

[image: image1]
Network analysis of work-family support and career identity and their associations with job burnout among primary healthcare workers: a cross-sectional study









 


	
	
ORIGINAL RESEARCH
published: 26 June 2025
doi: 10.3389/fpubh.2025.1581624








[image: image2]

Network analysis of work-family support and career identity and their associations with job burnout among primary healthcare workers: a cross-sectional study

Si-cheng Liu1†, Yuan Xu2†, Ming Yang1, Jia-yi Sun1, Qi-rong Qin2,3,4* and Gui-xia Fang1,5*


1School of Health Management, Anhui Medical University, Hefei, China

2Department of Epidemiology and Biostatistics, School of Public Health, Anhui Medical University, Hefei, Anhui, China

3Ma’anshan Center for Disease Control and Prevention (Ma’anshan Health Supervision Institute), Ma’anshan, China

4The Affiliated Ma’anshan Center for Disease Control and Prevention of Anhui Medical University, Ma’anshan, China

5Institute of Hospital Management, Anhui Medical University, Hefei, Anhui, China

Edited by
 Justin Yang, Boston University, United States

Reviewed by
 Maura Pilotti, Prince Mohammad bin Fahd University, Saudi Arabia
 Ardavan Mohammad Aghaei, Yale University, United States

*Correspondence
 Gui-xia Fang, fanggx1008@163.com; Qi-rong Qin, qqr2022@163.com 

†These authors have contributed equally to this work and share first authorship

Received 22 February 2025
Accepted 12 June 2025
Published 26 June 2025

Citation
 Liu S-c, Xu Y, Yang M, Sun J-y, Qin Q-r and Fang G-x (2025) Network analysis of work-family support and career identity and their associations with job burnout among primary healthcare workers: a cross-sectional study. Front. Public Health 13:1581624. doi: 10.3389/fpubh.2025.1581624
 

Objective: To explore the complex associations between job burnout, career identity, and work-family support among primary healthcare workers from a network perspective.

Methods: Data were sourced from primary healthcare institutions in China’s central provinces. We used the Maslach Burnout Inventory Comprehensive Survey, a career identity scale tailored for primary healthcare workers, and the Chinese version of the Work-Family Support Questionnaire. A Gaussian network model was used to identify key factors, with “central nodes” being those that strongly influence others and “bridge nodes” connecting different parts of the network.

Results: Of the 8,135 participants surveyed, 5,120 (62.9%) reported job burnout. Compared to those with burnout, the non-burnout group scored higher in career identity, family support, and work support (54.29 vs. 49.42; 71.58 vs. 61.26; 35.03 vs. 31.20; p < 0.001). Network analysis revealed structural differences in the burnout-support-identity networks between groups after propensity score matching (M = 0.261, p < 0.001). In both groups, “understanding of role, content and requirements” were central nodes, while “work and family support” served as bridge nodes. Burnout was closely related to work support, family support, job suitability, and media criticism.

Conclusion: Targeting central and bridge nodes can help reduce job burnout among primary healthcare workers.
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1 Introduction

In recent years, the growing number of older individuals and increasing rates of chronic illnesses have intensified the necessity for novel primary healthcare frameworks (1, 2). The comprehensive reform of primary healthcare continues to advance worldwide. However, this progress has amplified the burden of responsibilities and tasks on practitioners (3, 4). As the demand for high-quality primary healthcare services increases, the expectations of practitioners have escalated, potentially exacerbating instances of burnout, a critical challenge that threatens workforce sustainability and service quality.

Burnout, a psychological and physical response to prolonged, unmanaged, work-related stress, is characterized by emotional exhaustion, depersonalization, and reduced professional efficacy (5). This phenomenon can be attributed to various factors, particularly in high-stress work environments (6). Globally, burnout prevalence among healthcare workers is alarming; 40% of US physicians report at least one symptom (7), while one-third of UK medical trainees experience severe burnout (8). This phenomenon is particularly detrimental to career identity, a construct reflecting an individual’s positive evaluation of their profession, emotional attachment and alignment of self-concept with work (9, 10).

