure the relationship between social For the cognitive social capital variables, cognitive social capital

capital and the health information-seeking behavior of social Q&A  concerns an individual’s knowledge background, cognitive ability, and

platform users from three dimensions: relational, cognitive, and  values. Among the selected variables in this study, education level and

structural. Zhihu users’ social capital is categorized into three types ~ occupation reflect the individual's knowledge background and

(see Table 2) based on this framework. information processing capabilities, influencing their understanding
For the structural social capital variables, structural social capital ~ and application of health information. In terms of online behaviors,

emphasizes an individual’s position within a social network and the  the number of likes received reflects the user’s contribution to and

structure of that network. Among the variables selected in this study,  recognition of health information, indicating strong social cognitive

offline factors such as region and industry reflect the distribution of  capital on the platform.

an individual’s resources, which influences the information and

resources they can access. Online behaviors, such as the number of

views and comments, reflect the frequency of user interactionsonthe 3.4 Data a SSig nment and calibration

platform and the activity level of their social network. Therefore, these

variables effectively measure an individual’s structural social capital. By the requirements of fSQCA analysis, the antecedent and outcome
For the relational social capital variables, relational social capital ~ variables in the sample need to be calibrated before configurational

primarily focuses on the quality of social relationships between  analysis, transforming them into membership values on the (0,1) set. This

individuals, especially the role of trust, reciprocity, and recognitionin  is typically achieved through three-value assignment, four-value

facilitating information exchange. Among the variables selected in this ~ assignment, six-value assignment, or continuous assignment methods

study, trust and reciprocity help enhance the dissemination and  (46). Among these methods, the four-value assignment approach strikes

credibility of health information, while recognition strengthens an  an optimal balance between precision and simplicity. In contrast, the
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TABLE 1 fsQCA case.

10.3389/fpubh.2025.1501879

Number Case name Number = Case name
‘What is your view on the article published in “Science” that
1 Is it true that all beverages taste better when served cold? 16 suggests middle-aged weight gain is not due to a slowing
metabolism?
What is your view on the article published in “Science” that
2 Is it true that all beverages taste better when served cold? (2) 17 suggests middle-aged weight gain is not due to a slowing
metabolism? (2)
3 What are the methods for sobering up? 18 What are the benefits of jogging five kilometers every day?
4 What are the methods for sobering up? (2) 19 ‘What are the benefits of jogging five kilometers every day? (2)
s A woman suffered from facial paralysis after riding a bicycle with 2 Why is milk still widely promoted in China when most people are
wet hair. lactose intolerant?
p A woman suffered from facial paralysis after riding a bicycle with . Why is milk still widely promoted in China when most people are
wet hair. (2) lactose intolerant? (2)
7 What fruits are best for people with diabetes to consume? 22 ‘What eating habits do thin people have?
8 Are there any benefits to being overweight? 23 What are your small habits for looking beautiful?
9 Are there any benefits to being overweight? (2) 24 What does the real life of a gout patient look like?
A 16-year-old boy died after choking on a pearl milk tea, his family
10 claims it was due to sudden cardiac arrest. How should one handle 25 Why am I stil tired after getting at least § h of sleep every day?
such situations promptly? How can I adjust my body to be energetic?
11 How can men maintain their health daily? 26 How can one determine which vitamin they are deficient in?
= Could you recommend some toothpaste that truly has whitening - ‘Why does a person who brushes their teeth diligently have bad
effects on teeth? breath?
3 Could you recommend some toothpaste that truly has whitening - How can office workers protect their shoulders and necks from
effects on teeth? (2) strain?
" Do foreign girls drink ice water and their mothers do not tell them - How can office workers protect their shoulders and necks from
it’s bad for their health and may cause cold in the womb? strain? (2)
15 What signs on your body indicate that you are aging? 30 How can one control their uric acid levels to maintain normalcy?
TABLE 2 Social capital classification of Zhihu users.
Category Structural Relational Cognitive
Offline Locale, industry Trust, mutual benefit, identification Education occupation ‘
Online View count, comment count Follower count Like count
Following count

three-value method, while simplifying the categorization of variables,
proves overly coarse, failing to capture subtle differences between
variables. On the other hand, the six-value assignment method, with its
inclusion of additional intermediate values, increases analytical
complexity, thereby hindering model parsimony. Furthermore, within the
four-value assignment framework, the values of 0 and 1 signify states of
complete “non-membership” and “full membership,” respectively,
enabling a clear delineation of extreme conditions. Meanwhile, the
intermediate values of 0.33 and 0.67 denote states of “low membership”
and “high membership,” respectively, effectively representing variables
within ambiguous boundaries and facilitating a more nuanced depiction
of data variability. Given that numerous variables, such as users social
capital and the frequency of information acquisition, exhibit a degree of
fuzziness in the context of health information retrieval, the four-value
assignment method proves superior in addressing this ambiguity and
enhancing the model’s explanatory power. Based on the four-value
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method, the specific assignments for each antecedent variable are outlined
in Table 3.