While burnout is widely linked to an eroded career identity, emerging evidence suggests resilience pathways. For instance, dual support systems (organizational and familial) mitigate burnout and bolster career identity among medical staff (11), highlighting the interplay between external resources and internal psychological states. Such findings align with the Conservation of Resources (COR) theory (12), which posits that individuals strive to retain and protect resources (e.g., social support) and that resource loss exacerbates stress, whereas resource gain fosters resilience. Critically, differences in individuals’ abilities to successfully adapt to adversity through the dynamic interaction between personal traits and environmental resources modulate this resource mobilization process (13). Individuals with high levels of resilience exhibit an enhanced ability to transform external support into psychological capital (14). Similarly, the Job Demands-Resources (JD-R) model frames burnout as a consequence of imbalanced demands and resources, with career identity acting as a motivational outcome shaped by resource availability (15). These theoretical lenses underscore the need to examine how situational variables (e.g., work-family support) and dispositional factors (e.g., career identity) interact dynamically in burnout contexts.

Despite this progress, critical gaps remain. First, previous studies have often isolated burnout, support systems, or career identity, neglecting their interconnectedness. For example, although social support buffers burnout (16, 17), its role in sustaining career identity through resource replenishment remains underexplored. Second, methodological limitations such as reliance on linear models fail to capture the complex nonlinear relationships among these constructs. Network Analysis has emerged as a transformative tool. Rooted in systems theory (18), network analysis conceptualizes psychological constructs as dynamic systems of interacting elements where nodes influence one another directly and indirectly (19, 20). Unlike traditional methods, this approach identifies central nodes (highly influential variables) and bridge nodes (key nodes connecting different parts of a network), offering actionable insights for targeted interventions (21, 22). For instance, network studies revealed “professional self-concept” as a bridge between coping strategies and career identity in nursing students (23), and “guilt” as a critical link between depression and suicidality in healthcare workers post-pandemic (24). However, no research has applied this framework to unravel the burnout-support-identity network in primary healthcare workers—a gap this study addresses. Notably, network approaches align with contemporary resilience frameworks that conceptualize adaptation as an emergent property of interconnected bio-psycho-social systems (25). By mapping how specific resilience components (e.g., emotional regulation and purposefulness) occupy central positions in the burnout-support-identity network, we can identify potent intervention targets that maximize individual differences in stress adaptation.

This study explored the complex relationships between job burnout, career identity, and work-family support among primary healthcare workers from a network perspective. By integrating COR and JD-R theories with network science, this research advances a novel framework for understanding how support systems shape self-perception under chronic stress. Practically, it provides tailored strategies to enhance support structures, reinforce career identity, and improve workforce resilience and healthcare quality in primary care settings.



2 Methods


2.1 Research questions and hypotheses

Based on the COR theory and network resilience perspectives, we formulated three research questions (RQs) with the following hypotheses:

RQ1: How do burnout-support-identity network structures differ between primary healthcare workers with and without burnout?


H1: Burnout networks exhibit stronger negative connections between support systems and career identity nodes than non-burnout networks. According to the COR theory, resource loss spirals exacerbate stress pathways, leading to intensified negative interactions between support systems and career identity. As individuals experience burnout, the depletion of resources such as emotional and social support contributes to a weakening of their professional identity, creating a vicious cycle that further deepens stress and burnout symptoms.
 

RQ2: Which nodes act as critical bridges linking burnout symptoms to support systems and career identities?


H2: Work support is the most influential bridge node in both groups; however, depersonalization gains bridge centrality in burnout networks. Tawfik et al. (5) reported that depersonalization mediates 68% of the effects between support systems and burnout, highlighting its critical role as a bridge node. This finding demonstrates that depersonalization not only reflects but actively contributes to the breakdown of supportive relationships and career identity in burnout scenarios.
 

RQ3: What are the dominant pathways through which burnout propagates in the integrated system?


H3: Occupational burnout primarily spreads through emotional exhaustion, weakening of work support, and a decline in professional identity. Longitudinal studies have shown that emotional exhaustion precedes the deterioration of support systems by 3–6 months, as evidenced by research conducted by various scholars (26). These findings highlight the temporal sequence in which burnout symptoms unfold and provide a clear roadmap of how emotional exhaustion leads to the erosion of work support and career identity over time.
 