By the problem-oriented approach (47), this study selects the
number of question-answer comments and endorsements as outcome
variables (The Zhihu research data in this study is up to June 2024).
Direct calibration method is employed for encoding, with 3,000 set as
the threshold for complete membership (48), assigning a membership
score of 0.95; 200 as the threshold for complete non-membership, with
a membership score of 0.05; and 600 as the crossover point, from
which the membership score is calculated (The direct calibration
method process is provided in Table A1 of Appendix A).

The 30 topic cases in Table Al of Appendix A are coded and
assigned values based on the characteristic properties of the
antecedent and outcome variables, resulting in a measurement of the
antecedent and outcome variables (The measurement results are
shown in Table A2 of Appendix A).
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TABLE 3 Antecedent variable assignment table.

10.3389/fpubh.2025.1501879

Variable Target set Assignment Specific meaning
name
1 Economically developed regions
0.67 Regions with moderate economic development
User region
0.33 Economically underdeveloped regions
Structural social 0 Impoverished areas/no data
capital 1 Industries related to health information
0.67 Industries somewhat related to health information
User industry
0.33 Related but does not directly/indirectly impact
0 Unrelated industries
1 Users with extremely high interaction frequency
Relational social 0.67 Users with high interaction frequency
. Interacting users
capital 0.33 Users with moderate interaction frequency
0 Users with low interaction frequency
1 High-level university/health-related majors
User education 0.67 High-level university/non-related majors
level 0.33 Average university
Cognitive social 0 Not applicable/no data
capital 1 Extremely high number of likes received
Number of likes 0.67 High number of likes received
received 0.33 Moderate number of likes received
0 Low number of likes received

4 Data analysis
4.1 Single condition necessity analysis

Consistency and coverage calculations for a single independent
variable are conducted to determine whether the independent
variable is a sufficient and necessary condition for the dependent
variable. Generally, when the consistency is >0.9, the independent
variable can be considered a sufficient and necessary condition for
the dependent variable. The calculation formula is shown in
the equation:

Consistancy(Y,- < X,-) = ZM
Z(%)

The data is imported into the fSQCA3.0 software for computation.
Adding a “~” in front of a variable indicates the non-existence of that
variable, and the results are presented in Table 4.

From the results, it is evident that the consistency values of
all the antecedent variables did not reach 0.9, indicating a
preliminary assessment of the weak explanatory power of the
variables in influencing users’ health information acquisition
behavior. No definitive factors or essential conditions influencing
this behavior were identified. Consequently, this study will
further investigate the configurational effects among the
antecedent variables.

Frontiers in Public Health

4.2 Configuration analysis

A truth table was constructed using fsQCA3.0 software, and the
table was then edited. The case threshold was set at 1 and the
consistency threshold at 0.8. Configuration pathways with fewer cases
were removed to simplify the analysis, ultimately yielding three types
of solutions: complex solutions, intermediate solutions, and simple
solutions. This study only presents the intermediate solution, as
detailed in Table 5.

In Table 5, “*” serves as the connector symbol indicating an
intersection between variables, while “~” denotes the absence of a
variable. “Raw coverage” represents the proportion of the impact of a
conditional combination formed by antecedent variables on the
solution, measuring the membership degree of each component in the
combination on the solution’s impact. “Unique coverage” illustrates the
proportion of the solution’s interpreted membership degree of a specific
conditional combination formed by antecedent variables, reflecting the
interpretive ability and importance of a particular combination on the
solution, generally serving as the primary basis for analysis.
“Consistency” is used to determine whether a specific combination of
antecedent variables is a sufficient condition for the solution. “Solution
coverage” denotes the overall coverage of all combinations of antecedent
variables for the solution, while “solution consistency” represents the
consistency indicator for all conditional combinations.

In practical analysis, due to the superior interpretive and adaptive
qualities of the intermediate solution for the issue under study, which
surpasses both the complex and simple solutions, the majority of
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TABLE 4 Table for the necessity of single conditions.

Antecedent variables

10.3389/fpubh.2025.1501879

Result variables

Popularity ~Popularity
Region 0.883942 0.847853
~Region 0.207299 0.228834
Industry 0.522628 0.465031
~Industry 0.531387 0.580368
Interactive users 0.691241 0.692638
~Interactive users 0.435766 0.414110
Education level 0.448175 0.466258
~Education level 0.628467 0.598160
Number of likes received 0.605109 0.463190
~Number of likes received 0.506569 0.630675

“~” indicates the non-existence of the variable.

TABLE 5 Intermediate solution results.

Configuration

Raw coverage = Unique coverage  Consistency

~Region * ~ Industry * Education Level 0.0343066 0.0102189 0.701493
Region * ~ Industry * ~ Interactive Users * ~ Education Level 0.3 0.250365 0.727434
Region * Industry * Interactive Users * Number of Likes Received 0.409489 0.359854 0.672662
~Region * Industry * Interactive Users * ~ Education Level * ~ Number of Likes Received 0.0751825 0.0510948 0.774436
Solution Coverage 0.745255
Solution Consistency 0.695978

“~” indicates the non-existence of the variable.

“*” indicates the intersection relationship between variables, which is used to connect variables.

studies employ the intermediate solution for analysis. Qualitative
comparative analysis theory posits that if a condition appears in both
the simple and intermediate solutions, it is defined as a core condition,
whereas if it only appears in the intermediate solution, it is considered
an auxiliary condition (49). Integrated with the simple and
intermediate solutions, this study ultimately establishes four
antecedent variable conditional combinations influencing the
outcome variables:

1 H1: ~Region * ~ Industry * Education Level,

2 H2:Region* ~ Industry* ~ Interactive Users* ~ Education Level,

3 H3: Region * Industry * Interactive Users * Number of
Likes Received,

4 H4: ~Region * Industry * Interactive Users * ~ Education Level
* ~ Number of Likes Received.

These variable combinations are presented as shown in Table 6.

Table 6, @ indicates the presence of a core condition, ° indicates
the absence of a core condition, @ denotes the presence of an auxiliary
condition, and signifies the absence of an auxiliary condition.
Blank spaces represent conditions that may or may not exist. The
overall consistency of the solution is 0.695978, indicating that
approximately 69.6% of the cases analyzed can be explained by the

selected combination of conditions, suggesting a degree of reliability

Frontiers in Public Health

but not complete biaslessness. Consequently, it can be inferred that
while the study has identified relatively significant patterns across the
four pathways of hot topic formation, a proportion of unexplained
variance remains, necessitating further exploration of other potential
factors. Additionally, the overall coverage of the solution is 0.745255,
indicating that these four configurational pathways can account for
about 74.5% of the reasons for health information acquisition. This
high coverage value suggests that the formation of most hot topics can
be reasonably explained by these four pathways, yet it also hints at the
presence of some external variables or complex interactive effects that
were not included in the analysis of this study.

5 Analysis and discussion

5.1 Analysis of the impact of single
antecedent variables

Derived from social capital theory, the factors influencing
of health
be categorized into three types of social capital: structural,

users’ acquisition behavior information can
relational, and cognitive. This study, utilizing fuzzy and
qualitative comparative analysis, employs the aforementioned
categories of social capital—Region, Industry, Interactive Users,
Education Level, and Number of Likes Received—as antecedent

variables, with the health information popularity (sum of
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TABLE 6 The path of hotspot health information configuration.

Antecedent variables

10.3389/fpubh.2025.1501879

Hotspot health information configuration

H2 H3

Region

Industry @

Interactive users

Education level @

)
) @
)

Number of likes received

¥ o6 ®

O

Consistency 0.701493 0.727434 0.672662 0.774436
Raw coverage 0.0343066 0.3 0.409489 0.0751825
Unique coverage 0.0102189 0.250365 0.359854 0.0510948
Solution consistency 0.695978
Solution coverage 0.745255

comments and likes) as the outcome variable. The findings reveal
that while all three types of social capital—structural, relational,
and cognitive—impact users’ acquisition behavior of health
information, the influence of single factors is relatively weak and
not a sufficient condition for the formation of hot topics.
Subsequent sections will elucidate the extent of the impact of
each antecedent variable on the formation of hot topics based on
the analysis of single-condition necessity.

In particular, the impact of the region within the structural
social capital on users’ acquisition behavior of health information
is significant, with a consistency of 0.883942. Offline social capital
such as region can influence users’ online information behavior,
as users in economically developed regions have access to more
convenient technological devices and technological education. As
a result, users can alter their structural social capital through
migration and other means to facilitate their acquisition behavior
of health information. Relational social capital can also have a
certain impact on users acquisition behavior of health
information, with a consistency of 0.691241. The more followers
and followers a user has, the greater the likelihood of encountering
health information. Therefore, users can accumulate their
relational social capital by increasing their internet usage
frequency and networking frequency to broaden their channels
for acquiring health information. However, the impact of offline
social capital education within cognitive social capital is not
particularly pronounced, with a consistency of only 0.448175, and
the impact of online social capital likes count is also relatively
minor, with a consistency of 0.605109. Education and the user’s
knowledge literacy alone do not play a decisive role in the
acquisition behavior of health information. Therefore, when
offline cognitive capital is difficult to change, users can improve
their online cognitive social capital through their efforts, such as
continuing their education, to improve their environment for
acquiring health information.

Frontiers in Public Health

5.2 Configuration path analysis

Based on the analysis of the impact of single antecedent variables
and the data analysis results, it is evident that the impact of single
factors on users’ acquisition behavior of health information is not
significant and not a sufficient necessary condition. Therefore, this
study further explores the configurational effects among the
antecedent variables, ultimately resulting in the identification of four
configurational paths, as shown in Figure 2

1 HI: ~Region * ~ Industry * Education Level.

Configuration one signifies a scenario where the local and industry
contexts do not significantly impact users’ acquisition of health
information. Users with higher education and a professional background
related to health can more readily access health information. Specifically,
highly educated individuals typically possess robust health information
screening abilities and a high level of health awareness. If the user’s
professional background is directly related to health, they are more likely
to obtain targeted health information. For instance, groups with strong
academic backgrounds such as medical students, public health scholars,
and nutritionists can directly access relevant health information from
professional literature, academic resources, or industry news. Therefore,
in this context, education level becomes a key driving factor in health
information acquisition. Even in the absence of specific regional
advantages or industry relevance, users  high levels of cognitive capital can
still facilitate their effective acquisition of health information.