2.2 Participants and procedures

From March to May 2022, a multistage sampling method was employed to select participants from a province in Central China, and 320 primary healthcare facilities were identified. Following communication with the survey sites, electronic questionnaires were distributed by the head of the municipal health department in collaboration with the “WeChat Questionnaire Star.” Cluster sampling was used to assess primary healthcare workers, including general practitioners, nurses, public health physicians, pharmacists, and others who met the inclusion criteria. The inclusion criteria were as follows: (1) a minimum of 1 year of experience in primary healthcare and (2) provision of informed consent and agreement to voluntarily participate in this study (27). 8,339 primary healthcare workers were invited to participate in the survey, of whom 8,135 met the inclusion criteria and were included in the analyses. The surveys were conducted anonymously. All procedures adhered to the ethical standards established by the Committee of the Anhui Medical University (No. 83220442).



2.3 Measurements


2.3.1 Demographic characteristics

Data gathered on the sociodemographic factors and job characteristics of primary healthcare workers included information on sex, age, educational background, job title, years of experience, typical annual salary, and average daily working hours.



2.3.2 Scales and questionnaires

The Maslach Burnout Inventory Comprehensive Survey (MBI-GS) was used in this study to measure the job burnout levels of primary healthcare workers. This inventory comprises of 15 items categorized into three dimensions: emotional exhaustion (EE, five items), depersonalization (DP, four items), and low personal achievement (LPA, six items). Responses were assessed using a seven-point Likert scale ranging from zero (never) to six (every day). Notably, LPA scored in the opposite direction, whereas the other dimensions scored positively. The score for each dimension of the MBI-GS was calculated as the mean of the respective item scores, and overall burnout composite score was determined using the formula 0.4*EE + 0.3*DP + 0.3*LPA. The total score ranged from zero to six. A composite score of less than 1.5 indicated the absence of burnout, whereas a score of 1.5 or higher signified the presence of burnout (28).

The Work-Family Support Questionnaire developed by Li et al. (29) is suitable for Chinese employees. After exploratory and confirmatory factor analyses, 26 items were determined in two dimensions: work-domain support (18 items) and family domain support (eight items). Each item was scored on a five-point Likert scale ranging from one (strongly disagree) to five (strongly agree). The total score on the Work-family Support scale ranged from 26 to 130, with higher scores indicating higher levels of work-family support among primary healthcare workers.

With reference to the Nurse Professional Identity Scale, translated and validated by Liu et al. (30), a career identity scale suitable for primary healthcare workers was developed after discussions between the subject group and experts. The scale consists of 12 items and includes two dimensions: a sense of coherence and a sense of meaningfulness. Each item is rated on a five-point Likert scale ranging from one (strongly disagree) to five (strongly agree). The total score of the scale ranged from 12 to 60, and the higher the score, the stronger the career identity of the primary healthcare workers. Regarding the potential conceptual overlap between the MBI-GS and the professional identity scale, particularly in the area of personal accomplishment, personal accomplishment in the MBI-GS is typically related to job performance and self-efficacy (31, 32). In contrast, the professional identity developed in this study focuses more on an individual’s sense of identification with and belonging to their professional role. Previous studies using the MBI have found that burnout acts as a full mediator between professional identity and turnover intention (33), ensuring their effectiveness as independent nodes in the research. In this study, Cronbach’s alpha coefficients of the MBI-GS, Work-Family Support Questionnaire, and Nurse Professional Identity Scale were 0.88, 0.97, and 0.90, respectively.




2.4 Data analysis

Descriptive analysis was performed using SPSS version 23.0, and network analysis was performed using RStudio with R version 4.2.0. To address and minimize potential confounding biases, individuals diagnosed with burnout were systematically matched with individuals without burnout using a 1:1 Propensity Score Matching (PSM) technique. A caliper value of 0.2, which was obtained using the R Matching package. The R-qGraph package was used to determine the network structure. Our approach combined a Gaussian graphical model that effectively integrates graphical lasso techniques with an extended Bayesian information criterion (34). Gaussian network models are commonly used to describe the relationship between continuous variables, where the relationship between variables is represented by a covariance matrix.