This pathway reflects the predominant role of cognitive social
capital (education, professional background) in health information
acquisition. Users with higher education and a professional
background related to health can, through their precise screening
abilities, actively engage with high-quality health information,
enhancing both the efficiency and effectiveness of their health
information acquisition.
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Hot topic health information configuration paths.

2 H2:Region* ~ Industry* ~ Interactive Users* ~ Education Level.

Configuration two indicates that users in economically developed
regions can still access health information effectively, even when the
industry is unrelated, there is limited interaction among users, and
education levels are not high. In regions with advanced economic
development, the prevalence of the internet and mobile devices is high,
and residents have stronger network access and information circulation
capabilities. Therefore, even if users industries are not related to health or
their social network interactions are sparse, as long as they are in these
resource-rich regions, they can access a wealth of health information
through online platforms, social media, and other channels.

This pathway underscores the driving role of regional disparities
in structural social capital in health information acquisition. The
infrastructure, prevalence of information technology, and accessibility
of online platforms in economically developed regions enable users to
effectively access health information without other conditions.
Consequently, geographical location and the level of regional
economic development will directly affect the channels and resources
available to users for obtaining health information.

3 H3: Region * Industry * Interactive Users * Number of
Likes Received.

Configuration three suggests that when users are located in
economically developed regions, engaged in health-related industries,
and possess abundant relational and cognitive social capital (such as
active interaction users and a high number of likes), they can access a
broader range of health information. This pathway emphasizes the
synergistic effects of multidimensional social capital. Specifically, the
combination of region and industry provides users with high-quality
information sources and industry-specific health knowledge; active
interaction users and the number of likes represent the level of
engagement of the user on social platforms and directly impact the
dissemination and acceptance of health information. An active
network of interactions facilitates faster and wider information flow,
while a high number of likes signifies greater recognition and
dissemination of information, thereby enhancing its credibility
and effectiveness.
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This configuration pathway reveals the interactive effects of
structural, relational, and cognitive social capital. In economically
developed regions, professionals in health-related industries can
expand the breadth and depth of information acquisition through
social interactions and information sharing. Furthermore,
through the accumulation of ongoing interaction relationships
(such as fans, followers) and the social recognition they receive
(such as the number of likes), the dissemination of health
information can be accelerated, making information acquisition
more efficient and diverse, highlighting the significant role of
social networks and social capital in health information
acquisition behaviors.

4 H4: ~Region * Industry * Interactive Users * ~ Education Level
* ~ Number of Likes Received.

Configuration four indicates that users in regions with
underdeveloped economies and a lack of cognitive social capital can
still obtain health information by engaging in high-frequency online
community interactions and working in health-related industries. In
regions with adverse economic conditions, users can compensate for
other deficiencies by increasing the frequency of social interactions
(such as participating in health-related forums) and choosing to work
in health-related industries, thereby enhancing the efficiency and
effectiveness of information acquisition.

This pathway reflects how individuals can overcome
shortcomings in structural social capital (region, industry) and
cognitive social capital (education, number of likes) through self-
regulation and optimization of their social capital. This path
demonstrates the flexibility and adaptability of individuals,
illustrating their strategic construction and utilization of social
capital to improve the ability to search for health information in
environments where information and resources are relatively
scarce. In summary, for the acquisition of health information,
users do not need to possess all three types of social capital—
structural, relational, and cognitive—but instead, leverage their
enriched social capital while making the most of their
strengths and minimizing their weaknesses to acquire
health information.
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6 Conclusion
6.1 Summary

With the development of the internet, social Q&A platforms have
become important channels for users to access health information.
However, there are significant differences in health information access
behavior among users, which are closely related to variations in their
social capital. This study, based on health information case examples from
social Q&A platforms, utilizes social capital theory and fuzzy set
qualitative comparative analysis (fSQCA) to explore the multidimensional
factors influencing user health information access behavior and their
interactions. The study identifies four configuration paths of health
information access behaviors and reveals how structural, relational, and
cognitive social capital impact the process of health information
acquisition.

The findings indicate that structural social capital plays a significant
role in users health information access. Specifically, the economic
development level of the user’s region directly affects the availability of
technological devices and resources, which in turn enhances information
literacy. In economically developed regions, users not only have access to
better technological equipment but are also more capable of effectively
utilizing the internet to access health information. The enhancement of
information literacy enables users to actively engage in various “capital
enhancement” activities in the online environment, thereby expanding
their channels for accessing health information (50). Furthermore, the
study reveals that even in the absence of one dimension of social capital,
users can compensate for the deficiency by strengthening other
dimensions, thereby optimizing their health information access paths. For
example, users can enhance their relational social capital by increasing
online interaction frequency, or they can improve their cognitive social
capital through continuing education, thus compensating for the
deficiencies in other dimensions.

Therefore, the study concludes that the disparities in health
information access are not only related to the overall level of social
capital but also closely linked to the interaction and combination of
different dimensions of social capital. This finding provides a new
perspective for health information dissemination. In the digital
information era, access to health information is not merely a reflection
of individual information literacy but also the result of accumulated
social capital. The public can optimize their health information access
paths by enhancing certain dimensions of social capital to compensate
for deficiencies in others. This finding offers theoretical support for
public health promotion and health information dissemination
strategies. Future research could further explore how enhancing
specific dimensions of social capital can promote broader access to
and utilization of health information.

6.2 Limitations of the study

While this study provides some theoretical references for
optimizing the allocation of health resources and enhancing the
efficiency of users” health information acquisition behavior through
the study of configurational pathways influencing such behaviors, it
still has several limitations.

Firstly, the study is based on a sample of Q&A cases within the
“Health” topic on the Zhihu social Q&A platform. Although Zhihu
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has a large user base and high activity levels in China, selecting a
single platform as the research sample introduces selection bias. Part
of this bias stems from the particularity of Zhihu’s user population,
which is predominantly composed of young, highly educated
individuals with a strong interest in health topics, thus the findings
may not fully represent the health information acquisition behaviors
of all populations. Moreover, as a social Q&A platform, Zhihu’s user
interaction and information sharing characteristics differ from those
of other social platforms (such as Weibo, TikTok, Facebook, etc.),
which limits the generalizability of the research.

Secondly, in terms of variable selection, the article has not
comprehensively considered all factors that may influence users’
health information acquisition behavior. The selected antecedent
variables are primarily based on social capital theory, which
provides some theoretical justification but remains somewhat
limited. It has not considered other potentially important
variables, such as users’ lifestyles, health concepts, and cultural
backgrounds. This limitation in variable selection may lead to the
omission of some important antecedent variables, thereby
affecting the comprehensiveness and explanatory power of the
research outcomes. Over time, the user base, interaction patterns,
and topic discussion trends on the Zhihu platform may change,
and the stability of the conclusions across different time points is
worth further verification.

Lastly, considering the significant differences in social platforms,
cultural backgrounds, and user behavior habits across different
countries and regions, although this study has revealed patterns of
health information acquisition in the Chinese context, it remains to
be further verified whether these findings are applicable to other
countries or regions. In a cross-cultural context, the dimensions of
social capital and the methods of health information acquisition may
differ. Future research could consider comparing social platforms
across different countries or regions as cases to enhance the
generalizability of the research outcomes.

Data availability statement
The datasets presented in this study can be found in online

repositories. The names of the repository/repositories and accession
number(s) can be found in the article/Supplementary material.

Author contributions

Data
Resources,

JJ: Conceptualization, curation, Formal analysis,

Software, Validation,
Visualization, Writing — original draft. ZB: Investigation, Resources,

Investigation, Methodology,

Writing - original draft. HW: Investigation, Writing - review &
editing. YC:
Investigation, Writing — review & editing. KL: Conceptualization,

Investigation, Writing - review & editing. LY:

Project administration, Supervision, Writing — review & editing.

Funding

The author(s) declare that financial support was received for
the research and/or publication of this article. This research was

frontiersin.org


https://doi.org/10.3389/fpubh.2025.1501879
https://www.frontiersin.org/journals/public-health
https://www.frontiersin.org

Jiaetal.

supported by the 2024 Ningbo Soft Science Research Program:
Research on the Resource Carrying and Utilization of Ningbo
Science and Technology Celebrities - Taking the Revitalization
and Development Path of Ningbo’s “Hometown of Academicians”
as an Example (2024R044), and the Zhejiang Provincial Soft
Science Research Program Project: Promoting the Development
of the Low-altitude Economy Industry in Zhejiang Province:
Analysis of the Current Status, Exploration of Application
Scenarios, and Study of Countermeasures (2025C35059), and the
Zhejiang Provincial Educational Science Planning Project: “AIGC
Empowering Higher Engineering Education and ‘Excellent
Engineer’ Training in Zhejiang Province: Status Analysis,
Application Scenario Identification, and Path Exploration”
(2025SB083).

Conflict of interest

The authors declare that the research was conducted in the
absence of any commercial or financial relationships that could
be construed as a potential conflict of interest.