The Network Comparison Test (NCT) function was used to analyze the differences between networks characterized by burnout and non-burnout traits. In the Gaussian network model, each node represents a random variable and the edges between nodes represent the correlation between them (35). The expected impact of each node within the network was assessed using the qGraph software. An increase in the expected impact indicated that these nodes played a critical role in the network. In addition, we used the R package mgm to assess the predictability of each node, which refers to the extent to which a node can be predicted by the state or behavior of its neighboring nodes. This predictability helps us understand the mutual influence and dependency between nodes in the network.

The BootNet package was used to evaluate the accuracy and dependability of the networks. To evaluate the accuracy of the edge weights, we used the edge-weight bootstrap technique to calculate 95% confidence intervals (CIs). A larger overlap in CIs indicates a higher level of accuracy. Using the case-dropping bootstrap method, we evaluated the stability of node importance or centrality within the network. The centrality stability coefficient was used as an indicator of stability. To measure the stability of the centrality indices, we calculated the correlation stability coefficient for correlation values that were equal to or greater than r = 0.7. A coefficient value of 0.25 or more is deemed acceptable, whereas a value of 0.5 or above is viewed as excellent. The flow network describes the critical issues that determine network functioning. By analyzing the maximum flow capacity of each edge, which represents the maximum capacity limit of the edge, we can calculate the importance of each node within the network model. In this study, we investigated the process network of samples that have a comprehensive burnout score of 1.5 or higher, namely the group experiencing job burnout.




3 Results


3.1 Participants information

The positive rate of job burnout was 62.9%, 5,120 respondents had burnout, and 3,015 respondents did not. The demographic characteristics are shown in Table 1. After PSM, 2,986 primary healthcare workers with burnout and an equal number of non-burnout counterparts were included in the analysis. No significant differences were detected between the two groups in terms of age, sex, workplace location, educational background, professional qualifications, work tenure, daily working hours, and overtime frequency. However, the total scores of career identity, work support, and family support for the burnout group were inferior to those of the non-burnout group (49.49 ± 6.0 vs. 54.31 ± 5.2; 62.02 ± 14.5 vs. 71.58 ± 13.8; 31.34 ± 5.5 vs. 35.04 ± 4.9) and all the p-values were less than 0.001. The detailed population characteristics after pairing are presented in Table 2.



TABLE 1 Descriptive characteristics of 8,135 participants.
[image: Table1]



TABLE 2 Descriptive characteristics of 2,986 pairs of propensity score matched participants.
[image: Table2]



3.2 Network comparisons

A comparison of network models between burnout and non-burnout populations after PSM based on NCT results showed that the global strength analysis reflected invariance (S = 0.148, p = 0.607), but the network structure showed significant differences (M = 0.261, p < 0.001), thus confirming H1.



3.3 Bridge nodes analysis

Figure 1 illustrates the burnout-support-identity network model. Supplementary Figure S1 presents the bootstrap accuracy graph of the edge-weighted values of the network model. Within the cohort of non-burnout primary healthcare workers, WS (Work support) manifested as the most potent bridge node within the burnout-support-identity network. Subsequently, FS (Family support) and LPA (Low personal accomplishment) followed. In the context of burnout among primary healthcare workers, WS (Work support), followed by DP (Depersonalization), and FS (Family support), emerged as the most conspicuous bridge nodes (Figure 2), thus confirming H2.

[image: Network diagrams labeled A and B depict connections between factors like emotional exhaustion, work support, and career identity traits (e.g., professional image and job importance). Nodes are color-coded, and lines represent relationships between these elements. A key on the right explains abbreviations used for the factors.]

FIGURE 1
 Network structures of the burnout-support-identity network for the burnout and non-burnout groups after PSM. (A) Network structure of non-burnout individuals after PSM. (B) Network structure of burnout individuals after PSM. Positive correlations are represented by blue edges, while negative correlations are shown with red edges. The thickness of an edge indicates the magnitude of the correlation, and the circles around nodes represent their predictability.