References

1. Arcaya MC, Arcaya AL, Subramanian SV. Inequalities in health: definitions, concepts,
and theories. Rev Panam Salud Publica. (2015) 8:27106-271. doi: 10.3402/gha.v8.27106

2. Liobikiené G, Bernatoniené J. The determinants of access to information on the
internet and knowledge of health related topics in European countries. Health Policy.
(2018) 122:1348-55. doi: 10.1016/j.healthpol.2018.09.019

3. Zhang D, Zhang G, Jiao Y, Wang Y, Wang P. “Digital dividend” or “digital divide”: what
role does the internet play in the health inequalities among Chinese residents? Int | Environ
Res Public Health. (2022) 19:15162. doi: 10.3390/ijerph192215162

4. Park W. Study on the development of China’s medical and health online mutual
aid platform industry. ] China Stud. (2020) 23:23-48. doi: 10.20288/JCS.2020.23.2.23

5. Gilmour JA. Reducing disparities in the access and use of internet health
information. A discussion paper. Int | Nurs Stud. (2007) 44:1270-8. doi:
10.1016/j.ijnurstu.2006.05.007

6. Oberle M. Robert D. Putnam: bowling alone. The collapse and revival of
American community, New York: Simon and Schuster 2000, 541 S In: S Salzborn,
editor. Klassiker der Sozialwissenschaften: 100 Schlisselwerke im Portrait.
Wiesbaden: Springer Fachmedien Wiesbaden (2016). 408-11.

7.Ahn S, Lee C-J, Ko Y. Network social capital and health information
acquisition. Patient Educ Couns. (2022) 105:2923-33. doi: 10.1016/j.pec.2022.05.007

8. Lei X. Information and inequality. ] Econ Theory. (2019) 184:104937. doi:
10.1016/j.jet.2019.08.007

9. Hatamleh IHM, Safori AO, Habes M, Tahat O, Ahmad AK, Abdallah RA-Q,
et al. Trust in social media: enhancing social relationships. Soc Sci. (2023) 12:416.
doi: 10.3390/s0csci12070416

10. Festic N, Biichi M, Latzer M. It’s still a thing: digital inequalities and their evolution
in the information society. SCM Stud Commun Media. (2021) 10:326-61. doi:
10.5771/2192-4007-2021-3-326

11. Yao R, Zhang W, Evans R, Cao G, Rui T, Shen L. Inequities in health care services
caused by the adoption of digital health technologies: scoping review. ] Med Internet Res.
(2022) 24:e34144. doi: 10.2196/34144

12. Eastin MS, Cicchirillo V, Mabry A. Extending the digital divide conversation:
examining the knowledge gap through media expectancies. ] Broadcast Electron Media.
(2015) 59:416-37. doi: 10.1080/08838151.2015.1054994

13. Scheerder A, Van Deursen A, Van Dijk J. Determinants of internet skills, uses and
outcomes. A systematic review of the second-and third-level digital divide. Telematics
Inform. (2017) 34:1607-24. doi: 10.1016/j.tele.2017.07.007

14. Van Dijk J. Digital divide: impact of access. Int Encyclopedia Media Effects. (2017)
1:1-11. doi: 10.1002/9781118783764.wbieme0043

15. Van Dijk J. The digital divide. Hoboken, United States: John Wiley & Sons (2020).

16. Yang Y, Ma C. A review on health digital divide across the world. Documen Inform
Knowledge. (2023) 154-166. doi: 10.13366/.dik.2024.03.154

Frontiers in Public Health

11

10.3389/fpubh.2025.1501879

Generative Al statement

The authors declare that no Gen Al was used in the creation of
this manuscript.

Publisher’'s note

All claims expressed in this article are solely those of the authors
and do not necessarily represent those of their affiliated
organizations, or those of the publisher, the editors and the
reviewers. Any product that may be evaluated in this article, or claim
that may be made by its manufacturer, is not guaranteed or endorsed
by the publisher.

Supplementary material

The Supplementary material for this article can be found online
at: https://www.frontiersin.org/articles/10.3389/fpubh.2025.1501879/
full#supplementary-material

17. Lythreatis S, Singh SK, El-Kassar A-N. The digital divide: a review and future
research agenda. Technol Forecast Soc Chang. (2022) 175:121359. doi:
10.1016/j.techfore.2021.121359

18. Van Dijk JA. Digital divide research, achievements and shortcomings. Poetics.
(2006) 34:221-35. doi: 10.1016/j.poetic.2006.05.004

19. Torres-Albero C, Robles JM, De Marco S. Inequalities in the information and
knowledge society: from the digital divide to digital inequality. Robot Divide New Front
21st Century? (2014):173-94. doi: 10.1007/978-1-4471-5358-0_10

20. Robinson L, Schulz J, Blank G, Ragnedda M, Ono H, Hogan B, et al. Digital
inequalities 2.0: legacy inequalities in the information age. First Monday. (2020) 25. doi:
10.5210/fm.v25i7.10842

21. Craveiro D. The role of personal social networks on health inequalities across
European regions. Health Place. (2017) 45:24-31. doi: 10.1016/j.healthplace.2017.02.007

22. Téth G, Wachs J, Di Clemente R, Jakobi A, Ségvari B, Kertész J, et al. Inequality is
rising where social network segregation interacts with urban topology. Nat Commun.
(2021) 12:1143. doi: 10.1038/s41467-021-21465-0

review. Inform Sci. (2018) 21:269-87. doi: 10.28945/4117

24.Bourdieu P. The forms of capital In: The sociology of economic life. ED. M.
Granovetter. New York: Routledge (2018). 78-92.