[image: Two line graphs labeled “Bridge Strength” show various factors on the vertical axis, with a range from -1 to 2 on the horizontal axis. Key factors include work support (WS), family support (FS), low personal accomplishment (LPA), emotional exhaustion (EE), and depersonalization (DP). There are also career identity elements like professional image (CI1) and work-life integration (CI12). Each graph plots these factors with connecting lines. The legend identifies categories such as MBI-GS, career identity, and work-family support.]

FIGURE 2
 Centrality plot of the burnout-support-identity network for the burnout and non-burnout groups after PSM. Centrality plot depicting the strength and expected influence of each symptom in the burnout and non-burnout network (z-score) after PSM. The dash line represents the non-burnout individuals and solid line represent the burnout individuals.




3.4 Network structure and centrality nodes analysis

In the non-burnout population, the connection between CI8 (Business competence) and CI9 (Content and requirements) had the strongest positive advantage. As shown in Figure 1, the correlations between these nodes were not significant. However, the weighted values reveal their underlying connections, and the strongest positive dominant edges are presented in Supplementary Figure S1. Subsequently, we have the coupling of WS (Work support), FS (Family support), and the connection between CI10 (Suitability for the job), CI11 (Understanding of role). In the burnout population, the combination of EE (Emotional exhaustion), DP (Depersonalization) manifests the strongest positive advantage, followed by the association between CI8 (Business competence), CI9 (Content and requirements), and then WS (Work support), FS (Family support).

The network centrality nodes are shown in Figure 3. CI11 (Understanding of role) displayed the maximum EI (Expected influence) centrality within the network model of the non-burnout group. Subsequently, CI7 (Purpose and meaning) and CI9 (Content and requirements) followed in terms of EI centrality. In the network model of the burnout group, CI11 (Understanding of role) also emerged as the node with the highest EI centrality, followed by CI3 (Praise for professionals) and CI9 (Content and requirements). The detailed EI values are listed in Table 3.

[image: Line graph comparing burnout and non-burnout conditions across different categories labeled CI1 to LPA. Strength and expected influence are measured. Solid lines represent burnout, dashed lines represent non-burnout, showing varying trends across categories.]

FIGURE 3
 Bridge strength plot of the burnout-support-identity network for the burnout and non-burnout groups after PSM. Left panel: Index of bridge strength for each node of non-burnout group after PSM; Right panel: Index of bridge strength for each node of burnout group after PSM.




TABLE 3 Descriptive statistics of measurement items.
[image: Table3]

Regarding network stability, as illustrated in Supplementary Figure S2, a high degree of stability was noted (CS-coefficient = 0.75 in EI and bEI), demonstrating that the network structure remained largely unchanged, even with the removal of 75% of the samples. Bootstrapped 95% confidence intervals suggest that the edge weights are reliable and stable. In addition, the bootstrap difference test revealed that most edge weight differences were statistically significant.



3.5 Flow network of job burnout

Mobile networks highlight connectivity within the network model: The negative correlation connection between node B (Burnout) and WS (mean edge weight = − 0.21) is the strongest, followed by connections between node B (Burnout) and FS (mean edge weight = −0.16), and between node B (Burnout) and CI10 (Suitability for the job) (mean edge weight = −0.13). In addition, there was a positive correlation between CI4 (Media criticism) and Node B (Burnout) (mean edge weight = 0.05; Figure 4). The mechanism of occupational burnout was clarified through the network structure and flow network, further confirming hypothesis H3.

[image: Diagram illustrating relationships between burnout (B), work-family support (WS, FS), and career identity factors (CI1-CI12). Red lines connect burnout with support factors, while blue lines connect support factors with career identity elements. The legend explains abbreviations, showcasing complex interconnections.]

FIGURE 4
 Flow network of burnout-support-identity in 2,986 pairs of propensity score matched participants. Blue edges represent positive partial correlations, and red edges represent negative partial correlations. Thicker edges represent stronger correlations.





4 Discussion

In the 11th Revision of the International Classification of Diseases (ICD-11) the World Health Organization declared burnout an “occupational phenomenon” and acknowledged it as a serious health issue (36, 37). This is the first study to explore the interaction among burnout, career identity, and the structure of work-family support networks among Chinese primary healthcare workers from a network perspective. The burnout rate among primary healthcare workers was 62.9%, exceeding the burnout symptom incidence rate of over 50% among American physicians (38) but was lower than the burnout incidence rate of 79% among Canadian public health workers (39). This difference may reflect the characteristics of the different healthcare systems. Chinese primary healthcare workers have long faced the dual pressures of insufficient resources and high service demands, whereas North American studies have often focused on hospital system practitioners. It is worth noting that this study used the Chinese revised version of the Maslach Burnout Inventory, whose cultural adaptability may affect the comparison of results, which may partially explain the differences. Burnout has become an important issue affecting the mental health of healthcare workers globally (40). Therefore, it is necessary to develop interventions to address this issue. In this study, the scores of the burnout group in terms of career identity, work support, and family support were significantly lower than those of the non-burnout group, indicating that burnout is closely related to career identity and work-family support. This result is consistent with that of Yang et al. (27), who found that work-family support and career identity were negative predictors of burnout among primary healthcare workers.

CI11 (Understanding of role) and CI9 (Content and requirements) consistently emerged as central nodes in the burnout support–identity network of primary healthcare workers. This finding aligns with previous research indicating a significant correlation between role ambiguity and work stress among nurses (41, 42). For instance, Chinese nurses who often work over 50 h a week and have frequent night shifts are prone to “defensive pessimism, “a coping mechanism through which they alleviate anxiety by anticipating the worst outcomes, such as medical errors. This outlook further undermines their professional identity. In contrast, Vietnam has successfully reduced the turnover intention of primary healthcare workers by 18% through “job readiness training,” which clarifies the boundaries of responsibilities and demonstrates the protective effect of role clarity on professional identity. Weehoe et al. (43) found that, during a public health crisis, insufficient understanding of work content and requirements among medical staff increased physical fatigue and psychological stress. Therefore, China should focus on strengthening the institutionalization of job responsibilities by clarifying service lists and assisting healthcare workers in reconstructing their sense of professional meaning through narrative therapy.

The central node CI3 (Praise for professionals) had a stronger impact on the network of primary healthcare workers experiencing burnout than on those without burnout, indicating its importance in the burnout network. Morera et al. (44) found that praise and admiration for healthcare professionals’ dedication can help them overlook burnout and distress. Schaeffer (45) discovered that the burnout level of healthcare professionals was related to praise and suggested increasing interventions to reduce the level of burnout. “Praise for professionals” was negatively correlated with the severity of burnout, suggesting that providing sufficient praise and emotional value can serve as an effective intervention (46). However, in the burnout network of primary healthcare workers, the influence of DP (depersonalization) is stronger than in the non-burnout network. “Depersonalization” refers to the process by which an individual loses self-awareness and career identity sense in a group situation (47). Onder et al. (48) showed that emotional exhaustion and depersonalization were coupled and found that nurses with a higher degree of emotional exhaustion reported a higher level of depersonalization. Altinay (49) found that career identity has a strong negative correlation with depersonalization and exhaustion, suggesting customized support measures to overcome burnout. Therefore, primary health care workers should consider developing and strengthening their career identities and enhancing interventions targeting depersonalization to improve their mental health and reduce burnout.

The bridge nodes consistent in the burnout and non-burnout networks of primary healthcare workers are WS (Work support) and FS (Family support). This indicates that WS and FS are significantly correlated with career identity and burnout. This support may be associated with enhanced career identity and reduced burnout. However, further research is needed to establish causality. Jiang et al. (50) found that career identity and emotional exhaustion of primary care physicians were significantly related to work-family support. This finding resonates with the conclusion of Jiang et al. (27): for every unit increase in work–family conflict among Chinese primary care doctors, the risk of emotional exhaustion rises by 37%. Notably, North American studies often emphasize how “flexible work arrangements” improve family support, whereas the challenges faced by Chinese primary healthcare workers are more related to administrative tasks encroaching on core service time (51, 52). In response, the “trinity” intervention model could serve as a useful reference 1. In-hospital psychological support stations and emergency rooms should be established. 2. Implementing “family open days” to promote family understanding. 3. Utilizing digital tools to streamline administrative processes increased the time that healthcare workers spent on patient services from 58 to 72%. In addition, providing more work-and family related support to primary care workers can enhance their professional identities and reduce burnout.