25. Halpern D. Social capital. Cambridge: Polity (2005).

26. Nahapiet ], Ghoshal S. Social capital, intellectual capital, and the organizational
advantage. Acad Manag Rev. (1998) 23:242-66. doi: 10.5465/amr.1998.533225

27.Chiu C-M, Hsu M-H, Wang ET. Understanding knowledge sharing in virtual
communities: an integration of social capital and social cognitive theories. Decis Support
Syst. (2006) 42:1872-88. doi: 10.1016/j.dss.2006.04.001

28. Mpinganjira M. Willingness to reciprocate in virtual health communities: the role
of social capital, gratitude and indebtedness. Serv Bus. (2019) 13:269-87. doi:
10.1007/s11628-018-0382-9

29. Muniady RAL, Mamun AA, Mohamad MR, Permarupan PY, Zainol NRB. The
effect of cognitive and relational social capital on structural social capital and micro-
enterprise  performance. SAGE Open. (2015) 5:2158244015611187. doi:
10.1177/2158244015611187

30. Steinmo M, Rasmussen E. The interplay of cognitive and relational social capital
dimensions in university-industry collaboration: overcoming the experience barrier. Res
Policy. (2018) 47:1964-74. doi: 10.1016/j.respol.2018.07.004

31. Craig AW, Storr VH. Social capital facilitates emergent social learning. Rev
Austrian Econ. (2023) 1-22. doi: 10.1007/s11138-023-00635-x

32. Clouston SA, Link BG. A retrospective on fundamental cause theory: state of the
literature and goals for the future. Annu Rev Sociol. (2021) 47:131-56. doi:
10.1146/annurev-soc-090320-094912

frontiersin.org


https://doi.org/10.3389/fpubh.2025.1501879
https://www.frontiersin.org/journals/public-health
https://www.frontiersin.org
https://www.frontiersin.org/articles/10.3389/fpubh.2025.1501879/full#supplementary-material
https://www.frontiersin.org/articles/10.3389/fpubh.2025.1501879/full#supplementary-material
https://doi.org/10.3402/gha.v8.27106
https://doi.org/10.1016/j.healthpol.2018.09.019
https://doi.org/10.3390/ijerph192215162
https://doi.org/10.20288/JCS.2020.23.2.23
https://doi.org/10.1016/j.ijnurstu.2006.05.007
https://doi.org/10.1016/j.pec.2022.05.007
https://doi.org/10.1016/j.jet.2019.08.007
https://doi.org/10.3390/socsci12070416
https://doi.org/10.5771/2192-4007-2021-3-326
https://doi.org/10.2196/34144
https://doi.org/10.1080/08838151.2015.1054994
https://doi.org/10.1016/j.tele.2017.07.007
https://doi.org/10.1002/9781118783764.wbieme0043
https://doi.org/10.13366/j.dik.2024.03.154
https://doi.org/10.1016/j.techfore.2021.121359
https://doi.org/10.1016/j.poetic.2006.05.004
https://doi.org/10.1007/978-1-4471-5358-0_10
https://doi.org/10.5210/fm.v25i7.10842
https://doi.org/10.1016/j.healthplace.2017.02.007
https://doi.org/10.1038/s41467-021-21465-0
https://doi.org/10.28945/4117
https://doi.org/10.5465/amr.1998.533225
https://doi.org/10.1016/j.dss.2006.04.001
https://doi.org/10.1007/s11628-018-0382-9
https://doi.org/10.1177/2158244015611187
https://doi.org/10.1016/j.respol.2018.07.004
https://doi.org/10.1007/s11138-023-00635-x
https://doi.org/10.1146/annurev-soc-090320-094912

Jiaetal.

33. McMaughan DJ, Oloruntoba O, Smith ML. Socioeconomic status and access to
healthcare: interrelated drivers for healthy aging. Front Public Health. (2020) 8:231. doi:
10.3389/fpubh.2020.00231

34. Uphoff EP, Pickett KE, Cabieses B, Small N, Wright J. A systematic review of
the relationships between social capital and socioeconomic inequalities in health:
a contribution to understanding the psychosocial pathway of health inequalities.
Int ] Equity Health. (2013) 12:54-12. doi: 10.1186/1475-9276-12-54

35. Runciman WG. Towards a theory of social stratification In: The social analysis of
class structure. Ed. F. Parkin. London: Routledge (2018). 55-102.