The job burnout flu network shows that work-family support has the greatest negative correlation with job burnout, followed by CI10 (Suitability for the job). Di Trani et al. (53) found that the personal resilience level of medical staff prevented burnout and proposed the importance of the targeted enhancement of personal skills. In their study of healthcare professionals, Bridgeman et al. (54) found that inconsistencies in a person’s personality and work environment can lead to burnout syndrome. In addition, a positive correlation was observed between job burnout and CI4 (Media criticism). Wilson et al. (55) found that risk factors for depersonalization included facing more criticism and identified criticism as one of the predictors of high levels of burnout among doctors and nurses. According to Nunes (56), criticism from the outside world can affect nurses’ health and lead to burnout, and self-control over criticism is a predictor of nurse burnout.

Network analysis has been used to examine various mental disorders including depression, anxiety, psychosis, autism spectrum disorders, substance use disorders, posttraumatic stress disorder, insomnia, and other mental health symptoms and behaviors (57–60). The focus of this study on job burnout, career identity, and work-family support highlights a range of psychological issues, including stress and professional dissatisfaction, although our study did not specifically address the relationship between burnout and other common psychological health issues such as depression. Previous studies have suggested that various intricate mechanisms are involved in the effect of work-related stress on mental health. Negative emotions such as burnout and anxiety may be triggered by factors commonly associated with online social issues, including social comparison and self-evaluation, social pressures and loneliness, information overload, and exposure to negative content (61–63). According to our network research, specific factors such as a lack of understanding of roles and ambiguity in job requirements exacerbate feelings of uncertainty and job burnout among primary healthcare workers in high-pressure work environments, particularly affecting the mental health of those lacking work and family support. Analyzing the relationship between these factors and job burnout not only aids in the development of more effective intervention strategies to promote healthier and more sustainable work environments for primary healthcare workers but also sheds light on the potential role that work-family support and career identity may play in the emergence and progression of mental health issues, particularly symptoms of stress and professional dissatisfaction triggered by burnout-related challenges.


4.1 Strengths and limitations

This study revealed the complex interrelationships between job burnout, career identity, and work-family support among primary healthcare workers through network analysis. Furthermore, it identified network differences between burnout and non-burnout groups and highlighted the central and bridge nodes, providing a theoretical basis for formulating targeted intervention measures. However, this study had several limitations. First, because the data used in this study were cross-sectional, it was not possible to determine the direction of the network edges; thus, causal relationships between symptoms could not be established. Second, owing to the nature of burnout, the assessment of identity and work-family support relied on the participants’ self-reports, which indicates the possibility of response bias in the data. Third, the study did not include general mental health assessment tools to control for or examine potential confounding factors related to mental health disorders such as depression and anxiety. The failure to consider these factors may have affected the interpretation of our results. Finally, as all participants were Chinese, the generalizability of these findings to other countries may be limited, and further studies are required to validate these results in different populations and countries. Further research is required to verify the applicability of these results to different countries.




5 Conclusion

In conclusion, this study found that the central nodes in the burnout-support-identity network of primary healthcare workers were CI11 (Understanding of role) and CI9 (Content and requirements), and the bridge nodes were WS (Work support) and FS (Family support). Burnout was closely related to WS (Work support), FS (Family support), CI10 (Suitability for the Job), and CI4 (Media criticism). To alleviate job burnout, targeted prevention and intervention strategies must be developed with a focus on core and bridge nodes to support the mental health of primary healthcare workers, improve the quality of primary healthcare services, and enhance the overall effectiveness of the healthcare system.
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