36. Riley AR. Advancing the study of health inequality: fundamental causes as systems of
exposure. SSM Popul Health. (2020) 10:100555. doi: 10.1016/j.ssmph.2020.100555

37.Li Z, Zhu J, Li X. Factors influencing the behavior of multi-modal information
search. Library Hi Tech. (2022) 40:1459-82. doi: 10.1108/LHT-11-2020-0288

38. Park Y, Fiss PC, El Sawy OA. Theorizing the multiplicity of digital phenomena: the
ecology of configurations, causal recipes, and guidelines for applying QCA. SSRN Electr
J. (2020) 44-1. doi: 10.2139/ssrn.4158044

39. Greckhamer T, Furnari S, Fiss PC, Aguilera RV. Studying configurations with
qualitative comparative analysis: best practices in strategy and organization
research. Strateg Organ. (2018) 16:482-95. doi: 10.1177/1476127018786487

40. Kumar S, Sahoo S, Lim WM, Kraus S, Bamel U. Fuzzy-set qualitative comparative
analysis (fSQCA) in business and management research: a contemporary overview. Technol
Forecast Soc Chang. (2022) 178:121599. doi: 10.1016/j.techfore.2022.121599

41. Pappas 10, Woodside AG. Fuzzy-set qualitative comparative analysis (fSQCA):
guidelines for research practice in information systems and marketing. Int ] Inf Manag.
(2021) 58:102310. doi: 10.1016/j.jjinfomgt.2021.102310

Frontiers in Public Health

12

10.3389/fpubh.2025.1501879

42. Tan SS-L, Goonawardene N. Internet health information seeking and the patient-
physician relationship: a systematic review. ] Med Internet Res. (2017) 19:€9. doi:
10.2196/jmir.5729

43.Du Y, Jia L. Configuration perspective and qualitative comparative analysis (QCA):
a new approach to management research. Manage World. (2017) 6:155-67. doi:
10.19744/j.cnki.11-1235/£.2017.06.012

44. Zhang M, Du Y. Qualitative Comparative Anaylysis (QCA) in management and
organization research: position, tactics, and directions. Chinese ] Manag. (2019)
16:1312-23. doi: 10.3969/j.issn.1672-884x.2019.09.005

45.Li P, Xu L, Tang T, Wu X, Huang C. Users’ willingness to share health information
in a social question-and-answer community: cross-sectional survey in China. JMIR Med
Inform. (2021) 9:€26265. doi: 10.2196/26265

46. Cangialosi N. Fuzzy-set qualitative comparative analysis (fsQCA) in organizational
psychology: theoretical overview, research guidelines, and a step-by-step tutorial using
R software. Span J Psychol. (2023) 26:e21. doi: 10.1017/SJP.2023.21

47. Dwivedi P, Joshi A, Misangyi VE. Gender-inclusive gatekeeping: how (mostly
male) predecessors influence the success of female CEOs. Acad Manag J. (2018)
61:379-404. doi: 10.5465/amj.2015.1238

48. Sundberg R. Multivariate calibration—direct and indirect regression methodology.
Scand ] Stat. (1999) 26:161-207. doi: 10.1111/1467-9469.00144

49. Schneider CQ, Wagemann C. Set-theoretic methods for the social sciences: A guide to
qualitative comparative analysis. Cambridge: Cambridge University Press (2012).

50. Ignatow G, Robinson L. Pierre Bourdieu: theorizing the digital. Inf Commun Soc.
(2017) 20:950-66. doi: 10.1080/1369118X.2017.1301519

frontiersin.org


https://doi.org/10.3389/fpubh.2025.1501879
https://www.frontiersin.org/journals/public-health
https://www.frontiersin.org
https://doi.org/10.3389/fpubh.2020.00231
https://doi.org/10.1186/1475-9276-12-54
https://doi.org/10.1016/j.ssmph.2020.100555
https://doi.org/10.1108/LHT-11-2020-0288
https://doi.org/10.2139/ssrn.4158044
https://doi.org/10.1177/1476127018786487
https://doi.org/10.1016/j.techfore.2022.121599
https://doi.org/10.1016/j.ijinfomgt.2021.102310
https://doi.org/10.2196/jmir.5729
https://doi.org/10.19744/j.cnki.11-1235/f.2017.06.012
https://doi.org/10.3969/j.issn.1672-884x.2019.09.005
https://doi.org/10.2196/26265
https://doi.org/10.1017/SJP.2023.21
https://doi.org/10.5465/amj.2015.1238
https://doi.org/10.1111/1467-9469.00144
https://doi.org/10.1080/1369118X.2017.1301519

	Factors influencing health information acquisition behavior from a social capital theory perspective: a study of Zhihu users
	1 Introduction
	2 Literature review
	2.1 Definition of information inequality
	2.2 The concept of the digital divide
	2.3 Comparison between information inequality and the digital divide
	2.4 Social capital theory and its relationship with health information acquisition behavior
	2.5 Health inequality under the fundamental cause theory
	2.6 Research on health inequality under social capital theory

	3 Research design
	3.1 Methodology and procedures
	3.2 Case selection
	3.3 Variable inclusion
	3.4 Data assignment and calibration

	4 Data analysis
	4.1 Single condition necessity analysis
	4.2 Configuration analysis

	5 Analysis and discussion
	5.1 Analysis of the impact of single antecedent variables
	5.2 Configuration path analysis

	6 Conclusion
	6.1 Summary
	6.2 Limitations of the study


	References

